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[bookmark: _Toc234905452]Executive Summary
In the assignment, I will analyze the impact of the adoption of artificial intelligence (AI) technologies on employee productivity and organizational decision-making in small and medium-sized enterprises (SMEs) operating in the United Kingdom. SMEs constitute a large share of the total number of enterprises in the UK and are considered the pillar of the country’s economy. However, according to recent statistics, there is a significant disparity between the use of AI technologies in SMEs and large firms (Office for National Statistics, 2025a; GOV.UK, 2026). Unlike large organizations that have sufficient financial resources and organizational capacity to test and integrate AI technologies in practice, SMEs have certain limitations that determine their approach to adopting AI technologies (OECD, 2025b).
The suggested research study employs a pragmatic research philosophy and a mixed-methodology approach by using a cross-sectional survey administered to the employees and managers of the SMEs operating in the UK and conducting semi-structured interviews with the owner-managers of the SMEs who have used at least one form of AI application. On the one hand, the quantitative part of the study will assess any statistical associations between the intensity of the use of AI and employee productivity. On the other hand, the qualitative part of the study will investigate the experience of decision-makers in making decisions based on the outputs from AI applications, such as dashboards, forecasting models, and generative AI assistants.
The findings are expected to inform SME owner-managers, technology providers and policymakers on how best to develop easier paths for the use of AI technology. This research is also significant in terms of the academic body of knowledge as it explores an area that has not been fully examined in relation to technology adoption theories.
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[bookmark: _Toc234905453]1. Introduction
AI can be viewed as one of the most significant general-purpose technologies of today that has the potential to transform the way organizations collect data, automate processes, and make decisions (Damioli, Van Roy and Vertesy, 2021).
[bookmark: _Toc234905454]1.1 Background
AI has developed from being an area of study restricted to specialists into a useful instrument used on a daily basis by regular companies. Cloud platforms, AI assistants, and ML software that needed significant IT departments in the past have become accessible through subscription at affordable costs, thus creating opportunities for SMEs to explore the capabilities of AI in ways that could not be afforded just five years ago (Yesuf et al., 2025). In the UK, SMEs represent approximately 99% of the population of private sector businesses and three out of five workers in the private sector. Thus, the impact of technology used by SMEs goes beyond any single company (Mole Valley Chamber, 2026). Reviews done by the government estimate that the adoption of AI across companies and effective management would increase productivity by 1.5% per year in the UK, providing an additional £47 billion of economic value over the next ten years (Department for Science, Innovation and Technology, 2025).
There is some contradictory evidence regarding just how far this process of AI adoption has progressed, which is interesting in itself. Based on the survey of 3,500 companies by the Department for Science, Innovation and Technology's 2025 report, only about one-sixth of UK-based organizations made a strategic AI adoption, while SMEs were struggling to find concrete use cases (TC Group, 2026). However, there are other surveys taken about the same period of time, according to which the percentage of any AI adoption, including embedded AI in regular software packages, is much higher, namely 68-70 percent (Kaizen AI Consulting, 2025; Moneypenny, 2025). There appears to be a difference between reported percentages of AI adoption and the actual usage of this technology strategically, implying that many SMEs are simply using AI applications informally, and even not knowing about it on their leaders' part (TC Group, 2026).


[bookmark: _Toc234905455]1.2 Statement of the Research Problem
Much of the existing literature on the impact of artificial intelligence on productivity has been generated by large companies where the existence of specialized IT departments, larger budget and explicit digital strategy make implementation a completely different process (Cimino et al., 2025). The financial constraints, lean organizational structure and dependency on the judgment of few people are some factors for which one cannot just transfer results from one type of firms to another (Yesuf et al., 2025). On the other hand, the limited amount of research conducted for small businesses is also largely focused on adoption issues and its limitations, cost, skills, data availability, but without regard to two crucial outputs in terms of importance for a business owner – whether AI actually influences what his/her employees can do each day and whether it changes decision making process (Yusuf et al., 2024; ERP News, 2025). Almost none of the literature reviewed is specific to the United Kingdom and even less takes into account relationship between the two factors in question. This research aims to fill the gap by researching the two factors simultaneously in the context of UK SMEs.
[bookmark: _Toc234905456]1.3 Research Aim
The objective of this research is to examine the impact of AI tools adoption on employee productivity and managerial decision making in small and medium-sized enterprises operating in the UK.
[bookmark: _Toc234905457]1.4 Research Objectives
In order to meet the above-stated objective, the research is going to be conducted using the following objectives:
Objective 1: To assess the level and nature of AI adoption in UK SMEs, particularly the most popular tools and features adopted by SMEs.
Objective 2: To conduct an analysis of the impact of AI adoption on the productivity of employees in UK SMEs.
Objective 3: To examine the influence of AI tools on the process of decision making in UK SMEs.
Objective 4: To determine the key factors hindering/enabling the realization of benefits from AI adoption for UK SMEs.
[bookmark: _Toc234905458]1.5 Research Questions
Above, each objective corresponds to a research question which will be answered through the data collected:
RQ1: To what extent, and how, have UK SMEs integrated AI technologies into their operations?
RQ2: Has there been an effect, positive or negative, perceived by staff and management at UK SMEs of adopting AI technologies on individual/team productivity?
RQ3: How is AI being leveraged to inform decision making among UK SMEs’ managers and owners?
RQ4: What are the facilitating factors in UK SMEs which assist AI adoption towards productivity/decision making improvements?
[bookmark: _Toc234905459]1.6 Significance of the Study
The current research is designed to make contributions along two lines. As an academic contribution, it helps to fill a recognized research gap, as the majority of the existing literature on the subject matter has been developed for large firms and/or not UK-based organizations, whereas this research contributes to the body of knowledge in question by addressing the specifics of the context of UK SMEs (Yesuf et al., 2025; TC Group, 2026). In practical terms, the results of the current research can assist small firm owners and managers, who are currently considering investing some time and resources into implementing AI solutions in their businesses. Also, the research can be of use to government agencies and business-oriented organizations developing training programs and financial aid aimed at narrowing the "AI advantage gap" between large and small businesses (eCommerceNews UK, 2025; Employment Hero, 2025). Moreover, through the combination of the survey data and interviews, the research will allow going beyond mere adoption figures to get a more thorough understanding of AI adoption in the small firm environment from those who use it.




[bookmark: _Toc234905460]2. Literature Review

[bookmark: _Toc234905461]2.1 Defining Artificial Intelligence and AI Adoption in the SME Context
Artificial intelligence is usually defined as the ability of a machine or software to carry out processes that would otherwise require human intelligence, such as learning, decision-making, and reasoning (Yesuf et al., 2025). In small and medium-sized enterprises (SMEs), the adoption of AI technologies does not necessarily entail the development of machine learning systems; instead, it consists in using the existing AI tools, assistants, dashboards, software for customer service, among other things (Cimino et al., 2025). For the purposes of the current research, the definition is important since the adoption of AI in an SME is more about making small decisions than adopting a new technology as a whole, which explains the discrepancy in statistics on the matter (Spicy Advisory, 2026).
[bookmark: _Toc234905462]2.2 Theoretical Frameworks for Understanding AI Adoption
One of the most frequently used theories when analyzing technology adoption, including AI technology, is the Technology-Organization-Environment (TOE) theory which was developed by Tornatzky and Fleischer in 1990. According to TOE theory, technology adoption is based on three inter-related aspects such as technological, for example, compatibility or complexity of the technology; organizational such as leadership or skills present within the organization; and environmental aspects, for example, competition or external experts available for organizations (Sánchez, Calderón and Herrera, 2025). Moreover, another study conducted with 419 small and medium-sized enterprises (SMEs) utilizing both TOE theory and Rogers' Theory of Diffusion of Innovations indicated that digital culture, international orientation, and top-management support were the best predictors of technology adoption rather than cost of adopting the technology (Faiz and Masli, 2024). When it comes to AI adoption, a study of SMEs revealed that although all the TOE aspects were influential in some way, organizational aspects, including top management support, digital culture, and HR were the most significant (Sánchez, Calderón and Herrera, 2025). Moreover, the same study, which uses both TOE framework and Diffusion of Innovation theory, shows that cooperation between SMEs and universities/research institutions may raise the chances of implementing AI solutions six times (Sánchez, Calderón and Herrera, 2025).
Two of the well-known theories of adoption of new technologies are Technology Acceptance Model (TAM) and the updated version of TAM, Unified Theory of Acceptance and Use of Technology (UTAUT), where the process of adoption of technology is described through constructs like usefulness, effort expectancy and social influence (Davis, 1989; Venkatesh et al., 2003). Both of these models were designed for prediction of software adoption which has a deterministic nature and whose logic can be easily comprehended by the user. However, very recently it was found that TAM and UTAUT models must be modified in order to be used for predicting use of artificial intelligence (AI) technologies which operate according to probabilistic laws and sometimes are difficult to understand for a person without proper education (Wolfe et al., 2025). A study conducted in 2025 based on UTAUT framework in the context of adoption of AI technologies by more than 2,000 employees revealed that seniority within an organization is a better predictor of adoption than years of experience, and that affective constructs such as anxiety and self-efficacy must be brought back to the model (Wolfe et al., 2025).
A third relevant stream of literature focuses on decision-making itself. The theory of bounded rationality as developed by Simon (1955) claims that decision-makers are unable to evaluate all of the available information due to cognitive and time constraints; therefore, they tend to 'satisfice' – that is, to opt for a decision which is good enough rather than optimal. Contemporary studies claim that through the use of AI technologies, managers are able to handle much greater amounts of information and make decisions which are closer to optimization rather than to satisficing (Ozturk Birim, Marozzo and Kazancoglu, 2026). Nevertheless, the same research stresses that there are certain challenges associated with AI technologies since AI-based generative models can offer recommendations which sound plausible but are incorrect and the use of such models is heavily dependent on the manager's ability to formulate problems and eliminate ambiguities (Ozturk Birim, Marozzo and Kazancoglu, 2026). This contradiction, the role of AI technology both as an extension of managerial cognition and as the source of decision-making risk, is the core of the third research objective.

.
[bookmark: _Toc234905463]2.3 AI Adoption and Employee Productivity
The link between AI and productivity has been established empirically in several studies. In one study that uses firm-level data from a very large sample of over 12,000 companies in Europe and the US, the adoption of AI was found to improve labor productivity by 4% in the short-term, with productivity gains being driven largely by capital deepening and not by loss of employment, but the study also shows that the effects were unequally distributed and only accrued to medium and large firms and not small firms (Aldasoro et al., 2026). This is particularly relevant for this study because it indicates that the benefits of productivity associated with AI technology have been accruing to a smaller extent to SMEs as opposed to large companies, and it prompts the need to find out if productivity and decision-making move together within an organization of that nature.
Other studies focus on more abstract impacts. Survey data from the UK collected by Employment Hero for its 2025 report entitled “Work That Works” shows that while many SME workers had infrequent use of AI technologies, they definitely experienced some benefits since 66% said that AI had increased the quality of their work, and 62% stated that they felt more creative and not overloaded (eCommerceNews UK, 2025). Self-experienced benefits are more difficult to measure using only the adoption rate data and thus serve as the reason why this research suggests using both survey and semi-structured interviews.
[bookmark: _Toc234905464]2.4 AI and Managerial Decision-Making
The literature on AI-powered decision-making has seen considerable progress in the past few years, at least partly thanks to the rapid adoption of generative AI technologies starting from 2023. The influential framework laid out by Davenport and Ronanki (2018) on the applications of AI in business, machine learning, natural language processing and predictive analytics, continues to provide useful guidance on what generative and predictive tools are tasked with inside organizations: forecasting, risk analysis and scenario building. In this vein, more recent research into the specific capabilities of generative AI finds that language models serve as a kind of "cognitive scaffold" to managers, presenting them with the alternatives or contradictions they might fail to see in their decision-making time crunch, though the validity of such suggestions will be highly dependent on how the problem is posed, thus making the manager's ability to use the technology critically important (Ozturk Birim, Marozzo and Kazancoglu, 2026).
Another key idea in the literature reviewed in this article is that AI influence on decision-making is more than just the matter of speed or the amount of information processed. Rather, AI impact depends on the degree of reliance a manager has on an AI recommendation and varies according to organizational level and previous experience with AI (Wolfe et al., 2025). In the case of SME owner-managers who usually make decisions in more flexible way and without many organizational hurdles compared to big corporations, this aspect of trust might become especially relevant.
[bookmark: _Toc234905465]2.5 Barriers to AI Adoption in SMEs
Cost and uncertain ROI are the main barriers according to all the barriers literature on the topic, which is consistent across the studies. The reason is that SMEs cannot absorb the cost burden of software, infrastructure or consultancy in their operations and find it difficult to predict the financial value of implementing AI technologies (ERP News, 2025; Omdena, 2025). One of the barriers that is closely related to the problem of cost is the lack of skilled employees: it is found in almost every study on the topic that a lack of skills and knowledge of technology, together with employees' reluctance or even resistance to adopting a technology that they do not understand is among the most frequent barriers to implementation (Yusuf et al., 2024). The same is confirmed by data from the UK: according to the Office for National Statistics research, the highest cost and uncertain ROI are the most frequent barriers to the adoption of AI technologies in the country, and only 22% of companies provide any training for such technologies (Office for National Statistics, 2025 cited in Spicy Advisory, 2026).
While still relatively small, another body of work focuses specifically on organizational readiness rather than strictly technological or financial barriers. Leadership readiness and the decision-making style of the manager were found to be significant factors in organizational readiness to implement AI, thereby tying these barriers into the TOE framework outlined above (Sánchez, Calderón and Herrera, 2025). All in all, these pieces of work indicate that the adoption of SME-AI is not just a matter of "having the tool" or not, but a far more complex phenomenon that involves cost, capability, trust and decision-making styles, all combined at once, thus lending support to the need for a mixed methods research approach that can account for both the breadth and depth of the barriers involved.
[bookmark: _Toc234905466]2.6 The UK SME Context
The UK-specific literature examined above indicates a trend of growing but inconsistent adoption of AI in an informal manner. The level of adoption of AI in 2025 and early 2026 ranges from about 16% in the case of strategic deployment (Department for Science, Innovation and Technology, 2025) to more than 50% in the case where any type of embedded AI features are considered (British Chambers of Commerce and Atos, 2026; QuickBooks, 2026, cited in Spicy Advisory, 2026), indicating that there might be significant use of shadow AI at present time as the difference in estimations is so large – this term refers to unofficial and uncontrolled use of AI in consumer software by employees, which is hard to trace in the adoption surveys conducted by organizations (TC Group, 2026). Medium sized companies (50 to 249 employees) seem to move towards AI quicker than micro-businesses with 65% of medium businesses implementing AI in one or several departments in contrast to about 30% of micro-businesses having hesitation concerning AI adoption at all (ProfileTree, 2026). The difference between these business sizes is explained by resource-based barriers mentioned above and allows choosing a more pragmatic sampling of SMEs in different size categories.
[bookmark: _Toc234905467]2.7 Generative AI as a Distinct Case
It is necessary to discuss generative AI tools like ChatGPT and Microsoft Copilot separately, as they are different from previous narrow applications of AI technology in one crucial respect: while the former automate a certain repetitive process, the latter work conversely and dynamically, making it difficult to estimate their impact on efficiency. In one widely quoted field experiment, the access to the AI chatbot increased the efficiency of customer support employees, and the impact was significantly stronger for the least experienced workers who achieved parity with their more experienced counterparts much faster than it would have been possible without AI assistance (Brynjolfsson, Li and Raymond, 2023). For small and medium-size enterprises, where training budgets are tight and people learn by doing, this "equalizing" effect can be particularly useful although the evidence is mainly drawn from large companies and call center jobs. There is a group of studies that deal with generative AI in managerial contexts and show how big language models can assist managers in dealing with ambiguity and act as a "cognitive scaffold," while at the same time generating too much sycophantic output, which does not challenge but reinforces managers' beliefs (Ozturk Birim, Marozzo and Kazancoglu, 2026). The issue of sycophancy in the context of small businesses is not mentioned very often in relevant literature and is among the themes for further investigation in the interviews phase of this study.
[bookmark: _Toc234905468]2.8 The Research Gap
Bringing the above aspects together, three gaps are particularly evident. Firstly, the productivity literature and the decision-making literature concerning AI use in SMEs have emerged largely as two separate discourses despite the fact that, in the case of a small business, the same individuals will often be responsible for both the work carried out and the related decisions. Secondly, there is little research which takes an empirical approach to the study of AI in SMEs that combines both quantitative and qualitative elements. Most of the existing research in the field tends to either be purely quantitative (examining adoption rates and correlations with performance) or purely qualitative (small number of case studies), while studies that are based in the UK tend to lack combined quantitative and qualitative components. Thirdly, primary data that focuses specifically on the UK appears to be considerably less numerous than adoption barrier data that has been gathered in other regions. The data gathered for the purpose of this study is UK-focused and is collected independently from any commercial organizations through a survey and interview methodology applied to the management and employees of SMEs.
[bookmark: _Toc234905469]3. Research Methodology
[bookmark: _Toc234905470]3.1 Research Philosophy
This research employs a pragmatist research philosophy. The pragmatist school of thought asserts that the selection of methods used in research should be based on the research question in consideration rather than the adherence to one particular philosophy and that the combination of quantitative and qualitative methods of research is legitimate if it helps to answer the research question more effectively (Saunders, Lewis and Thornhill, 2019). Since the research question in this case revolves around measuring the level of AI integration and interpreting the experiences of employees and managers in relation to AI, it would only be appropriate to use the pragmatist philosophy for research.


[bookmark: _Toc234905471]3.2 Research Approach
The research employs the abductive methodology, switching between the theories already available, TOE framework, TAM/UTAUT and bounded rationality theory as discussed above, and new data gathered from UK SMEs (Saunders, Lewis & Thornhill, 2019). It involves neither the testing of one single hypothesis created through theoretical means alone (deductive methodology) nor the creation of a whole new theory from scratch (inductive methodology). Instead, the researcher gets to employ well-known frameworks as a basis for surveying the respondents but keeps an option open to discover something new from the interviewing process, which suits the topic of generative AI in the workplace perfectly as it moves much faster than the literature does.
[bookmark: _Toc234905472]3.3 Methodological Choice and Research Strategy
A mixed methods approach, utilizing both a quantitative online questionnaire and qualitative semi-structured interviews, will be employed in this study. This methodology is explicitly justified by the goals of the research: Goal 1, concerning the level of AI implementation, will be more suitable for measurement using a survey that would be able to reach a relatively big sample of SMEs, whereas Goals 2 and 3, related to the real-life experiences of AI use, will be better examined via in-depth interviews. This dual approach allows for triangulation of the results: the patterns detected in survey data could be confirmed and supplemented by the findings in interviews, thus increasing the credibility of the findings overall (Saunders, Lewis and Thornhill, 2019). The sequential explanatory strategy will be employed in the study, so that the survey will be performed prior to the interviews, and the survey results will serve as a basis for the questions asked in the interviews, as well as for selecting particularly interesting participants for an interview.
As with all mixed methods designs, this strategy has its advantages and disadvantages which merit mentioning. The primary advantage is the combination of scope and depth – the survey gives an indication of how widely an experience of AI adoption occurs within the sample, and the interview explains why it occurred and what it really feels like from the perspective of the interviewee, overcoming the problem often cited against quantitative SME-AI studies, namely their lack of explanation of experiential aspect of adoption of technology. The drawback of this design is the increased time and complexity required to develop, pilot and analyze two sets of data instead of one, and to ensure that the survey and the interview parts do not become two unrelated mini-studies. For the sake of reliability, a structured interview guide (each interviewee would be asked similar questions), along with a pilot test of the survey conducted on several contacts to see how clear and unambiguous is the wording, will be used. For the sake of validity, the survey questions will be grounded in theory described in section 2 rather than invented out of thin air.
[bookmark: _Toc234905473]3.4 Time Horizon
This is a cross-sectional study because it gathers data only at one particular point in time, instead of following the SMEs over an extended period of time. This is largely due to time limitations for conducting the research for my Master’s degree.
[bookmark: _Toc234905474]3.5 Data Collection Methods
The primary data collection process is planned to be held in two phases. The first phase will be conducted in form of an online questionnaire to the employees and managers working for UK SMEs. The questionnaire will contain closed-ended questions, Likert scales and ranking questions aimed at determining the level of AI tool usage, the impact on productivity, and the role played by AI in decision-making. The second phase will involve conducting semi-structured interviews lasting about 30 to 45 minutes with managers and employees willing to give more insights into AI tools' usage. The questions used will be open questions with follow-up probes to ask managers and employees about cases where they used AI technology, success stories and frustrations in using AI and change observed in the decision-making processes after adopting AI. The secondary data obtained from the literature review in section 2 will be utilized in analyzing the primary data.
[bookmark: _Toc234905475]3.6 Sampling Method and Target Population
Target Population
The target population includes employees/managers operating in small and medium enterprises (SMEs) located in the UK (and classified according to the UK definition of SMEs as those that have fewer than 250 employees and have implemented AI tools in at least some parts of their operation). For the survey, about 150 to 200 participants are planned to be selected through a convenient and purposive sampling approach via professional contacts, SME business networks and LinkedIn. In terms of the interview, purposive sampling will be used in order to select about 10 to 12 people that can represent different types of roles within the companies as well as different self-reported AI implementation levels (as the objective here is not to be statistically representative but gain insights).
[bookmark: _Toc234905476]3.7 Tools for Data Analysis
Data collected from the survey will be exported from the online survey tool to Microsoft Excel for conducting descriptive statistics which include frequencies, means and cross-tabulations for firm size and industry type, adequate for the scope of a Master's dissertation without necessitating the use of more complicated inferential statistics software. Audio recordings from interviews will be transcribed and analyzed through thematic analysis. The six-stage process of Braun & Clarke (2006), that involves data familiarization, generating codes, searching for themes, reviewing themes, defining and naming themes, and the final stage of analysis, will be used for thematic analysis. This method has been selected due to its flexibility to be applied in an abductive research methodology.
[bookmark: _Toc234905477]3.8 Ethical Considerations
This study will be conducted according to the ethical standards set by the university and the data collection process will not start until an ethics approval is received. Participants will be provided with a Participant Information Sheet which explains the rationale behind the research, the details of the process of participating in the research, how their data will be analyzed, stored and the right they have to withdraw from the process at any point in time without giving a reason. Written informed consent will be sought from participants prior to any data being collected. No data will be collected deceptively or without the knowledge of the participants. Interview participants will be anonymous in the write-up and all identifying features including specific job titles and company name will be anonymized. Data will be stored according to the GDPR standards in a safe place protected by passwords and deleted after the required period of retention. In the case of face-to-face interviews, these will be conducted in public areas or open office spaces, and the researcher will follow normal personal safety practices and let a colleague know about the meetings taking place.
[bookmark: _Toc234905478]3.9 Limitations
However, as expected from any master level research, there are several limitations of the study that have been stated upfront rather than found during the research process. Firstly, the cross-sectional study design of the research within the time constraints of a particular academic timetable provides information on the adoption of AI at a specific point in time in the dynamic environment, which might become obsolete due to rapid changes in generative AI technologies. Secondly, since both survey and interview samples have been recruited using the methods of purposive and convenience sampling, the results of the study cannot be statistically generalizable to the whole UK SME population, but are only indicative. Finally, there is a potential risk of social desirability bias in self-reports of productivity. Participants may report more advantages of a particular technology they have voluntarily adopted themselves or less problems in order not to appear in a bad light in front of their employer. Lastly, access limitation could result in the selection of companies that are already more digitally mature, since those with little or no adoption of AI technology would either be hard to find or uninterested in participating in this type of research.
[bookmark: _Toc234905479]4. Significance, Outcomes and Timetable
[bookmark: _Toc234905480]4.1 Expected Contribution
The following research is expected to contribute in the following ways. First, this study will contribute academically by broadening the current body of knowledge on the use of AI in business by considering the aspects of productivity and decision-making as being interrelated as opposed to being independent variables and also through the creation of new primary data relating to the situation within the UK in an era whereby most of the data currently exists is based on industry surveys commissioned by vendors as opposed to studies conducted in academic settings. Secondly, the results of the study are expected to provide UK SME owners/managers with realistic insights into areas where the application of AI is proving beneficial and those areas where it is failing.
[bookmark: _Toc234905481]4.2 Resource Implications
The funding that would be needed for this research would be small. Software for transcribing the interviews will be needed, while at times, a bit of money might have to be set aside for rewarding the participants as a way of encouraging them to respond to surveys. Time would be a more pressing resource issue. This research has been structured within six months and the researcher would have to keep receiving academic guidance.

[bookmark: _Toc234905482]4.3 Tentative Timeline
The schedule presented in the table below represents a practical one-month by one-month plan that takes into account the need to get the ethical approval before data collection can be initiated as well as the need to separate data collection and data analysis months because of the time that it will take to transcribe and conduct thematic analysis.
Month 1: Complete the literature review and apply for ethics approval. Month 2: Develop the survey and interview guide; develop after piloting. Month 3: Conduct the survey and recruit interviewees. Month 4: Collect data (survey results and interviews); start transcribing. Month 5: Analyze data statistically (survey) and thematically (interviews). Month 6: Prepare the results and conclusion; proofreading and submission.
There is also a margin of one-two weeks included in Months 3 and 4 in case of participant cancellations and delays in scheduling interviews which is quite likely to happen in primary research.
[bookmark: _Toc234905483]Figure 1: Tentative Research Timeline (Gantt Chart)
	Activity
	Month 1
	Month 2
	Month 3
	Month 4
	Month 5
	Month 6

	Finalise literature review & submit ethics application
	X
	
	
	
	
	

	Design and pilot survey & interview guide
	
	X
	
	
	
	

	Distribute survey & recruit interview participants
	
	
	X
	
	
	

	Complete data collection & begin transcription
	
	
	
	X
	
	

	Statistical analysis (survey) & thematic analysis (interviews)
	
	
	
	
	X
	

	Write up findings, conclusions, proofread and submit
	
	
	
	
	
	X


(Source: Author, 2026)
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