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	[bookmark: _Toc8250937]Abstract
Purpose: Despite the increasing application of information technology in various industries  including in healthcare as well as huge empirical studies conducted to assess the factors affecting its adoption to implementation across industries, there have actually been low implementation in developing countries  and Nigeria in particular. While this is not an empirical study to fill this void, this review of extant literatures would nevertheless help in deciding future research direction(s) in healthcare domain. 
Methodology: This is a systematic review of extant literature on the factors affecting the adoption of digital health solutions in developing countries. While there are lots of potential source that can be used, journal articles from several databases in the last ten years were used. These are Proquest, ABI Inform, Science Direct and a sprinkle of Google Scholar. Articles from reputable journals that were graded were given more preference.
Findings: From a systematic review of current literature, there seems to be paucity of research on the adoption of digital health solutions in Nigeria. Where there are few researches, these research works tend to use the frameworks previously used in developed countries without recourse for the intricacies in developing countries.
Originality: While this systematic review does not have to be entirely new in all contexts, it is in this regard after reviewing all the leading literatures on the topic above from the aforementioned databases. To put it succinctly, no previous research work has been done on the same context: methodology, country and industry or sector.
Importance/ Value: The importance – both in literature and industry application - cannot be over-emphasized. With the sad health statistics in Nigeria in which the World Health Organization (2015) ranked 187 out of 192 member countries, doing something radically different to bring about the affordability, availability and accessibility is the way forward. The wide-scale adoption of digital health solutions will see to this and this write-up provide a needed pointer to reviewing the important factors affecting e-health.








[bookmark: _Toc8250938]1.0 Introduction
[bookmark: _Toc8250939]1.1 Overview
The healthcare industry is one of the largest and most important sectors in the world . The sector has many industries whose importance and value are enormous to human development (Kim et al., 2015; Sailunaz et al., 2016; Venkatesh et al., 2012). Deloitte (2019), for instance, estimated that the health technology industry will reach USD $280.25 billion by 2021. Deloitte (2019) also projected that the annual global health spending would increase at an annual rate of 5.4% from 2017 to 2019 which represent figures from USD $7.724 trillion to USD $10.059 trillion. These huge amounts highlight the importance of healthcare as well as the need to reduce costs and increase efficiency. Healthcare, however, faces great challenges. These include the increasing operating cost of healthcare dissemination (Abdekhoda et al., 2015; Adebayo & Ofoegbu, 2014; Hossain et al., 2019), high level of medical error , ageing population (Venkatesh et al., 2012; Yaya et al., 2017) and shortage of medical personnel (Bleich & Slack, 2010; World Health Organisation, 2016) especially in developing countries like Nigeria among others. One of the ways that have been universally acknowledged by researchers and practitioners alike to improve the quality, effectiveness and efficiency of healthcare delivery is the adoption of electronic health (e-health) (Abdekhoda et al., 2015; Adebayo & Ofoegbu, 2014; Bleich & Slack, 2010; Hossain et al., 2019). Understanding the factors affecting the adoption of e-health will assists practitioners to have a better understanding in knowing how best to implement the e-health solution for a large-scale adoption which will see to the availability, accessibility and affordability of healthcare delivery
.

In extant literatures, several research works have been done on reviewing the factors affecting the adoption of e-health under different contexts thus: general adoption of e-health with particular focus on developed countries; limited to adoption of a single e-health technology like telemedicine, electronic medical record, computer physician order entry; and at organizational level among others. While there is more of need to look into the peculiarities unique to developing nations like Nigeria, there is no paucity in research literature. However, the literature needs to be synthesized so as form a structured view of the research themes and important factors which pertain to developing nations and Nigeria in particular. This report is aimed at doing this.
[bookmark: _Toc8250940]1.2 Methodology and Classification
As discussed earlier, the report is a systematic review of the extant literatures. As such, literatures pertaining to these keywords were searched on various databases like ABI/ INFORM, ProQuest, EBSCO Host, IEEE Xplore, Science Direct, and Scopus among others. This method was similar to the one adopted by Wamba  which emphasized the importance of comprehensive literature review and classification framework. In regards to research literatures, Ngai & Wat (2002 cited in Wamba 2009 pg. 877) claimed that “academics and practitioners alike use journals most often for acquiring information and disseminating new findings and represent the highest level of research”. As such, dissertations, conference articles, textbooks and unpublished working paper are excluded from this review. 
More so, these are limited to the last 10 years (from 2010 till moment). The collection and refinement of the journals are reviewed below thus:

Table 1: Reviewed Database for Journal Articles
	S/N
	DATABASE/ Journal
	No Filter (organic Result)
	10 Years Filter (2010 - 19)
	English
	Journal Articles
	Peer Reviewed
	Usable & Used for this Context

	1
	ProQuest Central
	21,712
	16,448
	16,423
	8,801
	6067
	15

	2
	ABI Inform Complete
	14,431
	11,060
	11,044
	4,391
	2826
	11

	3
	Science Direct Journals (Elsevier)
	2,661
	1,998
	1,998
	1,908
	1827
	9

	4
	SpringerLink
	1,664
	1,395
	1,395
	1,374
	1347
	4

	5
	PubMed Cental (PMC)
	1021
	946
	945
	921
	395
	5

	6
	ACM Digital Library
	59
	34
	34
	33
	30
	1

	-
	SCOPUS
	
	
	
	
	
	

	-
	IEE Xplorer
	
	
	
	
	
	

	-
	Google Scholar
	This was used to cater for articles from international journal that are not rated



Table 2: Foundational Models/ Theories in Reviewed Journal Articles
	THEORY/ MODEL
	FREQUENCY (In Use)
	FREQUENCY (In Use with other Theory/ Model)

	Theory of Planned Behaviour (TPB)
	3
	2

	Technology Acceptance Model (TAM)
	17
	8

	Unified Theory of Acceptance and Use of Technology (UTAUT) 1 and 2
	10
	6

	Diffusion of Innovation
	2
	2

	Combination of models besides UTAUT
	13
	0



Table 3: Recurring Themes (Factors) in Reviewed Journal Articles
	HIGLIGHTED THEMES
	FREQUENCY (In Use)

	Perceived Usefulness (PU)
	12

	Perceived Ease of Use (PEOU)
	12

	Social Impact and Subjective Norms
	7

	Perceived Risk and Security
	6

	Facilitating Conditions
	8

	Performance expectance
	7

	Behavioural Intention
	12


[bookmark: _Toc8250941]2.0 Literature Review on the Factors Affecting E-Health Adoption in Nigeria
[bookmark: _Toc8250942]2.2 The need for E-Health Adoption in Nigeria
Based on the latest United Nation’s estimates, Nigeria’s population, as at April 2019, stands at over 199 million people making it the most populated African country in the world (Worldometers, 2019). With an annual average growth of 2.6%, it is estimated to eclipse United States of America’s (USA) population by 2050 to become third most populated country behind only India and China in that particular order (Provost, 2013). The practical implication of this is that the burden on social amenities like healthcare would increase so drastically that necessary actions needed to be taken. With a present population 199,975,731 people in the country (Worldometers, 2019) and 39,912 practicing medical doctors (Owoseye, 2019), Nigeria’s doctor to citizens’ ratio stands at a disappointing 1:5010. This depicts a huge deficit gap considering the United Nation’s World Health Organization (WHO) recommended 1 doctor to 600 people. It is only sane to believe that the huge deficit in the availability of medical personnel does not just correlate with the sad health indices in the country, they have a causal relationship. One of the ways to cater for the huge deficit in medical personnel and, by extension, the sad health statistics is the adoption of technological innovation in healthcare. In some cases where e-health solutions were implemented in developing countries, the accrued benefits were also documented in various extant literatures (Blaya et al., 2010; Qureshi, 2016; Verbeke et al., 2013). 
E-health operates in the confluence of public health and information technology. It aims to deliver health services through the use of information technology (Furusa & Coleman, 2018). This statement is also in agreement with the World Health Organisation’s (WHO) definition of e-health which puts it as the use of ICT for health (World Health Organisation, 2016). The use of e-health, especially in developed countries, has gained enormous usage and priority (Osunyomi & Grobbelaar, 2013) owing to the way it helps eliminate redundancies in the traditional healthcare dissemination and bring about the needed affordability, availability and accessibility (Lam et al., 2016). These triple As’ of affordability, availability and accessibility is even more important in Nigeria where a large part of the population are rural dwellers and as such don’t have good access to social amenities like healthcare as stated above . Because of the great promises e-health holds (Furusa & Coleman, 2018), many research works have however been conducted on the e-health adoption and implementation in both developed and developing countries (Adebayo & Ofoegbu, 2014; Erondu & Oladejo, 2015; Gücina & Berka, 2015; Luna et al., 2014). These studies range from developed countries to developing ones as well as on many e-health interventions in various areas like electronic health records (Perez et al., 2017) , telemedicine and telemonitoring , electronic medical records  and e-prescription  among other. One thing is however clear, the implementation on e-health is both universal and contextual to individual territories and countries (Furusa & Coleman, 2018). As such, the next section would look into the factors affecting the adoption of e-health. 

[bookmark: _Toc8250943]2.2 Foundational Theories on the Adoption of Technology
Gücina & Berka  posited that the most common, and foundational, theories or models used in the study of the adoption of technology are Technology Acceptance Model (TAM), Theory of Reasoned Action (TRA), Theory of Planned Behaviour (TPB) and Diffusion of Innovation (DOI) among others. This stance was also supported by a host of research who believed that the theories provide the base upon which most research are built on (Abdekhoda et al., 2015; Bleich & Slack, 2010; Fan et al., 2018; Furusa & Coleman, 2018; Gücina & Berka, 2015; Hoque, 2016; Hung & Jen, 2012; Idoga et al., 2018; Zayyad & Toycan, 2018; Zuiderwijk et al., 2015). The Theory of Reasoned Action (TRA) postulated that attitude and subjective norms are the main factors determining behaviour . Attitudes are behaviour oriented beliefs, the subjective norms comprises of beliefs about the evaluation of other people important for the individual. The Theory of Planned Behaviour also includes, among the variables of the previous model, perceived control which is regarded as the beliefs about overcoming difficultines acting on behaviour (Ajzen, 1985, 1991). The Theory of Reasoned Action also provided the foundation for Technology Acceptance Model (TAM) (Davis, 1989) which postulated two major constructs; Perceived Usefulness (PU) and Perceived Ease of Use (PEOU). These two are believed to affect people’s attitude towards using technology, Davis (1989) concluded. Other theories that have provided foundational structure on technology adoption include the Diffusion of Innovation (DOI) theory as well as the Unified Theory of Acceptance and Use of Technology (UTAUT) (Hossain et al., 2019). While the Diffusion of Innovation stipulates that some featurs such as innovation, trialability, complexity, compatibility, and observabilitydetermine its acceptance, the UTAUT is an amalgamation of eight previous models or theories which arrive at constructs that broadly incorporates the previous ones (Zuiderwijk et al., 2015).  

[bookmark: _Toc8250944]2.3 Results and Review of the Factors Affecting E-Health Adoption
From the review of extant literatures, several re-occurring themes spur up. These themes have theoretical underpinnings in a couple of models or theories that are foundational to the adoption of technological innovations across various contexts; industries, sectors, regions and countries among others. The foundational theories are the Theory of Reasoned Action (TRA) (), Technology Acceptance Model (TAM) , Theory of Planned Behaviour (TPB) (Ajzen, 1985, 1991), Diffusion Innovation Theory (Rogers, 2003 cited in Venkatesh et al., 2012), and the Unified Theory of Acceptance and Use of Technology (UTAUT)  among numerous others as stated abive. The re-occurring themes on the factors affecting the adoption of electronic health varies are the perceived usefulness, perceived ease of use, subjective norms, cultures, security, confidentiality and privacy among others. These are better articulated below thus: 
[bookmark: _Toc8250945][bookmark: _GoBack]2.2.1 Perceived Usefulness (PU), Perceived Ease of Use (PEOU) and the Adoption of E- health.
Several extant research works have established perceived usefulness (PU) and perceived ease of use (PEOU) important factors affecting the adoption of electronic health (Hoque, 2016; Hung & Jen, 2012; Jian et al., 2012). The adoption, however, is in different context thus: in EMR ; in EHR ; and others. Garavand et al. (2016) described the Perceived Usefulness as the extent to which a person believes that using the system will increase efficiency and achievement of the desired goals. This construct, perceived usefulness, and the perceived ease of use are the two postulates of the Technology Acceptance Model (TAM) and are often used in evaluating individual’s behavioural intention to adopt a technology (Fan et al., 2018). In Nigeria where a doctor is expected to cater for over 5000 people as against the likes of United Kingdom where a doctor caters for less than 500 people, a time-saving solution which brings about more accessibility, availability and affordability is a huge win for all parties involved; care or service taker (patients), care or service provider (doctors) and care/ or service platform provider (government or private hospitals). As a result, perceived usefulness would be the most powerful predictor of technology acceptance. This is in alignment with Lin et al’s (2014) stance who also posited that PU is the most important factor in the adoption of e-health solution. 
On the other hand however, PEOU has generated mixed feelings from researchers and practitioners alike (Howard LB, 2010); while some argued that it affects the adoption of technology and e-health in this regard, others opined that the ease of use does not really affect its adoption (Gücina & Berka, 2015). The hint from Gücina & Berka (2015, p.1700) who posited that “... the perceived ease of use does not affect [the] technology acceptance if sufficient technical assistance is provided” gives a hint on the variability of the constructing relation to the technological know-how of the citizens. For a country with low literacy in relation to other parts of the world, it is only sane that the huge percentage of the population would find this quite important.


[bookmark: _Toc8250946]2.2.2 Privacy, Confidentiality, Security and the Adoption of E-Health in Nigeria
One of the major concerns of adopters, especially late adopters, of electronic health is the perceived risk, confidentiality and security of their medical records (Blaya et al., 2010; Gagnon et al., 2012; Sun et al., 2013; Venkatesh et al., 2012). Gupta & Heng (2010) described the perceived risk as the potential for loss during consumer’s usage of the technology. Baabdullah et al. (2014 cited in Priyadarshinee et al., 2016) examined the adoption of M-0internet and M-government from the consumer perspective using several constructs from UTAUT2, perceived risk and trust in Saudi Arabia, he found that perceived risk among others like performance expectancy, trust, effort expectancy, are very important constructs affecting the intention of usage in the Kingdom of Saudi Arabia. This was particularly correct in e-health too. In this vein, several research work has investigated the importance of security, privacy and perceived risk on the intention to use electronic health (Garavand et al., 2016; Furusa & Coleman, 2018; Idoga et al., 2018).

[bookmark: _Toc8250947]2.2.3 Subjective Norms, Social Impacts and Influence, Culture and the Adoption of E-Health in Nigeria
Social impact is the degree at which how important others believe he/ she need to use a particular system. Many research works also back that social impact significantly influences the users’ behavioural intention to adopt technology (Ahmad & Khalid, 2017; Martins et al., 2014; Slade et al., 2015; Sun et al., 2013; Zuiderwijk et al., 2015). Because of the collaborative nature of most e-health solutions which need the involvement of all parties, it’s understaable for social impacs, subjective norms and culture to have impacts. In an electromic health record for instance, the Nurses, Doctors, other Staff as well as the patient have to keep updating the record. With this, the influence of one over the other is almost inevitable. This sentiment was shared by Gagnon et al (2012) who argued that the “perception of facilitators greatly influences nurses’ and physicians intention to use this new [e-health] technology” and as such the importance of the aforementioned factors. Some researchers however have contrarian positions. One of such is Jeng’s (2010 cited in  Ahlan & Ahmad 2014 pg. 1295) research which investigated a couple of constructs, including social influence, and its correlation to behavioural intention towards the use of  while believed social influence is not an influencing factor and justified this with two research work. The first one investigated the social influence of Clinical Decision Support System (CDSS) in Saudi Arabia. Considering that only 15 medical professionals were sampled for this study,  this figure is believed to be too small to make a significant decision. A number of 30 sampled medical personnel above would have make the data a normally distributed one irrespective of other intricacies.   
Other factors include performance expectancy and effort expectancy among others. 
[bookmark: _Toc8250948]3.0 A Detail Review of a Research Work
RESEARCH UNDER REVIEW: Zayyad & Toycan’s (2018) study  
There are three perspectives in which the review of adoption of electronic health can be done; through the lens of the care or service taker (patients), through care or service provider (doctors) and through care/ or service platform provider (government or private hospitals). Considering that the report is from the perspective of the healthcare professionals, bias would be towards the same. 
[image: Related image]

There are many yardsticks that could potentially be used in reviewing this article, these ranges from the data collection methodology, the questionnaire design which decide the construct validity, the sampling method which determines the reliability of the study and lots more. As a disciple of Saunders research onion depicted in the figure above, the paper would be looked at from the modified constructs which is a blend of the research onion and others. These are reviewed below thus:
Review of the Adopted Research Philosophy and Approach: The importance of correct research philosophy cannot be over-emphasized as it does not just affect the investigating process but the investigating entity . Having read through this research article, it can be deduced that the philosophical underpinning of this research is a positivistic stance while a deductive approach was used in the research. A look at the methodology adopted in the research article by Zayyad & Toycan  revealed a method similar to natural science in which the researchers sought knowledge based on systematic observation and experimentation. This is a core characteristic of a positivistic stance. These choices align with a lot of previous and present studies on the factors affecting the adoption of electronic health. These include Idoga et al.’s  study, a peer reviewed journal article of IEEE, which investigated the adoption of cloud based health system (CBHS) from consumers’ perspectives in Nigeria. Though the research is different in few ways – the investigation entity i.e. one of the e-health technologies as against the whole e-health adopted in the study under review, the adopted foundational theory i.e. UTUAT as against TAM used in the study under review – it nevertheless make use of the positivistic stance as well as the deductive approach from previous theories.  
Review of the Adopted Methodological Choice: This research is a mono method quantitative as only quantitative data was used in the work. It follows a similar pattern used in most previous research works in similar domain (Ahlan & Ahmad, 2014; Idoga et al., 2018).   
Review of the Adopted Research Strategy: In this study, a case study of Nigeria was used to generate findings for developing countries. While this might be a well researched work in Nigeria, Saunders (2012) opined that using a single case study for generalizing findings                                                                                                                                                                                      might not give a true representation of the event. This stance is also supported by lots of extant literature (Bryman & Bell, 2007; Rovai et al., 2013). This is because of the differences in circumstances of the constituents of the population which a single case study cannot represent. The differences are possible of tilting the result of the study, and as such, make the result not generalisable or reliably applicable to all situations, Saunders (2012) concluded. 
More so, a look at the research under review will say let us know a survey was carried out , this survey is about the data collection method and not really the research strategy. Though the conducts of survey also give more room for false representation, a research reliability issue, this will be discussed later in the data collection method. 
Review of the Adopted Time Horizon: Though research studies can either be cross-sectional or longitudinal horizon, cross-sectional approach, allows for completing the research quickly in that it allows for undertaking the study at a point in time as against longitudinal study which allows for undertaking the research over a period of time. That this research undertook a cross-sectional research is well detailed. In fact, the author opined that a longitudinal research would allow for a more detailed work but a cross sectional study was conducted because of the limitation for funds. This is depicted in the write-up. Most research studies in this field are one-off, cross-sectional, and this just didn’t say the work would suffer quality.   
Techniques and procedures (Data collection and analysis): Please, see below thus:
Review of the Data Collection: In Zayyad & Toycan’s  study, data was collected via a closed-ended questionnaire to collect a sample of 465 healthcare professionals randomly selected from 15 hospitals in Nigeria. While a figure of 465 looks very good, a cursory look at the figures would show that the sample distribution is not a reliable representation of the larger characteristics and might not be normally distributed owing to the below thus:
1. There are over 20,000 hospitals according to the figure released by Nigeria’s Federal Ministry of Health after her 2005 census. These hospitals are distributed among the 36 states of the country and its federal capital territory. These hospitals have hundreds of healthcare professionals working in each.
2. Selecting a meagre 15 out of over 2000 might tends towards abnormal distribution. One method of making sure normality is guaranteed is by selecting 30 or above hospitals in the country. This is what I would have done.
3. Considering that the hospitals in each states and zones are mostly dominated by people of the same ethnicity and culture, data collected from a single zone in which a single ethnic group is significantly dominated make the data unreliable and not a true depiction of the larger population, a multi ethnic and multi cultural one. I believe there are two choices the researcher could have taken: one is to take one hospital in each zone/ state and do random sampling survey on them. Two is to use a more ethnically or culturally balanced state like Lagos, Nigeria. Either of the two would allow us to include intricacies that might affect the outcome of the exercise.   
Review of Theoretical Model and Questionnaire Design: The questionnaire design was premised on the modified Technology Acceptance Model (TAM) being the dependent variables and external factors as independent variables which are depicted in the figure below thus: Zayyad & Toycan, 2018






Figure 1: Theoretical Model of Zayyad & Toycan’s (2018) Study
[image: ]
 SOURCE: Zayyad & Toycan (2018)                                                                                                                                  
 While this theoretical model have provided basis for lots of studies therefore justifying its importance to contemporary research work, Idoga et al  argued that Technology Acceptance Model is not really applicable for the evaluation of the factors affecting the adoption of electronic health in Nigeria. This was also supported by Holden et al  who posited that there are inconsistencies between the operation of the original TAM constructs and as such make these unsuitable for review of electronic healthcare. The UTAUT which encompasses about eight models including TRA, TAM, TPB and five others is gaining wide acceptance, Holden et al  concluded. One of the core differences that exist between developing countries like Nigeria to others is the distinctiveness of the society, organization and the availability of needed technology. This is available as a construct, facilitating condition, in the UTAUT but not available in the original (and modified) TAM. This is huge and one of the reasons a case study research of Nigeria might be different from that of Saudi despite both being developing countries. The facilitating conditions are simply different.
The adopted seven point likert scale is another point of discourse which is much nuanced than giving a simplistic explanation. In fact, John Dawes, an associate professor at the Ehrenberg-Bass Institute for Marketing Science, University of South Australia, conducted an experiment on 5-point, 7-point and 10-point scale and detailed this investigation in a 20 page report published on the International Journal of Market Research. The below points are elaborations of the nuances in his report as well as from other leading social management researchers which helped in forming my decision:
1. Dawes  posited that both 5-point and 7-point scales offer higher mean score than the 10-point scale at a statistically significant figure. While this is so, Saunders et al. (2012) also supported this assertion but further differentiated this and argued that a 5-point scale even has more mean score than a 7-point scale. Saunders et al. (2012) further argued that respondents often find it difficult to distinguish values on a scale for more than five points. This, perhaps make it the 5-point scale more popular.
2. Though Dawes  posited that a 7-point allows more variations in measuring given constructs. The caveat makes it irrelevant and not applicable in this scenario. In fact, he advised that this should be used with caution. Should you have more constructs to test on your survey, then the gain is eroded and a 5 point scale is advised. A 7-point scale is mostly suitable for less than 10 questionnaire item and very large sample sizes. This is because, the larger the scale, the lower the possibility of the questionnaire getting answered.  
3. Besides the variations in the mean as stated above, there are little variations in the skewness and kurtosis of both 5-point and 7-point scale.
4. More importantly, to this review at the very least; there are no substantial differences between 5-point and 7-point scales on the validity and reliability on the study.
Having factored the nuances and look at the intricacies of Zayyad & Toycan’s  study, I would have gone for a five point scale simply because most previous research work, including the foundation theories, were collected via a five point scale. This allows one to directly compare the results of the given constructs without recourse for re-scaling however easy it may be with odd number scales (mostly 5-point and 7-point scales). More so, with more than ten items (24 items to be precise – please, see study report) and sample size not that huge, the gains of a 7-point scale have been eroded while the gains of the 5-point scale largely remain.  
Review of Data Analysis: The quantitative data that was collected was analysed in two parts; demographic data of the respondents and more statistical analysis of the survey. The demographic data was outputted in charts while correlation coefficient was used in determining the relationship between the independent and dependent variables. The result shows some of the constructs correlated while some didn’t (please see Zayyad & Toycan’s ). But more importantly, I would have expected further analysis. Correlation does not equal causation. The correlation only denotes association between two variables ; a regression analysis would have shown more details.
More so, it is difficult to tell the type of correlation used. Having scanned through the document more times than normal, there is no record of whether it is parametric test or non-parametric, no linkage of ordinal or interval data or was there justifications for the adopted choice. More so, had it been the table generated from SPSS was used, it could have provided hint into the kind of correlation used. Nonetheless, there is a believe that pearson correlation was used because the author referred to “correlation coefficient” which is a phrase often adopted in the parametric correlation (pearson) as against spearsman rho, which is mostly used when one of the variables is an ordinal data and as such non-parametric correlation. This later statement is more nuanced though. Summarily from literature, parametric test methods are more suitable when data is normally distributed, there is independence of observation, interval scale was used in collecting data and there is homogeneity of variance (Rovai et al., 2013; Saunders et al., 2012; Wetherly & Otter, 2014). For the sampling skewed towards a particular region, collection of ordinal data using 7-point likert scale, possibility of heterogeneity of variance, I’m of the opinion spearman’s rho, a non-parametric correlation method, would be most appropriate. 
Review of Normality, Validity and Reliability: Normality of the data was not shown in the report. A Kolmogorov-Smimov, which is often used in measuring normality for non-parametric data (Rovai et al., 2013; Wetherly & Otter, 2014) test should have been run on SPSS. Of course there are many test of normality like the Shapiro WIlk and Anderson Darling test with varying level of suitability, none was actually used shown.  
Cronbach’s reliability score of 0.89 was shown in Zayyad & Toycan’s  study. This figure falls between 0.8 and 0.9 which depicts a very good and reliability range according to Barrow (2013, cited in Lampadarios 2016), that is a very good reliability score
[bookmark: _Toc8250949]4.0 Summary and Conclusion
In other to meet up with the needed requirement of this report, this write-up is divided into two major segments. Besides the introduction and conclusion which are the first and last section, the literature review was depicted in section two while a more detail review of one of the literature reviews used in the earlier section is shown in section three.
Summarily, despite the huge benefit of e-health, the adoption and practical usage has become limited in developing countries and Nigeria. This report looked at some of the previous research work done in this domain. 
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