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Brainomix e-Stroke: A Critical SWOT Analysis of Workforce and Service Delivery 

Introduction
In acute stroke care, delays in interpreting brain scans and coordinating specialist treatment can affect treatment options. Brainomix e-Stroke is an artificial intelligence (AI) clinical decision-support technology that analyses brain imaging to help clinicians assess stroke-related abnormalities and make treatment and transfer decisions. It also supports the sharing of imaging information between hospitals. Its implementation in National Health Service stroke services is evidenced by peer-reviewed research at University College London Hospitals (Mallon et al., 2024) and its rollout through the National Health Service AI in Health and Care Award programme (NHS England, 2020).
This report critically evaluates Brainomix e-Stroke using a SWOT framework and two analytical lenses: workforce and service delivery. Workforce analysis examines professional judgement, responsibilities, and training, while service delivery considers treatment pathways, transfer times, reliability, costs, and information governance. By comparing implementation evidence with its limitations, the report argues that Brainomix can support faster, better-coordinated stroke care, but its success depends on appropriate workforce preparation, reliable infrastructure, and effective governance.
Strengths
Workforce 
A significant strength of Brainomix e-Stroke is its ability to provide rapid imaging analysis during time-critical stroke assessment. A real-world evaluation at University College London Hospitals examined 1,163 imaging studies from 551 patients. Overall, 97.2% of studies were successfully processed, with an average processing time of four minutes (Mallon et al., 2024). This suggests that AI can provide clinicians with timely imaging information, particularly when specialist expertise is not immediately available.
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Figure 1. Performance of Brainomix e-ASPECTS in detecting stroke-related abnormalities. Source: Mallon et al. (2024, Figure 2).
Figure 1 demonstrates that Brainomix e-Stroke does not perform equally across all imaging tasks. The software achieved 77.0% accuracy in detecting acute ischaemia, compared with 97.8% for identifying acute haemorrhage (Mallon et al., 2024). This variation is important because clinicians could make inappropriate treatment or transfer decisions if AI outputs are accepted without verification. Therefore, although rapid analysis can support the workforce, staff must retain professional judgement and interpret results alongside clinical findings.
However, processing speed alone does not establish clinical effectiveness. Mallon et al. (2024) identified variation in performance across different imaging functions. Clinicians must therefore understand that AI outputs are decision-support information rather than definitive diagnoses. The workforce benefit depends on staff being able to interpret results critically and recognise when expert review is necessary.
Brainomix has also been deployed across stroke networks, potentially supporting communication between professionals at different hospitals. National Health Service England (2024) reported its initial introduction across the Thames Valley stroke network and subsequent deployment to more than 35 National Health Service hospitals within 12 months. This demonstrates the potential to support regional working, although the scale of rollout does not itself prove that communication or clinical decisions improved in every participating service.


Service Delivery
Brainomix may improve the coordination and speed of stroke pathways by enabling imaging information to be shared more rapidly between hospitals (National Health Service England, 2020). National Health Service England (2024) reported early improvements, including increases of more than 50% in thrombectomy rates at some sites and over an hour saved in treatment time. These findings suggest potential operational benefits, but reported early improvements should not automatically be interpreted as outcomes caused exclusively by the software.
More substantial evidence comes from Nagaratnam et al. (2025), who examined 452,952 stroke admissions across 107 hospitals in England. At 26 evaluation hospitals, thrombectomy rates increased from 2.3% before implementation to 4.6% afterwards. At comparison hospitals, rates also increased, from 1.6% to 2.6%. AI-supported pathways were additionally associated with a 64-minute reduction in door-in-door-out time at primary stroke centres.
The comparison is important because it demonstrates that improvements were occurring beyond the evaluation sites. Changes in clinical practice, national stroke pathways, and access to thrombectomy may also have contributed. Although the findings support an association between AI implementation and improved service performance, the observational design cannot establish that Brainomix alone caused these changes. Its strength is therefore its potential to enable more effective pathways, rather than a guarantee of improved outcomes.
Weaknesses 
Workforce
A key weakness is that Brainomix introduces new responsibilities rather than removing the need for clinical expertise. Staff must interpret AI outputs alongside clinical presentation and conventional imaging. When results conflict with professional judgement, clinicians may face additional cognitive and accountability pressures.
Automation bias is another concern: professionals may place excessive confidence in automated recommendations. As Mallon et al. (2024) identified variation in the accuracy of different imaging functions, uncritical reliance could influence treatment or transfer decisions. Faster analysis is not necessarily more accurate analysis. Therefore, staff need training to question outputs, compare them with other clinical findings, and retain responsibility for decisions.
Training also requires staff time and resources. If professionals lack confidence or technical support, they may need to verify outputs repeatedly, troubleshoot failures or duplicate existing processes. Consequently, the expected efficiency gains may not materialise. The weakness is not that Brainomix inevitably increases workload, but that its effectiveness depends on workforce readiness and appropriate clinical governance.
Service Delivery 
Brainomix is not completely reliable in every case. Although 97.2% of studies were successfully processed in the Mallon et al. (2024) evaluation, some were unsuccessful. Technical problems or unsuitable image quality may prevent analysis. Stroke services must therefore maintain an alternative pathway that allows clinical assessment to continue without waiting for an AI result.
Interoperability presents a further weakness. The software must work alongside existing imaging systems, clinical records, and communication processes. Poor integration could require staff to transfer or retrieve information manually, undermining potential time savings. This illustrates why software performance alone is insufficient to demonstrate service effectiveness: benefits depend on the wider infrastructure.
Cost also requires consideration. NICE (2024) identifies approximate annual licence costs of £30,000 for a comprehensive stroke centre and £15,000 for an acute stroke centre. These fees do not necessarily represent the total cost of implementation, which may include training, infrastructure, technical support, maintenance, and staff time. Service managers must therefore evaluate total cost of ownership against measurable improvements rather than assuming that clinical potential automatically represents value for money.
Opportunities 
Workforce
Brainomix provides an opportunity to develop workforce AI literacy. Role-specific training could help clinicians interpret outputs, recognise limitations, identify potential errors, and understand professional accountability. This would encourage safe use rather than dependence on automated recommendations.
This opportunity aligns with A plan for digital health and social care, which identifies digital skills, workforce capability, and connected systems as important foundations for transformation (Department of Health and Social Care and National Health Service England, 2022). The National Health Service England What Good Looks Like framework also emphasises the organisational capabilities required to digitise, connect, and transform services safely (National Health Service England, 2021). Brainomix could contribute to these ambitions if training and clinical oversight are built into implementation rather than treated as optional additions.
There is also potential to strengthen multidisciplinary working. Emergency clinicians, stroke physicians, radiologists, nurses, transfer teams, and specialist centres all contribute to stroke pathways. Rapid access to imaging information may improve shared decision-making. Nevertheless, digital access does not automatically produce effective teamwork. Clear responsibilities, staff engagement, and compatible working practices remain necessary.
Service Delivery 
A major opportunity is the development of more integrated regional stroke pathways. Brainomix can help primary stroke centres identify patients who may require specialist assessment for thrombectomy, potentially supporting earlier transfer decisions. This is consistent with national ambitions to use digital technology and connected information to improve service coordination (Department of Health and Social Care and National Health Service England, 2022).
Nagaratnam et al. (2025) provide evidence that this opportunity may be meaningful through the observed increases in thrombectomy rates and reductions in transfer times. However, improvements at comparison hospitals mean the software should not be viewed as the sole explanation. Local services need to establish whether benefits are sustained and whether they reflect changes in practice, technology, or both.
Implementation also creates an opportunity for continuous evaluation. National Health Service organisations should monitor processing success, transfer times, thrombectomy rates, technical failures, staff experience, and relevant patient outcomes. These measures would allow services to identify where the software adds value and where further improvement is needed. Wider deployment should therefore be guided by local evidence rather than assumptions that adoption alone guarantees better performance.
Threats 
Workforce
Over-reliance on AI remains a significant threat. If staff perceive its outputs as authoritative, independent clinical judgement may be weakened, particularly when the result conflicts with a patient's presentation. This risk reinforces the need for clear professional accountability and training that encourages staff to question recommendations rather than accept them automatically.
Resistance to technological change may also limit implementation. Staff who do not understand the system or feel excluded from decisions may distrust it, while others may place excessive confidence in its outputs. Both responses can undermine safe use. In addition, differences in digital maturity, staffing and technical support between hospitals could result in unequal workforce benefits. National rollout must therefore consider whether organisations have the capacity to use the technology effectively, not simply whether they can purchase it.
Service Delivery
Information governance is an important threat because Brainomix processes sensitive health information. Health data are special category data under the UK General Data Protection Regulation (UK GDPR), requiring additional protection (Information Commissioner's Office, 2024). The Data Protection Act 2018 operates alongside the UK GDPR and supports lawful and accountable processing (UK Government, 2018).
The challenge is to balance timely information sharing with confidentiality. Rapid access to imaging may support urgent transfer decisions, but inappropriate access or disclosure could threaten privacy and public trust. Conversely, unnecessarily restrictive sharing arrangements could delay care. The Caldicott Principles provide a framework for ensuring that information use is justified, proportionate and appropriate, while recognising the importance of sharing information for individual care when necessary (National Data Guardian, 2020).
Before implementation, organisations should establish appropriate access controls, clear information-sharing arrangements and a Data Protection Impact Assessment where required. These safeguards are not evidence that Brainomix has breached data-protection law; they are conditions for responsible implementation. Information governance must therefore be integrated into service design rather than treated as an administrative task separate from clinical delivery.

Conclusion and Recommendations
Brainomix e-Stroke demonstrates the potential of AI to support faster imaging analysis, professional decision-making, and coordination between National Health Service stroke services. Evidence indicates increased thrombectomy rates and shorter transfer times at evaluation sites, but improvements at comparison hospitals and the observational nature of the evidence mean that the software cannot be credited as the sole cause. Its effectiveness depends on implementation, workforce readiness, and the reliability of surrounding systems.
The SWOT analysis identifies workforce training, clinical oversight, interoperability, sustainable funding, and information governance as essential conditions for success. The principal recommendation is that National Health Service organisations provide mandatory, role-specific training for relevant clinical staff. Training should cover interpretation of AI outputs, recognition of limitations, responses to conflicting findings and procedures for seeking expert review. Practical scenarios should help staff retain professional responsibility rather than rely uncritically on automated results.
Organisations should evaluate training through competency assessments, clinical audits, and staff feedback. They should also monitor processing failures, transfer times, thrombectomy rates and total implementation costs. These measures would help managers determine whether local benefits justify ongoing investment.
Overall, Brainomix should be regarded as a decision-support tool, not a replacement for clinical expertise. Its value depends on combining technological capability with professional judgement, effective governance, and evidence-based service design.
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