

THE EFFECT OF ARTIFICIAL INTELLIGENCE ON EMPLOYEE PERFORMANCE IN HEALTHCARE: CASE OF NHS ENGLAND

IONEL STEFAN

A dissertation project submitted in partial fulfilment of the requirements for the award of
The Degree’s in BA (Hons) Business Management at the University of Wales Trinity Saint
David
July 2026














[bookmark: _Toc235820370]DECLARATION
	I declare that this project contains my own independent research and is my own original work. It has not been submitted, in whole or in part, for the award of any degree at any other university.

Name: IONEL STEFAN
ID Number: 2216967
Signature: IONEL STEFAN  
 Date 24/07/2026

















[bookmark: _Toc235820371]ABSTRACT
The aim of the study was to examine the effect of artificial intelligence of employee performance. NHS England case study approach was adopted. Quantitative research design was used to collect primary data from a sample 232 participants. The study applied technology acceptance model and task fit technology theory to anchor the research process and help in formulating the measurement items for indicators of customer experience. Descriptive and multiple linear regression. The results showed that the three indicators of artificial intelligence adoption caused 17% variation in employee performance. Individual analysis showed that decision support system had the largest statistical significance effect employee performance followed by the workflow optimization. Additionally, the results showed administrative automaton also had significance effect on employee performance. However, despite these results, the study experienced three limitations that might need future researchers to consider focusing on them. First, the study adopted the use of survey approach. Data collection method experience challenges of self-selection bias. Second, the study focused on a case of NHS England health facility. A single case study cannot ben generalized to other companies. Future researchers could consider extending the study to other health facilities. Additionally, the study suggests that future researchers consider using mixed approach to collect quantitative and qualitative data. 
Key Words: artificial intelligence; employee performance; NHS England.
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[bookmark: _Toc235820374]CHAPTER ONE: INTRODUCTION
[bookmark: _Toc235820375]Background Study
The increased use of artificial intelligence (AI) technologies remains one of the cores strategic emphases for many businesses in different industries including the healthcare (Anshori, Akbar, and Aisyah, 2025). Many healthcare facilities are now beginning to invest heavily in AI supported solutions to help employees improve how they operate, deliver services, make data-driven decisions, and optimise how they utilise resources (Panahi, 2025). The current pressure on many organizations to cut down on operational costs, increase productivity, and attain service quality, forms one of the motivation factors for many healthcare providers to adopt AI at different functional areas (Lee et al., 2025). Beginning from automation of routine tasks to collecting data and making insights that help management in making strategic decisions, research now show that AI technologies transform how employees perform their daily responsibilities. 
Because of this, the NHS England has been rated top adopters of AI technologies in the UK. The facility continues to emphasis how adoption is likely to affect staff performance specifically in areas concerning productivity, efficiency, quality services, and in overall, facility competitive advantage. Gaining a better understanding of this fact remain significant because employee performance remains one of the core factors that enhance organizational success and competitiveness within the current technology supported systems. 
[bookmark: _Toc235820376]Significance of the Topic
This topic is importance to research because the results seek to make three contributions. First, the results from this topic are expected to contribute new knowledge to the current body of literature concerning adoption of AI technology and employee performance. The study seeks to also ensure that there is an extension of both management and organizational theories within the healthcare context. Additionally, it is understandable that from a business management perspective, we still have limited empirical evidence concerning the role of AI on employee performance across many healthcare facilities in the UK. Therefore, the results seek to bridge the gap by showing insights on how AI technology adoption among employees contributes to positive performance.
Second, the study expects to use the findings to also guide managers of healthcare facilities and organizational leaders on how to make informed decisions concerning adoption of AI and management of its staff. Management will use the results to identify the best AI technologies that can achieve higher productivity efficiency, and performance. For these, managers can then design the right strategies to train, support staff. 
Third, the results will guide policy makers and administrators within the healthcare facilities in the UK. They will understand the best approach to shape how facilities can transform their digital journey. Even as many governments and institutions turn towards heavy investment in AI technologies, it would be important to also gain deep insights about some of the implications on staff performance. The results inform how to develop policies, how to develop staff, and guidelines to support complete adoption across many healthcare facilities. Specifically, governments can understand how to design technologies that achieve the highest impact within the healthcare facilities. 
[bookmark: _Toc235820377]Statement of the Problem
NHS England has implemented AI technologies that assist staff in conducting diagnosis imaging. Such technologies analyses skin lesions, CT scans, retinal images, as well as those from X-ray. Clinicians can them depend on them to identify cases of abnormalities faster than before. NHS also uses AI to help staff analyses data and offer actionable recommendations on how to plan for treatment, assessment of risks, and personalisation of patients (Panahi, 2025). Additionally, the AI powered triage and assessment of patients helps staff when they want to assess symptoms, where to direct patients, and how to manage demand. Administrative automation and Gen AI help the staff to handle most routine roles that need generation of reports, management of appointment, writing of summaries and drafting documents. NHS has also adopted AI to support predictive analytics and resource and operational AI technologies. 
In realities, despite adoption of these technologies, little research has been conducted to at NHS England to understand its effect on staff performance. Failure to research the facility means management can only rely on general information when making decisions and not specific internal information. This study seeks to collect data from the staff to answer the question: does adopting AI technologies help improve performance?   
[bookmark: _Toc235820378]Proposed Aim, Objectives, and Hypotheses
[bookmark: _Toc235820379]Proposed Aim
This study seeks to examine the effect of adopting artificial intelligence technologies on employee performance at NHS England. 
[bookmark: _Toc235820380]Objectives 
1) To assess the relationship between administrative automation AI and employee performance at NHS England
2) To examine the effect of decision support systems AI on employee performance at NHS England 
3) To evaluate the relationship between workflow optimisation AI and employee performance at NHS England 
[bookmark: _Toc235820381]Hypotheses
H1: There is a relationship between administrative automation AI and employee performance at NHS England
H2: Decision support systems AI affects employee performance at NHS England 
H3: There is a relationship between workflow optimisation AI and employee performance at NHS England 
[bookmark: _Toc235820382]Chapter summary
Chapter one introduced the concept of artificial intelligence and employee performance. Moreover, chapter one presents the problem statement to understand recent adoption of artificial intelligence technologies across administration, decision making support systems, and workflow optimisation at NHS England healthcare facility. By identifying gaps inherent in literature such as conceptual, contextual, and methodological gaps, the study set out the aim to examine whether having artificial intelligence technologies at the health facility contributes to positive performance among employees. The next chapter reviews literature to understand what it is known and unknown around this topic. 



[bookmark: _Toc235820383]CHAPTER TWO: LITERATURE REVIEW
1 [bookmark: _Toc234713183][bookmark: _Toc234713412][bookmark: _Toc234737609][bookmark: _Toc234738231][bookmark: _Toc234738287][bookmark: _Toc234756086][bookmark: _Toc234783175][bookmark: _Toc235816891][bookmark: _Toc235816953][bookmark: _Toc235820384]
1 [bookmark: _Toc234756087][bookmark: _Toc234783176][bookmark: _Toc235816892][bookmark: _Toc235816954][bookmark: _Toc235820385]
[bookmark: _Toc235820386]Introduction 
This chapter presents findings from literature review. Studies were reviewed to understand what is already known and not known concerning theoretical frameworks and empirical studies.  The review helps identify objectives of studies and gaps that necessitate the need for another study. 
[bookmark: _Toc235820387]Theoretical Framework 
[bookmark: _Toc235820388]Technology Acceptance Model 
Davis developed the technology acceptance model (TAM) to explain how businesses and individuals adopt and use new technologies (Alshammari, and Rosli, 2020). Specifically, the model maintains people accept new technologies because of perception that it will help them solve problems and how they perceive that it will be easier for them to use technology without much struggles. First, individuals believe it enhance their job whenever they use new technology (Joshi, Singh, and Rani, 2024). While the second perception explain that people adopt new technology when they believe that they will require lower effort to use it in their daily lives (Virgillito and Ledda, 2025). People use perceptions from these two grounds to develop attitude to adopt. Many studies have applied TAM to study adoption of digital technologies, information systems, and the current artificial intelligence technologies. 
In the context of healthcare facility, TAM is now more applicable to anchor adoption of artificial intelligence variable (Alenezi, Alshammari, and Ibrahim, 2024). The study will adopt the model to explain reasons that make staff adopt AI technologies as part of their daily activities. For example, the perceived usefulness includes AI enabled decision support, administrative automation, and optimisation of workflows. While on the other hand, the perceived ease of use will be reflected through staff ability to continue interacting with the system.   
[bookmark: _Toc235820389]Task Technology Fit 
Goodhue and Thompson (1995) developed the task-technology Fit (FIT) theory to explain that technology helps people improve their performance when the capability aligns well with task specifications (Anshori, Akbar, and Aisyah, 2025). The theory differs from the TAM model because it focuses on the relationship between characteristics of technology, tasks, and performance (Tong, e al., 2021). People record more outcome when the technology offers clear and exact functionalities needed to enhance people to complete their tasks (Chen, Wang, and Hao, 2025). Goodhue and Thompson outline that characteristics of technology, task and task-technology alignment are three constructs of the theory (Prentice, Wong, and Lin, 2023). They together explain the extent to which technology serves its role of enhancing productivity, efficiency, and overall quality of work.
The TIF anchored the study by focusing on employee performance. For example, it explains that the facility is likely to achieve performance when technology aligns well with characteristics of tasks and processes (Tong, et al., 2021). The adoption of administrative automation technology, predictive analytics, as well as clinical decision support infrastructure expects to improve the level of performance such as productivity, being more efficiency, and generating more quality work. Therefore, the theory will help anchor this study by measuring employee performance variable. 
[bookmark: _Toc235820390]Empirical Reviews 
Different studies examine the effect of administrative automation AI on employee performance within healthcare industry. Cruz (2025) used correlational analysis and surveyed a sample of 100 nurses working in the UK, USA, and UAE. Results revealed positive effect between perceived usefulness and performance of tasks. A similar study by Ghorbanzadeh et al. (2025) determined the effect of automation AI on performance of a sample of 240 health-care professional working across different healthcare institutions in Iran. Results revealed positive association between automation of AI and performance. Professionals recorded positive relationship between perceived ease of usefulness and ease of use with performance (Prentice, Wong, and Lin, 2023). However, despite above findings showing positive association between adoption of AI in automation and performance in healthcare, they present gaps associated with context of study. None of these studies have been conducted on NHS England. 
Tun et al (2025) researched into clinical decision support AI systems across systematic literature reviews. Results showed most of AI systems provide data to enhance decision making. Healthcare facilities collect data across departments, analyse it and present staff with ready insights. However, the study noted that 59% of literature came from qualitative literature noting that little research has been conducted on correlational design. Pathan et al. (2025) study modelled decision support system for clinical experts in Malaysia. They noted that adoption of AI, machine learning, and other latest technologies can help healthcare facilities to increase efficiencies and accuracy in decision making. Specifically, AI serves the role of eliminating medical errors and helping management in utilisation of resources across facilities (Indrasari and Pamuji, 2023). However, the study presents gaps because of its failure to analyse the relationship between decision making and performance.  This study seeks to fill gaps presented in many of such qualitative studies (Ramachandran, e al., 2022). Besides, the study seeks to focus on NHS England because of extensive adoption of AI across different functions. 

[bookmark: _Toc235820391]Conceptual Framework
The following conceptual framework shows the relationship between three constructions of AI adoption in healthcare sector especially within NHS England facility and staff performance. The AI adoption has been broken down into three constructs with each construct operationalised into respective areas of measurement. 
[image: ] 
[bookmark: _Toc235820392]Chapter Summary
This chapter reviewed studies to understand opinion present in past research works. Specifically, the review process focused on studies explaining the technology acceptance model and task technology fit to explain the purpose of the theory, their constructs, and how they anchor the study. The findings from theories help shape the measurement of artificial technology around three concepts such administrative automation, decision support system, and workflow optimisation. Moreover, empirical review helped understand gaps among research papers such failure to focus on the case of NHS England healthcare facility, wrong measurements of artificial intelligence and its application in healthcare. The study used the three indicators to formulate the conceptual framework linking them to employee performance. The next chapter explain the research design and how three indicators were measures with the help of survey instruments. 


[bookmark: _Toc235820393]CHAPTER THREE: METHODS AND METHODOLOGY
2 [bookmark: _Toc234713191][bookmark: _Toc234713420][bookmark: _Toc234737617][bookmark: _Toc234738239][bookmark: _Toc234738295][bookmark: _Toc234756096][bookmark: _Toc234783185][bookmark: _Toc235816901][bookmark: _Toc235816963][bookmark: _Toc235820394]
2 [bookmark: _Toc234756097][bookmark: _Toc234783186][bookmark: _Toc235816902][bookmark: _Toc235816964][bookmark: _Toc235820395]
[bookmark: _Toc235820396]Research Design
Correlational cross sectional research design was adopted in this study. Correlational research helped find the relationship and effect of each construct of AI adoption on staff performance at NHS England facility (Easterby-Smith, Thorpe, and Jackson, 2015). The use of cross-sectional data allowed the opportunity to use survey data from participants.
[bookmark: _Toc235820397]Research Approach
Deductive research approach was applicable to this study because of the need to use the theories to test three hypotheses. Deductive approach begins with stating the theories, formulating hypotheses, collecting numerical data, analysing data, then making decisions (Saunders, Lewis, and Thornhill, 2012). Through regression analysis, the study accepted the hypotheses set out in the introduction sections. 
[bookmark: _Toc235820398]Population and sampling
The study collects data from the population of all nurses working in different functions in England.  Currently, NHS England employs about 839,000 professionally qualifiers clinical employees. However, because of resource constrain and time, the study apply the following formula to find the number of sample participants. 

[bookmark: _Hlk234757007]The study targets a sample of 384 employees working at NHS England health facility. Random sampling was applied to select participants. The study assumes that nurses that have adopted AI in their functions have firsthand information concerning the effect of AI on their performance (Denscombe, 2012). 
[bookmark: _Toc235820399]Data collection
Multiple approaches was adopted to collect primary data from the participants. Structured questionnaires were applied to collect categorical data. Specifically, online questionnaires was designed using Google Form. Participants were provided with URL link. Anyone who clicks on the link with be redirected to a website page to fill in the questionnaire at the place of their convenience. This approach helped increase both the response rate, save on costs, and increase the time of data collection and follow up. URLs were posted on the social media pages of NHS England. 
[bookmark: _Toc235820400]Data analysis
Descriptive analysis was used to describe characteristics of participants. The study generated mode, frequencies to understand the proportion of basic information. In addition, the study generated mean and standard deviation for items within all constructs of AI and employee performance. Second, the study used inferential statistics to generate multiple linear regression (as indicated in model 1 below). R-squared, analysis of variance, and standardised coefficients was generated to test determinant effect of variance and effect of individual construct of AI adoption on performance variable.   
 ------------------------------------------- 1
Where SP = Staff performance 
AA = Administrative Automation
CDS = Clinical Decision Support
WO = Workflow Optimisation
 = Standardised coefficients
 = error term (covers all other determinants of staff performance not included in regression model)
[bookmark: _Toc235820401]Ethical Consideration 
The study obtained informed consent from management of the hospital and individual participants. Besides, authority and approval were sought from the school administration. Ethical forms were filled indicating the need to collect data from human. At the time of collecting data, ethical considerations were given to every participant. They had voluntary participation, protection of personal information, and protection of confidentiality (Bryman and Bell, 2015). All data was interpreted objectively without revealing identify of participants. All collected data was stored in password protected Google Drive for access by the researcher and supervisor alone. Besides, all data will be deleted after a period of three months (Collis and Hussey, 2013). 
[bookmark: _Toc235820402]Chapter Summary
This chapter presents the outcomes from the research design. It lays out the quantitative research design used to collect data through survey approach. By explaining the sample size and data collection, the study succeeded in collecting data from a sample of 245 participants out of which, 232 participants met that data criteria for using artificial intelligence tools. Moreover, the chapter explain application of descriptive and inferential statistics to test the hypothesis set out in the introduction section. 



[bookmark: _Hlk234757161][bookmark: _Toc235820403]CHAPTER FOUR: RESULTS AND DISCUSSION
3 [bookmark: _Toc234713199][bookmark: _Toc234713428][bookmark: _Toc234737625][bookmark: _Toc234738247][bookmark: _Toc234738303][bookmark: _Toc234756106][bookmark: _Toc234783195][bookmark: _Toc235816911][bookmark: _Toc235816973][bookmark: _Toc235820404]
3 [bookmark: _Toc234756107][bookmark: _Toc234783196][bookmark: _Toc235816912][bookmark: _Toc235816974][bookmark: _Toc235820405]
[bookmark: _Toc235820406]Introduction 
The chapter presents descriptive statistics to understand the frequency and mode of participants according to their age groups, gender, professional role, years working at NHS England healthcare facility, and the frequency of using artificial intelligence technologies. This chapter  presents a summary of artificial intelligence by showing the mean and standard deviation of responses of administrative automation, decision support system, workflow optimisation, and finally on employee performance. The last section uses multiple linear regression to test the hypotheses on whether each of the three variables have effect on employee performance. The discussion section analyses the implications of knew knowledge developed from the results to support past studies and theory. 
In essence, the results presented in this chapter aligns with the following objectives
1) To assess the relationship between administrative automation AI and employee performance at NHS England
2) To examine the effect of decision support systems AI on employee performance at NHS England 
3) To evaluate the relationship between workflow optimisation AI and employee performance at NHS England 

[bookmark: _Toc235820407]Descriptive statistics 
The study used primary data collected using questionnaires from a total sample of 232 participants working at NHS England. The data presented under descriptive statistics include gender, age, professional role, years of working at NHS England, frequency of using AI systems.  
[bookmark: _Toc235820408]Gender
[bookmark: _Hlk234757714][bookmark: _Hlk234757863][bookmark: _Hlk234758014]The Figure 1 below explains the percentage proportion of participants in the sample. More than half of the sample were female. 
   
[bookmark: _Toc234713379]Figure 1: Percentage of male and female (n = 232)

[bookmark: _Toc235820409]Age
A majority of participants bellowed to the age group 36 – 45 years (32%). The second majority belonged to older groups above 56 years (29%). Those aged between 26 and 35 were accounted for 20% followed by those in the age category of 46 – 55%. They accounted for 10%. The lowest group comprised on young adults aged between 18 – 25 years. They accounted for 9%. The distribution of participants from the age groups shows a good combination of participants with varying experiences when it comes to their knowledge the research topic. The study drew participants across all the age groups. 

[bookmark: _Toc234713380]Figure 2: Age groups of participants (%)

[bookmark: _Toc235820410]Professional Role
The study collected data to create more understanding of the role’s participants served in at NHS England. A majority of the participants worked in the role of nursing which accounted for 42.86%. The second majority of participants indicated working as nurse practioners (29.80&). In overall, the nursing category had the highest number of participants in the sample of participants. The ward managers accounted for 13.06%. Even though senior nurses accounted for at least 6.5%, those who worked in other roles accounted for 7.76%. Similarly, it is evident that the participants in the study were well represented by their role and possible positions served at NHS England.
[bookmark: _Toc234713358]Table 1: Proportion of participants by their roles at NHS England 
	Role
	Frequency (n = 245)
	Percent (%)

	Nurse
	105
	42.86

	Senior Nurse
	16
	6.53

	Nurse Practitioner
	73
	29.80

	Ward Manager
	32
	13.06

	Other
	19
	7.76

	Total
	245
	100



[bookmark: _Toc235820411]Years of work at NHS England 
The study collected data on the number of years that participants have worked at NHS England before. Table 2 below shows the proportional distribution of participants according to the number of years that they have spent while working at NHS England healthcare facility. Participants who have worked for less than one year only accounted for 6%. Those who have worked for a period of between 1 to 5 years accounted for 22%. This was almost half the number of participants that have spent between 6 to ten years. This category of participants accounted for 45.3%. The findings revealed that some participants had worked for a period of 11 to 15 years which accounted for 12% of the sample of participants in the study. This category was slightly less than those who had spent over 16 years. In overall therefore, it is evident that a majority of the participants had worked for 6 to 10 years. This category showed that a majority of the people which accounted for 45% in the sample had worked at NHS England for a period of 6 to 10 years. The second majority had worked for close to 5 years. Such a large proportion of participants in the study gives them the opportunity to have more knowledge and understanding around the study topics such as having engaged with AI practices in administrative automation AI, decision support systems AI, and workflow optimisation AI. 
[bookmark: _Toc234713359]Table 2: The number of years respondents worked at NHS England
	Years Category
	Frequency
	Percent

	Less Than 1
	15
	6.12

	 1- 5
	54
	22.04

	 6 - 10
	111
	45.31

	 11 - 15
	30
	12.24

	16+
	35
	14.29

	Total
	245
	100



[bookmark: _Toc235820412]Department of work
The study collected data to understand the departments where participants worked.  Figure 3 presents a descending pattern of percentage proportion of participants in different departments. Specifically, maternity, outpatient, and medical recorded the highest number of participants than then rest of the departments. Maternity department accounted for 31% followed by outpatient at 23% and medical at 21%. Emergency, surgical, and ICU recorded the lowest number of participants in the sample. Emergency department had 9% followed by those who worked in other departments at 7%. While surgical and ICU accounted for 6% and 3% respectively. 
[bookmark: _Toc234713381]Figure 3: Percentage of participants from different departments

[bookmark: _Toc235820413]Frequency of using AI system 
The study sought to gain insights into the number of participants using AI system. Clear pattern emerged from the data. Specifically, those who used AI in their daily routine accounted for 43% while the second category accounted for 32% who indicated that they used AI once in a week. However, only 9% and 10% of the participants indicated they used AI several times a week and occasionally. Only a small number of participants accounting for 5% indicated they rarely used AI while working. The study excluded this number from the study because of their failure to meet the study criteria of having used AI. The study ended up with 232 participants who responded on the questions on whether administrative automation AI, decision support systems AI and workflow optimisation had effect on performance. 
[bookmark: _Toc234713382]Figure 4: Frequency of using AI related technology and systems

[bookmark: _Toc235820414]Administrative Automation
The findings presented in Table 3 below summarises the administrative automation AI analysis.  The overall score with a mean of 3.666 and a standard deviation of 0.491 indicates participants had favourable perception concerning use of AI in administrative automation. The mean score above the midpoint of 3.5 on a scale of 1 to 5 reveals that most of participants agreed that AI had positive contribution towards administrative responsibilities at NHS England. Specifically, the overall score was supported by two reasons. First, participants agreed that they used AI to help them complete documentation and record keeping in the most efficient manner (M = 4.785, SD = 1.27). Second, participants agreed that AI reduced the total time they spent using AI systems on routine administrative tasks (M = 3.76, SD = 0.95). However, three statements do not support the overall score. For example, participants were undecided when asked whether they devote most of their time helping patients because they have less administrative workload (. They were neutral concerning the effect of AI to automate repetitive administrative activities that they could do manually (. 
The results suggest that participants were less convinced concerning the contribution of AI on administrative activities. The results show that even though administrative automation of AI could be considered to yield benefits, the impact seems to occur only in some administrative functions and not all other functions. This seems to highlight opportunities where the company could make some improvements when executing and leveraging on AI technologies at the healthcare facility. 
 
[bookmark: _Toc234713360]Table 3: Summary of administrative automation AI analysis
	Statements of administrative Automation AI
	Mean
	Std. Deviation

	I complete documentation and record-keeping in a more efficient manner
	4.785
	1.275

	I spent less time when using AI systems on my routine administrative tasks
	3.767
	0.952

	I now devote most of my time helping patients because I now have less administrative workload
	3.353
	1.091

	AI has automated most of the repetitive administrative activities that I could do manually
	3.259
	0.704

	I encounter a smaller number of administrative errors during my daily work
	3.168
	1.225

	Overall Mean score
	3.666
	0.491



[bookmark: _Toc235820415]Decision Support System
Table 4 below presents a summary analysis of five statements used to measure decision support system as part of the AI at NHS England. The results indicate clearly that participants had positive perception that AI supported decision support systems. This is evident from a mean score  The mean score is above the cutoff point of 3.5. Hence, the fact that there is smaller standard deviation, most of the responses converged around the mean values. Participants from the sample agreed that AI made significant contribution to improvement of decision making when working on a day-to-day activities. The first and second statements helped support this perception with a mean of 3.74 and 3.73 respectively. Additionally, the third statement helped support this perspective because the role of AI to enhance confidence when making decisions. 
While on the other hand, lower mean scores on items on fourth and fifth items led to moderation of the main scores. This explains clearly that respondents were less convinced concerning the effectiveness to improve the quality of decision and explore complications and risks. In overall, the results indicate that even though decision systems depend on AI, the health facility still has some levels of opportunity to make some improvements. 
[bookmark: _Toc234713361]Table 4: Summary of decision support system analysis 
	Statements Measuring Decision Support 
	Mean
	Std. Dev

	I use AI to make work-related decisions in a faster manner
	3.746
	1.192

	I now have accurate information that helps me support my clinical decision-making
	3.733
	1.142

	AI supports me to become confident when I make clinical or administrative decisions
	3.608
	1.047

	AI helps me to improve the quality of decisions during my daily work
	3.504
	1.069

	I now use AI to identify some of complications and risks in the most effective manner
	3.466
	1.198

	Overall Mean score
	3.611
	0.700




[bookmark: _Toc235820416]Workflow optimisation
The table below shows statements summarizing Workflow optimization through AI. The results shown in the Table reveals that participants remained neutral on whether AI played a role in optimizing workflow at NHS England. The summary statements scored relatively lower overall score of 3.42 and a standard deviation of 0.52. However, even though lower standard deviation indicated that most of the responses revolved around the mean, most of the participants failed to agree on whether AI helped optimize workflows around the health care facility in the UK. Nonetheless, two statements scored above average. For example, most of the participants agreed that AI helped them optimize how they used available resources whenever they worked in their departments (. Similarly, participants agreed that they used AI in order to complete their responsibilities faster (However, on the other hand, three statements moderated the overall score because of their lower scores. This implies that participants were less convinced concerning the ability of AI coordination, enhance level of productivity in functions, and cut down on the number of delays when completing day-to-day work. In overall the results indicate that even though AI is considered to make significant contribution towards optimisation of workflow. Participants see the benefits to improve operational efficiency and not achieving transformation entire workflow coordination and performance results.  
[bookmark: _Toc234713362]Table 5: Summary of workflow optimisation analysis 
	Statement of workflow optimisation 
	Mean
	Std. Dev

	I use AI to help me optimise how I use available resources whenever I am working
	3.552
	1.119

	I use AI to complete my responsibilities in a quicker way
	3.539
	1.092

	AI helps my departments to coordinate most of the work processes
	3.336
	1.335

	AI has helped me improve my overall productivity across all my responsibilities
	3.310
	1.102

	AI have enabled me to cut down on several delays when completing my daily responsibilities
	3.280
	0.729

	Overall Mean Score
	3.416
	0.518



[bookmark: _Toc235820417]Employee Performance 
The results show a summary of statement of employee performance. The overall score shows clearly that participants agreed they achieved better performance with the help of AI ( Lower values of standard deviation showed that participants has converging opinion. Participants perceive that AI makes positive contribution in influencing employee performance. Specifically, participants in the sample agree that AI play a significant role of enhancing performance in different functions within NHS England. Almost all the statements were in support of participant opinion. Specifically, participants agreed that AI helped them improve quality of work in their department (, improve work performance (, complete all work according to plans and schedule ((. 

[bookmark: _Toc234713363]Table 6: Summary of employee performance analysis 
	Statements
	Mean
	Std. Dev

	AI has helped me improve the quality of work in my department
	3.724
	0.884

	In overall, AI has helped me improve my work performance
	3.694
	0.809

	AI enables me to complete all my work according to plans and schedule
	3.647
	0.835

	AI has enabled me to increase my overall productivity in my department
	3.578
	0.973

	AI allows me to complete my work in a more efficient manner
	3.573
	0.909

	Overall mean score
	3.643
	0.520



[bookmark: _Toc235820418]Multiple Linear Regression 
The multiple linear regression shown in Table 7 below explains about the correlation between three predictors – administrative automation, decision making support system, and workflow optimisation on employee performance. The adjusted R-squared showed that 17.5% of the employee performance is explained by the three independent variables. In essence, all the three indicators worked together to determine employee indicator. All the three variables worked together to increase employee performance. In addition, consideration of ANOVA results showed regression models had statistically significant effect (. All the three variables had a combined effect on predicting employee performance. 
[bookmark: _Toc234713364]Table 7: Model Summary 
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	.431a
	0.185
	0.175
	0.47297



Analysis of Variance

	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	11.605
	3
	3.868
	17.293
	.000b

	
	Residual
	51.004
	228
	.224
	
	

	
	Total
	62.609
	231
	
	
	

	a. Dependent Variable: Employee performance

	b. Predictors: (Constant), Workflow optimisation, administrative automation, Decision support system



The standardised coefficients in Table 8 below showed all three variables had statistical significance effect on EP. Specifically, DSS had the largest unique contribution to employee performance (. Any improvement to invest in decision support systems and adoption among employees would increase performance. Second, workflow optimisation had statistically significant effect on performance (. Any increase in adoption of AI that optimizes workflow would lead to increase in performance. Third, administrative automation AI had significant effect on performance (.
[bookmark: _Toc234713365]Table 8: Standardised Coefficients
	
	Beta
	t
	Sig.
	Partial
	Part
	Tolerance
	VIF

	(Constant)
	1.551
	4.791
	0.000
	
	
	
	

	Administrative Automation
	0.163
	2.715
	0.007
	0.177
	0.162
	0.990
	1.01

	Decision Support System
	0.301
	4.929
	0.000
	0.310
	0.295
	0.959
	1.042

	Workflow Optimisation
	0.190
	3.123
	0.002
	0.203
	0.187
	0.967
	1.034



[bookmark: _Toc235820419]Discussion 
The results from primary data reveal that administrative automation artificial intelligence increased performance among employees. The results were in support of the first hypothesis. Regression suggests that employees with greater adoption of automated artificial intelligence in their daily activities were likely to perform better. However, the effect was moderate and smaller than other dimensions of artificial intelligence. Hence such positive effect reveals that by investing more in artificial intelligence, it can handle most routine administrative activities allowing employees to perform effectively. AI helps cut down on most manual workload while allowing them the opportunity to focus their energy on patients. The results are in support of TAM which posits that employees at NHS England adopt technologies because they know it is useful and can improve job performance. Similarly, the results are in support of past studies by 28. Luhana, Memon, and Khan (2023) whose results showed that use of AI to automate administrative activities enhanced performance in healthcare settings. Technology helped streamline most of routine activities and improve work effectiveness. The results presented in this study extends the benefits in the context of NHS England by showing that use of AI to automate administrative activities has positive contribution to performance. 
Second, the regression results are in support of the second hypothesis and shows AI – supported decision support system has significant effect on performance. AI- supported decisions increases performance. Most of participants agreed that by having AI, it helped them make faster decisions, offer reliable information, and enhance confidence surrounding administrative and clinical decisions (Madanchian, 2024). However, participants disagreed that AI did not assist them to identify risks and make quality decisions. The findings align well with TAM model concerning the concept of perceived usefulness. The model suggest that employees develop more willingness to adopt technologies that helps them improve work outcomes. Additionally, the results support past studies by Mendy, Jain, and Thomas (2025) whose findings indicate the importance of AI in clinical decision making. It supports (Chuang et al., 2025) whose conclusion shows that AI in hospitals enhances accuracy and effectiveness of operations. Therefore, the results presented in this study demonstrates support for theory and past studies and highlights the importance of investing in technologies that helps gather information, analyse, and present findings. 
Third, the results supported the third hypothesis by showing that workflow optimisation AI achieved a positive and statistically significant impact on employee performance. A majority of employees whose perception showed that improvement of workflow coordination and procedures in operations recorded higher degrees of work performance. Additionally, descriptive findings show that respondents identify the ability of AI to assist them optimize resources and facilitate faster completion of activities, however, they express lower agreements concerning influence on entire workflow coordination and reduction of delays in their operations. The results are supported by the Task-technology Fit (TTF) Theory which maintains that technology helps enhance performance when capabilities align with tasks to be performed. The results support Zhou et al., (2024) findings which notes the need for AI to help optimize workflows in healthcare. 
[bookmark: _Toc235820420]Chapter Summary
Chapter four has succeeded in presenting the results analysed using both descriptive and inferential statistics. The former involved using graphs and tables to present frequencies in percentages and numbers on age groups, gender, professional roles, years of work, department of work, and frequency for using AI technologies. Moreover, the study analysed the mean and standard deviation of indicators. The multiple linear regression suggested that all three hypotheses were supported. 
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[bookmark: _Toc235820424]Introduction
Chapter 5 presents a conclusion from results drawn across chapter four. The chapter provides both practical and theoretical recommendations according to the evidence that has been generated across the primary data. Additionally, the study discusses limitations experienced while collecting data, shows areas that need more investigation, and concludes overall observation about the effect of artificial intelligence towards employee performance. 
[bookmark: _Toc235820425]Conclusion 
The study examined the effect of administrative automation, decision making support system, and workflow optimisation on employee performance. The results revealed that all the three indicators of AI adoption had positive influence on performance. The results achieved the aim of the study concerning the need to understand the implication of adopting AI in NHS England on employee performance. The regression analysis revealed administrative automation, decision support system, workflow optimisation helped. 
[bookmark: _Toc235820426]Limitations
Despite the study showing that results support three hypotheses, the study experienced three limitations. The study relied on cross-sectional data collected through survey approach. Such a data is always collected at one point in time. Data collected through self-measured questionnaires are subject to response and selection bias (Saunders, Lewis, and Thornhill, 2012)). Employees provide responses that meet their desirability (Robson, 2011). Second, the study used employees from NHS England only. Results from single case studies limit generalisation of findings to other companies in similar industry such as private healthcare providers (Robson, 2011). Third, the study applied three indicators of artificial intelligence which achieved 17% variation in employee performance. This implies that many other factors that cause variation in employee performance were not included in the model. 
[bookmark: _Toc235820427]Recommendations for future research 
 	The study recommends that future researchers use longitudinal research design. This will allow them to collect historical quantitative data to assess the cause of effect relationship between adoption of AI and employee performance. Second, the study recommends that future researchers investigate additional indicators in companies such as culture, readiness to technology, effectiveness of training, competence of employees with digital technologies, as well as digital leadership. Third, studies can opt for comparative research that involves both public and private healthcare occurring in other countries. Such approach would ensure studies gain broader picture about the effectiveness of adopting AI within different settings. Future researchers should also consider applying mixed approaches for purposes of gaining greater understanding concerning challenges, perceptions, and some of experiences linked to implementation of AI within the healthcare industry. 
[bookmark: _Toc235820428]Chapter Summary
Analysis from the primary data has shown moderate agreement from participants concerning the impact of administrative automation, decision support system, and workflow optimisation. However, there are opportunities for NHS England to improve the adoption of AT technology. Consequently, the adoption would help increase significant effect on employee performance. 
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[bookmark: _Toc235820430]LIST OF ABBREVIATION AND SYNONYMN (GLOSSARY)
AA - Administrative Automation
AI – Artificial Intelligence
CDS - Clinical Decision Support
NHS – National Health Services 
SP - Staff performance 
TAM – Technology Acceptance Model
TTF - Task-technology Fit (FIT)
UK – United Kingdom
WO - Workflow Optimisation
USA – United States of America
UAE - United Arab Emirates
Percent	
Male	Female	Prefer not to say	46	52	2	

Percent	
18-25	26-35	36-45	46-55	56+	9	20	32	10	29	


Percent	
ICU	Surgical	Other	Emergency	Medical	Outpatient	Maternity	3	6	7	9	21	23	31	

Percent	
Daily	Several times a week	Once a week	Ocassionaly	Rarely	43.2	9.4	32.400000000000006	10	5	
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