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ABSTRACT

Numerous Al categorization algorithms can be used in astrology in exciting ways. Astrology is a
branch of astronomy that predicts various facets of human nature and life.founded on the planetary
position when the person is born. This research endeavor makes use of the planet and star positions
at the moment of a person's birth. Using this information, one can predict their chances of becoming
a professor.For the study, a total of 120 records were acquired, of which half were those of
individuals who were professors by profession and the other half were not. Then, other supervised
classification methods, such as Naive Bayes, Random Forest, J48, and Zero-R algorithm, were used to

compare the accuracy of the data.
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1. INTRODUCTION

By observing and deciphering the planets, the
Sun, the Moon, and the fixed stars, astrology
define a sort of divination that involves the
prognostication of earthly and human events.
Devotees hold that knowing how the planets
and stars affect earthly affairs enables them
to predict and influence the fates of people,
groups, and nations. Throughout its history,
astrology has been frequently regarded as a
science, but today, it is widely believed to be
in direct opposition to the discoveries and
theories of contemporary Western science[1].
Astrology is a topic that piques a lot of
interest in people. It is necessary to alter how
astrology is perceived in order to identify
scientific theories and the ways in which they
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relate to astrology. To lay the scientific
groundwork for astrology, adjustments must
be made to the traditional approaches to
astrological analysis. The purpose of this study
is to determine the scientific foundation using
multiple Al categorization techniques. These
techniques are used to automatically classify
data. There are parallels between the various
classification techniques employed here and
astrology.

Using various artificial intelligence
classification techniques, which are seen as a
black box for established methods that have
effectively categorized data in a variety of
disciplines, is the initial stage in creating a
forecast. The next step is to pinpoint the
qualities that astrology uses to improve
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dynamic prediction and then update the
system's knowledge when new records are
added. The results will be produced as rules
by the classification procedures. We shall go
back in time and compare these classification-
based criteria to astrological norms.
Similarities between these principles are
created by the scientific approachof astrology.

2. LITERATURE REVIEW

Planetary influences can be seen in day and
night, the ebb and flow of the seasons, and
tidal effects. The impact of the planets and
stars on human daily life is beyond doubt.
Astrology can predict the life of a person’s
course based on the planetary placement of
the stars at the birth time. If astrology has
survived for so long, it must have some basis
in reality. There is a tonne of information on
astrology, but it has never been proven great
be scientifically viable. Although since the
15th century, extensive investigation proves
the systematic legitimacy of forecasting.

Few researchers hold the opinion that
astrology is not considereda science [2,3], But
some other says that additional research is
necessary to draw that conclusion[4].
According to some people, astrologyis divided
into two components—analytical and non-
analytical—and analytical astrology is the best
way to determine to predictions[5].
Supervised learning classification techniques
are a recently created field of artificial
intelligence[6] that excel at a variety of
classification and prediction problems. It also
works effectively with extremely hazy and
unsure data. These methods worked in
different areas, including machine
translation[9], cancer analysis and
diagnosis[8], and weather forecasting[7].
There is a paperthat provides a brief overview
of the main machine learning techniques and
their applications[10].

Using artificial intelligence approaches, very
little has been done so far to anticipate the
occurrences of human life based on planetary
placements. There has been some exploratory
research using the closest neighbor technique
and case-based reasoning in the literature
[11,12].
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3. METHODOLOGY

Data on 120 individuals were collected, of
whom 60 records belonged to professors and
60 records to professionals who were not
professors. From reputable regional sources,
information was obtained byAstro sage
databank,and emails belonging todifferent
parts of India consist the subject's name, age,
birthplace, address, occupation, and a brief
biography were all gathered[13]. Figure 1
shows the scientific approach to the
prediction profession.

Data for the study was developed and
gathered by determining the positions of the
zodiac and planets based on the particulars of
the person's birthplace, birth date, and birth
time. These records were then preserved in
tabular format for further use.Methods of
artificial intelligence categorization make use
of the following traits:

Inference Engine

An instrument for drawing logical conclusions
regarding knowledge assets is an inference
engine. The inference engine is frequently
mentioned by experts as a part of a
knowledge base. When working with many
types of information, such as to improve
business intelligence, inference engines are
helpful.

Classification Techniques

In order to make future predictions in light of
the produced hypotheses, generalized
hypotheses can be generated from a set of
facts using artificial intelligence categorization
algorithms. With these techniques, algorithms
are built using historical data and pre-defined
class labels. Algorithms are frequently built by
using the training and testing datasets that
determine their accurateness.

It can be quite hard to categorize the
optimum organization techniques for a piece
of the dataset for the reason that some
techniques are effective with some datasets
but not for others. In this work, four
categorization techniques are looked at.
Simple Naive Bayes, Random Forest, J48,
andZero R. Based on the various complexity
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levels and learning styles, the choice was
determined.

Raw data
(DOB,BP & BT)
as an Input

Inference
Engine

Pre-processing

Extraction
of Features

Dataset

Classification

Results |

> Modules

Fig.1. A Scientific Approach toThe Prediction Profession

a) Naive Bayes classifier

A probabilistic classification method is the
Naive Bayes classifier. Its foundation is the
notion of the independence of the variable.
The incorrect premise of the Naive Bayes
classifier is that the occurrence or
absenteeism of one feature has no manner on
the presence or absence of any other
features.

The best way to teach naive Bayes classifiers
is in a supervised learning environment. When
estimating parameters for Naive Bayes
models in real-world applications, the
maximum likelihood approach is typically
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used. In other words, the Naive Bayes model
can be used without any prior knowledge of
Bayesian probability or the use of Bayesian
methods.

P(A|B)=P(B|A)P(A)/P(B)...........(1)

Where A and B are events and P(B) is not
equal to 0.

b) Random Forest classifier

The random forests or random decision
forests ensemble learning strategy, which is
used for classification, regression, and other
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tasks build a lot of decision trees during the
training phase. The result of the random
forest for classification issues is the class that
the majority of the trees choose.

J48 classifier

The J48 algorithm is one of the best machine
learning Methods for categorical and
continuous data processing. For instance,
when used for this purpose, it uses more
memory and has lower classification accuracy
and quick performance for medical data.

Zero-R classifier

ZeroR, which is the most basic classification
method, disregards all predictors in favor of
the target. Only the dominant category is
forecasted by the ZeroR classifier (class).

Although ZeroR lacks prediction ability, it can
be used to provide baseline performance for
other classification methods to compare
against.

4. EXPERIMENTS AND EVALUATIONS

Raw Data: We collected the data of those
people that have a profession ofprofessor and
belong to different technical/science colleges
in different cities in terms of Date of Birth,
Birthplace, and Birth Time. Similarly, we
collected data from non-professor. Horoscope
is prepared for all with the help of astrology
software.Table 1 gives the sample of the
person’s details and Figure 2 shows the
horoscope.

Tablel. Birth Information About The Person

S.No. | Person DoB BP BT

1 P1 15-11-67 Bhopal 7:45 PM
2 P21 07-07-58 Bilaspur 5:10 AM
3 P38 14-07-64 Raipur 6:10 PM
4 P45 28-10-63 Alwar 4:40 AM
5 P54 07.06.73 Dhar 4:25 AM
6 P62 01-12-75 Jabalpur 5:45 PM
7 P79 22-03-60 Bhilwada 8:40 PM
8 P81 04-07-82 Raipur 6:30 AM
9 P90 26-02-79 Allahbad 7:25 AM
10 P110 13-09-65 Banaras 9:48 PM

Pre-process: By creating a CSV-formatted file,
the data generated during the

aforementioned process was fed into the
Weka tool. On the dataset figure 3 shows the

applying the

result of pre-processing

supervised attribute selection filter that gets
two attributes mars = /(3.5 inf)’ and class with
mean valve = 0.825 and StdDev= 0.382
andtotal instances are 120 in which 60
weights of professor and other 60 of non-
professor.
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Fig.2. Horoscope of A Person
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Fig.3.0utcomes of Pre-processing

Classification Modal: A number of classification approaches we have selected Naive Bayes from
Bayes, Random Forest, and J48 from the tree,and Zero R chosen from rules were applied using
10,14, and 18-foldcross-validation. Table2 depicts the outcomes of various strategies for successfully
and wrongly classifying data for a person's profession as a professor in terms of CCl, ICI, MAE, RMSE,

and RAE in percentage.

Table 3 indicates theTure Positive Rate, False Positive Rate, Precision, and F-Measure values for two-
class labels professor(P), and Non-Professor (NP), calculation in terms of.

Table 2. Four Classifiers Result Using 10, 14, and 18-Fold

Classifier Fold CCl ICI MAE RMSE RAE%

Naive Bayes 10 73 47 0.437 0.5191 87.50%
Naive Bayes 14 82 38 0.399 0.4872 79.93%
Naive Bayes 18 77 43 0.4233 | 0.5055 84.59%
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Random Forest | 10 96 24 0.291 0.373 58.38%

Random Forest | 14 96 24 0.277 0.367 55.51%

Random Forest | 18 95 25 0.286 0.367 57.31%

148 10 87 33 0,299 0.509 59.81%

148 14 98 22 0.211 0.4055 42.27%

148 18 94 26 0.236 0.448 47.29%

ZeroR 10 60 60 0.5 0.5 100%

ZeroR 14 56 64 0.50 0.50 100%

ZeroR 18 54 66 0.50 0.50 100% 1764

Table 3. TP, FP, Precision,and F-Measure for The Classes

Classification | Class | fold TP Rate | FP Rate precision | F-measure
Naive Bayes | P 10 0.583 0.367 0.614 0.598
NP 0.633 0.417 0.603 0.618
P 14 0.700 0.333 0.677 0.689
NP 0.667 0.300 0.690 0.678
P 18 0.633 0.350 0.644 0.639
NP 0.650 0.367 0.639 0.645
Random P 10 0.867 0.267 0.765 0.813
Forest NP 0.733 0.133 0.846 0.786
P 14 0.850 0.250 0.773 0.810
NP 0.750 0.150 0.833 0.789
P 18 0.867 0.283 0.754 0.806
NP 0.717 0.133 0.843 0.775
J48 P 10 0.833 0.383 0.685 0.752
NP 0.617 0.167 0.787 0.617
P 14 0.867 0.233 0.788 0.825
NP 0.767 0.133 0.852 0.807
P 18 0.833 0.267 0.758 0.794
NP 0.733 0.167 0.815 0.772
ZeroR P 10 1.00 1.00 .500 .667
NP 0.00 0.00 - -
P 14 0.667 0.733 0.476 0.556
NP 0.267 0.33 0.444 0.333
P 18 0.600 0.70 0.462 0.522
NP 0.300 0.400 0.429 0.353

Table 4 indicates the MCC, ROC, and PRC area value for the two-class labels professor, and non-
professor.

Table 4. MCC, ROC, and PRC Area For The Classes

Classification Class fold MCC ROC area PRC area
Naive Bayes P 10 0.217 0.621 0.555
NP 0.217 0.621 0.643
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P 14 0.367 0.694 0.644
NP 0.367 0.694 0.674
P 18 0.283 0.648 0.577
NP 0.283 0.648 0.655
Random Forest P 10 0.605 0.896 0.926
NP 0.605 0.896 0.841
P 14 0.603 0.895 0.923
NP 0.603 0.895 0.845
P 18 0.590 0.901 0.925
NP 0.590 0.901 0.850
148 P 10 0.461 0.726 0.680
NP 0.461 0.726 0.690
P 14 0.637 0.839 0.804
NP 0.637 0.839 0.824
P 18 0.570 0.789 0.729
NP 0.570 0.789 0.770
ZeroR P 10 - 0.500 0.500
NP - 0.500 0.500
P 14 -0.073 0.453 0.476
NP -0.073 0.453 0.476
P 18 -0.105 0.435 0.467
NP -0.105 0.435 0.467

In terms of true positive rate, false-positive rate, precision, and F-measure value, Table 5 shows the

average weight of the two-class labels professor and non-professor.

Table 5. Average Weight of The Two-Class

Classification Cross-validation TP Rate FP Rate Precision
folds

Naive Bayes 10 0.608 0.392 0.609
14 0.683 0.317 0.683
18 0.642 0.358 0.642

Random Forest 10 0.800 0.200 0.805
14 0.800 0.200 0.803
18 0.792 0.208 0.798

148 10 0.725 0.275 0.736
14 0.817 0.183 0.820
18 0.783 0.217 0.786

ZeroR 10 0.500 0.500 -
14 0.467 0.533 0.460
18 0.450 0.550 0.445

J48 provides the highest score of TP rate at 14-fold while zero-R gives the minimum TP rate at 18-

fold. The graphical representationsare shown in Graphl.
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Graph 1. Average weight rate of TP, FP, and Precision of four classifiers
Table 6indicates the average weight of the two-classes professor, and non-professor in terms of F-
measure, PRC, and ROC area.The graphical representation is shown in graph2.

Table 6. An Average Weight of Two -Classes Professor, and Non-Professor

Classification Cross-validation | F-Measure PRC Area ROC Area 1766
folds

Naive Bayes 10 0.598 0.599 0.621
Naive Bayes 14 0.683 0.659 0.694
Naive Bayes 18 0.642 0.616 0.6484
Random Forest 10 0.799 0.884 0.896
Random Forest 14 0.799 0.884 0.895
Random Forest 18 0.790 0.887 0.901
148 10 0.461 0.685 0.726
148 14 0.816 0.814 0.839
148 18 0.783 0.749 0.789
ZeroR 10 - 0.500 0.500
ZeroR 14 0.444 0.476 0.453
ZeroR 18 0.437 0.467 0.435
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Graph 2. Average weight rate of F-Measure, PRC and ROC Area

J48, which used 14-foldcross-validation and had the highest value of F -measure 81% while Zero-R
gives almost the same value in 14 and 18-fold and 10-fold did not show any value. Random Forest
gives the highest value 88% at 10,14 and 18-fold of cross-validation and 90% rocarea indicate by
random forest at 18-fold.
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Graph 3 shows the result of four supervised
classification techniques Naive Bayes, Random
Forest, J48, at 10,14,and 18-fold cross-

Graph 3. Classification result Graph of Profession professor

validation,and found that J48 14 -foldindicates

the highest correct classifiedscore of 98% and
zero-R 18-fold indicatesa minimum scoreof
54.0% percent, delivered better outcomes.

5. CONCLUSION AND FUTURE WORK

It was expected that the person will become a
professor using some figure of example and a
variety of training approaches. The best
outcomes were obtained using J48 with 14-
fold cross-validation, which had an accuracy
0f98% percent and 54% accuracy rating for
the Zero-R algorithm's results using 18-fold

categorization.

since there were only 102 records in the data
set, it is assumed that as the number of
instances rises, so would the results' accuracy.

Results from many classifiers are used to
investigate and pinpoint the advantages and
disadvantages of various techniques, allowing

for the development of new classifiers that

build on the strengths of existing classifiers
and hence increase prediction accuracy. For
the goal of accuracy, extra pieces of a person's
information, such as Education and financial
position of family, etc., has to be checked
when the horoscope is prepared. Several
additional variables, such as the planets'
strengths, aspect ratios, and interactions with

one another, might be included to increase
the precision of the results.

The results are not dismal, despite the fact

that they fell short of expectations. Few
strategies outperform others, thus if the
remaining strategies are strained or hybrid
approaches are invented, means the accuracy

of the classificationis enhanced. Additionally, from them.
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If someone will become a professor or not,
predictions are made. A person's fundamental
character, attitude, financial condition, and
other aspects of their life can also be inferred
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