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Abstract: As the integration of Artificial Intelligence (AI) technologies in education gains 

prominence, understanding the cultural and societal factors that influence AI adoption becomes 

imperative. This research aims to investigate how AI adoption in education varies across 

diverse cultures and societies, focusing on the cultural attitudes, values, and expectations that 

shape the adoption and implementation of AI technologies. The study employs the Unified 



Theory of Acceptance and Use of Technology (UTAUT)) as a theoretical framework to assess 

the impact of cultural dimensions on adoption of AI technologies in education. 

 Purpose: This study seeks to examine the interplay between cultural attitudes and the 

adoption of AI technologies in educational settings, offering insights into how cultural 

variations influence individual’s perceptions and intentions regarding AI adoption. 

 Design/Methodology/Approach: Employing a mixed-methods approach, the research 

combines a cross-cultural survey and qualitative interviews. Drawing from UTAUT 

constructs, the survey instrument captures participants' perceptions of AI's utility and 

ease of use in education. The survey is administered across diverse cultural contexts, 

followed by in-depth interviews that delve into the cultural dimensions shaping 

attitudes towards AI adoption. 

 Potential Findings: Quantitative analysis of survey data would reveal the influence of 

cultural dimensions on the perceived usefulness and ease of AI technologies, 

highlighting variations in AI adoption intentions across cultures. Qualitative insights 

deepen these findings by elucidating cultural values that either facilitate or hinder the 

integration of AI in education. 

 Potential Research Limitations/Implications: his research acknowledges potential 

limitations such as cultural biases in survey responses and the challenge of generalizing 

findings across all cultural contexts. However, the study contributes to the 

understanding of how cultural attitudes intersect with AI adoption, providing valuable 

implications for educational policymakers, institutions, and practitioners. 

 Originality/Value: This study provides unique insights into the cultural impact of AI 

adoption in education, utilizing the UTAUT framework to explore how cross-cultural 

variations affect technology acceptance. Its contribution lies in enhancing the 

understanding of technology adoption and the role of cultural influences in educational 

contexts. 

 Keywords: Artificial Intelligence, AI adoption, education, cultural impact, cross-

cultural analysis, Unified Theory of Acceptance and Use of Technology (UTAUT), 

mixed-methods research, technology acceptance, cultural diversity. 

Importance of this Research Topic 
This research holds significant potential to offer actionable insights for policy decisions, inform 

Ed-tech companies and funding organizations, enhance technology implementation, and 

contribute to academic discourse in the dynamic field of AI in education. Moreover, it can 



bridge the gap between technological innovation and cultural diversity, guiding developers to 

create more effective and culturally sensitive educational tools. Ultimately, these outcomes aim 

to facilitate a more efficient and culturally attuned integration of AI in educational settings, 

benefiting both learners and educators. 

By addressing the complex interplay between technology, culture, and education, this research 

not only provides practical insights but also fosters a deeper understanding of how AI can be 

harnessed to enhance learning experiences across diverse cultural contexts. In doing so, it has 

the potential to promote inclusivity and equity in education, ensuring that the benefits of AI are 

accessible to all learners, regardless of their cultural backgrounds. 

 

Literature Review 
The integration of Artificial Intelligence (AI) technologies in education has become a global 

phenomenon, promising to transform teaching and learning. However, the success of AI 

adoption in education is not solely determined by technological capabilities but is deeply 

influenced by cultural and societal factors. This literature review aims to provide an overview 

of existing research related to AI adoption in education and the role of cultural dimensions in 

shaping this adoption. 

AI Adoption in Education:  

AI has been widely adopted in education, evolving from computer-based systems to web-based 

intelligent education tools and even humanoid robots and chatbots. These technologies have 

improved administrative efficiency and personalized learning, enhancing the overall quality of 

education.(Chen et al., 2020) 

Numerous studies have explored the benefits of AI in education, including improved student 

outcomes, increased efficiency, and the potential to bridge educational gaps. However, these 

benefits are not uniform across all cultural and societal contexts. (Wang et al., 2021)emphasizes 

the importance of considering individual differences and the need for effective teacher training 

in AI technology integration. (Teo, 2009) emphasizes the importance of ongoing professional 

development and early exposure to relevant technologies during teacher training. The study  

(Hwang & Chang,2011) highlights the importance of well-designed learning support and 

methodologies or tools in mobile learning environments, emphasizing the need for technology-

based assistance to enhance students' learning achievements. 

Cultural Dimensions and Technology Adoption: Study conducted by (Straub ’ et al., 

1997a)underscores the importance of considering cultural differences in technology adoption 



research. Understanding the influence of culture on technology adoption is crucial. Hofstede's 

cultural dimensions theory, which includes dimensions like individualism-collectivism, power 

distance, uncertainty avoidance, and masculinity-femininity, has often been used as a 

framework to assess cultural influences. Studies have shown that cultural factors can 

significantly impact individuals' attitudes, perceptions, and intentions toward technology 

adoption. 

Unified Theory of Acceptance and Use of Technology (UTAUT): The UTAUT framework, 

developed by (Venkatesh et al., 2003; Venkatesh & Davis, 2000) is widely used in technology 

adoption research. It identifies key factors that influence individuals' intentions to use 

technology, including performance expectancy, effort expectancy, social influence, and 

facilitating conditions(Hong & Kang, n.d.; Wijaya et al., 2022). While UTAUT has been 

applied in various cultural contexts, its application to the field of AI adoption in education 

remains relatively unexplored. 

Cultural Variations in AI Adoption: Research suggests that cultural factors can influence 

how AI is perceived and adopted in education. For instance, individualistic cultures may 

prioritize personalization and autonomy in learning, whereas collectivist cultures may 

emphasize collaborative learning experiences(Howard et al., n.d.; Nistor et al., 2013; 

Oshlyansky et al., n.d.). The study (Day, 1996)acknowledges potential issues related to cultural 

intermingling, self-selection bias, and sociocultural skew in subject sampling, addressing these 

concerns through a multi-method design involving questionnaires, interviews, contextual 

inquiry, participatory design methods. Moreover, cultural attitudes toward technology risk and 

trust play a significant role in the acceptance of AI-driven educational tools. 

Challenges and Limitations: Studies in this area often face challenges related to cultural 

biases in data collection and the difficulty of generalizing findings across diverse cultural 

contexts. Additionally, cultural factors can evolve over time, requiring ongoing examination of 

their impact on AI adoption in education. 

 

This literature review underscores the importance of considering cultural dimensions when 

investigating AI adoption in education. It highlights the need for a comprehensive framework, 

such as UTAUT, to assess how cultural attitudes, values, and expectations shape AI adoption 

intentions. By doing so, this study aims to contribute to our understanding of the complex 

interplay between culture and technology adoption in educational settings. 



This condensed literature review provides an overview of the key themes and findings related 

to AI adoption in education and its cultural dimensions. It sets the stage for your research by 

emphasizing the gaps and opportunities for further exploration in this field. 

Key Scholars 
This concise overview highlights key authors and their notable contributions in the field of 

technology adoption and educational technology. These scholars have made significant impacts 

in various areas, from understanding the psychology behind technology acceptance to 

pioneering innovative approaches in education. Their work encompasses quantitative methods, 

human-computer interaction, mobile learning, and theoretical frameworks like UTAUT and 

TAM. Below, we provide a brief glimpse of these influential figures and their respective areas 

of expertise. 

 

• Timothy Teo: Renowned for his work in educational psychology and technology 

acceptance, Teo excels in employing quantitative methods and structural equation 

modelling to unravel the complexities of technology integration in education. [Google 

Scholar] 

• Gwo-jen Hwang: Hwang is a leading expert in mobile learning, digital game-based 

learning, and artificial intelligence in education (AIED). His pioneering research 

explores innovative educational paradigms, including flipped learning. [Google 

Scholar] 

• Vishwanath Venkatesh: With a broad background in information systems, operations 

management, and psychology, Venkatesh is a trailblazer in the study of technology 
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adoption. He is widely recognized for his development of the UTAUT theoretical 

framework. [Google Scholar] 

• Lidia Oshlyansky: Oshlyansky's expertise lies in the realm of human-computer 

interactions, user-centric design, user experience, and usability. Her work contributes 

to enhancing the user-friendliness of technology interfaces. 

• Fred D Davis: Davis is a prominent figure in the field of technology acceptance. He is 

best known for his work on the TAM (Technology Acceptance Model) framework, 

which has significantly influenced the study of technology adoption. [Google Scholar] 

These scholars have collectively helped shape our understanding of how technology is adopted, 

utilized, and integrated into educational and user-centric contexts, making them pivotal figures 

in the intersection of psychology, education, and technology. 

Overview of the various existing models 
TAM2, an extended model of technology acceptance, was validated in workplace contexts, 

explaining a significant portion of perceived usefulness variance through social influence and 

cognitive factors (Venkatesh & Davis, 2000). 

Below listed models offer valuable frameworks for understanding technology acceptance, each 

with its own strengths and limitations.  

Model Description Effectiveness Limitations Effectiveness/Limitations in 

Cultural/Social Contexts 

Technology 

Acceptance Model 

(TAM)  

(Davis, F.D., 1987; 

Davis, F.D., 1989) 

(Avis et al., 1996; 

Lee et al., 2003) 

Developed by Fred 

Davis, TAM 

suggests that 

perceived ease of 

use and perceived 

usefulness are 

critical factors 

influencing 

technology 

adoption. 

Widely used and 

provides a simple 

yet effective 

framework for 

understanding user 

acceptance. 

Relatively 

simplistic and may 

not account for all 

relevant factors 

influencing 

technology 

acceptance. 

Effectiveness: TAM may not 

adequately address cultural and 

social factors that influence 

technology adoption. Limitations: 

It may overlook the impact of 

cultural nuances on perceived ease 

of use and usefulness. 

The outcomes demonstrate that the 

TAM might not universally 

forecast technology adoption 

within all cultural settings. 

Unified Theory of 

Acceptance and Use 

of Technology 

(UTAUT)(Hong & 

Kang, n.d.; 

Oshlyansky et al., 

UTAUT integrates 

multiple factors 

including 

performance 

expectancy, effort 

expectancy, social 

Offers a 

comprehensive view 

of technology 

acceptance and is 

widely used in 

research. 

May be complex to 

apply in practical 

settings, and it 

might not fully 

capture individual 

variations in 

Effectiveness: UTAUT considers 

social influence, making it more 

suitable for studying cultural 

factors. Limitations: It may still 

require adaptation to account for 

https://scholar.google.ca/citations?user=C-7sFjEAAAAJ&hl=en&oi=sra
https://scholar.google.ca/citations?hl=en&user=rKH2D8MAAAAJ


Model Description Effectiveness Limitations Effectiveness/Limitations in 

Cultural/Social Contexts 

n.d.; Venkatesh et al., 

2003) 

influence, and 

facilitating 

conditions to 

predict technology 

adoption. 

technology 

adoption. 

diverse cultural contexts, and 

individual variations. 

Extended 

Technology 

Acceptance Model 

(TAM2 and TAM3) 

(Venkatesh & Bala, 

2008; Venkatesh & 

Davis, 2000) 
 

Extensions of TAM 

that include 

additional variables 

like subjective 

norm, image, and 

voluntariness of 

use. 

Enhance the 

predictive power of 

TAM by 

incorporating more 

factors. Useful for 

understanding 

technology 

acceptance in 

diverse contexts. 

Can become overly 

complex and may 

not be suitable for 

all situations. The 

added variables 

may not always 

improve prediction 

accuracy 

significantly. 

Effectiveness: Extensions provide 

flexibility for considering cultural 

and social factors. Limitations: 

Complexity can hinder cross-

cultural application, and added 

variables may not universally 

apply. 

Theory of Planned 

Behaviour (TPB) 

(Ajzen, 2011) 

TPB includes 

attitude toward 

behaviour, 

subjective norm, 

and perceived 

behavioural control 

as factors affecting 

behavioural 

intention and 

behaviour. 

Provides a strong 

theoretical basis for 

understanding 

behaviour. Applied 

in various domains 

beyond technology. 

Assumes 

individuals have 

complete control 

over their actions, 

which may not 

always be the case. 

Does not consider 

external factors in 

detail. 

Effectiveness: TPB offers insights 

into cultural norms and perceived 

control. Limitations: It may not 

fully explore cultural nuances or 

external influences on behaviour. 

Innovation Diffusion 

Theory (IDT) 

(Rogers, E.M., 2008) 

Everett Rogers' IDT 

focuses on how 

innovations spread, 

considering factors 

like relative 

advantage, 

compatibility, 

complexity, 

trialability, and 

observability. 

Valuable for 

studying innovation 

adoption over time. 

Highlights key 

factors that 

influence adoption 

decisions. 

May not fully 

address the 

complexity of 

technology 

adoption in rapidly 

changing 

environments. 

Doesn't delve deep 

into individual-

level factors. 

Effectiveness: IDT acknowledges 

cultural aspects but may not adapt 

well to rapidly changing cultural 

dynamics. Limitations: Lacks 

depth in individual-level cultural 

analysis. 

 



UTAUT is designed to be adapted to suit the specific technology under investigation. 

(Venkatesh et al., 2003)Hence a certain amount or rewording is expected. It’s validation 

and application have already taken place in English-speaking nations (Anderson & 

Schwager, n.d.) . Research conducted by (Oshlyansky et al., 2007.) offers a cross-cultural 

validation of this framework approach. The findings presented in this study convincingly 

demonstrate the resilience of the UTAUT framework in withstanding translation and 

application across different cultures, even beyond its original country and language of 

origin (Oshlyansky et al., 2007). Hence this proposal further considers using the foundation 

of UTAUT model for further exploration. 

Standing Ground or Foundation of Study 
The study (Nistor et al., 2013) highlights the importance of considering individual and cultural 

differences in educational technology acceptance (ETA), revealing variations in ETA factors 

among different cultural groups and emphasizing the need for tailored learning environments 

to meet diverse expectations and needs. 

The study conducted by (Nelson et al., 2019) delves into the factors shaping the development 

of technological pedagogical content knowledge (TPACK) in teacher educators, underscoring 

the pivotal role played by institutional support, technology knowledge, and specialized subject-

area training for effective technology integration in teacher education programs. It also 

highlights the need for tailored support and the adoption of frameworks in alignment with 

TPACK (Technological Pedagogical Content Knowledge) and the ISTE (International Society 

for Technology in Education) technology standards, which can significantly enhance 

technology competencies and instructional practices among teacher educators. 

This research prposal is rooted in the recognition that technology adoption, particularly in the 

realm of Artificial Intelligence (AI) within educational settings, is not solely determined by the 

functional capabilities of the technology itself. Instead, it is profoundly shaped by the cultural 

attitudes, values, and expectations of the individuals and communities involved. Existing 

models analysing cultural variations in technology adoption often fall short in providing 

authentic insights when applied practically. Scholars such as (Oshlyansky & Thimbleby, 2006; 

Spector et al., 2001) have highlighted the limitations of these models, emphasizing the need 

for more culturally relevant and context-specific investigations. 

Building on this foundation, this study acknowledges the necessity of re-evaluating and 

adapting models for technology acceptance to encompass diverse cultural contexts. It takes 

inspiration from previous endeavours, such as the adaptation of the Technology Acceptance 



Model (TAM) by researchers like (Day, 1996; Gefen & Straub, 1997; Straub ’ et al., 1997b) 

Day (1996), Howard et al. (1997), and Straub et al. (1997). However, this research goes further 

by focusing specifically on AI adoption in education, aiming to provide a comprehensive 

understanding of how cultural dimensions influence the intentions and behaviours of 

individuals when it comes to embracing AI technologies. This study's foundation rests on the 

belief that addressing the cultural intricacies of AI adoption is crucial for enhancing its 

effectiveness and relevance in educational contexts and for promoting equitable access to 

advanced learning tools across diverse cultures and societies. 

Research Gaps 
1. Lack of Diverse Academic Background: 

• Existing studies primarily draw their samples from specific universities or 

institutions within a single country. This limited scope potentially hinders the 

generalizability of research findings. To address this gap, future research should 

aim to diversify its sample sources to encompass a broader range of educational 

institutions and cultural contexts. This would provide a more comprehensive 

understanding of the factors influencing AI adoption across various academic 

backgrounds and geographical regions. 

2. Cultural and Institutional Factors Impacting AI Adoption: 

• There is a dearth of research that delves into how cultural and institutional 

factors affect the adoption of AI technologies in educational settings. These 

factors, including organizational cultures, policies, and administrative support, 

play a pivotal role in shaping faculty members' willingness to embrace AI. 

Future research should prioritize exploring these critical influences to uncover 

the complexities of AI adoption within diverse academic environments. 

3. Limited Perspectives Beyond Teachers: 

• Most of the existing research primarily focuses on the perspectives of teachers 

when examining technology and AI adoption in education. However, there is a 

notable gap in insights from other key stakeholders, such as students, 

administrative members, policymakers, and other relevant academic profiles. 

To provide a more holistic view of AI adoption, future studies should broaden 

their scope to include the perspectives and needs of all these diverse 

stakeholders. This would yield a more comprehensive understanding of the 

challenges and opportunities associated with AI integration in education. 



4. Contextual Variability: 

• While current research often identifies general factors influencing AI adoption, 

it tends to overlook the nuanced contextual differences that can significantly 

impact faculty members' readiness to adopt AI technologies. Factors such as 

discipline-specific needs, variations in institution types (e.g., research 

universities vs. community colleges), and geographical locations can all play a 

crucial role. To bridge this gap, future studies should incorporate a more 

granular analysis of these contextual variables to provide a deeper and more 

contextually relevant understanding of AI adoption within the academic 

landscape. 

 

Research Objective 
In the ever-evolving landscape of education technology, the adoption of Artificial Intelligence 

(AI) holds immense promise. However, the literature review has illuminated critical research 

gaps. These gaps encompass the limitations of single-context studies, the need for a 

comprehensive examination of cultural influences, the absence of diverse stakeholder 

perspectives, and the importance of accounting for contextual variability in AI adoption. To 

bridge these gaps, this study establishes a clear set of research objectives. These objectives seek 

to delve into the complex dynamics of AI adoption in education, ultimately aiming to provide 

actionable insights and practical recommendations. Through this research, the aspiration is to 

provide insights for enhancing the seamless integration and utilization of AI tools across 

diverse educational contexts. 

Research Objective 1: Investigate the overarching challenges associated with AI adoption and 

their potential hindrance to effective acceptance and utilization of AI tools within diverse 

cultural and societal contexts within the realm of education. 

Research Objective 2: Develop a comprehensive research agenda grounded in the UTAUT 

framework to explore the intricate dynamics of AI tool adoption and utilization in the academic 

domain. Focus on unravelling how cultural nuances influence this adoption process. 

Research Objective 3: Analyse the insights generated from the formulated research agenda to 

identify practical strategies and recommendations. These strategies should facilitate the 

seamless integration and utilization of AI tools by individuals from diverse cultural 

backgrounds within educational organizations, considering both local and broader contexts to 

enhance AI tool adoption. 



These objectives provide a clear roadmap for your research, emphasizing the importance of 

addressing the challenges associated with AI adoption, understanding cultural influences, and 

ultimately contributing to practical solutions that promote effective AI tool utilization in 

education across a spectrum of cultural contexts. 

Conceptual Model 
In the ever-evolving landscape of education technology, the adoption of Artificial Intelligence 

(AI) stands as a transformative opportunity. However, navigating the complex terrain of AI 

integration requires a contextual understanding that encompasses cultural diversity, 

institutional dynamics, and stakeholder perspectives. To address this imperative, we propose a 

contextual model designed to comprehensively investigate and facilitate AI adoption in 

education. This model takes into account the foundational recognition of AI's multifaceted 

nature within educational settings and aligns with specific research objectives: identifying 

challenges, developing a research agenda, and deriving practical recommendations. By 

embedding cultural, contextual, and stakeholder considerations, this model aims to bridge 

research gaps and pave the way for seamless AI integration in diverse educational 

environments. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

   

Figure: Conceptual Model 
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Hypothesis 
Hypothesis 1: There is a variation in the challenges faced during the adoption of AI tools 

in education across different cultural and societal environments.  

Hypothesis 2: Cultural and societal factors significantly influence the acceptance and 

utilization of AI tools in educational settings. Moderating factors like cultural norms and 

type of media the people in a culture consume play a pivotal role.  

Hypothesis 3: Cultural norms and values play a significant role in shaping educators' and 

students' attitudes towards AI tool adoption.  

Hypothesis 4: Specific challenges related to AI tool adoption emerge that are unique to 

particular cultural or societal contexts within the academic domain. 

Hypothesis 5: The intention of users to adopt AI significantly influences their subsequent 

actual technology use. 

Research Design 
In the pursuit of a comprehensive understanding of AI adoption in education, this research 

proposal outlines an inclusive research design that will seamlessly blend quantitative and 

qualitative methodologies. The research will embark on a journey that will begin with the 

development of a quantitative survey, meticulously crafted around the Unified Theory of 

Acceptance and Use of Technology (UTAUT) framework, aimed at gauging future perceptions 

of AI adoption. Subsequently, in-depth qualitative interviews will be conducted to explore the 

nuanced cultural and social elements that will profoundly impact technology acceptance. 

Thematic analysis will unveil rich insights. Finally, during the triangulation and interpretation 

phase, we will harmonize quantitative and qualitative findings, offering a multifaceted future 

perspective on AI adoption in education. This holistic view will be enriched by the convergence 

and divergence of data from these complementary future research approaches, deeply 

considering the cultural and social dimensions that will shape AI adoption. 
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Qualitative Survey 
Conducting the quantitative survey, is vital for several reasons. It quantifies key constructs 

related to technology acceptance, providing empirical data for research and practical decision-

making. This data establishes a baseline understanding of user perceptions and intentions, 

aiding in tracking changes over time. It supports evidence-based decision-making, enabling 

informed choices regarding technology design and interventions. 

The survey allows for comparative analysis between user groups or technologies, identifies 

variations in acceptance levels, and validates or refines theoretical models like UTAUT. 

Quantitative data can predict future user behaviour, enhancing technology implementation 

planning. Surveys offer an objective assessment of user attitudes, efficiently collecting data 

from a large number of participants. 

Overall, conducting the quantitative survey is essential in a research to gather empirical 

evidence, inform strategies, and improve technology acceptance, contributing to the success of 

technology adoption initiatives. 

 

Measurement Instrument 

As discussed earlier the Unified Theory of Acceptance and Use of Technology (UTAUT) is a 

widely recognized theoretical framework that seeks to understand how individuals accept and 

adopt technology in various contexts. To study this phenomenon, researchers employ a 

structured measurement instrument based on the UTAUT model. This questionnaire aims to 

collect valuable insights into users' perceptions and intentions regarding a specific technology 

or product. By evaluating their responses, researchers can gain a deeper understanding of the 

factors influencing the acceptance and utilization of technology. 

This measurement instrument typically employs Likert-type scales or similar response formats, 

allowing users to express their agreement or disagreement with statements related to these 

constructs. By administering this questionnaire and analysing the responses,  valuable insights 

can be uncovered to the factors driving or inhibiting technology adoption. This, in turn, informs 

the development of strategies and interventions aimed at promoting the successful acceptance 

and use of technology in diverse settings. 

The above summary provides an overview of the UTAUT measurement instrument and its 

purpose in studying technology acceptance and use. Researchers (Davis, 1989; King & He, 

2006) use this instrument to gather data that helps them understand the complex dynamics of 



technology adoption, ultimately contributing to the improvement and implementation of 

technology in various fields. 

Below, is the sample template to provide an example of the types of questions that can be 

considered while conducting the surveys using the measurement instrument by (Venkatesh et 

al., 2003; Venkatesh & Davis, 2000) focusing on various constructs: 

Perceived Usefulness: 

1. Using [Technology/Product] would improve my job performance. 

2. I find [Technology/Product] useful for my tasks. 

3. [Technology/Product] would enhance my productivity at work/school. 

Perceived Ease of Use:  

       4. Learning to operate [Technology/Product] is easy for me. 

5. I find it easy to become skilful at using [Technology/Product]. 

6. I believe that using [Technology/Product] would be free of effort. 

Performance Expectancy:  

 

       7. I believe that using [Technology/Product] would help me accomplish tasks more 

quickly. 

8. I expect that [Technology/Product] would enhance my overall job/school performance. 

9. I think that using [Technology/Product] would lead to better results. 

Effort Expectancy:  

      10. I anticipate that using [Technology/Product] would require a lot of mental effort. 

11. Using [Technology/Product] would be a complex task for me. 

12. I would need a lot of time and energy to learn how to use [Technology/Product]. 

Social Influence:  

       13. People who are important to me think I should use [Technology/Product]. 

14. My colleagues/friends/family encourage me to use [Technology/Product]. 

15. I feel pressure from others to use [Technology/Product]. 

Facilitating Conditions:  

      16. I have the necessary resources and support to use [Technology/Product] effectively. 

17. The infrastructure for using [Technology/Product] is readily available. 

18. I have access to the training and help I need to use [Technology/Product]. 

Behavioural Intention:  

       19. I intend to use [Technology/Product] in the near future. 

20. I plan to make an effort to use [Technology/Product]. 



21. I expect to use [Technology/Product] in my daily work/school tasks. 

Actual Use:  

      22. How often have you used [Technology/Product] in the past [time period]? 

• Not at all 

• Rarely 

• Occasionally 

• Frequently 

• Very frequently 

Researchers would typically ask participants to respond to these questions using Likert-type 

scales (e.g., strongly disagree to strongly agree) or other response formats to gather data on 

users' perceptions and intentions regarding the technology in question. This data can then be 

analysed to gain insights into the factors influencing technology acceptance and usage 

according to the UTAUT model. 

Analysing the Survey Data 

Analysing data collected from the UTAUT survey involves several key steps. First, data should 

be cleaned by addressing missing or incomplete responses and assigning numerical values to 

Likert-type scale responses. Descriptive statistics, including means, medians, and standard 

deviations, help understand the overall perceptions of users. 

Reliability analysis, such as Cronbach's alpha, assesses the internal consistency of survey items 

within each construct. Factor analysis may be conducted to confirm that items align with 

expected constructs. Composite scores for each construct are then calculated based on survey 

item responses. 

Hypothesis testing examines specific research questions, while correlation analysis explores 

relationships between constructs. Regression analysis identifies the most influential factors on 

behavioural intention or technology usage. 

For open-ended questions included, qualitative analysis can extract meaningful themes from 

responses. Interpretation of findings considers the alignment with the UTAUT model or other 

relevant theories. Visualizations aid in presenting key findings effectively. Peer review may be 

essential for academic research to ensure validity and reliability. 

In summary, UTAUT survey data analysis entails data preparation, reliability and factor 

analysis, hypothesis testing, correlation and regression analysis, qualitative analysis, 

interpretation, visualization, and potentially peer review. These steps collectively yield insights 



into technology acceptance and use, aiding researchers and practitioners in understanding user 

behaviour. 

Qualitative Interviews 
This research proposal outlines the planned use of qualitative interviews following the 

administration of a quantitative survey, such as the UTAUT questionnaire. These interviews 

will serve to delve deeper into participants' responses, providing context, reasons, and personal 

experiences behind their survey ratings. The objective is to gain a comprehensive 

understanding of technology acceptance. 

The interviews will explore unanticipated insights, clarifying ambiguous survey responses and 

validating quantitative findings. Researchers will identify specific barriers and facilitators 

affecting technology acceptance, focusing on the role of social influence. User-cantered 

feedback will guide technology design improvements, and longitudinal interviews will track 

changes in attitudes. 

Qualitative data will not only inform the research but also contribute to the refinement of 

theoretical models like UTAUT. By triangulating data from multiple sources, this research aims 

to bolster the validity of its conclusions. Ultimately, this approach will deepen understanding, 

inform decision-making, and shape effective technology acceptance and adoption strategies. 

Synthesizing different cultural perspectives 
As we will be employing a mixed-methods approach to synthesize various cultural 

perspectives. Quantitative surveys will be utilized to capture broad trends in how culture 

influences AI adoption, while qualitative interviews will provide in-depth insights into cultural 

nuances. We will analyse quantitative data to identify general cultural attitudes, followed by 

thematic analysis of qualitative interviews to uncover unique cultural perspectives. 

Comparative analysis will bridge insights from both methods, highlighting common themes 

and unique cultural insights. This synthesis will form a comprehensive narrative of how 

cultural factors impact AI adoption in education, offering recommendations for tailored 

strategies that consider diverse cultural contexts. The integration of quantitative and qualitative 

findings will generate a holistic understanding of the cultural dynamics at play in AI adoption. 

Importance of the Research Topic 
The research topic represents a significant and evolving area of research at the intersection of 

technology, education, and culture. Here are the major contributions and potential weaknesses 

of this subject area to the discipline of business and management in my opinion: 



Perceived Contributions: 
1. Enhanced Understanding of Cross-Cultural Adoption: This research area 

contributes to a deeper understanding of how cultural factors influence the adoption of 

AI technologies in education. This knowledge can be applied to global business and 

management contexts, helping organizations tailor their strategies for technology 

adoption in culturally diverse markets. 

2. Informed Decision-Making: By examining the cultural attitudes, values, and 

expectations surrounding AI in education, this research can inform decision-makers in 

academia, educational technology companies, and business organizations. 

Understanding the cultural nuances can help in designing and implementing AI-based 

educational tools that are culturally sensitive and effective. 

3. Advancement of UTAUT Framework: Utilizing the Unified Theory of Acceptance 

and Use of Technology (UTAUT) in the context of cultural impact is a valuable 

contribution. It extends the applicability of the UTAUT framework to a broader 

spectrum of settings, emphasizing its adaptability and relevance in different cultural 

contexts. 

4. Global Educational Strategies: The insights gained from this research can be applied 

to develop global educational strategies that consider cultural diversity. This is 

particularly relevant in the business context when organizations operate internationally 

and need to provide training and education to a diverse workforce. 

Perceived Weaknesses: 
1. Complexity of Cultural Factors: Cultural influences on technology adoption are 

multifaceted and complex. Researchers must carefully consider the numerous cultural 

dimensions, making it challenging to draw broad conclusions. Generalizing findings 

across all cultural contexts may be overly simplistic. 

2. Data Collection Challenges: Conducting cross-cultural research can be challenging 

due to differences in language, customs, and access to technology. Ensuring the validity 

and reliability of data collected from diverse cultural contexts is crucial but can be 

resource-intensive. 

3. Ethical Considerations: As AI technologies continue to advance, there are ethical 

concerns related to privacy, bias, and equity in education. These ethical considerations 

should be central to the research agenda in this area. 



4. Dynamic Nature of Technology: AI technologies evolve rapidly, and their impact on 

education changes accordingly. Research findings may become outdated relatively 

quickly, necessitating ongoing research and adaptation of educational strategies. 

In summary, the topic of the cultural impact of AI in academics has the potential to contribute 

significantly to the discipline of business and management by offering insights into cross-

cultural technology adoption and decision-making. However, researchers must navigate the 

complexity of cultural factors and address ethical considerations to produce valuable and 

relevant findings. 

Conclusion 
The topic of the "Cultural Impact of AI in Academics" is of paramount importance in today's 

business and management landscape. As education and business operations become 

increasingly globalized, understanding how cultural factors influence the adoption of AI 

technologies in education is essential. AI's growing role in education underscores the need to 

assess how cultural attitudes and expectations shape its successful integration. This 

understanding offers opportunities for market growth and competitive advantage by tailoring 

AI-based educational solutions to diverse cultural contexts. Moreover, it addresses ethical 

concerns, informs policy development, and promotes research and innovation in creating 

culturally sensitive AI technologies. In essence, this topic is pivotal for businesses and 

educational institutions seeking to navigate the complex interplay between culture and AI 

adoption in academics. 
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