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Introduction
Due to the rapid integration of generative artificial intelligence (GenAI) tools into higher education, academic practices in areas such as teaching, assessment, and administrative tasks have shifted (Sohail, Parveen and Dar, 2025). While there is literature showing that GenAI tools can lower lecturers’ workload, this remains inconsistent, complex, and contested (Kutty et al., 2024). This study is guided by the research question: ‘What is the impact of GenAI tools on higher education lecturers' workload when examined through measurable, cognitive, and ethical dimensions, and how do these impacts vary across contexts and perceptions?’ This question has been selected to capture not only the quantifiable changes in workload but also the less visible cognitive demands and ethical tensions associated with GenAI use, which are increasingly highlighted in emerging literature.
This research aims to gain a deeper understanding of how GenAI tools might influence lecturers' workload by integrating measures with subjective experiences. Using this approach allows it to reflect the complexity of academic labor in the age of GenAI (Watermeyer et al., 2023). Despite the increasing interest in AI in education, existing research often focuses either on student outcomes and technological capabilities, with limited attention to how GenAI affects lecturers' workload across different dimensions and disciplines. This study, therefore, fills a critical gap by taking a multidimensional and mixed-method approach. 

The Chosen method
Epistemological position
The epistemological position taken for this research is pragmatism. Pragmatism prioritises the research problem and practical outcomes over adherence to a single philosophical tradition, which allows this research to draw upon both quantitative and qualitative approaches as needed (Feilzer, 2009). Depending on the context and purpose of the enquiry, it is viewed as both constructed and empirically grounded from a pragmatist perspective (Creswell and Creswell, 2018) 
This position is appropriate for this study as it seeks to gain knowledge of both measurable aspects of workload, such as time spent on tasks, and frequency of GenAI use, and subjective experiences, including cognitive and ethical workload. Pragmatism enables the researcher to treat these different forms of data as complementary rather than competing, supporting a deeper understanding of the research problem (Tashakkori and Teddlie, 2010). 
A key strength of pragmatism is its flexibility and problem-centred orientation (Ormerod, 2020; Ms, Ms and Escarlos, 2025), allowing the researcher to select methods that are most effective for answering the research question (Allemang, Sitter and Dimitropoulos, 2021), this is particularly valuable in emerging research areas such as GenAI in higher education, where rigid methodological approaches may limit insight (Clarke, 2025). However, pragmatism has been criticised for its lack of philosophical specificity, as it does not commit to a single, unified theory of knowledge (Turyahikayo, 2021). Despite this, it is widely regarded as a robust and practical foundation for mixed methods research.
Ontology position
The study adopts a pragmatic ontology, often described as pluralist or the ontology of what works, which aligns closely with the principles of pragmatism (Maarouf, 2019). Rather than committing to a single view of reality, this position assumes that reality is multiple and can be understood in different ways depending on the research purpose.
In relation to this study, this means acknowledging that lecturers' workload has both objective elements, for example, measurable time spent on tasks (Zaim et al., 2026), and subjective elements, such as perceptions of cognitive and ethical workload (Krause, Dalvi and Zaidi, 2025). A pragmatic ontology allows the researcher to treat these aspects as equally valid forms of reality, without privileging one over the other (Creswell and Plano Clark, 2028). This is an important aspect when examining the impact of GenAI, where both observable changes and individual interpretations are central to understanding the phenomenon.
A key strength of this ontological position is its flexibility and inclusivity (Khabibullah, Alimin and Sholahuddin, 2025), enabling the integration of diverse data types and perspectives within a single study. It avoids the constraints of more rigid ontological positions and supports the complexity of real-world research problems (Maarouf, 2019). However, a limitation is that it may be seen as philosophically less precise, as it does not provide a single, unified account of reality (Denscombe, 2007).
The combination of pragmatist epistemology and pragmatic ontology provides a structured foundation for the mixed-methods design (Maarouf, 2019). Pragmatism is recognised as a compatible philosophical approach for mixed-methods research, as it emphasises methodological flexibility and the integration of different forms of evidence (Emond, Bish and Mnatzaganian, 2024).
Overall, the chosen methodological approach offers several strengths. It enables systematic exploration of GenAIs impact on lecturers’ workload by combining measurable data with in-depth insights into lived experiences. The pragmatist epistemology ensures that the research remains focused on practical and meaningful outcomes, while the pragmatic ontology supports the inclusion of multiple dimensions of reality, including ethical workload.
However, there are limitations. The integration of different methods and philosophical assumptions may lead to methodological complexity, and the flexible nature of pragmatism may be criticised for a lack of philosophical clarity. Additionally, the approach is time and resource-intensive, and findings may be limited by non-probabilistic sampling and the interpretive nature of qualitative analysis.
Despite these challenges, the methodological framework is well-suited to the research aims. By combining pragmatist epistemology, pragmatic ontology, and a mixed-methods design, the study is positioned to generate a rich, multidimensional understanding of how GenAI tools are reshaping higher education lecturers’ workload across measurable, cognitive, and ethical workload dimensions.

Research tools
This study will employ two primary data collection tools, a questionnaire for the quantitative aspect and semi-structured interviews for the qualitative aspect. The combination of these tools is consistent with the mixed-methods approach of this study, allowing for both the measurement of patterns in lecturers’ workload and an in-depth exploration of their cognitive and ethical experiences of GenAI use (Creswell and Plano Clark, 2018). Together, these methods provide complementary forms of evidence, supporting a more comprehensive understanding of the research question.
Questionnaires are widely used in educational research to collect standardized, quantifiable data from larger samples (Shrivastava and Shrivastava, 2021). In this study, the questionnaire will be designed to capture measurable aspects of lecturers’ workloads, including time spent on teaching, assessment, and administrative tasks, as well as the frequency and types of GenAI use. Closed-ended questions, such as Likert-scale items, will be used to enable statistical analysis and comparisons across participants and disciplines, addressing a noted limitation in previous studies.
A key strength of questionnaires is their ability to produce generalisable data, which is greater when questionnaires are distributed online, as they can reach a wider population pool (Cantuaria and Blanes-Vidal, 2019). They will also allow this study to potentially reach a broad and diverse population of lecturers across different institutions, which can support the identification of trends and relationships between variables (Ivanov et al., 2024). Studies have demonstrated the effectiveness of questionnaires in examining academic workload in the wake of GenAI tools. For example, Alkolaly et al. (2025) used questionnaires to analyse lecturers' acceptance and usage of GenAI tools within higher education. Watermeyer et al. (2023), used survey data to explore the impact of GenAI tool usage to alleviate workload intensification among 284 academics, this highlights the value and reach that can be achieved using questionnaires.
Additionally, the standardisation of responses gives enhanced reliability and facilitates the ability of comparison across respondents (Tourangeau, 2020). This is important when measuring workload quantitatively, as it allows for consistent data collection across multiple contexts. Furthermore, the use of questionnaires offers the ability for the participants of this study to remain anonymous, which, given the ethical concerns around the use of GenAI tools, is important (Pramjeeth and Ramgovind, 2024).
However, questionnaires also have notable limitations. One key limitation is limited depth, as they are less effective in capturing the complexity of participants’ experiences, particularly cognitive and ethical dimensions (Scott et al., 2019; Holmberg et al., 2014). While Likert-scale items can indicate levels of agreement or frequency, they do not fully explain why GenAI is perceived as useful to lecturers' workload. This is a significant limitation given the interpretive nature of workload experiences.
Another limitation is the potential for response bias, which includes social desirability bias (Grimm, 2010) and self-report inaccuracies (Bethlehem, 2010). Lecturers may feel compelled to underreport or overreport their use of GenAI tools due to institutional expectations or ethical concerns (Bamasoud, Mohammad, and Bilal, 2025). Additionally, there is a possibility of low response rates, which can affect the representativeness of the sample, particularly with online surveys (Shiyab et al., 2023). Research suggests that academic staff surveys often struggle with engagement, which can be a possible issue as it can lead to non-response bias and limit the validity of findings (Ogbukagu et al., 2026).
Despite these limitations, questionnaires remain an appropriate tool for this study because they provide a broad, quantitative overview of workload changes associated with GenAI use. Due to the study being mixed-methods the addition of a qualitative phase can mitigate the weaknesses.
Semi-structured interviews were chosen for the qualitative phase of the study as this method allows for in-depth exploration of participants' perspectives, while maintaining a degree of consistency through guiding questions used for all participants (Balushi, 2018). In this study, interviews will be conducted with a purposively selected subset of lecturers to explore their experiences of GenAI in relation to cognitive and ethical workload (Zaim et al., 2026). A major strength of this method is its ability to probe responses, clarify meanings, and explore emerging themes (Bearman, 2019). This makes it particularly suitable for examining cognitive and ethical workload, as these are more personal perspectives rather than measurable outcomes.
A significant number of research highlights the value of using interviews as a method to understand academic work and digital technologies. Watermeyer, Crick and Knight (2021) used interviews to explore academics' emotional and cognitive responses to digital change, while Selwyn (2016) emphasises the importance of qualitative methods in capturing the social implications of educational technologies. When looked at from the context of GenAI, Bearman et al. (2023) demonstrate that interviews are very useful for revealing educators’ ethical concerns and professional tensions.
Another key strength of semi-structured interviews is its ability to generate rich, detailed data, which supports a nuanced analysis and interpretation (Mason, 2024). They are particularly valuable for exploring complex and sensitive issues, such as the differing views related to the adoption of GenAI tools by lecturers for workload (Dangol et al., 2025). Additionally, they facilitate rapport, which in part can encourage participants to share reflective and honest insights (Kvale and Brinkmann, 1996).
However, this method has its limitations. Interviews are time and resource-intensive, limiting the number of participants and potentially reducing the breadth of perspectives (Yerushalmi et al., 2012). There is also the risk of researcher bias in data interpretation, as well as social desirability bias in participants' responses, particularly when discussing ethical issues (Nakou and Bennett, 2023; Júnior, 2022). Furthermore, the limited number of participants in qualitative semi-structured interviews brings into question the ability to generalise over different disciplines and institutions (Fusch, Fusch and Ness, 2018).
Overall, the use of questionnaires followed by semi-structured interviews provides a robust and coherent methodological framework. The sequential design ensures that quantitative findings inform qualitative enquiry, enhancing both depth and explanatory power (Ivankova, Creswell and Stick, 2005). While each method has its strengths and limitations (Zaim et al., 2026), their integration within this mixed-methods approach enables a comprehensive and nuanced understanding of how GenAI tools are reshaping higher education lecturers' workload across measurable, cognitive, and ethical dimensions.

Sampling strategy 
This study adopts a mixed-methods sampling strategy, with different approaches for the quantitative and qualitative strands to align with their different purposes while maintaining coherence with the overall research design.
Quantitative sampling
The quantitative phase will employ a purposive sampling strategy, which will target higher education lecturers who have experience using GenAI tools (Campbell et al., 2020). Participants will be recruited through institutional mailing lists, academic networks, and professional communities to obtain a sufficiently large sample capable of running descriptive and inferential analysis. 
While purposive, the sampling will aim for breadth by including lecturers across disciplines, career stages, and institutional contexts, this follows elements of maximum variation sampling (Nyimbili and Nyimbili, 2024). This approach is consistent with mixed-methods research, where sampling is often driven by the need to address specific research questions rather than achieve strict representativeness (Creswell and Plano Clark.
A key strength of this strategy is that it ensures that participants have the relevant experience, enhancing the validity of workload measures such as time allocation to tasks and task frequency (Stern, Bilgen and Dillman, 2014). It also enables the identification of patterns and relationships across a diverse data set, supporting statistical analysis and comparison (Palinkas et al., 2013). 
However, as a non-probability sampling method, it limits the ability to generalise findings to the wider population of higher education lecturers (Mukti, 2025). Additionally, self-selection bias may occur, as those with stronger opinions or greater engagement with GenAI may be more inclined to participate, potentially skewing results (Bethlehem, 2010).
Despite the limitations in the strategy, purposive sampling is appropriate given the study's focus on GenAI users rather than the general academic population (Rana, 2024), In emerging areas, such targeted sampling is widely recognised as a pragmatic and theoretically aligned approach.
Qualitative sampling
The qualitative phase will also use purposive sampling (Campbell et al., 2020), with specific criteria for participation, to draw a smaller subset of participants from the survey respondents who consent to participate in the follow-up interviews. Selection will be guided by criteria such as level of GenAI use, disciplinary background, and reported changes in workload. This approach enables exploration of diverse and even conflicting views across measurable, cognitive, and ethical dimensions (Palinkas et al., 2013). The purposive sampling approach aligns with qualitative research principles that prioritize depth, context, and meaning over representativeness (Denieffe, 2020).
A major strength of this strategy is its ability to generate rich, detailed insights from information-rich cases, which is essential for understanding complex phenomena such as cognitive and ethical workload (Mason-Bish, 2018). By selecting participants based on quantitative findings, the study also strengthens integration between methods, a key feature of mixed-methods design (Creswell and Plano Clark, 2018; Fetters, Curry and Creswell, 2013). 
However, limitations include reduced generalisability due to small sample sizes and the potential influence of researcher judgement in participant selection (Nowell et al., 2017). There is also the possibility of response bias, as participants may present socially desirable views on ethical issues relating to GenAI use (Yao and Xu, 2021). Nevertheless, this approach is well-suited to the exploratory aims of the study, enabling a nuanced understanding of lecturers’ lived experiences and providing context for interpreting quantitative trends.

Ethical considerations
This study follows the ethical principles outlined by the British Educational Research Association (BERA), with particular attention to informed consent, potential harm, and ethical issues that are relevant to GenAI. These considerations are important to ensure that the research is conducted with integrity, protects participants from harm, and produces trustworthy findings (BERA, 2018).
A key ethical requirement for a study to be conducted is obtaining informed consent from all participants (Rajasegaram and Gani, 2025). In line with BERA (2018) guidelines, participants will be provided with clear information about what the study is trying to achieve, what participation involves, and how their data will be collected, stored, and used. It is also important that, along with gaining informed consent, the participants will be advised of their right to withdraw at any stage without penalty, this ensures that consent is ongoing rather than a one-off agreement (Pietrzykowski and Smilowska, 2021). Consent will be obtained via the online questionnaire before participants take part; further informed consent will be sought for the recording of the semi-structured interviews. Informed consent is a necessity in research because it respects participants' autonomy and right to make voluntary decisions about their involvement in the study. This will ensure that participation is based on full understanding rather than coercion or misunderstanding  (Macklin, 1999).
Considerations of potential harm and sensitivity are particularly important in this study, as participants will be discussing their professional practices, workload pressures, and use of GenAI tools (Farangi, Nejadghanbar and Hu, 2024). These topics may be sensitive, particularly where participants reflect on institutional expectations, personal workload challenges, or uncertainties around whether using GenAI is appropriate (Fawns et al., 2024). There is a risk that participants may experience discomfort when discussing these issues or may feel concerned about how their responses could be perceived. In respect of this study, this will be mitigated by ensuring participants are fully informed that they will not be required to answer questions that they find uncomfortable, interviews will be conducted respectfully, with participants being informed that they may withdraw or not answer questions (Kvale and Brinkmann, 1996). Anonymity will be maintained to ensure that individuals and institutions cannot be identified (Walford, 2005). Addressing potential harm is important because it helps to protect participants' well-being and encourage honest, open responses, thereby enhancing both ethical integrity and the quality of the data collected (BERA, 2018).
The study also raises ethical considerations that are specific to GenAI. Participants may disclose practices related to GenAI use that fall within uncertain or evolving institutional guidelines, particularly concerning academic integrity, authorship, and reliance on GenAI tools (Ganguly et al., 2025). According to BERA (2018), researchers must avoid causing harm or placing participants at risk. In respect, data will be anonymised to ensure that individual lecturers or institutions cannot be identified, protecting participants from potential professional repercussions (Saunders, Kitzinger and Kitzinger, 2014). These considerations are important because discussions around GenAI can be professionally sensitive and ethically complex, and failure to protect participants could lead to reputational or institutional risks. Overall, by sticking to BERA ethical guidelines and prioritising informed consent, minimising potential harm, and addressing the specific sensitivities of GenAI use, the study ensures both the protection of participants and the credibility of the research process.

Data analysis strategy
This study adopts a mixed-methods data analysis strategy aligning with an explanatory sequential design (Ivankova, Creswell and Stick, 2005), in which qualitative data from questionnaires are analysed first using correlation analysis, followed by qualitative analysis of semi-structured interviews using thematic analysis. These methods are grounded in a pragmatist epistemological approach, which prioritises the selection of analytical techniques that best address the research question and generate practically meaningful insights.
Quantitative data analysis 
The quantitative data collected through the distribution of questionnaires will be analysed using correlation analysis to examine relationships between key variables (Senthilnathan, 2019). To facilitate this, variables will be constructed from the survey data, reflecting the study’s core dimensions of measurable, cognitive, and ethical workload. The operationalisation of variables is essential in translating abstract concepts into measurable indicators suitable for statistical analysis (Andrade, 2021; Cohen et al., 2018).
Measurable workload will be operationalised through variables such as time spent on core academic tasks, including teaching preparation, marking, and administrative duties, which will be shown as hours per week. In addition, the frequency of GenAI use will be measured using a Likert scale response (Froman, 2014), alongside perceived changes in workload. These forms of measurement are widely used in survey research to capture both behaviours and perceptions (Stern, Bilgen and Dillman, 2014).
Cognitive workload will be examined through individual questionnaire items. These items will capture perceived mental effort, decision-making complexity, and the need to verify or critically evaluate AI-generated outputs (Ejaz, Farhan and Longa, 2025). Analysing these variables separately enables a more multifaceted understanding of cognitive processes and avoids oversimplification (De Boeck and Jeon, 2019). This aligns with research that conceptualises cognitive load as a multidimensional construct (Klepsch and Seufert, 2020).
Ethical workload will be operationalised through variables reflecting concerns about academic integrity, responsibility for AI-generated content, and levels of ethical uncertainty (Alekseevna, 2025). These variables may be analysed individually or grouped where appropriate, reflecting the growing importance of ethical considerations in AI-related educational research (Sharma et al., 2024).
Correlation analysis will be conducted to explore relationships between variables (Janse et al., 2021). For example, relationships will be examined between the frequency of GenAI use and the time spent on administrative tasks, as well as between GenAI use and individual cognitive and ethical workload variables. Where assumptions of normality are met, Pearson's correlation coefficients will be used (Benesty et al., 2009).
The use of correlation analysis is appropriate given the study's aim to explore associations rather than causal relationships, particularly in an emerging research area (Putri, Rezani and Hermina, 2025). However, correlation does not establish causation, and findings may be influenced by external variables or self-report bias (Preston, Fishman and Stokes, 2015).
Qualitative data analysis
The qualitative data generated from semi-structured interviews will be analysed using thematic analysis (Clarke and Braun, 2016) following their six-phase approach. This involves familiarisation with the data, coding, theme development, and refinement, and is widely recognised as a rigorous and flexible approach to qualitative analysis (Clark and Braun, 2016).
A combination of deductive and inductive coding will be used (Laari, 2025). Deductive coding will be informed by the study's framework of measurable, cognitive, and ethical workload, while inductive coding will allow new themes to emerge from participants' accounts (Fereday and Muir-Cochrane, 2006), ensuring both theoretical alignment and openness to new insights.
Thematic analysis is appropriate for this study, which explores lecturers’ experiences of GenAI, as it enables the identification of patterns in how workload is perceived and managed. Within a pragmatist framework, qualitative findings provide essential context and explanation, helping to interpret quantitative results (Creswell and Plano Clark, 2018).
However, there are several limitations to both analysis approaches. The use of correlation analysis restricts the ability to establish causality, meaning relationships between GenAI use and workload dimensions cannot be interpreted as cause and effect (Harmanjot, 2026). Another limitation is the reliance on self-report questionnaire data may introduce response bias, including social desirability (Bethlehem, 2010). 
In the qualitative strand, thematic analysis Is interpretive, increasing the risk of researcher bias and subjective interpretation (Belotto, 2018). Additionally, integrating quantitative and qualitative findings can be methodologically complex, and inconsistencies between datasets may be difficult to reconcile (Armstrong et al., 2020).
Final thoughts
Overall, this study provides a comprehensive mixed-methods examination of GenAI’s impact on lecturers’ workload across measurable, cognitive, and ethical dimensions. Grounded in pragmatism, it integrates quantitative and qualitative insights to offer meaningful, practice-oriented findings, while acknowledging methodological and analytical limitations inherent in researching an evolving and complex educational landscape.
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