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[bookmark: _Toc165633739]Introduction
Data analysis is essential to business intelligence, particularly in retail and online education. E-commerce businesses can improve their decision-making and strategic planning by using data analysis to better understand market trends, customer preferences, and operational efficiency (Hao Wang, 2022; Priyadarshini P et al., 2022). By examining student performance and resource distribution, educational institutions can enhance management and instruction (Dmitri et al., 2017). Data is used to accomplish this. Data analysis is therefore crucial for development and service provision in these fields. This essay examines student achievement data from a nearby school and sales data from an online retailer in the UK. Patterns, trends, and insights will show up after examination. In both situations, these could have an impact on operational effectiveness and strategic choices. The results ought to demonstrate how data-driven choices can improve business planning and training. 
Tools Overview
For this investigation, SPSS and Microsoft Excel are utilised. Both programs complement one another while fulfilling different purposes. Because of its data processing capabilities, Microsoft Excel is perfect for early data purification, analysis, and visualization. Because of its extensive statistical features, SPSS is perfect for large datasets and intricate statistical analysis. According to Tania et al. (2019), these technologies will make in-depth dataset analysis possible. This guarantees accurate data processing and perceptive analysis. 




Part 1
Data Pre-processing using Excel
Initial Examination
The first step in data preparation is a comprehensive analysis of the data. This review looks for serious errors such duplicate entries, missing data, and odd or incorrect data entries. This stage aids in estimating the extent of dataset modification and cleaning required to get it ready for perceptive analysis. 
Handling Duplicate Entries
Duplicates were eliminated from every column by Excel's technology. Each database transaction becomes distinct as a result. 65,535 transactions were trimmed down to 64,765 in order to guarantee that every transaction in the dataset is genuine and unique. 2022 is predicted by Setiawan and Setiyanto. 
Handling Missing Values
In order to find and manage items lacking 'CustomerNo' data, Excel functions were used. Once it was determined that most of these records were incorrect or cancellations, the dataset was cleaned up. Maintaining data integrity and quality was crucial for enhancing analytical reliability. 
Identifying and Managing Outliers
The "Quantity" and "Price" outliers were located using IQR. These anomalies could point to odd transactions or mistakes in data input that distort the results of the study. 14,723 'Price' outliers were found. There were 5,905 'Quantity' outliers found as well. The findings point to the necessity for additional research or modifications. 
Identifying Order Cancellations
If "TransactionNo" started with "C," the transaction was cancelled. After this step, the 'TransactionNo' field was converted to a string for identification. To prevent the results from being skewed, these entries have to be removed from total sales estimates. 
Converting Data Types
Were able to transform the 'Date' column from string to datetime by utilizing the date handling facilities that Excel provides. In order to ensure that Excel correctly reads dates for the purposes of temporal analysis or sorting, this translation is required for any time-series inquiry.
Creating a Structured Table 
On completion of the cleaning process, the data was entered into a table in Excel. The last stage involves the enhancement of data manipulation and analytical capabilities, as well as the organization of the dataset for the purposes of processing or study.
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Sales Trend Analysis:
To investigate sales trends, Microsoft Excel was utilised. Strategic planning and decision-making are aided by this study. Excel pivot tables and line charts were used to display the monthly sales trends from the study. The graph emphasized significant alterations during the specified duration. 
Table1 - Pivot table for Sales Trend in Excel
	Month/Year
	                     Sum of Total Sales
	                              Average of Total Sales2

	Dec-2019
	1994715.74
	79.27492807

	Nov-2019
	2727862.41
	68.88367491

	Grand Total
	4722578.15
	72.92092939



Within the dataset, the pivot table contrasted the monthly sales. The sales totals and averages for November and December were displayed. Sales as of December 2019 came to £1,994,715.74, with an average of £79.27 per transaction. The total for November 2019 was greater at £2,727,862.41, while the average selling price was lower at $68.88. According to Rentoumi et al. (2015), there were more transactions in November. This could be the result of price reductions brought about by seasonal sales or other special occasions that stimulate additional purchases.

Graph 1: Line Chart Visualising Sales Trend as per Month/Year
Even though December's total sales were lower, line charts revealed a declining average sales per transaction from November to December, which shed light on these developments. These illustrations make complex data easier to understand and assist identify significant trends that may have an impact on company planning (Wegner, 2010). 
The data presented here indicates that the number of transactions that took place in December was lower, but the average value of those transactions was higher. This suggests that there has been a change in the purchasing patterns of the consumer base or in the price strategy employed by the organization. The firm will be able to change its marketing, inventory, and sales strategies with the assistance of this study, which will be based on sales patterns and habits. 
[bookmark: _Toc165633741]Product Analysis:
Microsoft Excel utilised for product analysis in data analytics to determine customer behaviour and product performance. This study groups and compiles product sales data to determine which products are in demand. Sales data is combined and sorted using Excel pivot tables (Jelen and Alexander, 2006; Lehman et al., 2011).
 Table 2 – Pivot Table from Excel for Product Analysis
	Product Name
	                 Sum of Quantity

	Asstd Design 3d Paper Stickers
	12632

	Rabbit Night Light
	11241

	Popcorn Holder
	11238

	Paper Chain Kit 50'S Christmas
	5494

	Disco Ball Christmas Decoration
	3868

	Wooden Star Christmas Scandinavian
	3675

	Assorted Colour Bird Ornament
	3254

	World War 2 Gliders Asstd Designs
	3113

	Wooden Heart Christmas Scandinavian
	3112

	Vintage Doily Jumbo Bag Red
	2728

	Paper Chain Kit Vintage Christmas
	2707

	Cream Hanging Heart T-Light Holder
	2614

	Rotating Silver Angels T-Light Hldr
	2609

	60 Cake Cases Vintage Christmas
	2536

	Jumbo Bag 50'S Christmas
	2485

	Jumbo Bag Red Retrospot
	2484

	Black Record Cover Frame
	2439

	Charlotte Bag Suki Design
	2391

	Christmas Hanging Star With Bell
	2188

	Red Retrospot Charlotte Bag
	2114

	Grand Total
	84922



According to the pivot table, "Asstd Design 3d Paper Stickers" was the most popular product, with a total of 12,632 sales during the period in question. "Rabbit Night Light" and "Popcorn Holder" were the next most popular products, with 11,241 and 11,238 units sold, respectively. Both of these products were sold in large quantities. When it comes to marketing and inventory management, this is essential in order to ascertain the preferences of consumers and the things that are most popular.

Graph 2: Bar Chart Visualising Top selling products as of quantity
Bar charts help readers understand what is being shown by them. A bar chart displays the popularity of the best-selling products by comparing their total sales with a trend line for the top 20 products. Product management and marketing stakeholders can better comprehend this information and determine which products are selling the quickest with the aid of this graphic (Jelen and Alexander, 2015). The company can market its most well-liked products strategically by showcasing them and analyzing their performance. In less well-liked product categories, this can assist the business in duplicating the success of its top-selling products.
[bookmark: _Toc165633742]Transaction Analysis
The analysis focuses on the distribution of products per transaction to uncover insights into purchasing behaviors using the pivot table feature to analyse the transactions. The provided data indicates a total of 64,763 products involved across 2,418 transactions, yielding an average of approximately 26.78 products per transaction.
[image: ]
Analysis of Product Distribution per Transaction:
The average products per transaction suggest a relatively high volume per purchase, indicating that transactions may consist of bulk purchases or that a significant portion of transactions involves comprehensive shopping, possibly due to the nature of the products or buyer behavior in this specific market segment.
Visualization and Insights:
A bar chart visualization was employed to depict the number of products per transaction. This visualization helps to quickly ascertain the distribution spread of products across transactions, identifying any outliers or common transaction sizes and also using the filter top 20 transations were visualised as well with a trend line.
[image: ]
Graph 3: Bar Chart Visualising Top transactions as count of product name
From the detailed pivot table results, it is evident that there is substantial variability in transaction sizes, ranging from single-product purchases to transactions involving as many as 139 products. The increased volume of transactions may indicate bulk or wholesale purchasing. Business-to-business and large consumer purchases frequently involve these kinds of transactions. 

Strategic Implications:
Understanding the distribution of products per transaction can help in several ways:
Inventory Management: Since transaction volumes fluctuate, effective handling of big and frequent purchases requires comprehensive inventory management. 
Marketing and Sales Strategies: Sales and transaction sizes can be maximised by utilising bundling, promotions, and customised marketing strategies depending on typical transaction quantities. 
Customer Segmentation: Targeted marketing campaigns and customised service offerings are made possible by distinguishing between regular and mass consumers. 
This investigation highlights the significance of transaction patterns in sales data by highlighting their significance. The use of transaction sizes to highlight client purchasing trends is done with the intention of assisting inventory controllers, salespeople, and marketers in making more informed strategic decisions. 
[bookmark: _Toc165633743]Customer Segment Profitability
Through recognising the client segments that generate the highest revenue, cash flows and marketing campaigns can be optimised. Customer sales analysis can be made easier with the help of Excel pivot tables (Lehman et al., 2011). For businesses, this might be helpful in locating crucial clients. 
Step-by-Step Analysis:
Through a thorough investigation, you may ensure that the "Total Sales" column accurately reflects the income generated by each transaction, and that the "CustomerNo" and "Total Sales" columns were formed in the correct manner during the process of data preparation. 
Create a Pivot Table: a pivot table with the aggregated 'Total Sales' by 'CustomerNo' to determine the revenue for each customer.
Sort and Analyze the Data: Arrange and evaluate information: Identifying high-performing consumers and figuring out if they have any particular traits or preferences that lead to their high spending is made easier by sorting the data such that the customers with the highest total sales are at the top.



	Customer No.
	                                                      Sum of Total Sales

	12358
	22549.46

	12433
	40427.91

	12748
	30676.33

	12753
	27277.81

	13256
	77622.6

	14096
	39038.05

	14150
	21363.63

	14646
	100097.56

	14911
	72876.05

	15061
	24513.79

	16000
	31630.9

	16013
	22789.12

	16446
	501359.05

	16684
	40682.56

	17450
	42164.71

	17511
	70664.49

	17841
	24405.58

	17857
	26636.02

	17949
	28780.16

	18139
	58913.05

	Grand Total
	1304468.83



Visual Representation: A bar chart illustrating total sales by client is one way to visually represent data. Can quickly determine which customers contribute more to sales using this example. 

Graph 4: Bar Chart Visualising Top Customers as sum of Total Sales
Customer 16446 had the highest sales volume, which amounted to £501,359.05. The acquisition of this information is essential in order to comprehend high-value customers and the products they buy. 
Strategic Implications:
Customer Retention: Targeted marketing and loyalty initiatives aid in customer retention.
Resource Allocation: Data insights that concentrate on lucrative consumer segments can assist in allocating marketing and sales efforts.
Sales Tactics: Through the replication of profitable sales methods in different markets, high-value customer research can increase revenues.
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Increasing Profitability: Short-Term and Long-Term Strategies
Profitability requires a strategic approach that incorporates short- and long-term initiatives. These strategies are recommended after a thorough data analysis: 
Short-Term Strategies:
Optimizing Operational Efficiencies: There must be a strategic plan that includes both short-term and long-term goals in order to achieve profitability. After you have completed an exhaustive data analysis, you should implement the following strategies: 
Enhancing Profitability Metrics: Improving important financial indicators such as Return on Assets (ROA) should be prioritised in order to maximise rapid financial returns and produce swift profitability victories (Safira and Widajantie, 2021).
Long-Term Strategies:
Customer Relationship Management: Strengthen relationships with high-value customers identified in the profitability research to maintain income streams and long-term loyalty (García & Bermejo García, 2004).
Investing in Technology and Innovation: According to Lipaj and Davidavičienė (2013), long-term investments in state-of-the-art technology and system integration can increase productivity and profitability.
Strategic Resource Allocation: Allocating resources with the use of profitability studies is necessary to maximize long-term ROI. This entails concentrating on high-profit product and market segments.
Combining Strategies for Maximum Impact:
Data-Driven Decision Making: Track projects and react to market conditions and corporate objectives via data analytics.
Sustainability and Corporate Social Responsibility (CSR): According to Safira and Widajantie (2021), corporate social responsibility (CSR) is an essential component of business strategy that has the potential to improve long-term profitability and reputation by aligning with the expectations of customers and changes in regulatory policy.
These financial and business endeavors, both short- and long-term, are guided by thorough data analysis. To make this happen, a well-rounded approach is needed. Prioritizing efficiency and customer happiness in the short term is crucial. Technology and market positioning should be the main priorities of long-term investing.

[bookmark: _Toc165633745]Part 2: Student Survey Data Analysis using SPSS

Overview of the Dataset and Objectives of the Survey Analysis:
One variable is the responses from student surveys from various schools. test scores prior to and following, student demographics, instructional strategies, school culture, and environment. This dataset of 2,134 records shows academic and socioeconomic achievement. This data analysis investigates the potential effects of school atmosphere, food, and instructional strategies on student achievement.
Introduction to Tools Used:
Early data management employed Microsoft Excel because it made preparing and manipulating survey data simple. The sorting, filtering, and initial data display features in Excel create a productive environment for more in-depth investigation. After that, the dataset was imported into SPSS, a statistical program renowned for its robust data processing, insightful analysis, and comprehensible results. Connolly (2007) and Kimball and Weisberg (1995) claim that SPSS has a broad range of data administration and analysis capabilities, is capable of handling big datasets, and can conduct intricate statistical tests.
The adjustments required for the analytical tasks of this survey are easily made via SPSS. These include of testing hypotheses, correlation analysis, and regression modeling. It is an excellent solution for informative data visualization due to its extensive output possibilities and user-friendly interface. According to Jingwei (n.d.), the software ensures precision, dependability, and integrity of data analysis by enabling complete reliability and cluster analysis. Kimball and Weisberg (1995) assert that using a complete tool in the classroom facilitates the interpretation of student data. aids in the fact-based decision-making of educators and lawmakers.
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Demographic Analysis:
The demographic analysis of the student survey focuses on lunch eligibility and gender distribution. Using the SPSS importing the data set firstly analyzed the Frequency and statistics of this dataset for the demographic analysis. The output results of the SPSS are below:
	Statistics

	
	Gender
	Lunch

	N
	Valid
	2133
	2133

	
	Missing
	0
	0




Frequency Table
	Gender

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	Female
	1056
	49.5
	49.5
	49.5

	
	Male
	1077
	50.5
	50.5
	100.0

	
	Total
	2133
	100.0
	100.0
	



	Lunch

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	Does not qualify
	1215
	57.0
	57.0
	57.0

	
	Qualifies for reduced/free lunch
	918
	43.0
	43.0
	100.0

	
	Total
	2133
	100.0
	100.0
	



Distribution
A balanced gender representation of 1,056,666 girls (49.5%) and 1,075,755 boys (50.5%) may be found in the schools under investigation. There is a substantial difference in the number of students who qualify for lunch: 918 students, or 43% of the student body, are eligible for lunch, while 1,215 students, or 57% of the student body, are not. This demonstrates the large number of low-income kids (Buckley et al., 2021).
Insights from the Analysis:
The foundation for examining the relationship between these factors and academic success and the availability of resources is provided by this demographic study. In order to customize policies and interventions for all student groups, particularly those who are eligible for free or reduced lunches and may require additional help, education planners must take these demographics into account (Roederer et al., 2011).
[bookmark: _Toc165633747]Performance Analysis
Analysis Objectives and Methodology:
In this section, student performance reviews are categorised according to whether or not they are eligible for lunch. Both the pre-test and post-test results of the students are analysed. In this approach, descriptive statistics in SPSS are utilised to investigate socioeconomic class-related educational gaps and outcomes. The mean and median test scores are utilised in this investigation. The output from spss is below:
	Descriptive Statistics

	
	N
	Minimum
	Maximum
	Mean
	Std. Deviation

	
	Statistic
	Statistic
	Statistic
	Statistic
	Std. Error
	Statistic

	Pretest
	2133
	22
	93
	54.96
	.294
	13.563

	Posttest
	2133
	32
	100
	67.10
	.303
	13.987

	Valid N (listwise)
	2133
	
	
	
	
	



Statistical Findings:
Academic performance appears to be impacted by free or reduced lunches. On the pre-test (mean = 62.29) and post-test (mean = 74.38), the kids who were not eligible for reduced or free lunch performed worse than their peers (mean = 45.25 and 57.48). This pattern is reflected in the median scores, which represent the center tendency. Pre- and post-test median scores were higher for children who were not eligible for free or reduced lunch (Anderson, Gallagher, & Ritchie, 2017). 
	Case Processing Summary

	
	Cases

	
	Included
	Excluded
	Total

	
	N
	Percent
	N
	Percent
	N
	Percent

	Pretest  * Lunch
	2133
	100.0%
	0
	0.0%
	2133
	100.0%

	Posttest  * Lunch
	2133
	100.0%
	0
	0.0%
	2133
	100.0%



	Report

	Lunch
	Pretest
	Posttest

	Does not qualify
	Mean
	62.29
	74.38

	
	N
	1215
	1215

	
	Std. Deviation
	10.780
	11.302

	
	Grouped Median
	62.37
	74.39

	Qualifies for reduced/free lunch
	Mean
	45.25
	57.48

	
	N
	918
	918

	
	Std. Deviation
	10.400
	11.085

	
	Grouped Median
	43.88
	55.44

	Total
	Mean
	54.96
	67.10

	
	N
	2133
	2133

	
	Std. Deviation
	13.563
	13.987

	
	Grouped Median
	55.52
	67.71



Examining the connection between educational attainment and socioeconomic status is one of the inquiry's main goals. It is probable that students from lower socioeconomic backgrounds are more likely to face obstacles that could hinder their academic development. The fact that the two groups that are being investigated have substantially different performance scores lends credence to this observation. This notion is reinforced by the examination that Schwartz and Rothbart conducted in the year 2020. The results of their investigation indicate that the provision of food and money aid has an effect on the academic performance of a student. 
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Application of K-Means Clustering:
Using K-iterative SPSS, the data from the students were categorised according to gender, pre-test, and post-test. The objective was to locate student categorizations. The approach in question, as described by Yuliani et al. (2021), groups the dataset into categories based on gender and academic achievement. Similar considerations need to be taken into account in this scenario. 
Process Description:
Initially, clusters were created using the pretest, posttest, and gender. Two groups were formed by the K-Means clustering algorithm configuration: 
To maximise the distance between clusters right away, the first cluster centres were set up at extreme levels (Pretest: 23 and 93; Posttest: 35 and 100).
Iterations: After seven rounds, convergence was achieved by adjusting cluster centres iteratively based on data points until iteration variations were minimal. 


	Initial Cluster Centers

	
	Cluster

	
	1
	2

	Pretest
	23
	93

	Posttest
	35
	100

	Gender
	1
	2



	Iteration Historya

	Iteration
	Change in Cluster Centers

	
	1
	2

	1
	30.195
	33.610

	2
	.885
	.791

	3
	.611
	.532

	4
	.212
	.181

	5
	.227
	.200

	6
	.150
	.128

	7
	.000
	.000

	a. Convergence was caused by little to no changes in the cluster core. There is a 1,000 maximum absolute coordinate shift for each centre. The current iteration is number six. 95.530 metres is the minimum distance between the original centres. 






	Final Cluster Centers

	
	Cluster

	
	1
	2

	Pretest
	43
	65

	Posttest
	55
	78

	Gender
	1
	2



	Number of Cases in each Cluster

	Cluster
	1
	993.000

	
	2
	1140.000

	Valid
	2133.000

	Missing
	.000



[bookmark: _Toc165633749]SPSS Output Analysis:
The SPSS output indicated the final cluster centers:
Cluster 1: Average Pretest score of 43, Posttest score of 55, predominantly Gender 1.
Cluster 2: Average Pretest score of 65, Posttest score of 78, predominantly Gender 2.
The performance scores of the two primary student groups were significantly different, which could indicate unequal academic accomplishment and different learning environments or support systems. Findings demonstrated the extent of these disparities. 
Results Interpretation:
The examples are grouped so that there is a clear difference in the performance of the students: 993 in Cluster 1 and 1140 in Cluster 2. By better understanding and catering to the needs of these diverse groups, the school may be able to tailor interventions to help underachievers or high achievers reach their full potential (Purba et al., 2022). 
Schools can access data on student performance and demographics through clustering. This makes targeted education and resource allocation possible. 
Implications for the School:
The clustering method allows schools to collect data on both student performance and demographics. This makes it possible to distribute resources and education to different people. 
Recommendations:
Enhanced Support Programs: Assist children who are at danger, particularly those with poor incomes, with their academics. 
Data-Driven Interventions: Help at-risk children with their schoolwork, particularly those from low-income families.
Continuous Monitoring: Analyse student performance data on a regular basis to assess strategies and make adjustments.
The school may raise student achievement and provide every kid a chance by adhering to these criteria. 




[bookmark: _Toc165633750]Tool Evaluation: SPSS vs. Excel
Pros and downsides of using SPSS versus Excel to analyse data from student surveys. We will prioritise features, usability, analytics, and adaptation to large datasets. 
Advantages and Disadvantages:
According to Warner and Meehan (2001), Microsoft Excel's simplicity, statistical capability, and usability make it an excellent spreadsheet tool. At first, these gadgets are able to process, evaluate, and enter data. According to Berk and Carey (2009), Excel's Analysis ToolPak enhances both simple statistics and intricate computations. These two developments support learning. 
Niani et al.'s study from the year 2020 Excel struggles to handle more complex statistical analysis and datasets that are too large for it to handle. Given these constraints, it may be difficult to manage vast amounts of educational data or to perform analytical tasks that are very demanding. 
One useful statistical tool is SPSS. This programme is recommended for educational data by Kimball and Weisberg (1995) because it can handle large datasets and intricate statistical calculations. Regression, analysis of variance, and hypothesis testing are features of SPSS in addition to Excel. These abilities surpass Excel.
The requirements for data processing make it possible to decide whether or not these technologies are necessary or beneficial. It is possible that non-statisticians will find Excel to be more convenient for analysing simple to moderate data. Excel is not as effective as SPSS when it comes to conducting comprehensive statistical analysis, particularly when dealing with large volumes of data that are both complex and extensive (Santosa and Noor, 2023).



[bookmark: _Toc165633751]Conclusion
Throughout our investigation, the transaction data and the student survey have both yielded important new information on a variety of situations. The average product in 2,418 transactions, according to Part 1 of the product transaction analysis, was 26.78. This study offers vital information for customer segmentation and corporate operations, as well as a broad spectrum of buying behaviours. Performance differences connected to lunch-qualifying status were found in Part 2's SPSS student survey analysis, having significant implications for education. Survey responses from the students were emphasised. Interventions for student groups who are performing poorly can be developed using these data. This comprehensive study shows the value of data-driven decision-making across a wide range of industries by streamlining corporate processes and enhancing instructional strategies. The value of analytical tools in academic and professional contexts is demonstrated by their ability to glean meaningful insights from complicated data using programmes like Excel and SPSS. 
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Sum of Total Sales	
Dec-2019	Nov-2019	1994715.7399994214	2727862.409999765	Average of Total Sales2	
Dec-2019	Nov-2019	79.274928066108473	68.883674907193381	






Total	
Asstd Design 3d Paper Stickers	Rabbit Night Light	Popcorn Holder	Paper Chain Kit 50'S Christmas	Disco Ball Christmas Decoration	Wooden Star Christmas Scandinavian	Assorted Colour Bird Ornament	World War 2 Gliders Asstd Designs	Wooden Heart Christmas Scandinavian	Vintage Doily Jumbo Bag Red	Paper Chain Kit Vintage Christmas	Cream Hanging Heart T-Light Holder	Rotating Silver Angels T-Light Hldr	60 Cake Cases Vintage Christmas	Jumbo Bag 50'S Christmas	Jumbo Bag Red Retrospot	Black Record Cover Frame	Charlotte Bag Suki Design	Christmas Hanging Star With Bell	Red Retrospot Charlotte Bag	12632	11241	11238	5494	3868	3675	3254	3113	3112	2728	2707	2614	2609	2536	2485	2484	2439	2391	2188	2114	







Total	
12358	12433	12748	12753	13256	14096	14150	14646	14911	15061	16000	16013	16446	16684	17450	17511	17841	17857	17949	18139	22549.46000000001	40427.909999999967	30676.329999999987	27277.809999999998	77622.600000000006	39038.049999999806	21363.62999999999	100097.56000000001	72876.049999999959	24513.79	31630.899999999998	22789.119999999999	501359.05000000005	40682.560000000005	42164.709999999985	70664.489999999962	24405.580000000013	26636.02	28780.160000000003	58913.050000000017	






image2.png




image3.JPG
Total Products  Number of Transactions Avg. Product per transaction
64763 2418 26.78370554




image4.JPG
578844
579195
577358
579508
578384

581439
580367
581217
580729
581219





image1.png




