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[bookmark: _Toc177623334]Abstract
This dissertation explores the perceptions of HR professionals regarding bias mitigation in AI-driven recruitment tools. The central research question investigates how AI technologies impact recruitment practices, particularly concerning bias mitigation, trust, and the balance between operational efficiency and fairness. The study is significant because it addresses the paradox of AI adoption in recruitment while offering improved efficiency and the potential to reduce human biases, AI also presents significant ethical concerns and risks of perpetuating and exacerbating bias.
A survey of 100 HR professionals forms the basis of this research, with the data analysed using theoretical frameworks such as the Technology Acceptance Model (TAM), the Diffusion of Innovations (DOI) theory, and Wilful Blindness. The results highlight a mixed level of trust in AI tools, with seasoned HR professionals expressing reservations about the effectiveness of bias mitigation strategies. Efficiency was a primary motivation for AI adoption, with 70% of respondents prioritising this factor. However, only a small proportion of organisations had implemented concrete bias mitigation strategies, suggesting a significant gap between the perceived benefits and actual effectiveness of AI tools in reducing bias.
The findings suggest that while AI is seen as a tool for operational efficiency, its adoption is hindered by a lack of trust and awareness regarding bias prevention measures. The study concludes that for AI to be more widely accepted and effective in recruitment, HR professionals require better education on AI's limitations and its ethical implications. The results also point towards the need for more robust regulatory frameworks to ensure fairness and transparency in AI-driven recruitment.
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[bookmark: _Toc177623335]Chapter 1.0 Introduction
[bookmark: _Toc177623336]1.1 Background
Artificial Intelligence has been progressively integrated into various aspects of HR, namely recruitment and selection, promising to streamline processes, enhance decision-making, and reduce costs (Brookings Institution, 2018). Initially, AI tools were used primarily for automating repetitive tasks, such as resume screening and interview scheduling as observed by Strategic Human Resource Management (SHRM) (SHRM, 2024). Over time, the capabilities of AI in recruitment have expanded to include sophisticated algorithms that can assess candidate skills, predict job performance, and even analyse cultural fit (McKinsey, 2018). Despite these advancements, the journey of AI in recruitment has been marked by significant challenges, particularly around bias and fairness as reported in the HBR (Bogen, 2019).
Historically, there has been considerable apprehension about AI and robotics taking over human jobs, fuelled by fears of losing control and the ethical implications of automated decision-making (West, 2018). Despite these concerns, AI-driven recruitment tools have been swiftly and widely adopted worldwide. Intelion Systems (2023) report that 35% to 45% of companies utilise AI recruitment tools, with 99% of Fortune 500 companies incorporating AI practices. Looking ahead, over 73% of companies plan to invest in recruitment automation in 2023. The adoption of AI in recruitment aligns with broader trends seen in the UK, where AI's impact on various sectors, including job creation and economic contribution, has been profound. Adebisi, (2023) reports in 2022, AI contributed £3.7 billion to the UK economy, and it is predicted to generate £232 billion in additional revenue by 2030.
The primary motivations behind this adoption include the promise of cost savings, enhanced efficiency, and the perceived ability of AI to reduce human biases. Notably, 44% of recruiters emphasise time saving as a key reason for implementing AI in their hiring processes, with 67% of hiring decision makers appreciating AI’s time-saving capabilities. However, significant concerns persist. For instance, 35% of recruiters worry that AI might exclude candidates with unique skills and experiences, and 26% fear that AI could negatively disrupt the HR industry (Intelion Systems, 2023).
Transparency issues also arise because many AI recruitment tools are protected by intellectual property laws, and software companies have no legal obligation to disclose how their bias mitigation methods work. This lack of transparency makes it difficult to assess how decisions are made and potentially leads to mistrust among users and the existence of discrimination within recruitment software (TechUK Reports, 2023). The AI Barometer Part 3 - Recruitment and Workforce Management by GOV.UK, (2021) highlights that while AI can standardise hiring processes and increase transparency, it also poses risks such as disproportionate workplace monitoring and the perpetuation of human biases. furthermore, the lack of clear governance frameworks complicates the responsible adoption of AI technologies, increasing costs for developers and employers and creating an uneven playing field for SMEs (GOV.UK, 2021) This duality potentially leaves organisations to determine their own compass on ethical stance on self-governance and accountability, as a result of a severely lagging legal framework to govern AI usage.
Currently, the UK relies on the Equality Act 2010 (GOV.UK, 2010) and data protection laws to regulate AI in recruitment. Meanwhile, the European Parliament (2024) is enacting comprehensive regulations to ensure the ethical use of AI. The new Artificial Intelligence Act by the European Parliament aims to position the EU as a global leader in AI adoption while addressing regulatory and ethical challenges. However, the rapid adoption of AI has outpaced regulatory measures, with these new regulations not expected to commence until late 2024 and finalising by 2027, posing challenges in governance and accountability (TechUK Reports, 2023).

[bookmark: _Toc177623337]1.2 Research Rationale
The rapid adoption of AI in recruitment presents a paradox: while AI offers significant benefits in terms of efficiency and cost-effectiveness, it also poses ethical implications and risks related to bias and fairness. Historical data used to train AI systems can perpetuate existing biases, leading to discriminatory outcomes. Additionally, the lack of transparency in AI algorithms complicates efforts to identify and address these biases as explored by Lavanchy et al. (2023). Despite these challenges, AI-driven recruitment tools have been embraced by organisations at an unprecedented rate.
It is crucial to investigate whether HR professionals and decisionmakers fully understand AI's weaknesses and biases. This study will examine if these decision-makers prioritise efficiency over fairness, their understanding of AI capabilities and limitations, and their regulatory practices regarding AI usage.

[bookmark: _Toc177623338]1.3 Statement of the Problem
The integration of AI in recruitment processes has been widely adopted, promising enhanced efficiency, cost savings, and the potential to reduce human biases. However, this technological advancement is accompanied by significant challenges, particularly regarding bias and fairness. Despite the rapid adoption of AI-driven recruitment tools, there are unresolved issues that necessitate a thorough examination.
Firstly, AI systems, which rely on historical data for training, can perpetuate and even amplify existing biases (Lee, Resnick, & Barton, 2019). This results in discriminatory outcomes that undermine the goals of equality and diversity within the workplace (Dattner et al., 2019), Rashid (2023) further warns of broader implications that AI tools not only perpetuate existing biases but also pose risks if bias decision making is present the outcome is potentially undermining democratic laws and exacerbating societal wealth inequality, along with creating demographic and geographical disparities. Reuters (Dastin, 2018) reports on the notable incident of the failure of Amazon’s AI recruiting tool due to inherent biases that could not be neutralised, exemplifying the difficulties in mitigating these biases, even for technologically advanced organisations.
Secondly, as reported by Vultus Inc., (2024) there is a pronounced lack of transparency in AI algorithms used for recruitment and selection. Many of these algorithms are protected by intellectual property laws, and software companies are not legally required to disclose how their bias mitigation strategies operate. This opacity means the existence of bias within these tools could be prevalent with users unaware of their existence. The concealment of these algorithms makes it challenging for users to understand how decisions are made, leading to potential mistrust, and questioning the fairness of these systems (TechUK Reports, 2023).
The rapid pace of AI adoption in recruitment outstrips the development of comprehensive regulatory frameworks leaving a fragmented landscape to navigate. In the UK, current regulations, such as the Equality Act 2010 (GOV.UK, 2010) and data protection laws (GOV.UK, 2018), are insufficient to fully address the complexities introduced by AI in recruitment. The European Parliament (2024) upcoming Artificial Intelligence Act aims to establish more robust regulations, but these measures will not be fully implemented until 2027. Additionally, there is a lack of standardised best practices for implementing and auditing AI tools, making it difficult for organisations to measure and improve fairness consistently. leaving a significant governance gap in the interim 
This study aims to investigate whether HR professionals are fully aware of AI’s weaknesses and potential biases in recruitment. It will explore if decision makers prioritise efficiency over fairness, their understanding of AI capabilities and limitations, and their practices regarding the regulatory and ethical use of AI. Addressing these issues is crucial for developing fair, transparent, and effective AI-driven recruitment systems that align with broader societal goals of equality and diversity.
This study aims to address the following research questions:
· How aware are HR professionals of the potential biases in AI-driven recruitment tools?
· What are HR professionals’ perceptions of the effectiveness of anti-bias measures in these tools?
· Do HR professionals prioritise efficiency over fairness in AI-driven recruitment?

[bookmark: _Toc177623339]1.4 Research Aims & Objectives
The primary aim is to critically examine the motivations and perceptions of HR professionals regarding the use and effectiveness of bias mitigation in AI-driven HR recruitment tools. This exploration is crucial as it seeks to understand their trust in these technologies, concerns about potential biases, and how they prioritise these concerns against the operational efficiencies that AI promises. This research is pivotal as it aims to provide empirical evidence on how AI tools are used in real-world HR settings and their impact on recruitment practices.
Research Objectives:
Assess Awareness and Concerns of HR Professionals: This objective involves evaluating HR professionals' awareness of potential biases present in AI-driven recruitment tools and their concerns regarding these biases. Understanding their level of awareness will help identify knowledge gaps and the need for further education or modifications in AI tool functionalities.
Examine Perceptions of Anti-Bias Measures: Investigate HR professionals’ beliefs about the effectiveness of implemented anti-bias measures within AI recruitment tools. This will involve assessing whether these professionals believe that the anti-bias technologies integrated into AI systems are effective at mitigating biases, and if so, in what ways.
Analyse Trust and Adoption Factors: Identify factors that influence HR professionals’ trust in and adoption of AI recruitment technologies. This includes exploring both positive and negative aspects that affect their willingness to rely on these tools for hiring purposes.
Prioritisation of Efficiency vs. Fairness: Determine whether HR professionals prioritise efficiency and resource time-saving benefits offered by AI tools over fairness and bias prevention. This will help understand if there's a trade-off being made between efficiency and ethical considerations in the use of AI in recruitment.
[bookmark: _Toc177623340]1.5 Purpose of this Study
The purpose of this study is to investigate the use and impact of AI-driven recruitment tools from the perspective of HR professionals. It aims to provide a detailed understanding of how AI technologies are currently employed and motivations in real world HR settings and their implications for recruitment practices.
Study Seeks To:
· Identify Knowledge Gaps: Highlight areas needing further education or training by examining existing research and HR professionals' awareness of AI capabilities and limitations.
· Assess Bias Mitigation: Evaluate the effectiveness of anti-bias measures in AI recruitment tools to determine if current technologies meet their goals.
· Explore Trust and Adoption: Understand factors influencing trust and adoption of AI recruitment technologies, both positive and negative.
· Evaluate Ethical and Regulatory Practices: Examine how organisations ensure compliance with ethical and regulatory standards in AI recruitment.
· Inform Future Research and Development: Provide feedback for developing more effective and unbiased AI tools, laying the groundwork for future research.
Broader Purpose
The findings of this study will be valuable to various stakeholders:
· Policymakers: Offer insights into the regulatory needs for AI in recruitment, helping to shape policies that ensure fair and ethical AI usage.
· HR Professionals: Guide HR practitioners in making informed decisions about adopting and integrating AI technologies into their recruitment processes, leveraging AI effectively while mitigating risks.
· AI Developers: Inform developers about practical challenges and concerns faced by HR professionals, helping improve the design and functionality of AI recruitment tools.
Long-term Vision
In the long term, this study aims to influence the development and deployment of AI in recruitment by promoting the adoption of ethical AI tools that prioritise fairness, transparency, and accountability, fostering diversity and inclusion within organisations. It also seeks to shape future research and guide technological advancements, ensuring AI tools are robust in mitigating biases and compliant with evolving regulatory standards, thus paving the way for innovative and equitable AI systems.
[bookmark: _Toc177623341]1.6 Research Design
This research is both descriptive and exploratory, aiming to provide a comprehensive understanding of the use and impact of AI-driven recruitment tools in HR. A quantitative research method was chosen following research into methodology as studied from Cameron and Price, (2009), utilising a structured questionnaire distributed to a targeted group of 120 HR professionals. The questionnaire consists of multiple-choice and Likert scale questions (Mcleod, 2023), designed to gather detailed data on the participants' experiences, perceptions, and attitudes towards AI in recruitment.
A cross-sectional time horizon is adopted, collecting data over several weeks but focusing on capturing the current views and practices of HR professionals at a single point in time for each participant (Saunders, Lewis and Thornhill, 2019). This approach allows for the analysis of contemporary issues related to AI in recruitment, offering a snapshot of the current state of adoption and its associated challenges and benefits.
The survey was designed using Microsoft Forms, with responses securely stored through the university's cloud storage systems to ensure GDPR compliance. 
Ethical clearance for this research was obtained from the university’s ethics committee, ensuring that the study complies with ethical standards and protects the rights and privacy of all participants.

[bookmark: _Toc177623342]1.7 Assumptions, Limitations, and Scope
Assumptions:
- HR professionals’ responses accurately reflect their perceptions and experiences regarding AI recruitment tools.
- Respondents are aware of the AI tools used within their organisations and understand their technical and ethical implications.
Limitations:
- Survey-based research may not capture the full depth of respondents’ experiences.
- Findings may not be generalisable to all HR professionals or global organisations.
- Response biases such as social desirability might influence the data.
- Rapidly evolving AI tools could affect the study's long-term relevance.
Scope:
This research focuses on HR professionals in the UK, examining their motivations and perceptions of AI-driven recruitment tools, particularly regarding bias mitigation, transparency, and regulatory practices. The study aims to provide insights that can inform policy and practice in HR management, ensuring ethical and effective AI deployment. 

The following sections of this report will cover the literature review, methodology, data analysis, findings, discussion, and conclusion. The literature review will provide an in-depth analysis of existing research on AI in recruitment. The methodology will outline the research design and data collection methods. Data analysis will present the results of the study, followed by a discussion of the findings. Finally, the conclusion will summarise the key insights and suggest implications for practice and future research.


[bookmark: _Toc176981937][bookmark: _Toc177623343]Chapter 2.0 Literature Review
[bookmark: _Toc168914104][bookmark: _Toc176981938][bookmark: _Toc177623344]2.1 Introduction
The use of Artificial Intelligence (AI) in recruitment has revolutionised traditional hiring methods, introducing greater efficiency and precision. At its core recruitment and selection is fundamentally a discriminatory act (Kroll, Veit and Ziegler, 2021), recruitment involves making choices between candidates, decisions that are by nature selective. From how job roles are advertised to whom is ultimately hired. Historically, these processes have relied on human judgment, which is vulnerable to both bias and inefficiency. AI offers the potential to reduce these limitations by automating various stages of recruitment, from sourcing candidates to making final selections. However, this raises an important question: does AI effectively eliminate human biases or does it risk introducing new forms of bias. This literature review examines the evolution of AI in recruitment and selection, its advantages, the challenges it poses, and the ethical and legal concerns surrounding its use.
[bookmark: _Toc176981939][bookmark: _Toc168914106][bookmark: _Toc177623345]2.2 Evolution of AI in HR:
The evolution of AI in recruitment and selection showcases both advancements and challenges. AI can have a significant impact on both recruitment—attracting and identifying a pool of appropriate candidates—and selection—choosing the best fit from that pool. Initially, AI automated repetitive tasks like CV screening, improving efficiency in recruitment (LinkedIn, 2024). However, early systems often overlooked qualified candidates due to their reliance on keyword matching, limiting their effectiveness in both recruitment and selection (Indeed, 2023). By refining algorithms and using data-driven approaches, AI tools can better match candidates to roles while also mitigating some biases, though concerns remain about potential new biases introduced during the selection process
As AI developed, advanced algorithms enabled complex assessments of candidate skills and cultural fit, leading to data-driven hiring decisions (Naik, 2023). Big data analytics further enhanced accuracy by identifying patterns in extensive datasets (SHRM, 2024). Natural language processing (NLP) improved candidate engagement through AI-powered chatbots and virtual assistants, like HireVue (McKinsey, 2018) Generative AI now helps create accurate job postings, enhancing the recruitment experience (Jones, 2024).
Despite these benefits, challenges remain in mitigating biases and ensuring fair assessments. Ongoing refinement and ethical oversight are crucial as AI continues to evolve.
[bookmark: _Toc176981940][bookmark: _Toc177623346]2.3 Legal and Ethical Frameworks
Despite the majority of AI technology emerging from the U.S., there are no specific federal laws in place that directly regulate AI. In contrast, the UK and the broader EU have taken proactive steps, such as the proposed AI Act in the EU, to regulate the use of AI and mitigate potential risks (U.S. Department of Labor, 2023). The regulation of AI in the UK and Europe presents varying approaches and significant challenges. The UK framework is interlaced with 3 separate regulations consisting of the AI act (UK Government, 2023), Data protection laws (GOV.UK, 2018), and the equality act (GOV.UK, 2010). The Cambridge Handbook of Artificial Intelligence (Banteka, 2024) notes the contrasts of the regulatory heavy European frameworks with the UK's more flexible, principle-based approach. This flexibility aims to foster innovation while ensuring safety and accountability through ethical compliance but highlights the need for new regulatory norms to address AI's unique challenges, such as autonomy and legal personality. The Ada Lovelace Institute (Davies and Birtwistle, 2023) examines the UK's pro-innovation regulatory framework, emphasising broad principles like safety, fairness, and transparency. However, concerns about inconsistent enforcement and inadequate safeguards against biases remain, essentially critiquing the framework as inadequate.
In contrast, the European Parliament's (2024) AI Act, finalised in 2024, introduces a more stringent regulatory framework. This Act categorises AI applications by risk levels and imposes strict requirements on high-risk systems, mandating comprehensive risk assessments, transparency obligations, and prohibiting certain AI systems that violate fundamental rights (Carter, Hyman and Silver, 2024) The EU's approach appears to be a reaction to the rapid adoption of AI technologies and the perceived inadequacies of earlier frameworks, such as that of the UK, which focused primarily on fostering innovation, potentially at the expense of robust regulatory oversight. This cautious, more structured approach by the EU aims to protect fundamental rights and ensure trustworthy AI use and development, reflecting lessons learned from the UK's earlier, more permissive stance.
A key consideration is that the new EU regulations will not begin to take effect until late 2024, with full implementation expected by 2027. This delay raises questions about how AI will shape the workforce in the interim and what measures will be necessary to manage the transition period effectively. 
Acuity Law (2024) provides insight from legal practitioners and discusses practical and legal risks of AI in the workplace, such as discrimination, data breaches, and the complexities of AI vulnerabilities. Acknowledging the frameworks open to interpretation they emphasise the importance of human oversight, thorough risk assessments, and compliance with data protection laws to mitigate these risks.
In summary, while the UK's flexible regulatory framework aims to balance innovation with ethics over strict governance, the European AI Act provides a rigid model focusing on stringent compliance. This shift reflects a growing recognition of the need for robust standards to govern AI effectively. Effective AI governance will require coordinated international efforts, robust regulatory standards, and ongoing critical analysis to address the ethical and legal complexities of AI technology.
[bookmark: _Toc177623347]2.4 Perceived Benefits and Critical Evaluation of AI in Recruitment and HR Practices
[bookmark: _Toc168914109]AI has become integral to modern recruitment and HR, offering multiple advantages but also raising important concerns. One of the main benefits is its ability to enhance efficiency by processing large volumes of applications rapidly, significantly reducing the time required for initial screening, as theorised by Thakur, Hinge, and Adhegaonkar (2023). Similarly, Köchling and Wehner (2020) highlight how AI can streamline CV evaluations and candidate ranking. However, early systems that relied heavily on keyword matching often led to the oversight of qualified candidates, as noted by Islam et al. (2022), suggesting that while AI enhances productivity, careful monitoring is essential to avoid reducing complex candidate profiles to simple keyword filters, as observed by Indeed (2023).
Another significant benefit of AI is its potential to reduce human error and improve accuracy in candidate selection by using objective, data-driven algorithms. As Köchling and Wehner (2020) explain, AI can help mitigate biases inherent in human judgement. Thakur, Hinge, and Adhegaonkar (2023) further argue that AI tools evaluate candidates more objectively than human recruiters. However, as Dastin (2018) notes in the case of Amazon’s AI recruiting tool, biases present in the training data can still lead to discriminatory outcomes, such as the downgrading of women’s CVs. Zliobaite (2017) also cautions that training data must be carefully selected to prevent AI systems from perpetuating past biases.
AI promises to enhance the candidate experience by providing faster feedback and consistent engagement through tools like chatbots and automated systems, as observed by the University of Southern California (2023). These tools can keep candidates updated on their application status and answer common questions. However, as Ore and Sposato (2022) point out, automated interactions can sometimes feel impersonal, making the experience more transactional. Therefore, while AI improves communication efficiency, it may compromise the personal touch that some candidates value.
Cost savings are another important motivation for AI adoption in HR. Nyathani (2022) notes that by automating repetitive tasks, AI reduces the need for extensive HR staff involvement, leading to lower operational costs. However, Schmitz (2024) cautions that initial investments in AI can be substantial, and these tools are not without risks. If AI systems produce biased outcomes or fail to perform effectively, companies may face legal challenges or reputational damage, as argued by Fancher et al. (2021). This raises concerns about whether the long-term benefits truly outweigh the risks, as posed by Walker and Ramirez (2024).
AI’s potential to improve diversity and inclusion is one of its most promising aspects. Nazer et al. (2023) suggest that AI systems can focus on objective criteria, reducing the influence of irrelevant factors like gender or race, which fosters a more inclusive hiring process. However, Thakur, Hinge, and Adhegaonkar (2023) warn that AI systems must be carefully monitored to prevent them from embedding biases present in historical data. As Köchling and Wehner (2020) highlight, AI can only promote diversity effectively with rigorous oversight and regular updates to the system’s training data.
Finally, AI offers HR professionals valuable data-driven insights that can help refine recruitment strategies. Walker and Ramirez (2024) highlight the strategic advantages of AI in identifying patterns and trends in recruitment data. However, Binns (2018) argues that the "black box" nature of AI systems complicates efforts to ensure transparency and accountability, which can erode trust in AI-driven decisions. Al-Alawi et al. (2021) further support this, suggesting that without clear insights into how AI makes decisions, it is difficult for organisations to evaluate the fairness of outcomes
[bookmark: _Toc176981941][bookmark: _Toc177623348]2.5 Theoretical Framework and Models
The theoretical frameworks discussed in this literature review provide a foundation for the proposed research, guiding the formulation of research questions and hypotheses. The Technology Acceptance Model (TAM), the Diffusion of Innovation (DoI) Theory, and the concept of wilful blindness are particularly pertinent to understanding the rapid adoption and implications of AI in recruitment.
[bookmark: _Toc176981942][bookmark: _Toc177623349]2.5.1 Technology Acceptance Model (TAM)
The Technology Acceptance Model (TAM), developed by Davis, (1989), is a widely recognised framework for understanding user behaviour towards technology adoption. Rooted in the Theory of Reasoned Action (TRA) (Staats, 2016), TAM hinges on the theory that two key factors, perceived usefulness, and perceived ease of use, significantly influence an individual's attitude towards using a technology, which in turn affects their behavioural intention to use it and actual usage. In modern recruitment, TAM helps understand how HR professionals and recruiters perceive and adopt AI technologies. 
Tanantong & Wongras, (2024) detail how L'Oréal has implemented AI chatbots like Mya to optimise their recruitment process, resulting in a significant reduction of the average time spent per applicant and considerable cost savings in recruiter wages. Laurim et al. (2021) reports that Unilever has automated its recruitment process using AI tools, saving about 70,000 hours of work by evaluating CVs, conducting online assessments, and analysing video interviews to shortlist candidates. These practical applications directly evidence the efficiency, usefulness and time saving potential that AI can provide, corelating with the notion of the technology acceptance model explaining the rapid adoption AI has undergone in recruitment.
However, the adoption of AI in recruitment presents several challenges. The lack of a robust legal and ethical framework, combined with the "black box" nature of AI software, means that many actual issues may go undetected. Since HR professionals are not required to understand or regulate the algorithmic workings, they may not fully comprehend the downsides, which could lead to an overestimation of the benefits. This scenario, viewed through the TAM model, helps explain why the rapid adoption of AI in recruitment has occurred despite its potential drawbacks.

[bookmark: _Toc176981943][bookmark: _Toc177623350]2.5.2 Diffusion of Innovation Theory and AI in Recruitment
The Diffusion of Innovation (DoI) Theory, proposed by Rogers (1962) explained by Lundblad, (2023), is a foundational framework for understanding how innovations are adopted within organisations. It identifies five key attributes that influence the adoption of new technologies: relative advantage, compatibility, complexity, trialability, and observability.
Relative Advantage describes how an innovation is perceived as better than its predecessor. Studies have shown that AI tools, such as automated CV screening and AI-driven interview analysis, significantly enhance the efficiency and accuracy of hiring processes. Deloitte (2021) highlights that AI technologies can streamline recruitment, reducing time-to-hire and improving candidate matching. Laurim et al. (2021) similarly emphasise the efficiency gains from AI tools in recruitment, noting improvements in speed and precision.
The characteristics of AI adoption in recruitment are evident in its implementation. Compatibility is crucial, as AI tools need to fit seamlessly with existing HR practices and organisational cultures to ensure successful adoption, as emphasised by Khalil and Köster (2024). Complexity is addressed by simplifying user interfaces and providing effective training programs, which help users become comfortable with AI technologies (Khalil and Köster, 2024). Trialability is demonstrated through pilot programs that allow organisations to test AI tools in controlled environments, thereby building confidence in their effectiveness and reliability (Laurim et al., 2021). Observability is shown by the successful use of AI in companies such as L'Oréal, where significant improvements in efficiency and diversity have made the benefits of AI clear, promoting wider adoption (Trziszka, 2023).
These attributes, as discussed by Khalil and Köster (2024) in the context of blockchain technology, are equally applicable to AI in recruitment. Their study underscores the importance of compatibility, trialability, and relative advantage in the adoption of new technologies in HR practices.
[bookmark: _Toc176981944][bookmark: _Toc177623351]2.5.3 Wilful Blindness in AI Adoption
Heffernan, (2011) explains that Wilful blindness refers to situations where individuals or organisations deliberately ignore information that could lead to undesirable outcomes, often to avoid liability or to pursue a particular agenda without confronting potential negative consequences. The rapid adoption of AI in recruitment, despite its numerous challenges and widespread fears, can be understood through the lens of wilful blindness. Historically, there has been a pervasive fear amongst humanity of new technologies, including AI, potentially leading to detrimental societal impacts. Despite these fears, Cave & Dihal, (2020) argue that the rapid adoption of AI suggests a cognitive dissonance where the recognition of these risks does not translate into cautious or delayed adoption. Instead, there is a selective focus on the positive aspects of AI, driven by technological optimism and the belief in its potential to solve problems and drive progress.
Many organisations adopt AI technologies rapidly, focusing on the immediate benefits such as increased efficiency and cost savings, while overlooking long-term ethical and legal implications. This can be seen as wilful blindness, where the advantages of AI overshadow potential risks. The absence of competent legal frameworks further exacerbates this issue, allowing companies to implement AI without facing immediate regulatory scrutiny (Binns, 2018). Cath et al. (2017) believe this fosters a sense of complacency and wilful ignorance about potential ethical implications, self-regulation, and internal guidelines, which may not be strong or transparent, create an illusion of responsible adoption.
Vallas & Schor, (2020) explores innovation-driven cultures, and theorises there may be a tendency to overlook or minimise risks associated with new technologies. This cultural bias towards progress has strong characteristics to contribute to wilful blindness, where the pursuit of innovation overshadows the consideration of potential ethical and legal issues.
Looking forward, this research applies TAM to explore HR professionals' perceptions of AI tools in recruitment, aiming to understand factors that encourage or hinder their adoption. The Diffusion of Innovation Theory identifies key attributes like relative advantage and compatibility that influence technology adoption. This study uses DoI to assess how HR professionals perceive AI's benefits, compatibility, and complexity in recruitment. The concept of wilful blindness, where potential negative outcomes are ignored, is also crucial. The research examines whether organisations overlook long-term ethical and legal implications of AI for short-term efficiency gains, highlighting the need for comprehensive ethical guidelines and robust regulatory frameworks.
[bookmark: _Toc176981945][bookmark: _Toc177623352]2.6 Research Questions and Hypotheses
The theoretical frameworks guide the development of the following research questions and hypotheses:
Research Question: How do HR professionals perceive the effectiveness of anti-bias mitigation strategies in AI?
Hypothesis: HR professionals with positive perceptions of AI's usefulness and ease of use are more likely to trust and adopt anti-bias strategies.
Research Question: What are the primary motivations behind the adoption of AI in recruitment?
Hypothesis: The adoption of AI in recruitment is primarily driven by upper management's emphasis on efficiency and cost savings, rather than ethical considerations.
Research Question: How effective are current regulatory and ethical frameworks in governing the use of AI in recruitment?
Hypothesis: Existing regulatory and ethical frameworks are insufficient to ensure fairness, transparency, and accountability in AI-driven recruitment processes.

By linking these theoretical frameworks to the research objectives, the study aims to provide a comprehensive understanding of the adoption and impact of AI in recruitment, addressing the identified gaps and contributing to the academic discourse on this topic.
[bookmark: _Toc168914110][bookmark: _Toc176981946][bookmark: _Toc177623353]2.7 HR Professional Bodies' Views on AI in Recruitment
Human Resource professional bodies such as the Chartered Institute of Personnel and Development (CIPD),  the Society for Human Resource Management (SHRM), and The HR Digest have provided valuable insights into the use of AI in recruitment. Their perspectives highlight both the potential benefits and the inherent challenges of integrating AI into hiring processes.
[bookmark: _Toc176981947][bookmark: _Toc177623354]2.7.1 Chartered Institute of Personnel and Development (CIPD)
CIPD (2023a) is a professional body for HR and people development, headquartered in the UK, which sets professional standards for HR and provides the expertise to drive the HR and L&D professions forward. CIPD provides comprehensive guidance on the ethical use of AI in recruitment through its Code of Conduct & Ethics, Profession Map, and dedicated viewpoints on AI in the workplace.
Code of Conduct & Ethics:
The CIPD's Code of Conduct & Ethics (CIPD, 2023d) emphasises principles such as integrity, transparency, and accountability. These principles are crucial for the ethical implementation of AI in recruitment. HR professionals are encouraged to ensure that AI systems are used responsibly, maintaining fairness and avoiding discrimination.
Profession Map:
The CIPD Profession Map (CIPD, 2023c) outlines the standards for the people profession, emphasising core behaviours and knowledge areas relevant to AI in recruitment. It stresses the importance of continuous professional development, ethical practice, and the strategic use of technology to enhance HR functions.
· Ensuring transparency in AI decision-making processes.
· Maintaining human oversight to complement AI systems.
· Providing clear communication to candidates about how AI is used in recruitment.
· Regularly reviewing and auditing AI tools to ensure they comply with ethical and legal standards.
The CIPD emphasises that while AI offers significant efficiencies, it also poses ethical challenges, particularly around fairness and transparency (CIPD, 2018). They recommend a hybrid approach that combines AI and human inputs in the recruitment process. This approach leverages the objectivity and data processing capabilities of AI while retaining human judgment to address complex decisions that AI might not handle effectively. Research by CIPD (2023a) indicates that candidates perceive the recruitment process as fairer when there is a balance of AI and human involvement. They stress the importance of transparency, advocating for clear communication with candidates about how AI tools are used and how decisions are made. This can enhance trust and acceptance among candidates, thereby improving the overall recruitment experience (CIPD, 2023b).
[bookmark: _Toc176981948][bookmark: _Toc177623355]2.7.2 Society for Human Resource Management (SHRM)
The SHRM acknowledges the ability of AI to streamline recruitment processes, enhance candidate matching, and reduce biases (SHRM, 2023). AI tools can automate routine tasks such as CV screening and initial candidate assessments, allowing HR professionals to focus on strategic decision-making and personalised candidate interactions. These efficiencies can lead to significant time and cost savings. However, SHRM also highlights potential pitfalls, such as the risk of algorithmic bias, where AI systems might unintentionally perpetuate existing biases present in the data they are trained on. To mitigate these risks, SHRM stresses to their members of the importance of maintaining transparency and ethical standards, advocating for regular audits of AI systems and the inclusion of diverse data sets to ensure fairness and accuracy in AI-driven decisions (SHRM, 2024).
[bookmark: _Toc176981949][bookmark: _Toc177623356]2.7.3 The HR Digest
An article from The HR Digest highlights the dual potential of AI in recruitment to either enhance diversity or perpetuate existing biases if not carefully managed (Martinez, 2023) AI systems, if properly designed and monitored, can help reduce certain biases by focusing on objective criteria. However, without careful oversight, these systems can also amplify biases present in the training data. The HR Digest recommends thorough testing of AI systems for biases, ongoing monitoring, and incorporating human oversight to ensure ethical use. They suggest regular audits of AI systems and provide training for HR professionals on the ethical implications of AI, as well as clear communication with candidates about the use of AI in the recruitment process to maintain transparency and trust (Martinez, 2023).
While all three bodies recognise the efficiencies AI brings, they also highlight the importance of transparency, ethical standards, and human oversight to mitigate biases and enhance fairness. CIPD's recommendation of a hybrid approach offers a balanced perspective that leverages the strengths of both AI and human judgment, potentially serving as a model for ethical and effective AI integration in recruitment.
[bookmark: _Toc176981950][bookmark: _Toc177623357]2.8 Algorithmic Hiring in Practice:
[bookmark: _Toc176981951][bookmark: _Toc177623358]2.8.1 Recruiter and HR Professional’s Perspectives on AI Use in Hiring
Li et al. (2021) conducted a study that provides additional insights into how AI-enabled hiring software is used in practice and its impact on recruiters and HR professionals. The study involved interviews with 15 recruiters and HR professionals who used AI for sourcing and assessment. In the sourcing phase, AI-enabled software was found to efficiently process candidate data, allowing recruiters to introduce or advance candidates from broader and more diverse pools. However, a lack of trust in data accuracy and inadequate control over algorithmic matches created reluctance among some HR professionals to fully embrace the technology. For assessment, the implementation of AI varied across companies depending on the industry and hiring scenarios. 
Interestingly adding weight to the Li et al (2021) study is A recent study reported by HRD America (2023) revealed mixed feelings among HR professionals about the use of AI in hiring. While 62% believe AI can help hire the best candidates, 37% disagree that AI will reduce bias, and 27% of candidates feel AI leads to more bias in the hiring process. This study emphasises the importance of transparency and human oversight to build trust and ensure ethical use of AI in recruitment. It also highlights the need for ongoing monitoring and clear communication with candidates about AI's role in the hiring process.
Research highlights significant concerns from HR professionals, which contrast sharply with the high rates of AI adoption by organisations. This disparity raises the question of whether HR professionals are the ones making the decisions to adopt this technology or if these decisions are driven by upper management.
[bookmark: _Toc176981952][bookmark: _Toc177623359]2.8.2 Research Into Candidates’ Perceptions
Lavanchy et al. (2023) examine the impact of algorithms in hiring on candidates' perceptions of fairness. Their study reveals that candidates view AI-only recruitment as less fair than human-only processes, but AI-assisted human recruitment is seen more favourably. Transparency and human judgment are crucial for maintaining trust and perceived fairness. Additionally, the Pew Research Centre (Raine et al., 2023) finds that 66% of Americans are reluctant to apply for jobs with AI-driven hiring, citing concerns about bias and lack of human touch. This highlights the need for clear communication and transparency in AI's role in recruitment.

HR professionals and candidates share significant concerns about AI in recruitment, contrasting with high adoption rates by organisations, suggesting that AI adoption decisions may be driven more by upper management than those directly impacted.
[bookmark: _Toc168914111][bookmark: _Toc176981953][bookmark: _Toc177623360]2.9 Research Gaps
[bookmark: _Toc168914112]Despite significant strides in integrating AI into recruitment, several gaps persist. One notable gap is understanding HR professionals' perceptions of anti-bias mitigation strategies. Studies like those by Bornstein (2018) discuss technical approaches to reducing bias but lack insights into HR professionals' confidence in these methods.
Another gap is the disparity between documented concerns about AI's fairness and the high adoption rates of these technologies. Research should investigate whether AI adoption decisions are driven more by upper management focusing on efficiency and cost savings, as suggested by Laurim et al. (2021) and HRD America (2023), than by HR professionals' ethical considerations.
Furthermore, there is limited research on whether HR professionals fully understand their legal and ethical responsibilities regarding AI use. Studies like those by Balasubramaniam et al. (2022) and Binns (2018) highlight concerns about the "black box" nature of AI, but more research is needed to determine if HR professionals are adequately trained and informed about these systems.
Despite the rapid integration of AI in recruitment, there is limited empirical research on its long-term impact. The adoption of AI has been described as "game-changing" for HR, yet the academic literature points to a significant gap in understanding how these technologies will shape workforce dynamics over time. The swift uptake of AI tools often prioritises immediate benefits such as efficiency and cost savings, potentially overlooking the deeper, systemic issues that may arise.
The literature review has identified several gaps and critiques in the current research on AI in recruitment and HR practices. To address these, the following research objectives are proposed:
· HR Professionals' Perceptions of Anti-Bias Strategies: Explore HR professionals' confidence in and experiences with anti-bias methods in AI.
· Motivations Behind AI Adoption: Investigate whether AI adoption is driven by upper management's focus on efficiency and cost savings over ethical considerations.
· Long-Term Implications of AI: Evaluate how AI impacts workforce dynamics, including diversity, employee satisfaction, and organisational culture.
· Effectiveness of Regulatory Frameworks: Assess current regulatory and ethical frameworks' ability to ensure fairness, transparency, and accountability.
These objectives aim to directly address the identified gaps, advancing the academic discourse on AI in recruitment and HR practices by answering the question of- Perceptions Of Bias Mitigation in Ai-Driven Hr Recruitment Tools: An Investigation into HR Professionals' Trust, Concerns, And Priorities.
[bookmark: _Toc176981954][bookmark: _Toc177623361]2.10 Conclusion
The integration of AI in recruitment has revolutionised hiring practices, offering efficiency and precision while aiming to reduce human biases. Initially, AI automated repetitive tasks like CV screening but faced limitations, such as keyword reliance. Advancements enabled complex assessments and better engagement through tools like NLP-powered chatbots. Despite these benefits, challenges persist in mitigating biases and ensuring fair assessments. The UK’s flexible regulatory framework contrasts with the robust European Parliament AI Act, which mandates strict requirements on high-risk systems. While AI offers significant efficiency gains, improved accuracy, and cost savings, it can incorporate biases from training data, leading to discriminatory practices. Transparency issues arise from the "black box" nature of AI, complicating fairness evaluations. 
Theoretical frameworks like TAM and DoI explain AI adoption, emphasising perceived usefulness and compatibility. However, organisations might overlook long-term implications for immediate benefits. HR bodies like CIPD advocate for a hybrid approach combining AI and human oversight to ensure fairness and address complex decisions. Research gaps include understanding HR professionals' perceptions of anti-bias strategies and the motivations behind AI adoption, often driven by upper management prioritising efficiency over ethical considerations.
The literature review has undoubtedly revealed that the adoption of AI in recruitment and selection is still in its infancy. While the immediate benefits, such as enhanced efficiency and accuracy, are clear, the review highlights significant shortcomings, particularly in terms of bias, transparency, and accountability. The overwhelming majority of research highlights the lack of understanding of the long-term implications of AI in recruitment. This tool is being widely used without comprehensive insights into its future impact on workforce dynamics and organisational practices.
The importance of this research is accentuated by the fact that regulatory bodies currently lack the necessary information to fully understand AI's effects. Consequently, the only way to gauge the broader implications of AI on the workforce and organisations is through the insights of first-hand users, particularly HR professionals. This adds weight to the need for continuous monitoring, transparency, and the development of robust ethical guidelines and regulatory frameworks to ensure AI is used responsibly and equitably in recruitment practices.

[bookmark: _Toc177623362]Chapter 3.0 Methodology
[bookmark: _Toc177623363]3.1 Introduction
This chapter outlines the research methodology employed to answer the overall research objective of this study- to investigate HR professionals' trust, concerns, and priorities regarding AI-driven recruitment tools, with a particular focus on the effectiveness of bias mitigation strategies.
This study adopts a descriptive research approach, which aims to systematically describe the current perceptions and attitudes of HR professionals towards AI-driven recruitment tools. Unlike exploratory research that seeks to discover new insights, or causal research that aims to determine cause-and-effect relationships, descriptive research provides a detailed account of the current state of affairs (Horn, 2012). The focus is on understanding what these professionals think and feel about the trustworthiness, fairness, and bias mitigation of AI tools in recruitment processes. The study leverages a quantitative approach as studied (Saunders, Lewis, and Thornhill, 2019), utilising a structured online questionnaire to gather data from HR professionals to attempt to bridge the gap in secondary research identified in the previous chapter.
The methodology will be grounded in the theoretical framework of this study, based on TAM, developed by Davis (1989), theorises that perceived usefulness and perceived ease of use are primary factors influencing technology acceptance. This model is pertinent to understanding HR professionals' acceptance of AI-driven recruitment tools. DoI Theory, proposed by (Lundblad, 2023) explains how innovations are adopted and diffused within a social system. Applying DoI Theory helps analyse the factors influencing the adoption of AI tools among HR professionals and the organisational context in which this adoption occurs. Additionally, the concept of wilful blindness, popularised by Heffernan (2011), is integrated to gauge the level of understanding of AI consequences among HR professionals and how concerned they are about these implications. Wilful blindness refers to situations where individuals or organisations choose to ignore undesirable facts or fail to act on critical information. In the context of AI in recruitment, this concept will be tested by crafting questions capable of assessing HR professionals' awareness of potential biases and ethical issues associated with AI tools, and their willingness to address these concerns. 
These three theoretical frameworks provide a solid foundation to craft survey questions that test assumptions and offer insights. This comprehensive approach ensures the survey effectively tests hypotheses derived from these frameworks, providing valuable data on the adoption of AI-driven recruitment tools.
[bookmark: _Toc177623364]3.2 Research Rationale
This study aims to address the critical gap in understanding HR professionals' and decision-makers' perceptions, motivation and knowledge of AI's limitations and biases. Given that AI algorithms can perpetuate and exacerbate historical biases through training data, resulting in discriminatory outcomes (Li et al., 2021). It is imperative to explore whether these key stakeholders are prioritising efficiency over fairness. Additionally, the lack of transparency in AI decision-making processes raises concerns about accountability and ethical governance (Lee, Resnick and Barton, 2019). By examining HR professionals' and decision-makers' awareness and regulatory practices, this research seeks to provide empirical insights into the adoption of AI in recruitment. The findings will contribute to developing more robust ethical guidelines and regulatory frameworks, ensuring that AI enhances recruitment practices without compromising fairness and accountability whilst adding to the discourse of AI in recruitment and selection.
[bookmark: _Toc177623365]3.3 Research Aims and Objectives
The primary aim of this research is to answer the question addressing the research gap by critically examining the motivations, perceptions and level of understanding and trust of HR professionals regarding the use and effectiveness of bias mitigation in AI-driven HR recruitment tools. This exploration is crucial as it seeks to understand their trust in these technologies, concerns about potential biases, and how they prioritise these concerns against the operational efficiencies that AI promises. 
Research Objectives:
Trust: How much do HR professionals trust AI-driven recruitment tools?
Concerns: What concerns do HR professionals have regarding the use of AI in recruitment, particularly in terms of bias and fairness?
Bias Mitigation: How effective do HR professionals believe current bias mitigation strategies within AI recruitment tools are?
Priorities: How do HR professionals prioritise operational efficiencies offered by AI against concerns about fairness and bias mitigation?
These objectives aim to guide the survey questions that will be able to provide a detailed understanding of the current state of AI adoption in HR recruitment. The insights gained from this research will contribute to the development of more transparent, fair, and effective AI-driven recruitment practices.
[bookmark: _Toc177623366]3.4 Research Design
Building on the foundations of the theoretical concepts of DOI, TAM and wilful blindness as previously identified, the Research Onion Framework by Saunders, Lewis, and Thornhill (2019). Will provide a structured methodical approach to research design, ensuring methodological rigor and clarity. The study is underpinned by a positivist philosophy, which focuses on collecting objective, quantifiable data to test hypotheses and generalise about HR professionals' perceptions of AI-driven recruitment tools. Positivism is chosen because it emphasises empirical evidence and statistical analysis, which are essential for producing reliable and generalisable findings, particularly in understanding biases in AI recruitment tools (Cameron and Price, 2009).
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Utilising a deductive approach, the research begins with existing theories observed in the secondary research of the literature review related to bias in AI recruitment tools and tests them through empirical data collection and analysis. This approach, supported by Rajat Acharyya and Bhattacharya (2019) allows for the systematic testing of hypotheses derived from the literatures secondary research, ensuring that the study's conclusions are based on robust and replicable evidence. Deductive reasoning enhances the research’s scientific rigor, providing a clear and structured methodology (Bell, Bryman and Harley, 2019).
Deduction will be in performed by examining explanations for the rapid adoption of AI despite its known vulnerabilities. By investigating whether HR professionals prioritise efficiency over fairness, understand AI’s weaknesses or not, and believe that anti-bias mechanisms are effective. Through deducting hypotheses these inquiries will test if the quick uptake of AI can be attributed to a perceived operational advantage or if there are gaps in understanding the ethical implications and limitations of AI technologies.
The research strategy employs a survey, The most effective primary research method for gathering large amounts of data from a broad population, This mass volume attainment is required to effectively answer the research question as opposed to a small focus group or interviews. According to Collis and Hussey (2013) surveys enable the efficient collection of standardised data from a significant number of HR professionals, thus enhancing the external validity of the findings. Surveys are particularly suited to quantitative research as they allow for the collection of data from diverse demographics, providing a comprehensive view of the population under study. 
The use of a mono-method quantitative approach, involving structured online questionnaires, ensures consistency and comparability across responses, which is crucial for statistical analysis (Rajat Acharyya and Bhattacharya, 2019). This approach simplifies data collection and analysis, reducing the potential for errors and increasing the reliability of the results. Structured questionnaires standardise data collection, making it easier to identify trends and draw meaningful conclusions (Saunders, Lewis, and Thornhill, 2019).
Adopting a cross-sectional time horizon, the study captures the current perceptions and attitudes of HR professionals at a single point in time. Levin (2006) points out that Cross-sectional studies are valuable for their ability to provide immediate insights into current trends and issues, making them highly relevant for policy and decision-making rendering this approach as pertinent for providing a snapshot of the current contemporary state of AI-driven recruitment tools and their perceived biases as the technology landscape is fast paced. 

[bookmark: _Toc177623367]3.5 Participants
The target population comprises HR professionals engaged in recruitment within organisations that have adopted AI technologies. This demographic is pivotal, given their direct interaction with AI tools and their role in shaping recruitment strategies. Participants will be sought through LinkedIn, industry forums, social network forums, and professional HR networks. This approach aims to capture valuable insights into the outcomes of AI use in recruitment, especially since organisations and software companies often do not disclose detailed data on AI usage.
While this study primarily focuses on the UK, it is challenging to ensure that all respondents are based in the UK. Due to globalisation, many divisions of large organisations are dispersed globally.
To capture a comprehensive spectrum of perspectives, stratified random sampling will be utilised (Bickman and Rog, 2009). This technique involves dividing the population into subgroups based on relevant criteria such as organisation size, seniority, and experience. Such stratification ensures the inclusion of diverse viewpoints, enriching the study's findings with insights from various organisational contexts. By including HR professionals with varying levels of experience with AI tools, the study ensures a diverse and comprehensive understanding of the issue.
Aiming for a minimum sample size of 100 respondents, determined through power analysis, ensures the reliability and representativeness of the data (Collis and Hussey, 2014). This analysis considers the expected variability in perceptions of AI tool bias, aiming to balance the depth of analysis with the practical aspects of survey distribution (Bickman and Rog, 2009). 

[bookmark: _Toc177623368]3.6 Data Collection Instrument
The primary data collection instrument is an online questionnaire developed using Microsoft Forms. The questionnaire includes multiple-choice (Bell, Bryman and Harley, 2019) and Likert scale questions (Mcleod, 2023), designed to capture various aspects of AI adoption and its perceived impact on recruitment practices. Online questionnaires are advantageous for their accessibility, efficiency, and rapid data collection (Horn, 2012) They can reach a broad and diverse audience quickly, which is essential for obtaining a representative sample of HR professionals. 

[bookmark: _Toc177623369]3.7 Questionnaire Design and Relation to Research Objectives
The questionnaire is informed by best practices in questionnaire methodology as studied from Bradburn, Sudman, & Wansink, (2004) to minimise common errors such as leading questions and bias, ensuring clarity and relevance the questionnaire is divided into sections. Multiple-choice questions (MCQs) provide clear, quantifiable data that is easy to analyse (Krosnick & Presser, 2010). They reduce respondent burden by offering predefined answers, which can improve response rates and data reliability. MCQs standardise responses, making it easier to compare and identify trends (Bickman and Rog, 2009). They are also effective for capturing specific information relevant to the study's objectives, such as awareness of AI biases and perceptions of anti-bias measures (Bradburn, Sudman, & Wansink, 2004).
The design of the questionnaire is informed by best practices in survey methodology to minimize common errors such as leading questions and bias, ensuring clarity and relevance as studied from Krosnick & Presser, (2010)
Demographic Information
Q1-6 will provide basic demographic information and establish use of AI. 
Assess Awareness and Concerns of HR Professionals
These questions aim to evaluate HR professionals' awareness of AI and its implications in recruitment. Q7 assesses self-reported understanding, which provides insight into perceived knowledge levels. Q11 gauges collective understanding within the organisation, while Q12 focuses on specific knowledge about anti-bias features, crucial for identifying knowledge gaps. Q13 highlights concerns, directly addressing awareness of potential risks and biases.
Examine Perceptions of Anti-Bias Measures
These questions are designed to evaluate HR professionals’ beliefs about the effectiveness of anti-bias measures in AI recruitment tools. Q12 provides a baseline understanding of knowledge regarding anti-bias features. Q14 explores the strategies employed to mitigate biases, and Q24 and 17 assesses perceptions of the effectiveness of these measures. Together, these questions help understand the confidence HR professionals have in the current anti-bias practices.
Analyse Trust and Adoption Factors
These questions explore the factors influencing trust and adoption of AI recruitment technologies. Q8 identifies the motivations behind adopting AI, while Q9 examines the decision-making process, highlighting organisational influences. Q10 evaluates perceived benefits, crucial for understanding positive impacts that may drive adoption. Q25 directly measures trust in AI’s ability to operate without bias, linking perceptions to actual trust levels.
Prioritisation of Efficiency vs. Fairness
These questions investigate whether HR professionals prioritise efficiency over fairness in AI recruitment. Q8 reveals if efficiency was a key motivator for AI adoption. Q10 identifies efficiency-related benefits experienced. Q15 and 16 assess the HR department's control over AI tools and the final decision-making process, indicating the balance of power between human oversight and AI, reflecting the prioritisation between efficiency and ethical considerations.
The inclusion of specific questions on anti-bias measures and decision-making processes provides valuable insights into the practical and ethical considerations of AI adoption in HR practices. 
[bookmark: _Toc177623370]3.8 Data Analysis
The data will be analysed using a combination of descriptive and inferential statistical techniques studied from Byrne (2002). Descriptive statistics will provide an overview of the sample characteristics and response distributions. Inferential statistics, such as chi-square tests and Excel, will test relationships between variables and compare group means. SPSS will be used for efficient data management and complex analyses, ensuring validity and reliability.
These techniques are suitable for identifying patterns and testing hypotheses related to bias mitigation and trust in AI recruitment tools. However, limitations include potential response bias, sampling bias, and the cross-sectional nature of the study, which may not capture changes over time. Additionally, the structured nature of the questionnaire may limit the depth of insights Byrne (2002). 
[bookmark: _Toc177623371]3.9 Ethical Considerations
This study applies Seedhouse's (Seedhouse and Lovett, 1992) ethical framework, which emphasises the importance of respect, autonomy, and beneficence in research. Seedhouse's framework guides the ethical considerations by ensuring that participants' autonomy is respected through informed consent and voluntary participation. The principle of beneficence is adhered to by designing the study to minimise any potential harm and maximise the benefits of the research findings. The commitment to confidentiality and data protection aligns with Seedhouse's emphasis on respecting participants' privacy and maintaining trust. By integrating these ethical principles. This study adheres to rigorous ethical standards to ensure research integrity and protect participants' rights. Ethical approval has been obtained from UWTSD Research Ethics Committee. Participants will receive detailed information about the study's purpose, procedures, and their rights, including voluntary participation and the ability to withdraw at any time. Informed consent will be obtained electronically before participants begin the survey. Confidentiality and anonymity are ensured by not collecting personal identifiers and securely storing data. The study complies with GDPR (GOV.UK, 2018), data is stored on the secure cloud of the university with restricted access. Participants can skip any uncomfortable questions, and the research does not involve sensitive or distressing topics.
 
[bookmark: _Toc177623372]3.10 Validity and Reliability
To ensure validity and reliability, the questionnaire was pre-tested with a small sample of HR professionals. Feedback from this phase informed revisions to enhance clarity, relevance, and reliability. The study design aims to minimise biases and errors, ensuring the results accurately reflect HR professionals' perceptions and experiences (Bashir, Afzal and Azeem, 2008)
[bookmark: _Toc177623373]3.11 Pilot Testing and Adjustments
Before the full deployment of the questionnaire, a pilot test was conducted as part of the guidance from Saunders, Lewis and Thornhill (2019). on troubleshooting potential issues. This pilot involved a small sample of HR professionals who provided valuable feedback on the questionnaire's clarity and functionality.
Several issues were identified during the pilot phase:
Wording Issues: One question was not worded correctly, causing confusion among respondents. This question needed to be rephrased to ensure it was easily understood.
Question Design: A multiple-choice question initially allowed respondents to select only one answer. This was corrected to enable multiple selections.
Irrelevant Question: A question asking if respondents used AI was found to be irrelevant as completing the survey required the use of AI. This question was subsequently removed.
Response Challenges: After posting the revised questionnaire on LinkedIn, industry forums, social network forums, and professional HR networks, it became apparent that securing responses was challenging. Feedback indicated that many HR professionals did not perceive themselves as users of AI in recruitment, which conflicted with the literature review's statistics.
To investigate this discrepancy, a poll was conducted in a social media group for HR professionals (Davies, 2024). Out of 50 votes, 88% stated they did not use AI in recruitment. This stark contrast suggested either a misunderstanding of what constitutes AI or an overestimation in the literature.
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Following a discussion during a supervisor meeting of the low response rate and the discrepancy between feedback and existing statistics. It became clear that many HR professionals had a narrow understanding of AI. They did not recognise tools like Indeed and LinkedIn, which use AI to match candidates, as AI-driven recruitment tools.
Based on this insight, the questionnaire was revised to clarify that using platforms like Indeed and LinkedIn constitutes the use of AI in recruitment. This change significantly improved the response rate, as HR professionals began to acknowledge their use of AI technologies.
The pilot phase was instrumental in refining the questionnaire, ensuring its questions were relevant and correctly interpreted by the target audience. This process highlighted the importance of clear communication and accurate representation of AI technologies in HR practices, leading to more reliable and valid data collection.

[bookmark: _Toc177623374]3.12 Limitations
To ensure the robustness and credibility of the chosen methodology, a deeper critical evaluation is necessary, following claims made by Bashir, Afzal and Azeem (2008) the following limitations can be identified with mitigation tactics detailed where possible.
Response Bias: One significant limitation is response bias, where participants might provide socially desirable answers or not fully disclose their true perceptions due to confidentiality concerns. To mitigate this, the study will ensure strict anonymity and confidentiality of responses (Bradburn, Sudman and Wansink, 2004). Using anonymous surveys and assuring participants that their responses cannot be traced back to them can reduce this bias. Additionally, framing questions in a neutral manner and avoiding leading questions will help obtain more honest responses.
Sampling Bias: Despite employing stratified random sampling to capture a diverse range of perspectives, there remains a risk of sampling bias. Self-selecting participants might differ systematically from those who do not participate, potentially skewing results. To address this, the study will aim for a large and diverse sample size to ensure broader representation. Outreach efforts will be expanded to include various professional networks, forums, and social media platforms to reach a wider audience. Regular reminders and follow-ups will be sent to encourage participation and reduce non-response rates as advised by Bradburn, Sudman and Wansink (2004).
Limited Depth of Responses: The structured nature of multiple-choice and Likert scale questions can limit the depth of responses, potentially overlooking complex views and insights (Collis and Hussey, 2014). 
Cross-Sectional Design: The cross-sectional design captures a snapshot of perceptions and attitudes at a single point in time, limiting the ability to understand how these may evolve (Levin, 2006). 
Generalisability: While the study aims to capture a broad spectrum of HR professionals, the findings may not fully generalise to all HR professionals globally, especially those in different cultural or regulatory environments. To enhance generalisability, the study will ensure that the sample includes HR professionals from various regions, industries, and organisational sizes (Bashir, Afzal and Azeem, 2008). 
Self-Reported Data Accuracy: Relying on self-reported data can lead to inaccuracies due to memory recall issues, misunderstandings of questions, or personal biases (Bashir, Afzal and Azeem, 2008). To improve data accuracy, the survey questions will be carefully pre-tested to ensure clarity and relevance. The use of clear, simple language and providing examples where necessary can help minimise misunderstandings.
By recognising these limitations and taking proactive steps to address them, this study aims to provide a more accurate and reliable understanding of HR professionals' perceptions of AI-driven recruitment tools. These enhancements will contribute to the overall validity and robustness of the research findings, ensuring they are both credible and valuable for informing future practices and policies.
[bookmark: _Toc177623375]3.13 Challenges
The final sample size of 100 respondents was not predetermined but was the number reached when it became necessary to proceed with data analysis. Although the target was initially set at 120 respondents to enhance the robustness of the findings, this proved challenging. Despite extensive efforts to recruit participants through LinkedIn, social media outreach, and HR community platforms, these avenues were eventually exhausted. In an attempt to reach the target, repeated outreach to the same groups led to negative responses, with some group members expressing displeasure towards the frequent posts.
Given these challenges and the need to move forward with data analysis, 100 respondents became the practical stopping point. While a larger sample might have provided more generalisable findings, the final sample size is still considered sufficient to generate meaningful insights and identify key trends. The decision to conclude at this point reflects the balance between time constraints, participant engagement, and the need for timely analysis


[bookmark: _Toc176628249][bookmark: _Toc176695573][bookmark: _Toc176695842][bookmark: _Toc177623376]Chapter 4.0 Analysis of Results
[bookmark: _Toc176628250][bookmark: _Toc176695574][bookmark: _Toc176695843][bookmark: _Toc177623377]4.1 Introduction
This chapter presents the findings from the primary research of a survey sampling 100 HR professionals, conducted to explore HR professionals’ perceptions of AI-driven recruitment and selection tools. The data is analysed to understand key concerns around bias mitigation, trust, and the trade-off between operational efficiency and fairness. The analysis integrates the theoretical frameworks outlined in the methodology chapter, including the Technology Acceptance Model (TAM) (Davis, 1989), the Diffusion of Innovations (DOI) theory (Lundblad, 2023) and the concept of Wilful Blindness (Heffernan, 2011). The findings are structured according to the key research objectives: assessing trust in AI-driven recruitment tools, evaluating bias mitigation strategies, and understanding the motivations for AI adoption. The data is presented through tables and graphs, offering a clear illustration of the survey results and their implications.

	[bookmark: _Toc176628251][bookmark: _Toc176695575][bookmark: _Toc176695844]Category
	Frequency

	Respondent Demographic

	Role
	Respondents 

	HR Manager
	47

	Recruiter
	23

	HR Team Member
	24

	Management
	6

	Experience in HR
	

	Less than 1 year
	4

	1-3 years
	12

	3-5 years
	18

	More than 5 years
	66

	Organisation Size
	

	Small (1-50 employees)
	18

	Medium (51-250 employees)
	28

	Large (over 250 employees)
	54

	Duration of AI Use
	

	Less than 1 year
	32

	1-3 years
	42

	More than 3 years
	26

	Table 4.0 Demographic
	


[bookmark: _Toc177623378]4.2 Demographic Information of Participants


Notably, 66% of respondents have more than five years of HR experience, indicating that the data primarily reflects the views of seasoned professionals this is positive as data will be gathered from professionals who are likely familiar with both traditional and AI-driven recruitment methods.
Regarding organisational size, 54% of respondents work in large organisations with over 250 employees, while 28% are from medium-sized organisations, and 18% are from smaller organisations. This spread suggests that the insights gathered come from diverse organisational settings, which is significant for understanding the adoption of AI tools. As larger organisations tend to adopt innovations earlier (as posited by DOI theory (Lundblad, 2023)), It was expected for the majority of respondents to represent this group, as early adopters their perspectives on AI may differ from smaller organisations.

[bookmark: _Toc176695576][bookmark: _Toc176695845][bookmark: _Toc177623379]4.3 Awareness of AI Bias and Concerns in Recruitment
4.3.1 Self-Reported Understanding of AI Tools[image: A graph with different colored bars
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Figure 4.1 shows that 42% of respondents rated their understanding of AI in recruitment as "Good," while 38% rated it as "Fair." Only a small minority 6% reported an "Excellent" understanding of AI. This suggests that while there is familiarity with AI tools, there is considerable level of low understanding. Interestingly, HR professionals with over five years of experience were more likely to rate their understanding as "Fair" 45%, implying that despite extensive experience in HR, AI remains a relatively new and evolving tool for many in the field supporting Köchling and Wehner (2020) views.
[bookmark: _Toc176695846][bookmark: _Toc177623380]4.3.2 Concerns Regarding AI in Recruitment
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Table 4.2 presents the key concerns raised by respondents; this was a multiple choice giving the option to select all that apply. with the most frequently cited being "Lack of human oversight" 58 respondents, "Bias in AI algorithms" 40 respondents, and "Over-reliance on AI" 38 respondents. These concerns mirror much of the academic discourse on AI ethics from Köchling and Wehner (2020), which often highlights how AI can inadvertently reinforce biases in recruitment rather than mitigate them as cautioned by Binns (2017).
Notably, larger organisations (those with over 250 employees) expressed higher levels of concern regarding "Over-reliance on AI" compared to smaller organisations. 
The Chi-square tests (Glen, 2013) confirmed a statistically significant association between organisation size and concerns about "Over-reliance on AI" (p < 0.05). This means that the size of an organisation plays a crucial role in shaping its views on the potential risks of depending too much on AI tools in recruitment. Larger organisations are more likely to view AI as a double-edged sword: while they benefit from the operational efficiency AI brings such as reduced hiring time and streamlined processes they also recognise the ethical risks associated with over-reliance on automated systems.
 This suggests that as larger organisations adopt AI at a faster rate, they may also have more awareness of the potential pitfalls associated with over-reliance on technology.

[bookmark: _Toc176695847][bookmark: _Toc177623381]4.4 Perceptions of Anti-Bias Measures in AI Tools
4.4.1 Awareness of Anti-Bias Features
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A critical insight from the survey was the significant gap in organisations strategies for mitigating bias in AI-driven recruitment. An overwhelming 63% of respondents indicated that their organisations had no specific bias mitigation strategies in place. Of those that did report using strategies, 13% cited “regular updates and retraining of AI models,” 11% referenced the “use of diverse datasets,” 9% mentioned the “implementation of fairness algorithms,” and only 4% reported employing “third-party auditors” Strategies studied from (Nazer et al., 2023).
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This lack of action aligns poorly with respondents' self-reported understanding of anti-bias features in AI tools. Only 12% claimed to understand these features "extremely well," while 36% felt their understanding was poor or neutral. This suggests as previously stated by Köchling & Wehner, (2020) a strong correlation between the lack of bias mitigation strategies and the knowledge gap among HR professionals. The fact that organisations are not employing concrete strategies could be attributed to this lack of understanding, indicating that many HR professionals are not fully equipped to leverage AI tools effectively for bias prevention in recruitment processes.
Given that bias mitigation is often cited as a primary reason for adopting AI in recruitment, the disconnect between understanding and action is particularly concerning (Binns, 2017). Without proper knowledge, even organisations that adopt AI for its anti-bias potential may fail to implement it in a meaningful or effective way.
[bookmark: _Toc176695848][bookmark: _Toc177623382]4.4.2 Effectiveness of Anti-Bias Measures
When asked about the perceived effectiveness of anti-bias measures in AI tools, respondents expressed mixed views. Some HR professionals rated these measures as "Moderately effective," while others were more sceptical of their ability to fully mitigate bias. Cross-tabulations revealed that respondents who cited "Bias in AI algorithms" as a key concern were also less likely to trust AI-driven recruitment tools.
Furthermore, there was a notable correlation between respondents' understanding of AI and their perceptions of the effectiveness of anti-bias features. Among those who rated their understanding of AI as "Excellent," 4 respondents found the anti-bias measures effective, while 6 found them moderately effective. None rated these features as ineffective. In contrast, respondents with lower levels of understanding were less confident in the effectiveness of anti-bias measures, reinforcing the link between knowledge gaps and scepticism around AI's ability to reduce bias.

[bookmark: _Toc176695577][bookmark: _Toc176695849][bookmark: _Toc177623383]4.5 Factors Influencing Trust and Adoption of AI Recruitment Tools
[bookmark: _Toc176695850][bookmark: _Toc177623384]4.5.1 Motivations for AI Adoption
	Motivating factors for implementing AI

	Cost Savings
	40

	Efficiency and speed
	70

	Improved quality of hires
	30

	Reduction of human bias 
	20

	Competitive Advantage 
	12

	Other
	16

	Table 4.5 Motivating factors   
	 



In a 'select all that apply' question, 70 respondents chose 'Efficiency and speed' as a primary motivation for AI adoption, while 40 selected 'Cost savings. This data reinforces the idea that perceived usefulness, particularly in improving operational efficiency, is a key driver of technology adoption as argued by Davis, (1989) and Laurim et al., (2021). However, adding weight to the theories of Mujtaba & Mahapatra, (2019) that while efficiency gains were widely acknowledged, respondents expressed reservations about AI’s ability to improve the quality of hires and reduce human bias.
Cross-tabulations between motivations for AI adoption and diversity outcomes reveal that in organisations that adopted AI specifically to reduce bias, 14 respondents reported that AI had led to a more diverse candidate pool, while only 6 respondents indicated no such change. Conversely, in organisations that adopted AI for reasons other than bias reduction, only 8 respondents reported seeing an increase in diversity, while 16 respondents saw no such outcome.
This tension is also supported by concerns that organisations may choose to overlook potential ethical issues in favour of short-term efficiency gains.
[bookmark: _Toc176695851][bookmark: _Toc177623385]4.5.2 Trust in AI Technologies
[image: A graph with different colored bars

Description automatically generated]

Trust in AI was relatively low, with many respondents expressing moderate to low levels of trust in AI systems' ability to operate without bias. This is a critical finding, as trust is essential for widespread AI adoption. Respondents were particularly sceptical about AI’s ability to deliver unbiased outcomes, which correlates directly with the concerns raised about bias in the earlier sections.
The analysis of years of experience versus trust in AI reveals that HR professionals with more than five years of experience display varied levels of trust in AI, with many showing moderate trust (rating it 2 or 3 out of 5). In contrast, professionals with less than five years of experience tend to exhibit either lower or moderate trust. This suggests that even seasoned HR professionals remain skeptical or cautious about the reliability of AI in recruitment, despite their expertise. Less experienced professionals also show caution, though they represent a smaller portion of the sample. Overall, the mixed trust levels, especially among those with significant experience, highlight that while AI tools may provide operational efficiencies, the lack of trust in these systems remains a key barrier to wider adoption.
The ANOVA (Analysis of Variance) (Laurim et al., 2021) test is a statistical method used to compare the means of three or more groups to determine if there are any statistically significant differences between them. The ANOVA test was performed to determine whether there are statistically significant differences in the levels of trust in AI technologies among respondents from small, medium, and large organisations. The ANOVA test results show an F-statistic of approximately 1.56 and a p-value of 0.214. Since the p-value is greater than the common significance level of 0.05, we fail to reject the null hypothesis. This indicates that there is no statistically significant difference in the trust in AI technologies across different organisation sizes (small, medium, large).
In summary, organisation size does not appear to have a significant impact on the level of trust in AI recruitment tools based on this data.

[bookmark: _Toc176695578][bookmark: _Toc176695852][bookmark: _Toc177623386]4.6 Efficiency vs Fairness in AI-Driven Recruitment
[bookmark: _Toc176695853][bookmark: _Toc177623387]4.6.1 Efficiency as a Priority
Efficiency was clearly a priority for 70 respondents the majority of respondents, with many highlighting the operational benefits of AI-driven recruitment tools, such as reducing time-to-hire and streamlining the recruitment process. These operational efficiencies were frequently cited as primary drivers for AI adoption.
[bookmark: _Toc176695854][bookmark: _Toc177623388]4.6.2 Fairness in Recruitment
Despite the emphasis on efficiency, fairness remains a key concern for HR professionals. The data shows that many respondents believe that AI tools require more human oversight to ensure fairness in recruitment processes. Cross-tabulations between levels of concern about bias and the degree of human oversight suggest that those most concerned about bias are also the most likely to advocate for greater human involvement in decision-making.
The level of influence the HR department has over AI recruitment systems also affects who ultimately has the final say in candidate selection. In organisations where HR had complete control over AI tools, 8 respondents indicated that the HR team has the final say, while 16 respondents reported that senior management retains the final decision. In organisations where HR had high influence, 6 respondents reported that the HR team had the final say, while 14 respondents indicated that senior management made the final decision. In organisations where HR's influence was moderate, 10 respondents reported that the HR team had the final say, while 18 respondents reported that senior management retained control.
This finding highlights the trade-off between efficiency and fairness in AI adoption, as many HR professionals appear unwilling to sacrifice fairness for operational efficiency.

[bookmark: _Toc176695855][bookmark: _Toc176695579][bookmark: _Toc177623389]4.7 Impact of AI on Organisational Culture 
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The survey sought to understand how AI recruitment tools have affected the culture within organisations. When asked if AI had affected their organisation's culture, the responses were varied. 48% stated that AI had an impact on their organisation's culture, while 34% were unsure and 18% did not perceive any cultural changes.
Interestingly, organisations that reported frequent use of AI in recruitment were more likely to perceive cultural shifts. Among respondents from large organisations, 55% believed that AI had affected the workplace culture, whereas only 40% of respondents from small and medium-sized organisations shared this view. This could be due to the more extensive integration of AI in larger organisations as studied by West, (2018), where automation and data-driven processes are more prevalent, potentially leading to shifts in workplace dynamics.
One of the key areas where AI appeared to influence organisational culture was diversity. Respondents from organisations that reported an increase in diversity of hires were more likely to say that AI had positively impacted workplace culture. In contrast, those who did not observe changes in diversity were less likely to report any significant cultural shifts. This correlation highlights how the perceived success of AI in achieving diversity goals can shape broader perceptions of its impact on organisational culture.
Despite these insights, the data also revealed a notable level of uncertainty about AI's influence on culture, with 34% of respondents unsure of its effects. This suggests that AI's impact on organisational culture may not yet be fully understood or may vary significantly across different organisational contexts.
The Chi-square test (Glen, 2013) is a statistical method used to determine whether there is a significant association between two categorical variables conducted to explore the relationship between organisation size and the perception that AI affects culture. It compares the observed frequencies in a contingency table to the expected frequencies, which are calculated under the assumption that there is no association between the variables. The test helps to assess whether the differences between the observed and expected frequencies are due to chance or reflect a real relationship. 
· Chi-Square Value (χ²): 8.05
· p-value: 0.0898
· Degrees of Freedom (dof): 4
· Expected Frequencies:
· Small Organisations: [3.24, 10.44, 4.32]
· Medium Organisations: [5.04, 16.24, 6.72]
· Large Organisations: [9.72, 31.32, 12.96]
Interpretation:
· The p-value of 0.0898 suggests that there is no statistically significant relationship between organisation size and the effect of AI on culture at a 5% significance level. However, the p-value is close to 0.05, indicating that there might be some relationship that could be explored further with a larger sample size.
[bookmark: _Toc176695856][bookmark: _Toc177623390]4.8 Awareness and Compliance with Legal and Ethical Standards in AI-Driven Recruitment
The data reveals a significant gap in HR professionals' awareness and understanding of the legal and ethical standards governing AI in recruitment. Only 24% of respondents are fully aware of these rules, while a substantial 36% have no knowledge, and 40% have only partial awareness. This lack of clarity is reflected in their perceptions of the adequacy of these regulations, with just 10% believing the current rules are sufficient, 28% finding them inadequate, and a concerning 62% unsure. This uncertainty extends to compliance practices, where 46% of respondents are unaware of the legal requirements, and only 26% report that their organisations meet the necessary standards. Even fewer 12% are proactively exceeding these requirements, while just 16% collaborate with legal and ethical experts.
[bookmark: _Toc176695857][bookmark: _Toc177623391]4.9 Future Role of AI in Recruitment
The survey asked respondents to predict the future role of AI in HR and recruitment over the next five years. The results were largely optimistic about AI's growth, with 62% of respondents predicting that AI’s role would increase significantly. A further 26% believed that AI's influence would increase slightly, while only 4% anticipated no significant changes, and 8% foresaw a slight decrease in AI's role.
Respondents who currently use AI frequently were more likely to anticipate a significant increase in AI usage. Of those who use AI very frequently, 78% predicted a significant rise in the use of AI-driven recruitment tools. In contrast, organisations that rarely use AI were less enthusiastic about its future role, with only 22% expecting a significant increase.
[bookmark: _Toc176695858][bookmark: _Toc177623392]Chapter 5.0 Discussion
[bookmark: _Toc176695859][bookmark: _Toc177623393]5.1 Introduction
This chapter reflects on the findings presented in Chapter 4, relating them to the research objectives and theoretical frameworks discussed in earlier chapters. The discussion explores how HR professionals perceive AI recruitment tools, with specific attention to their awareness of AI biases, the effectiveness of anti-bias measures, and the prioritisation of efficiency over fairness. This chapter also evaluates the implications of these findings for both theory and practice.
[bookmark: _Toc176695860][bookmark: _Toc177623394]5.2 Addressing Research Questions
[bookmark: _Toc176695861]Research Question 1: How aware are HR professionals of the potential biases in AI-driven recruitment tools?
The findings indicate that while there is some awareness of AI biases, it is often insufficient, with only 6% of respondents rating their understanding as "Excellent." Many professionals lack a comprehensive understanding of bias mitigation features and legal frameworks (Köchling & Wehner, 2020). For instance, 63% of respondents reported no specific strategies to address bias, and only 12% reported having a deep understanding of anti-bias features. These results suggest a strong need for further education and training on AI biases and the legal and ethical obligations related to recruitment. The lack of bias mitigation strategies may be directly linked to this knowledge gap, highlighting the importance of raising awareness and enhancing expertise within HR departments.
[bookmark: _Toc176695862]Research Question 2: What are HR professionals’ perceptions of the effectiveness of anti-bias measures in these tools?
HR professionals expressed mixed perceptions of the effectiveness of anti-bias measures in AI-driven recruitment tools. While some respondents rated the measures as "Moderately effective," many remained sceptical about their ability to fully mitigate bias (Binns, 2017). This scepticism highlights a gap between the potential of AI to reduce bias and the reality of how it is being implemented. Those with higher levels of understanding of AI were more likely to perceive the anti-bias features as effective, suggesting that building confidence in these measures is contingent upon improving knowledge and transparency (Laurim et al., 2021). These findings reinforce the need for organisations to adopt structured bias mitigation strategies and ensure HR professionals are adequately trained to leverage AI technology ethically.
The self-governance aspect also plays a role here: with no clear external standards to adhere to, organisations may be implementing piecemeal solutions based on their own understanding of fairness and bias, rather than relying on established best practices (Heffernan, 2011). This might explain why many HR professionals remain sceptical about AI's ability to fully mitigate bias. Without a unified legal framework, perceptions of anti-bias measures may continue to vary widely across organisations.
[bookmark: _Toc176695863]Research Question 3: Do HR professionals prioritise efficiency over fairness in AI-driven recruitment?
The study revealed that HR professionals tend to prioritise efficiency, with 70% of respondents citing it as a primary motivation for adopting AI in recruitment. However, this focus on efficiency often comes at the expense of fairness (Davis,1989). Many respondents acknowledged the trade-off between the two, with those most concerned about bias advocating for more human oversight in recruitment decisions. This suggests that while AI provides clear operational advantages, ethical considerations regarding fairness remain a key concern (Mujtaba & Mahapatra, 2019). The challenge lies in finding the right balance, ensuring that efficiency gains do not overshadow the need for ethical recruitment practices that promote diversity and inclusivity.
Additionally, the lack of regulatory pressure means that many organisations feel free to prioritise efficiency over fairness, knowing they are unlikely to face legal consequences for doing so (Heffernan, 2011). This environment of self-regulation leaves organisations to decide their own ethical stance, potentially leading to a greater focus on operational benefits at the expense of fairness and inclusivity.
[bookmark: _Toc176695864][bookmark: _Toc177623395]5.3 Application of Theoretical Frameworks: DOI, TAM, and Wilful Blindness
The findings of this study can be further understood through the lenses of the Diffusion of Innovations (DOI) theory, the Technology Acceptance Model (TAM), and the concept of Wilful Blindness. Each of these frameworks provides a unique perspective on how AI-driven recruitment tools are perceived and adopted by HR professionals, particularly in terms of bias mitigation, efficiency, and fairness.
[bookmark: _Toc176695865][bookmark: _Toc177623396]5.3.1 Diffusion of Innovations (DOI) Theory
DOI theory, developed by Everett Rogers (Lundblad, 2023), explains how innovations are adopted within organisations, based on factors such as relative advantage, compatibility with existing systems, and complexity. The findings show that larger organisations, which are generally early adopters of new technology, were more likely to have implemented AI recruitment tools. However, these same organisations also reported higher concerns about over-reliance on AI, which aligns with DOI’s prediction that later adopters become more cautious about the downsides of an innovation.
Efficiency and cost-saving potential were key motivators for AI adoption, with 65% of respondents citing these factors (Laurim et al., 2021). However, the complexity of AI tools and concerns about bias present barriers to broader acceptance. The fact that only 6% of respondents rated their understanding of AI as "Excellent" underscores the need for education and training, reducing the perceived difficulty of using AI and encouraging wider adoption within the HR field (Köchling & Wehner, 2020).
[bookmark: _Toc176695866][bookmark: _Toc177623397]5.3.2 Technology Acceptance Model (TAM)
The Technology Acceptance Model developed by Davis, (1989) explains how perceived usefulness and ease of use influence technology adoption. In this study, the perceived usefulness of AI in recruitment, particularly in terms of efficiency and speed, was a primary driver of adoption, with 65% of respondents citing these factors. However, concerns about the ease of use were also prominent, with 42% of respondents rating their understanding of AI as only "Good," and 38% rating it as "Fair."
This gap in understanding directly impacts HR professionals’ trust in AI technologies. Lower levels of trust in AI’s ability to deliver unbiased outcomes reflect a lack of transparency and confidence in how these tools function. Without better education on how AI mitigates bias and improves recruitment fairness, many HR professionals may hesitate to fully embrace the technology, despite its operational advantages.
[bookmark: _Toc176695867][bookmark: _Toc177623398]5.3.3 Wilful Blindness
The concept of Wilful Blindness, as explored by Margaret Heffernan (2011), refers to situations where individuals or organisations choose to ignore inconvenient truths or ethical dilemmas in favour of efficiency or ease. In this study, wilful blindness is relevant in the context of balancing efficiency and fairness. While many HR professionals recognised the ethical concerns around bias and lack of human oversight in AI recruitment, they often downplayed these issues in favour of the operational benefits AI provides.
For example, 70% of respondents prioritised efficiency in their decision to adopt AI, despite being aware of its potential to reinforce bias Laurim et al, (2021). This tendency to overlook ethical risks in pursuit of short-term gains reflects wilful blindness, particularly in the way that organisations may adopt AI without fully understanding its limitations or implementing robust bias mitigation strategies. Addressing this requires a shift towards greater accountability, with organisations ensuring that AI adoption is aligned with both operational goals and ethical standards, reinforced by Hefferman, (2011) theories.
The absence of legal frameworks regulating AI in recruitment also contributes to this phenomenon. Since there are no immediate legal repercussions for prioritising efficiency over fairness, many organisations may feel comfortable making this trade-off. The lack of external oversight means that HR professionals are often left to self-regulate, potentially leading to wilful blindness in how AI tools are implemented and governed.
[bookmark: _Toc176695868][bookmark: _Toc177623399]5.4 Implications for Practice and Further Research
The findings highlight significant gaps in HR professionals' understanding of AI tools and their bias mitigation capabilities, as well as the trade-offs between efficiency and fairness in recruitment processes (Köchling & Wehner, 2020). Addressing these gaps will require targeted training, increased transparency from AI vendors, and more rigorous oversight to ensure that AI technologies are implemented in a way that supports both operational efficiency and ethical recruitment practices.
For future research, there is a need to explore how AI bias can be better addressed through more advanced algorithms and stronger governance frameworks. Additionally, further studies could investigate the long-term cultural impact of AI adoption in organisations and whether it leads to more equitable recruitment outcomes over time (Laurim et al., 2021).




[bookmark: _Toc177623400]Chapter 6.0 Conclusion
This study set out to critically examine HR professionals' perceptions, awareness, and trust in AI-driven recruitment tools, particularly focusing on bias mitigation, trust, and the balance between operational efficiency and fairness. Based on the survey of 100 HR professionals, the study has shed light on how AI is being used in recruitment and the challenges it faces in delivering on its potential. While the research successfully addresses the study’s objectives, it also brings to the forefront significant issues in the understanding, trust, and ethical use of AI in HR practices.
[bookmark: _Toc177623401]6.1 Awareness of AI Bias and Mitigation Strategies
A key finding of this study is the generally low level of awareness among HR professionals regarding the potential biases in AI-driven recruitment tools. Many respondents rated their understanding of AI’s functionalities as moderate to fair, with only a small percentage reporting an excellent understanding. This knowledge gap is particularly problematic because HR professionals are expected to show leadership and influence people management practices, especially in recruitment. As theorised by Binns (2018) and supported by Barocas and Selbst (2016), AI is often viewed as a solution to reduce human biases in hiring. However, without a strong grasp of AI’s capabilities and limitations, HR professionals may fail to fully assess and mitigate the risks of bias effectively, as highlighted by Kim (2017).
Furthermore, 62% of organisations surveyed did not have formal bias mitigation strategies for their AI tools, underscoring a significant issue. Without such strategies, AI cannot be fully leveraged to address bias and may even perpetuate existing inequalities (Binns, 2018). As Barocas et al. (2019) and Kim (2017) emphasise, the lack of tools and knowledge among HR professionals to monitor and correct biases exacerbates the problem. Given the influential role of HR in shaping recruitment practices, this lack of awareness and understanding poses a critical challenge for organisations, potentially undermining the fairness and inclusivity of their hiring processes.
[bookmark: _Toc177623402]6.2 Trust in AI Recruitment Tools
Trust in AI recruitment tools emerged as a recurring issue in this study. Despite recognising the operational benefits of AI—such as reducing the time-to-hire and increasing efficiency—there remains significant scepticism among HR professionals regarding AI’s ability to deliver unbiased results. Mittelstadt et al. (2016) argue that trust in AI is closely linked to transparency and understanding, and the findings of this study support this notion. Respondents who had more concerns about bias in AI were less likely to trust these systems, reinforcing the need for clearer insights into AI decision-making processes.
The statistical analysis also revealed that trust in AI was not significantly influenced by the size of the organisation, meaning that concerns about bias and transparency cut across both small and large organisations, a finding supported by Kim (2017). However, larger organisations were more likely to express concerns about over-reliance on AI, indicating that while they may adopt AI tools more quickly, they remain cautious about its potential risks, as theorised by Binns (2018).
[bookmark: _Toc177623403]6.3 Efficiency vs. Fairness in AI Recruitment
The tension between efficiency and fairness is central to the adoption of AI recruitment tools. The study found that HR professionals tend to prioritise efficiency, with 70% of respondents citing it as the primary motivation for adopting AI, a finding that aligns with the work of Taddeo and Floridi (2018) However, this focus on efficiency often overshadows concerns about fairness. Many respondents noted that while AI can streamline recruitment processes, they still require human oversight to ensure that decisions remain fair and inclusive (Binns, 2018). This reluctance to fully delegate decision-making to AI reflects broader ethical concerns, as Barocas et al. (2019) have also observed.
Interestingly, organisations that adopted AI with the explicit goal of improving diversity reported better outcomes in this regard compared to those that implemented AI solely for efficiency gains. This finding reinforces the idea that AI can enhance fairness, but only if fairness is a core objective in its implementation. If AI is adopted purely for operational reasons, ethical considerations may be sidelined, as Kim (2017) argues.
[bookmark: _Toc177623404]6.4 Impact on Organisational Culture and Future Role of AI
The study produced mixed findings on the impact of AI on organisational culture. While some respondents noted positive changes, particularly in terms of diversity, others reported uncertainty or no significant shifts. Calo (2017) argue that this ambiguity may reflect a broader lack of understanding about how AI influences workplace dynamics and practices. Larger organisations, which are more likely to integrate AI into their operations, were also more likely to report cultural shifts, supporting the work of Binns (2018), who suggests that larger organisations may experience more noticeable changes due to the wider use of automation and data-driven processes. Despite these mixed views, there was general optimism about the future role of AI in recruitment. A significant majority of respondents predicted that AI’s influence would increase in the next five years, particularly among those already using AI tools regularly. However, as Barocas et al. (2019) note, this optimism was tempered by concerns over the ethical and legal challenges AI presents, indicating that while HR professionals see the potential of AI, they are also wary of the regulatory landscape.
[bookmark: _Toc177623405]6.5 Ethical and Regulatory Implications
One of the most concerning findings of this study was the widespread lack of awareness among HR professionals about the legal and ethical standards governing AI in recruitment. Only 24% of respondents reported being fully aware of these rules, with a significant proportion 36% indicating no knowledge at all. Mittelstadt et al. (2016) suggest that this gap in understanding extends to compliance practices, and this study confirms that less than half of the organisations surveyed were aware of the legal requirements regarding AI use in recruitment. The lack of preparation to ensure compliance with current and future regulations, such as the European Artificial Intelligence Act, (2024) emphasises the need for better governance and education in this area, as argued by Binns (2018).
Without clear external guidelines or regulatory frameworks, organisations are largely left to self-regulate, which increases the risk of unethical AI use in recruitment. Kim (2017) highlights that this lack of oversight may lead to AI tools being misused or misunderstood, further perpetuating bias.
[bookmark: _Toc177623406]6.6 Recommendations for Future Research
This study has highlighted several key areas that warrant further investigation. Future research should explore how AI algorithms can be improved to better detect and mitigate bias, particularly as AI systems evolve and become more integrated into recruitment processes (Barocas et al., 2019). Additionally, longitudinal studies could offer deeper insights into how AI impacts organisational culture and recruitment outcomes over time Calo (2017). Research should also focus on the intersection of efficiency and fairness, examining how organisations can balance these competing priorities more effectively, as suggested by Taddeo and Floridi (2018). 
[bookmark: _Toc177623407]6.7 Final Thoughts
In conclusion, while AI holds great potential to transform recruitment by improving efficiency and reducing human biases, its current use by HR professionals is often marked by misunderstanding and mistrust. AI is a tool that requires careful oversight, particularly because it has the potential to perpetuate existing inequalities when poorly implemented or left unsupervised. As Kim (2017) argues, the risk is that AI could exacerbate the very biases it was designed to eliminate, especially in contexts where recruitment processes have historically been fraught with bias. Therefore, to fully realise the benefits of AI, HR professionals must become better equipped with the knowledge, skills, and strategies to use these technologies responsibly. Only then can AI fulfil its promise of enhancing both efficiency and fairness in recruitment, as Binns (2018) and Barocas et al. (2019) have theorised.
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1.Do you agree to participate in this study, knowing your answers will be anonymous and you can withdraw at any time? Required to answer. Single choice. 
Yes
No
2.What is your current role within the organisation? Required to answer. Single choice. 
HR Manager
Recruiter
HR team member
Management
3.How many years of experience do you have in HR? Required to answer. Single choice. 
Less than 1 year
1-3 Years
3-5 Years
More than 5 years
4.How large is your organisation? Required to answer. Single choice. 
Small (1-50 employees)
Medium (51-250 employees)
Large (over 250 employees)
5.How long has your organisation been using AI in recruitment? Required to answer. Single choice. 
Less than 1 year
1-3 years
3+ years
6.Which parts of the recruitment process does your AI tool assist with? (select all that apply) Required to answer. Multiple choice. 
Sourcing candidates
Screening resumes
Assessing candidate skills
Interview scheduling
Background checks
7.How would you rate your understanding of AI and its use in HR recruitment? Required to answer. Single choice. 
Excellent
Good
Fair
Poor
Very good
8.Why did your organisation decide to use AI in recruitment? (Select all that apply)Required to answer. Multiple choice. 
Cost savings
Efficiency and speed
Improved quality of hires
Reduction of human bias
Competitive advantage
9.Who made the decision to use AI in your organisation? Required to answer. Single choice. 
CEO/ Top management 
HR department
IT department
Joint decision by multiple departments 
10.What benefits have you seen from using AI in recruitment? (Select all that apply) Required to answer. Multiple choice. 
Reduced time to hire
Improved quality of hires 
Decreased recruitment costs
Enhanced candidate experience
increased diversity of hires
11.How much do you agree with this statement: HR professionals in my organisation fully understand the capabilities and limitations of AI recruitment tools. Required to answer. Single choice. 
Extremely true
Somewhat true
Slightly true
Not true at all
12.How well do you understand the anti-bias features and algorithms in your AI recruitment tools? Required to answer. Single choice. 
Extremely well
Somewhat well
Neutral
Somewhat not well
Extremely not well
13.What concerns do you have about using AI in recruitment? (Select all that apply) Required to answer. Multiple choice. 
Bias in AI algorithms
Privacy and data security issues
Lack of human oversight
Over reliance on AI
No concerns 
14.How does your organisation ensure the AI tools used in recruitment are free from biases? (Select all that apply) Required to answer. Multiple choice. 
Use of diverse datasets
Regular updates and retraining of AI models
Third party auditors
Implementation of fairness algorithms
No specific strategies 
15.How much influence does the HR department have on the input and output of AI recruitment tools? Required to answer. Single choice. 
Low influence
Moderate influence
High influence
Complete control
16.Who has the final say on candidate selection in your organisation? Required to answer. Single choice. 
AI systems alone
HR team
Combination of AI and HR team
Senior management
17.Has using AI in recruitment led to a more diverse candidate pool? Required to answer. Single choice. 
Yes
No
Unsure
18.How often does your organisation use AI for recruitment? Required to answer. Single choice. 
Very frequently
Frequently
Occasionally
Rarely
Very rarely
19.Do you believe AI has created a more diverse and inclusive workplace culture in your organisation? Required to answer. Single choice. 
Strongly agree
Agree
Neutral
Disagree
Strongly disagree
20.Has AI in recruitment affected your organisation's culture? Required to answer. Single choice. 
Yes
No
Unsure
21.Are you aware of the legal and ethical rules that govern the use of AI? Required to answer. Single choice. 
Yes
No
Some
22.Do you believe the legal and ethical rules are adequate? Required to answer. Single choice. 
Yes
No
Unsure
23.How does your organisation ensure compliance with legal and ethical standards when using AI in recruitment? Required to answer. Single choice. 
Meet legal requirements
Exceed legal requirements  
Collaborate with legal and ethical experts
Unaware of requirements 
24.How effective are the anti-bias measures in your organisation's AI recruitment tools? Required to answer. Single choice. 
Effective
Moderately effective
Not effective
Unsure
25.On a scale of 1-5, how much do you trust AI to be free of biases and not discriminate against candidates? Required to answer. Likert. 
26.
How do you see the role of AI in HR and recruitment changing in the next 5 years?Required to answer. Single choice. 
Increase significantly 
Increase slightly
Remain the same
Decrease slightly
Decrease significantly
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