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[bookmark: _Toc221099933]Introduction 
This report is created to analyse a dataset about food delivery operations to determine the impact of the company on customer satisfaction, workforce characteristics, and the performance of the deliveries. The dataset has 11,399 records of delivery, and the data has details of attributes of the delivery personnel, customer rating, order details, geographical location, road conditions, weather by the roadside, vehicle characteristics, and complexity of delivery. Since the real-world data is real, there were some cases of inconsistency and missing data, and the cleaning of data and preparing it systematically had to be done to ensure accuracy and reliability of the analysis.
There are three objectives of this analysis. The report will first focus on data cleaning and preparation such as filling in the missing values, correction of date and time errors in date and time, and categorical data standardisation. Second, descriptive statistics and visualisation are employed in summarising the important trends linked to the ratings of the delivery persons, age structure, the type of orders, and the conditions of operations. Finally, the test of the relationships between the following operation variables, which are weather, traffic, distance, and multiple deliveries, and the delivery person rating, is tested by trend analysis and inferential statistics, including correlation, one-way ANOVA, and regression analysis. A mix of all the steps will assist in ensuring a holistic view of the performance drivers of delivery.

[bookmark: _Toc221099934]Data Cleaning and Preparation
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[bookmark: _Toc221030808]Figure 1: Name column
“Name column” has been written incorrectly as “#NAME?”, changed into a simple way, “Name”.
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[bookmark: _Toc221030809]Figure 2: NaN values in the age and rating columns

These values are handled by first replacing them with blanks, then specialising and replacing them with the average column-wise. The average age of a delivery person is 30,” and the average rating for a delivery person is 4.6. 
Order date is not in the same format, so put all the dates in the same format by using Text to Column and select the format for this (Kirkby et al., 2024). 
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[bookmark: _Toc221030810]Figure 3: Date format
Order time does contain Nan values and has some inconsistency like data values are not in not Time format, these are in number format. Recover this by changing the whole column of data into time. The ‘NaN’ values were retained in the dataset to avoid introducing bias. 
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[bookmark: _Toc221030811]Figure 4: Time column
Same for “Time for picked”, change this into a time format. 
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[bookmark: _Toc221030812]Figure 5: Weather Column
The Weather column contained a small number of NaN values. The corresponding records were removed, as their exclusion was unlikely to significantly affect the overall analysis.
“Multiple deliveries” has “NaN” values in the data; these are recovered by changing them into “banks” and replacing them with median value (Al Maruf et al., 2022)
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[bookmark: _Toc221030813]Figure 6: festival column
Festival column has nan values, these would be removed from the dataset to clean the data. 
City column also has “NaN” values, keep them unchanged.

[bookmark: _Toc221099935]Descriptive Statistics and Summary
[bookmark: _Toc221099936]Descriptive Statistics in Excel
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[bookmark: _Toc221030814]Figure 7: Descriptive Statistics in Excel
The descriptive statistic in Excel is that the average rating of Delivery persons is very high, approximately 4.7, with a relatively low standard deviation (0.4), meaning that the customer feedback is always positive. The mean of delivery is almost 30 years, and the standard deviation is 6.7 years, and this is the reason why the age distribution is evenly distributed. The operations variables, such as the traffic density, the conditions of the vehicles, and different deliveries, have moderate changes as shown by the standard deviations. Overall, the quantitative summaries prove the fact that this information is dispersed and stable enough, which is why it is reasonable to analyse it within the framework of correlation and regression analysis (Microsoft, 2024). 
[bookmark: _Toc221099937]Descriptive Statistics in SPSS
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[bookmark: _Toc221030815]Figure 8: Descriptive Statistics by SPSS
The descriptive statistics indicate that the mean is 29.55 years (SD = 5.66) for the age, which is quite small, and the labour force is very young. The average of Delivery person Ratings stands at 4.63 (SD = 0.32), which shows that there is never a single negative comment regarding the service. The average conditions of vehicles are 1.01, and the multicast deliveries are 0.76, meaning that most delivery is one order with an average variation of conditions of operations (Kent.edu, 2018).
[image: ]
[bookmark: _Toc221030816]Figure 9: Traffic by Weather
The above image shows the traffic density by weather condition. It is clearly visible that delivery is high in Low and jam traffic density in winter and the cloud season. 
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[bookmark: _Toc221030817]Figure 10: Order by city, festival, and vehicle type
This image shows how delivery is affected by vehicle type, festival and city. Metropolitan cities had the highest deliveries with each vehicle type (Excel-easy, 2021). 
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[bookmark: _Toc221030818]Figure 11: Histogram for Ratings
The histogram shows that the ratings of the delivery persons are found more on the upper end of the scale. The rating is 4.4-5.1 in most of the cases, which is generally a favourable customer rating. The lower-rated frequencies are relatively lower, which points to the absence of variation and left-skewness of distribution.
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[bookmark: _Toc221030819]Figure 12: Histogram for Age
The histogram indicates that the age distribution of the delivery personnel is in a wide range within the working age bracket, with a slight cluster in the late twenties and early thirties. The distribution frequencies are spread between most of the age categories, meaning no extreme skewness, and an equal amount of younger and older delivery employees (Guerrero et al., 2019).
Overall, descriptive analysis demonstrates the high delivery person ratings, young and even working force variability, and average variability of operational factors. Also, graphs show that traffic, weather, type of city, and vehicle traffic influence delivery pattern which proves the advantage of the following statistical analysis.


[bookmark: _Toc221099938]Trend Analysis and Visualisation
[image: ]
[bookmark: _Toc221030820]Figure 13: Age-wise multidelivery
The chart indicates the pattern of multi-delivery of the delivery personnel according to age. Single deliveries (one order at a time) are the most common in all the age groups, and this presupposes operations in the usual manner. The focus between 30 and 39 years is very sharp, and it means that there is more movement or higher workforce concentration at this age (Microsoft, 2017).
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[bookmark: _Toc221030821]Figure 14: Types of order quantities and time of deliveries
The chart shows the types of order quantities and the time of deliveries. The month of March is high in all the categories of orders, meaning that the month is experiencing a high demand. During the month of post-March deliveries, it is considerably lower and is relatively consistent throughout the rest of the year, with minor increases towards the end of the year in all versions of orders (Sharma, 2026).
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[bookmark: _Toc221030822]Figure 15: Order Count By Time
The number of orders over time is indicated by using the line chart to illustrate fluctuations moderately, both in terms of days and months. Orders are not huge volumes, and there were about 200-300 orders in each period. The peaks and the drops are both short-lived, the demand varies daily and does not show any drastic seasonal peaks.
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[bookmark: _Toc221030823]Figure 16: Distribution of deliveries into all types of orders
The summary in the table is on the distribution of deliveries into all the types of orders. The leading reason for the number of deliveries is drinks (2,865), and Buffet orders are close behind (2,825). Demand within is also quite high as the volumes of Snack (2,757) and Meal (2,730) orders are quite high (Ahmet, 2023).

The trend analysis refers to the balance and stable delivery activities on different dimensions. An age analysis shows that the percentage of single deliveries dominates all the ages, with some variation that equals the high percentage with the age of about 30, which represents the similarity of workloads. The time analysis suggests high growth in deliveries in March and the subsequent level of demand up to the end of the year, in time to plan the operations smoothly. The order number is approximately variable with time, having a level range, suggesting that customers always need it.
[bookmark: _Toc221099939]Statistical Analysis using SPSS
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[bookmark: _Toc221030824]Figure 17: Recode Weather column
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[bookmark: _Toc221030825]Figure 18: Distance Formula
[bookmark: _Toc221099940]Hypotheses
H₀ (Null): The rating of delivery persons will not significantly differ based on weather conditions.
H₁ (Alternative): The ratings given by delivery persons are significantly different according to the weather conditions.
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[bookmark: _Toc221030826]Figure 19: One Way Anova
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[bookmark: _Toc221030827]Figure 20: Mean Plot
The hypothesis on whether there is a difference in the rating of delivery persons under different weather conditions was tested using one-way ANOVA. The results show that the ratings are greatly affected by weather, F = 8.886, p = .001; there is dependence between customer ratings and the kind of weather. The greatest mean ratings were observed to be on cloudy and foggy days, as opposed to the lowest ones being observed on the sandstorms and windy days. These dissimilarities are mathematically backed up by the line plot that indicates the difference in the mean ratings in connection with weather categories. The alternative hypothesis is accepted at the expense of the null hypothesis, which verifies that weather conditions are the key determinants of the ratings of delivery persons (Kafle, 2019).
[bookmark: _Toc221099941]Correlation
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[bookmark: _Toc221030828]Figure 21: Correlation
This correlation analysis indicates that the number of statistically significant relationship that exists between the variables is a small number of relationships that are generally weak. The age of delivery persons has a positive though insignificant association with multiple deliveries (r = .109, p <.01), indicating that older delivery persons tend to make multiple orders slightly. Vehicle condition and multiple deliveries have a negative correlation (r = -.117, p = .01), meaning that there is an inverse relationship between vehicle condition and multiple deliveries. There is also a low negative relationship between traffic density and multiple deliveries (r = -.083, p =.01). The other variables, like distance and weather, also do not prove to be significantly correlated, which means that there is a minimal number of linear relationships (Laerd, 2018).
[bookmark: _Toc221099942]Regression
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[bookmark: _Toc221030829]Figure 22: Regression Analysis Summary
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[bookmark: _Toc221030830]Figure 23: Coefficients for regression analysis
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[bookmark: _Toc221030831]Figure 24: Colliner and Residual Statistics
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[bookmark: _Toc221030832]Figure 26: Scatter plot for regression analysis
The multiple regression experiment followed the relationship between the weather, the distance, the traffic, the status of the vehicle and various deliveries to predict the rating of delivery persons. The entire model was statistically significant, F = 48.63, p <.001, which showed that the aggregate effect of the predictors had an effect on ratings. However, the explanatory variance was not high (R 2 =.021), and it can be concluded that the dramatic shift in ratings is largely influenced by other variables that were out of the model. When it came to predictors, the multiple deliveries had a very negative impact, or decreased rating, when the number of orders taken by the rider at a time increased. Traffic conditions and traffic density were slightly impacted, whereas weather conditions were slightly impacted adversely but slightly. A distance was not an important predictor. It was confirmed that the problem of multicollinearity was not present, and the residual normality was nearly acceptable, which implies that the model was free of weaknesses.
[bookmark: _Toc221099943]Insights and Recommendations
The assessment demonstrates the equal functioning of the delivery and the overall high ratings of clients, and equal demand for different types of orders. The weather conditions were found to influence delivery person ratings quite prominently since the poor weather conditions, such as sandstorms and windy weather, were associated with the low ratings. The trend analysis found that there was gradual growth in the order volume, with maximum volume recorded in March, and the regression analysis found that making more than a single delivery at a time has negative effects on the ratings. Another reason is the traffic congestion and the state of the vehicles, but its effect is not very high. These observations suggest that the operating factors influence the customer perceptions of delivery quality more than the demographic aspects of their customers.
[bookmark: _Toc221099944]Recommendations
Use real-time optimisation of routes and time buffer in case of bad weather to reduce delays and rating lapse.
Limit the number of deliveries made by a rider within the same day, especially during rush hour or bad weather.
Use well-maintained vehicles on released routes or busy routes, which are challenging, to ensure the reliability of the deliveries.
Reduce or increase the staffing and resource allocation during peak times, i.e. March, to guarantee the quality of service.
Individualised dispatch and scheduling orders with the help of real-time traffic and weather.
[bookmark: _Toc221099945]Limitations and Future Research
The model outlines a low ratio of variation in ratings, which indicates the absence of behavioural or service-based factors. To have a better understanding of what the future research should entail, the most significant variables that should be included in the research are accuracy in delivery time, customer feedback and operational data in real time.
 


[bookmark: _Toc221099946]Conclusion
It is possible to note that the activity of the delivery operations is typically marked by high customer ratings and even demand trends, which are revealed during the analysis. Weather conditions, traffic jams, and other deliveries are also significant factors that determine the level of performance of the deliveries. These findings highlight the necessity to possess dynamic working approaches to enhance efficiency and retain customer contentment.
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image7.emf
Statistics Delivery_person_Age Delivery_person_Ratings Vehicle_condition multiple_deliveries

Mean 29.54773195 4.632629507 1.007157556 0.75762727

Standard Error 0.053552142 0.003034232 0.007736959 0.005376165

Median 30 4.7 1 1

Mode 30 4.6 2 1

Standard Deviation 5.661603723 0.320783035 0.817961581 0.568375307

Sample Variance 32.05375671 0.102901755 0.669061148 0.32305049

Kurtosis -1.13459308 6.248832605 -1.505254999 0.988367072

Skewness -0.021092364 -1.963306487 -0.013174551 0.302839008

Range 19 2.5 2 3

Minimum 20 2.5 0 0

Maximum 39 5 2 3

Sum 330255 51778.9 11257 8468

Count 11177 11177 11177 11177
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Descriptive Statistics

N Range Minimum Maximum sum Mean Std. Deviation  Variancs Skewness Kurtosis

Statistic Statistic Statistic Statistic Statistic Statistic std. Error Statistic  Stafistc  Statistic  Std.Eror  Statistic _ Std. Ermor
Deliveny_person_Age 1177 19 20 £ 330255 2055 054 5662 32054 -021 023 1135 046
Delivery_person_Rafings 11161 2500000000 2500000000 5000000000 5170530000 4632676283 0030385503 3210105235 103 1982 023 8237 046
Vehicle_condition 177 2 0 2 11257 1.01 008 818 669 -013 023 1505 046
muliple_delivrizs 1177 3 0 3 8468 76 005 568 323 303 023 988 046
Valid N (istwise) 11161
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Count of Delivery_person_ID Column Labels

Row Labels Buffet DrinksMealSnackGrand Total

Cloudy 475 427 466 491 1859

High 56 38 40 41 175

Jam 144 140 151 160 595

Low 167 152 157 174 650

Medium 108 97 118 116 439

Fog 438 475 408 441 1762

High 46 31 38 37 152

Jam 141 152 141 139 573

Low 142 177 142 160 621

Medium 109 115 87 105 416

Sandstorms 483 468 449 467 1867

High 50 53 44 38 185

Jam 146 135 156 149 586

Low 174 154 146 150 624

Medium 113 126 103 130 472

Stormy 473 480 447 405 1805

High 54 48 54 47 203

Jam 136 144 122 124 526

Low 158 175 155 140 628

Medium 125 113 116 94 448

Sunny 474 510 490 470 1944

High 50 50 46 44 190

Jam 138 171 176 149 634

Low 168 163 152 156 639

Medium 118 126 116 121 481

Windy 482 505 470 483 1940

High 43 49 55 50 197

Jam 170 153 112 149 584

Low 149 182 178 168 677

Medium 120 121 125 116 482

Grand Total 2825 2865 2730 2757 11177
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Deliveny_pers  Vehicle_condi | multiple_deliv  Weather_nu Traffc_densit
on_Age tion eries m Distance v
Delivery_person_Age  Pearson Correlation 1 -001 108" 016 -003 002
Sig. (24ailed) 934 000 100 74 854
N 177 177 177 W 177
Vehicle_condition Pearson Correlation -001 1 7" 013 013 o014
Sig. (24ailed) 934 000 160 160 140
N 177 177 177 W 177
multiple_deliverizs  Pearson Correlation 108" 177 1 087" -002 -083"
Sig. (24ailed) 000 000 000 795 000
N 177 177 177 W 177
Weather_num Pearson Correlation 016 013 087" 1 o 002
Sig. (24ailed) 100 160 000 045 838
N 177 177 177 W 177
Distance Pearson Correlation -003 013 -002 018" 1 -008
Sig. (24ailed) 741 160 795 045 324
N 177 177 177 W 177
Traffic_density Pearson Corrslation 002 014 -083" 002 -008 1
Sig. (24ailed) 854 140 000 838 324
N 177 177 177 W 177

*_Corrslation is significant atthe 0.01 level (2-tailed)
* Conrslation is significant atthe 0.05 levsl (2-tailsd).
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Descriptive Statistics

Mean Sta.Deviaton N
Delivery_person Ralings 4632676283 3210106235 11161
Weather_num 350 1718 11180
Distance 759174 2358674 11161
Trafc_density 273 93 11161
Vehicle_condiion 101 818 11161
multple_delieries 76 568 11160
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Correlations

Delivery_pers  Weather_nu Traffic_densit | Vehicle_condi  multiple_deliv
on_Raiings m Distance v tion eries
Pearson Correlation _ Deliveny_person_Ratings. 1.000 041 002 057 049 124
Weather_num 041 1.000 -020 002 013 -087
Distance 002 020 1.000 -on -013 -001
Traffic_density 057 002 -on 1.000 -014 -083
Vehicle_condition 049 013 -013 -014 1.000 17
muliple_delivrizs 124 -057 -001 -083 17 1.000
Sig. (1-tailed) Delivery_person_Ratings 000 405 000 000 000
Weather_num 000 o7 411 o78 000
Distance 408 o7 129 o78 438
Traffic_density 000 411 129 070 000
Vehicle_condition 000 o78 o78 070 000
muliple_delivrizs 000 000 438 000 000
N Delivery_person_Ratings 11161 1161 11161 11161 11161 11161
Weather_num 11161 1161 11181 11161 11161 11161
Distance 11161 1161 11181 11161 11161 11161
Traffic_density 11161 1161 11161 11161 11161 11161
Vehicle_condition 11161 1161 11181 11161 11161 11161
muliple_deliverizs 11161 11161 11161 11161 11161 11161
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Variables Entered/Removed®

Variables Variables
Model Enterzd Removed Method
1 multiple_deliv Enter
eries,
Distance,
Weather_nu
m,
Traffic_densit
v,
Vehicle_condi
tion®
a. Dependent Variable:
Delivery_person_Ratings
b. All requested variables entered.
Model Summaryh
Change Statistics
Adjusted R Std. Error of R Square sig.F Durbin-
Model R R Square Square the Estimate Change F Change dft dan Change Watson
1 1467 021 021 .3176394753 021 48.627 5 11155 000 1.996

a. Predictors: (Constant), multiple_deliveries, Distance, Weather_num, Traffic_density, Vehicle_condition
b. Dependent Variable: Delivery_person_Ratings

ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 24531 5 4.906 48627 ooo®
Residual 1125.482 11155 101
Total 1150.013 11160

a. Dependent Variable: Delivery_person_Ratings

b. Predictors: (Constant), multiple_deliveries, Distance, Weather_num, Traffic_density,
Vehicle_condition
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Coefficients’
Standardized
Unstandardized Coefiicients  Coeficients 95.0% Confidence Interval for 8 Collinearity Statistics
Model B Std. Error Beta t Sig. LowerBound  UpperBound  Tolerance  VIF
1 (Constant) 45654 016 283.832 000 4622 4686
Weather_num -.009 002 -049  -5ATT 000 -013 -.006 996 1.004
Distance 2914E-5 000 002 228 820 000 000 999 1.001
Traffic_density 016 003 048 5115 000 010 023 992 1.008
Vehicle_condition 014 004 037 3880 000 007 022 986 1.015
multiple_deliveries -.067 005 -119 12536 000 -078 -057 976 1.024
. Dependent Variable: Delivery_person_Ratings
Coefficient Correlations®
multiple_deliv Weather_nu  Traffic_densit ~ Vehicle_condi
Model eries Distance m y tion
1 Conelations  multiple_deliveries 1.000 005 056 085 18
Distance .005 1.000 020 011 014
Weather_num 056 020 1.000 003 -.006
Traffic_density .085 o011 003 1.000 024
Vehicle_condition 118 014 -.006 024 1.000
Covariances  multiple_deliveries 2867E-5  3.509E-9 5.204E-7 1461E-6 2335E-6
Distance 3509E-9  1.630E-8 4518E-9 4624E-9 6541E-9
Weather_num 5204E-7  4.518E-9 3.075E-6 1518E-8 -4.201E-8
Traffic_density 146166 4.624E-9 1518E-8 1.03265 2856E-7
Vehicle_condition 233566 6.541E-9 -4.201E-8 2.856E-7 1371E5

a. Dependent Variable: Delivery_person_Ratings
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Collinearity Diagnostis 52

Variance Proportions

Condition Weather_nu Traffic_densit | Vehicle_condi ~ multiple_deliv
Model  Dimension _ Eigenvalug Index (Constant) m Distance y tion eries
1 1 5.003 1.000 00 01 00 00 01 01
2 425 3433 00 00 00 00 52 36
3 289 44161 00 12 01 03 40 48
4 161 5572 00 73 o7 13 02 04
5 097 7190 00 00 48 50 00 02
[] 026 13.931 99 13 44 34 05 09

a. Dependent Variable: Delivery_person_Ratings

Residuals Statistics”

Minimum Maximum Mean Std. Deviation N
Predicted Value 4.416509151  4.742209435  4.632676283 0468841525 11161
Residual -2.18941426 5826112032 0000000000 3175683115 11161
Std. Predicted Value 4611 2.336 000 1.000 11161
Std. Residual -6.893 1.834 .000 1.000 11161

a. Dependent Variable: Delivery_person_Ratings
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Histogram
Dependent Variable: Delivery_person_Ratings
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Scatterplot

Dependent Variable: Delivery_person_Ratings
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A B C D E F

1 | #NAME - [Delivery ~ | Delivery ~ | Delivery ~ | Restaur| ~ | Restaur| ~
2 0x2318 COIMBRES NaN NaN 11.00367 76.97649
3 0x3474  BANGRES1 28 4.6 12.97538 77.69666
4 0x9420  JAPRESO9L 23 4.5 26.91138 75.78903
5 O0x72ee  JAPRESO7C 21 4.8 26.76654 75.83733
6 Oxa759 CHENRES1 31 4.6 12.98605 80.21811
7 Oxc4af ‘GOARES04 26 4.7 15.5696 73.74229
8 0x3bad BANGRES1 23 4.8 12.91426 77.6784
9 Oxdd42 KOLRESO6! 26 4.8 22.53366 88.36622
10 0x872b  MYSRESO5 35 4.9 12.32398 76.62796
11 0x6001 HYDRES04 23 4.9 17.41103 78.32965
12 0xd845 KOCRES09 24 4.8 10.00071 76.34952
13 0x4946  VADRES04 22 4.6 0 0
14 0x4598  RANCHIRE 35 4.8 0 0
15 Oxbd51 BANGRES1 33 4.8 12.93437 77.61616
16 0x73ec RANCHIRE 36 4.6 23.35442 85.3329
17 |0x5ca7 HYDRES19 34 4.6 17.459 78.50037
18 0x9fab COIMBRES 38 4.2 11.02508 77.01539
19 0x914e HYDRES12 34 4.6 17.42959 78.39262
20 | 0x36e5 CHENRES2 37 4.7 12.976  80.2219
21 0xd82e KOCRES09 21 4.5 10.00071 76.34952
22 0x1df3 JAPRES20C 28 2.7 26.95643 75.77665
23 | 0xab5 PUNERESC 31 4.7 18.55438 73.79821
24 0x8b83 BANGRES1 37 4.5 12.93566 77.61413
25 0x5b95 HYDRES12 38 4.6 17.42959 78.39262
26 Oxaa4d3 COIMBRES 30 5 11.02217 76.99959
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A
1 |Name
0x2318
59 |0xc002
93 | 0x616f
103 0xc009
123 0x66c
125 Oxddd
156 0x32c9
201 0x762
213 0x4c8
275 Oxa51
313 0x724
315 Ox4bc
333 Ox13a7
362 0x5b6
373 0x32ba
378 0x6186
122 0x297c¢
134 0x8c6
145 Ox8ab
163 Oxbf8s
187 0x8b3
193 0x632
504 0x1149
557 0x139d
577 Ox6al

B

COIMBRE{NaN
AGRRES03 NaN
MUMRESC NaN
KOLRES03/ NaN
COIMBRES NaN
PUNERESC NaN
HYDRESO1 NaN
VADRES02 NaN
SURRES14 NaN
PUNERES1NaN
HYDRESO1 NaN

RANCHIRE NaN
COIMBRES NaN
CHENRES1NaN
MUMRESC NaN
INDORESO NaN
SURRES20 NaN
MYSRESO1 NaN
SURRES14 NaN
GOARES02 NaN
BANGRESINaN
VADRES18 NaN
JAPRES18L NaN
MYSRES14 NaN

30/03/20
02-11
25/03/20
18/02/20
03-05
25/03/20
04-01
13/03/20
03-05
17/03/20
04-06
31/03/20
23/03/20
03-05
17/03/20
21/03/20
03-07
17/03/20
03-03
15/02/20
17/03/20
03-04
03-02
04-01

C D E F G H
- | Delivery ~ | Delivery_person_Age || Delivery_person_Ratings | - | Restaur - | Restaur - | Delivery - | Delivery - | Order_D:
_NaN 11.00367 76.97649 11.04367 77.01649
NaN -27.1608 -78.0116 27.22083 78.07161
NaN 19.09146 72.82781 19.22146 72.95781
NaN -22.5265 -88.3645 22.65646 88.49445
NaN 10.99414 76.9633 11.01414 76.9833
NaN 18.5393 73.8979 18.6693 74.0279
NaN 17.42829 78.40442 17.44829 78.42442
NaN 0 0 0.05 0.05
NaN 21.15773 72.76873 21.20773 72.81873
NaN 18.56245 73.91662 18.61245 73.96662
NaN 17.42829 78.40442 17.49829 78.47442
NaN 23.36975 85.33982 23.49975 85.46982
NaN 11.00185 76.97627 11.09185 77.06627
NaN 13.02628 80.17457 13.03628 80.18457
NaN 19.12663 72.82998 19.13663 72.83998
NaN 22.72263 75.88696 22.74263 75.90696
NaN 21.15276 72.77806 21.19276 72.81806
NaN 12.32121 76.62109 12.35121 76.65109
NaN 21.15773 72.76873 21.21773 72.82873
NaN 15.58566 73.74361 15.64566 73.80361
NaN 12.9395 77.626  12.9595 77.646
NaN 0 0 0.08 0.08
NaN 26.91399 75.75289 27.00399 75.84289
NaN 0 0 0.02 0.02
NaN 13.04548 80.23311 13.13548 80.32311

CHENRES1NaN

04-04




