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[bookmark: _Toc228141471]1. Executive Summery
This report provides recommendations to a multinational company on the risks associated with the increase in artificial intelligence (AI). It is focused on data governance, ethical AI, regulation, and customer trust. The two regions are the UK and the European Union (EU). The application of AI has become common in business processes like marketing, supply chain, and customer service. Nevertheless, this also poses risks of misusing data, algorithm bias, and compliance with regulations. The UK and the EU have stringent regulations like GDPR, which mandate that companies will be careful of data. The results indicate that ineffective data governance may result in fines and lawsuits. The presence of AI-related ethical issues like bias can decrease fairness and damage customers. The lack of trust is also threatened in case companies are irresponsible in the use of AI. The report suggests the use of more robust data management systems, ethical AI models, and effective communication with customers. These measures will assist the firm to minimize risk and develop a long term trust.

[bookmark: _Toc228141472]2. Introduction
Artificial intelligence (AI) is emerging as a significant aspect of business today. AI has helped many organisations to become more efficient, cost-effective, and make better decisions. AI is able to process data at a scale, automate various processes, and aid in strategic planning. Consequently, multinational firms are putting a lot of money into AI. Nevertheless, the swift development of AI also poses new threats that are to be tackled with caution. The company that is the subject of this report is Unilever, a multinational corporation that operates in numerous countries. Unilever is involved in the food, personal care, and household products industries. The firm is highly established in the United Kingdom as well as the European Union (Essien et al., 2024). It applies AI in various fields, such as marketing, supply chain management, and customer insights. To illustrate, AI assists the company in knowing the market preferences, predicting demand, and streamlining delivery systems. Although these applications have numerous advantages, they pose additional risks.
The primary objective of the report is to examine the threat associated with the development of AI in a multinational setting. The report will discuss four major aspects, including regulation, data governance, ethical AI, and customer trust. The importance of these areas lies in the fact that they directly influence the functionality of the AI systems and their perception by stakeholders. The report will also make a comparison of the regulatory environments of the UK and the EU. This analogy is significant as MNCs are required to abide by various regulations in various jurisdictions. AI systems are very dependent on data. They need huge amounts of data to be able to learn and decide. This poses issues with regard to data acquisition, storage and utilisation. When data is not handled appropriately, it can result in severe issues like data breaches or abuse of personal data (Morrison, 2020). The governance of data is thus a very important matter. It is the responsibility of companies to make sure that data is precise, safe, and is utilised in a legal manner. Good data management can minimise risks and enhance the accuracy of artificial intelligence systems. Regulation is another important concern. Regulations are being implemented to regulate the use of AI by governments.
The UK General Data Protection Regulation (UK GDPR) and the Data Protection Act 2018 are the primary sources of data protection in the UK. These laws are aimed at safeguarding personal information and introducing transparency. The General Data Protection Regulation (GDPR) has already been adopted in the EU, and the Artificial Intelligence Act is being proposed. The EU strategy is more risk-based and detailed. The AI systems are categorised according to their risk level, with more rigorous rules being enforced with regard to the high-risk systems. This presents a complicated set-up to multinational corporations such as Unilever, which have to follow various regulatory structures. Another significant aspect of AI risk is ethical issues. There is also a risk of biased or unfair results with AI systems. This is usually the case when the data that is used to train the system is imbalanced. To illustrate, an AI system which is employed in the recruitment process may discriminate against some groups. This may cause discrimination and damage the reputation of the companies. Many AI systems lack transparency as well. Other systems are black boxes, which are hard to comprehend how decisions are arrived at. This leads to issues of accountability and fairness. The use of AI is closely related to customer trust. Customers have demanded that companies be responsible with their data. Unless a company keeps all the information safe or applies AI in an ethical manner, clients might lose their confidence. This may result in a loss in sales and brand damage. Trust is thus one of the main aspects of long-term success. Organisations need to be open regarding their application of AI and assure the customer that they are safe. These issues are becoming more crucial as AI advances. Marketing and decision-making, which are more sensitive areas, are now being used by companies through AI. This adds to the possible severity of any errors or failures. As one example, a data breach may impact millions of customers, and a biased AI system may result in inequality on a large scale. Thus, the issue of the risks of AI management is not only technical but also strategic. The approach of this report is consultative. It is in the form of advice to senior management, not a strictly scholarly debate. It is aimed at practical information and recommendations to take action. The report associates the risks of AI with the business performance, competitive advantage, and reputation. This will make the analysis applicable to real-life decision-making. The UK and one international region are covered by the report, in this case, the European Union. They are selected as these are areas that have good regulatory systems and are significant to Unilever (Hunt et al., 2022). The comparison will emphasise the similarities and differences in regulation and their effects on AI use. It will also demonstrate how international firms need to change their approach to suit various settings.

The approach of this report is premised on secondary research. The sources of information include academic journals, industry reports, and official regulatory sources. This encompasses data protection policies, AI principles and trust research. Reliability and support of the analysis are ensured by the utilisation of the numerous sources. Theoretical frameworks (including ethical AI principles and stakeholder theory) are also used in the report where suitable. To conclude, AI is an effective instrument that can provide numerous advantages to multinational corporations. Nevertheless, it poses considerable threats too. These risks should be comprehended and properly handled. This report will discuss the most significant issues associated with regulation, data governance, ethical AI, and customer trust. It will give a clear picture of these issues and give recommendations that would assist the company in mitigating risk and enhancing performance. By surmounting these issues, Unilever will be able to act responsibly with AI and remain one of the most successful companies in the world.
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[bookmark: _Toc228141474]3.1 Regulatory Analysis
One of the most significant aspects of the application of artificial intelligence (AI) in multinational companies is regulation. Use of AI is increasing day-by-day. So, the government imposes different rules and regulations in gathering information, setting algorithms and safeguarding related factors. So many regulations can be problematic for companies like Unilever (Lu et al., 2025). The regulatory environment of business in the UK and the EU has changed significantly in recent days and has a significant impact on the business of Unilever. In the UK, there is no separate AI law or AI Act. The data protection laws are amended based on topics related to AI to prevent interest of different parties. UK General Data Protection Regulation (UK GDRP) and the Data Protection Act 2018 are the most prominent and impactful AI-related rules in the UK. These policies are aimed at safeguarding personal information, maintaining transparency, and providing individuals with their information. The UK government has decided to be laxer in the regulation of AI.
It does not involve providing a single law but gives the opportunity to various regulators, like the Information Commissioner’s Office (ICO), to regulate the use of AI in their industries (Okuno, and Okuno, 2025). This is an open method that tries to foster innovation. Businesses are urged to invent AI systems without a lot of restrictions. Nonetheless, this causes a degree of uncertainty as well. The businesses might not easily know how regulations are applicable in various industries. To illustrate, AI in healthcare can be governed in a different way compared to AI in marketing. This absence of a consistent framework may augment compliance risks among multinational companies (Astrom et al., 2022). The EU, on the other hand, has been more organised and stern. The General Data Protection Regulation (GDPR) is one of the most powerful data protection regulations in the world, which is already being implemented by the EU (Kumar et al., 2021). GDPR extends to any company that handles the information of EU citizens, regardless of whether the company is located outside of the EU. This is to imply that any company, such as Unilever, would have to abide by GDPR if it has an operation in the European market. Recent statistics indicate that GDPR enforcement is now a lot more robust in recent years. In 2024, EU regulators fined companies more than EUR4.5 billion due to GDPR violations alone. This represents a great improvement in terms of enforcement as compared to previous years. In 2018-2024, the amount of fines topped over 2,000 cases, and the average amount is over EUR2 million (Yang et al., 2024). These numbers clearly indicate that non-compliance may be quite expensive to businesses. Moreover, the implementation of GDPR has also been growing. The regulators imposed fines totalling more than EUR1.2 billion in 2025, with the notification of data breaches increased by 22 per cent, and an average of 443 breaches occurred each day. This means that threats to data security are increasing with the adoption of digital technologies and AI. It further demonstrates that regulators are on the watch of companies and acting when the need arises.
Another new law in AI that is a specific law within the EU is the Artificial Intelligence Act (AI Act). It is the inaugural overarching AI regulation. The AI Act came into force on 1 August 2024 in the form of an official document and will be enforced over the course of several years. Among the key points, prohibitions of some of the high-risk AI practices will start to be implemented in 2025, and complete obligations of the high-risk systems will be implemented in 2027 (Ke, and Ng, 2025).  The AI Act is a risk-based approach. There are four types of AI systems: unacceptable risk, high risk, limited risk and minimal risk. Unacceptable-risk Systems, including social scoring or negative manipulation, are prohibited altogether. Sensitive systems like the ones in the healthcare system, recruitment or financial systems should be of high standards. These are risk assessment, human control, and transparency (Jorzik et al., 2024). This is a more detailed approach compared to the UK system. It gives clear guidelines to companies, but it raises compliance expenses. Companies need to make investments in monitoring systems, documentation and reporting activities. In the case of multinational companies, this puts an extra burden as they are forced to adhere to stricter EU regulations and, at the same time, conform to the UK standards (Tasiemski, and Orchard, 2023). Penalties are another significant regulatory feature. In GDPR, businesses will be fined not more than 4 per cent of their worldwide annual turnover or EUR20million, whichever is greater. Equally, the AI Act should consider imposing important fines for non-compliance. This puts a lot of pressure on the companies to adhere to regulations. We also have the real-life examples of how strict enforcement has been. Hundreds of millions of euros have been fined to big companies due to their breach of data transfer and user consent. These cases underscore the financial risks of low compliance. They also demonstrate that regulators are ready to act against big and small organisations.
In the case of companies such as Unilever, which operates both in the UK and the EU, there are two approaches to regulation that it has to deal with. The UK is all about flexibility and innovation, whereas the EU is all about rules and risk management. This poses a problem for international operations. The company should develop AI systems that are of the highest standards so that they can be compliant across all regions (Haefner et al., 2023). Cross-border data transfer is another challenge. The use of AI systems also usually involves sharing the data across nations. Companies need to make sure that they have adequate protection measures. Failure to do so may lead to hefty fines. The regulatory environment is also changing rapidly. New regulations and amendments are also made frequently to be in line with technological developments. As an illustration, there are more than 100 articles and guidelines on various forms of AI systems in the AI Act. This demonstrates the complexity of AI regulation. Businesses need to be on the leading edge and keep on changing their approaches. Moreover, regulation is not only a legal problem, but a strategic one, as well. Good compliance will enhance the reputation of a company and earn the trust of the customers (Arias-Perez et al., 2023). Conversely, lack of compliance may result in legal punishment, loss of money and reputation. Trust and compliance are crucial to success in the current competitive world. In conclusion, the regulatory analysis reveals that the regulation of AI is becoming stricter and more complex. The UK has a lax system where innovation can be promoted, whilst the EU is more holistic and risk-based through GDPR and the AI Act. According to current statistics, fines and enforcement measures are increasing significantly and therefore compliance is a concern. When it comes to multinational companies like Unilever, these regulations are a big challenge to overcome.
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Data governance is considered one of the most important aspects of artificial intelligence (AI) management in multinational companies. It is the manner in which organisations collect, store, process and protect data. Strong data governance guarantees that data is accurate, secure and is used in a responsible way. On the other hand, ineffective data governance can lead to the most serious outcomes, such as data breaches, fines, and mistrust of customers. Data governance is necessary in multinational companies like Unilever, where data-driven systems play a key role in their operations and where the systems are vital to the firm. The AI systems require masses of data in order to work. These systems examine the customer behaviour, forecast demand and aid in the decision-making. The quality of AI outputs, however, depends on the quality of input data (Sloman, and Jones, 2020). Unless the data is complete, not up to date, or biased, the results that the AI generates will also be unreliable. This renders data governance one of the main determinants of AI systems’ success.
The latest statistics indicate that the risks of data governance are growing at a fast rate. From November 2023 to October 2024, over 12,000 organisations around the world were involved in data breaches with confirmed data loss (Avanzi et al., 2025). This emphasises the magnitude of the issue and indicates that data protection is a significant concern to companies. Moreover, there were about 10.8 billion records in 2023 that were exposed to data breaches worldwide on their own. These statistics reveal the extent of sensitive information vulnerable when the system of governance is poor. This situation was worsened even in 2024. It has been reported that more than 5.5 billion accounts were compromised in the year around the world, as opposed to approximately 730 million in 2023. This is almost eightfold growth. It implies that data breaches are not only common but also increasingly becoming bigger (Chen et al., 2024). This poses a big threat to multinational firms, particularly where the firm deals with customer information in more than one region. Poor data management is one of the primary reasons behind data breaches. Most organisations do not have their systems well secured, or they do not keep an eye on data access. According to statistics, in 2023, 78% of data breaches were due to human error. This incorporates errors like poor passwords, improper sharing of data or negligence of security protocols (Molitor et al., 2023). This implies that data governance is not a non-technical, non-human and non-organisational issue. The growing utilisation of cloud computing is another critical concern. A large number of businesses keep data in cloud systems to enhance accessibility and efficiency. This, however, is also risky. In 2023, the number of data breaches of cloud services increased by 30%. Another reason that causes breaches is cloud misconfigurations, where the systems are not established appropriately. This demonstrates that businesses need to exercise caution when it comes to their cloud infrastructure in data governance (Chen et al., 2026). The costs of poor data governance are also huge. The average cost of a data breach in 2024 was around 4.88 million worldwide. In certain sectors like manufacturing, it was even more at $5.56 million per breach. Such expenses consist of legal expenses, compensation, system recovery and loss of business (Cornejo, 2025). In the case of a big company like Unilever, loss of millions of pounds may be incurred in case of a significant data breach.
These risks are explained with the help of a real-life example. Data breaches of telecommunication companies have revealed the private data of millions of customers in 2023. An ineffective data management system, holding previous data, and lax control of third-party vendors are responsible for such an unwanted incident. Due to this, the company was forced to pay millions in fines and enhance its data governance measures. This case illustrates how poor governance can result in financial and reputational losses. The cross-border data transfer is another significant issue of data governance. Multinationals usually transfer data across nations to facilitate international activities. However, there are different ways for protecting customers and businesses from the bad sides of AI in different countries (Kim, and Lee, 2021). For example, the EU has stringent regulations under GDPR. It prohibits data from being breached in its member countries. Companies need to ensure proper protection management to operate a business in EU member countries. Non-compliance is subject to hefty fines and prosecution. Data governance also involves the management of data during its lifecycle. This involves the regulation of the process of data collection, storage, usage and ultimately deletion. Most of the companies do not clear data when they are not required to. This adds the risk of breaches, whereby old data can still be accessed by the attackers. Governance is thus an important aspect of proper data lifecycle management. Data ownership and accountability are also crucial factors. Businesses should specify the role of data management. Lack of roles makes it hard to follow data usage and implement policies. Good governance demands well-defined responsibilities, frequent audits and constant monitoring (Kikuchi et al., 2026). Data governance has become even more crucial due to the emergence of AI. AI systems frequently utilise personal data to make insights. This brings up issues of privacy and consent. Firms should make sure that they are allowed to utilise customer information. They should also specify the use of the data. Trust is important because of transparency. Moreover, there is an increase in third-party risks. Numerous corporations use the services of external data processors and data storage. Nevertheless, the number of breaches related to third-party vendors grew by 28% in 2023. This demonstrates that organisations should exercise great caution in managing their partners and make sure that they adhere to the same set of rules on data governance (Botha, and Steyn, 2023). Another issue is the time it takes to identify breaches. In 2023, an average of 277 days was spent detecting a data breach. This latency gives intruders a lengthy period of time to do harm with the data. There is a need to have faster detection systems to minimise the effects of a breach. These are very pertinent questions for Unilever. The company gathers copious customer information across markets. It analyses this data with AI as well. This necessitates the need to have well-established data governance systems. In the absence of good management, the firm may be subjected to fines, loss of money and image (Chen et al., 2026). To sum up, one of the essential AI risk management pillars is data governance. According to recent statistics, the number of data breaches, costs, and risks has increased drastically. Major sources of vulnerability are human error, cloud systems, and third-party vendors. The case studies of bad governance bring out the grave outcomes. In the case of multinational firms, there is an additional complexity of handling data in various regions. Hence, to attain security, compliance, and trust, strict data governance is required.
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Ethical AI is the reasonable and equitable use of artificial intelligence systems. It is aimed at making AI decisions transparent, unbiased, and responsible. With the growing application of AI in business, ethical issues are growing. In the case of multinational businesses, such as Unilever, ethical AI holds significance not just on compliance but also on reputation and customer trust. Bias is one of the primary ethical concerns of AI. AI systems are taught by the data, and in case of bias in the data, the system will achieve biased outputs. This may cause inequity in other areas like recruitment, marketing, and customer service. To illustrate, research that was conducted after 2021 indicates that approximately 44% of AI systems exhibit some types of bias, especially when it comes to decision-making. This shows the prevalence of the problem (Teixeira da Silva, 2025). One of the most famous instances is the AI job recruitment system of Amazon, which displayed a biased position towards women. Despite the fact that this case was initiated earlier, it is still being cited in recent AI ethics debates (Baye, 2017). More recent illustrations are like that.  The UK and EU both take care of ethical AI, and they take different approaches.
The UK encourages AI ethics using guidelines and principles instead of enforcing laws. The government has presented an AI White Paper which concentrates on five principles, viz, safety, transparency, fairness, accountability, and contestability. These principles are guidelines of companies and not legally binding (Ryan et al., 2024). On the contrary, the Artificial Intelligence Act has been a more stringent move by the EU. The Act contains explicit demands for ethical AI, particularly in high-risk systems. There are some protection techniques followed by the EU but not by the UK. Unilever needs to make the usage of AI fair, transparent and human-controlled. It would ensure that the AI usage would not harm people. Risk assessment of AI tools is also needed before using the tools for complying with the EU business environment. Transparency is another significant ethical concern. Most AI systems are used as black boxes, i.e. their decision-making process is not transparent. This poses an issue as decisions cannot be understood or contested by the users. As an illustration, when an AI system denies a job application or a service, the person might not be made aware of the reasons (Neuwirth, 2023). According to recent studies, more than 60% of the organisations that utilise AI encounter difficulty with explainability. This implies that the majority of companies are not able to completely describe the functioning of their AI systems. This is a weakness in transparency that leads to risk and diminishes accountability (Jarota, 2021). This problem is directly tackled by the EU AI Act, which mandates the explainability of high-risk systems. The firms should give transparent information regarding decision-making processes. Transparency is not mandated but promoted in the UK. This once more demonstrates the disparity between the two areas. Another essential ethical issue is responsibility. In cases of AI errors, it is hard to define who is to blame. Is it the system, the developer, or the company? This ambiguity poses legal and ethical issues (Sattari et al., 2022). According to statistics, only a third of companies have clear accountability frameworks for AI systems. This implies that not all organisations are quite ready to deal with ethical matters. In the absence of a clear responsibility, risk management and response to issues become more difficult. Ethical AI is also closely related to privacy. AI systems tend to process personal data to come up with insights. When such information is abused, it may be detrimental to people and may infringe on their rights (Jarota, 2021). Indicatively, the use of facial recognition technology has been criticised due to privacy issues. It has been applied inappropriately on certain occasions.
In 2024, it was reported that approximately 70 per cent of customers are worried about the use of AI and their personal data by companies. This implies that there is a considerable degree of societal interest. Customers demand that companies use AI in a responsible manner and take care of their privacy (Ryan et al., 2024). In the case of Unilever, the significance of ethical AI is particularly due to its international presence and a well-established brand image. The company deals with millions of customers and gathers substantial data. Any unethical practice may tarnish its image. As an example, biased marketing algorithms may cause unfair customer targeting, and they may decrease trust due to the lack of transparency. The other new problem is the application of generative AI. New tools like chatbots and content generators were increasingly represented by AI. These systems may, however, generate false or bad content. In 2023 and 2024, generative AI has been involved in a number of instances where it generated fake information and caused criticism among people. As a solution to these challenges, businesses are implementing ethical AI systems. As an example, the NIST AI Risk Management Framework offers guidelines on how to manage bias, transparency, and accountability. Internal ethics committees are also being established by many organisations to review AI systems (Neuwirth, 2023). It is also important to train employees. Employees should be aware of ethical risks and be able to cope with them. Even well-designed systems may be abused without adequate training. To sum up, ethical AI represents a significant crisis for multinational companies. problems like bias, the absence of transparency, and bad accountability pose a great threat. The UK and EU differ in this aspect, and the EU is more regulated and strict in their approach. According to recent statistics, ethical issues are prevalent and on the rise. In the case of companies such as Unilever, it is vital to resolve these problems in order to save the reputation, achieve compliance, and retain the trust of customers.
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Customer trust is one of the determinants of the success of multinational companies that operate with the help of artificial intelligence (AI). The creation of trust is achieved when customers feel that a company is truthful, open and accountable in its activities. Trust in the context of AI will largely rely on the way in which companies manage personal information, the level of transparency of their systems, and the fairness of their decisions. Personalisation of services, product recommendations and enhancement of customer experience are usually performed by AI systems. Although this may lead to satisfaction, it is also worrisome. The customers might not be comfortable knowing that their information is being used without knowing how. Trust may be diminished in the case of excessive gathering of personal data by AI systems or their application without explicit consent (Puri et al., 2026). Openness contributes significantly to trust-building. Customers are demanding that companies give a clear explanation of how they utilise AI in their services. This involves the description of data collection, decision making and how the results can influence them. Failure by companies to provide such information will leave customers confused or doubtful. This uncertainty can be minimised through effective communication (Al Chami, 2025). The UK and EU are both aware of the value of trust, although their attitudes are somewhat different. In the UK, transparency and accountability are some of the principles which promote trust. The companies are instructed to be responsible, and they are freer in the way they implement this. Trust is justified in the EU by means of harsher regulation. Regulations like GDPR and AI Act demand that businesses adhere to distinct regulations regarding data security and openness. This brings a more systematic atmosphere in the development of trust (Nalini, and Paldon, 2022). The other consideration is data security. Customers would like to see their personal information secured against unauthorised access. Trust is destroyed in a short period of time in case of a data breach. The occurrence of one incident is enough to cause a shift in the perception of customers towards a company. In the case of multinational companies, it is important to ensure effective security systems that safeguard the information of customers in various locations (Moharrak, and Mogaji, 2025). Trust is also closely related to fairness. Customers desire to be treated equally and without discrimination. When the AI systems lead to unfair results, e.g., unfair recommendations or discrimination, the customers will no longer have trust in the company. To ensure trust, it is therefore pertinent to ensure fairness in the decisions made by AI. Another important aspect is customer control. The customers must be able to control their information, such as providing or revoking consent. They also ought to be able to interrogate or dispute AI decisions. This kind of control is also important as it will give the customers a sense of security and respect (Train, 2023).
In the case of Unilever, customer trust will be of particular concern due to its international brand image. The company also has millions of customers in various markets. A decrease in trust may have far-reaching consequences on sales and brand image. Thus, Unilever has to make its utilisation of AI transparent, secure, and equitable. The strategies of communication are also important. Firms ought to take the initiative of educating consumers on their AI practices (Golda et al., 2024). This may involve privacy policies, explicit terms of service, and easy-to-understand explanations. When customers can comprehend the benefits of AI to them, they will tend to trust the company. Finally, a vital matter of AI adoption is customer trust. It relies on openness, data protection, impartiality, and customer ownership. Both the UK and EU encourage trust, albeit in different ways. In the case of multinational companies, trust has to be maintained in a consistent and responsible manner in all regions.
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This report has examined the risks of the development of artificial intelligence in a multinational firm. Four areas have been discussed: regulation, data governance, ethical AI, and customer trust. All these spheres are significant to the way in which AI is applied and risks are mitigated. The discussion has revealed that regulation is increasingly becoming complicated and significant. The approaches to AI governance in different territories vary, including the UK and the EU. The UK adheres to a more loose and principle-oriented system, and the EU to a more rigid and rule-based system. This poses a problem to multinational companies because they have to cope with two or more regulatory systems simultaneously. The point is proved by demonstrating how these differences complicate operations and have to be managed (Puri et al., 2026). Data governance is a vital base of AI systems. AI relies on bulk data, and the quality and safety of this data have a direct influence on the results. There are numerous risks associated with poor data governance, including data breaches, misuse of available data and information, legal punishments, etc. Besides, different rules of AI protection in different regions add complexity to such management. So, the argument suggests that effective data governance plays a significant role in the effective performance of the company (Moharrak, and Mogaji, 2025). The UK/EU comparison indicates that various regulatory strategies affect the approach to addressing the ethical issues. This is further augmented by proving that ethical issues are not uniquely technical but also social and organisational. Corporations need to be accountable for the impacts of their AI systems on individuals. One of the main results of the quality of AI risk management has been proposed as customer trust. Trust relies on transparency, equity and security of data. In case customers believe their information is not secured or that AI technologies are discriminatory, they might lose their trust in the enterprise. As has been discussed, trust is paramount to success in the long run. This helps the argument that the responsible usage of AI is directly connected to business performance. In general, the report demonstrates that the development of AI presents opportunities and threats. Even though AI can increase efficiency and innovation, it also brings about challenges that should be addressed with caution. The four areas addressed are intertwined. The others can be influenced by a weakness in a particular area. As an illustration, a lack of good data governance may create ethical problems, and this may in turn decrease customer confidence. It is concluded that multinational companies must be proactive, which is reflected in the analysis. They must be well-informed about regulatory requirements, process data, act ethically, and maintain customer trust. Integrating these spheres, the companies will be capable of reducing the risks and integrating AI in a sustainable way. Such an integrated approach is essential to achieve sustainable development in the age of artificial intelligence.
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