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[bookmark: _Toc170946713]Abstract
The disruptive and transformative force of technological advancement in business processes and practices, as part of the era of Industry 4.0, has become increasingly prevalent, providing agility, competitive advantage, cost-effectiveness, and efficiency suitable for today’s fast-paced business setting (Sony, Antony, and Mc Dermott, 2022). However, the exponential growth of artificial intelligence (AI) implementation creates a dilemma and critical discussions in academic and governmental institutions due to the gaps in the relevant regulatory environment and the overall readiness of organisations to invest in advanced data management systems that can handle the demand of AI while ensuring safety and integrity (Birkstedt et al., 2023).
This exploratory research examines the emerging phenomenon and hypothetical idea of AI integration in Human Resource Management (HRM) practices from theoretical, practical, ethical, and legal perspectives. Additionally, it seeks to understand how reliance on cutting-edge technologies such as AI could impact business and HRM practices. It will address issues such as the complexity and data safety control measures, the reliability and accuracy of AI algorithms in decision-making during the talent acquisition process, the availability of sufficient training data for machine learning processes, the necessary technical capabilities of personnel to use and understand AI systems, the human factor in coding these systems and the associated biases, and most importantly, the potential threat to future employment.
Given the global spread of AI technology, this research will focus specifically on the European region, including the UK, where organisations operate under similar legal and regulatory frameworks.
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[bookmark: _Toc170946714]1.0 Research Rational
AI integration in Human Resource Management (HRM) is a rapidly evolving frontier that promises to revolutionise how organisations manage their workforce. However, this technological advancement brings many challenges and considerations that must be thoroughly investigated (Fenwick, Molnár, and Frangos, 2024). The rationale for this research lies in its potential to provide comprehensive insights into the effectiveness of AI tools in HRM, their cost, deployment necessity, and identification of any legal and ethical implications surrounding their use.
[bookmark: _Toc170946715]1.1 Background
Technological change is inherently disruptive in its creative nature when the older technology becomes obsolete and the new rises above to dominate (Utterback and Acee, 2019). This technological innovation cycle of the Fourth Industrial Revolution has immense transformative power, creating uncertainties and opportunities in many industries (Turner, 2022, pp. 31–58).
The long history of AI development came to its apogee in the 2020s after a successful application of machine learning in academic and industrial fields when technological advancements, new methods, and powerful computer capabilities opened new horizons for AI application, substituting manual work with efficient automation (Wooldridge, 2021). The adaptation and integration of advanced technologies in every sphere of human life are fascinating from a philosophical and scientific point of view, as this subject has long created dilemmas, debates, and controversy within the fields of technology and ethics (Shiohira, 2021, pp. 1–57). Today, these opposing views may stem from differing interpretations of epistemological evidence supported by various literature and film adaptations related to the extinction of humanity and a post-apocalyptic future where supercomputers and robots dominate remnants of human civilisation (Noah, 2018). Alternatively, they may arise from contrasting predictions and standpoints from scientists and industry leaders about the future implications of these technologies (Grace et al., 2024).
Indeed, advanced automated systems, AI, and quantum computers could significantly accelerate humanity's evolution (Musk, 2017). For instance, the renowned science-fiction writer, technophile, and scientist Isaac Asimov, the author of The Three Laws of Robotics, claims that if used responsibly, advancements in technology and science would lead to a better world for humanity, as technology is a tool for solving problems and improving the human condition (Asimov, 2002, pp. 67–80). However, Asimov also acknowledged the potential dangers of technological progress, particularly in the form of misuse or unintended consequences, exploring these themes in his "Robot" series, which delves into the ethical implications of AI and robotics (Hoffman, 2023).
[bookmark: _Toc170946716]1.2 AI in HRM Practices
According to Armstrong and Taylor (2023, pp. 4–24), the HR function within the organisation is to align HR strategies, policies, and practices with business goals, stakeholder interests, and employment law. Moreover, HR professionals are the gatekeepers of organisational culture, responsible for human capital management, knowledge, performance and talent management, employment relationships, employee wellbeing, exploring new ways of meeting current and future challenges, and contributing to the corporate deliberate strategy by acquiring and deploying capable personnel with relevant skill sets (Scott, 2023). The complexity of HR professionals' tasks and the scope of related responsibilities can vary depending on the organisational scale and the HR department's capacity. HR practitioners are pivotal in fostering employee motivation, helping employees reach their highest potential, and being effective and productive (Donegan, 2023).  
The emergence of Industry 4.0 increased the demand for agility in HR practices and the use of automation and digitalisation to improve its functional capabilities when tackling business and employee needs (Murugesan et al., 2023). An agile business implies frequent change to remain relevant and competitive, and HRM must be ready to support these changes (Goldberg and Kramer, 2020). Within the HRM context, agility refers to the capacity to rapidly adjust and improve individuals and processes in response to contingencies and changes, supporting emergent strategies and the overall adaptability of the organisation (Anderson, 2024). HR agility comprises three main elements: quick issue identification, reduced time to develop and implement remedial actions, and analysis and design thinking to implement strategies for organisational relevance (CIPD, 2014).
Bruce et al. (2024) discuss the revolutionary potential of AI-powered algorithms and their positive impact on key HRM areas. These areas include recruitment and talent acquisition, employee engagement and retention, and performance management (Schlosser and McPhee, 2022, pp. 5–160). For instance, the automation of manual processing in time-consuming administrative tasks such as tracking unplanned, long-term, short-term, and unauthorised absences metrics, shift swaps, holiday requests, and producing daily reports can reduce time and effort, liberating HR personnel for meaningful and value-added activities that can improve employees’ engagement and morale (Suresh, 2023).
Indeed, the digitalisation and automation of HR's daily tasks could potentially increase their effectiveness, streamline HRM operations, and reduce administrative burdens and costs. However, the OECD (2019) suggests that AI and automation may drastically impact future employment, leading to large-scale layoffs and reshaping the job market. In contrast, Deloitte (2015) argues that while technological progress in AI and ML has contributed to the loss of approximately 800,000 lower-skilled jobs, there is strong evidence that it has the potential to create 3.5 million new higher-skilled jobs from the multi-industrial technological transformation. However, the transition cannot be immediate and will take years to saturate the job market with the required specialists (Goldstein, 2023).
In the UK, the use of AI in recruitment has significantly increased, tripling in the last year (GOV.UK, 2024). For instance, according to Prescott (2024), approximately 30% of UK employers used AI to recruit candidates in 2023, compared to just 10% in 2022. This trend is particularly pronounced among large companies, with 43% utilising some form of AI to interview potential hires. Furthermore, 70% of recruiters in the UK report that AI is improving their hiring decisions, highlighting the perceived benefits of AI integration in the recruitment process. Notably, 90% of large businesses in the UK private sector have adopted AI into their recruitment processes, indicating a widespread acceptance of AI technologies among more prominent organisations (Hooson, 2023). However, the adoption of AI in recruitment is not uniform across all business sizes (Balderson, 2023). While large companies are leading the way, 48% of UK small and medium-sized enterprises (SMEs) have no plans to implement AI into their recruitment processes. This disparity suggests that while AI is becoming a critical tool for larger organisations, smaller businesses may face barriers to adoption, such as cost, lack of expertise, or perceived complexity. In the broader European context, 93% of HR professionals believe AI technology is instrumental in addressing HR challenges (Tubbs, 2023). Despite concerns about potential biases, approximately 80% of HR professionals support the integration of AI into talent acquisition processes (Hancock, Schaninger, and Yee, 2023).

Additionally, 26% of HR professionals anticipate that AI will be necessary for onboarding and training in the coming year (HR Technologies UK, 2024). On average, businesses in the EU spent £340,257 on HR technologies, including AI, in the last financial year, reflecting a substantial investment in AI-driven HR solutions (Morris, 2024). These statistics underscore the growing importance of AI in HRM and the importance of the balanced and effective integration of AI technologies in HR practices.
[bookmark: _Toc170946717]1.3 Research Aim
This research aims to examine the AI phenomenon and its impact on the digitalisation of HRM processes and to explore the correlation between the effectiveness of AI tools and improvements in operational performance, health and safety, payroll functions, communication, employee engagement, feedback systems, as well as organisational morale and culture. Furthermore, it seeks to contribute to developing best practices and frameworks that safeguard employee rights and promote ethical standards. This research will address a significant gap in current knowledge and provide valuable guidance for professionals who practically implement AI in HRM.
[bookmark: _Toc170946718]1.4 Research Objectives 
Due to the exploratory nature of this research, the objectives are as follows:
· RO 1: Assess the necessity of AI implementation in organisations depending on the scale and industry.
· RO 2: Examine the existing legal framework regarding AI governance and compliance.
· RO 3: Explore the spheres of HRM activities that could adopt and benefit from AI implementation.
· RO 4: Investigate how integrating AI in HRM practices can improve employee engagement, trust, and morale within the organisation.
· RO 5: Analyse the legal, financial, and technological challenges that arise from using AI in HRM.
· RO 6: Examine the sustainability and cost-effectiveness of implementing AI in HRM practices.
· RO 7: Understand the skills and knowledge HR employees need to effectively and safely use AI.
· RO 8: Identify control measures and preventive mechanisms HRM could use to address personal data breach issues.
· RO 9: Determine the AI training and database capacity requirements to mitigate recruiting and talent acquisition biases.
[bookmark: _Toc170946719]1.5 Problem Statement
The problem of AI adaptation in HRM practices derives from the implementation velocity of this technology and the delayed legal and regulatory frameworks that govern its use under the European Convention on Human Rights (ECHR), Equality Act 2010, General Data Protection Regulation (GDPR), Labour law, and the recent EU Artificial Intelligence Act (Fenwick, Molnar, and Frangos, 2024). This legal gap creates ambiguity in AI deployment and compliance precedents within HRM practices, especially in recruitment, employee monitoring, and performance evaluation, and can cause legal and ethical implications for the organisation. Additionally, the apparent risks with AI-powered recruitment are associated with potentially biased and inherently discriminatory algorithms due to the specifics of the AI training process that could be based on biased training data (GOV.UK, 2021). Moreover, the risk of employee privacy and data security violations is an essential factor in AI integration in HRM practices, as insecurely collected and stored employees' sensitive data could be stolen through cyberattacks, affecting employer-employee relationships, trust, and organisational goodwill (Zhai, Zhang, and Yu, 2024). Another problem relates to automation itself, where the obsolescence of an employee’s role could potentially lead to their dismissal (Littler, 2023).
Furthermore, even the most advanced AI systems lack emotional intelligence, as they cannot provide empathic and human interaction experiences needed for HRM tasks related to conflict resolution or performance management meetings (Singh and Chouhan, 2023). Lastly, implementing AI requires significant investments in support infrastructure, integration into existing systems, and employees with the knowledge and skills to manage it safely and competently (Hazan et al., 2024). Therefore, using AI in HRM practices presents various technical, legal, and ethical challenges organisations must address before integrating AI tools to ensure the responsible and equitable application of these technologies in the workplace.
[bookmark: _Toc170946720]1.6 Significance of The Study
HR professionals believe people are the most valuable organisational asset (CIPD, 2022). Organisations have moral and legal responsibilities towards their employees to ensure a safe work environment and ethical, fair, and lawful practices (ACAS, 2023). Therefore, the research seeks to develop knowledge of the best practices for AI's ethical and effective integration in HRM processes, ensuring that technological advancements benefit organisations and their employees.
The exploration of the integration and impact of AI in HRM is significant in the current reality as it addresses benefits and risks and looks at the feasible adoption and balanced approach that values both technological advancements and the human element, their harmonious collaboration in achieving organisational goals while meeting all legal, ethical, and safety requirements.
Statistics show that many companies face challenges with AI adoption (IBM, 2024). However, agile organisations and businesses must adapt to this technological development and use AI to remain relevant, competitive, and socially responsible, mitigating the adverse impact on their workforce. AI continues progressing, and more companies want to explore and use its potential in their organisations to streamline their processes (Mollick, 2024). Additionally, the increased velocity of digitalisation of HR operations necessitates the rapid adaptation of HR professionals to new technologies and methodologies (Occean, 2017). This shift requires continuous learning and upskilling to effectively manage and leverage AI tools for improved recruitment, employee engagement, and performance management (Lasa et al., 2024). HR teams must also address potential ethical and regulatory challenges associated with AI integration to ensure fairness and compliance in their practices. Therefore, by understanding the growing demand and challenges related to the knowledge gaps regarding AI deployment, this study seeks to unveil and critically evaluate the mechanisms of AI adoption from legal, ethical, and practical points in HRM practices to provide a road map and recommendations to prevent negative implications and ensure a smooth transition through this wide-scale change.
[bookmark: _Toc164461348][bookmark: _Toc170946721][bookmark: _Toc135250973]2.0 Literature Review
AI is a tool that enables humans to do their work better and achieve more successful outcomes efficiently (McCallum et al., 2023). There has been a significant amount of discussion in academic and government circles about AI and automation and how they affect organisations' and employees' ways of working. For instance, according to Al Qahtani and Alsmairat (2023), HRM continuously evolves and has a dynamic function with high adaptability to external contexts and challenges. Evidence shows that to achieve agility, HRM uses the benefits of AI in their practices, increasing employee engagement and broadening communication channels, allowing the gathering, processing, and storing of personal data and automating daily tasks (Votto et al., 2021). Additionally, Stanchak (2024) mentions the significant impact of AI on recruitment and talent acquisition processes.
It is worth mentioning that the UK, EU, and US have different approaches to how AI should be used in the workplace and the legal frameworks and legislations they operate under to regulate safe and ethical AI use (Donald, 2024). This unstandardised approach highlights the regulatory gap that policymakers must address to prevent risks and explore benefits before widespread deployment. AI's economic, social, and technological disruptive potential can cause wealth inequality and potential job displacement (Jung, 2024). However, despite inquiries regarding the AI regulatory base and technical issues with its integration, organisations' interest in AI adaptation is growing (Candelon et al., 2021). For instance, The House of Lords Library reports that the UK is home to 3,170 AI companies, collectively generating revenue of £10.6 billion from AI-related activities. Among these companies, 60% are dedicated to AI, while the remaining 40% are diversified businesses that include AI in a broader range of offerings. Since 2011, 269 new AI companies have been registered annually in the UK. Notably, London, the South East, and the East of England account for 75% of the registered AI office addresses in the country (Tobin, 2023).
PwC (2024) revealed that adopting AI presents significant organisational challenges, as 99% of organisations have encountered difficulties implementing AI and advanced analytics. Specifically, 91% of these organisations faced challenges across technology, organisational structures, and people and culture categories. Notably, 87% of organisations experienced more difficulties related to people and culture than those related to technology or organisational factors in their AI implementation efforts, questioning the AI readiness and potential in the UK. However, the UK ranks in the top quartile on McKinsey’s AI Readiness Index, positioning itself ahead of most European countries. In 2018, the UK's AI readiness index value was only 60% of its potential, indicating significant room for improvement. European companies that have fully invested in AI technologies are increasing their top-line growth 5% faster than those that have not adopted AI technologies (McKinsey, 2019).
Regarding AI investment, the UK has the ambition to be a worldwide leader in testing and using AI technology and leads Europe through venture capital, private equity, and mergers and acquisitions (UK Government, 2023). Although the investment levels per capita in AI are similar between the UK and the EU, both are outperformed by the US, which invests 25 times more (Szczepański, 2024).
[bookmark: _Toc170946722]2.1 Theoretical Framework
Theoretical frameworks are crucial to research, providing a conceptual structure for understanding and analysing complex phenomena (Heale and Noble, 2019). In the context of AI implementation, theoretical frameworks guide researchers in examining the interrelationships between technology, organisational factors, the external environment, AI interaction with the human factor, and technological advancement's effect on employment (Gov.uk, 2023).
According to Li (2020), the Technology Organisation Environment (TOE) model provides a comprehensive understanding of the complex interplay between technology, organisation, and environment in adopting and implementing technological innovations. Baker (2011) also confirms the TOE model's broad applicability and explanatory power across various contexts, including but not limited to technological, industrial, and cultural contexts.
The benefits of the TOE theoretical framework come from its three focal components: technological, organisational, and environmental (Smit et al., 2023). In the context of AI integration in HRM practices, these components help recognise the external and internal influential factors that shape the organisational adaptation roadmap for new technologies. Therefore, the holistic perspective and flexibility of the TOE model can help better understand the implementation of AI in HRM practices, resulting in added-value outcomes for this research.
For instance, by understanding AI technology's characteristics, functionality, and complexity, the research can define the requirements and compatibility with existing HR digital tools and systems, integration capabilities, and ease of use. Additionally, the organisational size, structure, and available resources are critical internal factors in AI use (Palumbo and Edelman, 2023). From an external context perspective, the environment in which a particular organisation operates is influenced by legal regulations, market conditions, and cultural and social norms, all of which can either accelerate or delay the implementation of AI in HRM practices (Tyagi et al., 2023). Moreover, focusing on the three specific factors within each context during the research makes this organisation-level theory versatile for researchers (Watson, 2009, pp. 108–127). However, the TOE model's holistic perspective suggests broad applicability, which can sometimes be a limitation (Gerber, 2023, pp. 228–240). Additionally, the TOE model has seen limited theoretical development due to its close alignment with other technology adaptation theories, such as the Technology Acceptance Model (TAM) or Innovation Diffusion Theory (IDT) (Bryan and Zuva, 2021). Despite its limitations, the TOE framework's flexible nature fits the research purpose while remaining a valuable tool for understanding the complex interplay between technology, organisation, and environment in adopting and implementing AI in HRM practices.
The contingency theory assumes no typical HRM approaches exist (Hutchings, Michailova, and Wilkinson, 2024, pp. 67–72). According to contingency theory, an organisation's specific context significantly impacts its operations. Dundon and Rafferty (2018) assert that various organisational and environmental circumstances require adapting general guidelines into particular strategies adjusted to each situation, confirming that internal and external contexts highly influence HRM practices. The contingency theory applied in HRM emphasises the importance of contextuality in its practices. It advocates for tailored approaches that consider the specific circumstances and variables unique to each organisation and its operational environment. Moreover, this model suits the dynamic and agile nature of HRM and AI adoption transition (Farazmand, 2018, pp. 1123–1127). Therefore, HR practices and policies should be designed to align with specific organisational characteristics and the environmental conditions in which they operate.
[bookmark: _Toc170946723]3.0 Research Questions 
Hazari (2023, pp. 11–17) asserts that the research question is the core component of any study, guiding hypothesis analysis and determining research methodology, acting like a compass that steers the research journey at all stages.
[bookmark: _Toc170946724]3.1 Research Question
This research investigates the integration and impact of AI in HR management, focusing on its effectiveness, legal challenges, and ethical considerations. Thus, the primary question this research aims to answer is: How effective is the integration of AI in HRM, and what are the associated costs and legal and ethical challenges?
[bookmark: _Toc158463520][bookmark: _Toc170946725]4.0 Research Methodology
Saunders, Lewis, and Thornhill (2022, pp. 28–72) state that research is an organised and systematic process of collecting, analysing, and interpreting data or information to obtain specific knowledge and insights to solve problems, answer questions, or develop new understandings. The complexity and scale of the research depend on the subject, the objectives of the study, and the skills and methods used by the researcher (Kaiser and Presmeg, 2019, pp. 181–197). The purpose of research is always to provide comprehension or explanation that leads to problem resolution, question answering, or decision-making (Singh, 2023). Research methodology provides structure and direction for determining the most appropriate and valid way to address the research question (Sreekumar, 2023).
[bookmark: _Toc170946726]4.1 Research Design
[bookmark: _Hlk170042260]In exploring the integration of AI into HRM processes and its potential challenges, the study aims to address the research question using methodological triangulation that combines qualitative and quantitative research methods (Campbell et al., 2018). This approach is expected to provide a broader range of data, increasing validity and establishing a robust foundation for critically evaluating the results (Miles, Huberman, and Saldana, 2014, pp. 85–100). Triangulation is a crucial component of rigorous research methodology that can help mitigate research biases (Noble and Heale, 2019). Due to the complexity of the study, this strategy is deemed the most suitable within the research design, where information about research phenomena will be collected from multiple sources such as surveys, literature reviews, and case studies, leading to a deeper understanding of AI implementation nuances, implications for the organisation, and how to mitigate or prevent them (Casey and Murphy, 2009). However, the disadvantages of this strategy could be challenging, as they are related to resource intensiveness, data inconsistency, and possible subjectivity (Heale and Forbes, 2013).
Additionally, abductive reasoning is chosen as part of research theory development to align the theoretical framework with the research question (Smirnova, 2021). This method uses existing theories to guide data collection and analysis while remaining open to new patterns and theories that emerge from the data, allowing a holistic understanding of the research phenomenon (Aliseda, 2023). Therefore, abductive reasoning is perfect for addressing incomplete information and ambiguity of the AI integration aspects, as it allows forming hypotheses to bridge knowledge gaps and explore alternative possibilities based on limited information (Douven, 2021).
Regarding the time horizon, this research will be cross-sectional to capture a snapshot of the current state of AI implementation in HRM practices and provide valuable insights into the relationships among investigated variables (Wang and Cheng, 2020).
Research philosophy helps clarify the nature and direction of the study and ensures that the methods employed are consistent with the researcher's core beliefs and principles (Yadav, 2023, pp. 1–22). It forms the foundation upon which all other aspects of the research are built, influencing the choice of methodology and the interpretation of results (Frances, 2020).
Similarly, Loss (2020) states that understanding research philosophy is essential, as the researcher develops needed knowledge through an organised system of beliefs and assumptions, establishing the perspective or outlook from which the research is conducted. Indeed, ontological, epistemological, and axiological assumptions influence the research subject's perception (Manik et al., 2024). Therefore, understanding the fundamental aspects of research philosophy and the correlation between these assumptions and researcher beliefs is essential for developing a coherent research framework and the chosen strategies and methods that derive from it.
The main interest of this research is the practical side of AI implementation in HRM practices, the existing deployment mechanisms, and the legal framework to extrapolate on the possible future of AI technology and its impact on employment. Hence, the philosophical paradigm of pragmatism was adopted to guide the study's methodological approach and ensure relevance and applicability.
Pragmatism is a philosophical tradition that considers practical consequences or real effects as vital components of meaning and truth (Cappelen, Gendler, and Hawthorne, 2016, pp. 193–209). It emphasises the importance of the usefulness and applicability of research findings, allowing the exploration of research aims that cross philosophical boundaries by using different perspectives for different study aspects.
Aboulafia and Shook (2013, pp. 102–126) state that pragmatism's epistemological or knowledge-focused orientation centres around action, where knowledge is considered practical and instrumental in solving problems. However, pragmatism is not solely an epistemological stance but has significant ontological implications and assumptions. For instance, pragmatism rejects the strict separation of epistemology and ontology common in other philosophical traditions; instead, pragmatists see epistemology and ontology as profoundly intertwined and co-constitutive (Madden, 2021). Pragmatism refuses the idea of a single, foundational reality or ontology, as pragmatists view reality as plural, malleable, and shaped by human practices and experiences. Hence, pragmatists adopt an ontological position between the extremes of objectivism and subjectivism and see the world as fundamentally consisting of processes, actions, practices, and consequences rather than fixed objects or substances, rejecting strict dichotomies and embracing a practical, pluralistic, and action-oriented ontology.
The apparent advantage of using the pragmatism paradigm is adopting a mixed-methods approach, which uses quantitative and qualitative techniques to develop a more holistic understanding of the research subject, using the approach best suited to answer the primary and secondary research questions (Brierley, 2017). However, it is essential to acknowledge the potential limitations that may arise from this particular research design. The complexity and resource-intensive nature of combining multiple methods (surveys, literature reviews, case studies) with methodological triangulation may strain research resources and complicate data analysis (Miles, Huberman, and Saldaña, 2020). Data inconsistency from multiple sources could challenge interpretation (Bhandari, 2022). The abductive reasoning approach and pragmatic paradigm may introduce subjectivity and bias, potentially overlooking critical theoretical considerations (Douven, 2021). Moreover, generalisability may be limited due to the inclusion of case studies and qualitative methods.
Additionally, philosophical tensions may arise from combining different stances, leading to inconsistencies in ontological and epistemological assumptions. Methodological challenges in the mixed-methods approach include maintaining rigour and balancing qualitative and quantitative data. Also, scope and boundary issues, ethical considerations, validity concerns, and complex analysis and interpretation challenges are significant factors in this research design.
[bookmark: _Toc170946727]4.2 Data Collection
The data collection process will be executed through survey distributions, literature reviews, and case studies. The research will use structured questionnaires developed on digital platforms like Microsoft Forms and Asana to gather quantitative data from HR practitioners regarding their AI interaction experiences within HRM processes. Additionally, a thorough review of existing academic literature, industry reports, governmental regulations, and white papers on AI in HRM will complement the obtained data to establish a theoretical foundation and identify research gaps. Moreover, case studies of the most prominent organisations that have implemented AI in their HRM practices will be used and analysed to obtain comprehensive and context-specific qualitative information on AI adoption and its effects.
[bookmark: _Toc170946728]4.3 Sampling
The survey target population will consist of approximately 400 subject matter experts from a group of selected HR professionals who deal with AI-based HR tools daily. These tools include those used for employee record management, recruitment and hiring processes, payroll processing, performance and absenteeism management, employee benefits administration, new employee onboarding activities, HR support chatbots, and key performance indicators data analysis (KPIs) (Bryant and Charmaz, 2019, pp. 145–166). The emphasis on HR tasks and AI tools should not affect the sample characteristics such as age, culture, and gender, nor should it impact the purpose of mixing.
The stratified sampling method will be employed to balance precision and practicality while capturing the necessary range of expertise, ensuring coverage of all participant groups and subgroups based on their specific areas of expertise (De Vaus, 2013, pp. 134–145). Following the general sampling guidelines and taking into account a 5% margin of error, a minimum sample size of 197 HR professionals will be required to achieve a higher confidence level of 95%. This approach can potentially mitigate risks of cost and time loss (Qualtrics, 2023).
[bookmark: _Toc170946729]4.4 Data Analysis
The Statistical Package for the Social Sciences (SPSS) will be used to simplify the processing of collected data and understand relationships between variables. IBM’s SPSS is a comprehensive software package offering visualisation capabilities and robust data analysis features, allowing for the exploration of insights, identification of trends, and generation of accurate predictions (Baarda, De Goede and Dijkum, 2019, pp. 20–26). Additional training on SPSS might be required to use Custom Tables and Advanced Statistics modules sufficiently (Pallant, 2020, pp. 56–60).
[bookmark: _Toc170946730]4.5 Ethical Considerations
The collection and analysis of secondary and primary data potentially imply ethical issues that must be considered to prevent unintended consequences (Peckham, 2021). Therefore, considering ethical principles and following the Research Ethics and Integrity Code of Practice provided by UWTSD, the Application for Ethical Approval - PG2/E1 form will be filled and formally approved before any data collection activities (UWTSD, 2022). Additionally, all participants will be informed about the research purpose appropriately and coherently to avoid misunderstanding and ensure compliance with ethical standards, honesty, and transparency. Furthermore, considering the minimal personal data involved in this research and adhering to EU and UK GDPR guidelines, participants will be asked to provide explicit and well-articulated consent regarding their participation. The collected information will be securely stored on a personal computer, protected by a complex password, within a dedicated file-level encrypted folder. Following standard retention guidelines, the dissertation survey data will be securely disposed of after the assessment (GOV.UK, 2018). These measures ensure compliance with legal and ethical requirements.
[bookmark: _Toc170946731]4.6 Reliability and Validity
Reliability and validity, as scientific canons of inquiry, are planned to be achieved by deploying a coherent research strategy and extended and accurate quantitative data collection with further measurements against the intended purpose of this research. For instance, to measure the internal consistency of the survey’s responses, Cronbach’s alpha method can be used to assess their reliability (Dunn, Baguley, and Brunsden, 2013). Therefore, face, construct, content, and predictive validity measurements will be based on consistent findings and reliable and accurate data interpretation.
[bookmark: _Toc170946732]5.0 Plan of Work and Time Schedule 
Following the UWTSD Programme of Study Handbook and the provided information for MBA students, the research timeline could be as depicted below:  
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[bookmark: _Toc170946733]5.1 Summary of Key Dates
January 2024: Project Initiation and Planning
· January 1-31, 2024: Define project scope and objectives, conduct an initial literature review, develop a detailed research plan and methodology, and obtain ethical approval from the university's ethics committee.
February 2024: Comprehensive Literature Review
· February 1-29, 2024: Conduct an in-depth literature review on AI in HRM, legal frameworks, ethical considerations, and existing case studies. Identify critical themes and gaps in the literature and prepare a literature review chapter.
March 2024: Survey and Case Study Design
· March 1-31, 2024: Develop survey questionnaire and case study protocols. Conduct pilot tests and make necessary adjustments. Identify and select organisations for case studies—finalise data collection tools.
April 2024: Data Collection
· April 1-30, 2024: Distribute surveys to selected HR professionals, monitor and follow up on survey responses, collect and organise survey data, conduct case studies in chosen organisations, conduct interviews and gather qualitative data, transcribe and organise case study data.
May 2024: Data Analysis
· May 1-31, 2024: Input survey data into SPSS. Perform statistical analysis to identify trends and correlations. Analyse qualitative data from case studies and identify themes and patterns. Align qualitative findings with quantitative results.
June - July 2024: Synthesis, Writing, and Submission
· June 1 - July 31, 2024: Combine insights from literature review, survey, and case studies. Develop a comprehensive understanding of AI integration in HRM. Draft conclusions and recommendations. Finalise the dissertation. Review and revise the dissertation based on feedback. Perform final proofreading and formatting.
July 31, 2024: Final Dissertation Submission
· July 31, 2024: Submit the final dissertation.
This timeline ensures the project is completed within 6 months, covering all necessary activities and milestones. However, the activities and milestones can be adjusted if any contingencies occur.
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