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This reflective journal documents my individual experience of participating in the Hackathon 2026 project as part of a small team. The primary focus of the project was not the full development of a working system but rather developing a clear understanding of the problem domain, exploring how emerging technologies could be applied, and evaluating feasibility, risks, and limitations. This reflection discusses my role and contribution, team performance, technical and domain learning, identified limitations and risks, and key lessons gained from this experience.
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Domain understanding was a shared responsibility across the entire team and was a key focus of the project due to the scope of the assignment. All team members contributed to exploring the problem space, discussing feasibility, and identifying how emerging technologies could be applied. This approach was appropriate, as the Hackathon emphasised research, evaluation, and conceptual design rather than full technical implementation.
Within this context, my specific contribution focused on the data analysis perspective.
I worked on analysing how public data could support the proposed solution, what types of datasets would be required, and how insights could realistically be derived from them.

Although automated data processing approaches were discussed and partially attempted, I emphasised the importance of first validating and understanding the data manually using traditional methods such as spreadsheets to check formatting, structure, and logical consistency, as data quality must be established before any meaningful automation can take place. [1]
This perspective was influenced by my professional experience working on a long-term AI-related project, where insufficient data validation led to unreliable analytical outputs and required extensive manual cleaning and reprocessing. This aligns with existing research which highlights data cleaning and validation as a foundational requirement for maintaining reliable analytical systems, particularly before applying more advanced or large-scale processing techniques. [2] In practice, working with large or complex datasets also requires careful attention to data quality management, as poor-quality data can reduce trust in outputs and negatively affect how insights are interpreted and used in decision-making contexts. [3]
Although this project was carried out by a team of five students, meaning that we effectively acted as our own stakeholders, I believe it is still good practice to follow this approach when collecting and analysing data, even within a university project. Working in this way reflects real-world scenarios, where data is reviewed, interpreted, and questioned by different stakeholders, and where the clarity and logic of the analysis are just as important as the technical tools used to produce it.
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This section reflects on the team’s overall working experience and performance as a group, rather than on individual contributions, in line with the collaborative nature of the Hackathon task. One challenge specific to a university environment is that team members often have different jobs, schedules, and external commitments, which can make consistent communication and coordination more difficult. In a real-world scenario, team members would typically share the same working hours and responsibilities, making collaboration more structured and predictable. [4]
Communication within the team mainly took place through WhatsApp. This approach was practical and accessible for everyone, allowing ongoing discussion, idea sharing, and updates outside of scheduled class time. Although a shared platform such as SharePoint was initially considered for collaboratively editing the presentation, this was not fully implemented. As a result, collaboration lacked structure in areas such as version control and task tracking, which could have been managed more effectively with better planning.
I am aware that missing classes can affect group progress; however, I made a conscious effort to stay engaged by communicating regularly through WhatsApp and contributing where possible. This experience highlighted the importance of transparency, responsibility, and proactive communication in collaborative work. Overall, the project served as a valuable learning experience, reinforcing lessons that are directly transferable to real-life professional teamwork and collaboration.
Team Performance Rating (out of 5)
· Communication: 3.5/5
· Collaboration: 4/5
· Time management: 3/5
Explanation
The communication rating reflects the fact that the team stayed in touch regularly through WhatsApp, which worked well for sharing ideas and maintaining engagement but was less effective for organising documents or tracking progress. Collaboration was rated higher because the team worked well together overall, with shared input during discussions and planning. Time management was rated lower, mainly due to difficulties in aligning availability and maintaining a consistent workflow within the limited timeframe of the Hackathon.
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From my perspective as the data analyst, a key limitation was not the lack of analysis, but how the results were presented. Although the project was completed by a team of five students, I approached the analysis as if the outcomes were being reviewed by external stakeholders, such as potential investors or third parties, rather than only by us. For this reason, I focused more on research, domain understanding, and validating the logic behind the findings than on producing polished dashboards or automated outputs. Spatial comparisons and accessibility insights were demonstrated, such as differences between central, suburban, and outer London, but these were communicated through structured analysis rather than finished visual products.
Another limitation relates to the data itself. The project relied on publicly available datasets, which can contain incomplete records, inconsistent metadata, or accessibility constraints, such as AEDs located indoors or with restricted access times. If these issues are not carefully considered, they can reduce the reliability of real-world insights. [1] There is also a risk that analytical results may be misunderstood if they are presented without enough context, particularly when working with spatial or large datasets and when stakeholders focus on outputs rather than assumptions and limitations. [3] Recognising these risks reinforced my decision to prioritise clarity, correctness, and domain understanding over visual complexity at this stage of the project.
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Overall, this project helped me understand the importance of taking a realistic and thoughtful approach to technology projects. Instead of focusing only on tools or building something technical, I learned how important domain understanding, data quality, and clear communication are when working in a team. The experience also showed common challenges in group work, especially around coordination and time management, and highlighted the value of being transparent and adaptable. These lessons are relevant to real-world work and will influence how I approach future projects, both at university and in professional environments.
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