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(A new and emerging technology that analyses emotional states using voice, facial expressions, and behaviour patterns)
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[bookmark: _Toc232453662][bookmark: _Toc234089012]Introduction

Artificial intelligence (AI) has been used more frequently in the UK over the past ten years to improve efficiency, safety, and the delivery of tailored care, as a result of the digital revolution in health and social care. Affective computing, sometimes referred to as emotion-AI monitoring, is one of the most recent developments. In order to identify emotional states like stress, agitation, concern, or distress, this technology employs AI algorithms to analyse facial expressions, voice tone, speech patterns, body movements, and behavioural signals. Unlike traditional monitoring systems that focus on physical health indicators, emotion-AI aims to identify early symptoms of emotional or psychological decline, enabling timely intervention. Emotion-AI, also known as affective computing, is a novel form of artificial intelligence that can recognise emotional states such as stress, anxiety, agitation, or mood swings (NHS England, 2023). It works by evaluating behavioural and physiological cues, including tone of voice, body language, speech patterns, facial expressions, and interpersonal tendencies like withdrawal or restlessness, from Emotion AI to Cognitive AI. (2022). Rather than diagnosing mental health conditions, its objective is to identify early warning signs of emotional decline. This idea has begun to show up in mental health facilities, dementia care facilities, crisis hotlines, and remote therapy platforms in the UK. It represents a significant shift in how emotional well-being is assessed, particularly for people who struggle with emotional expression. Focusing on the impact on the labour force and service delivery, this research critically evaluates the usage of Emotion-AI monitoring in health and social care for patients, service users, and the general public. This innovation prioritises mental health over physical health, which sets it apart from traditional monitoring methods. It is currently being evaluated in mental health facilities, dementia care facilities, crisis hotlines, and remote therapy platforms around the United Kingdom. Emotion-AI creates warnings that enable staff to react quickly and tailor care by using cameras or microphones to capture natural behaviour and real-time signal processing. Its growing use between 2024 and 2026 shows its potential to enhance emotional safety, particularly for those who struggle to express their emotions verbally (NHS, 2026)

[bookmark: _Toc232453663][bookmark: _Toc234089013]Impact on the workforce
[image: ]
https://blog.dealon.ai/ai-and-human-emotions/

Emotion-AI monitoring will have a significant impact on the health and social care professions, particularly in community support services, dementia care, and mental health. One of the most obvious consequences is the shift in employment responsibilities and skills. Workers need to improve their digital literacy, understand AI insights, and use emotional and behavioural data when making healthcare decisions. This represents a change from purely observational practice to data-enhanced professional judgement (Urquhart et al., 2022)

[bookmark: _Toc232453664][bookmark: _Toc234089014]Positive impacts
Emotion-AI can enhance workforce performance by providing real-time alerts when a service user displays signs of emotional discomfort. This promotes safer staffing, particularly in high-risk environments such as inpatient psychiatric units. Staff can reduce the likelihood of incidents like self-harm, animosity, or emotional outbursts by prioritising those who require immediate care. Early signs of agitation or disorientation in dementia care workers can be detected by Emotion-AI, enabling staff to intervene before behaviours deteriorate. The technology also facilitates reflective practice. By looking at patterns over time, staff members can learn more about triggers, emotional cycles, and treatment outcomes. This can improve treatment planning and bolster trauma-informed approaches, particularly for individuals with complex trauma histories who may be hiding discomfort (Naqshbandi, et al 2014)

[bookmark: _Toc232453665][bookmark: _Toc234089015]Negative impacts
But there are also issues with the introduction of Emotion-AI. Employees may feel more pressure to react fast to AI notifications, which could add to their workload stress. Additionally, there is a chance that employees will become overly dependent on technology and start to rely more on AI results than on their own expert opinion. Relationship skills may be compromised, and chances for deep human connection may be diminished. The requirement for specific training presents another difficulty. Many frontline employees could be unconfident while utilising sophisticated digital tools, especially in the social care sector. Without sufficient training, employees can misunderstand AI insights or experience anxiety when utilising the technology, which could lower its efficacy (Mookerjee, U. 2026).

[bookmark: _Toc234089016]Critical Evaluation of Evidence
However, the evidence supporting these benefits is mixed. Base their claims on theoretical models of emotional labour rather than empirical NHS studies, limiting the generalisability of their findings. Introduce a conflicting perspective, arguing that service users may adapt their behaviour strategically to influence AI outputs, reducing system reliability. This raises concerns about whether Emotion‑AI can be trusted in environments where emotional expression is complex and influenced by trauma, neurodivergence, or cultural factors (Mookerjee, U. 2026).

[bookmark: _Toc232453666][bookmark: _Toc234089017]Impact on service delivery[image: ]
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Emotion-AI monitoring can transform daily service delivery by shifting services from reactive to proactive emotional care. Traditional approaches to mental health and social care include organised tests, professional observation, and verbal communication. Emotion-AI presents a more continuous, data-driven approach. Continue to have an impact on systems that are more responsive and cleverer by including explainable AI.

[bookmark: _Toc232453667][bookmark: _Toc234089018]Positive impacts
Emotion-AI can improve service delivery by enabling early intervention. For example, in mental health inpatient institutions, the technology can detect subtle behavioural changes that presage emotional breakdowns, allowing staff to intervene before things get out of control. This can improve therapeutic settings, reduce the usage of restrictive tactics, and boost safety.  Emotion-AI can enable personalised routines in dementia care by identifying agitation patterns linked to environmental stimuli, such as noise levels or time of day. This enables personnel to create calmer, more supportive surroundings and alter care plans. 
Additionally, remote services are beneficial. Digital therapy platforms and crisis hotlines can employ Emotion-AI to evaluate speech patterns and voice tones, helping practitioners recognise concerns even when callers do not explicitly express them. This enhances risk assessment and enables more accurate triage. Through carefully regulated trials where participants engaged with a service representative (Erol, et al, 2020).

[bookmark: _Toc232453668][bookmark: _Toc234089019]Negative impacts
Despite these benefits, emotion-AI may pose challenges. An over-medicalisation of service delivery could result from viewing emotional states as data points rather than human experiences. As a result, the person-centred and relational components of care might be compromised. Additional problems include false positives and false negatives. AI may misread accents, neurodivergent behaviours, or cultural expressions, leading to inaccurate alerts. This could impede the delivery of services, lead to unnecessary interventions, or overlook actual pain. Adopting Emotion-AI also requires a significant infrastructure investment, including cameras, microphones, secure data systems, and staff training. Smaller companies or impoverished social care providers may find it challenging to employ the technology, which could worsen service quality gaps (Santos, et al, 2026).

[bookmark: _Toc234089020]Critical Evaluation of Evidence Reliability
[bookmark: _Toc234089021][bookmark: _Toc232453669]The reliability of Emotion‑AI in real‑world UK contexts remains questionable. Much research is carried out in non-clinical settings, which restricts their relevance to mental health care provided by the NHS. The majority of Emotion-AI systems have not undergone UK-specific studies, despite NICE's Evidence Standards Framework requiring strong clinical validation before digital tools may be employed in care pathways. False positives and false negatives are an issue, especially for people with neurodivergent communication styles or culturally different emotional manifestations. Inequality and Infrastructure: Investing heavily in cameras, microphones, secure data infrastructure, and employee training is necessary to implement Emotion-AI. Smaller social care providers may struggle to achieve these requirements, thereby expanding existing gaps in service quality. This is consistent with worries expressed about the unequal distribution of resources in the adoption of technology (Nice , 2025).





[bookmark: _Toc234089022]Impact on patients
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Emotion-AI monitoring has the potential to significantly alter the patient experience in mental health and dementia settings by detecting emotional distress early, facilitating more individualised and responsive care, and making people feel understood even when they are unable to communicate verbally. However, it also raises concerns regarding privacy, autonomy, and the possibility that patients may feel continuously watched. People's experiences with and benefits from them are greatly influenced by their ability to communicate empathy (From Emotion AI to Cognitive AI,2022). 

[bookmark: _Toc232453670][bookmark: _Toc234089023]Positive impacts
For those who struggle to communicate vocally, such as those with dementia, autism, learning disabilities, or severe mental illness, emotion-AI can provide a voice when words are limited. By detecting emotional distress early on, the technology can help staff respond more effectively and compassionately. Additionally, knowing that employees are cognisant of emotional changes may make service customers feel safer and reduce the likelihood of problems. In trauma-informed care, emotion-AI can help identify triggers and enable customised activities that enhance emotional safety.
[bookmark: _Toc232453671][bookmark: _Toc234089024]Remote users, including those undergoing digital therapy, may benefit from more accurate assessments. AI can recognise emotional cues in text-based or audio-only talks that clinicians 
Negative impacts
However, service users may perceive Emotion-AI as invasive or excessively surveillance-based in settings such as mental health inpatient facilities, where privacy is already constrained. People may become more nervous or lose confidence in services if they are constantly being seen by cameras or microphones. Other problems include bias and fairness. People with atypical communication styles, neurodivergent individuals, and members of minority ethnic groups may display emotional cues that AI systems misinterpret. This could lead to incorrect classification, inappropriate interventions, or unfair treatment. Furthermore, some service users may think that technology is taking the role of human empathy. AI-driven monitoring may reduce opportunities for deep human connection because emotional care is highly relational (Weller SJ, et al 2019)

[bookmark: _Toc234089025]Critical Evaluation of Risks
[bookmark: _Toc234089026][bookmark: _Toc232453672]However, there are serious privacy, autonomy, and justice issues with Emotion-AI. In mental health inpatient institutions, where privacy is already restricted, constant surveillance may seem invasive. The absence of terminological precision in AI-driven emotion recognition compromises its dependability and raises the possibility of misunderstandings. For neurodivergent people or members of minority ethnic groups, whose emotional responses do not conform to algorithmic norms, this is especially troublesome. Additionally, patients run the risk of believing that Emotion-AI will take the place of human empathy. Since emotional care is fundamentally relational, an excessive dependence on technology may limit opportunities for deep human connection (Nice , 2025).

[bookmark: _Toc234089027]Impact on the community
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Emotion-AI monitoring goes beyond individual care at the community level by bolstering public health responses, assisting families and carers by identifying emotional decline early, and enhancing service accessibility. However, it also raises significant issues regarding data ethics, digital inclusion, and the degree to which communities are open to AI-enabled surveillance in care settings.

[bookmark: _Toc232453673][bookmark: _Toc234089028]Positive impacts
Emotion: Families can benefit from AI by feeling more assured that their loved ones are being monitored for both mental and physical health. This is particularly useful for dementia care because families often worry about agitation, confusion, or emotional distress. In community mental health, emotion-AI can help detect early relapse symptoms, enabling timely intervention and reducing hospital admissions. This benefits the greater community by reducing the demand for hospital beds and emergency services. Emotion-AI also promotes co-production by allowing families and service users to contribute to the interpretation of emotional data and the development of customised care plans. This allows individuals to participate in their own care and improves collaborative techniques (McStay, et al 2024).

[bookmark: _Toc232453674][bookmark: _Toc234089029]Negative impacts
However, community concerns regarding monitoring, data security, and privacy may hinder Emotion-AI's adoption. Families can be worried about how emotional data is stored, who can access it, and whether it will be misused. Another danger is digital inequality. Communities with poor access to internet infrastructure might not benefit from emotion-AI, which would worsen health disparities. Additionally, cultural differences in how people express their feelings can lead to miscommunications that erode trust between carers and communities. Finally, public health initiatives may become overly reliant on emotional data generated by AI, neglecting sociocultural determinants of health such as social support networks, housing, and poverty (Nice , 2025)

[bookmark: _Toc234089030]Critical Evaluation of Community Risks
[bookmark: _Toc234089031][bookmark: _Toc232453675]The community's acceptance of Emotion-AI is unclear despite these possible advantages. Highlight hypothetical future visions of Emotion‑AI, even as these projected benefits clash with real challenges related to data security, digital inequity, and cultural variations in emotional expression. The NHS AI Strategy prioritises openness, public trust, and robust governance - areas where Emotion‑AI is now under scrutiny. One of the biggest obstacles is still digital inequality. Communities with inadequate internet connection or antiquated infrastructure may not benefit from Emotion‑AI, aggravating existing health inequities. Additionally, focusing too much on emotional data may distract from broader social determinants of health, including housing, poverty, and social support systems, according to the Parliamentary Office of Science and Technology. (2025).

[bookmark: _Toc234089032]Conclusion
Emotion-AI monitoring, which offers new methods to detect emotional distress and enable early intervention, is a significant and innovative development in UK health and social care. Its ability to evaluate facial expressions, speech tones, and behavioural cues provides useful information that can enhance workforce decision-making, improve service delivery, and enable customised care for those who struggle to articulate their emotions. Emotion-AI has made great progress in the monitoring of emotional well-being in the UK health and social care. By analysing subtle behavioural and linguistic cues, the device can identify early signs of distress and enable timely intervention. Its use in settings such as dementia care, mental health wards, children's services, and remote treatment demonstrates its value in enhancing emotional safety and personalised care planning. However, there are also substantial barriers to its implementation. Workforce training, ethical issues, privacy concerns, and the risk of bias must be carefully managed to ensure that Emotion-AI enhances rather than undermines person-centred care. All things considered, Emotion-AI has the potential to transform emotional care in mental health and social care settings. However, its success depends on finding a balance between human compassion, professional judgement, technological innovation, and respect for service user autonomy. Despite not being a diagnostic tool, emotion-AI helps with preventative methods and aligns with NHS goals for AI-enabled mental health support. It is particularly potent since it can assist those who struggle to communicate their emotions. All things considered, Emotion-AI offers a promising but critically needed innovation that can enhance emotional care when used ethically, transparently, and in concert with knowledgeable human judgment (NHS, 2025)
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