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[bookmark: _Toc225453974]Abstract
The accelerating pace of digital transformation across the UK retail sector has created one of the most consequential inflection points in frontline employment in recent decades. Self-checkout automation, warehouse robotics, AI-driven inventory systems, and dark-store fulfilment technologies are not peripheral developments; they are fundamentally restructuring what frontline retail work involves, who performs it, and under what psychological conditions. Yet, despite this structural upheaval, the quantitative evidence base examining how individual frontline workers respond to digital transformation in terms of both their adaptive capacity and their psychological anxiety remains conspicuously thin, particularly within the UK context.
This proposal will investigate the direct effect of digital transformation exposure on two employee-level outcomes: adaptability and job anxiety, among frontline workers employed by large UK supermarket chains and e-commerce-integrated retailers. Adopting a positivist philosophical position and a deductive research approach, the study will employ a cross-sectional survey design administered to a convenience sample of 120 frontline retail employees. A structured questionnaire using validated Likert-scale instruments will be deployed, and data will be analysed in IBM SPSS Statistics through descriptive statistics, Pearson correlation analysis, and multiple linear regression. The study is theoretically anchored in the Job Demands–Resources model and the Technology Acceptance Model. In contributing quantifiable, sector-specific evidence to a literature that is presently empirically fragmented, this research addresses a gap of direct academic and practitioner significance, particularly given that approximately 170,000 UK retail positions were eliminated in 2024 alone.
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[bookmark: _Toc225453976]1.1  Contextual Background
The UK retail sector stands at a defining crossroads. As one of the country's largest employment domains, it supports millions of frontline workers in customer-facing, logistical, and fulfilment roles. Yet, over the past decade, the sector has been subjected to a pace of digital transformation that is without historical precedent in its speed and structural depth. Technologies including automated self-checkout systems, AI-driven inventory management, warehouse robotics, and dark-store fulfilment infrastructure have been embedded across organisations such as Tesco, Sainsbury's, Asda, and Amazon UK, fundamentally altering what frontline work requires and, critically, who remains employable within it (Papanagnou et al., 2022; Kelly, 2024). According to Goodley (2024), nearly 170,000 UK retail workers lost their jobs in 2024 alone, a figure widely attributed to automation-led restructuring and the accelerating decline of labour-intensive store formats. These are not peripheral statistics; they are evidence of a structural reordering of an entire sector's workforce.
Digital transformation, understood as the fundamental integration of digital technology into all areas of an organisation resulting in deep operational and cultural change (Vial, 2019), has intensified considerably since the COVID-19 pandemic, which compressed years of planned digital investment into months (Awad and Martín-Rojas, 2024). What is striking, however, is the asymmetry in academic attention. The majority of scholarly inquiry into retail digital transformation focuses on strategic or customer experience dimensions, whilst comparatively little research interrogates the measurable psychological and behavioural consequences for the individual frontline worker who must navigate these changes daily. This gap is particularly acute in the United Kingdom, where sector-specific quantitative evidence on employee-level responses to digital transformation remains markedly underdeveloped (Tilly and Carré, 2026).
[bookmark: _Toc225453977]1.2  Statement of the Research Problem
Despite a substantial and growing body of international literature examining the psychological effects of digital workplace change, a precise and consequential gap persists. There is a notable absence of quantitative, hypothesis-testing research that simultaneously measures the effects of digital transformation exposure on both employee adaptability and job anxiety among frontline retail workers in the United Kingdom. Existing studies, including those by Ghani et al. (2022) and Akbar et al. (2025), acknowledge the psychological pressures attendant on digital change, but the majority either rely on qualitative methodologies that preclude statistical inference, draw on non-UK samples that limit contextual applicability, or examine each outcome variable in isolation rather than within a unified empirical model. The consequence is a literature that is theoretically sophisticated yet empirically incomplete, particularly at the level of the individual worker. This study is designed to address that incompleteness directly, through a structured survey instrument capable of generating statistically testable evidence on the dual-outcome relationship within the UK retail context.
[bookmark: _Toc225453978]1.3  Significance of the Research
The academic significance of this study resides in its capacity to extend the empirical reach of the Job Demands–Resources (JD-R) model into a sector and national context where its predictions have not previously been formally tested using quantitative data. Specifically, this study will examine whether digital transformation exposure functions simultaneously as a job demand — elevating anxiety — and as a resource pathway — fostering adaptability — within the same sample and instrument, a theoretical proposition advanced by Zhou et al. (2025a) but not yet empirically verified in a UK retail setting. Beyond its theoretical contribution, the study carries direct practical significance. The findings will provide actionable, quantifiable evidence for HR directors, operations managers, and workforce policymakers in organisations navigating sustained automation pressure. In particular, the results are designed to inform the calibration of digital onboarding programmes, the design of reskilling interventions, and the development of targeted wellbeing support structures for frontline staff in organisations such as Sainsbury's, Tesco, and Amazon UK, where technological change is ongoing and its human consequences are yet to be systematically measured.
[bookmark: _Toc225453979]1.4  Definition of Key Terms
Three core constructs require precise definition at the outset. Digital transformation is defined as the process through which organisations fundamentally alter their operations, culture, and stakeholder engagement by integrating digital technologies across all functional domains (Matt et al., 2015). Employee adaptability, as operationalised in this study, refers to the capacity of an individual to modify their skills, behaviours, and cognitive approaches in response to new technological demands and changing work conditions (Arora et al., 2025). Job anxiety denotes a sustained state of psychological tension and apprehension arising from perceived uncertainty or threat within the work environment, particularly where that threat is associated with technological change, role ambiguity, or fear of displacement (Makowska-Tłomak et al., 2023). These definitions are drawn from peer-reviewed sources and are used consistently throughout the proposal in the operationalisation of the study's measurement instruments.
[bookmark: _Toc225453980]1.5  Research Aim, Objectives, and Research Questions
The aim of this research is to critically examine the effect of digital transformation exposure on employee adaptability and job anxiety among frontline workers in the UK retail sector.
The research objectives are as follows:
O1:  To determine the level of digital transformation exposure experienced by frontline retail employees across UK supermarket and e-commerce-integrated retail organisations.
O2:  To analyse the statistical relationship between digital transformation exposure and employee adaptability using Pearson correlation and multiple linear regression.
O3:  To investigate the statistical relationship between digital transformation exposure and job anxiety among frontline UK retail workers.
O4:  To evaluate the combined predictive capacity of digital transformation exposure for both employee adaptability and job anxiety within a unified regression framework.
The corresponding research questions are:
RQ1:  What is the degree of digital transformation exposure reported by frontline retail employees in UK supermarket chains and e-commerce-integrated retailers?
RQ2:  To what extent does digital transformation exposure predict employee adaptability among frontline UK retail workers?
RQ3:  To what extent does digital transformation exposure predict job anxiety among frontline UK retail workers?
RQ4:  What is the combined explanatory power of digital transformation exposure in predicting both employee adaptability and job anxiety simultaneously within a multiple regression model?


[bookmark: _Toc225453981]2.0  Literature Review
[bookmark: _Toc225453982]2.1  Theoretical and Conceptual Foundations
Two theoretical frameworks provide the intellectual architecture for this study. The first, and primary, is the Job Demands–Resources (JD-R) model, developed and refined by Bakker and Demerouti (2017). The JD-R model posits that all work characteristics can be categorised as either demands — aspects of the job that impose sustained physical or psychological costs — or resources — aspects that facilitate goal achievement, learning, and the buffering of those costs. Its particular relevance to the present study lies in the fact that digital transformation does not function unidimensionally in the workplace. Rather, as Zhou et al. (2025a) demonstrate, it constitutes a double-edged phenomenon: it introduces demands in the form of unfamiliar systems, accelerated cognitive load, role redefinition, and uncertainty about future employment; yet it simultaneously offers potential resources through efficiency gains, upskilling pathways, and expanded operational capacity. This dual dynamic justifies the study's simultaneous investigation of both a demands-pathway outcome, job anxiety, and a resources-pathway outcome, employee adaptability, within the same empirical model. The JD-R framework is well-suited to this design precisely because it anticipates divergent responses to the same organisational stimulus, depending on how that stimulus is perceived and managed.
The second framework is the Technology Acceptance Model (TAM), first proposed by Davis (1989) and subsequently applied to retail technology contexts by Kasthurirengan (2025). TAM identifies perceived usefulness and perceived ease of use as the two primary determinants of technology acceptance, predicting that employees who view new digital tools as useful and manageable will exhibit more positive adoptive behaviours and reduced anxiety. While TAM was originally conceived as an adoption model, its construct-level predictions are directly relevant to the present study: perceived ease of use maps onto the anxiety-reduction pathway, whilst perceived usefulness aligns with adaptive engagement. Together, JD-R and TAM enable the study to theorise both the psychological costs and the adaptive potential of digital transformation exposure at the individual level, providing a robust theoretical basis for the hypotheses developed in Section 2.5.
[bookmark: _Toc225453983]2.2  Digital Transformation and the UK Retail Sector
The UK retail sector offers one of the most empirically compelling contexts for studying the human consequences of digital transformation. Verhoef et al. (2021) characterise digital transformation in retail as an irreversibly multidimensional process, encompassing not merely technological adoption but structural changes to workforce composition, supply chain architecture, and the very definition of the retail employment relationship. Within the UK, this transformation has proceeded with particular speed and intensity. Major supermarket chains have deployed self-checkout technology at scale, while organisations such as Amazon UK have operationalised dark-store models and automated fulfilment architectures that have substantially reduced labour demand in traditionally high-volume frontline roles (Kelly, 2024; Moradi et al., 2024). The workforce consequences are quantifiable and severe: the British Retail Consortium recorded a net reduction of 225,000 retail jobs across the five years preceding 2024 (Jones, 2024), a trajectory that accelerated with the loss of approximately 170,000 positions in 2024 alone (Goodley, 2024).
The longer-term projections are equally stark. Sabanoglu (2022) estimated that up to 400,000 UK retail occupations could be displaced or substantially restructured by technology by 2030, and although scholars such as Bessen et al. (2023) appropriately caution against deterministic displacement narratives, the directional trajectory of UK retail employment is not a matter of serious academic contention. What remains critically underexamined, however, is the psychological and behavioural reality of frontline workers experiencing these conditions in real time. Ahmad and Dixit (2025) observe that digital technology adoption generates markedly unequal readiness across retail employee cohorts, creating fault lines particularly visible where digital literacy support is inadequate or absent. Most pointedly, Tilly and Carré (2026) characterise the UK retail transformation process as one of 'chaotic rationalisation', arguing that organisations are implementing change at a pace that systematically outstrips their capacity to manage its human consequences. It is precisely this gap between organisational transformation speed and individual workforce readiness that motivates and justifies the present research.
[bookmark: _Toc225453984]2.3  Employee Adaptability in Digitally Transforming Workplaces
Employee adaptability has become a focal construct in the management and organisational behaviour literature addressing digital workplace change, and for good reason. As digital transformation accelerates, the ability of individual workers to adjust their skills, modify their task behaviours, and sustain performance under conditions of technological ambiguity is increasingly central to both individual career resilience and organisational operational continuity. Arora et al. (2025) conceptualise adaptive competency in frontline retail employees as a multi-component capability, encompassing the acquisition of new technological skills, the reconfiguration of task behaviours in response to automated systems, and the maintenance of performance standards when role parameters are in flux. Their study of retail employees in rapidly changing digital environments found a positive association between digital tool exposure and adaptive competency, conditional upon the presence of organisational support. This conditional quality is significant and echoed in the findings of Sun et al. (2025), who examined digital adaptability performance among fashion retail employees and found that readiness to adapt was shaped both by pre-existing digital literacy and by perceptions of procedural fairness in how digital changes were implemented.
Critically, however, the relationship between digital transformation exposure and adaptability is neither linear nor invariably positive. Xiao (2024) identifies role misalignment as a structural inhibitor of adaptation, demonstrating that when digital tool deployment generates ambiguity about job responsibilities and performance expectations, even technically capable employees fail to adapt effectively. This finding challenges optimistic accounts of digital transformation as inherently upskilling, drawing attention instead to the organisational conditions under which adaptability either flourishes or is suppressed. Höyng and Lau (2023) reinforce this critique by establishing that employee digital readiness, a construct analytically proximate to adaptability, is shaped by affective as well as cognitive dimensions; specifically, employees who experience anxiety in response to digital change demonstrate suppressed adaptive capacity irrespective of their objective technical capability. Li et al. (2026) further complicate the picture through a dual-path model distinguishing approach-oriented from avoidance-oriented responses to digital technology requirements, finding that avoidance-oriented employees, driven by perceived threat, exhibit substantially inferior adaptive performance outcomes. Taken together, this body of work establishes both a robust empirical basis for expecting a positive direct relationship between digital transformation exposure and adaptability, and a set of contextual nuances that underscore the need for UK-specific empirical verification.
[bookmark: _Toc225453985]2.4  Job Anxiety, Technostress, and Workplace Wellbeing
The psychological literature on digital workplace transformation has generated a consistent and troubling pattern: employees exposed to rapid technological change in the absence of adequate support report significantly elevated levels of anxiety, stress, and psychological strain. Makowska-Tłomak et al. (2023) represent one of the most methodologically rigorous contributions to this literature, developing and validating the Digital Transformation Stress Scale through a multi-sample process that confirms both the construct validity and practical significance of digital transformation-related stress as a distinct psychological phenomenon. Their findings demonstrate that the pace of digital change, when it outstrips employee readiness, functions as a reliable and measurable source of psychological harm. Akbar et al. (2025) situate this evidence within a broader analytical framework, arguing that the anxiety generated by digital transformation in workplaces is not simply a response to technical novelty, but a sustained psychological reaction to the perceived existential risks of automation: job displacement, skill obsolescence, and role redundancy. In the UK retail context, where these risks are not merely theoretical but quantified in annual employment statistics, this anxiety is both rationally grounded and empirically important (GOV.UK, 2025).
Ghani et al. (2022) examined the intersection of work stress, technological change, and job insecurity in a retail organisational context, finding that unsupported exposure to new digital technologies was among the strongest predictors of psychological strain in their sample. Han et al. (2025) corroborate this pattern in a service sector study, establishing that workplace digitisation elevates both job demands and digital anxiety in a manner consistent with the demands pathway of the JD-R model. Whilst Pothuganti et al. (2025) and Harunavamwe et al. (2025) confirm the negative association between technostress and work engagement, an important divergence in the literature concerns the conditions under which anxiety responses can be attenuated. Bausch et al. (2024) identify technology-induced stress, left unmanaged, as a direct precursor to employee resistance behaviours, whilst Zhang et al. (2025) demonstrate that the role overload generated by digital intensification predicts job burnout over time. These findings collectively establish job anxiety as a measurable, predictable outcome of digital transformation exposure, whilst simultaneously highlighting that the magnitude of this relationship is likely to vary with organisational context and support provision. The present study contributes to this evidence base by producing quantitative estimates of this relationship specifically for UK frontline retail workers, a population whose experiences remain substantially absent from the peer-reviewed literature.
Table 1 presents the key theoretical divergences identified in the reviewed literature.

	Debate Dimension
	Position A: Supporting Evidence
	Position B: Challenging Evidence

	Effect of digital transformation exposure on employee adaptability
	Positive association reported where digital support is present (Arora et al., 2025; Sun et al., 2025; Bhati and Mathur, 2025)
	Suppressed or absent where role ambiguity or perceived threat is high (Xiao, 2024; Li et al., 2026; Höyng and Lau, 2023)

	Effect of digital transformation exposure on job anxiety
	Consistently positive across retail and service sector studies (Ghani et al., 2022; Han et al., 2025; Akbar et al., 2025)
	Attenuated by digital self-efficacy, managerial support, and transparency (Sha and Chai, 2025; Bausch et al., 2024)

	UK retail labour market trajectory
	Automation drives measurable and continuing displacement (Goodley, 2024; Jones, 2024; Sabanoglu, 2022)
	Digital transformation generates new roles and upskilling potential if managed strategically (Morandini et al., 2023; Sancak, 2023)


Table 1: Summary of Key Theoretical Divergences in the Literature on Digital Transformation and Employee Outcomes
[bookmark: _Toc225453986]2.5  Research Gap and Hypothesis Development
The foregoing review establishes that, whilst the international literature on digital transformation and employee-level outcomes is both extensive and theoretically sophisticated, a specific and significant gap remains. No existing study, to the author's knowledge, has simultaneously measured the effects of digital transformation exposure on both employee adaptability and job anxiety within a single quantitative framework, using validated survey instruments, in a UK frontline retail population. The majority of studies either examine a single outcome variable, operate in non-UK or non-retail contexts, or employ methodological designs incapable of producing the statistical estimates required to test directional predictions. This gap is not merely an academic observation; in the context of a sector shedding employment at the scale documented above, the absence of quantitative evidence about how workers simultaneously adapt and suffer psychologically under conditions of digital transformation represents a substantive failure of the existing evidence base to serve the populations most affected by these changes.
The present study addresses this gap directly. Drawing on the theoretical predictions of the JD-R model and the TAM, and building upon the empirical foundations identified above, the following hypotheses are proposed for statistical testing:
H1:  Digital transformation exposure will be positively and significantly associated with employee adaptability among frontline UK retail workers.
H2:  Digital transformation exposure will be positively and significantly associated with job anxiety among frontline UK retail workers.
H1a:  Digital transformation exposure will be a statistically significant positive predictor of employee adaptability in a multiple linear regression model, after controlling for demographic covariates.
H2a:  Digital transformation exposure will be a statistically significant positive predictor of job anxiety in a multiple linear regression model, after controlling for demographic covariates.
All null hypotheses (H0: no significant association exists between the variables) will be tested at the conventional p < .05 significance threshold. These four hypotheses are theoretically grounded, empirically motivated, and operationalisable through the survey instrument described in Section 3.4.


[bookmark: _Toc225453987]3.0  Research Methodology
The methodological design of this study is structured in accordance with Saunders, Lewis, and Thornhill's (2019) Research Onion framework, which provides a principled and layered approach to methodological decision-making, from the philosophical foundations through to the practical mechanics of data collection and analysis. Each layer is addressed sequentially below, with explicit justification for each choice and critical evaluation of alternatives.
[bookmark: _Toc225453988]3.1  Research Philosophy
This study adopts a positivist research philosophy. Positivism holds that social reality is objective and independent of the observer, and that legitimate scientific knowledge is produced through the empirical measurement of observable phenomena, the testing of hypotheses, and the derivation of generalisable findings from statistical analysis (Ortiz, 2020). This position is the most epistemologically appropriate for the present study because the research questions demand the quantification of relationships between defined variables rather than the interpretive exploration of subjective meaning. A positivist stance permits the use of standardised, validated instruments, enables statistical inference from sample to population, and ensures that findings are replicable and comparable across future studies (Catterall, 2000). These characteristics are indispensable given the study's commitment to hypothesis testing and its use of Pearson correlation and multiple linear regression as primary analytical tools.
Two alternative philosophical positions were considered and rejected. Interpretivism, whilst capable of generating rich qualitative insight into how individual workers narrate their experiences of digital transformation, does not produce the statistically generalisable evidence required to test the directional hypotheses stated in Section 2.5. The subjective depth that interpretivism affords is a strength in exploratory research, but it is a limitation in a study explicitly designed to measure and quantify relationships. Pragmatism, which combines philosophical positions and could in principle support a mixed-methods design, was similarly rejected on grounds of proportionality: the addition of qualitative interviews would extend both the timeline and the sampling demands beyond what is feasible for a single-researcher proposal of this scope. Positivism, combined with a deductive approach and a survey strategy, constitutes the most internally consistent and methodologically defensible philosophical position for this study.
[bookmark: _Toc225453989]3.2  Research Approach
The study adopts a deductive research approach. Deduction proceeds from established theoretical propositions to empirically testable hypotheses, and from those hypotheses to the collection of data designed to confirm or refute them (Saunders et al., 2019). This direction of reasoning, from the general to the specific, is precisely what the present study requires. The hypotheses advanced in Section 2.5 are derived directly from the JD-R model and the TAM, both of which are well-validated theoretical frameworks with substantial empirical support. The study's purpose is not to generate new theory but to test whether existing theory holds in a specific and underrepresented context: the UK frontline retail sector. An inductive approach, which builds theory inductively from emergent data patterns, would be appropriate in a domain where theoretical frameworks are underdeveloped, which is demonstrably not the case here. The deductive approach is therefore both epistemologically coherent and strategically aligned with the study's objectives.
[bookmark: _Toc225453990]3.3  Research Strategy and Critical Evaluation
The research strategy is a cross-sectional survey. A structured, self-completion questionnaire will be administered to frontline retail employees, enabling the simultaneous collection of numeric data on multiple constructs from a moderately large sample within a defined time window. Survey strategy is the pre-eminent approach for positivist, deductive, quantitative research in the social sciences, valued for its efficiency in reaching geographically dispersed populations, its compatibility with validated measurement scales, and its capacity to generate data suitable for the inferential statistical analyses specified in this study (Chang and Chen, 2025).
The specific strengths of this design in the present context are threefold. First, an online survey can reach frontline retail workers across multiple employer types and geographic locations simultaneously, without the access constraints that would attend an organisationally embedded design. Second, the use of validated Likert-scale instruments ensures measurement consistency and enables the computation of composite scale scores suitable for parametric analysis. Third, the survey format facilitates participant anonymity, which is particularly important when asking employees to disclose their anxiety levels and perceptions of technological threat in relation to their current employer. The primary methodological limitation is the cross-sectional time horizon, which captures perceptions at a single point in time and cannot establish causal directionality. This limitation is acknowledged explicitly in Section 3.9. Two alternative strategies were evaluated. A case study design, such as an in-depth investigation of digital transformation within Tesco or Sainsbury's, would produce rich contextual data but could not generate the statistically generalisable evidence required to address the research questions. A longitudinal survey design would resolve the temporality limitation but is unfeasible within the resource and timeline constraints of a student-led research proposal. The cross-sectional survey therefore represents the optimal balance of scientific rigour and practical feasibility for this study.
[bookmark: _Toc225453991]3.4  Measurement Instrument Design
The primary data collection instrument will be a structured questionnaire comprising four thematic sections. Table 2 presents the full instrument design, including construct definitions, item counts, and the validated sources from which items are adapted. All attitudinal items will employ a five-point Likert scale anchored at 1 (Strongly Disagree) and 5 (Strongly Agree), consistent with convention in quantitative organisational research and with the requirements of parametric analysis in SPSS (Field, 2024). The questionnaire will be hosted on Microsoft Forms, which allows anonymous completion, automated data recording, and direct export to SPSS-compatible format (.csv). Estimated completion time is ten minutes.

	Section
	Construct Measured
	Items
	Scale Source

	A
	Demographic and employment profile (role type, tenure, employer size, age group, gender, highest qualification)
	6
	Researcher-designed

	B
	Digital Transformation Exposure (DTE)
	5
	Adapted from Makowska-Tłomak et al. (2023); Höyng and Lau (2023)

	C
	Employee Adaptability (EA)
	5
	Adapted from Arora et al. (2025); Sun et al. (2025)

	D
	Job Anxiety (JA)
	5
	Adapted from Makowska-Tłomak et al. (2023); Ghani et al. (2022)


Table 2: Questionnaire Structure and Construct-Level Measurement Instrument Design
Sample items for each attitudinal construct are provided in Appendix A. Representative items are as follows. For Digital Transformation Exposure: 'My current role requires me to regularly use new digital tools or automated systems introduced by my employer.' For Employee Adaptability: 'I am confident in my ability to learn the new digital skills required by my role.' For Job Anxiety: 'The introduction of new technology in my workplace makes me feel uncertain about my future position.' These items are directly traceable to the operational definitions established in Section 1.4 and are consistent with the construct boundaries specified in the theoretical literature. The decision to adapt rather than directly reproduce validated items reflects the need to contextualise language for a UK frontline retail population, whilst retaining the construct fidelity of the source instruments.
[bookmark: _Toc225453992]3.5  Sampling Strategy and Target Population
The target population for this study comprises frontline retail employees in the United Kingdom, specifically those working in customer-facing, checkout, warehouse, and e-commerce fulfilment roles within large supermarket chains (including Tesco, Sainsbury's, and Asda) and e-commerce-integrated retailers (including Amazon UK). The intended sample size is 120 respondents, a figure justified on statistical grounds by Field (2024), who identifies n = 100 as the minimum adequate sample size for multiple regression analysis involving two to three predictors with moderate expected effect sizes. A sample of 120 provides a small buffer above this threshold, improving the stability of regression coefficients whilst remaining realistic for a convenience-sampled student-led study.
Convenience sampling will be used, with participants recruited via professional networking platforms, social media groups for UK retail workers, and direct outreach through retail staff community organisations. This approach is appropriate and well-precedented in student-led quantitative research, where probability sampling methods would require institutional access permissions that are unlikely to be obtained within the study's operational constraints (Ortiz, 2020). The inclusion and exclusion criteria are presented in Table 3.

	Type
	Criterion
	Rationale

	Inclusion
	Currently employed in a frontline retail role in the UK
	Ensures respondents have direct, live exposure to the digital transformation processes under investigation

	Inclusion
	Minimum 6 months' tenure with current employer
	Provides sufficient exposure to employer-specific digital systems and any recent transformation initiatives

	Inclusion
	Employed by a large supermarket chain or e-commerce-integrated retailer
	Ensures alignment with the study's sector focus and technological context

	Exclusion
	Managerial or supervisory roles above team leader level
	Managerial experience of digital transformation is structurally distinct from frontline experience and would introduce construct contamination

	Exclusion
	Employed primarily in a non-UK retail setting
	The study is explicitly bounded to the UK context and the findings are not intended to generalise beyond it


Table 3: Participant Inclusion and Exclusion Criteria for Sample Selection
[bookmark: _Toc225453993]3.6  Data Analysis Plan
All quantitative data will be analysed using IBM SPSS Statistics, Version 29, following a structured three-stage analytical sequence aligned with the study's research questions and hypotheses. This sequence is described below.
Stage 1: Descriptive Statistics. Frequencies, means, standard deviations, and histograms will be generated for all scale variables. This stage serves two purposes: it provides an initial descriptive profile of digital transformation exposure, adaptability, and anxiety levels within the sample, and it identifies any distributional anomalies, outliers, or violations of normality assumptions that require attention before inferential analysis proceeds. Demographic data from Section A will be summarised using frequency tables.
Stage 2: Pearson Correlation Analysis. Bivariate correlations will be computed between the Digital Transformation Exposure scale and each of the two outcome scales (Employee Adaptability and Job Anxiety). Pearson's r is appropriate where data approximate normality and are measured on continuous composite scales derived from Likert items (Field, 2024). The resulting correlation matrix, including coefficients, significance values, and sample sizes, will be reported in full. This stage provides preliminary directional evidence for or against H1 and H2, and identifies the magnitude of the bivariate associations prior to regression.
Stage 3: Multiple Linear Regression. Two separate regression models will be estimated in SPSS. Model 1 will regress Employee Adaptability on Digital Transformation Exposure, with demographic dummy variables included as controls. Model 2 will regress Job Anxiety on Digital Transformation Exposure, again with demographic controls. Standard regression diagnostics will be conducted and reported, including variance inflation factor (VIF) checks for multicollinearity, residual scatterplots for homoscedasticity, and normal probability plots for residual normality, all in accordance with the guidelines specified by Field (2024). The primary outputs for hypothesis testing will be the unstandardised and standardised regression coefficients (B and Beta), the R² and adjusted R² values reflecting model explanatory power, and the F-statistic with its associated significance value. These outputs collectively constitute the basis for testing H1a and H2a.
[bookmark: _Toc225453994]3.7  Reliability and Validity
Internal consistency reliability for all three attitudinal scales will be assessed prior to regression analysis using Cronbach's alpha coefficient, with a minimum acceptable threshold of α ≥ .70, as recommended for social science research (Field, 2024). Any scale producing an alpha below this threshold will be subject to item-level review, with the potential exclusion of items that are identified as poor contributors to internal consistency. The source instruments from which items are adapted report alpha values ranging from .76 to .89, providing reasonable a priori confidence in the measurement properties of the adapted scales without the need for a formal pilot study. Content validity is addressed through the use of theoretically grounded items adapted from validated, peer-reviewed instruments, rather than researcher-generated items without prior validation history. Construct validity will be partially evaluated using principal components analysis as a diagnostic check on the dimensionality of each scale prior to regression, to confirm that each scale is measuring a single coherent underlying construct as intended.
[bookmark: _Toc225453995]3.8  Ethical Considerations
This study will adhere fully to the ethical principles of the University of Wales Trinity Saint David and will comply with the UK General Data Protection Regulation in all aspects of data collection, storage, and processing (ICO, 2023). Each of the five mandatory ethical dimensions is addressed below.
i. Informed Consent. Prior to survey commencement, every participant will receive a Participant Information Sheet (PIS) delivered via the online survey platform. The PIS will specify: the purpose and academic context of the research; the nature and estimated duration of participation (approximately ten minutes); the voluntary nature of involvement; potential risks (none beyond the time involved); participant rights; and how data will be stored, used, and eventually destroyed. Written digital consent will be obtained via an explicit checkbox before the first survey item is presented. No data will be collected from any participant who does not actively confirm consent.
ii. Right to Withdraw. All participants retain the unconditional right to exit the survey at any stage without providing a reason and without any adverse consequence. This right will be communicated explicitly in the PIS and reiterated at the survey's opening screen.
iii. Anonymity and Confidentiality. Given the entirely anonymous online survey format, anonymity rather than confidentiality is the applicable ethical principle: the researcher will not be able to identify individual respondents from the data collected. No names, employer identifiers, or workplace-specific details will be requested. Demographic data will be reported in aggregate form only, ensuring that no individual's identity can be inferred from the published results.
iv. GDPR and Data Protection Compliance. All data will be stored in password-protected files within an encrypted university-approved cloud storage environment, accessible only to the lead researcher. The data retention period will be two years following study completion, after which all data will be securely deleted. Data will not be shared with any third party, and the survey platform (Microsoft Forms) operates within UK GDPR-compliant data processing frameworks.
v. Researcher Safety. As data collection is conducted entirely online, direct physical risk to the researcher is negligible. A dedicated university email address will be used for all participant communications, and no personal identifying information about the researcher will be shared with participants beyond institutional affiliation.
[bookmark: _Toc225453996]3.9  Limitations of the Study
Three substantive limitations are inherent in the proposed design and require explicit acknowledgement.
First, the cross-sectional design represents a structural constraint on the study's capacity to establish causal directionality. Whilst multiple linear regression will identify statistically significant predictive relationships, it cannot determine whether digital transformation exposure causes elevated job anxiety or enhanced adaptability, or whether pre-existing individual characteristics mediate these relationships. The observed associations will be correlational and predictive in nature, not causal. Future longitudinal designs would be required to address this limitation.
Second, the convenience sampling method introduces the risk of self-selection bias. Individuals with strong existing opinions about digital transformation — either those who feel significantly threatened by it or those who have adapted most successfully — may be disproportionately motivated to participate. This could skew response distributions towards the extremes and reduce the representativeness of the sample relative to the broader frontline retail population.
Third, the study's sampling frame is bounded to large supermarket chains and e-commerce-integrated retailers, which limits the generalisability of findings to the broader UK retail sector, particularly independent retailers and smaller chains whose digital transformation trajectories differ substantially from those of the major multiples. Researcher positionality is also acknowledged: familiarity with the UK retail job displacement discourse may have introduced subtle framing effects into questionnaire design. This risk is mitigated through adherence to validated source instruments and through item review against the operational definitions established in Section 1.4.


[bookmark: _Toc225453997]4.0  Outcomes and Timetable
[bookmark: _Toc225453998]4.1  Expected Outcomes and Contribution
This study anticipates finding that digital transformation exposure will be a statistically significant positive predictor of both employee adaptability and job anxiety among frontline UK retail workers, consistent with the dual-pathway logic of the JD-R model and with the preponderance of evidence in the international literature (Bakker and Demerouti, 2017; Han et al., 2025). The regression models are expected to account for a meaningful proportion of variance in each outcome variable, providing the first quantitative estimates of these relationships within a UK retail context.
Academically, this study will make an original empirical contribution by testing the simultaneous validity of two JD-R pathways in a sector and national context where neither has previously been examined using quantitative, hypothesis-testing methodology. It will extend the empirical reach of both the JD-R model and the TAM into UK frontline retail, contributing to a literature that has, to date, leaned heavily on qualitative and non-UK evidence. The validated questionnaire instrument developed for this study will also be available as a resource for future longitudinal or comparative research designs (Trenerry et al., 2021). Practically, the findings are intended to be immediately actionable. If digital transformation exposure is confirmed as a significant predictor of job anxiety, this will constitute a quantitative mandate for UK retail organisations to invest in structured psychological support, transparent change communication, and paced technology rollout strategies. If adaptability is simultaneously found to increase with exposure, this will provide empirical support for phased upskilling models and for the proposition that well-managed digital transformation can generate positive as well as negative individual-level outcomes (Sha and Chai, 2025; Orkamo et al., 2025).
[bookmark: _Toc225453999]4.2  Gantt Chart and Timeline Narrative
The proposed research timeline spans sixteen weeks, as illustrated in Figure 4. The sequencing of phases reflects the logical dependencies inherent in the design: instrument development must follow the finalisation of the literature review; ethics approval must precede any data collection; data cleaning must precede statistical analysis. A minimum of two weeks has been allocated to the ethics approval period, reflecting standard institutional processing timelines, and a one-week buffer has been built into the data collection window to accommodate participant non-response and follow-up outreach. The analysis and writing phases overlap in the later weeks, reflecting the iterative nature of quantitative research in which preliminary outputs inform the framing of subsequent analyses. The total timeline from literature finalisation to final submission is designed to be realistic, accounting for the known time demands of SPSS analysis, table construction, and iterative academic writing at Level 7.
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Figure 4: Gantt Chart — Proposed 16-Week Research Timeline. Green shading indicates active phase; navy header row shows week numbers.
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[bookmark: _Toc225454002]Appendix A: Sample Questionnaire Items by Scale
	Scale
	Item No.
	Sample Survey Item
	Response Format

	Digital Transformation Exposure (DTE)
	DTE1
	My current role requires me to regularly use new digital tools or automated systems introduced by my employer.
	1 = Strongly Disagree; 5 = Strongly Agree

	DTE
	DTE2
	In the past 12 months, the digital systems used in my workplace have changed significantly.
	1–5 Likert Scale

	DTE
	DTE3
	I have had to adapt to new technology as a direct result of changes in my organisation's operations.
	1–5 Likert Scale

	Employee Adaptability (EA)
	EA1
	I am confident in my ability to learn the new digital skills required by my role.
	1–5 Likert Scale

	EA
	EA2
	When new technology is introduced at work, I adjust my working practices quickly.
	1–5 Likert Scale

	EA
	EA3
	I actively seek to develop skills needed to keep pace with technological changes in my workplace.
	1–5 Likert Scale

	Job Anxiety (JA)
	JA1
	The introduction of new technology in my workplace makes me feel uncertain about my future position.
	1–5 Likert Scale

	JA
	JA2
	I feel anxious about the possibility that my job could be automated or significantly altered by technology.
	1–5 Likert Scale

	JA
	JA3
	Thinking about the pace of digital change in my workplace causes me stress.
	1–5 Likert Scale


Table A1: Sample Questionnaire Items — DTE, EA, and JA Scales
[bookmark: _Toc225454003]Appendix B: Variable Operationalisation Summary
	Variable
	Type
	Operational Definition
	Scale
	Items
	Source Instruments

	Digital Transformation Exposure (DTE)
	Independent Variable
	The degree to which an employee's current role has been directly exposed to workplace digital technologies and employer-led system changes
	5-point Likert
	5
	Makowska-Tłomak et al. (2023); Höyng and Lau (2023)

	Employee Adaptability (EA)
	Dependent Variable 1 (DV1)
	Individual capacity to modify skills, behaviours, and cognitive approaches in response to new digital demands in the workplace
	5-point Likert
	5
	Arora et al. (2025); Sun et al. (2025)

	Job Anxiety (JA)
	Dependent Variable 2 (DV2)
	Sustained psychological tension and apprehension arising from perceived uncertainty or threat related to digital transformation and associated role ambiguity
	5-point Likert
	5
	Makowska-Tłomak et al. (2023); Ghani et al. (2022)


Table B1: Variable Operationalisation Summary — All Study Constructs
