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Abstract

This study has focused on FCRM policies to a risk-based approach of HSBC. The role of AI and ‘integrated systems’ has been assessed using secondary data in regards to the detection of suspicious activities across the global network. It has shown how major progress is made in transforming AML and FCRM capabilities through risk-based alignments, advanced technological considerations, and intelligence-based decision-making. This is a qualitative study that has relied on the use of secondary data. As a means of data collection, key data were selected from credible academic, professional, and institutional platforms, especially Google Scholar. The use of thematic analysis method has helped in finding recurring patterns in data and accordingly interpreting existing data. 
Through a qualitative research analysis approach, it was identified that effective success is based on balancing innovation with governance, automation with human contribution and efficiency with consumer fairness. With the support of Risk-Based Regulation Theory and the Technology-Organisation-Environment framework, the findings addressed existing gaps in existing literature. Through the focused analysis of HSBC’s current financial crime strategies, ways in which technology, operational, and governance contexts can be related in the global banking context have been discussed. Actionable recommendations showed the cruciality of analysing the implementation challenges and even technological performance. The findings, therefore, supported the understanding that operational efficiency and compliance effectiveness should not be considered as different priorities, as HSBC’s strategy shows that effective AML frameworks can also enhance regulatory outcomes while reducing operational issues and managing positive consumer experiences.
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[bookmark: _Toc240985299]Chapter 1: Introduction
[bookmark: _Toc240985300]1.1 Background to the study
The concept of financial crime is still one of the major threats that can hinder the integrity of various international banking systems. With the rise of digital banking, virtual assets, complicated financial networks and rapid cross-border payments, financial networks have increased the opportunities for legitimate commerce while making new channels for potential financial crime activities. The concept of Anti-money Laundering (AML) frameworks has, therefore, become a key concept of the banking sector and its governance. As per Abel et al. (2023), this is so because financial institutions are required to align with regulations and also develop systems that can efficiently identify, analyse, and manage financial crime-related risks in various operating areas. To develop a better understanding of the scale of this issue, according to the UN Office on Drugs & Crime, the amount of money laundered across the globe is nearly 2% to 5% of global GDP annually, amounting to approximately $800 billion to $2 trillion (unodcorg, 2024). Regulatory expectations thus have also increased, creating the need for stronger consumer due diligence, sanctions screening, and risk management approaches, encouraging banks to invest in technologies like AI, advanced analytics and integrated monitoring platforms.
[bookmark: _heading=h.mftg5kwtxkjk]For this context analysis, HSBC is providing a key case, especially to understand these developments. Being one of the largest financial organisations in the world, HSBC operates in various countries and regions while serving 41 million consumers through approaches including institutional banking, commercial and retail banking (HSBC, 2026). The massive scale and diversity of operations are increasing the risks for the company, facing wider financial crime risks. With time passing, the bank has made extensive reforms for betterment of the Financial Crime Risk Management (FCRM) framework, with a particular focus on customer due diligence, screening, case management, exit management, and monitoring areas (HSBC, 2026). The company's focus on digital transformation and compliance has been supporting them to increase detection of suspicious activities, with reports of filing approximately 137,000 suspicious activities in 2025 (HSBC, 2026). Hence, the organisation provides a crucial case to evaluate how a multinational bank focuses on enhancing its AML capabilities and responds to rapidly changing criminal threats and regulatory needs.
[bookmark: _Toc240985301]1.2 Research rationale
The rising sophistication of financial crime has forced the concept of AML to become a strategic organisational priority (Edgars and Benson, 2024). This is especially because criminal networks are continuously adapting their approaches using new and advanced technologies and international payment systems. Therefore, banks are required to develop scalable AML systems to process significant amounts of data and maintain accuracy and compliance. The key rationale for this research is based on the need to understand how major multinational banks like HSBC operate their AML strategies. Although they often showcase major investments in technologies and compliance programs, there is still a gap remaining to analyse if these initiatives are supporting FCRM at larger scales. HSBC has provided a solid base due to its international presence, ongoing technological investments, and previous regulatory scrutiny of a $1.9 billion fine settlement (Zutshi, 2023). This study is also timely, as regulators are increasing focus on risk-based approaches and technological innovation in AML programmes, with concerns remaining regarding governance, ethical data usage, consumer experience and operational efficiency. Thus, understanding how these aspects exist in major banking companies can contribute to a crucial knowledge-base for financial crime prevention and transformation.
[bookmark: _Toc240985302]1.3 Research Problem
Regardless of major investments in AML technologies and compliance infrastructures, there are still concerns remaining for the effectiveness, sustainability, and scalability of financial crime risk management approaches for major banking institutions. Some existing studies are focused on AML regulations, emerging technologies, and financial crime control measures (Tang and Wen, 2026). Hence, a potential gap is developed for lack of analysis of how these are integrated in a multinational banking system. The use of advanced technologies also increased uncertainty regarding the practical contribution to compliance and company efficiency development. There are still concerns remaining for managing a proper balance in consumer satisfaction through services and strict controls and regulatory alignment process that can result in higher cost and time consumptions. This is especially critical as without adequate controls, companies can face financial and reputational loss in the long-term. Therefore, this study aims to address these issues through a keen focus on HSBC’s AML and FCRM strategies, with consideration of the evolution of risk-based compliance approaches, technological integration and governance approaches. This will allow the study to develop a clear understanding of the opportunities and challenges in relation to scalable AML systems in international banking.
[bookmark: _Toc240985303]1.4 Research Aim and Objectives
Aim:
This research aims at critically evaluating the effectiveness and scalability of HSBC’s Anti-Money Laundering (AML) and Financial Crime Risk Management (FCRM) framework. Specific emphasis will be given on analysing ways in which this bank leverages advanced technologies of AI and data analytics to mitigate global financial crime risks while balancing operational efficiency and customer experience.
Objectives:
· [bookmark: _heading=h.li66s83qhtd]To assess the evolution of HSBC’s FCRM policies to a risk-based approach (RBA)
· To examine the role of AI and ‘integrated systems’ in scaling the detection of suspicious activities across a global network.
· To investigate the balance between stringent compliance and the impact on legitimate customer experience and operational friction
· To offer strategic insights into how HSBC can better integrate emerging technologies to address evolving sophisticated financial crime patterns while maintaining ethical data usage
[bookmark: _Toc240985304]1.5 Research Questions
· How has HSBC’s AML strategy (FCRM) evolved towards a risk-based approach?
· How is the integration of AI and integrated systems fostering HSBC’s financial crime detection?
· How does HSBC balance compliance with operational efficiency and customer experience?
· What strategic improvements could help HSBC to develop the scalable and ethical AML in improving financial crime risk management?
[bookmark: _Toc240985305]1.6 Significance of the research
The research is crucial in contexts of both academic and practical aspects. In the academic context, it contributes to existing literature by focusing on the relationships in financial crime risk management, regulatory alignments, and technological innovations. Through a keen consideration of detailed company analysis, this study aims to provide an in-depth understanding of how compliance strategies are practically utilised. Most studies are focused on AML regulations, artificial intelligence, and FCRM separately, and lack analysis of major international banks, such as the ones by Edgars and Benson (2024) and Gupta et al. (2023). Hence, this research is aimed to bridge gaps in existing literature work mainly due to the lack of studies available for critical analysis of AML regulations, AI, or financial crime risk management. From the practical perspective, the findings will potentially provide crucial insights for banking professionals, regulators, and even policymakers to take HSBC’s AML and FCRM concepts into account. Understanding the strengths and limitations of HSBC’s practices can thus support other similar multinational companies that aim to improve financial crime risk controls while managing operational effectiveness.
[bookmark: _Toc240985306]1.7 Theoretical foundation
The theoretical foundation for this research is focused on two key aspects that synthesize the literature review, including the Risk-Based Regulation theory and the Technology-Organisation-Environment framework. In relation to Risk-Based Regulation theory, it is highlighting that regulatory enforcement and internal alignment approaches should be prioritised and distributed efficiently to the analysed risk levels and consider how different regulatory environments, consumers and products have different types of vulnerabilities (Bredbenner, 2024). This theory shows the operational shift from a solid traditional rule-based approach to a wider intelligent risk-profiling framework (Mazumder, 2026). 
Although structural execution has a major basis on systemic infrastructure, the TOE framework supports this, especially through highlighting that technological adaptation is managed through three aspects including technological capabilities, internal organisational readiness and even external environmental approaches (Prakash, 2025). In an anti-money laundering context, technological innovations like AI or automated analytics are the technical layer, while corporate governance structures, human expertise and data quality shows the organisational layer and changing regulatory mandates with shifting criminal networks are the environmental layers (Mazumder, 2026). Hence, these theories collaboratively are closing the gap for compliance strategies and practical executions, showing that scalable financial crime risk management needs a proper balance in risk-based governance and technological advancements through readiness. 
[bookmark: _Toc240985307]1.8 Methodology overview
For this study, a qualitative research methodology is selected, which is crucial as the researchers aim to understand the company strategies, compliance approaches, and technological development over time, and not to understand the relationships through measuring them or numerical data. Furthermore, an inductive approach will be utilised in the study to develop themes and patterns from the collected data (Naeem et al., 2023). Secondary data will be the key basis of the analysis, with information gained from academic and journal articles, while the literature will also consider credible documents, governance reports, and industry and annual reports also regarding HSBC, AML, and financial crime risk management. The study mainly focuses on using purposive sampling through identification of materials that are directly related to the research objectives. A thematic analysis of the collected data will be done to analyse various relevant and authentic literature to identify and evaluate recurring patterns related to risk-based compliance, governance structures, consumer experiences and operational efficiencies (Özden, 2024).
[bookmark: _Toc240985308]1.9 Main findings
The research showed that major multinational banking companies need to effectively shift from rule-based anti-money laundering framework to dynamic and intelligence-based financial crime risk management models. The integration of advanced AI, ML, and enterprise-wide analytics majorly increased the amount, speed and accuracy of suspicious activity identified and even reduced higher false-positive rates. However, technological integration was not effective on its own, as long-term success was majorly based on human interaction quality, effectiveness of data governance and algorithmic transparency. On the other hand, the findings also showcased that compliance effectiveness cannot hinder legitimate consumer experiences or operations. Through the use of proportional, risk-based consumer due diligence, banks can better overcome unnecessary operational frictions for low-risk consumers, and enhance scrutiny for high-risk profiles. Hence, sustainable anti-money laundering scalability needs an aligned approach through digital innovation, regulatory alignment and ethical accountabilities. 
[bookmark: _Toc240985309]1.10 Research Structure
This research is developed through five key chapters, with chapter 1 introducing the research topic and developing the background and rationale understanding while showcasing the research problem. It also sheds light on aim, objectives, questions, and significance of the study. Chapter 2 aims to review relevant literature based on AML, financial crime risk management, compliance approaches, AI, governance, and others. In Chapter 3, a detailed overview and justification will be provided for the chosen methodologies of this research, focusing on aspects like approach, sampling, inclusion, collection and even analysis. The 4th chapter provides the findings from the thematic table while discussing them via theme generation and eventually providing a comparative analysis of the findings with existing literature. The final, 5th chapter concludes the study through summarising the key findings, addressing the research objectives, providing recommendations in relation to practical and academic contexts, and showing opportunities for future research.
[bookmark: _Toc240985310]1.11 Summary
This chapter has shed light on the background of the chosen topic, with a focus on FCRM and the rising cruciality of scalable AML strategies in relation to major international banking companies like HSBC. The chapter provides crucial justification for the choice of this research topic via shedding light on existing literature gaps. Analysis of research aim, objectives, questions and the significance of the analysis also support gaining a critical basis for conducting this research.

[bookmark: _Toc240985311]Chapter 2: Literature review
[bookmark: _Toc240985312]2.1 Introduction
As time passes, the complexities regarding financial crimes have shown how banks are considering anti-money laundering and financial crime risk management. Cross-border transactions, fintech integration, and digital banking are raising the sophistication of criminal networks and exploring the limited capabilities in traditional compliance models. These eventually resulted in fintech institutions investing rapidly in advanced analytics, AI and integrated monitoring approaches. Therefore, to develop a better in-depth understanding of this context, this chapter reviews contemporary academic and industry literature in relation to technology-based AML approaches, compliance management issues, and various approaches for financial crime prevention. In this critical review of past literary work, the main focus is given on HSBC and its shift towards a risk-based FCRM. Existing literature gaps and theoretical framework will also provide a solid base of understanding in this topic area.
[bookmark: _Toc240985313]2.2 Risk-based transformation of financial crime risk management: An analysis of HSBC’s shift towards FCRM
2.2.1 Transformational shift from Rule-Based AML to Risk-Based FCRM 
In the digitised age, financial crime is becoming more sophisticated, in which the traditional AML and compliance controls still relied on the static controls, one-size-fits-all monitoring alerts and manual investigations, resulting in bottlenecks and limiting the risk visibility approach within the financial institutions. As per the survey data of the United Nations Office on Drugs and Crime has been estimated that approximately $800 billion to $2 trillion is laundered each year, similar as the 5% of global GDP that emphasises the need for intelligence-led FCRM (WNS, 2026). In this regard, the paper of Parray et al. (2025) has found using the Financial Crime Risk Management (FCRM) approach based on risk levels that institutions can prioritize their controls, due diligence and monitoring efforts. This is, however, based on their customer, product and geographic risk profiles. Therefore, to cope with the changing financial crime threats, HSBC has evolved its Anti-Money Laundering (AML) strategy from its traditional rule-based model to one that is designed as a FCRM framework (HSBC Holdings plc, 2024). 
However, through the integration of dynamic risk assessment and intelligence-led decisions for continuous oversight HSBC achieved a 60% reduction in financial crime incidents as well as 25% improvement in operational efficiency (Parray et al., 2025). This aspect has been highlighting the strong alignment of the organisation with the Risk Based Approach (RBA), in which HSBC emphasises their compliance process to match the level of risk and likelihood of financial crime (HSBC Holdings plc, 2025c). In this context, HSBC’s partnership with Google needs to be considered which has created the Dynamic Risk Assessment (DRA) platform and analyses over 1 billion transactions monthly across millions of accounts (Daigle, 2025; HSBC Holdings plc, 2025b). Thus, HSBC adopted the Financial Action Task Force (FATF) Risk Based Approach to prioritizing customer, product and geographic risks over consistent compliance practices (Aidoo et al., 2025). However, as argued by Ridzuan et al. (2024), further success of intelligence-led approach requires effective data quality, governance and ongoing technological evolution in combating money laundering techniques which might create the cyber issues in HSBC.
2.2.2 Influential Factors behind HSBC's Financial Risk management Transformation 
[bookmark: _heading=h.qx92og21fptm]As per the industry data of HSBC, the incident of the bank's US$1.9 billion settlement with the US Department of Justice in 2012 has played an important role in transforming its traditional risk management and mitigating the weaknesses in its global control environment. Regarding this aspect, any financial institution that needs a USA Patriot Act Certification from an HSBC Group business can use the Global Certification that HSBC has developed that is able to legally verify the shell bank to strengthen AML (HSBC Holdings plc, 2025a). In addition to these, the evolving regulatory demands from the FATF, Financial Conduct Authority (FCA) and Basel Committee have been rising in the digitised age which demands more robust operational resilience and risk governance. However, the operational resilience is able to keep pace with the rapid growth of digital banking where the complex laundering techniques enhance the rate of cybercrime and cross-border transactions which conventional transaction-monitoring systems could not efficiently detect (HSBC Holdings plc, 2026). On the contrary, Felipe et al. (2026) argued that this type of conversion has been recognised as the response to regulation rather than the product of vision. However, the ongoing investments in AI, advanced analytics and global compliance competencies illustrate the bank's evolution towards a more proactive and intelligence-driven FCRM approach. 
2.2.3 HSBC's Risk-Based Financial Crime Risk Management Framework 
[bookmark: _heading=h.m002zigtumfv]The core concept of HSBC's FCRM framework is that financial crime risks need to be addressed based on the likelihood and potential impact of these risks, instead of the same controls to all customers or transactions. The framework completely relied on the FATCA Risk Based Approach, which aims to minimize the potential for money laundering, terrorist financing, violation of sanctions, bribery and corruption through the distribution of compliance resources based on risk (HSBC Holdings plc, 2025a). However, the principles of FCRM underpin several initiatives include risk identification, assessment, mitigation through the accountability and regulatory compliance approach of robust governance (HSBC Holdings plc, 2025a). Regarding the operational aspect, the framework starts with an Enterprise-Wide Risk Assessment (EWRA) to assess customer profiles, the products and services they are using, the delivery channels and geographical exposure to establish the level of financial crime risk (Parray et al., 2025). This aspect is in line with the Global Financial Crime Policy in which HSBC applies the Know Your Customer (KYC) rules by using the data exchange platform of Swift KYC Registry (HSBC Holdings plc, 2025a).
As understood from 2024 Annual Report of HSBC that strengthening its governance by integrating financial crime specialists across its international operations has helped with Customer Due Diligence (CDD), AI-powered transaction monitoring and sanctions screening in place while operating in 58 countries and territories, instead of a set of static rules (HBC Holdings plc, 2025c). Furthermore, on-going monitoring of transactions through AI-based analytics, sanctions screening and behavioural monitoring for real-time detection of unusual transactions also prioritized within the framework, in which the team reports them to regulators via Suspicious Activity Reports (SARs). HSBC reported around 137,000 suspicious activities to law enforcement and regulatory bodies in 2025 after discovering possible financial crimes, highlighting intelligence-led financial crime detection approaches (HSBC Holdings plc, 2025b). However, Olowu et al. (2024) argued that while the risk-based approach deduces unnecessary investigations to foster effective decision-making patterns, it is vulnerable to false-positive alarms. This is due to algorithmic bias and model opacity, which could raise operating expenses and cause legitimate client transactions to be delayed. 
In addition, the Three Lines of Defence model is one of the core foundations of FCRM in HSBC which used to provide oversight, where business units manage risk, oversee compliance and strengthen the internal audit for further effectiveness of control (HSBC UK Bank plc, 2026). Thus, the framework brings together all these capabilities, helping HSBC to enhance its regulatory compliance, operational resilience, and ability to detect new financial crime risks in the international platform (HSBC Holdings plc, 2025c). On the contrary, the research data also criticised FCRM as a dynamic and continuously evolving strategic approach which requires constant investment and high adaption rate for strict adherence instead of a definitive solution to financial crime (Neotas, 2026). 
[bookmark: _Toc240985314]2.3 Artificial Intelligence, advanced analytics and integrated monitoring systems: Evaluation in relation to financial crime detection
The rapid scale and speed of modern financial transactions have shifted the need for anti-money laundering systems, especially in relation to rational rule-based monitoring frameworks that focus on analysing any suspicious activities through static situations or pre-defined thresholds (Bagashvili, 2025). Regardless of these approaches being still crucial for compliance programmes, the advancements in adaptive criminal networks demand more sophisticated approaches from financial institutions. The rise of AI and Machine Learning (ML) and integrated data ecosystems have thus become a key focus in relation to financial crime detection. This is supported by the study of Kumar (2024) who not only identified how these technologies impact financial crime detection, but also provided an example for HSBC. In partnership with Google, this company has implemented AI, which, in turn, has increased financial crime detection by 2 to 4 times while reducing false-positive alerts to improve consumer experience. One of the major limitations of traditional monitoring systems is their basis on historical analysis and pre-defined indicators. Due to their capability in developing a large number of alerts that often are non-suspicious. The false positive rates in major financial institutions often range between 90 and 95%, showing how this issue can become more prominent for major multinational banks like HSBC (Fluxforce, 2026). Furthermore, as per the study by Chai et al. (2026), it can be identified how Illicit Financial Flows have been between the ranges of US $800 to $2 trillion as per UNODC estimation in global financial systems, representing 5% of the global GDP. These major volumes make manual and traditional rule-based monitoring more challenging and ineffective.
[image: ]
[bookmark: _heading=h.504tn9u9hua9][bookmark: _Toc240985283]Figure 2.1: Overview of False positives in traditional Rule-based transaction monitoring systems (2024)
(Source: Fluxforce, 2026)
AI has offered an alternative approach to identify hidden relations and behavioural patterns in these situations that may have been not identified through static rules (Nie et al., 2025). ML algorithms can also analyse major datasets, conduct historical analysis, and adapt based on changing patterns for criminal approaches. This capability is crucial for identifying complicated laundering approaches that involve diverse accounts, jurisdictions and entities. Studies have also identified how network analytics can enhance the capabilities of AML analysis (Deprez et al. 2026). Criminal organisations mostly do not transact through isolated transactions, as they consider interconnected networks that manage funds through diverse channels. The cruciality of integrated systems is not just focused on AI models, as advanced AML systems are often based on consolidation of data from diverse sources in an integrated risk-management context (Aidoo et al., 2025). Consumer due diligence records, sanction analysis results, adverse media data, and others are also combined for developing more in-depth risk analysis systems. Based on the results of a survey conducted among 850 members of Association of Certified Anti-Money Laundering Specialists by SAS, it is identified that AI and ML adoption is still growing and at a moderate range (SAS, 2025). This is with only 18% reporting having AI/ML solutions in development, 25% still planning to implement AI/ML, and finally 40% showing no adaptation plan (Ross, 2025).
Cooperation between financial institutions and the regulatory authorities is also changing through artificial intelligence and built-in surveillance systems. Historically, suspicious transaction reports were only created following long manual inquiries and this took time to respond to the arising financial crime threats. Nonetheless, Deprez et al. (2026) added that AI-driven surveillance tools can now be used to monitor and report nearly real-time due to continuously analysing transaction behaviour on various channels. Predictive analytics also enhance the above abilities in that it can detect customers or entities that have behavioural resemblance to those customers or entities that have already been identified to have been engaging in money laundering, enabling financial institutions to intervene before such suspicious behaviours begin to take off (Deprez et al., 2026). In the case of multinational organisations like HSBC, integrated monitoring platforms can also help consolidate the information on customers of various business units and jurisdictions to give a global picture of the financial crime risks that may affect the operations of such organisations. This is an enterprise-wide visibility that enhances decision-making and aids in making decisions that are more consistent with international regulations requirements. However, researchers believe that as AI-based monitoring gains popularity, it is necessary to regularly validate models since financial criminals are constantly revising their methods of laundering money to evade automatic detection algorithms (Ridzuan et al., 2024). This means that the financial institutions will have to periodically train ML models with new datasets and typologies of financial crime. Thus, AI-based AML systems can be effective in the long term not only due to the advanced level of technology usage, but also due to the constant regulation, supervision of the work of human analysts and risk management practices that change as new threats in financial crime arise (Deprez et al., 2026).
In this case, HSBC has provided a solid example for wider industry development. After its major regulatory scrutiny in relation to inadequacy in the money laundering case of 2022, it paid nearly $1.9 billion dollars as fine (Ross, 2025). After that, it shifted its focus on investments in data integration, advanced analytics and machine-learning capabilities which are a wider consideration of FCRM approach. These types of approaches are showing a major industrial trend to shift to intelligence-based compliance aspects. The focus has been to enhance the risk assessment analysis while allowing surveillance approaches to operate consistently in global banking environments. Other major companies in this sector have also showcased similar approach adaptations like JPMorgan Chase has focused on expanding its use of AI technologies in various compliance aspects (jpmorgan, 2023). Their approach in this case has also highlighted the use of their Omni-AI platform, which is based on ML and supports AI adaptations for increasing fraud detection (Moran, 2026). These developments are showing how technology adaptations are a major strategic requirement for managing financial crime risks.
[image: ]
[bookmark: _heading=h.homfslow342l][bookmark: _Toc240985284]Figure 2.2: Omni-AI channel overview of JPMorgan Chase
(Source: Moran, 2026)
Regardless of these advancements, the existing studies are also showing various limitations in relation to AI-based AML systems. Like data quality is a major concern with ML models, as they are majorly dependent on data accuracy and consistency. Inadequate quality of consumer records, inconsistency in coding, or hindered information can impact the model outcomes, and the results can become unreliable (Reinhard et al., 2023). Financial companies are operating in a highly regulated situation where accountability and capabilities are crucial. Regulators are thus increasing the expectations for companies to justify the concerns regarding flagged high-risk entities or any suspicious activities. Thus, explainable AI has become a key area of interest in AML context. Bias is another major aspect of analysis in this topic area. Oyeniran et al. (2022) added that machine learning systems are mainly based on historical data that can potentially have bias in previous analysis or decisions for organisational approaches. As a result, if these biases are again repeated in the automated systems, particular consumer groups can again face disproportionate scrutiny while proper risks are not detected. Oko-Odion (2025) had also identified this issue and thus considered human-intervention-related approaches to be a best practice to maintain accountability in fraud detection approaches. In this complete scenario, the adaptability of financial criminals has also developed a major issue. Technology innovation is not only focused on financial institutions, as criminal networks often utilize sophisticated digital tools, emerging financial products, and others to avoid being detected. With time, advancements in detection capabilities in money laundering have also attracted new and advanced techniques of these crimes (Fan et al., 2026). Therefore, the analysis of existing literature is showing that AI should not be considered as a replacing factor of human expertise and only considered as an enhancement approach, highlighting that a hybrid approach will be more effective in this type of situation.
[bookmark: _Toc240985315]2.4 Compliance effectiveness, customer experiences and operational efficiency
The compliance-related effectiveness for anti-money laundering programmes is often analysed through the capability to detect any suspicious approaches while meeting regulatory demands (Aidoo et al., 2025). However, the operational outcomes through compliance measures are also crucial to be analysed.  As time passed, financial companies are facing more issues and concerns regarding increased strictness of AML controls while also ensuring to provide a proper consumer experience and better efficiency. These issues have developed major concerning areas for discussion in professional literature and academic aspects. Regulatory expectations have significantly increased over time, especially after major high-risk financial concerns. For example, financial institutions like HSBC have integrated new and advanced Financial Crime Policies to ensure effective and efficient fraud detections (HSBC, 2026). While new requirements are contributing to strong financial crime control, they are also creating potential for complexities in operational approaches. 
The Global financial crime compliance market also remains high, with a valuation of approximately $28.6 billion in 2025 (Sharma et al., 2026). This also potentially refers to how major international banks are investing a major amount of compliance spending to reduce financial crime-related risks. Yet, these major investments do not always refer to increased protection and ensure guaranteed protection. One of the most prominent approaches undertaken in stricter AML requirements is the consumer onboarding related barriers. Approaches like the KYC (Know Your Customer) process can often require a major amount of documentation, identity verification, and source-of-fund analysis before account opening (Kawamura, 2022). These, regardless of being crucial for ensuring security, can increase the delayed process that develops inconveniences even for legitimate consumers. This type of long onboarding process can develop consumer dissatisfaction, especially when consumers want rapid digital services.  
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[bookmark: _heading=h.wsbikwqsht7b][bookmark: _Toc240985285]Figure 2.3: Financial crime compliance market size
(Source: Sharma et al., 2026)
In the case of international banking groups, which provide crucial services to a diverse population, the differences in regulatory needs can often require these companies to utilize various verification standards. Consumers who are focused on doing cross-border business approaches can thus face repeated requests for periodic reviews, documentation, and more information-needing activities (Kitov and Kartsev, 2025). Regardless of these measures supporting compliance approaches, they can also develop negative perceptions among consumers for the service qualities. Studies have identified how false positives have developed another major operational issue in this case, especially for traditional monitoring systems who often alert users that flag genuine transactions as being suspicious (Oyedokun et al., 2024). This develops the need for compliance teams to allocate major resources for analysing these alerts, developing inefficiencies that can increase a company’s operational costs. These false alerts, if increased, can develop compliance pressure on companies and even negatively impact the consumer relations segment. Studies like the one done by Hanif et al. (2025) have shed light on the concept of proportionality in AML frameworks. In contrast to the utilisation of identical controls for every consumer, risk-based approaches can be beneficial for aligning compliance needs with the analysed risk levels. Low-risk consumers can benefit from simplification of processes, while entities with comparatively higher risks may need major compliance scrutiny. This and the previously identified investments for KYC and other relevant approaches are showing how companies need to have wide operational resources to ensure alignment with compliance contexts.
[bookmark: _heading=h.pqkd2zhodd2s]Technologies are another major influential factor that encourages companies to maintain a balance with their efficiency and compliance alignments.  Automation in verifications, AI-supported consumer verifications, digital onboarding and others have become key for reducing processing times of these companies (Ibiyeye et al., 2025). These also support the company to maintain their alignment with advanced strict regulatory needs and consumer expectations. HSBC’s focus on technological innovations is also shedding light on the industry-based challenges. It is also identified that HSBC has invested in AI utilisation with over 600 use cases as of 2025 (HSBC, 2025). This is in aspects of cyber security, fraud detection and consumer services. These are mainly developed to increase efficiency and reduce unnecessary consumer hindrances in services. Operational efficiency is also influenced through workforce commitments, as major investigating teams for reviewing are crucial for AML systems. These high workplace requirements also create cost pressure and can potentially result in inconsistent decision-making. The wider banking sector is also focused on developing compliance with these approaches that can be effective for the brand itself and even for the consumers. The relation among consumer experience and compliance is not only focused on onboarding approaches, as transaction monitoring approaches, reviewing accounts and additional information requests can also be factors that influence consumer perceptions of the company. Edgars and Benson (2024) identified how managing transparency in AI-based compliance approaches is crucial to showcase accountability. As a result, workflow automations, case-management technologies, and decision-support systems are found to be crucial to ensure transparency and consistency of services. This has, therefore, shown how advancements in technologies can offer crucial opportunities for reduction of barriers, yet regulatory, organisational and behavioural complexities are still not enough to be solutions. Thus, an effective AML framework will need continuous adaptation to meet shifting regulatory needs and not developing pressure on legitimate consumers or the company’s performance.
[bookmark: _Toc240985316]2.5 Advanced technologies, ethical data governance and the future direction of AML systems
The context of financial crime has been going through significant evolution in recent years that is creating barriers to traditional compliance models. Based on the above analysis, it can be identified how various criminal approaches have become more sophisticated, and often difficult to identify, especially through traditional available monitoring models. Recent studies have shifted focus to advanced AML technologies. Yet, there is still a requirement for understanding the best approaches that can balance technological innovation, regulatory need and consumer concerns for accountability, fairness and privacy. In this case, explainable AI use has gained major focus, as while ML can identify patterns that humans may miss, there are still available concerns for transparency in automated decisions (Fernández, 2025). Financial companies need to showcase why a consumer has been identified as high risk or why transactions are triggering alerts. In this case, Black box models can develop issues as the internal logical systems of them are complicated for being interpreted. Based on the evaluation done by Mathew et al. (2025), ways in which explainable AI approaches can improve regulatory confidence by potentially providing understandable reasons behind risk scores have been identified. Therefore, for a global company like HSBC, considering explainable AI aspects can ensure enhancements of existing systems for managing proper balance in consumer trust and regulatory alignment. Furthermore, increasing international collaboration among regulators, financial institutions and technology providers will be essential to strengthen future AML frameworks. Cross-border information sharing, standardised regulatory requirements and secure data exchange mechanisms can improve the identification of complex laundering networks while maintaining compliance with privacy regulations (Fernández, 2025). Such collaborative ecosystems will enhance global resilience against increasingly sophisticated financial crime. 
In addition, the emerging developments of using graph analytics and network intelligence can also be considered. In contrast to traditional transaction monitoring approaches, graph technologies can be utilised to analyse the relations among entities, transactions, and accounts (Ibitola, 2023). This capability is crucial for modern laundering approaches, as they often include complicated networks and no single entities. The network-based approaches are especially beneficial in terms of shedding light on organised criminal groups, trade-based laundering and various beneficial ownership structures. So, graph integration analytics with existing monitoring approaches can allow companies like HSBC to detect risks that can be unseen by human interventions (Karim et al., 2024). Furthermore, digital identity technologies are also becoming crucial in AML contexts. This is mainly as inadequate verification processes can develop potential for fraud and money laundering. Approaches like Customer due Diligence and risk profiling can be especially beneficial and crucial for Risk-based AML approaches (Maheshwari, 2024). Approaches like biometric verification, reusable identity solutions, and others can majorly reduce pressure on companies and increase consumer authentication confidence.  Based on studies, it can be also identified how Digital identity framework approaches can be crucial for better financial integrity in AML contexts (Balani, 2024). Therefore, for HSBC and other similar large banks, better adaptation of trusted digital identity context can improve compliance approaches and consumer trust base.
The rising demand for digital assets has also created more demand for technological innovations. The study of Padalkar (2023) has supported this claim through showing how the development of cryptocurrencies has created new ways for illicit fund transfer, especially across borders. Regardless of blockchain transactions being publicly recorded, the identification of an individual for a particular wallet address is still challenging. This has developed the need for blockchain analytical tools for transaction flow tracing and identifying potential suspicious activities (Oye et al., 2025). Regardless of technological advancements, ethical governance and compliance have become crucial in recent times. This is mainly due to how AML systems are majorly based on data collection at a significant rate. As per Fan et al. (2026), while data access at a major scale can allow to improve detection, it can also majorly increase risks related to data privacy and ethical usage. Therefore, financial companies like HSBC should ensure that data collection approaches are ethical and are aligned with regulatory needs. Privacy-considering technologies can also provide support in this case and allow companies to gain benefits through collective intelligence and not be required to transfer sensitive consumer data directly.  Furthermore, biases in AI-based compliance systems can also become challenging, especially if algorithms are trained through historical datasets that include already biased decisions or segmented information that could have been unintentionally developed (Odilla, 2024).
Due to these, some consumer groups can face unnecessary scrutiny while the main risks remain undetected. Studies have thus also analysed the need for independent model validation and continuous fairness testing (Mazumder, 2026). These approaches can be beneficial to reduce these risks and allow companies to avoid hindering their trust level among consumers. As analysed previously, this situation also highlights the crucial need for ensuring human interventions in decision-making to cross-check AI or automated decisions in AML and improve the efficiency of risk identification. Therefore, the research is showing how successful AML strategies will be mainly based on technological innovation and integrated ecosystems that focus on collaboration, governance and analytics. For HSBC, its future development may thus need wider transformation that is aligned with emerging technologies and even ethical structures, regulatory needs, and organisational capabilities. So, it can be said that the most effective way will need a collaboration of explainable AI, advanced network analytics, and privacy-focused data sharing while allowing human supervision were crucial.
[bookmark: _Toc240985317]2.6 Theoretical framework
For this study, two key theories have been considered that provided beneficial support for the analysis of the development of modern AML and FCRM systems in relation to HSBC.
The Risk-Based Regulation Theory is developed in relation to regulatory governance literature. The concept of this theory is mainly based on targeting the regulations and regulatory efforts on things that can have major risk levels (Bredbenner, 2024). Resources need to be allocated properly based on potential risk needs. It also potentially considers how not every entity, transaction, and products can develop the same risk level for financial crime. In this AML approach, the Risk-based regulation concept supports risk profiling, betterment of due diligence, and proportionate monitoring initiatives. For this research, the Risk-based regulation concept provides a supportive perspective through which HSBC and its changing financial crime framework can be analysed. It supports analysing the shift from traditional rule-based compliance to more intelligence-based approaches, for efficient resource allocation based on risk levels (Mazumder, 2026).
[bookmark: _heading=h.qoso4c2fnhdt][image: ]
[bookmark: _heading=h.6sxzap64lu4q][bookmark: _Toc240985286]Figure 2.4: Technology-Organisation-Environment framework
(Source: Mtebe and Nakaka, 2018, p.3) 
On the other hand, the perspective of the Technology-Organisation-Environment framework is also a crucial theoretical supporting base. Based on the framework, it can be said that technological adaptation is mainly influenced through 3 key factors including technological capabilities, organisational readiness and external environmental pressures (Prakash, 2025). The context of AML, technologies like AI, analytics, and even integrated monitoring play a major role in managing the ecosystems. Organisational factors like governance structures, data quality, expertise and financial resources can also influence the extent of capability adaptations. Finally, external environmental factors like regulatory expectations, competitiveness and emerging crime complexities, as discussed earlier, can impact how AML approaches are adapted in companies (Mazumder, 2026). Therefore, the TOE framework is especially crucial for this study, as it can shed light on how successful technological implementation is not just focused on technical functionalities only. Adapting this concept will allow for understanding how HSBC integrates new technologies in AML, while managing operational and ethical issues in the current regulatory context. These theories are thus providing complementary support for understanding the risk management transformation and technological compliance innovation in relation to HSBC.
[bookmark: _Toc240985318]2.7 Literature gap
Based on the critical literature analysis, it has been analysed that existing literature works have indeed provided wider discussions for AML regulation, AI use, and financial crime-related compliance. Despite these, there are still gaps remaining. For example, existing literature has analysed technology adaptation alone and did not consider how advanced analytical systems are related to wider organisational risk-management approaches. This has created a lack of understanding of how major multinational banks operate technology-driven AML approaches, especially in the global context. Furthermore, most of the existing studies are based on detection performance and not the challenges for implementation (Wronka, 2023). Issues like ethical and governance oversight, operational integrations, and consumer analysis are often overlooked in these studies, regardless of their crucial contribution to the topic context. Furthermore, there is analysis done regarding relation among emerging technologies and responsible data usage, yet it is very diverse and limited. While concerns for algorithm-based bias and privacy are considered in these studies, a gap is identified in analysing how financial institutions can balance innovation with ethical accountability. Taking these into account, this research focuses on HSBC’s contemporary financial crime strategy is still limited. Existing studies are mainly focused on historical compliance issues or wider industry-wide development and not the focused analysis of HSBC. So, this study aims to address these gaps through analysis of technological integration, operational implications and ethical governance in the single case of HSBC.
2.8 Research Questions
● How has HSBC’s AML strategy (FCRM) evolved towards a risk-based approach?
● How is the integration of AI and integrated systems fostering HSBC’s financial crime detection?
● How does HSBC balance compliance with operational efficiency and customer experience?
● What strategic improvements could help HSBC to develop the scalable and ethical AML in improving financial crime risk management?
[bookmark: _Toc240985319]2.9 Summary
This chapter has analysed various existing and crucial literature in relation to contemporary AML and financial crime risk management, with a particular focus on HSBC. The analysis sheds light on the rising crucial need for advanced analytics, integrated monitoring, emerging technologies and others that support financial crime detection. Issues related to compliance effectiveness, consumer experience, and ethical data management have also been highlighted during the analysis. Through the use of relevant theoretical analysis, this chapter has been able to support the findings and showcase how these theories support this research. The gap analysis among existing literature also supported understanding the actual contribution of this research in terms of both practical and academic contexts, while allowing major banks like HSBC to improve their FCRM strategies.


[bookmark: _Toc240985320]Chapter 3: Methodology
[bookmark: _Toc240985321]3.1 Introduction
This chapter has shed light on the chosen methodologies for this study to analyse HSBC's strategy for scaling Anti-Money Laundering and FCRM approaches. The keen focus has been on choosing the most suitable ones through providing justification for all information gathering, selection analysis, and presentation. All methodological decisions have been aligned with the research aim, which is focused on analysing the effectiveness and scalability of AML frameworks, especially in relation to risk-based alignments, technological integration and operational performance. The chapter discussed methods like philosophy, approach, strategy, collection and analysis techniques, while providing an understanding on how validity and reliability were covered while considering the limitations and ethical approaches.
[bookmark: _Toc240985322]3.2 Research onion
The study utilised Saunders’s research onion as a key framework for organisation of the methodology-related choices, especially as the model provided a guided pathway that connected wider philosophical assumptions to the research techniques (Wimalaratne and Kulatunga, 2022).
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[bookmark: _heading=h.fpwobn3x70gg][bookmark: _Toc240985287]Figure 3.1: Saunders’s research onion
(Source: Seuring et al., 2021)
As the outer layer suggests, this study has chosen interpretivism philosophy through a support of organisational approaches and strategic decision-making. As inspired by Seuring et al. (2021), the next layer focused on an inductive approach, ensuring better analysis of patterns and data which are developed from evidence. A qualitative methodological choice was supported through the detailed analysis of AML transformation by aligning the focus towards the HSBC context. The research strategy is based on systematic thematic analysis, with a focus on qualitative data. Also, it is based on a longitudinal perspective, as the used secondary sources were already analysed over an extended period to track changes and developmental trends. As the main basis of the research, secondary data sources were given the main emphasis, with the use of thematic analysis method being responsible for ensuring proper analytical approach.
[bookmark: _Toc240985323]3.3 Research philosophy
Research philosophy is focused on how assumptions are shaped, and knowledge is considered in a study. This research has utilized an interpretivism philosophy to understand how organisations respond to financial crime risks and just not focus on numerical data only. As the adoption of AML strategy is a complicated organizational approach with the influence of regulations, technology changing crime patterns and management decisions, it influences the need for interpretation in the institutional contexts. The interpretivist focus supported the analysis of meanings in reports, regulatory documents and academic discussions. The interpretivism philosophy considered that various stakeholders have different perspectives (Pervin and Mokhtar, 2022). Therefore, understanding the AML development in the banking sector needed major consideration of the context and not just focuses on objective measurements.
[bookmark: _Toc240985324]3.4 Research methodology and approach
Methodological choice determines the complete type of evidence collected to address the research problem, so a qualitative method was adapted for this study as it shed light on organisational approaches, compliance decisions and strategic responses in a bank's financial crime context. This method is chosen mainly for its capability to provide better insights into human behaviour and real-world situations (Usman et al., 2025). Quantitative measurement could not consider the contextual dimensions' association with AML transformation in international operations.
Furthermore, in terms of approach, an inductive research approach guided the analysis with a focus on moving from specific observations to a wider conceptual understanding of the topic (Yuwono and Rachmawati, 2023). An inductive approach had been beneficial as the research focused mainly on analysing AML strategy and identifying patterns and themes in the gathered data. The inductive approach also complemented the interpretivist philosophy through allowing findings to develop from the data.
[bookmark: _Toc240985325]3.5 Research strategy
The research utilised a secondary qualitative strategy, mainly as it allowed for detailed analysis of a contemporary phenomenon in the real-world context (Annamalah, 2024). In this regard, the banking aspect provides a solid base of analysis for its international presence, major investment in compliance systems and availability of highly documented approaches. This aspect provides major data sources on the challenges related to scaling financial crime controls in various regulations. This strategy has, therefore, allowed analysing organisational processes that could not be understood properly through wider industry analysis only. Therefore, a keen focus on a single sector allowed this study to consider contextual factors that influence AML decisions.
[bookmark: _Toc240985326]3.6 Data collection and sampling method
Sources
As identified previously, the study was majorly based on secondary data sets only, so the key data sources were selected from credible academic, professional, and institutional platforms (Chatfield, 2020). The key academic literatures were gained through Google Scholar, which provided access to peer-reviewed journal articles based on AML regulations, financial crime risk management, AI and banking compliance. However, through the use of peer-reviewed academic literature and empirical studies identified through Google Scholar, it has been possible to compare and contrast the existing data regarding the topic. Moreover, the key data sources mainly included annual reports, sustainability reports, investor disclosures, governance statements, and financial crime updates published by the banking sector. 
Sampling
As a means of selecting most suitable data sources, this study has used a purposive sampling approach. This type of sampling allows identification of information that is only relevant to the research objectives (Nyimbili and Nyimbili, 2024). This approach included the selection of sources that had relevance for the topic of this research. As the study needed more focus on gaining data in relation to AML transformation and not wider general banking literature only, this approach supported selection of quality relevant evidence. It ensured only sources capable of addressing the research questions were selected.
Inclusion and Exclusion
The study also set proper inclusion and exclusion criteria to support source selection. The inclusion criteria ensured that chosen documents are directly relevant to AML, FCRM AI in AML, transaction monitoring, risk-based compliance, and/or regulatory governance in AML. The primary inclusion criteria were to choose sources that are focused on AML in the financial sector and provide crucial relevant data for multinational banking compliance. To ensure contemporary relevance, the study selected only materials published from 2022 and onwards, as it allowed considering recent technology adaptations, regulatory expectations and financial crime management approaches. The main prioritization was given to academic publications, official reports and recognised professional sources for their credibility and authority.
In terms of exclusion criteria, sources published before 2022 were excluded unless they provided crucial contextual data for the research. Documents with no relevance to AML factors and publications with no clear authors or reliability evidence were excluded. All publications from blog posts and opinion posts were also excluded, while researchers also ensured to exclude resources with a lack of evidence. Through maintaining these criteria, the study ensured proper reproducibility and was within the research scope (Gusenbauer and Gauster, 2025).
Collection
The collection process included systematic searches through the use of keywords related to HSBC, AML, financial crime risk management, AI, compliance technologies, transaction monitoring, and risk-based practices. All gathered documents were reviewed properly as per the inclusion and exclusion criteria before arranging them for analysis. This structured approach allowed to maintain consistency in the study and ensured alignment with study objectives.
[bookmark: _Toc240985327]3.7 Data analysis methods
All collected data were analysed through a thematic analysis, which focuses on identification, organisation and interpretation of patterns in available qualitative datasets (Kiger and Varpio, 2020). The method was beneficial, as the research focused on understanding the recurring issues and strategic developments in AML frameworks in the banking aspect. It allowed for gaining major datasets and evidence related to meaningful themes linked to research questions. The analytical approach included various stages, with the first stage including repeated analysis of the data to familiarise with them. Crucial statements, recurring patterns, and others were identified and coded. The similar codes were then grouped that formed wider categories. These allowed the development of key themes as per the objectives, like one theme analysed the development of risk-based approaches in HSBC’s compliance frameworks, the other included the AI integration and interconnected monitoring systems. The themes also focused on regulatory compliance and governance approaches while focusing on operational efficiency and consumer experiences. The complete thematic analysis approaches provided the study with the capability to analyse documents in a detailed manner (Kiger and Varpio, 2020). It supported proper analytical structures while ensuring comparative insights were gained among various sources. This allowed us to compare evidence from academic literature, regulatory publications, and corporate reports. Furthermore, thematic analysis was well-aligned with interpretivism as it focused on understanding meaning and patterns that also contradicted analysing through quantification of observations. Use of this method has, therefore, provided a solid base for analysing HSBC’s strategy for scaling AML and financial crime-based risk management.
[bookmark: _Toc240985328]3.8 Validity and reliability
Validity and reliability are crucial, regardless of the qualitative nature of this study. In terms of validity, the findings need to properly showcase the concept that is being analysed (William, 2024). Therefore, to enhance validity, this study has ensured gathering evidence from various credible sources. It also conducted triangulation among various academic literature, regulatory documents, and corporate reports to ensure proper interpretations. While for reliability, Ahmed and Ishtiaq (2021) referred to it to be mainly focused on the consistency of the research process. For this study, it is ensured to use a transparent selection process, clear inclusion criteria and proper systematic analytical approaches to support reliability, as shown in previous sections.
[bookmark: _Toc240985329]3.9 Limitations of the research
Regardless of the potential in these approaches, there are some limitations in the study. For example, the excess focus on secondary data hindered accessing various internal company data that may have provided better insights into AML operations; furthermore, the publicly available data often are reflected in official perspective and thus might not showcase the complete aspects, including challenges faced in implementations. The single focus towards the banking organisation which can also hinder wider generalisation in the banking sector. Furthermore, rapid changes in financial crime approaches, regulations and technology also show that the majority of the findings are based on a specific period due to the lack of longitudinal focus of the research.
[bookmark: _Toc240985330]3.10 Ethical alignments
This research has ensured proper ethical approaches were aligned in the complete research process. As the study was mainly based on secondary publicly available data, there were no risks for human participants thus, the study avoided gathering personal data. The researchers ensured to properly reference and thus acknowledge all gained information to avoid plagiarism and ensure an ethical approach in conducting the research (Ramesh, 2024). All data gained from secondary sources were properly analysed with a focus on avoiding potential misinterpretations. The research also ensured all data were stored in the approved digital systems by the university and used for academic purposes only.
[bookmark: _Toc240985331]3.11 Chapter summary
This chapter has focused on the methodological frameworks adapted for analysing the methodological choices made for analysing the AML and FCRM strategies adopted by HSBC. The chapter identified choices like how interpretivist philosophy, inductive approach and qualitative secondary data collection support systematic thematic analysis. Secondary data were also collected through purposive sampling and analysed via a thematic analysis approach. Measures to support reliability and validity were also identified, yet the limitations related to secondary data were crucial barriers for proper analysis of the topic.



[bookmark: _Toc240985332]Chapter 4: Results and discussion
[bookmark: _Toc240985333]4.1 Introduction
This chapter is focused on analysing the chosen articles in relation to the research aim and questions, which will support in identifying relevant trends and themes. The chapter developed a detailed thematic table to analyse and understand the chosen articles and how they are related to this research. Based on the summaries of the article contents, themes were developed that are integrated as per the research questions developed earlier in the study. The chapter conducted a detailed thematic analysis of the chosen articles to shed light on complete Anti- Money Laundering (AML) and Financial Crime Risk Management (FCRM) aspects that supported a better understanding of how multinational banks like HSBC can manage the risks in the chosen financial crime context. The analysis is then supported through various existing literature to critically understand the approaches in AML and FCRM while aligning with existing theories to solidify the validity of the findings.
[bookmark: _Toc240985334]4.2 Thematic table
[Refer to Appendix 2]
[bookmark: _Toc240985335]4.3 Results through thematic analysis
Based on the analysis in Appendix 2, a detailed thematic analysis of the results is conducted below. 
[bookmark: _Toc240985336]Theme 1: Transformation from rules to risk intelligence, which lead to strategic evolution of HSBC’s AML/FCRM
There has been a time when traditional transaction monitoring systems were focused on fixed thresholds. This, however, led to several cases of false alarms wherein complex criminal networks remained undetected (Singh, 2025). In recent times, modern intelligence-driven frameworks have been designed in a way that addresses these vulnerabilities by increasing the ability to detect true suspicious activities. AML transformation in the banking sector is recognised as the significant example of strategic shifting from a rule-based approach to automated, and AI-driven systems that helps to prevent modern financial crimes. The AML integration aspect in HSBC has shown its move towards FCRM based on risk management principles. This renowned financial institute is observed to be committed to “doing business with customers who meet our strict standards” (HSBC Holdings plc, 2026b). Figure 4.1 revealed that HSBC has taken sharing of data via digital platforms very seriously. It suggests reducing digital footprint and turn on the features of multi-factor authentication (MFA) such that an extra level of security can be added. 
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[bookmark: _heading=h.ba3rozizqle3][bookmark: _Toc240985288]Figure 4.1: Security measures offered by HSBC
(Source: HSBC Holdings plc, 2026b)
However, HSBC's next-generation FCRM model focuses on the risks as per the customers, product and geographical aspects, while empowered by a dynamic assessment, AI-enabled transaction monitoring through the improved governance structure. That's highlighting a substantive step away from traditional AML controls towards intelligence-led compliance. In this regard, the study of Dalla Pellegrina et al. (2023) indicates that risks don't always equal improved accuracy. In this regard, using an empirical study of the Italian AML aspect the study reported after the implementation of the risk-based approach that there is a trade-off between deterrence and reporting accuracy. Furthermore, the results suggest that higher deterrence was associated with more type-I errors (false-positive reporting) and type-II errors were assumed to be less. This means that a risk-based system could help to increase the chances that suspicious activity will be reported but could also result in false positive alerts. This aspect critically concerns positive interpretation of HSBC's transformation, in which Dalla Pellegrina et al. (2023) argued that more risk sensitivity does not necessarily lead to fewer wrong decisions. 
On the other hand, Ogbeide et al. (2025) provided a strong theoretical provocation to understanding HSBC's transition from traditional FCRM to risk-based FCRM merely as a technological or procedural shift. Through evaluating the perspectives of 1,497 risk-assessment experts and interviews with nine practitioners the study has suggested that money-laundering risk-assessment is a judgment-based activity, where organisational set-up, practitioners' perception, uncertainty and biases guides decisions. Regarding the HSBC aspect, although it supports the effective governance culture of the organisation but also increasing concern towards its high dependence on human interpretation which indicates that greater sophistication does not necessarily mean that risk-related decisions will be made. In addition, the influences on expert judgement have also been identified by Ogbeide et al. (2025), which suggests that organisational incentives can affect the understanding of risk intelligence. However, this thought is complementing the perspectives of Dalla Pellegrina et al. (2023) who showed the need to consider the balance between Type-I and Type-II errors in a risk-based AML assessment, further evidence that risk-based AML cannot be assessed only based on its ability to detection or deterrence. Thus, the critical argument highlights the effectiveness of HSBC's FCRM which relies on the quality, independence and governance of human judgement as well as advanced risk analytics. Therefore, the shift towards risk intelligence is showing a wider industry-wide trend in which financial institutions like HSBC are focusing on collaborating on regulatory alignment with proactive risk management. This approach can support better decision-making according to data available while ensuring efficient compliance resource allocation for enhanced financial crime risk detection.
[bookmark: _Toc240985337]Theme 2: Strategic integration of AI-based Intelligence and Enterprise-Wide systems for enhanced level of financial crime detection
The findings from the articles by Sabareesh et al. (2024) and Ghimire (2025) that provided crucial insights on the effectiveness of financial crime detection in relation to AI technologies and various Enterprise-Wide systems that can support financial crime detection in international banks like HSBC. The findings highlighted how the effectiveness of financial crime detection is rising with the dependence on AI integration and wider organisational monitoring systems. The learning gained from both articles has shown how traditional rule-based approaches are becoming inadequate for the advancing level of scale and complicatedness of current financial crimes (Ghimire, 2025). Hence, AI-based systems are offering financial organisations to efficiently adapt and identify potentially suspicious activities in large datasets. Sabareesh et al. (2024) showed that there is a significant need for managing transaction-related frauds through real-time monitoring via extensive datasets and behavioural patterns that traditional models often fail to consider. The study argued that real-time monitoring allows companies to identify potentially suspicious activities rapidly, ensuring a faster risk mitigation approach. The authors also discussed that AI contributes to compliance practices as it can reduce human error risks and enhance responsiveness as per shifting regulatory needs, which can be beneficial for Multinational banks like HSBC and their operations. Thus, AI is identified to be effective enough to improve fraud detection and support a more integrated approach to risk management in banking operations (Sabareesh et al., 2024). On the other hand, Ghimire (2025) focused on the limitations of rule-based AML systems, with a particular consideration of the higher chances of false positives through them. 
The findings showcase deep learning models and ML being effective alternatives, as they can identify potential hidden patterns in transaction information. This is a greater benefit for banks as they will be able to effectively separate suspicious activities from normal customer regular behaviours. In contrast to regular systems, these advanced systems have the capability to learn from historical and new data sets, thus ensuring better adaptability to evolving criminal activities (Sabareesh et al., 2024). Therefore, AI-based anomaly detection can enhance detection accuracy and operational efficiencies for multinational financial institutions.  A detailed analysis of both studies has shown how they have similarly identified the cruciality of behavioural analysis, with Sabareesh et al. (2024) showing AI can analyse consumer data and behaviours to shed light on suspicious aspects, while discussing behavioural analytics, risk scoring and network analysis supporting in-depth consumer activity analysis (Ghimire, 2025). Hence, the findings of both researches are showing that effective financial crime detection needs to consider various intelligence sources, as enterprise-wide visibility can enhance the risk identification capability of these financial institutions. Thus, the critical argument highlights the effectiveness of HSBC’s systems which relies on the quality, independence and governance of human judgement as well as advanced risk analytics. Therefore, the shift towards risk intelligence is showing a wider industry-wide trend in which financial institutions like HSBC are focusing on collaborating on regulatory alignment with proactive risk management. Such practice can facilitate superior decision-making based on available data and efficient resource utilization of compliance to detect more financial crimes (Shirvanporzour, 2025). The findings are consistent and have highlighted that scalability is linked to the concept of system integration, as real-time monitoring, adaptive learning capabilities and automated analytical processes allow banks to process large transaction data sets. This is particularly relevant for major international banks like HSBC due to the high amount of data available, risks of greater financial issues, and operations in diverse regulatory contexts. Therefore, the evidence has showed that strategic integration of AI and enterprise-wide systems can majorly enhance a large financial institution’s capability to identify, analyse and respond to financial crimes.
[bookmark: _Toc240985338]Theme 3: Balancing the Effectiveness of AML by Adhering the Regulation Without Customer Friction
The gathered data regarding the topic have been highlighted that effective AML cannot be measured just by the detection of suspicious transactions. In this regard, it must be judged by the effectiveness of the regulatory controls in place to ensure they would not be disproportionate or prevent disruption to legitimate customers. By evaluating the study of Chitimira and Munedzi (2023), it has been demonstrated that the UK has been moving towards a forward-looking AML regulatory and enforcement approach, with the element of Customer Due Diligence (CDD) playing a major role to fight against money laundering. In addition, the critical standpoint of the paper also reveals vulnerabilities in the excessive dependency on CDD-based controls and highlights the need for continuous improvement of regulatory compliance, rather than just putting more on the verification aspects. This aspect is complementing HSBC's strategic aspect in AML as overly stringent KYC/CDD processes (Kawamura, 2022). Multiple requests for information and strict transactions, however, can cause conflict for legitimate customers especially in international banking which involves diverse jurisdictions. However, regarding HSBC's risk-based principal aspects, which proposes that controls should be proportionate to the customer's risk, meaning that lower-risk customers should have faster, less intrusive processes, while higher-risk customers should be subject to greater levels of due diligence. This strategy offers improved effective regulation and effective equity of service to the customer. 
Furthermore, the rising complexity of global financial services has increased the cruciality for a balance in regulatory obligations and consumer expectations. Financial institutions like HSBC are thus expected to utilize effective AML services while ensuring that consumers can have efficient services and not delays. In relation to this concept, effectiveness is rising the relevancy with providing consumer convenience and ensuring proper compliance, hence, it forces companies to develop monitoring and various due diligence processes that can be aligned with consumer groups and risk profiling. In its turn, the study by Oztas et al. (2024) presents a rather sceptical view on the subject, emphasizing the importance of balancing between regulatory detection and operational proportionality in efficient transaction monitoring. Additional research has found that the large false positive rate of conventional rule-based monitoring is a significant cost/inefficiency driver. This is relevant to HSBC since too many alerts generated will result in compliance resources being used to investigate the legitimate transactions which may cause an unwarranted customer friction. Therefore, measuring the effectiveness of AML should not only be based on the quantity of alerts generated, but on their accuracy, scalability and regulatory appropriateness of the monitoring decisions. The ability to explain and flexibility are two most crucial requirements of future monitoring systems in which the incorporation of AI and ML supplements responsible adherence and decision-making (Oztas et al., 2024). This helps in the capability of HSBC to employ the risk-based approach where the advanced analytics offers more emphasis in the intensive screening on the transactions that are riskier. 
[bookmark: _Toc240985339]Theme 4: Strategies for scalable and ethical AML frameworks through risk-based governance and innovation
In this developed theme, the articles by Shirvanporzour (2025) and Majomi (2022) are corresponding with each other in their arguments and findings indicating that the future of Anti-money laundering systems lies in the technological advancements and governing structures as well. Both articles revealed the application of AI to improve detecting and controlling financial crimes as well as illuminating the scaling effects and the long-term performance through risk-based decision making, ethical alignment, and dynamic governance. These results could be more reconciled with the examples of large international banking organizations such as HSBC in different regulatory frameworks and balancing innovation and responsibility. There is a direct impact on the HSBC technological integration. This is analysed by highlighting how HSBC systems previously identified undiscovered money laundering networks using graph analytics and improving efficiency in KYC compliance (Shirvanporzour, 2025). The author also argued that traditional AML frameworks are not effective in contemporary times, as they are based on static rules and data, hindering better adaptability with time to criminal activities. It can be identified that excess false positives, lack of adaptability, and resource-based investigations are major weaknesses of traditional compliance systems. Thus, Shirvanporzour (2025) showed AI-based risk management as a focus context to enhance detection accuracy, reducing unnecessary alerts and supporting the automation process of compliance. To support this, the author highlighted how HSBC has implemented AI-based AML detection models that allow for reducing 20% of false-positive AML alerts (Majomi , 2022). Yet, the article does not showcase innovation as a key solution, as consideration of data governance, algorithmic transparency, and ethical implications of decision-making automation has also been shown to be critical. This shows how scalable AML frameworks need to be supported via proper governance mechanisms to ensure technological efficiency cannot hinder accountability.
Majomi (2022) also contributed to the analysis through providing a better focus on the governance context. The authors showed that digital financial ecosystems have developed complicated money laundering types that are often challenging to address through single compliance approaches. This develops the need for financial institutions like HSBC to shift the focus from just detection technologies. The proposed analysis by Majomi (2022) has identified collaboration in AI, risk-based governance, regulatory technologies, behavioural monitoring, cyber threat intelligence, blockchain forensic approaches, and company oversight. This wider perspective is showing the cruciality of governance as a key factor in AML effectiveness. Hence, both studies complement the findings, as Shirvanporzour (2025) showed capability of technologies like AI-based systems for major financial institutions and related ethical concerns for their implementation. These capabilities can be included in a company-wide governance framework for better FCRM (Majomi, 2022). These findings have, therefore, been beneficial to support that scalable AML programmes are gained through utilising advanced technologies, like shown for HSBC’s case, and by integrating the technologies into structured processes like regulatory alignment and risk analysis. The findings of Shirvanporzour (2025) provided better focus on transparency, interpretability and regulatory adaptation in technological advancements, while Majomi (2022) highlighted risk-based governance, effective decision-making and company accountability. Thus, for major financial institutions with a keen focus on scalable AML approaches, these findings are supporting their approach through showing that innovation can be supportive for value creation, although support of accountability and adaptive governance is still critical to consider. 
[bookmark: _Toc240985340]4.4 Discussion
The findings related to the first research question of HSBC’s AML strategy have shown that HSBC has enhanced and evolved its strategy from a rule-based compliance model to a risk-based FCRM approach. The literature review identified that traditional controls and one-size fit all monitoring can develop limitations and reduce transparency, in contrast, risk-based FCRM can allow resources to be focused on as per products, consumers, and geographical risks (Parray et al., 2025). In relation to the thematic findings, it can be identified that Dalla Pellegrina et al. (2023) have shown that risk-based approaches can include a risk of not managing a proper balance in deterrence and reporting accuracy, with a focus mainly on Type-I errors and potential false-positive rate increasing. Hence, HSBC’s shift for better risk sensitivity should not be just an enhanced accuracy. This also potentially contrasts with the positive focus in the literature review, in which HSBC's Dynamic Risk Assessment and intelligence-focused decision-making were mainly considered as key evidence for strong risk visibility (Daigle, 2025; HSBC Holdings plc, 2025b). Furthermore, Ogbeide et al. (2025) showed that risk assessment is mainly based on practitioner analysis, uncertainty bias, and organisational arrangements, also supporting the literature’s arguments of how just technology cannot ensure proper FCRM, requiring support for technology development, governance, and even data quality (Ridzuan et al., 2024). The findings can thus be aligned with the Risk-Based Regulation Theory, as HSBC is allocating controls as per various levels of risk and not using them generally (Bredbenner, 2024). The theory is also shedding light on a limitation of proportional risk allocation that can only be effective if the risk judgments are accurate, properly governed, and independent. Therefore, the transformation of HSBC is a strategic progress, and not a complete shift from the challenges of traditional AML. This highlights that HSBC’s shift needs to be analysed based on results and the quality of decisions made.
In relation to the second research question regarding how AI and integrated systems are fostering HSBC’s financial crime detection, the findings often showed alignment with the literature review’s consideration that technological integration is crucial for FCRM scalability. For example, Sabareesh et al. (2024) stated that real-time monitoring, behavioural patterns, and major datasets can enhance the rapidness of suspicious activity identification and reduce the chances of human errors. While Ghimire (2025) showed that there are weaknesses in traditional rule-based AML, especially regarding a high number of false positives, while identifying ML, behavioural analytics, risk scoring, network analysis, and others as alternative models to identify patterns hidden in datasets. These findings are aligned closely with the literature review that sheds light on AI and ML as approaches for major dataset analysis frameworks and shed light on complicated financial laundering patterns (Deprez et al., 2026). The relevance of this context to HSBC is especially strong as the literature identified its partnership with Google and Dynamic Risk Assessment Platforms, which analyses over 1 billion monthly transactions for a significant number of accounts (Daigle, 2025; HSBC Holdings plc, 2025b). Although, the thematic analysis shows that the value of AI is mainly based on integration in the organisational context. On the other hand, Enterprise-wide monitoring allows data from various activities and behaviours to contribute to a wider financial crime risk analysis. Literature findings are also aligned with it, as it showed that advanced AML systems need collaboration of diverse data sources (Aidoo et al., 2025). These findings are aligned with the Technology-Organisation-Environment framework, in which the technology factor is shown through AI, real-time analytics, and machine learning, while organisational factors are shown through integrated monitoring and risk management approaches. The wider regulatory factor also aligns with banks being encouraged to respond rapidly to financial crimes that are rising in terms of complexities. Yet there are also limitations highlighted like data quality, interpretability, changing crime patterns, and model biases, showing that AI can be a major supporting pillar for HSBC’s scaling approach, yet cannot completely replace human considerations.
The third research question focused on how HSBC can balance AML alignments with operational efficiencies and consumer experiences. The critical findings show that effectiveness should not be analysed through suspicious activity detection rates as major controls, and inaccuracy in alerts can hinder consumer services and may develop financial pressures. For example, the cruciality of CDD in the UK’s forward-looking AML regulatory strategy and even showcased potential hindrances that can be developed through major CDD-based control dependency (Chitimira and Munedzi, 2023). This supports existing literature that referred KYC to have considered a wide range of documentation, identity verification and source-of-funds checks, which eventually delay onboarding and create barriers for genuine consumers. Findings of Oztas et al. (2024) is also considered as support, as false positives in transaction monitoring are shown to be a key source of excess cost and inefficiencies. This supports existing literature on false positives being a key issue in compliance resources and a challenge in considering relationship management (Oyedokun et al., 2024). It can also be identified that in both; analysis and literature analysis have supported proportionality as a key approach to address this issue. HSBC’s risk-based approach can allow low-risk consumers to face less detailed processes, while high-risk consumers can face stronger scrutiny. For example, Hanif et al. (2025) have also shown that proportionality allows compliance requirements to be aligned with analysed risks and thus avoid utilising the same control for everyone, and considering previous analysis, AI and automation can also support this balance through reducing unnecessary alerts. Findings from Oztas et al. (2024) have further revealed the need for interpretability (ability to explain) and flexibility, properly aligning with Edgars and Benson (2024) who highlighted the need for transparency in AI-based compliance for better accountability. Hence, according to these findings, it can be said that operational efficiency is aligned with compliance effectiveness, as a scalable focus on AML strategy should enhance decision-making quality and maintain regulatory focus, reducing chances of unnecessary burden on authentic consumers.  
The fourth question considered a keen focus on strategic improvements to support HSBC for a scalable and ethical AML approach for financial risk management. The findings of Shirvanporzour (2025) and Majomi (2022) altogether showed that technological innovation, regardless of being crucial and efficient, needs to align with governance and accountability. Shirvanporzour (2025) specifically showed HSBC's use of AI-based AML and graph analytics that supported a 20% reduction in false-positive alerts, while showing data governance, transparency in algorithms, and ethical-decision-making. With consideration of findings from the study of Majomi (2022), risk-based governance, organisational analysis, collaborative approaches, and blockchain-forensic focuses can be highly beneficial. The findings are also focused on literature discussions on explainable AI, graph or blockchain analytics, privacy, bias, and even digital identity. Based on the literature, explainable AI has the capability to enhance confidence through providing understandable reasons for decisions (Fernández, 2025). On the other hand, it has also been shown that graph-based analysis can provide benefits to identify relationships among accounts, individuals, and transactions (Ibitola, 2023). Based on literature analysis, it can also be said that, regardless of the benefits, AML systems can also develop risks for ethical and or privacy concerns due to major data collection or automation (Fan et al., 2026). Hence, according to the findings, HSBC’s future scaling needs to be focused on collaborating advanced analytics and proper human interactions, aligning with the technology-organisation-Environment framework, as technology capability needs to be aligned with organisational readiness, resources, expertise and governance while adapting to changing regulatory approaches and criminal threats. Therefore, according to the findings, HSBC has made major progress for intelligence-focused FCRM, although to ensure proper scalable AML, it should strictly consider transparency, accountability, accuracy, proportionality, and human interaction in technological approaches.
[bookmark: _Toc240985341]4.5 Chapter Summary
This chapter has shed light on HSBC’s strategy to scale its AML and FCRM through key themes developed from chosen relevant secondary articles. The findings from the thematic analysis and discussion were also compared and analysed to answer the research questions, which shows that HSBC has shifted from a traditional rule-based AML strategy to a risk-focused FCRM approach with a focus on advanced governance and risk assessments. Factors like AI, ML and enterprise-wide monitoring were identified as being crucial for enhancing financial crime detection and scalability. The findings showed the cruciality to balance regulatory compliance and consumer experience, and operational efficiency through proportional risk-based controls. Thus, a focus on collaborating technologies with transparency, accountability, human interaction, and others is crucial for HSBC for its scalable AML focus.


[bookmark: _Toc240985342]Chapter 5: Conclusion and recommendations
[bookmark: _Toc240985343]5.1 Introduction
This chapter sheds light on the key findings gained from the study and its analysis of secondary literature and existing data. Based on the analysis and discussion done, this chapter identifies and discusses the findings in alignment with the research objectives. This supports meeting them through concluding analysis and focuses on the key research aim of the study. The chapter also sheds light on the contribution and limitations of the study while providing recommendations in practical and academic contexts. Based on the analysis, a focus has been given to the opportunities for future research to overcome the limitations of this study and contribute more effectively.
[bookmark: _Toc240985344]5.2 Summarising the key findings
The study has focused on critically analysing HSBC’s strategy in relation to its scaling of Anti-money Laundering and Financial Crime Risk Management, with a keen focus on the advancements it made for the risk-based compliance framework. It also focused on the role of advanced technologies, the balance between compliance and consumer experiences, and future strategic directions. 
[bookmark: _Toc240985345]5.2.1 Shift towards a Risk-based Financial Crime Risk Management framework
The findings, aligned with the first research objectives, showed that HSBC has gone through a major transformation from traditional rule-based compliance approaches to a more intelligence-focused and risk-based approach for financial crime management (HSBC Holdings plc, 2024). This complete shift is showing wider industry movement in which financial companies are focusing on risk sensitivity, targeted allocation of compliance resources, and dynamic monitoring approaches. The findings have specifically led to the conclusion that HSBC’s FCRM framework is based on consumers, geographical risk factors and products, supported through dynamic evaluation models and enhanced governance with AI-based monitoring systems (Parray et al., 2025). Although, the findings highlighted that risk-based approaches should not be considered as effective, as the evidence showed that rising risk sensitivity can develop issues in relation to false positives and even reporting accuracy. Furthermore, risk assessment is mainly based on human interactions and organisational structures. Therefore, HSBC’s evolution for a risk-based model is showing strategic advancements, yet the effectiveness of the transformation is mainly based on the governance, decision-making, and oversight quality. The findings effectively align with the Risk-Based Regulation Theory that focuses on proportional allocation of regulatory efforts in relation to the risk levels (Bredbenner, 2024).
[bookmark: _Toc240985346]5.2.2 Technological stability, Ethical governance and operational balance
Based on the second research objective, the analysis developed a deeper understanding regarding the role of AI and integrated systems for scaling the detection of suspicious activities in HSBC’s global networks. The findings have identified that technological integration has become a key focus for HSBC and its financial crime strategy (Ross, 2025). The traditional rule-based systems were mainly identified in specifics related to the major volume, complexities and sophistication management in contemporary crimes. On the contrary, AI-based monitoring, behavioural analytics, ML, and enterprise-wide monitoring systems provide crucial capabilities that can shed light on hidden patterns, monitoring transactions in real time while analysing vast amounts of data (Deprez et al., 2026). Based on the findings, it is also prominent that AI can contribute positively to adaptability, enhanced responsiveness to emerging risks and increased operational efficiencies. It was also evident that the role of integrated systems was also crucial in allowing information from various organisational functions and activities to contribute to wider financial crime risk assessments. In contrast to technology operating independently, the findings showed that effective detection is based on integration among technological capabilities with organisational approaches (Prakash, 2025). This can be aligned with the application of the Technology-Organisation-Environment framework, as it showcases that effective technological adaptations can be based on technological capabilities and even organisational readiness and environmental factors. HSBC's usage of advanced monitoring systems proves how technology can enhance scalability, yet the findings also showed continuous limitations related to data quality, algorithmic bias, interpretability and shifting crimes over time (Reinhard et al., 2023). Hence, while AI and integrated systems have majorly enhanced HSBC’s capability to identify and respond to suspicious activities, technology is a key support pillar that needs human contributions, governance, and continuous adaptations for being relevant.
[bookmark: _Toc240985347]5.2.3 Compliance and consumer alignment and future strategic aspects 
The third objective aimed at analysing how HSBC balances the strict compliance needs with consumers' experience and operational efficiency. The findings show that AML effectiveness should not be measured just through the amount of suspicious activity reports or alerts generated for transactions, as effective compliance needs proper balance in regulatory obligations and avoidance of excess disruptions for legitimate consumers (Chitimira and Munedzi, 2023). Based on the analysis, it is shown that excess reliance on Customer Due Diligence, know your customer (KYC) requirements, and intensive verification processes can hinder operational effectiveness through increased onboarding times and negatively impact consumer experiences (Kitov and Kartsev, 2025). Furthermore, traditional monitoring systems often develop major false-positive alerts that also result in increased compliance costs and non-required investigations for legitimate transactions. These can eventually hinder the analysis of actual cases while developing hindrances for consumers. These findings also support that HSBC’s risk-based approach offers potential outcomes using controls as per consumer risk profiles (Hanif et al., 2025). With lower-risk consumers, less intrusive monitoring and faster processes can be used, while for high-risk consumers, increased security can be used. The analysis, hence, is showing that advanced analytics and AI-based monitoring can contribute to the reduction of unnecessary alerts and enhanced decision-making quality in companies like HSBC (Edgars and Benson, 2024). Furthermore, in relation to a theoretical perspective, the findings show alignment to the Risk-Based Regulation Theory through showing how proportionality can support compliance effectiveness and consumer fairness.
[bookmark: _Toc240985348]5.2.4 Strategic integration of the emerging technologies and ethical governance 
In relation to the final objective, the study focused on showcasing strategic insights that can support HSBC in the integration of emerging technologies to address the rising sophistication of financial crime risks and maintain ethical data accountability and usage. With the support of the analysis, future AML effectiveness should be based on technological advancements and the development of strong governance structures (Majomi, 2022). Advanced technologies including AI-based analysis, automated monitoring and graph analytics were also identified to be important in proper detection, reduction of false-positives and enhancing compliance focus. However, the evidence from the findings also shows that technological innovations are not effective alone as factors like ethical considerations, algorithmic transparency, data governance and organisational accountability are also crucial, especially in relation to scalable AML frameworks (Shirvanporzour, 2025). It was identified that excess dependence on automated decision-making can raise concerns related to privacy, fairness and transparency, especially when there is a large amount of personal and transactional data. 
Thus, effective technological integration needs governance mechanisms that are effective for accountability and can maintain an innovation focus. These findings also address one of the key gaps identified in the literature regarding the limited understanding of how financial institutions can balance technological innovation and ethical responsibilities through managing challenges in them (Wronka, 2023). The discussion also addresses the issue of a lack of research focusing on technological implementation issues through showing the cruciality of governance, regulatory alignment, and organisational readiness. The findings also support the TOE frameworks, as successful technological implementations need alignment among technological capabilities, governance, and regulatory needs. Therefore, HSBC’s future strategy should be based on enhancing explainable AI, transparency in analytical models, and enhancing data governance approaches to maintain meaningful human contributions (Mathew et al., 2025). Based on the analysis, these measures are potentially capable enough to allow the company to scale AML capabilities and ensure ethical accountability with regulatory compliance in a contemporary complicated environment of financial crimes.
[bookmark: _Toc240985349]5.3 Conclusion of the study
The study has critically analysed HSBC’s strategy to scale its Anti-Money Laundering and Financial Crime Risk Management in an increased level of complicated financial global context. In relation to the findings, it is evident that HSBC has shifted from traditional rule-based compliance approaches to a more sophisticated risk-based framework that mainly focuses on intelligence-based decision-making, targeted monitoring and proportional allocation of compliance resources. This shift shows the rising need for financial companies like HSBC to respond properly to the rapidly rising financial crime threats and ensure proper regulatory alignment in various regional regulatory environments. The study also sheds light on the fact that AI, machine learning, and enterprise-based monitoring systems have become crucial for HSBC's financial crime strategies. This is mainly due to the technology’s capability to enhance scalability through real-time monitoring, behavioural analysis and effective identification of suspicious patterns in various transactional data sets. However, the findings also show that just focusing on technology cannot ensure proper effectiveness, as data quality, model interpretability, governance approaches, and human contributions are still crucial.
Furthermore, the findings concluded that there are concerns regarding the relationship among compliance effectiveness and consumers' experiences. The study found that excessive compliance control and even high false positives can develop operational inefficiencies and barriers for consumers who are identified as low risk. This allows stronger regulatory alignment and reduces unnecessary pressure on lower-risk consumers to enhance operational efficiency. Finally, this study found that future effectiveness of HSBC’s AML strategy is mainly based on its capability to consider technological innovations with better ethical and governance alignments, AI, automated monitoring and advanced analytics provide crucial benefits, however they still need support of explainable responsible data management, transparency and effective organisational oversights.  Hence, the AML scalability context needs a proper balance in technological capability, human contribution, and governance quality are properly considered. Thus, HSBC has shown a strong basis for intelligence-based financial crime management, yet the success is based on managing this balance while adapting to various new financial crime risks and regulatory demands.
[bookmark: _Toc240985350]5.4 Contribution of the study
In terms of contribution, this research makes various crucial academic and even practical contributions regarding the context of Anti-Money Laundering and Financial Crime Risk Management. For example, in relation to the academic perspective, the research contributes to expanding the knowledge base through providing a stronger basis and analysis of HSBC’s current FCRM and AML strategies. As most of the existing literature is based on historical compliance failures, wider industry arguments, or technological development only, this study addressed those gaps through considering the relationship among technological innovation, operational implications, governance structures and ethical analysis in a multinational banking sector. Using Risk-Based Regulation Theory and the Technology-Organisation-Environment framework, this study has developed a major understanding of how risk allocation is done, technological capability is aligned, and organisational readiness can collaboratively impact AML effectiveness. Through a detailed analysis of existing research, the study effectively supported current discussions and shed light on the crucial need for governance quality, accountability, and implementation challenges.
On the other hand, in relation to the practical perspective, the findings provided keen and important analysis for various financial companies that aim to enhance and scale AML programmes in the current complicated regulatory context. The focus of the researchers has been on the cruciality of a collaborative approach for advanced technologies with governance focuses. The research shed light on how risk-based compliance can contribute positively to supporting operational efficiency, resource allocation, and reducing consumer barriers. The findings further highlighted the importance of explainable AI, proper human contribution, and ethical data management that supports accountability in the current automated compliance systems. For banking companies, regulators and compliance entities, this study is providing vast practical insights to balance regulatory needs, innovation and consumer experiences while enhancing financial crime detection capabilities. Therefore, the research is providing a solid framework for financial companies who aim to develop a scalable, ethical and efficient AML strategy for contemporary, complicated crime threats.
[bookmark: _Toc240985351]5.5 Limitations of the study
Regardless of the beneficial sides of the study, there are some limitations that need to be taken into account in future. For example, this study has adopted a qualitative methodology with a basis on secondary available sources, which resulted in the findings to be only supported through previously published academic studies, industry reports, and documents. This resulted in a lack of primary data collecting from HSBC employees, or consumers, or compliance professionals, hindering the capability to gain first-hand data on the company’s practices and decision-making. Furthermore, this research has focused on HSBC as a single case. Yet this approach allowed a better analysis of one major global bank, it also limited generalisability of the findings for other financial companies in other geographic or regulatory contexts. Furthermore, the keen basis on existing literature and publicly available data could not analyse in-depth internal operational issues or confidential strategic practices. Hence. Some aspects of HSBC’s AML framework may remain not covered through this study’s scope. Finally, the rapidly changing context of financial crime, regulatory needs, and technological advancements shows that AML approaches are continuously evolving over time. Thus, some findings of this research can be less applicable as new technologies, crime approaches and regulatory expectations are changing continuously. Regardless of these limitations, this study was able to provide a crucial understanding of current HSBC’s AML and Financial crime risk management approaches while providing potential bases for future similar research in this topic area.
[bookmark: _Toc240985352]5.6 Recommendations for practical and academic context
5.6.1 Enhancing risk analysis and governance accuracy
The findings show that while the shift of HSBC from rule-based compliance to risk intelligence has improved its capability for resource allocation as per consumer, geographic and product risks, the analysis also highlighted that risk-based systems are mainly based on practitioner analysis and can develop issues like false-positives or reporting accuracy issues. Thus, HSBC should enhance its governance analytical review process and staff training to ensure risk analyses are accurate and aligned with company objectives. These improvements can support in increasing the effectiveness of the Risk-Based Regulation approach as it can ensure proportional risk allocation is based on effective decision-making (Dalla Pellegrina et al., 2023; Ogbeide et al., 2025).
[bookmark: _Toc240985353]5.6.2 Technological integration and data quality optimisation
As inspired by the findings of Ghimire (2025), it is recommended that HSBC continue its integration of ML, AI and enterprise-based monitoring systems while ensuring that these technologies are based on organisational practices. The findings showed that AI-based monitoring can contribute to better scalability, suspicious activity detection and behavioural analysis in major transaction datasets. Yet, limitations for data quality, model bias and interpretability are still key concerns. Under such circumstances, HSBC is required to enhance data governance and develop mentoring frameworks that can combine automated analytics with human contributions (Sabareesh et al., 2024).
[bookmark: _Toc240985354]5.6.3 Ethical accountability and tarnsperency management
HSBC should mainly focus on ethical governance and transparency, as the findings showed in context to the views of Shirvanporzour (2025) and Majomi (2022) that scalable AML systems need accountability, and even responsible data management. Therefore, enhancing governance for AI usage, human involvement and transparency should support innovation and regulation alignments.
[bookmark: _Toc240985355]5.6.4 Mitigation of consumer frictions and streamline due diligence
Finally, based on the findings, it is suggested for HSBC to focus on reducing unnecessary customer barriers in its AML processes, as it was shown that excess due diligence, high false positives, and repeated data requests can have negative impact on consumers and even impact operational efficiency (Kitov and Kartsev, 2025). Thus, the company should continue enhancing its proportional risk-based model and use explainable AI for betterment of monitoring and reduce unnecessary alerts. This can contribute to better compliance management and consumer statistics, positively supporting the company’s growth and financial crime management.
[bookmark: _Toc240985356]5.6.5 Advancements of theoretical frameworks in academic researches
From academic perspectives, the findings showed that there is a need for greater theoretical analysis and consideration of technology adaptation, risk-based regulations and governance structures. Future academic works should thus focus on shifting from detection performance analysis and focus on implementation challenges, ethical accountability, organisational readiness and decision-making qualities. The collaborative use of Risk-Based Regulation Theory and the Technology-Organisation-Environment theories was highly crucial to showcase HSBC’s transformations and hence should be explored in more detail in future similar research.
[bookmark: _Toc240985357]5.7 Opportunities for future research
Considering the limitations of this research, any future research should address these through considering primary data collection methods like interviews or others with relevant entities like compliance professionals, banking practitioners, and even regulators. These approaches would be crucial to gaining better insight gaining for organisational decision-making and practical implementation issues. Comparative studies that include various international banks can also enhance the generalisability of their findings. Future research can focus on analysing the long-term effectiveness of emerging technologies like graph analytics, blockchain-based monitoring and even explainable AI in AML framework contexts. Furthermore, studies focusing on ethical governance, consumer perceptions of technology-focused compliance and algorithmic bias can also contribute towards a better understanding of ethical and scalable AML systems.
[bookmark: _Toc240985358]5.8 Summary
This chapter has provided the concluding analysis of the key findings from the study while providing recommendations for future research. The findings highlighted that HSBC has majorly evolved with time to adopt a risk-based and intelligence-based AML framework that is supported through advanced technologies and integrated monitoring. The chapter shed light on the fact that technology, human considerations, and governance should be collaborated for gaining an efficient level of financial crime risk management. The recommendation highlighted enhancement of governance, strengthening AI integrations, reducing consumer barriers and improving ethical alignments in HSBC. The opportunities for future research in relation to this study’s limitations included overcoming the limitations of the current study and supporting continuous development of knowledge. This is especially focusing on primary datasets in relation to responsible and scalable AML approaches in international financial institution context.
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In order for research to result in benefit and minimise risk of harm, it must be conducted ethically. 

The University follows the OECD Frascati manual definition of research activity: “creative work undertaken on a systematic basis in order to increase the stock of knowledge, including knowledge of man, culture and society, and the use of this stock of knowledge to devise new applications”. As such this covers activities undertaken by members of staff, postgraduate research students, and both taught postgraduate and undergraduate students working on dissertations/projects.

The individual undertaking the research activity is known as the “principal researcher”.

This form must be completed and approved prior to undertaking any research activity.

SECTION A: About You (Principal Researcher)
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	Full Name:
	MODHAVADIYA DIPAK MALDE
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SECTION B:  Internal and External Ethical Guidance Materials
	
	Please list the core ethical guidance documents that have been referred to during the completion of this form (including any discipline-specific codes of research ethics, location-specific codes of research ethics, and also any specific ethical guidance relating to the proposed methodology).  Please tick to confirm that your research proposal adheres to these codes and guidelines. You may add rows to this table if needed.
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	UWTSD Research Ethics & Integrity Code of Practice
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	UWTSD Research Data Management Policy
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	A CRITICAL ASSESSMENT OF HSBC’S STRATEGY FORSCALING ANTI-MONEY LAUNDERING (AML) ANDFINANCIAL CRIME RISK MANAGEMENT
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	Proposed start date:
	08/06/2026
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	Introduction to the Research (maximum 300 words in each section)
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· Purpose of Research Activity
· Proposed Research Question
· Aims of Research Activity
· Objectives of Research Activity
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· What the research activity will add to the body of knowledge 
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	Purpose of Research Activity
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	NO
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	Use of a questionnaire or similar research instrument?
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	Investigation of participants involved in illegal activities?
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	Use of procedures that involve deception?
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	Administration of any substance, agent or placebo?
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	Working with live vertebrate animals?
	☐
	· 

	16
	Procedures that may have a negative impact on the environment?
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	Other primary data collection methods. Please indicate the type of data collection method(s) below.
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	Details of any other primary data collection method:



(this box should expand as you type)
	
	



If you have ticked NO to every question then the research activity is (ethically) low risk and you may skip section E and continue to section F.

If YES to any question, then no research activity should be undertaken until full ethical approval has been obtained. 

SECTION E: Intended Participants
	
	Who are the intended participants:
	
YES
	
NO
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	Students or staff at the University?
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	2
	Adults (over the age of 18 and competent to give consent)?
	☐
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	Vulnerable adults?
	☐
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	Children and Young People under the age of 18? (Consent from Parent, Carer or Guardian will be required)
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	Prisoners?
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	Those who could be considered to have a particularly dependent relationship with the investigator or a gatekeeper?
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	People engaged in illegal activities?
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	Others. Please indicate the participants below, and specifically any group who may be unable to give consent.

	☐
	☐

	
	Details of any other participant groups:
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	Participant numbers and source
Provide an estimate of the expected number of participants. How will you identify participants and how will they be recruited? 

	10
	How many participants are expected?

	
(this box should expand as you type)

	11
	Who will the participants be?

	

(this box should expand as you type)

	12
	How will you identify the participants?
	

(this box should expand as you type)




	
	Information for participants:
	
YES
	NO
	
N/A

	13
	Will you describe the main research procedures to participants in advance, so that they are informed about what to expect?
	☐
	☐
	☐

	14
	Will you tell participants that their participation is voluntary?
	☐
	☐
	☐

	15
	Will you obtain written consent for participation?
	☐
	☐
	☐

	16
	Will you explain to participants that refusal to participate in the research will not affect their treatment or education (if relevant)?
	☐
	☐
	☐

	17
	If the research is observational, will you ask participants for their consent to being observed?
	☐
	☐
	☐

	18
	Will you tell participants that they may withdraw from the research at any time and for any reason?
	☐
	☐
	☐

	19
	With questionnaires, will you give participants the option of omitting questions they do not want to answer?
	☐
	☐
	☐

	20
	Will you tell participants that their data will be treated with full confidentiality and that, if published, it will not be identifiable as theirs?
	☐
	☐
	☐

	21
	Will you debrief participants at the end of their participation, in a way appropriate to the type of research undertaken?
	☐
	☐
	☐

	22
	If NOto any of above questions, please give an explanation 

	
	You should be able to tick YES for all of these questions. If not, then explain why not in this box.

(this box should expand as you type)



	
	Information for participants:
	
YES
	NO
	
N/A

	24
	Will participants be paid?
	☐
	☐
	☐

	25
	Is specialist electrical or other equipment to be used with participants?
	☐
	☐
	☐

	26
	Are there any financial or other interests to the investigator or University arising from this study?
	☐
	☐
	☐

	27
	Will the research activity involve deliberately misleading participants in any way, or the partial or full concealment of the specific study aims?
	☐
	☐
	☐

	28
	If YESto any question, please provide full details 

	
	You should be able to tick NO for most of these questions. For any cases that you have ticked YES then provide details in this box. If you are using cameras/voice recorders to record interviews, then please state that in this box.

(this box should expand as you type)



SECTION F: Anticipated Risks

	
	Outline any anticipated risks that may adversely affect any of the participants, the researchers and/or the University, and the steps that will be taken to address them.  

	1
	Risks to participants
For example: sector-specific health & safety, emotional distress, financial disclosure, physical harm, transfer of personal data, sensitive organisational information. If you have identified in section D that there are no participants, then enter N/A and go skip to question 3.

	
	Risk to participants:

N/A

	How you will mitigate the risk to participants:

N/A


	2
	If research activity may include sensitive, embarrassing or upsetting topics (e.g. sexual activity, drug use) or issues likely to disclose information requiring further action (e.g. criminal activity), give details of the procedures to deal with these issues, including any support/advice (e.g. helpline numbers) to be offered to participants. Note that where applicable, consent procedures should make it clear that if something potentially or actually illegal is discovered in the course of a project, it may need to be disclosed to the proper authorities

	
	
This is not a sensitive, embarrassing or upsetting topic that would have required collection of data from human participants. 


	3
	Risks to the investigator
For example: personal health & safety, physical harm, emotional distress, risk of accusation of harm/impropriety, conflict of interest

	
	Risk to the investigator:
The investigator may face some issues due to work pressure, high screen time, or stress due to deadlines. Research bias can also affect the analysis of secondary sources.
	How you will mitigate the risk to the investigator:

A structured timetable will be followed with regular breaks for the investigator in the data collection and analysis process. Regular meetings with supervisors will also support bias reduction.

	4
	University/institutional risks
For example: adverse publicity, financial loss, data protection

	
	Risk to the University:

Inaccurate analysis, inadequate referencing or inadequate use of published materials can affect academic standards and develop reputational concerns.

	How you will mitigate the risk to the University:

The study will follow the University ethics guide, academic integrity needs, and consider the importance of referencing.


	5
	Environmental risks
For example: accidental spillage of pollutants, damage to local ecosystems

	
	Risk to the environment:

Environmental risks are low in this research mainly due to its basis on secondary data only.

	How you will mitigate the risk to environment:

Only electronic documents will be used and stored, and printing will be limited for unnecessary environmental damage.




SECTION G: Feedback, Consent and Confidentiality

If you have identified in section D that there are no participants, then enter skip this section and continue to section H.

	1
	Feedback
What de-briefing and feedback will be provided to participants, how will this be done and when? 

	
	You don’t need to email your participants with your final report. A good alternative is to set up an email address that they will be able to contact for further details or results.

(this box should expand as you type)

	2
	Informed consent
Describe the arrangements to inform potential participants, before providing consent, of what is involved in participating. Describe the arrangements for participants to provide full consent before data collection begins. If gaining consent in this way is inappropriate, explain how consent will be obtained and recorded in accordance with prevailing data protection legislation.

	
	If you are using a paper questionnaire then you should have the participants sign an appropriate consent form. These forms will count as personal data and should be noted as such in section J.
If you are using an online questionnaire, then you should have a screen before the questions start that acts as a consent form, informing participants that by clicking on the NEXT button they are providing consent.

(this box should expand as you type)

	3
	Confidentiality / Anonymity
Set out how anonymity of participants and confidentiality will be ensured in any outputs. If anonymity is not being offered, explain why this is the case. 

	
	Do not collect names unless you really need them. Do not name participants or organisations in any research publications (including the thesis) without their explicit permission.

(this box should expand as you type)



SECTION H: Data Protection and Storage

	
	Does the research activity involve personal data (as defined by the General Data Protection Regulation 2016 “GDPR” and the Data Protection Act 2018 “DPA”)?
	YES
	NO

	1
	“Personal data”means any information relating to an identified or identifiable natural person (‘data subject’). An identifiable natural person is one who can be identified, directly or indirectly, in particular by reference to an identifier such as a name, an identification number, location data, an online identifier or to one or more factors specific to the physical, physiological, genetic, mental, economic, cultural or social identity of that natural person. Any video or audio recordings of participants is considered to be personal data.
	☐
	· 

	
	If YES, provide adescription of the data and explain why this data needs to be collected:

	2
	This includes audio/video data of participants but can also include IP addresses and usernames. Names, addresses and emails also count, as do consent forms.

(this box should expand as you type)

	
	Does it involve special category data (as defined by the GDPR)?
	YES
	NO

	3
	“Special category data” means sensitive personal data consisting of information as to the data subjects’ –
(a) racial or ethnic origin,
(b) political opinions,
(c) religious beliefs or other beliefs of a similar nature,
(d) membership of a trade union (within the meaning of the Trade Union and Labour Relations (Consolidation) Act 1992),
(e) physical or mental health or condition,
(f) sexual life,
(g) genetics,
(h) biometric data (as used for ID purposes),
	
☐
	
· 

	
	If YES, provide adescription of the special category data and explain why this data needs to be collected:

	4
	What counts as ‘sensitive’ will differ between cultures. Any information on behaviour that is not in accordance with cultural norms would count as sensitive personal data.

(this box should expand as you type)



	
	Will data from the research activity (collected data, drafts of the thesis, or materials for publication) be stored in any of the following ways?
	YES
	NO

	5
	Manual files (i.e. in paper form)?
	☐
	☐

	6
	University computers?
	🗸
	☐

	7
	Private company computers?
	☐
	☐

	8
	Home or other personal computers?
	🗸
	☐

	9
	Laptop computers/ CDs/ Portable disk-drives/ memory sticks?
	☐
	☐

	10
	“Cloud” storage or websites?
	☐
	☐

	11
	Other – specify:

	☐
	☐

	12
	For all stored data, explain the measures in place to ensure the security of the data collected, data confidentiality, including details of backup procedures, password protection, encryption, anonymisation and pseudonymisation:

	
	Research documents, notes, records and analysis files will be stored in secured University system with proper password protection. Access will be also limited, with a focus on encrypted backups to reduce risk for data loss or misuse. Due to the use of secondary data only and no involvement with participants, data anonymisation is not required, yet all data will be managed confidentially.




	
	Data Protection

	
	Will the research activity involve any of the following activities:
	YES
	NO

	13
	Electronic transfer of data in any form?
	☐
	· 

	14
	Sharing of data with others at the University outside of the immediate research team?
	☐
	· 

	15
	Sharing of data with other organisations?
	☐
	· 

	16
	Export of data outside the UK or importing of data from outside the UK?
	☐
	· 

	17
	Use of personal addresses, postcodes, faxes, emails or telephone numbers?
	☐
	· 

	18
	Publication of data that might allow identification of individuals?
	☐
	· 

	19
	If YESto any question, please provide full details, explaining how this will be conducted in accordance with the GDPR and Data Protection Act (2018) (and/or any international equivalent):

	
	This includes data such as drafts of your thesis as well as experimental or survey data. An example of suitable text is given below.


(this box should expand as you type)

	20
	List all who will have access to the data generated by the research activity:

	
	Access will be limited to the main researcher and project supervisor. No other individuals will have access to data and data will not be shared with third parties not relevant to the research.


	21
	List who will have control of, and act as custodian(s) for, data generated by the research activity:

	
	The main researcher will have the main control over the research data and will be responsible for organisation, retention, security, and later for disposal of it. Control will be limited to the researcher only, and no other entities will be able to manage the gathered data.


	22
	Give details of data storage arrangements, including security measures in place to protect the data, where data will be stored, how long for, and in what form. 

	
	All data will be stored electronically in only University-approved storage systems with password protection for access. Data will be retained in digital formats, including PDFs and even Word files, with no use of paper unless highly necessary. The data will be stored only for the time of research conduct and as mentioned in university regulations. After the timeline, all data will be securely disposed of to ensure no mishandling or leaks of data. Materials will not be shared with any unauthorised entities or third parties.


	22
	Confirm that you have read the UWTSD guidance on data management (see https://www.uwtsd.ac.uk/library/research-data-management/)
	· 

	23
	Confirm that you are aware that you need to keep all data until after your research has completed or the end of your funding
	· 




SECTION I: Use of AI tools
	Use of generative AI and other AI-based tools
There are a number of ethical issues relating to the use of generative AI and other AI-based tools, including data security, output bias, and output errors. In general you should assume that any generative AI or other AI-based tool that you pay to use is more secure and accurate than one which is free to use.

Will the research use AI tools to do any of the following:
	YES
	NO
	N/A

	1
	Capture data?
	☐
	· ☐
	☐

	2
	Generate and/or edit text?
	☐
	· ☐
	☐

	3
	Generate graphics?
	☐
	· ☐
	☐

	4
	Generate video?
	☐
	· ☐
	☐

	5
	Generate sound/music?
	☐
	· ☐
	☐

	6
	Generate code?
	☐
	· ☐
	☐

	7
	Generate synthetic data?
	☐
	· ☐
	☐

	8
	Analyse data?
	☐
	· ☐
	☐

	9
	Analyse personal or sensitive data?
	☐
	· ☐
	☐

	10
	Classify data?
	☐
	· ☐
	☐

	11
	Do you intend to use the free version of any AI tools?
	☐
	· ☐
	☐

	If you have answered YES to any of questions O1-O11, please provide justification detailing why this is necessary for the research.  

	12
	State which AI tool or tools you will be using, and where they are based (or store their data – you may need to check their webpages or user agreement for this). If you are planning to use Copilot then say if you’re using the UWTSD version of it or the public version. You should also show how you are complying with current UWTSD guidance/policy of the use of AI.

(this box should expand as you type)




SECTION J: Declaration
	
	
	The information which I have provided is correct and complete to the best of my knowledge. I have attempted to identify any risks and issues related to the research activity and acknowledge my obligations and the rights of the participants.

In submitting this application, I hereby confirm that I undertake to ensure that the above-named research activity will meet the University’s Research Ethics and Integrity Code of Practice which is published on the website: https://www.uwtsd.ac.uk/research/research-ethics/

	
	1
	Signature of applicant:
	DIPAK MODHAVADIYA
	Date: 16/07/2026


	2
	Supervisor:
	Shahrukh Irfan
	Date: 27/07/2026

	3
	Signature:
	[image: ]
	







[bookmark: _Toc240985362]Appendix 2: Thematic table (Self-created)
	Name of the articles 
	Original text from the articles
	Summary of the text
	Theme developed

	Dalla Pellegrina, L., Di Maio, G., Masciandaro, D. and Saraceno, M., (2023). Are bankers “crying wolf”? type i, type ii errors and deterrence in anti-money laundering: The italian case. Italian Economic Journal, 9(2), pp.587-615. 

	‘Initially, the AML system followed a rule-based approach. Financial intermediaries and other professionals used a set of standardized criteria (determined by the law and the FIU) to identify suspicious transactions and report them to the FIU. In that system, the role of financial intermediaries and other professionals was relatively passive. A chief problem of the rule-based approach was the high number of STRs erroneously issued by financial intermediaries and professionals. The high incidence of type-I errors (false positives) in the rule-based AML system was considered inefficient because it wasted the FIU’s resources. Moreover, it was ineffective in deterring money laundering and detrimental for intermediaries and professionals (especially from a reputational perspective). However, simply raising the bar by imposing stricter rules and criteria for reporting a transaction as suspicious to the FIU was not a solution. In this regard, false negatives represent an additional problem for AML systems, as decisions to not report potential money-laundering transactions (type-II errors) both dilute deterrence and make the financial system less reliable (Demetis 2010).’ 
“Type-II errors committed on both the first and second levels of the AML system can be detected by the judicial authority. The latter also collects reports on money laundering that come from institutions other than the FIU and from actors other than financial intermediaries and professionals.”
	AML frameworks feature a combination of risk-based and rule-based controls, with a balance between adaptability and regulatory consistency. Their effectiveness relies on having clear internal procedures in place; however, ongoing problems such as human bias, regulatory issues and poor risk cultures can help to destabilise risk assessments and AML decision-making processes. 
	Theme 1

	Ogbeide, H., Thomson, M.E., Gonul, M.S., Onkal, D., Bhowmick, S. and Bello, A.U., (2025). Rethinking Experts’ Perceptions in Money Laundering Risk Assessment: H. Ogbeideet al. European journal on criminal policy and research, 31(4), pp.753-777. 
	‘The literature highlights the pivotal role of internal policies and procedures as control instruments guiding decision-making. For example, research indicates that well-defined and consistently applied policies contribute to standardized decision processes. In practice, many organizations adopt a hybrid approach, integrating both risk-based and rule-based elements to leverage their respective strengths. This strategy allows organizations to be dynamic and adaptable in unpredictable risk environments while maintaining clear rules and procedures in areas requiring consistency and compliance. However, despite the significance of organizational factors in shaping AML experts’ risk estimates, challenges persist. These challenges include addressing human biases, navigating complex regulatory landscapes, and fostering a risk-aware culture.’
	
	

	Sabareesh, R., Pathak, D.N., Ranjan, R., Prasanna, R.D., Shalini, P. and Bellary, E.K., (2024). AI-driven fraud detection in banking: Enhancing transaction security. Journal of Informatics Education and Research, 4(3).
	“More complex credit risk assessment models are made possible by algorithms that can see patterns in massive datasets that people might miss. When it comes to market and liquidity issues, real-time transaction monitoring is absolutely essential for quick risk mitigation. Automating compliance with regulatory norms is another critical function of AI, which helps to decrease human mistakes and assures quick adaptability to changes in regulations.”
“As new technology improvements allow for new risk management tactics, the risk function can make better risk decisions at lower costs. Big data, machine learning, and crowdsourcing are a few examples of potential consequences. A major issue for financial institutions is gaining customer and regulatory support for models that use online behaviour and social data. ”
	The chosen articles are showing that AI-based approaches are effective and can be better integrated with organisational systems, The collaborative approach of anomaly detection, behavioural analytics, monitoring and learning ensures better financial crime detection. 
	Theme 2

	Ghimire, A., (2025). AI-powered anomaly detection for AML compliance in US banking: Enhancing accuracy and reducing false positives. Global Trends in Science and Technology, 1(1), pp.95-120.
	“Real-time AI monitoring, predictive analytics, and federated learning for real collaboration without compromise to data privacy are also future trends of AML. With the integration of AI within regulatory compliant frameworks, US banks are able to improve the AML effectiveness, reduce costs and increase financial security. In the banking world, AI powered AML solutions will transform financial crime prevention, ensuring a more secure, efficient, and compliant banking system.”
“Real-Time Transaction Monitoring and Adaptive Learning: Batch processing for transactions takes place once they occur and become available in AML systems. Through AI, banks are able to monitor real time transactions which helps banks to detect suspicious activities in real time. Key approaches include: Real time analytics analysis of incoming transactions by AI models, identifying anomalies and taking immediate action including freezing funds for further review. These are adaptive learning models: the AI systems learn from new data without using static rules and adjust fraud detection thresholds and hone their accuracy as emerging fraud patterns unfold. It aligns with behavioural profiling in that it monitors customer transaction behaviours over time to detect deviations. Alerts could include wire transfers to offshore accounts that suddenly spike in high value. Real time monitoring helps banks respond quickly to financial criminals and stop illicit fund movements before they gain traction.”
“Explain ability and Model Interpretability: The need for AI-driven AML systems to be explainable has been demanded by the regulators, for example, this also translates into ‘model interpretability’, i.e, it should be clearly comprehensible how each transaction monitoring decision was derived. We also take a look at Explainable AI (XAI) techniques (SHapley Additive Explanations (SHAP) and Local Interpretable Model-Agnostic Explanations (LIME)) that assist compliance teams and regulators to understand the way the AI generated risk assessment. While AI contributes to detecting AML, this element should not work independently. Hence, banks must retain HITL models, where the compliance team is to check AI generated alerts and decide upon suspicious transactions.”
	
	

	Chitimira, H. and Munedzi, S., (2023). An evaluation of customer due diligence and related anti-money laundering measures in the United Kingdom. Journal of Money Laundering Control, 26(7), pp.127-137. 
	“Customer due diligence is at the core of the anti-money laundering measures used internationally. Accordingly, this article discusses the anti-money laundering regulatory approaches that are used to curb money laundering in the UK. The UK adopted a progressive regulatory and enforcement framework to combat money laundering which relies, inter alia, on the use of customer due diligence measures to regulate and curb the occurrence of money laundering activities in its financial institutions and financial markets. However, other regulatory approaches that could have contributed to the effective combating money laundering in the UK will not be explored in detail, as the article is focused on the reliance and use of customer due diligence measures to curb money laundering activities. Accordingly, the strength, flaws and weaknesses of the UK anti-money laundering regulatory and enforcement framework are examined. Lastly, possible recommendations to address such flaws and weaknesses are provided.”
	The studies emphasize the importance of proportionate controls for effective AML. Although the regulatory definition of money laundering under CDD offers a regulatory framework for identifying and preventing money laundering, transaction monitoring has several difficulties such as false positives, advanced laundering methods, and operational inefficiency. Thus, AML frameworks need to be improved to detect the problem with fewer compliance burdens as well as reducing the customer friction. 

	Theme 3

	Oztas, B., Cetinkaya, D., Adedoyin, F., Budka, M., Aksu, G. and Dogan, H., (2024). Transaction monitoring in anti-money laundering: A qualitative analysis and points of view from industry. Future Generation Computer Systems, 159, pp.161-171. 
	“A crucial part of anti-money laundering (AML) operations is transaction monitoring, which involves ongoing financial transaction analysis to spot suspicious activity and report it to higher authorities. Financial institutions face many challenges and complexities in transaction monitoring, including high false positive rates, developing money laundering scenarios, and an effective and efficient detection process. Further research is needed to develop enhanced transaction monitoring approaches to prevent crime more efficiently and ease the challenges financial institutions face.”
	
	

	Shirvanporzour, A., (2025). Artificial intelligence in banking risk management and anti-money laundering: A comprehensive review. Available at SSRN 5161209.
	“The Need for Explainability in AI-driven AML AI-powered AML systems have become increasingly complex, raising concerns about explainability. Traditional rule-based AML systems allowed compliance officers to trace back decisions, but modern AI models, especially deep learning-based models, operate as black boxes, making it difficult to:  Understand why a transaction was flagged as suspicious.  Justify AI-based decisions to financial regulators.  Improve trust in automated compliance solutions. Regulatory Bodies & AI Transparency Regulatory bodies such as:  The European Banking Authority (EBA) The Financial Action Task Force (FATF) Emphasize the need for AI models to be interpretable to ensure compliance with AML laws.”
“Artificial Intelligence (AI) represents a transformative innovation that has profoundly altered the banking landscape in contemporary times, facilitating the development of architectures that enable banks to detect fraud, monitor transactions, and ensure compliance with regulations in a manner that surpasses human capabilities. This potential is realized through the implementation of advanced machine learning, deep learning, and NLP frameworks, which empower financial institutions with the capacity for instantaneous detection of illicit financial activities, enhanced predictive risk analytics, and cost-efficient compliance mechanisms. Collectively, these advancements serve to refine risk management frameworks by enhancing their accuracy and adaptability.”
	These chosen articles are highlighting that sustainable AML transformation ended a collaboration of technological innovations and governance maturities. AI can enhance detection capabilities yet proper risk-based governance approaches ensure structures consistency and ethics. 
	Theme 4

	Majomi, E., (2022). AML compliance frameworks in the age of cyber-enabled laundering: A governance model for detecting digitally disguised financial crime.
	“The establishment of the Financial Action Task Force (FATF) significantly strengthened international AML governance by introducing globally recognised recommendations that promoted regulatory harmonisation, cross-border cooperation, and coordinated enforcement against financial crime. Concurrently, the Basel Committee reinforced prudent banking supervision by emphasising governance, internal controls, and sound risk management practices as essential components of effective AML compliance programmes. These international developments gradually transformed compliance from a legal obligation into a strategic governance function supporting financial integrity and institutional resilience. A major milestone was the adoption of the Risk-Based Approach (RBA), which requires institutions to identify, assess, and mitigate money laundering risks according to customer characteristics, products, delivery channels, and geographical exposure. Consequently, Customer Due Diligence (CDD), Enhanced Due Diligence (EDD), transaction monitoring, and Know Your Customer (KYC) procedures evolved into integrated compliance mechanisms supporting continuous customer verification, beneficial ownership identification, behavioural monitoring, and ongoing risk assessment throughout the customer relationship.”
“Effective governance provides the institutional foundation for controlling cyber-enabled financial crime by integrating regulatory compliance, technological innovation, and organisational resilience within a coordinated decision-making framework. Corporate Governance Theory assigns strategic responsibility to boards and senior management for overseeing compliance, ethical conduct, and enterprise-wide financial crime risk management. Institutional Theory explains how international regulations, supervisory expectations, and industry norms influence organisational behaviour and encourage convergence towards globally accepted AML standards. Enterprise Risk Management provides structured processes for identifying, assessing, mitigating, and monitoring cyber enabled laundering risks across interconnected business operations.”
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