Research Proposal Report

Barriers and Enablers of Generative AI Adoption in UK SMEs: A Secondary Qualitative Study of Organisational Readiness, Skills, and Governance (2023–2026)



Your Student ID: 2514890

Master of Business Administration (MBA)

Business Research

BMMB7028 


Table of Contents
1. Introduction and Research Rationale	3
2. Research Aim, Objectives and Research Questions	6
3. Literature Review	8
3.1 Introduction to Generative AI in Business Context	8
3.2 Theoretical Perspectives on Technology Adoption	9
3.3 Barriers to Generative AI Adoption in SMEs	10
3.4 Enablers of Generative AI Adoption	12
3.5 Socio-Technical Implications of Generative AI	13
3.6 Research Gap and Justification	14
3.7 Summary	14
4. Methodology	15
4.1 Introduction to Methodological Approach	15
4.2 Research Philosophy: Interpretivism	16
4.3 Research Approach: Inductive Reasoning	16
4.4 Research Strategy: Secondary Qualitative Study	17
4.5 Data Sources and Search Strategy	17
4.6 Inclusion and Exclusion Criteria	18
4.7 Data Collection Process	19
4.8 Data Analysis: Thematic Analysis	20
4.9 Ensuring Research Quality and Rigour	21
4.10 Advantages and Limitations of the Methodology	21
4.11 Summary	22
5. Resources and Feasibility	22
6. Ethical Considerations	23
7. Limitations	24
8. Timeline and Expected Contribution	24
References	26




[bookmark: _Toc225522604]1. Introduction and Research Rationale 
Millennial artificial intelligence (AI), and especially the generative AI (GenAI), development is changing the current business landscapes in the way organisations work and innovate as well as compete. Generative AI A type of AI. Generative AI is an AI system where previously thought to be uniquely human cognitive processes can be automated through the creation of new content: verbal text, visual images, or computer program code (Leon, 2026). The fact that this has become a general-purpose technology has substantial repercussions in the area of productivity, decision making and organisational change in industries (Brynjolfsson, Li and Raymond, 2025). In the case of businesses, particularly the small and medium-sized enterprises (SMEs), generative AI provides chances to become more efficient, economical, and better interact with customers by using it in marketing, customer busyness, and running of business (Le Dinh, Vu and Tran, 2025). 
Although generative AI has a potential to change the world, not all individuals have yet adopted it especially SMEs. Whereas big organisations tend to have the funding means and technical infrastructure along with expertise specific to using AI solutions, SMEs will tend to encounter more limitations regarding their ability to adopt advanced technologies (Sanchez, Calderon and Herrera, 2025). According to recent evidence, a number of SMEs are finding it difficult to advance beyond initial experiments and to fully develop and deploy generative AI as a result of a number of organisational and environmental factors (Mohd Rasdi and Umar Baki, 2025). This inconsistent usage leads to some critical questions regarding the variables affecting the successful integration of AI into smaller companies.
The use of AI technologies has now become a strategic priority in the United Kingdom, and the government programs are intended to move the country to the vanguard in the use of AI and its innovations. But empirical evidence points at the fact that AI usage is still limited to certain business processes, including marketing, administration, and IT, and that many SMEs fall behind with the lack of capabilities and resources (Department for Science, Innovation and Technology, 2026a). Moreover, the lack of skills, and digital infrastructure, as well as the ambiguity regarding regulatory and ethical aspects still are an impediment to a wide adoption (Department for Science, Innovation and Technology, 2026b). Such difficulties are especially acute in SMEs that might not be that well-organised or strategic, to successfully implement AI.
Besides the structural factors, human and organisational factors are a critical factor in the determination of the AI adoption results. E.g., the concept of AI literacy among both the employees and the managers is becoming one of the most prominent sources of successful implementation (Xia et al., 2026). On the other hand, the emergence of generative AI can also lead to emergence of new stress and resistance at work especially when employees experience pressure that AI will take up their positions or they lack trust in using the technology (Högemann et al., 2025). All these socio-technical effects indicate that the process of the adoption of AI should focus not only on technological opportunities but also on the organisational culture, leadership, and the willingness of employees to work with the system.
Besides, the issue of governance and ethical focus has become notably popular regarding the usage of generative AI. The problems of data privacy, algorithmic bias, transparency, and accountability are complications faced by organisations that aim at the responsible integration of AI (World Economic Forum, 2024a). These issues might be touched because SMEs are not necessarily adequately regulated in formal governance structures and knowledge of the regulations. Consequently, legal and ethical aspects of uncertainty may serve as obstacle to adoption in the case when the benefits of the adoption are obvious.
Although the current literature has discussed the adoption of AI to organisations, the current research to date is not united, and this is due to the lack of generalisation of the research into various settings, industries, and methods of study. Much research is related to big businesses or a particular industry, and little is known about SMEs, especially in the UK (OECD, 2025). Besides, most of the current studies have taken quantitative methods, which, despite their usefulness, might not include all the complexities that affect the adoption of AI organisational, behavioural and contextual issues. It then follows that a more integrative and interpretive perspective of the barriers and enabling conditions that define the adoption of generative AI by SMEs is required.
To address this gap, this paper will provide a secondary qualitative inquiry on the issues that affect the use of generative AI by SMEs in the UK. Through methodical survey of available scholarly resources, policy reports and industry evidences, the study will synthesise the important themes in regard to organisational preparedness, competency, governance and technological aptitude. This methodology is especially appropriate when it comes to studying complex, dynamic phenomena like the adoption of AI and in this case, where rich, context-specific information tends to be needed (Cheong et al., 2023).
This study is important because it can make theoretical and practical contributions. Ideally, it aims to locate and unify the available models of technology- organisation- environment ( TOE ) model and the resource- based model (RBV) to develop a more coherent picture of the adoption of AI in SMEs. In a more practical context, the results should provide feasible suggestions to the managers of SMEs and policy-makers so that more efficient and responsible adoption of generative AI technologies becomes possible. By so doing, the study is timely and relevant since it studies the intersection of technology, management and organisational development. 
[bookmark: _Toc225522605]2. Research Aim, Objectives and Research Questions 
Research Aim
The first objective of the study is to critically analyse the barriers and enablers of adoption of generative artificial intelligence (GenAI) to small and medium-sized enterprises (SMEs) in the United Kingdom. The paper aims to create a coherent knowledge of the influence of organisational, technological, skills-based, and governance variables on the results in adoption through the synthesis of available academic and practitioner resources (OECD, 2025). The research will employ a secondary qualitative approach to produce evidence-based research that adds to the theory and practice of research in the sphere of business and management.
Research Objectives
To achieve this aim, the study will pursue the following objectives:
1. To critically review contemporary literature on generative AI adoption in SMEs, with a focus on the UK context. 
2. To identify and analyse the key organisational, technological, and environmental barriers affecting GenAI adoption (Sánchez, Calderón and Herrera, 2025). 
3. To explore the main enablers that facilitate successful adoption, including leadership, skills development, and organisational readiness (Le Dinh, Vu and Tran, 2025). 
4. To evaluate the relevance of theoretical frameworks such as the Technology–Organisation–Environment (TOE) framework and Resource-Based View (RBV) in explaining AI adoption in SMEs (Peñarroya-Farell et al., 2025). 
5. To propose evidence-based recommendations for improving GenAI adoption strategies in UK SMEs. 
Research Questions
Main Research Question:
What are the key barriers and enablers influencing the adoption of generative AI in UK SMEs?
Sub-questions:
1. What technological and organisational challenges hinder GenAI adoption in SMEs? 
2. How do skills, leadership, and organisational readiness affect adoption outcomes? 
3. What role do ethical and governance concerns play in shaping adoption decisions (World Economic Forum, 2024a)? 
4. How can UK SMEs improve their capability to adopt generative AI effectively and responsibly?
[bookmark: _Toc225522606]3. Literature Review 
[bookmark: _Toc225522607]3.1 Introduction to Generative AI in Business Context
Generative artificial intelligence (GenAI) has become one of the most significant technological advances in recent times and had a serious impact on the business operation, the process of innovation and the competitive framework. GenAI can also make new content, such as text, pictures, and code, unlike the previous types of automation, and thus applies automation in areas of cognitively and creatively complex tasks (Leon, 2026). Being a general-purpose technology, GenAI can transform productivity in various industries, with companies being capable of increasing their efficiency, making decisions better, and creating new types of business models (Brynjolfsson, Li and Raymond, 2025). 
There is empirical data of the increased use of GenAI in organisations. As an example, Microsoft and LinkedIn (2024) note that about 75 percent of knowledge workers all over the world were already working with AI in their jobs, which is an indicator of fast dissemination across the industries. Likewise, results by OECD (2025) show that a significant percentage of SMEs are now experimenting with the generative AI, especially in areas like marketing, sales, and IT support. This move implies that GenAI is no longer a new technology but a standardized business tool.
Nonetheless, even though it has been gaining prevalence, it is not adopted evenly, especially among SMEs. Although large companies tend to be the first to use new technologies because they have more resources and capacities than SMEs, they have some unique issues that make them play a key role in the decisions to adopt new technologies (Sanchez, Calderon and Herrera, 2025). This leads to the need to examine more closely the factors that will influence the usage of GenAI in the context of the SME.
[bookmark: _Toc225522608]3.2 Theoretical Perspectives on Technology Adoption
The implementation of generative AI can be conceptualized in a number of well-established theoretical frameworks that encompass how organisations can apply and embrace the implementation of new technologies. The most popular is the Technology-Organisation-Environment (TOE) framework which assumes that the three main contexts having an impact on the technological adoption are: technological features, organisational preparedness, and environmental forces (Sanchez, Calderon and Herrera, 2025). In the GenAI context, the technological factors are perceived usefulness and compatibility, organisation factors are the resources and support of the leadership, and environment factors are regulatory and competition trends.
The Technology Acceptance Model (TAM) is used to complete the TOE framework and individual perceptions, especially, over perceived usefulness and ease of use, as predictors of technology adoption. The importance of these perceptions in the context of GenAI is that, employees should trust and comprehend the AI systems in order to be able to utilize them (Peñarroya-Farell et al., 2025). Also, the Resource-Based View (RBV) includes the role of internal organisational capabilities, including skills, knowledge, and leadership that help to gain a competitive advantage by adopting technology (Peñarroya-Farell et al., 2025).
All these frameworks offer a solid ground to analyse the adoption of GenAI among SMEs. Recent research, however, indicates that conventional models should be scaled so that they can be addressed to other newer considerations like ethical governance, data privacy, and AI literacy, which are especially pertinent in the situations of generative AI (Shrivastava et al., 2025).
[bookmark: _Toc225522609]3.3 Barriers to Generative AI Adoption in SMEs
Numerous studies have developed several obstacles that prevent the implementation of the generative AI in SMEs. These barriers can be broadly classified into organisational, skills-related, governance-related as well as technological barriers.
3.3.1 Technological Barriers
One of the most drastic challenges facing the AI adoption is technological challenges. The SMEs do not usually have the proper support of infrastructure and quality of data and technical know-how to deploy sophisticated AI in their practices (Le Dinh, Vu and Tran, 2025). Moreover, the lack of trust in the reliability of the systems, ability to integrate with the current processes, and scalability can be the issues that prevent the firms using GenAI solutions.
The issues of data are especially important since high-quality data is a key to the effective operation of generative AI systems. SMEs can have issues with the availability, management, and security of data, which can constrain the efficiency of AI applications (Sanchez, Calderon and Herrera, 2025).
3.3.2 Organisational Barriers
Technology adoption is dependent on organisational preparedness. Financial resources and human resources are also the factors that SMEs are often limited in due to the scarcity of resources and can pose an obstacle on investment in AI technologies (Mohd Rasdi and Umar Baki, 2025). Moreover, lack of a defined digital strategy and commitment to it by the leadership may also hinder adoption.
The issue of leadership is specifically critical in the context of the facilitation of AI. Research has shown that organisations that do not have good managerial assistance and vision are less inclined to apply new technologies effectively (Peñarroya-Farell et al., 2025). The leadership role is even more important in the case of SMEs where centralisation of decision-making is observed.
3.3.3 Skills and Human Capital Barriers
Lack of AI-related expertise is a significant obstacle towards adoption. The Department for Science, Innovation and Technology (2026b) establishes that a significant number of organisations in the UK have problems altering and preserving employees with an AI background. Such skills gap is more significant in SMEs as they might not have sufficient means to compete with larger companies when it comes to talent.
Furthermore, AI literacy of employees is a prerequisite to successful application of generative AI. As Xia et al. (2026) point out, to make an efficient use of AI, it is necessary to understand the proper way to interact with and critically assess the results of AI usage. The employees might either be resistant to the adoption of AI technologies or use them in their inefficient way without proper training and support.
3.3.4 Ethical and Governance Barriers
Ethical and regulation issues are progressively identified as one of the major impediments to the AI usage. Algorithms bias, transparency issues, and data privacy may put organisations at a risk and create uncertainty (World Economic Forum, 2024a). In particular, SMEs might not have the knowledge and capacity to handle such challenges.
The lack of explicit regulatory guidelines may also contribute to the existence of those concerns, as organisations will be too reluctant to implement AI technologies. Consequently, the barriers associated with governance are vital in determining the decisions on adoptions.
[bookmark: _Toc225522610]3.4 Enablers of Generative AI Adoption
Although the barriers are important, the literature also defines various factors that can be used to ensure successful adoption of AI in SMEs.
3.4.1 Organisational Readiness and Leadership
One of the important enabling factors of AI adoption is organisational preparedness such as how well resources are available and the fit of AI to organisational strategic goals. The companies, which invest in digital transformation and create a clear AI strategy, have higher chances to successfully install generative AI technologies (Le Dinh, Vu and Tran, 2025).
Leadership is extremely important to promote culture of innovation and AI programs. Good leaders will be able to lead change in the organisations, distribute resources and promote the experimentation of new technologies (Peñarroya-Farell et al., 2025).
3.4.2 Skills Development and AI Literacy
The adoption of AI-related skills and literacy should be facilitated through the development. Employees can be provided with training programmes and lifelong learning programs to develop the required skills that will allow utilizing AI (Rausch, 2025). Moreover, the availability of a learning-oriented culture may increase the readiness of employees to use new technologies.
3.4.3 Perceived Benefits and Performance Outcomes
Generative AI can inspire organisation to use the technology because of perceived positive impacts like greater productivity and enhancement of decision making. Brynjolfsson, Li and Raymond (2025) also show that the productivity of employees can be boosted using generative AI and especially in knowledge-intensive work.
Likewise, Zhang et al. (2026) discover that application of generative AI is positively related with innovative job performance, with the potential of being used to stimulate organisational innovation. 
3.4.4 External Support and Ecosystem Factors
Adoption can also be achieved through the achievement of external factors such as the government support, industry cooperation, and AI tool access. Policy efforts to facilitate the use of AI in the UK are offering financial and technical services to supports business in the UK (Department for Science, Innovation and Technology, 2026a).
Also, the easy access to AI tools and platforms makes the entry barriers to SMEs less significant, thus, allowing them to experiment and implement the generative AI technologies with a lighter load.
[bookmark: _Toc225522611]3.5 Socio-Technical Implications of Generative AI
Using generative AI has major socio-technical implications as it affects the processes in the organisation and the experiences of the employees. On the one hand, AI can help boost productivity and efficiency, but it can also cause some issues linked to workload, stress, and job security.
Högemann et al. (2025) emphasize the emergence of the generative AI will result in technostress, which will primarily impact those employees who feel overwhelmed with the current technologies. Here is the need to pay attention to human factors during the use of AI.
More importantly, AI generative applications can reconstruct the essence of work by supporting human ability and providing the possibility of collaborating effectively between humans and machines (Law and Varanasi, 2025). These changes compel organisations to reconsider their work processes as well as come up with mechanisms of new management practices.
[bookmark: _Toc225522612]3.6 Research Gap and Justification
Although the literature on the adoption of AI is increasing, there are still some gaps. To begin with, most of the current studies are based on large organisations or certain industries with small attention paid to SMEs, specifically in the UK setting (OECD, 2025). Second, the literature lacks a systematic review in that most studies investigate single factors separately but not in a combined approach.
Also, one cannot find qualitative studies that reflect the multilevel and situational aspects of AI adoption. Although quantitative research gives us a good insight on the adoption patterns, the research could not be the complete explanation of the reasons behind such adoption patterns.
The paper fills these gaps by using a secondary qualitative design which will turn into a synthesis of existing information and a complete picture of the obstacles and facilitators of the introduction of generative AI among UK SMEs.
[bookmark: _Toc225522613]3.7 Summary
Overall, the literature suggests that generative AI has enormous opportunities to revolutionize business activities and improve the performance of organisations. Its use of SMEs, however, is a complicated interaction among technological, organisational, skills-based and governance variables. Although there are barriers to adoption that include the lack of resources, skills, and ethical issues, the enablers that can support successful implementation include leadership, organisational preparedness, and perceived benefits.
The proposed research will combine the knowledge of various theoretical frameworks as well as empirical research to offer a coherent attitude towards the process of generative AI adoption in the UK SMEs and make an impact on the body of knowledge and on the decision-making processes. 
[bookmark: _Toc225522614]4. Methodology 
[bookmark: _Toc225522615]4.1 Introduction to Methodological Approach
This study takes a qualitative research design based on interpretivist research and utilizes secondary data only to examine the barriers and facilitators of the adoption of generative artificial intelligence (GenAI) in UK SMEs. The methodology selected is in accordance with the research objective, which aims to build a rich, contextualised knowledge about the influence of organisational, technological, socio-technical factors (assuming the adoption of AI) instead of quantitatively estimating causal relationships or quantitatively testing a hypothesis.
The use of qualitative research is suitable specifically to investigate complex and changing phenomena like the adoption of AI when a number of interacting factors drive the organisational behaviour (Cheong et al., 2023). Since generative AI is a field of rapid development, secondary qualitative analysis would allow the researcher to retrieve a comprehensive and current state of the body of evidence between academic and policy and industry sources.
Moreover, the paper adheres to the principles of systematic review design making it transparent, rigorous and replicable in the process of identifying, selecting and analyzing the sources (Tranfield, Denyer and Smart, 2003). This formatted process increases the validity and reliability of the study results. 
[bookmark: _Toc225522616]4.2 Research Philosophy: Interpretivism
The research adheres to a research philosophy of interpretivism according to which the reality is socially constructed and the meanings, experience, and contexts must be interpreted to gain an insight into organisational phenomena (Saunders, Lewis and Thornhill, 2019). In the generative AI adoption, the interpretivism approach is suitable since the decisions regarding the adoption are affected by not just objective variables such as cost and infrastructure but also subjective perceptions, organisational culture, and attitudes of managers.
Interpretivism gives the researcher the freedom to understand the ways various studies conceptualise and make sense of AI adoption issues and opportunities. As an illustration, concerns like trust in AI systems, ethical issues, and the willingness of employees are interpretive in their nature and cannot be comprehended fully with the help of purely quantitative methodologies (Högemann et al., 2025). 
[bookmark: _Toc225522617]4.3 Research Approach: Inductive Reasoning
This study is inductive in nature, in that the information and trends are learned based on the examination of literature available as opposed to testing stipulated hypotheses. This research can be performed through induction since the aim is to discover themes and establish a whole picture regarding the adoption of GenAI among the SMEs.
The process of study will allow the research to determine consistent patterns regarding the barriers and enablers through the recreational analysis of the chosen materials and subsequently the synthesis of the findings into the bigger conceptual themes. This method facilitates the formulation of the theory and is capable of letting the results develop out of the data (Bryman, 2016).
[bookmark: _Toc225522618]4.4 Research Strategy: Secondary Qualitative Study
The research is based on a secondary qualitative research methodology, as it presupposes studying the available materials in the form of academic journal articles, policy reports, and business journals. In this context, secondary analysis is especially beneficial since it has a number of reasons.
To begin with, it allows the accessibility of extensive amounts of high-quality and peer-reviewed or practitioner-based evidence without the resource limitations and time restrictions with primary data collection (UK Data Service, 2023). Second, it will be possible to incorporate varying viewpoints, which will give a more in-depth insight into the research problem. Third, its use is ethically efficient because it will be based on data available publicly (Irvine and Lovelock, 2024).
This is in line with the current management research practice of focusing evidence-based decision-making by way of systematic review of literature (Tranfield, Denyer and Smart, 2003).
[bookmark: _Toc225522619]4.5 Data Sources and Search Strategy
Relevant literature will be determined by way of a systematic search strategy. To be able to achieve a comprehensive coverage, the search will be carried out in several academic databases and reliable institutional sources. 
Databases and sources include:
· Google Scholar 
· Scopus 
· Web of Science 
· OECD 
· GOV.UK 
· World Economic Forum (WEF) 
· Microsoft WorkLab 
The choice of these sources is based on their access of high-quality scholarly studies on the topic, as well as current policy and industry knowledge related to the adoption of AI.
Search keywords will include combinations of:
· “generative AI adoption SMEs” 
· “AI adoption small business UK” 
· “barriers to AI adoption SMEs” 
· “AI governance SMEs” 
· “AI skills gap SMEs” 
The search will be conducted in a systematic and civilized way, narrowing down keywords and filters focusing on relevance and exhaustiveness (Page et al., 2021). 
[bookmark: _Toc225522620]4.6 Inclusion and Exclusion Criteria
It will be ensured that the relevance and quality of the chosen literature is made by using clear inclusion and exclusion criteria.
Table 1: Inclusion Criteria
	Criteria
	Description

	Time frame
	Published between 2023–2026

	Language
	English

	Accessibility
	Open-access sources

	Relevance
	Focus on SMEs, organisations, or workplace AI adoption

	Context
	Business, management, or organisational studies

	Source type
	Peer-reviewed articles, policy reports, industry reports



Table 2: Exclusion Criteria
	Criteria
	Description

	Technical focus
	Purely technical AI model development studies

	Education focus
	Studies focused only on educational contexts

	Consumer focus
	Studies focused on consumer behaviour rather than organisations

	Accessibility
	Paywalled or inaccessible sources

	Irrelevance
	Studies not related to AI adoption or SMEs



These criteria will be used to guarantee that the sources used are relevant as well as manageable but at the same time, with a high focus on the research objectives. 
[bookmark: _Toc225522621]4.7 Data Collection Process
The data collection process will involve several stages:
1. Identification: Initial search using keywords across selected databases. 
2. Screening: Removal of duplicates and irrelevant titles/abstracts. 
3. Eligibility: Full-text review based on inclusion and exclusion criteria. 
4. Selection: Final set of sources for analysis. 
This adheres to the PRISMA methodology of systematic reviews, developing greater transparency and rigour in the choice of literature (Page et al., 2021).
[bookmark: _Toc225522622]4.8 Data Analysis: Thematic Analysis
The analysis of the literature collected will use the thematic analysis as the major analysis tool. Thematic analysis represents a qualitative procedure that is popular in identifying, analysing, and reporting patterns within data (Ahmed, 2025). 
The analysis will follow a structured six-phase process:
1. Familiarisation: Reading and re-reading selected sources. 
2. Initial Coding: Identifying key concepts and assigning codes. 
3. Theme Development: Grouping codes into broader themes. 
4. Reviewing Themes: Refining and validating themes. 
5. Defining Themes: Clearly defining each theme. 
6. Reporting: Presenting findings in a structured narrative. 
Table 3: Example of Coding and Theme Development
	Raw Data Example
	Initial Code
	Theme

	“Lack of AI expertise limits adoption”
	Skills shortage
	Human capital barriers

	“High implementation costs deter SMEs”
	Financial constraints
	Organisational barriers

	“Leadership drives digital transformation”
	Leadership support
	Organisational enablers

	“Concerns about data privacy”
	Privacy concerns
	Governance barriers



As a result, systematic organisation of qualitative data into meaningful insights are possible using this process.
[bookmark: _Toc225522623]4.9 Ensuring Research Quality and Rigour
To improve on the reliability of the research and validity of the study, a number of strategies will be used:
· Transparency: Clear documentation of search strategy and selection criteria. 
· Consistency: Systematic application of coding procedures. 
· Triangulation: Use of multiple sources (academic, policy, industry). 
· Critical evaluation: Assessing the credibility and relevance of each source. 
The strategies play a crucial role towards securing the soundness of a qualitative research results (Tranfield, Denyer and Smart, 2003).
[bookmark: _Toc225522624]4.10 Advantages and Limitations of the Methodology
Advantages
· Provides a comprehensive overview of existing knowledge. 
· Enables analysis of recent and diverse sources. 
· Cost-effective and time-efficient. 
· Suitable for exploring complex organisational phenomena. 
Limitations
· Lack of primary data may limit direct insights from SME practitioners. 
· Potential for publication bias in selected literature. 
· Dependence on the quality of existing studies. 
Even with the limitations, the methodology adopted is adequate to meet the research objectives, and fits the research scope of a postgraduate research proposal.
[bookmark: _Toc225522625]4.11 Summary
Overall, the research is of an interpretivist, inductive qualitative approach relying on secondary analysis and the evaluation of the existing literature. A rigorous and transparent research process is ensured by the use of structured search strategies, definite inclusion and exclusion criteria, and the thematic analysis. The synthesis of current evidence aims at generating useful insights into the barriers and enablers of the generative AI adoption amongst UK SMEs that would subsequently benefit academic studies and practice. 
[bookmark: _Toc225522626]5. Resources and Feasibility 
The proposed research is very achievable in terms of time and resources because it will only utilize secondary qualitative files. The main sources that will be needed are the accessibility of academic databases as Google Scholar, Scopus, and Web of science and reports that are publicly available and belong to organisations like OECD, GOV.UK, and the World Economic Forum. Such sources are mostly open-access, which makes them cost-effective and convenient (UK Data Service, 2023).
Time wise, the research is workable within time frame of 10-12 weeks which will include the following steps: literature searching, screening, coding and analysis. The systematic review methods also contribute to improving efficiency since they incorporate a systematic methodology of data collection and synthesis (Tranfield, Denyer and Smart, 2003).
There is no fixed requirement regarding specialised software and therefore, a computer spreadsheet, like Microsoft Excel, or qualitative coding software can be used to classify and examine data. In general, it is a feasible practical project, which is low-cost and can be conducted at a post-graduate level.
[bookmark: _Toc225522627]6. Ethical Considerations 
Even though in this study there is no primary data collection, the issue of ethics is relevant because there are secondary sources. The study will be based on principles of academic honesty, all sources will be properly cited and referenced in the Harvard style, which will prevent cases of plagiarism (Saunders, Lewis and Thornhill, 2019).
Moreover, care will be exercised to make sure that the results of original authors have been presented true and are not misinterpreted or out of context. The research process will be transparent, thus records of the inclusion and exclusion criteria, search strategy, and analysis processes will be clearly documented (Page et al., 2021).
Problems of bias and reflexivity will also be taken into account in the study and it is understood that the interpretation that will be used by the researcher is subject to affect the analysis. To guarantee objectivity, systematic coding and critical analysis of the sources will be done. Since data employed is publicly available, the issues of informed consent and confidentiality are not of concern. 
[bookmark: _Toc225522628]7. Limitations 
This research as has a number of limitations. The fact that it used secondary data implies that the study does not have access to primary information on the views of SME practitioners, and this can restrain the level of practical knowledge. Second, the results are subject to publication bias as they are based on the quality and extent of available literature (Cheong et al., 2023). Third, the study criteria are the UK SMEs, and some of the sources might be based on global contexts, which can compromise generalisability. Lastly, the fact that generative AI is quickly evolving means that findings are likely to become outdated in a short amount of time. Irrespective of these shortcomings, the research offers a strong and timely overview of the existing evidence.
[bookmark: _Toc225522629]8. Timeline and Expected Contribution 
The study will be carried out during a systematic 12 weeks, whereby there will be enough time to do the literature review, analysis and write a report. The research should be conducted with a clear timeline to keep the progress going and to maintain the research (Tranfield, Denyer and Smart, 2003).
Table 4: Research Timeline
	Week
	Activity

	Weeks 1–2
	Finalise research topic, develop search strategy and keywords

	Weeks 3–4
	Conduct database searches and initial screening of sources

	Weeks 5–6
	Full-text review and selection of relevant literature

	Weeks 7–8
	Coding and thematic analysis of selected sources

	Weeks 9–10
	Draft literature review and methodology sections

	Week 11
	Complete full draft and integrate all sections

	Week 12
	Final editing, proofreading, and referencing
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Figure 1 Gantt Chart
Expected Contribution
This study will make a different contribution by offering a synthesis of the barriers and enablers in the adoption of generative AI in the UK SMEs. The research will provide both theoretical and practical ideas of the study comprising the integration of the theoretical frameworks including TOE and RBV, as well as providing practical recommendations to the managers of SMEs and policymakers. The research will also help to implement more productive and responsible strategies of consumption of AI by focusing on recent and context-specific evidence (OECD, 2025).  
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