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Abstract
This study investigated how Generative Artificial Intelligence can be used to improve customer interactions in online marketing campaigns, using the case of H&M. It was concerned with how Generative Artificial Intelligence facilitated customer communication and marketing processes, enhanced personalised interactions and customer experience, and the effect on marketing cost efficiency and returns on investment. An interpretivist research philosophy, inductive approach and exploratory research design were adopted. The research method employed in the study was qualitative research methodology with secondary data as the reading material of academic literature, publications of companies and industries, reports and other reliable sources. The systematic literature review entailed the use of recognised academic databases, and the selected evidence was subject to thematic analysis.
The results revealed that Generative Artificial Intelligence facilitated expedited content creation, automated communication, tailored suggestions, campaign development, and responded to digital marketing procedures. One-to-one communication was observed to enhance the relevance and convenience of interacting with customers, although individualisation and automation would have the drawback of diminishing authenticity and trust in customers. Even better marketing efficiency and possible financial outcomes were also observed in the study, and implementation costs, data quality, privacy, bias, accuracy and governance were significant issues. The study found that Generative Artificial Intelligence has the potential to further enhance customer interaction at H&M when accompanied by the right information, responsible actions and involvement of people.
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[bookmark: _Toc241153323]Chapter 1: Introduction  
[bookmark: _Toc241153324]1.1 Background 
The context behind this study is the recent and intense use of Generative Artificial Intelligence (GenAI), specifically in digital marketing, in order to enhance customer communication and engagement. These technologies assist businesses in creating personalised content, using chatbots to communicate with customers, and providing real-time support on various digital platforms. Due to the rising demand for personalised and responsive experiences, organisations are adopting AI-driven solutions in their marketing initiatives to enhance relationships with customers and improve the effectiveness of marketing campaigns (Shankar, 2025). Digital innovation has emerged as one of the main competitive advantages in the fashion retail business sector, where customer preferences and trends are constantly shifting. 
H&M has not been left behind in its pursuit to embrace digital transformation because it has leveraged AI-driven technologies to enrich the experiences of customers, personalise their recommendations and assist in marketing. Regardless of these advancements, little knowledge exists about the effect Generative AI has on customer outreach, marketing performance, and prospective investment (Figura et.al. 2025). In the fashion retail sector, as more companies shift towards digital channels, customer engagement has become a crucial focus area for organisations aiming to stay ahead in the game. Today, consumers want to be guided with relevant recommendations, be communicated to, and enjoy convenient digital experiences through the various online channels. 
GenAI can help with these expectations by helping marketers create content faster, customise messages for various audience segments, and facilitate ongoing engagement. But the application of GenAI also brings questions to the table about increased personalisation and automation equating to increased engagement for customers. The trustworthiness of AI-generated information, data privacy concerns, transparency, and customer trust are some of the factors that can affect customer reactions to AI-driven marketing efforts. Thus, analysing H&M would be beneficial to gain insight into the potential benefits and constraints of GenAI in the context of an authentic fashion retail marketing scenario.
[bookmark: _Toc241153325]1.2 Problem statement
The growing popularity of Generative AI platforms has changed the nature of digital marketing by facilitating individualised communication and automated customer interactions. Nevertheless, understanding the real effectiveness of these technologies in enhancing customer engagement and providing measurably valuable business value remains a challenge for many organisations. Despite investing in digital innovation and AI-based marketing solutions, the academic body that investigates the role of Generative AI in customer engagement, marketing cost-efficiency, and return on investment in its campaigns is limited (Wiputra et.al. 2024). Additionally, the issues of content validity, information security, client trust, and the ethical use of AI might impact the successful execution of such technologies. Thus, the study contributes to the necessity to assess the opportunities and challenges of employing Generative AI in the digital marketing campaigns of H&M to promote customer interaction and marketing performance.
Definition of AI Agent and Generative AI
An AI agent is an intelligent software system that can perceive information, make decisions, and perform tasks autonomously or semi-autonomously to achieve specific goals (Manduchi et.al. 2024). In digital marketing, AI agents have the ability to understand customer behaviour, make personalised recommendations, communicate automatically and even answer customer enquiries in the real-time. Generative AI (GenAI) is a type of artificial intelligence (AI) that generates novel content, such as text, images, videos, and other digital content, using previously learned rules based on the patterns of existing data. Compared to traditional AI, which mainly includes companies that analyse information, GenAI can be used to create original content, allowing organisations like H&M to create personalised marketing content, refine customer engagement and make digital marketing campaigns more efficient.
[bookmark: _Toc241153326]1.3 Rationale 
This study is justified by the fact that Generative AI, which is currently becoming more significant in digital marketing evolution and customer-engaging approaches, is expected to alleviate digital marketing activities and approaches to customers in the upcoming years. With numerous businesses applications to develop personalised content, automate customer engagement and enhance marketing efficiency, it is necessary to comprehend their effectiveness in practice (Kim and Choi, 2024). H&M is a suitable example study due to its high digital footprint, as well as ongoing investment in AI-based marketing efforts. Although the application of such technologies is on the rise, there is a dearth of research studies that focus on the role of the technologies in customer engagement, cost suitability in marketing, return on investment (ROI), and difficulties associated with their implementation in the fashion retail market segment. This research will add to the body of academic research and can be helpful to marketers in the quest to optimise AI-enabled digital marketing practices.
[bookmark: _Toc241153327]1.4 Aim and objectives 
Aim of the Research:
The aim of this research is to examine the role of Generative AI in enhancing customer engagement in digital marketing campaigns, with a case example of H&M.
Research Objectives 
1. To examine how Generative AI are used in H&M's digital marketing campaigns to support customer communication and marketing activities.
2. To analyse the role of Generative AI in enhancing customer engagement through personalised interactions and customer experiences at H&M.
3. To identify and evaluate the benefits, challenges, and financial impact of using Generative AI in H&M's digital marketing campaigns, particularly in terms of marketing cost efficiency and return on investment (ROI).
[bookmark: _Toc241153328]1.5 Research questions 
1. How are Generative AI used in H&M's digital marketing campaigns to support customer communication and marketing activities? 
2. How does Generative AI enhance customer engagement through personalised interactions and customer experiences at H&M? 
3. How does the use of Generative AI affect H&M's digital marketing in terms of benefits, challenges, marketing cost efficiency, and ROI?
[bookmark: _Toc241153329]1.6 Significance 
This study is meaningful as it gives greater insight into the impact of generative AI on customer engagement during the digital marketing campaign. Using the example of H&M, the study examines the contribution of AI to individual communication, customer experience, cost efficiency in marketing, and the return on investment (ROI). The study also offers valuable insights for marketing managers on the potential applications of Generative AI in customer-centric digital marketing processes. The results could aid organisations in determining appropriate applications of AI for personalised communication and customer interaction and highlight potential challenges related to privacy, trust, accuracy, and ethical considerations. The research could offer valuable insights for H&M regarding the potential of AI-driven marketing efforts to enhance customer relationships and optimise marketing resources. The study can also contribute to future research by offering a specific, case-based insight into how Generative AI is being utilised in the fashion retail sector.  The results will be relevant to the current body of scholarly research on AI-powered marketing and will provide a series of effective recommendations to marketing experts and retail organisations aiming to use Generative AI efficiently and enhance their customer engagement strategies (Swetha et.al. 2024).
[bookmark: _Toc241153330]1.7 Scope 
The topic of this study is the investigation of the possibility of improving customer interaction through the use of Generative AI in promoting H&M in digital marketing campaigns. The research presents the ways in which the technologies aid in customer communication, personalised engagement and marketing processes and evaluates their advantages, issues, marketing cost-efficiency and the return on investment (ROI). This study will specifically look at the use of Generative AI in H&M's digital marketing efforts and not explore AI and its use in all aspects of a business. Special focus will be placed on the use of AI to create customised content, automated customer communications, recommendations, and digital customer experiences. The research will focus on factors influencing customer engagement, marketing effectiveness, cost efficiency, ROAS, as well as data privacy, content accuracy, customer trust and ethics. These will be used as secondary academic literature and industry reports or publicly available organisational evidence to give a focused understanding of GenAI within the context of H&M's marketing. The results can be applied only within the context of H&M and can give insight into aspects of AI implementation in digital marketing practices within the fashion retail sector (Islam et.al. 2024).
[bookmark: _Toc241153331]1.8 Brief summary of methodology 
The research uses an interpretivist philosophy, an inductive approach, and an exploratory research design as an effort to determine the role of Generative AI in digital marketing campaigns in H&M. The study utilises a type of research that is Qualitative research with Secondary data collection. Thematic analysis is used to analyse the collected data to bring out the important patterns, themes, as well as insights that are related to the objectives of the research.
[bookmark: _Toc241153332]1.9 Dissertation structure 
This dissertation is structured into five chapters. Chapter 1 introduces the research topic, objectives, and methodology. Chapter 2 is the literature review of related material related to the topic of Generative AI and customer engagement. Chapter 3 describes the research method. In Chapter 4, there will be the findings and discussion. Chapter 5 is the conclusion that outlines the main findings, discussion of limitations, and future study recommendations.



[bookmark: _Toc238913032][bookmark: _Toc241153333]Chapter 2 Literature Review
[bookmark: _Toc238913033][bookmark: _Toc241153334]2.1 Introduction of chapter 
This chapter is a literature review on the topicality of the role of Generative Artificial Intelligence (AI) in improving customer engagement during online marketing campaigns, taking the example of H&M. The chapter critically discusses the literature that has been published on Generative AI application in assisting customer engagement and marketing processes, its role in facilitating personalised customer engagement and occurrence, and its advantages, limitations, and the economic impacts on marketing performance. To give a theoretical background to the study, the relevant theories, such as the Technology Acceptance Model (TAM), Relationship Marketing Theory, and the Resource-Based View (RBV), are included. The chapter outlines the research conceptual and theoretical frameworks and also highlights the literature gaps in the field.
[bookmark: _Toc238913034][bookmark: _Toc241153335]2.2 Critical Thinking 
[bookmark: _Toc238913035][bookmark: _Toc241153336]2.2.1 Use of Generative AI in H&M's Digital Marketing Campaigns to Support Customer Communication and Marketing Activities
Islam et.al. (2024) assert that Generative Artificial Intelligence (AI has revolutionized the digital marketing field by allowing organisations to design personal customer engagement, automate the communication process and generate marketing content more cost-effectively than conventional methods. However, Gungunawat et al. (2024), who highlight that AI-driven technologies create personalised promotional messages, recommendations, and replies to conversations, which enhances communication with customers in the digital environment. 
Similarly, Ziakis and Vlachopoulou (2023) emphasise that generative AI can be used in the context of H&M to personalise the content of websites, create bespoke email campaigns, suggest clothes according to the customer's browsing and purchasing history, and offer instant customer support with the help of chatbots powered by AI, thus enhancing customer communication and making delivery channels consistent with each other. According to the vision of Kshetri et.al. (2024), Generative AI may also facilitate marketing processes by automating advertisements, social media posts, product descriptions, and promotions so that organisations could react quickly to evolving consumer preferences with less time and resources to develop a campaign. 
Martínez-Rolán and Piñeiro-Otero (2025) believe that automation based on AI can allow marketing workers to concentrate more on strategy making as opposed to the creation of repetitive content, enhancing the overall efficiency of the campaign as a whole. Technology Acceptance Model (TAM) has clarified this relationship as it posits that customers are more willing to embrace and interact with AI-powered communication systems when they believe those to be beneficial and convenient as cited by Igwe-Nmaju et.al. (2023). Nevertheless, despite the high effectiveness of the use of Generative AI to ensure effective communication, the overuse of automated interaction can decrease authenticity and deteriorate emotional contact between companies and consumers noted by Tauheed et.al. (2024). 
Singh and Singh (2024) state that empathy, innovation and customised human support, which cannot always be emulated by AI systems, are usually important to fashion retail clients, especially in responding to complaints or more complicated service requests. However, Feng (2024) argues that the combination of AI technologies and human experience should offer a middle-ground approach to communication where automated mechanisms can easily handle mundane interactions but leave more sophisticated cases that need emotional intuition and critical thinking to the customer service managers. Such a collaborative style allows organisations like H&M to enhance the efficiency of operations without loss of customer satisfaction or quality of relationships. 
Contrastingly, according to Grewal et.al. (2025), the success of Generative AI mostly hinges on whether people can provide sufficient quality customer information, since low-quality or old data can lead to irrelevant suggestions and unhelpful promotions, which in turn lead to decreased interest from customers. On the other hand, Shaikh (2025) recommends organisations continually keeping track of customer behaviour and continually tweaking AI algorithms to be more adequately placed to provide highly personalised marketing messages that will build strong customer relationships and enhance campaign performance over time, as cited by Tiwari (2023). 
For example, H&M can employ Generative AI to automatically create marketing content based on seasonal fashion assortment, recommend products to a particular customer using personalised vision viewing, create multilingual marketing content based on the history of shop browsing, offer virtual styling services using AI, and generate dynamic advertisements in the social media depending on the preferences of the individual customer, thus enhancing the quality of communication and marketing results. Nonetheless, Duivenvoorde (2025) claim that a further trend of using more AI-generated marketing data leads to alarming questions about customer privacy, the bias of the algorithm, transparency, and the ethical application of consumer data. However, Adanyin (2024) stresses that such risks could be mitigated by organisations that establish transparent AI governance, strong practices of data protection and proper human oversight, while maximising the strategic benefits of Generative AI. The successful utilisation of Generative AI will therefore lead to H&M improving customer communication, streamlining their marketing efforts, increasing personalised interaction, and enabling them to conduct more responsive marketing campaigns online without undermining their responsible and ethical business practices, as cited by Roy (2024).
Another challenge is how Generative AI can help maintain a consistent and scalable customer communication throughout H&M's digital marketing efforts. In traditional marketing communication, the creation of multiple versions of communications to various groups of customers, in various languages and on different digital channels, involves a lot of human work as per Hidayat, (2024). However, by using Generative AI to generate various content formats based on the same campaign goal, organisations can ensure their message remains consistent across the board, while presenting it in different ways to different groups. 
But improving the quality of communication does not necessarily mean that it will be scalable. One of the big questions is whether artificial intelligence-driven communication is still representative of the brand's voice, tone and values. The identity of fashion brands is very much driven by their visual aspect, creativity and emotional touch, so communication cannot be judged only by speed and quantity as cited by Gungunawat et.al. (2024). When Generative AI generates repetitive or generic messaging, customers might feel that it is not unique. This is a conflict between effectiveness and creativity. So human marketers will be important in deciding how the campaign goes, seeing the content that is created and ensuring that the messages are aligned with the brand's identity. This reinforces the notion of using Generative AI as an augmentation tool, not a replacement for marketing professionals.
[bookmark: _Toc238913036][bookmark: _Toc241153337]2.2.2 Role of Generative AI in Enhancing Customer Engagement Through Personalised Interactions and Customer Experiences at H&M
According to Das et.al. (2024), customer engagement has become a fundamental objective of digital marketing, with organisations increasingly adopting Generative Artificial Intelligence (AI) to create personalised interactions that strengthen customer relationships and improve overall shopping experiences. However, Ferraro et.al. (2024) identified that generative AI helps organisations interpret customer preferences, buying behaviour, and browsing behaviour to provide highly meaningful advice, personalised messages, and engaging experiences that can prompt them to engage in further activities. Applying AI to H&M, it is possible to suggest apparel used in the past, customise the display of the homepage, make promotional deals unique, and even offer virtual styling suggestions, which can best fit the personal preferences of a particular customer as per Gao and Liu (2023). By engaging in these personalised interactions, customers can have a more relevant shopping experience, prompting them to spend more time in contact with the brand on internet platforms, as cited by Aadil et.al. (2024). 
According to Hoang et.al. (2023), customer engagement is not only limited to transactional dialogue, but also to the creation of meaningful customer experiences in the entire customer journey. Rane (2023) elaborates that through personalisation using AI, organisations are able to provide similar experiences to their customers across websites, mobile applications, social sites, and email marketing, enhancing customer satisfaction and loyalty. This view has been explained by the Relationship Marketing Theory, which posits that the success of organisations in the long term relies on building and sustaining good relationships with customers by creating value, building trust, and engaging individuals in personal communication instead of emphasising single sales transactions, as per Kushwaha et.al. (2024). 
Chen and Prentice (2025) highlighted this this perspective by arguing that customer engagement on various touchpoints, H&M has increased customer engagement after using AI-based recommendations, create personalised marketing messages, and provide a more tailored digital experience, as well as strengthen customer relationships. Pop et.al. (2025), however, deem that despite the fact that personalisation is greatly enhanced due to Generative AI, overreliance on automated systems can lead to customers being less emotionally attached to brands since AI cannot always demonstrate empathy, creativity, and human-based understanding when interacting with customers. Nguyen et.al. (2022) indicate that customers can value a personalised recommendation, but still expect human intervention when make complex purchase decisions or in solving complex problems related to services. However, AI-based personalisation can be best integrated with human interaction, resulting in organisations providing better customer experiences through the creation of a balance between technological effectiveness and emotional literacy, as cited by Will Arachchige et.al. (2024). 
Conversely, Bhuiyan (2024) thinks that personalised customer engagement is critically dependent on the quality and responsible usage of customer information since poor customer information or unsuitable personalisation can lower customer confidence and have a negative overall experience. Larsson and Haresamudram (2023) indicate that over-personalisation can also pose a challenge to privacy in case customers believe that the organisations gather or utilise individual information without the required transparency. On the other hand, according to Davenport and Redman (2023), organisations which apply ethical AI and effective data management systems, as well as customer-controlled personalisation options, are more inclined to increase customer trust and augment customer engagement with personalised experiences. 
Beyari and Hashem (2025) similarly indicated that here are several possible applications of Generative AI to H&M: offering personalised outfit recommendations, shopping history, shopping interests, shopping patterns according to season, preferences, and purchases that create highly engaging customer experiences that motivate repeat buying patterns and long-term brand loyalty. Nevertheless, Hidayat (2024) contend that AI-based personalisation must not entirely supplant the role of human creativity and relationship-building since the process of engaging with the customer relies on authenticity, emotional connection, and trust as well as on technological abilities. However, organisations that balance both Generative AI and human expertise can achieve maximum customer engagement, enhancing customer experiences, brand relationships, and sustainable competitive advantages in highly competitive online retail settings, like H&M, as per Hrytsenko et.al. (2024).
However, another aspect in how Generative AI can contribute to customer engagement is the need for the integration of the customer journey. Personalisation is more meaningful when it's not just meant for one interaction, but for retaining the customer throughout various interaction points in their relationship with the company as guided by Hoang et.al.  (2023). 
According to Davenport and Redman (2023) highlighted that Generative AI can also play a role in exploratory shopping by assisting customers to find products they might not have been thinking about. It is especially so in fashion retail, since shoppers do not necessarily make their product selection when in the digital environment. However, Personalisation is another consideration in relation to customer control, as it helps to enhance engagement. Customers may like to see suggestions on some products they may be interested in, but not necessarily all aspects of their online behaviour used for marketing. Too much personalisation can make an organisation feel like it knows too much about an individual, and lead to disquiet instead of engagement. According to Larsson and Haresamudram (2023), there are privacy concerns with the high level of personalisation, and Davenport and Redman (2023) stress the need for responsible data handling. It is therefore possible for H&M to enable their customes to have more insight and control in their personalised marketing preferences, which could foster trust. 
Also, the distinction between engagement and mere customer activity needs to be made. While clicking on an AI recommendation does not always indicate a strong relationship with the brand, it can certainly show that the recommendation is relevant. When a customer clicks on an AI-generated suggestion, it doesn't automatically mean that the person has a strong relationship with the brand, but it does mean that it is relevant as studied by Duivenvoorde, (2025). This can be sustained interest, positive experiences, trust, advocacy and re-enlistment in the organisation, are all ways of engaging meaningfully. 
Last but not least, when it comes to highly customised customer experiences, manpower is still relevant. AI might work well for simple suggestions, but it doesn't replace humans when it comes to customers having complex, sensitive or uncertain requirements. This indicates that a successful customer experience solution should be able to offer the right handoff from automated to human customer service. The employees can intervene when there is a need for more judgement and empathy, and when the routine question is not handled by Generative AI, it can provide initial recommendations as per Beyari and Hashem, (2025). 
[bookmark: _Toc238913037][bookmark: _Toc241153338]2.2.3 Benefits, Challenges, and Financial Impact of Generative AI in H&M's Digital Marketing Campaigns
Colucci et.al. (2025) note that Generative Artificial Intelligence (AI) has tremendous strategic and financial implications, as organisations can automate their marketing efforts, achieve a high level of operational efficiency, and optimise the use of resources. However, AI technologies decrease marketing content development time, personalisation of promotional campaigns and analysis of consumer behaviour, enabling organisations to be highly productive with reduced operational costs. When applied to H&M, Generative AI will be able to automatically generate product descriptions, social media advertisements and email marketing campaigns, as well as personalised promotional messages and avoid using manual procedures in creating them, as well as making the campaigns more responsive, as studied by Figura et.al. (2025). The efficiencies will help the organisation to better allocate its marketing resources and improve the overall marketing performance. 
According to the approach of Modi (2026), higher ROI is also related to the effective use of Generative AI, where additional engagement with customers, higher conversion rates, and more precise marketing efforts, which save waste on advertising funds, are observed. Wang et.al. (2023) justify the efficacy of AI-based personalisation by the fact that organisations can engage different customers with the right promotional materials, and therefore they are more likely to buy products and less likely to invest in costly marketing endeavours. The Resource-Based View (RBV) underpins such an approach by claiming that it is valuable and difficult-to-imitate organisational resources that enable organisations to attain sustainable competitive advantage as supported by Medvetska (2025). 
Generative AI is a strategic technological asset, meant to allow organisations like H&M to make their decisions better, enhance the efficacy of marketing campaigns, improve the efficiency of their campaigns, and create long-term economic value by turning organisational assets into more efficient uses, as cited by Prado and Mantovani (2025). Nevertheless, the implementation of Generative AI implies high costs in financial terms of its funding, including technological infrastructure, employee training, data management systems, and system maintenance. 
According to Cervini et.al. (2023), organisations might incur high costs of implementation until they can record quantifiable financial benefits, especially when AI technologies have to be constantly updated and interconnected with the existing marketing systems. However, Huynh (2026), similarly finds that the potentially limited funds required to start using AI in marketing, organisations that have successfully integrated AI into their marketing mechanisms tend to enjoy financial gains in the long term as a result of greater productivity, effectiveness of their campaigns, reduced cost of acquiring customers, and growth in customer retention as cited by Heller and Asam, (2024). It shows that the long-term financial benefits of Generative AI can equally surpass the start-up costs of the implementation with the help of good organisational planning and strategic investment. 
However, Kaponis and Maragoudakis (2026) suggested that Generative AI may have fewer financial gains due to a range of operational and ethical issues, such as data privacy concerns, bias in the algorithm, misleading content creation, regulatory adaptation, and customer trust. Tadi (2023) indicates that poor governance of AI technologies can subject organisations to reputational risks, legal punishment, and a lack of customer trust, which will negatively impact marketing performance and financial performance. On the other hand, organisations with strong AI governance frameworks, open data management processes, active ongoing monitoring of algorithms, and proper human supervision have a higher chance of realising full financial returns and reducing the possible dangers of operations, as per Vettriselvan et.al. (2025). 
As an example, Generative AI will allow H&M to automate personalised campaigns, optimise their digital ad spend by targeting customers based on their demand tendencies, generate multilingual promotion content tailored to international markets, analyse their campaigns in real time, and optimise their inventory promotion by recommending products and supporting their demand trends. Nevertheless, cost reduction is not the only criterion by which financial performance should be measured. Overreliance on automation can influence creativity, customer confidence, and future brand name, according to Reed, Wynn and Bown (2025). However, Generative AI and strategic human decision-making can enable organisations in the digital retail sector to realise sustainable marketing cost-efficiency, enhanced customer relationships, increased returns on investment, and lasting competitive advantage as guided by Madyatmadja et.al. (2023).
In addition to short-term savings, the costs of Generative AI need to be assessed through the lens of quality and sustainability of marketing investments. Since the only reason for making a piece of content is to add value to it, the cost of marketing is not enough to make it valuable as cited by Cervini et.al.  (2023). The organisation needs to see if lower production costs come with increased customer reactions and better business results. 
Another possible advantage is that more experimentation can be done in digital campaigns. Marketers can use Generative AI to create multiple versions of marketing messages, product descriptions and promotional text, and track customer reactions, so they can determine which types of communication resonate with them as guided by Colucci et.al. (2025). This can enhance marketing spend efficiency as resources can be focused on the content that has a relatively strong performance. Linking AI-driven personalisation to enhanced targeting, Wang et al. (2023) indicate that companies could potentially lower unnecessary promotional efforts by sending more targeted messages to specific groups of customers. When organisations only consider cutting costs of content production, these costs may not be apparent. Cervini et al. (2023) suggest that it could demand significant investment before any tangible financial gains can be seen.  AI adoption therefore relies on risk management and productivity to a large extent, and the financial outcomes of these two factors are interlinked. Well-designed monitoring systems can limit the potential for these mistakes to impact customers on a large scale. 
[bookmark: _Toc238913038][bookmark: _Toc241153339]2.3 Theoretical Framework
This study is underpinned by three complementary theories that explain the relationship between Generative AI, customer engagement, and marketing performance. The Technology Acceptance Model (TAM) is also relevant to explain why, in the case of customer communication with AI-powered digital marketing tools, customers will be more inclined to use it as they see it as helpful and user-friendly. Relationship Marketing Theory helps to analyse the relationship between long-term customer relationships, customer satisfaction, and engagement, which become stronger by creating value constantly through personalised AI-mediated communications. Moreover, the Resource-Based View (RBV) is the reason why Generative AI is a useful organisational resource that boosts marketing efficiency, enhances decision-making and develops a competitive advantage by generating cost-effective digital marketing campaigns (Soni, 2023). 
[bookmark: _Toc238913039][bookmark: _Toc241153340]2.4 Conceptual Framework
The conceptual relationship shows the proposed relationships between the proposed variables (Generative AI applications, mediating variables, and customer engagement) of the H&M digital marketing campaigns. The framework consists of five Generative AI applications identified as independent variables: automated customer communication (ACC), AI-generated marketing content (MC), campaign automation (CA), virtual assistants/chatbots (VA) and personalised product recommendations (PR). These applications are expected to impact communication and marketing cost efficiency (CEff, MCEff) and conversion rate (Conv.). Personalised interactions (PI) and the R) were used in the second phase. These mediating variables then further influence customer engagement, which is measured as engagement with digital platforms (EDP), enhanced customer satisfaction (ICS) and enhanced customer experience (ICE).
[bookmark: _Toc238913040][bookmark: _Toc241153341]2.4.1 Generative AI in Digital Marketing Campaigns
This theme will explore the application of Generative AI in the digital marketing campaigns for H&M, using automated customer communication (ACC), AI-generated marketing content (MC), campaign automation (CA) and virtual assistants/chatbots (VA). The conceptual framework has the following major independent variables in the form of these applications. AI-powered customer communication can help reduce the time needed to respond to customer inquiries and AI-generated marketing content can help H&M create promotional content and other digital marketing materials faster. By minimizing repetitive marketing tasks, campaign automation can lower costs, and virtual assistants and chatbots can offer instant responses to customers at every stage of their digital shopping experience. Therefore, these applications can play a role in ensuring efficiency in communication in the context of digital marketing, which is manifested in the speed, consistency, and speed of communication (Soni, 2023).
Communication efficiency can be related to the independent variables as shown below:
CEff = a₁ACC + b₁MC + c₁CA + d₁VA + e₁PR
In this context, automated customer communication, AI-created marketing content and campaign automation, virtual assistants and personalised product suggestions are all factors that could impact the efficiency of communication. Implementing more of these Generative AI applications could make marketing communication even faster, more responsive and more relevant to individual customers for H&M
[bookmark: _Toc238913041][bookmark: _Toc241153342]2.4.2 Generative AI and Customer Engagement
This theme will focus on the use of Generative AI to improve personalised product recommendations (PR) and personalised interactions (PI) with customers. Recommendations can be tailored to individual preferences, browsing history and past purchases to offer more targeted suggestions for products. This can make the online shopping experience more relevant, convenient and interactive for H&M. Finally, generative AI can facilitate personalized interactions by providing tailored responses and recommendations, ensuring that customers receive communication that resonates with their interests and shopping requirements (Gungunawat et al., 2024).
Personalised interactions are thus seen as an important mediation between Generative AI applications and customer engagement. This can be expressed as:
PI = a₄ACC + b₄MC + c₄CA + d₄VA + e₄PR
This means that automated customer communication, AI generated marketing content, campaign automation, virtual assistants and personalised product recommendations can all play a role in more personalised customer interactions. These interactions can then affect the customers' interaction with H&M's digital channels, customer satisfaction and customer experience.
Customer engagement is measured by three indicators: engagement with digital platforms (EDP), improved customer satisfaction (ICS) and improved customer experience (ICE). These relationships can then be expressed as follows:
EDP = f₁(CEff, MCEff, Conv.R, PI)
ICS = f₂(CEff, MCEff, Conv.R, PI)
ICE = f₃(CEff, MCEff, Conv.R, PI)
The correlations indicate that better communication efficiency, marketing cost efficiency, conversion rate and personalised communication can help to increase customer engagement. In H&M this can manifest as an increased interaction with digital platforms, increased customer satisfaction and better digital shopping experience.
[bookmark: _Toc238913042][bookmark: _Toc241153343]2.4.3 Generative AI, Marketing Efficiency and Conversion
In this theme, we will explore the connection between Generative AI applications, marketing cost efficiency (MCEff) and conversion rate (Conv.).R). Automated customer communication, generating marketing materials with AI, campaign automation, virtual assistants, and personalised product recommendation can cut down on labor and time spent on repetitive marketing tasks. Generative AI can thus help H&M in creating marketing material, answering customer questions, delivering campaigns, and offering personalised recommendations more efficiently. Meanwhile, appropriate and timely communication with AI could motivate customers to engage more with H&M and likely boost the conversion rate (Rahman et al., 2026).
A logistic model of the relationship between the independent variables and marketing cost efficiency is:
MCEff = a₂ACC + b₂MC + c₂CA + d₂VA + e₂PR
The relationship between the independent variables and conversion rate can be represented as:
Conv.R = a₃ACC + b₃MC + c₃CA + d₃VA + e₃PR
The connections show that the five Generative AI applications could play a role in more efficient marketing resource utilization and better customer response. The success of these applications, however, hinges on various factors, including the quality of customer data, the relevance of the AI-generated outputs, and the integration of AI technologies into H&M's current digital marketing initiatives.
[bookmark: _Toc238913043][bookmark: _Toc241153344]2.4.4 Explanation of the Overall Conceptual Framework
The conceptual framework suggests that Generative AI applications serve as the independent variables with an impact on the mediating variables, which in turn will relate to customer engagement. Automated customer communication (ACC), AI-generated marketing content (MC), campaign automation (CA), virtual assistants/chatbots (VA) and personalised product recommendations (PR) are the primary applications of Generative AI. These independent variables are hypothesized to affect the communication efficiency (CEff), marketing cost efficiency (MCEff) and conversion rate (Conv.). The personalised interactions (PI) and the personalised input (R).
The mediating variables provide a pathway by which the use of Generative AI applications can lead to customer engagement. For instance, if you are able to communicate with someone faster, as in automatic communication, then this can help make communication more efficient, and personalised recommendations and virtual assistants can help create more personalised interactions. Likewise, automation and AI-generated content can help minimize marketing resource needs and enhance marketing cost effectiveness. These enhancements can help engage customers through higher levels of engagement with digital platforms (EDP), customer satisfaction (ICS) and customer experience (ICE).
The framework suggests the following overall relationship:
Generative AI applications → Mediating variables → Customer engagement
In this context, customer engagement is the dependent variable, as its changes are expected to follow the use of Generative AI applications. Engagement with digital platforms, improved customer satisfaction and improved customer experience represent the main dimensions of customer engagement. The framework thus recommends that H&M can make the best use of Generative AI to enhance the efficiency of digital marketing, as well as making their customer experience more relevant, responsive and personal.
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[bookmark: _Toc241077147]Figure 1: Conceptual Framework 
(Source: Self-generated)
[bookmark: _Toc238913044][bookmark: _Toc241153345]2.5 Literature Gap 
The use of Generative Artificial Intelligence (AI) in digital marketing, especially concerning content creation, marketing automation, customer personalisation and operational efficiency, has already been discussed to a wide degree by existing literature. The possibility of AI being used to enhance customer communication, enhance engagement, and optimise the marketing effort is also noted in earlier studies (Smith and Hutson, 2024). Most of the current studies, however, take a general outlook based on analysing Generative AI related to various industries of operation or exploring the overall practices of digital marketing, but not exploring how it is applied in particular fashion retail organisations. 
Few studies have been conducted to realise the extent to which Generative AI affects customer communication, personalised customer experiences, and financial results in the framework of digital marketing campaigns of H&M. In addition, related literature tends to study customer engagement or financial performance separately, and there is very little integration of both aspects in one model. Evidence to assess the balance between the benefits, implementation difficulties, marketing cost effectiveness, and return on investment of Generative AI adoption is missing as well. Thus, this paper fills these gaps with an analytical view of how Generative AI will bring customer engagement to a higher level and how it will be proposed in terms of its strategic, operational, and financial condition in the digital marketing space of H&M (Reddy et.al. 2023).
[bookmark: _Toc238913045][bookmark: _Toc241153346]2.6 Summary of Chapter
This chapter critically examined the available literature with respect to the implementation of Generative Artificial Intelligence (AI) in digital marketing and its provision of customer engagement improvement at H&M. The discussion has looked at the role of Generative AI in aiding communication and performing marketing efforts with customers, improving personalised interactions and customer experience, and driving performance in marketing by enhancing cost efficiency and improving ROI. Theories such as the Technology Acceptance Model (TAM), Relationship Marketing Theory and the Resource-Based View (RBV) were used to describe the correlations among the variables of the study. Moreover, the chapter revealed huge gaps in the existing literature, especially with respect to the research done on H&M and the interrelation between customer engagement and financial outcomes. 
[bookmark: _Toc238913003]

[bookmark: _Toc241153347]Chapter 3: Research Methodology 
[bookmark: _Toc238913004][bookmark: _Toc241153348]3.1 Chapter Introduction
This chapter will outline the methodology that will be employed in this research to review Generative AI and how it can integrate with customer engagement within H&M's digital marketing campaigns. It will set the ground for tackling the research aim and objectives. The chapter will defend interpretivist philosophy, an inductive approach, exploratory design, and qualitative research, and in this regard, a special focus will be given to secondary evidence. It will also provide an explanation of how academic literature and reputable industry sources were collected, the structured search strategy, inclusion and exclusion criteria, and thematic analysis. These decisions will be made based on Generative AI, customer engagement and H&M's context in marketing. Validity, reliability, and ethical issues will also be discussed, enhancing the quality and trustworthiness of the research (Greenfield and Greener 2016). The methodology will offer a coherent, logical structure for understanding the current landscape of evidence and deriving meaningful insights from Generative AI in digital marketing, including personalised customer experiences, communication approaches and best practices, benefits of generative AI, challenges, cost efficiencies, and potential ROI.
[bookmark: _Toc238913005][bookmark: _Toc241153349]3.2 Research Philosophy 
Research Philosophy is a set of beliefs about how research understanding of knowledge and reality should be. There are some principal research philosophies such as positivism, interpretivism, pragmatism and realism. For this research, interpretivism is adopted as the research philosophy as it focuses on the understanding of meanings, perceptions and experiences of Generative AI and customer engagement in H&M's digital marketing campaigns (Bilovodska et.al. 2022). Interpretivism is the most suitable as the study is about the possible customer experience of personalised communication, AI-generated content and digitally mediated interactions. There is more to customer engagement than a number; there's also subjective engagement, which has an added dimension of individual expectations, experiences, and interactions with brands (Acharyya, Bhattacharya, 2020). 
Thus, the research using interpretivism has been explored for the role of Generative AI in creating a personalised customer experience and communication activities in H&M's digital marketing. It has been used to explore the varied viewpoints on the potential opportunities and challenges of Generative AI in customer engagement. Positivism is not chosen because it mainly emphasises objective measurement, numerical relationships and hypothesis testing, whereas this research focuses on meanings, perceptions and experiences within qualitative secondary evidence. Hence, interpretivism was more suitable for the nature and purpose of this research (Alborough and Hansen, 2023).
[bookmark: _Toc238913006][bookmark: _Toc241153350]3.3 Research Approach 
Research approach refers to the overall reasoning process used to develop knowledge from the research evidence. The major research methods are inductive, deductive and abductive. The study approach for this research is inductive because it builds themes and insights from existing literature and industry evidence, and not tests predetermined hypotheses. An inductive approach enables the research to be flexible and open to patterns that are revealed by the evidence based on Generative AI, customer communication, personalisation, content creation and digital marketing. This is particularly suitable because Generative AI is a rapidly developing marketing technology, and its applications within digital marketing continue to evolve (Yoo and Piscarac, 2023). 
It encourages the analysis of the use of Generative AI in the company of H&M, and how this can impact personalised experiences, customer engagement, benefits, challenges and financial impacts. It's also quite suitable for interpretivism, which focuses on the understanding of meanings and the generation of insight from evidence (Bryman and Bell 2019). Deductive reasoning is not used due to the fact that it typically starts with a preexisting theory or hypothesis and investigates it with a structured test, which is not the objective of this qualitative secondary research. Thus, the inductive approach offers appropriate flexibility in order to obtain evidence-based insights from available literature and industry evidence (Laari, 2025).
[bookmark: _Toc238913007][bookmark: _Toc241153351]3.4 Research Design 
Research design is the overall plan that explains how a study investigates its research problem. The main types of research design include exploratory, descriptive and explanatory designs. This research will be exploratory because the use of Generative AI in digital marketing is a continually developing sphere, with new applications and customer expectations, as well as organisational practices, emerging (Hart 2014). Exploratory design is appropriate because the research aims to gain in-depth knowledge about the potential impact of Generative AI applications on customer engagement and personalised experiences and how Generative AI can be used to support H&M's digital marketing efforts. It enables other conclusions, views and new trends that appear in the academic literature and in industry to be studied without applying an already-determined framework (Carter et.al. 2023). 
The design is also suitable for examining the advantages, obstacles and costs of using AI in marketing, such as efficiency and return on investment (ROI). Descriptive design is not chosen as the research is not about providing a factual description of Generative AI practices at H&M. It aims to examine the relationship of these practices with customer engagement and some of the possible benefits and challenges. Given this, an exploratory design is an appropriate methodology to explore the emerging role of Generative AI in H&M's Digital marketing (Kinnear and Gray 2007).
[bookmark: _Toc238913008][bookmark: _Toc241153352]3.5 Research Type 
Research type refers to the use of qualitative, quantitative or mixed. This chosen research type is qualitative because the study is aimed at understanding meaning, experiences, perceptions and engagement patterns that are linked to Generative AI and H&M's digital marketing campaign.  It enables academic research, credible media reports and other secondary sources to be explored in detail and offers the chance to locate evidence for personalised interaction, customer contact, campaign working, organisational gains, difficulties in implementation, and financial impact (Fischer et.al. 2023). 
This study is not primarily interested in the use of numerical measurement, statistical testing or verification of hypotheses, so quantitative research is not chosen. Existing evidence needs to be interpreted in the context of the research to fully understand the role of Generative AI in customer engagement. Hence, qualitative research is appropriate for the study to look into the topic in detail by interpreting the existing evidence (Saunders 2016).
[bookmark: _Toc238913009][bookmark: _Toc241153353]3.6 Data Collection 
Data collection is the method by which information pertinent to a research study is collected. There are two types of data collection, namely primary data collection and secondary data collection. Secondary data is the method used in this study as it involves the study of existing evidence related to Generative AI, digital marketing, customer engagement, and H&M. The secondary sources utilised in this study are peer-reviewed articles, company publications, industry reports and authoritative online materials. Existing evidence on the use of AI in marketing, personalisation, communication, benefits, challenges and financial issues is readily available and suitable for secondary data (Cheong et.al. 2023).
 It also allows for the ability to compare the different academic and industrial points of view in the assessment and to establish recurring points across different sources. Primary data is not selected because the research doesn't require direct interviews, questionnaires or observations. The study examines the available evidence and documented information on H&M and Generative AI. Thus, secondary data collection offers a wider evidence base to analyse the research topic and to interpret the findings in relation to the developments in this dynamic field (Dina Diatta and Berchtold, 2023).
[bookmark: _Toc238913010][bookmark: _Toc241153354]3.7 Data Analysis 
Data analysis is the process of structuring, analysing and interpreting the data collected, in order to generate the research findings. Thematic analysis, Content analysis, and Narrative analysis are the key qualitative data analysis techniques. For this research, the method adopted is 'Thematic Analysis', which is a systematic technique for identifying, organising and interpreting patterns that keep appearing in qualitative secondary sources. The gathered academic literature and industry reports include information on the applications of Generative AI, customer communication, personalisation, customer engagement experiences, advantages, difficulties, marketing efficiency and financial results. Thematic analysis enables key concepts to be extracted, categorised and clustered into themes (Naeem et.al. 2023). 
Content analysis is not chosen because of the main focus on counting the frequency of words or categories, but because of the need to interpret the meanings and relationships between words or concepts in the content of the text. Thematic analysis is therefore appropriate when investigating multiple viewpoints in the evidence and when looking for converging and/or diverging themes. It also enables understanding of the meaning and patterns that are occurring in academic and industry resources (Braun and Clarke, 2023). 
[bookmark: _Toc238913011][bookmark: _Toc241153355]3.7.1 Thematic Analysis Process
A thematic analysis was conducted to identify and interpret common themes in the secondary evidence that was selected on Generative AI and customer engagement in H&M's digital marketing campaign. The analysis was divided into four steps. The selected academic and industry sources were first consulted to gain a familiarity with the evidence. Second, key information was categorized based on similar themes, including AI-generated content, personalisation, customer communication and engagement. Third, related codes were aggregated into more general themes, such as personalised customer experience, AI-generated content, engagement and communication, benefits and efficiencies, challenges and risks. Finally, the themes were linked to the research objectives, allowing for meaningful conclusions regarding the possible contribution of the use of Generative AI to H&M's digital marketing (Shaheen et.al. 2023).
[bookmark: _Toc238913012][bookmark: _Toc241153356]3.8 Search Strategy
Structured and systematic search strategy of relevant academic and industry literature related to Generative AI, customer engagement and H&M's digital marketing. The search was done using the Boolean operators and keywords on the databases like Google Scholar, Scopus, Web of Science, ScienceDirect and Emerald Insight. The most common search terms were:
· “Generative AI” AND “digital marketing” 
· “Generative AI” AND “customer engagement” 
· “AI personalisation” AND “fashion retail” 
· “H&M” AND “Generative AI” 
· “AI” AND “marketing ROI” 
The literature search was mainly focused on literature published in the period 2019–2026, with seminal literature included as important theoretical underpinning. Titles and abstracts were first screened for relevance and then detailed evaluation of appropriate full-text sources. Redundant, out-of-topic, and/or not credible sources were not duplicated. The structured approach enhanced the transparency, consistency and reliability of the literature-selection process (Hiebl, 2023).
[bookmark: _Toc238913013][bookmark: _Toc241153357]3.8.1 Research Strategy: Systematic Literature Review
The study used the Systematic Literature Review (SLR) approach to locate, assess, and integrate pertinent studies that encompass Generative AI and its impact on customer involvement in H&M's electronic marketing initiatives. An SLR is more systematic in identifying and evaluating evidence than would a random choice of sources. The literature reviewed was limited to academic and credible industry sources that dealt with Generative AI, digital marketing, personalisation, customer engagement, AI-generated content and marketing performance. Key words were used in recognised academic databases to search. A screening process of the sources was performed to increase the transparency and consistency of the sources, following a set of criteria (Cresswell, 2012). These selected literatures were then analysed thematically on the basis of the relevant patterns, opportunities, challenges and marketing outcomes that emerged.
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[bookmark: _Toc241077148]Figure 2: Prisma Framework 
[bookmark: _Toc238913014][bookmark: _Toc241153358]3.9 Inclusion and Exclusion Criteria
To ensure that the secondary evidence was relevant, credible and consistent, clear inclusion and exclusion criteria were applied. The criteria emphasized on the source type, publication period, topic relevance, geographical/contextual relevance, language, quality and duplication.

[bookmark: _Toc241077149]Table 1: Inclusion and Exclusion Criteria
	Criteria Type
	Inclusion Criteria
	Exclusion Criteria

	Source Type
	Peer-reviewed articles, credible industry reports and official company sources
	Blogs, unreliable websites and promotional sources

	Publication Period
	Mainly 2019–2026, with seminal sources retained where relevant
	Outdated sources without theoretical relevance

	Topic Relevance
	Generative AI, digital marketing, customer engagement and personalisation
	Studies unrelated to the research topic

	Context
	Fashion retail, H&M or transferable digital-marketing evidence
	Contexts with no meaningful relevance

	Language
	English-language sources
	Non-English sources

	Quality
	Clear empirical, theoretical or industry contribution (Adler, 2022).
	Low-quality or unsupported evidence

	Duplication
	Unique sources
	Duplicate or substantially repetitive sources



The chosen evidence was relevant to the topic and gave insights into Generative AI, personalised customer experience, customer engagement, digital content creation, marketing efficiency and challenges, and potential ROI in H&M's digital marketing context. Recent evidence was prioritised as Generative AI is a developing field and seminal studies were retained for their theoretical or methodological underpinning. The criteria also assisted in keeping the evidence base for the thematic analysis focused, transparent and credible.
[bookmark: _Toc238913015][bookmark: _Toc241153359]3.10 Validity and Reliability
Validity and reliability are considered in the quality, relevance, consistency and credibility of the secondary sources of information utilised in the research. Validity is the extent to which the evidence and analysis selected are adequate to the research topic. For this study, the validity has been enhanced by the choice of sources that, beyond addressing the general concept of artificial intelligence, include information that is directly relevant to Generative AI, digital marketing, customer engagement, personalisation and H&M. Academic sources have been judged according to their relevance, transparency, quality and credibility and industry evidence  has been judged on the authority and reputation of the organisation that provides it (Bingham, 2023). 
This separation is crucial, as H&M and others might report information that gives the impression that their activities or marketing campaigns with AI are going well. Where possible, therefore, information provided by H&M and other organisations has been checked against independent academic research and respected industry evidence. This comparison helped limit the blind spot of relying on a single point of view and give a more balanced view of Generative AI and customer engagement. Reliability has been achieved by following a consistent searching process, having clearly defined inclusion and exclusion criteria and systematic coding and attention to themes identified during the thematic analysis (Lagisz et.al. 2025). Adopting the same rules in choosing and examining sources minimises subjectivity in the selection process. 
Evidence that is found again and again from reliable sources has been addressed in an appropriate way; conflicting evidence has been taken into account instead of being eliminated. This is especially important for Generative AI as evidence can highlight benefits including more personalisation and efficiency, but also concerns over trust and authenticity, implementation, and cost. Triangulation with the academic literature, company material and industry reports have further enhanced confidence in the interpretations. Marketing claims were not treated as automatically reliable, and the purpose, source, context and potential bias of evidence was considered.
[bookmark: _Toc238913016][bookmark: _Toc241153360]3.11 Ethical Considerations
Even though the study is a secondary data study and does not involve the direct involvement of human respondents, ethics is still important in the study. Academic Integrity is upheld by the use of accurate citations, appropriate references and honest use of evidence. Where ideas, findings and information have been borrowed from published sources, they are clearly acknowledged without plagiarism and inappropriate attribution. The researcher does not refer to the results of the research in such a way as to suggest specific conclusive interpretations about Generative AI or H&M; sources are explained in context and limitations and conflicting results are reported where applicable (Muthanna et.al. 2024). 
Care should be taken when using information from company reports and promotional materials, as they may present AI use and its outcomes in a favourable way. Such claims are therefore considered alongside independent academic and industry evidence. No personally identifiable information or confidential information is collected as the research is based on publicly available secondary information. Appropriate paraphrasing and quoting when needed and in the correct context are respected, and removal of copyright and IP is respected. The researcher also made sure to keep the selection of evidence and interpretation of it as neutral as possible and did not intentionally ignore information that might contradict the results they wanted to find. Special efforts were made to ensure information was not taken out of context by paying particular attention to the original purpose and context of each source (Braunack-Mayer et.al. 2023). 
Sources were not manipulated for the purpose of bolstering specific arguments, and unsupported claims were not used. When evidence was not clear or not available, this was identified and not presented as fact. The researcher also ensured consistency in capturing and analysing the selected evidence to ensure transparency in the entire research process. The ethical approval requirements relating to direct human involvement are not central, as they are not involved by way of interviews, surveys or experiments (Ahmad and Fauzi, 2024). But the requirement for responsible research practices is still applicable to ensure that research is transparent, accurate and fair. Such measures help to validate the research and aid in responsible scrutiny of Generative AI and customer engagement. Responsible academic writing is upheld throughout the research process, in the same way.
[bookmark: _Toc238913017][bookmark: _Toc241153361]3.12 Chapter Summary
In this chapter, the Methodology used in studying the role of Generative AI in boosting customer engagement in H&M's digital marketing campaigns was set. The chapter described and justified primary methodological choices in relation to the characteristics of the research topic and type of evidence needed. The research philosophy chosen for this research was Interpretivism, as the primary focus of the study was on understanding the meanings, perceptions and experiences of Generative AI, personalised communication and customer engagement and less so on the numerical relationship between them. The inductive technique was chosen because the research emerged from the data in the form of insights and themes, and did not test pre-defined hypotheses. The exploratory research design was chosen due to the evolving nature of the field of digital marketing with Generative AI; the applications, customer expectations and organisation practices were still developing. The qualitative research type was suitable because the study involved interpretation of various aspects and patterns of the evidence that was available. Secondary data collection enabled access to existing, peer-reviewed academic literature, credible industry reports, official company publications and other credible sources and information relevant to Generative AI, digital marketing, customer engagement and H&M.
Thematic analysis was also determined as the data analysis technique in the chapter. This enabled recurring patterns and meaningful themes to be identified and interpreted regarding the applications of Generative AI, personalisation, customer engagement, benefits, challenges, efficiency and potential ROI. A clear search strategy and inclusion/exclusion criteria ensured a relevant, credible and focused evidence base.
Lastly, validity and reliability were reinforced by a careful evaluation of sources, comparison of various evidence types, triangulation and consistent analysis. Ethical issues included academic honesty, proper documentation, responsible use of sources, copyright and plagiarism. The overall methodology was coherent and gave a framework to the study of the potential of Generative AI in enhancing customer engagement in H&M's digital marketing context.
[bookmark: _Toc239501599]

[bookmark: _Toc240102669][bookmark: _Toc241153362]Chapter 4: Findings and Discussion 
[bookmark: _Toc240102670][bookmark: _Toc241153363]4.1 Introduction 
This chapter summarises and analyses the research results of the study on how Generative Artificial Intelligence (AI) can contribute to customer engagement by using H&M as a case example to demonstrate this. The chapter examines the secondary data evidence to grasp the use of Generative AI in digital marketing and its potential impact on communication, personalisation, customer engagement, marketing effectiveness and campaign performance. The results were analysed thematically, enabling the identification of patterns and common themes in the literature that was selected.
Three main themes emerged from the analysis. The first one discusses how Generative AI can be applied in digital marketing campaigns and customer communication, including content creation, campaign development, advertising and search optimisation. The second is on personalisation and customer engagement through AI, such as personalised ads, recommendations, and contextual communication. The third focuses on the advantages, obstacles, cost-effectiveness and marketing outcomes of implementing Generative AI.
The results are also related to theoretical frameworks, such as the Technology Acceptance Model (TAM), Relationship Marketing Theory and RBV. These viewpoints are valuable in understanding both the potential value of Generative AI and the organisational and human aspects that will affect its successful adoption. The chapter concludes by assessing the potential of Generative AI to generate marketing value and the role of human judgment, customer trust, and responsible usage.
[bookmark: _Toc240102671][bookmark: _Toc241153364]4.2 Findings 

[bookmark: _Toc241077150]Table 2: Thematic Coding Table
	Keywords or Short Findings of Article
	Author
	Codes Generated
	Final Theme

	The power of generative AI and ChatGPT can be used in various phases of digital marketing, notably in the creation of campaigns and content generation.
	Gołąb-Andrzejak, E. (2025)
	AI-assisted campaigns; content generation; campaign development; advertising automation
	Theme 1: Generative AI in Digital Marketing Campaigns and Customer Communication


	Generative AI is reshaping digital advertising, especially in terms of branded content creation, communication and advertising messaging to consumers.
	Baek, T.H. (2023)
	Branded content; AI communication; advertising messages; consumer communication
	

	Content creation, search optimisation, and collaborations between marketers and AI systems are all areas where large language models can aid marketing efforts.
	Schweidel, D.A., Reisenbichler, M. and Reutterer, T. (2024)
	Content creation; search optimisation; AI-marketer collaboration; marketing support
	

	Generative AI can create custom channel video ads that modify marketing content to fit each consumer's profile and enhance the effectiveness of advertising.
	Kapoor, A. and Kumar, M. (2025)
	Personalised advertising; AI-generated video; targeted communication; advertising response
	Theme 2: Generative AI-Enabled Personalisation and Customer Engagement


	Personalised journeys created using AI can influence customer journeys by offering more targeted recommendations, interactions and marketing communication.
	Hardcastle, K., Vorster, L. and Brown, D.M. (2025)
	Personalised customer journeys; recommendations; customer interaction; relevant communication
	

	Large language models can improve contextual advertising by generating suitable content and targeting messages according to audience and context.
	Kumar, L. and Khanna, K. (2024)
	Contextual advertising; audience targeting; content generation; targeted messaging
	

	Generative AI has the potential to boost visual marketing productivity, enhance ad performance, and streamline content creation.
	Hartmann, J., Exner, Y. and Domdey, S. (2025)
	Visual marketing; creative productivity; advertising performance; content efficiency
	Theme 3: Benefits, Challenges, Cost Efficiency and Marketing Performance of Generative AI


	Generative AI can transform innovation and marketing processes, offer strategic opportunities while also create implementation considerations for organisations.
	Cillo, P. and Rubera, G. (2025)
	Marketing innovation; strategic opportunities; implementation challenges; organisational impact
	

	The use of generative AI in advertising can impact campaign productivity and consumer engagement, offering potential strategies for marketers to make advertising more effective and efficient.
	Yang, J. (2025)
	Campaign productivity; consumer response, marketing effectiveness; resource efficiency
	

	Generative AI tend to enhanced use of digital marketing and this offer with opportunities in terms of marketing functions and also develop challenges. 
	Rahman et al. (2026)
	Marketing opportunities, with AI growth, and execution challenges. 
	


[bookmark: _Toc240102672][bookmark: _Toc241153365]4.3 Analysis 
Generative AI in Digital Marketing Campaigns and Customer Communication
The results of this theme show that Generative AI is now a useful tool in digital marketing campaigns, specifically in the development of campaigns, content creation and customer communications. Gołąb-Andrzejak (2025) demonstrates how Generative AI and ChatGPT can support various aspects of digital advertising, particularly the development of campaigns and creation of content. This indicates that AI can help save time in creating marketing concepts and making advertising content. This is important for H&M since fashion marketing is dependent on the continuous production of digital media for the promotion of products, collections and seasons. Marketing teams can thus create content at a faster pace while devoting more resources to planning, positioning brands and making decisions about marketing campaigns. 
Baek (2023) further illustrates how Generative AI will impact digital advertising by looking at the creation of branded content and the communication and delivery of advertising messages to consumers. This means it can impact not only the creation of marketing content, but also how brands interact with their audience. For H&M, AI-driven brand content can be used to facilitate communication via social media, websites and other digital channels. The importance of consistency comes into play here as fashion brands rely on strong visual and communication brand identity. AI-generated messages, therefore, need to be checked by a human being to make sure they are suitable for H&M. Additionally, Schweidel, Reisenbichler and Reutterer (2024) demonstrate that LLM can be used to aid content generation, search optimisation and facilitate interaction between marketers and AI. 
This shows that the use of Generative AI isn't limited to creating advertising content. Search optimisation might increase the visibility of marketing content, and collaboration indicates that marketers and AI can collaborate when creating campaigns. This can make H&M's marketing team more efficient by enabling them to apply AI to repetitive tasks or tasks that take a long time, while keeping the involvement of humans for strategic decisions. 
Generative AI-Enabled Personalisation and Customer Engagement
The results on this theme suggest that Generative AI has the potential to improve customer engagement by making digital marketing communication more personalised, relevant and responsive to the characteristics and context of the customers. According to Kapoor and Kumar (2025), Generative AI can create personalised video ads that tailor marketing messages to consumer characteristics and enhance the response of ads. It shows a way to shift advertising from one message that is aimed at a general audience, to content that is tailored to specific consumers. This ability could prove useful for H&M, as fashion consumers' preferences vary in what they want, styles and trends. Personalised ads can thus help to raise the relevance and reaction to digital ad campaigns. The output of Generative AI is personalised advertisements, product suggestions and campaign content, which can be delivered quickly across digital channels as cited by Nwanna et.al. (2025). However, H&M is taking increasing steps towards using AI to offer personalisation, yet there are obstacles to keeping content relevant, avoiding repetition, and adapting to fluctuating customer choices.
The discovery also points to the need for personalisation that can be scaled up. Conventional personalised campaigns need a lot of time and resource as different versions of the creatives need to be prepared by hand. Generative AI can potentially assist marketers in producing multiple versions of advertising content more efficiently. The level of engagement will depend on whether the message created is useful and is suitable for the customer. As a result, personalisation needs to be monitored to ensure that the content of the communication is relevant, rather than too much, and is appropriate. Hardcastle, Vorster and Brown (2025) expand the scope of the definition by demonstrating the personalised customer journey can influence customer experiences by making appropriate recommendations, interactions, and marketing communications. 
This one can also be interpreted as an expression of the fact that the engagement of the customers should be thought of as a relationship and not as a one-off reaction to a promotion. Relevancy in communicating can be achieved at various stages of the purchase journey, with the help of personalised journeys. Thus, AI-driven personalisation should be monitored to ensure that personalisation recommendations do not compromise but rather enhance the customer experience. Kumar and Khanna (2024) also show that LLM can enhance the contextual advertising by generating relevant content and targeting messages based on audience and context. 
Benefits, Challenges, Cost Efficiency and Marketing Performance of Generative AI
The results of this theme suggest that Generative AI can generate meaningful marketing performance benefits, especially in terms of productivity, content production, innovation and resources utilization. They demonstrate how Generative AI can enhance the efficiency of visual marketing, boost advertising results, and enable more efficient content creation (Hartmann, Exner and Domdey 2025). This is of special importance to H&M because visual communication is a key element in fashion marketing. As critically stated by Rahman et al. (2026) easier to create visual marketing material would help H&M to be agile to product launches, seasonal campaigns and changing consumer interests. Thus, Generative AI can help enhance efficiency while enabling the creative aspects of digital marketing.


[bookmark: _Toc240102673][bookmark: _Toc241153366]4.4 Discussions  
Generative AI in Digital Marketing Campaigns and Customer Communication
This evidence suggests that there has been a shift in the way marketing activities can be structured, with AI assisting in the fulfilment of activities that used to take a lot of time for marketing teams. Gołąb-Andrzejak (2025) connects ChatGPT and Generative AI to campaign development and content generation, especially in terms of personalised communication and content creation and production.  AI can assist H&M in creating quicker campaigns, communicating with products, and tailoring content to individual customers as per Islam et.al. (2024). But the challenge is not to sacrifice the relevance, accuracy or the human understanding that is needed to incorporate customer expectations and brand values, in order to produce faster.  
The implementation of AI to prepare campaigns is also aligned with the study by Kshetri et al. (2024), which states that advertisements, post messages, product descriptions, and promotional content can be automatically generated. H&M might take advantage of Generative AI to create a variety of communication types using the same campaign instead of making each one on its own. Martinez-Rolan and Pineiro-Otero (2025) expand on this by arguing that automation can enable marketing employees to spend more time on strategic tasks as opposed to the tedious production tasks. 
The skill to create a high volume of content within a short period of time could come in handy in the fashion world, where campaigns are consistently associated with new lines, new seasons, and fashionable, guiding trends in consumer preferences. But the rate of production is not a determinant of whether the content is proper. Baek (2023) takes into consideration the impact of Generative AI on branded content, messages and communication to consumers through advertising, which raises the question of brand identity in the discussion. 
Human involvement is also a crucial factor in the efficiency arguments that are reflected in the apprehensions put forward by Gungunawat et al. (2024). Increased automation can cause the number of possible content pieces to grow, whereas generic or uninspired communication can make a fashion brand less unique. This forms a realistic constraint to the efficiency achieved by 
Another point of view is offered by Schweidel, Reisenbichler and Reutterer (2024), who refer to content creation, search optimisation and collaboration between marketers and large language models as the applications of marketing in this case. They are also more oriented to collaboration as compared to the replacement-based understanding of AI. Some technology can provide inputs and generate early content, but the marketers will be left with the role of analysing the results.  According to Patil et.al. (2026) highlighted that, Human judgement is more significant in any situation where customer communication is beyond the sphere of routine interactions. However, Human interaction can then help maintain the suitable, sensitive and brand-consistent nature of the communication and minimise the potential for inappropriate automated responses. Singh and Singh (2024) claim empathy, innovation, and human support remain a key concern of fashion retail customers, especially when it comes to complaints and demanding requests. The idea that AI and human experience should work in tandem is also suggested by Feng (2024), who suggests that automated systems should be used to address everyday issues, and that employees should address those that require a higher level of judgement. This provides an alternative between efficiency and full automation. 
Another circumstance that influences the usefulness of AI-generated communication is the quality of customer data. Grewal et al. (2025) suggest that the presence of old or poorly written information on customers may lead to irrelevance in advice and untimely adverts. This qualifies the positive correlation between automation and effectiveness in marketing. Although H&M might be able to generate content faster, the message might not have the right impact on customer reaction if it is grounded in inappropriate information. Duivenvoorde (2025) also raises the question concerning responsible data use, marking privacy, algorithmic bias and transparency as concerns related to the rising usage of AI-generated marketing data. However, Adanyin (2024) adopts a more pragmatic stance, making the argument that we can decrease such risks through the use of transparent governance, data protection and human oversight. In the case of H&M, it implies that the deployment of Generative AI needs to be accompanied by restrictions on the information utilised and generated content. 
A question also arises as to whether communication can be maintained consistently in the case of AI at scale. Hidayat (2024) notes that traditional communication among various customer groups, languages and channels entails a significant amount of human labour. According to Bhuiyan, (2024) states that H&M can leverage AI to enable multilingual and multi-channel communication, and have humans on hand to handle more complex communications. This could enhance consistency and efficiency, but there is a need for ongoing monitoring to ensure that inappropriate, culturally-inappropriate or inaccurate messages are not being sent. Generative AI can help to ease this load by generating variants of a message while still using the same purpose of the campaign. This justifies the practicality of AI for an organisation like H&M, which engages customers via a number of online platforms. But consistency should not be understood as meaning that all messages should have the same tone and structure. Gungunawat et al. (2024) emphasise the role of creativity and brand identity, consistency should be adjusted to ensure the message is distinctive and relevant. The Technology Acceptance Model can also be used to consider the relationship between usefulness and customer acceptance. As Igwe-Nmaju et al. (2023) believe, customers will be more willing to connect with AI-assisted communication when they feel that it is helpful and convenient. This gives a reason as to why automated communication can be a motivating factor, yet it is not to say that customers will embrace all types of automation. 
On the whole, the application of AI-assisted communication in H&M is aligned with TAM since faster and more convenient communication may lead to a higher level of perceived usefulness. It also contributes to the Resource-Based View (RBV) since AI can be regarded as a strategic tool to enhance the efficiency of marketing. But the evidence shows that the human strategy of H&M cannot be abandoned, as too much automation can undermine the reputation of the brand and customer confidence (Hasanuzzaman et al. 2027). Thus, H&M largely, in practice, contributes to these theories, but whether it will work depends on whether they are carried out responsibly, controlled by humans and based on relevant customer data.
Generative AI-Enabled Personalisation and Customer Engagement
The evidence specifically focuses on customised advertising, customised customer experiences and contextual communication. Kapoor and Kumar (2025) discovered that Generative AI has the potential to generate personalised video ads by manipulating content depending on consumer attributes. Ferraro et al. (2024), who claim that the combination of information regarding preferences, browsing behaviour and purchasing behaviour allows AI to generate more meaningful recommendations and messages. In the case of H&M, such a difference is important since personalised engagement does not start and finish with an advertisement. H&M's AI strategy is thus a key element of its broader digital and fashion initiatives, such as testing AI-driven models and customised customer interactions. Yet, the company must strike a balance between automation and creativity, with AI complementing, and not supplanting, the unique narrative and brand identity in fashion as studied by Gallery and Conlon, (2024). According to Gao and Liu (2023), a recommendation of clothes can be made depending on browsing and buying history using AI, whereas Aadil et al. (2024) link personalised interaction with increased contact with digital platforms. The evidence thus suggests that product recommendations can be a part of a more general process wherein customers are presented with content based on their past behaviour and interests. This introduces personalisation to the shopping experience and not just to promotional activity.
The extension that Hardcastle, Vorster and Brown (2025) go further on is individualised customer paths. Their focus is not on a close-focused advertising outlook since the shopper is viewed through a number of interaction phases. Depending on the situation of the customer, recommendations, communication, as well as other forms of assistance can be modified. This is in line with Hoang et al. (2023), who suggest that engagement does not just entail transactional communication but meaningful and value-generative customer experiences in the customer journey. Rane (2023) also views personalisation with regard to websites, mobile applications, social media and email marketing. 
This practice is directly associated with the Relationship Marketing Theory. Kushwaha et al. (2024) identify building trust and personalised contact over time, as well as creating value, with relationship marketing. Personalised recommendations can play a part in this process, provided that they allow customers to identify products that are of interest to them. Nonetheless, the response to a single recommendation by a customer cannot be taken as the sole basis when evaluating the relationship. Ongoing communication, satisfaction and trust are better pointers of a long-term relationship. Chen and Prentice (2025) follow this point of view by connecting AI recommendations and personalised marketing messages with greater customer contact and more of a tailored digital experience. The results indicate that relevance is a critical requirement of this effect. Customers will attune more to a message when it is related to their likes or present circumstances. An additional dimension introduced by Kumar and Khanna (2024) is that large language models can be used to promote contextual advertising, meaning that the message should be appropriate not only to the individual customer but also to the situation in which the message is conveyed. 
The evidence puts a strict constraint on the belief that engagement will automatically go up through higher personalisation. According to Pop et al. (2025), the overuse of automated systems can diminish the emotional connection due to the inability of AI to deliver understanding, empathy, and creativity all the time. Nguyen et al. (2022) also conclude that customers might go with the recommendation of a personalised type and yet need human service when the purchase choices turn complex. This holds especially when it comes to fashion retailing, where clients might need consulting assistance that cannot be easily condensed to prior buying behaviour. Hidayat (2024) comes to the same conclusion, emphasising that AI must not force out human creativity and the ability to establish relationships. 
Will Arachchige et al. (2024) also suggest the need to balance technological efficiency and human interaction, and these are roles that bring a significant condition to the advantages realised by Kapoor and Kumar (2025). One-on-one advertising can build a connection, yet the overall customer experience can still rely on human touch. With H&M, AI can offer an initial suggestion or a simple question, and employees can step in where the customer has doubts about their needs or where the need is more complex.
Another consideration is the quality of the information used in personalisation. Bhuiyan (2024) suggests that customer confidence can be lower due to poor information about customers or inappropriate personalisation. This builds on Grewal et al. (2025), who also note the significance of customer information being reliable in AI-assisted marketing. Recommendations can seem personalised, and they can be irrelevant assuming the underlying information is not accurate. Thus, increased personalisation does not imply better personalisation. There is another tension with privacy. Larsson and Haresamudram (2023) caution that customers to whom organisations seem to know too much about their behaviour might feel unsafe. This forms a comparison with the possible advantages of highly targeted communication. A customer will be pleased with a proper product suggestion but will respond with anger if the personalisation seems to be imposed. According to Davenport and Redman (2023), to preserve trust, ethical AI, responsible data management and customer control are possible. That means that the process of personalisation by H&M must also involve an adequate level of transparency and customer control.
The role of Generative AI in exploring shopping is another theme of Davenport and Redman (2023), according to which customers can be shown other products they had not taken into account before. This is unlike a mere recommendation based on existing purchase tendencies. It implies that AI can be used to aid valuable discovery and prediction. It is also critical that activity and engagement are different concepts. Duivenvoorde (2025) notes that a customer clicking on an AI-generated recommendation does not necessarily utilise a good interrelation with the brand. Beyari and Hashem (2025) give practical advice on continuity of human engagement through a proper handover between the AI and customer service employees. Initial recommendations can be made using AI, and further intervention can be made by employees when the customer has a complex or sensitive need. This methodology will be responsive to the apprehension voiced by Nguyen et al. (2022) that even the customers who value personalisation might still need human assistance. It also mirrors the broader data indicating that AI is best employed as an augmentation of, but not a replacement for, human interaction.
The second goal thus represents that customer engagement would be enhanced in the case of personalisation being relevant, useful and linked to the broader customer journey. Kapoor and Kumar (2025) illustrate the worth of personalised advertising, whereas Hardcastle et al. (2025) expand the scope of personalised journeys and Kumar and Khanna (2024) emphasise the importance of contextual communication. 
The solution used by H&M aligns with Relationship Marketing Theory since the ability to make recommendations and personalised conversations can be used to build value, trust and continue relationships with a customer in the long term. Nonetheless, it appears that H&M's application is not fully manifested as relationship marketing when personalisation is mostly technology-based. The company thus widely puts the theory into practice through individualised encounters, but the theory also emphasises the persistence of human interaction and customer control (Oza 2026). One way that H&M can enhance this congruence is to intertwine individualised recommendations with loyalty communication, customer feedback and human support, instead of considering individualised recommendations an all-purpose measure of engagement.
Benefits, Challenges, Cost Efficiency and Marketing Performance of Generative AI
The data show that productivity and efficiency of resources are valuable benefits, especially where it is necessary to create a great deal of marketing content. Hartmann, Exner and Domdey (2025) are tracking Generative AI for visual marketing productivity, advertising performance, and content efficiency. The result is in line with that of Colucci et al. (2025), who associate Generative AI with marketing innovation and more efficient marketing processes. Yang (2025) introduces the customer response dimension by connecting AI-powered advertising to campaign productivity, consumer response and resource efficiency. This is significant in that bringing more content does not imply that there would be better marketing. The importance of increased productivity would be determined by customer response to what is manufactured. The latter argument is also in line with Cervini et al. (2023), who argue that the reduced cost of content production cannot be regarded as sufficient evidence of marketing value. 
Modi (2026) also discusses the opportunity for higher efficiency in terms of financial aspects, linking Generative AI to engagement, conversion and more accurate marketing activity. Wang et al. (2023) also conclude that personalisation will enable targeted promotional content to be delivered to those customers who will be the most likely to react to it and save on unnecessary spending on marketing efforts. Resource-Based View offers the convenience of explaining this problem. Medvetska (2025) believes that competitive advantage can be derived from organisational resources, whereas Prado and Mantovani (2025) believe that Generative AI is a strategic technological resource that would enhance the efficiency of decision-making and marketing. The key thing is that having the technology might not be sufficient to gain the advantage. 
In the UK fashion market, ASOS offers a decent comparison with H&M, where it adopted AI in customer discovery, personalisation and creative content. The AI Stylist it has offers contextual product suggestions, and AI Studios helps with model imagery and other marketing objects. It is explainable in terms of RBV as the combination of AI with the already existing creative and digital abilities, and the Relationship Marketing Theory emphasises the personalised and continuing customer interactions (Bhuvaneswari 2026). H&M is also a company that has implemented AI-originated models but can also expand upon integrated AI-mediated customer experiences and quantifiable customer engagement.
Financial gains should also be taken into consideration along with the implementation expenses. The spending on technological infrastructure, education of staff, data handling and managing maintenance of the system are mentioned by Cervini et al. (2023). This provides an opposition to the direct efficiency advantages inherent to AI-generated content. When an organisation is introducing and supporting the broader AI system, it may decrease the cost of creating a single advertisement, but it still incurs great expenses. 
Huynh (2026) views the long-term picture; this view postulates that organisations that effectively implement AI can reap the benefits of higher productivity, campaign effectiveness, customer acquisition and retention. The variation between this post and Cervini et al. (2023) mostly relates to the timing and circumstances of the turnaround. Initial investment might be high, and ultimately, implementation can deliver payoffs in the long term, in case of a successful integration. Another obstacle to implementation and Generative AI strategic opportunities are also mentioned by Cillo and Rubera (2025). This is in line with the larger evidence since the advantages of AI will depend on the management of the technology. Kaponis and Maragoudakis (2026) point out privacy, the bias of algorithms, misinformation, control and mistrust in customers as factors that bring down the monetary worth of AI. Tadi (2023) also associates bad AI governance with reputational and legal risks. These issues show that the effectiveness of marketing is jeopardised in situations where the products generated by AI are not adequately regulated.
Another challenge presented by Reed, Wynn and Bown (2025) is the excessive automation that may impact creativity, customer confidence, and brand reputation. This is especially important in terms of H & M since fashion marketing success cannot be boiled down to the number of advertisements created and the cost of creating the advertisements. Value communicated to customers includes the elements of creativity and brand identity. H&M is currently exploring generative AI to support digital marketing, personalised content and customer experiences, while maintaining its focus on fashion creativity and brand identity. The firm has even tried its hand at AI-driven models and visuals for campaigns as per TR et.al. (2025). These practices, however, require human oversight to make sure that the automated content stays authentic, creative and is in line with H&M's values. According to Vettriselvan et al. (2025), these issues can be minimised using governance, transparent data management, constant monitoring of the algorithms and their control by people. This position links the financial and customer-related aspects of Generative AI. Robust governance would secure customer trust, besides minimising the risks that erroneous or inappropriate content may hurt marketing performance. 
A policy-strategy-implementation-performance sequence can be taken into account in this relationship. With H&M, the policy is to be based on responsible AI and data governance, and the overall AI approach is then converted to digital marketing practices like AI-generated content, personalised communication, and AI-based models. It then requires human controls, trustworthy information and supervision of AI results. This should then be measured in terms of customer engagement, conversion, retention and marketing cost-effectiveness. This implies that the value of AI cannot be created through implementation per se; it must rely on how governance and strategy are translated into measurable marketing results (Pokhrel, and Somasiri 2026). 
Empirical evidence provided by McKinsey and BCG reinforces the theoretical explanation of Generative AI implementation by H&M (Harreis et al. 2023). According to a Resource-Based View (RBV), AI can actually be tactically useful as H&M integrates the technology with customer-specific information, marketing experience, and innovative abilities, instead of using AI itself as a competitive advantage. This ability is reflected in how BCG suggests that the top marketers incorporate AI into personalisation, creative processes, testing and measurement processes (Zu’am and Haryanti 2026). These applications enhance the perceived usefulness by enhancing campaign speed, personalisation and decision-making as part of the Technology Acceptance Model (TAM). McKinsey is no exception since it lists productivity and one-on-one customer engagement as two prominent GenAI opportunities. It has been pointed out, however, by Relationship Marketing Theory that these capabilities are not sufficient on their own; H&M must harness these capabilities to provide relevant, continuous and trust-based interactions with the customer. So, according to the theory, H&M will create value when AI capabilities, customer usefulness and relationship quality are co-created. ASOS offers a valid analogy to apply the same theoretical perspectives. 
On the RBV lens, the merger of AI and customer data, as well as digital capabilities, can reinforce the strength of technological resources. Perceived usefulness and convenience can be enhanced through TAM by offering personalised suggestions and digital interactions. The Relationship Marketing Theory also states that personalisation is capable of serving to maintain customer relations through giving personalised interactions. In comparison to H&M, the arguments emphasise the need to incorporate AI and the expansion of digital capabilities and customer-related procedures (Naskar and Merigó 2026). H&M could thus enhance its implementation by building up these relations as well as the current AI projects.
 The H&M-Accenture effort also demonstrates that AI-generated models can be incorporated into fashion marketing without sacrificing creativity (BBC, 2025). This is the Resource-Based View since H&M has access to generative AI as a technological tool to extend content creation and visual exploration. Nevertheless, human judgement still takes place around the usage of AI-generated models, especially on issues of authenticity, creativity, and brand identity. Thus, the implementation at H&M shows that the value of Generative AI is not always related to the availability of the technology but also to the integration of this resource with the existing creative and marketing strengths.
Another possible advantage is the possibility to experiment with the types of marketing material. According to Colucci et al. (2025), Generative AI could create alternative versions of marketing messages and promotional content which a marketer could analyse customer reactions to. This can be useful in making campaign spending more effective since it is possible to channel resources to communication that would trigger better responses. Wang et al. (2023) substantiate this reasoning with the assessment of targeted promotional material. Marketing knowledge is, however, still needed in interpreting customer responses. As said by Rahman et al. (2026) these relationships can also be explained using the Technology Acceptance Model, Relationship Marketing Theory and Resource-Based View, which is supported by the evidence. 
Acceptance of AI-supported communication can be affected by perceived usefulness and convenience, as stated by Igwe-Nmaju et al. (2023).  H&M needs to deepen these connections by making personalised product suggestions, loyalty offers, and tailored follow-up communications, in addition to requesting feedback from customers as guided by Kaul et.al. (2025). These practices will enable the company to understand changing customer preferences, extend interaction and develop customer trust, instead of focusing only on the short-term purchase.
The digital-twin project at H&M also shows the way Generative AI can work as a strategic asset in the field of fashion marketing. According to H&M, the technology is currently being considered to enhance creativity, create new types of fashion narratives and engage with customers without losing a human-focused identity. In terms of RBV, this implies that value is created when AI is integrated with H&M's already existing creative and marketing strengths, as opposed to the technology itself (Rahman et al. 2026). Human supervision is thus critical to preserve creativity, genuineness and brand continuity. Altogether, the application of Generative AI by H&M can be deemed as a contributor to the Resource-Based View since the technology can be used as a strategic tool to enhance the efficiency of marketing, experimentation, and interaction with customers. Nevertheless, according to RBV, competitive value does not rely on the mere availability of the technology but on how the resources are structured and utilised. The use of AI-generated models by H&M, customised content and experimentation with campaigns has been implemented; however, there is no clear indication that these practices have always been translated into tangible financial results. H&M, in turn, must tie AI implementation to demonstrable performance indicators, such as engagement, conversion, customer retention and cost-efficiency in marketing, and human control and management.
[bookmark: _Toc240102674][bookmark: _Toc241153367]4.5 Summary
The findings conclude that Generative AI will enhance the digital marketing of H&M by improving content generation speed, personalisation and effective campaign management. The findings indicated that it will be able to sustain interactions with the appropriate customers through individual advertisements, recommendations and customer experiences. But its advantages lie in good, dependable data and human and responsible use. Over-automation can decrease creativity, genuineness and customer trust.  Too much automation can reduce creativity, authenticity and trust of customers. Therefore, H&M should have a human-in-the-loop strategy where AI facilitates content creation and personalisation, but marketing teams take a look at the important output. Regular monitoring of customer responses, campaign quality and brand consistency can help determine if inappropriate automation is happening, keeping your customer relationships authentic.
The overall results are generally in line with the Technology Acceptance Model, Relationship Marketing Theory and Resource-Based View. The usefulness and efficiency of AI-supported marketing reflect TAM, whereas the relevance of personalisation and maintaining customer contact on a relevant basis and trust are the focus of Relationship Marketing Theory. RBV also suggests that AI has the ability to generate organisational value if it is managed and properly incorporated into current marketing capabilities. The findings of H&M, therefore, confirm the theories, but show that the benefits are subject to proper implementation, quality data, human control and quantifiable marketing output.


[bookmark: _Toc241153368]Chapter 5: Conclusion 
[bookmark: _Toc241153369]5.1 Conclusion 
This study investigated how Generative Artificial Intelligence (GenAI) can be used to increase customer interaction in a digital marketing campaign, based on the example of H&M. The research was conducted owing to the growing application of GenAI, which has opened up new opportunities, allowing organisations to enhance customer communication, personalisation and marketing efficiency. The research used an interpretivist philosophy, inductive approach, exploratory design and qualitative research method. Academic literature as well as industry reports, publications by companies and other reliable sources were used to gather secondary data, which were thematically analysed. The results show that GenAI can assist H&M in digital marketing campaigns by creating and developing campaign content more quickly, advertising, optimising search and communicating with customers automatically. GenAI will be able to generate various types of marketing content and communication, enabling marketing teams to create variations of the campaigns more effectively. 
This especially applies to H&M since fashion marketing involves a lot of communication that needs to be done on a very frequent basis in reference to new products, collections, seasons and evolving customer interests. The results, however, also show that speed and volume of content are not the only measurements of marketing success. The role of human marketers will not go away since it is crucial as content is reviewed, safeguarding the brand identity and strategic decision-making. The second target relates to customer interaction and individualised experiences. These results show that GenAI has the potential to enhance engagement in the form of personalised advertising, product recommendations, personalised customer journeys and contextual communication. Such strategies can render online communication more personalised to individual customers and can facilitate a more ongoing dynamic between the various digital touchpoints. Nevertheless, personalisation is not bound to bring engagement. Substandard customer data, over-personalisation, and privacy issues have the potential to lower customer confidence. The evidence thus indicates that personalisation should be applicable, helpful and a controlled phenomenon, instead of increased. The third goal was that of benefits, challenges and financial impact. GenAI would be able to increase marketing productivity, shorten the time needed to produce content and assist with more efficient marketing resource allocation. It can also help with better conversion, customer acquisition and retention, as campaigns can be more specific. Nevertheless, such possible financial returns must be put into perspective with costs of implementation, such as supporting the technological infrastructure, training of employees, data management and maintenance of the systems. 
The assumption that GenAI will raise ROI, however, is not supported by the evidence. Instead, financial returns hinge on good implementation, right data, monitoring and good management. In general, the study has found that GenAI can contribute to increased digital marketing and customer interactions in H&M, though this technology depends on the way it can be utilised. Recently, the best option is not full automation but cooperation between GenAI and the human marketing experience. This conclusion is in line with three theoretical perspectives applied in the research. TAM demonstrates the significance of usefulness and convenience in customer acceptance, Relationship Marketing Theory is focused on trust, value and further interaction, and RBV describes the potential of GenAI to become an important organisational tool once it is introduced successfully into the marketing processes.
[bookmark: _Toc241153370]5.2 Recommendations
Adopt a human–AI approach to marketing communication.
H&M should apply GenAI to facilitate more mundane tasks, like drafting content, providing product descriptions, and variations of a campaign and an early response, but leave strategic decisions and tricky customer cases to human beings. This would enable H&M to become efficient without compromising creativity, empathy and brand authenticity. The study observed that over-automation can mean generic communication, which can deter customer confidence and brand strength (Reddy 2024). 
Develop responsible personalisation with greater customer control.
H&M should utilise customer data with caution when creating targeted suggestions and messages. Customers must be clear about their choices on their individualisation preferences, and H&M must be mindful of the accuracy of customer information and its proper management. This recommendation is significant as the idea of highly personalised communication can be intrusive when customers believe that the company knows excessively about their behaviour. 
Establish strong human oversight and AI governance
The next thing H&M needs to implement is to create transparent processes for screening AI-generated content before delivery to clients. Accurate information, algorithmic bias, unsuitable content, privacy and potential reputational risks need to be tackled by monitoring on a regular basis. Avoiding a lack of transparency in its governance and human oversight may ensure that customer confidence does not decline, and the organisation continues to enjoy the benefits of GenAI (Paramesha, Rane, and Rane, 2024). 
Measure ROI through wider campaign performance rather than content cost alone.
The measures to evaluate H&M investments in GenAI should include customer engagement, conversion, customer acquisition, customer retention, campaign response, marketing spending, and the cost of implementation. Saving money spent on producing an advertisement would not be regarded as adequate evidence of financial success. A variety of AI-created versions of the campaigns can be tested as well to determine what type of communication elicits more customer reactions and enable the marketing funds to be allocated to campaigns with higher success. 
Invest in employee skills and AI-related capabilities
The right training should be offered to the employees to learn how to use GenAI, judge its results, safeguard customer data and detect inappropriate materials (Arce-Urriza et al. 2025). This would assist H&M to consider GenAI as an organisational support tool, as opposed to marketing skills. Infrastructure investment, including training and data systems, should thus be included in the longer-term adoption strategy. 
[bookmark: _Toc241153371]5.3 Summary of research contribution and its alignment with research objectives
The study is important in helping to appreciate the importance of Generative AI in improving customer interaction as part of H&M digital marketing programs by linking customer interaction, personalisation, marketing performance and financial performance. The initial objective was met through the discovery of the ways in which Generative AI could facilitate campaign development, create content, advertisements, automated communication and marketing efforts. The second objective was met through the analysis of how advertising customisation, product suggestions, situational communication and customised customer experience could make the interactions more suitable and enhance customer experiences. The third objective was met through the consideration of the advantages, initial and economic issues of Generative AI. The results revealed higher productivity, increased content creation speed and possible savings on marketing costs as the main advantages, whereas implementation cost and data quality, privacy, bias, customer trust and over-automation were noted as significant issues and difficulties. The study accordingly reveals that Generative AI can assist H&M in its work with its customer connections and marketing achievements, yet it requires proper information and human control, efficient governance and prudent consideration of financial outcomes. This fills the literature gap identified about the relationship between customer engagement and financial outcomes within the H&M context.
[bookmark: _Toc241153372]5.4 Limitation and future direction
The primary drawback of the study is that it used secondary data. The research was based on scholarly articles, industry publications, company magazines and other publicly available resources instead of gathering primary data by directly interviewing H&M workers or clients. This gave a wide evidence base, but also implied that this is a study that could not directly quantify the experience of H&M customers, nor did it obtain confidential data on H&M's real investments in GenAI and its financial performance. Another drawback is the highly dynamic nature of GenAI. The technologies, applications and even marketing practices are evolving, and that is why some findings can change as the organisation gains experience in using GenAI. Moreover, AI activities can be promoted in company information, thus making it a possible source of bias. The methodology dealt with this by looking at evidence in companies, comparing it with independent academic and industry sources, although the limitation can never be eliminated. Primary research of H&M customers, marketing professionals and customer service employees should then be employed in future research. Increased customer ratings on AI-generated communication, personalisation, trust and satisfaction could be measured by surveys, whereas interviews might have a more detailed insight into employee experiences. In the future, work might carry out a comparison of H&M with other fashion stores to determine whether the results apply to H&M or are relevant to other fashion retailers overall. Lastly, longitudinal studies can also quantify real engagement, conversion, marketing expenses and ROI dynamics over time and can present an even more convincing argument for the financial implications of GenAI utilisation.

[bookmark: _Toc241153373]5.5 Personal reflection and development 
The completion of this research has helped me to form my thoughts about how new technologies can influence marketing and customer relations. Primarily, at the outset of the study, I thought of Generative AI as an instrument to create marketing content faster. The analysis of the findings and reviewing the literature allowed me to form a more generalised perception that its value is also determined by customer trust, personalisation, data quality, human judgement and financial considerations. Another thing the research enhanced is my skills working with secondary sources. I was taught to choose appropriate and valid evidence and not to use information because it will favour an argument. The inclusion and exclusion criteria and systematic search assisted me in being more systematic in my approach to reviewing both academic and industry literature. The step of thematic analysis also taught me the skills to find significant patterns in a variety of sources and relate those patterns to the research objectives. 
Critical thinking was another significant aspect of the development. The study made me reflect on all the pros and cons of GenAI instead of assuming that the technology is inherently good. I realised that quicker production of material does not always signify enhanced customer interaction and that reduced marketing expenses does not necessarily indicate enhanced ROI. It also further helped me to realise the significance of balancing technological efficiency and human creativity as well as customer relationships. Overall, the research strengthened my academic research, source evaluation, analytical and critical-thinking skills. It also helped me to understand that marketing decisions must also take into account not only technological opportunities, but also how they may have an impact on customers and organisations. Such skills will help in further academic work as well as in future work in the sphere of marketing when it is necessary to evaluate emerging technologies before implementing them in the real world.
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