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[bookmark: _Toc227424764]Introduction
The process of collecting, gathering, reporting, recording and analysing the data to make it useful for future use is called data handling (fanruan, 2024). There are various steps included in this process, and organising the information in an appropriate manner and interpreting the trends are the crucial ones. In order to present the data, visualisation tools are used, which simplify the trends and patterns and help in the assessment of shifts in any specific metrics. The aim of the following report is to describe the core concept of data handling and management, and to understand the manner in which it helps business processes. It will look into the provided data set of movies, which includes different genres and languages, and understand the performance based on ratings and the number of fans. Statistical tools such as Excel will be used in order to meet the requirements of the task, which will present the data and perform descriptive analysis. Using graphical representations, trends and patterns in the major variables will be understood and explained in this report. It will explore the features of Excel and visualise the data using graphs such as line and bar graphs, and analyse the results to provide a comprehensive understanding. 
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[bookmark: _xckk4jm3gqzc][bookmark: _Toc227424766]Showing the steps involved in the preparation of the data
Selecting the data
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Filtering the data
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Formatting the table
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The above snips have been taken to show the various steps involved in the preparation of the data, based on which the entire work will be performed. It includes the selection of a specific set of data, filtering them and then formatting them into a table. The main components include the runtime, average rating, genre, likes, and fans, among others. 
[bookmark: _f37030vqzuk2][bookmark: _Toc227424767]Describing the approach of data cleaning and the importance of clean data in a BI system
There are certain approaches which could be taken into consideration to clean the data, such as inspecting the data, handling the values and removing duplicates. Considering that there were no duplicates in the provided data set, this issue was not faced, and a heading was given to the first column, which did not have one. Another approach taken to clean the data was removing unnecessary columns whose requirements were not mentioned. 
Importance of clean data
Supporting decision-making: The primary significance of clean data in BI is that it supports the decision-making process by providing accurate information to the users (Juma, 2023). It removes duplicate data and errors from the data set, which avoids the chance of generating incorrect output. 
Improving data quality: The cleaning process also improves the quality of the data, and it detects and deletes incorrect entries in order to ensure the uniformity of the data. This simplifies the standardisation of the information and makes it easier for different departments to analyse the data. 
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Representing the used data 
	Column1
	Film_title
	Average_rating
	Genres
	Runtime
	Original_language
	Watches
	List_appearances
	Likes
	Fans

	0
	The Fan
	3.57
	['Horror', 'Drama']
	92
	German
	12841
	11032
	3763
	79

	1
	Mad Max: Fury Road
	4.18
	['Adventure', 'Science Fiction', 'Action']
	121
	English
	2488721
	331681
	927538
	38000

	2
	Suspiria
	3.93
	['Horror']
	99
	English
	618171
	220094
	219548
	13000

	3
	Lost in Translation
	3.79
	['Drama', 'Comedy', 'Romance']
	102
	English
	1596190
	254180
	493248
	38000

	4
	Akira
	4.28
	['Animation', 'Action', 'Science Fiction']
	124
	Japanese
	873068
	175586
	341567
	21000

	5
	Things to Come
	3.77
	['Drama']
	102
	French
	34777
	14370
	8585
	192

	6
	Big Trouble in Little China
	3.72
	['Comedy', 'Adventure', 'Fantasy', 'Action']
	100
	English
	283873
	65558
	85788
	3800

	7
	Star Wars
	4.17
	['Adventure', 'Action', 'Science Fiction']
	121
	English
	3014320
	391415
	1057816
	30000

	8
	The Third Man
	4.25
	['Mystery', 'Thriller']
	105
	English
	228162
	101285
	70932
	3400

	9
	The Big Sick
	3.76
	['Drama', 'Comedy', 'Romance']
	120
	English
	382201
	58859
	93489
	504

	10
	Jodorowsky's Dune
	3.96
	['Documentary']
	90
	English
	85388
	16745
	25616
	188

	11
	Get Out
	4.15
	['Horror', 'Mystery', 'Thriller']
	104
	English
	4376009
	454087
	1867622
	33000

	12
	Lawrence of Arabia
	4.38
	['Adventure', 'War', 'History']
	228
	English
	369742
	151348
	116793
	10000

	13
	Free Fire
	3.16
	['Action', 'Crime', 'Mystery']
	90
	English
	109849
	29433
	21524
	83

	14
	Sing Street
	4.04
	['Romance', 'Drama', 'Music', 'Comedy']
	105
	English
	390910
	90763
	145995
	10000

	15
	Up
	4.1
	['Animation', 'Adventure', 'Family', 'Comedy']
	96
	English
	3922213
	263407
	1136383
	9100

	16
	Blade Runner
	4.1
	['Thriller', 'Drama', 'Science Fiction']
	118
	English
	1658845
	301778
	573522
	51000

	17
	Annie Hall
	4.04
	['Drama', 'Romance', 'Comedy']
	93
	English
	454236
	121871
	119958
	6400

	18
	The Truman Show
	4.22
	['Comedy', 'Drama']
	103
	English
	4382819
	361732
	1777004
	71000

	19
	Wonder Woman
	3.24
	['Action', 'Fantasy', 'Adventure']
	141
	English
	1721440
	147437
	320485
	1600

	20
	Plan 9 from Outer Space
	2.24
	['Science Fiction', 'Horror']
	79
	English
	61992
	20589
	11196
	121

	21
	Whiplash
	4.42
	['Drama', 'Music']
	107
	English
	3925603
	481379
	1848733
	154000

	22
	Weird Science
	3.08
	['Comedy', 'Science Fiction', 'Fantasy']
	93
	English
	141350
	26516
	26420
	438

	23
	Raw
	3.69
	['Drama', 'Horror']
	99
	French
	519561
	150570
	150137
	6600

	24
	Army of Darkness
	3.71
	['Comedy', 'Horror', 'Fantasy']
	81
	English
	363502
	108548
	123314
	3500

	25
	Obvious Child
	3.52
	['Comedy', 'Romance']
	85
	English
	86399
	25356
	19499
	245

	26
	Django Unchained
	4.3
	['Drama', 'Western']
	165
	English
	3305105
	373182
	1284212
	53000

	27
	The Lost Boys
	3.66
	['Comedy', 'Thriller', 'Horror']
	97
	English
	394218
	116234
	127921
	9900

	28
	Star Trek II: The Wrath of Khan
	3.93
	['Action', 'Thriller', 'Science Fiction', 'Adventure']
	112
	English
	139409
	38943
	38125
	1300

	29
	Stand by Me
	4.16
	['Drama', 'Crime']
	89
	English
	1165736
	206422
	425618
	37000

	30
	Drive
	3.92
	['Thriller', 'Drama', 'Crime']
	100
	English
	2091002
	252448
	711650
	30000

	31
	The Lion King
	4.22
	['Animation', 'Family', 'Drama']
	89
	English
	3005454
	232354
	769362
	22000

	32
	It Follows
	3.45
	['Horror', 'Mystery']
	101
	English
	974585
	169618
	243095
	3600

	33
	The Goonies
	3.8
	['Adventure', 'Family', 'Comedy']
	114
	English
	854912
	115427
	223097
	12000

	34
	Ant-Man
	3.22
	['Adventure', 'Science Fiction', 'Action']
	117
	English
	2261367
	232211
	418920
	623

	35
	Sicario
	3.98
	['Action', 'Thriller', 'Crime']
	122
	English
	961576
	152641
	280039
	6300

	36
	Fantastic Planet
	4.02
	['Animation', 'Science Fiction']
	72
	French
	285509
	86451
	104559
	5300

	37
	Ghostbusters
	3.75
	['Comedy', 'Fantasy']
	107
	English
	1416463
	153843
	317746
	7500

	38
	Candy
	2.37
	['Fantasy', 'Comedy', 'Adventure']
	124
	English
	8157
	5330
	1441
	44

	39
	Scarface
	3.83
	['Crime', 'Drama']
	93
	English
	64361
	31911
	15328
	100

	40
	Donnie Darko
	3.98
	['Fantasy', 'Mystery', 'Drama']
	114
	English
	2293445
	323466
	855547
	79000

	41
	El Topo
	3.77
	['Western', 'Drama', 'Adventure']
	125
	Spanish
	84079
	36139
	22314
	741

	42
	Okja
	3.71
	['Drama', 'Science Fiction', 'Adventure']
	122
	English
	641018
	90065
	155646
	1600

	43
	My Neighbor Totoro
	4.19
	['Fantasy', 'Animation', 'Family']
	86
	Japanese
	2122570
	295250
	806865
	23000

	44
	#Horror
	1.72
	['Thriller', 'Horror', 'Crime']
	90
	English
	10098
	3458
	658
	10

	45
	Breathless
	3.92
	['Crime', 'Drama']
	90
	French
	339653
	112179
	95786
	3600

	46
	Indiana Jones and the Temple of Doom
	3.65
	['Action', 'Adventure']
	118
	English
	1110951
	134626
	238616
	2300

	47
	La Dolce Vita
	4.27
	['Drama', 'Comedy']
	176
	Italian
	194778
	95855
	59644
	3900

	48
	Synecdoche, New York
	4.18
	['Drama']
	124
	English
	326214
	103488
	110449
	13000


Representing the key descriptive statistics
	Particulars 
	Amount 
	Amount 2
	Amount 3
	Amount 4
	Amount 5
	Amount 6
	Amount 7
	Amount 8
	Amount 9
	Amount 10

	Mean
	
	3.79
	
	109.08
	
	1145976.37
	157901.22
	385573.73
	16756.49
	732274.96

	Median
	
	3.92
	
	103
	
	519561
	121871
	150137
	6300
	375195

	Mode
	
	4.18
	
	90
	
	#N/A
	#N/A
	#N/A
	38000
	#N/A

	Percentile -35
	
	4.16
	
	120
	
	1721440
	232354
	493248
	22000
	1095317

	Quartile 1
	
	3.69
	
	93
	
	194778
	58859
	59644
	741
	119256

	Quartile 3
	
	4.16
	
	120
	
	1721440
	232354
	493248
	22000
	1095317

	Minimum 
	
	1.72
	
	72
	
	8157
	3458
	658
	10
	5438

	Maximum
	
	4.42
	
	228
	
	4382819
	481379
	1867622
	154000
	3121586

	Range 
	
	2.7
	
	156
	
	4374662
	477921
	1866964
	153990
	3116148

	Interquartile
	
	0.47
	
	27
	
	1526662
	173495
	433604
	21259
	976061

	variance 
	
	0.29
	
	691.03
	
	1626450595619.74
	15750629025.64
	248146172381.45
	758628907.21
	700033389691.54

	Standard deviation
	
	0.54
	
	26.29
	
	1275323.72
	125501.51
	498142.72
	27543.22
	836679.98

	Coefficient of variation 
	
	14.27
	
	24.10
	
	111.29
	79.48
	129.20
	164.37
	114.26



Showing the charts 

Figure: Boxplots for average rating
Source: Author

Figure: Boxplots for Watches
Source: Author

Figure: Boxplots regarding runtime
Source: Author

Figure: Boxplots for Fans
Source: Author

Figure: Pie charts  regarding runtime
Source: Author

Figure: Pie charts for Average rating
Source: Author

Figure: Pie charts for Fans
Source: Author

Figure: Pie charts for Watches
Source: Author
Analysis 
The value of the average rating is 3.79 on the basis of the median outcome of 3.92, that highlighting as generally favourable, but slightly differentiates on the basis of users' sentiments, has undergone moderate dispersion (Soykök and Güvenir, 2025). Average runtime is around 109 times, where there is 103, highlighting a constant cluster regarding the standard feature length over time. From the perspective of the engagement matrix, these are highly skewed as average watches are equivalent to 1.15 and sands are around 1507; both are largely variable regarding the coefficient of variation. These actually show that their extremely popular titles are dominating in the users' preferences. The same pattern is to be found in the additional matrix, where the values of means are greater than the median, which further confirms that the risk is skewed (Alwyn et al., 2024). From the aspect of minimum and maximum ranges being wide across all the engagement variables, which actually portrays the substantial inequality in the audience reach and popularity segment.


[bookmark: _Toc227424769]Trend analysis and visualisation

Figure: Line chart 
Source: Author 

Figure: Bar chart 
Source: Author 

Figure: Count of Watches by Original language 
Source: Author
Illustration of the pattern 
The pattern of ratings plaster is to be highest around the segment of drama thriller and adventure in terms of the films like Akira, Lawrence of Arabia and The Truman Show, with a kind of strong engagement (Mangolin et al., 2022). In the context of Science Fiction/Action, such as Blade Runner and Star Wars, bring the trendies of watches and fan counts, which show mass appeal to wider rating spreads. By the end of the language parameter, English films have a dominating view and watch time, while non-English titles get competitive ratings but have a lower reach. This actually shows audience exposure and distribution differences rather than the quality gaps in them (Moreno-Galván et al., 2025). 

[bookmark: _q5j67rlt9wm5][bookmark: _Toc227424770]Conclusion and recommendation
[bookmark: _o8ctxds2gskf][bookmark: _Toc227424771]Conclusion
Data handling and analysis play a crucial role in the decision-making process for business organisations, and their key components were described in the above report. It analysed the provided set of data, used Excel functions to calculate descriptive statistical measures and created charts to evaluate the trends and patterns. This report focused towards the identification of patterns in elements such as fans, ratings, watches and runtimes of different movies and their genres. For graphical representation, boxplots, pie charts and line graphs were created in the report, and their interpretations were provided. 
[bookmark: _vbgl5oeahgkd][bookmark: _Toc227424772]Recommendation
Genre targeting: Based on the analysis provided above, it can be used to improve BI decision-making by focusing towards the data of runtime and watches based on different genres (Sevaslidou et al., 2023). It will help to understand the preferences of the audience and the genres towards which they are more interested, and provide personalised options accordingly.  
Language subtitle: Considering that movies are released in various geographical locations, dubbing them into regional languages and providing subtitles can help attract a larger audience. Using data analysis, those genres and movies can be analysed which has higher runtime and a greater number of fans, and thus, releasing them with wider subtitles can expand the reach (Gorman et al., 2021). 
[bookmark: _npru7ie0yvcg][bookmark: _Toc227424773]Reflection on limitation
There were certain limitations identified related to the data, such as the absence of time and data, which could have simplified the analysis and understanding of the pattern. Additionally, huge inconsistencies are seen in the number of fans, which makes it difficult to understand which genre is likely to attract more audience and add subtitles to expand current reach. For future investigations, a better sorting approach would help to make a more accurate data set, based on which tasks can be performed. Additionally, the use of a data analytics toolkit can improve the overall quality of the data, which can support the business decision-making process. 
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Count of Watches by Original language

Total	English	French	German	Japanese	18	1	1	1	
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Il Column 1~ | Film_title| - | Average_rating |~ | Genres | ~ | Runtime | - | Original_language | - | Watches| - |List_appearances | - |Likes| - | Fans |~ | Total_ratings |~

0 The Fan 3.57 ["Horror', " 92 German 12841 11032 3763 79 9042

E} 1 Mad Max: Fu 4.18 ['Adventur 121 English 2488721 331681 927538 38000 1682389
4 2 Suspiria 3.93 ["Horror'] 99 English 618171 220094 219548 13000 443757
3 Lostin Trans 3.79 ['Drama’,’ 102 English 1596190 254180 493248 38000 1076949

4 Akira 4.28 ['Animatio 124 Japanese 873068 175586 341567 21000 600721
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8 The Third Me 4.25 ['Mystery', 105 English 228162 101285 70932 3400 152601

9 The Big Sick 3.76 ['Drama’," 120 English 382201 58859 93489 504 238309
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11 Get Out 4.15 ['Horror', " 104 English 4376009 454087 2E+06 33000 3121586
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18 The Truman'! 4.22 ['Comedy’, 103 English 4382819 361732 2E+06 71000 2926289
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21 Whiplash 4.42 ['Drama’,’ 107 English 3925603 481379 2E+06 154000 2963756
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25 23 Raw 3.69 ['Drama’," 99 French 519561 150570 150137 6600 375195
24 Army of Dark 3.71 ['Comedy’, 81 English 363502 108548 123314 3500 251175

85 English 86399 25356 19499 245 51165

2 25 Obvious Chilc 3.52 ['Comed
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0 The Fan 3.57 ['Horror'," 92 German 12841 11032 3763 79 9042
1 Mad Max: Fu 4.18 ['Adventur 121 English 2488721 331681 927538 38000 1682389
2 Suspiria 3.93 [Horror'] 99 English 618171 220094 219548 13000 443757
3 Lostin Trans 3.79 ['Drama,’ 102 English 1596190 254180 493248 38000 1076949
4 Akira 4.28 ['Animatio 124 Japanese 873068 175586 341567 21000 600721
5 Things to Cor 3.77 ['Drama’] 102 French 34777 14370 8585 192 24383
6 Big Trouble it 3.72 ['Comedy’, 100 English 283873 65558 85788 3800 183927
7 Star Wars 4.17 ['Adventur 121 English 3014320 391415 1E+06 30000 1780203
8 The Third Me 4.25 ['Mystery, 105 English 228162 101285 70932 3400 152601
9 The Big Sick 3.76 ['Drama,' 120 English 382201 58850 93489 504 238309
10 Jodorowsky'": 3.96 ['Documer 90 English 85388 16745 25616 188 56507
11 Get Out 4.15 ['Horror'," 104 English 4376009 454087 2E+06 33000 3121586
12 Lawrence of 4.38 ['Adventur 228 English 369742 151348 116793 10000 242207
13 Free Fire 3.16 ['Action’, 90 English 109849 29433 21524 83 81191
14 Sing Street 4.04 ['Romance 105 English 390910 90763 145995 10000 273809
15 Up 4.1 ['Animatio 96 English 3922213 263407 1E+06 9100 2091274
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19 Wonder Wor 3.24 ['Action’, 'l 141 English 1721440 147437 320485 1600 946010
20 Plan 9 from ¢ 2.24 ['Science F 79 English 61992 20589 11196 121 35588
21 Whiplash 4.42 ['Drama’, 107 English 3925603 481379 2E+06 154000 2963756
22 Weird Scienc 3.08 ['Comedy’ 93 English 141350 26516 26420 438 76048
23 Raw 3.69 ['Drama,’ 99 French 519561 150570 150137 6600 375195
24 Army of Dark 3.71 ['Comedy’ 81 English 363502 108548 123314 3500 251175
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Boxplots for Watches
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Boxplots regarding runtime
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Boxplots for Fans
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