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Introduction 
Background and context
AI is reshaping the governance of English public universities through its use in teaching, research, student services, and administrative decision-making. Generative systems can support learning and productivity, but they can also inform decision-making applications that may influence resource allocation at HEIs and learners' opportunities. These developments create interdependent ethical risks related to privacy, fairness, accessibility, academic integrity, transparency, and accountability. The central strategic challenge is not whether universities publish responsible AI principles, but whether they operationalise them (Wilson, 2025). Recent UK evidence shows variation in the maturity and scope of HEIs' guidance, while broader reviews identify persistent weaknesses in practical AI governance across organisational levels (Batool et al., 2025; Jiang and Abdullah, 2026; Wilson, 2025). 
AI implementation is decentralised, with academic departments, research groups, and professional services procuring or adopting tools under different conditions. This fragmentation complicates identifying accountable owners, assessing third-party suppliers, and coordinating responses to harm. HEIs differ in financial resources, digital capability, and specialist expertise, which can make identical governance requirements uneven in practice. Therefore, a credible SGM integrates consistent ethical safeguards with balanced academic autonomy and institutional diversity. Assess it through observable governance decisions and outcomes, not just the presence of policy statements. 
Purpose and Rationale 
This academic study aims to determine whether a coherent governance architecture can link university-level ethical commitments to accountable decisions on AI selection, procurement, deployment, monitoring, and withdrawal. The proposed contribution is not another general statement of ethical principles. It is a practically testable configuration of decision rights, safeguards, participation mechanisms and assurance indicators that can accommodate various HEIs' missions and resource constraints. 
The research problem consists of six connected issues: unclear accountability for AI approval and harm; inconsistent policies across HEIs' functions; difficulty translating ethical principles into enforceable controls; unequal HEI capacity; limited stakeholder influence and accessible appeal mechanisms; and uncertainty about indicators of governance effectiveness. These problems reinforce one another. Moreover, HEIs may require transparency yet lack an AI register, named system owners or records explaining approval decisions. Formal consultation may also not allow affected students or academic staff to influence procurement, challenge automated recommendations, or secure appropriate alternatives. Therefore, this academic work examines governance as an institutional system of authority, participation, assurance and learning. 
Wilson (2025) provides an especially relevant English and wider UK policy context. His analysis of HEI guidance identified differences in policy maturity and resource availability and calls for continued policy development and responsiveness to students. Notably, a website-based policy comparison cannot show whether approvals occur as described, whether policymakers have sufficient expertise or whether complaints receive remedies. The gap is not that HEIs need policies, but that the relationships between policy, implementation capability, and observable ethical outcomes are unclear. The project moves from describing policy variation to explaining the organisational mechanisms that may account for it. 
Scope and delimitations
The geographical focus is publicly funded universities in England, rather than the UK as an undifferentiated regulatory jurisdiction. The substantive focus covers generative and predictive AI applications in teaching, research and administration. The study will examine organisational governance, not the technical development of foundation models. The study will evaluate individual AI model accuracy only where it relates to governance controls and where lawful access to evidence is granted. 
2. Research Aim, Objectives and Questions 
2.1 Research Aim
To develop and evaluate a context-sensitive SGM for the ethical implementation of AI in English public universities, incorporating accountable decision-making, operational safeguards, meaningful participation and ongoing institutional assurance. 
2. 2 Research Objectives 
· To examine how institutional governance structures, resources and organisational context influence AI implementation and oversight.
· To determine appropriate decision rights, risk controls, review cycles and escalation arrangements across HEIs' functions. 
· To assess how students, academic staff, professional services and affected groups can influence AI decisions and challenge outcomes. 
· To design an adaptive SGM balancing shared ethical requirements with institutional diversity and academic autonomy. 
· To establish feasible indicators and a pilot-evaluation strategy for accountability, transparency, equity and responsible AI use over time. 
2.3 Main Research Question 
How can a SGM be developed and validated to support ethical AI implementation in English public universities? 
2.4 Research Questions
· RQ1. How do existing governance arrangements and HEIs’ resources shape AI adoption in English public universities?
· RQ2. Which decision rights, risk controls and review processes should SGM include across teaching, research and academic administration?
· RQ3. How should students, academics, professional staff and affected groups participate in AI decisions and contest outcomes? 
· RQ4. How can common ethical standards accommodate HEIs’ diversity and academic autonomy? 
· RQ5. To what extent does a pilot SGM improve accountability, transparency, equity and responsible use over time? 
3. Critical Literature Review
3.1 HEIs Policy Variation 
3.2 Stakeholder Legitimacy and Participation 
3.3 Translating principles into Operational Controls 



Gaps in the literature
1. Limited England-specific evidence: The selected studies do not validate a strategic AI governance model specifically for English public universities.
2. Limited implementation research: Most studies examine written policies or stakeholder perceptions rather than how governance operates in practice.
3. Limited evidence of effectiveness: Few studies establish whether governance arrangements improve accountability, transparency or ethical outcomes.
4. Limited stakeholder participation research: There is insufficient evidence on how student and staff involvement influences AI governance decisions.
5. Incomplete institutional coverage: Research concentrates on teaching and assessment, with less attention to research, procurement and administration.
6. Limited longitudinal research: The selected literature provides little evidence about governance effectiveness over time.
Problems (unresolved issues)
1. Unclear accountability: Who should approve AI systems, monitor their use and take responsibility when harm occurs?
2. Inconsistent policies: How can universities establish common ethical standards while allowing disciplinary flexibility and academic autonomy?
3. Difficulty translating ethics into practice: How can principles such as fairness, transparency and privacy become enforceable controls?
4. Unequal institutional capacity: How can universities with different resources implement effective AI governance?
5. Equity and participation challenges: How can governance ensure fair access, meaningful stakeholder involvement and accessible appeal mechanisms?
6. Uncertain evaluation methods: What indicators can reliably demonstrate that AI governance reduces harm and supports responsible use?
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	Authors
	Year
	Aim
	Objectives
	Research question
	Method
	Findings
	Harvard reference

	1. Wilson, T.
	2025
	Examine UK GenAI policy development.
	Compare Russell Group principles and other university guidance.
	How consistently do UK University policies reflect GenAI principles? 
	Public website analysis of 24 Russell Group and 24 other UK universities.
	Guidance varies; some less-resourced institutions provide limited public information.
	Wilson, T. (2025). ‘The development of policies on generative artificial intelligence in UK universities. IFLA Journal, 51(3), pp. 722–734. DOI: 10.1177/03400352251333796.


	2. Orfanidis, C.
	2025
	Compare ethical framing of student GenAI policies.
	Identify moral justification and faculty authority.
	Do national patterns exist in the moral foundations of university policies? 
	Inductive thematic analysis of 36 policy sources: 12 each from Canada, the UK and the USA.
	Policies differ in moral justification and faculty authority.
	Orfanidis, C.  (2025). ‘Moral Diversity in Institutional Policies Governing the Student Usage of Generative AI: An International Comparison’. Higher Education Quarterly, 79(4), e70051. DOI: 10.1111/hequ.70051.


	3.  An, Y., Yu, J. and James, S.
	2025
	Examine stakeholder-specific GenAI guidance.
	Analyse themes, sentiment and role coverage.
	What themes and stakeholder differences characterise university GenAI guidance? 
	Top 50 US universities; topic modelling, sentiment and thematic analysis.
	Faculty guidance is widespread; research and administrative guidance is less developed.
	An, Y., Yu, J., & James, S. (2025). ‘Investigating the higher education institutions’ guidelines and policies regarding the use of generative AI in teaching, learning, research, and administration.' International Journal of Educational Technology in Higher Education, 22, article 10. DOI: 10.1186/s41239-025-00507-3.


	4.  McDonald, N., Johri, A., Ali, A. and Hingle Collier, A.
	2025
	Map institutional advice on GenAI.
	Examine guidance and evidential foundations.
	What advice do research universities provide about GenAI? 
	Document analysis of guidance from 116 US R1 universities.
	Authors identify an absence of research-backed evidence supporting analysed guidance.
	McDonald, N., Johri, A., Ali, A., and Hingle Collier, A. (2025). 'Generative artificial intelligence in higher education: Evidence from an analysis of institutional policies and guidelines’. Computers in Human Behaviour: Artificial Humans, 3, article 100121. DOI: 10.1186/s41239-025-00507-3.


	5.  Barus, O., Hidayanto, A., Handri, E., Sensuse, D. and Yaiprasert, C.
	2025
	Understand student governance views.
	Explore integration, ethics, misuse and sanctions.
	How do students perceive responsible GenAI integration? 
	Explanatory sequential mixed methods: 111 Indonesian undergraduates surveyed; 53 interviewed.
	Students support integration but request clear rules and ethics training; they also favour misuse detection.
	Barus, O., Hidayanto, A., Handri, E., Sensuse, D., & Yaiprasert, C. (2025). ‘Shaping generative AI governance in higher education: Insights from student perception.’ International Journal of Educational Research Open, 8, article 100452. DOI: 10.1016/j.iedro.2025.100452.


	6.  O’Dea, X., Bale, R., Chiu, Y., Suleymenova, K., Tinker, A. and Stoker, R.
	2025
	Understand ethical and equitable assessment use.
	Explore perceptions and social-ecological influences.
	How do students understand ethical assessment use, and how do social-ecological domains influence it? 
	Focus groups with 80 participants across four UK institutions; qualitative analysis.
	Students want learning support but are uncertain about ethical boundaries and seek practical guidance.
	O’Dea, X., Bale, R., Chiu, Y., Suleymenova, K., and Tinker, S. (2025). ‘Ethical Uses of Generative AI in Assessment: Student Perceptions in UK Contexts.' Evaluation Review, Advance online publication. DOI: 10.1177/0193841X2513997.


	7. Chauhan, M., Whale, J. and Rahimi, R.
	2026
	Explore academics’ views of responsible adoption.
	Examine identity, ethics, pedagogy and governance.
	How do academics perceive AI’s implications and required governance? 
	Semi-structured interviews with 12 UK academics; six-phase thematic analysis.
	Participants describe unclear guidance, inconsistent practice and concerns about integrity, trust and identity.
	Chauhan, M., Whale, J., & Rahimi, R. (2025). ‘From chalkboards to chatbots: navigating AI adoption, ethics, identity, and governance in UK higher education.' Strategy & Leadership, Advance online publication, pp. 1–22. DOI: 10.1108/SL-09-2025-0.


	8.  Evangelista, E. and Bukhari, S.
	2026
	Translate ethics into auditable controls.
	Test gates and fairness mitigation for dropout prediction.
	Can executable policies enforce trustworthy AI requirements? 
	Technical validation of 16 model configurations across five policy tiers.
	No configuration passed the gates; fairness and calibration trade-offs constrained deployment.
	Evangelista, E., & Bukhari, S. (2026). ‘From ethical principles to executable governance: A policy-as-code framework for trustworthy AI in higher education.' Computers and Education: Artificial Intelligence, 10, article 100594. DOI: 10.1016/j.caeai.2026.100594.


	9.  Nguyen, H.
	2026
	Convert use-case evidence into governance.
	Specify traceable decisions, safeguards, roles and review.
	How can teams translate AI-use scenarios into governance packages? 
	HE-AIPD method development; content-validity walkthrough with 20 experts.
	The average expert content validity was 0.882. Outputs link use cases to rules, roles, and tools.
	Nguyen, H. (2026). ‘Operationalising AI governance in higher education: A stepwise policy-development method '. MethodsX, 17, article 104063. DOI: 10.1016/j.mex.2026.104063.


	10. Madlenak, R., Madlenakova, L., Cvacho, V., & Gachulinec, D. 
	2026
	Organise AI ethics around student activities.
	Connect activities, affordances, risks, controls and outcomes.
	How can the structure of student activities inform institutional AI ethics analysis? 
	Narrative review of English-language Web of Science literature from 2022–2025.
	Proposes four domains: learning, research, career development and campus life.
	Madlenak, R., Madlenakova, L., Cvacho, V., & Gachulinec, D. (2026). ‘Ethical Challenges of Artificial Intelligence in Higher Education: A Four-Pillar Student-Activity Framework for Institutional Governance.’ Education Sciences, 16(4), article 555. DOI: 10.3390/educsci16040555. 










Proposed Governance Model and Research Design 
	Governance component
	Proposed responsibility
	Proposed activity

	Strategic oversight
	Governing body sponsor and AI committee
	Approve objectives, risk appetite, resources and annual assurance.

	Decision ownership
	Named system owner and academic review
	Record purpose, authority, accountable owner and appeal routes.

	Risk and approval
	Cross-functional review
	Assess privacy, bias, accessibility, learning impact and supplier assurances.

	Participation and capability
	Student and staff representatives
	Co-design guidance, training and accessible alternatives.

	Operational assurance
	System owners with data and IT specialists
	Maintain an AI register, approval evidence, an audit trail, and incident reporting.

	Evaluation and revision
	Independent review with committee oversight
	Review outcomes, complaints and exceptions; revise or withdraw systems.







Literature gap and supporting evidence 
	Gap
	Evidence in the selected literature
	Unresolved issue
	Question
	Evidence to collect

	England-specific validation
	UK studies analyse policies or experiences; other studies use overseas settings.
	No whole-university model in this selected corpus is validated specifically for English public universities.
	RQ1 and RQ4
	Compare 6–8 English universities across mission, size and resources.

	Implementation and accountability
	Policy analyses describe guidance; Some studies show differing faculty authority.
	Which decision rights, escalation routes and resources make policy work remains unresolved.
	RQ1 and RQ2
	Triangulate policies, interviews, minutes and approval records.

	Operational ethical controls
	Some studies test executable gates; Other studies validate the method with experts.
	Technical and content validation do not establish sustained organisational effectiveness.
	RQ2 and RQ5
	Pilot controls; track audit completeness, exceptions and corrective actions.

	Participation and equity
	Student evidence requests guidance; Staff evidence identifies inconsistency.
	Limited evidence on participation changing decisions or distributing benefits fairly.
	RQ3 and RQ5
	Include affected groups; examine accessibility, access costs and appeals.

	Whole-university coverage
	Some studies identify weak research and administrative guidance; Other studies broaden student activities.
	An integrated model for teaching, research, procurement and administration needs testing.
	RQ2 and RQ4
	Sample GenAI and predictive AI; assess suppliers, data handling and oversight.

	Longitudinal outcomes
	Some studies focus on policies or perceptions; Others offer technical, methodological, or conceptual contributions.
	Longitudinal and causal outcome evidence is limited in this selection.
	RQ5
	Collect baseline and 6–12-month follow-up evidence with comparison cases.
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Table 2. Key aspects of generative Al governance in higher education.

Aspects

Details

Policy Development

Ethical Considerations

Accountability

Implementation Strategies

Stakeholder Roles

Curriculum Redesign

Personalized Learning

Digital Divide

Ethical Frameworks

Coordinated approach, clear guidelines, ethical use
(Mahon, 2024; Song, 2024).

Privacy, bias, academic integrity, plagiarism detection
(Song, 2024; Williams, 2023).

‘Transparency, human oversight, clear

2024; Siroya etal.,

communication (Dabis & Csaki,
2024).

Cross-institutional strategies, critical digital literacy
(Beckingham et al,, 2024; Walczak & Cellary, 2023).

Hierarchical framework, cooperation, support, ethical
024a; Shailendra et al, 2024).

use (Yang et

Systematic approach, evaluation metrics (Shailendra
etal, 2024).

Custom resources, administrative automation,
addressing challenges (Walczak & Cellary, 2023;
Gupta, 2024).

Equitable access, addressing disparities (Téllez et al.,
2024).

Alliteracy, human-centered tools, academic integrity
(Qadhi et al., 2024).
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