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[bookmark: _Toc232978474]1. Introduction
The use of artificial intelligence has emerged as one of the main sources of change in modern business, due to its ability to automate business processes, process massive amounts of data, enhance forecasting, and make quicker operational choices. The survey of 65% of organisations surveyed by McKinsey in 2024 revealed that AI is now a mainstream business activity, with regular use of generative AI in 65% of organisations (Singla et al., 2024).
Amazon is an appropriate international organisation to conduct this research since it conducts business in the international e-commerce, cloud computing, logistics, digital media and artificial intelligence services. Its size renders the adoption of AI of particular significance. In 2024, Amazon expanded its revenue to $638 billion, up from the previous year, 575 billion, indicating the scale and magnitude of its operations across the world (Jassy, 2025). The applications of AI in Amazon include warehouses, delivery systems, product suggestions, human resources, customer support and Amazon Web Services. Amazon announced installing its one million robots in over 300 locations globally in 2025, demonstrating the extent of automation in its fulfilment network (Dresser, 2025).
This research proposal aims to investigate the issue of employee performance and organisational efficiency in relation to the adoption of AI in Amazon. The research will also address the question of whether AI can enhance productivity and pose new challenges to employees.
[bookmark: _Toc232978475]2. Statement of the Research Problem
The use of AI presents challenges and opportunities to large organisations. In the case of Amazon, AI can enhance the speed, minimise mistakes, predict demand, maximise warehouse traffic and assist customer service. Nevertheless, the same technologies can also transform the work of employees, enhance surveillance and put pressure on them to work at machine speed. This brings about a major business conflict between the efficiency of organisations and the well-being of the employees.
The issue is significant since AI does not just displace manual work, but it also alters the way employees are managed and appraised. Algorithms can be used in warehouses and logistics to affect work distribution, productivity goals, and the organisation of work. AI can assist in decision-making in HR and customer service, yet one can be concerned with the issues of fairness, transparency, and skill shortages. Staff might require new online skills, and others might feel uncertain about their job security and the evolving performance demands.
The gap in the research is that a significant part of the current discourse is dedicated to the beneficial effects of AI on efficiency, or the ethical issues in general. It remains to be the case that dedicated research, one that would consider the performance of employees and the efficiency of the organisation in one study, remains to be done in the framework of one of the biggest global organisations, like Amazon.
[bookmark: _Toc232978476]3. Research Aim 
To critically examine the impact of artificial intelligence adoption on employee performance and organisational efficiency within Amazon.
[bookmark: _Toc232978477]4. Research Objectives 
1. To examine the main AI technologies used in Amazon’s business operations.
2. To evaluate how AI adoption influences employee performance.
3. To assess how AI adoption contributes to organisational efficiency.
4. To identify the challenges and ethical issues linked to AI adoption in Amazon.
[bookmark: _Toc232978478]5. Research Questions 
1. How is AI adopted in Amazon’s operations?
2. How does AI adoption affect employee performance?
3. How does AI adoption influence organisational efficiency?
4. What challenges and ethical concerns arise from AI adoption in Amazon?


[bookmark: _Toc232978479]6. Literature Review
[bookmark: _Toc232978480]6.1 Artificial Intelligence in Business Organisations
According to Bartneck et al. (2020), artificial intelligence is the capacity of machines to execute tasks traditionally performed by human intelligence, such as learning, reasoning, prediction and problem-solving. When applied to a business setting, this definition is more practical as AI is utilised to automate processes, analyse data, support decisions and enhance customer interaction. According to Mikalef et al. (2023), the real organisational value of AI is generated when it is related to explicit business issues, e.g. eliminating repetitive tasks, enhancing service quality or aiding quicker decision-making. This is crucial since AI cannot be regarded as a trendy technology that will automatically enhance performance. Its usefulness relies on its suitability in business strategy, work design and decision-making systems.
Haenlein and Kaplan (2020) explain that AI includes machine learning, predictive analytics, robotics, natural language processing and algorithmic decision-making. Machine learning enables organisations to recognise trends in massive data sets, whereas predictive analytics can assist companies to predict demand, consumer behaviour and operational risk. The tools find their application in marketing, supply chain management, finance and human resource management. Nevertheless, Strohmeier, Becker and Scheer-Weller (2026) disagree with the idea that algorithmic decision-making is always superior to human judgement. They believe that AI is able to process information more quickly than managers, yet it can also generate poor decisions in case of biased, incomplete or misinterpreted data.
The distinction between automation and augmentation introduced by Raisch and Krakowski (2021) is useful. Augmentation helps human capability, whereas automation eliminates human work. This difference matters as companies tend to glorify AI as a productivity gain, yet they could overlook the threat of diminishing employee autonomy. Thus, AI in business can be considered as a means of efficiency and a source of ethical and managerial confusion.
[bookmark: _Toc232978481]6.2 AI Adoption in Amazon
Amazon has been a robust case of AI implementation due to its cross-border e-commerce, logistics, cloud computing and digital services business. According to Statista (2025), it earned the revenue of 638 billion in 2024, a figure that indicates the magnitude and intricacy of its international business. The significance of AI is that it would be impossible to operate millions of customers, products, orders and delivery routes with only manual systems. The applications of AI in Amazon include fulfilment centres, logistics, product recommendations, Alexa, HR systems and Amazon Web Services. Thus, AI is not an individual innovation project at Amazon; it is an element of the operating model of the organisation.
According to Dresser (2025), it has installed one million robots in over 300 plants in the world. This demonstrates that warehouse robotics is no longer an experiment, but it is in the middle of the fulfilment strategy of Amazon. Picking, packing, sorting and product movement can be enhanced by robotics and this aids in fast delivery and correct operations. Bensinger (2025) further elaborates that Amazon has been working on its generative AI on Alexa, indicating that AI is not only implemented in the company processes but also in the services to customers. This enhances the personalisation of customer experience and the competitiveness of Amazon in digital markets.
Nevertheless, the adoption of AI by Amazon also poses some serious questions. According to Cappelli and Tambe (2018), AI in HR can enhance workforce analytics, recruitment and scheduling, but it can also lead to the expansion of data-driven employee monitoring. Haenlein and Kaplan (2020) caution that algorithmic management risks putting human managers under the control of digital systems. In Amazon, this can be translated into AI, potentially enhancing the scalability and speed of delivery, but also as surveillance, work intensification, and job redesign for employees. Thus, the AI strategy of Amazon must be looked at both operationally and humanistically.
[bookmark: _Toc232978482]6.3 AI and Employee Performance
AI can enhance the performance of employees by minimising repetitive tasks, assisting in the efficiency of tasks, and providing employees with more prompt access to information. Salari et al. (2025) demonstrate that generative AI can make workers more productive, particularly when they are relatively inexperienced, due to the ability to offer real-time instructions and decision support. This implies that AI could help fill the performance difference between experienced and new employees. Nosratabadi et al. (2022) also claim that AI is being employed more and more throughout the employee lifecycle, such as recruitment, onboarding, performance management and retention. This means that AI can be used in physical work as well as the selection, training and evaluation of employees.
Nevertheless, speed or output should not be considered the sole measures of employee performance. According to Sadeghi (2024), AI could enhance efficiency, yet it can raise concerns regarding job security, privacy, fairness and trust. This has a lot to do with Amazon since AI-based systems can enable workers to accomplish tasks fast, although they can also cause employees to feel like they are under the microscope. According to Mettler (2023), AI-assisted workplaces have the potential to be transformed into connected workplaces, where data, sensors and digital systems constantly track employee activity. This can provide managers with more definite performance data, although it can also add stress and decrease autonomy.
According to Parker and Knight (2024), digital technologies can either enhance working or increase control, depending on the manner in which organisations adopt the technologies. This argument refutes the naive opinion that AI automatically enhances the performance of employees. When AI can lessen redundant work and facilitate learning, it can enhance work satisfaction and sustainable productivity. But when AI is used primarily to raise targets, monitoring, and strain, the outcome could be only short-term improvement of performance and a decrease in employee well-being. Thus, the performance of employees should be perceived in a broad way. It must also cover productivity, skills, motivation, autonomy, job satisfaction and long-term working well with technology ability.
[bookmark: _Toc232978483]6.4 AI and Organisational Efficiency
Organisational efficiency is the ability to make efficient use of time, cost, labour, data and technology in order to achieve superior results. Agrawal, Gans and Goldfarb (2019) suggest that AI lowers the price of prediction, which is worth organisations relying on forecasting and planning. This is the case when it comes to Amazon since its business model is largely based on demand forecasting, inventory management, delivery routes and recommendations to the customer. AI can assist Amazon to know what the customers might purchase, where to store goods and how to arrange the delivery. This may minimise delays, waste, and operating errors.
According to Singla et al. (2024), in 2024, 65% of surveyed organisations frequently used generative AI, indicating that AI has become an inseparable part of productivity and competitiveness. In the case of Amazon, AI can be used to reduce costs by automating processes, accelerating the order fulfilment process, enhancing customer service and providing scalable cloud-based services. Li-Hwa and Kuo-Shun (2020) say, though, that human-machine collaboration, and not complete automation, leads to the greatest organisational benefits. This disputes the close-mindedness that efficiency equates to substituting humans with machines. AI can be most effective in situations where it assists employees rather than eliminating human judgement.
Madoon (2026) cautions that automation has the potential to both boost work output and bring about discrepancies among employees. The reason is that organisational efficiency cannot be merely evaluated based on the cost savings or speed. When AI can decrease the delivery times, but the employees become stressed, there is a skill gap or lack of trust, the organisation might suffer long-term issues. Tong et al. (2025) also state that AI usage poses a governance issue due to the risks that organisations can implement sophisticated systems before ethical regulations are established, transparency and accountability. Thus, the efficiency of the organisation of Amazon should be critically examined. Efficiency must encompass the speed of operations, accuracy and scalability, yet it must also encompass the ability of the employees, the quality of service, ethical governance and long-term organisational sustainability.
[bookmark: _Toc232978484]6.5 Theoretical Framework
Three theories will be used in this study: The Technology Acceptance Model, the Socio-Technical Systems Theory and the Job Demands-Resources Theory. The theories will assist in the analysis of the adoption of AI at Amazon, both at the organisational level and the employee level.
According to Davis (1989), perceived usefulness and perceived ease of use determine technology acceptance. This applies to the case of Amazon since employees might tolerate AI when they think it enhances the performance of tasks, eliminates redundancy and enables them to perform their work more efficiently. Venkatesh and Davis (2000) further advance this argument by demonstrating that social pressure and organisational expectations can also affect workplace technology acceptance. This is significant in Amazon since workers might employ AI systems not merely because they consider them valuable, but also because the organisation demands them to handle automated systems.
Nevertheless, the Technology Acceptance Model might be too limited when applied independently. It is primarily concerned with the user acceptance and lacks a detailed description of how technology transforms power, work design or organisational relationships. Thus, the Socio-Technical Systems Theory will be employed as well. Abbas and Michael (2023) state that the joint design of the technical systems and social systems influences organisational performance. This implies that technical efficiency should not be used as a basis to assess AI adoption. It should also take into account the impact on the employees, work, skills and management structures. Bostrom and Heinen (1977) also maintain that in most cases, technology failure occurs when organisations are interested in technical systems only, disregarding people and work processes. This can be applied to the Amazon case since AI can enhance speed and automation, but can also cause pressure, surveillance and job redesign.
A further critical lens will be through the Job Demands-Resources Theory. According to Demerouti (2025), job demands cause strain and job resources promote motivation and performance. AI can be one of the resources used in this study, as it can offer more effective tools, quicker decision-making and less repetitive work. Nevertheless, AI can also be a need in cases where it enhances monitoring, work pressure and skills gaps. Demerouti and Bakker (2022) demonstrate that the ratio of demands and resources determines the well-being and performance of employees. Thus, applying all three theories will assist in preventing a limited technology-based perspective. The paper will discuss AI as one of the systems that influence the acceptance, work design, employee well-being, and organisational efficiency.
[bookmark: _Toc232978485]6.6 Conceptual Framework and Research Gap
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Figure 1 Conceptual Framework
Source: (Self-Made)
The study's conceptual framework will consider AI adoption as the primary independent variable. Employee performance and organisational efficiency will be the two dependent variables. Issues faced by employees will serve as a motivating factor that can either reinforce or undermine the association between AI usage and the two outcomes.
The implementation of AI can enhance the performance of employees by automating, supporting decisions, providing real-time information and minimising repetitive employee duties. It can also enhance the efficiency of organisations in terms of speedy realisation, enhanced prediction, enhanced customer service and scalable business processes. This relationship, however, cannot be taken as a positive one. Mikalef et al. (2023) suggest that by managing and assessing workers using digital systems, algorithmic systems can enhance managerial control. This implies that the negative impact of AI could occur because of employee issues, including employee monitoring, job insecurity, skills deficiencies, and work pressure, when employees are stressed, deskilled, or over-controlled.
The gap in the research is that a significant number of studies consider AI as a source of automation, predicting and efficiency, and others take a one-sided look at the concerns of employees, including surveillance, stress and job insecurity. In one case study, there is limited research connecting the two sides. Critical research on Amazon that analyses the impact of AI on employee performance and organisational efficiency is also limited. This paper will fill this gap by examining the application of AI at Amazon as a business efficiency problem and an employee performance problem.
[bookmark: _Toc232978486]7. Research Methodology
[bookmark: _Toc232978487]7.1 Research Philosophy / Paradigm
A pragmatic research philosophy will be employed in this study. The concept of pragmatism will be appropriate since the study will not rely on a single perception of reality or a single kind of data. Rather, it will concentrate on the best ways to address the research problem (Argyrous, 2011). The fact that the study will look into the performance of the employees and the efficiency of the organisation will require that there be evidence measured, and some evidence to explain what happens to individuals in the workplace.
A strictly positivist philosophy would assist in quantifying trends by use of a survey, although it might not fully elucidate how staff members perceive AI-based surveillance, work stress, or ability alterations. Conversely, a more interpretivist philosophy would assist in comprehending employee experiences, but it might not give sufficient quantifiable evidence of performance and efficiency. Thus, pragmatism will give a moderate view. It will allow the researcher to combine quantitative and qualitative evidence in one study (Saunders, Lewis and Thornhill, 2019). This will be well-suited to the topic since the use of AI in Amazon will entail both operational performance and human experiences.
[bookmark: _Toc232978488]7.2 Research Approach
This study will follow an abductive research approach. An abductive method will be suitable since the study will alternate existing theory and primary data. This research will commence with the literature on AI adoption, employee performance, organisational efficiency and algorithmic management (Bickman and Rog, 2009). The theories will be used in the establishment of the research questions and data collection instruments.
Nevertheless, the research will also be open to discoveries by participants. As an illustration, workers can detect AI-related problems that are not outlined in the current literature, including automated goal pressure or training. The abductive method will thus enable the researcher to juxtapose theory with actual perceptions at the workplace. It will come in handy since the use of AI is a dynamic business phenomenon, and assumptions cannot be set in stone, which can restrict the quality of the research (Bryman, 2016).
[bookmark: _Toc232978489]7.3 Research Design
The study will be conducted following a case study design where Amazon will be the international organisation. A case study will be the appropriate choice since the research will consider the AI adoption in a particular organisational setting. Amazon will be suitable as it applies AI in warehouses, logistics, customer support, recommendation systems, human resource processes and cloud computing.
The case study research design will enable the researcher to investigate the problem at hand more profoundly than perceiving AI adoption as a business trend. It will also assist in relating AI adoption to actual organisational practices (Bryman and Cramer, 2011). Given that Amazon is an international company that utilises cutting-edge automation, it will serve as a good example of how AI can enhance efficiency and alter the position and performance expectations of employees. The downside is that the results might not apply to all international organisations, but the case will still provide valuable information regarding the adoption of AI in a big technology-driven organisation.
[bookmark: _Toc232978490]7.4 Justification for Using Mixed Methods
In this research, a mixed-method approach will be employed. The quantitative section will rely on a survey to measure the perceptions of the employees regarding the adoption of AI, the performance of the employees and the efficiency of the organisation. The survey will facilitate gathering of organised answers from more participants (Easterby-Smith, Thorpe and Jackson, 2012). It will enable the researcher to determine the trends, including whether employees feel that AI enhances productivity, raises work pressure or decision-making.
The qualitative section will utilise semi-structured interviews to get to know more about the employee experiences. Interviews will enable the participants to demonstrate the impacts of AI on their day-to-day work, skills, motivation, job satisfaction and perceptions of monitoring. This will be significant since surveys can tell what employees believe, but interviews will tell why they believe so.
Both breadth and depth will therefore be enhanced with the help of mixed methods. Quantitative data will be used to give some measurable evidence, and qualitative used to give an in-depth explanation. This will render the research more robust since adoption of AI is not merely a technical concern; it is a human and organisational concern (Fereday and Muir-Cochrane, 2006).
[bookmark: _Toc232978491]7.5 Evaluation of Methods
The main strength of the mixed-methods approach will be that it will provide wider and richer evidence. The survey will enable the researcher to capture information from additional participants, but interviews will give detailed information about the experience of employees (Field, 2013). This will facilitate triangulation since results obtained by one approach can be compared with the results obtained by the other. As an illustration, in case the results of a survey indicate that AI enhances the efficiency of the task, the interview data can indicate the reason behind this increase, whether it is the ability to work more effectively or the increased pressure.
The second strength will be that the mixed methods will aid a more balanced analysis. It will aid in preventing the one-sided perspective that either glorifies the efficiency of AI only or prioritises the concerns of the employees exclusively. This will be appropriate in Level 7 research since it will enable the critical assessment of advantages and disadvantages.
There will be restrictions, however. The mixed methods will be more time-consuming in that the researcher will have to develop two data collection instruments, gather two sets of data and then analyse them independently (Flyvbjerg, 2006). The analysis of the data can also be more complicated, as numerical survey data and interview themes will have to be merged with each other. Another potential obstacle could be access, since Amazon workers might be hard to contact, and others might be uncomfortable talking about workplace surveillance or performance stressors. As such, the researcher will be required to control access, confidentiality and time.
[bookmark: _Toc232978492]8. Data Collection Methods
This study will use three main data collection methods: an online questionnaire, semi-structured interviews and secondary data. Quantitative data will be collected through the online questionnaire from the employees of Amazon or those who have prior experience of AI-based workplaces (Gorman et al., 2005). The questionnaire will be presented with closed-ended questions and statements on a Likert scale, e.g. AI enhances my efficiency in work, or AI adds to work pressure. This approach will be appropriate since it will enable the researcher to obtain quantifiable data on a larger sample of respondents in a limited duration of time. It will also be practical, cheap and simple to spread via online platforms.
Qualitative data will be collected using semi-structured interviews with the selected participants. Such an approach will be appropriate since the adoption of AI can have multifaceted impacts on employees, which may not be accurately reflected by a predetermined set of questions. Interviews will enable the participants to narrate their experiences of AI-based surveillance, delegation of tasks, job redesign, training requirements, job pressures and job satisfaction (Leavy, 2020). The semi-structured format will provide the researcher with the freedom to pose follow-up questions and yet maintain the discussion in the context of the research aim and objectives.
Amazon annual reports, sustainability reports, academic journals, books and industry reports are also secondary data sources that will be collected. This will assist in developing the history of the study and evidence regarding the adoption of AI at Amazon, robotics, logistics systems, cloud services and organisational efficiency. Secondary data will be effective since it might be hard to have direct access to the internal data of Amazon (Lowing and Hartas, 2011). It will also assist in making comparisons between primary findings and published evidence. On the whole, the three tools will underpin a mixed-methods approach with the integration of numerical trends, staff experiences and larger organisational context.
[bookmark: _Toc232978493]9. Sampling Method and Target Population
The population of interest will involve Amazon workers, operations, warehouse managers, and technology-related workers. These samples will be appropriate since they have higher chances of feeling or witnessing AI implementation in the everyday activity of Amazon (Morse et al., 2002). Nevertheless, due to the possible challenged access to Amazon employees, the research might also involve employees of related AI-based settings, like logistics, e-commerce, retail operations and technology-based organisations.
The convenience sampling will be used in the online questionnaire. This will be feasible since the respondents will be contacted via LinkedIn, online employee networks, professional contacts and social media groups. The convenience sampling will limit the generalisability, but it will make sense in a student research project that has a limited time and access (Saunders, Lewis and Thornhill, 2019).
In the case of semi-structured interviews, purposive sampling is going to be employed. The participants will be chosen as they have the appropriate experience using AI, automation, digital monitoring, warehouse systems, HR technology or technology-based performance management. The sample proposed will be 80-100 respondents of the survey and 8-10 of the interview participants. This will be friendly and appropriate in detecting general trends and in-depth information.
[bookmark: _Toc232978494]10. Tools for Data Analysis
Microsoft Excel will be used to analyse the quantitative data of the online questionnaire. Excel will be appropriate since it is available, cheap and useful in the analysis of simple statistics. Descriptive statistics will be used by the researcher to summarise the results of the survey (Waters, 2011). The frequency and percentage analysis will reveal the number of people who agree or disagree with major statements about AI adoption, employee performance and organisational efficiency. Mean scores will be used to compare the average responses to various survey items. Standard deviation will indicate whether there are similar or varied responses from the participants.
Correlation analysis can also be applied to investigate potential correlations between key variables. As an illustration, the researcher can look at whether the positive attitudes towards the AI adoption are associated with the increased perceptions of employee performance or the enhanced organisational efficiency. This will aid in answering the research questions in a quantifiable manner.
Interpretation of the qualitative data from interviews will be based on the thematic analysis. First, the transcribing and careful reading of the responses obtained in the interviews will be done. The researcher will then employ coding of recurring concepts, including productivity enhancement, work pressure, digital surveillance, training requirements, job insecurity, confidence in AI and employee welfare (Argyrous, 2011). Coded materials will be categorised into broader themes after coding. As an example, remarks on a quicker completion of tasks and enhanced decision-making can constitute a theme named AI-assisted improvement of performance. Remarks on stress, surveillance and workload can compose a theme referred to as AI-related work pressure.
Lastly, the themes will be viewed in connection with the research questions. The researcher will compare and contrast the results of the surveys and the interviews to determine whether the numerical trends will either uphold or defy employee experiences. This will enhance the analysis and make the study deeper.
[bookmark: _Toc232978495]11. Ethical Considerations
Ethical issues will play a significant role since the study will include employees and a true international organisation (Bickman and Rog, 2009). Every participant will be provided with easy-to-understand information regarding the objective of the study. Participation will be voluntary, and informed consent will be obtained. The participants will also be allowed to withdraw before the analysis of the data without explanation.
The study will be anonymous and confidential. The researcher will not disclose the names of the participants, their specific job titles, places of work or any other information that can identify them. This will be particularly crucial since the views of employees regarding AI, surveillance, work stress and management styles can be delicate.
Protection of data will also be ensured. Data collected through surveys and interviews will be kept safe and not utilised in any other manner but academically (Bryman, 2016). The researcher will not use the questions that will lead to stress, fear or professional risk. It will also be evident in the study that it is not on behalf of Amazon, and it is an independent study. This will make the participants more comfortable presenting candid opinions.
[bookmark: _Toc232978496]12. Resource Implications and Time Plan
The research will need to have access to academic databases, journal articles, Amazon reports, industry reports, an online survey platform, an interview platform, a recording/transcription tool, and Microsoft Excel. The implication of the cost will be low since the study will rely heavily on online technologies like Google Forms, Microsoft Teams, Zoom and Excel. University databases will be used to get most of the academic sources (Bryman and Cramer, 2011). Time will be the primary resource needed, particularly to review the literature, design research instruments, collect data, analyse the responses and draft the final research proposal.
	Week
	Research Activity

	Week 1–2
	Finalise topic, research aim, objectives and research questions

	Week 3–5
	Conduct a literature review and develop a theoretical framework.

	Week 6–7
	Design questionnaire and semi-structured interview guide

	Week 8–10
	Collect survey and interview data.

	Week 11–12
	Analyse quantitative and qualitative data

	Week 13–14
	Write findings and a discussion plan.

	Week 15
	Review, edit, proofread and prepare the final submission.


[bookmark: _Toc232978497]13. Limitations of the Study
There will be limitations to the study. To begin with, penetrating Amazon employees might be challenging since Amazon is a big global company with official privacy and communication guidelines. Consequently, the researcher might have to incorporate employees who work in comparable AI-based environments, and this can minimise the direct emphasis on Amazon. Second, biased responses can be a problem since participants can evade giving negative responses regarding AI monitoring, work pressure or management practices (Fereday and Muir-Cochrane, 2006). Third, the sample size of 80-100 respondents to the survey and 8-10 participants to the interview might not be representative of all Amazon employees all over the world.
The time limitation can also restrict the level of data collection and analysis. Because Amazon is a multinational company, the results of the small sample might not apply to all places, divisions or occupations. Lastly, the adoption of AI evolves rapidly, and some of the findings might become obsolete as Amazon implements new technologies.
[bookmark: _Toc232978498]14. Conclusion
This proposal will analyse the impacts of the adoption of AI on the performance of workers and organisational efficiency at Amazon. The subject matter is important, as AI is applied to warehouses, logistics, customer services, HR and cloud services at Amazon. Mixed methods will give quantifiable data as well as rich employee experiences. The research is anticipated to make a contribution to academic knowledge through linking AI, performance and efficiency, as well as providing practical insight into the human and organisational impact of AI adoption.
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