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1.0 Business Context and Research Rationale
Online retail is no longer just a temporary response to the pandemic. It has become part of the everyday retail landscape for British consumers. But that's not to say all types of stores can reap the rewards of online channels equally. There are different online sales patterns that can be observed in food retailers, department stores, clothing retailers, household goods retailers, other non-food store & non-store retailers, due to various products and the different delivery models, fulfilment costs and customer decision processes of these retailers. A discussion of “online retail growth” can therefore mask the significant variations in growth rates for retail categories.
The Retail Sales Index internet sales dataset provides the ONS with a series of internet sales data for Great Britain, by store type, month and year (Office for National Statistics, 2026a). The latest version is 19 June 2026 and the next will be published 24 July 2026. This provides the data to be current, official and directly applicable to the secondary quantitative proposal. The ONS reported in its retail sales bulletin for May 2026 that spending values on the internet have been increasing over the last three months, from 10.4 percent higher in the three months to May 2026 than in the three months to February 2026, and 9.8 percent higher than the same three-month period a year earlier (Office for National Statistics, 2026b). These numbers reflect that the e-commerce retail sector is very much a current topic for debate but on their own are not a lot to explain the performance disparities between store types.
This proposal therefore concentrates on any differences in the trends of online retail transactions in Great Britain between stores. The study will not gather primary survey information, and will not develop a machine-learning model. Instead, it will employ SPSS to carry out descriptive statistics, time comparison, percentage change, charts and simple group comparison / correlation (if applicable). The goal is to convert official retail indicators to meaningful digital retail priority profile. This is suitable for an MBA level business research study as the investigation links credible data, retail theory and managerial decision making and retailers have to determine the level of attention and investment that they should place in their online channel.
2.0 Research Problem, Gap and Originality
The challenge is that whilst official retail statistics are typically delivered as monthly economic updates, managers may require a more strategic look at the impact that these figures have on channel investment. While ONS data can reveal whether online spending has increased or decreased, retailers will still need to know if a store type is having a stable growth online, if the spending on the internet is volatile, if the performance of the store type online is weak or if the store type has matured its online performance. This is important because investments are different in each scenario. The volatile category could benefit from an improved inventory mix or improved fulfilment capabilities and the weak online category could benefit from a redesign of the customer journey, website optimisation or a review of the product-channel fit.
The literature to date on omnichannel retailing indicates that two key challenges for retailing are channel integration and the design of the customer journey and the co-ordination of online-offline aspects of the channel (Neslin et al., 2006; Verhoef, Kannan and Inman, 2015; Piotrowicz and Cuthbertson, 2014). However, a substantial amount of this research is customer based or firm specific or uses data from the retail sector. Meanwhile, public ONS data provide a national overview, but are not always developed beyond descriptive reporting of management implications. The limited conversion of the existing indicators of official Internet sales into store-type management priorities is thus a gap for further research.
The originality of the proposed study is realistic not exaggerated. It is by no means claiming that no studies have been conducted on online retail trends. Instead, the novelty is the fact that it uses a focused secondary quantitative analysis of the most recent official ONS internet sales data, and presents a picture of online sales patterns by store type that can be translated into a pragmatic digital retail priority profile. The study goes beyond simply reporting on the headline numbers and instead questions which type of stores look better, worse or even more unstable in their online performances. This offers a practical addition for retail managers, particularly when they are looking to justify omnichannel investments, promotions, fulfilments and enhancing customer experiences with data.
3.0 Research Purpose, Question and Objectives
3.1 Research Purpose
This study aims too explore the performance of internet sales by store type in Great Britain, by analysing data from The ONS Retail Sales Index dataset: Internet Sales. The studying does not consider the online retail as one big market. Rather, it acknowledges that retailers of food, and department stores, clothing, household goods, and non-store can have different online sales trends due to their products, customers, delivery requirements and channel strategies.
The study will focus on identifying differences between store types, trends and shifts over time, as well as online retailing trends following the pandemic. The contribution is not really technical; it is intended for use. So the study will not develop a forecasting model and/or attempt to explain the behaviours of individual customers. It will instead look to secondary quantitative analysis to help paint a clearer picture of which of the online retail performance segments are stronger, weaker or more volatile in each store category.
3.2 Research Question
This study's primary research question is:
RQ1: What is the differences in trends in Internet sales by type of store in Great Britain and what are they telling us about digital retail strategy?
The following research questions will serve as a means of answering the main research question:
RQ1a: Which types of stores have the highest performance of their online sales during the selected period?
RQ1b: How do internet sales patterns vary over time for each store category?
RQ1c: What are the more consistent, weaker or more volatile online retail performance?
RQ1d: How can store-type sales patterns be translated into practical digital retail priorities for managers?
These research questions are appropriate because they are related to The ONS Retail Sale Index: Internet Seles data source. The dataset includes internet sales figures by stores type, month and year to enable the study to analyze the pattern of internet retail sales by store type. this studys, however, is secondary in natures and, therefore, only present trends, diferences, associations, and not necessarily individual customer behaviour, or direct causal explanations.
3.3 Research Objectives

The following objectives will be studied:
· To analyze the existing literature on online retailing, digital transformation, omnichannel retailing and consumer shopping habits to set the theoretical and industry background.
· To assess the ONS Retail Sales Index: Internet Sales dataset as a secondary dataset of quantitative data for use in analysing online retail trends in Great Britain.
· To analyze internet sales patterns of various types of stores by descriptive statistics, visualization and group comparisons in SPSS.
· To compare the changes over time to determine if there are varying degrees of online retail maturity for store type.
· To build a useful digital retail prioritisation profile that can be used to guide managers on where the online channel investment, CX improvements, stock planning and/or omnichannel development might best be focused.
The study will not make direct causal claims since it is an analysis of published secondary and aggregate data. It will not assert that one type of store is more successful online if it is just because of one reason, nor will it suggest that it has any research to provide on consumer behaviour. Rather, the analysis will be directed towards the detection of pattern, differences and associations among the official retail indicators.
4.0 Data Source, Scope and Dataset Validity
The main secondary data source of data will be the ONS Ratail Sales Index- Internet Sales dataset. The Data relates to internet sales in Great Britein by store type, month and year (ONS, 2026a). According to ONS Retail Sales Index Quality and Methodology Information report, the Retail Sales Index is based on the Monthly Business Survey - Retail Sales Index, is sample-based, has monthly frequency and covers the UK (specifically Great Britain) (Office for National Statistics, 2025). It also says the QMI collects data from around 5,000 retailers and the sample is representative of the retail sector, including large retailers, and a representative sample of smaller businesses. This results in robust basis for secondary data student research proposal.
The data set is suitable since it is not a question of individual attitudes, but rather patterns associated with store-type and time. A primary questionnaire would not be appropriate to measure national internet sales by store type and a company case study would only be relevant to a single company. The ONS source data is also better than older public e-commerce transactions data, being current, official and updated regularly. The study will, however, be cognizant of boundaries. The published data can be used to provide only aggregate statistics, so that the analysis to be proposed does not explain the individual motivations of consumers and the choice of operations made by the firms. Can detect trends and differences in indicators of on-line sales, and can not establish why a particular store type is a success or failure.
4.1 Proposed period and unit of analysis
All observations will be store-type-by-time-period observations. In reality, each row of the SPSS file produced by cleaning might be a type of store for a particular month or year, depending on the structure of the ONS table selected. The challenge is a recent post-pandemic period will be chosen as this is more relevant to digital retailing strategy in the modern era than the exceptional lockdown period, for example Jan 2022 – latest available month. However, if this downloaded set of data allows for an extended time series comparison, the trend line could be broadened but the interpretation emphasized recent years. This facilitates a manageable analysis, transparency and direct relation to the aim of comparing store-type online sales patterns.
For methodological control the choice of a definite period is a matter of importance. Too many years for the analysis may make interpretation difficult due to structural changes in the retail sector, inflation and consumer confidence as well as technology adoption. Too few months may lead to a length of time too short to provide a meaningful analysis. So the time window (period) in the proposal will be clear, and well-justified, it will not accept one month with an above- or below-average reading as proof of a trend. This is especially relevant as ONS itself recommends caution when interpreting month to month movements in retail growth and that users should take a longer-term perspective as well as month to month movements (Office for National Statistics, 2026b).
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Figure 1: Conceptual framework for analysing online retail trends by store type.
5.0 Literature and Contextual Issues
5.1 Online retail and omnichannel strategy
Online retailing needs to be read in the context of the greater trend from multichannel retailing to omnichannel retailing. Multichannel retailing is defined as using more than one channel, omnichannel retailing focusses on the coordination between the channels and the integration of  The customer experience (Verhoef, Kannan and Inman, 2015; Beck and Rygl, 2015). This is important because it's not just about web traffic when it comes to online sales performance. It's influenced by retail organization of pricing, delivery, availability, returns, store fulfillment and customer service in both digital and physical channels. So it's useful on the online side to analyse sales by store type as this can help to suggest where online channels might be more entrenched in the retail model.
According to Neslin et al., (2006), channel coordination and customer behaviour, as well as channel evaluation are the main problems of multichannel management. As in the case of Gallino and Moreno (2014) who demonstrate that combining the online and offline channels can influence customers' behaviour more than just generate online sales. These arguments are relevant to the proposed study since differences in stores may be more than just the customers' preferences. They can also be an indicator of the design of the supply chain, the capacity to fulfill orders, the appropriateness of the product and the retailer's investment in online systems.
5.2 Digital retail, customer experience and channel choice
the literature of the customer experience is also very helpful. Lemon and Verhoef (2016) posit that the customer experience is build over a series of touchpoints, and Kannan and Li (2017) highlight the new data-driven challenges and opportunities brought about by digital marketing. Online retail stores could have different performance depending in the types of the store (e.g. convenient delivery expected vs. inspection, fitting or immediate possession expected). Therefore, the study proposed below will not be based on the technological aspect of online sales. Rather, it will explore the analysis in terms of the customer journey, service quality and channel-fit.
5.3 Store-type variation and managerial relevance
One of the challenges in retail operations is that the overall online sales data can mask variation in sales by category. This is true, for instance, of non-store retailing as compared to food stores or department stores. You could have clothing and footwear that may have to be returned and might be a size issue, and household goods that might also require complexity to delivery. This may mean that retailers don't require the same approach to digital. Depending on the type of store, investment in online fulfilment, delivery reliability or improved product information, digital merchandising and integrating click and collect is required. So it is important to the proposal that the user accept the criterion proposed, and this is achieved through a store-type comparison. This can help the study to deliver more specific findings on business recommendations, rather than generalizations about online retail growth.
5.4 Literature gap for the present proposal
Online and omnichannel retailing is of importance in the literature, but the study proposed in this paper addresses a slightly different gap. Various studies have taken a look at the attitudes of consumers, cases of the retailer or sophisticated consumer analysis. These approaches have merit, but often fall short of enabling a manager to grasp the national store-type picture that is apparent from the official statistics. On the other hand, the official statistics offer a reliable indicator but is not always delivered as a management tool but rather as an economic indicator. The present proposal falls in-between these two areas. It applies academic ideas to the interpretation of official data and converts a “store type” trend analysis into a decision-making process. That's what the contribution is: not a new theory on online retail, but a pragmatic approach to make official data on internet sales more meaningful for the decision making processes of the business.
	Literature theme
	Relevance to proposed study
	Indicative sources

	Omnichannel retailing
	Explains why online sales should be considered alongside channel integration and store-type strategy.
	Neslin et al. (2006); Verhoef et al. (2015); Beck and Rygl (2015)

	Customer journey and digital experience
	Supports interpretation of online sales as part of wider customer experience, not only technology adoption.
	Lemon and Verhoef (2016); Kannan and Li (2017); Parasuraman et al. (2005)

	Retail operations &  fulfilment
	Helps explain why store types may differ because of delivery, inventory and operational constraints.
	Gallino and Moreno (2014); Hübner, Wollenburg and Holzapfel (2016); Rigby (2011)

	Secondary quantitative methodology
	Supports the use of official aggregate statistics, SPSS and careful non-causal interpretation.
	Saunders et al. (2019); Bryman (2016); Field (2018); Pallant (2020)


Table 1: Literature themes informing the proposed study.
6.0 Proposed Variables and Measures
The finalized variables will be finalizzed following the latest ONS spreadsheet is downloaded and reviewed. The dataset is, however, expected to be able to be analyzzed by store type, month and year by internet sales. The study will then create a clean SPSS file from the ONS tables appropriate to the study. If the ONS data is available for both seasonally and non-seasonally adjusted data, then the analysis will indicate which have been used. Generally, seasonally adjusted data will be more suitable for trend interpretation as data for the month may be influenced by international festivals, such as Christmas and Easter, the weather and promotional events.
	Construct
	Possible ONS indicator
	Role in analysis

	Online sales performance
	Internet sales value, online sales proportion or index, depending on table availability
	To assess the strength of online retail activity by the  stores type.

	Store type
	The Food store, department stores, clothing and foot wears, household goods, other stores, non-store retailing and total retail.
	To compare where online retail performance appears stronger or weaker.

	Time pattern
	Month and year
	To examine trend, seasonal movement and post-pandemic pattern.

	Change measure
	Monthly percentage change, annual percentage change or computed change from index values
	To assess growth, decline or volatility.

	Priority classification
	Combination of performance and stability indicators
	To develop a digital retail priority profile for managers.


Table 2: Proposed variables and measures from the ONS Retail Sales Index internet sales dataset.
7.0 Methodology and Analytical Strategy
The research philosophy chosen is positivist since it is a study that will look at indicators that can be measured and will use statistical methods in order to find patterns in numbers. The deductive research approach will be followed for the research as it starts from the existing literature of retail and omnichannel and then apply the ideas to the official secondary data. base on the secondary Data analyzis, It can seen that The method used is a mono method which is a quantitative research method. This is appropriate since it is not a goal to investigate individual significance, but rather a comparison of the sales pattern of online sales by store type and time.
SPSS is used as it is widely known in the business and social sciences and the intended analysis is a straightforward one not too complex technically. The data will be analyzed using the following procedures: Firstly data will be prepared in Excel spreadsheet and then imported to SPSS. Variables will be clearly labelled, non-existent values will be noted and any derived variables such as percentage change, or average online share will be recorded. Descriptive statistics, trend charts, store-type comparisons and ANOVA or non-parametric equivalent (where applicable) will then be used to analyze differences between store-type groups in the analysis. Correlation should only be used where there are variables that are easily comparable; for instance, whether the variables of time and online sales are correlated within a store type. Results will be analysed in terms of patterns but not cause.
	Stage
	SPSS activity
	Purpose

	1. Data preparation
	Import ONS tables, select period, label store types, check missing values and table structure.
	To create a transparent and repeatable analysis file.

	2. Descriptive analysis
	Calculate means, ranges and percentage changes for each store type.
	To summarise online sales performance clearly.

	3. Trend visualisation
	Use line charts and bar charts by month/year and store type.
	To show time-based changes in a business-friendly way.

	4. Store-type comparison
	Use cross-tab style summaries, ANOVA or non-parametric comparison where appropriate.
	To examine whether online sales indicators differ across retail categories.

	5. Priority profiling
	Classify store types by performance and volatility.
	To convert the statistics into practical retail recommendations.


Table 3: Proposed SPSS analysis plan.
7.1 Advantages and disadvantages of the chosen method
The strengths of the selected method is that it is feasible, transparent and is a method well suited to the research question posed. The study is able to concentrate on secondary analysis as the data has been gathered and published by the ONS, thus avoiding the need to access retailers and/or customers. This also helps to create comparability, as definitions are the same for all stores and time periods. Further, SPSS output can be displayed in tables and graphs which are easily understood by business users. But this is important because the merit of the proposal is not statistical complexity but the ability to yield an easy to understand interpretation for managers.
The drawbacks too are significant. The researcher has no control over the way the ONS questions were asked and is not able to include qualitative explanations and access the strategic decision making process of individual retailers. However, there can be differences between store types which are obscured from aggregate data. For instance the same retailer could offer an excellent online experience and a poor payback or returns as well as fulfilment service and another retailer could struggle with the fulfilment and payback but offer a great online experience. This will be managed by avoiding overclaiming of the limitation, in the study. It will incorporate terms like pattern, trend/association and will suggest additional firm-level, qualitative research where there is an unanswered question by secondary data.
8.0 Methodological Critique and Alternatives Considered
A qualitative design was thought of but not adopted as primary design. Retail managers could be interviewed with the aim of understanding the reasons behind the changes in sales performance in the category over time and these could be analysed thematically (Braun and Clarke, 2006). But national comparisons would not be available at the store type/month and year level using interviews. A secondary quantitative design is a more appropriate design for the research question which is deliberately concerned with patterns of aggregate retail sales in Great Britain.
Also a case study design was considered. One retailer's case study may give some interesting specifics on fulfilment, product mix, website design and customer service. However, if one incident were to be reported, it would not reveal the trends in online sales which are unique to store retail. Furthermore, it may be challenging to obtain a retailer's internal sales data that is accessible online and this may lead to confidentiality problems. As compared to the data from the ONS, this data is already public and can be structured and used in an MBA proposal schedule.
Machine learning and enhanced forecasting were also no-goes. Forecasting might be useful in retail analytics but it would take the concept out of its emphasis on methodology, data source, research design and critical evaluation that is the focus of the Business Research module. The analysis proposed will be designed to be accessible: descriptive statistics, simple inferential tests (where appropriate) and comparison of trends. This decision shouldn't be considered as a weakness, when it is made for good reason. It is reflective of the purpose of the study, an easy to use store-type priority profile, not a technical prediction tool.
9.0 Ethics, Data Quality, Positionality and Trustworthiness
Ethical risk in study is low as it has used secondary data that are publicly available. There will be no contact with customers, no personal or company level confidential information will be gathered, and no customers, employees or retailers will be contacted. But, ethical care still needs to be provided. The researcher should use ONS data in an accurate manner, not manipulate the data, acknowledge any limitations and refrain from using data from aggregate store-type patterns to make sense of each individual retailer.
The source is the official source and documentation is provided with official methodology for data quality. The Retail Sales Index QMI includes information about the strengths, limitations and methods used in producing the data, such as coverage of Great Britain (Office for National Statistics, 2025) and the sample-based Monthly Business Survey. Retail sales statistics are also considered to be accredited Oficial statistiics and meet the standards, of trust worthiness, Quality & values (Office for National Statistics, 2026b). However, there r some limitations which will be recognizzed during the analysis, including the possibility of revisions, the seasonal nature of the data, sampling error, non-sampling error and the absence of Northern Ireland from the Great Britain dataset.
Documenting decisions regarding data cleaning procedures will enhance the consistency and reliability of the data, and maintaining consistency in SPSS labels with those of the original ONS tables will help to ensure that labels are used correctly. The validity will be backed up by correlation of each indicator with the research objectives. For instance, online sales share or an online sales index will measure the performance of digital retail and month and store type will provide trend and category comparisons. If something is available, it does not mean that it should be used as a variable; it must be in line with the study's conceptualization.
Positionality of the researcher is of relevance as well. The researcher does not have access to the primary data source – ONS statistician or retail manager. This outside perspective minimizes the chance of influencing data gathering, and means that there is less context understanding. Hence, increased online sales does not necessarily mean an improved strategy however, some stores may have a greater need to physically inspect the product, shop locally or have a specific product that they feel they can only sell in their store. Careful language, separating out the statistical pattern from managerial interpretation, and recognition of the need for more qualitative work, will be used to achieve reflexivity.
10.0 Expected Contribution and Digital Retail Priority Profile
The proposed contribution is both Methodological and practical. Methodologically, the study illustrates how to use the official secondary data in a systematic quantitative business research proposal by having clear data selection, data measurement and data limitations and understanding of the interpretations. In practice, it will create a digital retail priority profile for managers to better understand the online sales behaviour of stores of different types. The study will not just look at how the online shop is growing or shrinking but also categorize the store type based on how well the store performs online, and how stable it is over time.
A store type that has high, consistent online sales for example may not need a lot of changes, but optimisation. Highly volatile stores with high online sales can benefit from improved capacity planning and fulfilment resilience, as well as promotion control. If the store type doesn't perform well online, they should consider whether the online channel is underdeveloped and is not appropriate for the product category or if there is some kind of barrier that's limiting customers' online experience. The profile will not dictate managerial decisions, but it will be a starting point that will include evidence to support the decisions that management will make.
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Figure 2: Digital retail priority profile for interpreting store-type online sales patterns.
11.0 Limitations, Resources and Feasibility
Some limitations need to be acknowledged. The study is conducted with the help of secondary data, which means that the researcher has no control over the questionnaire, and has no option to add variables at the customer level or request an explanation of the strategy from retailers. Secondly, the analysis is in aggregate and so doesn't enable the identification of individual retailer performance. Thirdly, monthly data may be volatile and the study should consider monthly movement in the context of longer time periods, e.g. rolling 3-month or annual movements. Last, the data can only show associations and variations between two or more variables, not that a particular omnichannel strategy brought about the trend.
The project is possible due to the availability of the data, which is public and can be downloaded from ONS, and due to the ability of the analysis to be done in SPSS and Excel. Time to clean the data, select variables, and review literature and carefully interpret the results is the primary resource needed. There will be no budget for travel, participant recruitment, transcription of interviews and primary data. If the constraints are clearly addressed, this could be a student research proposal.
Another feasibility problem is the scope of the analysis. The proposal should not try to give a complete economic report or analyse all the tables available. Rather, it will choose a small number of store types and indicators which directly address the research question. This will make the project easier to handle and minimize the chances of descriptive output without critical analysis. The focus of the study will then be more on interpretation than on a large number of charts.
	Resource or issue
	Requirement
	Feasibility comment

	Data access
	ONS Retail Sales Index internet sales spreadsheet
	Publicly available and regularly updated.

	Software
	Excel and SPSS
	Suitable for cleaning, charts and basic statistical comparison.

	Time
	Eight-week proposal-to-analysis schedule
	Feasible if the analysis period is clearly defined.

	Ethics
	Secondary public data only
	Low risk; accurate citation and careful interpretation required.


Table 4: Resource implications and feasibility of the proposed study.
12.0 Proposed Time Plan

Figure 3 shows an overview of the research period of eight weeks. The sequence is intentionally not of a primary survey project, as the primary concerns are not necessarily the recruiting of participants and access to interviews, but the preparation of the data, variable selection and interpretation of aggregate statistics.
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Figure 3: Proposed Gantt chart for the research process.
13.0 Conclusion
This is a secondary quantitative study of the trend in online Retail sales in Great Britain by The types of store from which is the sale was made, based on the ONS Retail Sales Indax internet sales data set. It’s a legitimate topic is online retail is still a strategic importance, but store types can have varying online performance. The proposed design is suitable since the research question concerns patterns of national stores, rather than individual customers' attitudes. The data set is valid since it is official, up-to-date and documented in a methodological way. Furthermore, the SPSS analysis proposed is appropriate because it will include descriptive statistics and simple group comparison, charts and trend comparison and not be overly complicated in terms of technical modelling. The novelty of this study is to use official ONS indicators to create a usable digital retail priority profile. This is a credible contribution at an MBA level, as it connects theory in retail, credible secondary data and business recommendations in a meaningful manner to support evidence-based decisions on online channels.
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