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I was in the process of trusting the data provided until very late in my research, then the revelation hit me that this whole assignment was about trust. I was defeated by time constraints to adjust all my slides, unfortunately. 
 
Building trust and learning trust is the root cause of this assignment, as I see it: 
 
AI systems earn trust through consistency — giving reliable, accurate answers repeatedly over time. The more predictable and correct a model is, the more users and developers trust it. This is measured through benchmarks, red teaming (deliberately trying to break it), and real-world feedback.
 
Transparency,
 
Trust comes from being able to explain why a model gives a certain answer. This is the black box problem I have looked into before — if nobody can see inside the model's reasoning, trust is harder to establish. Techniques like interpretability research try to make AI decisions more explainable. 
 
Safety and alignment,
 
Companies, build trust by training models to refuse harmful requests, be honest about uncertainty, and behave consistently whether or not they think they're being watched. The idea is that a trustworthy AI behaves the same way in all contexts, not just when it thinks it's being tested.
 
Human oversight,
 
Trust is also established through keeping humans in the loop — especially in high-stakes decisions. An AI that flags uncertainty and defers to humans when appropriate is more trustworthy than one that always sounds confident.
 
Track record over time,
 
Just like with people, trust accumulates. AI systems deployed in real products build (or lose) trust based on how they perform across millions of interactions. User feedback, error correction, and model updates are all part of that cycle.
 
The problem,
The tricky part is that trust in AI is often perceived rather than verified. People can over trust a confident-sounding model that's actually wrong, or under trust a cautious one that's actually reliable. Calibrating that gap is one of the hardest challenges in AI development right now.
 
 
Conclusion,
AI can overstate its importance all by itself, the human who trusts this will declare this. The human who does not believe the claims will experiment to test this. It is all a matter of trust and perception. This is my analysis of the root cause, which I believe to be a trust issue and a matter of the perception of such trust or lack of it.
 
AI statement and references can be found in the slides.
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