Introduction
Personalized eLearning, based on the use of AI, flexibility of learning environments, and ontologies for individual learner experiences, represents a revolution in the education process. While traditional learning is more or less static, personalized learning environments adapt in real time according to profile, context, and behaviour of the learner with improvements in learning performance.
Such ontology-based OLMS will enable us to manage the semantic relations of the learning objects, making retrieval easier and also creating flexible learning paths. Integration of learner classification frameworks and markers of the learning context will, therefore, enable OLMS to handle knowledge management and give recommendations on personalized content while ensuring effectiveness and efficiency in learning.
The literature review will also be focused on theoretical frameworks, AI-mediated personalized approaches, adaptation frameworks for learning, and ontology in eLearning among mapping of gaps in the current studies and scrutiny of real-life implications of AI-medicated personalized learning in education.
Plan for Literature Review 
 Thematic Framework 
OLMS is recommended for personalized learning with the power of ontology organization, thus making the process of learning adaptable and manageable by enhancing content retrieval. This review looks at the role of AI in personalized, adaptive ERLMs and ontology structuring, together with how this affects motivation and learning outcomes, and points to the main positive aspects, challenges, and future research directions.
 Overview of the major themes of the literature review
Ontology in the Personalized Learning Management System: Ontology structures education content by defining semantic relationships, hence enhancing the capability for content retrieval and recommendations. Instead of a static classification of learning objects, OLMS now provides dynamic classification of learning objects, allowing automatic tagging and intelligent search with the help of artificial intelligence. This would, in turn, create personalized learning experiences according to one's disposition, performance, and progress.
Adaptive Learning Platforms and AI on Personalization
AI-based adaptive learning platforms curate the content, making decisions on engagement and performance. It provides cognitive profiles to learners, knowledge gap classification and findings, and recommends navigated paths for learning. Real-time processing of data makes this learning more accessible and personalized.
 OLMS enhances content discoverability, automates personalization, and reduces instructor workload. Real-time adaptability makes it possible to individualize learning pathways, while semantic tagging enables data-driven decision-making for efficiency and scalability in e-learning.

 Challenges Faced in the Implementation of OLMS
OLMS suffers from problems of scalability, interoperability, and adaptability. Managing such a large dataset in real time is tricky, while integration into different LMSs will require standardization. Ethical issues, such as AI biases and data privacy, need to be handled to achieve equity in learning experiences. Future research needs to work on scalability and personalization.

Identification of Research Gaps
OLMS enables personalized learning, from which no empirical investigation has been undertaken. Theoretical frameworks of research were confined to AI modalities, of which gamification was one of the few. This present review will pinpoint methods where AI-driven personalized learning could best be strengthened.
 Justification for the literature review
 OLMS supports adaptation, semantic tagging, and learner-specific recommendations using AI; these turn into scalability and biases. Among others, future studies may investigate scalable modeling, gamification included in e-learning, and classification methodologies for reducing bias in recommending a course.



 Conclusion 
Ontology-based learning management systems represent a powerful means to enable personalized e-learning: easier ways to represent knowledge, adapt learning pathways, and do personalization by AI. In this review, crucial advantages and challenges and gaps in implementation are discussed. Though ontological models can enhance the retrieval of contents and engagement by learners, issues that remain unsolved are related to scaling, interoperability, and bias in AI. In this direction, possible research could focus on improving adaptability and gamification, and fine-tuning the AI-directed classification models. If achieved, personalized learning in the digital age would be more effective, scalable, and inclusive. 
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