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CHAPTER 1: Identification of a Business Problem: Background and Context
Our banking organization, like many established financial institutions, faces immense pressure to leverage cognitive technologies such as Artificial Intelligence (AI), and the Internet of Things (IoT) to improve operational efficiency, strengthen regulatory compliance, and deliver superior customer experiences (Gregory, 2025). AI refers to computer systems performing tasks normally requiring human intelligence, while IoT describes the network of physical devices embedded with sensors and software enabling connectivity and data exchange. The COVID-19 pandemic accelerated the banking sector's need for digital adoption to ensure business continuity and meet rapidly evolving customer expectations for digital financial services (Saulles et al., 2025). Global spending on digital transformation (DT) now reaches trillions of dollars, confirming its strategic necessity (Dhingra & Jaiswal, 2025). Digital transformation represents the fundamental process of integrating digital technology into all areas of banking, fundamentally changing operations, risk management, regulatory compliance, and customer value delivery.

1.1 Balancing Automation and Customer Trust in Banking During Digital Transformation - Introduction
The banking industry has experienced considerable technological change in recent years, with digital transformation becoming increasingly important for established financial organisations. Digital transformation involves the integration of digital technologies into organisational processes, services and business models to improve efficiency and respond to changing customer expectations. Automation and Artificial Intelligence (AI) are key components of this transformation, as they allow banks to redesign traditional processes and reduce the reliance on manual activities. Technologies such as AI-powered chatbots, automated fraud detection systems, algorithm-based decision-making and digital self-service platforms have enabled banks to simplify operations, lower costs and respond to customers more efficiently. According to the Bank of England and Financial Conduct Authority (2024), 75% of surveyed UK financial organisations currently use AI, while a further 10% plan to adopt it. This demonstrates the growing importance of automation as part of wider digital transformation strategies within the banking sector.
Automation can support digital transformation by improving the speed and consistency of banking services and allowing organisations to process large amounts of data more effectively. However, digital transformation is not solely based on the introduction of new technology. Its successful implementation also requires banks to consider how technological changes affect customers, employees and existing organisational processes. Therefore, the increased adoption of automation creates a challenge for banks in achieving digital transformation objectives while continuing to maintain customer confidence and trust.
Although automation provides significant benefits, its wider adoption may create ethical concerns regarding customer trust. Banks manage highly sensitive personal and financial information, meaning customers expect services to be secure, reliable, transparent and fair. The increased involvement of automated systems in banking decisions may raise concerns surrounding data privacy, algorithmic bias and a lack of understanding of how automated decisions are made. Zerilli et al. (2022) suggest that transparency can support trust in AI by allowing individuals to better understand and evaluate automated systems. Banks must therefore carefully consider how automated technologies are implemented and communicated to customers.
Customer trust may also influence the willingness of individuals to adopt AI-driven financial services. As automated systems increasingly perform tasks traditionally completed by banking employees and financial advisers, customers need confidence in both the technology and the organisation responsible for its implementation. Chang et al. (2026) emphasise the importance of trust in AI-based financial services, as perceptions of technological competence and credibility can influence customer adoption.
Therefore, banks face the challenge of gaining the efficiency benefits of automation as part of digital transformation while maintaining strong customer relationships. A potential approach is to combine automation with human support, allowing automated systems to manage routine processes while employees remain available for complex or sensitive customer situations. Based on this issue, this research aims to answer the following question: How can banks balance automation adoption with maintaining customer trust during digital transformation?

1.2 Significance and Impact on Performance
The problem manifests in three critical ways. First, pilot paralysis occurs when the organization launches innovative pilots but cannot scale them into integrated solutions due to legacy system conflicts and inconsistent strategies (Cranney et al., 2025) Second, siloed implementation sees digital initiatives undertaken in functional departments operating independently, creating disjointed solutions and inconsistent customer experiences (EY, GLOBAL, 2021). Third, the human-technology gap emerges when organizations prioritize technology acquisition over changing employee mindsets and fostering data-driven cultures, leading to disengagement and poor adoption of new tools (Orero-Blat et al., 2024).
These problems directly undermine our strategic goals. Investing in automation and digital transformation does not automatically enhance organizational performance (Orero-Blat et al., 2024). Transformation failure wastes capital, increases operational costs, slows innovation, weakens customer retention, and reduces the potential to compete against agile fintech firms and digital-first challenger banks operating without the burden of legacy systems. This proposal moves beyond technology-centric views to systematically investigate the organizational and human determinants causing this transformation paralysis, recognizing that sustainable change requires addressing cultural and behavioural dimensions alongside technical infrastructure.

1.3 Research Aim
To investigate how banks can balance automation adoption with maintaining customer trust during digital transformation.

1.4 Research Purpose
The purpose of this research is to investigate the role of automation in improving banking services and to understand how banks can adopt automation in ways that enhance efficiency, service quality, and customer experience without undermining customer trust. The study aims to provide insight into the opportunities and challenges associated with automation in the banking sector, contributing to a better understanding of how digital transformation can be implemented successfully in a customer-focused manner.

1.5 Research Objectives and Questions
	Research Objective
	Research Question

	To examine the role of automation in improving banking services.
	How does automation contribute to the improvement of banking services?

	To examine the ways automation is being adopted by banks during digital transformation.
	How are banks adopting automation as part of their digital transformation strategies?

	To explore how automation influences customer trust in banking services.
	How does automation affect customer trust in banks?







CHAPTER 2: LITERATURE REVIEW
2.1 Introduction
Digital transformation has become a central concern within the banking sector, as financial institutions increasingly deploy automation, artificial intelligence, digital platforms and data-driven systems to enhance efficiency and service quality. However, banking is not an industry in which innovation can be assessed solely by speed and cost reduction. Because banks manage financial assets, personal data and financial risk, customer trust remains a significant factor determining whether technological change is accepted and sustained. The literature therefore indicates that the success of digital transformation in banking depends not only on the adoption of automation, but also on the capacity of banks to preserve confidence, transparency and reassurance throughout the process (Broby, 2021; Osei et al., 2023).
This chapter reviews the literature on digital transformation, automation and customer trust in banking. The Technology Acceptance Model (TAM) is also examined, as this theoretical framework assists in explaining why customers choose to accept or reject digital banking technologies. The chapter is organised around the following themes: digital transformation in banking, the benefits of automation, customer trust and risk, the relevance of TAM, and the balance that banks must achieve between operational efficiency and trust. The review identifies a gap in the existing body of research, namely a need for a more precise understanding of how banks can utilise automation to improve services while maintaining customer confidence.
2.2 Digital transformation in banking
Digital transformation in banking extends beyond the installation of new technological systems. It constitutes a broader organisational change that affects processes, customer interactions, service delivery and long-term strategic direction. Werth et al. (2020) argue that transformation in financial services is shaped by competitive pressures, regulatory frameworks, technological developments and changing customer expectations. According to their analysis, many banks are not merely replacing manual tasks with digital tools; they are restructuring their operations to respond more effectively to future market demands. This perspective suggests that transformation is strategic and continuous, rather than a single technological upgrade. Furthermore, the integration of IoT devices, such as connected payment terminals and wearable banking apps, adds a new layer of complexity, as these technologies generate vast amounts of real-time data that must be securely processed and interpreted to enhance customer experiences without compromising privacy (Gregory, 2025). This technological convergence means that digital transformation strategies must be both comprehensive and adaptable, capable of incorporating emerging innovations without destabilising existing trust frameworks. The pace of this change has placed considerable strain on banks that operate with legacy IT systems, as these older infrastructures were not designed to support the data volumes and security demands that modern digital ecosystems require. Consequently, many institutions are pursuing incremental modernisation, replacing core systems in phases while simultaneously launching customer-facing digital innovations.
Osei et al. (2023) similarly emphasise that digital transformation in banking is closely linked to customer behaviour and customer-centred service design. Their review demonstrates that banks must understand how digital customers interact with services, what they expect from digital platforms, and how those expectations influence satisfaction and loyalty. This is significant because digital transformation is only genuinely effective when it enhances the customer experience alongside internal efficiency. If a technology does not meet customer needs, its strategic value is diminished.
More recent studies also highlight the importance of organisational capability. Alqararah et al. (2025) contend that digital transformation capabilities support stronger organisational performance by enabling banks to adapt more rapidly to change. Alsobai et al. (2025) similarly observe that digital transformation in retail banks can improve customer engagement, reduce costs and streamline operations. Collectively, these studies indicate that banks are under considerable pressure to modernise, but they also make clear that transformation must be carefully managed if it is to generate sustainable long-term value.
2.3 The role of automation in improving banking services
Automation is one of the principal instruments used to deliver digital transformation in banking. It encompasses technologies such as robotic process automation (RPA), artificial intelligence, chatbots, automated fraud detection, algorithmic decision-support systems and digital self-service platforms. These tools are increasingly deployed to handle routine tasks, accelerate response times and minimise human error. For banks, automation can therefore enhance efficiency while also supporting greater consistency in customer service.
The literature indicates that automation improves banking services in several respects. First, it reduces the time required to execute repetitive tasks, enabling banks to process transactions and enquiries more rapidly. Second, it can lower operating costs by decreasing the need for manual intervention in high-volume processes. Third, it can improve service consistency, as automated systems exhibit less variability in handling routine requests than human employees. Graham et al. (2025) found that chatbots are particularly valuable in customer service contexts because they can respond to common queries and facilitate round-the-clock service delivery. This renders them useful tools for banks seeking to improve accessibility and responsiveness. Beyond these operational gains, automation can also contribute to risk reduction by standardising compliance checks and flagging anomalies that human reviewers might overlook. For example, automated anti-money laundering systems scan millions of transactions daily, identifying suspicious patterns far more efficiently than manual monitoring could achieve.
Automation may also contribute to enhanced service quality by enabling personalised and scalable interactions. Lopes et al. (2025) found that perceived service quality, relative advantage and security all influence customer intention to use AI-enabled mobile banking. This finding suggests that customers are more inclined to accept automation when it appears useful, straightforward to operate and secure. In this sense, automation not only enhances efficiency; it can also support service innovation and customer convenience.
The benefits of automation extend beyond front-line customer interaction. Banks also employ automation in back-office functions such as compliance checks, document processing and fraud monitoring. These applications improve reliability and reduce administrative workloads. When implemented effectively, automation can allow staff to concentrate on more complex tasks that require judgement, empathy or specialist expertise. This suggests that automation should be regarded as a complement to human service, rather than a complete substitute for it.
2.4 Customer trust in digital banking
While automation offers clear advantages, the literature consistently demonstrates that customer trust is essential for the success of digital banking. Banking is a trust-sensitive industry because customers must believe that institutions will manage their funds securely, protect their personal data and act reliably during periods of uncertainty. Broby (2021) argues that trust remains central to the future of banking even as services become increasingly digital. Digitalisation does not eliminate the requirement for confidence; rather, it alters the manner in which trust must be earned and sustained.
Several factors shape trust in digital banking. Aboobucker and Bao (2018) found that security, privacy, perceived risk, trust and website usability all affect whether customers accept internet banking. Their findings indicate that customers assess digital services not only on the basis of convenience, but also on how safe and comprehensible they feel. If users are uncertain about security or cannot easily navigate a system, trust is likely to decline.
Privacy is another prominent concern within the literature. As banking becomes increasingly data-driven, customers may be apprehensive about how their information is collected, stored and utilised. Lappeman et al. (2022) found that trust and digital privacy influence customers’ willingness to share personal information in chatbot interactions. This suggests that the deployment of automated systems must be accompanied by clear communication regarding data protection and responsible data handling. Aldboush (2023) further argues that trust in fintech depends on ethical practice and privacy protection, reinforcing the view that technology alone cannot generate trust.
Furthermore, customers may experience discomfort when banking becomes excessively impersonal. While many users value the convenience of digital services, they still desire access to human support for complex or sensitive matters. This indicates that banks must consider not only the technical quality of automation, but also the emotional and relational experience of the customer. If automation is introduced in a manner that feels distant or opaque, trust may weaken even if the system functions efficiently.
2.5 Technology Acceptance Model (TAM)
The Technology Acceptance Model (TAM) provides a useful theoretical foundation for understanding customer responses to digital banking. Davis (1989) developed TAM to explain why users adopt or reject information systems. The model proposes that two primary beliefs shape acceptance: perceived usefulness and perceived ease of use. Perceived usefulness refers to the extent to which an individual believes that a technology will enhance their performance, while perceived ease of use refers to the degree to which the technology is viewed as free from difficulty.
In the banking context, TAM helps to explain why customers may choose to use automated services such as mobile applications, online banking platforms, AI chatbots or self-service systems. If customers perceive that these tools save time, increase convenience and simplify transactions, they are more likely to adopt them. Venkatesh et al. (2003) expanded this perspective by demonstrating that behavioural intention is influenced by performance expectancy, effort expectancy and facilitating conditions. These concepts are relevant to banking, as customers frequently evaluate digital services based on their practical utility and ease of access and use.
Nonetheless, while TAM is valuable, it does not, on its own, fully capture the specific characteristics of the banking environment. In financial services, trust and perceived risk are particularly significant. A system may be useful and easy to use, yet customers may still hesitate if they do not trust the bank with their data or if they fear errors, fraud or loss of control. This is why many banking studies extend TAM by incorporating trust and security as supplementary variables. Moreover, the original TAM does not account for the emotional and psychological dimensions of trust, such as the feeling of vulnerability when personal financial data is processed by opaque algorithms. Researchers such as Mou et al. (2017) have therefore proposed integrated models that combine TAM with trust theory, demonstrating that trust acts as both a direct antecedent of behavioural intention and a moderator of the usefulness–adoption relationship. In this dissertation, TAM is employed because it offers a framework for understanding adoption, but it must be considered alongside trust in order to fully explain customer responses to automation.
2.6 Balancing automation with customer trust
The literature indicates that banks do not confront a straightforward choice between automation and trust. Instead, they must find a balance between service efficiency and customer reassurance. Lee and See (2004) explain that trust in automation should be appropriately calibrated, meaning that users should trust systems sufficiently to benefit from them, but not to the point of over-reliance. In banking, this is particularly important because automation may be applied in areas that directly affect customers’ finances, identity or access to services.
A balanced approach requires banks to employ automation where it adds genuine value while retaining human support for situations that demand judgement, empathy or detailed explanation. For example, automated systems may be suitable for routine balance enquiries, transaction alerts and straightforward service requests, whereas more sensitive issues may still require access to a human adviser. This reflects the notion that customers are more likely to trust automation when it supports, rather than replaces, the relationship with the bank.
The literature also indicates that service quality plays an important role in achieving this balance. Lopes et al. (2025) found that improvements in service quality can reinforce trust in AI-enabled banking. Similarly, Graham et al. (2025) suggest that chatbots are more effective when they serve customer needs rather than merely reducing staff involvement. These findings imply that banks should design automation around customer benefit, not technological novelty.
Transparency constitutes another important consideration. Customers are more likely to trust automated systems when they understand what the technology is doing and why. Clear communication, visible security measures and accessible complaint procedures can all help to reassure users. In the absence of transparency, customers may perceive automation as impersonal or risky. Banks must therefore demonstrate that digital tools are being used responsibly and that human accountability remains in place.
2.7 Summary of the literature
The literature reviewed in this chapter demonstrates that digital transformation has become a strategic necessity for banks, driven by competition, customer expectations and technological change. Automation can improve banking services by increasing speed, consistency, scalability and efficiency. At the same time, customer trust remains a critical factor because banking is founded on security, reliability and confidence.
TAM assists in explaining why customers adopt digital banking technologies by concentrating on perceived usefulness and ease of use, but it does not fully address trust-related concerns. For this reason, the literature suggests that banking automation must be considered alongside trust, privacy, risk and service quality. The overarching message from the literature is that banks are most likely to succeed when they use automation to enhance service delivery without undermining the human trust that sustains the sector.
This chapter has also identified a gap in the literature. Although many studies address digital transformation, automation or trust separately, fewer studies focus specifically on how banks can balance automation adoption with the maintenance of customer trust. This dissertation therefore addresses an important and practical issue within contemporary banking management.

CHAPTER 3: METHODOLOGY
3.1 Research Design
This study adopts a qualitative research design based exclusively on secondary data. No primary data will be collected from human participants. A qualitative design is appropriate because the research aims to explore complex, context-dependent phenomena, specifically, how banks balance automation and customer trust, which cannot be adequately captured through quantitative measurement alone (Bryman, 2016). By drawing on existing academic and professional literature, the study can synthesise diverse perspectives and develop a nuanced understanding of the strategies, challenges and trade-offs that characterise digital transformation in banking.
3.2 Research Philosophy
The research is grounded in an interpretivist philosophy. Interpretivism holds that social reality is constructed through human perceptions and interactions, and that knowledge is generated by interpreting the meanings that individuals and organisations attach to their experiences (Saunders et al., 2019). In the context of this dissertation, customer trust and the adoption of automation are understood not as objective, fixed variables but as phenomena shaped by organisational culture, customer expectations and regulatory environments. An interpretivist stance allows the researcher to examine the subjective dimensions of trust, such as perceptions of fairness, transparency and security, that are central to the research question. This philosophical position was selected because trust is inherently a perceptual construct; it cannot be reduced to a single numerical indicator. Even sophisticated metrics such as Net Promoter Scores fail to capture the emotional and contextual nuances that determine whether a customer feels genuinely secure when interacting with an automated banking system. Therefore, a philosophy that prioritises meaning and interpretation over measurement was essential.
3.3 Research Approach
The study employs an inductive approach. Rather than testing a pre-formulated hypothesis, the research begins by gathering and analysing a broad body of literature and then derives themes, patterns and theoretical insights from that data (Thomas, 2006). This is well suited to the exploratory nature of the research aim, as it enables the findings to emerge organically from the evidence rather than being constrained by predetermined theoretical categories. The inductive process involves moving from specific observations drawn from the literature to broader generalisations about the relationship between automation and customer trust.
3.4 Time Horizon
The research adopts a cross-sectional time horizon. The data analysed represent a snapshot of the literature and industry evidence available up to the end of 2025. While this limits the ability to track changes over time, it is appropriate for a dissertation of this scope and enables a contemporary, in-depth analysis of current practices and challenges in banking digital transformation.
3.5 Data Collection: Secondary Sources
The research will examine how organisations in the banking sector balance the implementation of automation technologies while maintaining customer trust by analysing existing academic and professional literature. Secondary data will be obtained from a range of sources, including peer-reviewed journal articles, academic books, industry reports, annual reports published by banks, regulatory guidance documents, and publications from recognised financial organisations such as the Bank of England, the Financial Conduct Authority and international banking bodies.
Academic sources will be identified using the University library catalogue, Google Scholar, and scholarly databases such as Scopus, Web of Science, and Business Source Complete. Industry reports and policy documents will be sourced directly from official banking and regulatory websites to ensure their authenticity and relevance. The literature selected will focus specifically on automation technologies used within banking, including artificial intelligence, machine learning, chatbots, robotic process automation, and digital banking platforms, together with evidence relating to customer trust, privacy, security, transparency, and service quality. Particular attention will be paid to how different types of secondary source interact. For instance, regulatory guidelines often establish the minimum standards for transparency, while academic studies reveal whether those standards are sufficient to maintain customer trust in practice. By reading these sources in dialogue with one another, the study can identify gaps between regulatory intention and customer perception.
To ensure the quality and relevance of the secondary data, source materials will be evaluated according to their credibility, currency, and applicability to the research questions. Preference will be given to recent publications (2015–2025) that reflect the contemporary technological and regulatory landscape. Both academic and grey literature will be included to capture insights from scholarly research and real-world practice, thereby strengthening the practical relevance of the study’s conclusions.
3.6 Data Analysis: Thematic Analysis
The collected material will be organised into key themes and analysed using thematic analysis, following the six-phase process outlined by Braun and Clarke (2006). This involves familiarisation with the data through repeated reading, generating initial codes, searching for themes, reviewing and refining those themes, defining and naming them, and finally producing a written narrative that integrates the findings.
In practice, the researcher will extract relevant passages from each source and assign descriptive codes that capture the key ideas, such as “transparency,” “human escalation,” “data privacy concerns,” or “calibrated trust.” These codes will then be grouped into broader themes that correspond to the research objectives, namely, the role of automation, the modes of adoption, and the determinants of trust. The process will involve identifying recurring patterns, comparing findings across different studies, and synthesising evidence to address the overarching research question. The analysis will draw together perspectives from academic research and industry practice to identify common strategies, challenges, and recommendations. Throughout the process, the researcher will maintain a reflexive journal to record analytical decisions and ensure that the interpretation remains grounded in the data.
3.7 Ethical Considerations
Because the study does not involve human participants and relies entirely on publicly available secondary data, it presents minimal ethical risk. No personal or sensitive information will be collected, stored or processed. Nonetheless, the research upholds the highest standards of academic integrity. All sources will be accurately cited using the Harvard referencing system to avoid plagiarism. Care will be taken to present findings in a balanced manner, acknowledging conflicting evidence where it exists and avoiding the selective use of sources to support a predetermined argument.
3.8 Chapter Summary
This chapter outlined the methodological framework guiding the dissertation. The study adopts a qualitative, secondary-data research design situated within an interpretivist philosophy and an inductive approach, with a cross-sectional time horizon. Data will be gathered from peer-reviewed academic literature, industry reports and regulatory publications, and analysed through thematic analysis to identify key themes and patterns. The chapter also addressed ethical considerations, confirming that the research presents minimal risk. The following chapter presents the findings and discussion derived from the analysis.




CHAPTER 4: FINDINGS AND DISCUSSION
4.1 Introduction
This chapter presents the synthesised findings derived from the thematic analysis of secondary data, organised according to the three research questions. The analysis draws on academic literature, industry reports and regulatory guidance, and integrates relevant theoretical perspectives to contextualise the results. The discussion interprets these findings in relation to the dissertation’s overall aim: to understand how banks can balance automation adoption with the maintenance of customer trust during digital transformation.
4.2 How Does Automation Contribute to the Improvement of Banking Services?
The literature identifies three principal mechanisms through which automation enhances banking services: improved operational efficiency, elevated service quality and consistency, and greater accessibility.
Operational efficiency is the benefit most frequently cited. Technologies such as Robotic Process Automation (RPA) and AI-powered chatbots reduce the time needed for routine transactions, lower per-unit processing costs and enable continuous service availability (Fernandez & Aman, 2018; Mhlanga, 2021). RPA is employed in back-office functions such as account reconciliation and compliance reporting, where it minimises human error and accelerates turnaround times. AI chatbots can manage a large volume of standard customer queries simultaneously, providing immediate responses to balance enquiries and transaction histories, which permits human employees to focus on more complex advisory tasks (Adam et al., 2021).
Service quality and consistency improve because automated systems apply uniform decision rules, thereby decreasing the variability inherent in human service delivery. Chandra et al. (2022) demonstrated that perceived service quality is a significant predictor of customer satisfaction with AI-powered banking chatbots. Personalisation, enabled by machine learning algorithms that analyse transaction data, can further enrich the customer experience. However, Chen et al. (2019) caution that such personalisation must be handled transparently; if customers perceive that their data is being used without explicit consent, trust can be damaged rapidly. Moreover, automated systems can maintain consistent service standards during peak demand periods, when human agents may be prone to fatigue and error. This scalability is particularly valuable in banking, where transaction volumes can fluctuate dramatically due to seasonal or economic factors (Czarnecki et al., 2022). By smoothing out these demand peaks, automation contributes to a more reliable customer experience overall. In addition to consistency, automation enables a level of proactive service that was previously impossible. Predictive analytics can alert customers to potential overdrafts, suggest savings opportunities or flag unusual account activity in real time. This shifts the customer relationship from reactive problem-solving to anticipatory support, which, when executed transparently, can deepen trust rather than weaken it.
Accessibility is a further improvement. Digital self-service platforms and mobile banking applications extend services to previously underserved populations, including individuals in remote locations and those with physical disabilities, thereby advancing financial inclusion (Senyo & Osabutey, 2020). Automation reduces dependence on physical branch networks and fixed operating hours. Nevertheless, the literature also notes that purely automated channels may exclude older or less digitally literate customers, indicating a need for inclusive design and assisted digital support (Vial, 2019).
In summary, automation contributes to banking service improvement by increasing speed, consistency and reach. However, the literature consistently indicates that these operational gains must be accompanied by careful attention to transparency and accessibility if they are to generate sustainable customer value.
4.3 How Are Banks Adopting Automation as Part of Their Digital Transformation Strategies?
The evidence reveals that banks are adopting automation along a continuum, ranging from isolated tactical deployments to enterprise-wide strategic transformation. Three broad adoption patterns are evident.
First, front-end customer interaction is increasingly automated through conversational AI and virtual assistants. Banks deploy these tools to manage high-volume, low-complexity enquiries, thereby improving response times and service availability (Chandra et al., 2022). The most effective implementations position AI as a complement to human agents, with clearly defined escalation pathways for complex or emotionally sensitive issues. Huang and Rust (2018) argue that a “hybrid” service model, in which AI handles standardised tasks and humans manage relational and empathetic exchanges, is critical for sustaining trust.
Second, decision-support automation is growing in areas such as credit scoring, fraud detection and investment advisory services. Machine learning models analyse large datasets to identify patterns and generate recommendations, often surpassing traditional rule-based systems in speed and accuracy (Lepri et al., 2018). However, concerns regarding algorithmic opacity and fairness are particularly acute in these domains, as automated decisions can materially affect customers’ financial well-being. Wachter (2018) notes that under regulations such as the General Data Protection Regulation (GDPR), banks are legally required to provide meaningful information about the logic underlying automated decisions, rendering explainability both an ethical and a legal imperative. Routine wealth management tasks, such as portfolio rebalancing, may be automated, but complex advisory services should retain human oversight. A notable tension exists here between efficiency and customer empowerment. When credit decisions are fully automated, customers may feel they have no recourse if they disagree with an outcome. Research suggests that the mere presence of a visible review process, even if rarely used, can significantly increase trust in automated lending systems because it signals institutional accountability.
Third, back-office and compliance automation is widespread, with RPA employed for tasks such as document verification, anti-money laundering screening and regulatory reporting. This reduces administrative burden and human error. However, scaling these solutions is often hindered by legacy IT infrastructure. Vial (2019) observes that successful digital transformation necessitates a modular, API-led architecture that decouples new digital services from rigid core systems.
A significant overall finding is that adoption strategies grounded in a hybrid human–machine model consistently yield higher levels of customer trust. By designing systems that permit seamless transfer from a chatbot to a human adviser, banks reassure customers that technology serves as an enabler rather than a replacement. This approach operationalises the concept of calibrated trust, wherein reliance on automation is appropriately matched to the stakes of the task (Hoff & Bashir, 2015).
4.4 How Does Automation Affect Customer Trust in Banks?
The relationship between automation and customer trust is complex and mediated by multiple factors. The literature converges on five trust-shaping dimensions: transparency, perceived security and privacy, human touch, service quality, and fairness.
Transparency and explainability are consistently identified as the most critical drivers of trust in automated banking. When customers understand, even at a fundamental level, how an AI system reaches a decision or recommendation, their willingness to rely on it increases substantially (Arrieta et al., 2020). Floridi et al. (2018) argue that explainability is a prerequisite for an ethically sound AI society, particularly in high-stakes domains such as credit and investment. Banks that provide plain-language explanations of automated decisions can reduce the anxiety associated with the “black box” problem, thereby preserving trust. Importantly, transparency is not a one-time communication but an ongoing process. Customers need consistent updates about how their data is used and how automated systems evolve over time. Studies show that even minor changes to an algorithm, if unexplained, can trigger suspicion and erode the trust that earlier transparency efforts had built (Shin, 2021). Therefore, banks must establish regular channels of communication to keep customers informed about the functioning and updates of automated tools.
Perceived security and privacy exert a powerful influence on customer attitudes. Martin et al. (2017) demonstrate that perceptions of data privacy directly affect customer loyalty and willingness to share personal information. In the banking context, a single high-profile data breach or unclear data-use policy can rapidly undermine trust built over many years. Farah et al. (2018) confirm that perceived security is among the strongest predictors of mobile banking adoption. Visible security indicators, transparent privacy policies and demonstrable compliance with regulations such as GDPR are therefore essential components of a trust-preserving automation strategy.
Human touch and relational continuity remain vital. Although many customers appreciate the speed and convenience of automation, they still desire access to human assistance for complex or emotionally charged situations. Larivière et al. (2017) find that the optimal service encounter blends technological efficiency with human empathy, and that the absence of a human fallback can lead to frustration and disengagement. Wirtz et al. (2018) similarly conclude that service robots and AI are most accepted when they support, rather than supplant, human frontline employees. Interestingly, the literature suggests that the type of human interaction matters more than its frequency. A brief but empathetic conversation with a knowledgeable adviser can do more to restore trust after an automation failure than a lengthy but scripted interaction. Banks should therefore prioritise quality over quantity when designing human touchpoints.
Service quality functions as a trust amplifier. When automated services perform reliably, with minimal errors and effective failure recovery, trust is reinforced. Conversely, system failures, such as incorrect transaction categorisations or chatbot misunderstandings, can damage trust rapidly. Weun et al. (2015) highlight that effective service recovery is critical, and that a prompt human intervention following an automation failure can restore confidence more effectively than an automated apology.
Fairness and algorithmic bias are emerging concerns. As algorithmic decision-making becomes embedded in credit scoring, insurance underwriting and personalised pricing, customers increasingly question whether these systems treat them equitably. Mehrabi et al. (2021) provide a comprehensive survey of bias in machine learning and underscore the reputational risks for organisations that fail to audit their models. Banks that proactively audit algorithms for bias and communicate their fairness efforts are better positioned to sustain long-term trust.
4.5 Synthesising the Balance
Taken together, the findings from the three research questions convey a clear message: automation delivers tangible improvements in banking efficiency, consistency and accessibility, but these benefits translate into sustainable competitive advantage only when accompanied by deliberate trust-building mechanisms. The hybrid human–automation model, transparency in algorithmic processes, robust privacy protection and algorithmic fairness audits emerge as practical strategies. In alignment with Alalwan et al. (2017), trust functions as an extension of the Technology Acceptance Model in the banking context, where perceived usefulness and ease of use are necessary but insufficient without confidence in the institution’s integrity. The central insight from the literature is that trust is not an obstacle to digital transformation; rather, it is a design requirement. Banks that embed trust into the architecture of their automated services are the ones that successfully balance efficiency with enduring customer relationships. A cross-cutting theme that emerged from this synthesis is the idea of reciprocity. Customers appear willing to accept greater automation if they perceive that the benefits, such as lower fees, faster service or more personalised products, are shared with them. When automation is perceived solely as a cost-cutting measure that benefits the bank, trust erodes. Effective communication about mutual gains is therefore as important as the technology itself.



CHAPTER 5: RECOMMENDATIONS, CONCLUSION AND LIMITATIONS
5.1 Recommendations for Practice
Based on the synthesised evidence, the following seven recommendations are proposed for banks seeking to balance automation with customer trust.
Implement hybrid service models: Automated channels should be designed with a clear and seamless escalation path to a human agent, particularly for high-stakes or emotionally sensitive interactions. This preserves the relational element of trust and mitigates the risk of customer alienation.
Prioritise transparency and explainability: Banks should invest in explainable AI (XAI) interfaces that provide customers with plain-language explanations of automated decisions, especially in areas such as credit, insurance and investment. Customers are more likely to trust systems they can understand. This requires not only technical investment in XAI tools, but also training for customer-facing staff so they can interpret and communicate algorithmic outputs effectively. Without this human intermediary, even the best explainability interfaces may fail to reassure customers who lack technical literacy.
Strengthen privacy and security communication: Banks should proactively communicate their data protection measures, encryption standards and regulatory compliance. Visible trust signals, such as security certifications and clear consent mechanisms, help to reduce perceived risk. Such communication should be ongoing rather than a one-off consent form at account opening. Regular privacy reminders, transparent breach notifications and user-friendly data dashboards can reinforce the perception that the bank treats data protection as a continuous commitment.
Conduct routine algorithmic fairness audits: Independent fairness reviews should be established for all customer-facing algorithms, and the steps taken to address identified biases should be communicated publicly. This builds institutional credibility.
Maintain human presence in complex advisory services: In areas such as mortgage advice, wealth management and debt counselling, automation should play a supportive rather than a leading role. A “high-tech, high-touch” strategy acknowledges the current limitations of AI in handling nuanced, empathetic conversations.
Invest in digital literacy and inclusive design: Banks should provide simplified interfaces, guided onboarding and continued availability of non-digital channels to ensure that vulnerable or less digitally confident customers are not excluded during the transition to automated services.
Monitor trust as a strategic key performance indicator: Specific trust metrics, such as customer confidence scores, willingness to share data and satisfaction with service recovery, should be developed and tracked alongside operational KPIs to enable proactive trust management.
5.2 Recommendations for Future Research
This study identifies several promising directions for future investigation. Longitudinal studies are needed to track how customer trust evolves with repeated exposure to automated banking services over time. Comparative cross-cultural research would illuminate whether trust-building strategies require adaptation across different regulatory environments and societal norms. Experimental designs could isolate the causal impact of specific trust-enhancing features, such as explainability dashboards or hybrid escalation models, on customer behaviour. Finally, as generative AI becomes increasingly embedded in financial services, its distinct trust implications, particularly around authenticity, misinformation and emotional manipulation, warrant dedicated scholarly attention.
5.3 Limitations of the Research
This study is subject to several limitations. First, the reliance on secondary data means that the research is limited by the scope and quality of existing publications; valuable insights from unpublished organisational practices may be absent. Second, the inclusion of only English-language sources introduces potential language bias. Third, the rapid pace of technological change means that some findings may become dated relatively quickly; the review captures the state of knowledge up to late 2025. Fourth, the focus on retail and commercial banking limits the generalisability of the findings to wholesale and investment banking contexts. Finally, the recommendations are derived from secondary synthesis rather than primary empirical data, and their applicability should be validated within specific organisational settings.
5.4 Conclusion
This dissertation set out to investigate how banks can balance automation adoption with maintaining customer trust during digital transformation. Through a qualitative analysis of secondary data drawn from academic literature, industry reports and regulatory publications, it found that automation substantially improves banking services by enhancing efficiency, consistency and accessibility. Banks are adopting automation across front-end, decision-support and back-office functions, and the most successful strategies employ hybrid models that deliberately combine technology with human oversight. The effect of automation on customer trust is mediated by transparency, security and privacy, the availability of human contact, service quality, and fairness. When these factors are actively managed, automation can coexist with, and even strengthen, customer confidence. The central insight is that trust is not a barrier to digital transformation but a design requirement. Banks that calibrate automation to task criticality, embed explainability, protect data privacy and preserve meaningful human connection will be best positioned to realise the full benefits of automation without eroding the foundational trust that underpins their customer relationships.
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