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[bookmark: _Toc225546744][bookmark: _Toc227531993]Part 1: The Pilot Article
[bookmark: _Toc225546745][bookmark: _Toc227531994]ABSTRACT
This paper examines the institutional preparedness for technological convergence and its relationship with Sustainable Development Goals (SDGs) in terms of electric vehicle (EV) adoption in the United Kingdom (UK). The study is based on the concept that EV adoption is not simply a consumer decision or technology, but it is also a factor of how the institutions assist in bringing together transport, energy and digital systems. The paper seeks to study the degree of institutional readiness, determine the key institutional drivers of EV adoption, and evaluate how the drivers contribute to broader sustainability objectives. An online questionnaire was carried out on 100 individuals in the UK as a pilot study to carry out its quantitative research. The use of SPSS to analyse the data was based on descriptive statistics, reliability testing, correlation, and multiple regression. The results indicate that the participants are very positive towards EV adoption, support of the policies, convergence in technology, and SDG contribution, but confidence in institutional preparedness remains relatively low. It is also indicated in the results that technological convergence and contribution to SDG are very positive predictors of EV adoption. The positive impact is seen on policy support as well. On the whole, the research notes that effective implementation of EVs in the UK requires integrated governance, excellent infrastructure, and improved institutional backing. The pilot study also indicates the necessity to improve the survey tool before a full-scale study. This paper adds to the existing knowledge by demonstrating that EV adoption must be viewed as a system-level and institutional challenge, not merely as a consumer or technology challenge. It unites the readiness of the institutions, convergence of technologies and sustainability in a single system.
[bookmark: _Toc225546746]Keywords: Electric vehicles (EVs); institutional readiness; technological convergence; EV adoption; Sustainable Development Goals (SDGs); United Kingdom.


[bookmark: _Toc225546747][bookmark: _Toc227531995]1. Introduction
1.1 [bookmark: _Toc225546748][bookmark: _Toc227531996]Background
Switching to electric vehicles (EVs) is one of the core elements of the United Kingdom's strategy to meet the climate goals of the Paris Agreement and the Sustainable Development Goals (SDGs), specifically SDG 7 (Affordable and Clean Energy) and SDG 13 (Climate Action) (GOV.UK, 2023). By 2035, the UK government has made it its goal to reduce the sale of fresh petrol and diesel cars, and this is an indicator of a swift policy adjustment to low-carbon transport (Allwood, Horton and Stephenson, 2021). The UK has experienced a sharp increase in EV adoption, where battery electric vehicles currently represent more than 16% of all new car registrations, compared to nearly 2% in 2019 (Carlier, 2024). This is aided by the growth in consumer awareness, expansion in the charging infrastructure, and policy boost.
Nonetheless, this type of convergence of technologies in EV ecosystems associated with energy systems, digital infrastructure, and transport technologies will demand a high degree of institutional preparedness (Rong et al., 2017). This involves regulatory systems, investment potential, infrastructural building and the alignment between the government and the non-governmental groups. Some problems are yet to be resolved, such as uneven charging infrastructure, grid capacity, and policy uncertainty (Tafazzoli et al., 2025). Thus, it is important to know how ready the UK institutions are to assist technological convergence. The study will analyse the role of institutional readiness in EV adoption and how it can be used to support the attainment of wider sustainability objectives.
1.2 [bookmark: _Toc225546749][bookmark: _Toc227531997]Research Problem
Although with the recent rapid development of electric vehicle (EV) acceptance, the UK has many gaps in institutional preparedness to facilitate complete technological convergence and adjustment to the Sustainable Development Goals (SDGs) (Qadir et al., 2024). Although the policies to foster the increase of EVs are active, the horizontal integration remains scattered. The institutions suffer difficulties in aligning infrastructural growth, regulations, and collaboration with the stakeholders (Zaino et al., 2024). For example, uneven distribution of charging infrastructure, the lack of grid capacity in certain locations, and slow implementation of policies all create obstacles on the path to the uninterrupted adoption of EVs (Powell et al., 2022).
In addition, technological convergence demands outstanding institutional capacities, such as strategic, governance, and alignment of investment (Almashhadani and Almashhadani, 2023). It is not well understood, however, how ready the UK institutions are to cope with this change. The studies done are usually either technological or consumer-oriented, without taking into consideration the institutional dimension. This leaves a serious research gap. The institutional preparation will impact a slower transition to EVs, hindering the capacity of the UK to achieve its climate and SDG goals (Shahzad et al., 2024). Thus, this study fulfils the requirement to study institutional readiness and its contribution to the effectiveness of technological convergence within the EV industry.
1.3 [bookmark: _Toc225546750][bookmark: _Toc227531998]Research Objective
This research has the following objectives:
· To examine the scale of institutional preparedness to technological convergence related to the adoption of electric vehicles (EVs) in the United Kingdom.
· To identify the most critical institutional (policies, governing structures, and infrastructure systems) factors which affect EV adoption.
· To analyse the role of institutional readiness in aiding or limiting the integration of transport, energy and digital technologies.
· To evaluate the degree to which institutional preparedness serves the purpose of meeting Sustainable Development Goals (SDGs), especially on clean energy and climate action.
1.4 [bookmark: _Toc225546751][bookmark: _Toc227531999]Purpose and Research Questions
This research aims to investigate he effect of institutional preparedness on the technological convergence and adoption of electric vehicles in the UK and give practical implications in assisting achieve the targets of sustainability. The research will collect practical data that can be used by policymakers and industry players in enhancing their institutional capacity and implementation plans.
The research is guided by the following questions:
· How prepared are UK institutions to support technological convergence in the EV ecosystem?
· What institutional factors influence the adoption of electric vehicles in the UK?
· How does institutional readiness affect the integration of transport, energy, and digital systems?
· To what extent does institutional readiness contribute to achieving Sustainable Development Goals?
1.5 [bookmark: _Toc225546752][bookmark: _Toc227532000]Scope and Limitations
The purpose of this paper is to examine the institutional readiness to technological convergence as it applies to the adoption of electric vehicles (EVs) in the UK. Specifically, it emphasises multiple transport, energy, and digital systems and policy frameworks integrations, infrastructure development and mechanisms governing the uptake of EVs. The research is restricted to the UK context, and it is possible to know a stable economy with sustainable objectives and regulatory models in detail.
Nonetheless, there are a number of constraints. Firstly, the findings cannot be generalised to the developing countries due to institutional capacity and infrastructure. Second, the source of research is secondary data based and available literature-based. Therefore, it can restrict the availability of real-time institutional knowledge. Third, the make-speed policies and technological development of EV technologies might affect the external validity of the results in the long term (Zhang and Popp, 2026). Irrespective of these shortcomings, the research offers useful information about the institutional processes that facilitate sustainable transport transitions.
[bookmark: _Toc225546753][bookmark: _Toc227532001]2. Theoretical Considerations
[bookmark: _Toc225546758][image: ]The paper deploys a multi-theoretical approach to explain why institutional preparation is essential to make a technological convergence and uptake of electric vehicles (EVs). Being a complex issue, the problem of transport, energy, and digital systems integration cannot be described with the help of a single theory because it has numerous facets of the phenomenon. In this way, research is based on General Systems Theory (GST), the Technology Acceptance Model (TAM), or the Diffusion of Innovations Theory.  Figure: Theoretical Framework
Source: (Hofkirchner and Schafranek, 2011; Davis, Granić and Marangunić, 2024; Dearing and Cox, 2018)

General Systems Theory (GST) is of particular significance in the context of EV adoption (Hofkirchner and Schafranek, 2011). This theory is applicable here since the transition into electric mobility implies interdependence of several systems, among which are energy infrastructure, transport networks, regulatory institutions, and digital technologies (Ghani et al., 2025). This theory allows the study to conceptualise EV adoption not as a stand-alone technological change but as a change that needs integrated (across sectors) coordination. Nonetheless, it is true that GST is successful in capturing interdependencies at the system level, but fails to explicitly consider the individual or organisational adoption behaviour. This restricts its explanatory capabilities in establishing user-level decision-making behaviour.
To supplement this shortcoming, the Technology Acceptance Model (TAM) by Fred Davis is used to describe user perceptions and acceptance of EV technology (Davis, Granić and Marangunić, 2024). TAM assumes that technology adoption depends mainly on the perceived usefulness and perceived ease of use. In the EV case, these perceptions are determined by institutional conditions which include government incentives, availability of infrastructure and regulatory support (Chonsalasin et al., 2024). For example, perceived ease of use increases with the availability of charging infrastructure, whereas perceived usefulness increases with financial incentives (Christianto and Lahindah, 2025). However, TAM is limited in its analysis as it does not take into account the wider impact of institutions and structures (Fathema, Shannon and Ross, 2015). This is especially applicable to this research, which highlights the contribution of governance and system integration.
[bookmark: _Hlk226286107]The analysis is further extended by Diffusion of Innovations Theory, which is put forward by Everett Rogers, which explains how new technologies spread over social systems and over time (Dearing and Cox, 2018). Relative advantage, compatibility, complexity and communication channels are some of the factors pointed out by the theory in determining the rates of adoption. As far as EVs are concerned, the concept of diffusion is shaped by consumer preferences and institutional preparedness, such as the clarity of the policies, the presence of the infrastructure, and the coordination of stakeholders (Ryghaug and Skjølsvold, 2023). Well-developed institutional tools can speed up the diffusion process by cutting down on uncertainties and gaining easy access to resources. The theory has a tendency to undermine the importance of formal governance structures, which are the focus of this study (Dearing and Cox, 2018).
The combination of these three theoretical positions leads to the creation of a multi-level framework to embrace systemic and behavioural aspects of EV uptake into the study. GST gives us a macro-level explanation of the convergence and interdependence of systems using technology, TAM offers us a micro-level explanation of adoption behaviour, and Diffusion of Innovations Theory fills the gap between the two levels through analysis of the diffusion of adoption in a structured environment (Hofkirchner and Schafranek, 2011; Davis, Granić and Marangunić, 2024; Dearing and Cox, 2018). 
[bookmark: _Toc227532002]3. Literature Review
[bookmark: _Toc227532003]3.1 Overview of Electric Vehicle Adoption
[bookmark: _Toc225546763]The transition of electric vehicles (EVs) has raised more coverage due to its potential role in sustainable development and reduction of carbon footprint (Hossain et al., 2022). Based on the available literature, there is a set of technological, environmental, economic, and policy-related factors that are combined to determine EV adoption. Zaino et al. (2024) and Singh et al. (2024) note that the EV adoption process is multidimensional and requires the interplay between the infrastructure, the system of governance, and user behaviour. It means that EV adoption cannot be viewed in a single manner, but should be treated in a hybrid manner.
Nevertheless, most of the available literature is rather individualistic. It usually studies individual factors in isolation. This restricts the explanatory depth of the available literature to understand the interaction of different systems in its entirety to find the answer to the occurrence of adoption. Therefore, there is a need to have a more encompassing approach towards both structural and behavioural considerations.
[bookmark: _Toc227532004]3.2 Policy and Institutional Factors
The policies of the government and the institutional systems play a critical role in facilitating the adoption of EVs. Research studies such as Alali, Niesten and Gagliardi (2022) and Sun et al. (2024) demonstrated that monetary incentives, regulatory support, and investments in infrastructure are useful in affecting the adoption rates in the UK. Jackson (2023) postulates that EV adoption is not an exclusive technological change but rather a wider institutional change that entails a policy initiative.
Even with these contributions, it is possible to note that the available studies are more policy effectiveness-oriented rather than institution preparedness-oriented. In other words, even though policies can be evaluated using the ensuing outcome, little is mentioned regarding the capacity of institutions to possess capacity, coordinating mechanisms, and structures of governance to influence the policies in a meaningful way (Wong et al., 2026). This forms a major lapse as the policies themselves cannot succeed without sufficient institutional reinforcements.
[bookmark: _Toc227532005]3.3 Infrastructure and Technological Convergence
It is well known that charging infrastructure constitutes a key factor of EV adoption. As highlighted by Chen et al. (2020) and LaMonaca and Ryan (2022), users report that they feel confident and are ready to switch to EVs solely due to the accessibility of charging facilities. More so, Hopkins et al. (2023) emphasise the fact that inequalities in the distribution of infrastructure may form regional disparities, restricting adoption in rural or less developed regions. Burra, Al-Khasawneh and Cirillo (2024) also approve the fact that the ability of infrastructure influences the adoption behaviour directly and measurably.
Along with infrastructure, technological convergence is increasingly becoming significant in recent research. Indicatively, Correia (2025) states that to have sustainable transport systems, the power grids need to integrate with the electric mobility systems. Equally, Kochanek et al. (2025) highlight the importance of the integration of renewable energy to help EV ecosystems. Nevertheless, such studies tend to be technical in nature. They give minimal consideration to the institutional coordination that is necessary to govern such integration. Consequently, the contribution of governance and strategic planning to facilitate technological convergence has not been well explored.
[bookmark: _Toc227532006]3.4 Consumer Behaviour and Adoption Barriers
Another significant aspect of EV adoption is consumer behaviour. Budnitz, Toon Meelen and Schwanen (2024) and Lavieri and de Oliveira (2023) both have found that convenience, accessibility, and cost are viewed as critical factors affecting the adoption decision. Mesquita et al. (2025) also single out several essential obstacles, such as high start-up fees, range apprehension, and the lack of awareness. These results demonstrate the significance of user perceptions in determining adoption results.
Yet, much of this literature pays particular attention to individual factors and does not pay much attention to the larger institutional context. Indicatively, range anxiety is a consumer issue that is directly associated with the availability of the infrastructure, and this availability is subject to policy and planning decisions (Guo, Yang and Lu, 2018). Thus, the study of consumer behaviour that ignores the role of institutions as an influencer of the adoption process gives an incomplete picture of the process of adoption.
[bookmark: _Toc227532007]3.5 Sustainability and SDGs
The energy use of EVs is closely associated with the climate goals and sustainability. Abdelkareem et al. (2025) emphasise the fact that EVs help to fulfil Sustainable Development Goals (SDGs), especially clean energy and climate action. On the same note, Kumar and Alok (2020) and Song and Potoglou (2020) conclude that EVs are integral to long-term sustainability plans.
However, such studies tend to suggest that there is a direct dependence between EV adoption and sustainability outcomes. This premise does not recognise the role played by institutional preparedness in terms of having the EV systems supported by clean energy sources, good infrastructure, and harmonious policies (Lee et al., 2025). Without such supporting structures, the environmental benefits of EV adoption can be constrained.
[bookmark: _Toc227532008]3.6 Research Gap
In spite of the rich body of literature on EV adoption, there are some significant gaps present. In the majority of the studies, technological factors, infrastructure development or consumer behaviour are considered independently. Research that incorporates all these elements in a comprehensive framework of institutional readiness and technological convergence is limited. As an illustration, Khader, Wilson and Tryfonas (2025) do not explore the spatial differences in EV adoption comprehensively. However, the role of institutional capacity in shaping these patterns remains underexplored in the adoption patterns. In the same way, Marson and Ferris (2024) recognise a problem of infrastructure obstacles in the UK and offer a small discussion of the issues of governance.
Thus, this project fulfils an essential gap by looking at the role of institutional preparation in facilitating the implementation of transport, energy, and digital systems and the impact of the latter on EV adoption and sustainability. This study adds to the better understanding of institutional settings of sustainable transport transitions by encouraging a more holistic and system-driven view.
[bookmark: _Toc227532009]4. Economic and Social Empowerment
[bookmark: _Toc225546764][bookmark: _Toc227532010]4.1 Economic Empowerment
Economic empowerment relative to EV adoption is the power of individuals, firms and communities to enjoy new economic opportunities created by switching to electric mobility (Fleming, 2018). Available literature indicates that EVs diffusion leads to growth and development in the economy by creating employment, stimulating innovation and changing the industry. To illustrate it, Jackson (2023) states that EVs in the UK have a strong connection with industrial modernisation that opens up possibilities in manufacturing, battery creation, and infrastructure construction. Similarly, according to Singh et al. (2024), newly appeared business models are introduced in the EV ecosystem, including the charging service, energy management, and digital platforms.
In addition, government incentives as well as policy structures are significant towards facilitating economic empowerment. Alali, Niesten and Gagliardi (2022) also prove that financial incentives play a great role in the adoption of electric fleets to motivate businesses to invest in eco-friendly transport solutions. Nevertheless, not all the results of economic benefits are spread equally. Small enterprises and low-income populations may face multiple obstacles due to the high initial expenses of EVs and infrastructure development, and may not be able to participate in the transition (Mesquita et al., 2025). Thus, economic empowerment is tied not only to market opportunities but also to inclusive policies and institutional support that will make the resources available to everyone equally.
[bookmark: _Toc225546765][bookmark: _Toc227532011]4.2 Social Empowerment
Social empowerment refers to the process through which individuals and societies are granted access to the opportunities, resources, and decision-making process in EV adoption. EVs can be used to enhance the quality of life through air pollution reduction, improved population health, and sustainable urban living. Abdelkareem et al. (2025) note that EV adoption is also associated with social health because it helps provide cleaner surroundings and mitigate health-related risks related to emissions.
Nonetheless, the phenomena of accessibility and inclusivity are also closely related to social empowerment. As noted in the studies, including Budnitz, Toon Meelen and Schwanen (2024), the availability of charging infrastructure is a predictive factor in adoption, especially for people in social housing or those in urban dwellings. In the same note, Hopkins et al. (2023) also believe that social inequalities may arise due to unequal distribution of infrastructure, whereby some groups gain more than others. That is why it is implied that, in the case of inattentive planning, the shift to EVs can only contribute to societal inequalities.
In addition to that, social empowerment is also determined by consumer awareness and perceptions. Low knowledge, range anxiety, and affordability apprehension may be discouraging, especially in disadvantaged populations (Mesquita et al., 2025). Thus, social empowerment must be achieved through the development of infrastructure as well as through education, awareness and inclusive policy design.
[bookmark: _Toc225546766][bookmark: _Toc227532012]4.3 Relationship Between Social and Economic Empowerment
Two independent variables that are next to each other as far as EV adoption is concerned are economic and social enabling. The level of economic opportunities can boost social inclusion and enhance the creation of new workplaces and expansion of businesses that may raise the amount of income and access to resources (Fleming et al., 2018). At the same time, socially inclusive policies could ensure the equal measure of economic benefits to different populations.
Nonetheless, such a relationship is not always balanced. Although the economic growth could be achieved by expanding the EV industry, it cannot necessarily lead to social inclusion. The investment into infrastructure, as an example, can provide urban communities more benefits than the rural ones, resulting in unequal growth (Mendoza-del Villar et al., 2020). Likewise, high prices of EV ownership may lock out less affluent groups of people, restraining economic as well as social empowerment.
Hence, economic and social empowerment must be implemented in an institutionally backed program. It should have policies that deal with affordability, accessibility of infrastructure and disparities between regions, but encouraging innovations and investment. Such a design can help to make EVs more inclusive and sustainable in terms of their development effects by combining economic and social goals.
[bookmark: _Toc225546767][bookmark: _Toc227532013]5. Methodology
[bookmark: _Toc227532014]5.1 Research Philosophy
The research philosophy in this study is a positivist research philosophy, which helps in objective measurement and empirical analysis. Positivism would be the correct approach since the study would investigate the relationship between institutional variables and EV adoption throughout the study using quantifiable data. Positivism is based on an ontological basis of objectivism, wherein it is assumed that there is an independent and measurable reality that can be expressed as observable phenomena (Park, Konge and Artino Jr, 2020). About epistemology, the research takes a positivist position as it depends on empirical evidence gathered using comprehensive questionnaires and interpreted using statistical software, like SPSS. The research is axiologically neutral, which would mean that the results obtained are objective and free of researcher bias. This congruence enhances the validity and reliability of the research. As Collis and Hussey (2013) state, positivism focuses on organised research and statistical consideration, which makes it appropriate to address studies that are to be generalisable. Also, the adoption of a structured survey and the use of statistical methods in SPSS is consistent with the principles of positivism since it enables the collection and objective interpretation of the data systematically (Adams et al., 2014). In such a way, the findings can be made on the basis of observable data and can be a subjective interpretation.
[bookmark: _Toc227532015]5.2 Research Approach
The study uses a deductive research approach, in which former theories and literature guide the company to formulate research questions and hypotheses, which are subsequently tested with the aid of empirical data (Azungah, 2018). Deductive reasoning will suitably be used since the research will be formed based on the developed theories, including the Technology Acceptance Model and Diffusion of Innovations.
Deductive research, according to Bryman et al. (2019), begins with a theory and then provides a way for the researcher to collect data so that the researcher can test the connection between the variables. This paper discusses institutional readiness variables, policy, infrastructure, and governance, in connection with the results of EV adoption. This is a systematic method that makes the research process more convenient and trustworthy.
[bookmark: _Toc227532016]5.3 Research Design
In this study, a quantitative research design is applied. Quantitative research will be appropriate since it enables the researcher to gather and analyse variable relationships through statistical methods. According to Bloomfield and Fisher (2019), quantitative designs can be used to determine the patterns and test hypotheses in a systematic way. 
The research strategy used in the study is a survey-based approach, which is a common approach in conducting research in business and social sciences. Surveys allow gathering information about the response of a significant number of respondents in a short period of time (Ghanad, 2023). This design will be suitable for the analysis of the institutional readiness perceptions and EV adoption.
[bookmark: _Toc227532017]5.4 Data Collection 
The online questionnaire survey is used to gather primary data. Online surveys are also efficient, cost-effective, and can reach out a greater number of participants (Nardi, 2018). This questionnaire is prepared as a structured design question around a Likert scale to evaluate the perceptions of the respondents on the institutional readiness, infrastructure, policy support, and EV adoption.
[bookmark: _Toc225546774]Brace (2018) argues that a questionnaire should be designed clearly and also in a way that is pertinent to the research purpose. As such, the survey tool is well designed to guarantee reliability and validity. Also, the use of online tools like Google Forms makes it easy to distribute and collect data. 
[bookmark: _Toc227532018]5.5 Sampling Strategy 
The study utilises a type of probability sampling, which is the simple random sampling, to ensure representativeness. The need for sampling is that the researcher would not be able to access the entire population due to time and resource constraints (Bryman et al., 2019).
A pilot study will be based on a sample of 100 respondents. Pilot studies play a critical role in ensuring reliability and clarity of the research instrument are checked, and later, the actual research will be conducted. To conform to the module contents, pilot testing contributes to the onset of challenges in the question design and data collection processes (Brooks, Reed and Savage, 2016). This will enhance research excellence and quality.
[bookmark: _Toc227532019]5.6 Data Analysis 
Data obtained is analysed using the Statistical Package of Social Sciences (SPSS). It is frequently used in the management and statistical analysis of quantitative research by using SPSS (Dubey and Kothari, 2022). These will be analysed using descriptive statistics to provide an overview of the data and inferential statistics, which will be employed to test the relationship between the variables. Correlation and regression analysis will be employed in evaluating the influence of institutional factors on EV adoption. Gunter (2013) points out that statistical analysis may assist the research in identifying patterns and systematically testing hypotheses. The research design will render the results valid, objective and meet the objective of the study.
[bookmark: _Toc227532020]6. Results
This section presents the empirical numbers with respect to the numbers that were analysed in SPSS, with a greater detail available as provided by the qualitative data. The outcomes are based on the central constructs, such as institutional preparedness, policy support, infrastructure, and EV adoption perceptions. Through descriptive and inferential analyses, patterns, relationships and trends are identified that are relevant to the research objectives. 
Descriptive Statistics of Demographic Profile
	Age

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	25-34
	72
	72.0
	72.0
	72.0

	
	35-44
	18
	18.0
	18.0
	90.0

	
	45-54
	10
	10.0
	10.0
	100.0

	
	Total
	100
	100.0
	100.0
	



	Gender

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	Female
	30
	30.0
	30.0
	30.0

	
	Male
	70
	70.0
	70.0
	100.0

	
	Total
	100
	100.0
	100.0
	



	Employment Status

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	Full-time
	25
	25.0
	25.0
	25.0

	
	Part-time
	24
	24.0
	24.0
	49.0

	
	Self-employed
	12
	12.0
	12.0
	61.0

	
	Student
	34
	34.0
	34.0
	95.0

	
	Unemployed
	5
	5.0
	5.0
	100.0

	
	Total
	100
	100.0
	100.0
	



	Region

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	England
	54
	54.0
	54.0
	54.0

	
	Scotland
	18
	18.0
	18.0
	72.0

	
	Wales
	28
	28.0
	28.0
	100.0

	
	Total
	100
	100.0
	100.0
	



	EV Ownership

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	No
	84
	84.0
	84.0
	84.0

	
	Yes
	16
	16.0
	16.0
	100.0

	
	Total
	100
	100.0
	100.0
	



	Intention to Adopt EV

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	No
	13
	13.0
	13.0
	13.0

	
	Not Sure
	23
	23.0
	23.0
	36.0

	
	Yes
	64
	64.0
	64.0
	100.0

	
	Total
	100
	100.0
	100.0
	



The demographic profile shows that most of the respondents are between 25-34 (72%), then 35-44 (18%) and 45-54 (10%), indicating a significantly young sample population. There is also a gender imbalance, with males being 70% of the participants. Students (34%), as well as full-time employees (25%) have the largest groups in terms of employment. The majority of the respondents are in England (54%), with representation in Wales (28%) and Scotland (18%). Ownership levels of EVs are low (16%), but a substantial number (64%) say that they are planning to use EVs. This underscores high future adoption despite low ownership among people today.
Descriptive Statistics of Key Variables

	Descriptive Statistics

	
	N
	Mean
	Std. Deviation

	IR_Mean
	100
	3.3840
	1.16954

	PG_Mean
	100
	3.4280
	1.17311

	INF_Mean
	100
	3.4200
	1.04350

	TC_Mean
	100
	3.4200
	1.04350

	EV_Mean
	100
	3.6640
	1.03665

	SDG_Mean
	100
	3.5420
	1.28466

	Valid N (listwise)
	100
	
	



Descriptive statistics reveal that the overall perceptions on all constructs are moderate to positive. The largest mean (M = 3.664) is EV Adoption, which implies that the respondents are more favourable to and accepting of the electric vehicles. SDG Contribution also has quite a high agreement (M = 3.542) in appreciation of sustainability benefits. On the contrary, the mean of Institutional Readiness is the lowest (M = 3.384), which reflects a relative lower level of confidence when speaking of institutional preparedness. The similarity between Policy Support, Infrastructure, and Technological Convergence indicates that there are unified perceptions between the aspects. The values of the standard deviation represent moderate variability, with certain differences in respondent opinions. In general, the results indicate that there is an optimistic attitude towards EV adoption, but institutional aspects might need additional reinforcement.
Reliability Test (Cronbach Alpha)

	Reliability Statistics

	Cronbach's Alpha
	N of Items

	.947
	5


The reliability test of Institutional Readiness indicates that the Cronbach’s alpha coefficient of five items is 0.947, which depicts the presence of excellent internal consistency. This implies that the measurement items are extremely reliable and they are always able to capture the underlying construct, hence their appropriateness to be used further in statistical analysis.

	Reliability Statistics

	Cronbach's Alpha
	N of Items

	.932
	5



Cronbach's alpha of 0.932 has five items, which is considered excellent in terms of the reliability analysis of Policy Support. This confirms that the items effectively measure the construct and that they could be used in other statistical analyses in the study.

	Reliability Statistics

	Cronbach's Alpha
	N of Items

	.918
	5



Infrastructure Reliability has a Cronbach's alpha of 0.918, which means the data has excellent internal consistency. This shows that the items all test the construct, ensuring that it is reliable and that it may be subjected to additional statistical tests.

	Reliability Statistics

	Cronbach's Alpha
	N of Items

	.928
	5



The Technological Convergence reliability analysis indicates that the Cronbach's alpha of the five items is 0.928, and it has a high internal consistency. This indicates that the items are highly reliable in measuring the construct and can be subjected to additional statistical analysis in the research.

	Reliability Statistics

	Cronbach's Alpha
	N of Items

	.892
	5



The analysis of the reliability of the EV Adoption has a Cronbach's alpha of 0.892 with five items, indicating good internal consistency. This implies that the measurement items are dependable and can consistently measure the construct as they can be used in subsequent statistical analysis.

	Reliability Statistics

	Cronbach's Alpha
	N of Items

	.960
	5



The SDG Contribution reliability analysis displays a Cronbach alpha of 0.960 that comprises five items, which indicates great internal consistency. This shows that the items are quite dependable and always gauge the construct, which explains why they are suitable to be subjected to additional statistical analysis.
Correlation
	Correlations

	
	IR_Mean
	PG_Mean
	INF_Mean
	TC_Mean
	EV_Mean
	SDG_Mean

	IR_Mean
	Pearson Correlation
	1
	.946**
	.857**
	.857**
	.828**
	.862**

	
	Sig. (2-tailed)
	
	.000
	.000
	.000
	.000
	.000

	
	N
	100
	100
	100
	100
	100
	100

	PG_Mean
	Pearson Correlation
	.946**
	1
	.838**
	.838**
	.830**
	.830**

	
	Sig. (2-tailed)
	.000
	
	.000
	.000
	.000
	.000

	
	N
	100
	100
	100
	100
	100
	100

	INF_Mean
	Pearson Correlation
	.857**
	.838**
	1
	1.000**
	.930**
	.812**

	
	Sig. (2-tailed)
	.000
	.000
	
	.000
	.000
	.000

	
	N
	100
	100
	100
	100
	100
	100

	TC_Mean
	Pearson Correlation
	.857**
	.838**
	1.000**
	1
	.930**
	.812**

	
	Sig. (2-tailed)
	.000
	.000
	.000
	
	.000
	.000

	
	N
	100
	100
	100
	100
	100
	100

	EV_Mean
	Pearson Correlation
	.828**
	.830**
	.930**
	.930**
	1
	.864**

	
	Sig. (2-tailed)
	.000
	.000
	.000
	.000
	
	.000

	
	N
	100
	100
	100
	100
	100
	100

	SDG_Mean
	Pearson Correlation
	.862**
	.830**
	.812**
	.812**
	.864**
	1

	
	Sig. (2-tailed)
	.000
	.000
	.000
	.000
	.000
	

	
	N
	100
	100
	100
	100
	100
	100

	**. Correlation is significant at the 0.01 level (2-tailed).


According to the correlation analysis, all significant variables show strong and statistically significant positive relationships between each other (p < 0.01). Policy Support (r = 0.946), Infrastructure (r = 0.857) and Technological Convergence (r = 0.857) have a high correlation with Institutional Readiness and are also very much correlated with one another, meaning that institutional factors are highly dependent. EV Adoption has a very high correlation with Infrastructure (r = 0.930), and Technological Convergence (r = 0.930) indicating them to be key determinants of adoption. Other strong associations with EV Adoption are Policy Support (r = 0.830) and Institutional Readiness (r = 0.828) also. Moreover, SDG Contribution is closely related to all the variables, especially EV Adoption (r = 0.864). On the whole, the results reveal that institutional, infrastructural and technological variables are strongly interconnected and have a substantial impact on determining the success of EV uptakes and sustainability of the results.

Regression 

	Model Summaryb

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate
	Durbin-Watson

	1
	.953a
	.907
	.904
	.32191
	2.249

	a. Predictors: (Constant), SDG_Mean, TC_Mean, PG_Mean, IR_Mean

	b. Dependent Variable: EV_Mean





	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	96.546
	4
	24.137
	232.926
	.000b

	
	Residual
	9.844
	95
	.104
	
	

	
	Total
	106.390
	99
	
	
	

	a. Dependent Variable: EV_Mean

	b. Predictors: (Constant), SDG_Mean, TC_Mean, PG_Mean, IR_Mean



	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.
	Collinearity Statistics

	
	B
	Std. Error
	Beta
	
	
	Tolerance
	VIF

	1
	(Constant)
	.454
	.111
	
	4.069
	.000
	
	

	
	IR_Mean
	-.266
	.097
	-.300
	-2.742
	.007
	.081
	12.325

	
	PG_Mean
	.189
	.086
	.214
	2.191
	.031
	.102
	9.779

	
	TC_Mean
	.703
	.063
	.707
	11.090
	.000
	.240
	4.175

	
	SDG_Mean
	.300
	.052
	.371
	5.779
	.000
	.236
	4.237

	a. Dependent Variable: EV_Mean



	Collinearity Diagnosticsa

	Model
	Dimension
	Eigenvalue
	Condition Index
	Variance Proportions

	
	
	
	
	(Constant)
	IR_Mean
	PG_Mean
	TC_Mean
	SDG_Mean

	1
	1
	4.881
	1.000
	.00
	.00
	.00
	.00
	.00

	
	2
	.077
	7.969
	.85
	.01
	.01
	.00
	.03

	
	3
	.021
	15.212
	.01
	.04
	.11
	.01
	.87

	
	4
	.016
	17.378
	.14
	.03
	.07
	.98
	.05

	
	5
	.005
	30.161
	.01
	.93
	.81
	.01
	.05

	a. Dependent Variable: EV_Mean



	Residuals Statisticsa

	
	Minimum
	Maximum
	Mean
	Std. Deviation
	N

	Predicted Value
	1.3784
	5.0775
	3.6640
	.98753
	100

	Residual
	-.73161
	.79391
	.00000
	.31534
	100

	Std. Predicted Value
	-2.314
	1.431
	.000
	1.000
	100

	Std. Residual
	-2.273
	2.466
	.000
	.980
	100

	a. Dependent Variable: EV_Mean


The multiple regression statistics indicate that the model is significant and accounts for a large percentage of the variation in EV adoption. The overall model is significant, F (4,95) = 232.926, p < 0.001, with an R² of 0.907 and an adjusted R² of 0.904. This reveals that Institutional Readiness, Policy Support, Technological Convergence and SDG Contribution account 90.7% of the variance of EV adoption. Technological Convergence is by far the strongest positive predictor of EV adoption (β = 0.707, p < 0.001), followed by SDG Contribution (β = 0.371, p < 0.001). Policy Support has a strong positive impact (β = 0.214, p = 0.031) as well. But the Institutional Readiness displays a negative value that is noteworthy (β = -0.300, p = 0.007), which can be a result of a predictor overlap. The general outcome of the findings is that the technological and sustainability-related reasons can be considered significant contributors to EV adoption.
[bookmark: _Toc225546781][bookmark: _Toc227532021]7. Discussion
The results of this pilot study present valuable premises that the factors leading to EV adoption in the UK are not a unified phenomenon, but the sum of the effects of the institutional, policy, technological and environmental conditions of sustainability. This directly supports the original argument of the study that EV adoption should be reflected as a system-level problem, which entails interaction between transport, energy, digital infrastructure, and governance and not a decision of a purely consumer level.
The descriptive statistics indicated that the restaurants had largely positive perceptions regarding all constructs, with EV Adoption as the highest and Institutional Readiness as the lowest. This implies that most respondents are generally positive on EVs, although they lack a strong belief that the UK institutions are well-equipped to help in the transition. This is aligned with the problem statement and the literature review in this study, which highlighted policy uncertainty, lapses in infrastructural development and the problem of coordination across sectors. It thus seems that the willingness of the population to go with EVs could be more intense than the trust in institutional capacity.
Second, the analysis of correlation demonstrated that there are extremely strong positive associations among all variables. Specifically, it was found that EV Adoption was closely correlated with Technological Convergence, SDG contribution, policy support, and Institutional Readiness. This supports the perceptions expressed in the theoretical framework that EV adoption is conditioned by the systemic and behavioural conditions. This finding is consistent with the General Systems Theory, which views EV transition as a matter of coordinating systems across multiple interconnected systems, and also with the Technology Acceptance Model, since infrastructure, policy, and usability factors seem to have a strong correlation with adoption perceptions.
Third, the outcomes of the regression analysis indicated that the total model significantly covered a large percentage of variance in EV adoption (R² = 0.907). Technological Convergence became the best positive predictor, and was succeeded by SDG Contribution and Policy Support. That implies that respondents attribute specific importance to integrated systems, digital support, and the overall sustainability applicability of EVs. These results are very much aligned with the literature in the article, which postulated that integration of infrastructure, alignment of renewable energy and institutional support were key to effective EV transition.
However, there is one outcome to be interpreted. In the regression model, Institutional Readiness exhibited a strong negative coefficient, making a significant negative contribution to the EV Adoption, even though it is strongly correlated with it bivariately. This should not be considered substantive evidence to demonstrate that institutional readiness diminishes EV adoption. Instead, it is probably a result of statistical coincidence due to overlap between predictors, in this pilot data. The high intercorrelations and collinearity values confirm this interpretation. Being a pilot study, it is convenient, as it will indicate that a small set of constructs might require refinement before the actual study, particularly in the conceptual differentiation of technological convergence, infrastructure and broader institutional support, which may not be clear enough yet.
The discussion in general indicates that system integration, favourable governance and sustainability expectations play a significant role in driving the adoption of EVs in the UK. Meanwhile, the preliminary results suggest that the survey tool will have to be optimised to minimise the extent of construct overlap and reinforce the intelligibility of institutional measures before full-scale data gathering.
[bookmark: _Toc225546788][bookmark: _Toc227532022]8. Conclusion
This pilot study provides some initial empirical data that institutional factors have a strong influence on the adoption of electric vehicles in the UK. The results show that respondents have a relatively positive opinion about EV adoption, technological convergence, support through policies, and sustainability outcomes, and the perception about the institutional readiness is weaker. This is an indication that, despite the general positive attitude of the people and stakeholders towards the EV transition, trust in the broader institutional environment is more reserved.
The statistical findings also reveal that adoption of EV is closely related to policy, technological, and sustainability-related variables. Specifically, the technological convergence and contribution to SDGs have become particularly strong predictors, which makes a case that EV adoption can be viewed as a subset of an overall system shift rather than as a transport decision. The findings support the multi-theoretical framing of the paper and the importance of coherent governance, infrastructural and intersectoral integration in enabling sustainable mobility transitions.
In the meantime, the pilot results indicate that the overlap between the explanatory variables is there and that the survey instrument needs to be adjusted, after which the survey can be conducted on full scales. Overall, the study contributes to the initial evidence to understand institutional readiness in the UK EV ecosystem and provides a good base on which more comprehensive empirical research can be conducted.
[bookmark: _Toc225546789][bookmark: _Toc227532023]9. Future Research
It is highly advisable to conduct future studies to generalise this pilot study with a larger heterogeneous sample across all regions in the UK to capture better regional heterogeneity in institutional readiness as well as adoption of EV. One full-scale study would have the benefit of streamlining the measurement model along with more institution-wide support. Furthermore, qualitative interviews with policymakers, industry participants, and energy or transport stakeholders should be employed in the future to create more profound insight into governance constraints, issues related to coordination, and implementation loopholes. It would also be a good idea to have a longitudinal design because EV adoption and institutional arrangements are changing fast due to the change of policy, growth of infrastructure, and technological advancements. Lastly, cross-country or comparative studies in the UK or across regions would offer a better insight into the effect that various institutional settings have on sustainable mobility transitions and their impact on the realisation of broader climate and SDG targets.
[bookmark: _Toc225546790][bookmark: _Toc227532024]10. Ethical Considerations
[bookmark: _Toc225546791][bookmark: _Toc227532025]10.1 Informed Consent
Each participant had a clear introduction on what the study was about, was voluntary and the time they should expect to take to complete the questionnaire (Kılınç and Fırat, 2017). The study included only those who attested to being 18 years or over and were willing to participate.
[bookmark: _Toc225546792][bookmark: _Toc227532026]10.2 Confidentiality
The identities of the respondents were anonymous. No individualising data were gathered, and no responses were utilised for any other purpose (Czarnota-Bojarska, 2021). This assisted with the safeguarding of privacy and made open-minded responses.
[bookmark: _Toc225546793][bookmark: _Toc227532027]10.3 Reduction of Harm
The research was planned to reduce the risk of psychological, emotional or social damage. These questions of the survey were based on the perception of EV adoption and institutional factors, which are not very sensitive. Contributors also had the right to withdraw from the survey at any time.
[bookmark: _Toc225546794][bookmark: _Toc227532028]10.4 Neutrality of Researcher
The questions were designed in a neutral manner, and analysis was carried out using the statistical results and not on the opinions. This endorses the positivist position embraced in the methodology (Macdonald and Birdi, 2020).
[bookmark: _Toc225546795][bookmark: _Toc227532029]10.5 Non-maleficence and Beneficence
The research was aimed to prevent harm and generate beneficial knowledge. The desired impact it has is to create some evidence that could be used to improve policy and institutional planning to adopt EV in the UK.
[bookmark: _Toc225546796][bookmark: _Toc227532030]10.6 Transparency
Clear statements of the research process, methods and limitations were made to be open and academically honest (Knottnerus and Tugwell, 2016).
[bookmark: _Toc225546797][bookmark: _Toc227532031]10.7 Observance of Institutional Guidelines
In preparing the pilot article, the study adheres to the university standards of ethical behaviour, academic integrity, and appropriate research ethics (Macfarlane, Zhang and Pun, 2014).

[bookmark: _Toc225546798][bookmark: _Toc227532032]Part 2: Reflective Account
[bookmark: _Toc225546799][bookmark: _Toc227532033]Introduction
This reflective report describes the procedures I used to prepare the pilot article on institutional readiness, technological convergence and electric vehicle (EV) adoption in the UK. The module also made me include a pilot study, analyse original empirical data, and present the work in the manner of an academic journal article instead of the traditional assignment. The need influenced the process since it required me to reason like a researcher in academic writing.
My first problem was the first step to narrow down the topic. I was also interested in sustainability, innovation, transport transition and public policy, which were too general to be the topic of a single pilot article. I thus centred on the institutional aspect of EV adoption. This choice was noteworthy in that most of the EV discourse focuses more on consumer behaviour or technical infrastructure over institutional readiness. I also wanted the article to demonstrate that the quality of governance, support of policies, cross-sector coordination, and alignment to sustainability are also significant in EV adoption. This assisted me in narrowing down to a distinct angle and contribution.
This task taught me that, at first, work on the DBA level does not presuppose information gathering and inserting it into categories. It has to do with critical judgment as to direction, approach, fact, and display.
[bookmark: _Toc225546800][bookmark: _Toc227532034]Research Design
The process was the most critical at the research design stage since it outlined the rationale of the paper. I chose to follow a positivist philosophy, deductive, and a survey design (quantitative) (Park, Konge and Artino Jr, 2020). This was suitable, as the research sought to explore connections among quantifiable resources like institutional preparedness, policy backup, infrastructures, technological convergence, EV uptake, and sustainability contribution. The design was thus in line with the purpose of testing the patterns in a systematic manner (Collis and Hussey, 2013).
Presumably, one of the most fascinating elements of this stage was the revelation of the degree of interrelation between theory and method. The study was framed with General Systems Theory, the Technology Acceptance Model, and Diffusion of Innovations Theory (Hofkirchner and Schafranek, 2011; Davis, Granić and Marangunić, 2024; Dearing and Cox, 2018). The process of writing the paper made me realise that the process of research design is also directed by theory. It explains what is to be measured, why these constructs are important and how the results can be discussed. This enhanced the strength of the design since the variables were connected to a definite conceptual framework.
The problem was to prevent an over-complicated design. First, I had a desire to incorporate excessive dimensions of EV transition. I dealt with this by narrowing down the design to the most pertinent constructs and making sure that every construct was directly related to the research questions. Out of this, I realised that a good pilot study is clear-cut, coherent and workable.
[bookmark: _Toc225546801][bookmark: _Toc227532035]Data Collection
The process of data collection was lengthier and more detailed than I initially anticipated. The questionnaire contained demographic items, Likert-scale items on six constructs and pilots’ feedback. This provided the research with a systematic numerical and a bit of qualitative understanding (Rea and Parker, 2014). The process has taught me that the design of the questionnaire plays a central role in knowledge production since the failure to present the words or apply them to the constructs in a strong manner can impact the entire study.
The hardest part was to formulate the items. A question which appears to be easy to the researcher might be misunderstood by respondents. I thus made note of clarity, sequence and regularity. The pilot character of the study was beneficial, as it helped me to find out whether the items could be put into practice (Moy and Murphy, 2016). This was an important lesson during the assignment: pilot work does not only involve generating evidence of initial results, but also reveals flaws in the measuring tool before the larger experiment.
Another challenge was to obtain answers within the allocated time. Theoretically, online surveys seem effective. Practically speaking, patterns of response are a timing issue, availability and willingness of the respondents (Chen and Eisenberg, 2020). Calculates speed, and results are rewarded more often in the school environment. However, gathering data is an exercise that requires time and planning.
[bookmark: _Toc225546802][bookmark: _Toc227532036]Data Analysis
The stage that involved analysis of the data made the research assume a more discouraging face. I analysed using SPSS, including demographics, testing reliability, descriptive statistics, correlation, and multiple regression. The functions of each stage were different, and I understood that it is necessary to adhere to a logical sequence (Verma, 2012). As a preliminary step to relationships between variables, I needed to establish whether the scales were reliable. The large Cronbach’s alpha was indicative of a high internal consistency, and this instilled confidence in the instrument and warranted me to proceed to the next steps (McCormick and Salcedo, 2017).
The descriptive statistics enabled me to extract the general response pattern. The obtained data were further analysed by correlation to reveal the high positive correlation between the main constructs, and the regression analysis was implemented to determine the strongest predictors of EV adoption. But the greatest thing to learn was not to view statistical analysis as a matter of typing commands (McCormick and Salcedo, 2017). Among the results, one showed that the institutional readiness had a negative regression coefficient, though it was positively determined by EV adoption. Instead of engaging mechanically, I had to consider the overlap between the variables themselves, the possible multicollinearity and the constraints of the pilot dataset.
This part of the process helped me to improve my critical thinking. It taught me that the level of analysis required by the DBA level requires not purely technical ability, but also judicial ability. It also helped me to comprehend how to write the results selectively.
[bookmark: _Toc225546803][bookmark: _Toc227532037]Sampling Considerations
In the pilot study, 100 respondents were used with simple random sampling, which was adequate to test the instrument, as well as to conduct preliminary quantitative analysis (Noor, Tajik and Golzar, 2022). There were, however, imbalances noted in the sample profile as well, particularly in the aspects of age, gender and regional representation. This did not render the pilot invalid, but it did support me to the point of reminding me that pilot usefulness is not so much comparable to full representativeness (West, 2016).
It made me realise that pilot studies are used for a different effect. They are primarily valuable in assaying the viability of the design, the consistency of the instrument and the rationale of the analysis. They are also able to indicate to a larger study where to focus. In my instance, there was an indication by the pilot of what a more diverse and extensive sample of the whole UK would be beneficial in future research.
[bookmark: _Toc225546804][bookmark: _Toc227532038]Researcher Neutrality
The importance of researcher neutrality was that EV adoption is an easy issue to take a stance on forcefully. My understanding of the policy and environmental worth of EV transition also exists, yet, before doing this research, I learned that a doctoral researcher is supposed to treat the evidence in a disciplined way (Macdonald and Birdi, 2020). I thus attempted to be neutral in questionnaire wording, data treatment and interpretation.
The surprise of the regression outcome helped remind me that the concept of being neutral implies letting the data in question test the assumptions made earlier. It was also a lesson that even social and sustainability issues can be normatively appealing and, at the same time, demand a careful and balanced analysis. This was a significant work experience in that credibility is not just an aspect of being interested in the subject but also being reserved in drawing conclusions on the inquiry.
[bookmark: _Toc225546805][bookmark: _Toc227532039]Transparency and Conclusion
One of the best lessons of this assignment was transparency. I came to know that a good pilot article should be able to articulate its purpose, methods, limitations and contribution. Explicitly stating the sample boundaries, as well as the overlap of variables and the pilot nature of the findings, did not make the paper weak. Other aspects emphasised in the assessment brief are academic honesty, integrity of research findings, and effective communication, which resulted in the concern of transparency in the writing process and the reflection (Czarnota-Bojarska, 2021).
Another reflection this assignment indicated to me was publication pressures. Academic writing is now occurring in a very densely populated environment in which originality, relevance and impact are important. That is, a paper must not be confined to providing data. It must seek an apparent gap that must be tackled to the appropriate audience and prove the applicability of the findings. The unique value addition of my article is that it has put institutional preparedness at the heart of the EV adoption discourse and tied it with technological convergence and sustainability targets.
Generally, this process has educated me on how doctoral research works out in the following steps, namely, topic choice up to the creation of the article. It enhanced my skills to relate theory, method, data and interpretation in a disciplined manner. Above all, it made me understand that research is a refining process.
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Dear Participants,
This survey is part of a doctoral research study exploring institutional readiness and technological convergence in the adoption of electric vehicles (EVs) in the United Kingdom. The study aims to understand how policy, infrastructure, and governance influence EV adoption and support sustainability goals, including the Sustainable Development Goals (SDGs).
Your participation is voluntary, and all responses will remain anonymous and confidential. The information collected will be used solely for academic purposes. The survey will take approximately 8-10 minutes to complete. By proceeding, you confirm that you are 18 years or older and consent to participate in this research.
Section A: Participant Information & Consent
· I confirm that I am 18 years or older 
· I voluntarily agree to participate in this research 
           ☐ Yes ☐ No
Section B: Demographic Information
1. Age
☐ 18-24 ☐ 25-34 ☐ 35-44 ☐ 45-54 ☐ 55+ 
2. Gender
☐ Male ☐ Female ☐ Prefer not to say ☐ Other 
3. Employment Status
☐ Student ☐ Full-time ☐ Part-time ☐ Self-employed ☐ Unemployed ☐ Other 
4. Region
☐ England ☐ Scotland ☐ Wales ☐ Northern Ireland 
5. EV Ownership
☐ Yes ☐ No 
6. Intention to adopt EV
☐ Yes ☐ No ☐ Not sure 
Section C: Measurement of Research Constructs
Please indicate your level of agreement with the following statements.
	Scale
	Meaning

	1
	Strongly Disagree

	2
	Disagree

	3
	Neutral

	4
	Agree

	5
	Strongly Agree



Construct 1: Institutional Readiness
	Code
	Statement
	1
	2
	3
	4
	5

	IR1
	UK institutions demonstrate adequate preparedness to support EV adoption
	☐
	☐
	☐
	☐
	☐

	IR2
	Government agencies provide clear strategic direction for EV development
	☐
	☐
	☐
	☐
	☐

	IR3
	Institutional coordination across sectors (energy, transport, digital) is effective
	☐
	☐
	☐
	☐
	☐

	IR4
	Institutional support for EV adoption is consistent across UK regions
	☐
	☐
	☐
	☐
	☐

	IR5
	Institutions are adaptive to emerging EV technologies and infrastructure needs
	☐
	☐
	☐
	☐
	☐



Construct 2: Policy Support and Governance
	Code
	Statement
	1
	2
	3
	4
	5

	PG1
	Government policies effectively promote EV adoption
	☐
	☐
	☐
	☐
	☐

	PG2
	Financial incentives significantly influence EV adoption decisions
	☐
	☐
	☐
	☐
	☐

	PG3
	EV-related regulations are clear and well-structured
	☐
	☐
	☐
	☐
	☐

	PG4
	There is strong long-term governmental commitment to EV transition
	☐
	☐
	☐
	☐
	☐

	PG5
	Governance frameworks support collaboration among stakeholders
	☐
	☐
	☐
	☐
	☐



Construct 3: Infrastructure Readiness
	Code
	Statement
	1
	2
	3
	4
	5

	INF1
	EV charging infrastructure is sufficiently available in the UK
	☐
	☐
	☐
	☐
	☐

	INF2
	Charging stations are conveniently accessible
	☐
	☐
	☐
	☐
	☐

	INF3
	Charging infrastructure is reliable for daily use
	☐
	☐
	☐
	☐
	☐

	INF4
	The electricity grid can support increased EV adoption
	☐
	☐
	☐
	☐
	☐

	INF5
	Infrastructure development aligns with EV market growth
	☐
	☐
	☐
	☐
	☐



Construct 4: Technological Convergence
	Code
	Statement
	1
	2
	3
	4
	5

	TC1
	Integration between transport and energy systems supports EV adoption
	☐
	☐
	☐
	☐
	☐

	TC2
	Digital technologies enhance EV usability and efficiency
	☐
	☐
	☐
	☐
	☐

	TC3
	Smart systems improve EV charging and energy management
	☐
	☐
	☐
	☐
	☐

	TC4
	Cross-sector technological integration is essential for EV success
	☐
	☐
	☐
	☐
	☐

	TC5
	Technological convergence is adequately supported in the UK
	☐
	☐
	☐
	☐
	☐



Construct 5: EV Adoption Perception
	Code
	Statement
	1
	2
	3
	4
	5

	EV1
	EVs are a practical transport solution in the UK
	☐
	☐
	☐
	☐
	☐

	EV2
	EVs are environmentally beneficial compared to conventional vehicles
	☐
	☐
	☐
	☐
	☐

	EV3
	Institutional support influences my decision to adopt EVs
	☐
	☐
	☐
	☐
	☐

	EV4
	Infrastructure availability affects EV adoption decisions
	☐
	☐
	☐
	☐
	☐

	EV5
	Policy incentives influence EV adoption intentions
	☐
	☐
	☐
	☐
	☐



Construct 6: Sustainability and SDG Contribution
	Code
	Statement
	1
	2
	3
	4
	5

	SDG1
	EV adoption contributes to clean energy goals
	☐
	☐
	☐
	☐
	☐

	SDG2
	EV adoption supports climate action objectives
	☐
	☐
	☐
	☐
	☐

	SDG3
	Institutional readiness is essential for achieving SDGs through EV adoption
	☐
	☐
	☐
	☐
	☐

	SDG4
	Improved EV infrastructure enhances environmental performance
	☐
	☐
	☐
	☐
	☐

	SDG5
	EV transition supports long-term sustainable development
	☐
	☐
	☐
	☐
	☐



Section D: Pilot Testing Feedback
Were any questions unclear? 
☐ Yes ☐ No
If yes, please specify: __________ 
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