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Introdcution 

The purpose of this report is to examine viewer behaviour, engagement trends, and trends in the 

rating of movies, using Letterboxd Movie Classification Dataset which consists of 10,000 

movies and 17 variables including movie attributes, ratings, genres, languages, and measures of 

user interaction, such as watches, likes and fans. The report is aimed at learning how various film 

properties affect the attention of viewers and their overall performance, and it also reflects 

competencies in practical data analysis with the use of Excel and SPSS. 

Data cleaning starts the analysis process to correct the formatting problem, standardise the 

numerical fields, and provide accuracy among variables. Descriptive statistics is then produced 

to summarise the important numerical and categorical data in order to find the patterns behind. 

Visualisation-based trend analysis investigates the changes in rating, runtime, engagement, and 

differences between the genres or languages. Lastly, statistical tests, such as correlation analysis, 

t-tests and regression, are performed to explore the relationship among variables and conclude on 

meaningful predictors of ratings and engagement. These approaches can be combined to achieve 

a holistic idea on film performance and audience behaviour. 
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Data Preparation, Cleaning and Understanding. 

Dataset description 

The Letterboxd Movie Classification Dataset consists of 10,000 movies and 17 variables of 

movies, interaction and rating behaviour of viewers. The main characteristics are the title of the 

film, its director, genres, run time, original language, and the production studios. The watch, 

appearance of the list, the likes and the number of fans are engagement metrics that measure the 

use of the platform by the user. The dataset also gives a detailed distribution of the rating in 

terms of lowest, medium and highest ratings of the stars in terms of counts as well as the total 

rating. With the help of this structure, it is possible to analyze the patterns of viewing, indicators 

of popularity, the tendencies of genres, and any elements that impact the audience reception and 

performance of a movie in various languages and categories. 

Data cleaning  

The dataset has certain problems, which will be addressed with the help of the following steps: 

 

Figure 1: Average rating issue 

Issue is resolved by changing this value as number form. 
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Figure 2: Run Time variable issue 

This issue is resolved by replacing the value from the correct number format. 

 

Figure 3: Change data type 

Change the datatypes of the variables “Watches, run time, average, likes, ratings, lowesr rating, 

highest ratings, List_appearances, Fans, medium and total ratings”.  
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Figure 4: Varable View 

No other issue is in the dataset, no duplicate values.  

Descriptive Statistics and Summary 

 

Figure 5: Formula Tab for Descriptive Statistics in Excel 
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Figure 6: Numerical Descriptive Statistics 

 

Figure 7: Desriptive statistics formula tab in SPSS 

 

Figure 8: Descriptive Statistics in SPSS 
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The descriptive statistics display the central tendency and variability of important movie metrics 

of 10,000 movies (Excel-easy.com, 2025). The mean score on movies is 3.27 (low variance SD = 

0.53), and the average length of the movie is 103 minutes (large SD = 38). The range and 

skewness of watches, likes and the number of fans are incredibly large, which means that a few 

popular movies that the users are highly interested in have a dominant position. The variables of 

rating distribution variables (Lowest, Medium, Highest, Total ratings) also represent a high 

variance because of the difference in interactions with the audience. Generally, the data has a 

great variety of film performance, and the degree of engagement is highly skewed (Kent.edu, 

2018). 

 

Figure 9: Chart Builder in SPSS 
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Figure 10: Gener Frequency 

The histogram illustrates the distribution of film counts for genres, with the majority having 

relatively low counts, while a smaller number appear relatively frequently. The few genre 

combinations dominate, reflecting their over-representation in the dataset as a whole. In general, 

the distribution of the film counts is highly uneven, and there is notably strong variability in the 

number of films in each genre. 

 

Figure 11: Distribution of Language 
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According to the pie chart, English dominates as the source language of the majority of films 

with the huge percentage of the distribution. The other languages are just represented in small 

proportions. This raises a high level of imbalance where the English-language films constitute 

the bulk of the data (Baylor.edu, 2025). 

The main descriptive statistics were calculated in Excel and SPSS to present the data on 

numerical and categorical variables of the dataset. The statistics table of descriptive statistics of 

the SPSS draws attention to the central tendency and dispersion of major metrics of 10,000 films. 

The means of the movie rating are around 3.27, and the variability is low, but runtime is more 

dispersed. The variables of engagement like watches, likes, and number of fans have very huge 

ranges and skewness, meaning that users are concentrated on a few highly popular movies. The 

imbalance is further presented by excel boxplots which depict a lot of outliers with high values. 

The tables and charts of SPSS were used to analyse categorical variables. Histogram of genre 

distribution indicates that not only do a few genres have high frequency of occurrences but there 

are numerous genres that are rare.  

Trend analysis 

 

Figure 12: Box Plot 

The box plot shows extreme variability across engagement metrics, with numerous high-value 

outliers for watches, likes and total ratings. Most data points cluster near the lower end, 

indicating that only a small number of films receive exceptionally high engagement while the 

majority remain relatively low in user interactions. 
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Figure 13: Average Rating by Geners 

The chart shows total average ratings across different genres, revealing substantial variation. 

Some genres, especially drama-related combinations, accumulate much higher total ratings due 

to their larger number of films. Less common genres display lower totals, indicating fewer 

entries rather than lower quality. The pattern reflects genre popularity and representation in the 

dataset (Optimize Smart, 2025). 

 

Figure 14: Likes and Fans 

The scattered plot indicates that there is a positive correlation between fans and likes. Movies 

that have many fans tend to have more likes whereas the difference increases towards maximum 
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values, which means that there is a degree of variance among movies with many followers. The 

trend indicates that fanbase magnitude is a good indicator of audience involvement. 

The major tendencies in ratings, views, and engagement by genre and language were explored 

and visualised with the help of Excel. The box plot analysis has shown that the measures of 

viewers interaction like watches, likes, and overall rating are characterized by very high 

variability, with few movies having an unrealistically high importance. This underlines the fact 

that the engagement is so skewed, and a few movies can produce a phenomenal response in the 

audience. 

In order to examine the patterns at the genre level, a bar graph of the mean rating per genre 

revealed significant differences among different categories. Drama, crime or character-driven 

genre-related genres scored higher on overall ratings primarily due to their prevalence in the data 

set. Genres that were less popular had lower totals, since their numbers of entries were lower. 

This implies that those genres that have a wider representation are more likely to get more 

aggregate ratings, and thus it demonstrates the trends of popularity on the platform. 

The scatter plot of fans and likes indicated that there is a high positive correlation with the 

number of fans indicating that a movie with a bigger number of fans always gets more likes. But 

the diffusion becomes broader in case of popular movies and it is possible to assume that fans 

have different approaches to other titles. In general, the trends in engagement, the popularity of 

genres, and rating behaviour in the entire dataset can be identified through these Excel 

visualisations. 
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Statistical Analysis using SPSS 

T-test 

 

Figure 15: Encoding Language column 

 

Figure 16: Formula tab for t-test 

 

Hypothesis Statement 

H₀: There is no significant difference in average ratings between English and non-English films.​

H₁: There is a significant difference in average ratings between English and non-English films. 
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Figure 17: T-test 

The independent samples t-test indicates a statistically significant difference in average ratings 

between the two groups (t = –23.009, p < .001). Non-English films have a higher average rating 

(M = 3.51) compared to English films (M = 3.21). Levene's test is significant (p < .001) so there 

is evidence of unequal variances, but both rows confirm the same outcome. Therefore, we reject 

the null hypothesis and conclude that language has meaningful effects on audience ratings. 

Correlation 

 

Figure 18: Correlation formula Tab in Spss 
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Figure 19: Correlation 

The results of correlation indicate that the positive relationship between runtime, watches, and 

likes is statistically significant (Laerd.com, 2018). The positive correlation between runtime and 

watches (r =.146, p < .001) is weak although positive, which means that longer run time movies 

are slightly more likely to have watches however, the relationship is not strong. Runtime has also 

a weak positive correlation with likes (r =.129, p <.001) implying that longer movies tend to get 

more likes, but once again there is low strength. Watch and likes have the highest correlation in 

the table (r =.951) and it implies that widely watched movies also get a lot of likes. In general, 

the effects of the runtime on engagement are slight, whereas the relationships between watches 

and likes are very strong. 
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Regression 

 

Figure 20: Regression Formula tab 

 

Figure 21: Regression statistics 
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Figure 22: Regression Model Summary 

 

Figure 23: Cofficiant for Regression Analysis 
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Figure 24: Scatter Plot for Regression model 

The regression analysis also studied whether runtime, likes and fans predict the average rating of 

a film. The model has a statistically significant value (F = 403.30, p less than.001) yet it only 

predicted 10.8% of the variance (R 2 =.108) which is not that powerful. All the three predictors 

had considerable impact on ratings, likes had the strongest positive impact, then the runtime, and 

then fans. This implies that movies that get a higher number of likes or those with a greater 

duration of running time are rated slightly higher (Laerd.com, 2018).  

The statistical analyses are very enlightening in the way language, runtime and engagement 

values are associated with the rating and the popularity of the movies in the dataset. The 

correlation analysis revealed that runtime is positively and significantly related to both watches 

and likes, which implies longer films receive a little bit more interest. The regression analysis 

showed that likes, runtime, and fans have a significant predictive effect on average rating, but the 

model has explained only 10.8% of the variance. It means that engagement is one of the factors 

that lead to ratings, but there are other factors like content quality, genre, or preference of the 

audience, which is much more significant in the process of rating a film. 
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Insights and Recommendations 

The discussion has brought some notable conclusions regarding the behaviour of the audience, 

performance of the film, and the pattern of its engagement. There are always higher average 

ratings of the non-English films than English-language films even though the numbers are 

dominated by English titles. This implies that foreign or multi-cultural material can be more 

appealing to viewers. The engagement statistics (watches, likes, fans) possess a very high skew, 

with a very low percentage of movies receiving a significant amount of attention. Runtime has a 

poor yet positive correlation with engagement, which suggests that marginally longer movies can 

work better. The genre patterns display that the categories relating to drama have higher 

cumulative ratings because of the larger number of representation and that the niche genres are 

under used. 

●​ The high-performing genres (drama, crime, and character-driven films) should be encouraged 

to enhance overall engagement. 

●​ Showcase more non-English movies in special sections because the ratings of these movies 

are higher on average. 

●​ Increase subtitle and dubbing in more than one language to increase worldwide viewing and 

reach. 

●​ Deliver personalised suggestions to users with the help of engagement metrics (likes, 

watches, fans). 

●​ Marketing should be done on films that have increasing fan base since it is a good predictor 

of the future. 

●​ Normalise the genre tagging to enhance precise data and analytical consistency. 

●​ Track run time and recommend the best targets to the content creators. 

There are however a few disadvantages: the metrics of engagement are very unequal, the 

category of genres is inaccurate, and the dataset does not include contextual variables, including 

marketing budgets or the year of release. Further studies may consider sentiment analysis of 
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descriptions, time patterns or predictive models to include other variables to improve the 

accuracy of decision-making. 
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