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Abstract
This dissertation will be pursuing for the effects of “Artificial Intelligence (AI)” to HR “recruitment and selection” in the UK. It regulates the efficiency, fairness, transparency, and experience of candidates with AI-driven recruitment tools. The work identifies advantages of AI including quicker decision-making and less biases and discussing the problem of algorithmic fairness, privacy, and visible access. The research offers practical recommendations to make AI implementation in recruitment ethically and responsibly through critical analysis of the available literature and existing practises to prevent its contradiction with any organisational values and legal regulations and make the complete recruiting procedure more positive and comprehensive. The methodology framework of the research is based on the Research Onions of Saunders. It follows an interpretivist philosophy, inductive approach, grounded theory strategy, and the qualitative mono-method based on secondary data. Content analysis serves the objectives of the research directly since it provides the possibility to carry out a comparative evaluation of different views, and is capable of synthesising the evidence provided by different sources. The discussion critically analyses the results of AI applications in the recruitment process, including efficiency improvements and concerns about bias, transparency, and moral responsibility. These insights are summed up in the conclusion, which proves that AI helps in decision-making in the process of recruitment, but it must be controlled by humans. Altogether, the research can build upon theory and practice as it highlights the responsible and human-oriented approach in the application of AI in the recruitment procedures.
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[bookmark: _Toc220422458]Chapter 1: Introduction 
[bookmark: _Toc220422459]1.1 Introduction 
This dissertation will discuss the revolutionary nature of the use of “Artificial Intelligence (AI)” in the “recruitment and selection” of employees in HR, precisely in relation to its application and usage in the UK. With the increasing adoption of technology by businesses to improve operational efficiency, AI has become one of the essential means of improving the recruitment process, mitigating bias, and advancing the experience of candidates (Oman, Siddiqua and Noorain, 2024). In the IT industry, AI is fundamentally transforming the way organisations recognise, assess and recruit talent with particular technical expertise necessary to drive innovation and tackle complicated challenges. The OS software is already being used throughout the hiring cycle in the IT sector), such as resume screening, sourcing of candidates, scheduling interviews, and automated interviews. 
[image: Exploring the Applicability of Artificial Intelligence in Recruitment and  Selection Processes: A Focus on the Recruitment Phase]
[bookmark: _Toc219458217]Figure 1.1: Pertinence of AI in Recruitment and Selection Procedures
(Source: Hewage, 2023)
Machine learning algorithms used in AI tools to process large amounts of data help the HR departments to make more informed and faster decisions. Repetitive HR activities can be automated to enable the HR practitioners to attend to strategic areas of recruitment, which are significant in the highly competitive and dynamic IT industry (Sundari et al., 2024). The opportunity of introducing the unconscious bias is removed through AI and could be utilised in developing a more level process of choosing candidates based on their professional qualifications, regardless of their sexual orientation, race, and other discrimination factors. Artificial intelligence-based applications are increasingly being obligatory in the IT recruiting procedures and include resume parsing, candidate referencing framework, interview administration, and performance measurement (Uma, Velchamy and Upadhyay, 2023).
[bookmark: _Toc220422460]1.2 Background 
[bookmark: _Toc220422461]1.2.1 Increasing usage of AI in HR
This AI has transformed the HR practises particularly in the IT industry because it has enhanced efficiency in recruitment. IT recruitment is commonly hectic because of the requirement of high trained professionals having niche technical understanding and capacity to operate on intricate technological structure (Moreno, Rojas and Morales, 2024). The conventional recruitment strategies cannot withstand the number of applications and specialisation in regards to skills. The use of the AI-based tools contributes to the process of narrowing down and finding the most suitable applicants depending on experience, technical ability, and other pertinent advantages, which is crucial in the competitive IT employment industry. 
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[bookmark: _Toc219458218]Figure 1.2: AI in HR-focused Market Size 
(Source: Grand View Research, 2023)
Also, AI is applied to such tools as candidate sourcing and chatbots to interpret the first interactions and “predictive analytics systems” to estimate the accomplishment of an applicant in position. The tools are beneficial in facilitating the recruitment process, making sure that the decisions are driven by data and not influenced by human factors (Shenbhagavadivu, Poduval and Vinitha V, 2024). However, the introduction of AI to the recruitment process correspondingly causes some concern about the issues of algorithmic fairness/transparency, which will be discussed.
[bookmark: _Toc220422462]1.2.2 HR Recruitment in the IT Sector
The IT sector recruitments present challenges that include acquisition of competent talent, large numbers of applications, and diversity in recruitment. Contrary to most of the other industries, the IT industry necessitates the continuous flow of well-skilled experts, who are able to be innovative and handle complicated technological infrastructure (Moreno, Rojas and Morales, 2024). Recruitment strategies should therefore be targeting to rationalise the process to satisfy these requirements in an efficient manner. Conventional methods of recruitment usually fail in IT, where speed, accuracy and filtering out of certain technical aptitudes are all important. AI-based tools beneficial in dealing with the volume of applications, to understand precise requirements in the industry. 
[image: Application of AI to different HR Practices | Download Scientific Diagram]
[bookmark: _Toc219458219]Figure 1.3: Application of AI to different HR Practices
(Source: Joshi, Singh and Rani, 2024)
The IT industry presents distinct problems in the recruitment process and includes finding qualified talent, process high volumes of applicant applications, and professional diversity in the hiring process. With the high rate of technological changes, organisations in the IT sector have to keep attracting professional talents with the capacity to keep up with the emerging technology (Farayola et al., 2023). The instruments built under AI come in handy especially in overcoming such constraints, where the HR department can narrow down on the applications and align the applicants with certain technical skills demanded by organisations.
[bookmark: _Toc220422463]1.3 Rationale and Problem Statement 
[bookmark: _Toc220422464]1.3.1 Rationale of the Study
The present study is crucial because of the increasing adoption of AI in HR and particularly in the UK. As AI systems are becoming a consistent tool that most organisations employ, it is imperative to consider their efficiency and effectiveness on businesses and applicants (Paramita, Okwir and Nuur, 2024). Although AI has serious benefits in the context of efficiency, cost decrease, and exclusion of human biases, little is known about the implications of its worldwide application. 
It is extremely important to contemplate the larger impacts of AI on recruitment practises, especially its fairness, transparency and impacts on the candidate experience to uphold the correct utilisation of AI tools ethically and effectively (Hunkenschroer and Luetge, 2022). The study will enable human resources practitioners and organisations of the Information and Technology Sector to go through these obstacles as they stand to be responsible for the adoption of AI.
[bookmark: _Toc220422465]1.3.2 Problems and Challenges Statement
AI application in HR hiring and selection systems in the IT industry provokes a number of critical issues. Algorithms bias is one of the significant problems, whereby AI systems can possibly reproduce and propagate bias contained in the training samples. This may cause unfair practises in the context of IT recruitment, especially when algorithms are used to favour a certain candidate because of the previous hiring practises or even the historical information that might be reflective of the existing prejudices based on gender, race, or other demographical characteristics (O'Connor and Liu, 2023). Even though the possibilities of AI are to minimise human bias, it is possible that untrained algorithms or biassed sets of data, will still lead to discriminatory results, which will destroy the objectivity of the recruitment process.
There is one more issue transparency in AI decision-making. Lack of understanding of AI systems on how they assess the applicants can result in mistrust and distrust in the process being a level of unfairness by the AI systems. Moreover, there is a privacy concern where Artificial Intelligence (AI) finds its use in the recruitment process. Being widely used, personal data, including resumes, work history, and internet profiles, create certain questions of the data security and the ethical treatment of sensitive data. The ethical practise of collecting, storing and using candidate information is an urgent issue in the IT industry, where the topic of data breaches and cybersecurity threats is a concern at all times (Raab, 2020). The high data protection requirements and the adherence to the privacy laws should be discussed to align with the responsible utilisation of AI in the recruitment process of the IT sector. 
[bookmark: _Toc220422466]1.4 Objectives and Aims 
[bookmark: _Toc220422467]1.4.1 Goal of the Dissertation
The dissertation is going to examine how Artificial Intelligence (AI) is affecting HRs in the recruitment and selection processes in the UK. In particular, the research will discuss the way AI-based technologies are changing the current organisational process of attracting, evaluating, and selecting candidates in the IT industry. It will evaluate the opportunities that AI has in enhancing efficiency, fairness and transparency, but will also discuss the risks and problems that it comes with. The dissertation will contain an exhaustive review on the use of AI in improving the process of recruitment taking into account issues concerning privacy, ethics and bias in AI-based hiring systems.
[bookmark: _Toc220422468]1.4.2 Research Objectives
1. To investigate the suitability of AI in the simplification of the recruitment and selection procedure in the IT industry
2. To determine the fairness and justice of IT-based AI-informed recruitment in a bid to decrease bias and enhance the diversity of candidates in the IT industry
3. To determine the degree of rigour and convenience of AI-driven recruitment systems to HR professionals and job applicants in the IT industry
4. To understand the ethical issues associated with introducing AI in the hiring process of the IT industry and recommend rules to make the organisational decision-making process fair, transparent and trustworthy
[bookmark: _Toc220422469]1.5 Research Questions 
1. What is the effectiveness of AIs in automation of the recruitment and selection processes within the IT industry?
2. How might AI technologies be used to minimise or add bias into the IT occupational hiring and selection practises?
3. To what extent are the HR and applicants in the IT industry able to understand and see AI-based recruitment systems?
4. What are the ethical issues that organisations in the IT industry need to take into consideration using AI in recruitment practises to enable fairness, transparency and privacy of candidates?
[bookmark: _Toc220422470]1.6 Significance
The research is relevant in HR practice because it has completed a critical analysis of how “Artificial Intelligence (AI)” transforms the procedure of “recruitment and selection”. As AI is becoming a significant part of the talent acquisition process, it is significant to comprehend how AI influences efficiency, fairness, and the experiences of the applicants (Christstmass Setyawan et al., 2024). By discussing the advantages and issues of AI, this study will offer beneficial information to those organisations that would like to automate their recruitment strategies and procedures without compromising fairness and transparency. 
In the case of organisations, the study will give some feasible commendations on how AI can be ethically utilised in employment procedure to make sure that these systems are established in a way that complies with the law and ethics, also with the values and culture of the organisation.
[bookmark: _Toc220422471]1.7 Structure 
Chapter 1: Introduction gives an insight into the research topic, “aims and objectives and research questions”. Chapter 2: “Literature Review” critically analyses the literature on AI in recruitment, covering key themes, “challenges and gaps in the literature”. Chapter 3: Methodology summaries the research design, which includes the methodology of “data collection and data analysis”. Chapter 4: “Data Analysis” summarises and discusses the research outcomes. Chapter 5: Discussion- the final chapter appraises the implications of the outcomes. Chapter 6: Conclusion is the last part of the work, summarising important findings and recommendations to HR practise and future research.
[bookmark: _Toc220422472]1.8 Summary 
The dissertation introduced in this chapter deliberated how AI can be used to transform the HR recruitment and selection procedures. It highlighted the study aims, objectives and research questions, which were productivity, fairness, transparency and experience of the candidates. The pertinency of the research to the HR practises and the existing literature was correspondingly brought out.


[bookmark: _Toc215754050][bookmark: _Toc220422473]Chapter 2: Literature Review 
[bookmark: _Toc215754051][bookmark: _Toc220422474]2.1 Introduction 
The main purpose of the dissertation is the critical analysis of the use of Artificial Intelligence (AI) in changing the process of Human Resource (HR) recruitment and selection in the UK. The analysis will be based on a balanced and critical review of the perceived opportunity of AI and the risks related to it, taking into consideration the key themes of productivity/efficiency, fairness, transparency, and ethical concerns. The outcome is to create informed resolutions to be responsible and fruitful integration of AI within HR practice.
Peer-reviewed academic journals have been selected as the primary sources for the review, given their relevance to the major fields of HRM, business strategy, and applied ethics. This is enhanced with the industry seminal reports, white papers and legal analysis to maintain a balance between theoretical rigour and practical relevance. It has also been ensured that there is a substantial focus on the sources that were published in the past five years to ensure that this study remains current in this rapidly changing area. 
[bookmark: _Toc215754052][bookmark: _Toc220422475]2.2 Foundational Concepts and Theoretical Lens
[bookmark: _Toc215754053][bookmark: _Toc220422476]2.2.1 Defining Key Constructs
Artificial Intelligence (AI) in HRM: Artificial Intelligence (AI) in the framework of Human Resource Management (HRM) refers to the utilising of computer systems that are meant to simulate human-like intelligence (Kambur and Yildirim, 2022). These include decision-making, pattern recognition, and problem-solving, to improve HR performance. This is to improve and accelerate HR decisions. 
Machine Learning (ML) Algorithms: These are at the heart of a number of AI applications. During recruitment, predictive analytics systems apply ML in estimating future achievement of a candidate or filtering large numbers of applications on the basis of keywords, based on the patterns learned from historical data (Căvescu and Popescu, 2025).
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[bookmark: _Toc219458220]Figure 2.1: Defining Key Constructs
(Source: Influenced by Căvescu and Popescu, 2025)
Natural Language Processing (NLP): It is the technology that drives chatbots and other communication products utilised in recruitment to process the preliminary interactions between the candidates and the recruiter (Devaraju, 2022). NLP can also be used in the search and recommendation of resumes, and these are analysed using unstructured text data.
Predictive Analytics: Although this is an ML outcome, it is an important element in HR to predict the accomplishment of an individual and make decisions using data, which is less dependent on the human factor (Hülter, Ertel, and Heidemann, 2024).
Robotic Process Automation (RPA): RPA is not classified as a type of advanced learning AI, but a keystone AI-powered technology that is extensively used in HR practices. RPA correspondingly automates recruiting procedures mainly based on rules like information sorting of the CVs, interview scheduling, candidate data entry and compliance checks (Sharma, 2024). 
Recruitment and Selection (RandS)
Recruitment and Selection (RandS) involve the entire procedure of identifying and attracting, evaluating, and employing capable employees to meet the talent requirements of an organisation. Artificial intelligence is being added to different phases of this organisational procedure in UK companies. 
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[bookmark: _Toc219458221]Figure 2.2: Recruitment and Selection (RandS)
(Source: Influenced by Akram, Buono and Lanzilotti, 2024)
Sourcing/Resume Screening: These applications are more prevalent and correspondingly one of the most popular ones since AI philtres large numbers of CVs according to keywords, working experience, and qualifications, which would be cumbersome for human HR functions (Abraham, Paripoornam and Sharma, 2025).
Candidate Assessment and Shortlisting: AI technologies are applied in improved short-listing and matching of candidates, which is often completed by virtual interviewing and is also implemented in the practice of interview scheduling and rating.
Communication: AI-driven chatbots completely conduct the preliminary communications with the candidates, which improves the communication and complete experience of the applicants, particularly when it comes to high-volume recruitment (Akram, Buono and Lanzilotti, 2024).
[bookmark: _Toc215754054][bookmark: _Toc220422477]2.2.2 Theoretical Framework
Foundational Theories
A dual theoretical lens that includes a combination of both the Technology Acceptance Model (TAM) and the Resource-Based View (RBV) is the most effective replacement that will be used in this dissertation, intending to critically scrutinise the delivery and effects of AI in HR.
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[bookmark: _Toc219458222]Figure 2.3: Technology Acceptance Model (TAM)
(Source: Influenced by Ishengoma, 2024)
Technology Acceptance Model (TAM): TAM is a popular model of theory that enlightens and predicts the variability of adoption of information technology by an individual. Its main predictors are Perceived Usefulness (the extent to which an individual think that the usage of a system will lead to performance improvement at the workplace) and Perceived Ease of Use (the extent to which an individual contemplates that the usage of a system will not be accompanied by any effort) (Ishengoma, 2024). These aspects have a direct impact on the adoption of AI in HRM, and perceived utility is one of the substantial factors that determine the adoption. Infrastructure and management support are correspondingly something that promotes acceptance.
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[bookmark: _Toc219458223]Figure 2.4: Resource-Based View (RBV)
(Source: Influenced by Nayak, 2022)
Resource-Based View (RBV): RBV is an approach to strategic management that posits that internal resource and capabilities that a firm have under its control are what are behind its long-term competitive performance (Nayak, 2022). Recruiting can be improved to increase intellectual capital, and this is correlated with the use of AI in recruitment. This model raises a concern about the competitive advantage and strategic value.
Critical Justification of the Framework
High Implementation Costs vs. Universal Savings: Whereas AI has major benefits in terms of cost and time conservation, the initial investment is high mainly to small IT firms. These early costs are insignificant when compared to the long-term gains, which encompass, but are not limited to, enhanced efficiency and quicker recruitment processes. The companies should however weigh well the level of their hiring requirements before committing the investment.
HR Staff Training is Necessary: The effectiveness of AI in the recruitment process greatly relies on the competence of HR staff. AI tools can make things more efficient, and inefficient without proper training, the HR teams can be unable to make the most of it. Adoption of AI in the IT market is not possible without investment in upskilling HR personnel.
Efficiency vs. Human Touch: AI will increase efficiency and speed; however, it will ever eliminate the necessity of human judgement due to its imperfection. There should be complement of AI in HR practises in the IT field, where cultural fit and innovativeness are valued more, instead of a substitution (Passalacqua et al., 2024).
[bookmark: _Toc215754055][bookmark: _Toc220422478]2.3 The Value Proposition: Efficiency and Productivity 
[bookmark: _Toc215754056][bookmark: _Toc220422479]2.3.1 Automation of Routine Tasks in Recruitment and Selection
The most recognised and supported declaration about the usefulness of AI in Recruitment and Selection (RandS) is that it will enable the automation of repetitive and time-intensive activities, thus significantly boosting efficiency and speed. 
AI Automation and Synthesis of Evidence
Resume Screening and Sourcing: AI applications, characteristically driven by the use of Machine Learning (ML), are widely used in sorting a large number of applications and also filter resumes as per keywords, experience, and qualification (Abhishek et al., 2025). This automation plays an important role in the rapid identification of candidates and is a thing that would have been monotonous for human HR functions. 
Early-Stage Communication: Recruitment technology, such as chatbots and communication software, involves screening of candidates at their first levels of interaction (Koivunen et al., 2022). This improves communication and time-saving, particularly in mass hiring.
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[bookmark: _Toc219458224]Figure 2.5: AI Automation and Synthesis of Evidence
(Source: Influenced by Koivunen et al., 2022)
Time and Cost Savings: It is acknowledged that time and money are saved through automation by numerous sources. AIs are capable of performing diverse tasks within a lesser time frame and create quicker and effective job applicant detection (Twyman, Pentland and Spitzley, 2020). To organisations, it is reduced work in receiving the large number of job applications.
Critical Evaluation: Justification of Investment
Recreation of Past Bias: Albeit AI can help in enhancing consistency, there is a possibility that it might be able to recreate past biases unless it is trained on historical data which is inclusive in the practise of discrimination. IT is a highly diverse industry that innovations cannot be done without diversity, so AI systems must be audited on a regular basis to enhance fairness and inclusiveness (Kordzadeh and Ghasemaghaei, 2021).
Pseudo External Validity Problems: Some predictive models are based on previous performance and this may not necessarily reflect performance in the future especially in an industry that changes rapidly such as IT. Predictive analytics does not supersede human judgement but can be used simultaneously to determine the potential of a candidate to become a better employee and would be flexible enough to work in the changing positions.
[bookmark: _Toc215754057][bookmark: _Toc220422480]2.3.2 Predictive-based Data-Driven Decision Making
An increasing trend in the value offering of AI is the application of predictive analytics, which considers more than just the automation of administrative functions in the value offering but has an influence on the quality and consistency of hiring decisions. 
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[bookmark: _Toc219458225]Figure 2.6: Predictive-based Data-Driven Decision Making
(Source: Influenced by Passalacqua et al., 2024)
Data Integration: Predictive analytics tools combine various data sources, such as CVs, the history of their applications, and their performance database, to inform a hiring decision.
Decision Support: The machine learning algorithms would provide correlations of candidate attributes and job performance after selection to enable recruiters to shift towards those applicants who statistically have a high probability of accomplishment (Koenig et al., 2023).
Improved Consistency: Based on data, minimise cognitive load among the staff of the HR department, and lead to increased consistency in the first screening and selection. This method allows the use of the data to make decisions instead of referring to human factors.
Predictive Tools for Candidate Sourcing and Matching
The predictive analytics process based on the outcomes of the Machine Learning (ML) has changed the cycle of candidate sourcing and the job-candidate matching.
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[bookmark: _Toc219458226]Figure 2.7: Predictive Tools for Candidate Sourcing and Matching
(Source: Influenced by Chavan et al. 2024)
Automated Ranking: AI-based systems and talent analytics software systematically rank the candidates and compare their characteristics to the performance standards that are based on past employee statistics (Faqihi and Miah, 2023).
Precision Matching: These are the tools that use Natural Language Processing (NLP) to recognise the information out of the unstructured CV and to match it with job specifications with high accuracy.
Improved Productivity: As mentioned by Chavan et al. (2024), the systems have often been shown to increase the productivity of the recruiter by reducing the applicant pool to only the most relevant applicants and making the process of shortlisting and interview selection quicker.
Assertions of Enhanced Quality of Hire
Superior Prediction: Although empirical inquiries have frequently proclaimed that judgment of human and algorithmic hiring choices yield similar job success forecasts, and particularly empirical research has demonstrated significantly better accuracy in high-volume recruitment situations.
Strategic Value: Organisations that are employing predictive analytics tend to indicate better personnel stability and less turnover in the early stages, which supports the argument that data-driven hiring positively increases the long-term performance of an organisation and contributes to the formation of intellectual capital.
Critical Evaluation: Bias and Validity Debate
Recreation of Past Bias: Algorithms are conditioned using historical data of recruitment and performance and might incorporate previous organisational biases. Predictive systems will pose a threat of reproducing previous and fruitful, but non-diverse employee profiles in the name of impartiality (Kordzadeh and Ghasemaghaei, 2021). 
External Validity Issues: The past performance records might not be good indicators of future success in the dynamism of the current labour markets, where job position changes very fast. This calls into question the external validity of models of predictive hiring and their capacity to follow the dynamic skills needs.
[bookmark: _Toc215754058][bookmark: _Toc220422481]2.4 Ethical and Legal: Equity, Prejudice, and Virtue
[bookmark: _Toc215754059][bookmark: _Toc220422482]2.4.1 Equity (Fairness) and Algorithmic Bias
According to Kammerer (2021), AI video interview systems can increase legal discrimination because they rank the candidates under the influence of the uncertainties of the behavioural analytics, which are not beneficial to systemic discrimination. Rigotti and Fosch-Villaronga (2024) continue to suggest that fairness frameworks are symbolic and not practical on the ground since organisations are guided by efficiency rather than compliance. On the one hand, Kammerer (2021) wants the applicants to be legally secured, while Rigotti and Fosch-Villaronga (2024) believe that the issues in governance are the collapses in ethics, but not in the law. They both agree that it is biased but disagree on which is the necessary solution. Kammerer (2021) is of the opinion that regulation will put things in place, yet this is limited by the reality that real execution in the countries is otherwise. The focus of the normative frameworks by Rigotti and Fosch-Villaronga (2024) has not been empirically demonstrated to be effective in real-world hiring systems. Thus, the subsequent research must bear in mind the measures of fairness in the practical implementation, which does not necessarily rely on the conceptual or legislative instruments.
Fabris et al. (2025) conduct a massive level of multidisciplinary review and reach a conclusion that the bias is brought about by the information asymmetry, modelling choice, and organisational incentives. On the contrary, Yanamala (2022) states that the possibility of bias minimisation can be achieved through dynamic multimodal AI systems that are not pre-programmed. Fabris et al. (2025) disagree with the technological optimism model and argue that mitigation instruments remain people-biased. Yanamala (2022) assumes that engineering can be used to counter discrimination. This conflict is justified by the fact that Yanamala (2022) offers technical solutions and fails to demonstrate how they can be used in any industry, but Fabris et al. (2025) offer a critique and do not offer an alternative operational option. Neither of the papers presents field-based evidence of the outcomes of HR hiring, which requires application-level studies.
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[bookmark: _Toc219458227]Figure 2.8: Fairness and Bias in Algorithmic Hiring
(Source: Fabris et al., 2025)
Busari (2025) specifies diversity protection as a strategic aspect, and the recommendations include inclusive datasets and bias reviews. Busari (2025) is much closer to Fabris et al. (2025) and acknowledges socio-technical impacts, which is not the case with the belief in algorithms by Yanamala (2022). Compared to Kammerer (2021), Busari (2025) does not give as much attention to the legal exposure. Among the weaknesses, one can distinguish the fact that the work by Busari (2025) is theoretical. The diversity protection measures proposed are not researched in longitudinal terms. More studies are required to establish the fact that such fairness policies lead to measurable hiring diversity.
[bookmark: _Toc215754060][bookmark: _Toc220422483]2.4.2 Transparency and Explainability
Studies on transparency have shown that explainable AI (XAI) is generally understood as trustworthy, but there is a dispute on how it could be put into practice. Yanamala (2023) argues that ethical HR AI is a state of transparency, privacy, and accountability infrastructure, but these are more of a concept of governance rather than a process. Ghoneim (2024) goes further and proposes a strategic framework of the ways in which explainable AI can be integrated into the recruiting process, and that when the algorithms are able to provide the reasons, it gives the stakeholders more confidence. Where Yanamala (2023) believes that transparency is based on compliance, Ghoneim (2024) believes it is a way of trust building. The weakness is that both of them lack empirical validation of the influence of transparency on acceptance of hiring, and this shows the need to conduct behavioural research on the perception of recruiters and applicants.
According to Eva-Uzosike et al. (2024), autonomous screening algorithms must have explainable actions to explain their rationale to the recruiters. They also highlight productivity benefits over stakeholder ethics, unlike Ghoneim (2024). Naseer et al. (2025) state that there is a dilemma between efficiency and fairness and point out that transparency is to be founded on speed and equal feedback. This is contrary to Evans-Uzosiki et al. (2024), who indicate that transparency optimises and not trade-offs. These opposing positions reveal that transparency is not always an ideally treasured principle, and some see it as a beneficial efficiency, while others see it as a safeguard for a fair process. One of the gaps in the research is that they both still argue on the significance of transparency, and do not consider the cost of transparency, such as the fact that transparency may incentivise intellectual property risks or reduce predictive power when models can be interpreted.
Another one is a gap associated with the response by the candidates. Ghoneim (2024) assumes that transparency will make the stakeholders more trusting, but Naseer et al. (2025) note that total transparency may saturate the stakeholders or expose them to the risks of manipulation. None of the research has an experiment with a transparent design in a real recruitment situation. In order to explore the possibility of testing different explainability models, further research is required to find out which level is more advantageous in terms of fairness, efficiency, and confidentiality.
[bookmark: _Toc215754061][bookmark: _Toc220422484]2.4.3 Data security, Legal risks, and privacy
Scholars agree that AI in recruitment has a greater compliance risk, although the opinions on the matter are split. Shaheen et al. (2024) write about HR cloud systems and state that one of the structural issues is data security, which involves governance and access control. They propose enterprise-level security models. However, they are not generalisable owing to their focus on US-based organisations. Du (2024) continues by pointing out that ethical and legal problems of algorithmic opacities and power imbalance between employers and applicants are ethical and legal issues that are raised. Shaheen et al. (2024) focus on the technical protection, and Du (2024) views privacy as an issue of rights. The weaknesses are that Du (2025) lacks any tangible risk-controlling measures, and Shaheen (2025) does not refer to consent or openness to ethics. More studies should combine the technical and ethical paradigms to assess the organisational capacity and the contribution to society.
Hristova (2022) studies the sphere of recruitment and the ICT industry and finds that the digitalisation of the industry has simplified the recruitment process but posed a risk of clash of privacy since the HR managers are not ready to deal with the danger. Ore and Sposato (2022) argue the same by saying that AI presents opportunities but also creates legal challenges in legal matters, especially when organisations adopt tools without knowing about accountability. Contrary to Shaheen et al. (2025), both Hristova (2022) and Ore and Sposato (2022) adopt an organisational behaviour method rather than technical security. Hristova (2022) assumes that the training gap is one of the risk causes, whilst Ore and Sposato (2022) suggest that structural risk is possible and may be determined by overreliance on automation. In both works, there is no information on the national differences in law or the rights of the candidates. This creates a gap in the literature on cross-jurisdictional compliance and the use of risk perception in adoption.
In their comparison studies, Du (2024) and Ore and Sposato (2022) concur when it comes to the ambiguity of the laws, yet they disagree on the reason. The latter believes that the reason is the absence of clarity, whereas the former sees it as an addiction to automation. Both of them ignore technical mitigation measures, such as encryption and role-based access, considered by Shaheen et al. (2024). Hristova (2022) state that the exposure of the HR capabilities with the help of legislation is due to the absence of the same, disagrees with the structural ethical argument of Du (2024). One of the weaknesses is that security breaches are not empirically measured, and compliance failures are not measured. Thus, the argument is highly hypothetical. Future research should carry out case studies of violations and experiment on the framework of privacy governance.
[bookmark: _Toc215754062][bookmark: _Toc220422485]2.5 Candidate Experience and the Human-AI Dynamic
[bookmark: _Toc215754063][bookmark: _Toc220422486]2.5.1. Impact on Candidate Experience
The professionals do not argue about the fact that AI is changing candidate engagement, but they are divided about how positive or neutral an experience it may be. According to Abumere (2025), AI can improve the experience of candidates, making communication timely and personalised, while reducing waiting time. To the contrary, Palenius (2021) stresses that the experience of the candidates is conditional on the influence of the emotional dimension of trust, respect, and human touch, according to which the relational expectation is not fulfilled by AI alone. The two also acknowledge that experience matter, but they do not empirically evaluate emotional response or level of satisfaction, which limits generalisation. Future research must be carried out to establish the variation in the perception of the candidates in automated and human-assisted recruitment.
Balasundaram et al. (2022) indicate that AI chatbots and automated scheduling can be used more effectively to interact with applicants However, they are aware of the dangers of depersonalisation when the candidates are speaking to AI rather than to a human being. This is contrary to Palenius, (2021) who considers that there is a need to be emotionally involved, but encourages Balasundaram et al. (2022) to state that digital interfaces are positive but conditional, where their effectiveness can only be attained when volume dictates the need to automate. Their case study is limited by the fact that their findings can be applied under high-volume corporate environments, but not specialised or senior talent. Therefore, the difference between the experiences of the types of jobs and industries should be researched by scholars.
Nyathani (2022) confirms the value of AI as related to the digital job hiring transformation but assumes that applicants will be comfortable with the algorithmic assessment process. This goes against the views of Palenius (2021) that human interaction and transparency are more significant. The drawback of the work by Nyathani (2022) is that it lacks negative experience, such as anxiety or mistrust towards automated decisions. Collectively, all the literature portrays two aspects that are optimistic adoption and relational critique. The gap in knowledge lies in the literal preference of the applicants and the evaluation of the hybrid experience implementations on the platform of the AI support, but not the human interaction.
[bookmark: _Toc215754064][bookmark: _Toc220422487]2.5.2 Human-AI Coercion: Improvement of HR
The research on the collaboration between humans and AI proves that it is assumed that AI can successfully replace human recruiters, yet it does not agree with how such collaboration should be organised. Fugener et al. (2025) mention that AI will not replace human judgment, but it will supplement it. They argue that human beings must make systems work because AI cannot discriminate context and morality. Hridoy et al. (2025) give the same recommendation and suppose that AI should be analysed, and that humans should deal with relations and strategic aspects. The two focus on the process of augmentation, but Hridoy et al. (2025) discuss collaboration as friendly in comparison with Fugener et al. (2025) who focus on the possible risks of substitution, skills deficits, and overdependence on the algorithmic direction. Their argument provides some sense of doubt regarding whether AI is empowering or disempowering HR agencies.
Another argument that Abumere (2025) repeats addresses the claim to augmentation and is that AI can improve the performance of HR by assisting in filtering down applications and making data-driven decisions. However, he assumes that the HR specialists will not be unwilling to embrace AI. In a relative sense, Fugener et al. (2025) note organisational resistance whereby the human resource professionals fear losing power. The two works do not evaluate behavioural adaptation or training needs, which makes them less applicable. The second direction of research to be pursued is whether capabilities, position redesigning, and psychological acceptance can be developed among the HR personnel.
Hridoy et al. (2025) believe that the collaboration between humans and AI plays a role in the strategic change in HR. However, they give inadequate attention to such ethical questions of dependency or responsibility for decisions. Nyathani (2022) also focuses on the benefits of automation but does not investigate the issue of collaboration difficulties. Thus, the sources, which are working on collaboration, do not consider the organisational barriers, and the warning studies do not provide the solutions. This demonstrates that the gap in research regarding models of governance that separate responsibility between AI and human decision-makers is present.
[bookmark: _Toc215754065][bookmark: _Toc220422488]2.6 Synthesis, Literature Gaps, Research Justification
[bookmark: _Toc215754066][bookmark: _Toc220422489]2.6.1 Synthesis of Key Debates
The literature reveals that there is a high agreement on the issue that AI is introducing efficiency, time-saving, and accuracy in the analytical process of recruiting and hiring. Simple explanations show that artificial intelligence and machine learning, NLP, and predictive analytics are transforming the HR processes into evidence-based and not intuition-based decision-making. However, this becomes controversial since efficiency and perceived objectivity are more significant than ethical, experiential, and strategic risks. Researchers observe that automation will reduce the human effort in the operations, though other researchers fear that it will eliminate the human touch, equity, and trust. TAM-related descriptions define adoption as perceptions of usefulness, and RBV-based perceptions define AI as a potential competitive advantage when it is used in a responsible way. The positive attitude towards the digital convenience has an inverse nature in the candidate experience studies, in the fear of depersonalisation and an emotionless state. Another area of disagreement between the two sides of the argument is the possible outcome of the collaboration, which is to increase the augmentation that will make the HR agency stronger. The collaboration is also expected to diminish human judgment and responsibility. These tensions evidence that the literature is aware of the fact that AI could be transformative, but it is not certain how to balance it in the most effective manner, efficiency, fairness, human values, and organisational benefit.
[bookmark: _Toc215754067][bookmark: _Toc220422490]2.6.2 Identification of the Literature Gap
Empirical assessment has scarcely been done despite its extensive coverage. Firstly, the research in the area of candidate experience is not unanimous yet and most of the studies suppose the existence of the benefits but rarely concentrate on the subjective experiences of the candidates across the industries or the types of jobs. Second, cooperation research fails to consider behavioural change and skills development in HR workers. Thirdly, the predictive hiring studies hardly worry about the dynamic labour markets or the external validity of performance modelling. Fourth, ethical arguments consider the presence of the algorithmic bias, yet they do not imply any tangible comparative analysis of the mitigation outcomes of real organisations. Finally, there is the absence of theoretical combination where both TAM and RBV knowledge were cited but barely combined in the explanation of both adoption and strategic value.
[bookmark: _Toc215754068][bookmark: _Toc220422491]2.6.3 Justification of Research
These gaps are the ones that justify the present study, as organisations in the IT sector are now applying AI in ways that are not proven to be fair, and are accepted by individuals, and lead to positive experiential changes and strategic value. The study is useful for the IT sector in the sense that it links the variables of individual level adoption (TAM) and organisational competitive value (RBV), giving a two-pronged approach of explaining which has not been widely exploited in the empirical research specially in IT sector. It is also relevant because it investigates the impact of AI on the experience of the candidates and HR evaluation simultaneously in the IT sector, a correlation that the current independent research does not consider. 


[bookmark: _Toc220422492]Chapter 3: Research Methodology
[bookmark: _Toc220422493]3.1 Overview
The chapter provides the methodology of the study, which is used to identify how the IT industry of the UK can transform staffing and selection processes through the use of Artificial Intelligence. The chapter is based on the Research Onion advanced by Saunders to explain the reason why the research is justified based on the philosophy of the research, approach, and design. The secondary research approach has been adopted, and only the peer-reviewed academic materials, industry reports, and reputable professional materials are used. The chapter explains the rationale of implementing content analysis as the primary technique of analysis to find the patterns and themes that were repeated across the literature. The ethical issues, the limits of research quality and methodology are also addressed in such a way that they bring about transparency, rigour, and academic integrity.
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[bookmark: _Toc219458228]Figure 3.1: Research Onion
(Source: Saunders, Lewis and Thornhill, 2023)
[bookmark: _Toc220422494]3.2 Research Philosophy 
Interpretivist research philosophy is used in the research since the study is focused on comprehending the multifaceted and socially constructed nature of Artificial Intelligence (AI) in recruitment and selection, and not quantifying it. The key principles of interpretivism are that it is subjectively inclined, contextually oriented, and seeks to explore multiple positions, posed in the existing scholarly and professional literature (Saunders, Lewis and Thornhill, 2023). According to the Research Onion by Saunders, interpretivism assumes that the areas of organisational practices, like ethical judgment and values towards fairness and transparency, have human interpretation and contextual factors.
Interpretivism is chosen because the work is expected to be critical in terms of the themes of bias, candidate experience, ethical concerns, and trust in AI-based recruitment systems, which could not be built properly without the assistance of objective and statistical analysis. The selected work relies solely on secondary qualitative sources. Thus, interpretivism is rather suitable to interfere with the arguments, discussions, and interpretations that might be generated by academics and professionals on bias, candidate experience, ethical concerns, and trust in AI-based recruitment systems. This is the reason why positivism is not used as it is preoccupied with hypothesis testing, quantification, and variables that can be measured, which are not suited when primary numerical data is not available and the investigative nature of the study (Maretha, 2023). Even pragmatism is not taken into consideration, as it normally promotes the mixed methods or problem-solving approach in using primary data, which is not within the scope of this study. By using the interpretivism approach, the study meets its goals and objectives since it is able to provide a contextualised and in-depth understanding of how AI is transforming the recruitment and selection processes, particularly with regard to fairness, transparency, and ethical accountability.
[bookmark: _Toc220422495]3.3 Research Approach
In this case, the research approach is an inductive type of research that is appropriate for the research as it is exploratory and interpretive. The metaphor of the inductive approach takes the change of some observations in the literature to larger patterns, themes, and conceptual insights (Kumar and Ujire, 2024). With the help of the method, this study aims at evaluating the opportunities that AI has in enhancing efficiency, fairness and transparency, but will also discuss the risks and problems that it comes with. The research does not presuppose some pre-tested hypotheses but helps to unveil the insights using the data. In the current case, it is represented by published academic sources, industry reports, and case studies on AI in the sector of recruitment and selection. Induction would be particularly suitable in a secondary type of qualitative research under the direction of Saunders Research Onion, where it is planned to build the theory and develop concepts.
The inductive approach is chosen because the literature that is available in the industry of AI in HR offers different opinions regarding the efficiency, fairness, transparency, and ethics, which are conflicting. The co-construction of these views is facilitated by the fact that the themes are allowed to develop in a natural way. The deductive method was not selected as it would require testing of hypotheses and the predetermined variables that could not be integrated into the reality on which the research was founded, based on existing qualitative evidence rather than primary quantitative data (Hall, Savas-Hall and Shaw, 2023). Using the induction, the study is able to give support to the aims and objectives of the study through the definition of powerful patterns, challenges, and implications of AI adoption, thus forming a more contextualised and better detailed view of how AI is changing recruitment and selection practices.
[bookmark: _Toc220422496]3.4 Research Strategy
The research design that has been adopted in the research is the Grounded Theory. The goal of grounded theory is to form a conceptual knowledge and theoretical meaning out of data in a direct connection through the systematisation of data coding and comparison (Stough and Lee, 2021). Available academic and professional literature constitutes the data in this work in opposition to the primary empirical observations. The selected approach is appropriate because the research is expected to develop a multifaceted perspective on the use of AI in recruitment and selection, and not to prove the existence of a model that has already been identified.
The grounded theory is chosen because it enables identifying general ideas and associations, such as the creation of efficiency, algorithmic bias, transparency problems, or ethical issues, in a succession of studies. These ideas are gradually reduced to incremental planes of explanation of the overall impact of AI in HR. It could not be conducted using other methodologies, such as experiment or survey, since it was not suitable due to the ease of access and sensitivity of HR information. Grounded theory can be used to justify the research goals because it allows theory to be developed based on adequate evidence, it helps in filling gaps that exist in the literature, and gives a rational explanation of the AI-based revolution in recruitment and selection.
[bookmark: _Toc220422497]3.5 Methodological Choice
The research is qualitative in terms of the mono-methodological selection. It is based on the analysis of the secondary data. The qualitative methodology is appropriate because the study is interested in understanding meanings, arguments, and ethical concerns surrounding AI in the job recruitment process and not quantitative implications. The mono-method design gives consistency in a methodology since all the data is extracted using textual materials such as journal articles, reports, and case studies (Vivek and Nanthagopan, 2021).
The specified methodological decision is selected because it is in line with the interpretivism philosophy and the inductive approach of the research. It could be applied to investigate in specifics a complicated matter such as fairness, transparency, and candidate experience, which are engaged in the research purposes. This approach did not use mixed-method or quantitative methodology since, in that case, one would receive primary or vast data that are not affordable or time-wise feasible for this research. The research has employed a qualitative secondary mono-method to systematise the previous knowledge and identify trends in the situations, and provide a comprehensive overview of how AI is transforming the recruitment and selection procedures in line with the stated goals and objectives.
[bookmark: _Toc220422498]3.6 Data Collection 
The research is entirely premised on the secondary data collection, and no primary data, such as interviews, surveys, and observations, is conducted. The information that is already compiled and published by some other researcher or organisation is the secondary data. According to the research objectives, the data are collected by using peer-reviewed journal articles, academic books, industry reports, conference papers, and reputable organisational publications on AI application in recruitment and selection. Besides the other sources are sector reports, industry reports, and company-level reports. In order to ensure the validity and topicality of sources, one can refer to the fact that Google Scholar, ScienceDirect, and ResearchGate are the most significant academic databases (Singh, Srichandan and Lathabai, 2022).
The fact that the secondary data collection technique is chosen is that this would provide access to numerous varying opinions, industries, and geographical locations that would otherwise not be possible to attain during the primary data collection within the time that is available (Cheong et al., 2023). It also assists the study to utilise research that has undergone rigorous examination upon scrutiny and to test and enhance the credibility of the findings. Moreover, the information in connection with HR is confidential and delicate, and access to the primary organisational data is rather difficult and morally complicated.
The selection of the sources has been done according to specific inclusion criteria, and they are connected to the relevance of AI in the area of HR recruitment and selection, along with their publication in reputable sources, and whether the sources answer the research questions or not. It has academic rigour, which is ensured by the use of no outdated or non-peer-reviewed resources. The approaches to primary data collection were not employed due to time constraints, barriers of access, and ethical considerations of personal and organisational HR data (Idowu and Oluremi, 2025). The secondary data enables the study to support its goals and objectives by developing a synthesis of the current knowledge, diagnosing parallel patterns and issues, and provide a general view of the effects of AI on recruitment and selection practices.
[bookmark: _Toc220422499]3.7 Data Analysis 
The data analysis of the current study is conducted using the qualitative content analysis, which suits the analysis of the textual secondary data in a systematic way. Content analysis is a complex process of reading, coding, and categorisation which presupposes the detection of recurrent themes, patterns, and relationships in the selected literature (Kleinheksel et al., 2020). This helps to decode the discourse of different authors concerning the advantages, difficulties, and ethical consequences of the use of AI in recruitment and selection.
The provided analysis begins with the familiarisation of the sources gathered, and the next step involves the open coding process to define such common conceptions as efficiency, bias, transparency, and experience of a candidate. These codes are subsequently further synthesised into larger themes in what is called the constant comparison process, and this is what is aligned with the inductive and grounded theory approaches. It is not based on quantitative analytical approaches since this study does not involve numerical data and a test of hypotheses.
Content analysis serves the objectives of the research directly since it provides the possibility to carry out a comparative evaluation of different views, and is capable of synthesising the evidence provided by different sources. The plan contributes to the aim of grounding the conclusions on the existing research that provides a more specific and realistic understanding of the effects of transformations concerning the recruitment and selection practices related to AI.
[bookmark: _Toc220422500]3.8 Ethical Considerations 
The research is concerned with ethics in spite of the secondary data that is adopted. As no primary data has been collected, the issue of informed consent and anonymity of the participants is reduced to a minimum. However, this ethical responsibility can be maintained by ensuring that all of the sources are referenced and reported appropriately, without plagiarism and misinterpretation of the results (Lalwani, 2025). Only the credible and reputable academic and professional publications are used to ensure integrity and reliability. The study is conducted in accordance with the principles of academic honesty, transparency, and respect for intellectual property in the process of conducting the research as directed by the Saunders Research Onion. Additionally, the confirmation bias is avoided by considering the ethical care attributes. It helps to represent the AI in recruitment and related perspectives. The balanced attributes are instrumental in in presenting information on ethical scholarship and AI. 
[bookmark: _Toc220422501]3.9 Research Reliability and Quality
The methodology in this study is well and clearly structured, and this ensures the quality and dependability of the study. Peer-reviewed and highly established academic resources are employed to enhance credibility (Steer and Ernst, 2021). The description of the data collection and analysis methods also ensures reliability because it can be replicated. The interpretations are also founded on literature, which has been reviewed to ensure confirmability as opposed to subjectivity. The evidence-based strategy of various settings and industries helps to support the transferability. All these measures ensure that the findings are credible, coherent, and consistent with the established standards of the quality of qualitative studies. Additionally, the exclusion and inclusion criteria regarding data sources are taken seriously to avoid any methodological complications. Besides the research bias is eliminated through systematic approach where the sources are only related to IT recruitment.
[bookmark: _Toc220422502]3.10 Methodological Limitations
This research is limited in terms of the various methodological limitations that affect the interpretation of the findings. To start with, the limited use of primary data narrows the range of depth and contextual richness of the analysis, because the information is obtained based on existing research works, but not on actual organisational operations or stakeholder experiences. The lack of primary data restricts the possibility of checking the real-life applicability of conclusions since it is not possible to examine how AI recruitment tools are implemented and seen in the context of IT organisations. Moreover, publication bias can exaggerate the positive effects of AI use, and the application of reported results as opposed to observed behaviours diminishes the possibility of evaluating the practical performance and organisational impact.
[bookmark: _Toc220422503]3.11 Summary 
The chapter has stated the methodology framework of the research based on the Research Onions of Saunders. It presented the usage of an interpretivist philosophy, inductive approach, grounded theory strategy, and the qualitative mono-method based on secondary data. In the chapter, the cross-sectional time horizon, data collection, analysis methodology, ethical considerations, research quality, and limitations were also outlined. All of these methodological choices can ensure a strict and logical methodology, which provides a strong platform for analysing the role of Artificial Intelligence in recruitment and selection practices in the subsequent chapters.


[bookmark: _Toc220422504]Chapter 4: Findings 
[bookmark: _Toc220422505]4.1 Overview 
The chapter provides the findings of a qualitative content analysis of the secondary sources on the issue of the use of Artificial Intelligence (AI) in recruitment and selection in the IT industry. The criticism of how AI changes the hiring process is a critical analysis, which questions the findings of efficiency, fairness, and objectivity in the existing research. The findings hint at the issue of disagreement with the concept of AI as a non-stakeholder technological answer, but rather, they signify the conflict of the advantages of operationalisation and possible dangers of AI (ethical, social, and organisational). The chapter addresses the research objectives by synthesising evidence from studies in a systematic way to determine the suitability, fairness, rigour, and ethical issues of AI-based recruitment. One more significant problem that is also mentioned in the chapter is the governance mechanisms that are necessary to introduce transparency, accountability, and trust in organisational decision-making.
[bookmark: _Toc220422506]4.2 The suitability of AI in the simplification of the recruitment and selection procedure in the IT industry
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[bookmark: _Toc219458229]Figure 4.1: Part of the hiring process replaced by AI
(Source: Kumar, 2025)
The outcomes indicate that Artificial Intelligence (AI) can be used in the context of simplifying the recruitment and selection processes right at the start of the IT sector, but the more complex the hiring decisions and the human nature of the latter, the lower its efficiency. The IT industry has been characterised by huge applications, skills imbalance, and rapid technology transformation, hence, time-consuming and resource-intensive conventional recruitment approaches (Vărzaru and Bocean, 2024). The role of the AI-generated tools is thus, in the literature, as a tool of efficiency and not a replacement for human judgment.
As Figure 4.1 demonstrates, the most frequent hiring process components that can be replaced or supported by AI are the ones that are most common. The most AI-intensive one is checking the candidates (around 65%), then the close search of the candidates (around 55%) (Kumar, 2025). The outcome advocates arguments that AI is most applicable in tasks that comprise extensive volumes of data, are rule-driven, and produce CV screening, matching, and ranking of candidates by keywords. The AI will save administrative costs and time to hire within the IT industry, where technical skills and certifications can be algorithmically determined (Albassam, 2023). However, such suitability depends on the quality of input information and work requirements that most studies assert is frequently ill-posed or biased.
The further streamlining of the processes is illustrated by the fact that job descriptions are developed with the help of AI (around 45% and more) (Kumar, 2025). The automation job description tools, in their turn, contribute to the standardisation of language and optimisation of the posting to the search algorithms that might become more effective in reaching the applicants (Hosain et al., 2025). However, the unwilling installation of existing norms of competences in the area of IT with this standardisation, not permitting novelty and omitting non-stereotypical applicants.
It is noteworthy that the graph shows that the application of AI has reduced considerably in preliminary interviews approximately 35% and throughout the hiring process approximately 30% (Kumar, 2025). It means that the suitability of AI has a certain boundary. Although asynchronous interviews and chatbots are applicable in making the initial contacts with ease, it has always been repeated that the next stage of assessment of cultural fit, ethical decision-making, and problem-solving in IT professions are the areas that require the involvement of human beings (Mohammadali Shahbandi, 2025). This is because housing and complete automation of the hiring process can be said to be operationally risky and non-strategic.
The most significant is the fact that the outcomes show that AI has the greatest optimisation of recruitment when it is used as a supportive infrastructure rather than a decision-maker. This suits its functionality, which needs to improve the capacity of HR, such as regarding speed, consistency, and scalability, and activity of human oversight is needed to make interpretive and value-based decisions (Pratap, 2023). Thus, in terms of the first question and objectives, it can be interpreted that AI can be perceived as a means of a selective shortcut in the IT recruitment process rather than a solution.
[bookmark: _Toc220422507]4.3 The fairness and justice of IT-based AI-informed recruitment in a bid to decrease bias and enhance the diversity of candidates in the IT industry
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[bookmark: _Toc219458230]Figure 4.2: The most common features of recruitment software and systems
(Source: Koman, Patrik Boršoš, and Kubina, 2024)
The AI-based recruitment systems in the IT industry are considered as a way of enhancing fairness, consistency, and diversity, but the extent to which they have realised these claims remains a controversial topic. The creation of AI systems is intended to reduce the subjectivity of human beings by standardising the criteria of the evaluation process, but it is not only a technical but a socio-technical process relying on the decisions made in the design, data, and organisational objectives (Alawamleh et al., 2024).
The most popular features inherent in recruitment software and systems are identified in Figure 4.2. The percentage of the candidate management (82), interview management (72), and resume search (70) proves that AI is the most important component of the organisation of the process of filtering, tracking, and comparing candidates (Koman, Patrik Borsos, and Kubina, 2024). Under the fairness consideration, these systems would have the capability of reducing the discrepancies that are associated with manual screening since the same requirements are applied when screening all the applicants. This is particularly applicable in the IT industry, where the number of applicants in a given sector is quite high and human resource decision-making is largely heuristic in nature, with the least privileged groups not being represented.
However, there is a serious conflict in reporting/analytics (67%), resume parsing (66%), and applicant tracking (63%) (Koman, Patrik Borsos, and Kubina, 2024). Though analytics is sold as a way to find out bias and monitor diversity metrics, the literature points out that analytics can be as unbiased as the data on which it is created and the assumptions within it. Considering that there is a history of hiring discrimination based on gender, ethnicity, or educational inequities in the IT business, the AI systems that would be trained based on such data would reproduce and promote structural inequities rather than prevent them.
The mean application of the assessment management (52%), job requisition tools (52%), and email templates (53%) means that the decision-making communication is partially automated (Koman, Patrik Borsos, and Kubina, 2024). Procedural justice can be supported by the use of standardised tests, as all candidates are assessed by the same standards. However, AI-based testing is aimed at restricting the definition of merit, which is commonly conjunctive with the established technical criteria, and this restrains those who do not fit the standardised backgrounds or possess varied skill configurations (Khan et al., 2024).
It is worth noting that fairness is also determined by transparency and contestability. The factors, such as activity dashboards (60%) and workflow management (59%), can be improved to improve the organisational control, yet do not necessarily result in the transparency of the applicants (Koman, Patrik Borsos, and Kubina, 2024). The findings show that, although AI systems may appear to be neutral, the job candidates do not get a chance to understand the process of decision-making, thus undermining the perception of distributive and procedural justice (Luo, Zhang and Mu, 2025).
The evidence, in general, serves to prove the notion that AI can contribute to the reduction of the open human bias and the increase in the consistency of IT hiring, but it does not yet suggest fairness and diversity (Mitra Madanchian, 2024). The lack of conscious control, biased auditing, and inclusive design can contribute to the increase of the existing power imbalances in the name of objectivity by AI systems. Thus, in terms of the second research question and objective, it can be interpreted that the AI-assisted recruitment is to be perceived as a prerequisite of fairness, contingent on continued human oversight and ethical accountability, but not a self-reinforcing solution.
[bookmark: _Toc220422508]4.4 The degree of rigour and convenience of AI-driven recruitment systems to HR professionals and job applicants in the IT industry
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[bookmark: _Toc219458231]Figure 4.3: Influence of Artificial intelligence on the performance of recruitment functions
(Source: Pandya and Al Janahi, 2021)
The findings demonstrate that AI-based recruitment systems are now correlated with a high degree of operational rigour and procedural convenience among HR professionals in the IT sector, and offer more conditional advantages to job seekers (Rathore, 2023). Rigour, in this situation, can be conceptualised as consistency, standardisation, and reliability in recruitment decisions and convenience as fast, accessible, and less administrative (Oyadiran, Musa and KOLA, 2023). The literature is always placed in the context according to which AI is perceived as a performance-enhancement mechanism, which should be subjected to critical analysis.
Figure 4.3 demonstrates the perceptions of the respondents in terms of the effect of AI on the primary performance measures of the main recruitment, including cost savings, time, effectiveness, productivity, and quality. In all dimensions, the majority of the responses are high, particularly on the increase in productivity (approximately 65 percent), increase in quality (approximately 62 percent), and increase in efficiency (approximately 60 percent) (Pandya and Al Janahi, 2021). It means that AI systems are considered to be a significantly superior means of raising the structural rigour of the recruitment process as they reduce manual errors, put similar requirements into practice, and streamlining the processes (Almeida et al., 2025). Such automation enhances the decision discipline and scalability in the IT industry, where HR professionals are constantly under pressure to hire.
It is also known to have the benefits of time saving, where a high percentage of respondents have referred to AI effects as high or very high. This once again confirms the thesis that the AI-based screening, scheduling, and applicant tracking system reduces the amount of repetition and allows the HR specialists to focus on the strategic and relationship components of the hiring process (Pratap, 2023). The relatively few extremely high ratings on most of the categories, however, indicate that AI does not eliminate the inefficiencies, but rather rearranges the work in the recruitment role.
In relation to rigour, AI makes the procedures more consistent, yet raises concerns related to the mechanistic decision-making. Even though standardised testing and algorithmic shortlisting reduce the level of human discretion, it has been highlighted that such rigour might lead to the absence of contextual sensitivity, particularly in the creative roles of IT that require flexibility, and the ability to work in a team (Hunkenschroer and Kriebitz, 2022). The medium values of the graph on the characteristics of improving effectiveness imply the indecisiveness of the actual ability of AI to improve the quality of decisions beyond the surface-optimalisation.
The convenience to the job applicants can be perceived as the faster feedback, electronic correspondence, and online versatility. These qualities may be useful in raising the perceived accessibility, particularly in large IT firms (Sigal Kordova and Hirschprung, 2023). However, it is also possible that the perceived fairness and personal engagement are also reduced by the same systems. The AI-based recruitment is seen as opaque by the candidates, and it does not allow the candidate to challenge or understand the outcomes (Mamun et al., 2025). Thus, distance to applicants, psychologically, can be convenient to organisations.
The issue of AI will not adopt efficient assessment over meaningful assessment, unless there is an addition of human input to it, which further supports the importance of hybrid and balanced recruitment formats that would be more consistent and rely on human judgment (Reddy Yanamala, 2024). Therefore, the third research question and objective pinpoint that AI-based recruitment systems are highly operational, rigorous, and organisationally convenient, especially to the HR specialists who must contend with scale and efficiency in the IT sector. This rigour is rather technical than relational.
[bookmark: _Toc220422509]4.5 The ethical issues associated with introducing AI in the hiring process of the IT industry
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[bookmark: _Toc219458232]Figure 4.4: Algorithmic BIAS in AI-Based Hiring Systems
(Source: RIAZ, 2025)
The findings show that implementing AI in the recruitment processes in the IT industry poses systemic ethics threats, particularly in the realms of algorithmic discrimination, accountability, and validity of the decisions made (Zuzana Sýkorová et al., 2024). The conceptualisation of algorithmic bias, as conceptualised in Figure 4.4, is based on interdependent socio-technical processes that result in undermining the dominant discourse of the AI-driven recruitment as something neutral or objective (RIAZ, 2025).
The historical data of hiring is one of the major ethical concerns that encodes the socio-cultural differences that the IT industry already possesses. The AIs can be conditioned on historic recruitment outcomes, which are probably at least partially affected by gendered, racialised, or elitist biases, and thus promote the discrimination at scale process (Drage and Mackereth, 2022). Rather than removing bias, AI can automate it and hide it to present exclusionary findings that may appear to be based on data and, therefore, difficult to refute (Jarrahi et al., 2026). This introduces the problem of distributive justice that the marginalised groups may be filtered in a systematic way, with no discriminatory intent.
The proxy variables make ethical accountability a more challenging aspect. Figure 4.4 shows that the educational background and job gaps, or even geography, are some of the indirect indicators of identity that can be used as an alternative to the safeguarded facts (RIAZ, 2025). These variables may be useful in improving the accuracy of prediction. However, they are ethically inappropriate because they enable subtle discrimination. In the IT industry dominated by elites, where certain career trajectories and career paths are emphasised and rewarded, proxy-based filtering endorses the limited definition of merit and suppresses the goals of diversity.
The other ethical dilemma is model and feature bias, which refers to creating an algorithm in favour of certain competencies or behavioural indicators (Hanna et al., 2025). This is particularly regarding in the case of IT jobs where one needs to be creative, collaborate, and make ethical decisions that cannot be measured. This reliance on the reductive performance indicators creates the danger of giving preference to conformity, rather than potential, and is epistemically unfair and also excludes other forms of expertise.
The diagram also suggests bias mitigation techniques, such as pre-processing, adversarial debiasing, and constraint-based optimisation. Despite the fact that these strategies are sensitive to bias in terms of their technicalities, their implementation findings show that they are largely implemented as a way of complying rather than as an ethical requirement (RIAZ, 2025). Such minimisation strategies of demographic correlations or balancing training information can promote statistical values of fairness, but not address more basic structural disparities that constitute labour market participation in the IT industry. Rather than being resolved, the ethical risk is transferred.
The ethical discourse is not confined to prejudice only, but also to transparency and accountability. AI systems may be highly black box, limiting the explanatory capabilities of the HR practitioners, and the candidates (Chen et al., 2025). This is a weakness of procedural justice since rejected applicants are unable to understand, challenge, and appeal. This invisibility is morally unacceptable in the recruitment of IT, which is a high-stakes process where the economic and social mobility of an economy and a society greatly rely on the result of the employment.
Overall, the findings indicate that the issue of ethics in the field of AI-based recruitment is not peripheral but core. It also supports the research question by interpreting that without effective governance, human agency, and ethical reflexivity, AI will transform the recruitment process into a biased computational regime rather than a biased human administration and facilitate inequality and innovation against efficiency.
[bookmark: _Toc220422510]4.6 Rules to make the organisational decision-making process fair, transparent, and trustworthy
The findings indicate that in order to attain fairness, transparency, and trustworthiness in AI-based organisational decisions, the governance guidelines ought to be followed rather than sticking to technological neutrality. Within the framework of the IT industry, where AI is increasingly being integrated into the hiring procedure, fairness should be established as an organisational value, rather than a natural result of an algorithmic optimisation (Albaroudi, Mansouri and Alameer, 2024).
Firstly, organisations must come up with accountability systems. The application of AI systems should not replace the human decision-maker, and HR professionals will remain liable for the ultimate decision in hiring (Hosain et al., 2025). This will render the decisions challenging and ethically based. Their rights to the outputs of the algorithms should also be clear to prevent a case of the responsibility being diffused between the vendors, the developers, and the HR departments.
Second, explainability and algorithmic transparency must be put into focus. Organisations should adopt AI tools that provide explanatory decision logic instead of black-box models of decisions (Ali et al., 2023). When AI is used, it must be clarified to the candidates the nature of the data processed and how the decision was arrived at. Transparency enhances procedural justice, since, in this way, the applicants could understand the results and even doubt them, which would raise the institutional trust (Lambros Roumbanis, 2025).
Third, regular bias auditing and validation should be mandatory. The AI-based systems must be continuously tracked in terms of discrimination patterns according to gender, ethnicity, age, and socio-economic status because, in the past, the IT sector has faced various diversity challenges (Stypinska, 2022). It is important to note that the audits should not be limited to technical indicators and also include a qualitative assessment of justice and inclusion.
Fourth, there should be inclusive data governance. The training information will be periodically checked to ensure that it does not replicate the old or discriminatory hiring measures. Business organisations must actively increase data volumes of input and incorporate non-traditional capacity indicators besides traditional credentials (Fabris et al., 2024).
Finally, the use of ethics will require continuous human surveillance and ethical training of the HR experts. Failure to be competent enough to perceive AI outputs critically implies that organisations will be encouraging algorithms to make decisions. Combined, these rules render AI a decision-support system that will become part of the ethical governance, and not the autonomous force that would determine the organisational futures and fulfil another research question and objective.
[bookmark: _Toc220422511]4.7 Summary 
The outcomes of the research on the application of Artificial Intelligence in recruitment and selection in the IT business are critically discussed in this chapter. The discussion has noted the suitability of AI at the phase of streamlining the recruitment, questioning its capacity to facilitate fairness, rigour, and ethical legitimacy, and self-acting. The findings showed that there existed uniform risks of algorithmic bias, obscurity, and exclusion, and efficiency and consistency gains. It is interesting to note that the chapter has established that the performance of AI-based recruitment does not depend more directly on technology but on organisational governance and human controls. The findings provide a sound empirical guide to the subsequent discussion chapter through which conclusions are made in terms of relevant theory and in line with the research objectives of the study.


[bookmark: _Toc220422512]Chapter 5: Discussion
[bookmark: _Toc220422513]5.1 Overview
In this chapter, the results provided in the previous chapter have been critically discussed by explaining their meaning, significance, and implications in relation to the objectives of the research, research questions, and the available academic literature reviewed. The four research questions are used to create the discussion and set the framework of the study based on the Technology Acceptance Model (TAM) and Resource-Based View (RBV), which were identified as the models that guide the discussion. In a combination of the findings of this research with those that have already been conducted by various researchers in the area of artificial intelligence-mediated recruitment, algorithmic discrimination, transparency, ethics, and human-AI interaction, this chapter locates the present study within the broader discourse of artificial intelligence in human resource management. Therefore, it demonstrates how the findings prove, extend, and in some cases disprove the existing arguments of the existing literature and provide a glimpse of what it takes to apply artificial intelligence to the recruitment and selection processes.
[bookmark: _Toc220422514]5.2 Recruitment and Selection AI-Based Efficiency and Automation (RQ1)
The findings of Chapter 4 demonstrate that artificial intelligence can be used positively to improve the efficiency of the recruitment and selection process in the first stages, such as screening of resumes, shortlisting of the applicants, and monitoring of the applications. It is complementary to the already published literature that highlights that AI has the capability to automate repetitive and high-volume recruitment processes. Using AI-based resume screening applications as an example, the process of screening resumes is more accurate and quicker because the code can analyse a profile of candidates using machine learning and natural language processing (Abhishek et al., 2025). The sophisticated applicant tracking systems prove to be helpful in simplifying the recruitment process and reducing the administrative burden (Chavan et al., 2024).
It is possible to argue on the basis of the results of the study that the introduction of AI might assist organisations in saving time-to-hiring and increasing their efficiency in operations (Albassam, 2023; Pratap, 2023). However, it is also discoverable that AI has not been utilised yet to replace, but support, human decision making. AI performs better on specific phases of the recruitment process as opposed to the entire recruitment process (Hewage, 2023; Nyathani, 2022). The real-world data show that the application of AI tools to organisations is biased in giving priority to those areas where organisations can definitely achieve tangible benefits, particularly in large-scale recruitment scenarios.
The Technology Acceptance Model could be used to explain these findings on a theoretical basis. The perceived usefulness to be a key aspect in AI acceptance by recruiters (Almeida et al., 2025). The positive attitudes towards efficiency and accuracy identified in the results can support this statement, since this is why the use of AI technologies is becoming more widespread, as far as hiring by organisations is concerned. There is a need to match TAM with innovative technologies, which the research findings have validated as the acceptance is not only determined by usefulness but also organisational preparedness and perceived risks (Ishengoma, 2024).
Resource-Based View also puts these findings into perspective by explaining AI-enabled recruitment systems as a significant source of organisational resources, and it becomes significant when it is operated together with human expertise. AI may be employed in the intellectual capital when it is contextualised within the context of HR competencies rather than dealing with it as a singular solution (Sandeep et al., 2025). The findings support this point of view, in that the hypothesis was that AI-based efficiency will boost organisational performance when complemented with talented HR specialists who will decode and place the results of the algorithmic analysis into perspective.
The findings of the current research demonstrate that AI has a tremendous positive impact on the growth in efficiency within the recruitment and selection process, particularly at the initial stages of the procedure. When considering the information analysed and the sources of information regarding the industry, AI appears to be the most helpful tool as a screening and filtering tool, and not a final decision-making tool. Robotisation of personnel is time-saving because recruitment is time-consuming and indicates that the recruiter is able to redirect their focus to more essential activities, such as interviews and communication with candidates. However, these findings can be used to signify the disparity of efficiency gains, too, and they will depend on how AI is utilised. The efficiency of organisations may be realised at the cost of candidate fit or organisational values in case organisations over-rely on automation and make judgements in certain situations. Therefore, the study concludes that AI can respond to RQ1 since it can be applied to enhance the efficiency of the operations in the scenario where they are utilised as a supportive system inherent in human-based recruitment decisions, yet not as a solution to them.
[bookmark: _Toc220422515]5.3 AI Recruitment Fairness, Bias, and Diversity Implications (RQ2)
These findings suggest that the relationship between the implementation of AI and the views on fairness in the hiring process is quite complex. Although the subjects were aware that AI would reduce the impact of human bias in the form of standardisation of decision-making criteria, there were significant apprehensions about algorithmic bias in the training data and system design. This view of both parties indicates the broader academic discussion, where AI is viewed as weakening or strengthening discrimination during the hiring process.
The issues are adequately justified in the available literature. The algorithm bias is predisposed to be grounded on the historical scope of data, which reflects historical disparities, and such a bias can be harmful to some groups of individuals. The findings of the research agree with the claims that AI does not remove bias, but it can be shrouded in the illusion of objectivity (Drage and Mackereth, 2022). Similarly, the theme of age-related discrimination in algorithms confirms the aspect that AI bias has different forms.
However, the findings demonstrate that AI can reduce bias if it is developed and operated in a responsible fashion (Oman et al., 2024; Yanamala, 2022). This means that the outcomes of fairness are reliant on the organisational practices and not a property of technology. According to RBV, discriminatory AI systems may influence the perception and credibility of organisations and, hence, decrease the competitive edge in the long run. Equal and fair recruitment procedures thus become strategic resources and not compliance needs.
TAM also gives an insight into these findings. The perceived fairness and trust influence the acceptance of AI systems by users since recruiters will hesitate to use technologies that they believe to be discriminatory. The findings of the study indicate that organisations have to deal with the issue of bias actively to guarantee the continued adoption and successful use of AI recruitment tools.
Regarding the problem of fairness and bias, the outcomes indicate that there is an evident discrepancy between the perceived objectivity of AI and its actual limitations. Even though the minimisation of human bias is often claimed to be the advantage of AI, analysis indicates that it may not necessarily produce more impartial results. Instead, AI systems will tend to represent the reflection of the data and assumptions embraced in the system. This means that the imbalance in the recruitment process in the past may be repeated or even aggravated as long as there is no sharp eye on the systems. It highlights the fact that fairness is not only a technical issue but an organisational responsibility. In order to respond to RQ2, the findings reveal that AI is potentially beneficial in terms of enhancing diversity and fairness due to the fact that organisations audit algorithms, diversify the training data, and retain human control. Without these precautions, AI can only serve to increase the existing biases rather than mitigate them.
[bookmark: _Toc220422516]5.4 AI-Based Hiring Transparency, Explainability, and Trust (RQ3)
The key variables of trust in the AI-mediated recruitment systems have been found to be explainability and transparency. Black-box algorithms were of particular issue to interviewees when the result of a decision-making procedure could not be easily explained or supported. The outcomes can be likened to that explainable artificial intelligence (XAI) is one of the keys to building any reliable AI systems (Ali et al., 2023). Evans-Uzosiki et al. (2024) also make similar conclusions and underline the importance of explainability in the autonomous screening algorithms to facilitate confidence among the stakeholders.
The findings of the work also align with those of Ghoneim (2024), who supposes that the ethical decision-making in AI-based recruitment is based on the concept of transparency. The responsible AI use should be coupled with accountability mechanisms to promote transparency in AI use (Yanamala, 2023). Thus, AI processes have a negative impact on the perception of procedural justice and organisational attractiveness, which may deter high-quality applicants on the candidate side.
These findings, together with TAM, indicate that ease of understanding and perceived transparency make a significant impression on technology acceptance. The state-of-the-art technologies require bigger acceptance models that consider trust and are explainable (Ishengoma, 2024). The findings can be put into this perspective and reveal that transparency is a technical requirement, a social and organisational requirement. Consequently, the organisations must strike a balance between the interpretability requirement and the complexity of algorithms to develop trust between the recruiters and the candidates.
As discussed, transparency and explainability are the most important aspects of trust in AI-based recruitment systems. The analysis of the results conducted demonstrates that the gap in understanding the way decisions are made by AI is what causes doubts on the part of recruiters and potential job seekers. The absence of transparency in the decision-making process results in the loss of trust and acceptance despite the right AI result. This means that explainability and accountability are components of trust in addition to performance. In addressing RQ3, the research reveal that the trust in AI recruitment is conditional: it increases in situations where organisations can explain the algorithms of decision-making and situations where human beings are still accountable for the final outcomes. Consequently, black box AI systems are more likely to be mistrusted or considered unethical regardless of their efficiency or predictability.
[bookmark: _Toc220422517]5.5 AI Recruitment Ethical, Legal, and Data Privacy issues (RQ4)
The results involved ethical and legal concerns, namely, privacy of the data, its accountability, and monitoring. It was unclear who the decision makers in AI-related issues were, and this is a common issue in the literature. Du (2024) and Hunkenschroer and Luetge (2022) shed some light on the ethical problem of delegating hiring to algorithmic solutions, but Hunkenschroer and Kreibitz (2022) contextualise AI recruitment as a human rights issue.
There were also legal issues that were evidenced, particularly where transparency and candidate protection were concerned. The video interviewing method based on AI raises critical legal issues related to fairness and consent, whereas the possibilities of AI-based video interviews should be regulated through the development of regulatory frameworks (Kammerer, 2021; Rigotti and Fosch-Villaronga, 2024). The findings are also highlighting the problem of ethical data management in HR information systems. Under ethical AI practices, according to RBV, the organisational reputation and trust can hardly be emulated by the competition. The findings suggest that the organisations that adopt the system of ethical governance have the opportunity to transform the compliance requirements into strategic advantages. It proves that the ethical considerations are not to be presented as the external constraint on the organisational culture (Zuzana Sykorova et al., 2024; Riaz, 2025).
The ethical, legal, and data privacy issues proved to be the crucial constraints to the application of AI in the recruitment process. These issues are the focal points, not the fringe factors, to decide the acceptability and rightfulness of AI systems. Consent, data security, and responsibility-related problems indicate that AI recruitment is in a sensitive ethical setting. Responding to RQ4, the findings suggest that the issues of ethics are improved in such situations when the process of decision-making is entirely decentralised to automated systems. This helps in arriving at the conclusion that recruitment in the context of ethics requires a well-established framework of accountability and compliance with data protection regulations. The paper therefore recommends that AI should be controlled through a robust code of ethics that will guarantee that the effectiveness of technology does not hurt legality and moral accountability during the hiring choices.
[bookmark: _Toc220422518]5.6 Human-AI Partnership and the evolving HR position
The findings indicate that the application of AI redefines, but does not wipe out, the roles of HR professionals. AI is regarded as an assistant to the work of analytical and administrative tasks; thus, the HR practitioners can be engaged in strategic choices. This conforms to the paradoxes of AI in HR as written by Charlwood and Guenole (2022), in which the efficiency benefits are accompanied by the increased rates of human judgment.
This concept of AI is the concept of augmentation and not automation, which is confirmed in the study (Fugener et al., 2025). The necessity to have human-AI cooperation in the future of human resource management. The partial automation is more productive and generates skills and motivation, which proves the expediency of hybrid recruitment schemes. According to RBV, human knowledge is a rare resource of an organisation that can hardly be imitated. The findings suggest that the successful application of AI is linked to the need to train human resources and enhance the process of collaborative decision-making to enhance organisational competency and strength.
[bookmark: _Toc220422519]5.7 Contribution to Knowledge and Practice
Another contribution that the paper makes to academic research is that it is empirically integrated with TAM and RBV in the context of AI-based recruitment. The research is important to the existing knowledge base related to the concept of AI acceptance and strategic HR management since it links the perceptions of usefulness, fairness, and transparency in the eyes of the recruiter to the ability to build organisational capability. It also throws light on the finer parts of the ethical and social aspects of AI recruitment, which have been lacking in past studies.
In practice, the results can be used as evidence-based information that can be used by organisations that desire to adopt the use of AI in a responsible manner. They stress the importance of governance, transparency, and human control in the achievement of sustainable recruitment outcomes. The research provides useful suggestions to human resource practitioners and decision-makers because it demonstrates that the efficiency of AI depends not only on technological development but also on organisational circumstances.
[bookmark: _Toc220422520]5.8 Summary
This chapter has critically discussed the findings of the study in combination with the existing literature and theoretical frameworks through empirical evidence. It also addressed all the research questions, and the consequences of the AI-based recruitment are described in terms of efficiency, fairness, transparency, ethics, and the cooperation between humans and AI. These observations are formulated in the next chapter, where the study findings are concluded, including practical recommendations and research directions.


[bookmark: _Toc220422521]Chapter 6: Conclusion
[bookmark: _Toc220422522]6.1 Overview
It is the last section of the dissertation that demonstrates the conclusion of the entire research process that was used throughout the study. The goal of this conclusion is to bring a summary of the key findings, specifically address the research questions, and comment on the overall implications of the research to theory and practice. This chapter gives a more advanced approach as compared to the discussion chapter, wherein the analysis of the findings was interpreted descriptively, since the primary challenge in this chapter is on synthesis, contribution, and closure.
In this paper, the authors have explored the application of artificial intelligence (AI) in recruitment and selection processes regarding efficiency, fairness, transparency, and ethical issues. According to the outcomes of the literature review and the findings of the research, this chapter explains how the research objective has been achieved and how the study has contributed to the existing scholarly issues and practice. The chapter is also concluded by the limitations of the study, the suggestions for future research, and the final reflective statement regarding the significance of the research.
[bookmark: _Toc220422523]6.2 Research Aim and Research Questions Re-statement
The primary purpose of this paper was to present the topic of the use of artificial intelligence in recruitment and selection and to examine the perceived benefits, challenges, and ethical issues of its use. The research could provide empirical evidence of experience and perception of AI in organisational recruitment, and thus, by addressing this gap in the existing body of literature, the majority of studies have concentrated on the technical capabilities of AI systems.
In order to achieve this aim, a set of research questions informed the paper, and they investigated such as how AI may be applied to encourage efficiency and decision-making in recruitment and selection; the extent to which AI influences fairness, biases, and transparency of employment; and the organisational and ethical challenges associated with the AI-based recruitment procedures.
These research questions assisted in having a clear outline of data collection and analysis of data, which made the study limited on practical and theoretical issues. Such questions are also delivered back to the conclusion, bearing in mind the findings and expressing how the research has served its initial objectives.
[bookmark: _Toc220422524]6.3 Summary of Key Findings
The outcomes of the study demonstrated that AI can be a significant aspect of enhancing efficiency in recruitment and selection activities. The ability of the AI solutions to automate the routine of screening the CVs, shortlisting the candidates, and initial assessment was also of interest to the respondents. This automation was perceived to save time-to-hire and reduce the workload of the administrative staff, and allow human recruiters to put more of their resources towards the more strategically oriented and relationship-oriented hiring.
The same results also indicated that efficiency gains could not be made without considering issues of fairness and bias. Though it was generally assumed that AI became a means of eroding the subjectivity of human participants, the respondents shared their worries about the problem of the algorithmic bias, particularly in situations where AI systems are trained with the recruitment data of the past. This questioned the fact that the existing inequalities were going to be intensified without considering the fact that they would be eliminated. The issue of transparency was also found to be a related one, with certain participants stating the difficulties of explaining or interpreting AI-driven decisions to candidates.
The most dominant theme of the results was moral issues. Concerns were raised on data privacy, informed consent, and accountability issues, especially on the issues involving candidate trust. According to the respondents, the necessity to engage humans was mentioned, which meant that AI should help, and not replace human discretion in the course of recruitment. Overall, it was found that there is a fine balance between technological performance and moral responsibility, and that AI usage in recruitment has to be used with caution and under strict control.
[bookmark: _Toc220422525]6.4 Discussion of the Research Questions
The first research question was how AI can be used in the performance and decision-making during the recruitment and selection processes. It was also evident in the results that the operations can be made more efficient through AI by means of automating time-consuming and high-volume tasks. It creates the conclusion that AI can be a helpful tool to rely on in regard to the rapidity and accuracy of decisions in relation to recruitment in the early stage, particularly when comprehensive recruitment is involved.
The second research question was that of fairness, bias, and transparency. The authors concluded that even though AI would reduce personal human bias, it opens new dangers of algorithmic bias and obscurity. According to respondents, they were scared that, given the ambiguity of the processes involved in AI decision-making, some suspicion of unfairness among the candidates could be present. The study, thus, concludes that AI alone does not guarantee that the recruitment process can make any progress towards being fair unless properly designed, supervised, and audited.
The third research question was changed to ethical and organisational concerns of the adoption of AI. The findings revealed that the data privacy, accountability, and trust ethical issues are key constraints to the universal acceptance. It turned out that organisations are becoming conservative in providing AI with full-time capabilities of decision making and instead prefer to retain the human touch in the whole process. All these findings could be used to provide evidence-based and clear answers to the research questions and demonstrate that the application of AI in recruitment is both beneficial and challenging.
[bookmark: _Toc220422526]6.5 Literature Gap and Research Contribution
The literature review found a gap in the empirical research that investigates the experience and assessment of AI in an actual organisational recruitment context, especially on a practitioner level. This paper helps fill this gap by offering qualitative information about the perceived benefits and issues of AI-based recruitment.
The results build upon the current body of knowledge by stating that only efficiency gains cannot be sufficient to justify the adoption of AI without also factoring in ethical and other issues related to fairness. Although other studies tend to underline the objectivity of AI in other situations, this study proves that perceptions of bias and transparency are still at the centre of acceptance. In this manner, the research adds to the body of original empirical evidence that enhances the knowledge on the negotiated aspect of AI in practice, but not in theory.
[bookmark: _Toc220422527]6.6 Contributions to Theory
Theoretically, the current study leads to knowledge contributions because it supports and expands on the current frameworks regarding technology adoption and human-technology interaction. The results confirm the opinion that technological instruments are socially instilled and influenced by organisational ideals, administration, and human opinion.
The paper is also a contribution to the discussion of the subject of algorithmic decision-making because it proves that AI is not an impartial actor. Rather, their results are affected by data entries, organisational goals, and human control. Empirically demonstrating the conflict between automation and ethical responsibility, the research provides a sophisticated addition to the theories that focus on the effect of AI on the decision-making process and development of organisational competence.
[bookmark: _Toc220422528]6.7 Contributions to Practice
Practically, the findings will be useful to organisations that are planning or are already using AI in recruitment and selection. The paper points out that despite its ability to contribute to much efficiency, AI should not be implemented as a cost-effective or time-saving measure. Instead, organisations need to emphasise transparency, fairness, and ethical governance.
The findings can be used by the practitioners to appreciate the need to have human oversight during the recruitment process. To develop trust, it is necessary to communicate to applicants clearly about how AI will be used and to conduct frequent audits of algorithms and how they meet the standards of ethics and the legal field. The research thus offers practical pieces of information that may help in the responsible and sustainable adoption of AI in recruitment practices.
[bookmark: _Toc220422529]6.8 Limitations of the Study
The study is however, limited in a number of ways, notwithstanding its contributions. One, the research was restricted in terms of the scope to a particular organisational context, and this could limit the generalisability of the results. Second, the research used qualitative data, which, though very rich in terms of depth, might not be able to reflect the entire experience of various industries or even geographical settings. Besides, the proprietary AI systems and algorithms were not easy to access, and thus, the research was aimed at perceptions and experiences, not the technical analysis of AI output. These shortcomings do not diminish the worth of the results but ought to be considered when applying the results.
[bookmark: _Toc220422530]6.9 Future Research Recommendations
The current research can be extended to future research by using a mixed-method research design that incorporates qualitative research with quantitative indicators of the effectiveness of recruitment. It is also possible to conduct longitudinal studies to analyse the changing perceptions of AI with time, when the systems are more developed and better known.
Additional studies are suggested to investigate the views of the candidates regarding AI-oriented recruitment, especially concerning trust, transparency, and fairness. Comparison between industries or even cultural settings can also be informative learning on the effect of organisational norms on the adoption of AI. This research would enhance the knowledge and contribute to the creation of more inclusive and ethical ways of recruitment.
[bookmark: _Toc220422531]6.10 Final Reflective Conclusion
To summarise, this research has illustrated that artificial intelligence can revolutionise the recruitment and selection processes by making them more efficient and consistent. However, it has some serious ethical, fairness, and transparency issues that cannot be ignored during its adoption. This study can make contributions to scholarly knowledge and practice by offering empirical information about AI experiences in organisations during recruitment. Finally, the paper highlights the need to adopt a balanced human-centred approach to the adoption of AI, a balanced approach that acknowledges the potential of technology, but remains ethically responsible and trusting in organisational decisions.
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