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AI is rapidly transforming HE by redesigning learning, research, institutional management, and teaching. However, its implementation creates complex ethical, governance, oversight and regulatory challenges. This academic work critically investigates contemporary research on the ethical adoption of AI within English public universities and evaluates how strategic governance can support its responsible implementation. Furthermore, it explores the philosophical assumptions underpinning existing research. The review identified a significant gap in existing scholarship: insufficient empirical and theoretical explanation of how English public universities translate responsible AI principles into institutional-level governance structures and strategic decision-making.  
This coursework employs a systematic literature review of peer-reviewed publications from 2022 to 2026. It uses transparent search criteria and thematic synthesis. The review followed explicit inclusion and exclusion criteria, and the evidence was synthesised through thematic analysis. Therefore, one contemporary study was critically evaluated to examine its ontological, epistemological, methodological, and ethical foundations, showing how research philosophy shapes outcomes and the interpretation of knowledge. 
This review identified four interconnected themes: AI implementation in HE, ethical governance, strategic governance and leadership, and institutional research gaps. The recent literature converges on the importance of transparency, accountability, fairness, and responsible innovation. However, it remains fragmented and predominantly conceptual. Consequently, the literature offers limited guidance on how HEIs can operationalise ethical AI principles through institutional governance and strategic decision-making.  
This academic study contributes by unifying systematic literature synthesis with philosophical and methodological analysis to develop the conceptual foundation for a Strategic Governance Model for English public universities. The originality of the proposed SGM lies in conceptualising ethical AI governance as a dynamic strategic organisational capability, not only an initial regulatory or compliance function, integrating strategic leadership, governance mechanisms, stakeholder participation and responsible AI principles within the distinctive institutional context of English public universities. The proposed model provides more transparent, accountable and strategically sustainable AI adoption. 
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AI is rapidly changing HEIs worldwide, affecting learning, teaching, assessment, and administrative decisions. In England, universities are adopting AI-enabled systems such as automated tools, ML, learning management systems, and predictive analytics. These applications can improve efficiency, academic outcomes, and satisfaction (Chan, 2023; Yusuf et al., 2024; Lee et al., 2024). However, as AI becomes more integrated, the focus is shifting from adopting technology to building the organisational capacity needed to manage these systems responsibly (Oncioiu et al., 2025; Jin et al., 2025; Crompton et al., 2026). 
AI brings many valuable opportunities, but it creates complex ethical, governance, and strategic challenges. Issues like transparency, accountability, algorithmic bias, and academic integrity are now key concerns for university leaders, researchers and experts (Wu et al., 2024; Jiang et al., 2025). The rapid pace of AI adoption outpaces the development of strong governance systems, creating uncertainty about HEI responsibilities and ethical oversight (Bilgin, 2025; Knight et al., 2025). The main research gap is not a lack of responsible AI principles, but a limited understanding of how English public universities implement these principles through governance and decision-making. 
Recent literature positions AI adoption as an organisational governance challenge, not only as a technological transition. AI can improve institutional efficiency and educational practice, but these advantages depend on whether universities manage ethical risks, accountability and stakeholder responsibilities (Bitte and El-Gayar, 2025; Wu et al., 2024). Emerging evidence shows that responsible implementation requires governance across institutional units and clearly defined responsibilities, not isolated policies (Oh and Sanfilippo, 2024; Alfiras et al., 2025). These studies suggest that technological capabilities may enable AI adoption, but governance capability shapes whether it remains responsible and aligned with institutional priorities. The strategic challenge for HEIs is not adopting AI, but governing its use while balancing innovation, ethical responsibilities, and institutional accountability (McDonald et al., 2025; An et al., 2025). 
England provides an appropriate context for examining AI governance, as public universities combine institutional autonomy with substantial regulatory and public accountability. English HEIs must respond to government policy, OfS expectations, data protection requirements, and growing scrutiny of emerging technologies (Office for Students, 2022; 2026). Unlike commercial organisations, universities must balance educational, research, and societal responsibilities alongside organisational performance. These competing obligations create distinctive governance challenges, requiring strategic governance that reconciles AI-enabled innovation with institutional responsibility and ethical accountability. Existing AI governance frameworks provide important principles for risk, transparency and accountability, but they are not designed around the distinctive governance conditions of HE (Department for Science, Innovation and Technology, 2024, 2025). English public universities must protect academic freedom and institutional autonomy while meeting regulatory obligations, safeguarding students, and maintaining public accountability. Generic governance frameworks offer limited guidance on how to reconcile these competing responsibilities in HEI AI decision-making (Nartey, 2024; Mosha et al., 2025; Walhidayah and Surendro, 2025). 
The main purpose of this academic coursework is to critically evaluate contemporary literature on the ethical adoption of AI within English public universities. It examines the philosophical and methodological assumptions underpinning this investigation. This analysis identified theoretical and practical gaps that establish the rationale for developing an evidence-informed SGM for AI implementation.  (Papagiannidis et al., 2025; Wu et al., 2024).  
AI refers to computer-based technologies that can perform tasks associated with human intelligence and decision-making, including learning, reasoning, and pattern recognition (OECD, 2024). It includes ML, predictive analytics, intelligent tutoring systems, and other AI applications. This supports assessment, teaching, research, and HEI administration. AI governance refers to organisational structures, policies and decision-making processes. It ensures AI technologies are implemented ethically, transparently, accountably, and in compliance with legal and institutional requirements (Zawacki-Richter, 2019; Mosha et al., 2026). Strategic governance extends beyond regulatory compliance by aligning AI adoption with institutional objectives, stakeholder interests and long-term organisational sustainability. 
From a business and management perspective, AI adoption is not only a technological innovation but also a strategic organisational challenge. University leaders must manage algorithmic risks while balancing innovation with accountability, regulatory compliance, and stakeholder expectations. AI governance is an important area of management research because it examines whether leadership, governance structures and strategic decision-making influence organisational capability and responsible innovation (Papagiannidis et al., 2025; Wu et al., 2024). 
AI governance is a complex organisational and social phenomenon, requiring attention to the philosophical assumptions that shape its investigation. Critical realism is appropriate because it recognises that governance structures and regulatory pressures have real organisational effects, but their operation is shaped by institutional context and stakeholder interpretation. It supports examination of stakeholder experiences and the underlying mechanisms that may explain why governance practices differ across universities (Fleetwood, 2005; Vincent and Wapshott, 2014). 
The following research and sub-questions guide the proposed research.
 Research question: How do English public universities operationalise ethical AI principles through governance structures and institutional decision-making? 
Sub-questions:
1. What ethical and organisational challenges result from English public universities implementing AI?
2. What formal and informal governance mechanisms are used to address identified challenges? 
3. How do institutional stakeholders interpret the effectiveness and legitimacy of these mechanisms? 
4. What components and relationships should form an evidence-informed strategic governance model? 
Research Objectives
1. To examine current AI governance practices in English public universities.
2. To explore how key stakeholders experience ethical and organisational challenges associated with AI.
3. To identify governance mechanisms supporting responsible AI implementation.
4. To develop and refine an evidence-based strategic governance model.
The research objectives provide a coherent progression from empirical investigation towards theoretical development. They generate empirical evidence on governance practices, stakeholder experiences, and institutional mechanisms that support AI adoption. The last objective synthesises valuable academic findings to develop an evidence-informed strategic governance model that supports the ethical adoption of AI within English public universities. 
[bookmark: _Toc237383374][bookmark: _Toc237384209][bookmark: _Toc237384929][bookmark: _Toc237444951]2. Method for Conducting the Literature Review
This coursework employs a systematic and transparent literature review to critically examine contemporary research on the ethical implementation of AI in English public universities. A systematic approach was selected because it provides a structured, replicable process for identifying, evaluating, and synthesising existing knowledge, reducing bias (Snyder, 2019; Page et al., 2021). This approach provides a rigorous academic foundation for the critical analysis and subsequent development of the proposed SGM. 
[bookmark: _Toc237383375][bookmark: _Toc237384210][bookmark: _Toc237384930][bookmark: _Toc237444952]2.1 Search Strategy 
The literature search used six main academic databases because they provide comprehensive coverage of business, management, governance, education, and AI scholarship while reducing publication bias. These include Scopus, Web of Science, Emerald Insight, ScienceDirect, the UWTSD online library, and Google Scholar. These databases were selected because they provide comprehensive coverage of peer-reviewed literature on business, management, HE, information systems, governance and AI research (Rethlefsen et al., 2021). The search identified 2,580 records (2486 records from six databases and 94 additional records). After removing duplicates and screening titles and abstracts against the predefined eligibility criteria, relevant publications proceeded to full-text assessment. Following full-text eligibility assessment and quality appraisal, 137 studies were included in the final systematic review and thematic synthesis. Appendix E, Table E1 documents the included evidence base. Appendix E, Table E2 presents the 18 excluded studies and the reasons for their exclusion, and Table E3 summarises the corresponding exclusion criteria. Appendix C provides detailed study identification and screening following PRISMA 2020 principles, including search strategies, Boolean search strings, and database information (Page et al., 2021; Rethlefsen et al., 2021). 
[bookmark: _Toc237383376][bookmark: _Toc237384211][bookmark: _Toc237384931][bookmark: _Toc237444953]2.2 Inclusion and Exclusion Criteria 
Established explicit inclusion and exclusion criteria before screening to strengthen methodological consistency (Page et al., 2021). Included studies were published in English, primarily between 2022 and 2026, and directly addressed AI governance, ethical AI, and the strategic governance of AI adoption within HE.  Earlier seminal sources were selectively included, where necessary, to establish the theoretical, philosophical, and methodological foundations of this investigation, rather than to present the contemporary empirical evidence base. Priority was given to peer-reviewed journal articles, while relevant policy and regulatory documents from recognised organisations, including UNESCO, the OECD, the EU and the UK government, were considered. Excluded studies focused on technical AI development without governance implications, research outside relevant educational or organisational contexts, and non-peer-reviewed conference abstracts. Appendix C presents the full inclusion and exclusion criteria. 
The exclusion criteria are studies on technical AI development without governance implications, studies focusing on AI adoption outside educational or organisational contexts, opinions, dissertations, and non-peer-reviewed publications consisting exclusively of conference abstracts (Page et al., 2021). Appendix C presents the completed inclusion and exclusion criteria, while Appendix E (Tables E2 and E3) documents the excluded studies, reasons for exclusion, and corresponding exclusion criteria. 
[bookmark: _Toc237383377][bookmark: _Toc237384212][bookmark: _Toc237384932][bookmark: _Toc237444954]2.3 Quality Appraisal
Assessed the quality and relevance of eligible studies before inclusion in the synthesis. Appraisal focused on the clarity of the research aim, appropriateness of the methodology, transparency of data collection and analysis, relevance to the research question, and acknowledgement of methodological limitations (Aromataris et al., 2024; Hong et al., 2018). The review considered differences in methodological design and evidence quality when interpreting and comparing designs. This supported a more critical synthesis of the literature (Hong et al., 2018).  
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The 137 academic studies included in the final evidence base were analysed using thematic synthesis. All eligible publications were read in full and coded according to recurring concepts, governance mechanisms, ethical issues, and strategic management perspectives. The coding process identified four overarching themes: AI adoption within HE, ethical governance, strategic governance and leadership, and current research gaps (Byrne, 2022; Thomas and Harden, 2008). 
Each study was critically evaluated from a philosophical perspective by examining ontological, epistemological, and methodological assumptions. The review focuses on studies that adopt positivist, interpretivist, or critical realist viewpoints and on how these philosophical positions influence research design, evidence generation, and the interpretation of findings. This philosophical evaluation supports the wider aim of the coursework (Al-Ababneh, 2020; Edwards et al., 2014). It demonstrates the relationship between research philosophy and methodological decision-making. 
[bookmark: _Toc237383379][bookmark: _Toc237384214][bookmark: _Toc237384934][bookmark: _Toc237444956]2.5 Limitations of the Review Approach 
A systematic review enhances transparency and methodological consistency. However, several limitations are known. Restricting the review to English-language publications may have excluded valuable, relevant international research (Page et al., 2021; Morrison et al., 2012). AI's rapid evolution suggests that new studies may be published after this coursework is completed. Moreover, much of the existing literature remains conceptual rather than empirical. The literature provides limited empirical evidence on governance practice within English public universities. Despite these limitations, the systematic methodology provides a robust and transparent foundation for the subsequent philosophical analysis and development of the proposed SGM (Gomes et al., 2025; Jiang and Abdullah, 2026). 
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[bookmark: _Toc237383381][bookmark: _Toc237384216][bookmark: _Toc237384936][bookmark: _Toc237444958]3.1 Theme 1: AI Adoption in HEIs 
Academic interest has grown substantially in recent years. The literature converges on the transformative potential of AI technologies in developing learning experiences. Moreover, it supports personalised education and improves decision-making. AI has significant potential to improve educational efficiency through adaptive learning systems that respond to individual student needs. Furthermore, AI can assist educators by automating routine administrative tasks. This leads to greater focus on pedagogic activities (Zawacki-Richter et al., 2019; Celik et al., 2022). 
However, a critical examination of this literature reveals considerable variation in the assumptions underpinning claims regarding AI effectiveness. Furthermore, many studies adopt a techno-optimistic perspective that assumes technological invention necessarily improves learning and teaching. Selwyn (2022) challenges this position, arguing that educational technologies often reproduce existing inequalities rather than eliminate them. Selwyn argues that technological solutions often ignore broader social, cultural, and institutional factors that shape educational outcomes. This critique highlights a significant weakness in parts of the AI literature: overstating technological benefits while misjudging operational constraints (Selwyn, 2022; Danaher, 2022). 
Despite growing evidence supporting AI implementation, much of the existing empirical research is characterised by methodological limitations. Existing studies provide limited longitudinal evidence of how organisational change and AI governance practices evolve over time. However, many studies rely heavily upon self-reported attitudes towards AI rather than objective measures of governance effectiveness. Moreover, the existing evidence base provides a limited understanding. Institutional responses evolve as AI technologies become embedded within HEIs' operations (Polyportis, 2024; Mosha et al., 2026). 
Furthermore, while various studies report positive outcomes linked with AI implementation, methodological limitations call into question the trustworthiness of these findings. Many investigations rely on small-scale studies conducted within individual institutions, limiting generalisability across HEIs (Bond et al., 2024; Castillo-Martinez et al., 2024). However, evidence suggests AI may offer substantial benefits, as the current knowledge base remains fragmented and insufficiently robust to support universal conclusions about its effectiveness (Ocen et al., 2025; Bitte and El-Gayar, 2025). 
Despite the growing body of research on AI implementation in HEIs, the literature remains characterised by technological determinism. Many empirical studies evaluate whether AI improves efficiency or educational performance. However, it does not focus on the governance structures that manage ethical risk through adoption (Papagiannidis et al., 2025; Wu et al., 2024). Moreover, the study treats technological success as evidence of HEIs' readiness, even though it examines institutional leadership, accountability mechanisms, and decision-making processes only to a limited extent. This imbalance suggests that successful AI implementation cannot be understood solely through technological capability. Furthermore, researchers must evaluate the effectiveness of institutional governance arrangements for responsible adoption (Wu et al., 2024; Tafesse et al., 2026). 
A further limitation of the current literature concerns the philosophical assumptions underpinning AI implementation research. Much empirical evidence adopts a positivist orientation by measuring perceived usefulness, technology acceptance, learning outcomes, and quantitative performance indicators (Chatterjee and Bhattacharjee, 2020; Strzelecki, 2023). These approaches assume that AI adoption represents an objective phenomenon. Researchers can evaluate it independently or within its organisational context. These studies contribute valuable evidence regarding adoption trends. They often overlook the complex institutional and cultural factors that shape how universities interpret, govern, and embed AI (Strzelecki, 2023; Wu et al., 2024). 
By contrast, interpretivist studies argue that successful AI implementation depends on the meaning institutional stakeholders assign to AI rather than on the technology itself. Researchers employing interviews, case studies, and qualitative inquiry demonstrate that organisational culture, leadership priorities, and stakeholder trust significantly influence adoption outcomes (Wu et al., 2024; Tafesse et al., 2026). However, qualitative investigations are often constructed on relatively small samples drawn from individual universities. Therefore, transferability is limited across the broader HE industry (Jiang and Abdullah, 2026; Tafesse et al., 2026). 
Consequently, the literature remains divided between technologically focused investigations seeking measurable outcomes and socially oriented studies examining organisational experiences. Few researchers integrate both perspectives within a single explanatory framework. This methodological fragmentation suggests that AI adoption cannot be understood uniquely in conditions of technological capability. It involves examining governance structures, institutional context, and stakeholder interpretation. These reflections reinforce the need for research that explains the interaction between technological innovation and organisational governance (Papagiannidis et al., 2025; Wu et al., 2024).
Taken together, the literature suggests that AI adoption should be understood as an organisational capability, not only the acquisition of new technology. Technological resources enable universities to introduce AI, but they do not determine whether its use becomes responsible, sustainable or strategically valuable (Mikalef and Gupta, 2021; Ritala et al., 2024). These outcomes depend on leadership, governance structures, organisational learning and the capacity to adapt institutional practices as AI develops. AI capability is closely linked to governance capability, shifting the analysis from what AI can technically achieve to how universities organise and govern its implementation (Wu et al., 2024). 
[bookmark: _Toc237383382][bookmark: _Toc237384217][bookmark: _Toc237384937][bookmark: _Toc237444959]3.2 Theme 2: AI Governance and Strategic Management
Effective AI governance requires integrating technological management with organisational strategy. Their position recommends that governance should not be treated as a compliance function that operates independently of institutional objectives. Moreover, governance mechanisms must align AI implementation with broader organisational values and strategic priorities. This perspective is reinforced by the finding that organisations that achieve the greatest value from AI embed governance structures within strategic decision-making practices (Mikalef and Gupta, 2021; Ritala et al., 2024). 
However, significant disagreements persist regarding the most appropriate governance model. The OECD (2021) advocates principles-based governance, emphasising transparency, fairness, and accountability. In contrast, the EU’s AI Act adopts a risk-based regulatory approach that imposes legal obligations according to the perceived level of AI risk (European Parliament and Council of the European Union, 2024). Veale and Borgesius (2021) argue that highly prescriptive regulation may inhibit innovation. Moreover, proponents contend that stronger regulation is necessary to protect individuals from harmful AI applications. This debate illustrates the fundamental tension between innovation and control that characterises contemporary AI governance discussions (Taeihagh, 2025; Bobula, 2024).
These governance approaches differ theoretically. Principles-based governance emphasises organisational flexibility and ethical judgement. Regulatory models prioritise legal compliance and risk mitigation, but neither approach reflects the organisational complexity of public universities (Wu et al., 2024). Existing governance frameworks are developed for commercial organisations or public administration. This provides limited guidance for HEIs seeking to uphold academic freedom, public accountability, and educational quality. However, HE needs governance models designed specifically for HE, not merely adaptations of existing corporate governance frameworks (Gomes et al., 2025; Walhidayah and Surendro, 2025). 
The OECD, UNESCO, the EU AI Act, and UK approaches differ in their emphasis on principles, ethics, regulatory risks, and innovation (OECD, 2019; UNESCO, 2021). See Appendix C. Collectively, these frameworks provide valuable normative guidance but insufficient operational direction for English public universities (Wu et al., 2024).
The literature reflects differing epistemological positions. Positivist investigations seek measurable relationships between governance structures and organisational performance. This assumes that governance effectiveness can be objectively evaluated using predefined indicators. Interpretivist studies examine how institutional actors construct meanings around AI governance and organisational legitimacy (Williams, 2000; Hay, 2011). These studies generate richer contextual understanding but are frequently criticised for limited generalisability. More recently, several scholars have advocated critical realist perspectives that recognise both an objective organisational culture and external institutional pressures (Fleetwood, 2005; Edwards et al., 2014). 
These methodological and philosophical differences significantly influence research findings. Studies adopting positivist approaches tend to recommend standardised governance frameworks and measurable performance indicators, whereas interpretivist researchers emphasise stakeholder engagement, organisational learning and contextual adaptation (Wu et al., 2024). Finally, the literature needs to establish a coherent governance learning model that integrates regulatory compliance, strategic leadership, and ethical responsibility within public universities (Gomes et al., 2025; Walhidayah and Surendro, 2025). This lack of integration supports the need for an evidence-informed strategic governance model specifically designed for English HEIs. 
The theoretical perspectives explain different dimensions of AI governance but remain insufficient when applied independently. Institutional Theory explains whether universities respond to regulatory, professional, and societal pressures to maintain legitimacy, but it offers less explanation of how governance is operationalised internally (DiMaggio and Powell, 1983). Governance Theory contributes principles of accountability, transparency, oversight and stakeholder participation, but many governance models originate in corporate or public-sector settings, not only HE (Robles and Mallinson, 2023). SMT explains how leadership, organisational capabilities, and institutional objectives shape long-term AI adoption, but pays less attention to AI's ethical implications (Teece et al., 1997). The Responsible AI Framework addresses this limitation through principles such as fairness, transparency, explainability, and human oversight, and provides limited guidance on institutional implementation (Cools, 2026). These limitations indicate that no single theoretical perspective adequately explains responsible AI governance in English public universities. Integrating these perspectives provides the theoretical foundation for the proposed SGM. 
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Ethical concerns are among the most extensively researched dimensions of AI adoption. Among these concerns, algorithmic bias has attracted particular attention. Algorithms frequently reproduce existing social inequalities. They are trained on historical data that contains embedded biases. This shows how ML systems can produce discriminatory outcomes even when developers do not design biased systems (O’Neil, 2016; Mehrabi et al., 2021). 
Bias is not solely a technical problem. Crawford (2021) argues that bias originates in broader social structures, not only in algorithms. From this perspective, technical interventions alone cannot eliminate discrimination because underlying societal inequalities remain embedded within data collection processes (Baker and Hawn, 2022). This argument is particularly relevant within the HE industry, where historic inequalities relating to race, gender, disability, and socioeconomic status may face difficulties in explaining AI-driven decisions affecting students and staff members. The inability to provide meaningful explanations raises important questions regarding accountability and procedural fairness (Crawford, 2021; Baker and Hawn, 2022). 
Transparency presents an additional ethical challenge. Explainable AI has been proposed to address concerns about opaque decision-making processes, but complete transparency is impossible because many ML models are highly complex (Burrell, 2016; Khosravi et al., 2022). Consequently, universities may struggle to explain AI-driven decision-making to learners and staff. The inability to provide meaningful explanations raises important questions regarding accountability and procedural fairness (Akbarighatar, 2025). 
The literature converges on the idea that ethical AI within HEIs is predominantly conceptual rather than empirical. Many ethical principles, including fairness, accountability, and transparency, need to be embedded in a real HEI governance framework. This limits the practical usefulness of existing recommendations (Holmes et al., 2022; Marin, 2025). 
The ethical implementation of AI within English public universities raises numerous interconnected concerns. One of the most prominent issues involves algorithmic fairness. Ethical AI systems should avoid discriminatory outcomes and promote equitable treatment of stakeholders. Achieving fairness remains challenging because various groups may define fairness differently. A predictive analytics system designed to identify students at risk of academic failure may strengthen institutional support mechanisms while reinforcing stereotypes about disadvantaged populations. This tension features the complexity of translating ethical principles into functioning governance practices (Deho et al., 2022; Alfredo et al., 2024).  
Data privacy signifies another ethical challenge. Universities increasingly collect extensive amounts of student data through digital learning platforms, learning analytics applications and attendance monitoring systems. While such data may defend personalised learning interventions, excessive data collection raises concerns regarding surveillance and informed consent. HEIs are becoming increasingly data-intensive environments in which learners have limited control over their personal information. However, critics question whether universities can legitimately claim to be adopting AI ethically without robust mechanisms to protect individual privacy and autonomy (Korir et al., 2022; Yang and Beil, 2024)
These ethical concerns reveal organisational trade-offs, not only problems with universally optimal solutions. The literature broadly supports transparency, accountability, fairness and human oversight. These principles can create competing demands when applied in practice. AI improves efficiency and personalisation while raising surveillance risks. Greater transparency strengthens accountability but may be difficult to achieve with complex AI systems, while stronger regulatory control reduces ethical risk but constrains institutional innovation.  The challenge for HEIs is not simply to adopt ethical principles, but to determine how they make strategic decisions. This highlights a significant weakness in the literature that responsible AI is well established as an ethical aspiration but remains insufficiently developed as an operational governance capability (Herzog and Blank, 2024; Akbarighatar, 2025). 
Furthermore, existing research demonstrates considerable variation in methodological design. Conceptual papers, systematic literature reviews and policy analyses dominate ethical discussions. However, few empirical investigations explore the practical experiences of university leaders, students and academic staff. This imbalance creates an evidence gap regarding how ethical governance functions within everyday institutional practice. As AI technologies continue to evolve, governance arrangements must adapt. This suggests that AI should be understood as a continuous organisational process, not as a fixed regulatory framework. These observations specify that future research should move beyond identifying ethical principles towards investigating how institutions operationalise responsible AI through strategic governance (Lam, 2026; Chavarria et al., 2025). 
[bookmark: _Toc237383384][bookmark: _Toc237384219][bookmark: _Toc237384939][bookmark: _Toc237444961]3.4 Research Gaps and Positioning
[bookmark: _Toc237383385][bookmark: _Toc237384220][bookmark: _Toc237384940][bookmark: _Toc237444962]3.4.1 Research Gaps
Existing research offers limited guidance regarding strategic AI governance, particularly for English public universities. Moreover, many studies discuss ethical principles or regulatory frameworks at a general level without explaining how HEIs can operationalise governance within their complex organisational structures. Furthermore, universities commonly adopt fragmented institutional policies rather than integrated governance strategies that align AI implementation with organisational objectives, public accountability and educational values. Recent studies conclude that HEIs need an institution-wide governance framework that balances innovation with legal and ethical responsibilities (McDonald et al., 2025; Chan et al., 2025). 
Empirical evidence remains limited, as the literature is dominated by conceptual papers and policy analysis, with few studies examining AI governance in HEI practice. Existing case studies are repeatedly conducted within single institutions or specific national contexts, limiting the transferability of findings across the English HEIs (Thaldar et al., 2025; Bacalso et al., 2026). 
Another limitation is fragmented ethical frameworks. Moreover, principles such as fairness, transparency, explainability, accountability and privacy are widely recognised through the literature. These concepts are examined independently rather than as components of an integrated governance system. However, HEIs receive broad ethical guidance but relatively little practical guidance on how to prioritise, monitor, and embed competing ethical principles in institutional decision-making. Recent governance research argues that ethical AI requires coordinated institutional policies supported by governance structures, not isolated guidelines (Britchenko and Lysiak, 2025; Azevedo et al., 2025). 
The review identifies insufficient integration between strategic management and AI governance. Many studies evaluate AI adoption from technological or educational perspectives. Few investigate governance as a strategic capability that supports institutional resilience, risk management, and long-term organisational performance. This separation between strategic management and AI governance matters in English HEIs. HEI leaders must promote innovation, maintain academic integrity, comply with evolving regulations, and protect public trust (Alhumud, 2026; Gagua et al., 2025). 
Stakeholder perspectives remain underrepresented within much of the current literature. Although students, academic staff, professional services, HEI leaders, and external regulators all influence AI governance, research frequently focuses on HEI policies or technological systems. This examines how these diverse stakeholder groups experience governance processes. As responsible AI increasingly depends on transparency, participation, and trust, stakeholder-centred governance requires greater attention to develop governance models that are both ethically and practically applicable (George and Sevak, 2026; Boticario et al., 2023). 
Little research treats AI governance as a dynamic organisational capability. This evolves alongside technological development, regulatory change and stakeholder expectations. Existing literature converges on governance as a static policy framework. This limitation matters for English HEIs, where AI technologies continue to develop faster than institutional governance arrangements. An adaptive governance model that supports responsible innovation is needed to address legal, ethical, and organisational challenges (Harita et al., 2026; Xie and Luo, 2025). See Appendix A for a consolidated synthesis of the principal literature themes.
The main gap is limited understanding of how English public universities operationalise responsible AI principles through governance and strategic decision-making (Gellai, 2023; Akbarighatar, 2025). 
[bookmark: _Toc237383386][bookmark: _Toc237384221][bookmark: _Toc237384941][bookmark: _Toc237444963]3.4.2 Positioning this Research
The identified gap establishes a clear rationale for the present research. It integrates strategic management, AI governance, and responsible innovation within a single conceptual framework tailored to English HEIs. This approach responds directly to the literature's call for institution-specific governance models that balance technological innovation with ethical responsibility, regulatory compliance, and organisational effectiveness (Kasarci et al., 2025; Woodworth and Ballantyne, 2026). 
The proposed research contributes to theory and practice. Theoretically, it extends the AI governance literature by integrating strategic governance, organisational leadership, and ethical AI principles into a coherent governance model informed by a critical realist ontology and an interpretivist epistemology (Birkstedt et al., 2023; Fuchs & Robinson, 2024). From a practical perspective, the research aims to develop a strategic governance model for the ethical implementation of AI to support decision-makers in HEIs in creating a transparent governance structure, strengthening institutional accountability, managing ethical risks and promoting stakeholder trust. By addressing the fragmentation identified in the existing literature, the proposed model provides an evidence-informed framework to support the responsible, sustainable, and ethically governed implementation of AI across English HEIs. 
[bookmark: _Toc237383387][bookmark: _Toc237384222][bookmark: _Toc237384942][bookmark: _Toc237444964]3.4.3 Theoretical Contribution
This study makes a distinct theoretical contribution by integrating governance theory, strategic management, and responsible AI within the context of English public HE. Existing research examines AI governance, ethical AI, and strategic leadership individually. However, this study synthesises these perspectives into a coherent conceptual framework for institutional AI governance (Birkstedt et al., 2023; Papagiannidis et al., 2025). By combining governance theory with strategic management principles, the research conceptualised AI governance as a strategic organisational capability rather than a regulatory or compliance function. Moreover, it extends responsible AI scholarship by demonstrating how ethical principles can be operationalised through governance structures and institutional decision-making (Akbarighatar, 2025). The study contributes contextually by addressing the distinctive governance environment of English public universities, in which institutional autonomy, public accountability, and regulatory oversight pose governance challenges (Office for Students, 2022; 2026). This differs from commercial organisations and other public sector institutions. 
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[bookmark: _Toc237383389][bookmark: _Toc237384224][bookmark: _Toc237384944][bookmark: _Toc237444966]4.1 Overview of the Selected Study 
This academic work analyses the empirical study by Dabis and Csaki (2024) to critically examine the philosophical and methodological foundations of contemporary research on AI governance in HE. The study was selected because it investigates how HEIs respond to the rapid emergence of generative AI through institutional governance, policy development, and strategic decision-making. Many conceptual papers discuss ethical AI in abstract terms, but empirical evidence from university practice is limited, making the study well suited to philosophical and methodological evaluation. 
The study's principal aim is to explore how HEIs develop governance mechanisms to manage the opportunities and risks associated with generative AI. The researchers also examine institutional responses to issues such as academic integrity, ethical responsibility, stakeholder engagement, and organisational preparedness. Rather than evaluating the technical performance of AI systems, the study focuses on governance processes and organisational decision-making, positioning AI adoption as a strategic management challenge rather than merely a technological innovation (Dabis and Csaki, 2024; Barus et al., 2025).   
The study is highly relevant to the present DBA research for several reasons. It examines AI governance in HE, which aligns with this study’s focus on English public universities. It recognises that successful AI adoption depends not only on technological capability but on leadership, governance structures, organisational culture, and stakeholder engagement. These dimensions correspond with the proposed SGM developed in this study (Luo, 2024; Barus et al., 2025).  
However, the study offers beneficial insights into institutional governance.  It primarily analyses current governance efforts rather than proposing an integrated strategic framework to guide HEIs in long-term AI adoption. Moreover, its findings are based on a limited number of institutional cases. This raises questions about their transferability across the wider HE sectors. These limitations make the study suitable for critical philosophical analysis. They also offer an opportunity to evaluate how underlying ontological, epistemological, and methodological assumptions shape knowledge production. Therefore, the coursework provides an appropriate foundation for examining how research philosophy influences both the interpretation of AI governance and the methodological choices in contemporary HE investigations (Dabis and Csaki, 2024; Fuchs and Robinson, 2024).
[bookmark: _Toc237383390][bookmark: _Toc237384225][bookmark: _Toc237384945][bookmark: _Toc237444967]4.2 Ontological and Epistemological Analysis of the Selected Study
The study appears consistent with critical realist ontology and interpretivist epistemology. Identifying these underlying assumptions matters because research philosophy shapes how organisational phenomena are conceptualised, how evidence is interpreted, and what forms of knowledge are considered legitimate (Fuchs and Robinson, 2024; Bobula, 2024). In studies of AI governance, philosophical assumptions matter because it is not only a technical process. Institutional structures, organisational culture, and human agency shape this social process. See Appendix B for comparative evaluation and methodological positioning. 
From an ontological perspective, the study assumes that governance structures exist as objective organisational realities. The study treats institutional policies, leadership arrangements, and regulatory frameworks as relatively stable organisational mechanisms that influence how HEIs implement generative AI. The researchers examine these governance arrangements as real organisational phenomena while recognising that institutional actors interpret them subjectively. This reflects a critical realist understanding that organisational structures exist independently of individual actors, while acknowledging that their effects are mediated through social interaction (Fuchs and Robinson, 2024; Dabis and Csaki, 2024). 
However, the study recognises that governance cannot be understood solely through formal organisational structures.  Participants illustrate AI governance differently depending on their institutional roles, professional experience and organisational context. Senior leaders interpret governance challenges through a strategic management lens. Moreover, policy documents emphasise compliance, accountability and institutional responsibility (Dabis and Csaki, 2024). These numerous interpretations suggest that governance outcomes emerge through interactions between objective institutional mechanisms and subjective human understanding. It accepts an external reality. Therefore, it recognises that knowledge of this reality is always incomplete and socially mediated (Fuchs and Robinson, 2024; Haigh et al., 2019). 
This ontological position suits research examining AI governance within HE. Universities operate within distinct institutional environments influenced by legislation, public accountability, academic values and organisational culture. Moreover, governance cannot be reduced to objective rules or individual perceptions. Furthermore, governance develops through long-term interaction between institutional structures and stakeholder behaviour. The study successfully captures this complexity by recognising that organisational responses to AI are constrained by external regulations and influenced by internal decision-making processes (Bhattarai et al., 2025; Dabis and Csaki, 2024). 
However, the study’s ontological position presents limitations. By focusing on institutional governance arrangements, the research has paid little attention to broader structural influences, such as national political priorities, funding regimes, or international developments in AI regulation. These external mechanisms shape HEIs' governance but remain largely implicit within the analysis (Temper et al., 2025; Dabis and Csaki, 2024). A stronger critical realist approach would explore how broader social, political, and technological structures interact with institutional decision-making to shape governance outcomes.
Epistemologically, Dabis and Csaki (2024) adopt an interpretivist position. This approach seeks to understand how HEI leaders make sense of AI governance rather than establish universal causal relationships. Knowledge is generated through participants’ experiences, reflections and interpretations rather than through quantitative measurements. Semi-structured interviews allow respondents to explain how they experience governance challenges within their own institutions. This enables the researchers to explore issues that would be difficult to capture through standardised surveys or experimental methods (Whittle and Reissner, 2025; Schaffer, 2023). 
This interpretivist orientation is evident throughout the study (Dabis & Csaki, 2024). Rather than measuring governance effectiveness using predefined performance indicators, the researchers examine how institutional actors understand concepts such as ethical responsibility, organisational readiness and responsible innovation. The emphasis is therefore placed on meaning-making rather than prediction. This approach acknowledges that governance is socially constructed through organisational practices and cannot be fully understood independently of its institutional context (Al-Ababneh, 2020; Alfiras et al., 2025).
The interpretivist epistemology adopted by the study provides rich contextual understanding but inevitably limits the generalisability of its findings. Participants' experiences are shaped by their universities, organisational cultures, and governance arrangements. This makes it difficult to assume that similar conclusions would apply across all HEIs. This limitation is recognised within qualitative research, where the objective is analytical depth rather than statistical representativeness (Stalmeijer et al., 2024; Drisko, 2025; Dabis and Csaki, 2024).  
The philosophical assumption underpinning Dabis and Csaki (2024) broadly aligns with the present DBA research. It recognises AI governance as a socially embedded organisational phenomenon. However, the current research extends the prior study by adopting an explicitly articulated critical-realist philosophical position. While retaining an interpretivist approach to understanding stakeholder experiences, this research places greater emphasis on identifying the underlying organisational mechanisms, governance structures and institutional conditions that shape ethical AI implementation within English public universities (Fuchs and Robinson, 2024; Mercier et al., 2023). This philosophical integration provides a stronger foundation for developing the proposed SGM. It seeks not only to interpret governance practices but to explain why they emerge and how to strengthen them to support responsible AI adoption. 
Alternative philosophical positions offer a useful but less complete foundation for this investigation. Positivism supports measuring governance structures, AI adoption rates, and organisational outcomes, but its emphasis on observable, measurable relationships may overlook how institutional context and stakeholder interpretation shape governance practice. Pragmatism offers a credible alternative because it prioritises the research problem and allows multiple methods (Feilzer, 2023; Dabis and Csaki, 2024). However, its methodological flexibility offers less explanatory emphasis on the underlying organisational mechanisms that generate governance outcomes (Hampson and McKinley, 2023; Gobo, 2023). Critical realism is more appropriate for this study because it supports examination of both stakeholder experiences and the deeper institutional structures and mechanisms shaping ethical AI governance. 
[bookmark: _Toc237383391][bookmark: _Toc237384226][bookmark: _Toc237384946][bookmark: _Toc237444968]4.3 Axiology and Research Positionality
Axiology examines the role of values in the research process and considers the extent to which researchers influence the production and interpretation of knowledge. While positivist research aspires to value neutrality and research detachment, interpretivist and critical realist research recognises that complete objectivity is difficult to achieve when investigating complex social and organisational phenomena. Research decisions, including the selection of research questions, methodological approaches, analytical frameworks, and interpretation of findings, are inevitably shaped by researchers’ experiences, assumptions, and professional context. Therefore, acknowledging these influences through reflexive practices enhances, rather than weakens, the credibility of qualitative research (Field et al., 2024; Kham, 2024). 
Dabis and Csaki (2024) do not explicitly discuss their axiological position. The study reflects an implicit value-oriented approach. The researchers frame AI governance as an ethical and organisational challenge rather than as a purely technical issue, indicating that values such as transparency, accountability, fairness, and institutional responsibility underpin their analysis. These values are evident in the emphasis placed on governance mechanisms designed to protect academic integrity, encourage responsible innovation and strengthen public trust in HEIs (Coates et al., 2025; Kangwa et al., 2025). The selection of these themes demonstrates that the researchers view governance not simply as a managerial function but as a means of promoting ethical decision-making within HEIs. 
The study illustrates how researchers’ values shape the interpretation of evidence. It predominantly highlights the operational efficiencies generated by generative AI.  The researchers devote considerable attention to organisational preparedness, leadership responsibility and stakeholder engagement. This analytical emphasis suggests that the researchers regard responsible governance as essential for the successful adoption of AI. This perspective is well supported by existing literature on AI ethics (Thaldar et al., 2025; Oncioiu and Bularca, 2025). Furthermore, technological advantages receive less awareness than governance consequences. 
Another important axiological consideration concerns participant perspectives. The research relies on interviews with senior HEI leaders, whose professional responsibilities shape how they interpret AI governance.  Executive leaders prioritise regulatory compliance, strategic planning and institutional reputation. Moreover, academic staff, students, and professional services personnel place great emphasis on issues such as academic freedom, workload, accessibility, and the everyday impact of AI on technology. Therefore, the findings primarily reveal managerial interpretations of governance. This may not completely capture the diversity of values present across the wider HEIs community (Dabis and Csaki, 2024; Chavarria et al., 2025). 
Reflexivity is powerful and allied to these axiological concerns. Reflective researchers acknowledge how their assumptions and professional experiences influence decisions throughout the study.  Dabis and Csaki (2024) establish methodological transparency by describing their qualitative approach and data sources. However, the article offers relatively little discussion of how investigators controlled potential bias during data collection and analysis. The article needs more explicit reflection on researcher positionality, such as through discussion of prior assumptions, reflective journalling, or collaborative coding procedures. This strengthens confidence in the credibility of the interpretations presented (Sibbald et al., 2025; Goundar, 2025; Dabis and Csaki, 2024). 
These observations are crucial to the present coursework. This investigation adopts a critical realist ontology and an interpretivist epistemology. It recognises that ethical AI governance is shaped by both institutional structures and stakeholder interpretations. Moreover, the researcher has a professional interest in governance, leadership, and the responsible adoption of AI within HEIs. He maintains that reflexivity will be essential throughout the research process. This involves documenting methodological decisions and examining personal assumptions. Therefore, purposive sampling across diverse stakeholder groups reduces the risk of privileging a single HEI perspective (Dabis and Csaki, 2024; Kennedy et al., 2024; Thomas, 2024).  See Appendix A, Table A1 for potential sources of researcher bias. 
[bookmark: _Toc237383392][bookmark: _Toc237384227][bookmark: _Toc237384947][bookmark: _Toc237444969]4.4 Methodological Quality: Reliability, Validity and Trustworthiness
The methodological quality of Dabis and Csaki (2024) is evaluated using the qualitative research criteria of credibility, dependability, confirmability and transferability. The study is assessed against each criterion to determine the overall trustworthiness of its findings. 
Credibility 
The study demonstrates reasonable methodological credibility using semi-structured interviews and documentary analysis. Collecting evidence from multiple institutional sources enables methodological triangulation. This reduces dependence on a single form of evidence and strengthens confidence in the findings. The interview design allows participants to explain governance challenges within their organisational context. However, there is limited evidence of member checking to establish whether participants considered the researchers’ interpretations an accurate reflection of their experiences. Participant validation could have strengthened the credibility of the findings (Dabis and Csaki, 2024; Erdmann and Potthoff, 2023). 
Dependability
This is supported through the author’s description of the research design and analytical procedures. However, the study provides limited detail regarding the coding framework, theme development and procedures used to ensure analytical consistency. The absence of an explicit audit trail makes it difficult for other researchers to assess how interpretations evolved throughout the analytical process. Greater transparency regarding coding decisions and researcher reflection would strengthen methodological rigour (Dabis and Csaki, 2024; Reyes et al., 2024).
Confirmability
There are limitations to confirmability. Documentary evidence complements interview data. The study offers little discussion of how researchers addressed contradictory evidence or challenged their own interpretations during analysis. The absence of explicit reflective procedures raises the possibility that organisational narratives presented by senior HEI leadership influenced the final interpretation (Olmos-Vega et al., 2023; Braun and Clarke, 2024; Dabis and Csaki, 2024). Incorporating independent coding and peer debriefing would have strengthened confidence that the finding emerged from the data, not only from researcher assumptions. 
Transferability
This represents another significant consideration. The participating universities operate within a specific institutional and regulatory environment. This limits the extent to which findings can be generalised across broader HEIs. The study provides a rich contextual description to assess whether the findings are applicable to comparable institutional settings (Dabis and Csaki, 2024; Johnson et al., 2020). Future research across universities with different institutional structures, missions, and levels of AI maturity would provide stronger evidence for theory development. 
Overall, the study's methodological quality is appropriate for exploratory research into an emerging phenomenon. However, greater methodological transparency, broader stakeholder representation, and more explicit quality-assurance procedures would strengthen the credibility and robustness of conclusions (Dabis and Csaki, 2024; Cena et al., 2024).
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Ethical considerations extend beyond research approval and participant protection because AI governance is itself an ethically sensitive research subject (Dabis & Csaki, 2024). Investigating institutional AI governance exposes weaknesses in oversight, accountability, risk management and strategic decision-making. Such disclosures affect institutional reputation and participants’ professional relationships. Confidentiality and organisational anonymity are significant, as participants may be reluctant to discuss governance failures or ethical concerns if their institution could be identified (Scheytt and Pfluger, 2024; Dabis and Csaki, 2024). 
Although Dabis and Csaki (2024) recognise the ethical sensitivity of AI governance, their discussion of research ethics is limited. The study provides insufficient detail on informed consent procedures, participant anonymity, secure data management, and compliance with institutional ethical approval requirements. Enhanced transparency in these procedures would increase confidence in the research's ethical integrity.
Ethical considerations are inherent in interpreting qualitative data. Researchers investigating AI governance must focus on fairness, accountability, transparency, and institutional responsibility. These normative concepts shape data interpretation when researchers prioritise ethical perspectives over alternative viewpoints. Sustained reflexivity during data collection and analysis represents an important safeguard against unconscious bias (Dabis and Csaki, 2024; Britchenko and Lysiak, 2025).
A further ethical issue relates to representation. The study relies primarily on senior management perspectives, marginalising the experiences of academic staff and learners (Dabis and Csaki, 2024). Ethical qualitative research requires balanced representation of all stakeholder groups. Incorporating diverse perspectives strengthens procedural fairness and the legitimacy of governance research. 
[bookmark: _Toc237383394][bookmark: _Toc237384229][bookmark: _Toc237384949][bookmark: _Toc237444971]4.6 Critical Appraisal 
Dabis and Csaki (2024) contribute to the emerging literature on AI governance by framing AI as an organisational and strategic challenge. Their study demonstrates that effective governance relies on institutional leadership, organisational culture and stakeholder engagement. Furthermore, the research broadens the discussion from technical adoption to encompass organisational governance capability. This shift matters for HE studies because the literature remains less developed on governance than on technical adoption, suggesting governance is often ignored. 
Despite these strengths, several limitations limit the study’s explanatory power. First, the research adopts a predominantly descriptive approach (Dabis & Csaki, 2024). It identifies governance practices but does not develop a comprehensive theoretical framework to explain why governance mechanisms differ across HEIs. Therefore, the findings offer useful insights into current practice. However, they provide limited theoretical advancement for understanding organisational governance more broadly. 
Second, the study focuses initially on senior HEI leaders. Executive perspectives are valuable for understanding tactical decision-making. However, they provide only part of the governance picture. This excludes academic staff, students, AI developers, and professional services. It limits the understanding of how governance policies are interpreted and implemented across the wider university community (Dabis and Csaki, 2024; Wu and Carroll, 2026). Governance is inherently and socially negotiated. Therefore, reliance on managerial perspectives risks overlooking operational challenges experienced by other stakeholder groups (Tafesse et al., 2026; Azevedo et al., 2025). 
Third, the study employs an interpretivist qualitative design, which generates rich contextual insights (Dabis & Csaki, 2024). Nevertheless, this approach offers limited prospects for analytical comparison across HEIs. Complementary methodological approaches could strengthen future research. For example, a mixed-methods design that integrates qualitative interviews with quantitative surveys may deepen explanation and analytical generalisation (Matovic and Ovesni, 2023; Younas et al., 2023). 
The coursework demonstrates strong alignment between its qualitative methodology and interpretivist epistemology. Nevertheless, the implicit nature of its philosophical positioning constitutes a limitation. Explicit articulation of the philosophical paradigm improves coherence between ontology, epistemology, and research design, strengthening methodological transparency (Busetto et al., 2020; Dawadi et al., 2021). 
5. [bookmark: _Toc237383395][bookmark: _Toc237384230][bookmark: _Toc237384950][bookmark: _Toc237444972]Discussion and Contribution 
The literature shows broader agreement that responsible AI in HE requires transparency, accountability, fairness, and stakeholder engagement (Crocco et al., 2024; Pak, 2022). However, agreement is less clear on how to operationalise these principles. Some studies favour flexible, adaptive governance that enables institutional innovation, while others emphasise formal oversight, regulation, and accountability. These positions are not necessarily contradictory. They reflect differences in institutional context, research design and the level at which AI governance is examined. Conceptual and policy studies tend to emphasise normative principles, but empirical studies reveal the organisational difficulties involved in translating these principles into practice (Wirtz et al., 2020; Nartey, 2024). The evidence highlights that successful implementation relies on technological capabilities but also on the HEI’s capacity for innovation, ethical responsibilities, and governance-driven tactical objectives. 
Methodologically, the literature remains weighted towards policy analysis, systematic review and conceptual research, with relatively limited primary investigation within HEIs. Existing empirical studies are often cross-sectional, institution-specific and based on narrow stakeholder groups (Lawrence, 2026; Nnaji et al., 2026). Consequently, current evidence provides a partial understanding of whether governance develops across institutional contexts over time. These limitations support a qualitative, multi-case study design that can examine governance mechanisms and stakeholder experiences across several English public universities (Mantymaki et al., 2022; Gianni et al., 2022). 
SMT offers a powerful explanation of whether responsible AI becomes an HEI capability because it links leadership, organisational resources, and objectives to implementation (Birkstedt et al., 2023; de Almeida and dos Santos Junior, 2025). However, it is insufficient because it does not fully explain ethical accountability, institutional pressures or stakeholder legitimacy. GT delivers mechanisms of oversight and accountability, but Institutional Theory explains whether regulatory and professional pressures shape university responses (Heymans and Heman, 2024; Wang, 2024). Modern frameworks provide the ethical principles that guide these mechanisms. The SGM draws its explanatory strength from theoretical integration, not only from reliance on a single perspective. 
The review has vital implications for management practice. Effective AI governance cannot be achieved through regulatory compliance. HEIs require governance arrangements that integrate ethical oversight, strategic leadership and continuous organisational learning (Papagiannidis et al., 2025; Jafari et al., 2025; Gagua et al., 2025). Senior leadership must recognise that AI governance is an ongoing organisational capability, not a static compliance exercise. Universities must embed governance mechanisms in strategy. Moreover, it must be supported by multi-case oversight committees, transparent decision-making procedures and regular evaluation of ethical risks. These arrangements strengthen institutional trust. This enables universities to respond successfully to the rapidly evolving AI landscape (David et al., 2024; Lahusen et al., 2024).
[bookmark: _Toc237383396][bookmark: _Toc237384231][bookmark: _Toc237384951][bookmark: _Toc237444973]5.1 Theoretical Contribution 
This research makes a theoretical contribution by integrating SMT, GT, Institutional Theory and responsible AI within a context-specific framework for English public universities. The originality of the SGM lies not simply in combining these perspectives, but in conceptualising ethical AI governance as a dynamic organisational capability (Batool et al., 2025; Akbarighatar, 2025). The model highlights that strategic leaders provide institutional direction. See Fig. 5.1 below.  Moreover, stakeholder participation creates a basis for legitimacy and contextual knowledge, and responsible AI principles establish the ethical criteria against which decisions are evaluated. These elements interact through continuous organisational learning and adaptation, but do not operate independently. The SGM explains how governance capability develops over time as HEIs respond to technological change, regulatory pressures and stakeholder expectations (Hadley et al., 2025; Marin et al., 2025; Bobula, 2024). This advances existing governance models by connecting ethical principles with the organisational mechanisms through which responsible AI is strategically implemented and sustained.  See Appendix D. 
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Fig. 5.1 Strategic Governance Model
Source: Author's own development, informed by Papagiannidis et al. (2025), Wu et al. (2024). 
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The SGM guides practical contributions for HEIs’ leaders seeking to translate responsible AI principles into HE practices. For example, senior leadership can establish a multidisciplinary AI governance committee involving academic, professional services, technical and student representatives to oversee high-impact AI decisions. Universities need to consider the consequences before deploying systems that affect assessment, admissions or student support, with explicit consideration of bias, privacy, transparency and accountability (Memarian and Doleck, 2023; Moorhouse et al., 2023). Governance needs to include clearly assigned responsibility for AI-related decisions, regular review of institutional AI policies and mechanisms through which staff and students can raise concerns or challenge AI-supported decisions. These practices need to be embedded within HEIs' strategy and to move responsible AI beyond policy statements towards an operational governance capability that can adapt to technological and regulatory change (Luo, 2024; Moore and Lookadoo, 2024). 
Overall, the discussion moves the literature beyond a collection of ethical principles and governance recommendations for an integrated explanation of how responsible AI can be institutionally governed (Gomes et al., 2025; Misra et al., 2026; Jiang and Abdullah, 2026). The proposed SGM critically synthesises these emerging perspectives by connecting strategic leadership, governance mechanisms, stakeholder participation and responsible AI principles through continuous organisational learning. It provides a conceptual foundation for future empirical investigation into how English public universities operationalise, develop, and strengthen AI governance. 
[bookmark: _Toc237383398][bookmark: _Toc237384233][bookmark: _Toc237384953][bookmark: _Toc237444975]6. Conclusion 
This coursework addressed the research question of how governance structures within English public universities can support the ethical implementation of AI in institutional decision-making. The review shows that responsible AI implementation requires strategic leadership, ethical oversight, stakeholder engagement, and organisational accountability as interconnected dimensions of institutional governance. 
The systematic review identified a rapidly expanding but fragmented body of literature across AI ethics, governance, strategic management and HE research. Existing studies provide valuable ethical principles and regulatory guidance but offer limited explanation of whether these principles translate into HEI governance and strategic decision-making. The principal gap is the limited theoretical and empirical understanding of how responsible AI principles can be operationalised within the distinctive governance context of English public universities. 
This academic investigation conceptualises ethical AI governance as a dynamic and interconnected organisational capability within English public universities. The review shows that strategic leadership, governance mechanisms, stakeholder participation and responsible AI principles should not be treated as separate governance dimensions. Their interactions, supported by organisational learning and adaptation, provide the conceptual mechanism through which ethical principles translate into HEI practice. This synthesis forms the theoretical foundation of the proposed SGM. 
When completed, the SGM translates this synthesis into a HE-specific framework for English public universities. By connecting strategic leadership, governance mechanisms, stakeholder participation and responsible AI principles, it provides a theoretical basis for future empirical investigation and a practical foundation for strengthening HEIs’ AI governance. 
The coursework provides the conceptual and philosophical foundation for the proposed DBA research. The next stage will involve empirical investigation across English public universities, using a qualitative multi-level design to examine how governance mechanisms operate in practice and how institutional stakeholders interpret them. Evidence from senior leaders and other stakeholder groups will be used to refine and empirically evaluate the proposed SGM. Future research moves beyond conceptual synthesis toward an evidence-informed approach to responsible, transparent, and strategically sustainable AI adoption in English public HE. 
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Table A1: Potential research biases and mitigation strategies for the proposed study 
Source: Author's own development, informed by Mehrabi et al. (2021) and Papagiannidis et al. (2025).










	Literature theme
	Literature synthesis
	Key limitation/disagreement
	Research gap

	AI implementation in HE
	AI can support learning, administration and institutional decision-making.
	Evidence often emphasises technological capability, efficiency and perceived benefits.
	Limited evidence explaining how technological capability interacts with institutional governance maturity.

	Ethical AI governance
	Transparency, fairness, accountability and human oversight are recurring responsible-AI principles.
	Principles provide normative direction but often limited operational guidance for universities.
	Need for HE-specific mechanisms that translate ethical principles into institutional governance practice.

	Strategic governance and leadership
	Leadership, governance capability and organisational alignment influence responsible AI adoption.
	Governance is frequently treated as compliance rather than integrated with institutional strategy.
	Insufficient integration of AI governance with strategic leadership and university decision-making.

	Methodological and philosophical gaps
	Quantitative and qualitative approaches provide complementary insights into AI adoption.
	Positivist and interpretivist evidence remains fragmented.
	An explanatory approach is needed to connect structures, institutional context, and stakeholder interpretation.



Table A2: Synthesis of key literature themes and research gaps 
Source: Author's own development, informed by Mehrabi et al. (2021) and Papagiannidis et al. (2025).







[bookmark: _Toc237383491][bookmark: _Toc237384326][bookmark: _Toc237385046][bookmark: _Toc237445068]Appendix B

	[bookmark: _Toc237383493][bookmark: _Toc237384328][bookmark: _Toc237385048][bookmark: _Toc237445070]Philosophical component 
	[bookmark: _Toc237383494][bookmark: _Toc237384329][bookmark: _Toc237385049][bookmark: _Toc237445071]Position in this research 
	[bookmark: _Toc237383495][bookmark: _Toc237384330][bookmark: _Toc237385050][bookmark: _Toc237445072]Why is it appropriate

	[bookmark: _Toc237383496][bookmark: _Toc237384331][bookmark: _Toc237385051][bookmark: _Toc237445073]Research philosophy (paradigm)
	Critical realism
	AI governance is treated as a real organisational phenomenon whose effects depend on institutional structures, mechanisms, context and human agency.

	[bookmark: _Toc237383497][bookmark: _Toc237384332][bookmark: _Toc237385052][bookmark: _Toc237445074]Ontology 
	Realist ontology (critical realist)
	Organisational structures and mechanisms exist independently of any single participant, while their effects are contingent and may not be directly observable.

	[bookmark: _Toc237383498][bookmark: _Toc237384333][bookmark: _Toc237385053][bookmark: _Toc237445075]Epistemology
	Interpretive epistemological orientation within critical realism
	Knowledge is treated as fallible and situated. Stakeholder accounts are used to interpret how governance mechanisms are experienced while analysis seeks deeper explanatory mechanisms.

	[bookmark: _Toc237383499][bookmark: _Toc237384334][bookmark: _Toc237385054][bookmark: _Toc237445076]Axiology 
	Reflexive and value-aware
	The researcher acknowledges that complete neutrality is unattainable in qualitative organisational research and maintains reflexivity throughout the study.

	[bookmark: _Toc237383500][bookmark: _Toc237384335][bookmark: _Toc237385055][bookmark: _Toc237445077]Methodology 
	Qualitative multiple-case study
	Enables in-depth comparison of governance practices, institutional context and stakeholder perspectives across several English public universities.


Table B1: Philosophical and methodological positioning of the research 
Source: Author’s own development, informed by Fleetwood (2005), Al-Ababneh (2020), and Vincent and O’Mahoney (2014).






	Dimension
	Positivism
	Interpretivism
	Critical realism
	Position in this study

	Ontology
	Reality is treated as objective and measurable.
	Reality is socially constructed through actors’ meanings and experiences.
	A real, stratified world exists independently of knowledge, while observed outcomes are contextually mediated.
	Critical realist ontology.

	Epistemology
	Knowledge is generated through observation, measurement and testing.
	Knowledge is generated through interpretation of meanings and experiences.
	Knowledge is fallible and theory-laden; explanation seeks underlying mechanisms as well as observed events.
	Interpretivist-informed epistemology within a critical realist framing.

	Typical methodology
	Surveys, experiments and statistical modelling.
	Interviews, case studies and qualitative analysis.
	Explanatory qualitative, mixed-method or theoretically informed inquiry.
	Systematic critical literature review and thematic synthesis.

	Strength
	Supports comparison and identification of measurable relationships.
	Provides contextual understanding of stakeholder experience and institutional meaning.
	Connects observable events with underlying structures, mechanisms and contextual conditions.
	Supports analysis of governance structures alongside stakeholder interpretation.

	Limitation
	May understate institutional context and meaning.
	Findings can be context-specific and less statistically generalisable.
	Underlying mechanisms are not always directly observable and require careful inference.
	Mitigated through transparent synthesis and explicit philosophical reasoning.


Table B2: Philosophical comparison of AI governance research 
Source: Author’s own development, informed by Fleetwood (2005), Al-Ababneh (2020), and Vincent and O’Mahoney (2014).
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Figure B1: Philosophical and methodological logic underpinning the study 
Source: Author’s own development, informed by Fleetwood (2005), Al-Ababneh (2020), and Vincent and O’Mahoney (2014).
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	Database
	Purpose of Inclusion

	Scopus
	Comprehensive, numerous disciplinary databases covering business, management, governance, information systems and AI research. 

	Web of Science
	High-quality peer-reviewed literature with strong citation indexing for governance and organisational studies

	Emerald Insight
	Business, management, leadership and governance journals relevant to strategic management research

	Science Direct
	Contemporary publications on AI, information systems and HE

	UWTSD Online Library
	Access to institutional subscriptions and academic resources

	Google Scholar
	Identification of recent publications, policy reports and forward / backward citation searching



Table C1: Academic information sources used in the systematic literature search 
Source: Author’s own development, informed by Page et al. (2021), Rethlefsen et al. (2021), and database/platform documentation.


	Concept
	Search Terms

	Artificial Intelligence
	“Artificial Intelligence” OR AI OR “Generative Artificial Intelligence” OR GAI OR “Machine Learning”

	Higher Education 
	“Higher Education” OR Universities OR “Higher Education Institutions” OR HEI

	Governance
	“AI Governance” OR “Responsible AI” OR “Ethical AI” OR “Governance Framework”

	Strategic Management
	“Strategic Governance” OR “Strategic Management” OR Leadership 

	Context 
	England OR “United Kingdom” OR UK



Table C2: Search strategy and Boolean search terms 
Source: Author’s own development, informed by Page et al. (2021), Rethlefsen et al. (2021).



	("Artificial Intelligence" OR AI OR "Generative Artificial Intelligence" OR GAI OR "Machine Learning")

	AND

	("Higher Education" OR Universities OR "Higher Education Institutions" OR HEI)

	AND

	("AI Governance" OR "Responsible AI" OR "Ethical AI" OR "Governance Framework")

	AND

	("Strategic Governance" OR "Strategic Management" OR Leadership)

	AND

	(England OR "United Kingdom" OR UK)



Table C3: Combined Boolean string used in the systematic literature review 
Source: Author’s own development, informed by Page et al. (2021), Rethlefsen et al. (2021).




	Inclusion Criteria
	Exclusion Criteria

	Peer-reviewed journal articles
	Conference abstracts only

	English-language publications
	Non-English publications

	Published between 2022 and 2026
	Publications before 2022 unless recognised as seminal works

	Research focusing on AI governance, ethical AI, strategic governance or AI implementation in HE
	Technical AI development without governance or organisational implications 

	Studies concerning universities or higher education institutions
	Studies focusing exclusively on schools, healthcare or commercial AI applications

	High-quality policy documents (OECD, UNESCO, EU, UK Government)
	Opinion pieces, blogs and non-peer-reviewed sources



Table C4: Inclusion and exclusion criteria for the systematic literature review 
Source: Author’s own development, informed by Page et al. (2021), Aromataris et al. (2024).







	Stage
	Selection Activity

	Identification
	Identified records are 2,486 through six academic databases, plus 94 additional records through citation searching and reference lists, for a total of 2,580 records.

	Pre-screening
	We removed 612 duplicate records and 73 records marked ineligible by automated filters before screening (685 records removed in total).

	Screening
	1,895 records were screened by title and abstract; 1,433 records were excluded because they did not meet the preliminary eligibility criteria.

	Retrieval
	462 reports were sought for retrieval; 17 reports were not retrieved, leaving 445 full-text reports available for eligibility assessment.

	Eligibility
	445 full-text reports were assessed against the predefined inclusion and exclusion criteria. Of these, 290 reports were excluded during full-text eligibility assessment, leaving 155 studies for final appraisal. A further 18 studies were excluded at the final eligibility/appraisal stage, leaving 137 studies in the final evidence base.

	Final selection
	The final systematic review, thematic synthesis, and critical review included 137 studies (Appendix E, Table E1). Table E2 documents the 18 studies excluded at the final eligibility/appraisal stage and their reasons for rejection, with the corresponding exclusion criteria presented in Table E3.



Table C5: Study identification, screening and selection process 
Source: Author’s own development, following PRISMA 2020 (Page et al., 2021)
	Policy Documents
	Quality Assessment Criteria

	UNESCO
OECD
The EU
The UK Government
Office for Students
	Relevance to the research question
Methodological quality
Philosophical and theoretical contribution
Relevance to English HE
Contribution to AI Governance 
Strategic management
Ethical AI implementation



 Table C6: Quality appraisal criteria for included evidence and policy documents 
Source: Author’s own development, informed by Page et al. (2021), Aromataris et al. (2024).

	Framework
	Strengths 
	Weaknesses

	OECD
	Global Recognition and principles-based flexibility
	Broad guidance with limited HE-specific operational detail

	UNESCO 
	Strong ethical and human-centred orientation
	Implementation mechanisms remain relatively high-level

	EU AI Act
	Clear risk-based regulatory obligations
	Potential compliance burden and limited HE-specific tailoring

	UK Model
	Flexible and innovation-oriented approach
	Potential inconsistency across regulators and institutions 



Table C7: Comparative overview of AI governance frameworks relevant to higher education 
Source: Author’s own analysis, informed by OECD (2019), UNESCO (2021), European Union (2024), and Department for Science, Innovation and Technology (2023).



	Research element
	Literature theme
	Key governance issue
	SGM pillar

	RQ / Objective 1
	AI implementation in HE
	Institutional readiness, strategic direction and adoption
	Strategic Leadership and Accountability

	Objective 2
	Ethical AI governance
	Fairness, ethical oversight and responsible innovation
	Ethical Oversight and Responsible Innovation

	Objective 3
	Regulation and institutional risk
	Compliance, privacy and risk
	Regulatory Compliance and Risk Management

	Objective 3 / Objective 4
	Stakeholder-centred governance
	Participation, transparency, legitimacy and trust
	Stakeholder Participation and Transparency

	Objective 4
	Organisational capability and research gaps
	Monitoring, learning, adaptation and continuing improvement
	Continuous Monitoring, Evaluation and Adaptive Improvement



Table C8: Alignment of research question, objectives, literature themes and SGM pillars 
Source: Author’s own development, informed by Wu et al. (2024), Mantymaki et al. (2022), and Papagiannidis et al. (2025).
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	Pillar
	Dimension
	Explanation

	Strategic Leadership and Accountability
	Institutional leadership, strategic oversight and accountability
	Requires visible commitment from university boards, vice-chancellors and executive leadership. AI governance should be embedded within institutional governance structures, with clear responsibility for strategic oversight and organisational accountability.

	Ethical Oversight and Responsible Innovation
	Ethical review, multidisciplinary oversight and responsible innovation
	Requires mechanisms such as AI ethics committees to assess proposed AI applications, monitor ethical risks and ensure alignment with institutional values. Oversight should incorporate multidisciplinary perspectives, including academic, legal, technical, student and ethics expertise.

	Regulatory Compliance and Risk Management
	Legal compliance, risk assessment, monitoring and impact evaluation
	Recognises that universities operate within complex regulatory environments shaped by data protection, equality requirements and emerging AI governance frameworks. Governance should include systematic risk assessment, compliance monitoring and evaluation of potential impacts.

	Stakeholder Participation and Transparency
	Participation, communication, transparency and institutional trust
	Requires meaningful involvement of academic staff, professional services, students and relevant external stakeholders in AI governance. Transparent communication about AI objectives, decision-making processes and risk mitigation can support institutional trust and accountability.

	Continuous Monitoring, Evaluation and Adaptive Improvement
	Review, audit, feedback, organisational learning and adaptation
	Treats AI governance as an adaptive rather than static process. Universities should regularly review AI systems, audit ethical risks, update policies and evaluate stakeholder feedback as technologies, regulation and institutional risks evolve.


Table D1: Pillars, dimensions and explanations of the proposed SGM. 
Source: Author’s own development, informed by Teece et al.  (1997), Wu et al. (2024), 
and Papagiannidis, et al.  (2025).

	Theory
	Core Assumption
	Strengths
	Limitation
	Contribution to this Research

	Institutional Theory
	Organisations respond to external institutional pressures, regulations, norms, and stakeholder expectations to gain legitimacy
	Explain how public universities respond to the OfS, GDPR, professional expectations and societal pressures regarding ethical AI. 
	Emphasises external pressures more than internal leadership processes, but less clearly how governance is operationalised. 
	Provides the institutional context explaining why English universities adopt AI governance policies to achieve legitimacy, compliance, and public trust.

	Governance Theory (Corporate / Public Governance) 
	Effective governance depends on accountability, transparency, oversight, stakeholder participation and risk management. 
	Provide clear governance principles for ethical AI, including accountability, fairness, transparency, and organisational oversight. 
	Existing governance frameworks are largely designed for corporations or public administration rather than HE. They provide limited guidance for university-specific governance challenges. 
	Forms the normative governance foundation for the proposed SGM by identifying governance mechanisms that support ethical AI implementation.

	Strategic Management Theory (SMT)
	Organisational success depends upon aligning resources, leadership, organisational capabilities and long-term strategic objectives. 
	Explains how AI can become a strategic organisational capability rather than merely a compliance activity. Emphasises leadership, organisational learning and long-term sustainability. 
	Traditional strategic management literature rarely addresses AI ethics or public-sector governance explicitly. Ethical responsibility is often secondary regarding institutional implementation and governance structures.
	Positions AI governance as an organisational capability integrated into university strategy, leadership and institutional decision-making.

	Responsible AI / AI Ethics Frameworks
	AI should be implemented according to principles such as fairness, accountability, transparency, explainability, privacy and human oversight.
	Establishes internationally recognised ethical principles for the responsible implementation of AI and supports public trust.
	Most frameworks remain normative and conceptual, providing limited guidance regarding institutional implementation and governance structures
	Provides the ethical principles embedded in the Strategic Governance Model and informs the governance mechanisms that support responsible AI adoption. 

	Integrated Strategic Governance Model (This research) 
	Ethical AI implementation requires integrating strategic leadership, governance mechanisms, institutional legitimacy, and ethical principles into a single organisational framework. 
	Combines organisational strategy, governance, ethics and institutional context into a coherent model specially designed for English public universities
	Requires empirical validation through qualitative research on numerous cases before wider validations. 
	Addresses the theoretical fragmentation identified throughout the literature by integrating Institutional Theory, Governance Theory, and Strategic Management Theory into a single evidence-informed governance framework.


Table D2: Theoretical foundations of the proposed SGM
Source: Author's own development, informed by DiMaggio and Powell (1983), Teece et al. (1997), Mantymaki et al. (2022), and Papagiannidis et al. (2025)

	SGM pillar
	Governance problem
	Governance function
	Intended outcome

	Strategic Leadership and Accountability
	AI initiatives may develop independently of institutional priorities, while responsibility and decision rights may remain fragmented.
	Embed AI within institutional strategy and establish clear leadership, oversight, responsibilities and escalation routes.
	Strategic coherence, clear accountability and sustainable institutional value.

	Ethical Oversight and Responsible Innovation
	AI creates risks related to fairness, transparency, explainability, autonomy, and human oversight.
	Establish multidisciplinary ethical review and embed responsible-AI principles throughout AI adoption and use.
	Trustworthy, legitimate and values-aligned AI implementation.

	Regulatory Compliance and Risk Management
	Universities face data-protection, regulatory, operational and reputational risks.
	Integrate legal compliance, risk assessment, monitoring and impact evaluation into governance.
	Regulatory assurance, risk mitigation and institutional resilience.

	Stakeholder Participation and Transparency
	AI governance may inadequately represent affected stakeholders, reducing transparency and institutional legitimacy.
	Establish stakeholder participation, transparent communication and mechanisms through which affected groups contribute to AI governance.
	Greater institutional trust, legitimacy, transparency and stakeholder accountability.

	Continuous Monitoring, Evaluation and Adaptive Improvement
	AI technologies, regulation and stakeholder expectations evolve rapidly, making static governance arrangements insufficient.
	Establish review, audit, feedback, organisational learning and adaptive policy-development mechanisms.
	Adaptive governance and sustainable institutional capability.


Table D3: Evidence base and function of the proposed SGM 
Source: Author’s own development, informed by Wu et al. (2024), Mäntymäki et al. (2022), and Papagiannidis et al. (2025).



	Stage
	Evidence from literature
	Theoretical interpretation
	Contribution to SGM

	1. Fragmented perspectives
	Institutional pressures, governance, strategy and responsible AI are frequently examined separately.
	No single perspective explains the institutional, strategic, governance and ethical dimensions together.
	Establishes the need for an integrated explanation of ethical AI governance.

	2. Theoretical integration
	Institutional Theory explains external pressures; Governance Theory explains oversight; Strategic Management Theory explains alignment and capability; Responsible AI supplies ethical principles.
	The perspectives provide complementary rather than competing explanations.
	It integrates institutional context, governance mechanisms, strategic capability, and ethical principles.

	3. Interaction of mechanisms
	Leadership, governance structures, stakeholder participation and organisational learning interact in practice.
	Ethical AI governance is a system of interacting mechanisms rather than isolated practices.
	Explains how the five SGM pillars operate interdependently.

	4. Dynamic organisational
capability
	Technology, regulation and stakeholder expectations evolve, requiring learning and adaptation.
	Ethical AI governance is conceptualised as a dynamic organisational capability.
	Explains how responsible AI governance develops and adapts over time.

	5. SGM
	The review identifies recurring requirements for leadership, ethical oversight, compliance and risk, participation and transparency, and continuous learning and adaptation.
	The integrated explanation is operationalised through a context-specific governance framework.
	The synthesis is operationalised through the five formal SGM pillars.


Table D4: Development of the theoretical contribution of the SGM 
Source: Author’s own development, informed by DiMaggio and Powell (1983), Teece et al. (1997), Mäntymäki et al. (2022), and Papagiannidis et al. (2025).
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	Finding
	Gap/disagreement
	Explanation
	Theory
	SGM implication

	Responsible AI emphasises transparency, accountability, fairness and engagement.
	Studies differ on how to operationalise these principles.
	Ethical principles identify requirements but do not fully explain institutional implementation.
	Responsible AI + Governance Theory
	Ethical Oversight and Responsible Innovation; Strategic Leadership and Accountability.

	AI governance is organisational and strategic.
	Compliance approaches insufficiently explain alignment, capability and adaptation.
	Implementation also depends on leadership, resources, learning and institutional objectives.
	Strategic Management Theory + Governance Theory
	Strategic Leadership and Accountability.

	Universities face regulatory and societal pressures.
	Internal governance alone does not explain different responses to similar external pressures.
	Responses are shaped by regulation, legitimacy, norms and stakeholder expectations.
	Institutional Theory
	Regulatory Compliance and Risk Management.

	Evidence is often cross-sectional and based on narrow stakeholder groups.
	Limited evidence explains how governance evolves across contexts and time.
	Changing technology and expectations require participation, learning and adaptation.
	Integrated theoretical perspective
	Stakeholder Participation and Transparency; Continuous Monitoring, Evaluation and Adaptive Improvement.

	The literature offers complementary but fragmented explanations.
	No single perspective explains ethics, pressures, governance, strategy and adaptation together.
	Fragmentation limits explanation of how responsible-AI principles become embedded in practice.
	Integrated four-perspective synthesis
	All five pillars; ethical AI governance as a dynamic organisational capability.


Table D5: Analytical logic linking literature findings to the SGM 
Source: Author’s own development, informed by DiMaggio and Powell (1983), Teece et al.  (1997), Mäntymäki et al. (2022), and Papagiannidis et al. (2025).



	SGM pillar
	Primary role
	Interaction with other pillars
	Result

	Strategic Leadership and Accountability
	Sets institutional direction, ownership and decision responsibility.
	Directs ethical oversight, risk management and resource allocation; receives feedback from monitoring and stakeholders.
	Strategic coherence and accountable AI governance.

	Ethical Oversight and Responsible Innovation
	Provides normative criteria for evaluating AI applications.
	Translates responsible-AI principles into review processes and informs leadership and risk decisions.
	Values-aligned and trustworthy AI implementation.

	Regulatory Compliance and Risk Management
	Establishes legal, regulatory and institutional safeguards.
	Connects external obligations and identified risks with oversight, leadership and monitoring.
	Regulatory assurance, risk mitigation and resilience.

	Stakeholder Participation and Transparency
	Provides contextual knowledge, representation, legitimacy and trust.
	Feeds stakeholder experience into ethical review, leadership decisions and continuing evaluation.
	Legitimate, transparent and participatory governance.

	Continuous Monitoring, Evaluation and Adaptive Improvement
	Generates feedback, organisational learning and adaptation.
	Feeds evidence from implementation back into all other pillars as technologies, regulation and expectations change.
	Adaptive and sustainable governance capability.


Table D6: Interaction of the five SGM pillars 
Source: Author’s own development, informed by DiMaggio and Powell (1983), Teece et al. (1997), Mäntymäki et al. (2022), and Papagiannidis, et al. (2025), Heymans and Heyman (2024), Jafari et al. (2025). 






	Institutional actor
	SGM pillar
	Practical use
	Expected governance contribution

	Governing bodies and executive leadership
	Strategic Leadership and Accountability
	Define strategic ownership, decision rights, reporting responsibilities and escalation routes.
	Clear accountability and alignment of AI initiatives with institutional priorities.

	Multidisciplinary governance/ethics committees
	Ethical Oversight and Responsible Innovation
	Review proposed AI uses, ethical risks, fairness, transparency, human oversight and alignment with institutional values.
	Responsible and legitimate AI adoption.

	Risk, legal, compliance and data-protection functions
	Regulatory Compliance and Risk Management
	Conduct risk and impact assessments; monitor compliance, privacy obligations and emerging regulatory requirements.
	Risk mitigation, regulatory assurance and institutional resilience.

	Academic staff, professional services, students and relevant external stakeholders
	Stakeholder Participation and Transparency
	Participate in governance, provide contextual knowledge and feedback, and receive transparent communication about AI decisions.
	Greater trust, legitimacy and stakeholder accountability.

	Institutional governance, audit and review functions
	Continuous Monitoring, Evaluation and Adaptive Improvement
	Review AI systems and policies, audit emerging risks, evaluate feedback and update governance arrangements.
	Organisational learning and adaptive governance.



Table D7: Practical application of the SGM in English public universities 
Source: Author’s own development, informed by DiMaggio and Powell (1983), Teece et al. (1997), Mäntymäki et al. (2022), 
Papagiannidis et al.  (2025), Barus et al. (2025), Bilgin (2025), and Hadley et al. (2025). 




	Limitation
	Nature of limitation
	Implication for interpretation
	Response in subsequent research

	Literature-derived model
	The SGM is based on theoretical integration and systematic literature synthesis rather than direct empirical testing.
	Treat the framework as conceptual, not as a validated governance instrument.
	Empirically examine how the SGM is interpreted and enacted across cases.

	Contextual transferability
	The model is designed for English public universities, while the evidence base includes studies from different national and institutional contexts.
	Do not assume direct transfer of findings to English HEIs.
	Investigate variation across English public universities with different institutional characteristics.

	Evidence design
	The evidence base contains substantial conceptual and cross-sectional research.
	Limited evidence explains how governance capability develops longitudinally.
	Explore governance processes, change and adaptation through qualitative case evidence.

	Stakeholder representation
	Stakeholder perspectives are unevenly represented, particularly students and professional-services staff.
	The literature may understate how affected groups experience governance.
	Include multiple stakeholder groups in empirical data collection.

	Rapid technological and regulatory change
	AI technologies, regulation and stakeholder expectations continue to evolve.
	Governance requirements identified in the review may change over time.
	Examine adaptive governance and organisational learning as continuing processes.


Table D8: Limitations of the literature-derived SGM and implications for empirical research 
Source: Author’s own development, informed by Boticario et al. (2023), Bond et al. (2024), Drisko (2025), Gomes et al. (2025), and Jafari et al. (2025).
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	No.
	Full reference
	Year
	DOI
	Relevance to study

	1
	Abdullah, Z. and Jiang, X. (2026). ‘AI-enabled governance in higher education: a systematic review of applications, outcomes, and emerging implications’. Frontiers in Education, 11, 1856440. DOI: 10.3389/feduc.2026.1856440.
	2026
	10.3389/feduc.2026.1856440
	Directly informs AI governance in higher education, including institutional policy, accountability, ethics, stakeholder roles and governance mechanisms.

	2
	Akbarighatar, P. (2025). ‘Operationalising responsible AI principles through responsible AI capabilities’. AI and Ethics, 5, pp. 3661–3677. DOI: 10.1007/s43681-024-00524-4.
	2025
	10.1007/s43681-024-00524-4
	Provides conceptual or empirical evidence on AI governance, responsible AI, accountability, regulation and organisational oversight relevant to the SGM.

	3
	Al-Ababneh, M. (2020). ‘Linking ontology, epistemology and research methodology’, Science & Philosophy, 8(1), pp. 75–91. DOI: 10.23756/sp.v8i1.500.
	2020
	10.23756/sp.v8i1.500
	Supports the philosophical positioning of the research, particularly ontology, epistemology, interpretation and critical-realist analysis.

	4
	Alfredo, R., Jin, Y., Echeverria, V., Yan, L., Zhao, L., Tsai, S., Gasevic, D. & Martinez-Maldonado, R. (2024). ‘FATE in MMLA: A Student-Centred Exploration of Fairness, Accountability, Transparency, and Ethics in Multimodal Learning Analytics’, Journal of Learning Analytics, 11(3), pp. 6–23. DOI: 10.18608/jla.2024.8351
	2024
	10.18608/jla.2024.8351
	Provides conceptual or empirical evidence on AI governance, responsible AI, accountability, regulation and organisational oversight relevant to the SGM.

	5
	Alfiras, M., Bozkurt, A., Alharbi, N., Alshurafa, N., & Al-Hawamdeh, N. (2025). ‘Ethics and governance of generative AI in education: A systematic review’. Discover Education, 5, 37. DOI: 10.1007/s44217-025-01051-y.
	2025
	10.1007/s44217-025-01051-y
	Directly informs AI governance in higher education, including institutional policy, accountability, ethics, stakeholder roles and governance mechanisms.

	6
	Alhumud, T. (2026). ‘Integration of artificial intelligence applications in the management of higher education institutions: A critical review of the literature and emerging practices to enhance institutional efficiency and digital governance’, Research Journal in Advanced Humanities. DOI: 10.58256/fcrd3d96.
	2026
	10.58256/fcrd3d96
	Directly informs AI governance in higher education, including institutional policy, accountability, ethics, stakeholder roles and governance mechanisms.

	7
	An, Y., Yu, J., and James, S. (2025). ‘Investigating the higher education institutions’ guidelines and policies regarding the use of generative AI in teaching, learning, research, and administration’. International Journal of Educational Technology in Higher Education, 22, 10. DOI: 10.1186/s41239-025-00507-3.
	2025
	10.1186/s41239-025-00507-3
	Provides evidence on AI adoption, implementation, stakeholder experience and educational impacts in higher education.

	8
	Aromataris, E., Lockwood, C., Porritt, K., Pilla, B. and Jordan, Z. JBI Manual for Evidence Synthesis. Adelaide: JBI. Available at: JBI Manual for Evidence Synthesis (Accessed: 11 August 2026). DOI: 10.46658/JBIMES-24-01.
	2026
	10.46658/JBIMES-24-01
	Supports the study’s systematic review, qualitative methodology, appraisal, synthesis, reflexivity or research-quality procedures.

	9
	Azevedo, L., Robles, P., Best, E., and Mallinson, D. (2025). ‘Institutional Policies on Artificial Intelligence in Higher Education: Frameworks and Best Practices for Faculty’. New Directions for Adult and Continuing Education, 2025(188), pp. 70–78. DOI: 10.1002/ace.70013.
	2025
	10.1002/ace.70013
	Provides evidence on AI adoption, implementation, stakeholder experience and educational impacts in higher education.

	10
	Bacalso, F.D., Villamor, F.E., Paclipan, C.P., Orquia, C.J.B., Rendon, I.P., Albiso, A.T. and Himang, C.M. (2026). ‘Institutional approaches to generative AI management in higher education: a systematic review’, Frontiers in Education, 11, 1814426. DOI: 10.3389/feduc.2026.1814426.
	2026
	10.3389/feduc.2026.1814426
	Provides evidence on AI adoption, implementation, stakeholder experience and educational impacts in higher education.

	11
	Baker, R. and Hawn, A. (2022). ‘Algorithmic bias in education’, International Journal of Artificial Intelligence in Education, 32, pp. 1052–1092. DOI: 10.1007/s40593-021-00285-9.
	2022
	10.1007/s40593-021-00285-9
	Supports analysis of ethical AI risks, including fairness, bias, privacy, transparency, explainability and academic integrity.

	12
	Barus, O., Hidayanto, A., Eitiveni, I., Phusavat, K. and Sudibjo, N. (2025). ‘Identifying key components and stakeholders for generative AI governance in higher education: a systematic literature review’, Interactive Learning Environments. DOI: 10.1080/10494820.2025.2596058.
	2025
	10.1080/10494820.2025.2596058
	Directly informs AI governance in higher education, including institutional policy, accountability, ethics, stakeholder roles and governance mechanisms.

	13
	Batool, A., Zowghi, D., and Bano, M. (2025). ‘AI governance: a systematic literature review’, AI and Ethics, 5, pp. 3265–3279. DOI: 10.1007/s43681-024-00653-w.
	2025
	10.1007/s43681-024-00653-w
	Provides conceptual or empirical evidence on AI governance, responsible AI, accountability, regulation and organisational oversight relevant to the SGM.

	14
	Bhattarai, B.P., Khadka, K. and Rai, A. (2025). ‘Critical Realism in Management Research: Bridging Structure and Agency in Organisational Analysis’, Research Journal in Business and Economics, 3(2), pp. 34–45. DOI: 10.61424/rjbe.v3i2.458.
	2025
	10.61424/rjbe.v3i2.458
	Supports the philosophical positioning of the research, particularly ontology, epistemology, interpretation and critical-realist analysis.

	15
	Bilgin, H. (2025). ‘A framework for responsible AI in higher education’. Higher Education Governance and Policy, 6(2), pp. 155–174. DOI: 10.55993/hegp.1788343.
	2025
	10.55993/hegp.1788343
	Directly informs AI governance in higher education, including institutional policy, accountability, ethics, stakeholder roles and governance mechanisms.

	16
	Birkstedt, T., Minkkinen, M., Tandon, A. and Mantymaki, M. (2023). ‘AI governance: Themes, knowledge gaps and future agendas’. Internet Research, pp. 133–167. DOI: 10.1108/INTR-01-2022-0042.
	2023
	10.1108/INTR-01-2022-0042
	Provides conceptual or empirical evidence on AI governance, responsible AI, accountability, regulation and organisational oversight relevant to the SGM.

	17
	Bitte, K. and El-Gayar, O. (2025). ‘Generative AI and academic integrity in higher education: a systematic review and research agenda’, Information, 16(4), 296. DOI: 10.3390/info16040296
	2025
	10.3390/info16040296
	Supports analysis of ethical AI risks, including fairness, bias, privacy, transparency, explainability and academic integrity.

	18
	Bobula, M. (2024). "Generative artificial intelligence (AI) in higher education". Journal of Learning Development in Higher Education (30). DOI: 10.47408/jldhe.vi30.1137.
	2024
	10.47408/jldhe.vi30.1137
	Provides evidence on AI adoption, implementation, stakeholder experience and educational impacts in higher education.

	19
	Bond, M., Khosravi, H., De Laat, M., Bergdahl, N., Negrea, V., Oxley, E., Pham, P., Chong, S. and Siemens, G. (2024). ‘A meta systematic review of artificial intelligence in higher education: a call for increased ethics, collaboration, and rigour’, International Journal of Educational Technology in Higher Education, 21, 4. DOI: 10.1186/s41239-023-00436-z.
	2024
	10.1186/s41239-023-00436-z
	Provides evidence on AI adoption, implementation, stakeholder experience and educational impacts in higher education.

	20
	Boticario, J., Holmes, W., Iniesto, F., and Anastopoulou, S. (2023). ‘Stakeholder perspectives on the ethics of AI in distance-based higher education’, The International Review of Research in Open and Distributed Learning, 24(2), pp. 96–117. DOI: 10.19173/irrodl.v24i2.6089.
	2023
	10.19173/irrodl.v24i2.6089
	Provides evidence on AI adoption, implementation, stakeholder experience and educational impacts in higher education.

	21
	Braun, V. and Clarke, V. (2024). ‘Reporting guidelines for qualitative research: a values-based approach’, Qualitative Research in Psychology, 22(2), pp. 399–438. DOI: 10.1080/14780887.2024.2382244.
	2024
	10.1080/14780887.2024.2382244
	Supports the study’s systematic review, qualitative methodology, appraisal, synthesis, reflexivity or research-quality procedures.

	22
	Britchenko, I. and Lysiak, I. (2025). ‘EU Data Governance, AI Ethics, and Responsible Digitalisation in Higher Education: A Compliance–Capability Framework for Universities’, Public Administration and Law Review, 4, pp. 12–19. DOI: 10.36690/2674-5216-2025-4-12-19.
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	2023
	10.1016/j.caeo.2023.100151
	Provides evidence on AI adoption, implementation, stakeholder experience and educational impacts in higher education.
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	110
	Selwyn, N. (2022). ‘The future of AI and education: Some cautionary notes’, European Journal of Education, 57(4), pp. 620–631. DOI: 10.1111/ejed.12532.
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	112
	Snyder, H. (2019). ‘Literature review as a research methodology: An overview and guidelines’, Journal of Business Research, 104, pp. 333–339. DOI: 10.1016/j.jbusres.2019.07.039.
	2019
	10.1016/j.jbusres.2019.07.039
	Supports the study’s systematic review, qualitative methodology, appraisal, synthesis, reflexivity or research-quality procedures.
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	2025
	10.52436/1.jutif.2025.6.4.4709
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	132
	Wu, C., Zhang, H., and Carroll, J. (2024). 'AI Governance in Higher Education: Case Studies of Guidance at Big Ten Universities'. Future Internet, 16(10), 354. DOI: 10.3390/fi16100354.
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	1
	Chen, L., Chen, P. and Lin, Z. (2020). ‘Artificial Intelligence in Education: A Review’, IEEE Access, 8, pp. 75264–75278.
	2020
	10.1109/ACCESS.2020.2988510
	Falls outside the review’s principal 2022–2026 date window and focuses broadly on AI applications/effects in education rather than governance in English public universities.

	2
	Steinbauer, G., Kandlhofer, M., Chklovski, T., Heintz, F. and Koenig, S. (2021). ‘Education in Artificial Intelligence K-12’, KI – Künstliche Intelligenz, 35, pp. 127–129.
	2021
	10.1007/s13218-021-00734-6
	K-12 rather than higher education and published before the principal 2022–2026 review period.
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	Mintz, J., Holmes, W., Liu, L. and Perez-Ortiz, M. (2023). ‘Artificial Intelligence and K-12 Education: Possibilities, Pedagogies and Risks’, Computers in the Schools, 40(4), pp. 325–333.
	2023
	10.1080/07380569.2023.2279870
	Examines K-12 education rather than universities/HEIs, so the institutional setting does not match the review question.

	4
	Zhang, T., Lai, Y.C. and Yu, P.L.H. (2026). ‘Generative artificial intelligence in K-12 education: A systematic review’, Research and Practice in Technology Enhanced Learning, 21.
	2026
	10.58459/rptel.2026.21034
	Current and educationally relevant, but the population is K-12 rather than higher education and the emphasis is teaching/learning rather than university governance.

	5
	Izquierdo-Condoy, J.S., Arias-Intriago, M., Montero Corrales, L. and Ortiz-Prado, E. (2026) ‘Artificial Intelligence in Medical Education: Transformative Potential, Current Applications, and Future Implications’, JMIR Medical Education, 12, e77127.
	2026
	10.2196/77127
	Focused on medical education and clinical/professional training applications rather than strategic AI governance in English public universities.

	6
	Iniesta, R. (2025). ‘The human role to guarantee an ethical AI in healthcare: a five-facts approach’, AI and Ethics, 5, pp. 385–397.
	2025
	10.1007/s43681-023-00353-x
	Addresses ethical AI specifically in healthcare, with clinicians, patients and developers as the central actors; not an HEI governance study.

	7
	Liao, S.M. (2023). ‘Ethics of AI and Health Care: Towards a Substantive Human Rights Framework’, Topoi, 42, pp. 857–866.
	2023
	10.1007/s11245-023-09911-8
	Provides a healthcare-specific ethical framework rather than evidence on governance structures, leadership or AI adoption in higher education.

	8
	Solanki, P., Grundy, J. and Hussain, W. (2023). ‘Operationalising ethics in artificial intelligence for healthcare: a framework for AI developers’, AI and Ethics, 3(1), pp. 223–240.
	2023
	10.1007/s43681-022-00195-z
	Designed for healthcare AI developers and therefore outside the target institutional context of English public universities.

	9
	Amini, M.M., Jesus, M., Sheikholeslami, D.F., Alves, P., Hassanzadeh Benam, A. and Hariri, F. (2023). ‘Artificial Intelligence Ethics and Challenges in Healthcare Applications: A Comprehensive Review in the Context of the European GDPR Mandate’, Machine Learning and Knowledge Extraction, 5(3), pp. 1023–1035.
	2023
	10.3390/make5030053
	Concentrates on healthcare applications and GDPR-related clinical issues rather than HEI governance and strategic management.

	10
	Giovanola, B. and Tiribelli, S. (2023). ‘Beyond bias and discrimination: redefining the AI ethics principle of fairness in healthcare machine-learning algorithms’, AI and Society, 38(2), pp. 549–563.
	2023
	10.1007/s00146-022-01455-6
	Relevant to AI fairness but healthcare-specific and not focused on institutional governance or higher education.

	11
	Hassan, M., Borycki, E.M. and Kushniruk, A.W. (2025). ‘Artificial intelligence governance framework for healthcare’, Healthcare Management Forum, 38(2), pp. 125–130.
	2025
	10.1177/08404704241291226
	Directly relevant to AI governance but developed for healthcare organisations rather than universities; excluded from the core HEI evidence synthesis on contextual grounds.

	12
	Gouseti, A., James, F., Fallin, L. and Burden, K. (2025). ‘The ethics of using AI in K-12 education: a systematic literature review’, Technology, Pedagogy and Education, 34(2), pp. 161–182.
	2025
	10.1080/1475939X.2024.2428601
	Peer-reviewed and relevant to AI ethics in education, but the population and policy setting are K-12/compulsory schooling rather than higher education institutions.

	13
	Akgün, S. and Krajcik, J. (2024). ‘Artificial Intelligence (AI) as the Growing Actor in Education: Raising Critical Consciousness towards Power and Ethics of AI in K–12 STEM Classrooms’, in Uses of Artificial Intelligence in STEM Education, pp. 494–521. Oxford: Oxford University Press.
	2024
	10.1093/oso/9780198882077.003.0022
	Addresses ethics and power of AI in K-12 STEM classrooms rather than governance in universities; it is also a book chapter rather than a peer-reviewed journal article.

	14
	Hodge, A. (2026). ‘Institutional AI Governance in Higher Education: A Scoping Review of Policy-to-Practice Implementation’, Research Square, preprint.
	2026
	10.21203/rs.3.rs-9893056/v1
	Preprint/scoping review and therefore not a peer-reviewed journal article at the point represented by this record.

	15
	Tao, Y., Ryan, M., Bialy, F. and Zhang, X. (2026). ‘Assessment-focused governance mode? Mapping Generative AI policies across 76 UK higher education institutions: Policy framework and recommendations’, Research Square, preprint.
	2026
	10.21203/rs.3.rs-10029667/v1
	Highly relevant to UK HE governance, but the located record is a preprint rather than a peer-reviewed journal publication.

	16
	Choi, H. and Park, M.J. (2023). ‘To govern or be governed: an integrated framework for AI governance in the public sector’, Science and Public Policy, 50(6), pp. 1059–1072.
	2023
	10.1093/scipol/scad045
	Provides a public-sector AI governance framework and a Korean expert case study, but it does not examine higher education or English public universities.

	17
	Bouderhem, R. (2024). ‘Shaping the future of AI in healthcare through ethics and governance’, Humanities and Social Sciences Communications, 11, 416.
	2024
	10.1057/s41599-024-02894-w
	Examines ethical and regulatory governance of AI in healthcare rather than higher education; therefore the institutional setting falls outside the review’s HEI focus.

	18
	McGrath, C.P. (2024) ‘The state and values of AI governance in UK healthcare’, in Research Handbook on Health, AI and the Law, pp. 291–310. Cheltenham: Edward Elgar Publishing.
	2024
	10.4337/9781802205657.00026
	Addresses AI governance in UK healthcare rather than higher education and is a book chapter rather than a peer-reviewed journal article; it therefore falls outside the review’s core HEI evidence criteria.
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	1
	Chen, L., Chen, P. and Lin, Z. (2020)
	Date range; insufficient governance/HEI specificity

	2
	Steinbauer, G., Kandlhofer, M., Chklovski, T., Heintz, F. and Koenig, S. (2021)
	Population/context; date range

	3
	Mintz, J., Holmes, W., Liu, L. and Perez-Ortiz, M. (2023)
	Population/context

	4
	Zhang, T., Lai, Y.C. and Yu, P.L.H. (2026)
	Population/context; topic relevance

	5
	Izquierdo-Condoy, J.S., Arias-Intriago, M., Montero Corrales, L. and Ortiz-Prado, E. (2026)
	Sector/context; governance relevance

	6
	Iniesta, R. (2025)
	Sector/context

	7
	Liao, S.M. (2023)
	Sector/context; study focus

	8
	Solanki, P., Grundy, J. and Hussain, W. (2023)
	Sector/context

	9
	Amini, M.M., Jesus, M., Sheikholeslami, D.F., Alves, P., Hassanzadeh Benam, A. and Hariri, F. (2023)
	Sector/context

	10
	Giovanola, B. and Tiribelli, S. (2023)
	Sector/context; governance relevance

	11
	Hassan, M., Borycki, E.M. and Kushniruk, A.W. (2025)
	Sector/context

	12
	Gouseti, A., James, F., Fallin, L. and Burden, K. (2025)
	Population/context

	13
	Akgün, S. and Krajcik, J. (2024)
	Population/context; publication type

	14
	Hodge, A. (2026)
	Publication status; evidence type

	15
	Tao, Y., Ryan, M., Bialy, F. and Zhang, X. (2026)
	Publication status

	16
	Choi, H. and Park, M.J. (2023)
	Sector/context; geographical specificity

	17
	Bouderhem, R. (2024)
	Sector/context

	18
	McGrath, C.P. (2024)
	Sector/context; publication type


Table E3: Exclusion criteria applied to academic references 
Source: Author’s application of the inclusion and exclusion criteria reported in Appendix C. Numbering corresponds directly with Table 




	No.
	Study
	Topic / study focus
	Descriptive codes
	Overarching theme

	1
	Abdullah et al. (2026)
	AI-enabled governance in higher education: a systematic review of applications, outcomes, and emerging implications
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Strategic governance and leadership

	2
	Akbarighatar, P. (2025)
	Operationalising responsible AI principles through responsible AI capabilities
	governance structures; regulatory compliance; organisational capability; accountability
	Ethical AI governance

	3
	Al-Ababneh, M. (2020)
	Linking ontology, epistemology and research methodology
	ontology/epistemology
	Research methodology, philosophy and evidence gaps

	4
	Alfredo et al. (2024)
	FATE in MMLA: A Student-Centred Exploration of Fairness, Accountability, Transparency, and Ethics in Multimodal Learning Analytics
	teaching/learning; governance structures; regulatory compliance; accountability; ethics/responsible AI
	Ethical AI governance

	5
	Alfiras et al. (2025)
	Ethics and governance of generative AI in education: A systematic review
	GenAI; governance structures; institutional policy; stakeholder engagement; accountability
	Ethical AI governance

	6
	Alhumud, T. (2026)
	Integration of artificial intelligence applications in the management of higher education institutions: A critical review of the literature and emerging practices to enhance institutional efficiency and digital governance
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Strategic governance and leadership

	7
	An et al. (2025)
	Investigating the higher education institutions’ guidelines and policies regarding the use of generative AI in teaching, learning, research, and administration
	AI adoption; implementation; GenAI; teaching/learning; stakeholder engagement
	Strategic governance and leadership

	8
	Aromataris et al. ()
	Aromataris, E., Lockwood, C., Porritt, K., Pilla, B. and Jordan, Z. JBI Manual for Evidence Synthesis. Adelaide: JBI. Available at: JBI Manual
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	9
	Azevedo et al. (2025)
	Institutional Policies on Artificial Intelligence in Higher Education: Frameworks and Best Practices for Faculty
	AI adoption; implementation; stakeholder engagement
	Strategic governance and leadership

	10
	Bacalso et al. (2026)
	Institutional approaches to generative AI management in higher education: a systematic review
	AI adoption; implementation; GenAI; stakeholder engagement; systematic review
	Strategic governance and leadership

	11
	Baker et al. (2022)
	Algorithmic bias in education
	ethics/responsible AI; fairness; algorithmic bias; privacy/data protection; transparency
	Ethical AI governance

	12
	Barus et al. (2025)
	Identifying key components and stakeholders for generative AI governance in higher education: a systematic literature review
	GenAI; governance structures; institutional policy; stakeholder engagement; accountability
	Strategic governance and leadership

	13
	Batool et al. (2025)
	AI governance: a systematic literature review
	governance structures; regulatory compliance; accountability
	Strategic governance and leadership

	14
	Bhattarai et al. (2025)
	Critical Realism in Management Research: Bridging Structure and Agency in Organisational Analysis
	critical realism; ontology/epistemology
	Research methodology, philosophy and evidence gaps

	15
	Bilgin, H. (2025)
	A framework for responsible AI in higher education
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Ethical AI governance

	16
	Birkstedt et al. (2023)
	AI governance: Themes, knowledge gaps and future agendas
	governance structures; regulatory compliance; accountability
	Strategic governance and leadership

	17
	Bitte et al. (2025)
	Generative AI and academic integrity in higher education: a systematic review and research agenda
	GenAI; ethics/responsible AI; fairness; algorithmic bias; privacy/data protection
	Ethical AI governance

	18
	Bobula, M. (2024)
	Generative artificial intelligence (AI) in higher education
	AI adoption; implementation; GenAI; stakeholder engagement
	AI adoption and implementation in HE

	19
	Bond et al. (2024)
	A meta systematic review of artificial intelligence in higher education: a call for increased ethics, collaboration, and rigour
	AI adoption; implementation; stakeholder engagement; ethics/responsible AI; systematic review
	Ethical AI governance

	20
	Boticario et al. (2023)
	Stakeholder perspectives on the ethics of AI in distance-based higher education
	AI adoption; implementation; stakeholder engagement; ethics/responsible AI
	Ethical AI governance

	21
	Braun et al. (2024)
	Reporting guidelines for qualitative research: a values-based approach
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	22
	Britchenko et al. (2025)
	EU Data Governance, AI Ethics, and Responsible Digitalisation in Higher Education: A Compliance–Capability Framework for Universities
	governance structures; institutional policy; stakeholder engagement; organisational capability; accountability
	Ethical AI governance

	23
	Burrell, J. (2016)
	How the machine “thinks”: Understanding opacity in machine learning algorithms
	teaching/learning; ethics/responsible AI; fairness; algorithmic bias; privacy/data protection
	AI adoption and implementation in HE

	24
	Busetto et al. (2020)
	How to use and assess qualitative research methods
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	25
	Byrne, D. (2022)
	A worked example of Braun and Clarke’s approach to reflexive thematic analysis
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	26
	Castillo-Martínez et al. (2024)
	AI in higher education: a systematic literature review
	AI adoption; implementation; stakeholder engagement
	AI adoption and implementation in HE

	27
	Chan, C. (2023)
	‘A comprehensive AI policy education framework for university teaching and learning'. International Journal of Educational Technology in Higher Education, 20, 38
	AI adoption; implementation; teaching/learning; institutional policy; stakeholder engagement
	Strategic governance and leadership

	28
	Chatterjee et al. (2020)
	Adoption of artificial intelligence in higher education: a quantitative analysis using structural equation modelling
	AI adoption; implementation; stakeholder engagement
	AI adoption and implementation in HE

	29
	Chavarria et al. (2025)
	Navigating Stakeholders' Perspectives on Artificial Intelligence in Higher Education
	AI adoption; implementation; stakeholder engagement
	Strategic governance and leadership

	30
	Celik et al. (2022)
	The promises and challenges of artificial intelligence for teachers: a systematic review of research
	AI adoption; implementation; stakeholder engagement; systematic review
	AI adoption and implementation in HE

	31
	Cena et al. (2024)
	Quality criteria: General and specific guidelines for qualitative approaches in psychology research. A concise guide for novice researchers and reviewers
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	32
	Coates et al. (2025)
	Governing Academic Integrity: Ensuring the Authenticity of Higher Thinking in the Era of Generative Artificial Intelligence
	GenAI; ethics/responsible AI; fairness; algorithmic bias; privacy/data protection
	Ethical AI governance

	33
	Cools, H. (2026)
	Navigating the responsible AI landscape: unravelling the principles-to-practices gap of transparency and explainability at the BBC
	governance structures; regulatory compliance; accountability; transparency; explainability
	Ethical AI governance

	34
	Crompton et al. (2026)
	Governing generative AI in higher education: a global Delphi study on policy and practice
	AI adoption; implementation; GenAI; institutional policy; stakeholder engagement
	Strategic governance and leadership

	35
	Crocco et al. (2024)
	Stakeholder Engagement in Higher Education: State of the Art and Research Agenda
	AI adoption; implementation; stakeholder engagement
	Strategic governance and leadership

	36
	Dabis et al. (2024)
	AI and ethics: Investigating the first policy responses of higher education institutions to the challenge of generative AI. Humanities and Social Sciences Communications, 11(1006)
	AI adoption; implementation; GenAI; institutional policy; stakeholder engagement
	Ethical AI governance

	37
	Danaher, J. (2022)
	Techno-optimism: an analysis, an evaluation and a modest defence
	implementation; governance structures
	AI adoption and implementation in HE

	38
	David et al. (2024)
	Who is responsible? US public perceptions of AI governance through the lenses of trust and ethics
	governance structures; regulatory compliance; accountability; ethics/responsible AI
	Ethical AI governance

	39
	Dawadi et al. (2021)
	Mixed-methods research: A discussion on its types, challenges, and criticisms
	reflexivity; systematic review; qualitative rigour
	AI adoption and implementation in HE

	40
	De Almeida et al. (2025)
	Artificial intelligence governance: Understanding how public organisations implement it
	governance structures; regulatory compliance; accountability
	Strategic governance and leadership

	41
	Deho et al. (2022)
	How do the existing fairness metrics and unfairness mitigation algorithms contribute to ethical learning analytics?
	teaching/learning; ethics/responsible AI; fairness; algorithmic bias; privacy/data protection
	Ethical AI governance

	42
	DiMaggio et al. (1983)
	The iron cage revisited: Institutional isomorphism and collective rationality in organisational fields
	organisational capability; strategic alignment
	Strategic governance and leadership

	43
	Drisko, J. (2025)
	Transferability and Generalisation in Qualitative Research
	implementation; governance structures; qualitative rigour; transferability/generalisation
	Research methodology, philosophy and evidence gaps

	44
	Edwards et al. (2014)
	Studying Organizations Using Critical Realism: A Practical Guide. Oxford: Oxford University Press
	critical realism; ontology/epistemology
	Research methodology, philosophy and evidence gaps

	45
	Erdmann et al. (2023)
	Decision Criteria for the Ethically Reflected Choice of a Member Check Method in Qualitative Research: A Proposal for Discussion
	implementation; governance structures; ethics/responsible AI; qualitative rigour
	Research methodology, philosophy and evidence gaps

	46
	Feilzer, M. (2023)
	A Pragmatist Approach to Mixed Methods Research
	reflexivity; systematic review; qualitative rigour; mixed-method integration
	Research methodology, philosophy and evidence gaps

	47
	Fleetwood, S. (2005)
	Ontology in Organisation and Management Studies: A Critical Realist Perspective
	ontology/epistemology
	Research methodology, philosophy and evidence gaps

	48
	Field et al. (2024)
	How to locate yourself in the research process: The role of positionality
	positionality; reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	49
	Fuchs et al. (2024)
	Operationalising critical realism for case study research
	critical realism; ontology/epistemology
	Research methodology, philosophy and evidence gaps

	50
	Gagua et al. (2025)
	Responsible AI Governance in the Public Sector: Explaining Contextual Dynamics Through a Realist Synthesis Review
	governance structures; regulatory compliance; accountability
	Ethical AI governance

	51
	Gellai, D. (2023)
	Enterprising academics: Heterarchical policy networks for artificial intelligence in British higher education
	AI adoption; implementation; institutional policy; stakeholder engagement
	Strategic governance and leadership

	52
	George et al. (2026)
	Artificial intelligence in higher education: Opportunities and concerns
	AI adoption; implementation; stakeholder engagement
	AI adoption and implementation in HE

	53
	Gianni et al. (2022)
	Governance of Responsible AI: From Ethical Guidelines to Cooperative Policies
	governance structures; regulatory compliance; accountability; ethics/responsible AI
	Ethical AI governance

	54
	Gomes et al. (2025)
	Guidelines and frameworks of governance for the adoption of generative artificial intelligence in higher education institutions: a scoping review
	AI adoption; GenAI; governance structures; institutional policy; stakeholder engagement
	Strategic governance and leadership

	55
	Goundar, P. (2025)
	Researcher Positionality: Ways to Include it in a Qualitative Research Design
	positionality; reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	56
	Hadley et al. (2025)
	Investigating algorithm review boards for organisational responsible artificial intelligence governance
	governance structures; regulatory compliance; accountability
	Strategic governance and leadership

	57
	Haigh et al. (2019)
	Developing a critical realist informed framework to explain how the human rights and social determinants of health relationship works
	ontology/epistemology
	Strategic governance and leadership

	58
	Hampson et al. (2023)
	Problems posing as solutions: Criticising pragmatism as a paradigm for mixed research
	ontology/epistemology
	AI adoption and implementation in HE

	59
	Harita et al. (2026)
	Dynamic capabilities and ethical stewardship in the age of autonomous organisational decision making
	organisational capability; strategic alignment; ethics/responsible AI
	Ethical AI governance

	60
	Hay, C. (2011)
	Interpreting Interpretivism Interpreting Interpretations: The New Hermeneutics of Public Administration
	ontology/epistemology; interpretivism
	Research methodology, philosophy and evidence gaps

	61
	Herzog et al. (2024)
	A systemic perspective on bridging the principles-to-practice gap in creating ethical artificial intelligence solutions – a critique of dominant narratives and proposal for a collaborative way forward
	implementation; governance structures; ethics/responsible AI
	Ethical AI governance

	62
	Heymans et al. (2024)
	Identifying stakeholder motivations in normative AI governance: A systematic literature review for research guidance
	governance structures; regulatory compliance; stakeholder engagement; accountability
	Strategic governance and leadership

	63
	Hong et al. (2018)
	The Mixed Methods Appraisal Tool (MMAT) version 2018 for information professionals and researchers
	reflexivity; systematic review; qualitative rigour; mixed-method integration
	Research methodology, philosophy and evidence gaps

	64
	Jafari K. et al. (2025)
	An Adaptive Responsible AI Governance Framework for Decentralized Organizations
	governance structures; regulatory compliance; accountability
	Ethical AI governance

	65
	Jiang et al. (2025)
	Exploring the effectiveness of institutional policies and regulations for generative AI usage in higher education
	AI adoption; implementation; GenAI; regulatory compliance; stakeholder engagement
	Strategic governance and leadership

	66
	Jin et al. (2025)
	Generative AI in higher education: A global perspective of institutional adoption policies and guidelines
	AI adoption; implementation; GenAI; stakeholder engagement
	Strategic governance and leadership

	67
	Johnson et al. (2020)
	A review of the quality indicators of rigour in qualitative research
	AI adoption; implementation; stakeholder engagement; qualitative rigour
	Research methodology, philosophy and evidence gaps

	68
	Kangwa et al. (2025)
	Exploring the Factors That Promote a Balance Between Academic Integrity and the Effective Use of GenAI Tools in Higher Education: A Systematic Review
	ethics/responsible AI; fairness; algorithmic bias; privacy/data protection; transparency
	Ethical AI governance

	69
	Kasarcı et al. (2025)
	Managing Artificial Intelligence Ethics in Higher Education: A Systematic Framework for Issues and Policy Recommendations
	AI adoption; implementation; institutional policy; stakeholder engagement; ethics/responsible AI
	Ethical AI governance

	70
	Kennedy et al. (2024)
	Addressing positionality in qualitative research: Significance, challenges and strategies
	positionality; reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	71
	Kham, S. (2024)
	Outsider From Within, Insider from Without: Negotiating Researcher Positionality in Comparative Social Research
	positionality; reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	72
	Khosravi et al. (2022)
	Explainable Artificial Intelligence in education
	ethics/responsible AI; fairness; algorithmic bias; privacy/data protection; transparency
	Ethical AI governance

	73
	Knight et al. (2025)
	‘Ethical AI governance: mapping a research ecosystem'. AI and Ethics, 5, pp. 841–862
	governance structures; regulatory compliance; accountability; ethics/responsible AI
	Ethical AI governance

	74
	Korir et al. (2022)
	Investigating the dimensions of students’ privacy concern in the collection, use, and sharing of data for learning analytics
	teaching/learning; ethics/responsible AI; fairness; algorithmic bias; privacy/data protection
	Ethical AI governance

	75
	Lahusen et al. (2024)
	Trust, trustworthiness and AI governance
	governance structures; reflexivity; systematic review; qualitative rigour
	Ethical AI governance

	76
	Lam, D. (2026)
	The importance of ethics, governance and leadership in meeting the artificial intelligence challenge in higher education: a critical review
	governance structures; institutional policy; leadership; stakeholder engagement; accountability
	Ethical AI governance

	77
	Lawrence, S. (2026)
	Artificial intelligence in higher education: stakeholder perceptions and policy implications
	AI adoption; implementation; institutional policy; stakeholder engagement
	Strategic governance and leadership

	78
	Lee et al. (2024)
	The impact of generative AI on higher education learning and teaching: A study of educators’ perspectives
	AI adoption; implementation; GenAI; teaching/learning; stakeholder engagement
	AI adoption and implementation in HE

	79
	Luo, J. (2024)
	A critical review of GenAI policies in higher education assessment: A call to reconsider the “originality” of students’ work
	AI adoption; implementation; assessment; stakeholder engagement
	Strategic governance and leadership

	80
	Mantymaki et al. (2022)
	Defining organisational AI governance
	governance structures; regulatory compliance; accountability
	Strategic governance and leadership

	81
	Marin et al. (2025)
	Ethical Challenges Associated with the Use of Artificial Intelligence in Higher Education
	AI adoption; implementation; stakeholder engagement; ethics/responsible AI
	Ethical AI governance

	82
	Matovic et al. (2023)
	Interaction of quantitative and qualitative methodology in mixed methods research: integration and/or combination
	reflexivity; systematic review; qualitative rigour; mixed-method integration
	Research methodology, philosophy and evidence gaps

	83
	McDonald et al. (2025)
	Generative artificial intelligence in higher education: Evidence from an analysis of institutional policies and guidelines
	AI adoption; implementation; GenAI; stakeholder engagement
	Strategic governance and leadership

	84
	Mehrabi et al. (2021)
	A survey on bias and fairness in machine learning
	teaching/learning; ethics/responsible AI; fairness; algorithmic bias; privacy/data protection
	Ethical AI governance

	85
	Memarian et al. (2023)
	Fairness, accountability, transparency, and ethics (FATE) in artificial intelligence (AI) and higher education: A systematic review
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Ethical AI governance

	86
	Mercier et al. (2023)
	Fine Companions: Critical Realism and Framework Analysis
	critical realism; ontology/epistemology
	Research methodology, philosophy and evidence gaps

	87
	Mikalef et al. (2021)
	Artificial intelligence capability: Conceptualisation, measurement calibration, and empirical study on its impact on organisational creativity and firm performance
	implementation; governance structures; organisational capability
	Strategic governance and leadership

	88
	Misra et al. (2026)
	Self-Regulated Learning and Governance of AI in Higher Education
	teaching/learning; governance structures; institutional policy; regulatory compliance; stakeholder engagement
	Strategic governance and leadership

	89
	Moore et al. (2024)
	Communicating clear guidance: Advice for generative AI policy development in higher education
	AI adoption; implementation; GenAI; institutional policy; stakeholder engagement
	Strategic governance and leadership

	90
	Moorhouse et al. (2023)
	Generative AI tools and assessment: Guidelines of the world’s top-ranking universities
	AI adoption; implementation; GenAI; assessment; stakeholder engagement
	AI adoption and implementation in HE

	91
	Morrison et al. (2012)
	The effect of English-language restriction on systematic review-based meta-analyses: a systematic review of empirical studies
	implementation; governance structures; systematic review
	AI adoption and implementation in HE

	92
	Mosha et al. (2026)
	A systematic review of artificial intelligence in higher education institutions (HEIs): Functionalities, challenges, and best practices
	AI adoption; implementation; stakeholder engagement; systematic review
	AI adoption and implementation in HE

	93
	Nartey, A. (2024)
	Guiding principles of generative AI for employability and learning in UK universities
	AI adoption; implementation; GenAI; teaching/learning; stakeholder engagement
	AI adoption and implementation in HE

	94
	Nnaji et al. (2026)
	Enhancing governance and performance in Nigerian higher education through AI-driven digital transformation: Insights from stakeholder perspectives
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Strategic governance and leadership

	95
	Ocen et al. (2025)
	Artificial intelligence in higher education institutions: review of innovations, opportunities and challenges
	AI adoption; implementation; stakeholder engagement
	AI adoption and implementation in HE

	96
	OECD (2019)
	What are the OECD Principles on AI?
	implementation; governance structures
	AI adoption and implementation in HE

	97
	OECD (2026)
	Policies supporting responsible and systematic GenAI adoption in higher education. OECD Education Spotlights, No. 23
	AI adoption; implementation; stakeholder engagement
	Strategic governance and leadership

	98
	Oh et al. (2025)
	Responsible AI in academia: policies and guidelines in US universities
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Ethical AI governance

	99
	Olmos-Vega et al. (2023)
	A practical guide to reflexivity in qualitative research: AMEE Guide No. 149
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	100
	Oncioiu et al. (2025)
	Artificial Intelligence Governance in Higher Education: The Role of Knowledge-Based Strategies in Fostering Legal Awareness and Ethical Artificial Intelligence Literacy
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Ethical AI governance

	101
	Pak, C. (2022)
	Responsible AI and algorithm governance: An institutional perspective
	governance structures; regulatory compliance; accountability
	Ethical AI governance

	102
	Papagiannidis et al. (2025)
	Responsible artificial intelligence governance: A review and research framework
	governance structures; regulatory compliance; accountability
	Strategic governance and leadership

	103
	Rethlefsen et al. (2021)
	PRISMA-S: an extension to the PRISMA Statement for Reporting Literature Searches in Systematic Reviews
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	104
	Ritala et al. (2024)
	Developing industrial AI capabilities: An organisational learning perspective
	implementation; teaching/learning; governance structures; organisational capability
	Strategic governance and leadership

	105
	Robles et al. (2023)
	Catching up with AI: Pushing toward a cohesive governance framework
	governance structures; regulatory compliance; accountability
	Strategic governance and leadership

	106
	Page et al. (2021)
	The PRISMA 2020 statement: an updated guideline for reporting systematic reviews
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	107
	Polyportis, A. (2024)
	A longitudinal study on artificial intelligence adoption: understanding the drivers of ChatGPT usage behaviour change in higher education
	AI adoption; implementation; GenAI/ChatGPT; stakeholder engagement
	AI adoption and implementation in HE

	108
	Schaffer, F. (2023)
	Interpretivist Interviewing
	implementation; governance structures; interpretivism
	Research methodology, philosophy and evidence gaps

	109
	Scheytt et al. (2024)
	Conducting qualitative research in organisations ethically: Organisationally as a heuristic to identify ethical challenges
	implementation; governance structures; ethics/responsible AI; qualitative rigour
	Research methodology, philosophy and evidence gaps

	110
	Selwyn, N. (2022)
	The future of AI and education: Some cautionary notes
	AI adoption; implementation; stakeholder engagement
	AI adoption and implementation in HE

	111
	Sibbald et al. (2025)
	Positioning positionality and reflecting on reflexivity: Moving from performance to practice
	positionality; reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	112
	Snyder, H. (2019)
	Literature review as a research methodology: An overview and guidelines
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	113
	Stracke et al. (2026)
	Artificial Intelligence Policies for Higher Education: A Roadmap for Contextual AI Governance
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Strategic governance and leadership

	114
	Strzelecki, A. (2023)
	To use or not to use ChatGPT in higher education? A study of students’ acceptance and use of technology
	AI adoption; implementation; GenAI/ChatGPT; stakeholder engagement
	AI adoption and implementation in HE

	115
	Taeihagh, A. (2025)
	Governance of Generative AI
	GenAI; governance structures; regulatory compliance; accountability
	Strategic governance and leadership

	116
	Tafesse et al. (2026)
	Stakeholders’ discourse on generative AI in higher education: Insights from topic modelling and sentiment analysis
	AI adoption; implementation; GenAI; stakeholder engagement
	Strategic governance and leadership

	117
	Teece et al. (1997)
	Dynamic capabilities and strategic management
	organisational capability; strategic alignment
	Strategic governance and leadership

	118
	Temper et al. (2025)
	Higher Education Act for AI (HEAT-AI): a framework to regulate the usage of AI in higher education institutions
	AI adoption; implementation; regulatory compliance; stakeholder engagement
	Strategic governance and leadership

	119
	Thaldar et al. (2025)
	Generative AI governance in higher education: a case study from Africa
	GenAI; governance structures; institutional policy; stakeholder engagement; accountability
	Strategic governance and leadership

	120
	Thomas, L. (2024)
	The Researcher’s Gaze: Positionality and Reflexivity
	positionality; reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	121
	Thomas et al. (2008)
	Methods for the thematic synthesis of qualitative research in systematic reviews
	reflexivity; systematic review; qualitative rigour
	Research methodology, philosophy and evidence gaps

	122
	Veale et al. (2021)
	Demystifying the Draft EU Artificial Intelligence Act—Analysing the good, the bad, and the unclear elements of the proposed approach
	governance structures; regulatory compliance; accountability
	AI adoption and implementation in HE

	123
	Vincent et al. (2014)
	Critical realism and the organisational case study: A guide to discovering institutional mechanisms’, in Edwards, P.K., O
	critical realism; ontology/epistemology
	Research methodology, philosophy and evidence gaps

	124
	Walhidayah et al. (2025)
	Development of an AI governance model for higher education using the Capability Maturity Model Integration (CMMI)
	governance structures; institutional policy; stakeholder engagement; organisational capability; accountability
	Strategic governance and leadership

	125
	Wang, W. (2024)
	The Global Institutional Governance of AI: A Four-Dimensional Perspective
	governance structures; organisational capability; strategic alignment
	Strategic governance and leadership

	126
	Whittle et al. (2025)
	Making Knowledge Claims from Qualitative Interviews: A Typology of Epistemological Modes
	ontology/epistemology; qualitative rigour
	Research methodology, philosophy and evidence gaps

	127
	Williams, M. (2000)
	Interpretivism and Generalisation
	ontology/epistemology; interpretivism; transferability/generalisation
	Research methodology, philosophy and evidence gaps

	128
	Williamson et al. (2020)
	Historical threads, missing links, and future directions in AI in education
	AI adoption; implementation; stakeholder engagement
	AI adoption and implementation in HE

	129
	Wirtz et al. (2020)
	The Dark Sides of Artificial Intelligence: An Integrated AI Governance Framework for Public Administration
	governance structures; regulatory compliance; accountability
	Strategic governance and leadership

	130
	Woodworth et al. (2026)
	AI policy in higher education: Relational-affective considerations for governance in a Canadian university case study
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Strategic governance and leadership

	131
	Wu et al. (2026)
	Evolving Perspectives on Generative AI in Higher Education: Insights from Two Years of University Stakeholder Analysis
	AI adoption; implementation; GenAI; stakeholder engagement
	Strategic governance and leadership

	132
	Wu et al. (2024)
	AI Governance in Higher Education: Case Studies of Guidance at Big Ten Universities
	governance structures; institutional policy; stakeholder engagement; accountability; ethics/responsible AI
	Strategic governance and leadership

	133
	Xie et al. (2025)
	Dynamic Risks and Adaptive Governance of Generative Artificial Intelligence
	GenAI; governance structures; institutional policy; stakeholder engagement; accountability
	Strategic governance and leadership

	134
	Yang et al. (2024)
	Ensuring data privacy in AI/ML implementation
	implementation; ethics/responsible AI; fairness; algorithmic bias; privacy/data protection
	Ethical AI governance

	135
	Younas et al. (2023)
	Generating metainferences in mixed methods research: A worked example in convergent mixed methods designs
	reflexivity; systematic review; qualitative rigour; mixed-method integration
	Research methodology, philosophy and evidence gaps

	136
	Yusuf et al. (2024)
	Generative AI and the future of higher education: a threat to academic integrity or reformation? Evidence from multicultural 
perspectives
	GenAI; ethics/responsible AI; 
fairness;
 algorithmic bias;
 privacy/data protection
	Ethical AI governance

	137
	Zawacki-Richter et al. (2019)
	Systematic review of research on artificial intelligence applications in higher education – where are the educators?
	AI adoption;
 implementation; 
stakeholder engagement; 
systematic review
	AI adoption and implementation in HE


Table E4: Thematic coding matrix for 137 studies 
Source: Author’s own study-level thematic coding of the included evidence base, derived from the bibliographic titles and relevance statements recorded in Appendix E, Table E1.
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Source: Author’s own development, adapted from the PRISMA 2020 flow diagram (Page et al., 2021), using study-selection data reported in Appendix C (Table C5) and Appendix E (Tables E1-E3).
Reference: Page, M., McKenzie, J.E., Bossuyt, PM., Boutron, 1., Hoffmann, T.C., Mulrow, C.D., Shamseer, L., Tetzlaff, J.M., Ak, EA., Brennan, S.E. et al. (2021) ‘The PRISMA 2020 statement: an updated guid
for reporting systematic reviews’, BMJ, 372, n71. https://doi.org/10.1136/bmj.n71
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