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[bookmark: _Toc211288393]Reflective Report: Fake Review Detection Project
[bookmark: _Toc211288394]Introduction
Our project involved developing a computer system capable of detecting fraudulent reviews on websites. Our objective was to enhance individuals' confidence in the evaluations they see online, be it on e-commerce platforms or social media. We utilized a compilation of evaluations already verified as authentic or fraudulent as our reference. 

We instructed the machine to examine the language in these evaluations and identify trends. Through the training using this data, the system acquired the ability to distinguish between authentic reviews and fraudulent ones. It sought hints in the writing style and language that people may overlook .


This study revealed that possessing accurate and pristine data is the important initial step. The manner in which information is prepared for the computer is of significant importance. Ultimately, we observed the necessity of constructing these tools equitably, ensuring they are beneficial and do not engender unforeseen issues.

[bookmark: _Toc211288395]Teamwork Experience
Our team collaborated effectively by distributing responsibilities according to individual strengths. This indicated that a single individual was responsible for data preparation, ensuring its cleanliness and readiness for utilization. Another member concentrated on the primary objective of training the computer model and assessing its accuracy. The remaining team members managed the creation of charts, the composition of reports, and the design of the final presentation. 

We maintained communication through WhatsApp conversations and weekly meetups. This consistent contact facilitated the sharing of progress and the prompt resolution of minor issues that arose. 

Initially, we frequently disagreed, particularly on the selection of the optimal model for the project. We resolved this by engaging in candid discussions on our differing perspectives. We considered each individual's rationale and together created a solution that garnered unanimous agreement from the team. 

This initiative ultimately imparted a significant lesson on collaboration. Success encompasses not just personal competencies but also adaptability and respect for others. By ensuring that each team member had a voice, we effectively amalgamated our abilities to produce a superior end outcome.
[bookmark: _Toc211288396]Team Rating
Comprehensive Teamwork Assessment: 4 out of 5

1. Sentiljano Kacokai 

showed an exceptional understanding and analytical skills throughout this presentation. His performance was outstanding,5/5.

2. Evgeni Manov

He focused heavily on preventive care and analytics, using strong thinking to create an enhanced and well written section. 4/5.

3. Kelly Idemudia

He explored how AI is used in surgery and many other things with innovative ideas that illustrated very good understanding. Although he had given an interesting viewpoint on the presentation, there were many places where he could have improved. 3/5

4. Ivan Tsvetkov 

focused his study on data integration and personalized medicine showing great project management throughout. 4/5 

5. Ahmed Abdi

Showed outstanding explanation with a strong sense of independence in overcoming different difficulties. Scored a 5/5 for his exceptional contribution.

6. Amir Majeed 

Examined new developments and trends in healthcare along with other things. This section made a significant contribution to the project’s overall depth. 5/5

7. Maryam Qudoos

My part carefully considered the advantages of streamlined procedures as well as the risks involved. Provided a comprehensive analysis with balance. 4/5.
[bookmark: _Toc211288397]Personal Reflection
I discovered that handling unrefined content, such as reviews, is challenging. You must sanitize it and instruct the machine to comprehend it. This significantly improved my proficiency in Python and language comprehension tools. I also acquired the knowledge to accurately assess a model's performance using various metrics. 

On a personal level, I developed in other significant aspects. I improved my ability to articulate my ideas effectively, navigate debates with the team, and maintain comprehensive notes on my work. 

This entire event imparted a crucial lesson: the success of a project transcends merely producing quality code. Collaboration and a robust strategy are equally important. I discovered that handling unprocessed content, such as reviews, is challenging. You must sanitize it and instruct the machine to comprehend it. This significantly improved my proficiency in Python and language comprehension tools. I also acquired the skills to accurately assess a model's performance using various metrics. 

On a personal level, I developed in other significant aspects. I improved my ability to articulate ideas clearly, navigate team differences, and maintain comprehensive notes on my work. 

This entire event imparted a crucial lesson: the success of a project transcends merely producing quality code. Collaboration and a robust strategy are equally important.

[bookmark: _Toc211288398]Technical Reflection: Limitations & Risks
Although our fake review detection model worked well, there were some limitations:
· Data Bias: The dataset contained reviews mostly from one platform, which may reduce generalization.
· Model Limitations: Machine learning models sometimes misclassify sarcastic or complex sentences.
· Ethical Risks: Incorrect labeling of genuine reviews as fake could harm users or businesses.
· Privacy Issues: Using user-generated data must follow data protection laws and ethical guidelines.
To improve future versions, we would include multilingual data, add explainable AI tools, and apply fairness checks to avoid bias.
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We identified key risks during development:
	Risk Type
	Description
	Impact
	Mitigation

	Data Quality Risk
	Incomplete or biased dataset
	High
	Use diverse sources and clean data carefully

	Algorithmic Risk
	Model overfitting or bias
	Medium
	Use validation techniques and explainable AI

	Ethical Risk
	False detection harming user trust
	High
	Manual checks and transparency in reporting

	Operational Risk
	Time delays or miscommunication in the team
	Medium
	Weekly updates and clear task division

	Security Risk
	Misuse of data or breach of privacy
	High
	Follow data protection policies (GDPR-like)



This evaluation showed that hazards encompass not only technical dimensions but also social and ethical considerations. Addressing them promptly rendered our project more accountable and pragmatic.

[bookmark: _Toc211288400]Conclusion
This project was a great learning experience that mixed technical skills with important teamwork and ethical thinking. We successfully built a tool that can spot fake reviews fairly well. However, we also learned that for it to be truly reliable, it needs to be trained on a wider variety of data to ensure it's fair for everyone.
Looking ahead, our next goal would be to turn this model into a live tool that people can actually use. We would also want to make it easier to understand why it flags a review as fake. In the end, this project not only made us better at coding and problem-solving but also taught us how to build AI responsibly.
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