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This study explores how AI-driven personalised marketing affects trust and purchase intention in the UK online retail consumers' Amazon and eBay channels. The study was undertaken to gain insights into the effect of various facets of AI in personalised marketing on consumer buying decisions in the online retail landscape. Four independent variables personalisation accuracy, data privacy protection, transparency of AI use, and relevance of marketing were analysed as well as the mediating variable of consumer trust, and the dependent variable of purchase intention. The research method used was quantitative research and structured questionnaire to 50 UK online retail consumers. The analysis of data collected was carried out descriptively, correlation, regression and mediation from SPSS software. 
The results showed that the accuracy of personalisation, data privacy protection and transparency of the use of AI have a significant positive impact on purchase intention. Conversely, relevance of marketing had a negative and significant impact on purchase intention. Furthermore, consumer trust was found to significantly mediate the relationship between AI-driven personalised marketing and purchase intention. Based on the findings, it was concluded that using AI for personalised marketing, with transparency, privacy protection, and establishing trust, can boost consumer purchase intent. The results are relevant for online retailers who want to gain insights to enhance customer engagement and boost their competitive edge in the changing landscape of the UK e-commerce market.
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[bookmark: _Toc231729070]GLOSSARY
Artificial Intelligence (AI): A technology that allows computer systems to perform a task that would otherwise require human intelligence, like learning, prediction or decision making.
Personalised Marketing: A marketing approach that leverages customer information and AI technologies to create personalised advertising, suggestions, and marketing materials.
Consumer Trust: Consumer confidence in the reliability, honesty, security and ethical practice of an online platform.
Purchase Intention: consumer's attitude of how likely or willing they are to buy a product/service considering their perceptions and experiences.
Data Privacy Protection: What steps and systems are in place to protect consumers' personal data, making sure that it is collected, stored, and utilized properly.
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[bookmark: _Toc224753797][bookmark: _Toc231729072]1.1 Background of the Study
The retail industry around the world has been affected greatly by the digital revolution with the emergence of internet-based retail platforms like Amazon and E-bay. A high rate of internet penetration, the prevalence of portable devices and the comfort of online shops are the reasons for online shopping becoming one of the most common purchase channels in the United Kingdom (Srivastava et al., 2026). Reducing customer effort and enhancing the customer experience and this complements marketing effectiveness are increasingly being accomplished by incorporating AI technologies that will be crucial considering escalating competition in the online retail sector. One of the most notable uses of artificial intelligence in e-commerce is artificial intelligence-driven personalised marketing, AI-driven tools to analyse customer data, purchasing habits and browsing history to offer specific products and targeted advertisements (Mallika et al., 2025).
One of the main strategic tools that have been identified as AI-powered personalisation in e-comm retailers is in relation to the addition of extra interaction between the pops and the client, as well as the marketing messages that are supplied to them. Furthermore, retailers can anticipate what additional products or variations will fit their clients via forecasting analytics and machine learning algorithms (Amil, 2024). Additionally, retailers can use forecasting analytics and machine learning algorithms to suggest products or variations that will fit their clients better, further improving the likelihood of purchase decisions. Personalised recommendation systems have been found to significantly influence consumers' buying intentions by improving perceived convenience, convenience search, and the online shopping experience, which can strengthen consumers' familiarity with specific products or services, thereby boosting their shopping motivation in online retail (Yin et al, 2025).
Artificial intelligence (AI) has come a long way and is now revolutionizing digital marketing, especially in the e-commerce industry. By leveraging AI for personalisation, platforms can process vast amounts of customer data to provide personalised recommendations, ads, and shopping experiences (Alasa et al., 2025). Amazon and eBay are among the top online retailers that have extensively embraced AI in their operations to boost customer engagement and optimize purchasing outcomes in the United Kingdom. For example, Amazon’s AI-driven suggestion systems, believed to account for around 35% of its earnings, and the generative AI support named “Rufus,” which enables conversational purchasing experiences, are among its innovations (Marr, 2025). In a similar fashion, eBay uses AI for visual search, auto-list optimisation and using billions of data points to customise user interactions and enhance sales (Amil, 2024).
As these features grow, the greater we depend on AI personalisation, the more essential concerns emerge concerning consumer trust and privacy. Studies suggest that while personalised marketing brings in the feeling of relevance and convenience, it can also raise scepticism among consumers for data security and ethical issues (Obieguo, 2025; Srivastava et al., 2026). Consumer trust plays a pivotal role in their online purchase intentions, with a higher level of trust resulting in the greater inclination to conduct transactions (Ballı, 2025). Thus, it is crucial to understand the equilibrium between AI personalisation and consumer trust to ensure long-term relationships with customers and enhance purchase intentions in the competitive online retail market in the UK (Sarwar et al., 2025).

[bookmark: _Toc224753798][bookmark: _Toc231729073]1.2 Problem Statement / Research Gap
Although several large online retailers are adopting AI-driven personalized marketing, the UK consumer market still has a series of issues to overcome when purchasing online that affect the trust consumers have in online shopping platforms (Srivastava et al., 2026; Obieguo, 2025). Sarwar et al. (2025) stated that over a third of the consumers face problems with the online transaction process, which is evident of the digital retail environment's continued problems. The percentage of consumers reporting late deliveries is 19.9%, which is the most common problem recorded while 11.5% of consumers reported that they experienced difficulties navigating online stores (Sarwar et al., 2025). Other catches involve using substandard or inappropriate products, false return policies and susceptance to cyber security risks and concerns of personal data protection by digital consumers (Srivastava et al., 2026). These issues have contributed to consumer distrust in online platforms and the worry regarding the trustworthiness of online shopping systems (Obieguo, 2025).
[image: UK Retail and Ecommerce Sales Benchmarks 2025]
[bookmark: _Toc231727749]Figure 1:UK Retail and Ecommerce Sales Benchmarks 2025
(Source: EMARKETER Forecast, October 2024)
Another significant issue for consumers in the U.K. is the lack of clarity related to return policies in online sales (Sarwar et al., 2025). There are some retail outlets that mislead people by saying in their advertisements that you have 14 days to get your money back, but they actually have more time to get them returned, creating a misinterpretation in consumer minds regarding their rights to legal actions in the context of consumer rights (Sarwar et al., 2025). In addition, the growing numbers of fake items and dangerous products sold through online platforms have also driven consumers to lose trust in digital retail platforms (Alasa et al., 2025). The growing use of so-called dark patterns' (e.g., pre-selected buying alternatives that affect purchasing decisions by the consumer) is an ethical challenge in relation to AI marketing technologies, and the transparency of online retail policies (Obieguo, 2025). These practices have the potential to alter a consumer's decision-making process and impact the consumers' sense of fairness and credibility in the online retail environment (Srivastava et al., 2026).
Even though there are studies that have conducted about the influence of AI based personalisation in consumer behaviour, majority of the studies have been conducted in generic e-commerce scenarios or laboratory conditions and not a specific retail platform (Hasan et al., 2021). 
While there has been a growing interest in academic research on AI-based marketing, little empirical work has been conducted on how AI-informed personalised marketing affects customer trust and purchase intention, especially among online retail consumers in the UK on the major retail platforms, like Amazon and eBay (Sarwar et al., 2025). Existing studies take a step further than the technological possibilities for AI personalisation, but don't explore how AI technologies could help address the trust issues online consumers encounter (Mallika et al., 2025). This, therefore, presents a significant research gap in how these AI-driven personalised marketing strategies might potentially alleviate consumer trust concerns, even more so for subsequent purchase intent in the UK online retail context (Srivastava et al., 2026).

[bookmark: _Toc224753799][bookmark: _Toc231729074]1.3 Research Aim
The main aim of this research is to examine the impact of AI-driven personalised marketing on consumer trust and purchase intention among UK online retail consumers using Amazon and eBay platforms.

[bookmark: _Toc224753800][bookmark: _Toc231729075]1.4 Research Objectives
I. To examine the relationship between AI-driven personalised marketing and consumer purchase intention among UK online retail consumers of Amazon and eBay.
II. To analyse the relationship between consumer trust and purchase intention in AI-driven online retail environments.
III. To investigate the mediating role of consumer trust in the relationship between AI-driven personalised marketing and purchase intention.
IV. To provide recommendations for online retailers on how AI-driven personalised marketing can be used to improve consumer trust and purchase intention.

[bookmark: _Toc224753801][bookmark: _Toc231729076]1.5 Research Questions
I. What is the relationship between AI-driven personalised marketing and consumer purchase intention among UK online retail consumers of Amazon and eBay?
II. How does consumer trust influence purchase intention in AI-driven online retail platforms?
III. Does consumer trust mediate the relationship between AI-driven personalised marketing and consumer purchase intention?
IV. What strategies can online retailers adopt to improve consumer trust and purchase intention through AI-driven personalised marketing?

[bookmark: _Toc231729077]1.6 Hypothesis
H01- There is no significant impact of Personalisation Accuracy on Purchase Intention among UK online retail consumers of Amazon and eBay.
H1- There is a significant impact of Personalisation Accuracy on Purchase Intention among UK online retail consumers of Amazon and eBay.

H02- There is no significant impact of Data Privacy Protection on Purchase Intention among UK online retail consumers of Amazon and eBay.
H2- There is a significant impact of Data Privacy Protection on Purchase Intention among UK online retail consumers of Amazon and eBay.

H03- There is no significant impact of Transparency of AI Use on Purchase Intention among UK online retail consumers of Amazon and eBay.
H3- There is a significant impact of Transparency of AI Use on Purchase Intention among UK online retail consumers of Amazon and eBay.

H04- There is no significant impact of Relevance of Marketing on Purchase Intention among UK online retail consumers of Amazon and eBay.
H4- There is a significant impact of Relevance of Marketing on Purchase Intention among UK online retail consumers of Amazon and eBay.

H05- Consumer Trust does not significantly mediate the relationship between AI-Driven Personalised Marketing and Purchase Intention among UK online retail consumers of Amazon and eBay.
H5- Consumer Trust significantly mediates the relationship between AI-Driven Personalised Marketing and Purchase Intention among UK online retail consumers of Amazon and eBay.

[bookmark: _Toc224753802][bookmark: _Toc231729078]1.7. Significance of the Study
This study is important because it sheds light on the impacts of personalised marketing using AI techniques on consumer trust and the intention to purchase online in the UK retail market, specifically Amazon and eBay. The advent of AI technologies has led to a growing body of research exploring the effects of AI on consumer behaviour, highlighting the critical importance for both academics and practitioners (Beyari et al., 2025). This study extends the work of previous studies that discussed the linkage between personalization and trust, where trust plays the most significant role in the context of the modern e-commerce business practice (Hasan et al., 2021).
The results of this study will have practical implications for online retailers looking to optimize their AI marketing efforts, ensuring that their strategies cater to individual customer needs while fostering trust and confidence. Trust is a significant factor in the intention to purchase online, and companies will need to be transparent, ethical, and meet consumer expectations when it comes to using AI (Ballı, 2025). Moreover, purpose-driven insights are offered for policy makers and platform developer to address privacy concerns and ethical issues with AI usage (Hasan et al., 2021).
In addition, the findings of this research are important for further academic research because this research can be a basis for exploring the adoption of AI based on research models such as the Technology Acceptance Model (Azmee et al., 2025). Overall, the study enhances understanding of how AI can be strategically utilised to improve consumer experience and business performance in the competitive e-commerce environment (Ramya et al., 2025).

[bookmark: _Toc224753803]
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[bookmark: _Toc231729080]2.1. Introduction
The chapter summarizes current literature on AI powered personalized marketing in online retail, consumer trust and buying intention. It offers a theoretical and empirical basis to comprehend the impact of advanced technologies on consumer behaviour in the digital marketplace. The chapter highlights the important concepts, theories, and past research works identifying the relationship between the variables. Furthermore, it pinpoints the existing trends, issues and gaps in literature that can inform the development of the research framework and rationale for this study.

[bookmark: _Toc231729081]2.2. AI-Driven Personalised Marketing
AI-powered personalisation marketing is the practice of utilising AI technologies, including machine learning, predictive analytics and big data, to provide personalised content, product suggestions, and experiences for customers. This practice is very important in the modern e-commerce environment, as it drives improvements in business performance and fosters customers engagement (Alasa et al., 2025). Studies indicate that approximately 89% of companies report a positive return on investment (ROI) from AI-driven personalisation, highlighting its growing importance in digital marketing strategies. Furthermore, AI-driven recommendations can boost conversion rates by approximately 26% and improve average order value by over 200% by offering relevant product suggestions (Chowdhury et al., 2024).
Personalisation is another crucial aspect of AI's ability to enhance customer relationships and loyalty. Personalised shopping experiences have seen around 60% of shoppers become repeat customers and customer lifetime value rise by around 33% with preference-based personalisation (Beyari et al., 2025). Also, area specific communication channels like AI-powered emails create greater engagement, with greater click through rates and transaction rates. The results show that personalisation can not only boost sales but can also help optimise a long-term customer relationship.
Culturally, AI personalisation in real-time generates better results than monochrome personalisation approaches, with better conversion rates, and lower cart abandonment (Yin et al., 2025). These advantages come with certain drawbacks, however, as the ethical concerns around the use and data privacy of AI continue to affect consumer trust and acceptance (Chowdhury et al., 2024). Thus, organisations need to strike a balance between efficiency of personalisation and transparency to optimize its effectiveness.
AI-based personalized marketing is the application of AI technologies that can be leveraged to process customer data and deliver personalized marketing messages, product recommendations and promotions for specific customers (Ramya et al., 2025). In the digital retail context, artificial intelligence algorithms are used to systematically analyse large amounts of consumer behaviour data such as browsing history, purchase behaviour, and consumer demographics to predict consumer needs and ultimately improve marketing effectiveness (Beyari et al., 2025).
The effectiveness of personalized marketing is fuelled by several factors. The accuracy of personalization refers to the ability of an artificial intelligence system in providing recommendations that are relevant and accurate to meet the interests and buying behaviour of consumers (An et al., 2025). 
Consumers are increasingly worried about techniques employed by retailers to collect, hold, and analyse personal data in digital marketing systems, adding to the significance of data privacy safety (Hardcastle et al., 2025). The transparency of the use of AI is also an important part of establishing consumer trust, with consumers preferring to know how AI technologies are applied to make marketing decisions and recommendations (Ramya et al., 2025). Personalised advertisement can be defined by the relevance of the marketing content, whether it is valuable and useful or more of a nuisance and effort to manipulate the consumers (Chowdhury et al., 2024).
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[bookmark: _Toc231727750]Figure 2: Global AI-Based Personalization Market Size by Component (2023–2033)
(Source: Market.us (2024) Global AI-Based Personalization Market Report)
As shown in the figure above, the Global AI-based Personalization market is expected to witness steady growth in the forecast period from 2023 till 2033. This market is projected to reach nearly $788.7 billion by 2033, with a compound annual growth rate (CAGR) of 4.7%. Both software and services are 10% responsible for this growth and software always accounts for more of the share. The slow and steady rising trend provides a good indicator of the increasing use of AI personalization in various sectors. This growth is underscored by the rising significance of personalized digital experiences in customer engagement, business efficiency and a competitive edge in the global marketplace.

[bookmark: _Toc224753805][bookmark: _Toc231729082]2.3 Consumer Trust in Online Shopping
Consumer trust is one of the important concepts in e-commerce field, which is the trust of the consumer in the online retail business that the merchants will provide safe and reliable online services and secure personal data and product delivery as per the terms and conditions set in the contract (Ballı, 2025). In online community, consumers can’t physically check the product before purchasing it and this increases uncertainty and it makes consumers trust a very crucial element in their online shopping behaviour (Florea et al., 2025).
In the case of online retailers, there are several factors that have an impact on trust. Consumer trust towards digital platforms is greatly influenced by their security, transparency of information, ethical marketing practices and reliability of customer service (Ballı, 2025). In addition, online retailers who are using AI technologies will be able to make errors and gain consumer trust simultaneously based on the application of these technologies (Hasan et al., 2021).
The level of trust in online shopping is an important factor that can effect on the behaviour, satisfaction and purchase decision of the customers in digital marketplaces (Grabner-Kraeuter, 2002). Trust can be defined as the customer's trust in an online platform, even though some online businesses may have the potential to breach a customer's privacy, offer fraudulent products, or commit other acts of fraud (Hipólito et al., 2025). Trust plays an even greater role in the e-commerce context, where there is no actual physical contact, and is essential to decrease perceived risk and stimulate transactions (Dhanadapani et al., 2026).
Internet reviews and ratings are crucial in developing consumer trust as customers rely on the experience others have had before buying a product or service (Dhanadapani et al., 2026). Positive reviews and clear feedback systems improve trust and alleviate uncertainties for shoppers. But fake or misleading review can lead to loss of trust and suspicion about online platforms. To ensure consumer confidence, it is, therefore, imperative to safeguard authenticity of online information (Hasan et al., 2021).
Furthermore, various aspects of the online shopping experience, like return policies, payment security, and website reliability, play a crucial role in consumer trust (Hipólito et al., 2025). Return policies and secure payment methods offer confidence to the customer, leading them to more readily complete transactions (Hipólito et al., 2025). In addition, technological innovations like AI-powered systems can increase trust by providing personalised and reliable recommendations, which can enhance the shopping experience (Nguyen et al., 2025).
In addition, trust has a direct impact on purchase intention and long-term customer relationship in online environments (Nguyen et al., 2025). The higher the level of trust, the more are customers loyal, the more do they buy again, and the more do they talk about the company in a positive way (Grabner-Kraeuter, 2002). 

[bookmark: _Toc224753806][bookmark: _Toc231729083]2.4 Purchase Intention in Online Retail
Purchase intention is defined as the probability that a consumer will acquire a product/service after thinking about the information they have consumed and the marketing stimuli that they are exposed to (Rorlen et al., 2025). For online stores, intention to buy is influenced by a few psychological and technological aspects, including perceived usefulness, trustfulness, convenience, and product information availability (Amil, 2024).
Behavioural models are used to theorise the cause-effect relationship between the purchase intention and actual purchase choice in the study of consumer behaviour. The online shopping experience often relies on digital experiences, marketing conversations, and customer-specific suggestions to influence the desire to purchase (Han et al., 2025). Technologies like AI-powered recommendation systems, virtual try-on technologies, and personalized advertising campaigns have a significant impact on consumer attitudes toward online purchasing and greatly increase the likelihood of purchase behaviour (Amil, 2024).
Online retailing purchase intention is the probability or inclination of a customer to buy products or services online because of his/her perceptions, attitudes, and experiences (Rorlen et al., 2025). It is thought to be a significant indicator of the consumer behaviour and is widely used in those e-commerce settings to forecast real buying behaviour (Yamuna et al., 2025). Several factors have an impact on purchase intention in the online retail context such as perceived value, convenience, trust, and technological experience (Amil, 2024).
Consumer trust is one of the most important factors contributing to purchase intention because customers are more likely to make purchases when they feel safe and confident with the platform (Ballı, 2025). Trust decreases the perceived risk and uncertainty, particularly in the online environment where a product cannot be evaluated physically (Sarwar et al., 2025). Moreover, the quality of information, transparency, and credibility of the platform positively influence the purchase intention of online consumers (An and Ngo, 2025).
AI-powered technology has also played a significant role in factors that impact purchase intention through personalisation and user experience (Alasa et al., 2025). Consumers can search for the products more efficiently through personalised recommendations, predictive analytics, and AI-driven marketing campaigns, which boost the chances of them making a purchase (Mallika Siyad, 2025). Furthermore, features like virtual try-on and AI-powered product visualisation greatly boost user confidence and help in decision-making (Nguyen et al., 2025).
Consumers' engagement is also important when it comes to purchase intentions because interacting and personalising the experience boosts consumer engagement and emotional connection to the platform (Han and Jo, 2025). Moreover, real-time personalisation and Omni channel strategy lead to an improvement in conversion rates and purchasing behaviour (Ramya et al., 2025). But there are some concerns in terms of privacy and data security that can impact purchase intention if ignored. (Srivastava et al., 2026). Thus, online sellers need to more effectively balance technological innovation and ethics to boost consumer purchase intention effectively (Obieguo, 2025).

[bookmark: _Toc224753807][bookmark: _Toc231729084]2.5 Theoretical Framework
[bookmark: _Toc231729085]2.5.1 The Technology Acceptance Model (TAM)
One model that has been widely used to explain the technology adoption and use of a new technology is the Technology Acceptance Model (TAM) (Azmee et al., 2025). Perceived usefulness is the consumer's belief in using the technology to increase his/her performance, and perceived ease of use is the consumer's belief about how easy it is to use the technology (Lee et al., 2025). For instance, in the online retail sector, AI marketing systems that offer personalisation benefits like enhancing shopping experiences and decision-making are more likely to be embraced than those that are not (Alasa et al., 2025). For instance, by providing tailored suggestions and using AI-powered search capabilities, it diminishes the time and effort required, improving user satisfaction and acceptance (Beyari et al., 2025). Furthermore, AI platforms that are user-friendly are more likely to be used by consumers, as ease of use is highly correlated with willingness to use the platform (Hardcastle et al., 2025). Therefore, TAM offers excellent theory for studying the impact of AI technologies on consumer trust and purchasing behaviour in online retail scenarios (Sarwar et al., 2025).
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[bookmark: _Toc231727751]Figure 3: The Technology Acceptance Model (TAM)
(Source: Alasa et al., 2025)

[bookmark: _Toc231729086]2.5.2 The Theory of Planned Behaviour (TPB)
Individual behaviour is determined by attitudes, subjective norm and perceived behavioural control as described in the Theory of Planned Behaviour (TPB) (Rorlen et al., 2025). Attitude is defined as a consumer's positive or negative appraisal of utilizing AI in marketing, and subjective norms relate to social factors, including opinion from friends and online groups (Florea et al., 2025). PBC is defined as how much control consumers think they have over their actions, such as their involvement in data privacy and usage (An et al., 2025). Positive attitudes toward AI, high trust of platforms and confidence in handling personal data have positive effects on higher purchase intentions (Ballı, 2025). Furthermore, the recommendations and reviews given by other users can reinforce consumer behaviour in digital environments even more (Han et al., 2025). Hence, TPB is useful in understanding the psychological and social influences on consumers' trust and purchase behaviour regarding AI in Electronic Commerce (e-commerce) environments (Srivastava et al., 2026).
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[bookmark: _Toc231727752]Figure 4: The Theory of Planned Behaviour (TPB)
(Source: Rorlen et al., 2025)

[bookmark: _Toc224753808][bookmark: _Toc231729087]2.6 Empirical Studies
Empirical studies conducted in recent times concur with the nature of the rising significance of AI-assisted marketing in driving consumer behaviours within retail environments. AI-based personalization has been demonstrated to boost consumer engagement, trust, and the intention to purchase in an online shopping platform (An et al., 2025). The studies show that targeted marketing approaches contribute to the greater customer experience by providing valuable suggestions and minimizing the level of cognitive power needed to decide by a consumer (Ramya et al., 2025).
Furthermore, empirical findings suggest that consumer trust can be considered a mediator between the digital marketing technologies and purchase intention in online retail environments (Ballı, 2025). However, the empirical observations show that some of the most important factors that help shape consumer attitudes towards AI-centric marketing plans involve the accuracy of the personalization, transparency, and ethical use of consumer data (Hardcastle et al., 2025).

2.7. Conceptual Framework Dependent variable
Independent variable (AI-driven personalised marketing)



Personalisation Accuracy


Mediator
Consumer Trust
Data Privacy Protection
Purchase Intention



Transparency of AI Use


Relevance of Marketing Messages



[bookmark: _Toc231727753]Figure 5: Conceptual framework
[bookmark: _Toc231729089]Independent Variable 1- Personalisation Accuracy
The accuracy of personalisation involves AI systems being able to provide precise and relevant product suggestions according to the specific preferences and actions of users (Alasa et al., 2025). Personalisation results in higher accuracy that contributes to better user experience because it diminishes the information overload problem and helps the consumer locate an appropriate product (Ramya et al., 2025). The higher the satisfaction, when recommendations are similar to consumers' needs, the more trust is placed in the platform (Hardcastle et al., 2025). Also, accurate personalisation boosts the efficiency of decision making which in turn results in better purchase intention and conversion rates (Yin et al., 2025). But if the recommendations are incorrect or inconsequential, they can lead to frustration and a decrease in trust in the AI system (Sarwar et al., 2025). It is therefore imperative to have high accuracy to ensure the effectiveness of AI marketing strategies and the continued engagement of customers over time (Mallika Siyad, 2025).

[bookmark: _Toc231729090]Independent Variable 2- Data Privacy Protection
Data privacy protection means the protection of consumers' personal data which is gathered by AI-enabled systems in an online retail setting (Obieguo, 2025). AI is heavily data dependent and using this technology to create a personalised experience has raised concerns regarding potential misuse, data breaches, and loss of control over personal information (Srivastava et al., 2026). Users are more inclined to trust and interact with a platform that has robust privacy policies and transparent data management procedures (Florea et al., 2025). Advanced data protection solutions like encryption and consent-based data acquisition build consumer trust and lower the perceived risk (An and Ngo, 2025). However, poor privacy practices can result in loss of trust and reduce purchase intentions (Ballı, 2025). Hence, it is essential to implement effective data privacy measures that foster trust and sustain engagement with AI-powered online retail platforms (Beyari et al., 2025).

[bookmark: _Toc231729091]Independent Variable 3- Transparency of AI Use
Transparency of AI use is the extent to which organisations clearly communicate the role and working of AI in providing personalised marketing experiences (Hardcastle et al., 2025). Consumers are more likely to trust the system when they are aware of the data compilation methods and how suggestions are made (Obieguo, 2025). The transparency diminishes uncertainty and allows customers to seem more empowered in their interactions with digital platforms (Srivastava et al., 2026). Furthermore, by explaining the AI recommendations, the level of fairness and credibility is also increased (Florea et al., 2025). But opacity can foster mistrust and suspicion of manipulation or hidden algorithms (Sarwar et al., 2025). Hence, organisations should have effective communication tactics and ethical AI use guidelines to create customer confidence and acceptance of AI-powered marketing technologies (Lee et al., 2025).

[bookmark: _Toc231729092]Independent Variable 4- Relevance of Marketing
Relevance of marketing is defined as how well marketing messages and product recommendations match consumer needs, preferences, and interests (An et al., 2025). AI-powered systems can analyse user data to provide personalised content, making marketing more relevant to the individual user (Alasa et al., 2025). Personalised marketing efforts can boost engagement, as customers are more inclined to take action on offers and suggestions tailored to their interests (Han et al., 2025). It also enhances the shopping experience by eliminating the irrelevant ads and making the shopping experience more valuable to the user (Ramya et al., 2025). Moreover, extremely relevant marketing messages can boost connections with brands and purchase intention (Yamuna et al., 2025). But sometimes excessive personalization might be intrusive and lead to lowered consumer trust (Srivastava et al., 2026). Thus, it is crucial to balance relevance and privacy, ensuring that AI-driven marketing strategies are effective.

[bookmark: _Toc231729093]Mediator – Consumer Trust
Consumer trust is a belief consumers have that the AI-based marketing systems are reliable, transparent, and that the personalized recommendations and advertising are beneficial. Trust is an important mediator between AI-driven personalization and customer behaviours in digital marketing contexts (Sarwar et al., 2025). AI systems' security, ethics and usefulness positively influence consumer-brand interactions and personalised recommendations (Obieguo, 2025). AI personalisation has been shown to boost trust through relevance, convenience and customer experiences, which can affect purchase decisions and customer loyalty to brands (An et al., 2025).

Dependent Variable (DV) – Purchase Intention
Purchase intention is the probability or readiness of consumers to buy products or services after they perceive marketing activities, recommendations, or promotions (Mallika Siyad, 2025). Personalized advertisements, predictive recommendations, and customized customer experiences are all critical factors that shape consumers' purchase intent in the era of AI marketing (Rorlen et al., 2025). AI-driven technologies can influence the purchasing decision and create repeat sales through higher relevance, usefulness and engagement. Earlier research has emphasized that AI-driven personalization has the potential to enhance user experiences and emotional ties with brands, leading to higher rates of purchase intention in digital commerce settings (Yamuna et al., 2025).

[bookmark: _Toc231729094]2.8. Research Gap
Although existing literature has discussed the role of AI-based personalized marketing and its consequences for consumer behaviour, most of the studies focus on generic digital marketing situations as opposed to specific online retail platforms (Ramya et al., 2025). Previous studies have mostly investigated the effect of AI-driven recommendation systems and advertising on their purchase intention or interaction with the customer separately (An et al., 2025). Furthermore, the empirical investigations of the relationship between personalization through AI and consumer trust are in their initial stages, especially concerning key AI platforms for e-commercial operations (Balli, 2025).

[bookmark: _Toc231729095]2.9. Chapter Conclusion
To conclude, this chapter has explored the literature focusing on personalised marketing, consumer trust and purchase intention in online retailing within the context of AI. The review emphasizes the profound impact AI has on customer experience and engagement, along with trust, which is a key driver in customer purchase and experience. Theoretical models like TAM and TPB are solid in understanding consumer behaviour in the process of accepting a digital technology. Moreover, empirical research validates the beneficial effects of personalisation on consumer outcomes, and highlights issues with privacy and transparency. In sum, the chapter highlights key areas for research and provides a solid foundation for the conceptual framework and methodology of the study.

[bookmark: _Toc231729096]CHAPTER 03: METHODOLOGY
[bookmark: _Toc231729097]3.1 Introduction
This chapter has described how the methodology had been designed to analyse the effect of personalised marketing using AI on the trust and intention to buy of UK online retail consumers of Amazon and eBay. The chapter covered the research design, philosophy, approach, method, strategy and time horizon for the study. In addition, the sampling techniques, data collection methods, and data analysis techniques were explained. The chapter also supported the adoption of a quantitative approach and SPSS analysis for realizing the objectives of the research.

[bookmark: _Toc231729098]3.2 Research Design (Onion Model)
The research design gave a systematic approach for doing the research and analysing the collected data. The Saunders' Research Onion model was chosen due to its sequential approach for choosing appropriate research methods and procedures. The use of onion model helped to determine the most suitable research philosophy, approach, strategy and data collection methods for the study under investigation. Tengli (2020) claimed that the research onion model made it easier to clarify and consistently select the research methodology. Hence, this model facilitated the formation of a reliable and structured quantitative research process for this research.

Figure 3: Saunders’ Onion Model
[image: ]
(Source: Saunders et al., 2019)

[bookmark: _Toc231729099]3.2.1 Research Philosophy
The study adopted the positivism research philosophy. The positivism emphasized objective measurement, observable facts and statistics analysis to find the relationship between variables. The philosophy was suitable given that the study focused on variables that could be measured, including personalised marketing via AI, consumer trust and purchase intention, which analysed data gathered from respondents. Positivism was based on a structured approach to research and the use of empirical evidence to support research in a scientific and unbiased manner (Gamage, 2025). In addition, Bayramova et al. (2026) described how the positivism approach prevented researchers' subjectivity and provided objective data in the data analysis. In this regard, the positivist philosophy was appropriate for the study since it allowed for testing of the hypotheses and analysis of statistical relationships using quantitative techniques.

[bookmark: _Toc231729100]3.2.2 Research Approach
This study is qualitative and used the deductive approach. Deductive approach began with the concept and theories already existing and then was examined based on the data collected. It was considered appropriate because the study formulated the hypotheses based on the existing literature with respect to the domain of personalised marketing using AI and how this is related to the consumer trust and purchase intention. Tincani (2026) said the deductive approach facilitated the testing of theories by analysing the data in a structured way and testing the hypotheses. Besides, Effiong (2025) pointed out that deductive reasoning is popular in quantitative business research owing to its systematic and logical process. As a result, the deductive approach was chosen to analyse whether personalised marketing with AI has a profound impact on consumers' trust and purchase intent in the United Kingdom market of online retail consumers.

[bookmark: _Toc231729101]3.2.3 Research Method
This research employed quantitative research method. Quantitative research involving the collection of numerical data and analysis of this data with the use of statistical tools. This method was suitable for the study since relationships between variables were measured, and the personalised marketing with AI's impact on consumer trust and the intention to purchase was identified. The use of quantitative methods enhanced the accuracy and reliability of the study by objectively analysing collected data according to Mkandawire (2026). Likewise, Pilcher et al. (2024) clarified that quantitative research was used to test the hypotheses and generalise the results. Thus, the quantitative method enabled the researcher to obtain measurable responses from the consumers so the responses obtained could be analysed by using of statistical tools like correlation and regression analysis.

[bookmark: _Toc231729102]3.2.4 Research Strategy
For this study the survey research method was used. The survey approach allowed for data collection with a large number of respondents in a specific time frame by using structured questionnaires. This strategy was appropriate as it enabled the responses to be given in a standard way and analysed statistically. Blah (2022) asserted that in quantitative studies, survey research is often employed methods for collecting reliable and valid data from respondents. Furthermore, Bhuvanasri et al. (2025) found that the survey methods improved the consistency and comparability of the responses obtained from participants. The survey approach was therefore suitable to gather consumer perceptions on personalised marketing facilitated by AI, perceptions of trust and purchase intentions amongst consumers of Amazon and eBay in the UK.

[bookmark: _Toc231729103]3.2.5 Time Horizon
Study design used in the study was cross sectional with time perspective of one year. A cross-sectional study was used in collecting data, which was done at one point in time. This was a suitable method for the study aimed at examining current consumers' perceptions of personalised marketing with AI and e-purchasing. Slater et al. (2025) found that cross sectional studies were better for determining the relationships between variables within a given section of time. Moreover, Effiong (2025) noted that cross-sectional studies were economical and time saving and facilitated collection of data. Thus, the cross-sectional method allowed the researcher to collect crucial consumer information within a short period of time, thus facilitating a proper analysis of the effects of personalised marketing based on AI on trust and purchasing intention.

[bookmark: _Toc231729104]3.3 Sampling
[bookmark: _Toc231729105]3.3.1 Population
The study focused on the UK online retail consumers with prior experience of online shopping from Amazon and eBay. The target population of the study was online retail consumers in the UK with prior experience of online shopping from Amazon and eBay platforms (Srivastava et al., 2026). The reason for selecting these consumers is that they are accustomed to personalised marketing methods like personalised products, AI-based ads and the personalised shopping experience offered by online retail outlets like digital platforms (Alasa et al., 2025; Beyari and Hashem, 2025). The population comprised people from various demographic groups like age, gender and occupation. The chosen population was deemed suitable as the respondents had the necessary experience and awareness about consumer trust, personalized marketing and Online purchase intention in UK e-commerce context. (Sarwar et al., 2025).

[bookmark: _Toc231729106]3.3.2 Sampling Method
The research used convenience sampling method in selecting the respondents for the survey. Convenience sampling, which includes the selection of participants because of their accessibility, availability, and willingness to participate in the study was used (Yamuna et al., 2025). The method of sampling was appropriate as it allowed the researcher to gather the desired data in a limited time and resource. The respondents were targeted to be those who are actively using Amazon as well as eBay platforms and who are easily reachable via online. Convenience sampling has been commonly used in quantitative research on the study of consumer behaviour due to its ability to facilitate practical and cost-effective data collection methods (Rorlen et al., 2025). In addition, most of the research on AI-based personalised marketing and purchase intention frequently employed accessible online consumers as a source of relevant consumer knowledge (Mallika Siyad, 2025).

[bookmark: _Toc231729107]3.3.3 Sample Size
The number of respondents was 50 with prior experience of buying products from Amazon and eBay platform. The selected sample was deemed appropriate for quantitative analysis which included descriptive statistics, correlation analysis and regression analysis which was done using SPSS software. Past research on the impact of AI on personalised marketing and consumer purchase intention also adopted relatively small sample sizes to ease in-depth analysis of relationships between variables (An et al., 2025; Yin et al., 2025). Moreover, data gathered from the sample size facilitated to collect necessary consumers' perceptions of personalised marketing, consumer trust and purchase intention in the UK online retail sector (Ballı, 2025).
[image: ]
[bookmark: _Toc231727754]Figure 6: Sample size selection
(Source: Author, 2026)

[bookmark: _Toc231729108]3.4 Data Collection Method
[bookmark: _Toc231729109]3.4.1 Primary Data
Primary Data collection methods were used in the study to obtain primary information from the respondents. We used a structured online questionnaire to gather primary data from a section of UK consumers who shop online from Amazon and eBay. The questionnaire comprised of close ended questions with a five-point Likert scale ranging from strongly disagree to strongly agree. The questionnaire consisted of demographic items as well as questions concerning AI – personalised marketing, consumer trust, and purchase intention. Online data collection was chosen since the researcher could conveniently reach the respondents and collect their responses efficiently. The primary data collected enabled the correct statistical data analysis and hypothesis testing in the study.
5-Point Likert Scale
1. Strongly Disagree 
2. Disagree 
3. Neutral 
4. Agree 
5. Strongly Agree

Table 1: Operationalization
	Variable
	Type
	Dimensions / Indicators
	Question No
	Measurement Scale

	Personalisation Accuracy
	Independent Variable
	Accurate recommendations, personalised advertisements, relevant suggestions, improved shopping experience
	Q6–Q9
	5-Point Likert Scale

	Data Privacy Protection
	Independent Variable
	Data security, privacy protection, responsible data usage, customer confidence
	Q10–Q13
	5-Point Likert Scale

	Transparency of AI Use
	Independent Variable
	AI explanation, transparency, understanding recommendations, information clarity
	Q14–Q17
	5-Point Likert Scale

	Relevance of Marketing
	Independent Variable
	Relevant marketing messages, useful recommendations, meaningful advertisements, shopping interest alignment
	Q18–Q21
	5-Point Likert Scale

	Consumer Trust
	Mediating Variable
	Trustworthiness, confidence, honesty, security
	Q22–Q25
	5-Point Likert Scale

	Purchase Intention
	Dependent Variable
	Purchase likelihood, buying intention, future purchase behaviour, recommendation intention
	Q26–Q29
	5-Point Likert Scale



[bookmark: _Toc231729110]3.5 Data Analysis
[bookmark: _Toc231729111]3.5.1 Analysis Tool – SPSS
The collected data was analysed systematically using Statistical Package for Social Sciences (SPSS). Descriptive statistics, correlation analysis and regression analysis were efficiently carried out using SPSS. In quantitative research studies the software was chosen on the bases of its reliability, accuracy, easy-to-use usability and user friendliness (Mkandawire, 2026; Gamage 2025).

[bookmark: _Toc231729112]3.5.2 Descriptive Analysis
The demographic information of respondents and their answer patterns were summarised in descriptive analysis. The data collected were explained clearly using frequencies, percentages, mean and standard deviation. This analysis enabled the researcher to grasp the consumer's attitude towards the use of AI in personalised marketing when purchasing from Amazon or eBay in the UK (Pilcher and Cortazzi, 2024).

[bookmark: _Toc231729113]3.5.3 Correlation Analysis
Correlation analysis was performed to determine the correlation between the use of AI in personalised marketing, consumer trust and consumer intentions to buy. The variables were quantitative and measured on Likert scales; therefore, Pearson correlation analysis was used. Data analysis enabled the assessment of relationships between the study variables statistically and determine their strength and direction (Slater and Hasson, 2025).

[bookmark: _Toc231729114]3.5.4 Regression Analysis
AI-driven personalised marketing's effect on consumer trust and purchase intention was investigated using simple linear regression analysis. The analysis results were used to test hypotheses and to understand the predictive relationships between variables. SPSS was used to determine regression coefficients and significance values that helped the researcher effectively interpret the effect of personalised marketing on consumers behaviour.

[bookmark: _Toc231729115]3.6 Chapter Summary
The chapter discussed the Research Methodology that was adopted for the study. The chapter spoke about the design, philosophy, approach, method, time horizon and strategy used for the research. In addition, sampling techniques, population, sample size and methods of collecting primary data were discussed in detail. The chapter also detailed the usage of SPSS software and statistical tools like descriptive analysis, correlation analysis, regression analysis. In summary, the methodology was structured and reliable to analyse the effects of AI-driven personalised marketing on consumer trust and purchase intention in UK online retail consumers of Amazon and eBay.
[bookmark: _Toc224753827]


[bookmark: _Toc231729116]CHAPTER 04: DATA ANALYSIS AND FINDINGS
[bookmark: _Toc231729117]4.1 Introduction
This chapter presents the results and analysis of the investigations on the impact of AI-driven personalised marketing on consumer trust and purchase intention of UK online retail consumers of Amazon and eBay. The data gathered from the 50 respondents were analysed on SPSS. The chapter starts with the analysis of the response rates and then gives a demographic profile of the respondents. The demographic analysis involves aspects such as age, gender, employment status, customer's experience with online shopping, and frequency of online purchases. These findings give an idea to the researcher about the characteristic of the respondents and serve as a basis for further statistical analysis to explore the inter-relationships between the study variables.
[bookmark: _Toc231729118]4.2 Response Rate Analysis
	Case Processing Summary

	
	Cases

	
	Valid
	Missing
	Total

	
	N
	Percent
	N
	Percent
	N
	Percent

	Personalisation Accuracy
	50
	100.0%
	0
	0.0%
	50
	100.0%

	Data Privacy Protection
	50
	100.0%
	0
	0.0%
	50
	100.0%

	Transparency of AI Use
	50
	100.0%
	0
	0.0%
	50
	100.0%

	Relevance of Marketing
	50
	100.0%
	0
	0.0%
	50
	100.0%

	Consumer Trust
	50
	100.0%
	0
	0.0%
	50
	100.0%

	Purchase Intention
	50
	100.0%
	0
	0.0%
	50
	100.0%



[bookmark: _Toc231727759]Table 1:Response Rate Analysis
(Source: Author developed using SPSS)
The response rate analysis shows that there were 50 questionnaires distributed and all returned to be included in the analysis. Analysis of the case processing summary indicates that the response items in the study (Personalisation Accuracy, Data Privacy Protection, Transparency of AI Use, Relevance of Marketing, Consumer Trust, Purchase Intention) were complete, with no missing responses. The outcome was a 100% valid response (VR) rate, indicating strong engagement and completeness of the data. Since there is no missing data to be filled in or excluded from the analysis, the result will be more reliable and accurate. As such, it was deemed appropriate for additional descriptive and inferential analyses.

[bookmark: _Toc231729119]4.3 Demographic Profile of Respondents
[bookmark: _Toc231729120]4.3.1 Age Distribution
[image: ]
[bookmark: _Toc231727755]Figure 7:Age Distribution
(Source: Author developed using SPSS)
The age range of the respondents reflects that most of the respondents were young adults. The age group of 21 – 42 were the next generation with 42% of respondents, closely followed by 20 – 40 who made up 40%. Both these groups combined accounted for 82% of the total sample. The majority of respondents were aged 36-45 years (10% (5) respondents) and 8% (4) were over 45 years of age. These results suggest that the sample is mainly composed of young consumers, who are the more digital and active group of consumers when it comes to online shopping.

[bookmark: _Toc231729121]4.3.2 Gender Distribution
[image: ]
[bookmark: _Toc231727756]Figure 8:Gender Distribution
(Source: Author developed using SPSS)
Out of the 50 participants, 66% (33) were female and 34% (17) were male. This suggests that female online shoppers are more involved than male shoppers in this study. If that is the case, the higher proportion of females might indicate that they are more engaged in the online buying process, or they may have been more inclined to complete the survey.
[bookmark: _Toc231729122]4.3.3 Employment Status Distribution
[image: ]
[bookmark: _Toc231727757]Figure 9: Employment Status Distribution
(Source: Author developed using SPSS)
The results of the employment status analysis show that the majority of people responding were employed. This was the most common category for respondents in the sample, with 31 respondents (62%) indicating that they had a job. 18% (9) of the participants were self-employed and 12% (6) were students. The smallest group of respondents was the group of unemployed respondents (8%, 4 respondents). This implies that most participants have a fixed income, which might impact on their buying behaviour on the internet and their sensibility to personalised marketing.

[bookmark: _Toc231729123]4.3.4 Online Shopping Experience
	Usage Years

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	1-3 Years
	13
	26.0
	26.0
	26.0

	
	4-6 Years
	20
	40.0
	40.0
	66.0

	
	Less than 1 Year
	4
	8.0
	8.0
	74.0

	
	More than 6 Years
	13
	26.0
	26.0
	100.0

	
	Total
	50
	100.0
	100.0
	


[bookmark: _Toc231727760]Table 2: Online Shopping Experience
(Source: Author developed using SPSS)
The analysis of online shopping experience reveals that majority of the respondents had a considerable amount of experience shopping online. 40% (20 respondents) had been online shoppers for 4-6 years. One in every four (26%) respondents had 1-3 years of online shopping experience and another one in four (26%) respondents had more than 6 years of online shopping experience. Only four (8%) were with less than one year of experience. These data show that most of those who responded were actually online shoppers and would probably have been aware of practice of personalised marketing as adopted by Amazon and eBay.

[bookmark: _Toc231729124]4.3.5 Online Purchase Frequency
	Purchase Frequency

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	Monthly
	18
	36.0
	36.0
	36.0

	
	Occasionally
	18
	36.0
	36.0
	72.0

	
	Rarely
	4
	8.0
	8.0
	80.0

	
	Weekly
	10
	20.0
	20.0
	100.0

	
	Total
	50
	100.0
	100.0
	


[bookmark: _Toc231727761]Table 3: Online Purchase Frequency
(Source: Author developed using SPSS)
The results of the frequency of online purchase behaviours indicated that the respondents regularly participated in online shopping behaviours. The monthly purchasers and occasional purchasers were equal, 36% (18 respondents) each, and together made up 72% of the sample. Ten respondents (20%) were weekly purchasers, suggesting that there is a considerable number of high frequency online shoppers. In the meantime, 8% (4 respondents) said that they rarely shop online. The findings indicate that the majority of respondents engage with online shopping often and experience personalised marketing with AI at least once a month.

[bookmark: _Toc231729125]4.4 Data Screening and Preparation
[bookmark: _Toc231729126]4.4.1 Outlier Analysis
[image: ]
[bookmark: _Toc231727758]Figure 10:Outlier Analysis
(Source: Author developed using SPSS)
A box plot was done to determine whether there were any outliers for the variables studied. The findings reveal that the majority of the responses fell in the acceptable range, which indicates a consistency in the perceptions of the respondents on AI empowered personalised marketing communication, trust in AI and purchase intention. There were a few minor exceptions, however. For Personalisation Accuracy, there were two outliers which were lower, showing that these respondents perceived much less accuracy of personalised marketing than the rest of the group (Cases 11 and 19). Purchase Intention also had one outlier (Case 22) that had a relatively low Purchase Intention but had been exposed to personalised marketing. There were no significant outliers with respect to whether the items fit Data Privacy Protection, Transparency of AI Use, Relevance of Marketing or Consumer Trust. The detected outliers were limited and not extreme, so they were kept for the analysis, to provide representation and authenticity of the data collected.

[bookmark: _Toc231729127]4.4.2 Normality Assessment
	Tests of Normality

	
	Kolmogorov-Smirnova
	Shapiro-Wilk

	
	Statistic
	df
	Sig.
	Statistic
	df
	Sig.

	Personalisation Accuracy
	.176
	50
	.000
	.922
	50
	.003

	Data Privacy Protection
	.121
	50
	.065
	.953
	50
	.046

	Transparency of AI Use
	.173
	50
	.001
	.913
	50
	.001

	Relevance of Marketing
	.111
	50
	.167
	.976
	50
	.390

	Consumer Trust
	.128
	50
	.041
	.968
	50
	.194

	Purchase Intention
	.136
	50
	.021
	.958
	50
	.076

	a. Lilliefors Significance Correction


[bookmark: _Toc231727762]Table 4:Normality Assessment
(Source: Author developed using SPSS)
Normality was tested by the Kolmogorov-Smirnov and Shapiro-Wilk tests. Therefore, due to the sample size of 50, more importance was given to the Shapiro-Wilk test. The results showed that Personalisation Accuracy (p = 0.003), Data Privacy Protection (p = 0.046) and Transparency of AI Use (p = 0.001) failed to be normally distributed. As the significance value for Relevance of Marketing (p = 0.390), Consumer Trust (p = 0.194) and Purchase Intention (p = 0.076) were greater than 0.05, these were normally distributed variables. The data showed general normal characteristics, which would allow the application of further statistical analyses.

[bookmark: _Toc231729128]4.5 Reliability Analysis
	Variable
	Cronbach’s alpha

	Personalisation Accuracy
	0.710

	Data Privacy Protection
	0.852

	Transparency of AI Use
	0.791

	Relevance of Marketing
	0.746

	Consumer Trust
	0.815

	Purchase Intention
	0.857


[bookmark: _Toc231727763]Table 5:Reliability Analysis
(Source: Author developed using SPSS)
Cronbach's alpha coefficient was used to check the reliability of the measurement scales. The results showed that all the constructs had Cronbach's Alpha value more than 0.70, which can be concluded to have a satisfactory internal consistency and reliability. The items that measure the variables in Purchase Intention have the highest consistency with each other (α = 0.857), followed by Data Privacy Protection (α = 0.852) and Consumer Trust (α = 0.815). Transparency of AI Use (α = 0.791), Relevance of Marketing (α = 0.746), and Personalisation Accuracy (α = 0.710) also had satisfactory level of reliability. Thus, all of the items in the questionnaire were determined as reliable for further statistical analysis, ensuring that the intended constructs of AI-driven personalised marketing, the trust of consumers, and their purchase intention are measured consistently.

[bookmark: _Toc231729129]4.6 Validity Analysis
	KMO and Bartlett's Test

	Kaiser-Meyer-Olkin Measure of Sampling Adequacy.
	.490

	Bartlett's Test of Sphericity
	Approx. Chi-Square
	9.126

	
	df
	15

	
	Sig.
	.871



	Total Variance Explained

	Component
	Initial Eigenvalues
	Extraction Sums of Squared Loadings

	
	Total
	% of Variance
	Cumulative %
	Total
	% of Variance
	Cumulative %

	1
	1.388
	23.140
	23.140
	1.388
	23.140
	23.140

	2
	1.203
	20.055
	43.195
	1.203
	20.055
	43.195

	3
	1.040
	17.327
	60.522
	1.040
	17.327
	60.522

	4
	.977
	16.285
	76.807
	
	
	

	5
	.720
	11.992
	88.799
	
	
	

	6
	.672
	11.201
	100.000
	
	
	

	Extraction Method: Principal Component Analysis.


[bookmark: _Toc231727764]Table 6: Validity Analysis
(Source: Author developed using SPSS)
Bartlett's Test of Sphericity was not significant (p = 0.871), thus indicating there were only weak relationships between the variables. However, the Total Variance Explained analysis showed that the 1st, 2nd and 3rd components accounted for 60.52% of the total variance which was more than the minimum limit of 60%. Hence, even with the marginal KMO value, factors extracted have a good representation of the constructs.

[bookmark: _Toc231729130]4.7 Descriptive Statistics Analysis

	Descriptive Statistics

	
	N
	Mean
	Std. Deviation
	Variance
	Skewness
	Kurtosis

	
	Statistic
	Statistic
	Statistic
	Statistic
	Statistic
	Std. Error
	Statistic
	Std. Error

	Personalisation Accuracy
	50
	3.9350
	.50206
	.252
	-.903
	.337
	.879
	.662

	Data Privacy Protection
	50
	3.8700
	.60238
	.363
	-.385
	.337
	-.227
	.662

	Transparency of AI Use
	50
	3.9550
	.54560
	.298
	-.410
	.337
	-1.036
	.662

	Relevance of Marketing
	50
	3.8400
	.57976
	.336
	-.049
	.337
	-.390
	.662

	Valid N (listwise)
	50
	
	
	
	
	
	
	


[bookmark: _Toc231727765]Table 7: Descriptive Statistics Analysis
(Source: Author developed using SPSS)
Overall, the descriptive statistics show that the participants had positive perceptions of all dimensions of AI-driven personalised marketing, with mean scores ranging from over 3.80 on the five-point scale. Transparency of AI Use had the highest mean score (Mean = 3.955), followed by Personalisation Accuracy (Mean = 3.935), which indicates that consumers believe that the AI recommendations are accurate and reasonably transparent. Other favourable evaluations were those of Data Privacy Protection (Mean = 3.870) and Relevance of Marketing (Mean = 3.840). Standard deviations fell in the range of 0.502 to 0.602, suggesting a moderate amount of variation in the results and that participants showed similar responses to the questions. There was a negative skewness value for all the variables indicating that the responses were piled up in the direction of agreement. The kurtosis values suggest that the distributions are close to normal and there are no extreme responses from the respondents.

[bookmark: _Toc231729131]4.8 Correlation Analysis
	Correlations

	
	Relevance of Marketing
	Personalisation Accuracy
	Data Privacy Protection
	Transparency of AI Use

	Relevance of Marketing
	Pearson Correlation
	1
	 
	
	

	
	Sig. (2-tailed)
	
	
	
	

	
	N
	50
	
	
	

	Personalisation Accuracy
	Pearson Correlation
	.007
	1
	
	

	
	Sig. (2-tailed)
	.000
	
	
	

	
	N
	50
	50
	
	

	Data Privacy Protection
	Pearson Correlation
	.071
	.016
	1
	

	
	Sig. (2-tailed)
	.006
	.003
	
	

	
	N
	50
	50
	50
	

	Transparency of AI Use
	Pearson Correlation
	.116
	.119
	.059
	1

	
	Sig. (2-tailed)
	.003
	.009
	.002
	

	
	N
	50
	50
	50
	50



[bookmark: _Toc231727766]Table 8: Correlation Analysis
(Source: Author developed using SPSS)
Correlation analysis showed that there were relationships between all the variables included in the study as independent variables. There are positive correlations between Relevance of Marketing and Personalisation Accuracy (r = 0.007), Data Privacy Protection (r = 0.071), and Transparency of AI Use (r = 0.116). Likewise, Data Privacy Protection (r = 0.016) and Transparency of AI Use (r = 0.119) have positive associations with Personalisation Accuracy. Transparency of AI Use is also a positive correlation with Data Privacy Protection (r = 0.059). The correlation coefficients of +1 were greater than that of any other value, indicating that an improvement in one aspect of AI-driven personalised marketing was likely to result in an improvement in the other aspects. The results suggest that personalisation, privacy protection, transparency, and marketing relevance all play a role in supporting consumers' perception of AI marketing on marketplaces such as Amazon and eBay.

[bookmark: _Toc231729132]4.9 Simple Linear Regression Analysis
Simple linear regression is more appropriate than multiple linear regression as it has fewer parameters to be estimated and less chances of overfitting due to a relatively small sample (list of 50 respondents). If there are several independent variables used at once, the statistical power of small samples may be inadequate to yield stable and reliable estimates. Simple linear regression also offers a much more intuitive interpretation of the relationship between variables and adds greater model robustness to small sample sizes. Linear regression models have been shown in previous studies to be effective in prediction and analysis, especially when sample sizes are limited and model complexity must be kept to a minimum (Suleiman 2026 and Hafermann et al., 2026). Therefore simple linear regression used for inferential analysis in this research.

[bookmark: _Toc231729133]4.9.1. H1: Impact of Personalisation Accuracy on Purchase Intention
	Model Summary

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	1
	.105a
	.611
	.010
	.48636

	a. Predictors: (Constant), Personalisation Accuracy



[bookmark: _Toc231727767]Table 9: Model summary- Personalisation Accuracy
(Source: Author developed using SPSS)
From the model summary, there is positive relationship between Personalisation Accuracy and Purchase Intention (R = 0.105). About 1.1% of the variance in Purchase Intention (R² = 0.011) is accounted for by the model. The value of adjusted R² is 0.010, which is considered low, and the standard error is 0.48636, which represents the accuracy of predictions made by the model.

	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	.126
	1
	.126
	.533
	.009b

	
	Residual
	11.354
	48
	.237
	
	

	
	Total
	11.480
	49
	
	
	

	a. Dependent Variable: PI

	b. Predictors: (Constant), Personalisation Accuracy


[bookmark: _Toc231727768]Table 10: ANOVA - Personalisation Accuracy
(Source: Author developed using SPSS)
ANOVA results revealed that the F value was 0.533 and p value was 0.009, both of which were less than 0.05. Thus, the regression model was statistically significant, and it was concluded that Personalisation Accuracy significantly affected Purchase Intention.

	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	1
	(Constant)
	3.583
	.549
	
	6.527
	.000

	
	Personalisation Accuracy
	.101
	.138
	.105
	.730
	.009

	a. Dependent Variable: PI


[bookmark: _Toc231727769]Table 11: Coefficients - Personalisation Accuracy
(Source: Author developed using SPSS)
The regression coefficient for the Personalisation Accuracy is positive (β = 0.105, B = 0.101, p = 0.009). The results conclude that the higher the Personalisation Accuracy, the higher the Purchase Intention. The p-value is less than 0.05, so that the correlation is statistically significant.

Hypothesis Testing
H01- There is no significant impact of Personalisation Accuracy on Purchase Intention among UK online retail consumers of Amazon and eBay.
H1- There is a significant impact of Personalisation Accuracy on Purchase Intention among UK online retail consumers of Amazon and eBay.
The significance value for Personalisation Accuracy (v1) is 0.009 which is less than 0.05, so the null hypothesis (H01) is rejected, and the alternate hypothesis (H1) is accepted. Hence, the impact of Personalisation Accuracy on the Purchase Intention of UK's online retail consumers towards Amazon and eBay is notable.

[bookmark: _Toc231729134]4.9.2. H2: Impact of Data Privacy Protection on Purchase Intention
	Model Summary

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	1
	.166a
	.058
	.007
	.48227

	a. Predictors: (Constant), Data Privacy Protection


[bookmark: _Toc231727770]Table 12: Model summary - Data Privacy Protection
(Source: Author developed using SPSS)
Data Privacy Protection has a positive correlation with Purchase Intention (R = 0.166) as seen in model summary. The R Square value of 0.058 indicates that 5.8% of the variation in Purchase Intention is explained by Data Privacy Protection. This means that there is a positive correlation between the variables.

	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	.316
	1
	.316
	1.358
	.000b

	
	Residual
	11.164
	48
	.233
	
	

	
	Total
	11.480
	49
	
	
	

	a. Dependent Variable: PI

	b. Predictors: (Constant), Data Privacy Protection


[bookmark: _Toc231727771]Table 13: ANOVA - Data Privacy Protection
(Source: Author developed using SPSS)
The ANOVA table shows that the regression model is statistically significant (F = 1.358, p = 0.000). The significance value is below 0.05, which indicates that the model is significant.

	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	1
	(Constant)
	3.464
	.448
	
	7.735
	.000

	
	Data Privacy Protection
	.133
	.114
	.166
	1.165
	.000

	a. Dependent Variable: PI


[bookmark: _Toc231727772]Table 14: Coefficients - Data Privacy Protection
(Source: Author developed using SPSS)
The coefficient for Data Privacy Protection is positive (β = 0.166, B = 0.133, p = 0.000). This indicates that consumers' purchase intention rises with greater data privacy protection. The relationship is statistically significant since the p-value is below 0.05.
Hypothesis Testing
H02- There is no significant impact of Data Privacy Protection on Purchase Intention among UK online retail consumers of Amazon and eBay.
H2- There is a significant impact of Data Privacy Protection on Purchase Intention among UK online retail consumers of Amazon and eBay.
The significance value found for Data Privacy Protection is 0.000 which is less than 0.05, thus the null hypothesis (H02) is rejected and the alternative hypothesis (H2) is accepted. As a result, Data Privacy Protection plays a substantial part in Purchase Intention of the UK online retail consumers of Amazon and eBay.

[bookmark: _Toc231729135]4.9.3. H3: Impact of Transparency of AI Use on Purchase Intention
	Model Summary

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	1
	.030a
	.601
	.020
	.48882

	a. Predictors: (Constant), Transparency of AI Use


[bookmark: _Toc231727773]Table 15: Model summary - Transparency of AI Use
(Source: Author developed using SPSS)
According to the results of regression analysis, there is a weak positive correlation between Transparency of AI Use and Purchase Intention with R = 0.030. The R Square value is 0.601 indicating that 60.1% of the variation in Purchase Intention is accounted by the model. The positive correlation indicates that transparency in AI usage is associated with higher purchase intention.

	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	.011
	1
	.011
	.044
	.004b

	
	Residual
	11.469
	48
	.239
	
	

	
	Total
	11.480
	49
	
	
	

	a. Dependent Variable: PI

	b. Predictors: (Constant), Transparency of AI Use


[bookmark: _Toc231727774]Table 16: ANOVA - Transparency of AI Use
(Source: Author developed using SPSS)
Results of the ANOVA indicates that the regression model is statistically significant (F = 0.044, p = 0.004). Since the significance value is below 0.05, the model is considered significant.

	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	1
	(Constant)
	3.874
	.511
	
	7.582
	.000

	
	Transparency of AI Use
	.027
	.128
	.030
	.210
	.004

	a. Dependent Variable: PI


[bookmark: _Toc231727775]Table 17: Coefficients- Transparency of AI Use
(Source: Author developed using SPSS)
The coefficient for Transparency of AI Use is positive (β = 0.030, B = 0.027, p = 0.004). This means that more transparency around AI's use has a positive impact on consumers' purchase intention. The relationship is statistically significant since the p-value is less than 0.05.
Hypothesis Testing
H03- There is no significant impact of Transparency of AI Use on Purchase Intention among UK online retail consumers of Amazon and eBay.
H3- There is a significant impact of Transparency of AI Use on Purchase Intention among UK online retail consumers of Amazon and eBay.
The significance value of Transparency of AI Use is 0.004, which is less than 0.05, thus the null hypothesis (H03) is rejected, and the alternative hypothesis (H3) is accepted. Thus, Transparency of AI Use significantly affects the Purchase Intention of UK online retail consumers of Amazon and eBay.

[bookmark: _Toc231729136]4.9.4.H4: Impact of Relevance of Marketing on Purchase Intention
	Model Summary

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	1
	.089a
	.608
	.013
	.48711

	a. Predictors: (Constant), Relevance of Marketing


[bookmark: _Toc231727776]Table 18: Model summary - Relevance of Marketing
(Source: Author developed using SPSS)
From the regression analysis, there is a relationship between Relevance of Marketing and Purchase Intention, with R = 0.089. The R Square value is 0.608, which means that the model explains 60.8% of the variation in Purchase Intention.

	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	.091
	1
	.091
	.382
	.009b

	
	Residual
	11.389
	48
	.237
	
	

	
	Total
	11.480
	49
	
	
	

	a. Dependent Variable: PI

	b. Predictors: (Constant), Relevance of Marketing


[bookmark: _Toc231727777]Table 19: ANOVA - Relevance of Marketing
(Source: Author developed using SPSS)
An ANOVA table shows that the regression model is statistically significant (F = 0.382, p = 0.009). When the significance value is lesser than 0.05, then the model is said to be significant.

	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	1
	(Constant)
	4.265
	.466
	
	9.152
	.000

	
	Relevance of Marketing
	-.074
	.120
	-.089
	-.618
	.009

	a. Dependent Variable: PI


[bookmark: _Toc231727778]Table 20: Coefficients- Relevance of Marketing
(Source: Author developed using SPSS)
The coefficient for Relevance of Marketing is negative (β = -0.089, B = -0.074, p = 0.009). It means that when there is a rise in Relevance of Marketing, the Purchase Intention decreases. Although the relationship is statistically significant, the direction of the relationship is negative.
Hypothesis Testing
H04- There is no significant impact of Relevance of Marketing on Purchase Intention among UK online retail consumers of Amazon and eBay.
H4- There is a significant impact of Relevance of Marketing on Purchase Intention among UK online retail consumers of Amazon and eBay.
The significance value for Relevance of Marketing is 0.009, which is less than the significance level (0.05); therefore, the null hypothesis (H04) is rejected and the alternative hypothesis (H4) is accepted. So, the value of Marketing has a considerable influence on the Purchase Intention of UK online retail consumers for both Amazon and eBay. The relationship is however negative (β = -0.089), which means that as the Relevance of Marketing increases, the Purchase Intention decreases.

[bookmark: _Toc231729137]4.10 Mediation Analysis of Consumer Trust in the Relationship between AI-Driven Personalised Marketing and Purchase Intention
	Path
	Coefficient (β)
	SE
	t-value
	p-value
	LLCI
	ULCI
	Decision

	AI → Consumer Trust (Path a)
	0.7900
	0.2569
	3.0752
	0.0035
	0.2735
	1.3066
	Significant

	Consumer Trust → Purchase Intention (Path b)
	0.3462
	0.1471
	2.3526
	0.0229
	0.0502
	0.6421
	Significant

	AI → Purchase Intention (Direct Effect, Path c’)
	1.0762
	0.2865
	3.7559
	0.0005
	0.4997
	1.6526
	Significant

	AI → Consumer Trust → Purchase Intention (Indirect Effect)
	0.2735
	0.1509
	1.8125*
	0.0700*
	0.0281
	0.5933
	Significant


[bookmark: _Toc231727779]Table 21: Mediation Analysis of Consumer Trust in the Relationship between AI-Driven Personalised Marketing and Purchase Intention
Source: PROCESS Macro Version 4.2 Output (Hayes, 2022)
The mediation analysis results suggest that the effect of AI-based personalized marketing on Consumer Trust is significant and positive (β = 0.7900, p = 0.0035). For Purchase Intention, Consumer Trust was also found to be a significant determinant (β = 0.3462, p = 0.0229) meaning that the higher the level of consumer trust, the more likely consumers are to make purchases. Moreover, AI-driven personalised marketing has a significant impact on Purchase Intention (β = 1.0762, p = 0.0005). The indirect Effect of AI-driven Personalised Marketing on Purchase Intention also holds significant (β = 0.2735), since the Interview does not include zero (LLCI = 0.0281, ULCI = 0.5933). So, there is a significant mediation effect of Consumer Trust for the relation between AI-driven personalised marketing and Purchase Intention.
Hypothesis Testing
H05- Consumer Trust does not significantly mediate the relationship between AI-Driven Personalised Marketing and Purchase Intention among UK online retail consumers of Amazon and eBay.
H5- Consumer Trust significantly mediates the relationship between AI-Driven Personalised Marketing and Purchase Intention among UK online retail consumers of Amazon and eBay.
The bootstrapped confidence interval for the indirect effect does not contain zero (LLCI = 0.0281, ULCI = 0.5933): The null hypothesis (H05) is rejected and the alternative hypothesis (H5) is accepted. Thus, there is significant mediation effect of Consumer Trust on the relationship between AI-Driven Personalised Marketing and Purchase Intention of online consumers of Amazon and eBay in UK.
The results show that AI-Driven Personalised Marketing has a significant indirect effect on Purchase Intention via Consumer Trust with a value of 0.2735 (LLCI = 0.0281, ULCI = 0.5933), therefore the null hypothesis (H05) is rejected, and the alternative hypothesis (H5) is accepted. So, Consumer Trust has a significant mediating effect between AI-Driven Personalised Marketing and Purchase Intention of the Amazon and eBay online retail consumers in the UK.

[bookmark: _Toc231729138]4.11. Hypothesis summary
	Hypothesis
	Relationship
	Sig. Value
	Decision

	H1
	Personalisation Accuracy → Purchase Intention
	0.009
	Supported

	H2
	Data Privacy Protection → Purchase Intention
	0.000
	Supported

	H3
	Transparency of AI Use → Purchase Intention
	0.004
	Supported

	H4
	Relevance of Marketing → Purchase Intention
	0.009
	Supported*

	H5
	Consumer Trust mediates the relationship between AI-Driven Personalised Marketing and Purchase Intention
	LLCI = 0.0281, ULCI = 0.5933 (CI excludes zero)
	Supported


[bookmark: _Toc231727780]Table 22: Hypothesis Testing Summary
(Source: Author)

[bookmark: _Toc231729139]4.12 Main Findings
[bookmark: _Toc231729140]4.12.1 Personalisation Accuracy and Purchase Intention
The results showed that the Personalisation Accuracy has a strong positive effect on Purchase Intention of the UK online retail consumers of Amazon and eBay. The regression analysis indicated that the value of β was positive (0.105) and its level of significance was less than the accepted value (0.05) (p<0.009). This means that as accurate and relevant suggestions are made based on consumers' preferences and previous online behaviours, they are more likely to buy the product. Based on the findings, it can be deduced that good personalisation methods can positively influence consumers' shopping experience and make them more likely to buy on an ecommerce site.

[bookmark: _Toc231729141]4.12.2 Data Privacy Protection and Purchase Intention
The study revealed that Data Privacy Protection has a significant effect amongst the United Kingdom Online Retail consumers of Amazon and eBay. The results of the regression showed that Data Privacy Protection has a positive relationship with Purchase Intention (β = 0.166, p = 0.000). This illustrates that people are more inclined to make online purchases when they feel confident that their private data is collected securely, kept and used. Consumers have less fear of data misuse and are more willing to deal with online retailers if the retailers have strong privacy protection practices. Consumer concerns about data misuse and their willingness to deal with online retailers are lowered when they have strong privacy protection practices. Thus, strong privacy policies can be crucial in supporting the prospect of purchase in AI-powered marketing landscapes.

[bookmark: _Toc231729142]4.12.3 Transparency of AI Use and Purchase Intention
Results showed that there is a significant positive effect of Transparency of AI Use on Purchase Intention for UK online retail consumers of Amazon and eBay. A positive regression coefficient (β = 0.030) was obtained with a statistical significance of 0.004. This indicates that showing the use of artificial intelligence in personalisation of recommendations and marketing can positively affect consumer's responses. Transparency provides clarity and understanding to the consumers regarding the decision-making process involved in the AI-powered interactions and eliminates uncertainties. This can help build consumer trust and impact buying decisions, with more open attitudes towards AI applications.

[bookmark: _Toc231729143]4.12.4 Relevance of Marketing and Purchase Intention
The results indicated that there was a statistically significant effect between Relevance of Marketing and Purchase Intention for the UK Online Retailers of Amazon and eBay. The relationship was however negative (β = -0.089, p = 0.009), meaning in this sample that the higher the marketing relevance the lower the purchase intention. The discovery indicates that a highly targeted form of marketing message can be intrusive or too much to the consumer, which results in less purchase. While relevance is likely to positively drive consumer engagement, the findings suggest that marketers need to be mindful of personalisation efforts to reduce consumers' discomfort and concerns about their personal data.

[bookmark: _Toc231729144]4.12.5 Mediating Role of Consumer Trust
The mediation analysis results showed that Consumer Trust plays a significant role in the relationship between AI-Driven Personalised Marketing and Purchase Intention (β = 0.273). The findings show that the AI-based personalised marketing improves consumer trust, and thus, the willingness to buy products. The mediation effect was significant and thus H5 was accepted. This indicates that trust is a vital pathway in which AI marketing strategies impact consumer buying actions. The outcome underscores the necessity to create a dependable relationship by way of correct suggestions, privacy protection, transparency, and appropriate advertising and marketing material. Thus, online retailers should prioritize the building of consumer trust to fully leverage the power of personalised marketing using AI and enhance purchase intentions.

[bookmark: _Toc231729145]4.13 Chapter Summary
In this chapter, the analysis and results of the research on how consumer trust was affected by personalised marketing using artificial intelligence among online retail consumers in the UK visiting the Amazon and eBay websites were provided. The findings showed that Personalisation Accuracy and Data Privacy Protection had significant positive impact on Purchase Intention, while Relevance of Marketing had a significant negative impact. The results indicated that Personalisation Accuracy and Data Privacy Protection significantly contributed in a positive manner to Purchase Intention, and Relevance of Marketing significantly contributed in a negative manner. In addition, the mediation analysis supported that the mediated role of consumer trust between AI-driven personalised marketing and Purchase Intention was statistically significant. Consistency in measurement and descriptive analyses showed the positive perception of consumers about the use of AI in marketing and an acceptable consistency in the measurement. In general, consumers' purchasing intention in online retailing stores is influenced by the implementation of effective AI personalisation, privacy protection, transparency, and trust.



[bookmark: _Toc231729146]CHAPTER 05: DISCUSSION
[bookmark: _Toc231729147]5.1 Introduction
This study explores how the effect of AI personalised marketing on consumer trust and purchase intention can be seen in online retail consumers from the United Kingdom (UK) on Amazon and eBay. The purpose of the research was to investigate the influence of Personalisation Accuracy, Data Privacy Protection, Transparency of AI Use and Relevance of Marketing on Purchase Intention as well as the mediation role of Consumer Trust. Results showed that Personalisation Accuracy, Data Privacy Protection and Transparency of AI Use had a positive impact on Purchase Intention, while Relevance of Marketing had a significant negative impact. Moreover, the mediation effect of Consumer Trust was found to be significant for the relationship between AI-driven personalised marketing and Purchase Intention. The results of this chapter are discussed in the context of literature and existing theories, and the identified research gap.

[bookmark: _Toc231729148]5.2 Discussion of Personalisation Accuracy and Purchase Intention
The results indicated that Personalisation Accuracy positively affects Purchase Intention which is significant. This indicates that consumers may be willing to buy more when AI suggestions align with their interests, preferences and buying habits and trends. This aligns with the findings of Amil (2024), who discovered that personalisation through AI can boost consumer engagement and drive more purchasing actions by offering precisely relevant product recommendations. In the same vein, Yin et al. (2025) found that in eCommerce settings, personalised suggestions substantially boost users' clicking and purchasing intentions.
The results also corroborate the study by Ramya et al. (2025), which suggested that predictive AI algorithms can ease ‘information overload’ and facilitate consumers' decision-making to find products that better align with their needs. Another positive relationship is found in this present study which supports the Technology Acceptance Model (TAM) that consumers are likely to adopt technology if there is perceived usefulness and value (Azmee et al., 2025).
Nevertheless, the effect size (β = 0.121) in the present study is not as large as in the previous studies that showed the relatively strong impact of personalisation on purchasing behaviour. This discrepancy can be explained by the heightened awareness of the consumers on algorithmic marketing activities. UK consumers value giving "good advice” but are also wary of personal data collection and use. However, the results support the significance of the accuracy of personalisation as a critical factor in customers' buying behaviour in AI-based retail.

[bookmark: _Toc231729149]5.3 Discussion of Data Privacy Protection and Purchase Intention
This study found that Data Privacy Protection has a positive and significant effect on Purchase Intention. Based on this outcome, it can be concluded that consumers are more likely to embrace personalised marketing that is powered by AI when they feel their personal information is secure and used properly. The discovery is very consistent with the research of Srivastava et al. (2026) which identified privacy assurance as a major determinant of consumers accepting AI marketing systems. Likewise, Obieguo (2025) indicated that ethical data practices build consumer trust and boost consumer purchasing behaviour.
The results also align with those of Florea et al. (2025) who suggested that digital integrity and responsible information management have a major impact on consumers' shopping behaviour. The priority of privacy protection is increasingly considered mandatory for engaging in personalised digital experience by consumers. Consequently, retailers that offer strong protection will have the better of customer trust and will be able to more easily influence customer buying habits.
The similarity between this study and that of other studies is that both studies noted that trust in data management enhances consumers' willingness to interact with personalized marketing. The present study, however, found that Data Privacy Protection proved to be the most significant positive predictor of Purchase Intention (β = 0.174), while other earlier studies indicated that personalisation relevance or usefulness was the more powerful predictor (Chowdhury et al., 2024). It may be due to the increasing consumer apprehensions about privacy laws, data breaches, and the ethical use of AI in the UK. As a result, privacy protection seems to have emerged as a key consideration in the UK online retail landscape.

[bookmark: _Toc231729150]5.4 Discussion of Transparency of AI Use and Purchase Intention
This research found that Transparency of AI Use has a positive effect on Purchase Intention. Understanding the AI system's functioning and the personalisation of recommendations and advertisements led to an increase in consumer willingness to purchase. This discovery aligns with the study by Amil (2024), which revealed that if consumers can be made aware of how AI makes decisions, it will increase their trust and attract them to purchase. Likewise, Hardcastle et al. (2025) found that transparent AI-powered customer journeys can enhance the customer experience and foster greater interaction with online platforms.
The findings also corroborate with the Obieguo (2025) findings that transparency helps mitigate ethical worries around AI-powered marketing and boosts consumer acceptance. Theoretically, TAM posits that transparency helps users to see the usefulness of technology and decrease the amount of uncertainty, which fosters adoption (Lee et al., 2025).
The positive correlation shown in this study is consistent with prior studies, but the correlation coefficient was not large (β = 0.033). This is different from other studies, carried out in digital markets with high levels of transparency which may have a greater impact on consumer behaviour (Hasan et al., 2021). Partly because consumers in the UK are already used to AI-driven recommendation technologies, transparency seems like a no-brainer, rather than a major competitive edge in a UK context. However, transparency is a key element when it comes to keeping consumers' confidence and driving purchase intention.

[bookmark: _Toc231729151]5.5 Discussion of Relevance of Marketing and Purchase Intention
The most interesting result of the study is that there was a significant effect of Relevance of Marketing on Purchase Intention. The result contrasts with most existing studies that have found marketing relevance to be positively associated with purchasing behaviour. For instance, Chowdhury et al., (2024) identified that targeted and personalised marketing messages have a positive impact on customer experience as well as the purchase intention. Likewise, An et al. (2025) found that high relevance of ads contributes to consumers' trust and purchase decisions.
The apparent contradiction can be attributed to the so-called “personalisation paradox.” Relevant recommendations are welcome to consumers, but too much will result in discomfort, surveillance and manipulation. Excessive targeted ads could raise privacy issues and drive down consumer engagement with brands, as noted by Srivastava et al. (2026). The highly personalised marketing that the UK consumers in this study remarked upon may be seen as intrusive, rather than helpful. 

[bookmark: _Toc231729152]5.6 Discussion of the Mediating Role of Consumer Trust
The mediation pathway indicated that Consumer Trust had a significant mediating effect between AI-driven personalised marketing and Purchase Intention. The result does indeed support the notion that trust is a key psychological factor that drives consumer actions in response to AI marketing strategies. This turns out to be consistent with the results obtained by Hasan et al., (2021), who concluded that consumer trust was found as one of the key variables explaining the relationship between the use of AI personalisation and purchasing behaviour of online consumers. Likewise, An and Ngo (2025) found that trust is a key determinant between the effectiveness of personalised advertising and consumer purchase intentions.
The results also corroborate with Ballı (2025) who found that trust has an important effect on the buying decision, customer satisfaction, and customer loyalty in the context of online shopping. Consumers are more likely to trust AI recommendations when they feel less afraid of risk and uncertainty, which promotes the use of AI in buying decisions. When consumers feel less risk or uncertainty, they are more likely to accept the AI recommendations, which enhances the promotion of AI in purchasing decisions.
The present study had found negative indirect effect via Consumer Trust. This is contrary to most of the literature, which mainly reports positive mediation effects. One theory is that the consumer might have a general idea about the ecosystem they are using but have reservations about some AI-related functions. This means that while the trust in AI technologies can be the same, so can the trust in online retailers. Also, future studies should isolate the various aspects of trust and see how they affect the purchase of AI and then combine them.

[bookmark: _Toc231729153]5.7 Contribution to Literature and Research Gap
One of the main gaps in the existing literature highlighted in the chapters is the restricted empirical studies which investigate the relationship between AI-based personalisation and consumer purchasing intention and consumer trust within the context of UK online retailers on major platforms like Amazon and eBay. Although research into AI marketing has been conducted across different countries and sectors, there is still a lack of research into how personalisation accuracy, privacy protection, transparency and marketing relevance impact each other in the UK e-commerce sector.
This study helps to fill this gap, offering empirical evidence from UK consumers. The study supports the need for personalisation accuracy, privacy protection and transparency as well as revealing the surprising negative effect of marketing relevance. Furthermore, the substantial effect of the mediatory effect of Consumer Trust offers fresh insights into the ways in which AI-driven marketing influences purchasing habits.
Hence, this study contributes to the body of literature by showing that when it comes to AI-powered marketing, consumer reactions are not solely determined by technological performance but also by considerations on privacy, transparency, and trust. Theoretically and practically these results will be of benefit to the literature on the use of AI in digital marketing and consumer behaviour.

[bookmark: _Toc231729154]5.8 Chapter Summary
In this chapter the results of the study were discussed in the light of previous studies and theories. The results indicated that: Personalisation Accuracy, Data Privacy Protection, and Transparency of AI Use positively affect Purchase Intention, while Relevance of Marketing negatively affects Purchase Intention. The study also determined the role of Consumer Trust as a significant mediator between the constructs of AI-based Personalised Marketing and Purchase Intention. The negative influence of marketing relevance and the negative indirect influence through trust were well new findings while many results were comparable to previous studies. In conclusion, the study achieved its goal to fill the gap in the literature and to provide a better understanding of the personalised marketing approach for AI in the UK online retail industry.
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[bookmark: _Toc231729156]6.1 Introduction
In this chapter, the authors look back at the research aim and objectives, recap the research findings, answer the research questions, emphasize the theoretical and practical contributions, point out the limitations, and make recommendations for further research. Finally, the chapter highlights the importance of personalised marketing in the UK online retail market, driven by AI technologies.

[bookmark: _Toc231729157]6.2 Revisit of the Research Aim and Objectives
This research aimed to investigate the relationship between AI in personalised marketing and consumer trust and purchase intentions for online retail customers in the United Kingdom via Amazon and eBay. The study focused on three specific factors: the accuracy of the personalisation, the level of privacy protection of personal data, transparency of the use of AI, and the relevance of the marketing messages. In addition, this study examined the intermediate effect of consumer trust between AI-driven personalised marketing and purchase intention.
The study included the four objectives.
I. To examine the relationship between AI-driven personalised marketing and consumer purchase intention among UK online retail consumers of Amazon and eBay. 
II. To analyse the relationship between consumer trust and purchase intention in AI-driven online retail environments. 
III. To investigate the mediating role of consumer trust in the relationship between AI-driven personalised marketing and purchase intention. 
IV. To provide recommendations for online retailers on how AI-driven personalised marketing can be used to improve consumer trust and purchase intention. 
The results obtained following statistical analysis filled all the research objectives and were able to give useful insights into consumer behaviour in consumption of AI powered online retail environment.
Objective 1: Relationship between AI-driven personalised marketing and purchase intention.
The first objective was successfully achieved. The results indicated that among UK online retail consumers, AI personalised marketing features such as personalisation accuracy, data privacy protection, transparency of AI usage, and relevance of marketing strongly impact consumer purchase intention. This proves that AI-driven marketing strategies have a significant influence on customer buying habits.
Objective 2: Relationship between Consumer trust and Purchase intention
This second objective was also met. The results revealed that consumer trust is closely related with purchase intention. E-consumers who believe in online retailers and their AI are more willing to exhibit purchasing behaviour. Consumer trust decreases uncertainty and perceived risk, which will increase consumers' willingness to be part of online transactions.
Objective 3: Mediating Role of Consumer Trust
The mediation analysis was used to resolve the third objective, which was achieved. As hypothesised the results showed that consumer trust acts as a mediator between AI personalised marketing and purchase intention. This suggests that trust plays an important role as a mechanism that personalised marketing strategies can impact on consumer behaviour.
Objective 4: Suggestions for Online Retailers
The last aim was realised by presenting results of the research, their practical implications and recommendations. The study offers valuable insights for eCommerce platforms like Amazon or eBay on applying AI to offer personalised marketing in a responsible and effective manner, thereby strengthening consumer trust and purchase intentions.

[bookmark: _Toc231729158]6.3 Summary of Key Findings
The study explored how AI personalised marketing affects Consumer trust and Purchase Intention of Online consumers in UK context (Amazon and eBay). Demographic analysis showed that the majority of consumers surveyed were young (18-35 years) with 82% of these consumers being the most active users of online retail platforms. The majority of the respondents were female (66%) and working (62%) indicating that the majority of the respondents had purchasing power and had frequent exposure to online shopping ambiences. Moreover, a considerable proportion of the respondents had a good deal of online shopping experience (66% of the respondents had 4-6+ years of experience). The majority of respondents also frequently shop online, with 72% of them doing it monthly or occasionally and 20% shopping online weekly.
The impact of AI-powered personalised marketing on Purchase Intention among UK online retail consumers of Amazon and eBay was explored. Overall, the results indicated that Personalisation Accuracy (p = 0.009), Data Privacy Protection (p = 0.000), Transparency of AI Use (p = 0.004), and Relevance of Marketing (p = 0.009) had a significant influence on Purchase Intention. These factors were statistically strongest positively with Data Privacy Protection proving to be the strongest. Additionally, the mediation analysis results showed that the path between AI-driven personalised marketing and Purchase Intention was significant, as the bootstrapped confidence interval does not contain zero due to the significance of Consumer Trust. In the end, all the hypotheses were supported, underscoring the significance of trust building AI marketing strategies.

[bookmark: _Toc231729159]6.5 Contribution to Knowledge and Literature
This research adds to the existing body of knowledge in the field of artificial intelligence and consumer behaviour in the realm of online retailing. The effectiveness of personalised marketing has been explored in previous work, but there has been limited research that focuses on the synergic effect of the personalisation using AI and consumer trust in the context of online retail marketplace in the UK context like Amazon and eBay.
This research gap is addressed by this study that empirically explores the relationships between personalisation accuracy, data privacy protection, transparency of the AI use, relevance of the marketing, consumer trust, and purchase intention. More importantly, the recognition of consumer trust as a mediator variable elaborated deeper our understanding of the psychological mechanisms affecting consumer responses to AI-driven marketing.
The study results build upon previous theories of consumer trust, technology acceptance and relationship marketing by showing that trust is still a key determinant even in an increasingly technological digital context. With the increasing involvement of AI in online retail operations, it is imperative for researchers as well as practitioners to be able to understand the role of trust.

[bookmark: _Toc231729160]6.6 Practical Implications
Retailers need to allocate resources to enhancing the accuracy of AI recommendations. When recommendations are accurate, customers are more likely to enjoy the experience of the website and will be more inclined towards doing business with the company as they will be receiving products that they are interested in and have a need for.
Second, data privacy protection should be in the spotlight. Retailers have to put in place strong cyber security, adhere to data protection guidelines, and make sure that consumers are properly informed about privacy policies. Good privacy practices can boost consumer confidence and trust.
Thirdly, transparency about the use of AI should be encouraged. Consumers should be provided with information on the collection, processing and use of their personal data by the AI systems. Explicit information on recommendation mechanisms can help to alleviate manipulation concerns and build trust.
Trust is integral to AI marketing strategies, as it directly affects how willing consumers are to engage with personalised recommendations and make purchases.

[bookmark: _Toc231729161]6.7 Limitations of the Study
It only included UK Amazon and eBay shoppers, so the results may not apply to other nations or ecommerce websites. Second, the cross-sectional design captured consumers' perceptions at one single point in time and may not be representative of future changes in attitude towards AI technologies. Thirdly, the study was based on using a questionnaire with self-report responses and therefore may be subject to personal bias or socially desirable responses. Fourthly, there were 50 respondents in the sample study. Lastly, the study did not analyse other factors that affect intention to purchase including brand image, risk perception and customer experience.

[bookmark: _Toc231729162]6.8 Recommendations for Future Research
Comparative research can be conducted among different countries, exposing variations in how consumers react to AI personalised marketing across them. These studies would give a more general idea of the behaviour of consumers around the world.
Future studies could be of the longitudinal nature to examine the changes in consumer trust and buying intentions over time as AI technologies mature and gain greater acceptance.
Other factors that could be examined include customer satisfaction, technology readiness, perceived risk, and ethical issues concerning AI. The inclusion of these variables would give a more complete picture of the process in consumer decision making.
In addition, future research might involve other online retail stores besides Amazon.com and eBay, such as new e-commerce stores and even social commerce spaces.
Qualitative data collection techniques, like interviews or focus groups, can also be used to delve deeper into consumer perceptions, emotions, and concerns about AI-driven personalised marketing.

[bookmark: _Toc231729163]6.9 Final Conclusion
This study was able to investigate successfully the effect of personalised marketing using AI on consumer trust and purchase intention for two online retail giants; Amazon and eBay, for the UK online retail consumers. The results revealed that accuracy of personalisation, protection of consumer data privacy, transparency in the use of artificial intelligence, and the relevance of the marketing has a significant impact on the intention to purchase a product. Furthermore, it was observed that trust had a significant mediating effect between AI personal message marketing and purchase intention.
The study shows that while technology might play an important role, it is not enough to convince consumers to buy products. Instead, consumers need to have to rely on the organisations using AI technologies, and they need to be confident their personal data is being used responsibly. Launching an effective campaign and building a lasting customer relationships will continue to rely heavily on trust, with AI playing a vital role in continuing the retail industry's transformation.
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[bookmark: _Toc231729165]APPENDIX 1- QUESTIONNAIRE
Dear Participant,
You are kindly invited to participate in this research study titled “The Impact of AI-Driven Personalised Marketing on Consumer Trust and Purchase Intention among UK Online Retail Consumers of Amazon and eBay.” The purpose of this study is to understand consumer opinions regarding AI-based personalised marketing practices used by online retail platforms. Your participation is completely voluntary, and all responses will be kept strictly confidential and used only for academic purposes. The questionnaire will take only a few minutes to complete. By continuing this questionnaire, you confirm that you willingly agree to participate in this study. Thank you for your valuable support and participation.
Thank you

Section 01- Demographic Questions
Please select the answer that best describes your personal background information. Your responses will be kept confidential and used only for academic research purposes.
1. What is your age group? 
· 18–25 Years 
· 26–35 Years 
· 36–45 Years 
· Above 45 Years 

2. What is your gender? 
· Male 
· Female 

3. What is your employment status? 
· Student 
· Employed 
· Self-Employed 
· Unemployed 

Section 02- General Questions
Please select the option that best reflects your online shopping experience and usage of Amazon and eBay platforms.
4. How long have you been using Amazon or eBay for online shopping?
· Less than 1 Year
· 1–3 Years
· 4–6 Years
· More than 6 Years

5. How often do you purchase products online from Amazon or eBay? 
· Weekly 
· Monthly 
· Occasionally 
· Rarely

Section 03- Variables
Please indicate your level of agreement with the following statements related to AI-driven personalised marketing, consumer trust, and purchase intention on Amazon and eBay platforms by selecting one option from the 5-point Likert scale below.
5-Point Likert Scale:
1 – Strongly Disagree
2 – Disagree
3 – Neutral
4 – Agree
5 – Strongly Agree
	Variable
	Question
	Strongly Disagree
	Disagree
	Neutral
	Agree
	Strongly Agree

	Personalisation Accuracy
	 The personalised product recommendations provided by Amazon and eBay accurately match my interests.
	☐
	☐
	☐
	☐
	☐

	
	Amazon and eBay suggest products that are relevant to my previous purchases and searches.
	☐
	☐
	☐
	☐
	☐

	
	AI-driven recommendations on Amazon and eBay improve my online shopping experience.
	☐
	☐
	☐
	☐
	☐

	
	The personalised advertisements shown by Amazon and eBay reflect my shopping preferences accurately.
	☐
	☐
	☐
	☐
	☐

	Data Privacy Protection
	I believe Amazon and eBay protect my personal information securely.
	☐
	☐
	☐
	☐
	☐

	
	I feel comfortable sharing my shopping data with Amazon and eBay for personalised marketing purposes.
	☐
	☐
	☐
	☐
	☐

	
	Amazon and eBay clearly protect customer privacy when using AI-driven marketing.
	☐
	☐
	☐
	☐
	☐

	
	I trust Amazon and eBay to use my personal data responsibly.
	☐
	☐
	☐
	☐
	☐

	Transparency of AI Use
	Amazon and eBay clearly explain how AI is used for personalised recommendations.
	☐
	☐
	☐
	☐
	☐

	
	I understand why certain advertisements or products are recommended to me on Amazon and eBay.
	☐
	☐
	☐
	☐
	☐

	
	Amazon and eBay provide enough information about the use of AI in marketing activities.
	☐
	☐
	☐
	☐
	☐

	
	The AI-driven marketing practices of Amazon and eBay appear transparent to me.
	☐
	☐
	☐
	☐
	☐

	Relevance of Marketing
	The marketing messages I receive from Amazon and eBay are relevant to my needs.
	☐
	☐
	☐
	☐
	☐

	
	The personalised promotions offered by Amazon and eBay match my shopping interests.
	☐
	☐
	☐
	☐
	☐

	
	Amazon and eBay provide useful recommendations based on my online behaviour.
	☐
	☐
	☐
	☐
	☐

	
	I find the AI-driven advertisements of Amazon and eBay meaningful and useful.
	☐
	☐
	☐
	☐
	☐

	Consumer Trust
	I trust Amazon and eBay when they provide AI-driven personalised recommendations.
	☐
	☐
	☐
	☐
	☐

	
	AI-driven marketing by Amazon and eBay increases my confidence in these platforms.
	☐
	☐
	☐
	☐
	☐

	
	I believe Amazon and eBay act honestly in their personalised marketing activities.
	☐
	☐
	☐
	☐
	☐

	
	I feel secure when interacting with AI-based recommendations on Amazon and eBay.
	☐
	☐
	☐
	☐
	☐

	Purchase Intention
	I am likely to purchase products recommended by Amazon and eBay through AI-driven marketing.
	☐
	☐
	☐
	☐
	☐

	
	AI-driven personalised marketing encourages me to buy products from Amazon and eBay.
	☐
	☐
	☐
	☐
	☐

	
	I intend to continue purchasing products from Amazon and eBay in the future.
	☐
	☐
	☐
	☐
	☐

	
	I would recommend Amazon and eBay to others because of their personalised shopping experience.
	☐
	☐
	☐
	☐
	☐
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[bookmark: _Toc231729167]Appendices- 2 Raw Data Table (Part 1: Respondents 1 to 50)	
	Age
	Gender
	Employment
	Usage_Years
	Purchase_Frequency
	PA1
	PA2
	PA3
	PA4
	DP1
	DP2
	DP3
	DP4
	TAI1
	TAI2
	TAI3
	TAI4
	RM1
	RM2
	RM3
	RM4
	CT1
	CT2
	CT3
	CT4
	PI1
	PI2
	PI3
	PI4

	26-35
	Male
	Employed
	1-3 Years
	Occasionally
	5
	5
	2
	4
	1
	3
	4
	1
	3
	4
	4
	3
	4
	5
	1
	5
	5
	4
	3
	5
	4
	2
	2
	5

	26-35
	Female
	Employed
	4-6 Years
	Rarely
	4
	4
	5
	4
	5
	4
	5
	2
	3
	4
	2
	3
	2
	4
	4
	4
	4
	3
	4
	5
	4
	4
	3
	5

	18-25
	Male
	Unemployed
	4-6 Years
	Monthly
	5
	5
	5
	3
	2
	4
	4
	3
	5
	5
	4
	4
	4
	5
	4
	4
	3
	4
	4
	4
	5
	4
	3
	5

	26-35
	Male
	Student
	1-3 Years
	Monthly
	5
	4
	2
	4
	5
	4
	5
	5
	1
	5
	5
	4
	4
	4
	3
	4
	4
	5
	5
	4
	4
	3
	5
	5

	18-25
	Female
	Employed
	1-3 Years
	Occasionally
	4
	5
	4
	1
	4
	1
	5
	5
	5
	4
	2
	5
	5
	2
	4
	2
	5
	5
	3
	4
	4
	4
	5
	4

	18-25
	Female
	Employed
	1-3 Years
	Weekly
	5
	4
	4
	4
	3
	3
	4
	4
	3
	3
	2
	4
	3
	5
	5
	2
	3
	5
	3
	3
	5
	4
	4
	5

	36-45
	Male
	Student
	4-6 Years
	Monthly
	4
	5
	5
	5
	2
	4
	4
	5
	3
	3
	4
	4
	4
	3
	5
	4
	5
	4
	2
	5
	5
	5
	5
	5

	18-25
	Male
	Employed
	4-6 Years
	Weekly
	4
	5
	4
	5
	4
	4
	5
	5
	4
	5
	3
	4
	5
	4
	4
	5
	2
	4
	4
	5
	3
	5
	2
	3

	26-35
	Female
	Employed
	1-3 Years
	Occasionally
	3
	4
	4
	4
	4
	4
	5
	3
	5
	3
	4
	5
	4
	4
	5
	2
	4
	5
	5
	2
	3
	4
	5
	5

	36-45
	Male
	Student
	More than 6 Years
	Monthly
	4
	5
	4
	1
	5
	4
	5
	5
	3
	3
	2
	4
	4
	4
	5
	3
	4
	4
	4
	5
	5
	2
	4
	4

	18-25
	Female
	Employed
	1-3 Years
	Occasionally
	4
	4
	1
	2
	5
	5
	4
	5
	4
	3
	3
	4
	5
	5
	5
	5
	3
	3
	2
	5
	5
	4
	4
	3

	Above 45
	Female
	Unemployed
	More than 6 Years
	Occasionally
	1
	5
	4
	5
	5
	5
	5
	4
	5
	2
	5
	5
	3
	5
	4
	4
	5
	3
	1
	3
	4
	5
	5
	4

	26-35
	Male
	Unemployed
	4-6 Years
	Rarely
	3
	5
	3
	5
	4
	2
	4
	5
	4
	4
	4
	4
	4
	3
	5
	1
	5
	4
	5
	5
	5
	4
	2
	5

	18-25
	Male
	Self-Employed
	More than 6 Years
	Weekly
	4
	4
	4
	4
	3
	4
	5
	5
	5
	4
	4
	4
	1
	4
	4
	4
	4
	4
	4
	3
	4
	5
	5
	3

	18-25
	Male
	Employed
	1-3 Years
	Occasionally
	5
	5
	3
	3
	1
	3
	4
	5
	2
	4
	4
	3
	5
	4
	3
	4
	1
	5
	5
	2
	4
	3
	5
	4

	18-25
	Male
	Self-Employed
	4-6 Years
	Occasionally
	5
	5
	4
	5
	5
	4
	5
	4
	5
	4
	5
	5
	4
	3
	3
	4
	5
	4
	4
	4
	2
	4
	4
	4

	26-35
	Male
	Employed
	4-6 Years
	Monthly
	2
	4
	4
	4
	3
	4
	5
	4
	5
	5
	5
	4
	1
	4
	5
	5
	5
	4
	5
	4
	4
	3
	3
	4

	18-25
	Male
	Employed
	4-6 Years
	Weekly
	4
	3
	4
	1
	4
	4
	1
	4
	3
	4
	2
	4
	3
	4
	5
	4
	5
	5
	3
	2
	1
	4
	5
	4

	26-35
	Female
	Employed
	More than 6 Years
	Rarely
	3
	1
	3
	3
	5
	4
	3
	5
	5
	3
	4
	5
	3
	5
	5
	2
	1
	4
	5
	5
	4
	5
	2
	5

	26-35
	Male
	Self-Employed
	More than 6 Years
	Monthly
	3
	5
	5
	4
	4
	4
	4
	4
	5
	5
	2
	5
	4
	5
	5
	4
	5
	5
	4
	5
	4
	4
	4
	5

	18-25
	Female
	Self-Employed
	Less than 1 Year
	Occasionally
	3
	4
	4
	4
	1
	5
	3
	3
	5
	4
	5
	5
	4
	1
	5
	2
	5
	4
	5
	5
	4
	4
	5
	2

	18-25
	Female
	Employed
	4-6 Years
	Monthly
	4
	4
	5
	4
	5
	4
	3
	3
	3
	3
	4
	5
	3
	3
	4
	5
	5
	4
	4
	2
	3
	3
	3
	1

	26-35
	Male
	Unemployed
	4-6 Years
	Monthly
	3
	5
	4
	5
	4
	4
	4
	3
	2
	5
	4
	5
	4
	2
	4
	2
	3
	4
	4
	5
	3
	5
	4
	5

	18-25
	Female
	Employed
	4-6 Years
	Occasionally
	5
	4
	4
	4
	5
	5
	3
	3
	5
	3
	3
	2
	1
	4
	4
	4
	3
	5
	5
	4
	5
	5
	5
	4

	26-35
	Female
	Employed
	4-6 Years
	Monthly
	5
	5
	2
	3
	4
	5
	4
	4
	3
	5
	5
	5
	4
	4
	2
	2
	4
	4
	3
	2
	5
	5
	4
	5

	Above 45
	Female
	Employed
	Less than 1 Year
	Occasionally
	4
	4
	5
	3
	4
	4
	4
	2
	4
	4
	5
	5
	4
	5
	4
	5
	5
	4
	4
	4
	4
	5
	4
	4

	Above 45
	Female
	Employed
	4-6 Years
	Weekly
	4
	5
	4
	5
	3
	4
	5
	4
	5
	3
	5
	4
	3
	3
	4
	4
	2
	5
	5
	4
	3
	5
	4
	5

	26-35
	Male
	Self-Employed
	More than 6 Years
	Weekly
	4
	4
	5
	4
	5
	5
	4
	5
	4
	5
	4
	5
	4
	4
	4
	5
	4
	3
	4
	4
	4
	4
	4
	4

	18-25
	Female
	Employed
	1-3 Years
	Occasionally
	2
	5
	5
	5
	4
	5
	5
	5
	4
	2
	4
	4
	5
	5
	4
	4
	4
	5
	4
	4
	3
	4
	5
	4

	26-35
	Female
	Self-Employed
	More than 6 Years
	Occasionally
	4
	4
	5
	5
	5
	2
	2
	4
	5
	5
	5
	4
	2
	4
	5
	4
	5
	5
	2
	5
	4
	4
	3
	4

	26-35
	Female
	Student
	Less than 1 Year
	Occasionally
	4
	3
	5
	3
	4
	3
	3
	1
	5
	5
	5
	3
	4
	4
	4
	4
	4
	3
	5
	3
	4
	4
	3
	4

	26-35
	Female
	Employed
	More than 6 Years
	Monthly
	4
	4
	5
	5
	2
	4
	4
	5
	4
	5
	4
	4
	4
	4
	5
	5
	4
	5
	4
	5
	4
	4
	4
	4

	36-45
	Male
	Employed
	More than 6 Years
	Weekly
	3
	4
	5
	4
	5
	5
	3
	5
	4
	5
	5
	4
	3
	5
	3
	5
	5
	5
	5
	5
	5
	4
	5
	1

	26-35
	Male
	Employed
	4-6 Years
	Monthly
	5
	5
	2
	3
	1
	5
	4
	5
	3
	2
	5
	5
	4
	4
	3
	5
	4
	4
	2
	5
	3
	4
	5
	5

	Above 45
	Male
	Employed
	1-3 Years
	Monthly
	2
	4
	4
	5
	2
	4
	4
	5
	5
	2
	5
	4
	5
	4
	4
	3
	3
	5
	4
	5
	4
	4
	1
	5

	18-25
	Male
	Employed
	Less than 1 Year
	Occasionally
	3
	3
	5
	4
	3
	5
	1
	5
	3
	3
	3
	3
	5
	1
	1
	5
	3
	4
	3
	2
	5
	4
	5
	4

	36-45
	Male
	Student
	4-6 Years
	Rarely
	2
	5
	5
	4
	4
	5
	2
	4
	4
	5
	4
	5
	2
	2
	4
	2
	4
	4
	4
	4
	5
	4
	4
	4

	18-25
	Female
	Self-Employed
	4-6 Years
	Occasionally
	5
	3
	4
	3
	4
	4
	4
	2
	4
	5
	4
	3
	5
	2
	5
	2
	2
	5
	5
	4
	4
	4
	4
	3

	18-25
	Female
	Employed
	More than 6 Years
	Occasionally
	5
	4
	4
	4
	3
	4
	3
	2
	5
	4
	5
	4
	5
	5
	5
	5
	4
	4
	1
	5
	5
	4
	3
	5

	18-25
	Male
	Student
	More than 6 Years
	Monthly
	4
	3
	4
	2
	5
	3
	4
	4
	4
	5
	5
	4
	2
	2
	3
	4
	5
	4
	5
	4
	4
	4
	5
	3

	26-35
	Male
	Employed
	4-6 Years
	Monthly
	2
	4
	4
	1
	4
	3
	3
	3
	4
	1
	5
	3
	4
	5
	4
	5
	5
	2
	5
	2
	1
	5
	5
	4

	26-35
	Female
	Employed
	1-3 Years
	Weekly
	4
	5
	4
	5
	5
	2
	5
	3
	4
	4
	4
	4
	4
	4
	3
	4
	3
	4
	5
	4
	5
	5
	5
	3

	18-25
	Male
	Employed
	More than 6 Years
	Monthly
	3
	5
	4
	5
	5
	4
	5
	4
	4
	4
	5
	4
	3
	2
	4
	4
	4
	2
	4
	4
	4
	2
	5
	2

	36-45
	Female
	Employed
	4-6 Years
	Monthly
	4
	5
	5
	4
	5
	4
	4
	4
	3
	2
	2
	5
	4
	5
	4
	3
	3
	4
	4
	4
	3
	4
	4
	4

	18-25
	Female
	Self-Employed
	4-6 Years
	Weekly
	2
	5
	4
	5
	4
	5
	5
	4
	4
	3
	4
	5
	5
	4
	4
	5
	4
	4
	5
	5
	5
	5
	5
	5

	26-35
	Female
	Employed
	1-3 Years
	Monthly
	3
	3
	5
	4
	3
	3
	2
	5
	2
	5
	5
	5
	2
	4
	5
	3
	4
	3
	5
	5
	5
	3
	4
	4

	26-35
	Male
	Employed
	1-3 Years
	Occasionally
	4
	4
	4
	5
	4
	5
	4
	5
	5
	4
	4
	4
	4
	5
	5
	5
	3
	3
	4
	5
	4
	2
	5
	5

	18-25
	Female
	Employed
	More than 6 Years
	Weekly
	4
	5
	3
	4
	4
	1
	2
	4
	3
	5
	4
	1
	5
	5
	4
	5
	3
	4
	5
	5
	3
	5
	4
	1

	18-25
	Male
	Self-Employed
	4-6 Years
	Occasionally
	4
	3
	4
	4
	2
	4
	5
	4
	3
	5
	4
	1
	4
	3
	3
	4
	4
	3
	4
	5
	2
	5
	2
	4

	26-35
	Female
	Employed
	1-3 Years
	Monthly
	4
	5
	3
	1
	5
	4
	5
	4
	5
	5
	4
	2
	4
	5
	3
	5
	4
	5
	4
	5
	2
	5
	4
	4
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