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Executive Summary
This report will recommend to RFD Global ways to manage the risk of AI usage in multi-national operations, drawing upon the case study of Tesla which has extensive exposure to AI with their Autopilot and Full Self Driving (FSD) technology, a large volume of data governance and exposure to very divergent regulatory regimes. AI will give Tesla plenty of room to grow: Automating efficiencies, providing an edge in autonomous driving, and offering manufacturing and scale fleet management predictive powers. This dependency, however, carries a major risk, in three areas – safety (accident liability and unreliable behaviour in everyday driving), car hacking and the vulnerability of OTA updates, operational continuity (OTA update failures and operational disruptions).
PESTLE and ISO 31000 analysis reveals that the UK has regulatory stability coupled with sustainability-focused demand, but longer autonomous vehicle approval processes, while China boasts rapid growth and robust AI environment and control measures with the PIPL and Data Security Law which are stricter and more detailed. As Tesla's biggest vulnerability, safety risk is accentuated by variable worldwide claims procedures and minimal public reporting of accident information.
Five strategic recommendations have been put forward: AI governance framework needs to be developed on a global scale; AI safety validation needs to be bolstered; There is a need to plan for compliance approaches on region-by-region basis such as the UK and China; Cyber security and data governance should be enhanced; Transparency should be increased to build consumer confidence. These are all steps to put Tesla on a path to meet the need for ongoing innovation in AI, while providing the governance teeth needed for ongoing competitiveness.
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[bookmark: _Toc235032447]1. Introduction 
Artificial Intelligence (AI), in its transformative capabilities, has changed the landscape of international business, impacting its strategies, innovations and value generation across international markets. AI is not simply a technological solution, but also a strategic competence that enhances efficiency in operations, data-informed decision making and competitive advantage in a sustainable manner. Initiatives for expansion into foreign markets come in tandem with movements to fit the new institutional characteristics or regulatory frameworks and market conditions. The Uppsala Internationalisation Model and the Eclectic (OLI) Paradigm are among the theories that identified multinational companies' success in internationalization as a process of learning to identify host country conditions and adapt to them, as well as leveraging firm specific capabilities (Dunning, 2001; Johanson and Vahlne, 1977). Moreover, the institutional theory suggests that organizations need to build legitimacy and competitively survive in the long-term by accepting formal institutions and social norms (DiMaggio and Powell 1983; Sahin and Mert 2023).
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[bookmark: _Toc235032463]Figure 1: (AI & Robotics, no date).
Tesla Inc. is a suitable example to consider these challenges as they are a multi-national Automobile Company as well as an AI Technology Company. The competitive system of the business is not only limited to the use of electric cars, but also autonomous driving systems, AI, machine learning, robotics and continuous software development (Tesla, 2024; Hopkins and Lazonick, 2024). The roll-out and ongoing investment in intelligent mobility by Tesla have boosted its market standing, while also posing new challenges related to regulation, ethics, and operation regarding the adoption of AI (Lu, 2023; Zhou, 2024).
The goal of this report is to engage the attention of Tesla's senior leadership team with the opportunities and risks of adopting this new technology known as artificial intelligence (AI). The analysis emphasizes AI governance, risk management, and regulatory conformance by comparing the regulation of AI in the United Kingdom and China. The analysis highlights the discussions on the governance, risk management, and regulatory compliance aspects of using AI, highlighting a comparative evaluation of how AI is regulated in both nations, the United Kingdom and China. The report first analyses the external business environment, followed by a discussion of the economic implications of AI, a risk assessment of AI risks, issues of governance and the regulatory landscape before articulating strategic suggestions and a roadmap associated with implementing AI features to bolster long-term Tesla competitive performance.
[bookmark: _Toc235032448]2. Global Business Environment Analysis (PESTLE)
AI has revolutionized the EV sector's competitive landscape, fostered innovation and regulated the sector on an international scale.AI has transformed the competitive landscape, fostered innovation, and regulated the global EV industry. The external environment is at crucial level for Tesla in order to introduce the autonomous driving capabilities with AI and to maintain the competitive advantage. The analysis of the political, economic, social, technological, legal and environmental factors (PESTLE) that impact Tesla's activities in the UK and China will foster adaptation to the particular institutional context required for the action planning process. The PESTLE framework will analyse the political, economic, social, technological, legal and environmental factors affecting the operation of Tesla in the UK and China, two markets where the institutional environment will be different, providing flexibility to adapt an action planning process.
[bookmark: _Toc235032460]Table 1: PESTLE Analysis of Tesla in the UK and China.
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2.1 Political Factors
While UK government policies are favourable for low carbon transport through charging infrastructure investments and incentivizing ZE vehicles, the regulatory climate for AI in autonomous vehicles takes a cautious stance with a focus on safety and the possible hindrances to commercialization might be a challenge (Hopkins and Lazonick, 2024). China's AI and EV policies are strategic national initiatives, which were unable to emerge without substantial public funding and economic policies, but do feature a higher degree of State regulation, including data governance (Irfan and Tang, 2025). Consequently, Tesla doesn't have the flexibility of the same political playbook in both countries, and it'll be required to master a different approach in China than in the UK.
2.2 Economic Factors
While demand for EVs in the UK is on the rise, the combination of inflation, supply chain challenges and increasing energy costs puts pressure on margins and can push Tesla towards an AI enhanced manufacturing and supply chain for EVs (Hopkins and Lazonick, 2024). In China, the market is the biggest in the world, and has the strongest government backing, but a lot of price and tech competition from other firms in the country, such as BYD, meaning continued investment in the fields of AI and auto-driving is essential to stand out rather than being a race to the bottom (Lu, 2025; Irfan and Tang, 2025). Whilst AI can save money by cutting out processes and maintain products more predictively and at a lower cost, the volume of research and development investment needed increases risk to the business – and having innovation without cost control will prevent long term competition (Barrie, 2023).
2.3 Social Factors
Consumer acceptance of EVs is rapidly growing on environmental grounds, while there is some hesitation with autonomous driving; consumers are concerned with accountability, cyber security and safety etc., therefore, the public will only trust and use autonomous driving if it is transparent and reliable in real world scenarios (Debnath et al., 2021). Chinese customers are more open to AI-enabled digital services, fuelled by a robust digital ecosystem, and yet, the increasing data privacy awareness makes it essential for digital services to be built on data accountability and management, and less on innovation (Irfan and Tang, 2025).
2.4 Technological Factors
The strength of Tesla's business is based on its use of the latest technologies such as artificial intelligence, machine learning, over the air updates and battery technology. While China has a strong focus on investing in AI infrastructure, smart cities, and intelligent transport systems, which facilitate quicker testing and deployment of AVs, the UK has robust research capabilities that need to be complemented by faster infrastructure development and regulation for AVs, and ultimately, its commercialisation (Niño Suarez et al., 2025). The continuous effort of investing in software and data analytics will continue to be crucial as the competitors close that gap (Huang, 2024).
2.5 Legal Factors
However, regulation in the UK calls on safety, accountability, and rigorous testing before embarked on a commercial deployment. China has robust innovation support, and its strict rules on digital regulation, including data localisation requirements and cybersecurity requirements, as laid out in the Personal Information Protection Law and Data Security Law (Calzada, 2022; Chen and Sun, 2021), which are backed by increased regulation of digital technologies from the Chinese government (Determann et al., 2021). The instability of these different legalisms means that there is no single compliance model that can be applied worldwide and governance would have to emerge on a regional basis.
2.6 Environmental Factors
Both markets aim for highly ambitious reduction targets that will be here in a way that will still be beneficial to long term EV use and strengthen Tesla's core business model. Current environmental demands are no longer limited to tail pipe emissions, but also reach the battery manufacturing process, the resources extracted and the sustainability of the supply chain, compelling Tesla to incorporate AI into a sustainable approach to manufacturing CO. Today, environmental expectations have gone beyond tail pipe emissions, and include the production of batteries, the extraction of resources, sustainability of their supply chain – the whole product lifecycle (De Sousa and Castañeda Ayarza, 2022; Niño Suarez et al., 2025).
2.7 Critical Evaluation
Tesla has two attractive, but very different, environments. The Chinese government provides generous support, cutting-edge technology and advanced infrastructure, with growth comes a level of regulation and competition. The UK provides a more stable and sustainable regulatory landscape with duration lags, tempered by public mistrust and cautiousness around the use of autonomous technology. Thus, given the considerable opportunity and operational, legal and strategic risk Tesla’s could face due to the external environment, long-term success will require adapting the governance and market strategy of artificial intelligence to the political climate of each country (Barrie, 2023; Hopkins and Lazonick, 2024).
[bookmark: _Toc235032449]3. Macroeconomic and Microeconomic Impact of Artificial Intelligence
As labour markets, productivity, competitiveness of businesses, and economic growth are all affected, artificial intelligence (AI) is changing economies around the world. In the case of Tesla, AI is more than just a technological advancement; it's a strategic asset that influences the company's operations and future success. There are considerable economic, social, and organisational considerations that need to be taken care of effectively, however, the advantages of AI come in the package.
[bookmark: _Toc235032450]3.1 Macroeconomic Impact
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[bookmark: _Toc235032464]Figure 2: (Artificial intelligence,"how to think about the ai impact on the economy", no date).
From an economic perspective, AI is transforming job market dynamics by influencing various sectors. On the macro level, AI is changing the economic landscape by impacting work across sectors. The efficiency of repetitive and routine tasks has been raised in the field of automation, leading to a decrease in the need for certain jobs that necessitate fewer traditional skills and qualities, and the creation of new opportunities for highly skilled occupations, such as software engineering, data analytics and AI development (Abuselidze and Mamaladze, 2021). Likewise, Georgieff (2022) and Hyee (2022) state that gains in productivity and economic performance occur in countries grossly deploying AI, although at differential rates between sectors and groups of workers. It also indicates that AI is not about losing jobs but a revolution in how they are done, meaning that the jobs of the future will be different and continuing investment is needed in the skills of employees and the development of digital skills.
AI is equally a key driver of productivity improvement. Data analysis, forecasting, and automated learning offer businesses the chance to transform their production workflows for optimal efficiency, minimise their inefficiencies, and enhance their decision-making capabilities. Through their study of AI's impact on industrial innovation and knowledge sharing within virtual industrial clusters, Shen and Zhang (2024) found that AI can boost productivity. Similarly, Tschang and Almirall (2021) state that 'AI is a tool that should be used to complement, not supplant' human abilities and organisations should blend the technological power with the skills of people.
In particular, the competitiveness in international industries has grown at an accelerated pace with the growing usage of AI by organisations for better innovation and customer value. Any company that can share AI into their products and operations can achieve competitive benefits by reducing their expenses, quickening their decision-making process, and improving their product quality. But, if companies don't invest enough in AI, then they will lose the market to companies with advanced technologies (Patil, 2024). At a macroeconomic level, AI is also a driver of GDP growth because AI leads to lower unemployment levels, by contributing to innovation and stimulating investment in the digital infrastructure. However, Acemoglu and Restrepo (2018) warn that “over automation” can lead to an increase in income inequality in the long-run, and, that these gains in productivity can accrue to the more technologically advanced firms, which will pose socioeconomic challenges in the future.
[bookmark: _Toc235032451]3.2 Microeconomic Impact
On an organisational level, AI plays a profound role in disrupting Tesla's cost structure, enabling a remarkable level of operational efficiency, aiding in investment choices, and guiding pricing decisions. On an organisational level, AI is having a significant effect on Tesla's cost structure, operational efficiency, investment decision making and price strategy. Tesla applies AI technology across its production, self-driving technology, battery management and supply chain. The Annual Report from Tesla (2024) shows that further investment in the automation through AI has enhanced production efficiency and contributed to product innovation and scale-up.
Predictive Maintenance, robotics and automated manufacturing are other areas where AI can help Tesla lower its long-term operating costs. While the startup costs associated with AI research, systems, and software may be high, the benefits of efficiency in the future will outweigh the initial investment and contribute to increased profitability. Additionally, AI can assist in quicker decision-making processes by looking at real-time operational data, which helps Tesla optimize stock management, manufacturing plans, and vehicle operation.
Investment is also important, since it is vital to maintain technological leadership to also spend continuously on R&D. Lu (2025) believes in Tesla's competitive edge rather relying on its current market status, the company should continue investing in its autonomous driving systems and enhanced innovations in artificial intelligence. In parallel, AI fortifies Tesla's pricing strategy by rendering its cars distinctive features through sophisticated software, amidst the intensifying competition from global EV manufacturers.
[bookmark: _Toc235032452]3.3 Critical Discussion
The potential for economic gain opportunities and risks for Tesla is enormous, with the arrival of AI. In one way, AI improves productivity, cuts down on operational and business costs, boosts innovation, and aids the competitiveness in the long term. Such advantages continue to highlight Tesla's strategic entry and stance in the dynamic electric vehicle market. The costs, ongoing technological innovation and skilled human resources needed to achieve these benefits can also be significant. Some studies also suggest that automation based on AI could escalate the skills gap, impact the overall skills of the workforce and consequently employability, unless the organisation invests in training employees (Subhikshan, 2023; Cramarenco et al., 2023).
So, the intention behind using AI should not be limited as a cost-saving technology. Rather, it's a strategic investment that will take years to execute, even with economic efficiency, while at the same time implementing prudent working practices and sustainable innovation. Equipped with the knowledge of technological leadership, Tesla must also invest in constantly enhancing its human talents in order to sustainably secure its own competitive position so that economic growth enabled by artificial intelligence can continue.
[bookmark: _Toc235032453]4. AI Risk Management
4.1 AI Safety Risks
While Tesla's companies make significant strides in their FSD and Autopilot systems, there are variability in weather conditions, an inconsistent road marking system and unpredictable pedestrian and driver behavior involved in driving, which can lead to perception and decision-making errors that cannot be avoided with FSD and Autopilot systems. The next question is who is at fault in the event of an accident, as it can be rather tricky to pinpoint the responsibilities of the manufacturer, the software company and the human driver in the case of such an incident. There is no common international standard for fault liability assignment and liability systems address safety and liability issues inconsistently at a jurisdictional level around the world (Taeihagh and Lim, 2019). In terms of Tesla specifically, one of the key nuances is that its annual report makes no specific mention of a break down in and independently verified incident rates as a function of severity or jurisdiction, where FSD and Autopilot exposure to safety liability has occurred, thus providing no ability to fully quantify from the public disclosures alone (Tesla, Inc., 2024). This lack of granular data poses a risk-management problem in itself because it makes it more difficult for anyone outside the company to use it to measure Tesla's real-world safety record.
4.2 Cybersecurity Risks
The high level of connectivity included in the Tesla cars - over-the-air software updates and remote vehicle access - give hackers a wide-ranging attack platform on the vehicle. Recent efforts have explored the synergies of integrating machine learning with blockchain for better cybersecurity and enhanced detection capabilities in connected vehicle systems, outpacing the traditional limitations of rule-based detection systems. There have also been proposals to enhance cybersecurity within connected vehicle networks by implementing an intersection of machine learning with blockchain-based solutions to provide more context-aware detection of anomalous activity, as compared to rule-based detection systems which are less adaptable to new threats or events. More specifically, in vehicle platform specific intrusion detection systems have become part of the equation to shield against malicious traffic before it can affect safety critical functions (Shichun et al., 2023), and the protection of the OTA Software update pipeline – the way that Tesla pushes software changes out fleet wide, is a very separate vulnerability point altogether (Pascale et al., 2021). If Tesla manages to break simultaneously across the country, the price would be two-fold: first, if breakthrough software is allowed to make its way into vehicles on the road, it creates a whole new set of safety risks, and second, from the reputational standpoint, nothing has tarnished Tesla's brand-image like a breakthrough that has been integrated into vehicles already on the roads.
4.3 Operational Risks
Unlike security and cybersecurity, operational risk is related to the reliability of the AI and reliability of the software — such as when a FSD update goes wrong and needs to be rolled back in case of emergency, or when a part of the software is interrupted, making fleet wide functions non-functional. These failures don't always lead to physical damage, but they can impact vehicle usability, time to market for features and cause high support and engineering expenses. The aspect of central software update creates an additional necessity in the operation of Tesla: the importance of thorough pre deployment testing and rollout phases cannot be overstated, ensuring that a misinformation or mistake on one system could impact its whole connected network of cars.
4.4 Enterprise Risk Management Applied to Tesla
Structured enterprise risk management (ERM) is associated with increased firm value – by supporting effective prioritisation of resource allocation and consistent monitoring of overall exposure to risks, ERM helps to deliver greater visibility (Hoyt and Liebenberg, 2011). As applied to Tesla, this means safety, cybersecurity and operational risks (sections 4.1-4.3) must be viewed and managed as one integrated ERM as they shouldn't be managed as separate departmental matters such as safety engineering, IT security and software operations reporting. This would enable interdependencies to be expressed explicitly, e.g. a security incident such as a "security break-in" could at the same time be a safety incident and then an operational disruption and only a single structure can fully account for this compounding incident.
4.5 ISO 31000 Application
As previously mentioned, COSO's ERM framework outlines the structure or architecture for incorporating the Risk Categories (Section 4.4); at the process level, ISO 31000 delivers a complementary methodology (COSO, 2017) with elements that include identifying, assessing, mitigating, and monitoring the risk. If applied to a certain Tesla AI risk FSD software failure, it becomes evident what practical value the risk assessment tool can offer. Failure mode identification would proceed by logically enumerating the failure modes for sensor fusion, decision algorithms, and failure modes of deployment of the updates. Each failure mode would be followed by an assessment of the likelihood of each failure and the severity, for example a minor misjudgement of direction compared to a steering failure. There will then be systems of commensurate control: staged Rollings out, simulation testing and fall-back man-in-the-loop controls for higher severity failure modes. Monitoring would involve constant post deployment monitoring of the actual data in the real world and return back to the identification process to address failure mechanisms not considered in design. This cycle opens up the possibility of ISO 31000 being a relevant assessment in the face of change as Tesla's software and fleet increases over time.
[bookmark: _Toc235032461]Table 2: AI Risk Register for Tesla.
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4.6 Critical Evaluation
However, while there isn't a clear correlation between frequency and exposure, safety risk is the most severe of the three and also has some regulatory uncertainty, which makes it the most serious overall risk for Tesla. While these cybersecurity and operational risks can be technically managed with established engineering controls, inconsistent liability regimes international and slow-moving governance processes have not caught up with autonomous technology in terms of safely managing the risks (Cohen et al., 2018; Channon, 2019). While the technology may be as robust as ever, much of Tesla's risk profile for AI is still determined by governance, and not just by the design of the safety systems.
[bookmark: _Toc235032454]5. Data Governance, Ethical AI and Customer Trust
5.1 Data Governance
Tesla has been generating huge amounts of training data for its AI systems through the cameras, sensors, driver input, and GPS data from its vehicles, for the development of the Autopilot and FSD systems (Agarwal et al., 2024). This level of measurement can expose a great deal of privacy, especially for data originating from vehicles, which could also indicate the travel behaviour of individuals over time at a very fine granularity (Gudepu and Eichler, 2024). To achieve effective governance, therefore, the organisations should have clear policies for data collection, retention periods and access, with a number of scholars citing the need for formal data governance structures as opposed to ‘reactive' compliance action needed for organisations deploying AI at fleet scale (Gupta, 2022; Potdar, 2024). This becomes even more critical for Tesla in the UK and China, where data protection regulation operates in two materially different ways: those of the UK have a ‘principles-based, risk-proportionate' approach, whereas, those of China are ‘data localisation and cyber-security' focused with tighter and more directive restrictions on cross-border data transfer (Sharma and Sharma, 2025; Noor et al., 2025). Without considering this disparity, the form of governance can result in either regulatory failure, or in different approaches to data handling between different markets (Mattews and Emma 2024; Tsai 2025).
5.2 Ethical AI
In addition to governance, Tesla's AI systems also pose unique ethical considerations such as biasing, explainability and accountability. Bias risk occurs when a training dataset lacks either geographical variation or demographic/environmental diversity, resulting in machine learning systems that do not perform well across all other geographic or demographic/environmental scenarios, which is a major risk during the deployment of large-scale machine learning systems and reported across numerous AI ethics studies as one of the primary concerns (Jobin et al., 2019). Explainability is also of paramount significance: Autonomous driving decisions made by an opaque neural network model are hard to explain, even for their own engineers, the outcome of such decisions is often harmful, and it will happen after the event and needs to be traced back. This will cause difficulties with internal auditing and external regulation, though, and where harmful decisions are needed and must be unfolded retroactively (Kroll et al., 2017). The opacity will also impact on how one might be held accountable for an AI-driven decision – if the reasons behind a decision are difficult to trace, or explain to those impacted, then holding someone accountable for that raises questions of accountability (Wachter et al., 2017). These three dimensions are connected into an overarching ethical malady: if it is only discussed in terms of doing a test for technical bias, there are obvious accountability gaps which would not be accounted for by discuss a separate explainability standard (Floridi et al., 2018).
5.3 Customer Trust
Perceived trustworthiness is crucial for shaping consumers' acceptance of AI-powered features like FSD, significantly influenced by AI system transparency, data collection methods, and error handling procedures. In a classical trust theory, the three key starting points are ability, benevolence and integrity which can be directly applied to consumer evaluation of trust in an organization or system, such as an AI system with physical safety implications (Mayer et al., 1995). The same applies to Tesla: no matter how good the technical performance is, a system could be rejected simply because the consumer feels uncertain about the transparency of Tesla's data processing and limitations of the system. But, when there's clear communication about capabilities, boundaries and safety performance, it can actually be faster to win over adoption rates since it goes straight to the bottom-line issue of trust with opaque AI systems.
5.4 Critical Evaluation: Trust vs Innovation
A dilemma for Tesla is whether a fast, innovative pace is also the one that cultivates and nurtures long-term customer confidence. Transparency/explainability and rapid iteration – going from FSD update to performant versions too quickly and, if left unchecked, eroding the transparency/explainability for deployment can be a core differentiator of Tesla's strategy in its deal with the public. While these trust-building initiatives might slow down feature releases, they may ultimately prove less costly in the long run in terms of compromising consumer trust because if that trust is eroded in the aftermath of a major failure of this new AI technology in a big app release, it could lead to reputational harm far outweighed by the short-term competitive edge of a speedy rollout. It's essential that Tesla's data governance and AI ethics policy not just weigh these priorities but balance them as well so as not to be at odds with one another.
[bookmark: _Toc235032455]6. Regulatory Environment (UK vs China)
6.1 UK
The UK believes that organizing AI governance by sector and using existing sectoral regulators which have existing cross-cutting principles safety, transparency, fairness, accountability — instead of creating one overarching AI statute is the right way to go. In the context of self-driving cars, safety governing bodies are focused on meticulous test procedures prior to self-driving car deployment, reporting incidents, and as of yet, cautious measures being taken to introduce more advanced levels of self-driving car autonomy on public roads gradually. This results in a relatively certain yet cautious regulatory process: Tesla is able to operate with legal relative security, but the process for expanding the scope of FSD will be even longer, and liability for incidents involving autonomous vehicles is dealt with unevenly against international standards, with some remaining legal uncertainty about who is liable (Taeihagh and Lim, 2019). AI allied liability proposals are continuing to evolve the scope of responsibility - between the manufacturer and driver (Channon, 2019; Cohen et al., 2018).
6.2 China
As far as Chinese regulatory model is concerned, it is more centralised and prescriptive. The Personal Information Protection Law (PIPL) provides extremely rigorous requirements on consent, cross-border transfer of data and data-minimisation for any organisation dealing with the personal data of Chinese citizens (Calzada, 2022; Chen and Sun, 2021), the Data Security Law introduces classification and localisation obligations to the data important to national security and public interest (Cui and Qi, 2021). Regulatory control isn't limited to data protection; it also concerns the broader algorithmic governance, and the regulators have broad powers to monitor and intervene in scalable AI systems (Creemers, 2022; Guo et al., 2024). This means a compliance-based approach: the obligations set in such detail are actively enforced in countries like the United States, meaning that there is little scope for a principles-based approach like in the UK which may allow for more flexibility (Yang, 2022; Determann et al., 2021).
6.3 Comparative Evaluation
This difference has potentially important consequences for business. While Tesla enjoys regulatory stability and complainer data-localisation obligations in the UK, it may still be delayed in the rollout of its autonomous features and technology due to the careful procedures involved in safety approval. As for market penetration, Tesla is progressing much faster in China where consumers are open to Artificial Intelligence technology, but where compliance policies are also much more complex, with the requirement for local storage and reporting on the algorithms that are used (Verri, 2023). Competitively, such a disconnect fuelled by different requirements in different regions underpinned a situation where Tesla would be unable to use a single global AI governance approach – one which is efficient in the UK environment may not necessarily be the right one for China, and vice versa. The ability to establish modular governance frameworks that are tailored according to specific regions is likely to give the company a competitive edge over other companies that have not initially localized AI compliance in a comprehensive way or are simply slower to respond (Wachter et al., 2017).
[bookmark: _Toc235032456]7. Strategic Recommendations
Recommendation 1: Develop a Global AI Governance Framework
However, based on the ERM analysis in Section 4.4, it is advisable to have a unified AI governance framework as opposed to a ‘separate’ strategy for three distinct functions – safety, cybersecurity and operational risks – across the enterprise. This shift is supported by evidence that linking structured ERM to increased firm value is of benefit (Hoyt and Liebenberg, 2011) and that an ISO 31000 compliant governance layer would give the risk process meaning and give organizational structure to the ISO 31000 process (COSO, 2017).
Recommendation 2: Strengthen AI Safety Validation
In view of the safety exposure discussed in section 4.1, and the fact that effect and outcomes from FSD/Autopilot update deployments are not adequately reported publicly, provided by Tesla or independently verified, Tesla should look to introduce tighter and more rigorous pre-deployment testing of their FSD/Autopilot development and a standardised and public reporting of incident rates. This would limit uncertainty in liability and further build the evidentiary foundation for regulation to take place in the UK and China.
Recommendation 3: Adopt Region-Specific Compliance Strategies
It is clear from the experiences reported in Section 6, however, that no single model can provide compliance with all principles-based regimes, like the UK, or prescriptive regimes, such as the China PIPL/Data Security Law. Tesla, ultimately, should create any structures necessary to comply without having to recreate them from the base up in the individual markets; structures that are modelled on approaches such as Sharma and Sharma (2025) and Tsai (2025) that allow for rapid localization without the need to start with scratch in every market.
Recommendation 4: Enhance Cybersecurity and Data Governance
Based on the risks outlined in Sections 4.2 and 5.1, further investment in intrusion detection and secure OTA pipelines should be considered by Tesla, alongside robust internal data governance policies on where, who and when data is saved, who can access it and cross-border data transfers. This directly resolves the issue to the whole fleet regarding breach risk and their regulatory exposure.
Recommendation 5: Strengthen Transparency and Customer Trust
Lastly, as we discussed in Section 5.4, to resolve the conflict between trust and innovation, Tesla needs to be more transparent in its approaches to using AI in decision making, handling the data, and limitations of the system. Clear public communication and independent audit would help to reduce the trust gap, without stoking innovation, but as perceived ability, benevolence and integrity are all key components of “trust” (Mayer et al., 1995), and bias/explainability gaps are a well-known shortcoming of all AI systems (Jobin et al., 2019), public communication and independent auditing could be a feature of closing the gap.
[bookmark: _Toc235032457]8. Implementation Plan
Implementing the five recommendations (see section 7) requires end ownership, realistic timeframes and measurable results, all in line with the ERM framework recommended in section 4.4 (Hoyt and Liebenberg, 2011) and the COSO risk management framework focus of integrating risk management within organisation's performance (COSO, 2017). Each action is allocated to the function most suited to leading that action - timings can be based on the relative complexity compliance/ governance actions can be performed quicker than engineering intensive actions for safety validation. The cost levels are indicative and KPIs are selected so that they can be selected with the aim of enabling progress not just to be reported but also to be self-evident.
[bookmark: _Toc235032462]Table 3 Implementation Plan
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[bookmark: _Toc235032458]9. Conclusion
The report has explored the challenges of AI use for Tesla and identified key potential areas of risk (safety, cyber security and operational) where the company turns to AI, which highlights the fact that its reliance on the technology occurs in two very different regulatory settings, both of which may be at risk. The PESTLE analysis indicated that the UK has regulatory stability and where demand exhibits sustainability principles, but slower approval and market pathways, conversely China provides a glimpse of rapid growth, robust AI resources with data and algorithmic oversight at a tighter and more prescriptive application standard. While the risk analysis created here didn't show that safety is the most common risk, because it's often both the most severe and the risk with the most ambiguous legal liability, there's a significant deficiency in independent verification of the safety of the Tesla – the risk with the highest number of undecided legal liability cases involved business aspects that lack proper transparency. Although cybersecurity and data governance risks are technically manageable, they have far reached, far more significant implications for a company's reputation and its fleet-wide impacts if they're under-resourced. The ethical AI digital analysis also suggested that as well as technical prowess, Tesla's competitive ability and its "trust quotient" over the long haul rely heavily on the perception of transparency and accountability.
The take-home message to the strategy is obvious: Tesla can't control them piecemeal by reacting to them at a functional level. The interdependency of safety/cyber security of operational risks, and the significant variations in regulatory requirements across markets demand a more watertight approach, rather than the usual one-size-fits-all approach. Rather, Tesla demands a unified enterprise risk management system that can uphold governance principles on a global level and implement compliance actions at the local level.
The Tesla saga exemplifies the larger contradiction that's surfacing when it comes to responsible governance and advancing technological progress within the multi-national, AI-backed enterprise. There is as much risk of regulatory penalties, safety issues, loss of public confidence, when innovation is not underpinned by good governance, as there is of competitive standstill due to failed innovation within a rapidly changing industry when governance is lacking. The key to sustainable advantage is to consider governance issues as a necessary condition for the sustainable success of innovation as opposed to a limitation on it.
Marketing realisation for Tesla's leadership is that the building of technological leadership alone is not sufficient to ensure Tesla's position in the world; only the multinational start-up that imposes as much discipline as it develops will keep the durable competitive edge.
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