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[bookmark: _Toc131876356]Abstract
[bookmark: _Toc131876024][bookmark: _Toc131876054][bookmark: _Toc131876357]This paper outlines why firms must implement the top five B.I. trends. Business Intelligence has evolved. Data security, discovery, visualisation, predictive analytics, and A.I. tailor business.
[bookmark: _Toc131876358]Introduction 
[bookmark: _Toc131876026][bookmark: _Toc131876056][bookmark: _Toc131876359]Data is becoming the most critical resource; hence data analytics tools and methodologies are essential for corporate decision-making. Businesses need straightforward data analysis and display. This paper explores how corporate entities employ BI analytics and how it influences strategy. B.I. increases data-driven decision-making for all enterprises. This research illustrates why five B.I. developments keep organisations competitive.
[bookmark: _Toc131876360]Current trends of business intelligence (BI) 
Literature Review
BI software analyses and displays enormous volumes of data to aid decision-making.
[bookmark: _Hlk131876202]1. Azevedo and Santos (2020) discuss clustering, segmentation, classification, association, similarity, correlation, and outlier detection in data mining.

Hierarchical, fuzzy, and K-means clustering and segmentation. Customer segmentation, medical data analysis, and picture processing use clustering. Clustering facilitates data exploration.
Classification: Overfitting and bias plague spam, credit, and sickness detection systems.
Rule mining: Large datasets show market basket and consumer behavioural patterns. Apriori, FP-Growth, and Eclat were discussed. False rules and large datasets hamper association rule mining.
Similarity/correlation: Correlation compares qualities, whereas similarity compares objects.
[bookmark: _Hlk131876280]2. Calzon B (2022) describes ten emerging business intelligence trends. Summarises each movement.
A.I.: Machines can learn, recognise patterns, and make decisions. It simplifies, automates, and provides predictive insights.
Data breaches are improving security. Data security prevents cybercrime for businesses.
Discovery/Visualisation: Data visualisation tools help businesses analyse data, spot trends, and make decisions. Companies must teach data literacy as data becomes more critical in decision-making.
Predictive and prescriptive analytics: They aid and improve business operations.
Collaborative Business Intelligence: These tools are real-time data analysis tools and aid teamwork, insight sharing, and decision-making.
Data governance:  It provides accuracy, reliability, and security, ensuring quality and regulatory compliance.
N L P: It enables computer language understanding and reads social media.
Collaborative Business Intelligence: These Real-time data analysis tools aid teamwork, insight sharing, and decision-making.
Data entry, cleaning, and integration: These tools are automated; they save businesses time and reduce errors.
Real-time analytics: Data is embedded in CRM and ERP systems, and these apps enable data-driven business decisions.
These trends enhance operations, data-driven decisions, and competition.

3. Vercellis (2011) 
covers data mining, B.I. optimisation, and business trends for decision-making.
Data mining: Vercellis discusses clustering, segmentation, and data sources to extract useful information from large datasets by predicting hidden patterns as hierarchical, partitioning, and density-based clustering algorithms for customer segmentation and fraud detection.
Segmentation: This data mining method divides a dataset into smaller subsets or segments based on attributes, behaviours, or other factors to tailor messages and products to specific details. Vercellis divides healthcare and retail demographics, psychographics, and geography.
Descriptive analytics: Data analysis reveals historical patterns for informed decision-making.
Simulation: Models help decision-making.
Decision-making Business Trends Vercellis also discusses decision-making business trends:
Collaboration: Complex, affiliated organisations need collaboration, and Wikis, forums, and social media aid decision-making.
Dashboards, charts, and graphs help decision-makers spot patterns and trends. Big data boosts decision-making. Hadoop, Spark, and NoSQL can store, process, and analyse massive multi-source data. 
The author discusses B.I. decision-making trends and how to use data and analytics to make decisions. 

4. Lim, Y.Y., and Teoh, A.P. (2020) 
Data pre-processing—cleaning, integrating, converting, and reducing—ensures business intelligence accuracy and applicability. 
Clustering, classification, regression, and association rule mining should use machine learning techniques to discover variable relationships and predict future events. They think regression analysis, decision trees, neural networks, and support vector machines can predict dangers and opportunities.
The research emphasises data pre-processing, machine learning algorithms, and predictive models for strategic business intelligence effects and using the latest business intelligence tools and techniques to assess data.
[bookmark: _Hlk131877184]5. Witten  I.H.et al. (2015) analysed pre-processing, classification, regression, clustering, and ARL. These methods interpret large, complex datasets.
Cleaning, normalising, attribute selection, and dimensionality reduction are pre-processing. Decision trees, k-nearest neighbours, and SVMs. Model evaluation emphasises accuracy, precision, recall, and F1-score.
Regression predicts serial numbers. Models' R-squared.
learning alone. K-means, hierarchical, and density-based clustering evaluate silhouette score, Dunn index, and optimum cluster number.
ARL uses unstructured datasets.
Witten et al. (2015,p79=94) assess data mining apps. Data pre-processing, model assessment, and technique selection are stressed. These methods aid data analysis. 



Requirements to implement BI trends in business. 
Data-driven, competitive businesses require B.I. tools and techniques. (Witten I.H. et al., 2015,p.216). B.I. tools help companies understand customer buying patterns, expectations, and responses. (Vercellis, C., 2011, p 94). Understanding business segments helps create customer-focused products and services.
[image: BI survey showing the importance of data, BI and analytics trends in 2023]
Figure: Importance of BI, data, and analytics tools in different segments; Source: (Azevedo, A. and Santos, M.F. eds., 2020)
Second, organisational trends improve visibility, efficiency, operational and process development control and preventive detection. (Vercellis, C., 2011, p 126). Thirdly, B.I. trend implementation allows enterprises to act responsibly. Finally, B.I. helps companies plan by understanding customer needs. (Witten I.H. et al., 2015,p 314). Big data helps. B.I. tools help organisations create budgets, management plans, financial plans, marketing strategies, and competitive research.
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[bookmark: _Hlk131877480]Similarities and Differences:
All researchers investigate data and decision-making. All academics love data mining and optimisation. Decision-making styles. Each examined data mining and optimisation.
Calzon B (2022, p1) exhibits BI. Unlike others, Azevedo et al. (2020,p 119) emphasise machine learning algorithms. Vercellis (2011) applies decision-making to business issues, whereas others study trends. Lim et al. (2020) apply these methodologies to healthcare data. Witten et al. (2015,p 202) used these methods to text.
All researchers love data analysis and decision-making patterns. They research BI trends, machine learning, healthcare data, textual data, and business problem decision-making.

The methodology for research about self-driving cars Using Excel and B.I. Trends
This Excel-based self-driving car study employs new business intelligence trends to answer research questions:
Excel-based self-driving vehicle research uses new business intelligence trends. Research Question: How manufacturers analyse data, industry trends, and self-driving vehicle adoption using Excel and B.I. trends.
Research Topics Questions and issues. How will autonomous cars affect the industry?
Get data. Excel and new business intelligence trends may investigate automotive and self-driving car usage statistics. Surveys, interviews, industry reports, and databases may provide data.
Power B.I. and Excel-cleaned data reveal relationships. The research seeks significant findings, topics, and insights. 
Excel data analyses risks and potential. Power B.I. visualises self-driving car data.








Recommendations

1. Excel and Power Business Intelligence can be used for primary and advanced data analysis and visualisation. 
2. Researchers should use Python, R, and MATLAB for complex data analysis. 
3. Data analysis tools and methods must consider research questions and data needs.
4. Predictive and machine learning enhance self-driving car risk and opportunity analysis
[bookmark: _Toc131876361]Conclusion 
Excel and Power B.I. interprets self-driving car data. These tools show decision-making data patterns. Advanced Excel/PowerPoint Business intelligence trends include foundational research analysis and visualisations.
Studying self-driving car data analysis and tools. Autonomous automobile research needs massive, complicated datasets. Excel analysis may need significant machine learning. Power Business Intelligence employs machine learning and predictive analytics for complex datasets like self-driving vehicle research.
B.I. analytics aids production scheduling, supply chain management, delivery, sales forecasting, and inventory. B.I. combines department and division data to satisfy business stakeholders.
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