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[bookmark: _Toc228184859]Executive Summary
This report is a strategic advisory analysis report of GlaxoSmithKline plc (GSK), a major international pharmaceutical company based in the United Kingdom. It is prepared as an internship application to RFD Global, an international advisory consultancy that deals with multinational organisations in terms of economic, regulatory and policy issues. The report discusses the potentials of the expedited development of artificial intelligence (AI) to change the way risks are managed in GSK, specifically the governance of data, the use of AI in an ethical manner, the necessity to comply with regulations in the United Kingdom and the United States, and the ability to preserve customer and patient trust.
Based on the Five Forces of Porter, Porters Diamond of National Advantage, and a PESTLE analysis, the report concludes that AI has a major strategic opportunity, as well as a major reputational and regulatory risk. Major issues involve algorithm bias in clinical AI systems, different UK and US regulatory imperatives, and board-level gaps. Three fundamental suggestions are put forward: short-term formalisation of board-level responsibility of AI governance; a medium-term initiative to implement explainability and fairness audit of all AI systems; and long-term situating AI as a source of sustainable competitive advantage by responsible innovation. These recommendations are pegged on changing regulatory expectations and consistent with the current ESG commitments and SDG 3 requirements of GSK.
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[bookmark: _Toc228184860]1. Introduction
One of the largest pharmaceutical industries in the world with more than eighty countries of operations, with its main research centre in the United Kingdom and a major commercial and regulatory presence in the United States is GlaxoSmithKline plc. GSK has now over doubled its targets within its early-stage portfolio since it made a commitment in 2017 to a genetics-first, AI-enabled research strategy and increased the share of targets with genetic validation to over 70 per cent (GSK plc, 2023). In the very same Annual Report, it is noted that that year alone, the company invested a total of £6.4 billion in research and development, and much of this was spent on AI and machine learning infrastructure (GSK plc, 2024).
AI no longer remains a fringe activity in the pharmaceutical research; it is now becoming the core process by which businesses compete. As shown by Ferreira and Carneiro (2025), AI/ML solutions are inherently transforming the process of drug discovery, starting with target identification and continuing through preclinical safety evaluation, and deep learning architectures have features that cannot be reproduced by traditional computational methods. In 2024, AI/ML-specific deals were made by the biopharma industry about sixty times (GSK plc, 2024), indicating that AI ability is rapidly turning into a competitive requirement, not a competitive advantage itself.
Nevertheless, the change brings about grave threats, which the organisation ought to address with equal diligence. The issue of bias in algorithms used in clinical AIs, lack of data regulation under divergent international regulatory frameworks, and reputational externalities of opaque decision-making during patients and commercial interactions are becoming a more central subject of pharmaceutical strategy (Pham, 2025). This report explores these questions in detail, relying on strategic frameworks and academic evidence to provide recommendations to GSK on how the company can use AI as a source of sustainable competitive advantage, as well as safeguarding patients, customers and its corporate image. The UK regulatory environment (principally the Medicines and Healthcare products Regulatory Agency (MHRA)) and the US environment under the Food and Drug Administration (FDA) are discussed as the third critical jurisdiction considering GSK has a substantial presence in the European market.

[bookmark: _Toc228184861]2. Main Findings
[bookmark: _Toc228184862]2.1 PESTLE Analysis of GSK's AI Environment
A PESTLE analysis provides a strategic overview of macro-environmental drivers that determine GSK's capacity to implement and manage AI within its operations. Belsare (2025) places PESTLE among the most widely used environmental scanning instruments in strategic management, which is useful for converting external indicators into actionable intelligence. The following table summarises the major forces specific to GSK in the case of AI. The following storyline offers further synthesis of most strategically important dimensions instead of restating table data.

Table 1: PESTLE Analysis of GSK's AI Environment (Source: Self-made)
	Factor
	Key Drivers for GSK
	AI-Related Risk or Opportunity

	Political
	MHRA oversight in the UK; FDA digital health policy in the US; post-Brexit regulatory divergence; political pressure for affordable medicines
	Divergent UK and US rules complicate deployment of AI-driven regulatory submissions; proactive engagement with both agencies is essential (Singh, Zhou and Auclair, 2025)

	Economic
	Global pharmaceutical R&D costs exceeding £2 billion per approved drug; competitive AI investment intensifying across the sector; GSK's £6.4 billion R&D budget in 2024 (GSK plc, 2024)
	AI can compress discovery timelines and reduce cost, delivering economic advantage; mismanaged AI investment risks capital loss without validated returns.

	Social
	Ageing global population; growing patient and consumer awareness of data use; public scepticism about automated clinical decisions; health equity concerns across diverse populations
	Algorithmic bias risks disproportionate harm to under-represented patient groups (Obermeyer et al., 2019); building and maintaining customer and patient trust is a critical social licence condition for AI adoption

	Technological
	AlphaFold protein modelling; generative AI for molecule design; AI/ML applied to clinical imaging and genomics; GSK's internal digital chemistry platform (GSK plc, 2024)
	AI accelerates target identification; however, black-box model architectures create explainability challenges that limit regulatory acceptance (Kant, Deepika and Roy, 2025)

	Legal
	UK GDPR and Data Protection Act 2018; US HIPAA; EU AI Act (European Parliament, 2024) classifying medical AI as high-risk; emerging AI liability law
	Non-compliance in AI training pipelines risks severe financial penalties; the EU AI Act imposes mandatory transparency, bias auditing and human oversight for pharmaceutical AI applications

	Environmental
	Net zero commitments; computational energy demands of large-scale AI training; regulatory pressure on sustainable manufacturing; SDG alignment expectations
	AI-driven supply chain optimisation can reduce waste and improve sustainability (Al-Hourani and Weraikat, 2025); however, large-scale AI training carries a significant carbon footprint that must be disclosed in ESG reporting



The most restrictive forces that are the most immediate to GSK are the legal and political ones. The MHRA changing approach towards AI as a medical device (MHRA, 2023) and the FDA action plan towards AI/ML-based software (FDA, 2021) impose parallel, but not necessarily overlapping compliance requirements. Post-Brexit divergence implies that GSK will have to meet two sets of expectations at once based on two distinct institutional cultures, and a third layer to European market operations is introduced by the EU AI Act (European Parliament, 2024). According to Floridi et al. (2018), ethical AI models need to be institutionalised, and not just proclaimed as principles, which is especially relevant when AI systems have a direct impact on patient health.
The social dimension should not be considered the sole determinant of health equity. The implementation of AI in drug-related settings not only impacts patients but also commercial stakeholders (healthcare system purchasers and institutional investors) who are increasingly imposing more stringent demands on how companies address AI-related social risks. Bouderhem (2024) suggests that AI implementation in health institutions should incorporate fairness as a structural value, and not just as a compliance requirement, which directly affects the way GSK should frame its AI strategy with its business partners and with the public, in general.
[bookmark: _Toc228184863]2.2 Porter's Diamond: GSK's National Competitive Position
The reason why GSK has managed to maintain world-class pharmaceutical innovation at a UK base is described by Porter's Diamond of National Advantage (Porter, 1979), and what AI is currently doing to either strengthen or weaken this stance. Table 2 uses this framework to present GSK's AI strategy, focusing on the governance implications that cannot be fully addressed in the table.





Table 2: Porter's Diamond Analysis — GSK plc and AI Competitive Advantage (Source: Self-made)
	Diamond Element
	Application to GSK
	AI Governance Implication

	Factor Conditions
	Deep scientific talent base; world-class university partnerships; £6.4 billion annual R&D (GSK plc, 2024); genetics-first approach creating advanced capabilities difficult to replicate
	AI/ML capabilities multiply the value of proprietary data assets, creating a durable competitive advantage; responsible governance of these assets is essential to maintaining this position (Iansiti and Lakhani, 2020)

	Demand Conditions
	Rising global incidence of complex diseases; ageing populations; growing demand for personalised medicine; increasing sophistication of healthcare buyers
	Demand for faster, more targeted therapies accelerates AI adoption; healthcare system buyers now scrutinise AI safety and fairness as procurement criteria, making customer trust central to commercial access (Topol, 2019)

	Related and Supporting Industries
	Collaborations with AI firms; broader UK life sciences cluster; academic research networks; GSK's $300 million AI partnership announced in 2025 (GSK plc, 2024)
	Cross-sector partnerships amplify innovation capacity; however, third-party AI vendor reliance increases data governance risk and creates intellectual property exposure (World Economic Forum, 2024)

	Firm Strategy, Structure and Rivalry
	Competition with Pfizer, Roche, AstraZeneca and Novartis is intensifying around AI; industry completed approximately sixty AI/ML deals in 2024 (GSK plc, 2024)
	Competitive advantage resides not in possessing AI tools but in governing them responsibly; rivals pursuing similar strategies mean differentiation depends on the quality of data and speed of regulatory navigation (Iansiti and Lakhani, 2020)



The biggest governance lesson of the diamond is that GSK's competitive power relies on its capacity to transform the excellent conditions of its factors, specifically its genetics-first data resources, into sustainable benefits that its rivals can hardly imitate. Iansiti and Lakhani (2020) believe that companies that implement algorithmic logic in their operations have structural benefits that are much harder to replicate than traditional product-based competitive strategies. Nevertheless, the associated industries factor brings about susceptibility: increasing reliance on third-party AI collaborators poses data management and intellectual property risks that, according to the World Economic Forum (2024), have become a new category of systemic risk in the world, especially in stakes-high sectors including pharmaceuticals.
[bookmark: _Toc228184864]2.3 Porter's Five Forces: Competitive Dynamics in the AI-Driven Pharmaceutical Sector
Applying Porters Five Forces (Porter, 1979) to analyze the AI-enabled competition, the competitive landscape is evolving and GSK needs to address it with strategic consideration. The level of competition in the industry amongst current drug companies has also been significantly heightened. Ren et al. (2024) warn that competitive advantage in pharmaceutical AI will be in an even greater sense of not necessarily having AI tools but rather in the quality of governance of the tools and hence governance will in itself be a competitive positioning.
New entry, which has traditionally been low in the pharmaceutical industry due to regulatory hurdles and capital needs, is being partially undermined by AI-native biotechs, which can now compress the discovery cycle without bearing the entire burden of established competitors. According to Singh, Zhou and Auclair (2025), AI is enabling smaller organisations to bypass regulatory submission procedures previously open only to well-resourced incumbents, and the traditional moat that large pharmaceutical companies have been accustomed to is becoming narrower.
Buyer power is increasing the requirements for evidence of AI safety and equity from healthcare system purchasers and national health governments. The institutional purchasers are now questioning whether pharmaceutical AI can be explained, audited, and proven to be bias-free before they adopt the AI-derived clinical insights as the foundation of their procurement decisions. The risk of substitution is increasing as AI-native drug design platforms emerge, potentially circumventing traditional discovery routes. Supplier power, especially for AI talent and specialised computational infrastructure, remains high due to the global shortage of data scientists with expertise in the pharmaceutical field.
[bookmark: _Toc228184865]2.4 AI Applications and Risk Management Implications
The application of AI at GSK spans the entire drug development cycle. During the discovery phase, machine learning algorithms are applied to genetic and functional genomic data to identify biologically validated therapeutic targets. In 2024, the company acquired Elsie Biotechnologies, and it is meant to help speed up an oligonucleotide platform based on AI-enabled predictive modelling (GSK plc, 2024). AI is applied in clinical development in patient stratification, adaptive trial design and pharmacovigilance. According to Crisafulli et al. (2024), AI-based pharmacovigilance is one of the most promising applications for detecting adverse events in real time, at scales and speeds unattainable by traditional approaches. Mourya, Jobanputra and Pai (2024) further claim that AI-based clinical trials should be followed by a strong regulatory transparency system, i.e. documentation trails that enable regulators to rebuild the foundation of AI-informed decision-making.
There is a unique risk posed by these applications. The black box of most deep learning models remains a thorn in the side. According to Kant, Deepika, and Roy (2025), one factor that impedes the acceptance of regulatory and internal quality assurance is the opacity of generative AI models. Szadeczky and Bederna (2025) believe that in high-risk AI situations, governance frameworks should embed transparency at each phase, from model development to deployment and post-market surveillance. This argument is furthered by Niazi and Mariam (2025), who observe that, despite AI significantly reducing development time and costs in pharmaceutical settings, the black-box nature remains the main hindrance to full regulatory trust.
Perhaps the most ethically questionable risk is algorithmic bias. Cross, Choma and Onofrey (2024) summarized the information on the entry points of bias in clinical AI systems and found training data composition, label quality and deployment context to be the main sources. In the case of GSK, the implication in practice is that AI systems trained on predominantly affluent, high-income country clinical data might give poor or malicious recommendations when used by patients from other demographic backgrounds. Obermeyer et al. (2019) empirically demonstrated this risk. In contrast, Nazer et al. (2023) further expanded the analysis and suggested specific mitigation measures such as construction of diverse datasets, model training with fairness, and post-deployment auditing.
The human resource aspect is worth consideration. Hofstede (2001) found that national culture has a significant influence on attitudes towards power, risk, and uncertainty, which in turn affect how employees across various GSK markets respond to AI-driven decision-making. The company has research locations in the UK, the US, Belgium, Spain, and emerging markets. The differences in individualism-collectivism scores across these locations are likely to translate into varying tendencies among local teams to adopt centralised AI governance requirements. Cultural intelligence is hence a relevant addition to technical governance when implementing AI on an organisational scale.

[bookmark: _Toc228184866]2.5 Data Governance, Ethical AI and Regulatory Compliance
Data governance lies at the convergence of legal mandate, operational risk management and ethical responsibility. In the case of GSK, the most imminent regulatory frameworks are the UK General Data Protection Regulation (UK GDPR) and the US Health Insurance Portability and Accountability Act (HIPAA). Forcier et al. (2019) discuss the GDPR as a potential health data governance model in the AI era and point out that all the principles outlined in the GDPR can be directly applied to the governance of AI, such as purpose limitation, data minimisation, and the right to meaningful explanation of automated decisions. Nevertheless, they point out that GDPR was intended to apply in a pre-AI world and has structural gaps in its application to machine learning systems that generate inferences not present in the training data.
In medical devices and clinical applications, the EU AI Act (European Parliament, 2024) categorises AI systems as high-risk, which triggers conformity assessment requirements, mandatory bias testing, and extended technical documentation and human supervision. Bouderhem (2024) believes that the Act, along with the current GDPR requirements, would establish a holistic approach to reliable AI in health. In the case of GSK, early proactive compliance puts the company in the position of a good partner to regulators as opposed to an enforcement target - a considerable commercial benefit in markets where regulatory trust is a determinant of market entry. The main regulatory mechanism in the UK is the MHRA's Software and AI as a Medical Device Change Programme (MHRA, 2023), which is relatively flexible due to its iterative, principles-based nature but introduces uncertainty about compliance that GSK must mitigate through bilateral dialogue.
Guidance on AI ethics offered by the Alan Turing Institute (2019) offers a complementary set of values based on its SUM principles: Support human autonomy, Understand individuals and communities, Make sure the public can trust the process, and ensure that AI systems are not deployed unless they are safe, which are closely related to the set of AI Principles published by GSK in the 2023 Annual Report. Mittelstadt et al. (2016) warn practitioners that the ethics of algorithms cannot be reduced to legal compliance alone; there are additional expectations in society, reflected in frameworks like the SUM values, which cannot be imposed by any single regulatory tool. Morley et al. (2020) carried out a concise mapping review of AI ethics in healthcare. They found that accountability, fairness, transparency, and privacy were the four most frequently stressed principles, and that all of them need to be operationalised through governance structures rather than policy statements per se.
Operationalisation of these principles is not a simple task. Char, Shah and Magnus (2018) posit that the ethical implementation of machine learning in clinical practice must involve institutions in governance structures alongside clinicians, data scientists, ethicists and patient representatives, rather than treating ethical review as a second compliance measure. This is supported by the World Health Organisation (2021) guidance, which highlights the importance of AI governance being multi-stakeholder, context-specific and constantly updated as technology and the regulatory environment change.
[bookmark: _Toc228184867]2.6 Customer and Patient Trust
Customer/patient confidence is not just a social consideration; it is a commercial requirement and a regulatory mandate. In both its consumer healthcare division and its pharmaceutical pipeline, GSK has the capacity to use AI at scale based on the readiness of patients, clinicians and institutional purchasers to follow the advice offered by AI. Gupta (2024) posits that the development of trust in AI-enabled healthcare is built, step by step, on transparency, explainability, and accountability rather than on the technology's performance. The lack of an interpretable trail of decisions that can be traced would undermine the trust that forms the basis of commercial relationships and regulatory acceptance where AI systems provide recommendations impacting clinical care or product access.
The social aspect of the PESTLE analysis recognises public scepticism of automated decision-making as a major external pressure. Scepticism is especially high in the United Kingdom, where NHS patients have long been sensitised to the perceived commercialisation of their health data. Regulatory frameworks, such as HIPAA and the FDA's AI/ML action plan (FDA, 2021), establish formal mechanisms to ensure patient data rights, yet these regulations are a floor, not a ceiling. In their overview of drug repurposing and evidence generation, Pushpakom et al. (2018) highlight that patient and clinical community trust in data-driven research is based on the quality and transparency of the evidence base. This concept directly applies to AI-generated insights. Batool, Zowghi, and Bano (2025) go further to say that ethical AI governance, such as authentic stakeholder involvement, transforms compliance with regulations into authentic trust. In the case of GSK, this entails that customer and patient trust should not be a reputational advantage to be assumed, but rather a governance outcome to actively manage.
[bookmark: _Toc228184868]2.7 Corporate Governance, CSR and Strategic Positioning
It cannot be imagined that effective AI governance can occur without general corporate governance. The establishment of GSK's cross-functional AI Governance Council in 2023 (GSK plc, 2023) was a significant institutional action. Still, governance councils without direct relationship with the board may turn into advisory bodies with limited enforcement powers. Batool, Zowghi and Bano (2025) suggest that AI's decision-making regarding patient safety, data use, and regulatory compliance should be given the same fiduciary weight as financial and reputational risks, with clear accountability at the board level.
GSK has good CSR commitments in writing. The 2024 ESG Performance Report describes the commitments in the light of the Sustainable Development Goals, the most direct of which are SDG 3 (Good Health and Well-Being), SDG 10 (Reduced Inequalities) and SDG 17 (Partnerships for the Goals). In an analysis of how multinational pharmaceutical companies frame global health responsibility, Droppert and Bennett (2015) found that CSR in pharma is most plausible when governance systems are actually implemented rather than merely enacted in performance. Nica, Chirita and Georgescu (2025) show that the Triple Bottom Line model is becoming a popular tool for comparing corporate AI strategies with economic, social, and environmental standards. Chams and García-Blandón (2019) make a direct connection between sustainable human resource management and SDG adoption, holding that the capacity to workforce in the field of data literacy and ethical reasoning is a precondition of responsible AI at scale, which is especially true in the case of a global organisation that employs staff in markets with significantly different cultural attitudes to AI (Hofstede, 2001).

[bookmark: _Toc228184869]3. Implementation Plan
The plan below is outlined in three time horizons. It is intended to be realistic, evidence-based and future oriented, placing GSK ahead of regulatory events and not just responding to them. Cost estimates are approximate and based on industry benchmarks.
[bookmark: _Toc228184870]3.1 Short-Term Priorities (0–12 Months)

1. Reorganise the AI Governance Council (formed in 2023) to have a direct reporting line to the Board Risk Committee, and a Non-Executive Director assigned responsibility to oversee AI. This concurs with Batool, Zowghi and Bano (2025), who show that governance councils that lack board-level enforcement powers tend to be advisory rather than operational. Estimated cost: about £1.5 million on structural change and increased reporting infrastructure.
2. Audit of all AI systems in use today in clinical research and patient stratification by commissioning independent auditors. Based on the approach developed by Nazer et al. (2023), training data composition, model performance across demographic subgroups, and documentation sufficiency for submitting reports to the regulator should be evaluated through audits. Budget: around 2-3 million using a certified external supplier in half a year.
3. Create a cross-functional AI Ethics Review procedure that all clinical researchers, data scientists, regulatory affairs specialists and a patient advisory representative must sign off on before an AI model is applied to a clinical or commercial decision situation. It is this type of multi-disciplinary governance that Char, Shah and Magnus (2018) find to be the basis of responsible machine learning in healthcare.
4. Launch a regulatory mapping exercise of UK MHRA, US FDA and EU AI Act requirements, to determine compliance overlap and differences. This will create a two-year compliance roadmap and give GSK a compelling, proactive story to present to all three regulatory bodies, directly supporting the goal of sustaining customer and institutional trust.
[bookmark: _Toc228184871]3.2 Medium-Term Priorities (1–3 Years)

1. Establish and integrate an Explainable AI requirement into the clinical and discovery AI systems at GSK. According to the FDA (2021), the road to regulatory approval of AI-generated submissions largely depends on whether companies can justify model results in a manner that clinical and regulatory reviewers can assess. Estimated investment: £8-12 million in terms of software licences, special staff and training programmes.
2. Establish a specialised AI Ethics and Data Governance Centre of Excellence with regulatory science, clinical ethics, data engineering and cross-cultural management experts. Such a team will draw up guidelines within the organisation, consult on new AI applications, coordinate with external regulators and keep governance practices up to date with the changing nature of regulatory regimes.
3. Introduce compulsory AI literacy education in all research, commercial and regulatory functions, localised to each culture instead of being applied centrally at the UK headquarters. A combination of Hofstede (2001) and Chams and Garcia-Blandon (2019) implies that the governance structure can be effective only when employees across various cultural environments are aware of the technical and ethical aspects of AI.
4. Proactively participate with the MHRA Software and AI as a Medical Device Change Programme (MHRA, 2023) and the FDA AI/ML regulatory forum, ensuring GSK is a positive force to influence the frameworks that will regulate pharmaceutical AI in the next decade. This investment in developing relationships will pay off when GSK applies to regulators for AI-assisted drugs.

[bookmark: _Toc228184872]3.3 Long-Term Strategic Priorities (3–5 Years)

1. Establish AI as a regulated, auditable and externally trusted capability under the competitive portfolio of GSK. The ultimate objective is a reputation for good governance that serves as a commercial differentiator, especially among healthcare system purchasers, regulatory partners, and ESG investors. Nica, Chirita, and Georgescu (2025) and the World Economic Forum (2024) both recognise responsible AI governance as an ever-growing ESG disclosure expectation that will only escalate as mandatory disclosure standards are established.
2. Design an independent AI drug discovery system that integrates generative molecule design, predictive toxicology and adaptive clinical trial control in a fully documented and regulatorily approved workflow. Singh, Zhou and Auclair (2025) believe that the new frontier in pharmaceutical competition is end-to-end AI-enabled therapeutic development; the first firm to do so with regulatory confidence will reap immense first-mover benefits. Estimated capital expenditure: 25-40 million, which is part of the current R&D budgetary allocation of GSK.
3. Create a closed-loop AI-based pharmacovigilance system that can track real-world outcomes of all approved products almost in real-time. This would combine post-market surveillance data, consented electronic health records and published adverse event literature, thus providing faster and more precise detection of safety signals than is possible with conventional methods. This enhances patient safety and the evidence base of AI-enabled regulatory submissions.
4. 12.	Publish a yearly AI Transparency Report as a component of the ESG Performance Report, capturing governance efforts, bias audit results, regulatory interaction and employee AI expertise building. The disclosure practice will put GSK on par with the requirements of the EU AI Act, institutional investors and healthcare systems procurement, and solidify both commercial and patient trust on a systemic scale.

[bookmark: _Toc228184873]4. Conclusion
As shown in this report, artificial intelligence is both the largest strategic opportunity and one of the most impactful risk vectors that GSK will face over the next decade. The PESTLE analysis indicates a foreign environment in which legal and political forces are escalating rapidly, particularly amid divergent expectations from the MHRA and FDA and the expanding scope of the EU AI Act. Porter's Five Forces confirms that GSK has a truly strong national and sectoral AI-enabled pharmaceutical innovation. Yet, this strength is shaky without solid data governance, workforce building and regulatory trust. According to Porter's Five Forces, competitive rivalry is the most immediate, and well-resourced competitors, as well as up-and-coming AI-native biotechs, are simultaneously accelerating their capabilities.
This report has provided recommendations based on the assumption that responsible AI governance is a condition for, not a limitation of, competitiveness. Any company that implements AI irresponsibly in pharmaceutical and clinical settings is subject to regulatory criticism, patient and commercial losses that greatly exceed the costs they incur in regulating AI at the outset. The short-, medium-, and long-term implementation plan suggested here is aligned with GSK's current capabilities and aims to turn the company into a leader in pharmaceutical AI governance. Customer and patient trust is not on the fringes of this strategy; it is the cornerstone on which regulatory acceptance, commercial relationships, and long-term competitive advantage are built. Good AI, according to Floridi et al. (2018), is ultimately AI that facilitates human flourishing, in the context of a pharmaceutical company, that is AI that enhances patient outcomes, decreases health disparities and does so in a way that is transparent, accountable and respectful of the trust that patients and commercial partners place in the organisation.
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