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Executive Summary
The following report has been described in two parts which clearly depicts the usage of different statistical process and tools. In part 1, a description of the correlation between Tableau processing time, and Hadoop processing time has been made which suggests that Hadoops is a strongly correlated factor as it got correlation value 1. In the second part, advantages and disadvantages of SPSS and Excel have been described which suggested instant calculation and visual charts are two main beneficial features of these tools.
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[bookmark: _Toc150192642]Part 1:
[bookmark: _4v3ao6cya9l0][bookmark: _Toc150192643]Introduction 
Data analysis refers to the summarisation and description of a data set for sales, time, forecasting or any other purposes. Here in this assignment, the processing time of Green Med Healthcare is going to be developed using different big data tools and platforms. For this purpose, here Hadoop, Spark, Python and different tools will be used for a period of time. In the following section, Hadoop processing time, Spark Processing time, Python Processing Time, Tableau Processing time and R Processing will be calculated. On the other hand, the application of MS Excel will also be used to implement some functions such as tables, graphs, charts and others. Here, the SPSS data tool will be successfully implemented by covering the findings of a correlation between variables such as Hadoop and Tableau. On the other hand, scatterplot will also be described by using Hadoop’s processing time.          
[bookmark: _3oxd6cgcn0uv][bookmark: _Toc150192644]a)      Discuss and analyse the GreenMed_Healthcare_2023 dataset
	Statistics

	 
	Hadoop_ProcessingTime
	Spark_ProcessingTime
	R_ProcessingTime
	Python_ProcessingTime
	Tableau_ProcessingTime

	N
	Valid
	50
	50
	50
	50
	50

	
	Missing
	0
	0
	0
	0
	0

	Mean
	2.776889207980
	2.932218848940
	2.754784320720
	2.573181096300
	2.830278627560

	Median
	2.699242309000
	2.746910365500
	2.785792257000
	2.584084816500
	2.911037298500

	Mode
	.6223929720a
	.6839396040a
	.6643371240a
	.5691474030a
	.7513271560a

	Std. Deviation
	1.2137802643018
	1.3173935686879
	1.2740132300439
	1.2972057351102
	1.1330691511803

	Minimum
	.6223929720
	.6839396040
	.6643371240
	.5691474030
	.7513271560

	Maximum
	4.9442435260
	4.9791412880
	4.8674517150
	4.7902196120
	4.9372338460

	a. Multiple modes exist. The smallest value is shown


Table 1: Processing Time of Green Med Healthcare 
(Source: Provided Dataset)
[bookmark: _uwox58wixkzw][bookmark: _Toc150192645]1. What is the mean processing time when using Hadoop?
As per Roussel et al. (2020), mean processing time refers to the average common time that has been taken to complete a work. The mean processing time using Hadoop is 2.78. This means that mean processing time is low in this case. 
[bookmark: _u86yikgvb93n][bookmark: _Toc150192646]2. What is the median processing time when using Spark?
The median refers to the middle value in a set of time or data from the smallest and largest. The value of the median processing time is seen as 2.74. 
[bookmark: _od3mlonl9gpi][bookmark: _Toc150192647]3.  On which date did R have the highest processing time?
In the processing time calculation, R has the highest processing time which is estimated as 4.97. This highest processing time has been achieved on dated 1.16.2023. 
[bookmark: _ijm1v37h5l9k][bookmark: _Toc150192648]4. What is the standard deviation for processing time when using Python?
The standard deviation value for processing time when using Python is 1.2972057351102. 
[bookmark: _kdqnpxbox33w][bookmark: _Toc150192649]5.  Which tool or platform had the lowest average processing time across the dataset?
In the dataset, the lowest average value is 0.5691474030 which is for Python processing time. This is because it has the lowest values in the case of mean, median, mode, and standard deviation values for the Python processing time. 
[bookmark: _vw8tckn3ygov][bookmark: _Toc150192650]6. Can you interpret the difference in processing times across different tools or platforms?
The difference in processing time across different tools such as Hadoop, Spark, Python and Tableau can be observed in their mean and median values. 
The mode values and standard deviation values for different tools and platforms have been observed properly. It helps in getting ideas on different processing times across different tools which further supports in ensuring the overall statistical measurement approach. 
[bookmark: _7v8mor7ze6i][bookmark: _Toc150192651]b)  Demonstrate how you can present the data in your report with the use of any one of Excel functions such as:
The data has been presented in the report with the use of charts, graphs which have further helped in getting ideas on the way of finding correlation between variables. The use of charts and graphs is useful to find out the exact relationship between variables such as Hadoop processing time, and Tableau processing time. It has further ensured a developed way of finding suitable relationships and exact linking between variables which helps in getting ideas on processing time for Hadoop and Tableau. 
[image: ]
Figure 1: Graph of Hadoop Processing time 
(Source: Self-developed)
The above image discusses the graph between Hadoop processing time which has been done by selecting data variables and inserting the graphs by selecting the graph option. 
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Figure 2: Step-by-step analysis of making graphs 
(Source: Self-developed)
It has been done by selecting variables and selecting graph option based on which accurate graph has been done. 
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Figure 3: Step-by-step analysis of making graphs 
(Source: Self-developed)
After selection process of detailed variables of date and hadoop processing time, the graph has been done. 
[image: ]
Figure 4: Step-by-step analysis of making graphs 
(Source: Self-developed)
After selection of datasets, the exact graph has been made effectively with the consideration of proper techniques. As opined by Mekhrinigor (2021), the use of charts and graphs is useful to find out the exact linking between variables and their relationships which provides a complete idea of the specific topic area. It further makes the useful data in a presentable way which is the strategic technique to understand the overall variables including tableau processing time and Hadoop processing time. The use of charts and different graphs in the MS Excel helps in summarizing the large amount of data effectively and easily which are the most useful tactics to confirm developed approaches of finding out required values. 
[image: ]
Figure 5: Graph of Spark Processing time 
(Source: Self-developed)
It has been done with the consideration of spark processing time which has been done in the above diagram. 
[image: ]
Figure 6: Graph of Spark Processing time 
(Source: Self-developed)
As suggested by Mekhrinigor (2021), the use of strategic techniques through the proper utilisation of graphs and charts is helpful to confirm the developed technique of the research process which further provides complete information regarding the way of maintaining the variables. Developed techniques including the way of finding out suitable tactics through the use of charts and graphs have further helped in deriving exact values such as Spark processing time, and Hadoop processing time which are the most required factors to confirm developed approaches.
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Figure 7: Step-by-step analysis of making graphs 
(Source: Self-developed)
[image: ]
Figure 8: Graph of R-Processing time 
(Source: Self-developed)
This image indicates R-Processing time which has been mentioned in the above diagram. 
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Figure 9: Graph of R-Processing time 
(Source: Self-developed)
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Figure 10: Step-by-step analysis of making graphs 
(Source: Self-developed)
[image: ]
Figure 11: Graph of Python Processing time 
(Source: Self-developed)
This diagram provides complete idea on the python processing time which has been figured out in the above image. With the effective way of following techniques regarding such as using the MS Excel and using graphs and tables, the proper comparison of data such as processing time of different tools has been done. This information further indicates the use of a graphical format helps in collecting relevant ideas related to the correlation factors and overall comparison of variables. These further ensure developed approaches of overall comparison factors of variables such as processing time of factors which are the most helpful methods.
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Figure 12: Graph of Python Processing time 
(Source: Self-developed)
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Figure 13: Step-by-step analysis of making graphs 
(Source: Self-developed)

[image: ]
Figure 14: Graph of Tableau Processing time 
(Source: Self-developed)
The above graph is based on Tableau processing time which has further provided complete idea on the way of making graph on different times. 
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Figure 15: Graph of Python Processing time 
(Source: Self-developed)
[image: ]
Figure 16: Step-by-step analysis of making graphs 
(Source: Self-developed)
These techniques help in ensuring the overall systematic process for finding out required values and developing suitable tactics for the measurement process. These are major tactics to confirm systematic processes and overall analysis processes. These are the most significant methods to confirm developed approaches and overall procedures to ensure a systematic way of maintaining the overall analysis approaches which are the most helpful methods. As opined by Cheng et al. (2019), the use of graphs and Excel in MS Excel are helpful techniques to perform calculations, visualise the overall data and transform the data which are useful tactics to confirm developed approaches. Through the suitable processes and effective implementation techniques by using MS Excel, the detailed values of processing time for Hadoop and Tableau have been found out properly. It has further helped in getting proper ideas on mean, median and standard deviation values in an effective manner. 
[bookmark: _ih049kc8h4ij][bookmark: _Toc150192652]c)  Using SPSS
1. Find out what is the correlation between the processing times of Hadoop and Tableau
[image: ]
Figure 17: Step 1 of correlation analysis in SPSS
(Source: Self-developed)
For finding out the correlation, the analyse option has been chosen in the SPSS table. Under this option, the dialogue options have been given to choose the appropriate option which further assists in getting the appropriate output regarding the correlation value between the processing times. 
[image: ]
Figure 18: Step 2 of correlation analysis in SPSS

(Source: Self-developed)
After clicking on the analyse option, the descriptive statistics option has been chosen. It further assists in getting the desired option regarding the overall analysis value of the correlation factor of processing time between Hadoop and Tableau. 
[image: ]
Figure 19: Step 3 of correlation analysis in SPSS
(Source: Self-developed)
Under the descriptive statistics option, the frequencies option has been chosen properly. It further helps in getting the proper frequency value between the required variables which are the most required criteria to confirm the developed approaches of the overall procedure. 
[image: ]
Figure 20: Step 4 of correlation analysis in SPSS 
(Source: Self-developed)
After clicking on the frequencies option, different variables have been included in the variable options. Different variables such as Hadoop processing, Spark Processing time, R-Processing time, Python Processing time, and Tableau processing time have been considered to get the appropriate value regarding the processing factors. These values further confirm developed approaches and the overall procedure of finding out the required factors regarding correlation value based on variables. 
[image: ]
Figure 21: Step 5 of correlation analysis in SPSS 
(Source: Self-developed)
After selecting variables, different significant variables have been included in the statistics option. This further confirms developed approaches and overall procedural systems regarding the way of finding out required values. The strategic way of finding out required variables and developing suitable techniques in the SPSS process has helped in finding out the appropriate correlation values between processing time. 
Correlation
[image: ]
Figure 22: step 6 of correlation analysis in SPSS 
(Source: Self-developed)
After the effective process of including the required variables in the dataset, the correlate option has been chosen. It further confirms systematic process and developed tactics of finding out required variables and including most required factors related to processing time. 
[image: ]
Figure 23: step 7 of correlation analysis in SPSS 
(Source: Self-developed)
The bivariate option has been chosen after the clicking on correlate option in SPSS software. The bivariate option further ensures a suitable way of finding out the most required values regarding Hadoop processing time and Spark Processing time. 
[image: ]
Figure 24: step 8 of correlation analysis in SPSS 
(Source: Self-developed)
Under the Bivariate correlations, two variables such as Hadoop processing time and Tableau processing time have been chosen. These variables further helped in getting the real processing time value which are the most required values and developed tactics for managing the procedure. With the concentration on strategic ways of finding out related factors such as Hadoop processing time and Tableau processing time, detailed ideas on the way of evaluating the correlation value have been understood properly.
[image: ]
Figure 25: Step 9 of correlation analysis in SPSS 
(Source: Self-developed)
Under the proper selection of variables in the bivariate correlations, two significant variables have been chosen in the variable section which have been further added properly. After the selection of variables, the Pearson and flag significant correlations option checkbox has been ticked. This further confirms the appropriate way of finding out correlations between variables. 
	Correlations

	 
	Hadoop_ProcessingTime
	Tableau_ProcessingTime

	Hadoop_ProcessingTime
	Pearson Correlation
	1
	.178

	
	Sig. (2-tailed)
	 
	.217

	
	N
	50
	50

	Tableau_ProcessingTime
	Pearson Correlation
	.178
	1

	
	Sig. (2-tailed)
	.217
	 

	
	N
	50
	50


Table 2: Correlation between Hadoop processing time and Tableau processing time 
(Source: Self-developed)
From the mentioned table, it can be observed that the correlation value for Hadoop and Tableau processing time shows the Tableau processing time is weakly correlated. It can also be inferred that the correlation of Hadoop is more significant compared to Tableau as the correlation value is 1 and for Tableau it is 0.178 which is below 0.5. Hence, Hadoop's relation with Tableau is significant because the significance value (2-tailed) is greater than .000.
2. Produce a scatterplot of the two variables. Use Hadoops processing time on the horizontal axis and Tableau and processing time on the vertical axis, and comment on the graph
[image: ]
Figure 26: Step 10 of correlation analysis in SPSS
(Source: Self-developed)
For finding out the scatterplot of two variables such as Hadoop processing time and Tableau processing time, the graphs option has been chosen properly. In the Graphs options, different options such as chartbuilder, graphboard template chooser and compare subgroups, legacy dialogs are shown properly [Refer to datasheet]. 
[image: ]
Figure 27: Step 11 of correlation analysis in SPSS
(Source: Self-developed)
After clicking the drop-down menu on graphs, the legacy dialogs have been chosen properly. Under the legacy dialogs, the scatter/dot option has been selected properly. This confirms the way of finding out scatter diagram between selected variables. 
[image: ]
Figure 28: Step 12 of correlation analysis in SPSS 
(Source: Self-developed)
Under the scatter/dot option, different options such as simple scatter, matrix scatter, simple dot, overlay scatter, 3-D scatter have been observed. This is to select the most appropriate and needed option after which the define option is selected properly. 
[image: ]
Figure 29: step 13 of correlation analysis in SPSS 
(Source: Self-developed)
The simple scatterplot option has been chosen properly which further ensures finding out required variables such as date, spark processing time, R_processing time, Python processing time have been chosen properly. After the selection of the variables, Tableau_processing time has been plotted on Y-Axis and Hadoop processing time has been plotted on X-Axis. After the proper selection of variables on different axis, the exact required chart has been completed effectively. This further helps in getting proper idea on the way of completing the different systematic process and finding out exact variables on spark processing time, and python processing time. These techniques further confirm developed approaches and overall procedural system regarding the way of finding out values of needed variables.  
[image: ]
Figure 30: Scatterplot diagram
(Source: Self-developed)
This figure 30 indicates that the scatterplot diagram, in which the data regarding Tableau processing time and Hadoop processing time are illustrated in an inconsistent and distributed way. These data are not presented in linear manner, which signifies that the data are very inconsistent and scattered, especially, Hadoop's processing time data is illustrated more scattered in the given data set. 
[bookmark: _nmi9qc8x70ww][bookmark: _Toc150192653]Conclusion
The entire discussion has made discussion regarding different statistical calculations and software such as SPSS, Excel, Tableau and others. In the SPSS section, descriptive statistics have been chosen for five variables such as Hadoop, Spark, R, Python and Tableau processing time. Then after choosing the correlation method bivariate process was chosen which chose two variables such as Hadoops and Tableau. Their relationship has been described using a scatter diagram as well which suggests that there is no direct relationship between these two variables as the scatter diagram shows distributed points between these variables. Lastly, mean, and median processing time have also been discussed which stated proper formula calculation using Excel. 




[bookmark: _yfpemucofeg8][bookmark: _Toc150192654]Part 2 
[bookmark: _ijaqx5pu6b1h][bookmark: _Toc150192655]a) Discuss the advantages and disadvantages of using SPSS, Excel or Tableau using relevant practical examples.
Advantage of Using SPSS Software
SPSS stands as a robust statistical analysis tool with a suite of advanced features that cater to a breadth of statistical requirements. It boasts an extensive array of built-in tests, ranging from simple to complex, facilitating diverse analytical needs without needing external programming (Tedhamre, 2022). The software presents data in tables swiftly and coherently, aiding in the rapid comprehension and dissemination of data insights. Furthermore, the interpretative aspect of SPSS is one of its most lauded attributes, allowing users to deduce meaningful conclusions from statistical outputs with relative ease (Opoku et al. 2023). The expandability of SPSS through additional modules or custom scripts ensures that it can adapt and grow following evolving analytical demands. In the case of Green Med case, SPSS has also been performed successfully to find the correlation between variables such as Hadoop and Tableau processing time.  
Disadvantage of SPSS
Despite its robustness, SPSS presents particular challenges. The cost factor is significant, particularly for students and educational institutions, making it less accessible for those unable to leverage institutional licenses (Alfawaire and Atan, 2021). To fully harness the power of SPSS, users often require supplementary training, which can be a barrier to immediate, effective utilization. Additionally, compared to Microsoft Excel, the graphical capabilities of SPSS—while sophisticated—can be less intuitive, possibly necessitating further investment in learning and development to produce visually engaging data representations.
Advantages of Using MS Excel 
In MS Excel there is no limitation of the quantity of information that can be incorporated in a spreadsheet. However, frequent data entry can be possible in MS Excel with easy and successful implementation of data filtration. On the other hand, as per Yindumathi et al. (2021), data retrieval is again easier using MS Excel which cancels out the printing of that information on paper. This benefit is already seen in the case of calculating the processing time of Green Med Healthcare to secure the storage of longer data related to financial value, demographic information, reports and others. Further, the formula features of Excel in the calculation process are another potential benefit of using Excel along with the provision of different charts, graphs and other visual data representation. It is already seen that in the data representation of correlation and processing time using different tools successfully implemented by using graphical presentation as well.     
Disadvantages of Using MS Excel
However, the main disadvantage of MS Excel is related to the data growth possibility. It is seen that MS Excel cannot able to manage more than a few thousand rows without grinding to a hall. This unwanted size restriction of files reduces the utility of Excel (Caputo and Kargina, 2022). On the other hand, to many people who are not familiar with computer software and tools. In Excel provision of different formulas, functions and short-cuts keys makes this software slightly complicated to work, especially who are beginners and those who have no proper learning and regular practice (Islam et al. 2023). A similar situation is seen in the calculation of data of Green Med for calculating Mean or Median value. These values are also calculated by using formulas which is complicated as well.       
[bookmark: _x0igfhd8rc0g][bookmark: _Toc150192656]b) Explain the importance of Data Governance with examples.
Data governance has emerged as a linchpin in data management, magnifying its significance in the wake of the COVID-19 pandemic. Its essence lies in crafting and administering policies, procedures, and standards that govern the collection, handling, and usage of data within an organization. This governance is not merely a technical imperative but a strategic one, ensuring that data is accurate, accessible, secure, and used in compliance with both internal and external regulations.
Breaking Down Departmental Silos
Data governance plays a critical role in dismantling the barriers between organizational departments (Ashiq et al. 2022). By establishing unified policies and evident stewardship, data is no longer confined within departmental enclaves but becomes a shared resource, accessible and understandable across the enterprise. This interconnectedness not only enhances efficiency but also fosters an environment ripe for innovation and cross-functional collaboration. In the post-COVID era, data governance has become even more vital. The abrupt transition to remote work environments has heightened the risk of data breaches and loss of control over data assets.
Policy Determination and Enforcement
Through the formulation of robust policies, data governance provides a framework that dictates the permissible use of data (Abraham et al. 2019). It ensures that data handling practices comply with regulatory requirements and ethical standards. In the aftermath of COVID-19, with data privacy and protection becoming more stringent, such governance has become an organizational imperative. Organizations with solid data governance protocols were better positioned to adapt to these challenges and leverage data for crisis management and recovery.
Data Stewardship Support
Data stewardship is an integral component of data governance—stewards act as custodians of data, ensuring its accurate and ethical utilization (Kvale, 2021). Data governance provides these stewards with the necessary tools and authority to maintain the integrity and quality of data throughout its lifecycle. Furthermore, the increased generation and reliance on data for decision-making during the pandemic have underscored the need for robust governance frameworks to maintain the quality and integrity of this data.
Data Structure and Alignment
A well-implemented data governance strategy clarifies how data is structured, thereby enhancing data usability and reliability. It aligns terms and definitions across the organization, ensuring that when different sectors refer to the same data, discrepancies do not arise. This alignment is critical in a post-COVID era, where remote work necessitates a greater degree of clarity and consistency in data interpretation.
Technological and Business Term Convergence
In aligning technical database structures with business terms, data governance acts as a bridge between IT and business entities, facilitating a symbiotic relationship where both domains can understand and leverage data effectively (Dhoni, 2023). This interconnection is especially critical when implementing technologies such as business intelligence tools and data analytics.
Collaboration and Contextualization
The significance of data governance also lies in its ability to foster collaboration. By creating a shared language and defining clear roles and responsibilities, it promotes a culture of transparency and trust (Van Ooijen et al. 2019). This collaboration is invaluable for organizations to realize the potential of their data assets fully. Furthermore, data governance provides context to data, essential for transforming raw data into actionable insights, thus enabling data to be meaningful and trusted across the organization.
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3 | 2023-01.02] 0.622392972 0.922405085 1.864462073 1.144563869 2526112873
4 | 2023-01.03] 2.300683893 1843993792 3.380302383 0.569147403 1155477907
5 20220104 4.944243526 3.347538857 2.260015242 2.559038687 2.835981413
5 | 2023-01.05| 2279136541 2751179647 2.606585689 2787323247 0.792572374
7 | 2023-01.06| 4.523819201 2227753681 0.970952967 3.721955966 3.139061087
2 | 2023-01.07] 3.575640033 2.075419386 3.7068075 2.701854875 3.180341847
o | 2023-01.08] 1514816235 1132140738 3.113446463 1183454925 3.849111181
10|2023-01-09 1.895300612 4.343354286 1.266335404 4756181143 3.008397357
11|2023-01-10 4.807012942 2916452552 186153227 4.019016007 2.988376574
12|2023-0111 4.927338279 4.700144248 0.773426996 1490728489 3.885722067
13| 2023-01.12 3.397961367 3196762076 3.483490293 2.208611507 4209781731
14|2023-01-13 0.770182579 4.452992802 3.723886626 3.485053842 2261280718
15| 20230114 3.637991514 3.212374842 2.658995854 1930687526 3157966776
16|2023-01-15 0.950857082 2.595985277 0.664337124 1273347813 1163643086
17|2023-01-16 3.080417426 1126103617 4.867451715 3.020010626 3.428034728
18| 2023-01-17| 3.223703272 4.267841685 1679950459 0.788496475 1865037735
19|2023-01-18 3.716017942 4.9228482 0.854489138 0.986186108 2.686984912
20| 2023-01-19 2037100732 1306268253 3.469964391 1.271200836 0.753179032
21|2023-01-20 3.252764619 2.660683078 0.694753427 0.720062375 4.109410879
22|2023-01.21 2.029289337 2556471354 4.329950606 2.609130946 2.39599436
23 (2023-01-22| 0.953912485 4.86353788 1.842460594. 2.754569064 2.162512609 Hadoop_ProcessingTime
24|2023-01.23 43937956 1196902516 1853700876 0.963348428 4594127717
25| 20230124 2.484977017 3.820568086 4.649545312 4114667215 2.820620856
26|2023-01.25 2729322362 2719321349 3.928365906 3.701173926 2.684360487
27|2023-01-26 3.921550057 0.873575367 2.538976395 1112482338 0.751327156
28| 2023-01-27| 3.404929851 3.429638086 1.239423593 4.790219612 4.438055466
29|2023-01.28 2.808024322 2.460317202 4.675297667 0.642849604 3.997448747
30|2023-01-29 4537031731 4.815070854 3.504590969 4.343311999 1.89294452
31|2023-01-30 1736193155 3.39646924. 1414875532 3.594482803 3.224935038
32|2023-01.31 0.764005115 1438974688 2.335005604 2897187544 1625230842
33| 2023-02.01 3.79521728 4.281543451 0.829101268 1605838204 3.069005528
34|2023-02.02 4.063221191 2775317498 2.724856752 1796358531 0.75289038
35|2023-02.03 2.502246994 2.742641084 2.890685794 1.26618179 2.986093184
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Clipboard 5 Font Number 5 Styes cells Editing Add-ins
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. [_pate | Hadoop_ProcessingTime | spark_ProcessingTime | R_ProcessingTime | Python_ProcessingTime | Tableau_ProcessingTime
| 20230001 1387743717 2.018439586 2.486711251 3.985149864 2.268954172
| 20230002 0.622392972 0.922405085 1.864462073 1.144563869 2526112873
. | 20230103 2.300683893 1843993792 3.380302383 0.569147403 1155477907
4944243526 3.347538857 2.260015242 2.559038687 2.835981413
| 20230105 2279136541 2751179647 2.606585689 2787323247 0.792572374
- | 20230108 4523819201 2227753681 0.970952967 3.721955966 3.139061087
: | 20230107 3.575640033 2.075419386 3.7068075 2.701854875 3.180341847
) | 2023-01.08 1514816235 1132140738 3.113446463 1183454925 3.849111181
0| 2023-01-09 1.895300612 4.343354286 1.266335404 4756181143 3.008397357
1| 20230110 4807012942 2916452552 186153227 4.019016007 2.988376574
2| 2030011 4927338279 4.700144248 0.773426996 1490728489 3.885722067
3| 2030012 3.397961367| 3196762076 3.483490293 2.208611507 4209781731
4| 2030113 0.770182579 4.452992802 3.723886626 3.485053842 2261280718
5| 20230114 3.637991514 3.212374842 2.658995854 1930687526 3157966776
5| 20230115 0.950857082 2.595985277 0.664337124 1273347813 1163643086
7| 20230116 3.080417426 1126103617 4.867451715 3.020010626 3.428034728
5| 20230117 3223703272 4.267841685 1679950459 0.788496475 1865037735
0| 20230118 3.716017942 4.9228482 0.854489138 0.986186108 2.686984912
0| 20230119 2.037100732 1306268253 3.469964391 1.271200836 0.753179032
1| 20230120 3.252764619 2.660683078 0.694753427 0.720062375 4.109410879
2| 2030021 2.029289337| 2556471354 4.329950606 2.609130946 2.39599436
3| 2023-01-22 0.953912485 4.86353788 1.842460594 2.754569064. 2.162512609, Hadoop_ProcessingTime
4| 2030123 43937956 1196902516 1853700876 0.963348428 4594127717
5| 20230124 2.484977017| 3.820568086 4.649545312 4114667215 2.820620856
5| 20230125 2729322362 2719321349 3.928365906 3.701173926 2.684360487
7|2023-01-26 3.921550057| 0.873575367 2.538976395 1112482338 0.751327156
5| 20230127 3.404929851 3.429638086 1.239423593 4.790219612 4.438055466 ag&"m;mu P
e T s i
0| 20230129 4537021731 4.815070854 3.504590969 4.343311999 1.89294452 .
1| 20230130 1736193155 3.39646924. 1414875532 3.594482803 3.224935038
2| 20230131 0.764005115 1438974688 2.335005604 2897187544 1625230842
3| 2023-02.010 3.79521728] 4.281543451 0.829101268 1605838204 3.069005528
4| 203-02.02 4.063221191 2775317498 2.724856752 1796358531 0.75289038
5| 2023-02.03 2.502246994 2.742641084 2.890685794 1.26618179 2.986093184
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