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1. Introduction
Artificial intelligence (AI) is no longer a peripheral technology in organisational life; it is increasingly embedded in recruitment, performance management, scheduling, customer service, and core operational decision-making across sectors. For Human Resource (HR) functions in particular, AI is reshaping how organisations plan workforces, monitor performance, and manage the employment relationship. While AI adoption is widely promoted for its efficiency, cost, and productivity benefits, a growing body of research indicates that it also carries significant human costs. Employees increasingly report anxiety about displacement, loss of autonomy, and the erosion of job security, and these concerns have been linked to reduced psychological safety, elevated stress, and even depressive symptoms among workers exposed to rapid AI-driven change.
This dual character of AI in the workplace as both an enabler of organisational performance and a potential source of psychological strain forms the central problem this dissertation seeks to investigate. Existing literature has begun to map the relationship between AI adoption and constructs such as job insecurity, technostress, and employee wellbeing; however, comparatively little research has examined this relationship specifically through an HR management lens, focusing on the practices, policies, and interventions that HR functions can deploy to protect employee wellbeing while enabling AI driven transformation. This gap is particularly significant given that HR departments are simultaneously implementers of AI systems custodians of employee welfare, placing them at the centre of this tension.
This research is significant for both academic and practical reasons. Academically, it contributes to an emerging and rapidly evolving field by synthesising perspectives from occupational psychology, HR management, and technology adoption literature. Practically, the findings are intended to offer HR practitioners evidence-based guidance on how to manage AI related change in ways that protect, rather than undermine, employee wellbeing and perceived job security.
1.1 Research Aim
The aim of this research is to critically examine the impact of AI adoption on employee wellbeing and perceived job security, and to evaluate the role of HR policies and practices in mitigating adverse effects and supporting a positive employee experience during AI driven organisational change.
1.2 Research Objectives
1. To critically review existing academic and industry literature on the relationship between AI adoption, employee wellbeing, and job insecurity.
1. To synthesise, through systematic review of published empirical studies, how employees' experience of AI adoption is reported to affect their sense of job security and psychological wellbeing.
1. To identify, from the existing literature, the HR practices, communication strategies, and support mechanisms shown or proposed to mitigate AI related employee anxiety.
1. To develop evidence based recommendations for HR practitioners on managing AI adoption in a way that safeguards employee wellbeing and job security, and to identify gaps warranting future primary research.
1.3 Research Question
Q1:How does the adoption of artificial intelligence in the workplace affect employee wellbeing and perceived job security, and what role can HR practices play in mitigating any negative effects?
2. Literature Review
This review is organised around three themes: (i) AI adoption and job insecurity, (ii) AI adoption and employee wellbeing, and (iii) the role of HR and leadership in mitigating negative effects. It draws on the job demands–resources (JD-R) model as a guiding theoretical framework.
2.1 Theoretical Framework: Job Demands Resources Model
The JD-R model, originally developed by Bakker and Demerouti (2007) and subsequently refined (Bakker and Demerouti, 2017), proposes that employee wellbeing and strain are determined by the balance between job demands (aspects of work requiring sustained effort) and job resources (aspects that help achieve goals and reduce demands). AI adoption can be conceptualised as introducing new job demands, such as the need for continuous reskilling and heightened uncertainty about role continuity, while HR practices such as organisational support, transparent communication, and leadership behaviour can be understood as resources that buffer these demands. This framework provides a coherent lens through which to examine both the risks AI poses to wellbeing and the mechanisms available to offset them.
2.2 AI Adoption and Job Insecurity
A substantial and rapidly growing literature links AI adoption to heightened job insecurity. A systematic bibliometric review of workplace AI research found that AI adoption has a dual character: it can enhance efficiency and engagement, while simultaneously increasing job stress and insecurity among employees, particularly where roles involve routine or automatable tasks (Soulami, Benchekroun and Galiulina, 2024). This is consistent with findings that job insecurity in the AI context reflects not only fear of displacement but also anxiety about the continuous skill updating required for effective human machine collaboration, with effects observed across sectors including e commerce, hospitality, and manufacturing (Frontiers in Psychology, 2025).
Sectoral differences appear to matter: in technology and finance settings, AI tools are more often used to support decision making and redefine roles, whereas in manufacturing and logistics contexts AI is more frequently perceived as a substitute for routine labour, intensifying insecurity (Frontiers in Psychology, 2025). Boundary conditions have also been identified; for example, employees' self efficacy and the presence of transformational leadership have both been shown to moderate whether AI application alleviates or exacerbates perceived job insecurity, suggesting that organisational and individual factors shape how the same technological change is experienced (Frontiers in Psychology, 2026).
2.3 AI Adoption and Employee Wellbeing
Beyond job security, several studies link AI adoption directly to psychological wellbeing outcomes. A three-wave study of employees in South Korean organisations found that AI adoption had a significant negative effect on psychological safety, which in turn predicted increased employee depression, with ethical leadership found to moderate and reduce this negative pathway (Kim, Kim and Lee, 2025). Similarly, research applying a mediated moderation design found mixed effects of AI capabilities on employee wellbeing, noting that organisational learning, timely communication, and workload management shape whether AI's impact on wellbeing is ultimately positive or negative (Bibi, Tan and Yao, 2025). Broader industry commentary reinforces these findings: a large sample study cited by AIHR (2026) reported that concern about AI driven job loss and career insecurity was strongly associated with lower employee performance and wellbeing, with anxieties extending beyond displacement to loss of autonomy and role ambiguity.
2.4 The Role of HR Practices and Leadership
A recurring theme across the literature is that organisational and HR level interventions can meaningfully buffer AI related strain. Research on co-skilling initiatives found that perceived organisational support was a critical buffer against AI related job insecurity, mediating the relationship between skill development activities and employee mental wellbeing (Zhang et al., 2025). This aligns with practitioner-oriented guidance suggesting that HR should provide clear frameworks for responsible AI use, communicate reskilling timelines transparently, and sequence technology rollouts to avoid overwhelming employees (Spring Health, 2026; AIHR, 2026). Taken together, this suggests that HR is not a passive bystander to AI driven change but an active determinant of whether that change is experienced as threatening or manageable.
2.5 Gap in the Literature
While the relationships between AI adoption, job insecurity, and wellbeing are increasingly well established, most existing studies are quantitative, sector-specific (frequently drawing on East Asian samples), and focused on isolated variables such as leadership style or self efficacy in isolation. Comparatively few studies integrate an explicit HR management perspective that considers the combined effect of communication, reskilling, leadership, and organisational support as a coherent bundle of practice within a UK or cross-sector context. This dissertation seeks to address that gap by systematically synthesising the fragmented literature into a coherent, HR focused account of how AI related job insecurity and wellbeing effects arise, and which combinations of HR interventions the evidence suggests are most credible and effective.
3. Methodology
3.1 Research Design: Extended (Systematic) Literature Review
This dissertation will adopt an extended, systematic literature review design rather than primary data collection. No human participants, surveys, or interviews will be used. Instead, the study will systematically identify, appraise, and synthesise existing academic and industry evidence on AI adoption, employee wellbeing, job insecurity, and the HR practices used to manage AI-driven change. This approach is well suited to a fast moving field in which a substantial and rapidly growing body of peer reviewed and practitioner literature already exists, allowing the study to produce a rigorous, evidence based synthesis and set of practical recommendations within the scope and timeframe of an MBA dissertation, without the resource and access constraints associated with primary fieldwork.
3.2 Search Strategy
A systematic search will be conducted across academic databases including Business Source Complete (EBSCO), Scopus, Web of Science, and Google Scholar, supplemented by targeted searches of practitioner sources (e.g. CIPD, AIHR, McKinsey, Gartner) for industry perspective. Search terms will combine variants of 'artificial intelligence' or 'AI' with terms such as 'employee wellbeing', 'job insecurity', 'job security', 'technostress', 'HR practices', and 'organisational support', combined using Boolean operators (AND/OR). The search will be limited primarily to sources published from 2018 onward, reflecting the period of accelerated workplace AI adoption, though seminal older theoretical sources (e.g. foundational job demands resources literature) will be included where relevant.
3.3 Inclusion and Exclusion Criteria
Sources will be included if they are peer reviewed journal articles, books, or credible industry reports published in English that substantively address AI adoption in relation to employee wellbeing, job insecurity, or HR practice. Sources will be excluded if they focus solely on technical AI development with no organisational or human dimension, are not accessible in full text, or do not meet basic academic quality thresholds (e.g. non-peer-reviewed opinion pieces with no evidential basis). A PRISMA style flow (identification, screening, eligibility, inclusion) will be used to document the search and selection process transparently in the final dissertation.
3.4 Data Extraction and Synthesis
A structured data extraction matrix will be used to record, for each included source, its aims, theoretical framework, methodology, sample, and key findings relevant to the research questions. Sources will be critically appraised for methodological rigour and relevance before being incorporated into the synthesis. A thematic synthesis approach will then be used to organise findings around the study's core themes (AI adoption and job insecurity; AI adoption and wellbeing; the role of HR and leadership), allowing the study to identify patterns, points of consensus, contradictions, and gaps across the literature, and to build toward evidence-based recommendations for HR practice.
3.5 Rigour and Limitations of a Review-Based Approach
As a review based dissertation, the quality of the findings depends on the quality, currency, and breadth of the literature identified. Transparency of the search and selection process, use of multiple databases, and critical appraisal of each source are intended to mitigate selection bias and ensure the review's conclusions are defensible. This approach also means findings reflect patterns already reported in existing studies (often from specific sectors or countries) rather than new primary evidence, a limitation addressed further in Section 5.
4. Expected Findings
As this dissertation is based on an extended literature review rather than primary data collection, expected findings take the form of anticipated patterns within the synthesised evidence, rather than hypotheses to be tested against new data. Based on the literature identified to date, the review is expected to find consistent evidence that AI adoption is associated with heightened job insecurity, particularly where roles involve routine or automatable tasks, while roles where AI augments rather than replaces human judgement appear less affected (Soulami, Benchekroun and Galiulina, 2024; Frontiers in Psychology, 2025). The review is also likely to find converging evidence that AI related job insecurity is linked to poorer employee wellbeing outcomes, including reduced psychological safety and, in some studies, depressive symptoms, where organisational support is absent (Kim, Kim and Lee, 2025).
The synthesis is also expected to identify a reasonably consistent set of HR level factors organisational support, transparent communication, reskilling opportunities, and supportive leadership behaviour that recur across studies as mitigating AI related anxiety (Zhang et al., 2025; Bibi, Tan and Yao, 2025). At the same time, the review anticipates finding gaps and inconsistencies in the literature, for example limited research explicitly integrating these HR factors as a combined 'bundle' of practice, and a concentration of empirical studies in specific sectors or countries, which the dissertation will highlight as areas requiring further primary research. These anticipated patterns will be treated as a starting orientation for the review, to be confirmed, qualified, or revised as the synthesis of the full body of literature progresses.
5. Limitations
Several limitations follow from adopting an extended literature review rather than primary research. First, the study synthesises existing evidence rather than generating new empirical data, so its conclusions are only as strong, current, and generalisable as the underlying literature; where studies are concentrated in particular sectors or countries (for example, several key studies draw on East Asian samples), the review's conclusions may not transfer directly to other contexts such as the UK. Second, as with any literature review, there is a risk of selection or publication bias, since published studies may over-represent statistically significant or novel findings relative to null or mixed results.
Third, because underlying primary studies vary in their methodology, sample, and measures (e.g. different operationalisations of 'job insecurity' or 'wellbeing'), direct comparison and synthesis across studies is not always straightforward, and some nuance may be lost in thematic synthesis. Fourth, the pace of change in this field means that some sources, even recent ones, may be superseded by subsequent developments in AI capability and adoption before the dissertation is completed. These limitations will be mitigated through a transparent, systematic search and selection process, critical appraisal of each source's methodology and context before inclusion, use of multiple databases to reduce bias, and explicit acknowledgement of where the evidence base is thin, so that recommendations are appropriately caveated rather than overstated.
6. Timeframe
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	Phase
	Key Activities
	Weeks

	1. Proposal & Ethics Approval
	Finalise proposal; submit for ethical approval; finalise search strategy and databases.
	Weeks 1–3

	2. Systematic Search
	Run searches across databases; apply inclusion or exclusion criteria; screen titles/abstracts and full texts (PRISMA style).
	Weeks 2–4

	3. Data Extraction
	Extract and tabulate key details from included sources into the data-extraction matrix; critically appraise sources.
	Weeks 4–10

	4. Thematic Synthesis
	Synthesise findings across sources by theme; identify patterns, contradictions and gaps in the evidence.
	Weeks 6–10

	5. Writing & Integration
	Draft literature review, findings, discussion, and recommendations chapters.
	Weeks 4–12

	6. Review & Submission
	Supervisor feedback, proofreading, final formatting and submission.
	Weeks 10–14



7. Conclusion
As AI becomes further embedded within organisational and HR practice, understanding its human consequences is no longer optional for responsible management. This proposal has set out a research plan to investigate how AI adoption affects employee wellbeing and perceived job security, and, critically, what role HR practices can play in mitigating the risks this technological shift presents. By systematically reviewing and synthesising existing evidence within a JD-R theoretical framework, the study is designed to move beyond documenting the problem of AI-related anxiety towards identifying practical, evidence-based HR responses and clarifying where further primary research is needed. It is anticipated that the research will contribute both to academic understanding of AI's psychological impact in the workplace and to practical guidance that HR professionals can apply when managing AI driven organisational change, ultimately supporting a workforce that is not only technologically capable but also psychologically secure.
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