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[bookmark: _nk5ecuujelsk]Introduction 
The report is analysing the data set named Letterboxd Movie that reviews the behaviour of the consumers, which has a potential influence on the film's popularity in the market. The data includes information related to film genre, runtime, average rating, watch hours, likes, languages, and fan count. The analytical process is undertaken to determine whether a possible trend or pattern exists in the numerical variables like rating and consumer like based on genre or language. The application of Microsoft Excel and SPSS helps to conduct descriptive, visual, and comparative statistical analysis.
[bookmark: _t3ar87obmhx5]Data understanding, cleaning and Preparation 
The first part of the analysis is to understand the data and develop the data in an appropriate format to be able to conduct the statistical analysis. The information, such as average rating, runtime, likes, fans, studio, and the language of the movies provided. It is essential to review the inconsistencies in the dataset along with any missing information to improve the dataset's reliability (Emmanuel et al., 2021). The initial review of the Excel filters and the use of the count blank formula ensure that the whole data set does not include any missing information. It ensures that the imputation or adjustment of the missing information by the average or the median value is not required in this situation.
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Figure 1: Formula and the presence of no missing values
(Source: Imported from Excel) 
Even though there was no missing information but the dataset consists of a few inconsistent wordings in the original language column. There were two instances where the same language was represented differently in the same cell. It needed to be fixed like Bengali is represented [Bangla, Bengali] along with Punjabi as [Easter Panjabi, Eastern Punjabi]. These two factors were fixed manually to ensure there is consistency in the whole dataset. Further, the genre column is reviewed, and as the numerous genres were clubbed together, they have been segregated to identify the primary genre. It is formulated in Excel, which helped to determine the likes and fan engagement based on the genre-specific data. This data is utilised to develop the statistical analysis further.
[bookmark: _z7lxx4fsmeyw]Descriptive Statistics
The descriptive information for the variables, average rating, watches, fans and runtime is provided below. 
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Figure 2: Descriptive Statistics
(Source: Imported from SPSS output) 
The mean of the average rating is 3.26 part with minimal variation as represented by the standard deviation value of 0.525. This indicates that the majority of the ratings lie between 2.5 to 4. On the other hand, the average watch is around 170,314.82, but with a standard deviation of 458532.917, which indicates that the average value cannot be considered as optimum. This variable is highly dispersed across the data frame. Similarly, with the fan count, the average value is 1652.55 with a deviation of 9368.25. Therefore, the fan count is not clustered around the average observation for the variable and is highly dispersed. The runtime average is 103.16, but with a standard deviation of 38.07. It can be said that the clustered observation of runtime can be seen around the average observation for the variable.
The bar representation of the original language is represented below. 
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Figure 3: Bar Chart representation of the original language
(Source: Imported from SPSS) 
It is clear from the above bar chart that English-language movies have the maximum observations for the given dataset. It reflects on the fact that the dataset is highly biased, and the observations obtained highly reflect the consumer perception towards the English movies. The differences in the consumer liking of the English and the other forms of movies are being later tested through a t-test hypothesis. The hypothesis is tested through an independent t-test as the theory is to test the difference in the average rating for both groups of observation (Akpan and Clark, 2023). It required the formation of a separate column where language is grouped into two segments, with class 1 being the English movies and class 2 being the non-English movies. The mean difference in the average rating is represented through the independent t-test result. 
The primary genre representation is placed below. 
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Figure 4: Bar Representation of the primary genre
(Source: Imported from Excel) 
The highly popular primary genres are Drama and Comedy. It is also observed that the action, horror and thriller movies are also popular than other forms of movies. Some of the important genres like adventure, crime, fantasy, family, mystery and romance did not showcase as the primary shounder as described in the data set. 
[bookmark: _2pynj82ru15l]Trend Analysis 
This section represents the comparison of the ratings and likes, and the graphical representation of the average rating based on the language. The first part of the representation highlights the average rating across different movie languages. 
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Figure 5: Bar representation of the average liking based on languages
(Source: Imported from Excel) 
The above representation indicates that most of the ratings remained between 3 to 4. There are only 4 instances when the graphical figure reached above 4, while all other remain between 3 and 4. Vlassis (2021) highlighted that online streaming platforms raised the chances of local content competing with international content through improvement in nthe umber of reaches, which could influence the rating system. There is only one instance when the average rating has gone below; otherwise, there has been a consistency in the average rating level between the 3 and 4 mark. 
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Figure 6: Likes against rating scatter representation
(Source: Imported from Excel) 
The scatter diagram clearly highlights that the average rating is between three and four veg; most of the ratings were clustered together. This was also observed from the descriptive statistics with limited deviation from the mean value. However, the average likes is highly dispersed, indicating the fact that the popularity of a movie on a regional and international scale has an impact on the number of likes obtained by the movie. The international movies are likely to obtain a higher number of likes compared to the regional movies, as the reach of the international movies is higher than domestic movies (Lee and Ji, 2024). Changsong, W., Kerry, L. and Marta, R.F. (2021), however, critiqued that online streaming platforms are making the locally produced content popular. More people are watching both international and local content, but the overall numbers for international movies remain on the higher side. This explains the highly dispersed data of the like variable.
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Figure 7: Histogram representation of average rating and likes
(Source: Imported from Excel) 
The histogram representation clearly indicates that the range of the information is between 3 and 4 margins. The histogram representation of the average likes highlights that the majority of the like rate is below 13000. The rest of the numbers of like are distributed sporadically after 13000 average likes. Shuster (2021) highlighted the philosophy of imperfection as a potential reason for most movies being credited a little below the full points. 
[bookmark: _1cb4qzwy8feg]Statistical Analysis 
Independent t-test results
The situation to determine the difference between the average rating of English and non-English movies is represented through hypothesis testing. The hypothesis is represented below. 
H0: There is no significant difference in the average rating between English and non-English movies. 
H1: The is a significant difference in the average rating between English and non-English movies. 
[image: ]
Figure 8: Independent t-test result
(Source: Imported from SPSS results) 
The result from the independent sample T test indicated that the difference between the ratings of the two groups, that is, the English and the non-English group, is significant. The p-value is less than 0.001, which indicates that the result is significant, and it has enough evidence to reject the null hypothesis. It suggests that the difference in the language group has an impact on the overall ratings of the film in the given data set. Based on this result, it cannot be concluded that the data could reveal whether English or non-English movies are popular or not, but it can only reflect the presence of the difference in the consumer perception.
Correlation Result
The following correlation result reflects the relationship between Runtime, watches, fans and likes. 
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Figure 9: Correlation Result
(Source: Imported from SPSS) 
The correlation analysis is developed between watches and like as shared by consumers. The value reflects the fact that there remains a highly positive correlation between watches and the likes factor, with a value of 0.951. The result is significant at 1% level of significance, with the P value being less than 0.001. A weak but positive correlation is seen between runtime and watches or likes, with a value of 0.146 and 0.129, respectively..
Regression Result
The regression analysis is conducted to predict the dependence of the average rating based on the features like the Likes, Fans and Runtime. The description factor could not be considered as it is qualitative information is not suitable for regression analysis. The regression result is represented below. 
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Figure 10: Regression Results
(Source: Imported from SPSS results) 
The application of the multiple linear regression analysis highlights that the predictor variables, like the fans, likes, and runtime, can be used to predict the average dating of a movie. The regression model with an F value of 403.31 and a p-value less than 0.001 highlights that the predictor variables could successfully explain the variation in the average ratings in the given data set. Given the R-squared value of 0.108, highlight that 10.8 of % variance in the average rating is explained through the predictor variables. The Likes variable holds the strongest relationship with a coefficient value of 0.224, followed by the runtime variable. The table related to the collinearity diagnostic indicated that the aspect of multicollinearity is not present. It suggests the model to be highly reliable and supports future prediction (Sulaiman et al., 2021). Overall, the model is satisfactory for generating effective results.
[bookmark: _8fffucb5yfib]Insights and Recommendations 
The statistical result indicated that the non-English movies tend to obtain a higher average rating, but as understood from the descriptive statistics, the number of English movies is significantly higher. Moreover, the English movies are mostly watched by the international audience as compared to the non-English movies that are largely popular in the local market (Lee and Ji, 2024). Hence, it is likely that the audience in the local market would appreciate local movies as compared to international movies, as they appeal to the niche audience. The factors that are found to be highly correlated with a good movie are watch, likes and coordination with the fans, which are highly interconnected with the average ratings. This is likely to occur because a person who likes the movie would prefer to watch it a second or third time, as described through human psychology by ​​O'Brien (2021). Despite the identification of the factors, the current model fails to integrate other important factors like the popularity of the actors, directors, quality of marketing and the cultural background of the movie, which could also lead to positive consumer perception. Based on the observation, a set of recommendations is prepared to improve the success rate of the movies.  
· The directors and filmmakers to focus more on producing movies that maintain a lower runtime, with an average of two hours, to keep the audience engaged (Wang, Qi and Xu, 2025). 
· The movies need to be prepared with the support of good and skilled actors, as audiences are found to appreciate good direction and acting (Hofmann, 2021). 
· The analysis for the future must consider qualitative perspectives like the reputation of the actor, directors and the investment towards marketing to gain a complete picture of the factors influencing the movie market.
[bookmark: _tlva0ld2yvds]Conclusion 
The report analysed the aspects that improve audience engagement and improve film ratings. The outcome from Excel and SPSS analysis highlights that the language, runtime, likes and fan counts are essential variables that can help in predicting the average ratings of the movies. The outcome is critical for decision-making for the future. 
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