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[bookmark: _Toc241401865]Introduction and Organisational Context
[bookmark: introduction-and-organisational-context]Generative artificial intelligence (GenAI) can produce text, images, code, summaries and recommendations, offering small businesses affordable opportunities to improve productivity and customer communication (Bellon et al., 2026). This proposal examines a UK professional-services firm with approximately 35 employees, where GenAI use is inconsistent and sometimes unguided. Such uneven adoption creates strategic and operational risks, including missed efficiency gains, inaccurate outputs, confidentiality breaches and reduced customer trust. Evidence shows that GenAI can improve writing quality and productivity, although benefits vary by task and employee experience (Noy and Zhang, 2023; Brynjolfsson, Li and Raymond, 2025). The study will investigate adoption barriers and identify responsible implementation practices.
[bookmark: _Toc241401866]Business Problem and Rationale
The business problem is the lack of evidence to guide employee GenAI use. Limited use is likely driven by several factors, but management is unsure whether it stems from low confidence, doubts about value, lack of training, fear of job loss, privacy concerns or a poor fit between the tool and specific tasks. Without this information, managers may base investment decisions on enthusiasm for a particular technology or anxiety about job loss rather than evidence. The problem is multidimensional because adoption involves employee attitudes, technological capability, organizational culture, ethics and regulation.
The problem is significant from both performance and strategy perspectives. Used correctly, GenAI can save employees time on drafting, searching and routine client communication. Misused, it can produce false or misleading information, biased judgements, intellectual property and privacy breaches, and disclosure of confidential personal or business information. Dwivedi et al. (2023) state that while GenAI brings opportunities to organisations, it also poses governance, transparency and accountability challenges. Similarly, Feuerriegel et al. (2024) point out the need to align the capabilities of GenAI with suitable tasks and maintain human oversight. For a resource-constrained small business, the margin for error is small: both failing to adopt and adopting unsafely carry risks. Research is therefore needed before the organisation expands software licences, redesigns jobs or mandates GenAI use.
[bookmark: _Toc241401867]Research Aim
This study aims to assess the individual, technological and organisational factors that influence employees’ responsible adoption of GenAI in a small UK professional-services firm, in order to recommend an implementation approach.
[bookmark: _Toc241401868]Research Objectives and Questions
The study has four objectives: first, to measure employees’ current awareness, use and non-use of GenAI; second, to examine how perceived usefulness, ease of use, trust, skills and job concerns affect adoption; third, to assess whether training, leadership support, governance and task fit enable or hinder responsible use; and fourth, to propose a feasible adoption framework for the case organisation.
The research questions are:
1. How and for which work tasks are employees currently using GenAI? 
1. Which employee perceptions and capabilities influence their intention to use GenAI? 
2. What organisational conditions foster or hinder responsible adoption? 
3. What actions should management prioritise to improve useful, safe and inclusive GenAI use? 
These questions align with the proposed mixed methods, which integrate the measurable patterns of adoption with employee explanations and experiences in the workplace.
[bookmark: _Toc241401869]Critical Literature Review
Current evidence indicates that GenAI can enhance knowledge work, but productivity findings should not be generalised uncritically. In a controlled experiment, Noy and Zhang (2023) found that ChatGPT cut task completion time by 40 per cent and improved output quality by 18 per cent. However, the study examined short writing tasks rather than organisational adoption. In contrast, Brynjolfsson, Li and Raymond (2025) provide workplace evidence from a field study of real customer-support tasks. However, benefits observed in a large, technology-rich global operation may not transfer to a small UK firm with diverse roles, less-structured processes and limited technical support. These studies show promise, but they do not explain how a small firm can secure long-term employee acceptance across varied tasks.
Adoption is also influenced by perceived benefit and effort. Although GenAI is familiar to many, prompting, verifying outputs and exercising ethical judgement require new skills. When outputs are unreliable or learning costs outweigh benefits, employees may resist the technology; conversely, convenience can lead to uncritical overuse. According to Feuerriegel et al. (2024), GenAI differs from traditional information systems because its outputs are probabilistic and can appear plausible while being incorrect. The recurring implementation challenges identified by Patel et al. (2025) are accuracy, privacy, intellectual property, transparency and ethical governance. This suggests that the rate of adoption should not be the only concern: responsible adoption also requires output checking, awareness of appropriate task boundaries and data protection.
Organisational conditions are also significant. Small firms may have limited formal training, policy-making and technology governance because of resource constraints and reliance on owner-managers, who may make decisions quickly and informally. Access to a GenAI tool does not necessarily lead to effective uptake. Leadership cues, peer expectations, time to learn, the applications available and clear policies may determine whether employees experiment openly or turn to “shadow AI” used outside organisational controls. However, while international evidence shows that businesses are rapidly adopting these technologies, aggregate adoption patterns reveal little about the experiences of people working in small businesses (Maslej et al., 2025).
The literature also raises concerns about employee wellbeing. Wu et al. (2025) found that human–GenAI collaboration can enhance task performance but lower intrinsic motivation, as efficiency gains may come at the expense of autonomy or competence. In a small organisation where roles and relationships are highly visible, fears of replacement, monitoring or loss of professional value could strongly affect trust. The lack of context-specific evidence combining employee uptake, organisational readiness and responsible-use risks is therefore the central research gap, which the proposed mixed-methods case study will address.
[bookmark: _Toc241401870]Conceptual Framework
This framework draws on two established theories. At the individual level, it uses the Unified Theory of Acceptance and Use of Technology (UTAUT), which explains adoption through performance expectancy, effort expectancy, social influence and facilitating conditions (Venkatesh et al., 2003). UTAUT suits a small firm, where colleagues and managers strongly influence one another. At the organisational level, the Technology–Organisation–Environment (TOE) framework (Tornatzky and Fleischer, 1990) captures what UTAUT misses: an employee may want to use GenAI while the firm lacks suitable policies, training or tools, and external pressure from competitors and clients may also shape adoption. However, UTAUT was developed before GenAI and measures intention rather than responsible use; trust in AI outputs, job-security concerns and output checking are therefore added as further constructs.
The study combines employee-acceptance and organisational-readiness perspectives. At the individual level, it will explore perceived performance benefits, perceived ease of use, social influence, trust, confidence and intention to use. At the organisational level, it will analyse technological fit, training, leadership support, governance, available resources and external pressures. This integration is appropriate because employees may want to adopt GenAI but be constrained by policy, data or task limitations; likewise, organisational readiness cannot create value if staff do not trust the technology. The framework will direct the development of the survey items, interview questions and thematic analysis while remaining open to factors not previously identified in the literature.
[bookmark: _Toc241401871]Research Methodology and Design
A pragmatic research philosophy and mixed-method case-study design will be adopted (Saunders, Lewis and Thornhill, 2019). Pragmatism is appropriate because the study seeks an actionable organisational solution and allows both quantitative and qualitative evidence to be used as the problem requires. A sequential explanatory design (Creswell and Plano Clark, 2018) will begin with an employee survey, followed by semi-structured interviews to explain the patterns identified. The survey will measure the prevalence of GenAI use, the types of tasks being used, perceived usefulness, confidence, trust in the technology, support for adoption and intention to use. The interviews will explore the reasons behind these perceptions, managerial expectations, technology exposure and job-related concerns.
The research population comprises all 35 or so employees of the case organisation. Due to the small size of the workforce, a census invitation will be used for the survey. A target of 25 or more responses would provide useful organisational evidence and support cautious generalisation within the firm; however, the findings will not be generalisable beyond the organisation. Six to eight interviewees will then be purposively selected across departments and seniority levels to represent frequent, occasional and non-users. This ‘high variance’ approach should reveal contrasting experiences rather than privileging employees who are already enthusiastic about GenAI.
[bookmark: _Toc241401872]Data Collection and Analysis
The online questionnaire will mainly use five-point Likert-scale items, alongside questions on frequency of use, work tasks, approved/unapproved tools and previous training. Items will be adapted from existing technology-adoption frameworks and piloted with two people outside the sample to test clarity and completion time. Survey data will be analysed using descriptive statistics, cross-tabulation and Spearman correlation. Because it is a small sample, interpretations will focus on patterns and relationships and will avoid making claims to population-level causality.
Interviews will last around 30–40 minutes and, with participants’ consent, will be recorded, transcribed and analysed using reflexive thematic analysis (Braun and Clarke, 2022). Initial codes will cover perceptions, barriers, enablers, risks and organisational actions suggested by employees. These will be grouped into broader themes and compared with the survey results. Integration will use a narrative comparison in which qualitative evidence supports, challenges or clarifies quantitative patterns. This triangulation should provide a more complete understanding of adoption than either method alone.
[bookmark: _Toc241401873]Reliability, Validity and Research Ethics
Survey reliability will be supported by clear question wording, piloting and consistent administration. Internal consistency can be checked for multi-item constructs, although the small sample limits the interpretation of statistical reliability measures. Credibility will be enhanced through methodological triangulation, contrasting participants, a transparent coding record and participant checking of short interview summaries. Negative cases will be reported, as will the study’s limitations and the researcher’s assumptions.
Data collection will begin only after ethical approval has been obtained. Participation will be voluntary and based on informed consent, and participants may withdraw before anonymised analysis begins. Managers will not be told who took part, and because the workforce is small, names, job titles and other identifying details will be removed from quotations. No client information or confidential GenAI prompts will be collected. Research files will be encrypted, access restricted to the researcher and retention periods clearly communicated, in line with UK GDPR and the Data Protection Act 2018.
Questions about unauthorised tool use and job security will be asked sensitively, as employees may fear repercussions for their jobs. Findings will be reported in aggregate to minimise the risk of identification. Inclusive participation will be supported through accessible questionnaire language, flexible interview arrangements and the opportunity to ask questions before consenting.
[bookmark: _Toc241401874]Business Relevance, Limitations and Anticipated Outcomes
The study will deliver a management plan for adoption rather than a generic technology strategy. Potential recommendations include role-specific training, an approved-tool list, data-classification rules, human-review rules, peer-support champions and task-specific pilots. Baseline data would help management prioritise investment and later assess the extent and quality of adoption, time savings and employee confidence. These recommendations remain tentative until the data have been collected and analysed.
The main limitations are the single-case design, small sample, reliance on self-reported behaviour and the rapidly changing nature of GenAI technology. Employees may under-report GenAI use, and their perceptions could shift following the introduction of new tools or policies. 
Reflecting on this proposal has developed my understanding of applied business research. Designing a mixed-methods study showed me that combining a survey with interviews gives a fuller picture than either method alone, as the survey reveals patterns while the interviews explain them (Saunders, Lewis and Thornhill, 2019). Planning the ethics also showed that confidentiality needs particular care in a small firm, where participants can easily be identified from their role or comments. In future, before making decisions at work, I will collect evidence from the staff affected rather than relying on assumptions.
[bookmark: _Toc241401875]Research Timeframe
The study is planned over 12 weeks (Figure 1). Because the design is sequential, interviews begin only once initial survey findings are available. Extra time is allowed for interviews, to accommodate participants’ work commitments, and for writing up, which begins while analysis is still under way.
	Task / Week
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	Literature review update and ethics approval
	
	
	
	
	
	
	
	
	
	
	
	

	Survey design and pilot (2 people)
	
	
	
	
	
	
	
	
	
	
	
	

	Survey data collection (all employees)
	
	
	
	
	
	
	
	
	
	
	
	

	Survey analysis
	
	
	
	
	
	
	
	
	
	
	
	

	Interviews (6–8 participants)
	
	
	
	
	
	
	
	
	
	
	
	

	Transcription and thematic analysis
	
	
	
	
	
	
	
	
	
	
	
	

	Integration of survey and interview findings
	
	
	
	
	
	
	
	
	
	
	
	

	Report writing and recommendations
	
	
	
	
	
	
	
	
	
	
	
	

	Presentation to management
	
	
	
	
	
	
	
	
	
	
	
	


Figure 1. Proposed 12-week research timeline (Gantt chart)
[bookmark: _Toc241401876]Conclusion
This proposal addresses the complex issue of uneven and potentially unsafe employee GenAI adoption in a small business in the UK. Previous studies report possible productivity gains but also challenges relating to trust, skills, employee motivation, governance and transferability across organisational contexts. A pragmatic mixed-methods case study will link employee experiences to organisational conditions and generate practical recommendations. By aligning the business problem, literature gap, research questions and methodology, the study can guide responsible investment decisions and provide context-specific evidence on GenAI adoption in small businesses.
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