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Attack::Enter()
{
Attack = true;
Enemy = true;
Damage val = 100
EnemyDead = false;
EnemyRetreat = false;
Attack();
}


Attack::Execute()
}


While( Attack = true)
{
	Attackenemy();
	Damage val --;
	If (EnemyDead = true)
	{
	Enemy = false
	Break;
	}
If (EnemyRetreat= true)
	{
	Enemy = false
	Break;
	}
	If ( Damage value == 20)
	{
	Retreat();
	Break;
	}
}


Attack::Exit()
{
If (Enemy = false)
	{
	Patrolling();
	}
If (Damage al == 0)
	{
	Death();
	}
}
Q1b

Q3a
The main difference between regression and classification is that in regression the output variable is numerical or continuous. While in classification the output variable is categorical or discrete. Both of these are supervised examples of machine learning. This is because they use labelled data to compare answers given by the user so that they can learn. 
Q3b
0.418 + 0.163 * 0.6 = 0.5158
Answer is 0.5158
Q3c
BEGIN
   Randomly generatate a population of M structures:-
   s(0) = {s(1,0),…s(M,0)}.
   /* s(M,0) refers to a structure M of generation 0 */
   t=0  /* t is the current generation */
   REPEAT
      Total fitness =0
      FOR i = 1 TO M DO 
        /* i is the current structure in the population */
        /* Compute and save measure of utility of string.Function */
        /* v(s(.,.)) returns the fitness (utility) of string s(.,.)*/ 
        fitness(i,t) = v(s(i,t))
 
        /* Calculate total fitness here */
  TotalFitness = TotalFitness + fitness(i,t)
ENDFOR
 
FOR i=1 TO M DO
   /*compute the selection probability for string s(.,.) */
   p(i,t) = fitness(i,t)/TotalFitness
ENDFOR
Generate new population based on those with highest selection probability, p(i,t).
Apply genetic operators (crossovers/mutations/inversions) to selected genotypes
Substitute children in population
t=t+1 /* ready for next generation*/
   UNTIL (t>predefined upper limit)
END
Overall, the fitness functions main purpose is to select the fittest candidate out of the population. The fitness function gets the current population of the structure. It goes through each of the population and saves their genotype string. Using this it them calculates each individual’s fitness based of their utility string. It then computes the probability of selection based on these strings. Finally, it selects the fittest candidates based on the probability and their utility string. 
Q3d
Parent 1: 10111 0101110 101011
Parent 2: 01101 0111000 011110
Child 1: 10101 0111110 101011
Child 2: 01111 0101000 011110
Q4a
The purpose of synaptic weights is to give greater importance to particular inputs. For example, if x1 is a highly desirable characteristic in our input data then we can weight it to give it more importance.
Q4b
0.9*0.4 + 0.3 = 0.66
0.8*-0.2 + 0.3 = 0.14
-0.12*0.12 + 0.3 = 0.2856
uK = 1.0856
ReLu output:

[image: ]


Sigmoid output:
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Q4c
A dying or dead ReLu will always output the same value such as 0 for any input. This can happen by the neuron learning a large negative bias term for its weights. A solution to this problem is to implement a leaky ReLu which has a small positive input for negative gradients. 
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