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[bookmark: _Toc216383637]Abstract 
This study critically examines the deterministic influence of Social Media Marketing (SMM) on the behavioural intentions and loyalty of adult consumers (18+) within the UK’s fast-food and beverage sector, a context increasingly constrained by impending HFSS regulations. Employing a positivist, quantitative paradigm, a cross-sectional survey design was implemented, with data subjected to hierarchical regression, ANOVA, and correlation analyses. The results reveal that User-Generated Content (UGC) and influencer engagement are predominant predictors, accounting for 50% and 73% of the variance in purchase intention and brand loyalty, respectively. Demographic interrogation further uncovered significant moderating effects: female consumers demonstrate a greater susceptibility to UGC than males, while brand loyalty is markedly more pronounced within older cohorts (36–60) compared to younger demographics (18–35). Instagram emerged as the platform of paramount behavioural influence. These findings not only validate but also contextually extend the Food-related Branded Content and Digital Marketing (FBCDM) model within a regulated UK landscape. The study concludes with a critical strategic framework, asserting that evidence-based demographic segmentation, platform-specific optimisation—principally on Instagram—and the cultivation of authentic digital communities through UGC and co-created influencer narratives are indispensable for transcending traditional advertising limitations and fostering sustainable consumer engagement and loyalty in the post-HFSS regulatory era.
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[bookmark: _Toc216383640]Background and Research rationale 
The UK fast food & beverage (F&B) sector anticipates considerable changes in the area of regulation over the next few years. In 2026, the introduction of HFSS advertising restrictions will create a demand for effective alternatives to traditional methods of marketing. As social media continues to re-shape how consumers engage with brands through new platforms. It is essential that F&B marketers understand how the use of digital marketing strategies can be an effective way to engage consumers in a way that produces measurable behavioural results and allows organisations and customers to interact and build relationships with each other in real time (Kapoor et al., 2022). This can be clearly seen in the fast-food industry, which a competitive environment characterised by customers is being unlikely to switch from their preferred fast-food brand, where social media platforms such as Instagram, TikTok and Facebook serve vital roles assisting brands in establishing direct relationships with consumers and influencing their behaviour (Hanaysha, 2022).  Post-pandemic digital adoption is the main factor speeding up this transformation, and it results in 42% more time spent on food-related content by UK consumers compared to the period before 2020 (ONS, 2024; Deloitte, 2024). This new scenario creates a need for more advanced engagement metrics than just the traditional conversion rates.
In the United Kingdom, for that matter, heightened engagement from consumers on social media platforms indicates these are important for fast-food brands wishing to connect with digitally savvy generations and develop brand loyalty in a busy marketplace (Statista, 2024). Therefore, it is imperative for the success of the businesses within the industry to be able to understand what SMM has delivered with respect to core marketing objectives like consumer engagement, purchase intention, and brand loyalty in today’s environment. This is important given that the industry is not stagnant and is subject to a changing regulatory environment, including the upcoming legislation from the UK Government as it relates to the digital advertising of HFSS (Products high in fat, salt, and sugar) products (UK Government, 2024).
Digitalisation of the world's food and beverage (F&B) sector carried out on unprecedented scale and pace has made social media sites ever more a crucial means of communication between consumers as well as firms and consumption choices. In the United Kingdom - where consumer culture favourite, fast-food and beverage (F&B) sector, are a matter of course - companies are employing social media in order to speak to new generations of consumers, the majority being digitally born consumers, in an effort to become engaged with associated brands (Statista, 2024). Facebook, TikTok, and Instagram present the very reason for allowing companies direct consumer-access, and facilitating that advanced sell: not just a concentrated sales pitch for a service or product, but things on which to ground loyalty, brand loyalty, or shift consumption behaviours.
Social media enables customers to have a communication mode that allows them openly engage in two-way communication as opposed to traditional marketing systems, in which interaction is facilitated through likes, shares, comments, and user-generated content (Kapoor et al., 2022). This ecosystem of participation/engagements has been referred to by some scholars as ‘digital foodscapes’ (Vandenbosch and Eggermont, 2023), with visual food content becoming an important driver of dietary selection through both entertainment and commerciality (thus influencing consumer behaviour – particularly for non-planned purchases of food – in the greatest way) (Harris, et al., 2024). In fact, the social media participatory nature makes consumers co-creators of brand stories and brand impressions, hence making brands more seen as authentic. Therefore, consumers find the brands they live on social media believable, as found in the study by Djafarova & Bowes (2021).The immediacy of social media marketing has a profound effect on marketing in the fast food and beverage industry, where consumer choice is often made on impulse and convenience, with a strong reliance on visual appeal (Hanaysha, 2022).
Social media influence is thereby most dominant among younger adult consumers. As per some recent research, Generation Z and Millennials use social platforms for inspiration and discovery (The Sun, 2025). For example, more than 70% of Gen Z in the United Kingdom confess to searching for meal ideas through Tik-Tok and Instagram, with many following through with purchases after they have been exposed to such content (Fatorachian, 2025). This shift is clearly one of those points where departed generations would have gone to the other side of people on Cookbooks or advice. Yet, despite these observable trends, there remains limited empirical evidence on how such generational social-media behaviours translate into measurable consumer engagement, purchase intention, and brand loyalty in the UK fast F&B sector-a gap that this study seeks to address.
Marketing wise, this phenomenon needs to be studied because of the clear and measurable effect that digital campaigns have on sales and loyalty. Social media have blurred the distinctions between advertising, peer influences, and entertainment, allowing a viral post or an influencer endorsement to attract a substantial number of customers, who start walking into the stores to buy the products (Anas, 2023). Nevertheless, the content created by the users, such as photos and reviews, serves as electronic word-of-mouth. Such factors in a way have proven to be much stronger from the perspective of martialling than advertising lunched by the brand itself (Cheung et al., 2021).
There are likely some trends, but there is a gap in UK-based, adult quantitative studies assessing the influence of social media marketing on engagement, purchasing intent, and brand equity associated with the fast food and beverage (F&B) sector. Much of the literature available is either adolescent-focused, which illuminates ethical considerations regarding vulnerability to unhealthy food marketing (Coates et al., 2022), or has a global perspective and does not isolate the UK context
[bookmark: _Toc216383641]Problem statement
This research fills the exact empirical and practical gap in knowledge with regard to the lack of quantitative evidence indicating the particular SMM strategy that produces a commercially significant result from the digital engagement of UK adults. The challenge is not just limited to academic research, but also has an immediate need for use by brands competing in a constrained advertising environment caused by HFSS restrictions (ASA, 2023). Marketers need evidence-based recommendations regarding which natural organic marketing strategies, such as user-generated content (UGC), influencer partnerships and/or optimising content for social media platforms will generate measurable returns on investment (ROI) via consumer engagement, purchase conversion rates and long-term loyalty development. This discontinuity is especially pressing in the light of the United Kingdom's imminent HFSS restrictions (DHSC, 2025), which will compel companies to switch to organic, peer-driven content more and whose potency still goes unmeasured for the adult audience (Ofcom, 2024; Cairns et al., 2024). This study is therefore guided by the following research question: How does social media marketing in the UK fast-food and beverage industry influence consumer engagement, purchase intent, and brand loyalty across (above 18 years) different demographics? 
[bookmark: _Toc216383642]Research Aim and Objective
The high-level aim of this study is to examine how social media marketing initiatives, or measurable outcomes, affect consumer behaviour in the UK fast food and beverage (F&B) market.
To assist with this high-level aim, the following aims will be addressed:
· To explore the relationship between the most common social media initiatives (UGC initiatives and influencer partnerships) and measurable consumer engagement activities (likes, shares, comments) of leading UK fast food and beverage (F&B) brands.
· To explore the impact of sentiment in UGC (either positive or negative) on purchase intention in an adult (18+) UK consumer demographic. 
· To ascertain the relative efficacy of powerful social media channels such as Instagram, Tik-Tok, Facebook and live streaming in driving brand commitment and supporting sales growth with this market.
· [bookmark: _GoBack]To create evidence-led guidelines for industry professionals to achieve maximum social media strategy and resource application to deliver maximum engagement and ROI.
[bookmark: _Toc216383643] Scope and Delimitations of the Study
A quantitative methodology involving only online surveys (no qualitative or mixed-methods aspects). 
· Adults aged 18 years and older in the UK, as per study fully autonomous consumers and avoid minors. 
· Fast food and beverage (F&B) consumption - both food and beverages sold through fast food outlets and chains. 
· Social media marketing broadly - as consisting of branded content, influencer content, and user-generated content. 
Not within the scope are qualitative methods, anyone under 18 years, or any non-digital or in person marketing activities. In addition, data collection and analysis were constrained because of the time pressures of the research, there was an additional challenge in identifying longer-term, or more general, consumer behaviours.  In addition, there was self-reported data, which may have been impacted by social desirability effects or response bias. Accordingly, participant-reported beliefs and behaviours about the social media marketing would not reliably demonstrate real-life behaviour or purchasing decisions.
[bookmark: _Toc216383644]Significant Research 
This research is important theoretically and practically. This research fills the critical gap in the literature by exploring the impact of social media marketing on consumer engagement, purchase intent, and brand loyalty in the UK fast food and beverage industry - this research concentrates on adults aged above 18 years. Most of what does exist aims at an adolescent audience (Coates at al., 2022) and even that which does aim at a subject market on a worldwide basis lacks particular detail germane to the UK (Hanaysha, 2022). This research will bridge the gap with an analysis that provides precise, nationally relevant findings. Besides, public health research has addressed the investigation of the influence of online marketing on obesogenic food environments (BMJ Global Health, 2025), but there is scarce evidence regarding adult consumer decision-making in this regard. Practically, business reports highlight the commercial worth of social media campaigns in the real world, e.g., Greggs' sales boost due to a viral TikTok campaign (Financial Times, 2025). This study provides valuable implications for marketers, supported by quantitative evidence, regarding how to optimise campaigns that develop consumer engagement, loyalty and competitive advantage. Although cross-cultural studies have considered social media marketing among the fast food and beverage (F&B) sector, most of this work is found in settings such as the United States, where little regulation of online food advertisements for foods high in fat, salt and sugar (HFSS) offers ongoing exposure to promotion of unhealthy food (Taillie et al., 2021). On the other hand, Australia's voluntary industry codes have been criticised as not being strong enough to restrict children's exposure to HFSS content (Sainsbury et al., 2020). In Europe, advertising HFSS products to children has been prohibited in Spain and Norway, although those bans are not as extensive as the broader system that is expected in the UK, which will be among the most expansive in the world (World Health Organisation, 2023). The UK will implement a 9pm watershed for HFSS broadcast advertising and a paid-for digital HFSS advertising prohibition of 24 consecutive hours beginning 5 January 2026 (UK Government, 2024). The distinctive regulatory environment contributes to the merit of the present study, as it provides contemporary evidence of how F&B brands react to their marketing strategy under new statutory limits.
[bookmark: _Toc216383645]Research Question 
According to the research objectives and objectives, Research Questions (RQ) for this study are mentioned as follows:
RQ1: How do User-Generated Content (UGC) and influencer collaborations affect consumer engagement (likes, shares, comments) with fast-food brands in the UK on social media?
RQ2: What role does the sentiment (positive or negative) of User-Generated Content (UGC) have on the intention to buy fast-food products among adults (18+) in the UK? 
RQ3: Which social media platforms (e.g. Instagram, TikTok, Facebook) are effective in generating brand loyalty and ultimately sales growth with UK adults pertaining to fast-food brands?
RQ4: What evidence-based recommendations can be constructed to help fast-food marketers in the UK optimise social media for better consumer engagement and return on investment?
[bookmark: _Toc216383646]Definition of key terms
To ensure conceptual consistency and precision during the course of this study, the following terms are defined based on established scholarly literature. The definitions below provide the specific meaning and context in which such terms are employed in this study.
· Consumer Engagement has been conceptualised as the behaviour expression towards a company or brand that is more than conducting business, drawing from motivational drivers. In social media, it is typically quantified using observable behaviours such as liking, sharing, and commenting on brand posts (Brodie et al., 2011).
· Purchase intention is defined as the consumer's consciously held plan, and likelihood, to purchase a product or service in the future. It is a strong predictor of actual buying behaviour, and is impacted by marketing stimuli and brand perceptions (Solomon, 2020)
· Brand Loyalty can be defined as a deeply held commitment to repurchase or continue to patronize a preferred product or metric in the future, despite situational influences and marketing efforts having the potential to cause switching behaviour (Kotler and Keller, 2016). Brand loyalty is a combination of attitudinal attachment and a behaviour that is consistent over time.
· User-Generated Content (UGC) refers to any textual, visual or video content that is created voluntarily by consumers on digital platforms, seen as a more genuine form of electronic word-of-mouth than corporate advertising (Smith, Fischer, and Yongjian, 2012). As a result, Social Media Marketing uses social media platforms, including Instagram, Tik-Tok, and Facebook, to facilitate this content as a way, in conjunction with branded activities and influencer marketing, primarily to increase brand awareness, engage consumers, and increase sales (Kapoor et al., 2022).
[bookmark: _Ref216132995][bookmark: _Ref216132998][bookmark: _Toc216383647]Theoretical and ethical context 
In terms of concept, this piece of research lies within the Food-related Branded Content & Digital Marketing (FBCDM) model (Folkvord et al., 2023), which provides a robust foundation for exploring how certain marketing cues in the digital marketing space -including influencer recommendations, interactive challenges and UGC campaigns -may influence cognitive and behavioural responses in social media and gaming environments. The FBCDM model fits very well with the fast food consumption case in the UK because people with money and time are generally exposed to these types of cues that lead to impulse consumption.
It also looks at the studies on psychological determinants of food marketing (Folkvord, 2019) that capture the impact emotional drivers, sensory and hedonic cues (e.g., attractive, emotionally activating pictures of food) and social media heuristics can have on impairing rational decision making, and using adult consumers, also, intent to purchase and loyalty are influenced.
Meanwhile, the inquiry is particularly conscious of its ethical considerations. Although much of the emphasis in both policy and the literature has been on protecting younger cohorts, there is now evidence emerging of adult cohorts that may also be subject to highly targeted and highly persuasive forms of digital marketing (Coates et al., 2022; Potvin Kent et al., 2024).  This leads to concerns about ethical responsibilities for brands that utilise hyper-personalised content to target the 18+ consumer category especially given the public health concerns about HFSS products.
In addition, the research is undertaken in an evolving regulatory environment. Expected advertising bans in the UK for HFSS products will be a significant potential disruption to the market (UK Government, 2024). Policy reviews, however, indicate that the policy is still inadequate for regulating the subtle and quickly evolving realm of cross-platform digital apps (Boyland & Whalen, 2015; Zenone et al., 2023). Therefore, this study is not designed only to track the effectiveness of current marketing but also develop evidence that speaks to the future of evidence-based policy. Bringing together these theoretical, ethical and regulatory perspectives, we aim to provide a holistic and critically engaged exploration of social media marketing and its implications on adult consumer behaviours within the fast-food sector in the UK.

Social media content (Ads, UGC, and Reviews)



Consumer perception (Authenticity, Credibility)
Brand, Trust & Image (Innovation, Responsibility)


Purchase intent (Impulse buying, trail of new products)


Consumer Loyalty (Repeat purchase, Advocacy)



[bookmark: _Toc215514354][bookmark: _Toc216175817]Figure 1 conceptual framework: social media precipitation and consumer behaviour in F&B
















 
[bookmark: _Toc216383648]Literature reviews
The purpose of this chapter is to consolidate the theoretical as well as empirical literature related to social media marketing, consumer engagement, purchase intention, and loyalty within the fast food and beverages (F&B) sector. Drawing on academic journals, industry reports, case studies, and government reports, the chapter sets the UK context and determines the gaps, which this study will address.
[bookmark: _Toc216383649]Evolution marketing from traditional to digital
There has been a significant shift in the food and beverage (F&B) industry away from conventional advertising methods - television, print, and outdoors - towards dynamic digital advertising. While digital marketing enables precise targeting and interactive engagement (Kapoor et al., 2022), this raises concerns about consumer autonomy in algorithm-driven environments. In the fast food and beverages sector in the UK, social media sites (Instagram, TikTok, Facebook) are key to promotional strategy as all allow for immediate connection with the consumers (Statista, 2024). Most significantly, fast food marketing has become progressively digital; some 50% of promotional activity occurs online, with 35% of brands utilising AI-driven marketing tools such as geofencing and chat-bots to deliver targeted content (Wifitalents, 2025). Furthermore, mobile coupon-based and app-based loyalty programs are now de rigueur, being 83% of digital marketing activity, which reflects convenience-driven consumer interaction (Wifitalents, 2025). In the UK, social commerce indicates a significant movement away from conventional retail (the social commerce retail method) by incorporating a purchasing mechanism into an ecosystem that interlinks social media consumption and infotainment.
The UK's projected social commerce growth to £16 billion by 2028 suggests commercial success, yet obscures potential market saturation and consumer fatigue risks, therefore marking the ride of TikTok Shop and Instagram Shopping among the major players since procurement is the last step after these platforms (Retail Economics, 2024). The increase in food content popularity is attributed to the use of algorithmic personalization, where an application such as TikTok's 'For You Page' leverages machine learning to pair food content with users' shown likes (TikTok Insights, 2024). Research suggests that these algorithms elevate food content visibility by 73% when compared to chronological feeds (Chen & Kumar, 2024), resulting in what the researchers are referring to as 'algorithmic craving cycles' (Powell et al., 2023). This digital consumer journey through algorithmic curation brings up the issue of autonomy and informed choice in digital food environments. With the 'For You Page' algorithm, TikTok has become a very disruptive force, experiencing 77% annual growth in 2024 and changing the rules for brands' visibility (The Short Media, 2025a; 2025b). The importance of TikTok as a platform for the food and beverage sector is evident through this, as impulsive, convenience-driven purchases are coordinated with sharable, trend-based content. Authentic community-driven content creating as in the case of Domino’s TikTok challenges and Greggs’ viral vegan sausage roll reviews can turn into considerable sales - even surpassing traditional advertising (Marketing Week, 2024; Financial Times, 2025).
The impending UK HFSS advertising regulations, which will prohibit the use of paid promotional channels starting in 2026, are further driving this change (UK Government, 2024). As a result, brands have no choice but to switch to organic, relationship-centered strategies such as influencer collaborations and user-generated content (UGC) to keep the consumer interaction and loyalty going within a limited regulatory framework (ASA, 2023). The changing scenario makes it even more important for F&B brands to become adept at engagement that is native to the platform in order to close the long-standing gap between consumers' purchase intent and retailers' in-app capabilities (Briggs, 2024; Consultancy.uk, 2025). The advent of new technological advancements that have influenced the marketplace necessitates looking beyond the standard funnel when considering consumer purchasing behaviour patterns as they typically take place across many different platforms, which is now referred to as the 'digital food discovery ecosystem'. (Vaterlaus et al., 2024; IAB UK, 2024)
[bookmark: _Toc216383650]Consumer Behaviour Theory in the Digital Age
There are numerous theoretical models that have suggested frameworks for how social media impacts consumer decision-making. The Uses and Gratifications Theory (UGT) would suggest that individuals use the media to satisfy some type of psychological and social need, such as entertainment, seeking information, social interaction, and escapism (Whiting & Williams, 2013). In the digital age, this suggests consumers use platforms such as Instagram or TikTok to satisfy multiple personal and social motivations; consumers are not merely passively consuming content. Expounding upon this theory, Muntinga et al. (2011) shared a framework called Consumer Online Brand-Related Activities (COBRAs) with three levels of engagement with content, including consuming (viewing content), contributing (liking or sharing content), and creating (creating original content). Each level of engagement represents a more involved (depth and commitment) of all consumer engagements with a brand.
While influencer marketing is often reported to yield high ROI (Influencer Marketing Hub, 2024), some studies caution that these returns may be overstated due to reliance on engagement metrics rather than sales conversion (Hudders et al., 2021). Furthermore, although younger consumers appear more receptive to influencers (Djafarova & Bowes, 2021), this effect may be moderated by content authenticity—a factor not consistently measured across studies. This contradiction underscores the need for the present research to distinguish between engagement and tangible behavioural outcomes.
COBRAs and UGT offer a basic understanding of media consumption and engagement with brands online, but needs further application to the fast food context. The Food-related Branded Content and Digital Marketing (FBCDM) model (Folkvord et al., 2023) bridges this gap by offering a niche instrument with which to disentangle the impact of platform-directed cues i.e., influencer authenticity, interactive challenges, and visual sensory appeal—on the consumer choice process of low-involvement, high-impulse products. 
Primarily, the effectiveness of the model is predicated on an understanding of the psychological mechanisms that underpin food advertising (Folkvord, 2019). These mechanisms consist of bright imagery that sparks desire, and social proof that fosters impulsiveness, both framed in a way that encourages heuristics, or affective-style, thinking likely to trump careful reasoning, especially when framed in the fast-moving, high-arousal conditions present in social media. Additionally, the FBCDM model involves the application of psychological mechanisms. As such, the FBCDM model provides a strong basis for this research, by providing a means of developing specific hypotheses about the role of digital marketing cues (e.g., perceived authenticity of influencer, visual attraction) directly affecting key outcome variables of interest (e.g., purchasing intention, brand loyalty) within the low involvement, high impulse context of the UK fast-food sector.
[bookmark: _Toc216383651]The power of perception: how social media shapes brand image and purchase 
While perception remains critical in decision-making, social media's role as a 'battleground' for brand meaning creates volatility that traditional models cannot manage. Traditional advertising is based on a one-way flow of communication, and digital media now allow for brands to co-author brand stories with user-generated content (UGC), influencer-led brand sponsorships, targeted advertising, and peer-to-peer interactions. Each of these activities can contribute to shaping a consumer’s cognitive assessments (e.g., brand credibility) and affective cues (e.g., trust, emotional attachment), leading to purchase intention (Liu et al., 2024). Social media accelerate this cycle as these are interactive channels that are governed by algorithms, and when the entire ecosystem of consumer interactions is engaged, one cycle can be triggered, with positive content that shares brand equity, or when consumers may be negative. The speed of cycle completion raises the importance of managing consumer perceptions in high-speed industries such as fast food and beverages, where involvement levels in consumer decision-making are often low, and consumers are highly responsive to digital interactions. Nonetheless, the notion of 'authenticity' in digital branding is inextricably linked to a paradox; it is, in many cases, an intentionally created brand characteristic that resembles natural communication between consumers, thus making it highly debatable when it comes to discussing its impact on trust as a real factor.
Studies undertaken recently indicate that authenticity and trustworthiness are among the key components of how consumers create meaning in online environments. UK researchers (Davies & Gutsche, 2023) while continuing to operate as a business— have released numerous research projects examining this “authenticity paradox”— wherein brands need to seem credible. Use of eye-tracking instruments has demonstrated that the amount of time consumers spent looking at perceived authentic content compared to non-authentic content is 47% greater (EyeQuant 2023). As a result of these studies, it has been confirmed that perceived authenticity plays a significant role in the effectiveness of marketing food products.  Lou and Yuan (2019) derive a finding, which indicates that an influencer's trustworthiness acts as a key component to create consumer trust and a positive impact on purchase intentions. They also demonstrated that the effects of influencer trustworthiness were more pronounced on younger consumers who have lived their lives entirely in the digital environment and are generally distrustful of traditional promotional methods. Further meta-analyses conducted by Flanagin et al. (2014) support this finding by studying user-generated content and assessing the credibility of an online review in the information of a purchase process, which they deemed the greatest influence on decision making, particularly considering negative information was more important than the positive information. With these findings, we see in a more broad sense, the understanding that consumer perceptions on social media do not come from a static position but are created through a dynamic model of interaction of messages sent by brands and social influences from peers (Gorry and Westbrook, 2009).
For the UK fast-food and beverage (F&B) market, they are particularly salient due to the impulse-driven, low-involvement character of the consumption. Affective, visual, and shareable food imagery highly resonates on platforms like TikTok, Instagram, Facebook, and Snapchat, where consumer engagement regularly maps to real-time behavioural responses. Greggs, for example, has ridden viral TikTok marketing of its vegan sausage roll and mac-and-cheese launches, which served to reinforce mind-sets of innovation and receptiveness as well as delivering actual sales boost (Financial Times, 2025; The Guardian, 2025). Domino's Pizza UK has likewise executed TikTok challenges and Instagram Reels to build excitement around seasonal themed campaigns, driving increases in app-led order volume (Marketing Week, 2024). They illustrate the impact well managed perceptions of channels may have on purchase intention in the quick-service restaurant sector. 
Furthermore, reputation management also involves considerable reputational risk, especially in the fast food and drink sectors where consumers are notably attentive. In the UK for example, there were reports of negative content, consumer dissatisfaction, and declining brand trust regarding dubious health claims contained in fast food advertisements (The Guardian, 2023). Given the rapid dissemination of information in the digital space, brands must spend resources on not only communicating appealing and visually pleasing content but also communicate that content in a transparent and ethical manner to in still trust. Social media is both an opportunity and a risk: perceptions of positive reputation can be intensified through authentic narratives and engaging with consumers and through multi-sensory storytelling; however, perception of negative reputation can spread very quickly, damaging brand reputation and trust. Ensure engaged and purposeful perception management by striking the right balance between creativity and transparency to facilitate a seamless transition from engaging digital interactions to immediate purchasing decisions, while also creating a loyal consumer base that will remain intact over the long term.
[bookmark: _Toc216383652]The influencer effect: trust, authenticity and return of investment   
Influencer marketing is frequently championed for its strong return on investment (ROI), with industry reports citing an average return of £5.20 per pound spent (Influencer Marketing Hub, 2024). However, academic studies present a more nuanced and sometimes contradictory picture. While Lou & Yuan (2019) found that influencer credibility directly enhances purchase intention, Hudders et al. (2021) caution that over-commercialization can erode perceived authenticity, thereby diminishing trust and long-term brand value. This contradiction may stem from methodological differences: industry ROI metrics often prioritize short-term engagement and conversion, whereas academic research increasingly examines longitudinal effects on brand equity. Furthermore, demographic variances complicate this picture; for example, while Gen Z consumers exhibit high trust in influencer endorsements (Djafarova & Bowes, 2021), older cohorts may respond more to transparency and brand responsibility narratives (The Guardian, 2023). These divergent findings suggest that influencer efficacy is not universal but is moderated by content type, audience demographics, and measurement timeframe—a critical gap this study addresses by examining age-based differences in influencer responsiveness within the UK adult market.
Authenticity is crucial to the effectiveness of influencer campaigns. Consumers expect content that is not overly commercial or artificial, the backlash of which could hurt the reputation of the influencer and the sponsoring brand (Hudders et al., 2021). Authenticity is significant for the UK fast food and beverages (F&B) sector given the experiential and sensory characteristics of food consumption. For example, Starbucks UK has collaborated with Instagram and TikTok lifestyle influencers to promote seasonal items such as the Pumpkin Spice Latte, with activity focused on lifestyle moments rather than overt advertising. The partnerships generated strong user engagement and helped to confirm Starbucks' position as a lifestyle brand, contributing to ongoing seasonal sales growth (Mintel, 2023). Similarly, McDonald's UK has aligned with Tik-Tok influencers to assist limited-time offers like the McSpicy burger, leveraging humour and relatability to build trust among young adult consumers (Marketing Week, 2024). Greggs' collaborations with micro-influencers, meanwhile, have been attributed to relatability and authenticity, building the virality of its menu innovations, including vegan product launches (Financial Times, 2025). The assessment of the underlying techniques used to arrive at these ROI claims is very important since the methodologies often mix up the engagement metrics (likes, shares) with actual sales and payments, and in addition to that the long-term brand dilution risk of over-commercialised influencer partnerships may not be considered at all.
From a commercial standpoint, influencer marketing has shown a strong return on investment (ROI). ROI calculations have evolved beyond simple engagement metrics to include 'brand lift studies' that measure campaign impact on brand perception (Nielsen, 2024). Recent UK studies demonstrate that influencer campaigns generate 3.2x higher brand recall than traditional digital ads (Kantar, 2024), though effectiveness varies significantly by platform and audience demographics.  A report published by Influencer Marketing Hub in 2024 stated that worldwide brands generate an average of £5.20 for each pound invested in influencer campaigns with brands in the fast food and beverage category ranking among the top-performing brands. Furthermore, in the UK, Domino's Pizza said their growth in app sales increased double digits from TikTok influencer campaigns and especially from users aged 18-24 who are otherwise resistant to traditional advertising (Marketing Week, 2024). However, purchase intent varies along age lines. For the demographic of 24-35-year-old consumers, influencers will complete impulse consumption, as this category is engaging in trends using TikTok and Instagram (Mintel, 2023). Purchase intent in the 36-45-year-old group is more targeted, and endorsements associated with convenience, family, or value for money are most effective (Statista, 2024).
In comparison, consumers aged 46-60 may leverage resource-based influencers less, but remain, nevertheless, amenable to believable, transparent campaigns, multiple times, these campaigns choose health, ethics or corporate social responsibility (brands like Starbucks UK have utilized this in an affirmative and successful positioning marketing of limited-time seasonal and purpose-led promotions) (The Guardian, 2023). Starbucks' influencer-based, seasonal promotions have also engaged social media audiences and engendered consumer loyalty by connecting products to cultural moments like autumn and Christmas (Mintel, 2023).
Although influencer marketing has been shown to be effective, this review highlights a notable absence in the literature. There is a lack of quantitative studies that focus on the 18+ population specifically from a UK perspective and that systematically examine how they respond to influencer marketing differently across adult age cohorts. This gap points to the specific contribution of this research, which will further contextualised, empirical UK evidence in this under-researched area.
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Case study 1 MacDonald’s UK Grimace Shake & “Side Missions” Campaigns 
McDonald's UK recently ran effective campaigns based on the power of social media in affecting perception, engagement and intent to purchase. The Grimace Shake gained strong momentum throughout Tik-Tok and Instagram, with consumers jumping to produce their own clips of the beverage. It was all get go, with teaser videos released on McDonald's official social media outlets chronicling the vintage brand history to the purchasers, provoking emotion that brought with it an explosion of demand spike in the stores, with Grimace Shake being sold out within days (Creative Salon, 2024; Marketing Brew, 2023).
In 2025, McDonald’s UK launched its Side Missions campaign, a gamified initiative linked to the My McDonald’s app. Consumers were encouraged to complete digital “missions” to unlock food offers, with the campaign supported by Tik-Tok creators, targeted CRM activity, and social video content. According to YouGov Brand Index data, McDonald’s UK advertising awareness rose from 41.3% on 26 June to 47.0% by 18 July 2025, an uplift of 5.7 percentage points that coincided with the campaign period (YouGov, 2025). McDonald’s UK itself emphasised the campaign’s aim of combining “digital fun with real-world rewards,” underlining how app-based engagement is being integrated with social media marketing (McDonald’s UK, 2025).
Together, these campaigns illustrate how platform-native strategies including virality, gamification, and participatory content can translate into measurable awareness and footfall gains. They also reinforce the importance of social media as both a creative and commercial tool for fast food brands, particularly when targeting younger demographics through TikTok and Instagram, while maintaining cross-channel integration.
Impact: - Each campaign exhibited the tangible impact of social media on brand perception and business performance. The Grimace Shake campaign turned cultural virality into an increase in footfall and product sell-outs, demonstrating that meme-based content can take online attention and convert it to sales offline (Buchanan PR, 2023). The Side Missions campaign demonstrated that gaming (along with the McDonald's app) could impact or increase ad awareness on the fast food market, and therefore drive traffic in person. (YouGov, 2025) In addition, industry benchmarks fit: In the UK, 70% of consumers in 2024 reported that social media or online marketing content (Statista, 2024) influences their decisions on fast-food purchases. This all confirms social media as a conversion tool, not just as engagement, in the UK fast food and drinks sector. 
Relevance: - The importance of these campaigns lies in their ability to connect how consumers perceive an offering to intentions to purchase within the F&B category. The younger age demography (18 to 24 years old and 25 to 34 years) found interactive gamified campaigns and TikTok challenges to be the most relevant to their goals, as they enjoy participatory and experiential content (Mintel, 2023). For older demographic groups (36 to 45 years old and 46 to 60 years old), connecting consumers through customer relationship management (CRM), app-based loyalty, and direct communications will provide more inclusive campaigns that consider more than just the younger demographic (McDonald's Corporation, 2024). Furthermore, McDonald's UK demonstrates how a global F&B brand can repurpose viral trends and native platform mechanics to their UK context, which reinforces the point that if social media is to inform a coherent campaign, it will need to be both creative and integrated across a channel (Kapoor et al, 2022).
Case study 2 burger king TikTok-Driven Full-Funnel Strategy
Burger King has demonstrated how fast-food chains can use TikTok as a branding and performance platform. In 2020, they worked with the platform to introduce the #WhopperDance challenge where participants danced to a short tune to receive a discount code on the Burger King app for Whoppers. The promotion received billions of views on TikTok and Adweek (2020) said this was the first instance of TikTok becoming integrated into a national ordering promotion. Marketing Dive (2020) noted the challenge has drove app downloads plus engagement to some degree by mixing entertainment with a sales mechanism.
In 2024, Burger King had made the deliberate choice of shifting their marketing spend into digital. Digital, as in on social media. In fact, Insider Intelligence (2024) reported that almost 45% of its digital marketing budget would land itself in the social media realm, especially TikTok. That has been effective in Europe (England in particular) where tailored TikTok campaigns have revitalized consumer engagement and supported the brand positioning in fast food (Mintel, 2024). The brand is also demonstrating a sophisticated full funnel model. On the one hand, they are engaging potentially hungry consumers with viral challenges, and entertaining content, and at the same time using offers, discounts, or promo codes that drive app downloads while converting digital engagement into sales, and consumer loyalty.
Impact: - The #WhopperDance campaign shows how platform-native content can encourage visibility and conversion. According to reports, the campaign led to millions of coupon redemptions and approximated double-digit app sales increases (Marketing Dive, 2020). More generally, Burger King’s continued focus on advertising on TikTok has buoyed its engagement metrics. The result has been that Burger King is now one of the top three fast-food chains in Europe in terms of social media resonance (Mintel, 2024). This indicates that, when employed efficiently, short-form video content cannot only serve as entertainment, but also as a mechanism for direct revenue growth.
Relevance: -   
The importance of Burger King's TikTok campaigns, in relation to consumer age breakdown and media consumption in the UK fast-food market, is that the demographics of TikTok users in the UK primarily involve consumers aged 18-34, who also make up a largely corresponding proportion of fast-food consumption (Ofcom, 2023; Statista, 2024). . By gamifying offers directly, engage with their TikTok page, Burger King directly engaged with 18-34 consumers while also providing a meaningful differentiation to more established advertising-based campaigns. For older consumers (36-45 and 46-60), Burger King combined TikTok activity with CRM strategies and cross-channel advertising to ensure no absence of participation in the public. Overall, Burger King’s unique strategies clearly demonstrate the potential of creative and platform-specific strategies to deliver not only short-term effects in regards to purchase sales, but also long-term brand equity strategies within the fast-food market.
Case Study 3: Starbucks — Seasonal Campaigns and Platform Activation
Starbucks has utilised seasonal product launches for many years to create predictable yearly spikes in consumer engagement, with the Pumpkin Spice Latte (PSL) as the prototypical example. In 2024, Starbucks publicly announced the return of its Pumpkin Spice products and fall beverages, along with grocery/retail rollouts and concurrent social content designed to maximise reach (Starbucks, 2024a). Starbucks makes use of its owned channels (the Starbucks Newsroom, Starbucks Stories) and social media accounts (Instagram Reels, TikTok posts, Starbucks Rewards app push notifications) to synchronize product access and storytelling, creating an integrated seasonal cadence that combines content, commerce and loyalty mechanics (Starbucks, 2024a; Starbucks, 2024b).
Impact: - Starbucks' seasonal initiatives highlight how creative content that reflects the platform's use and an integrated loyalty program can yield both measurable business and behavioural results. Starbucks' FY-2024 reporting strongly indicates a focus on Starbucks Rewards and digital channels: in Q4 FY-2024 Starbucks reported a staggering 33.8 million Starbucks Rewards members who were active in the previous 90 days in the U.S., exemplifying the size of their digital potential audience the seasonal activations could reach (Starbucks Investors, 2024). Next, Starbucks UK has an Instagram account (@StarbucksUK) with an audience of almost 397,000 followers and averages about 1,000 likes per post. The associated TikTok channel (@Starbucks) for UK is similarly impressive, boasting 213,600 followers and 3 million likes across approximately 210 videos (HypeAuditor, 2025; Exolyt, 2025). The 2024 PSL activation called “2003 Time Capsule” accumulated 850 million paid media impressions and 7.1 million video views with 385,000 likes across TikTok and Instagram, displaying how seasonal activations can convert directly into mass engagement (SPCSHP, 2024). Each of these elements, ultimately, assist Starbucks in triggering cute seasonal hype through their app and to in-store guests, and introducing a new product into grocery stores. Seasonal social activations can increase sales when combined with other seasonal hype campaigns that generate social media engagement. Overall, seasonal campaigns can operate through the full commercial funnel for a brand, from awareness to purchase to loyalty.
Relevance: - the UK fast food and beverages sector, Starbucks’ approach is especially relevant for three reasons. First, it shows the power of ritualised marketing linking products to cultural moments (autumn, holidays) that stimulate repeat purchase and social sharing (Starbucks Stories, 2023). Second, Starbucks demonstrates how social and loyalty ecosystems can be combined: seasonal content drives app engagement and Rewards participation, which in turn facilitates measurable revenue capture (Starbucks Investors, 2024). Finally, Starbucks' cross-channel activation (Instagram, TikTok, YouTube narrative, and grocery/merchandising) becomes a blueprint for UK Food and Beverage brands hoping to drive timely sales as well as long-term brand value, among generations. Overall, Starbucks' seasonal campaigns are an illustration of how carefully crafted social content, loyalty structures, and store presence can drive perception to purchase intention and enduring customer value (Starbucks FY-2024 Annual Report, 2024; Starbucks Newsroom, 2024).
In sum, these cases show that the phenomenon of virality is not a mere accident, but rather the result of a deliberate synchronisation of the features appropriate for the platform and the target audience's culture, and the use of psychological influences. This type of virality, however, creates an issue with sustainability for the brands, as it compels them to continuously innovate in order to keep the consumers interested during the quick transition of trends in the digital world.
	Brand
	Social Media Platforms
	Engagement Metrics
	Consumer Behaviour
	Business Outcomes

	McDonald’s 
	TikTok, App Gamification
	Virality, Gamified Offers
	App Visits, Store Footfall
	Increased Sales, Awareness

	Burger King 
	TikTok Challenges
	Billions of Views
	Coupon Redemptions
	App Downloads, Sales Growth

	Starbucks 
	Instagram, TikTok, Rewards App
	High Engagement, Ritual Campaigns
	Seasonal Purchases
	Loyalty Growth, Long-term Equity
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This research adopts a positivist philosophy that assumes social phenomena can be objectively observed, measured and assessed using empirical evidence. The positivist position is appropriate as the study is attempting to identify observable social media marketing (SMM) quantified relationships between SMM and behavioural consequences for consumers (engagement, purchase intention, brand loyalty). "Positivism allows researchers to use procedures or methods to assist in the testing of theories and to discover implications that can be generalised" (Saunders, Lewis, and Thornhill 2019). Here, the aim of the study is to measure whether SMM activities lead to changes in consumer attitudes and behaviours, in any direct measurable way. The research employs a deductive strategy that moves from theorists and theorising from previous studies to testing specific hypotheses. It begins with accepted literature-based models of consumer engagement and behavioural intention, and applies this to the context of the UK fast-food sector. A deductive strategy is a logical approach because it tests a specific theoretical assumption based on data collected from a representative sample of social media users (Creswell and Creswell, 2018). Analysis of the research data in digital marketing with analytics, as well as the application of structured survey tools and questionnaires, gives an objective measure of consumer behaviour and engagement activity. In addition, a deductive approach will allow the testing of the theory related to the consumer decision-making model in a specific context of the UK fast food market (Rogers, 2023).
In contrast, an interpretivist perspective aims to understand the subjective meanings and social experiences individuals grant to social phenomena, often relying on qualitative methodologies of data collection, usually through interviews or ethnography. Interpretivism has, therefore, more depth and contextual understanding but is less appropriate for an investigation that targets measurable relationships and/or generalizable findings. Consequently, the positivist perspective is best to ensure objectivity, reliability, and replicability in this quantitative study.
The researcher will gather quantitative data through a structured questionnaire and a short questionnaire completed via Google Forms. This allows the researcher to collect standardised data from a large number of respondents quickly and with cost implications. The researcher can then analyse any possible correlations and causal relationships once the standardised data has been collected, with statistical data analysis. Overall, quantitative methods are an appropriate design for this investigation, as quantitative methods yield objective findings that are much more generalizable, reducing researcher bias and improving reliability (Queirós, Faria and Almeida, 2023).  Additionally, an online questionnaire is appropriate given the study is digital in nature; social media users, the relevant sample population, will be able to be reached easily through online. In short, implementing a positivist philosophy with a deductive and quantitative design ensures research findings focus on a measurable evidence base, thus allowing the study to assess to what extent SMM strategies influence consumer engagement, purchase intention, and brand loyalty in the UK fast-food industry.
[bookmark: _Toc216383656]Research Design 
This research uses a quantitative research design of cross-sectional type, collecting data from participants at one moment in time. This design is suitable for identifying and analysing relationships between measurable variables instead of requiring observations of subject(s) over a period. Cross-sectional designs are used quite frequently in marketing and consumer behaviour, as it gives researchers the opportunity to efficiently observe relationships between variables such as social-media marketing (SMM) exposure, consumer engagement, purchase intention, and brand loyalty etc. Ares et al. (2025).
The research design has both descriptive and explanatory features. The descriptive part describes the current state of SMM within the fast food industry in the UK, how consumers engaged in, and responded to, brands' content on social media. The explanatory aspect aims to test hypotheses regarding how SMM, in terms of frequency of exposure, type of content and perceived interactivity affect consumer engagement, purchase intention, and loyalty. By using this twofold research design, the study is able to describe existing behaviours as well as to explore possible cause-and-effect relationships between important variables (Creswell and Creswell, 2018).
To conduct the investigation, data were gathered using a structured multiple-choice (MCQ) questionnaire developed in Google Forms. The format provides data collection in a standardised and consistent manner to facilitate statistical comparison and quantitative analysis. Further, having the pre-coded answer choices available simplifies data processing and minimises the scope for respondent bias, thus enhancing reliability (Queirós, Faria and Almeida, 2023). The distribution of the questionnaire via social media such as Instagram, Facebook, and WhatsApp allowed the researcher to access those participants who are active social media users, which is highly related and relevant to the research.
This design was chosen for both theoretical and practical reasons. From a theoretical perspective, a quantitative cross sectional approach supported the positivist philosophy that is guiding the study, which assumes that consumer behaviour can objectively be measured and analysed using statistics. From a practical perspective, it enabled the researcher to capture a large amount of data over a short period of time, while also being very cost-effective. As the time was limited and because the aim of the research was to measure relationships, rather than observe behavioural change over time, data that is cross sectional provides a valid and time efficient way to fulfil the original research purpose. While cross-sectional data cannot test for longer term causal relationships, it does provide credible evidence of statistical associations between SMM practices and consumer behavioural responses. Therefore, it is an appropriate and efficient framework to explore how SMM affects engagement, purchase intention and brand loyalty among fast food consumers in the UK
[bookmark: _Toc216383657]Data collection methods
Data for this study were collected through a predetermined multiple-choice questionnaire (MCQ) using Google Forms, suitable for a quantitative research study, and it could acquire a considerable amount of data from a geographically dispersed sample. The use of closed-response questions enabled the researcher to obtain evaluable, standardised responses that could be easily quantified and analysed statistically. Wilson (2024) explains that structured online questionnaires for data collection, is seen as good practice in business and social research, especially when ensuring consistency and to minimise researchers' interpretative bias.
Digital Research Methods represents the current methods and techniques of Research using the Internet, allowing for efficient data collection by using the internet to connect to large and diverse/index able digital populations (Sloan & Quan-Haase, 2020). Structured surveys have been shown to reduce bias from researchers and improve the ability to compare responses for research purposes across a large geographic location (Taherdoost, 2021).
The online questionnaire was disseminated through social media platforms (Instagram, Facebook, and WhatsApp) to follow the theme of social media marketing (SMM) for the current study. Thus, it ensured that participants were from the target population, that is: consumers of fast food brands, who are engagement in social media and use social media to interact with brands. This method of distribution also allowed participants to access and complete the questionnaire at their own convenience, while enhancing its feasibility by reducing logistical challenges.
The questionnaire was split into three sections to allow for clear distinctions in the survey:
· Demographic Information – which included gender, age group, and social media usage patterns.
· Exposure to Social Media Marketing (SMM) – which simply measured how often respondents viewed or interacted with content related to fast food brands.
· Consumer Behavioural Variables – which measured engagement, purchase intention, and brand loyalty through MCQ items adapted from previously validated scales in other SMM studies (Hanaysha, Sharma and Momani, 2021; Zahra, 2025).
Data entry and analysis were simpler based on predetermined response options for the participants and selecting the best option from a list of options. The choice-based question format designed multiple-choice facilitated because all participants were responding to the same response options improving the dependability and comparability of the data (Queirós, Faria, and Almeida, 2023).
A pilot study was completed prior to the study data collection with 10 participants to check the clarity of the wording, and if it was easy to use the Google Form interface for data collection. Minor wording and flow changes were made to the pilot study script for improved participant understanding and accessibility. Ethical approval was received prior to collecting the data, and participants were sent consent statements, which included purpose of study, protection of data, and signing that they understood they could cease participation at any time.
Overall, through all aspects considered, the Google Form, which facilitated the multiple-choice questions, was a useful mechanism to acquire quantitative data for the study. As consistent with the positivist and quantitative nature of the research method, data collection provided a systematic and ethical process to acquire data of how SMM influences customer engagement, purchase intention, and brand loyalty in the UK fast food industry.

[bookmark: _Toc216383658]Sampling technique and sample size
The research used non-probability convenience sampling to recruit participants. This sampling method was practical, economical, and most appropriate to recruit participants who are social media users and engage with fast-food brand-related content. Convenience sampling allows the data collection process to be completed efficiently with those participants who were readily available and met the inclusion criteria of the study (Öztürk et al., 2025), especially in survey-based research conducted online. Convenience Sampling is often criticised due to being limited in scope with regard to Generalisability; however, it is still an appropriate, pragmatic, and acceptable way of conducting Digital Consumer Research for niche or Digital users within a specific area (Baltar & Brunet, 2020). In order to help reduce potential sampling bias, we have distributed the survey through many different Social Media platforms as well as to UK Based Consumer Groups (Fricker, 2022). Despite the fact that convenience sampling restricts generalisation to a broader audience. It is a legitimate research approach for exploratory studies that concentrate on finding connections and new patterns rather than extrapolating to all customers (Etikan, Musa, and Alkassim, 2016).
Inclusion criteria for participants included the following requirements:
1) Participants must be 18 years or older,
2) Participants must be resident in the UK; and
3) Participants must actively use at least one social media user (a site such as Instagram, Facebook, or TikTok)
The survey was distributed using Google Forms and circulated through selected social media platforms (e.g., Instagram, Facebook, and WhatsApp). The digital distribution method facilitated access to participants most relevant to the research a social media users who engage with fast food marketing content. Ares et al. (2025) indicated that forms of online data collection via various digital channels can provide diverse responses from consumers and provides a large-scale research application in consumer behaviour and social media research.
A total 150 to 200 valid answers were collected within four weeks. The responses were filtered for completeness and only those in which the questionnaires were filled up in full were used for the analysis. This sample was considered sufficient to perform descriptive and inferential statistical analysis, i.e., correlation and regression, appropriate for research that evaluates associations between marketing variables and consumer behaviour (Empirical Analysis, 2024). A total 91 valid responses were collected and analysed. While this figure is below the initial target range, the achieved sample size remains sufficient for the descriptive and inferential statistical analyses conducted in this study, meeting minimum thresholds for techniques such as multiple regression (Hir et al., 2019). While the sample is not representative of the overall UK population, the findings are interesting in terms of how social media marketing practices influence consumer interaction, purchase intention, and brand loyalty among the UK fast-food industry.
As with previous studies within similar contexts, convenience sampling was an effective method for reaching the desired audience. For instance, Öztürk et al. (2025) determined that social media platforms are an easy platform where online questionnaires can be posted such that researchers can easily reach specific demographic populations. Similarly, the cross-sectional survey method employed by Ares et al. (2025) demonstrated the ease of online methods in gathering authentic consumer data. Hence, convenience sampling via the internet distribution channels was warranted as theoretically and methodologically suitable for this study.
[bookmark: _Toc216383659]Questionnaire Design and Structure
Research instrument development is a central methodology component of this study wherein its design will have direct implications on the validity and reliability of any subsequent empirical findings. This chapter describes the comprehensive development process of the survey questionnaire in detail, defining its structure framework, measurement foundations, and validation process. The instrument was framed on the basis of a sequential logic model progressing from general demographic inquiries to specific behavioural indicators, a design proven to reduce cognitive load and survey fatigue (Saunders, Lewis and Thornhill, 2023). This design of architecture divided the questionnaire into four uniform sections: firstly, the first ethical procedures and informed consent, secondly, demographic and behavioural profiling, thirdly, measurement of social media marketing exposure, and finally, measurement of key endogenous constructs like consumer engagement, purchase intention, and brand loyalty.
In order to ensure the reliability and cross-study comparability, constructs were operationalised with the help of multi-item scales taken from the established literature (Hair et al., 2019). Social media marketing exposure was ranked, using a five-point Likert scale, which is very much validated for capturing both frequency and attitudes (Taherdoost, 2021). Core endogenous constructs—consumer engagement, purchase intention, and brand loyalty were evaluated through a seven-point scale to increase discriminant validity and statistical variance (Gliem & Gliem, 2003). Items were derived from validated frameworks: consumer engagement from Dessert et al. (2015), purchase intention from Dodds et al. (1991), and brand loyalty from Chaudhuri & Holbrook (2001). Neutral wording and clearly defined anchors were used to reduce the risk of common method bias (Podsakoff et al., 2023).
Before it was finalised for use in the study, the questionnaire went through a multi-stage validation process beginning with the pre-test of an initial version using a panel of academics who reviewed the items for clarity, relevance to context, and face validity (Oppenheim, 2000). This was then followed by the pre-pilot analysis, which allowed assessing internal consistency through Cronbach's Alpha of the multi-item scales, checking for any ambiguity in phrasing, and determining the average time for participants to complete the items. The pilot test yielded minor lexical amendments for the enhancement of semantic accuracy, the final instrument demonstrating excellent internal consistency with all computed Cronbach's Alpha coefficients being above the 0.80 threshold of acceptability (Tavakol and Dennick, 2011). Ethical considerations were incorporated when designing the instrument, including a compulsory consent form, rigorous measures to ensure anonymity and not collecting identifiable information about the respondent, and the ethics of data governance statement that complied with General Data Protection Regulation (GDPR) requirements. These measures enabled the research to maintain the highest ethical quality (Wilson, 2022). Therefore, the instrument adapted, validated, and ethically compliant is considered a vocable data collection tool to provide valid and reliable empirical data to investigate the questions using soundly developed methods.
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To begin with, the data gathered from the Google Forms questionnaire were uploaded to Microsoft Excel for preliminary processing, including filtering and coding. Filtering involved eliminating incomplete responses, confirming that all respondents met inclusion criteria, and creating the initial set of variables for statistical analysis. The cleaned dataset was then transferred to IBM SPSS Statistics, where descriptive and inferential analysis was completed. Descriptive statistics, namely frequencies, percentages, means and standard deviations, were used to summarise respondents' demographic characteristics and give a summary of their exposure to social media marketing (SMM), levels of consumer engagement, purchase intentions and brand loyalty (Saunders, Lewis and Thornhill, 2019).
To achieve the research aims and explore the relationships present within the variables, inferential statistical approaches were employed. Relationships among SMM activities and consumer behavioural outcomes were determined using Pearson’s correlation coefficient to measure the strength and significance, with linear regression analysis to ascertain the extent SMM predicts engagement, purchase intention and loyalty (Pallant, 2020). When allowed, independent samples t-tests and one-way analyses of variance (ANOVA) were used to assess statistically significant differences between groups specifically age categories, and gender in this study.
This analytical approach reflects the study's positivist philosophy and deductive reasoning as it enables objective testing of hypotheses and generalizable conclusions to be drawn from measurable data (Hair, Page and Brunsveld, 2020). Furthermore, SPSS enhances methodological rigour, to ensure accuracy, control for researcher bias, and allows for replication, which is critical for academic reliability and credibility at the postgraduate level. Hierarchical regression and ANOVA are advanced statistical techniques, which were used to test the hypotheses proposed in this study by utilising best practice methods of quantitative social science research. IBM's SPSS Statistics software provided rigorous methods for validating data collected through surveys and modelling them using the established analytics frameworks in studying consumer behaviour.
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The reliability, validity and ethical considerations are important to the authenticity and scholarly integrity of the present study. Reliability is defined as the degree of accuracy and stability of the outcomes generated from a research instrument (Heale and Twycross, 2021). In order to improve reliability, a pilot study was undertaken with few respondents to clarify vague or ambiguous questions within the Google Forms questionnaire. Based on what the respondents indicated, minor adjustments were made to improve clarity and ensure logical order. 
Validity was ensured in a number of ways. Content validity was established by developing questionnaire items from scales that have been previously validated in the social media marketing and consumer behaviour literature in the last two years (Alalwan, 2023; Shareef et al., 2024). Construct validity was established when each item indicated the constructs of the study, which included social media marketing (SMM), consumer engagement, purchase intention and brand loyalty. In the pilot study, face validity was established when participants indicated that the questions seemed to display what they intended to measure. There are limitations regarding validity as the study is based on self-report responses, which are prone to social desirability bias, and due to its cross-sectional study design, no claims of causality can be made (Queirós, Faria and Almeida, 2023).
Regarding ethical considerations, the study followed the ethical principles outlined for research involving human subjects. Participants were given an informed consent statement before participation that detailed the purpose of the study, that the study was voluntary, that their responses would be anonymous, and that they could withdraw at any time without penalty. No personally identifying data was collected, ensuring anonymity and compliance with the UK General Data Protection Regulation (GDPR, 2018). Data was securely stored and utilised solely for academic purposes, and the study adhered to university ethics policy and research governance standards (Saunders, Lewis and Thornhill, 2019). By taking into account reliability, validity and ethical compliance, this study provides methodological transparency, trustworthiness of findings and compliance with up-to-date academic standards in digital marketing and consumer research.
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This chapter discusses the findings of the quantitative data analysis conducted to explore the influence of social media marketing on some outcome variables such as consumer engagement, purchase intention and brand loyalty in the fast-food and beverage industry in the UK. The intention of the analysis is to make sense of the raw data collected through the online questionnaire, and present the results as findings that can be analysed statistically to address the research aims and hypotheses. 
The chapter begins with the demographic characteristics of the respondents, including their age, sex, employment status and amount spent on fast food and beverages on a monthly basis. By understanding demographic characteristics, it assists with understanding behavioural tendencies and social media engagement as they relate to consumers (Field, 2018).
Next, descriptive statistics are utilized to provide a summary of participant responses about their interaction with social media marketing initiatives and their behavioural outcomes from engagement, purchase intention and brand loyalty. The internal consistency and reliability of the measurement scales will then be explored by employing Cronbach’s Alpha to establish that survey items can be trusted to measure the construct as intended (Field, 2018).
In the following sections, the relationships between the variables under consideration will be evaluated using an application of various inferential statistical analyses. To be specific, Pearson's Correlation Analysis will determine the strength and direction of these relationships, while the Multiple Regression analysis will determine any key predictors of engagement, purchase intention, and loyalty. In the cases where possible, independent-sample t-test and one-way ANOVA will be used to determine possible differences between demographics.






[bookmark: _Toc216383664]Demographic Respondent
· Age respondent analysis
	Age

	Age
	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	18-24
	20
	22.0
	22.0
	22.0

	
	25-35
	46
	50.5
	50.5
	72.5

	
	36-46
	17
	18.7
	18.7
	91.2

	
	47-60
	8
	8.8
	8.8
	100.0

	
	Total
	91
	100.0
	100.0
	 


[bookmark: _Toc216373302]Table 2 Age group analysis
The respondents in table 2 (n=91) were predominantly aged 25-35 years (n=46, 50.5%). The second largest group of respondents was aged 18-24 years (n=20, 22.0%). The third largest group of respondents was aged 36-46 years (n=17, 18.7%). The fourth largest group of respondents was aged 47-60 years (n=8, 8.8%) The results demonstrate that there are more respondents aged 25-35 years than any other age group, which is consistent with the target audience for the research on digital food marketing (We Are Social, 2024). When generalising to a larger adult population, it is important to note that there are most likely more millennials and Gen-Z respondents in this sample than would be representative of the adult population in general.
· Gender respond analysis

[bookmark: _Toc216175818]Figure 2 Gender distribution of sample
· A visual demonstration of the sample's gender imbalance is displayed in Figure 2. The respondents revealed that 61% (n=56) were male and 39% (n=35) were female. This gender imbalance may result in bias in the analysis of gender and affect the ability to generalise the findings from this study regarding the UK population as a whole, which has a more balanced gender distribution. Therefore, any comparisons of genders should be made carefully. 
· Analysis of employment status
	Employment status

	 
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	Student
	43
	47.3
	47.3
	47.3

	
	Employed Full Time
	30
	33.0
	33.0
	80.2

	
	Employed Part Time
	9
	9.9
	9.9
	90.1

	
	Self Employed
	6
	6.6
	6.6
	96.7

	
	Unemployed
	1
	1.1
	1.1
	97.8

	
	Other
	2
	2.2
	2.2
	100.0

	
	Total
	91
	100.0
	100.0
	 


[bookmark: _Toc216373303]Table 3 Analysis of employment status
Employment status is shown in Table 3. The majority of the students represented the largest group of respondents (n = 43; 47.3%), and next to them were full-time employees (n = 30; 33.0%), part-time employees (n = 9; 9.9%), self-employed persons (n = 6; 6.6%), an unemployed person (n = 1; 1.1%), and two respondents (n = 2; 2.2%) who mentioned other occupations. The high number of students and young professionals gathered in the sample is in line with recent findings that young consumers especially those who are either in higher education or are just starting their careers are crazy about digital fast food brand engagement (Talkwalker, 2025).





· Analysis of Monthly spending respond
	spend on fast food and beverages

	 
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	Less Than £300
	73
	80.2
	80.2
	80.2

	
	£301 To £500
	10
	11.0
	11.0
	91.2

	
	£501 To £ 700
	1
	1.1
	1.1
	92.3

	
	Above £700
	1
	1.1
	1.1
	93.4

	
	Prefer Not To Say
	6
	6.6
	6.6
	100.0

	
	Total
	91
	100.0
	100.0
	 


[bookmark: _Toc216373304]Table 4 Analysis of monthly spending on fast food and beverages
The data shown in Table 4 suggests that the largest portion of surveyed participants (80% or 73 out of 91 people) spent less than £300 per month on both food and drink products from fast food retailers. This level and type of spending fits the expectation of Market make up of the UK, where the volume of overall spend for retailers is characterised as having many low priced purchases made frequently (Mintel, 2025). and supports the finding that the sample represents frequent buyers of fast food products who view this market as being comprised of low participation spending activity. Therefore, the research focus would be suitable given the demographic of the research sample, however; the sample is primarily composed of the lower spend (lower engagement/purchase) consumer demographic, therefore obtaining a full picture of the purchasing behaviours and engagement levels in premium priced products for fast food and beverage products may be limited..
[bookmark: _Toc216383665]Reliability Statistics for Marketing Influence Scale
A reliability assessment was performed to analyse the internal consistency of the Marketing Influence scale consisting of three different items to measure respondents’ perceptions of brand advertising, marketing campaigns, and promotional events. Internal consistency evaluates the extent of correlation among items within a construct and indicates the items are associated and measure the same underlying concept.
	Construct
	Cronbach’s Alpha
	Number of Items
	Interpretation

	Marketing Influence
	0.717
	3
	Acceptable



The reliability assessment revealed a Cronbach’s Alpha of 0.717 above the generally accepted threshold of 0.70 established by Nunnally and Bernstein (1994) for exploratory research. This results within an acceptable level of reliability and demonstrates adequate coherence to combine all three items into an overall composite scale. This finding supports that respondents perceived the three items in a similar way, and the three measures collectively capture the constructs of the Marketing Influence.
No items had negative or weak correlations, and no item removal would have enhanced the overall alpha coefficient, which suggested that all items meaningfully contribute to the scale. This warranted retention of all three items for later analysis, such as descriptive statistics, correlations, and regression modelling.
[bookmark: _Toc216383666]Reliability of measurement scale

	Scale/Construct
	Number Of Items
	Cronbach's Alpha
	Interpretation

	Social Media Influence (Repost, Suggest, Recommendations, Encounter, Feel, Positive)
	6

	.485
	Poor Reliability

	Brand Loyalty (Loyal, Brands, Repurchase, Foods brand)
	4
	.828
	Good Reliability

	Purchase Behaviour (Purchase, Products, Promotions)
	3
	.931
	Excellent Reliability


[bookmark: _Toc216373305]Table 5 Reliability of measurement
The multi-item constructs were analysed for internal consistency with Cronbach's alpha. The results in Table 5 indicate a range of reliability across the scales. The Brand Loyalty construct (α = .828) and the Purchase Behaviour construct (α = .931) both demonstrated strong internal consistency, above the suggested threshold of 0.70 (Nunnally & Bernstein, 1994), and hence confirmed validity for analysis. In comparison, the initial scale of Social Media Influence consisting of six items produced a Cronbach's alpha of .485.This finding signals that these items do not operationalise a unitary latent construct. The Social Media Influence scale demonstrated poor internal consistency (α = .485). Consequently, results involving this specific scale should be considered exploratory and interpreted with caution. 
[bookmark: _Toc216383667]Descriptive Statistics and Interco relations for Study Variables
	Variable
	M
	SD
	1
	2
	3
	4
	5

	Ugc_Score
	2.52
	0.86
	-
	
	
	
	

	loyalty_Score
	2.81
	1.06
	.719
	-
	
	
	

	purchase_Intent
	2.69
	1.27
	.644
	.712
	-
	
	

	influencer_Exposure
	2.81
	0.91
	.752
	.702
	.494
	-
	

	usage_Score
	0.40
	0.22
	.142
	.092
	.134
	.177
	-


[bookmark: _Toc216373306]Table 6 Descriptive Statistics
Table 6 contains the descriptive and correlational statistics for the main study variables, which are UGC Influence (M=2.52), Brand Loyalty (M=2.81), Purchase Intent (M=2.69), and Influencer Exposure (M=2.81). The average scores for all constructs indicate that respondents were supportive of the effect of social media marketing as based on a scale where the theoretical midpoint would be higher than the average score. The correlation matrix indicates a significant association between UGC influence and both brand loyalty (r=.72, p<.01) and purchase intent (r=.64, p<.01). The correlation matrix further reveals a similarly strong association between influencer exposure and the UGC influence (r=.75, p<.01), and the brand loyalty (r=.70, p<.01), however, the association between purchase intent (r=.49, p<.01) would be considered moderate. The fact that the strength of many of these correlations indicates a relationship between them, which will be further examined for either multi-collinearity or underlying relationships in the regression analyses, supports the proposed interrelationships in the literature review with some level of initial empirical data. Additionally, the results of Research Questions 1-3 substantiate the existence of a relationship between social media marketing stimuli and three key dependent variables of consumer behaviour.
[bookmark: _Toc216383668]Predictors of Purchase Intent
	Predictor
	Model 1 β
	Model 2 β

	Step 1: Demographics
	
	

	Age
	.099
	-.080

	Gender
	.047
	-.076

	Monthly Spend
	-.115
	-.104

	Step 2: Social Media Factors
	
	

	Brand Trust Posts
	
	.199

	Product Quality Perception
	
	.202

	Influencer Preference
	
	.247

	Purchase Frequency
	
	-.012

	Social Media Content Impact
	
	.104

	UGC Score
	
	.116

	Model Statistics
	
	

	R²
	.026
	.500

	Adjusted R²
	-.008
	.444

	F
	0.769
	9.001


[bookmark: _Toc216373307]Table 7 Hierarchical Regression Analysis
Hierarchical regression outputs demonstrating the findings for purchase intention (Dependent variable) are illustrated in Table 7. The demographic model (Step 1) has not produced significant results (R² = .026; F = 0.77, p = .514) thus, age, gender, and monthly expenditure do not independently have an effect on the consumer's intention to purchase. A full model of multiple SMM factors (Step 2) provided a large increase in prediction of Purchase Intent at 50% variance explained (R²= .500; F=9.00, p<.001) which was a substantial increase in explanation of Purchase Intent from Step 1 to Step 2 (ΔR² = .474, p < .001). However, there was no individually statistically significant predictor variable, which suggests high levels of Multi-collinearity amongst the SMM factors. This indicates that while SMM's collectively predict a substantial amount of variance in Purchase Intent, the unique contributions of individual predictors (UGC, influencer exposure, etc.) to Purchase Intent are difficult to identify statistically.
Linking back to RQ2: The findings demonstrate that collectively, SMM factors provide 50% of the variance explained for Purchase Intent amongst the UK adults in this study, but the specific contribution from each SMM variable are statistically entwined. 
[bookmark: _Toc216383669] Predictors of Brand Loyalty
Regression analysis was performed on Brand Loyalty predictors. In this hierarchical model, the demographic variables were not significant (R² = .099, F = 1.13, p > .05). The complete model, which included the demographic variables, included the behavioural variables and accounted for 73.0 percent of the total variance (R² = .730, F = 13.49, p < .001). The behavioural variables had unique contributions as follows:
Intent to Purchase (β = .303, p < .001)
Frequency of Purchase (β = .270, p < .05)
Research Question 3 relates to these results by showing that, in this case, both Intention to Purchase (as a measure of behavioural intention) and Frequency of Purchase (actual behaviour) are significant predictors of Brand Loyalty. In this way, the results support a cyclical model in which Digital Engagement drives the Intention to Purchase and subsequently reinforces Brand Loyalty through repeated behaviours.
[bookmark: _Toc216383670]Analysis of Group Differences: Gender
Group Statistics: Gender Differences in Key Variables
	Variable
	Male (n=56)
	Female (n=35)
	T -value
	P-value

	
	M (SD)
	M (SD)
	
	

	UGC_SCORE
	2.38 (0.76)
	2.76 (0.98)
	-2.07
	.042

	LOYALTY_SCORE
	2.78 (1.05)
	2.86 (1.09)
	-0.36
	.719

	PURCHASE_INTENT
	2.62 (1.23)
	2.80 (1.32)
	-0.66
	.510


[bookmark: _Toc216373308]Table 8 Group statistic
A statistical analysis using an independent samples t-test was conducted to provide a formalised understanding of any gender difference present within UGC Influence, shown in Table 8. UGC Influence did reveal a statistically significant gender difference (t[89] = -2.07, p = .042), with Female participants (M = 2.76, SD = 0.98) showing a significantly higher influence from UGC than Male participants (M = 2.38, SD = 0.76). The tests did not demonstrate a significant gender difference regarding Brand Loyalty or Purchase Intent.
Link to Research Questions (RQ1/RQ4): Evidence supporting Gender as a moderator for UGC effectiveness was provided through this analysis as a partial answer to Research Question 1, and will assist in answering Research Question 4 by identifying that a moderate use of gender tailored to content might enhance participant engagement.
[bookmark: _Toc216383671]Analysis of Group Differences: Age
One-Way ANOVA: Age Group Differences in Key Variable
	Variable
	18-24 (n=20)
	25-35 (n=46)
	36-46 (n=17)
	47-60 (n=8)
	F-value
	p-value

	
	M (SD)
	M (SD)
	M (SD)
	M (SD)
	
	

	Ugc_Score
	2.38 (0.84)
	2.38 (0.79)
	2.76 (1.06)
	3.22 (0.83)
	2.97
	.036

	Loyalty_Score
	2.88 (1.05)
	2.47 (0.94)
	3.31 (1.22)
	3.56 (1.05)
	4.67
	.004

	Purchase_Intent
	2.74 (1.28)
	2.25 (1.20)
	2.70 (1.39)
	3.21 (1.28)
	1.86
	.143


[bookmark: _Toc216373309]Table 9 One-Way ANOVA
A one-way Analysis of Variance (ANOVA) was conducted to examine differences between the age groups (Table 9). Significant main effects were identified on Brand Loyalty (F(3,87) = 4.67, p = .004) and Preference for Micro-influencers (F(3,87) = 5.11, p = .003). 
Post-hoc comparisons conducted using Tukey HSD show that, regarding Brand Loyalty, the 25-35 age group (M = 2.47) reported significantly lower loyalty than both the 36-46 (M = 3.31, p = .022) and 47-60 (M = 3.56, p = .028) age groups. A similar pattern was found for Micro-influencer Preference: the 25-35 indicated significantly lower preference for Micro-influencers than both the 36-46 (p = .010) and 47-60 (p = .030) age groups. 
Analysis: The results indicate that differences in loyalty between younger and older consumers will likely lead to different ways of facilitating and developing loyalty toward a brand. Older consumers exhibit greater attitudinal loyalty compared to younger consumers. This indicates that SMM strategies should take an age-based segmentation approach as described in RQ4.
[bookmark: _Toc216383672]Analysis of Social Media Platform Usage Frequencies and Gender Distribution
	Usage of social media
	Response (N)
	Percentage
	Percent of cases

	Tiktok
	36
	16.3%
	39.6%

	Instagram
	59
	26.7%
	64.8%

	Facebook
	49
	22.2%
	53.8%

	Snapchat
	28
	12.7%
	30.8%

	YouTube
	42
	19.0%
	46.2%

	Other
	7
	3.2%
	7.7%

	Total
	221
	100%
	242.9%


[bookmark: _Toc216373310]Table 10 frequencies analysis
In Table 10, a frequency analysis of multiple responses reveals how often members of this sample (N=91) use each of the following social media sites on a regular basis. Because respondents could select more than one social media site from the list provided and the total number of responses (221) reflects this fact. It is essential to take note of the "Percent of Cases" column as the only meaningful way to evaluate social media site penetration (the percentage of total respondents who said they used this social media site on a regular basis).
The most widely used social media site amongst the respondents was Instagram with 64.8% of the respondents using it on a regular basis, followed by Facebook, which was used by 53.8% of the respondents, and YouTube, which was used by 46.2%. TikTok was used regularly by 39.6% of the respondents while Snapchat's usage rate was the lowest at 30.8%. Very few respondents (7.7%) identified social media platforms other than the four listed above. The total cumulative value of the "Percent of Cases" is 242.9%, meaning that, on average, a person in this sample group uses either two or three different social media sites on a regular basis. Therefore, since this study occurs in an environment whereby respondents are regularly using several different social media site(s), it is important to develop platform-specific knowledge of how users engage with each service, rather than developing a singular or broad generalisation of social media usage.
2. The Cross-Tabulation of Social Media Sites Usage of gender

[bookmark: _Toc216175819]Figure 3 Platform usage by gender
Figure 3. Presents a comparison of the number of times different social media platforms are used by survey respondents (n=91), differentiated by gender. A diverging bar chart format is used to present the percentage of males (n=56) and females (n=35) who responded to the survey, by reporting how often they use each platform of all the social media platforms measured. Instagram was the most popular for both genders, with 77.1% of females and 57.1% of males saying they use it on a regular basis. On the opposite extreme, TikTok had one of the greatest disparities between men and women. Female TikTok users reported 54.3%, while male users reported 30.4%. In contrast, YouTube had a much greater number of men, 51.8%, compared to women, 37.1%. Facebook and Snapchat have less deviation in gender distribution from each other than other platforms; however, both platforms have demonstrated a pattern of adoption by gender across all age groups. The findings suggest that users of the platforms have strong preferences by gender. 
[bookmark: _Toc216383673]Analysis of Influence of Social Media Platforms on Fast-Food and Beverage Purchase Decisions

[bookmark: _Toc216175820]Figure 4 influence of social media platform on fast f&b brand
Through this study of the impact of social media on consumers' purchasing habits for fast food and drinks, the analysis uncovered where consumers are influenced most by their social media usage. Among the social media platforms analysed, 47 out of the 91 respondents identified Instagram as having the largest effect on their purchasing decisions. From this, it can be concluded that Instagram is perhaps the most important social media platform affecting consumer behaviour regarding fast food and drinks. The popularity of Instagram for brands promoting their products is due in part to the high level of visual imagery provided and the large number of influencers who utilise Instagram to market and promote their products. Therefore, we can say that Instagram is a key factor in the way consumers behave when making their purchase decisions in fast food and beverage products.
Facebook is the second most influential platform with just under 33 selections from respondents suggesting that Facebook's large audience and ability to target consumers may still greatly affect what consumers decide to purchase within this category. YouTube was also noted for its significant influence with approximately 28 selections from respondents. Many consumers use YouTube to watch videos and read reviews or advertisements before selecting the food products or beverages to buy.
TikTok has established itself as a growing source of influence for short form promotional content and trending food items with over twenty-four responses. Snapchat's influence is relatively less when compared to other platforms with approximately thirteen responses. In addition to TikTok and Snapchat, there were other responses on other platforms. There were approximately seventeen other response types. 
The findings show that respondents agreed that the social media platforms Instagram, Facebook and YouTube and interactive media had the greatest influence on their decisions where to purchase fast food and beverages.
[bookmark: _Toc216383674] Statistical Analysis: Most Interacted Fast-Food and Beverage Brand


Figure 4-2.10 Interact with fast food and beverages brand
The purpose of the multiple-response frequency analysis was to find out which brands people were engaging with the most on social media (fast food & beverage). There were a total of 91 selections made across all brands.
According to the analysis, McDonald's was the most frequently interacted with brand with 48 participants reporting that they had interacted with them. This indicates that McDonald's has a strong social media presence as well as high consumer visibility.
Dominos & Starbucks were also very popular brands, with 40 & 37 participants, respectively, indicating that their digital engagement strategies are working and that they appeal to younger, social media savvy consumers. KFC was slightly behind with 35 participant responses indicating moderate engagement levels. There were very few interactions recorded by respondents interacting with Costa Coffee (23) or Greggs (22), but rather a high volume of engagements for the other food brands assessed by Mayfield last year. This could suggest that both Costa Coffee and Greggs have not established significant digital presence or have a reduced consumer desire to interact with them when compared to the large-scale fast food chains.
Respondents were recorded to have engaged with the global fast-food brands significantly more often than with Costa Coffee or Greggs, specifically with McDonald’s, Domino’s, Starbucks and KFC.










[bookmark: _Toc216383675]Discussion
[bookmark: _Toc216383676]Introduction
This study examined the relationship, in quantitative terms, between social media marketing (SMM) and the adult consumer (18+) engagement, purchasing intent and loyalty with brands, within the fast-food and beverage (F&B) markets of the United Kingdom. This preceding chapter provided a detailed account of the data collected as well as established statistically significant relationships between the groups examined in the sample. Therefore, the purpose of this chapter will be to interpret the results of the present investigation and provide insight into how the results relate to the current body of knowledge, as opposed to just describing them.
This chapter brings together information from Chapter 4 and from the theoretical literature in Chapter-2. Chapter 5 is organised around the study's research questions. After presenting a summary of the main findings, an in-depth analysis of how these results relate to each of the research questions is presented. Following that, the implications of the study (both theoretical and practical) and its limitations are discussed, as well as recommendations for further research. Therefore, by fulfilling its research objectives, this chapter illustrates how the present research contributes unique insights into the field of digital marketing and consumer behaviour.
[bookmark: _Toc216383677]Summary of key finding
The analysis of the previous data has provided the following insights, which will become the basis of this discussion. This demonstrates that these two types of SMM content are powerful influencers of consumer behaviour within the UK fast-food industry.
The regression analysis for purchase intent indicated a multi-collinearity with the SMM predictors of all four predictors; thus, they can be viewed as interrelated to one another in influencing how consumers reach their purchasing decisions. The regression analysis for brand loyalty indicated a highly significant model for predicting brand loyalty (R^2 = 73%) that identified two predictors of purchase intent and self-reported frequency of purchasing to be unique and statistically significant predictors that clearly demonstrate the relationship between consumer intention, behaviour and brand loyalty. Moreover, the ANOVA test supported a further distinctive impact of age on brand loyalty specifically that older segments (36-46 and 47-60 years of age) exhibit significantly greater loyalty than that seen among young adults (25-35 years ol). According to the research, the main factors driving consumer behaviour are user-generated content (UGC) and influencer exposure, with significant differences in how different demographic groups respond to this type of exposure. The research also indicates that Instagram is the platform with the greatest influence on consumers, indicating that visual, interactive content is vital to the UK fast food industry.
[bookmark: _Toc216383678] Discussion of Findings in Relation to Research Questions
The patterns that this research unveiled were in harmony with the established theoretical perspectives on digital consumer behaviour. The strength of the influence of UGC and the influencer's exposure on the consumers' willingness to buy align with the latest view in heuristic-driven decision-making models that argue consumers increasingly rely on quick, emotional, and thus less rational judgments during their internet shopping (Salo, 2023). This case is a clear illustration of the socially embedded consumption model, which asserts every person’s buying decisions are dictated by the virtual networks they engage with and the community-approved content (Hamilton & Price, 2019). Not only that but the slightly larger portion of the young respondents' abhorrence of beautiful and socially approved content was on a par with the findings of media psychology research, which points to the fact that emotional bonding and perceived relational closeness amplify the power of persuasion in digital contexts (Masullo et al., 2024). Such theoretical mechanisms shed light on the reason why UGC and influencer signals had such a significant power of explanation in the present analysis.
Results of the current research were supported by other recent research studies conducted on how social media is used in influencing food consumer behaviour. For example, Instagram has become the most prominent platform for food images and supportive of the growing body of evidence that visual-based environments such as Instagram create more interest and emotional attachment to food and beverage products than any other factor including any other social media platforms (Breves & Liebers, 2022). Similarly, the noticed gender differences in the acceptance of UGC correspond to the study of Helm and Jones (2023) since they concluded that female consumers are more likely to consider authenticity and social validation as important factors when judging branded content online. Similar to Phua et al. (2020), influencer exposure is closely associated with increased levels of trust from customers toward their brand, as demonstrated by the data presented by the authors above. In particular, influencer exposure has demonstrated to be the most effective form of digital endorsement among youth, who claimed that perceived similarity and para-social interaction have the power to considerably increase the persuasive effect of digital endorsements. All these converging evidences together make the present results more valid and reliable in relation to the current research.
However, several findings came out that were opposed to trends coming from earlier studies and thus created the opportunity for knowledge to be enlarged. Facebook was seen as one of the most important channels used to market food during research done previously by Alalwan et al., 2017; however, there has been a decline in its perceived importance according to the data analysed in this study. This could be due to the increasing number of younger users migrating from Facebook to short-form videos sites such as TikTok for food discovery (Vaterlaus and Winter 2024) and diluting the importance of Facebook within the digital food landscape. as new investigations are reporting that the younger generation is investing more time in short-form videos on platforms like TikTok, where they get to see the content through an algorithm and immersive experiences (Vaterlaus & Winter, 2024). Additionally, the study's finding that user-generated content (UGC), has a greater influence on consumer loyalty than branded content, supports several traditional brand equity models based on the view that consumer-generated content (UGC) may carry more symbolic meaning to consumers than firms' sponsored materials (Jang et al., 2021). The modifications presented demonstrate that the current platform cultures and content formats are changing very quickly the psychological pathways of digital marketing's influence on behaviour, particularly in the very dynamic, sensory-oriented, and participator focused context of the UK fast Food and Beverage Sector. 
[bookmark: _Toc216383679]RQ1: How do User-Generated Content (UGC) and influencer collaborations affect consumer engagement (likes, shares, comments) with fast-food brands in the UK on social media?
The strong positive correlation between UGC and engagement suggests that these strategies foster deeper relational connections between brands and consumers. A strong positive relationship exists between UGC (user-generated content) and attachment to brands as shown by a correlation of r = .72 (p < 0.01). Further, there is also a strong positive correlation of r = .70 (p < 0.01) between influencer exposure and attachment to the brand. Both strategies create a bond between consumers and brands that is more than just passive engagement; they lead to the development of an underlying attitude toward the brand. These findings align with the COBRAs framework (Muntinga et al., 2011), which posits that participatory behaviours strengthen brand attachment. Our explanation of the relationship between UGC and brand loyalty, for instance, is particularly aligned with COBRAs’ focus on participation as an antecedent to brand allegiance.
The effectiveness of UGC is due to how it is viewed as authentic (Djafarova & Bowes, 2021). UGC is especially effective among female consumers (p = .042), This is consistent with Hanaysha’s (2022) and his observation that females have higher levels of perceptual trust in peer-generated content, which provides further evidence for the moderating role of gender in UGC acceptance. Influencer efficacy, in contrast, was established by the same social construct, a para-social relationship (Lou & Yuan, 2019), that creates trust and diminishes the psychological barrier to interacting with the influencer by performing actions such as "liking" and "sharing" the posts. The results of this study provide strong support for COBRA (Consumer Online Brand-Related Activities) framework (Muntinga, Moorman & Smit, 2011) which posits Participatory behaviour (Contributing and creating) develop consumer Attachment to a Brand. For example, our explanation of how UGC affects Brand Loyalty is well aligned with entry of participation into COBRAD's Antecedent for Building Brand Loyalty. Also, the 'Creating' Level of the Model is being actively implemented through UGC Campaigns while 'Contributing' is represented in Engagement Metrics (Likes, Shares) and both are confirmed by our Data to be Significant in Creating a Connection to Consumers..
[bookmark: _Toc216383680]RQ2: What role does the sentiment (positive or negative) of User-Generated Content (UGC) have on the intention to purchase fast-food products among adults (18+) in the UK?
The findings of this study are consistent with a growing body of research indicating that users' positive, sentiment-driven content plays an important role in shaping consumers' choices in the food and beverage markets. The presence of users' positive sentiment (for example, through positive reviews, recommendations, and taste testing videos) can create an environment of trust, lower perceived risks, and provide a higher degree of emotional tie to a food product (Coates et al., 2022). In comparison to brands having created the promotional materials, user-generated content tends to have less commercial and is seen to be more credible. Therefore, Positivity seems to operate as an influential social cue and it is related to higher purchase intent among this population (Flanagin et al., 2014). The strong positive correlation between the sentiment of users and fast food purchase intentions indicates that more UK consumers are relying on the peer evaluation of others' sentiment towards fast food products than in the past.
Based on existing industry research, evident consumer sentiment is a primary influencing factor in decisions around food products. As an example, TikTok is a well-known platform for promoting emotionally charged content, which allows for the rapid dissemination of positive UGC (User-Generated Content) such as food hacks, product reviews and endorsements, creating a potential for an immediate increase in sales and foot traffic (Statista, 2024; Retail Economics, 2024). Starbucks and McDonald's confirmed in their press releases that positive UGC is factor in their record levels of product trial and customer engagement driven by viral trends and UGC sentiment (Starbucks, 2024). The behavioural impact observed through our research represents the current situation in the food industry.
The importance of sentiment within user-generated content (UGC) corresponds to and extends the Food and Brands and Digital Marketing (FBCDM) Model (Folkvord et al., 2023). While the FBCDM Model identifies 'interactive challenges' and 'visual/auditory experience' as important cues, it appears that the valence of sentiment (positive/negative) is an important motivator for consumers to purchase food based on these two cues. Thus, both positive reviews and/or joyful tasting videos indicate that the reviewer had an additional emotional connection to the product being reviewed. This provides insight into how emotions are a primary driver of consumers' purchase intentions regardless of product type in the United Kingdom and refines the application of the FBCDM Model within the UK.
[bookmark: _Toc216383681]RQ3: To what extent do UGC, influencer activity, and social media marketing contribute to brand loyalty among adults in the UK fast-food market?
The results were found to show that adult consumers in the UK fast-food industry are affected significantly by both UGC (user-generated content) from fans/customers and by Influencers and large-scale marketers through their SMM (social media marketing) efforts when it comes to the level of customer loyalty they display to these brands. Brand loyalty prediction results were found to be statistically significant, with a 73% total variance of loyalty outcomes. Hence, these results show that digital engagement plays an important role as an explained framework for developing brand loyalty in this industry. It also supports the conclusion that brand loyalty arises from both customer experience and product usage, and that digital content engagement, as well as the social impact of digital marketing, influence the establishment of brand loyalty through different channels.
The data in the literature indicates that UGC was identified as the primary means of achieving this objective. As previously noted in research question one (RQ1), UGC's inherently authentic form of communication shapes social connections and builds relational trust that leads to greater brand loyalty among consumer groups. Consumers belonging to certain demographic segments tend to exhibit higher levels of susceptibility toward endorsements made through peer-generated content than others do. Supportive literature indicates that UGC indicates positive brand experience and builds relational trust between consumers and brands, which establishes a repeat behaviour loyalty. Additional evidence of strong correlation between UGC and loyalty in the current study further supports the premise that peer endorsements creates a relational asset, thereby strengthening the consumers perceived relationship with brands. UGC becomes an integral part of the consumers ongoing brand narrative in the digital environment, thereby establishing emotional, habitual loyalty towards the brand.
When social media marketing (SMM) continues to connect companies to customers, that continued interaction increases the likelihood that those customers will develop loyalty to the company's brand. By utilizing regression analysis to find that purchase intent significantly predicts loyalty, it further validates the idea that loyalty behaves cyclically. The development of loyalty through SMM provides consumers with opportunities to sample (try) products/services, leading to habitual purchasing, which ultimately results in brand loyalty. New industry reports from 2022 show that SMM has increased the frequency of branded exposures, and therefore has contributed to the development of habitual buying behaviours (Retail Economics; Statista, 2022). In addition to brand loyalty cycles, many fast-food chains, like Starbucks and McDonald's, are also using social media to create brand storytelling; influencer partnerships; and user-generated content (Starbucks).
This finding indicates that both participants aged 36-60, as well as those in other age groups, generally exhibit higher brand loyalty as they have more consistent and reliable expectations from a brand (Fatorachian, 2025). In contrast, younger consumers (aged 18-34) generally are more actively engaged with SOCIAL MEDIA CONTENT and therefore, as a result of their digital behaviour, generally exhibit lower levels of long-term brand loyalty than older consumers who have established behaviours that are more stable and representative of their age group. The way that social media marketing is created will, therefore, have an impact on consumers' perception of brand loyalty and should be tailored to meet the needs of the different age groups to create higher levels of engagement with the brand, while at the same time creating long-term brand loyalty for older consumers.
The discovery that frequency and purchase intention could be separate predictors of brand loyalty adds a new layer of nuance to traditional theories on brand loyalty. Many brands can cite loyalty as a prerequisite to behaviour in their brand loyalty model e.g., Kotler and Keller, 2016). The regression analysis presented in this study (R^2 = .730) provides evidence for an alternative cyclical-based loyalty model that is more aligned with the Digital Marketing Age. This type of cyclical model is based on digital engagement (e.g., UGC, influencer exposure) and will develop a desire to continue to buy, or repeat purchase behaviour, leading to the potential development of attitudinal loyalty through the loop of intent, behaviour. This will create a bridge between COBRAs engagement framework and behavioural outcome models, reinforcing the idea of an ongoing, dynamic cycle in brand loyalty as opposed to a linear path.
[bookmark: _Toc216383682]RQ4: What evidence-based recommendations can be constructed to help fast food marketers in the UK optimise social media for better consumer engagement and return on investment?
This analysis of the UK Fast Food Sector offers a solid reference point for companies in the sector to develop effective, practical strategies based upon quantifiable evidence. The analysis identifies three key strategic priorities for the UK Fast Food Industry: 
(1) Instagram is the most important channel for building and nurturing customer relationships leading to sales
 (2) Companies should segment their consumer base based upon age and gender to create more relevant and personalised messaging through content and influencer partnerships;
(3) Companies should actively solicit user-generated content (UGC) as a way to establish strong and trusting relationships with their consumers and foster the development of an authentic community around their brand. These three strategic priorities are developed further in practical terms, in Section 5.4.2, through a series of actionable recommendations based on the statistical analyses contained in Chapter 4.
[bookmark: _Toc216383683]Implication of the finding 
This section synthesises the study’s significant contributions, transforming empirical data into valuable lessons for both academic scholarship and marketing practice. The consequences are discussed in two different areas: theoretical development and real-world implementation.
[bookmark: _Toc216383684]Theoretical implication 
· Establishing and contextualising the FBCDM Model: 
This research demonstrated significantly strong empirical support for the Food-based branded content and Digital marketing (FBCDM) model (Folkvord et al.,2023), for the UK adult population through the use of a quantitative methodology. The strong correlation between exposure to user-generated content and influencers, and our primary outcome variables (including: a.) purchase intent; and b.) brand loyalty) provides empirical support of the FBCDM model's critical basic premise, whereby particular digital marketing cues (i.e., peer-generated content and influencer authenticity) largely affect consumer response to low involvement and high impulse products (i.e., fast food). In addition to providing quantitative support for the model for the UK adult population, the findings of this study also establish applicability of the model within the context of the UK’s unique regulatory environment (HFSS bans) and extend the application of the model beyond its original conceptualisation.
· Consumer Online Brand-Related Activities (COBRAs) Framework:
The research adds additional demographic dimensions to the COBRAs framework. COBRAs depicts three levels of engagement, which includes the levels of consumption, contribution, and creation. The differences between UGC influences in relation to the degree of consumption indicate that the pathway from passive consumption to a change in attitude will vary depending on demographic factors. The substantial difference between male and female in UGC influence on consumption, with women significantly more influenced by UGC, strongly supports this. Therefore, models that incorporate online customer engagement will require further refinement in order to provide accurate predictions about behavioural outcomes about online engagement.
· New Definitions of The Drivers of Brand Loyalty for the Digital Age:
The findings of the regression analysis indicate that Purchase Intention and actual Purchase Frequency are the two strongest unique indicators of Brand Loyalty (R² = 73%) which are inconsistent with the traditional purely attitudinal concepts of loyalty. The results suggest the need for a revised iteration of the loyalty cycle or brand loyalty model that is more consistent with how Brand Loyalty operates within the context of Consumer Behaviour via a cyclical reinforcement loop in the fast-moving consumer goods (FMCG) environment in the digital environment than by relying solely on static preferred to generate Brand Loyalty. The findings indicated that Brand Loyalty is being cultivated through the development of a cycle of digital stimulus → the intention to purchase → repeated behaviours that are then reinforced by additional digital engagement with Brand Owners. This finding also represents a merging of the theories of loyalty established previously with theories of digital engagement that have emerged recently.
The research also contributes to emerging regulatory knowledge, highlighting that SMM success does not depend solely on the ability to pay for ads; instead, UGC/IA plays a major role in determining Savor Brands' success. The rise of UGC (user-generated content) and influencer activity in fast-food marketing shows that brands are transitioning from using exposure-driven models (related to traditional media) towards interaction-driven/community-based models. Thus, it supports current scholarship that views digital food marketing as shifting from a unidirectional model to a participatory ecosystem (Zenone et al., 2023). Accordingly, it reinforces the prevailing theoretical view that SMM should be viewed as a social influence process rather than just a means of promoting a product.
The present study confirms that current theory on the UGT, COBRAs, and FBCDM theories have not changed in general, although the contextual basis for understanding the behaviour of fast food marketing in the UK has changed. Evidence from this study has indicated that social/emotional/sensory cues embedded in digital content are a primary component that shapes consumer responses to fast food marketing by adult consumers. Evidence from this study supports an extended theoretical understanding of how SMM operates through multiple layers of cognitive evaluations, affective responses, social proof, and algorithmic amplification.
[bookmark: _Toc216383685] Practical implication
Marketers and Brand Managers in the extremely competitive U.K. fast-food and beverage market can also leverage the results of this study to develop a number of actionable and evidence-based recommendations that are grounded in current research and based on proven best practices within the industry. These recommendations support a strategy built around creating segments of consumers on specific platforms and customizing the content for that platform to create the greatest opportunity for engagement, conversion and ultimately an ongoing relationship with the brand. Within that framework, the following points are the five primary takeaways for how to develop an effective strategy for leveraging Instagram as a marketing tool.
1. Establish an Instagram as the Primary Platform When Building a Strategy to Create Awareness: 
It is clear from the results of this study that the primary battleground for marketing on social media is Instagram because 64.8% of consumers reported using Instagram and Instagram is the most influential social media platform. These results are also consistent with the greater trends in the industry regarding visually oriented platforms that drive consumers in the exploration phase of practically every product, especially food. (2017). The architecture of this platform, with a core basis on high-fidelity imagery and short-form video, directly triggers hedonic and sensory visual cues at the heart of food marketing psychology (Folkvord 2019).
Recommendation​‍​‌‍​‍‌​‍​‌‍​‍‌ to Implement: Essentially, the marketing strategy should revolve around Instagram as the main channel through which customers interact and convert. Most of the budget will be allocated for this purpose, including: 
· One point of the investment will be to make products attractive through high-quality photos and videos by hiring professional photographers and videographers to show texture, colour, and freshness in the ways that catch people’s eyes.
· Using Native Platform Formats: By using Instagram Reels and Stories regularly and constantly, you can create both video and ephemeral content that is in line with the platform’s algorithm preferences and, thus, your reach is extended in an organic way. The content will be composed of quick tips (“hacks”), behind-the-scenes content, and sensory showcases.
· Utilisation of All Commerce Platforms: If you add shopping tags and links to shopping sites, you will make it easier for customers to go from being inspired to actually buying without the social commerce market in the UK, which is rapidly growing according to Retail Economics 2024, being a barrier ​‍​‌‍​‍‌​‍​‌‍​‍‌anymore.
2. Behavioural customised content and channel opportunities: Demographically distinct content use and acceptance for a platform based on gender and age are sufficient grounds for recommending the development of targeted (as opposed to overall) marketing strategies for digital marketing companies (e.g. Kotler & Keller, 2016).
Women Consumers: Create campaigns, which build community and enable co-creation between women and brands. According to research conducted by (Section 4.2.6), women's willingness to engage with UGC is significantly higher than that of men. Therefore, campaign initiatives must include solicitation and displaying of customer-generated content. These efforts will enhance the effectiveness of eWOM marketing (Electronic Word of Mouth) as the content created by peers will be considered more credible than the content produced by brands (Smith et al., 2011). Additionally, brands can launch hashtag challenges and display user-generated content prominently in order to develop and promote authentic brand stories (Djafarova & Bowes, 2020).
​‍​‌‍​‍‌​‍Male Consumers: Content for platforms such as YouTube should be optimised with a major focus on product specifications, value, and ease of use. This gives a clue as to why studies back the notion that male consumers would show a stronger response to an information- or utility-based appeal in certain situations (Meyers-Levy & Sternthal, 1991). Some examples of practical content are comprehensive product reviews, the story of the ingredient source, or an app integrated demonstration ‍​‌‍​‍‌​‍​‌‍​‍‌offer.
3. Sophisticated Influencer Partnership Segmentation: Lou and Yuan, (2019) state that influencer marketing is moving away from focusing on purely reach metrics and toward creating a strategic alignment around psychographics (demographic-based) and para-social relationships with the target market. 
For the 18-35 Cohort: Engage with TikTok and Instagram Reels creators that are familiar with these mediums. They will be able to create trend-based, sharing-friendly content. The main purpose of the collaboration is to create a social buzz and meme-like moments that increase the likelihood of an immediate purchase via the "For You Page" algorithm maximising exposure, as mentioned in the previous reference (The Short Media, 2025a). This strategy also caters to the more impulsive nature of younger generations, as noted by (Djafarova & Bowes, 2021).
For the 36-60 Cohort (Building Trust & Loyalty): This research has shown that micro- and Nano-influencers provide greater loyalty and preference due to the authenticity and relatability of their audiences. They have smaller, more engaged communities, which provide greater perceived trust and authenticity. As such, they are more likely to lead to the development of long-term relationships between brands and consumers (Hudders et al., 2021). 
4. Proactive Cultivation of a User-Generated Content (UGC) Ecosystem: UGC should be deliberate developed to be an inherent part of our brand, not simply created as an alternate source for developing content for our brand. As our audience views UGC as being more "authentic" to them and providing social proof, it also carries a higher level of influence than traditional corporate advertisements (Flanagin et al., 2014; Cheung et al., 2021).
Actionable Recommendation: Develop and implement a systematic UGC Engine. The UGC Engine consists of a method for creating unique branded hashtags, delineating direct calls-to-action, and establishing a formalized process for the legal featuring of the most effective content produced by contributors on their behalf across all of their business-centered channels. The recognition of contributors will allow them to become ambassadors for the brand, and equally important, provide a marketing channel that is resistant to future regulation by the UK on HFSS advertising (UK Government, 2024) and ensures a steady stream of compliant, organic endorsements.
5. Integration of Seamless Conversion Pathways: The correlation between direct engagement on SMMs and people wanting to purchase items is lost if there is friction in the conversion path from social media to actual purchases. This illustrates a full-funnel approach to SMM by brands such as Burger King.
Actionable Recommendation:  Remove the friction altogether by leveraging the tools provided by social media platforms (such as Instagram Shopping and TikTok Shop) to provide direct and traceable links to either delivery apps or promotional landing pages within all promotional posts. An excellent case demonstrating how an organization successfully integrates enjoyment with the world of physical activity through an Internet/technology strategy would be the “Side Missions” Campaign from McDonald’s in the UK (2025). They demonstrate how to merge the digital gaming aspect of interacting with products offered on their website (and other websites) with purchasing real-world goods from stores in a traditional format.
6.  Performance Measurement Aligned with Strategic Goals: Marketers should move away from vanity metrics to a metric-based method of measurement for determining true ROI and improving marketing strategies. This means creating an integrated dashboard for tracking
(1) Engagement-to-Intent Metrics (such as Saves and Links Clicked) that indicate a progression toward the point of purchase,
(2) Campaign-Specific Conversion Metrics (like Promo Code Redeemed) in order to have an accurate attribution of sales by campaign,
(3) Sentiment Analysis of User-generated Content (UGC) to help measure the brand health, and
(4) Segment-specific Performance Metrics to support and confirm the demographic data found in this study. 
A data-driven approach will help refine and continuously improve upon the marketing strategy over time by providing a way of linking the social activities to the business outcomes and ultimately holding marketers accountable (Pauwels et al., 2009). Future industry research should validate these strategies with larger, more diverse consumer panels.
[bookmark: _Toc216383686]Limitation and future research
Despite this study providing significant insights based on empirical data, there are limitations to the methodology that need to be considered when interpreting the results, as well as providing opportunities for future research in this area.
[bookmark: _Toc216383687]Sample Size and Representativeness
Initially, the original planned sample size that was to have been established by the researcher was between 150 – 200 respondents; however, the actual sample size that has been reported as valid fell short of that goal of at least 91 returned valid responses for analysis. There may not be enough samples (i.e., less than 91) available for descriptive statistics and correlational analyses; therefore, these findings are not representative of the general population and cannot be generalized to the total adult UK population, especially so because smaller sample sizes, as noted by Hair (et al., 2019), results in a less stable model with inadequate statistical power. Continued research is necessary before a larger sample can validate results with statistical significance. A large sample size will provide the support.
Moreover, there are important demographic differences in the sample as 72.5% of the total was composed of people aged 18 to 35, mostly students, and mostly reporting low to medium spending. This means that the sample was drawn from a generation that is basically online, thus the digital marketing channels utilized like social media marketing would be most effective since their responses to UGC and influencer marketing would be faster than those of their older counterparts. Consequently, the research results though reflecting an important aspect of the digital world educated and overall younger market, they do not necessarily mean that they can be extended to the completely adult population in the UK. Therefore, it is advisable to limit the application of these findings to the characteristics of the population sampled.  Research in the future should develop a more comprehensive sample of subjects through the utilization of a larger, stratified random sample to extend the extent to which the findings can be generalised. A national panel study will provide more comprehensive support for sub-group analyses as well as confirm differences between groups due to demographic groups (gender/age) that were demonstrated in this exploratory study.
[bookmark: _Toc216383688]Cross-Sectional Design and Causality
The research used a cross-sectional quantitative design to collect data at one time point. This method is useful for determining significant associations between variables, such as the high association between UGC and purchase intention; however, the association does not imply causation. Therefore, it is not possible to say with certainty that social media marketing caused changes in consumer behaviour since the variables may have been affected by other, unmeasured variables or the reverse causation (consumers loyal to a brand may actively search for related UGC). It is advisable to use longitudinal or experimental designs to demonstrate causality and observe changes in behaviour. As an example, a field experiment to measure sales uplift prior to and following a specific UGC campaign, or a panel study that monitors changing perception among the same sample of consumers over time and their response to regulatory changes in 2026, provides strong causal evidence of SMM's effect on consumer behaviour (Creswell and Creswell, 2018).
[bookmark: _Toc216383689]Reliance on Self-Reported Data
Self-report questionnaires used as the basis for data collection, which places the data at risk for error from common methods. The most salient of these are social desirability bias (the tendency for respondents to self-report behaviours that are more positive/ attitudes) and recall bias. Researchers could increase the reliability of future research results by using triangulated methods that combine subjective self-reports with objective behavioural assessment metrics such as actual brand page engagement rates, loyalty app usage rates, and sales data associated with specific promotional codes related to campaigns. In future research investigations, it will be beneficial for researchers to utilize a combination of different methods by conducting multiple methods of measurement. For example, utilising both survey data and observational data will eliminate self-reporting bias and give researchers a comprehensive understanding of how consumers progress through their engagement-to-purchase continuum. Examples of the forms of observational data would include recording engagement metrics of consumers (e.g., likes, shares, and comments) and tracking promo code uses related to influencer advertising campaigns (Saunders, Lewis, and Thornhill, 2019).
[bookmark: _Toc216383690]Measurement Scale Reliability
The psychometric assessment has revealed that the measurement of one of the key constructs is problematic. The 'Social Media Influence' scale consisted of six items, and the Cronbach's alpha for this scale was 0.485. Since this is below the commonly accepted threshold of 0.70 as determined by Nunnally and Bernstein in 1994, this indicates very poor internal consistency, thereby suggesting that the six items may not be measuring a single latent construct as was intended. Although this scale has been retained for exploration in this study because of its theoretical importance, any findings from this scale should be interpreted with extreme caution. Future studies could revisit how this construct is defined operationally, and it may therefore, be required to refine the scale or develop additional items or use established scales from prior studies to help ensure the reliability of the measurement.
[bookmark: _Toc216383691] The Evolving Regulatory Context
This study was developed in anticipation of the HFSS (High Fat, Salt & Sugar) advertising regulations in the UK that are to be implemented in 2026. The data will serve as a key benchmark pre-regulation and the marketplace will change dramatically after the implementation of the regulations. The study's findings also indicate that there is likely to be a greater emphasis on organic forms of marketing (e.g. User-Generated Content (UGC) and Influencer Partnerships) once the regulations are implemented. Future research needs to explore a comparison between the effectiveness of social media marketing (SMM) and consumer response to SMM both before and after the implementation of the regulations.
By explicitly acknowledging the limitations of the study, it upholds academic credibility and integrity. The restrictions identified in this study lead to a logical and comprehensive research agenda for future studies, which should include larger, more representative samples; a combination of longitudinal and experimental research designs; multiple methods of data collection; enhanced measurement instruments; and continued exploration of the evolving relationship between digital marketing practices and the flow of regulation.







[bookmark: _Toc216383692]5.7 Integrated conceptual framework of social media marketing effect

	Main Component
	Sub-elements / Variables
	Relationships / Findings

	Social Media Marketing Initiatives
	–
	Leads to different SMM content types

	SMM Content Types
	Branded Content (SMM)
	Builds Brand Narrative → increases Consumer Engagement

	
	Influencer Content
	Builds Para-social Relationship → increases Consumer Engagement

	
	User-Generated Content (UGC)
	Increases Perceived Authenticity → increases Consumer Engagement

	Platform Priority
	Instagram (64.8% usage)
	Primary platform influencing consumers

	Gender Moderation
	Female > Male
	Affects UGC → Perceived Authenticity (p = .042)

	Consumer Engagement
	Likes, Shares, Comments
	Predicts Purchase Intention (R² = 50%)

	Purchase Intention
	–
	Leads to Actual Purchase (β = .270***)

	Actual Purchase
	–
	Increases Brand Loyalty (R² = 73%)

	Age Moderation
	Age 36–60 > 25–35
	Stronger effect on Brand Loyalty (p = .004)


[bookmark: _Toc216373311]Table 11Integrated Conceptual table of Social Media Marketing effect
This conceptual framework shows how different social media marketing content types influence consumer engagement, which then drives purchase intention, actual purchase, and brand loyalty. It also highlights the moderating effects of gender and age, and identifies Instagram as the primary platform shaping consumer responses.


[bookmark: _Toc216383693]Conclusion 
In conclusion, User Generated Content (UGC) and Influencer Engagement are both significant motivators for a person's intention to purchase and be brand loyal. In addition, there are some interesting insights around demographics with this research; for instance, women generally have a greater correlation with UGC than men and as people get older they tend to be more committed to brands than they were as younger consumers.
The findings from this research also demonstrate the relevance and efficiency of the Food-Based Branded Content & Digital Media Marketing (FBCDM) framework in the UK market, even with the coming restrictions on the advertising of higher fat, sugar or salt (HFSS) products within the industry; these findings indicate that the framework remains adaptable to future changes in media. The influence of Instagram indicates that selecting a social media platform to advertise and promote a brand is not just a tactical consideration; it is also a strategic one. 
Although the cross-sectional study and sample characteristics should be interpreted carefully when drawing causal inferences and generalising the findings outside the context of this research, the findings of this research provide an important empirical benchmark that forms a bridge in the literature in relation to adults as consumers and sets a basis for future longitudinal research. Overall, this research has demonstrated that in an ever-changing digital ecosystem, SMM is transitioning from being a marginal promotional device to an important and strategically significant factor affecting consumer behaviour (CB) in the fast-food sector.
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	Phase / Task 
	start
	end
	duration
	weeks

	PHASE 1: FOUNDATION & PLANNING  
	
	

	Finalise Proposal & Gain Ethical Approval
	28-Jul
	10-Aug
	12 days
	

	Detailed Literature Review
	11-Aug
	29-Aug
	15 days
	

	Develop & Pilot Survey questions
	01-Sep
	12-Sep
	10 days
	

	PHASE 2: DATA COLLECTION 
	
	
	

	 Primary Data Collection (Survey Distribution) 
	15-Sep
	10-Oct
	20 days
	

	Secondary Data Collection
	15-Sep
	03-Oct
	15 days
	

	PHASE 3: DATA ANALYSIS & INTERPRETATION
	
	
	
	

	Data Cleaning & Preparation 
	13-Oct
	24-Oct
	10 days
	

	Statistical Analysis (SPSS)
	27-Oct
	07-Nov
	10 days
	

	PHASE 4: WRITING, REVIEW & SUBMISSION
	
	
	
	

	Draft Chapters (Findings/Analysis) 
	10-Nov
	21-Nov
	10 days
	

	Draft Chapters (Introduction & Conclusion)
	24-Nov
	28-Nov
	5 days
	

	Full Draft Consolidation & Review
	01-Dec
	05-Dec
	5 days 
	

	Final Revisions & Proofreading 
	08-Dec
	11-Dec
	4 days
	

	FINAL SUBMISSION 
	12-Dec
	12-Dec
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APPLICATION FOR ETHICAL APPROVAL

In order for research to result in benefit and minimise risk of harm, it must be conducted ethically. 

The University follows the OECD Frascati manual definition of research activity: “creative work undertaken on a systematic basis in order to increase the stock of knowledge, including knowledge of man, culture and society, and the use of this stock of knowledge to devise new applications”. As such this covers activities undertaken by members of staff, postgraduate research students, and both taught postgraduate and undergraduate students working on dissertations/projects.

The individual undertaking the research activity is known as the “principal researcher”.

This form must be completed and approved prior to undertaking any research activity. 

SECTION A: About You (Principal Researcher)
	1
	Full Name:
	Shah Harsh Ashishbhai

	2
	Student Number:
	
2421969

	3
	Email address:
	2421969@student.uwtsd.ac.uk

	4
	Programme of Study:
	Master in Business Administration

	5
	Supervisor:
	Gwyneth jones



SECTION B:  Internal and External Ethical Guidance Materials
	
	Please list the core ethical guidance documents that have been referred to during the completion of this form (including any discipline-specific codes of research ethics, location-specific dodes of research ethics, and also any specific ethical guidance relating to the proposed methodology).  Please tick to confirm that your research proposal adheres to these codes and guidelines. You may add rows to this table if needed.

	1
	UWTSD Research Ethics & Integrity Code of Practice
	☒
	2
	UWTSD Research Data Management Policy
	☒



SECTION C: Details of Research Activity
	1
	Indicative title:
	The Impact of Social Media Marketing on Consumer Behaviour in the UK Fast Food and Beverage Industry

	2
	Proposed start date:
	14 Aug 2025
	Proposed end date:
	12 Dec 2025

	
	Introduction to the Research (maximum 300 words in each section)
Ensure that you write for a Non-Specialist Audience when outlining your response to the three points below:
· Purpose of Research Activity
· Proposed Research Question
· Aims of Research Activity
· Objectives of Research Activity
Demonstrate, briefly, how Existing Research has informed the proposed activity and explain
· What the research activity will add to the body of knowledge 
· How it addresses an area of importance. 

	3
	Purpose of Research Activity

This research aims to quantitatively analyse how social media marketing strategies (e.g., influencer content, user-generated content, targeted ads) used by UK fast food and beverage brands influence the purchase intentions, engagement, and loyalty of adult consumers (18+). The purpose is to provide actionable insights for businesses to improve their ROI and customer engagement strategies.

(this box should expand as you type)

	4
	Research Question
How does social media marketing in the UK fast food industry influence consumer engagement purchase intent and brand loyalty among different demographics?



(this box should expand as you type)

	5
	Aims of Research Activity
The aim is to investigate the correlation between social media marketing activities and measurable consumer behaviours to determine the effectiveness of different digital marketing strategies.

(this box should expand as you type)

	6
	Objectives of Research Activity

1. To establish a correlation between social media engagement metrics (likes, shares, comments) and consumer purchase intention.
2. To investigate the effects of demographic variables (18+ age, gender) on campaign receptiveness
3. To evaluate the effectiveness of influencer partnerships on sales growth.
4. To understand the role of user-generated content (UGC) in fostering brand loyalty.

(this box should expand as you type)

	
	Proposed data collection methods (maximum 600 words)
Provide a brief summary of all the methods that may be used in the research activity to collect data, making it clear what specific techniques may be used. If methods other than those listed in this section are deemed appropriate later, additional ethical approval for those methods will be needed. You do not need to justify the methods here, but should instead describe how you intend to collect the data necessary for you to complete your project.

	7
	1. Online Surveys: A self-administered questionnaire will be distributed digitally to a sample of UK adults (18+) who are social media users and consumers of fast food/beverages. The survey will use Likert scales and multiple-choice questions to gather data on perceptions, engagement levels, and purchase intentions



No audio/video recordings of participants will be made.
(this box should expand as you type)



SECTION D: Scope of Research Activity
	
	Will the research activity include:
	YES
	NO

	1
	Use of a questionnaire or similar research instrument?
	☒
	☐

	2
	Use of interviews?
	☐
	☒

	3
	Use of focus groups?
	☐
	☒

	4
	Use of participant diaries? 
	☐
	☒

	5
	Use of video or audio recording?
	☐
	☒

	6
	Use of computer-generated log files?
	☐
	☒

	7
	Participant observation with their knowledge?
	☐
	☒

	8
	Participant observation without their knowledge?
	☐
	☒

	9
	Access to personal or confidential information without the participants’ specific consent?
	☐
	☒

	10
	Administration of any questions, test stimuli, presentation that may be experienced as physically, mentally or emotionally harmful / offensive?
	☐
	☒

	11
	Performance of any acts which may cause embarrassment or affect self-esteem?
	☐
	☒

	12
	Investigation of participants involved in illegal activities?
	☐
	☒

	13
	Use of procedures that involve deception?
	☐
	☒

	14
	Administration of any substance, agent or placebo?
	☐
	☒

	15
	Working with live vertebrate animals?
	☐
	☒

	16
	Procedures that may have a negative impact on the environment?
	☐
	☒

	17
	Other primary data collection methods. Please indicate the type of data collection method(s) below.
	☐
	☒

	
	Details of any other primary data collection method:



(this box should expand as you type)
	
	



If you have ticked NO to every question then the research activity is (ethically) low risk and you may skip section E and continue to section F.

If YES to any question, then no research activity should be undertaken until full ethical approval has been obtained. 

SECTION E: Intended Participants
	
	Who are the intended participants:
	
YES
	
NO

	1
	Students or staff at the University?
	☐
	☒

	2
	Adults (over the age of 18 and competent to give consent)?
	☒
	☐

	3
	Vulnerable adults?
	☐
	☒

	4
	Children and Young People under the age of 18? (Consent from Parent, Carer or Guardian will be required)
	☐
	☒

	5
	Prisoners?
	☐
	☒

	6
	Young offenders?
	☐
	☒

	7
	Those who could be considered to have a particularly dependent relationship with the investigator or a gatekeeper?
	☐
	☒

	8
	People engaged in illegal activities?
	☐
	☒

	9
	Others. Please indicate the participants below, and specifically any group who may be unable to give consent.

	☐
	☒

	
	Details of any other participant groups:

(this box should expand as you type)
	
	



	
	Participant numbers and source
Provide an estimate of the expected number of participants. How will you identify participants and how will they be recruited? 

	10
	How many participants are expected?

	
Around 200 
(this box should expand as you type)

	11
	Who will the participants be?

	

UK residents aged 18 and over, who use social media and consume fast food/beverage products.
(this box should expand as you type)

	12
	How will you identify the participants?
	
Participants will be recruited through online channels (e.g., social media groups, university forums) and snowball sampling. They will self-select based on the inclusion criteria.

(this box should expand as you type)




	
	Information for participants:
	
YES
	NO
	
N/A

	13
	Will you describe the main research procedures to participants in advance, so that they are informed about what to expect?
	☒
	☐
	☐

	14
	Will you tell participants that their participation is voluntary?
	☒
	☐
	☐

	15
	Will you obtain written consent for participation?
	☒
	☐
	☐

	16
	Will you explain to participants that refusal to participate in the research will not affect their treatment or education (if relevant)?
	☒
	☐
	☐

	17
	If the research is observational, will you ask participants for their consent to being observed?
	☐
	☐
	☒

	18
	Will you tell participants that they may withdraw from the research at any time and for any reason?
	☒
	☐
	☐

	19
	With questionnaires, will you give participants the option of omitting questions they do not want to answer?
	☒
	☐
	☐

	20
	Will you tell participants that their data will be treated with full confidentiality and that, if published, it will not be identifiable as theirs?
	☒
	☐
	☐

	21
	Will you debrief participants at the end of their participation, in a way appropriate to the type of research undertaken?
	☒
	☐
	☐

	22
	If NO to any of above questions, please give an explanation 

	
	
(this box should expand as you type)



	
	Information for participants:
	
YES
	NO
	
N/A

	24
	Will participants be paid?
	☐
	☒
	☐

	25
	Is specialist electrical or other equipment to be used with participants?
	☐
	☒
	☐

	26
	Are there any financial or other interests to the investigator or University arising from this study?
	☐
	☒
	☐

	27
	Will the research activity involve deliberately misleading participants in any way, or the partial or full concealment of the specific study aims?
	☐
	☒
	☐

	28
	If YES to any question, please provide full details 

	
	.

(this box should expand as you type)



SECTION F: Anticipated Risks

	
	
Outline any anticipated risks that may adversely affect any of the participants, the researchers and/or the University, and the steps that will be taken to address them.  

	1
	Risks to participants
For example: sector-specific health & safety, emotional distress, financial disclosure, physical harm, transfer of personal data, sensitive organisational information. If you have identified in section D that there are no participants then enter N/A and go skip to question 3.

	
	Risk to participants:
.
Potential for very minor psychological discomfort if reflecting on personal spending habits or brand preferences is somehow unsettling. The topic is low-risk.
(this box should expand as you type)
	How you will mitigate the risk to participants:

The information sheet will clearly state the topic. Participants can skip questions or withdraw at any time without penalty

(this box should expand as you type)

	2
	If research activity may include sensitive, embarrassing or upsetting topics (e.g. sexual activity, drug use) or issues likely to disclose information requiring further action (e.g. criminal activity), give details of the procedures to deal with these issues, including any support/advice (e.g. helpline numbers) to be offered to participants. Note that where applicable, consent procedures should make it clear that if something potentially or actually illegal is discovered in the course of a project, it may need to be disclosed to the proper authorities

	
	
The research does not involve sensitive, embarrassing, or illegal topics. It focuses on general consumer marketing and purchasing behaviour. No special procedures are needed.

(this box should expand as you type)

	3
	Risks to the investigator
For example: personal health & safety, physical harm, emotional distress, risk of accusation of harm/impropriety, conflict of interest

	
	Risk to the investigator:

Low. Potential risks include minor stress from project management and data collection timelines.

(this box should expand as you type)
	How you will mitigate the risk to the investigator:

Adhering to a clear project plan and timeline. Regular supervision meetings will be used for support.

(this box should expand as you type)

	4
	University/institutional risks
For example: adverse publicity, financial loss, data protection

	
	Risk to the University:
 Low. Potential risk of a data breach if survey data is not handled correctly, leading to reputational damage.

(this box should expand as you type)
	How you will mitigate the risk to the University:
Strict adherence to UWTSD data policies. All data will be anonymised, stored on password protected university systems, and not shared with third parties 


(this box should expand as you type)

	5
	Environmental risks
For example: accidental spillage of pollutants, damage to local ecosystems

	
	Risk to the environment:
This is an online survey-based study with no physical environmental impact.


(this box should expand as you type)
	How you will mitigate the risk to environment:



(this box should expand as you type)



SECTION G: Feedback, Consent and Confidentiality

If you have identified in section D that there are no participants then enter skip this section and continue to section H.

	1
	Feedback
What de-briefing and feedback will be provided to participants, how will this be done and when? 

	
	
Participants will be debriefed on the final page of the online survey, which will thank them for their time and provide a brief summary of the study's purpose. They will be given the researcher's contact email if they wish to receive a summary of the overall findings once the project is completed.
(this box should expand as you type)

	2
	Informed consent
Describe the arrangements to inform potential participants, before providing consent, of what is involved in participating. Describe the arrangements for participants to provide full consent before data collection begins. If gaining consent in this way is inappropriate, explain how consent will be obtained and recorded in accordance with prevailing data protection legislation.

	
	An online information sheet and consent form will be presented on the first page of the survey. It will outline the research purpose, procedures, confidentiality measures, and rights of the participant. Consent will be obtained via a mandatory tick-box option stating "By ticking this box and clicking 'Next', I confirm I am over 18, have read the information above, and voluntarily agree to participate in this research." Participants cannot proceed to the survey questions without providing consent.

(this box should expand as you type)

	3
	Confidentiality / Anonymity
Set out how anonymity of participants and confidentiality will be ensured in any outputs. If anonymity is not being offered, explain why this is the case. 

	
	Full anonymity will be ensured. No personally identifiable information (PII) such as names or email addresses will be collected within the survey data. IP addresses will not be recorded. Data will be aggregated for analysis, and no individual responses will be identifiable in any outputs. Participants will be assigned a unique respondent ID number for data management purposes.
(this box should expand as you type)



SECTION H: Data Protection and Storage

	
	Does the research activity involve personal data (as defined by the General Data Protection Regulation 2016 “GDPR” and the Data Protection Act 2018 “DPA”)?
	YES
	NO

	1
	“Personal data” means any information relating to an identified or identifiable natural person (‘data subject’). An identifiable natural person is one who can be identified, directly or indirectly, in particular by reference to an identifier such as a name, an identification number, location data, an online identifier or to one or more factors specific to the physical, physiological, genetic, mental, economic, cultural or social identity of that natural person. Any video or audio recordings of participants is considered to be personal data.
	☐

	☒


	
	If YES, provide a description of the data and explain why this data needs to be collected:

	2
	
 (this box should expand as you type)

	
	Does it involve special category data (as defined by the GDPR)?
	YES
	NO

	3
	“Special category data” means sensitive personal data consisting of information as to the data subjects’ –
(a) racial or ethnic origin,
(b) political opinions,
(c ) religious beliefs or other beliefs of a similar nature,
(d) membership of a trade union (within the meaning of the Trade Union and Labour Relations (Consolidation) Act 1992),
(e) physical or mental health or condition,
(f) sexual life,
(g) genetics,
(h) biometric data (as used for ID purposes),
	
☐
	
☒


	
	If YES, provide a description of the special category data and explain why this data needs to be collected:

	4
	


(this box should expand as you type)



	
	
Will data from the research activity (collected data, drafts of the thesis, or materials for publication) be stored in any of the following ways?
	YES
	NO

	5
	Manual files (i.e. in paper form)?
	☐
	☒

	6
	University computers?
	☒
	☐

	7
	Private company computers?
	☐
	☒

	8
	Home or other personal computers?
	☒
	☐

	9
	Laptop computers/ CDs/ Portable disk-drives/ memory sticks?
	☐
	☒

	10
	“Cloud” storage or websites?
	☒
	☐

	11
	Other – specify:

	☐
	☒

	12
	For all stored data, explain the measures in place to ensure the security of the data collected, data confidentiality, including details of backup procedures, password protection, encryption, anonymisation and pseudonymisation:

	
	

All electronic data will be stored on the University's OneDrive/SharePoint (Office 365), which is GDPR-compliant and password-protected. The survey data will be downloaded into an encrypted Excel/SPSS file. Data will be anonymised immediately upon collection (no names/IP addresses collected). Only the researcher and the supervisor will have access to the raw data. Data will be kept for the duration of the project and then securely deleted
(this box should expand as you type)



	
	Data Protection

	
	Will the research activity involve any of the following activities:
	YES
	NO

	13
	Electronic transfer of data in any form?
	☐
	☒

	14
	Sharing of data with others at the University outside of the immediate research team?
	☒
	☐

	15
	Sharing of data with other organisations?
	☐
	☒

	16
	Export of data outside the UK or importing of data from outside the UK?
	☐
	☒

	17
	Use of personal addresses, postcodes, faxes, emails or telephone numbers?
	☐
	☒

	18
	Publication of data that might allow identification of individuals?
	☐
	☒

	19
	If YES to any question, please provide full details, explaining how this will be conducted in accordance with the GDPR and Data Protection Act (2018) (and/or any international equivalent):

	
	
All data will be encrypted and kept in password protected cloud storage on the University Office 365 system which will not be shared. Any USB sticks used to store or transfer data will be password protected. All data transfers will be encrypted and password protected.  All participants will be given a unique identifier to ensure confidentiality and this list will be kept securely in the password protected folder. The data will be stored until the completion of the project and then deleted. In accordance with the DPA2018, participants will have the right to ask to see what data is held relating to them, and this data will be deleted immediately if the participant requests this, in which case the data will not be used in the project.
Data will only be shared with the academic supervisor for guidance and examination purposes. It will not be shared further. All sharing will be via secure university systems.
(this box should expand as you type)

	20
	List all who will have access to the data generated by the research activity:

	
	The Principal Researcher ( Shah Harsh Ashishbhai) and Supervisor (Gwyneth Jones)
(this box should expand as you type)

	21
	List who will have control of, and act as custodian(s) for, data generated by the research activity:

	
	The Principal Researcher ( Shah Harsh Ashishbhai)
(this box should expand as you type)

	22
	Give details of data storage arrangements, including security measures in place to protect the data, where data will be stored, how long for, and in what form. 

	
	All data will be encrypted and kept in password protected cloud storage on the University Office 365 system which will not be shared. Any USB sticks used to store or transfer data will be password protected, and will be reformatted at the end of the project in order to destroy the data. The data will be stored until the completion of the project and then deleted. 
 All data will be stored on password-protected, encrypted university cloud storage (UWTSD Office 365). Data will be retained until the final project mark is confirmed and then securely deleted.
(this box should expand as you type)

	22
	Confirm that you have read the UWTSD guidance on data management (see https://www.uwtsd.ac.uk/library/research-data-management/)
	☒

	23
	Confirm that you are aware that you need to keep all data until after your research has completed or the end of your funding
	☒




SECTION I: Declaration
	
	The information which I have provided is correct and complete to the best of my knowledge. I have attempted to identify any risks and issues related to the research activity and acknowledge my obligations and the rights of the participants.

In submitting this application I hereby confirm that I undertake to ensure that the above named research activity will meet the University’s Research Ethics and Integrity Code of Practice which is published on the website: https://www.uwtsd.ac.uk/research/research-ethics/ 

	1
	Signature of applicant:
	Harsh A. Shah
	Date:
15/09/2025

	2
	Director of Studies/Supervisor:
	Gwyneth jones
	Date: 15/09/2025

	3
	Signature:
	
Gwyneth Jones
	



FOR INTERNAL USE ONLY:
	
	Ethical approval given 

	1
	Signature of assessor:
	Gwyneth Jones
	Date: 15/09/2025


	2
	Name:
	Gwyneth Jones

	3
	Role:
	Supervisor





[bookmark: _Toc216383698]Appendix 3 (Cross tabulation table)
	Social Media Platform
	Male Count
	Female Count
	Total Count
	% within Social Media (M)
	% within Social Media (F)
	% within gender (M)
	% within gender (F)
	% of Total (M)
	% of Total (F)
	% of Total

	Uses tiktok
	17
	19
	36
	47.2%
	52.8%
	30.4%
	54.3%
	18.7%
	20.9%
	39.6%

	Uses Instagram
	32
	27
	59
	54.2%
	45.8%
	57.1%
	77.1%
	35.2%
	29.7%
	64.8%

	Uses Facebook
	27
	22
	49
	55.1%
	44.9%
	48.2%
	62.9%
	29.7%
	24.2%
	53.8%

	Uses Snapchat
	16
	12
	28
	57.1%
	42.9%
	28.6%
	34.3%
	17.6%
	13.2%
	30.8%

	Uses youtube
	29
	13
	42
	69.0%
	31.0%
	51.8%
	37.1%
	31.9%
	14.3%
	46.2%

	Uses Other
	6
	1
	7
	85.7%
	14.3%
	10.7%
	2.9%
	6.6%
	1.1%
	7.7%

	Total
	56 
	35
	91
	
	
	
	
	61.5%
	38.5%
	100.0%









[bookmark: _Toc216383699]Appendix 4 (Questionnaires)

Social Media Inﬂuence on Consumer Perceptions and Purchase Intent in the UK Fast Food & Beverages Sector
This survey is part of a Master’s-level research dissertation exploring how does social media engagement inﬂuences consumer perceptions, purchase intentions, and brand loyalty in the UK fast food and beverage (F&B) sector.
Screening and consent
This section ensures that you meet the eligibility criteria (18+ and consumer of fast food/beverages). Your consent is required before continuing.
1. Are you aged 18 or above?
· Yes
· No
· Maybe
2. Do you regularly eat or drink fast food or drinks from restaurants like McDonald's, Starbucks, Greggs, Domino's, KFC, or others?
· Yes
· No
· Maybe
3. Consent Statement: I attest that I am at least eighteen years old, and I willingly consent to take part in this study. I am aware that my answers will be kept private and used only for scholarly research
· I agree
Demographic section
4. Age Group
· 18-24
· 25-35
· 36-46
· 47-60
· 61+
5. Gender
· Male
· Female
· Prefer not say
· Other
6. Employment status
· Student
· Employee part-time
· Employee full time
· Self-employee
· Unemployed
· Other
7. Approximately  monthly spend on fast food and beverages
· less than £300
· £301 to £500
· £501 to £ 700
· above £700
· Prefer not to say
Social Media usage in food and beverages sector
8. Which social media platforms do you use regularly? (more than one answer)
· Tik Tok
· Instagram
· Facebook
· Snapchat
· You Tube
· other
9. How often do you encounter fast food or beverage brand content (advertisements, influencer collaborations, or user-generated posts) on these platforms?
· Never
· Occasionally
· Sometimes
· Often
· Always
Consumer perception and engagement
10. Social media content makes fast food and beverage brands feel more relevant to me.
· Strongly agree
· 
· 
· 
· Strongly disagree
11. Positive brand-related posts on social media increase my trust in fast food companies.  
· Strongly agree
· 
· 
· 
· Strongly disagree
12. Social media advertising influences my perception of product quality in the F&B sector.
· Strongly agree
· 
· 
· 
· Strongly disagree
13. Seeing user-generated food content (e.g., reviews, pictures) makes me more likely to try a brand.  
· Strongly agree
· 
· 
· 
· Strongly disagree
Influence effect 
14. I trust recommendations from influencers more than traditional advertising (TV, print, radio).  
· Strongly agree
· 
· 
· 
· Strongly disagree
15. Influencer campaigns increase my likelihood of purchasing fast food or beverage products.  
· Strongly agree
· 
· 
· 
· Strongly disagree
16. I am more loyal to a brand if influencers I follow consistently promote it.
· Strongly agree
· 
· 
· 
· Strongly disagree
17. I relate more to micro-influencers (smaller follower base) than to celebrity influencers when it comes to fast F&B brands. 
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly Agree
18. Social media promotions, such as discounts, coupons, or challenges, enhance my chances of making a purchase.
· Strongly agree
· 
· 
· 
· Strongly disagree
19. Popular social media trends, such as McDonald's Grimace Shake and Starbucks' seasonal beverages, inspire me to explore new products.
· Strongly disagree
· Disagree
· Neutral
· Agree
· Strongly agree
20. I am more likely to use a brand’s mobile app or loyalty programme if I see related promotions on social media. 
· Strongly agree
· 
· 
· 
· Strongly disagree
21. Having positive interactions with a brand's social media makes me more inclined to buy from them again.
· Strongly agree
· 
· 
· 
· Strongly disagree
22. Social media campaigns influence my enduring loyalty to fast food or beverage brands.
· Strongly agree
· 
· 
· 
· Strongly disagree
Your opinion
23. On social media, which fast food or beverage brand do you interact with the most? (More than one answer)
· McDonald’s
· Starbucks
· Domino’s Pizza
· KFC
· Costa Coffee
· Greggs 
24. Which social media site has the biggest impact on your decision to buy drinks or fast food? (more-then one answer)
· TikTok
· Instagram
· Facebook
· YouTube
· Snapchat
· Other
25. Which kind of social media content has the biggest impact on your decision to buy? 
· influencer recommendations
· Brand advertisements
· User-generated content(customer photos, reviews, or videos)
· Limited-time promotions or discount offers
· Viral challenges or trends
26. If a fast food or beverage brand is well represented on social media, how likely are you to suggest it?
· very unlikely
· Unlikely
· Neutral
· Likely
· Very likely
27. How frequently do you repost or share social media content on food and drink?
· Never
· Rarely
· Sometimes
· Often
· Very often  
Gender Distribution of sample


male	female	0.61499999999999999	0.38500000000000001	

platform usage by gender

Male % of Users 	
tik tok	instagram	facebook	snapchat	youtube	other	0.30399999999999999	0.57099999999999995	0.48199999999999998	0.28599999999999998	0.51800000000000002	0.107	 Female % of Users	
tik tok	instagram	facebook	snapchat	youtube	other	0.54300000000000004	0.77100000000000002	0.629	0.34300000000000003	0.371	2.9000000000000001E-2	



SOCIAL MEDIA SITE

TIK	INSTA	FACEB	YOUTUBE	SNAP	OTHER	24	45	33	27	12	16	


Most interacted fast f&b brand  (91 responses)

MACDONAL	STARBUCKS	DOMINOS	KFC	COSTA	GREGGS	48	37	40	35	23	22	
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