Worksheet 1: Literature Evaluation Template
	Article
	Research Question
	Methods
	Key Findings
	Strengths/ Weaknesses
	Relevance to My Research

	P. Nandwani and R. Verma, ‘A review on sentiment analysis and emotion detection from text’, Soc Netw Anal Min, vol. 11, no. 1, p. 81, 2021, doi: 10.1007/s13278-021-00776-6.

	How can sentiment and emotion be effectively analysed from text data?
	Review of lexicon-based, machine learning based, and deep learning-based techniques.
	Various emotion models exist (e.g., Ekman, Plutchik); datasets like SemEval, SST, and ISEAR are commonly used; challenges include context, sarcasm, and ambiguity.
	Comprehensive overview of techniques and datasets.
May not cover the most recent advancements.
	Highly relevant for understanding various

	C. Damar, R. R. Isnanto, and A. P. Widodo, ‘Review Of Systematic Literature About Sentiment Analysis Techniques’, vol. 45, no. 1, 2024. Available at: https://www.propulsiontechjournal.com/index.php/journal/article/download/5071/3486/8797


	What are the various techniques and approaches in sentiment analysis?
	Systematic literature review.
	Common techniques include rule-based methods, classification-based methods, and machine learning-based methods; feature extraction is crucial
	Systematic approach to literature review.
May not cover the most recent developments
	Useful for understanding the range of techniques available and their applications.

	A. Mohammadi and A. Shaverizade, ‘Ensemble deep learning for aspect-based sentiment analysis’, IJNAA, vol. 12, no. Special Issue, Jan. 2021, doi: 10.22075/ijnaa.2021.4769.

	How can ensemble deep learning improve aspect-based sentiment analysis accuracy?
	Utilises CNN, LTSM, BiLSTM, and GRU models combined through a stacking ensemble approach.
	Achieved a 5% to 20% increase in accuracy over basic models on real datasets for laptops and restaurants
	Novel approach and real dataset application.
Limited to specific domains
	Relevant for developing a robust model that combines multiple deep learning techniques.

	K. Dashtipour et al., ‘Multilingual Sentiment Analysis: State of the Art and Independent Comparison of Techniques’, Cogn Comput, vol. 8, no. 4, pp. 757–771, Aug. 2016, doi: 10.1007/s12559-016-9415-7.

	What are the current approaches and challenges in multilingual sentiment analysis?
	Review of existing multilingual sentiment analysis techniques their implementations
	Identified significant gaps in resources for non-English languages; emphasised the need for cross-lingual techniques.
	Comprehensive overview of challenges.
Limited practical implementations discussed.
	Important for understanding the complexities of analysing sentiments across different languages.

	S. Mathur and G. Shrivastava, ‘M2PSC: Multilingual sentiment analysis using improved multi-attention based Deep Learning model’, IDT, vol. 18, no. 3, pp. 1915–1931, Sep. 2024, doi: 10.3233/IDT-240773.

	How can improved multi-attention mechanisms enhance multilingual sentiment analysis?
	Proposed methodology utilising multi-attention deep learning models with TF-IDF features and graph embeddings.
	Achieved high accuracy rates across multiple languages, demonstrating effectiveness in resource poor settings compared to traditional methods.
	Innovative approach with strong results.
Implementation may be a barrier for some applications.
	Relevant for developing a multilingual sentiment analysis tool that leverages advanced techniques.





Worksheet 2: Synthesising Literature
· Activity: Group similar articles by themes and fill in the table below.
	Theme
	Key Studies
	Findings
	Gaps Identified

	Traditional Machine Learning Approaches
	P. S. Ghatora, S. E. Hosseini, S. Pervez, M. J. Iqbal, and N. Shaukat, ‘Sentiment Analysis of Product Reviews Using Machine Learning and Pre-Trained LLM’, BDCC, vol. 8, no. 12, p. 199, Dec. 2024, doi: 10.3390/bdcc8120199.

‘Comparing Machine Learning and Deep Learning Based Approaches to Detect Customer Sentiment from Product Reviews’, JSMS, vol. 13, no. 2, Apr. 2023, doi: 10.33168/JSMS.2023.0207.

	· Supervised learning techniques like SVM, Naïve Bayes, and Random Forest are effective for sentiment classification.
· These models achieve accuracies ranging from 80% to 85% on various product review datasets 
	· Limited ability to capture context and nuanced sentiments.
· Need for extensive feature engineering.
· Performance heavily depends on the quality and size of training data.

	Deep Learning Techniques
	N. Shrestha and F. Nasoz, ‘Deep Learning Sentiment Analysis of Amazon.Com Reviews and Ratings’, IJSCAI, vol. 8, no. 1, pp. 01–15, Feb. 2019, doi: 10.5121/ijscai.2019.8101.

‘Comparing Machine Learning and Deep Learning Based Approaches to Detect Customer Sentiment from Product Reviews’, JSMS, vol. 13, no. 2, Apr. 2023, doi: 10.33168/JSMS.2023.0207.


	· RNNs and LSTMs outperform traditional ML methods, capturing sequential information in reviews.
· CNNs show promise in extracting local features from text.
· Deep learning models achieve accuracies of 88-92% on large-scale review datasets.
	· Lack of interpretability in deep learning models.
· High computational requirements for training.
· Need for large amounts of labelled data.

	Pre-trained Language Models
	P. S. Ghatora, S. E. Hosseini, S. Pervez, M. J. Iqbal, and N. Shaukat, ‘Sentiment Analysis of Product Reviews Using Machine Learning and Pre-Trained LLM’, BDCC, vol. 8, no. 12, p. 199, Dec. 2024, doi: 10.3390/bdcc8120199.

S. Jabin, M. S. Suhi, Md. F. Arefin, and K. Md. Hasib, ‘Comparison of Different Sentiment Analysis Techniques for Bangla Reviews’, in 2022 IEEE 10th Region 10 Humanitarian Technology Conference (R10-HTC), Hyderabad, India: IEEE, Sep. 2022, pp. 288–293. doi: 10.1109/R10-HTC54060.2022.9929495.


	· Pre-trained models like BERT and GPT significantly outperform both traditional ML and standard deep learning approaches.
· These models capture nuanced sentiments and context more effectively
· Achieve state-of-the-art results with accuracies often exceeding 95%..
	· Limited research on fine-tuning strategies for specific product domains.
· Computational intensity of large language models.
· Potential biases inherited from pre-training data.

	Aspect-Based Sentiment Analysis
	Z. Liu, H. Liao, M. Li, Q. Yang, and F. Meng, ‘A Deep Learning-Based Sentiment Analysis Approach for Online Product Ranking With Probabilistic Linguistic Term Sets’, IEEE Trans. Eng. Manage., vol. 71, pp. 6677–6694, 2024, doi: 10.1109/TEM.2023.3271597.

	· Focuses on extracting sentiments for specific aspects of products.
· Provides more granular insights compared to overall sentiment analysis.
	· Challenges in accurately identifying and extracting product aspects.
· Limited research on handling implicit aspect mentions.

	Cross-Domain Sentiment Analysis
	P. S. Ghatora, S. E. Hosseini, S. Pervez, M. J. Iqbal, and N. Shaukat, ‘Sentiment Analysis of Product Reviews Using Machine Learning and Pre-Trained LLM’, BDCC, vol. 8, no. 12, p. 199, Dec. 2024, doi: 10.3390/bdcc8120199.

	· Transfer learning approaches show promise in adapting models across different product domains.
· Pre-trained models demonstrate better generalisation across domains.
	· Need for more research on domain adaptation techniques.
· Limited understanding of which features transfer well between domains.




