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[bookmark: _Toc232588104]1.	Introduction
This research proposal examines employee experiences during the adoption process of artificial intelligence in UK organisations. This emphasises employee perceptions of the AI technologies, the factors affecting their acceptance or resistance and the impact that perception has on organisational performance. The proposal presents the business problem, literature, methodology, ethics, and implications of being able to implement AI.

[bookmark: _Toc232588105]2.	Identification of a Business Problem
[bookmark: _Toc232588106]2.1	Artificial Intelligence Adoption as a Contemporary Business Issue
AI adoption is a practical digital transformation challenge for the UK organisations. Many companies are turning their attention to tools like ChatGPT and Microsoft Copilot, predictive analytics and customer service automation, to increase efficiency (George and George, 2023). The issue in the business world, however, is that the adoption of AI does not necessarily result in an organisation's value. These statistics indicate that benefits of AI adoption are distributed unevenly across businesses, with 75% of AI-adopting organistations reporting an increase in workforce productivity whilst 10% stated that so far they had seen no impact (Department for Science, Innovation & Technology, 2026). Thus, the employee experience becomes an integral part of the issue. Workers may be reluctant to adopt or might not use AI effectively if they don't trust the technology, are not skilled with it or feel threatened by automation and the removal of human workers. Therefore, the issue is not simply technological adoption. It's about whether an organisation can effectively deal with the human side of AI implementation.

[bookmark: _Toc232588107]2.2	Strategic Significance of AI Adoption for Business Performance
The significance of this problem is that organisations often invest in AI in terms of their expectations of potential productivity, efficiency and competitiveness increases. However, new information indicates a disconnect among using AI and improving overall company performance. A Glean workplace study reported that 90% of UK digital workers use AI, and 78% believe it improves personal productivity, but only 18% see significant organisational performance improvement (Clean Technologies Inc., 2026; Hale, 2026). There can be hidden labour costs as employees provide time for reviewing and correcting AI-generated content and supervising AI performance. Therefore, inadequate AI deployments can result in a loss of return on investment, eroded employee trust and stalled strategic conversion. It's important for organisations to recognise the influence of employee acceptance, resistance and confidence on either the success or failure of AI optimised performance strategies.

[bookmark: _Toc232588108]2.3	Organisational Context and Challenges of AI Implementation
As productivity growth, digital competitiveness and operational efficiency remain key strategic focal points for organisations in the UK, there is growing pressure to adopt AI (Liñares-Zegarra and Wilson, 2025). However, AI implementation is in the middle of complex organisations and is shaped by organisation culture and leadership, skills of employees and work design. While most people state improvements to productivity and process when they implement AI, it does not necessarily translate to improvements in the business (Horowitz and Kahn, 2021). In fact, this raises doubts for managers on if investing in AI is truly adding value. These are all being exacerbated by skills shortages, employment security and failing to integrate the SOP. Consequently, adopting AI should be thought of as a organisational change challenge not just a technology upgrade. Understanding staffing experiences can help clarify why certain AI systems can yield varying degrees of performance among organisations.

[bookmark: _Toc232588109]3.	Research Aim, Objectives, and Questions
[bookmark: _Toc232588110]3.1	Research Aim
To examine employee's perceptions and experiences of the uptake of AI in their organisations and its impact on their organisation's performance.

[bookmark: _Toc232588111]3.2	Research Objectives
1. To explore employee perceptions of artificial intelligence adoption in UK organisations. 
2. To examine the factors influencing employee acceptance or resistance towards artificial intelligence technologies. 
3. To investigate how employees perceive the influence of artificial intelligence on organisational performance. 
4. To identify organisational practices that support successful artificial intelligence implementation and employee engagement. 

[bookmark: _Toc232588112]3.3	Research Questions
1. How do employees perceive the adoption of artificial intelligence technologies within their organisations? 
2. What factors influence employee acceptance or resistance towards artificial intelligence adoption? 
3. How do employees perceive the influence of artificial intelligence on organisational performance? 
4. What organisational practices are perceived to support successful artificial intelligence implementation?

[bookmark: _Toc232588113]4.	Critical Literature Review
The literature acknowledges the productivity, enhancement of decision making and services enabled through AI, but also indicates that these are not inevitable. Budhwar et al. (2022) argue that AI improves performance but may harm employees when poorly governed and implemented. The impact of this paper is obvious, with the article having 148,871 views and 453 articles that have cited it, but, as stated in the paper the study is still a broad review paper and not a direct study of the lived experiences of UK employees with respect to adopting AI.
This dichotomy is also emphasised in Prentice et al. (2020), where the authors indicate that AI is helpful in improving employees' performance in service organisations, but also state the importance of emotional intelligence in employee retention and improvement of employee performance. Their evidence that AI could add 1.2 trillion dollars to financial services by 2035 highlights the business appeal of AI, while their reference to over 3,000 Japanese firms suggests that employee education influences positive expectations of AI.
Supporting this argument, Uren and Edwards (2023) assessed, based on a qualitative study of AI experts, that readiness in people, processes, technology, and data are the needed elements for operational success. Their reference to a McKinsey study that found 50% of respondents have implemented AI in at least one of their business functions, which confirms a trend of increasingly higher adoption rates, but their points about the hype surrounding AI matter because adoption does not represent utilisation. Felemban et al. (2024) conducted 30 interviews and found that government support and senior management support and employee attitudes were the biggest factors when it comes to readiness for AI. 
The Technology Acceptance Model and UTAUT provide a basis for examining how perceived usefulness, ease of use, social influence and facilitating conditions shape employees’ acceptance or resistance to AI (Jain et al., 2022). Diffusion of Innovation Theory explains adoption over time, while change management theory highlights leadership, communication and training as implementation enablers (Van Houtven et al., 2023).
As Neumann et al. (2024) further state there are 8 different Swiss public organisations in which the use of AI varies at different stages of the organisations, and thus, there can't be one singular and fixed AI strategy serving every place. Ateeq et al. (2025) also propose that while AI can enhance engagement, and workload balance, an overdependence on AI could erode levels of trust, psychological contracts and organisational culture. Existing research primarily focuses on the organisational or sector level explaining why and how AI is ready to apply and what the performance level looks like, but has paid limited attention to talking about the experience of UK employees when considering AI readiness, resistance and performance shift. This study fills in that gap by exploring employee perceptions qualitatively.

[bookmark: _Toc232588114]5.	Research Methodology and Design
This study will follow an interpretivist research philosophy as the research concern relates to employee perceptions, experiences, and meaning ascribed to artificial intelligence adoption (Walliman, 2004). The study is interpretative because it leverages employee experiences in using AI in the workplace to understand how it is used. It enables the research to explore meanings, concerns, trust, resistance and perceived performance effects, taking this beyond a prescriptive view of employee responses as fixed, primarily objective facts (Pervin and Mokhtar, 2022; Saunders et al., 2019). Therefore, an inductive research approach has been elected: so having pre-existing hypotheses that need to be tested via literature is not well-suited, instead, themes are generated from the reviewed literature (Proudfoot, 2023; Cooper and Schindler, 2014).
A secondary research that is qualitative in nature will be adopted. This is appropriate as the topic is topical, complex and peers are discussing it in academic and professional literature (Saunders et al., 2019). The data will be gathered from the previous study that is scholarly articles, books, industry reports and conference papers which obtained from Google Scholar, Emerald, ScienceDirect, JSTOR, Web of Science and ResearchGate. It is argued that this can be done to allow a comparison between different organisational contexts and for an examination of patterns in employee experiences without being constrained by the time needed to carry out the study to gather primary information for all of these groups.
To gain insights into employee experiences and acceptance of AI in companies and their individual practices that influence success and struggles of implementation, along with organisational performance, these sources will be selected using the purposive sampling approach (Campbell et al., 2020). This sampling method is more powerful than random selection since the study does not require a large, relatively untargeted mass of content to be interrogated, but content that is rich with information (Adams, 2007). Sources will be recent (2020-2026) and foundational sources can be included where the sources relate to a theory or framework.
Thematic analysis will involve systematically coding relevant findings, grouping related codes into themes, and interpreting patterns concerning trust, skills readiness, job insecurity, leadership, ethics, and perceived outcomes. Credibility will be strengthened through source comparison and transparent interpretation, while dependability will be supported by consistent coding procedures. A cross-sectional horizon remains appropriate (Doering et al., 2020; Crowther and Lancaster, 2019).
Ethical issues will continue to be of concern even when Secondary Data is being used. To avoid plagiarism or misrepresenting facts, all sources will be properly cited, using Harvard referencing style sheet guidelines (Zimba and Gasparyan, 2021). By incorporating credible, peer-reviewed resources (Lavery et al., 2020), referencing industry and academic evidence, and employing clear inclusion criteria and a strong awareness of the limitations of potential publication bias, sector differences and lack of direct voices of the employees (Lavery et al., 2020), reliability and validity will be enhanced. Qualitative secondary research may be affected by publication bias, as studies reporting significant or positive findings are more likely to be available (Page et al., 2021). It also lacks direct employee voices, limiting insight into current workplace experiences. Differences in sectors, organisational contexts and study methods may further reduce comparability and generalisability.

[bookmark: _Toc232588115]6.	Business Relevance and Practical Implications
[bookmark: _Toc232588116]6.1	Improving Organisational Decision Making and Operations
Organisations in the UK may benefit from using the proposed research findings and see that the introduction of AI is not only a technological investment challenge, but also a human management challenge. A lack of understanding and transparency regarding AI use can lead employees to act negatively, by resisting or tentatively using AI (Park et al., 2021). This may lead to lower productivity and decreased value of AI systems expected. Through the employees' narratives, the study could offer useful insights to managers on the causes of negative AI experiences, whether technical issues with the AI systems, inadequate training, mistrust, or ineffective management communication. It can be used to catalyse AI training, change management and workflow redesign, and employee engagement. The study has practical relevance, as it ties the application of AI with real employee behavior and real organisation performance.

[bookmark: _Toc232588117]6.2	Potential Recommendations and Organisational Strategies
The findings might be recommendations for HC AI implementation. These may include organisations needing more detailed representations of why AI is needed, how it could be used at the organisation, and more information about the potential for implications of their employee roles. Training programs to increase familiarisation of AI and dispel the fear of losing their jobs are needed. Decision makers also need to take into account the integration of employees in the use of AI, as resistance can then be tackled at the initial usage stage and its implementation would not be an issue (Booyse and Scheepers, 2024). Other important strategies may be ethical governances for the use of AI, and transparent AI decision making procedures and feedback. The recommendations would add to the fostering of innovation, and allow organisations to move from a technology-driven approach towards a people-driven approach to the implementation of AI. This can result in higher levels of trust, involvement and ongoing productivity.

[bookmark: _Toc232588118]6.3	Contribution to Understanding Applied Business Research
As a whole the project is used to illustrate how an existing organisational problem may be explored using an organised research process which adds to the broader research strand in applied business. The study shows that even though the financial effects can be measured through business research, other aspects are possible, such as investigating the perception of the employees, their organisational culture and strategic change. It also expands understanding of how to use qualitative secondary research to investigate complex approaches to the workplace that involve interplay between human attitudes and organisational practices (Cheong et al., 2023). This project highlights the need for data-driven decisions, as it shows how AI investment relates to resistance and performance. It also demonstrates the linkages between academic theory and industrial evidence and how theory can be translated to addressing practical problems in organisation, so the research findings are relevant for managers, HR practitioners and business leaders.
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[bookmark: _Toc232588121]8.1	Inclusion and Exclusion Criteria
Table 1: Inclusion and Exclusion Criteria
	Criteria
	Inclusion Criteria
	Exclusion Criteria

	Topic relevance
	Studies focused on AI adoption, employee experiences, employee resistance, employee acceptance, engagement, and organisational performance
	Studies focused only on technical AI development with no link to employees or organisational outcomes

	Publication type
	Peer-reviewed journal articles, academic books, industry reports, conference papers, and credible organisational reports
	Blogs, opinion pieces, Wikipedia, non-academic websites, and unsupported online sources

	Date range
	Mainly sources published between 2020 and 2026
	Sources published before 2020, unless they are foundational theories or models

	Language
	English-language publications
	Non-English publications

	Context
	Studies related to business organisations, HRM, management, digital transformation, and workplace AI adoption
	Studies focused only on robotics engineering, coding, or purely technical AI design

	Methodological value
	Qualitative, quantitative, mixed-methods, review, and conceptual studies with clear relevance to the research topic
	Sources with unclear methods, weak credibility, or limited academic value





[bookmark: _Toc232588122]8.2	Search Strategy
Table 2: Search Strategy
	Search Element
	Details

	Databases and platforms
	Google Scholar, Emerald, ScienceDirect, JSTOR, Web of Science, ResearchGate, Taylor & Francis Online, and university library databases

	Main keywords
	Artificial intelligence adoption, employee experiences, employee resistance, employee acceptance, organisational performance, AI implementation, employee engagement

	Boolean search string
	“artificial intelligence adoption” AND “employee experience” AND “organisational performance”

	Alternative search string 1
	“AI adoption” AND “employee resistance” AND “workplace”

	Alternative search string 2
	“artificial intelligence” AND “employee acceptance” AND “organisational performance”

	Alternative search string 3
	“AI implementation” AND “employee engagement” AND “business performance”

	Alternative search string 4
	“technology readiness” AND “AI adoption” AND “organisation”

	Filters applied
	English language, 2020–2026, peer-reviewed sources, business and management subject area

	Screening process
	Titles and abstracts will be reviewed first, followed by full-text reading of the most relevant sources

	Final source selection
	Sources will be selected purposively based on relevance to AI adoption, employee perceptions, resistance, acceptance, and organisational performance
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