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EXECUTIVE SUMMARY
This report explores the risks and opportunities for Unilever in the adoption of artificial intelligence (AI), from regulatory, data, ethical AI, consumer trust and macroeconomic perspectives. It suggests that governance of AI should be seen as a strategic capability essential for long-term business success, not simply a compliance tool. One insight is the growing differences in regulatory approaches. The United Kingdom follows a "light touch" principles-based approach, while the European Union has a mandatory, risk-based approach under the EU AI Act. This poses compliance challenges for international companies, but also sets the EU framework as an international best practice. Therefore, compliance with EU regulations can minimise regulatory uncertainty and improve market harmonisation. The report highlights governance risks associated with data quality and cross-border data issues, bias and explainability of algorithms. These risks pose not only technical but also ethical and reputational concerns, risking a loss of trust. It emphasises the importance of customer trust, as public awareness of the use of AI and data grows. Lack of transparency and accountability can result in reputational loss and loss of consumer trust. The macroeconomic analysis reveals that ESG, regulatory and investment considerations influence AI strategy. Multilateral institutions highlight the economic opportunities and risks of the misuse of AI, underlining the importance of governance (Schwab, 2023). The report proposes a staggered approach to implementation, including establishing an AI governance committee, implementing explainable AI systems, creating a classification system and publishing a Responsible AI report. Centralised governance, with a Chief AI Ethics Officer, is recommended. In conclusion, the report notes that effective AI governance allows companies to mitigate risks, gain trust, and gain a competitive advantage.
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INTRODUCTION
Introduction Artificial intelligence (AI) is a key enabler of change in the global business landscape, and many multinational companies are already using it to transform their business models, strategies and organisational practices. AI technology is increasingly integrated into key business areas like supply chain management, forecasting, customer analysis and targeted marketing. These solutions help companies manage big data more effectively, and make faster, better-informed decisions. But AI's rapid integration and use poses risks related to data governance, regulatory compliance, ethics and trust (McKinsey, 2024; Brynjolfsson & McAfee, 2017). With the growing sophistication and independence of AI systems, governance has become more critical. AI governance ensures AI systems comply with legal, ethical and organisational guidelines, and are transparent and accountable. Failing to manage AI governance can lead to issues such as algorithmic bias, data privacy issues, unexplainable AI, and reputational harm. Consequently, AI governance is increasingly recognised as a key capability that impacts long-term competitiveness, not just a technical or compliance function (Floridi et al., 2018). This report examines Unilever, a consumer goods company with a global presence and operating in various jurisdictions, including the United Kingdom and Europe. Unilever has adopted AI in its supply chain, digital marketing and development of consumer insights. These tools offer benefits in terms of efficiency and responsiveness to market needs but also pose risks in terms of regulatory compliance and ethical issues, especially surrounding personal data use and algorithmic decision-making. One of the challenges is the lack of consistency in regulation. The UK adopts a principles-based approach where existing regulators apply high-level principles to regulate AI innovation (UK Government, 2023). However, the European Union has a binding regulatory framework in place that applies a risk-based approach to AI systems, and mandates compliance with strict regulations including transparency and penalties for non-compliance (European Parliament, 2024). This poses challenges for multinational companies operating in the UK and EU. This report includes five major areas of analysis: regulatory environment, data governance, ethical AI, customer trust and macroeconomic environment. It considers the interplay of these factors in the risk and opportunity of AI in a global business context. The research adopts established theoretical work, such as the Resource-Based View (Barney, 1991), Stakeholder Theory (Freeman, 1984), Institutional Theory (DiMaggio & Powell, 1983) and Information Ethics (Floridi, 2019). These theories are utilised to provide more than a descriptive analysis and help inform strategic recommendations. The report suggests that AI governance ought to be viewed as a strategic tool for gaining competitive advantage. By embracing governance practices in line with global trends, especially as embodied in the EU AI Act, organisations can build resilience, build trust with stakeholders, and create long-term value.

























MAIN FINDINGS
2.1 Regulatory Analysis UK Vs EU.
Artificial intelligence regulatory environment is becoming more and more decentralized, as the United Kingdom and European Union take opposing strategies that present both opportunities and challenges to multinational organizations. The UK has been seeking to follow a principles based, pro-innovation policy, as detailed in its AI Regulation White Paper, basing its approach on the existing sectoral regulators, such as the Information Commissioners Office and the Competition and Markets Authority, to interpret and apply high-level principles of fairness, transparency, and accountability (UK Government, 2023). This adaptable structure allows quicker technological integration and less instant compliance pressure, but it also brings regulatory insecurity, with companies needing to figure out the changing direction, without a single and identical legal rule.
Conversely, the European Union has established an all-encompassing and legally binding framework by the EU AI Act. The regulation is risk-based and classifies AI systems as prohibited, high-risk, limited-risk and minimal-risk. Strict requirements apply to high-risk systems like systems impacting employment, credit or safety, including conformity assessments, documentation, human oversight, and transparency requirements. Failure to comply may lead to large monetary fines of up to 7% of annual worldwide turnover, which represents a much harsher enforcement regime as compared to the UK (European Parliament, 2024). This method has the benefit of offering certainty and predictability in the law but it makes compliance and operations more complex among companies that have operations in the EU market.
The analysis of these two regimes sheds light on some of the important strategic trade-offs. The UK is flexible and welcomes innovation and experimentation but does not have the legal certainty of long-term planning. On the other hand, the regulatory assurance offered by the EU minimises uncertainties but increases compliance costs, which may slow down innovation. The two systems are also characterised by enforcement mechanisms: whereas EU has centralised, legally binding penalties, UK has decentralised regulators who apply principles across sectors and therefore, there may be inconsistencies in how these are interpreted and applied (European Commission, 2023).
In the case of Unilever, such differences pose serious cross-border operation issues. Being an organization with a widespread presence in both jurisdictions, Unilever should make sure that its AI systems are in line with the EU regulations and are flexible enough to meet the changing regulations in the UK (European Commission, 2020). Such dual compliance requirement adds to the administrative costs, governance structure complexity as well as ongoing monitoring of the regulatory developments (Lacity, & Willcocks, 2018. Furthermore, the presence of discrepancies across jurisdictions may also cause inefficiency when it comes to the implementation of AI systems across the world, especially when data flows and decision-making procedures involve more than one jurisdiction.
These dynamics can be viewed through the prism of the idea of the Brussels Effect. It indicates that strict EU rules tend to become real global norms, with global companies implementing them everywhere to simplify the process and not divide into separate parts (Bradford, 2020). Regarding AI, an extraterritorial nature of the EU AI Act supports this impact because any organisation using AI in the EU marketplace will have to obey it irrespective of its geographic origin.
As an advisor, the best approach towards Unilever is to conform its global AI governance framework to EU regulations. This will help in minimising regulatory risk, simplifying the management of multiple compliance regimes and puts the company in a leading position in the face of the expected tightening of the regulatory regime in other jurisdictions (European Commission, 2020). Although this can be more expensive in the short-term compliance terms, it leads to long-term strategic advantages in creating more legal certainty, stakeholder confidence, and making Unilever a pioneer of responsible AI governance (Unilever, 2023).  
2.2 Data Governance and Risk Management.
One of the pillars of successful AI implementation is data governance because the quality and integrity of the data used to build AI systems are inseparable factors that define the performance, reliability and equity of AI systems (West, 2019). In the case of multinational organisations, the size and complexity of data ecosystems increase the issues of governance, and it is crucial to have the structured oversight of the issues related to compliance, transparency, and operational effectiveness. Lack of data governance does not only compromise AI outputs, but also puts organisations at a great risk of legal, ethical and reputational damages (Mittelstadt et al., 2016).
Maintaining data quality is one of the main issues of AI data governance. The AI systems are dependent on big data that needs to be accurate, complete, and representative. Data of low quality may lead to biased or unreliable results, especially in customer analytics and decision-making, which can adversely affect the results of the business and trust levels among stakeholders (Floridi et al., 2018). In the case of a global organisation like Unilever, there is a strong need to have uniform data quality of various markets and units of operation.
The increased complexity of cross-border data flows also brings about a challenge in governance because multinational firms have to deal with different regulatory needs in different jurisdictions (Manyika et al., 2017). The disparities in the United Kingdom and the European Union in data protection standards and enforcing mechanisms pose operational challenges, especially in the process of transferring personal data between them. It is essential to have effective governance systems and data management guidelines to ensure that data protection laws and regulations are complied with but at the same time, to ensure efficient use of the data (UK Government, 2023).
Other important considerations are consent and privacy management. AI systems often utilize personal data, and how consent is acquired, handled, and enforced is of concern. Regulatory frameworks are placing more and more importance on user rights, such as transparency and control of personal data (Davenport, T.H. & Ronanki, 2018). Lack of compliance in these requirements may result in regulatory fines and a loss of consumer confidence especially in markets where privacy standards are high (European Parliament, 2024).
Another area of concern is effective data lifecycle management which involves data collection, storage, processing and deletion. The absence of definite lifecycle controls leaves organisations vulnerable to retaining redundant or obsolete data, putting them at greater risk of breaches and non-compliance (Van Dijck, 2020). Being responsible in the lifecycle management of data is paramount in reducing risk and alignment with the expectation of regulations.
These issues create great risks especially in the area of non-compliance and misuse of data. The poor governance framework may result in breaches of the data protection laws that will cause both penalties and losses of reputation (Shneiderman, 2022). Also, improper use or interpretation of data in the AI systems may yield detrimental results, supporting prejudices or creating inaccurate information about the business choices (Jobin et al., 2019).
Organisations can use existing models to overcome such risks, one of the models being NIST AI Risk Management Framework that offers a systematic method of identifying, evaluating, and reducing the AI risks. The framework highlights governance, mapping, measurement, and risk management, which organisations need to instil in the entire AI lifecycle accountability and transparency (NIST, 2023). Its use helps in a preventive risk management approach, whereby companies can identify and take preventive measures to prevent situations that may arise before they become critical.
Unilever's AI strategy involves continuous real-time data streams that connect retail, operational and consumer data across the globe. Sales and stock information are used for demand prediction and supply chain management through AI, while external data sources like social media and weather data improve demand sensing (McKinsey, 2024). Operational data is provided by sensors and IoT-enabled assets in factories for real-time monitoring and optimisation (KPMG, 2023). Marketing strategies are also personalised using consumer data. These data streams improve efficiency, but also pose governance issues regarding data quality, international transfers and privacy protection (Mittelstadt et al., 2016).
2.3 Accountability of AI and Algorithms.
With the introduction of artificial intelligence into the organisational decision-making process, one of the most important aspects of governance has become ethical considerations. In addition to technical performance, AI systems should work in a manner that is fair, transparent and accountable (Russell & Norvig, 2021). The inability to deal with these ethical aspects may cause high organisational risks, especially concerning the trust of stakeholders and reputational integrity (Floridi et al., 2018). Ethical AI is not an option anymore: it is a strategic requirement of multinational companies that are implementing AI on a large scale.
Algorithm’s bias is one of the most outstanding ethical risks. AI systems are learning based on historical data, which can be biased towards the current inequalities in society or structure. Consequently, discriminatory results might be achieved with biased datasets, especially in such fields as recruitment, credit evaluation, or targeted marketing (Mittelstadt et al., 2016). One of the most popular examples is the Amazon recruitment algorithm, which has been discovered to discriminate against female candidates because of biased training data, thus resulting in the system being dumped (Dastin, 2018). These instances demonstrate the potential of bias to arise unintentionally and have major ethical and operational implications.
The second critical problem is that the systems of AI lack explainability. Most of the sophisticated AI models and especially those that are founded on machine learning work as black boxes and it is hard to know how decisions are reached 
(Veale & Borgesius, 2021). Such a lack of transparency compromises trust and makes it difficult to comply with regulations, particularly in those jurisdictions that make organisations explain automated decisions (Glikson & Woolley, 2020). Lack of explainability can make organisations hard to identify flaws, mitigating biases, or offer valuable accountability of results.
Lack of accountability also makes ethical governance of AI more difficult. In the conventional decision making one can easily assign responsibility to either individuals or teams. But in the case of AI systems, decisions are frequently spread throughout the data inputs, algorithms and organisational processes and it can be challenging to identify the person to hold responsible in case of errors (Kaplan & Haenlein, 2019). This decentralisation of risk exposes organisations to more risk and regulators and stakeholders are worried about how this is managed and controlled (Jobin et al., 2019).
Information Ethics is an application that can be used to provide a framework to overcome these issues. Information Ethics also focuses on justice, openness, and respect of people in the digital world, and considers data and AI systems to be a subset of an informational ecosystem that has to be responsibly managed (Floridi, 2019). In this respect, organisations should not only follow the rules and regulations as set by law but they also have the moral responsibility to make sure that their AI system does not hurt individuals or the society.
The costs of ethical failures in AI may result in major business consequences, such as reputational harm, consumer mistrust, and monetary losses, especially when it comes to global brands such as Unilever. Organizations can reduce such risks through setting up of systematic AI governance, including the establishment of AI ethics boards to manage decision-making and periodic audits to maintain fairness and ethical standards (UNESCO, 2021). Furthermore, the use of explainable AI (XAI) can improve transparency in AI-driven decisions, which means that organizations will have a better vision of how they use AI systems and be able to justify their use (IBM, 2023). A combination of these measures contribute to a proactive attitude towards ethical AI, minimizing the risk and strengthening the trust and responsibility. Implementing the ethical principles in AI governance, Unilever can not only lessen the harm that the AI may cause, but also enhance its status as a responsible and reputable organisation in the ever-growing AI-driven global economy (Unilever, 2024).
2.4 Customer Confidence and Stakeholder Management.
An essential resource in the adoption and scaling of artificial intelligence is trust, especially when AI systems have a role in the customer decisions. With organisations turning to algorithms based on the data they have to provide personalisation, pricing, and products, the perceived fairness and transparency of these systems has a direct impact on the confidence of the stakeholders (World Economic Forum, 2024). Trust is not merely an ethical issue in AI-driven settings but a factor to determine the ultimate commercial performance, which determines the loyalty of consumers, brand image, marketing competitiveness (Glikson & Woolley, 2020).
The feedback provided by the Edelman Trust Barometer points to the increasing level of concern among the population about the application of the emerging technologies, such as AI (Atanasov, 2026). Consumers are now more conscious of the way their data is gathered and used and demand that organisations should be accountable, transparent and ethically responsible. The uncertainty surrounding the AI decision-making will result in scepticism and opposition especially when the results are not clear or may be biased (Edelman, 2024). In the case of multinational companies, the issue of trust must be preserved through a unified set of standards and clear communication on AI practices, across different markets (Microsoft, 2022).
The Stakeholder Theory makes use of a structured approach to comprehend the impact of AI implementation on various stakeholder groups. In this view, organisations need to strike a balance between the interests of various stakeholders, as opposed to focusing on the short-term shareholder value. In the realm of AI, it means considering that the decisions that algorithms make may have far-reaching consequences on a broad variety of groups, with different expectations and concerns (Zuboff, 2019).
The stakeholder mapping approach identifies four groups of stakeholders that are pertinent in AI governance. To begin with, the consumers are the direct beneficiaries of the AI-based decisions and, especially, they are sensitive to the matters of privacy, fairness, and transparency (CMA, 2023). Even the perception of misuse of information or biased results can very easily undermine the trust and destroy brand perception. Second, regulators have a vital role in defining acceptable practices and imposing compliance, which requires organisations to have accountability and compliance with changing laws. Third, responsible AI practices are becoming a key concern of investors who are paying more attention to environmental, social, and governance (ESG) factors as long-term sustainability indicators and risk management. Lastly, employees are consumers and targets of AI systems with issues of job displacement, fairness and transparency potentially affecting organisational culture and productivity (Freeman, 1984).
Failure to manage stakeholder relationships may be a costly affair especially in regard to loss of trust. Such aspects as absence of transparency and accountability in AI systems reduce the level of confidence among customers, regulators and investors and affect the brand equity of such global brands as Unilever (Varian, 2019). To fight this, companies are advised to undertake proactive measures to build stakeholder confidence, like stringent transparency laws, efficient explanation of AI procedures, and structured stakeholder interaction plans. Organizations can alleviate the problem of trust and create a responsible image in the AI-driven market through encouraging openness and involvement in AI regulation (Gartner, 2023).
2.5 The Macroeconomic and Strategic Context (PESTEL Analysis.
The macroeconomic context of artificial intelligence is becoming more complicated, influenced by a fast development of technologies and the divergence of regulatory strategies used globally. A PESTEL analysis gives a systematic perspective of analysing these external forces and their strategic implications on Unilever, especially with regards to AI governance, risk, and competitiveness (Smith & Shum, 2018).
The main causes of political factors are regulatory fragmentation between jurisdictions. UK remains to pursue a principles-based, flexible approach to regulation, whereas the European Union has a binding framework in the form of the EU AI Act. This split is a mirror of wider geopolitical rivalry in the context of digital sovereignty and data ownership, making it more challenging to multinational companies that conduct operations in a variety of legal jurisdictions (UK Government, 2023; European Parliament, 2024).
Economic issues bring out opportunity and constraint. AI will bring about high productivity and operational efficiency but it will demand a lot of capital investment in data infrastructure, talent acquisition, and compliance systems (Taddeo & Floridi,2018). Increasing inflation and economic uncertainty can decelerate the process of investments, making organisations focus on high-impact AI applications instead of experimental deployments (McKinsey, 2024). Meanwhile, companies that invest wisely in AI governance will tend to realize long-term cost-efficiencies and risk-reductions.
Social factors revolve around raising awareness among the population on AI systems. Consumers are increasingly conscious of the use of algorithms to make decisions, the use of data and ethical considerations (Bughin et al, 2018). Trust has hence become a very important factor in brand value and organisations are expected to be transparent, fair and accountable in the implementation of AI. The Edelman Trust Barometer insights also show a decrease in trust of institutions that cannot handle the emerging technologies in a responsible manner.
Technological factors are marked by fast advances in machine learning, generative AI and explainable AI systems. Though these developments are improving the operational capabilities, they have brought about new governance issues that concern system transparency, model interpretability and cybersecurity threats(ICO, 2020). Organisational needs require constant changes in the technological infrastructure of the organisation to keep the organisation competitive and at the same time to enhance responsible deployment.
With the large energy usage in large-scale AI models, environmental considerations are becoming even more pertinent. ESG issues are putting pressure on companies to make their digital activities more sustainable, such as energy-efficient computer use and responsible data centre utilization. It is expected that sustainability will be a component of AI governance among both investors and regulators.
Legal drivers are characterized by changing regulations like GDPR, UK data protection legislation, and the EU AI Act. The rules place rigid requirements on the use of data, transparency of algorithms and risk management with harsh penalties against violators. The need to comply with the law is thus one of the pillars of any AI strategy conducting business in any international market.
International organisations like the World Economic Forum and the International Monetary Fund highlight that AI will play a major role in driving economic change, as well as posing systemic risks, especially in labour markets and inequality (International Monetary Fund, 2024). Their analyses emphasize that the global governance and responsible innovation are necessary.
Strategically, these macro forces increase the level of competitive pressures. Companies that cannot adjust to regulatory, technological and social demands, will be left behind by more dynamic companies (World Economic Forum, 2023). Hence, the major advisory point is that organisations will have to adjust their AI strategy according to global economic and regulatory changes. In the case of Unilever, it means taking a proactive, globally harmonised governance stance that predicts convergence of regulation, especially to EU standards, whilst keeping operations flexible and stakeholder confidence intact.
2.6. Strategic Framework Integration
The conceptualisation of a successful AI governance plan needs to incorporate developed theoretical frameworks that can transform analytical knowledge into practical suggestions (Simonite, 2020). These frameworks, instead of being abstract notions, are a structured basis to understand how organisations may generate value, react to environmental pressures and mediate between competing stakeholder concerns in the face of AI adoption.
Resource-Based View (RBV) can be used as a critical perspective on the positioning of AI governance as a source of long-term competitive advantage. RBV proposes that valuable, rare, inimitable and non-substitutable organisational capabilities (VRIN) have the potential to bring about long-term performance advantages (Barney, 1991). In this respect, effective AI governance, such as data management, ethical control, and regulatory compliance can be viewed as a strategic resource. In the case of Unilever, investing in a sophisticated infrastructure of governance minimises risk as well as positions the organisation as differentiated due to the increase in trust and reliability in AI-based operations. Such an attitude is in line with the suggestion to make AI governance a strategic capability and not a compliance capability (Sousa e Silva, 2024).
The Institutional Theory also describes the way organisations react to environmental pressures in the environments that they operate in. Regulations, normative pressures (professional standards) and mimetic pressures (practices of competitors) are coercive, normative and mimetic pressures respectively acting upon firms (DiMaggio & Powell, 1983). Considering AI, regulatory frameworks in the UK and the EU can be viewed as coercive forces, whereas industry standards and best practices are used to form the normative expectations. The presence of competitors with modern AI governance systems, introduces the effects of mimetic pressure on other firms to do the same. In the case of Unilever, all these pressures require an active alignment to emerging regulatory and industry requirements which further support the necessity to have a broad-based governance structures.
Stakeholder Theory notes the significance of ensuring that the interests of various stakeholder groups such as consumers, regulators, investors and employees are balanced (Freeman, 1984). The application of AI has a different impact on all these groups and as a result, it may cause conflicts in the areas of innovation, profitability, and ethical responsibility. To ensure that AI systems are transparent, fair and accountable, all organisations need to resolve these competing interests to have effective governance (Stix, 2021). This framework supports the recommendations regarding the stakeholder engagement and trust-building, pointing to the fact that the long-term success will be based on the fact that all major groups will continue to be confident (Vinuesa et al, 2020).
The idea of the Brussels Effect offers the strategic insight on the impact of the European regulation in the world. It implies that strict EU standards tend to be converted into the global standards, since multinationals implement them everywhere to simplify compliance and make things easier (Bradford, 2020). This dynamic is strengthened by the extraterritorial scope of the EU AI Act which is persuading organisations to align their international operations in accordance with EU needs. In the case of Unilever, this reinforces the suggestion to standardise AI governance practice in accordance with EU regulation, which will lead to a decrease in fragmentation and increase in consistency across the markets(ICO,2023).
The synthesis of these frameworks shows that theoretical knowledge can be directly used to make strategic recommendations. Resource-Based View provides a rationale to invest in AI governance as a competitive advantage, Institutional Theory is why it is necessary to react to regulatory and competitive pressures, Stakeholder Theory is why it is essential to ensure trust and equal decision-making, and the Brussels Effect is why it is reasonable to switch to EU standards worldwide. Collectively, these points of view solidify a consistent approach, where AI governance is placed as a source of resilience, trust, and competitive sustainability.
2.7. Implementation Plan
An efficient AI governance model in the case of Unilever should be based on a gradual implementation plan, which gradually develops the capacity, instills responsibility, and provides a credibility level. This makes sure that the governance is no longer internal risk control but a developed mature system of governance and strategy at the organisational level in line with the global expectation of governance, such as the EU AI Act.
Phase 1: Foundation (0–6 months)
The establishment stage involves setting up of the basic governance infrastructure. There should be an AI governance committee that is constituted by senior stakeholders representing legal, data, technology and compliance functions to have cross-functional oversight and accountability.
A system inventory of all AI applications in business units has to be created on an organisation-wide basis to determine all the existing AI applications. This is critical towards visibility and identification of risks. In conjunction with this, a regulatory gap analysis is to evaluate the present practices against UK regulatory expectations, and EU AI Act requirements. An overall review of data audit should be done to check on the data quality, integrity and the compliance preparedness.
Lastly, the roles and responsibility of governance should be clearly spelt out with accountability on the AI risk management, compliance, ethical management.
Phase 2: Build (6–18 months)
Build phase entails instilling governance in operational systems. Explainable AI (XAI) systems ought to be adopted in order to enhance transparency and make AI-driven decisions transparent and explainable, especially when the use of AI is of high impact.
On a regulatory and ethical risk basis, a framework of classification of AI risks needs to be implemented and systems grouped. A separate ethics review committee ought to be created, as well, to screen high-risk AI applications and make sure that they comply with responsible AI principles (OECD, 2023).
Simultaneously, organisation-wide staff training programmes must be established to develop AI literacy and make the staff aware of their governing roles and ethical issues when using AI.
Phase 3: Lead (18–24 months)
The lead stage is concerned with the positioning outside and constant improvement. An open Responsible AI Report ought to be released to show transparency and responsibility, enhancing confidence among the stakeholders.
An active proactive regulatory engagement policy needs to be created in order to keep the continuous communication with the regulators and to make sure that we adapt progressively to the changes in the policy. The introduction of customer trust initiatives is also needed with attention paid to the transparency of AI usage and providing ways of how AI affects decisions.
There should also be external independent reviews to determine the effectiveness of governance and performance which is relative to the industry benchmarking.
Performance and Control
The KPIs have to be measurable to support each stage, including the proportion of AI systems mapped, compliance rates, and the level of training completion, as well as customer trust metrics. They should incorporate cost controls so as to make investments effective and the resources should be prioritised on risk exposure and impact to business.
A senior position should be in charge of overall governance, like a Chief AI Ethics Officer who would coordinate, be accountable, and align AI strategy and organisational goals.

CONCLUSION 
This report explores governance of artificial intelligence (AI) in corporations, with particular attention being given to businesses like Unilever. The study shows that AI governance is not just about regulatory compliance, but also a critical element to achieve long-term prosperity and trust in the business environment. In particular, the report underscores the evolving regulatory framework in the field of AI, pointing to differences between the UK and the European Union. While the UK's more permissive standards stimulate innovation, the EU's comprehensive approach offers guidance on acceptable AI practices,
The regulatory divergence presents a challenge to global corporations, but also provides insights into best practices for AI. The link between regulatory compliance, trust and competitiveness is highlighted; compliance not only meets legal requirements but also builds consumer and investor confidence, as well as government trust. Such adherence promotes transparency and builds trust with stakeholders, essential for brand retention and growth.
And companies are encouraged to adopt ethical AI strategies to mitigate the risk of reputational damage arising from biases, lack of transparency and accountability of AI systems. The report also examines the adoption of AI in relation to regulatory, Environmental, Social and Governance (ESG) differences, technological advances and global investment trends. The World Economic Forum and International Monetary Fund warn of the risks associated with poorly governed AI and the need for robust governance practices.
The key takeaway from this discussion is that companies overlook AI governance as a core element of their strategy at their own peril, as they risk being swarmed by more responsive and compliant rivals. In contrast, firms taking a proactive approach to governance can use it to their advantage, for differentiation and value creation. Compliance with existing standards, such as those inherent in the EU framework, can help reduce uncertainty and ensure operational consistency.
In conclusion, AI governance is a complex area where regulatory standards, ethics and strategic protocols intersect. For firms such as Unilever, active AI governance is not only crucial for avoiding risks but also for gaining a competitive advantage in a complex and AI-powered marketplace. Through a focus on AI governance, companies can address the risks and opportunities presented by AI development and make it a strategic resource for resilience and growth.
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