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Abstract
Purpose: The study aimed to investigate how AI-based customer service tools influenced customer satisfaction in UK fashion e-commerce retailers. It examined customer experience of chatbots and virtual assistants, recommendation systems and AI size or fit recommendations, and examined whether the tools enhanced the usefulness of the service, ease, responsiveness, trust, empathy and overall satisfaction.
Method: The primary quantitative methodology was followed by positivism research philosophy and deductive research approach. The use of an online questionnaire obtained primary data based on 120 respondents who had used AI-based customer service tools in English e-commerce in the fashion industry in the UK. SPSS was used to analyse the responses based on demographic analysis, descriptive statistics, reliability testing, validity testing, correlation and regression analysis.
Findings: The results revealed that AI-based customer service technologies affected customer satisfaction as a whole in a positive way when they were practical in their assistance, easy to navigate, fast and responsive, and trustworthy in their data and provided some assurance. The most identified tool was chatbots, next is virtual assistant, and lastly suggestions of AI size or fit. The most significant factor of satisfaction was perceived usefulness as customers appreciated AI in terms of product search, sizing, delivery and returns. Satisfaction was also enhanced by ease of use, and lack of waiting and effort. Reliable and compassionate attitudes were significant, yet AI was found to be less effective in managing intricate emotional issues.
Recommendations: The research suggested that the UK fashion e-commerce retailers need to enhance AI technologies by making them more helpful, precise, easy, responsive and open. Retailers are advised to feed AI systems with trusted product and sizing, delivery and returns data. Routine queries should be assisted by AI, but human intervention is necessary in complaints, refunds, orders and sensitive customer issues that need to be judged.
Keywords: Artificial Intelligence, AI-based customer service, customer satisfaction, UK fashion e-commerce, chatbots, virtual assistants, AI recommendations, perceived usefulness, ease of use, responsiveness.
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[bookmark: _88xhzqug1qnp][bookmark: _Toc231283823]Chapter 1: Introduction 
[bookmark: _5v5btv1myt61][bookmark: _Toc231283824]1.1 Research Background
AI is now one of the most significant service interfaces in fashion e-commerce since online customers are increasingly demanding quick, personalised, and convenient service over slow human service. Zeng et al. (2023) claim that when used in the fashion industry, chatbots transform the interaction between the brand and the customer and the level of personalisation in customer experience. They, however, caution that the technology of chatbots is still in its infancy and that there is a disparity between potential use and reality in retail. Landim et al. (2022) consider chatbots as a novel approach that can be used to provide individual assistance in fashion e-commerce. Nevertheless, they provide a more design-oriented warning by emphasising that the ability of chatbots to work can be reduced due to the complexity of human language. It implies that only technically capable and customer-centred AI service tools are helpful.
Kang and Choi (2024) further this debate by demonstrating that instant responding, navigation, advice, customer experience, brand loyalty and purchase loyalty are supported with AI-based customer services in the fashion industry. The results also indicate that there is scant academic evidence concerning the outcomes of behaviour. Hassan et al. (2025) expand the argument that the application of AI at personalisation enhances trust, satisfaction and loyalty in e-commerce, by showing that AI-driven personalisation can enhance e-commerce. Thus, the research background indicates that use of AI customer service can increase the level of satisfaction, although the effect of this practice is contingent on the trust, empathy, usefulness and quality of services.
[bookmark: _pyr2rtlefhku][bookmark: _Toc231283825]1.2 Research Rationale
UK fashion e-commerce is in the process of moving customer service towards being supported by humans alone or AI chatbots, virtual assistants and recommendation systems. It poses a problem as it has impacted the level of satisfaction as it does not depend on the quality of products or speed of delivery alone, but the sense of responsiveness, utility and reliability in the automated service. Manzo et al. (2025) discuss that fashion chatbots have a chance to personalise assistance, whereas Ai-Shafei et al. (2026) warn that the capacity is still exceeded by the implementation. Ozuem et al. (2025) include the fact that instant response and empathy affect experience. Thus, weakly automated markets cannot and may harm satisfaction instead of enhancing it in competitive fashion markets today, in general. 
The reason it is a problem is due to online retailing of fashion, which is high-volume, price-sensitive and is comparison-driven. The online retail of UK surpassed 125 billion in 2024 and online sales increased particularly among clothing retailers as wet weather caused a decrease in store traffic (Mintel, 2025). It implies that online service experiences now have a commercial push that used to be undertaken in the store. Hassan et al. 2025 demonstrated that trust has a remarkable effect on satisfaction and loyalty, and personalisation has an enhanced explanatory power by 5%. Thus, inconvenience can be turned into customer dissatisfaction with poor responses of the AI, privacy concerns or lack of empathy relatively easily overall: baskets will be dropped, and loyalty will be diminished. 
This matter is significant today as the use of AI in UK retail is gaining momentum, whereas consumers continue to evaluate the service on an emotional and pragmatic level. The market of AI-in-retail in the UK was estimated at USD 310.71 million in 2023 and is set to grow to USD 3.55 billion by 2032, indicating a high rate of investment (Credence Research, 2025). For example, M&S has recorded 450,000 users who have gone through the completion of an AI-style quiz, which shows that even regular fashion customers are exposed to AI-driven personalisation (Halliday, 2024). However, Rahaman et al. (2023) emphasise that experience is informed by empathy and automated responsiveness. Thus, retailers should not view AI as a cost-saving tool, as it has a direct impact on trust and satisfaction level with significant consequences. 
The research sheds light on how AI-based customer service tools shape customer satisfaction in UK fashion e-commerce by examining the customer-side experience rather than only the retailer’s technology adoption. It assists in understanding whether chatbots, virtual assistants and customised suggestions are actually making people more satisfied by making the process faster, convenient and offering helpful advice or if they cause frustration due to the lack of empathy, the inability to effectively solve any problem or the issues of privacy. This emphasis is significant since fashion customers usually require prompt assistance in areas like sizing, refunds, delivery and product selection. The research can consequently inform retailers to strike a balance between automation and human services and enhance the quality of digital services.
[bookmark: _tzccy6ech0cl][bookmark: _Toc231283826]1.3 Research Aim and Objectives
Aim
The study aims to examine how AI-based customer service applications influence customer satisfaction in the fashion online stores in the UK.
Objectives
· To explore the application of AI-based customer service solutions among UK fashion e-commerce retailers
· To examine how customer service tools that are based on AI influence customer satisfaction in fashion e-commerce retailing in the UK
· To identify the issues associated with the use of AI-based customer service tools in online retailers of the UK fashion market
· To offer suggestions to increase the performance of AI-based customer service tools to increase customer satisfaction among UK fashion e-commerce retailers
[bookmark: _dejecm2apx5i][bookmark: _Toc231283827]1.4 Research Questions
· What is the use of AI-based customer service tools among e-commerce retailers of fashion in UK?
· What is the effect of using AI-based customer service tools on the customer satisfaction of UK fashion e-commerce retailers?
· What are the problems associated with implementation of AI-based customer service tools in UK fashion e-commerce retailers?
· What recommendations can improve AI-based customer service tools and customer satisfaction in UK fashion e-commerce retailers?
[bookmark: _cih7vhwuixtc][bookmark: _Toc231283828]1.5 Research Significance
The practical importance of AI-based customer service lies in the fact that the competition of fashion e-commerce is currently turning into a service-driven channel, rather than a product-driven channel. According to the report prepared by Gov.uk (2026), 77% of UK retail businesses apply AI in e-commerce in the form of chatbots, demonstrating that automation is no longer a matter of experiments. Nevertheless, the satisfaction rates with high adoption do not necessarily imply the high customer satisfaction of the fashion customer that requires a guarantee of fit, style, delivery, returns, and complaints. The research of 423 online shoppers conducted by Kang and Choi (2024) indicates that positive experience is formed by using instant response and real-time information, as well as by empathy and automated responsiveness, which is valued by 33.4% of online shoppers. It implies that AI can shorten the waiting time and lead to loyalty or reveal poor service delivery when reactions seem to be robotic. 
It is more urgent as the AI personalisation has become a determinant of trust, satisfaction and loyalty. Abdullah (2025) indicates that personalised recommendations enhance the relationship among trust, satisfaction and loyalty in AI-based e-commerce. It implies that customer satisfaction will not be based on the speed of the automation process only, but also on whether AI replies are relevant, clear and helpful. It implies that the quality of the recommendations can make significant changes to the customer relationships, even in the case of minor improvements. Graham et al. (2025) state that chatbot technology is in the initial phase of implementation, and as such, retailers will be taking a risk to invest in technology without knowing its effects on customers. Hence, the study is significant as it determines the effectiveness of AI in enhancing or causing dissatisfaction in the e-commerce of fashion in UK.
[bookmark: _em40uwekrkg2][bookmark: _Toc231283829]1.6 Identification of literature gap(s) within the research topic
Current literature describes that AI chatbots, virtual assistants and personalised suggestions can enhance speed, convenience, trust and customer experience in online shopping. Nevertheless, the vast majority of literature addresses AI in relation to online stores, high-end fashion or general e-commerce, instead of those related to UK fashion e-commerce. The gap is significant as fashion shoppers usually need the service support of sizing, product suitability, returns and delivery, which can necessitate empathy, problem-solving, instead of an automated response. 
[bookmark: _78z8226jvmmh][bookmark: _Toc231283830]1.7 Research Structure
· Introduction: The introduction section of the research has identified the background of AI-based customer service tools in e-commerce of fashion in the UK, the purpose of the research, research objectives and goals, research questions and research value. It provides a foundation for the significance of researching customer satisfaction regarding chatbots, virtual assistants and personalised recommendations.
· Literature Review: The literature review will critically review existing academic studies on AI-based customer service tools, customer satisfaction, e-commerce in fashion, service quality, trust, empathy, responsiveness and personalisation. It will discuss the related theoretical frameworks to describe the way customers will accept and judge AI-enabled service experiences.
· Research Methodology: Research philosophy, research approach, research design, sampling strategy, questionnaire design, method of data collection, data analysis technique and ethical considerations will be discussed. It will support employing the primary quantitative survey and SPSS analysis.
· Findings and Analysis: The results and analysis chapter will show the results of the survey in the form of descriptive statistics, correlation and regression analysis to answer the research questions. The discussion chapter will put the findings into perspective concerning literature, theory, objectives and research questions.
· Conclusion and Recommendations: The key findings will be summarised, practical recommendations will be provided, limitations will be explained and future direction of research will be suggested.


[bookmark: _Toc231283831]Chapter 2: Literature Review
[bookmark: _520f28sd0wa][bookmark: _Toc231283832]2.1 Introduction
The chapter is a critical review of the literature connected to the AI-based customer service tools and customer satisfaction in the context of e-commerce in UK fashion. It clarifies major concepts, the situation in UK fashion e-commerce, and how AI tools are used, influencing customer satisfaction, and the problems they encounter. The chapter explains appropriate theoretical frameworks used in supporting research objectives, such as TAM and SERVQUAL. It determines the gap in the literature, displays the conceptual framework and sums up the key arguments that have led to the methodology chapter.
[bookmark: _p1rf3wab7awr][bookmark: _Toc231283833]2.2 Conceptual Understanding of AI-Based Customer Service Tools
AI-driven customer service software plays a significant role in the transformation of online support to an automated, 24/7 customer service interface. According to Nicolescu and Tudorache (2022), virtual agents are computer-generated representatives which engage in communication with customers via AI. In contrast, Adam et al. (2021) underline their position that self-service technologies reconcile efficiency and the quality of services. It implies that chatbots and virtual assistants will not be only communication features but will alter the method of customer service, where employees are initiators of service interactions, and technology takes over service interactions. Therefore, they can process product, delivery and returns requests in e-commerce in the fashion industry, although they need to maintain quality in the service.
Customer satisfaction is aided by AI tools where less effort is made and value can be created personally. Hollebeek et al. (2024) contend that usefulness, convenience and personalisation create AI value, whereas Oyeniyi et al. (2024) demonstrate that AI-based personalisation fits services to the needs of the customers and helps to achieve satisfaction and loyalty. This analogy implies that the most effective AI recommendation systems are those that produce an appropriate support out of customer data in the form of automated FAQs and fit advice systems. Therefore, fashion retailers need to consider AI personalisation as value co-creation, rather than as automated selling or generic product recommendation.
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[bookmark: _Toc230520624][bookmark: _Toc231283091]Figure 1: AI Interaction Engine Workflow 
(Source: Gopinathan et al. 2024)
Customer service tools based on AI work on data processing, knowledge retrieval and response generation. According to Gopinathan (2024), an interaction engine based on AI takes queries, uses NLP, searches knowledge bases, creates responses by bots or humans, and learns, as depicted in Figure 1. Similarly, Andrade and Tumelero (2022) demonstrate that chatbot maturity enhances agility, availability, accessibility and service resolution. Nonetheless, it is not completely mechanistic, and sophisticated or emotive questions might need human upgrading. Therefore, AI customer service can be thought of as a digital workflow, which is assisted, but not substituted by, human judgment using automation.
[bookmark: _mkrkowgicdu][bookmark: _Toc231283834]2.3 Overview of UK Fashion E-commerce
UK fashion e-commerce is now a significant component of the retail sector since customers now compare prices, styles and delivery methods online before making a decision to purchase. In 2024, UK online retail market increased by over 3% and to over £125 billion, indicating that online shopping has ceased to be a transient post-pandemic trend and has become an established retail channel (Mintel, 2025). Nevertheless, the same growth is a burden to fashion retailers since it requires them to provide more fast information digitally, since customers can easily move through the websites, when the customer service is slow and vague.
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[bookmark: _Toc230520625][bookmark: _Toc231283092]Figure 2: UK e-commerce apparel market growth
(Source: Grand View Research, 2026)
The significance of fashion in this online transformation is that clothes buying entails uncertainties regarding size, fit, quality, and returns. Figure 2 indicates that UK e-commerce currency market attained USD 55.2 billion in 2021 and can attain USD 115.4 billion by 2030, which implies that it has a substantial entrepreneurial potential in the long term (Grand View Research, 2026). However, it does not come without growing the complexity of services as online consumers cannot possibly touch garments before purchase, and thus, rely more on online instructions, product details, and prompt customer service.
The industry is also very competitive and volatile. UK online clothing was not doing well in 2024, and footwear was recovering better since August 2024 (Davies, 2025). It shows that the demand in fashion e-commerce is not only among categories and retailers should not count solely on website traffic but they need to enhance customer experience to secure conversion and loyalty.
Customer service is also expected to be effective due to returns. Online returns are approximated at 30% against 8.89% in-store, and returns of fashion products can go up to approximately 40% (Taylor, 2026). It is important since the cost to retailers and frustration to customers of sizing errors, ambiguous information and poor support is high. Thus, UK fashion e-commerce offers a good environment to analyse AI-based customer service, since chatbots, virtual assistants and recommendation systems can decrease uncertainty but can also negatively affect satisfaction when they perform generic, inaccurate or slow service.
The major players in UK fashion e-commerce have been NEXT, ASOS, M&S, Boohoo, Shein, Zara, H&M, New Look and Vinted, but competition is moving with online fashion retailers towards ultra-fast, social and resale. Shein has become the fourth most popular in the UK to buy fashion online since H&M, ASOS, Zara and New Look and is the most popular among young women between the ages of 16 and 24 (Mintel, 2026). In 2024, Hein boosted its sales in UK to over 2bn, surpassing Boohoo and trailing only ASOS (Butler, 2025). It demonstrates that competition has become price-based, time-sensitive, personalised and socially-media-visible.
[bookmark: _wjbax18d33dr][bookmark: _Toc231283835]2.4 Application of AI-Based Customer Service Solutions in Fashion E-Commerce
Customer service AI-based solutions will be used to enhance real-time communication between fashion retailers and customers. According to Zeng et al. (2023), luxury brands like Burberry, Chanel and Louis Vuitton implement chatbots in online stores or social media, where they inform customers about products, offer sales assistance and 24/7 communication. Similarly, Baloska et al. (2022) mention that chatbots assist in instant replies, personalised suggestions, CRM integration, payment processing and inventory control. Therefore, Fashion e-commerce applies AI not only to question answering, but also to the establishment of end-to-end digital connectivity throughout the shopping process.
Artificial intelligence is used as virtual stylists and recommendation systems, which inform fashion product discovery and decision-making. Ranjan and Upadhyay (2025) discovered that chatbots are being used by users to get fashion insights, trend advice, product discovery, order tracking and personalised suggestions. Alharthi (2025) builds upon this, stating that AI systems impact consumer journey by filtering, predicting fits, customer experience and purchase choices. Consequently, the customer service that is based on AI moves beyond being an operational support as it is a decision-support tool capable of minimising advertising uncertainty regarding style, size, and suitability.
Service solutions based on AI are more regularly implemented as part of an e-commerce infrastructure instead of standalone chatbots. According to Thatavarthi (2023), AI chatbots may be adopted into full-stack platforms to support customers in real-time, recommend and order management. Similarly, Mimani et al. (2024) mention the use of AI in the development of e-commerce stores, such as customer experience, search optimisation, product recommendations, inventory management and payment systems. Therefore, the value of AI services hinges on the integration of back-end, since customers evaluate the entire process of the service, rather than the chatbot dialogue that is visible.
The trend in AI use in e-commerce fashion is towards collaboration with humans and consumer-focused studies. Deng et al. (2026) demonstrate that secondhand fashion sites employ AI suggestions, intelligent customer support and human-AI cooperation to enhance the levels of transparency, trust, and intention to use continuously. Zhang and Liu (2026) note that AI-determined chatbots and general AI services emerge as the dominant in recent fashion consumer research, yet consumer-oriented synthesis is not developed. Therefore, the use of AI should be efficient and yet human-friendly, transparent and context-relevant for customer satisfaction.
[bookmark: _s41wbcehysgw][bookmark: _Toc231283836]2.5 Impact of AI-Based Customer Service Solutions on Customer Satisfaction
Customer service AI enhances customer satisfaction through better perceived efficiency and less effort in service. Singh and Singh (2024) discovered that AI-powered customer service had a substantial influence on customer satisfaction, whereas customer satisfaction mediated the relationship between AI-powered customer service and customer loyalty and the model explained 83.7% of the customer satisfaction variance. Arinze (2024) further asserts that AI enhances satisfaction due to prompt responses, reducing repetitive processes and proactive, timely, and personalised assistance. Thus, the satisfaction rises when AI simplifies the service journey and makes it more relevant, in particular in fashion e-commerce, where customers require assistance in fashion, fit and product selection.
Customer service based on AI enhances satisfaction when customers place trust in system efficiency and reliability. Al-Oraini (2025) discovered that the competence perception was strong and significant in influencing chatbot satisfaction, and trust is to be considered as an essential component of the hypothetical model of AI interaction. Zubair et al. (2026) further this argument by demonstrating that AI-based voice recommendation influences customer satisfaction since credibility, expertise and delivery capability influence customer rating of AI recommendation. Therefore, customers will not be satisfied simply because AI is quick, but customers will be satisfied when they think that the AI response is precise, competent and credible.
Personalisation, convenience and ease of use represent some of the ways through which AI-based customer service can affect satisfaction. According to Alqasa (2023), AI-based service quality, AI-based interaction and AI-based customisation have positive correlations with brand image and customer satisfaction, whereas the ease of use enhances the customer response to AI-based services. Similarly, Zungu et al. (2025) discovered that personalisation and convenience were key predictors of customer experience of the AI-based self-service, and time-saving features were significant to service users. Thus, the satisfaction rises when AI simplifies the service journey and makes it more relevant in fashion e-commerce, where customers require assistance in fashion, fit and product selection.
The chatbots empowered by AI enhance satisfaction by enhancing the response speed, accuracy and perceived quality of service. Onohuean and Nyagadza (2026) discovered that AI-driven chatbots had a considerable influence on response time, accuracy and efficiency in information and enhanced satisfaction based on trust and perceived quality of service. Similar findings were made by Rasheed et al. (2025) who observed that e-commerce chatbots enhanced customer satisfaction due to fast, relevant and personalised replies, and increased retention and business operations. Responsiveness should therefore not be narrowed to quick responses. Customers will be pleased when the fast AI support can give accurate responses, relevant advice and reliable solutions to problems as well.
Artificial intelligence customer service affects satisfaction positively but minimally when human judgment is still needed. According to Shaikh et al. (2024), AI is time-saving and more efficient, although human functions cannot be replaced by AI due to the importance of relationships, strategy and personalised services as an essential prerequisite, AI is a technical assistant rather than a complete replacement. Tabaku et al. (2025) saw that a banking virtual assistant had an 80% first-contact solution rate, but the remaining complex and unresolved cases needed a redirection to other channels. Thus, AI enhances satisfaction with regular assistance, yet fashion e-commerce retailers still require human assistance with emotional reviews, complicated refunds and service failures.
[bookmark: _9abe9mibz10m][bookmark: _Toc231283837]2.6 Challenges and Customer Concerns in AI-Based Customer Service in UK Fashion E-commerce 
Privacy and legal risk are huge challenges since AI customer service relies on personal data, browsing behaviour and automated content generation. Israfilzade (2025) claims that generative AI in e-commerce poses risks to the privacy of data, biased results, copyright concerns and potential loss of customer trust. Tambuskar (2025) emphasises that AI systems need to be managed responsibly in relation to customer-related data, ability to comply with GDPRs, transparency and minimisation of bias. Therefore, fashion retailers in the UK should not believe that AI personalisation is a safe endeavour since inappropriate use of customer data can destroy customer satisfaction, trust and brand credibility.
Weak explainability and algorithmic bias may decrease customer trust in AI-based support. According to Nkomo and Mupa (2024), one of the main constraints is presence of black-box AI models, since they reduce the level of transparency and trust in predictive e-commerce analytics. Madanchian (2024) states that AI marketing is a subject of moral concern, particularly algorithmic prejudice, privacy and transparency. It is paramount in e-commerce in fashion as prejudiced suggestions can be misinterpreted in terms of body type, style, gender or cost sensitivity. 
The issues of UI/UX and the lack of consistency in the maturity of AI may occur in the case of platforms that are either over-personalised or lack a clear way of communicating with the audience. Eboseremen et al. (2024) suggest that AI-powered UI/UX creates issues related to privacy, data security, user confidence and favouritism in decisions of algorithms made by AI. Papastamoulou and Antonopoulos (2025) further contribute that AI adoption varies among firms due to organisational capabilities, risk perceived and size of firms. Therefore, UK fashion retailers that are less AI-mature might provide customers with uneven chatbot, recommendation and support services, which are a source of frustration instead of credibility.
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[bookmark: _Toc230520626][bookmark: _Toc231283093]Figure 3: Challenges and Customer Concerns
The lack of human ingenuity, taste, and situational knowledge is an area of concern since fashion-specific AI tools cannot replace human insights. As Zhang and Liu (2024) discovered, Midjourney primarily aids in the initial steps in fashion design and still demands the knowledge and involvement of designers. Siddhu and Mohibi (2024) emphasise an opportunity but challenges of fashion AI in emerging economies in unorganised markets and technology adoption. Hence, AI customer service in the UK fashion e-commerce could be challenged by such subjective problems as styling, fit confidence, sensitivity and sensitivity of complaints and emotional reassurance.
Precise advice, confidentiality issues and oversight of the stakeholders may be a headache when the advice systems minimise customer decision or do not represent broader stakeholder interests. According to Necula and Păvăloaia (2023), the performance of the recommender system can be good or bad based on the precision, and user privacy and trust are hard to control. Raza et al. (2025) note that the e-commerce studies tend to concentrate on consumers and AI recommendation systems without mentioning suppliers, regulators, and indirect stakeholders. Therefore, the fashion e-commerce AI needs to strike a balance between sales conversion and equity, customer autonomy and responsible service design.
[bookmark: _x2r5oztdyvo9][bookmark: _Toc231283838]2.7 Theoretical Framework
Technology Acceptance Model (TAM)
[image: ]
[bookmark: _Toc230520627][bookmark: _Toc231283094]Figure 4: “Technology Acceptance Model (TAM)”
(Source: Park and Park, 2020)
TAM can be used in this research since customer satisfaction with AI-based customer service will be subject to whether customers consider chatbots to be useful and easy to use. Chen et al. (2021) discuss that usability and responsiveness are the parameters by which the adoption of chatbots in e-retailing can be studied since they determine the online customer experience and satisfaction. Rana et al. (2024) utilise TAM by demonstrating that the attitude towards chatbot-assisted online shopping is dependent on the perceived usefulness and ease of use. Therefore, TAM justifies this dissertation by connecting customer satisfaction with perceived usefulness and perception of ease of use in e-commerce on fashion in UK.
Moreover, TAM will be applicable since AI tools will need to promote sustained usage and not a one-time trial. According to Dantsoho et al. (2021), the quality of AI chatbots has an impact on customer satisfaction and intent to keep on using it, which demonstrates that perceptions of the quality of the technologies affect technology acceptance. Wahbi et al. (2023) further note that usefulness, ease of use, responsiveness, personalisation and transparency are contributing factors to chatbot satisfaction. Thus, TAM will assist in explaining the acceptance of AI tools by fashion shoppers due to their ease of use, speed and added value to shopping.
SERVQUAL Model
The application of SERVQUAL is that customer satisfaction with AI-based customer service is based on the perceived quality of the service, and not on technological acceptance. Conversely, Mittameedi et al. (2025) state that the initial version of SERVQUAL is used to assess tangibles, reliability, responsiveness, assurance and empathy, but digital commerce necessitates a more extensive understanding of these aspects. Similarly, Zakaria et al. (2024) use the service quality as an approach to AI chatbots by connecting the notions of reliability, responsiveness, interactivity and usability to customer satisfaction. Therefore, SERVQUAL assists in evaluating the accuracy of AI tools, providing timely and reliable assistance in e-commerce in UK fashion.
Moreover, SERVQUAL is applicable since the fashion customer needs empathy, assurance and human-like reassurance whenever they must handle issues with sizing, delivery, returns and complaints. As Gul et al. (2025) claim, digital SERVQUAL has virtual reliability, digital responsiveness and perceived digital empathy in chatbot communication. Uzan et al. (2025) go a step further by demonstrating that chatbot responses that are personal and empathetic go a long way in improving satisfaction. Therefore, SERVQUAL helps by describing how responsiveness, trust and empathy work to determine satisfaction rate with AI-based customer service tools.
[bookmark: _9zdyirp610i][bookmark: _Toc231283839]2.8 Literature Gap
According to Chen et al. (2021), AI-based chatbots' usability and responsiveness are the determinants of online customer experience and satisfaction in e-retailing, and this aspect suggests that quality of AI services is important in affecting customer satisfaction. Nevertheless, their research fails to directly concern UK fashion e-commerce, in which customers struggle with product uncertainty regarding size, fit, returns and styling. Likewise, Mittameedi et al. (2025) opined that trust, personalisation, autonomy and engagement determine e-commerce customer experience, yet such a general review does not single out AI-based customer service technologies in UK fashion-retailing. Therefore, this research fulfils this gap by integrating TAM and SERVQUAL to discuss effect of perceived usefulness, ease of use, responsiveness, trust and empathy on customer satisfaction in fashion e-commerce in the UK.
[bookmark: _krbcqv3jx7t0][bookmark: _Toc231283840]2.9 Conceptual Framework
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[bookmark: _Toc230520628][bookmark: _Toc231283095]Figure 5: Conceptual Framework
According to Figure 5, the conceptual framework is logically structured, as it connects AI-based customer service tools to four sources of satisfaction, namely, perceived usefulness, ease of use, responsiveness, and trust and empathy. TAM is rightly related to usefulness and ease of use, whereas SERVQUAL is rightly related to responsiveness, trust, and empathy. The framework is aware that issues do not work individually in the sense that technical glitches cause responses to be slow, whereas the risk of privacy issues, algorithmic bias and lack of human empathy respond to trust and empathy. UK fashion e-commerce environment is favourable as a contextual factor since the sizing, returns, delivery and competition influence customer satisfaction. I
[bookmark: _mrnozy4zf3ai][bookmark: _Toc231283841]2.10 Summary
The chapter discussed the impact of AI-based tools of customer service on customer satisfaction within UK fashion e-commerce. The literature demonstrates that chatbots, virtual assistants and recommendation systems have the ability to enhance service by being fast, useful, personalised, responsive and less exhaustive to customers. The usefulness of them, however, is dependent on accuracy, trust, empathy, user-friendliness and user-friendly human support of complex problems. The context in fashion in UK is pertinent as the customers are not certain about the fit, sizing, delivery and returns. The gap identified brings about the methodology chapter.


[bookmark: _yzujy4mv2ds8][bookmark: _Toc231283842]Chapter 3: Methodology
[bookmark: _je9gebaoijml][bookmark: _Toc231283843]3.1 Introduction
The chapter described methodological choices that were applied to explore the effect of AI-based customer service tools in UK fashion e-commerce on customer satisfaction. It talked about the philosophy of the research, the research strategy, survey strategy, data collection, sampling, process of SPSS analysis, ethical considerations and chapter summary.
[bookmark: _gh0wfpj3rxda][bookmark: _Toc231283844]3.2 Research Philosophy
The research philosophy adopted a positivist study since the research measured the customer perceptions using numerical data in the form of surveys. Positivism was appropriate as it assumes research reality to be measurable in case variables are known and tested in a systematic way (Ikram and Kenayathulla, 2022). The customer satisfaction, perceived usefulness, ease of use, responsiveness, trust and empathy in this study were transformed into Likert-scale responses. Nevertheless, Heinonen and Lipkin (2023) claimed that customer experience has emotional and subjective connotations as well that cannot be completely described in numbers. This criticism was applicable as the process of shopping for fashion entails confidence in fit, assurance and preference. However, positivism was appropriate since the research was not focused on the examination of intimate individual narratives, but on quantifying the associations among AI service variables and satisfaction.
[bookmark: _sp6wpku7w4qe][bookmark: _Toc231283845]3.3 Research Approach
The current research was based on a deductive research methodology since it began with existing theories and used primary survey data to test them. A deductive research approach was suitable since theoretical frameworks like TAM and SERVQUAL had established variables that were related to technology acceptance and service quality (AlHussainan et al. 2022). TAM assisted in perceived usefulness and ease of use and SERVQUAL assisted in responsiveness, trust and empathy. Padamsee et al. (2021) claimed that an inductive method could be more effective in the case of an underexplored topic since the themes can appear directly to the participants. However, deduction was more suitable since it enabled the researcher to examine the possibility of selected AI service factors affecting customer satisfaction in fashion e-commerce in UK.
[bookmark: _wrwmndbtxe7l][bookmark: _Toc231283846]3.4 Research Strategy
The research employed a survey method as it enabled the collection of standardised responses of customers who have had experience with AI-based service tools in UK fashion e-commerce. Surveys made sense, as they quantified the attitudes, opinions and behavioural patterns of a broader group of participants (Henn et al. 2022). This approach also facilitated comparison since all the respondents responded to the same questions. Nonetheless, Ahmed (2022) noted that surveys might be constraining due to the fact that respondents are not allowed to elaborate why they respond as they do (Stantcheva, 2023). This shortcoming was acceptable, and the survey approach was still appropriate to fit the research due to the fact that the study was to test quantifiable relationships as opposed to individual stories. The choice of the survey strategy was also suitable as the research incorporated many variables which could be measured, such as usefulness, ease of use, responsiveness, trust, empathy and satisfaction. It assisted in gathering uniform data among the various respondents and contrasting the impact of each AI service factor on satisfaction. Thus, the online questionnaire offered an efficient, systematic and inexpensive method to gather data on customer satisfaction.
[bookmark: _jlai11mxg9qn][bookmark: _Toc231283847]3.5 Data Collection Process
The primary data was obtained with the help of the self-administered online questionnaire developed using Google Forms. The use of online collection, in turn, was appropriate due to the fact that the customers of the fashion e-commerce were digital and, therefore, could access the questionnaire in the comfort of their home (Demyen, 2024). This questionnaire contained screening questions, demographic questions and Likert-scale questions that were tied to perceived usefulness, ease of use, responsiveness, trust and empathy as well as customer satisfaction. Semyonov-Tal and Lewin-Epstein (2021) reasoned that closed-ended questions enhance uniformity as the answers can be statistically compared. Nevertheless, Hancock and Cheatham (2024) observed that closed-ended questions might hinder the expression of participants since they select pre-determined choices. The use of closed-ended questions was appropriate in this research project since the SPSS analysis needed to be conducted with measurable and comparable data. The questionnaire linkage was distributed via social media platforms, which reduced the expenditure of the research. Participants were then provided with a consent statement that said the purpose of the research, the voluntary nature of their participation, and the anonymity and academic use of data before answering.
[bookmark: _ducber13lhan][bookmark: _Toc231283848]3.6 Sampling Strategy
The participants were selected via purposive sampling as the study sample had to be related to experience with AI-based tools in customer service in UK fashion e-commerce. The purposive sampling was suitable since the researcher could sample respondents who could be useful to the research problem (Obilor, 2023). The study sample needed to be at least 18 years old and had to have used any chatbot, virtual assistant or AI recommendation tool during the process of making purchases at UK fashion websites. A total of 120 participants’ responses were collected to conduct the research.  Andrade (2021) believed that purposive sampling might limit generalisability. However, this sampling method proved appropriate, as random participants may not have interacted with AI customer service tools.
[bookmark: _2jusdf4u4zi8][bookmark: _Toc231283849]3.7 Data Analysis Process
The responses to the survey were saved on Google Forms, coded in MS Excel and decoded into SPSS to do the statistical analysis. Demographic analysis was conducted to verify the accuracy of surveys based on their age, gender, frequency, and experience with AI tools (Chen et al. 2021). Descriptive statistics were subsequently used to determine trends and patterns, including whether or not respondents generally perceived AI tools to be useful, easy to use, responsive and trustworthy (Amini et al. 2021). To test reliability, Cronbach's Alpha method was used to determine whether the questions on each variable were internally consistent. Pearson correlation was applied to investigate the relationship between the factors of AI services and customer satisfaction. Regression analysis was then used to determine the factors that have greater predictive power. It can be stated that statistical analysis could not be appropriate to explain human feelings, but it was appropriate in testing quantifiable patterns of satisfaction.
[bookmark: _2jlqb2c5ksqv][bookmark: _Toc231283850]3.8 Ethical Considerations
Informed consent, voluntary participation, anonymity, and confidentiality were used as ethical practices. Participants had early knowledge of the purpose of the research when they were to fill out the questionnaire and they were allowed to withdraw before filling out the questionnaire. No names, email addresses, or sensitive personal information were gathered in the survey. The data were stored in files which were password-protected and were not used in any way other than academically. By following the instructions of the Data Protection Act 2018, the research maintained a fair and lawful data collection process (Legislatiion.gov.uk, 2026). Thus, the research adhered to the principles of GDPR by gathering the required data solely and ensuring the protection of the responses of the participants during the research process.
[bookmark: _8md4zt7rlofc][bookmark: _Toc231283851]3.9 Summary
The application of positivism, deduction and survey strategy to investigate AI-based customer service and customer satisfaction was justified by this chapter. It described how primary data were obtained using an online questionnaire among the customers of UK fashion e-commerce companies and that data was analysed by using SPSS. Consent was supported by ethical safeguards, anonymity, confidentiality and data security.


[bookmark: _Toc231283852]Chapter 4: Findings and Analysis
[bookmark: _rar6yqcqsncv][bookmark: _Toc231283853]4.1 Introduction
The chapter outlines the study's findings and analysis, which were carried out using SPSS, as it facilitated the organisation, testing, and interpretation of the survey data effectively. A total of 120 responses were collected and analysed. Participants were analysed demographically to gain insights into their features like age, gender, employment and shopping behaviour. Descriptive statistics were used to determine the response trends and patterns. To ensure consistency and accuracy of data, reliability and validity tests were carried out. Correlation and regression analyses were further used to test the hypotheses and examine relationships between the study variables.
[bookmark: _rj35wrf2cv94][bookmark: _Toc231283854]4.2 Demographic Analysis 
[bookmark: _dtdyab54d1cu][bookmark: _Toc231283855]4.2.1 Age
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[bookmark: _Toc231283101]Table 1: Age
Table 1 shows that the respondents were in various age groups, with the highest age group at 55 years and above, and the lowest being 18-24 years. The cumulative percentages are gradually increasing in categories, which depicts the involvement of various age groups. The range of the highest frequency was between 25 and 34 years old, with 35 respondents, and the lowest frequency was the 55 and above category with 9 respondents.
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[bookmark: _Toc230520629][bookmark: _Toc231283096]Figure 6: Age
Figure 6 shows that largest percentage of participants was found in 25-34 years age group, accounting for 29.2% of total sample size. The second highest was the 35-44 years category, accounting for 28.3% of total population. Comparatively, the least level of participation was recorded in the 55 years and above category, with the number of respondents being 9 and comprising 7.5% of total sample.
[bookmark: _7cp4wayx6nra][bookmark: _Toc231283856]4.2.2 Gender
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[bookmark: _Toc231283102]Table 2: Gender
Table 2 shows the gender distribution of the respondents who participated in this study. Out of 120 respondents, 65 were females and 55 were males. It shows that there is an equal rate of participation of both groups and no missing values.
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[bookmark: _Toc230520630][bookmark: _Toc231283097]Figure 7: Gender
Figure 7 demonstrated that female respondents comprised the majority at 54.17%, with males at 45.83% in the sample. Thus, there was a little more female participation in this survey.
[bookmark: _7728essbd5yl][bookmark: _Toc231283857]4.2.3 Employment Status
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[bookmark: _Toc231283103]Table 3: Employment Status
Table 3 shows that there are 6 students, 18 unemployed respondents, 23 full-time workers, 26 part-time workers, 43 self-employed participants and 4 retired. It shows that nobody skipped responding in the research survey. The distribution is indicative of the involvement of various occupational groups.
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[bookmark: _Toc230520631][bookmark: _Toc231283098]Figure 8: Employment Status
The greatest proportion was found among the respondents of self-employed at 35.8% and the least proportion was among the respondents of retired at 3.3%, as referred to Figure 8.
[bookmark: _ckpfl65wo868][bookmark: _Toc231283858]4.2.4 Shopping Frequency
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[bookmark: _Toc231283104]Table 4: Shopping Frequency
Table 4 indicates that the most frequent behaviour was monthly shopping, with largest frequency of 55 respondents. Weekly shopping was second-highest category, with 27 respondents. It implies that a significant number of participants frequent UK fashion e-commerce websites or apps. The least frequency was captured among the rare shoppers, where 18 respondents were found.
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[bookmark: _Toc230520632][bookmark: _Toc231283099]Figure 9: Shopping Frequency
According to Figure 9, the majority of the sample was made up of monthly shoppers at 45.83%, and then 22.50%, which comprises weekly shoppers. The lowest 15% of the sample were rare shoppers, indicating that the sample was largely active online fashion shoppers.
[bookmark: _oi3xbagwfgrp][bookmark: _Toc231283859]4.2.5 Variation of Using an AI-based customer service tool
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[bookmark: _Toc231283105]Table 5: Variation of Using an AI-based customer service tool
According to Table 5, chatbots were the most frequent AI-based customer service technology, where 35 respondents were the most frequent. Virtual assistants came with 31 respondents and 28 respondents followed AI size/fit suggestions. The minimum frequency was obtained in the case of not sure, and the number of respondents was 7.
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[bookmark: _Toc230520633][bookmark: _Toc231283100]Figure 10: Variation of Using an AI-based customer service tool
Figure 10 indicates that chatbots occupied highest position with 29.17%, following virtual assistants with 25.83%, and lastly AI size or fit suggestions with 23.33%. The least was the not sure percentage at 5.83, indicating that the majority of respondents were able to recognise the AI tool that they had used.
[bookmark: _50u7vr7be78w][bookmark: _Toc231283860]4.3 Descriptive Statistics
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[bookmark: _Toc231283106]Table 6: Descriptive Analysis 
The central tendency and the spread of the responses obtained in the survey are summarised using descriptive statistics (Rana et al. 2023). All variables were measured on a five-point Likert scale as per Table 6, and the higher the mean value, the stronger the agreement or the more positive perceptions (Schober et al. 2021). The findings indicate that the overall mean scores were 4.00 or higher, implying that the respondents were rather positive about AI-based customer service tools in UK-fashion online stores (Wong and Chapman, 2023).
The highest “mean” score was 4.1389 and “standard deviation” was 85513, which was the highest value in responsiveness. It means that the capacity of AI tools to support people and save their waiting time was the most important to respondents. It is reasonable in an e-commerce setting within fashion industry as customers usually require a rapid response regarding delivery, returns, refunds, and sizes or products that they intend to buy (Zennaro et al. 2022). Thus, it seems to be a service characteristic, such as fast response, which can decrease the level of uncertainty and enhance the shopping experience.
Ease of use had an average of 4.0639, where respondents found AI tools easy to learn and use. Despite being useful, technology can go to waste when customers have trouble navigating it and are confused by it. Ease of use in fashion shopping online might facilitate an enhanced service experience, allowing a customer to navigate swiftly from a query to a solution without requiring complicated procedures (Stecuła et al. 2024). The average perceived usefulness was 4.0611, meaning that respondents have deemed AI-based tools to be helpful in searching products, getting information and answering shopping-related questions. It reinforces that AI tools are appreciated when they offer some practical help instead of merely being automated features (Alowais et al. 2023).
The mean of trust and empathy was 4.0889, and respondents were found to mostly consider AI tools to be trustworthy and reasonably helpful. Nonetheless, the fact that this aspect is slightly emotional implies that AI can continue to be limited in responding to more complex complaints or sensitive issues of returns/refunds (Pinar, 2025). The mean of customer satisfaction was 4.0028, which proves that respondents were generally content. However, satisfaction level varies depending on usefulness, ease, responsiveness and trustworthiness of AI tools.
[bookmark: _hlyxo8r14okx][bookmark: _Toc231283861]4.4 Reliability Statistics
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[bookmark: _Toc231283107]Table 7: Reliability Analysis 
Reliability statistics assess internally consistent items in a questionnaire and whether they measure the same overall concept with consistency (Krieglstein et al. 2022). The five variables used have a “Cronbach's Alpha” value of .953 as illustrated in Table 7. “Cronbach's Alpha” value typically lies within the 0-1 range, where the higher the value, the greater the internal consistency (Izah et al. 2023). Hence, a value of.953 indicates that the variables applied to this study are very dependable. It implies that customer satisfaction and perceived usefulness, ease of use, responsiveness, trust and empathy have statistical consistency and can be analysed further. Therefore, the data can be subjected to correlation and regression analysis.
[bookmark: _ywq0pdwrcfa0][bookmark: _Toc231283862]4.5 Validity Statistics
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[bookmark: _Toc231283108]Table 8: Validity Analysis 
The validity statistics are applied to determine whether the chosen variables can be further tested statistically and whether the data set contains enough connections between variables (Shrestha, 2021). “Kaiser-Meyer-Olkin Measure of Sampling Adequacy” of Table 8 is .879, which reflects a large sampling adequacy (Fener and Kiroglu, 2026). It indicates that the sample was appropriate in the context of testing correlation between customer service tools based on AI and customer satisfaction. The Test of Sphericity by Bartlett also resulted in a significant value of less than.001, which falls short of the recognised significance level of.05 (Baistaman et al. 2022). Hence, the variables are correlated well and can be used to test a hypothesis.
[bookmark: _qvbttcuu9y44][bookmark: _Toc231283863]4.6 Hypothesis Testing Using Correlation and Regression Analysis
[bookmark: _fgpad616064f][bookmark: _Toc231283864]4.6.1 Hypothesis Test 1 
H0: “Perceived usefulness of AI-based customer service tools does not significantly influence customer satisfaction among UK fashion e-commerce customers.”
H1: “Perceived usefulness of AI-based customer service tools significantly influences customer satisfaction among UK fashion e-commerce customers.”
[image: ]
[bookmark: _Toc231283109]Table 9: Correlation Analysis 1
Correlation analysis is used to measure the strength and direction of the relationship between two variables (Alfadda and Mahdi, 2021). Pearson correlation value between customer satisfaction and perceived usefulness is as shown in Table 9 is 0.820 which is close to 1. The Pearson correlation has a normal value of 0 to 1, and the greater the correlation value, the more positive the relationship (Chen et al. 2021). Hence, the outcome indicates the existence of a close positive correlation between perceptions of usefulness and customer satisfaction. The significant value is < .001, which is lower than 0.05 (Palmas et al. 2021). It implies that handy AI tools will be able to enhance satisfaction, allowing customers to find product, size, delivery, and return and refund data more efficiently.
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[bookmark: _Toc231283110]Table 10: Regression Analysis 1
Regression analysis helps determine the strength of an independent variable in explaining change in a dependent variable (Siska, 2022). As per Table 10, R value is 0.820, which shows a strong relationship between perceived usefulness and customer satisfaction. R-square value is .673, meaning that 67.3% changes in customer satisfaction can be explained by perceived usefulness of AI-based customer service tools. This great explanatory power means that customers have a higher probability of being satisfied when AI tools deliver helpful, relevant and problem-solving assistance when performing online fashion shopping. ANOVA outcome also indicates that the significance value is below 0.05, meaning that the regression model is significant (Veza et al. 2022). This result is also supported by the coefficient value since the beta of perceived usefulness is positive and significant with a value of 0.820, which is significant with a value of less than.001. Thus, “Perceived usefulness of AI-based customer service tools significantly influences customer satisfaction among UK fashion e-commerce customers.”
[bookmark: _mq3iozlpwp4h][bookmark: _Toc231283865]4.6.2 Hypothesis Test 2
H0: “There is no significant relationship between ease of use of AI-based customer service tools and customer satisfaction in UK fashion e-commerce.”
H1: “There is a significant relationship between ease of use of AI-based customer service tools and customer satisfaction in UK fashion e-commerce.”
[image: ]
[bookmark: _Toc231283111]Table 11: Correlation Analysis 2
Table 11 shows the association between customer satisfaction and ease of use. The Pearson correlation value is 0.797, which implies a strong and positive relationship between the two variables. It implies that the higher the level of customer satisfaction, the easier it becomes to comprehend, access and use AI-based customer service tools (Tulcanaza-Prieto et al. 2023). The significance value is less than the standard value of 0.05, which is =.001 and therefore null hypothesis is rejected. This finding indicates that ease of use is not a frivolous technical element, but it has a direct impact on the experience of service to customers. Since correlation analysis is not adequate to establish dependency between variables, another regression analysis is done below.
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Table 12: Regression Analysis 2
According to Table 12, R-Sq value of 0.636 indicates that the ease of use explains 63.6% of variance in customer satisfaction. It demonstrates that customers are more satisfied when AI tools do not require additional effort to use. In real-life aspects, a chatbot or virtual assistant can come in handy. Nevertheless, when the customer has to work hard to get the appropriate solution or comprehend the answer, levels of satisfaction can go down (Hardcastle et al. 2025). ANOVA significance value is less than 0.001, which proves that the null hypothesis is rejected (Grigoryan, 2024). There is also a positive Beta value of 0.797 at a Sig. of <.001. Therefore, the alternative hypothesis is accepted, confirming “There is a significant relationship between ease of use of AI-based customer service tools and customer satisfaction in UK fashion e-commerce.”
[bookmark: _6730cyzc8n64][bookmark: _Toc231283866]4.6.3 Hypothesis Test 3
H0: “Responsiveness of AI-based customer service tools has no significant impact on customer satisfaction in UK fashion e-commerce.”
H1: “Responsiveness of AI-based customer service tools has a significant impact on customer satisfaction in UK fashion e-commerce.”
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[bookmark: _Toc231283112]Table 13: Correlation Analysis 3
Table 13 shows the correlation between responsiveness and customer satisfaction. The value of Pearson correlation is 0.781, which is a strong positive relationship. The relationship is statistically significant as the significance value of less than 0.05 is less than that of 0.05. The outcome is reasonable in the context of fashion e-commerce, where delays in services might influence instant buying choices (Sutinen et al. 2022). This fact demonstrates that the correlation analysis is not in some way biased. Customers usually require a quick response to answer questions concerning size, delivery, payment, returns or refund policies before placing an order (Camilleri, 2022). Therefore, AI assistance with quick response can enhance trust and minimise shopping disruptions.
[image: ]
[bookmark: _Toc231283113]Table 14: Regression Analysis 3
Table 14 shows the extent to which responsiveness can explain customer satisfaction. The value of R-square is 0.609, which implies that 60.9 of the customer satisfaction change can be defined by responsiveness. It suggests that timely support is a key component of AI-based service quality (Noor et al. 2022). A customer can leave the online fashion shop in case the system is responding slowly or unresponsive to a query at an inappropriate time (Orzoł and Szopik-Depczyńska, 2023). ANOVA analysis indicates that Sig. < .001, which proves the statistical significance of the model (Moradi et al. 2021). The coefficient table indicates that the Beta is positive (0.781) with Sig. <.001. Thus, the alternative hypothesis is accepted, and it is possible to conclude that “Responsiveness of AI-based customer service tools has a significant impact on customer satisfaction in UK fashion e-commerce.”
[bookmark: _f0fsxzp4it1o][bookmark: _Toc231283867]4.6.4 Hypothesis Test 4
H0: “Trust and empathy provided through AI-based customer service tools do not significantly contribute to customer satisfaction in UK fashion e-commerce.”
H1: “Trust and empathy provided through AI-based customer service tools significantly contributed to customer satisfaction in UK fashion e-commerce.”
[image: ]
[bookmark: _Toc231283114]Table 15: Correlation Analysis 4
Table 15 finds the correlation between trust and empathy, and customer satisfaction. The value of Pearson correlation is 0.741 that signifies a strong positive relationship. It implies that customers would be more satisfied after the service tools based on AI respond reliably and accurately, and with support (Mariani and Borghi, 2024). The value of significance is less than 0.05, which is less than 0.001, and therefore it proves that the relationship is statistically significant. It is significant as fashion e-commerce customers could rely upon AI tools to address ambiguous or delicate problems, like refunds, fit, complaint management, or appropriateness. Confidence in automated service interactions is, therefore, assisted by trust and empathy (Ma et al. 2025).
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[bookmark: _Toc231283115]Table 16: Regression Analysis 4
As revealed in Table 16, trust and empathy can be clearly predicted to impact on customer satisfaction. The value of R-squared is 0.549, which implies that trust and empathy explain 54.9% of the change in customer satisfaction. This finding indicates that customers are not solely using speed or usefulness as a criterion to rate AI tools, but they also require confident, reliable and reassuring assistance (Branley-Bell et al. 2023). The value of R-square is, however, a little less than that of the other variables, which can mean that AI tools are more functional than emotional comprehension. The result of ANOVA is significant at =0.001 and the coefficient result also depicts a positive Beta of = 0.741 with =.001 significance. Therefore, the alternative hypothesis is accepted, confirming that “Trust and empathy provided through AI-based customer service tools significantly contributed to customer satisfaction in UK fashion e-commerce.”
[bookmark: _qfxd03w2yw8x][bookmark: _Toc231283868]4.7 Summary
The chapter discovered that customer service tools that are based on AI in fashion e-commerce in UK had generally positive experiences with the respondents. The majority of the participants were actively shopping online, and chatbots were the most popular AI tool. The descriptive results established that responsiveness was the highest mean score and it demonstrates that quick support is the most valued variable. The tests of reliability and validity proved that the data were reliable and acceptable to test the hypothesis. Correlation and regression findings revealed that perceived usefulness impacted customer satisfaction the most and then ease of use, responsiveness, trust and empathy. 


[bookmark: _cut68hw5ww8][bookmark: _Toc231283869]Chapter 5: Discussion 
[bookmark: _34i1medh38u9][bookmark: _Toc231283870]5.1 Introduction
The chapter presents the major findings of the research as applied to the research objectives, research questions, and the literature in the field. It explains the impact of AI-powered customer service technology on customer satisfaction in UK fashion e-commerce. The topic of implementing AI tools, their impact on satisfaction, challenges and practical solutions related to the implementation are discussed. 
[bookmark: _8e8tyv2ltmt3][bookmark: _Toc231283871]5.2 Discussion 
Discussion on Objective 1
The initial objective was to investigate the use of AI-based customer service solutions in the context of UK fashion e-commerce retailers. The results indicate that use of AI was not abstract and unfamiliar to participants, as majority of participants were able to recognise the single tool that they used. The most common tool mentioned was chatbots and the next one was virtual assistants and suggestions based on size or fit of AI. This observation confirms Nicolescu and Tudorache (2022) that a virtual agent is a computer-generated interlocutor when communicating with customers. However, it advances their argument by demonstrating that in e-commerce, environmentally friendly fashion, customers experience AI not only when they communicate through a chatbot, but through a combination of service points. Adam et al. (2021) state that efficiency and service quality are even in self-service technologies, and the current results partially confirm this assumption, as respondents seemed to be comfortable with a service based on AI-assistance. Nonetheless, such a balance must not be taken for granted, as fashion clients evaluate AI not only based on the availability but also on whether the solution to such issues as size, delivery, returns and product suitability is available.
The popularity of chatbots in the findings is in line with Zeng et al. (2023), who note that fashion brands utilise chatbots to offer product information, sales support and 24/7 communication. Similar arguments in support of chatbots are made by Baloska et al. (2022), who claim that chatbots assist in providing instant responses, personalisation, CRM, and functions related to orders. The current research proves the conspicuousness of such a use among customers of fashion e-commerce in UK. However, it indicates that chatbots are the most familiar tool, not always the most developed or the most contentful tool. It is important since the awareness of the customers towards chatbots might indicate the level of exposure rather than quality of service. That is, chatbots are spread by retailers, but the success of an AI strategy lies in the ability of customers to perceive them as helpful, easy, attentive and reliable.
The results also complement the literature, which states that AI-enhanced customer service is getting integrated into a broader shopping experience. Ranjan and Upadhyay (2025) believe in product discovery, trend suggestions, order tracking and suggestions, and Alharthi (2025) states that AI determines the product filtering, predicting of fits, customer experience, and purchase choices. The AI size suggestions in the findings are significant since they indicate that customers are not necessarily using AI after a problem has happened, but before making purchase decisions. It applies when doing fashion e-commerce, as customers are not able to physically see the clothes and then purchase them. Thus, AI applications can minimise the uncertainty, yet they will also lead to dissatisfaction in case of inaccurate or excessively general advice.
The results also relate to those of Thatavarthi (2023) and Mimani et al. (2024), who indicate that AI tools are becoming part of full-stack e-commerce websites, instead of isolated customer service applications. The survey findings indicate that customers have seen chatbots, virtual assistants, recommendations and fit-related artificial intelligence devices, which suggests that AI is integrated at the communication, product search and decision support. Nonetheless, this integration brings a superior level of retailer. When a single AI feature is good, and another provides bad advice, leading to vague answers, customers might consider the entire retailer to be ineffective. Thus, the use of AI in UK fashion e-commerce is to be perceived as a network of relevant services, rather than an individual technological attribute.
The demographic findings also reinforce the topicality of this purpose. The majority of the respondents were active online fashion shoppers, with a significant percentage of them being monthly and weekly shoppers. It proves the points put forward by Mintel (2025) that UK online retail has become an established channel and the long-term growth of the UK e-commerce clothing proposed by Grand View Research (2026). Davies (2025), however, cautions that the demand for fashion on the internet is unstable, and this implies that retailers cannot rely on the growth in the market alone. The business application is that AI tools should not be used merely to automate the service charges, but it needs to help retain customers and build customer confidence.
The primary objective indicates that AI-powered customer support technologies are becoming apparent and diversified in the UK fashion e-commerce, in the form of chatbots, virtual assistants and AI fit recommendations. It corroborates the literature on AI expansion in retail service, but the results suggest that application is not sufficient. This result has a close connection to TAM in that the perceived usefulness and ease of use influence the acceptance of AI since customers recognise and use chatbots, virtual assistants and AI fit tools. It is related to SERVQUAL in that AI devices are evaluated based on responsiveness, reliability and assurance instead of being evaluated based on their presence alone. Retailers have to make certain that AI tools are incorporated, precise and pertinent to fashion requirements. AI is thus an opportunity and a duty as well, as AI can be used to optimise service and personalise it, but poor adoption can cause loss of trust and satisfaction.
Discussion on Objective 2
The second objective was to investigate the effect of AI-based tools of customer service on customer satisfaction in fashion e-commerce in UK. The results indicate that AI tools have a positive impact on satisfaction as long as they are useful, easy to use, responsive, trustworthy and reasonably empathetic. Perceived usefulness had the strongest statistical outcome, having a Pearson correlation of 0.820 and an R-squared of 0.673, indicating that 67.3% of the customer satisfaction change was attributed to perceived usefulness. It agrees with Singh and Singh (2024), who discovered that AI-based customer service has a significant impact on satisfaction and with Arinze (2024) who says that AI enhances satisfaction by providing timely, anticipative and customised service. Nevertheless, usefulness is important as customers require functional assistance in searching products, sizing, delivery and returns, not necessarily because AI is a concept of high technology.
It also endorses TAM, where perceived usefulness is the core of acceptance of technology. Chen et al. (2021) posit that usability and responsiveness determine customer experience based on chatbots in e-retailing, whereas Rana et al. (2024) claim that usefulness and ease of use determine the attitude towards chatbot-assisted shopping. The current results support this theoretical stance since shoppers were more pleased when AI applications assisted them in accomplishing shopping missions more efficiently. However, usefulness has strength, implying a constraint on retailer comprehension of AI implementation. The presence of AI does not satisfy customers, but they are satisfied when AI delivers service functionality more effectively than a slow search process or human response. Thus, AI needs to demonstrate its worth.
Satisfaction was highly correlated with ease of use and the correlation was 0.797 with an R-SQ of 0.636. It is consistent with Alqasa (2023), who established that ease of use affects customer reaction to AI-based services in a positive way and Zungu et al. (2025), who determined the convenience and time-saving factors to be critical predictors of AI self-service experience. The general agreement among respondents was that AI tools were simple to learn and use, and therefore, simplicity was not a factor of satisfaction. The convenience can soon turn into frustration if a chatbot interface can be opened with ease, and provides repetitive or irrelevant answers. Therefore, usability should be related to the quality of resolutions.
The descriptive mean of responsiveness was greatest and it was a strong predictor with an R-squared of 0.609. This result can be attributed to Onohuean and Nyagadza (2026), who assert that AI chatbots enhance satisfaction by adding value in terms of promptness, accuracy and efficiency. Rasheed et al. (2025), who attribute satisfaction and retention to fast, relevant and personalised responses. The discovery is particularly critical to UK fashion e-commerce since the decisions to make a purchase can be instant and easily influenced. Failure to provide the customers with fast information on fit, delivery or money-back policy can lead to abandonment of the basket or shift to a new retailer. Responsiveness must not, however, be confined to speed. Speedy yet inaccurate responses may have a negative effect on satisfaction compared to a slower yet dependable response and that is, responsiveness requires timeliness, relevancy and solution to the problem.
The satisfaction was also affected greatly by trust and empathy, with a correlation of 0.741 with R-square of 0.549. It is in line with the arguments presented by Al-Oraini (2025), postulating that chatbot satisfaction depends on competence and trust. Zubair et al. (2026) note the importance of credibility, expertise and delivery capacity of AI guidelines. Nevertheless, the fact that the explanatory power of trust and empathy is lower than the power of usefulness is an indication that customers still might think about AI, that it is more functional than emotional. It is indicative of Shaikh et al. (2024), who claim that AI is productive, yet it will not be able to substitute the relations between people and the personalised judgement. Hence, AI will help to enhance satisfaction with routine work, but sensitive issues such as complaints, money back, delivery issues and disappointment with the fit should be supported by humans.
The results are clearly indicating in favor of TAM since perceptions of usefulness and ease of use were most influential in customer satisfaction, proving that the customers are willing to embrace AI in case it will allow them to shop more productively. The SERVQUAL is also applicable since responsiveness, trust and empathy indicate that satisfaction is based on the quality of service and not technology acceptance only. The results indicate that AI-based customer service positively affects customer satisfaction, although it does not do this automatically. AI enhances satisfaction when it makes things easier, offers practical assistance, is fast and generates sufficient trust. The most significant effect of usefulness demonstrates that the customers of fashion consider AI based on the results of the usefulness of service provided. The lesser, but not yet insignificant, impact of trust and empathy demonstrates that AI is yet unable to substitute human reassurance. Thus, AI should be viewed by UK fashion retailers as an enhancing satisfaction support system and not as an ultimate replacement of human service.
Discussion on Objective 3
The third objective was to determine the problems which are related to the utilisation of AI-based customer service technologies in the online fashion stores of UK. The results indicate that there are mostly positive perceptions, though satisfaction was based on usefulness, ease of use, responsiveness, trust and empathy. Thus, whether AI can be found in fashion e-commerce or not is not the biggest problem, but whether AI is of sufficient quality to satisfy customers. It is in line with Israfilzade (2025), who identifies risks related to privacy and lost trust, bias and prejudice, as well as Tambuskar (2025), who emphasises transparency and bias minimisation as per GDPR compliance. Though legal adherence was not explicitly put into examination, the importance of trust and empathy is so large that the appeal of the customers might turn into a negative response when AI does not seem to be dependable, intrusive or sensitive.
Among the key problems, AI tools might be practical but fail to be emotional and complex in their work. Trust and empathy described 54.9% of the customer satisfaction as compared to perceived usefulness, ease of use and responsiveness. It means that customers consider reassurance, yet they might still consider AI to be poor in terms of emotional insights. It confirms Shaikh et al. (2024), who believe that AI saves time and enhances efficiency but cannot substitute relationship-based, strategic and personalised service. Tabaku et al. (2025) also demonstrate that virtual assistants are able to address most cases during the first contact, but those that cannot be resolved must be redirected. It is a grave limitation in fashion e-commerce as refund requests, delays, disappointing sizes and complaints sometimes need both an empathic touch and information.
Accuracy and explainability are yet another concern. According to Necula and Păvăloaia (2023), only precision can influence the work of a recommender system, whereas privacy and trust are issues that are hard to manage. Nkomo and Mupa (2024) also caution that black-box AI makes things less transparent and trustworthy. These results corroborate this since usefulness and trust were strongly associated with satisfaction. The wrongful or ambiguous AI recommendations can cause customers to dismiss the tool as well as the trustworthiness of the retailer. It plays a role in fashion where a suggestion might be based on body shape/size, gender expression, budget and style identity. Wrong suggestions are not simply technical and they may lead to customers being misunderstood.
The problem of over-standardised service also arises. The highest mean score was of responsiveness, which indicated that the customers value fast services, though speed is not a sufficient condition to be satisfied. Both Onohuean and Nyagadza (2026) and Rasheed et al. (2025) agree that AI chatbots are more effective at enhancing satisfaction when the response is quick, accurate, relevant and personal. The results substantiate this, although they point to responsiveness needing to be addressed seriously. When retailers prioritise AI towards rapid responses, they can end up designing a service experience that is perceived to work, yet does not answer the query. In online fashion, it can lead to infinite chatbot conversations, ambiguous return instructions or even inappropriate suggestions of sizes, as well as growing frustration.
Privacy and customer data usage are focal as the principle of personalisation requires information about the customers. Personalisation is proposed as an AI value and satisfaction source by Hollebeek et al. (2024) and Oyeniyi et al. (2024). However, Israfilzade (2025) and Madanchian (2024) warn against the potential emergence of ethical concerns, such as privacy, transparency and algorithmic bias in AI marketing. It is important since the very data used to customise service by AI can also lead to uncomfortable situations for the customers. An appropriate size recommendation can also be useful in cases where it is accurate, but it can be intrusive where the customers lack knowledge of how the data will be used. Thus, the level of satisfaction hinges on the sense of personalisation as supportive as opposed to exploitative.
The results indicate an imbalanced AI maturity of retailers as well. According to Eboseremen et al. (2024), AI-driven UI/UX might present risks of privacy, security, user confidence and favouritism of algorithms, whereas Papastamoulou and Antonopoulos (2025) posit that adoption of AI varies based on organisational ability, perceived risk and size of the firm. The respondents identified various tools of AI, yet this does not mean that they are equally good. The bigger the retailer, the greater the potential of having built-in AI, and the smaller the retailer, the less advanced the chatbots, which cannot cope with the more complicated problems. This brings about inconsistent UK fashion experiences.
The third objective presents difficulties in terms of trust, empathy, accuracy, privacy, bias, transparency, and consistency of the provided services. These concerns are interconnected with TAM since low usability, low usefulness and ambiguous AI reactions may decrease the degree of customer acceptance toward AI tools. They also relate to SERVQUAL since issues to privacy, insensitivity, wrongful responses and low reliability undermine assurance, responsiveness and trust in the service experience. Customers will generally be pleased when AI works well, whereas it will be subject to loss when it has no human judgment and sound problem-solving. Thus, the problems of implementation are not only technical; they influence the confidence of the customers in the product, emotional comfort, willingness to purchase, and loyalty. It implies that improper distribution of AI can turn what may be a convenient service into an element of doubt when customers are in need of assurance before they commit to shop or even send back inappropriate fashion goods safely and with ample confidence online, round-the-clock.
Discussion on Objective 4
The fourth aim was to provide recommendations to enhance the functioning of AI-based customer service tools to enhance customer satisfaction in UK e-commerce retailers of fashion products. The results imply that perceived usefulness was most related to satisfaction with the importance of the improvement, and the practical usefulness of AI tools needs to be improved the most, as it explained 67.3% of the variance. It corroborates Singh and Singh (2024), who demonstrate that AI-powered service has a significant impact on satisfaction, and Arinze (2024), who associates AI value with prompt and personalised service. Nevertheless, it is also in the findings that retailers are being challenged to go beyond simple automation. AI must not just be able to answer some general questions; it must be able to offer correct assistance regarding the sizing, delivery, and refunding, as well as comparing and tracking products and orders. Thus, the AI that UK fashion retailers should model should not be focused on cost reduction aims but on customer issues.
The second suggestion is to enhance the ease of use, as ease of use is described as 63.6% of customer satisfaction. It corroborates Chen et al. (2021) and Rana et al. (2024), who mention that perception of usefulness and ease of use have an impact on acceptance of chatbot-assisted shopping. Easy access is not enough, though. Alqasa (2023) points out that ease of use enhances responses to AI services, whereas Zungu et al. (2025) associate convenience and time-saving with positive AI self-service experiences. The results indicate that effective AI interfaces should be made user-friendly, transparent and goal-oriented by fashion retailers. The way customers should be able to ask a question in a natural way is to be answered with a corresponding answer and they should be transferred to a human adviser in case of necessity. It would lessen the effort of customers and help AI not to become another obstacle in a service journey.
The third recommendation is to improve the flexibility without compromising accuracy. The descriptive mean of responsiveness was the greatest and it explained 60.9% of satisfaction, which indicates that customers were very keen on quick response. It confirms Onohuean and Nyagadza (2026), who relate chatbot satisfaction with response time, accuracy and efficiency, and Rasheed et al. (2025), who highlight quick, relevant and personalised responses. Speed should, however, be taken seriously. With fashion e-commerce, the faster one makes a mistake in answering a question regarding delivery, returns or sizing, the more dissatisfaction an individual may have than when making a mistake that is slower. Thus, AI systems need to be taught the latest product, stock, delivery and returns information and chatbot responses must be verified by retailers regularly. Responsiveness must imply quick resolution, rather than quick response.
Customer satisfaction was attributed to trust and empathy; 54.9% of the customer satisfaction was accounted for by the two factors, implying that the two variables are not as strong as the functional variables. This is in line with Al-Oraini (2025), who highlights trust and competence as the main factors associated with the satisfaction of chatbots, and Zubair et al. (2026), who reveal that credibility and expertise influence customer ratings of AI recommendations. However, Shaikh et al. (2024) believe that AI will never substitute a human relationship-based service, whereas Tabaku et al. (2025) indicate that a case that is not solved yet should still be redirected. Thus, retailers must not pretend to have AI capable of resolving all issues. An easy way up to human agents must exist in complaints, money back, late orders and emotional dissatisfaction.
Responsible personalisation should also be enhanced by retailers. Hollebeek et al. (2024) and Oyeniyi et al. (2024) claim that personalisation builds AI value, facilitates the satisfaction process, and Alharthi (2025) relates AI to product filtering, fit prediction, and purchase choices. However, Israfilzade (2025), Tambuskar (2025) and Madanchian (2024) caution that AI has the potential of producing privacy, transparency and bias issues. This opposition implies that personalisation must be useful, clarifiable and consensual. Customers must have reasons as to why they get recommended and must have the ability to manage the way their data is used. It is particularly the case with fashion since size, style and body-related advice might be sensitive when not administered properly.
AI is supposed to be implemented as a human-aided service ecosystem. According to Thatavarthi (2023) and Mimani et al. (2024), AI performs optimally when integrated with e-commerce systems, recommendations, order management and customer experience systems. It is substantiated by the findings since customers did not just use chatbots, but a variety of AI tools. Nonetheless, according to Deng et al. (2026) and Zhang and Liu (2026), AI in fashion must be created to be human-friendly, transparent and consumer-centred. TAM supports the recommendations since the willingness to accept and continue using AI service tools can be enhanced by enhancing usefulness and ease of use. SERVQUAL also supports them since improved responsiveness, reliability, empathy and assurance have the potential to enhance service quality and increase customer satisfaction in fashion e-commerce in UK. Thus, retailers are supposed to use automated efficiency coupled with human judgment, constant testing and customer response. The most pertinent suggestion is not to upgrade AI usage, but to enhance AI usefulness, simplicity, accuracy, empathy, transparency and responsible human-AI interaction at all times.
[bookmark: _1ghiky7obbhv][bookmark: _Toc231283872]5.3 Summary
This chapter discussed the research findings in relation to the four objectives, existing literature, TAM and SERVQUAL. The discussion revealed that AI-based customer service services are prevalent in fashion e-commerce in the UK by chatbots, virtual assistants, and AI fit recommendations. The results affirmed that the perceived usefulness, ease of use, responsiveness, empathy and trust have a positive impact on customer satisfaction. Nevertheless, it was also revealed in the discussion that AI technologies may result in difficulties when the responses are false, unbiased, biased, or vague. Thus, AI may be enhanced by accuracy, transparency, responsible personalisation and functionality of human support.


[bookmark: _bforv97oem9h][bookmark: _Toc231283873]Chapter 6: Conclusion & Recommendation
[bookmark: _jvb2snpfm640][bookmark: _Toc231283874]6.1 Summary of Key Findings
The study concludes that AI-based customer service tools have a positive impact on customer satisfaction in fashion e-commerce in UK, although it relies on how customers interact with the tools in the context of actual shopping. The results were not that AI brings about satisfaction only when it has been automated or is widely used. Rather, customer satisfaction increased when AI assisted them in doing achievable actions, reducing uncertainty and navigating online fashion experience with a lesser amount of effort. It is necessary since fashion shopping is more about individual choices in terms of size, fit, delivery, returns and product suitability, where customers have a tendency to require reassurance to finalise a purchase.
The most important discovery was that AI-based customer service solutions are apparent in UK e-commerce in fashion. The majority of respondents were able to recognise AI tools that they had used, proving that AI is no longer an unknown or concealed retail feature. The most widely recognised tool was chatbots, virtual assistants and suggestions of size or fit of AI. AI is experienced when customers are in various stages of the service experience, including querying, product-searching, getting recommendations and addressing issues. Thus, AI is a component of the broader service ecosystem, and not an individual technology.
The importance of this finding is that customers’ experience of fashion e-commerce is determined by many interconnected service moments. An example of how a customer can utilise AI is searching for a product, and afterwards seeking size advice to feel more secure and a chatbot to inquire about delivery or refund. Nevertheless, in cases where an aspect of the system provides low-quality or inappropriate information, customers can consider entire retailer unreliable. Thus, AI values are generated when one is connected, correct and pertinent to the customer's urgent shopping issue.
The study was reinforced with the findings of the demographics and the shopping behaviours. The sample consisted of various age groups, sex and occupation, and the majority of the respondents were online fashion shoppers. It implies that the results were based on individuals with a real-life experience of online fashion retailing and were able to compare AI-based service with the real one. Their feedback was helpful since they not only portray the way the average digital consumers interact with AI support during the shopping process, but also how they think the technology could operate. It renders the results applicable to retailers where they require customer responses in practical service scenarios.
The descriptive data exhibited that the respondents perceived AI-based customer service tools positively. The participants were more likely to consent that the tools were beneficial, convenient to use, responsive, reliable and conducive to satisfaction. Speed in responding to the requests also seemed to be a significant factor, with customers appreciating fast service in online fashion purchases. It makes sense since indecisiveness is able to disrupt a purchase. Customers who are not sure about size, delivery time, payment, returns or refund terms and conditions are assisted by fast customer care to get on with more assurance. Hence, responsiveness is appealing as it minimises waiting, eliminates uncertainty which can develop and makes the customer remain focused on the purchasing process.
Nonetheless, the research results indicated that speed is not sufficient. Responsiveness enhances customer satisfaction by providing them with responsive access to valuable support. A quick solution without solving the issue might seem to be effective at first, yet it can turn out to be frustrating as the customer will need to rephrase the query or seek an answer elsewhere. AI responsiveness provides a customer with an immediate point of direction, but only if it is correct, relevant and helpful. That is why an AI-based service should be fast and offer a high quality of solving problems, but with the specificity of fashion, where the choice is personal and connected to confidence.
The most significant result of the hypothesis testing was the significance of the perceived usefulness. It led to customers being more satisfied as AI assisted them in attaining something valuable in shopping process. When assisting customers in locating right products, comprehending sizing, checking the delivery details, comparing the products or addressing the issues with returns, an AI tool becomes appealing. AI is not easily valued by customers because it exists, but because it can ease their lives and enhance their decision-making process. As such, usefulness is the primary factor that transforms AI from a technical characteristic to a valuable customer service tool.
Another significant result was the ease of use. Whenever the AI tools were easy to retrieve, comprehend and use, customers felt more content. Internet consumers do not desire intricate menus, vague chatbot routes and tech speak when they want fast assistance. An easy-to-use tool makes the customer concentrate on the shopping as opposed to acquiring knowledge of how the system operates. Consequently, usability will enhance satisfaction as friction will be eliminated, and customers will be free to go through the questions to answer smoothly. When AI finds it hard, there is an increased weight load to the service journey instead of lightness.
Sensibility also had a significant impact on satisfaction since timely support would impact customers' confidence. Those who shop via fashion have a habit of rapidly shopping around and slow responses can prompt them to quit the site or app. When AI can reduce waiting time and maintain the customer's attention until they are convinced that they are being served and not ignored, it becomes useful. However, the responsiveness should be backed by the accuracy since the customers require accurate answers and not speedy responses. Answering hastily and incorrectly can ruin the experience, as it causes false confidence and can lead to bad purchases.
Satisfaction was also influenced by trust and empathy, but they seem to be of a lesser strength compared to more practical service factors. It implies that AI will more likely be useful than verbal comfort. Still, customers require assurance that the automated systems are trustworthy, considerate and capable of addressing delicate areas like complaints, money back, delayed deliveries and issues with fits. Human support is required when AI is not able to give an assurance. The research finds that AI would enhance customer satisfaction when it is helpful, easy, receptive, reliable and human intervention where necessary.
[bookmark: _qyf0nqoiu3id][bookmark: _Toc231283875]6.2 Linking with Objectives
Linking with Objective 1
The first objective was to find out what UK fashion e-commerce retailers think about the use of AI-based customer service solutions. The research found that AI tools are currently being implemented and are known to customers in this industry. The most noticeable tool was chatbots, then virtual assistants and suggestions of AI size and fit. It demonstrates that, besides providing answers to simple questions, AI is also used to help find products, make purchases and service requests. The conclusion, which can be attributed to this goal, is that customer service with AI has become a part of the overall experience in fashion e-commerce. Nevertheless, it worth hinges on the effectiveness of the incorporation of these tools in the customer journey. By providing support that is relevant and accurate, AI tools can decrease the amount of uncertainty and enhance trust. Unless well executed, they can ruin the service experience in their entirety.
Linking with Objective 2
The second objective was to test the effect of AI-based customer service technology on customer satisfaction during UK fashion e-commerce. AI has a positive impact on customer satisfaction when it aids customers in functional and significant ways. The strongest factor was perceived usefulness since customers were more satisfied when AI assisted them in locating products, grasped sizing, were informed about delivery details and established the solutions to shopping-related questions. Satisfaction was enhanced by ease of use and responsiveness since customers appreciated easy tools and rapid customer support. Confidence and compassion were desirable when a customer had to be comforted in instances of customer complaint, refunds or other issues related to fitting. Thus, the conclusion associated with this task is that AI enhances satisfaction as it helps to decrease conflict, save time and offer valid solutions. Nevertheless, AI will not be sufficient to achieve satisfaction unless it is accurate, comprehensible and assisted by humans as needed.
Linking with Objective 3
The third objective was to discover the problems related to utilisation of AI-based customer service tools in UK e-commerce in fashion industry. The research concluded that it is not the presence of AI, but rather its performance, which is the central problem. The customers can be unhappy with the inaccurate, repetitive, unclear, or unhelpful answers when using the AI. The issues of privacy, transparency and bias are also persisting since AI tools frequently rely on customer data to make personalised suggestions. The conclusion that could be made in connection with this goal is that AI may cause frustration when it cannot resolve the actual problem of the customer. Hence, retailers need to make sure that AI tools can be trusted, are transparent and can redirect customers to human support in case of a complicated or sensitive situation.
Linking with Objective 4
The fourth objective was to provide recommendations on how AI-based customer service tools could be enhanced to make UK fashion e-commerce retailers more satisfied with their customers. AI tools used by retailers need to be enhanced by taking into consideration usefulness, simplicity, accuracy, responsiveness, transparency and human support. The real needs of customers should be made AI-wise to include search for products, sizing, updated delivery, information returned and feedback. The tools must be user-friendly as customers should not be perplexed. Quick reactions should also be truthful and pertinent as opposed to being general and misinformed. The responsible personalisation, transparent data use and reasonable recommendations can help to improve trust. The conclusion associated with this aim is that AI need not be used in full place of human service. Rather, a hybrid model involving AI responding to simple queries and human personnel assisting with complicated issues affecting the person will be the most effective solution.
[bookmark: _dqkp9r75jopx][bookmark: _Toc231283876]6.3 Recommendations
Recommendation 1: Improving the practical usefulness of AI tools
To enhance AI tools, UK fashion e-commerce retailers must target concrete issues of the customer, instead of applying AI in the form of an automation feature. The results revealed that usefulness was the most significant aspect that influences satisfaction, that is, customers appreciate AI when they are assisted in performing a real task. It involves identification of the appropriate product, size and fit checks, knowledge of delivery and returns issues in fashion shopping. If AI provides general answers, it might seem sophisticated, but not assist the customer in deciding on the matter. It may bring frustration as the customer will have to do a manual search or call a human agent. Thus, AI must be trained using updated product and stock, sizing, delivery and returns data to ensure that it offers specific and trusted advice (Rahmani et al. 2023). It would turn AI into a problem-solving tool as opposed to an adorned digital service feature.
Recommendation 2: Making the AI service simple and customer-friendly
The development of AI-based customer service tools should have a simple navigation system, natural language responses and well-defined paths to services by retailers. The analysis discovered that the ease of use was a significant contributor to the level of satisfaction, and it indicates that users do not desire to experience the difficulty of using a complicated chatbot menu or do not understand the meaning of the automatic response. This is significant since online shopping for fashion is normally quick and comparative in nature. The low-technology AI interface will decrease friction and assist customers in rapidly navigating their way through query-solution (Campa et al. 2024). Retailers must consequently put AI tools to the test as their customers see them and do away with redundant processes, redundant questions and bewildering terminology. It can ensure that AI becomes supportive rather than overbearing.
Recommendation 3: Balancing fast responses with accuracy and reliability
Responsiveness is not just the speed of the reply that should be adopted by UK fashion e-commerce retailers. Responsiveness was greatly appreciated, although a prompt response is beneficial when it is used to resolve the issue of the customer in the right way. The misinformation during the process of fashion e-commerce, like sizing, delivery, refunds or availability, can hurt satisfaction as customers can make bad purchasing decisions due to bad advice from AI. It implies that AI applications should be updated and tracked on a regular basis to have responses that are aligned with the latest information on products and services (Spring et al. 2022). Another option is having the retailers go through failed chatbot interactions in order to detect recurrent mistakes. The success can be huge since a proper responsiveness level can minimise uncertainty of customers, avoid the situation of basket abandonment and enhance trust in the retailer. It must thus aim at a quick resolution, but not necessarily quick automated communication.
Recommendation 4: Keeping human support for complex and sensitive issues
AI should be employed by retailers with simple queries, but with easy access to human service assistance on more complex, emotional or sensitive service issues. The results demonstrated that trust and empathy affected satisfaction, whereas AI did not seem to be as strong in emotional reassurance as in functional reassurance. It is important since fashion clients might require the human touch in case of delayed orders, refund-related issues, complaints or dissatisfaction with fit. When AI continues to keep the customers in the loop of an automatic mechanism in such cases, the service will seem impersonal and annoying (Xu and Greiffenhagen, 2024). Human dial can also be used to assure the customer that their trust is not compromised, by demonstrating that the retailer is not naive about the constraints of automation (Pappas et al. 2023). Retailers should instead create a hybrid that has AI to deal with quick and simple queries and have human advisers deal with those scenarios where judgment, empathy and reassurance are needed.
[bookmark: _yucdlod0azqk][bookmark: _Toc231283877]6.4 Research Limitations
The research relied on 120 responses to surveys, which gave valuable results, but they might not count all the customers of the fashion e-commerce in UK. Purposive sampling was used to select the sample, therefore, making the results more applicable to the customers already using AI-based service tools. The research adopted a quantitative questionnaire, which aided in quantifying the relationships between variables but did not allow for attaining in-depth personal experiences, frustrations or emotional responses. The research concentrated on customer perceptions as opposed to data related to the retailers. Therefore, it did not look into the design, management, or updating of AI systems by companies. Lastly, the results were only generalised to UK fashion e-commerce and might not be the same for other retail industries.
[bookmark: _mv0cu37d07vz][bookmark: _Toc231283878]6.5 Future Scope
The study could be furthered in future research by adopting a larger and more diversified sample of customers of fashion e-commerce in UK. It would enhance generalisability and make better comparisons between age groups, frequency and level of customer experience of shopping. As part of future research, interviews may be utilised to investigate the reasons behind customer satisfaction or dissatisfaction with AI-based service tools in further detail. It would come in handy since some of the areas like trust, empathy, privacy and frustration might require more qualitative insight. Another potential research topic is comparing the various categories of AI tools like chatbots, virtual assistants, and recommendation systems and AI size or fit tools. As well, further research can be conducted to study retailer-side viewpoints, to learn how AI systems are created, tracked and enhanced.
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APPLICATION FOR ETHICAL APPROVAL

In order for research to result in benefit and minimise risk of harm, it must be conducted ethically. 

The University follows the OECD Frascati manual definition of research activity: “creative work undertaken on a systematic basis in order to increase the stock of knowledge, including knowledge of man, culture and society, and the use of this stock of knowledge to devise new applications”. As such this covers activities undertaken by members of staff, postgraduate research students, and both taught postgraduate and undergraduate students working on dissertations/projects.

The individual undertaking the research activity is known as the “principal researcher”.

This form must be completed and approved prior to undertaking any research activity. 

SECTION A: About You (Principal Researcher)
	1
	Full Name:
	Hari Singh Nenavath 

	2
	Student Number:
	2414104

	3
	Email address:
	2414104@student.uwtsd.ac.uk

	4
	Programme of Study:
	MBA International 

	5
	Supervisor:
	Rexon Nting 



SECTION B:  Internal and External Ethical Guidance Materials
	
	Please list the core ethical guidance documents that have been referred to during the completion of this form (including any discipline-specific codes of research ethics, location-specific codes of research ethics, and also any specific ethical guidance relating to the proposed methodology).  Please tick to confirm that your research proposal adheres to these codes and guidelines. You may add rows to this table if needed.

	1
	UWTSD Research Ethics & Integrity Code of Practice
	☐
	2
	UWTSD Research Data Management Policy
	☐

	3
	
	☐

	4
	
	☐



SECTION C: Details of Research Activity
	1
	Indicative title:
	Investigating the Impact of AI-Based Customer Service Tools on Customer Satisfaction in UK Fashion E-commerce Retailers

	2
	Proposed start date:
	
	Proposed end date:
	

	
	Introduction to the Research (maximum 300 words in each section)
Ensure that you write for a Non-Specialist Audience when outlining your response to the three points below:
· Purpose of Research Activity
· Proposed Research Question
· Aims of Research Activity
· Objectives of Research Activity
Demonstrate, briefly, how Existing Research has informed the proposed activity and explain
· What the research activity will add to the body of knowledge 
· How it addresses an area of importance. 

	3
	Purpose of Research Activity

AI-powered customer service applications, including chatbots and virtual assistants, are becoming more popular in the sphere of e-commerce due to their ability to enhance responsiveness, availability, and cost-effectiveness. Nonetheless, the customer satisfaction level is not determined by speed only, but also by accuracy, empathy, and the skills of handling a complicated issue. Although AI in online shopping has been studied more and more extensively, less research has been directed towards UK fashion online shopping, where customer service is of particular concern due to returns, size-fitting problems, delivery questions, and product-related inquiries. The study will contribute to the current knowledge since it will offer firsthand customer data on the role of AI-based service tools in their satisfaction within this particular industry. It discusses a relevant field since the perceptions of customers can be used to understand customer perceptions, which can benefit retailers in raising the quality of customer service, enhancing customer relationships, and making decisions related to the implementation of AI in customer care.

	4
	Research Question
What is the impact of AI-based customer service tools on customer satisfaction with UK fashion e-commerce retailers?


	5
	Aims of Research Activity
The study aims to examine how AI-based customer service applications influence customer satisfaction in the fashion online stores in the UK.

	6
	Objectives of Research Activity
· To explore the application of AI-based customer service solutions among UK fashion e-commerce retailers
· To examine how customer service tools that are based on AI influence customer satisfaction in fashion e-commerce retailing in the UK
· To identify the issues associated with the use of AI-based customer service tools in online retailers of the UK fashion market
· To offer suggestions to increase the performance of AI-based customer service tools to increase customer satisfaction among UK fashion e-commerce retailers

	
	Proposed data collection methods (maximum 600 words)
Provide a brief summary of all the methods that may be used in the research activity to collect data, making it clear what specific techniques may be used. If methods other than those listed in this section are deemed appropriate later, additional ethical approval for those methods will be needed. You do not need to justify the methods here but should instead describe how you intend to collect the data necessary for you to complete your project.

	7
	A primary quantitative survey will be the primary data collection method of this research. The data will be gathered through direct surveying of the customers who have experience of utilising AI-based customer service tools (chatbots, virtual assistants, or automated messaging systems) when they are shopping with e-commerce retailers in the United Kingdom. The survey will be structured in a way that it will be used to collect systematic answers regarding customer experiences, perception, as well as level of satisfaction regarding these digital customer service tools.
The specific data collection method will be the self-administered online questionnaire. The questionnaire will be developed using Google Forms. It will have a total of 20 questions, and all the questions will be closed-ended because it must be structured to elicit answers in a form that can be quantified and measured. The response options will be primarily based on a Likert scale in which the respondents will be requested to provide their degree of agreement, satisfaction or experience on a fixed scale, like very dissatisfied to very satisfied, strongly disagree to strongly agree. This format will assist in the generation of unified data, which can be easily tabulated and analysed.
It is that the questionnaire will start with a brief introduction that explains why this study was conducted, why the study is voluntary and how much time will be required to complete the survey. They will be introduced to an information section and a consent section, after which they will be allowed to pass on to the survey questions. The questionnaire will be filled out by those who voluntarily agree to take part.
There will be 120 participants who will fill out the survey. The participants will be chosen among adults who have placed their orders with the e-commerce vendors of fashion in the UK and have interacted with AI-based customer service software during their shopping process or after-sales inquiries. The participants will be recruited over the online platform, including the social media platform. 
The 20 close-ended items will be aimed at the frequency of the utilisation of AI-based customer service tools, convenience of use, the speed of the response, usefulness of the information provided, the capacity to solve problems, the degree of trust, and general customer satisfaction. To describe the sample, a few closed-ended background questions could be included, such as age group and frequency of online shopping.
The questionnaire will be open-ended, with a specific duration to collect the answers. All the responses will be electronically submitted and kept safely in the survey system, and then transferred to an encrypted file to be analysed. In this project, no interviews, focus groups, observations, experiments, or other methods of data collection will be employed. The responsibility of the study is restricted to data collection in the form of a survey that includes questionnaires.



SECTION D: Scope of Research Activity
	
	Will the research activity include:
	YES
	NO

	1
	Use of a questionnaire or similar research instrument?
	☒
	☐

	2
	Use of interviews?
	☐
	☒

	3
	Use of focus groups?
	☐
	☒

	4
	Use of participant diaries? 
	☐
	☒

	5
	Use of video or audio recording?
	☐
	☒

	6
	Use of computer-generated log files?
	☐
	☒

	7
	Participant observation with their knowledge?
	☐
	☒

	8
	Participant observation without their knowledge?
	☐
	☒

	9
	Access to personal or confidential information without the participants’ specific consent?
	☐
	☒

	10
	Administration of any questions, test stimuli, presentation that may be experienced as physically, mentally or emotionally harmful / offensive?
	☐
	☒

	11
	Performance of any acts which may cause embarrassment or affect self-esteem?
	☐
	☒

	12
	Investigation of participants involved in illegal activities?
	☐
	☒

	13
	Use of procedures that involve deception?
	☐
	☒

	14
	Administration of any substance, agent or placebo?
	☐
	☒

	15
	Working with live vertebrate animals?
	☐
	☒

	16
	Procedures that may have a negative impact on the environment?
	☐
	☒

	17
	Other primary data collection methods. Please indicate the type of data collection method(s) below.
	☐
	☒

	
	Details of any other primary data collection method:



(this box should expand as you type)
	
	



If you have ticked NO to every question then the research activity is (ethically) low risk and you may skip section E and continue to section F.

If YES to any question, then no research activity should be undertaken until full ethical approval has been obtained. 

SECTION E: Intended Participants
	
	Who are the intended participants:
	
YES
	
NO

	1
	Students or staff at the University?
	☐
	☒

	2
	Adults (over the age of 18 and competent to give consent)?
	☒
	☐

	3
	Vulnerable adults?
	☐
	☒

	4
	Children and Young People under the age of 18? (Consent from Parent, Carer or Guardian will be required)
	☐
	☒

	5
	Prisoners?
	☐
	☒

	6
	Young offenders?
	☐
	☒

	7
	Those who could be considered to have a particularly dependent relationship with the investigator or a gatekeeper?
	☐
	☒

	8
	People engaged in illegal activities?
	☐
	☒

	9
	Others. Please indicate the participants below, and specifically any group who may be unable to give consent.

	☐
	☒

	
	Details of any other participant groups:
NA
	
	



	
	Participant numbers and source
Provide an estimate of the expected number of participants. How will you identify participants and how will they be recruited? 

	10
	How many participants are expected?

	The number of respondents involved in the research is around 120 who will be recruited by distributing the survey through the social media by way of social media tools like Facebook and Twitter and through student networks, online communities and personal connections.

	11
	Who will the participants be?

	The participants will be adults aged over 18 and have experience in using the AI-based customer service tools in UK fashion e-commerce retailers, as well as could provide informed consent.

	12
	How will you identify the participants?
	The participants will be established by screening questions in the first stage of the online questionnaire to ensure that they are of age over 18 and have used AI-based tools of customer service in e-commerce in the UK fashion.




	
	Information for participants:
	
YES
	NO
	
N/A

	13
	Will you describe the main research procedures to participants in advance, so that they are informed about what to expect?
	☒
	☐
	☐

	14
	Will you tell participants that their participation is voluntary?
	☒
	☐
	☐

	15
	Will you obtain written consent for participation?
	☒
	☐
	☐

	16
	Will you explain to participants that refusal to participate in the research will not affect their treatment or education (if relevant)?
	☒
	☐
	☐

	17
	If the research is observational, will you ask participants for their consent to being observed?
	☐
	☐
	☒

	18
	Will you tell participants that they may withdraw from the research at any time and for any reason?
	☒
	☐
	☐

	19
	With questionnaires, will you give participants the option of omitting questions they do not want to answer?
	☐
	☒
	☒

	20
	Will you tell participants that their data will be treated with full confidentiality and that, if published, it will not be identifiable as theirs?
	☒
	☐
	☐

	21
	Will you debrief participants at the end of their participation, in a way appropriate to the type of research undertaken?
	☒
	☐
	☐

	22
	If NO to any of above questions, please give an explanation 

	
	Question 17 is insignificant as the research is not a case of a observational study, and question 19 is marked no since the 20 questions in the survey are close-ended Likert scale questions to be filled in, although the survey process itself is voluntary.




	
	Information for participants:
	
YES
	NO
	
N/A

	24
	Will participants be paid?
	☐
	☒
	☐

	25
	Is specialist electrical or other equipment to be used with participants?
	☐
	☒
	☐

	26
	Are there any financial or other interests to the investigator or University arising from this study?
	☐
	☒
	☐

	27
	Will the research activity involve deliberately misleading participants in any way, or the partial or full concealment of the specific study aims?
	☐
	☒
	☐

	28
	If YES to any question, please provide full details 

	
	



SECTION F: Anticipated Risks

	
	
Outline any anticipated risks that may adversely affect any of the participants, the researchers and/or the University, and the steps that will be taken to address them.  

	1
	Risks to participants
For example: sector-specific health & safety, emotional distress, financial disclosure, physical harm, transfer of personal data, sensitive organisational information. If you have identified in section D that there are no participants, then enter N/A and go skip to question 3.

	
	Risk to participants:
Participants may face slight discomfort, loss of time, or minor privacy risks.
	Participation will be voluntary, questions will be non-sensitive, and responses will be kept confidential and stored securely.

	2
	If research activity may include sensitive, embarrassing or upsetting topics (e.g. sexual activity, drug use) or issues likely to disclose information requiring further action (e.g. criminal activity), give details of the procedures to deal with these issues, including any support/advice (e.g. helpline numbers) to be offered to participants. Note that where applicable, consent procedures should make it clear that if something potentially or actually illegal is discovered in the course of a project, it may need to be disclosed to the proper authorities

	
	This study does not involve sensitive or upsetting topics, and participants can stop the survey at any time if they feel uncomfortable.

	3
	Risks to the investigator
For example: personal health & safety, physical harm, emotional distress, risk of accusation of harm/impropriety, conflict of interest

	
	Risk to the investigator:
The investigator may face minor stress and responsibility for secure data handling.
	The investigator will follow the research plan, manage time carefully, and store data securely.

	4
	University/institutional risks
For example: adverse publicity, financial loss, data protection

	
	Risk to the University:
There may be a small risk of reputational or data protection issues if the research is not handled properly.
	The research will follow ethical guidelines and all data will be handled confidentially and securely.

	5
	Environmental risks
For example: accidental spillage of pollutants, damage to local ecosystems

	
	Risk to the environment:
The study has no environmental risk because it is conducted online.
	The research will use an online survey to reduce paper use and physical waste.




SECTION G: Feedback, Consent and Confidentiality

If you have identified in section D that there are no participants, then enter skip this section and continue to section H.

	1
	Feedback
What de-briefing and feedback will be provided to participants, how will this be done and when? 

	
	At the conclusion of the survey, the participants will receive a short debrief statement and will have an email address to address in case they require additional information regarding the study.

	2
	Informed consent
Describe the arrangements to inform potential participants, before providing consent, of what is involved in participating. Describe the arrangements for participants to provide full consent before data collection begins. If gaining consent in this way is inappropriate, explain how consent will be obtained and recorded in accordance with prevailing data protection legislation.

	
	In the online questionnaire, there will be an information and consent section before the survey commences, which the participants will give through the next button and completion of the survey, which will constitute informed consent.

	3
	Confidentiality / Anonymity
Set out how anonymity of participants and confidentiality will be ensured in any outputs. If anonymity is not being offered, explain why this is the case. 

	
	The responses to the participants will remain anonymous and confidential, no names will be gathered and the data will be stored safely and reported in summary format.



SECTION H: Data Protection and Storage

	
	Does the research activity involve personal data (as defined by the General Data Protection Regulation 2016 “GDPR” and the Data Protection Act 2018 “DPA”)?
	YES
	NO

	1
	“Personal data” means any information relating to an identified or identifiable natural person (‘data subject’). An identifiable natural person is one who can be identified, directly or indirectly, in particular by reference to an identifier such as a name, an identification number, location data, an online identifier or to one or more factors specific to the physical, physiological, genetic, mental, economic, cultural or social identity of that natural person. Any video or audio recordings of participants is considered to be personal data.
	☐
	☒

	
	If YES, provide a description of the data and explain why this data needs to be collected:

	2
	This includes audio/video data of participants but can also include IP addresses and usernames. Names, addresses and emails also count, as do consent forms.

(this box should expand as you type)

	
	Does it involve special category data (as defined by the GDPR)?
	YES
	NO

	3
	“Special category data” means sensitive personal data consisting of information as to the data subjects’ –
(a) racial or ethnic origin,
(b) political opinions,
(c) religious beliefs or other beliefs of a similar nature,
(d) membership of a trade union (within the meaning of the Trade Union and Labour Relations (Consolidation) Act 1992),
(e) physical or mental health or condition,
(f) sexual life,
(g) genetics,
(h) biometric data (as used for ID purposes),
	
☐
	
☒

	
	If YES, provide a description of the special category data and explain why this data needs to be collected:

	4
	What counts as ‘sensitive’ will differ between cultures. Any information on behaviour that is not in accordance with cultural norms would count as sensitive personal data.



(this box should expand as you type)



	
	
Will data from the research activity (collected data, drafts of the thesis, or materials for publication) be stored in any of the following ways?
	YES
	NO

	5
	Manual files (i.e. in paper form)?
	☐
	☒

	6
	University computers?
	☒
	☐

	7
	Private company computers?
	☐
	☒

	8
	Home or other personal computers?
	☐
	☒

	9
	Laptop computers/ CDs/ Portable disk-drives/ memory sticks?
	☒
	☐

	10
	“Cloud” storage or websites?
	☒
	☐

	11
	Other – specify:

	☐
	☐

	12
	For all stored data, explain the measures in place to ensure the security of the data collected, data confidentiality, including details of backup procedures, password protection, encryption, anonymisation and pseudonymisation:

	
	All data will be stored securely in password-protected files on the researcher’s university-approved storage and personal password-protected computer, with access limited to the researcher only. Survey responses will be anonymised as far as possible, no names will be collected, and all findings will be reported in summary form only. Any downloaded files will be kept securely and backed up in protected cloud storage where available. If portable devices are used, they will also be password-protected. Data will be handled confidentially and in line with GDPR, the Data Protection Act 2018, and university data management requirements.




	
	Data Protection

	
	Will the research activity involve any of the following activities:
	YES
	NO

	13
	Electronic transfer of data in any form?
	☐
	☒

	14
	Sharing of data with others at the University outside of the immediate research team?
	☐
	☒

	15
	Sharing of data with other organisations?
	☐
	☒

	16
	Export of data outside the UK or importing of data from outside the UK?
	☐
	☒

	17
	Use of personal addresses, postcodes, faxes, emails or telephone numbers?
	☐
	☒

	18
	Publication of data that might allow identification of individuals?
	☐
	☒

	19
	If YES to any question, please provide full details, explaining how this will be conducted in accordance with the GDPR and Data Protection Act (2018) (and/or any international equivalent):

	
	

	20
	List all who will have access to the data generated by the research activity:

	
	The principal researcher and the research supervisor will have access to the data if required.

	21
	List who will have control of, and act as custodian(s) for, data generated by the research activity:

	
	The principal researcher will act as the custodian of the data generated by the research activity.

	22
	Give details of data storage arrangements, including security measures in place to protect the data, where data will be stored, how long for, and in what form. 

	
	All data will be digitized and stored in password-protected devices and secure cloud storage available to the researcher and the data will be safely stored until the research project is done and then deleted according to the university requirements.

	22
	Confirm that you have read the UWTSD guidance on data management (see https://www.uwtsd.ac.uk/library/research-data-management/)
	☒

	23
	Confirm that you are aware that you need to keep all data until after your research has completed or the end of your funding
	☒




SECTION I: Use of AI tools
	Use of generative AI and other AI-based tools
There are a number of ethical issues relating to the use of generative AI and other AI-based tools, including data security, output bias, and output errors. In general you should assume that any generative AI or other AI-based tool that you pay to use is more secure and accurate than one which is free to use.

Will the research use AI tools to do any of the following:
	YES
	NO
	N/A

	1
	Capture data?
	☐
	☒
	☐

	2
	Generate and/or edit text?
	☐
	☒
	☐

	3
	Generate graphics?
	☐
	☒
	☐

	4
	Generate video?
	☐
	☒
	☐

	5
	Generate sound/music?
	☐
	☒
	☐

	6
	Generate code?
	☐
	☒
	☐

	7
	Generate synthetic data?
	☐
	☒
	☐

	8
	Analyse data?
	☐
	☒
	☐

	9
	Analyse personal or sensitive data?
	☐
	☒
	☐

	10
	Classify data?
	☐
	☒
	☐

	11
	Do you intend to use the free version of any AI tools?
	☐
	☒
	☐

	If you have answered YES to any of questions O1-O11, please provide justification detailing why this is necessary for the research.  

	12
	




SECTION J: Declaration
	
	The information which I have provided is correct and complete to the best of my knowledge. I have attempted to identify any risks and issues related to the research activity and acknowledge my obligations and the rights of the participants.

In submitting this application I hereby confirm that I undertake to ensure that the above named research activity will meet the University’s Research Ethics and Integrity Code of Practice which is published on the website: https://www.uwtsd.ac.uk/research/research-ethics/ 

	1
	Signature of applicant:
	
	Date:


	2
	Supervisor:
	
	Date:

	3
	Signature:
	

	





[bookmark: _Toc231283882]Appendix 2: Survey Questionnaire
Demographic Questions
[image: Forms response chart. Question title: 1. What is your age group?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 2. What is your gender?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 3. What is your current employment status?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 4. How often do you shop from UK fashion e-commerce websites or apps?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 5. Which AI-based customer service tool have you used most often while shopping for fashion products online?. Number of responses: 120 responses.]
Descriptive Questions
DV: Customer Satisfaction
[image: Forms response chart. Question title: 6. Do AI-based customer service tools improve your online fashion shopping experience?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 7. How satisfied are you with the overall support provided by AI-based customer service tools in UK fashion e-commerce?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 8. How likely are you to feel satisfied with a fashion retailer when its AI tool solves your query successfully?. Number of responses: 120 responses.]
IV1: Perceived usefulness
[image: Forms response chart. Question title: 9. How useful do you find AI-based customer service tools when searching for fashion products online?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 10. Do AI-based customer service tools improve the speed of getting useful shopping information?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 11. How helpful are AI-based customer service tools in answering your questions about sizing, delivery, returns or refunds?. Number of responses: 120 responses.]
IV2: Ease of use
[image: Forms response chart. Question title: 12. How easy is it for you to use AI-based customer service tools when shopping from UK fashion e-commerce websites or apps?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 13. Do you think that AI-based customer service tools are simple to understand and operate?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 14. Do AI-based customer service tools guide you clearly through your online fashion shopping queries?. Number of responses: 120 responses.]
IV3: Responsiveness
[image: Forms response chart. Question title: 15. To what extent do you agree that AI-based customer service tools provide timely support when you need help?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 16. To what extent do you agree that AI-based customer service tools reduce waiting time compared with human customer support?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 17. To what extent do you agree that AI-based customer service tools become slow or unresponsive because of technical glitches during online fashion shopping?. Number of responses: 120 responses.]
IV4: Level of trust and empathy
[image: Forms response chart. Question title: 18. Do AI-based customer service tools provide reliable support for your fashion shopping queries?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 19. How much do you trust AI-based customer service tools to provide accurate information during online fashion shopping?. Number of responses: 120 responses.]
[image: Forms response chart. Question title: 20. Do AI-based customer service tools fail to understand customer concerns when handling complex issues such as returns, refunds or complaints for technical issues?. Number of responses: 120 responses.]

[bookmark: _Toc231283883]Appendix 3: Survey Link
https://forms.gle/Y2vAPCWAtfuZQsoE9 
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1. What is your age group?

Cumuative
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1. What is your age group?
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2. What is your gender?

120 responses

@ Male
@ Female





image8.png
1. What is your age group?
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3. What is your current employment status?
120 responses

@ Student

@ Unemployed

©® Employed full-time
@ Employed part-time
@ Self-employed

@ Retired
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4. How often do you shop from UK fashion e-commerce websites or apps?
120 responses

@ Rarely

@ Every few months
@ Monthly

@ Weekly
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5. Which Al-based customer service tool have you used most often while shopping for fashion

products online?
120 responses

@ Chatbot

@ Virtual assistant

@® Automated product recommendation
@ Al size or fit suggestion

@ Not sure




image33.png
6. Do Al-based customer service tools improve your online fashion shopping experience?
120 responses

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree
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7. How satisfied are you with the overall support provided by Al-based customer service tools in UK

fashion e-commerce?

120 responses

@ Very dissatisfied
@ Dissatisfied

@ Neutral
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@ Very satisfied




image35.png
8. How likely are you to feel satisfied with a fashion retailer when its Al tool solves your query

successfully?

120 responses

@ Very unlikely
@ Unlikely
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@ Very likely
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9. How useful do you find Al-based customer service tools when searching for fashion products

online?
120 responses

@ Not useful at all
@ Slightly useful

© Moderately useful
@ Very useful

@ Extremely useful
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10. Do Al-based customer service tools improve the speed of getting useful shopping information?

120 responses

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree
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11. How helpful are Al-based customer service tools in answering your questions about sizing,

delivery, returns or refunds?

120 responses

@ Not helpful at all
@ Slightly helpful

© Moderately helpful
@ Very helpful

@ Extremely helpful
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12. How easy is it for you to use Al-based customer service tools when shopping from UK fashion

e-commerce websites or apps?

120 responses

@ Very difficult
@ Difficult
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@ Easy
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2. Whatis your gender?

Cumulative
Frequency Percent  ValidPercent  Percent

Valid  Male 55 458 458 458

Female 65 54.2 54.2 100.0

Total 120 1000 100.0
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13. Do you think that Al-based customer service tools are simple to understand and operate?
120 responses

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree
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14. Do Al-based customer service tools guide you clearly through your online fashion shopping

queries?
120 responses

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree
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15. To what extent do you agree that Al-based customer service tools provide timely support when

you need help?

120 responses

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree
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16. To what extent do you agree that Al-based customer service tools reduce waiting time

compared with human customer support?

120 responses

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree
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17. To what extent do you agree that Al-based customer service tools become slow or unresponsive

because of technical glitches during online fashion shopping?
120 responses

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree
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18. Do Al-based customer service tools provide reliable support for your fashion shopping queries?
120 responses

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree
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19. How much do you trust Al-based customer service tools to provide accurate information during

online fashion shopping?
120 responses

@ Do not trust at all
@ Trust slightly

@ Trust moderately
@ Trust highly

@ Trust completely
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20. Do Al-based customer service tools fail to understand customer concerns when handling

complex issues such as returns, refunds or complaints for technical issues?
120 responses

@ Strongly disagree
@ Disagree

@ Neutral

@ Agree

@ Strongly agree
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Responses-Survey  Dataset.xlsx
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Responses-Survey Dataset.xlsx
Form responses 1

		1. What is your age group?		2. What is your gender?		3. What is your current employment status?		4. How often do you shop from UK fashion e-commerce websites or apps?		5. Which AI-based customer service tool have you used most often while shopping for fashion products online?		6. Do AI-based customer service tools improve your online fashion shopping experience?		7. How satisfied are you with the overall support provided by AI-based customer service tools in UK fashion e-commerce?		8. How likely are you to feel satisfied with a fashion retailer when its AI tool solves your query successfully?		9. How useful do you find AI-based customer service tools when searching for fashion products online?		10. Do AI-based customer service tools improve the speed of getting useful shopping information?		11. How helpful are AI-based customer service tools in answering your questions about sizing, delivery, returns or refunds?		12. How easy is it for you to use AI-based customer service tools when shopping from UK fashion e-commerce websites or apps?		13. Do you think that AI-based customer service tools are simple to understand and operate?		14. Do AI-based customer service tools guide you clearly through your online fashion shopping queries?		15. To what extent do you agree that AI-based customer service tools provide timely support when you need help?		16. To what extent do you agree that AI-based customer service tools reduce waiting time compared with human customer support?		17. To what extent do you agree that AI-based customer service tools become slow or unresponsive because of technical glitches during online fashion shopping?		18. Do AI-based customer service tools provide reliable support for your fashion shopping queries?		19. How much do you trust AI-based customer service tools to provide accurate information during online fashion shopping?		20. Do AI-based customer service tools fail to understand customer concerns when handling complex issues such as returns, refunds or complaints for technical issues?
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3.Whatis your current employment status?

Cumuative
Frequency  Percent  ValidPercent  Percent

Valld_student 3 50 50 50
Unemployed 18 150 150 200
Employed fulktime 2 192 192 392
Employed partime 2 27 27 608
Selfemployed 3 358 358 967
Retired 4 33 33 1000
Total 120 1000 1000
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3. Whatis your current employment status?

W student

M unemployed

M Employed fulktime
EEmployed part-time
M selfemployed
WRetired
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4. How often do you shop from UK fashion e-commerce websites or

apps?
Cumuiatve
Frequency | Percent  ValidPercent Percent

Vald_Raray 1B 150 150 150
Every few monihs 0 187 167 a7
Wonthly 55 458 458 75
Weekly 7 28 25 1000

Tota 120 1000 1000
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4.How often do you shop from UK fashion e-commerce websites or apps?

WRarsly
W Every few months.
WWonthly

ekly
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5. Which Al-based customer service tool have you used most often while
shopping for fashion products online?

Cumulative
Frequency Percent  ValidPercent  Percent
Valid Chatbot 35 202 202 202
Vitual assistant 3 258 258 55.0
Automated product 19 158 158 708
recommendation
Al sizs orfit suggestion 2 233 233 942
Not sure 7 58 58 100.0

Total 120 1000 100.0
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5. Which Al-based customer service tool have you used most often while shopping for fashion products
online?

W Chathot
W Virtal assistant

Automated product
B Commendaton

WA size or fit suggestion
Mot sure
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Descriptive Statistics

N Minimum | Madmum  Mean  Std.Deviation
Customer Satisfaction 120 1.00 500 40028 84845
oV

Perceived ussfuiness 120 1.00 500 40611 92277
il

Eass ofuse (V2] 120 1.00 500 40639 89952
Responsiveness V3] 120 1.00 500 41389 85513
Level of trust and 120 1.00 500  4.0889 83876
empathy (V4]

Valid N (istwiss) 120
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Reliability Statistics

Cronbach's
Alpha Nof tems

953 5
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KMO and Bartlett's Test

Kaiser-Meyer-Olkin Measure of Sampling Adequaty.
Bartlstts Test of Approx. Chi-Square
Sphericity &

sig.

879
634851
10
<001
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Correlations

Customer Perceived
Saisfaction  usefulness
oV w1l
Customer Satisfaction  Pearson Carrelation 1 820"
0 Sig. (2-4ailed) <001
N 120 120
Perceived ussfuiness Pearson Correlation 820" 1
b Sig. (2-4ailed) <001
N 120 120

*_Corrslation is significant atthe 0.01 level (2-tailed)
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Model Summaryb

Adjusted R Std. Error of Durbin-
Model R R Square Square the Estimate Watson
1 .820* 673 670 48735 1915
a. Predictors: (Constant), Perceived usefulness V1]
b. Dependent Variable: Customer Satisfaction [DV]
ANOVA?
sum of
Model Squares df Mean Square F sig
1 Regression 57.640 1 57640 242688 <001°
Residual 28.026 118 238
Total 85.666 119
a. Dependent Variable: Customer Satisfaction [DV]
b. Predictors: (Constant), Perceived usefulness [IV1]
Coefficients”
Standardized
Unstandardized Coefficients Coefficients
Model B Std. Error Beta t sig
1 (Constant) -840 202 4662 <001
:;;f!ived usefulness 754 048 820 15.578 <.001

a. Dependent Variable: Customer Satisfaction [DV]
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Correlations

Customer
Safisfacion  Ease ofuse
oV w2l
Customer Satisfaction _Pearsan Canrlation 1 797"
=3 Sig. (2-tailec) <001
N 120 120
Ease ofusa [V2] Pearson Correlation 797" 1
Sig. (2-tailec) <001
N 120 120

*_Corrslation is significant atthe 0.01 level (2-tailed)
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Model Summaryb

Adjusted R Std. Error of Durbin-
Model R R Square Square the Estimate Watson
1 797% 636 633 51414 2123

a. Predictors: (Constant), Ease of use [IV2]
b. Dependent Variable: Customer Satisfaction [DV]

ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 54473 1 54473 206.070 <001®
Residual 31193 118 264
Total 85.666 118

a. Dependent Variable: Customer Satisfaction [DV]
b. Predictors: (Constant), Ease of use V2]

Coefficients”
Standardized
Unstandardized Coefficients Coefficients
Model B Std. Error Beta t sig
1 (Constant) 946 218 4339 <001
Ease of use [IV2] 752 052 797 14.355 <001

a. Dependent Variable: Customer Satisfaction [DV]
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Correlations

Customer
Safisfacion  Responsiven
oV ess V3]

Customer Satisfaction _Pearsan Canrlation 1 781"

=3 Sig. (2-tailec) <001

N 120 120

Responsivensss V3] Pearson Correlation 781" 1
Sig. (2-tailec) <001

N 120 120

*_Corrslation is significant atthe 0.01 level (2-tailed)
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Model Summarf

Adjusted R Std. Error of Durbin-
Model R R Square Square the Estimate Watson
1 7817 609 606 53254 2.281

a. Predictors: (Constant), Responsiveness [IV3]
b. Dependent Variable: Customer Satisfaction [DV]

ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 52202 1 52202 184.072 <001®
Residual 33.464 118 284
Total 85.666 1189

a. Dependent Variable: Customer Satisfaction [DV]
b. Predictors: (Constant), Responsiveness [IV3]

Coefficients”
Standardized
Unstandardized Coefficients Coefficients
Mode! B Std. Error Beta t sig
1 (Constant) 797 241 3304 001
Responsiveness [IV3] 775 057 781 13567 <.001

a. Dependent Variable: Customer Satisfaction [DV]
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Correlations

Customer  Level oftust
Satisfaction  and smpathy
Y it

Customer Saisfacton _ Pearson Corrlation i T
P
=3 Sig. (2tailed) <001

N 120 120
Leveloftrustand Pearson Corrlation 1" '
smpathy (V4]

Sig. (2tailed) <001

N 120 120

*_Corrslation is significant atthe 0.01 level (2-tailed)
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Model Summaryb

Adjusted R Std. Error of Durbin-
Model R R Square Square the Estimate Watson
1 741? 549 545 57220 2072
a. Predictors: (Constant), Level of trust and empathy IV4]
b. Dependent Variable: Customer Satisfaction [DV]
ANOVA?
Sum of
Model Squares df Mean Square F sig
1 Regression 47.031 1 47031 143641 <001°
Residual 38.635 118 327
Total 85.666 119
a. Dependent Variable: Customer Satisfaction [DV]
b. Predictors: (Constant), Level of trust and empathy [IV4]
Coefficients”
Standardized
Unstandardized Coefficients Coefficients
Model B Std. Error Beta t sig
1 (Constant) 938 261 3594 <001
Level of trust and 750 083 741 11985 <001
empathy (V4]

a. Dependent Variable: Customer Satisfaction [DV]




image1.png
% Prifysgol Cymru
% Y Drindod Dewi Sant
3 University of Wales
Trinity Saint David





image2.png
. Learning
. Response

from
generation feedback

.Knowledge (bot or
base lookup ~ human)

.NLP
processing

Query

received




