[bookmark: _Toc239180963][bookmark: _Toc240637265][bookmark: _Toc240637515][bookmark: _Toc240893321][bookmark: _Toc240893522][bookmark: _Toc240977503][bookmark: _Toc241150451][image: ]
[bookmark: _Toc239180964][bookmark: _Toc240637266][bookmark: _Toc240637516][bookmark: _Toc240893322][bookmark: _Toc240893523][bookmark: _Toc240977504][bookmark: _Toc241150452]Programme name: Master of Business Administrative
[bookmark: _Toc239180965][bookmark: _Toc240637267][bookmark: _Toc240637517][bookmark: _Toc240893323][bookmark: _Toc240893524][bookmark: _Toc240977505][bookmark: _Toc241150453]Module: Dissertation
[bookmark: _Toc239180966][bookmark: _Toc240637268][bookmark: _Toc240637518][bookmark: _Toc240893324][bookmark: _Toc240893525][bookmark: _Toc240977506][bookmark: _Toc241150454]Module Code: LCMB7035
[bookmark: _Toc239180967][bookmark: _Toc240637269][bookmark: _Toc240637519][bookmark: _Toc240893325][bookmark: _Toc240893526][bookmark: _Toc240977507][bookmark: _Toc241150455]Title of the assessment: The Impact of Generative Artificial Intelligence on Recruitment and Talent Acquisition: A Systematic Review
[bookmark: _Toc239180968][bookmark: _Toc240637270][bookmark: _Toc240637520][bookmark: _Toc240893326][bookmark: _Toc240893527][bookmark: _Toc240977508][bookmark: _Toc241150456]Word Count: 17026
[bookmark: _Toc239180969][bookmark: _Toc240637271][bookmark: _Toc240637521][bookmark: _Toc240893327][bookmark: _Toc240893528][bookmark: _Toc240977509][bookmark: _Toc241150457]Submission Date: 25th September 2026
[bookmark: _Toc239180970][bookmark: _Toc240637272][bookmark: _Toc240637522][bookmark: _Toc240893328][bookmark: _Toc240893529][bookmark: _Toc240977510][bookmark: _Toc241150458]Student Name: Shubham Yadav
[bookmark: _Toc239180971][bookmark: _Toc240637273][bookmark: _Toc240637523][bookmark: _Toc240893329][bookmark: _Toc240893530][bookmark: _Toc240977511][bookmark: _Toc241150459]Student ID: 2504020
[bookmark: _Toc239180972][bookmark: _Toc240637274][bookmark: _Toc240637524][bookmark: _Toc240893330][bookmark: _Toc240893531][bookmark: _Toc240977512][bookmark: _Toc241150460]Supervisor’s Name: M D Kalam


Declaration
This work has not previously been accepted in substance for any degree and is not being concurrently submitted in candidature for any degree.
Signed:  Shubham Yadav 
Date: 25/09/2026
STATEMENT 1
This dissertation is being submitted in partial fulfilment of the requirements for the degree of Master of Business Administration.
Signed:  Shubham Yadav 
Date: 25/09/2026
STATEMENT 2
This dissertation is the result of my own independent work and investigation, except where otherwise stated. Other sources are acknowledged by explicit references. A list of references is appended.
Signed:  Shubham Yadav 
Date: 25/09/2026
STATEMENT 3
I hereby give consent for my dissertation, if accepted, to be available for photocopying and for inter-library loan, and for the title and summary to be made available to outside organisations.
Signed:  Shubham Yadav 
Date: 25/09/2026

AI Use Acknowledgments
PREPARATION OF THE DISSERTATION WITH THE USE OF ARTIFICIAL INTELLIGENCE
According to the University of Wales Trinity Saint David's policy on the artificial intelligence tools and academic integrity, I make the following disclosure on my use of generative AI while preparing this dissertation.
Tools employed: At the study and planning phases of the research, assistance was provided by the tool Claude (by Anthropic).
· Nature of use: Use of AI was restricted to support on study and planning phases, namely:
· Understanding methodological concepts and research design frameworks
· Planning and outlining the structure of dissertation chapters
· Organizing the flow of the arguments to be addressed by the dissertation chapters
· Designing the protocol and strategies for the literature review
Extent of AI contribution: The author of this dissertation is responsible for the formulation of the research questions, the analytical arguments, and the interpretation of the research findings, the formulation of the strategic recommendations, and the conclusions. The author’s academic independence and critical judgment are also evident in the selection, and preparation of the sources to be included, in the thematic coding, and in the interpretive analysis and recommendations.
signature:  Shubham Yadav 
Date: 25/09/2026

Abstract
Generative Artificial Intelligence (GenAI) is increasingly influencing recruitment and talent acquisition by changing how recruitment activities are performed. While GenAI offers potential benefits through automation, information processing and decision support, its use also raises concerns relating to bias, fairness, transparency, candidate experience and the role of human judgement. This dissertation examines the impact of GenAI on recruitment and talent acquisition through a systematic review of the existing literature.
The study adopts a systematic literature review approach to identify and synthesise existing research relating to the use of artificial intelligence and generative artificial intelligence in recruitment. The literature is examined thematically, with particular attention given to recruitment efficiency, recruitment decision making, candidate experience, fairness and ethical considerations, human AI collaboration and organisational readiness. The review also considers areas where findings across the literature differ and identifies gaps in current research.
The findings indicate that GenAI can support recruitment efficiency by reducing administrative workload, processing recruitment information and assisting activities such as candidate communication, job description development and initial screening. However, the review shows that increased efficiency does not necessarily result in better recruitment outcomes. GenAI can also create or reproduce concerns relating to bias, fairness and transparency, particularly when AI generated outputs are used without sufficient human evaluation. Candidate experience is also important, as greater use of AI may reduce human interaction and create concerns about how recruitment decisions are made.
[bookmark: _Toc239180973]The review further indicates that effective use of GenAI depends on human AI collaboration and organisational readiness. Recruiter AI literacy, training, governance, monitoring and clear allocation of responsibility are important for ensuring that GenAI is used appropriately. Overall, the study suggests that GenAI is more appropriately viewed as an augmentation and decision support technology rather than a complete replacement for human recruitment expertise. The dissertation concludes that the impact of GenAI depends on balancing technological efficiency with human judgement, fairness, candidate considerations and responsible organisational implementation. The review also identifies the need for further research into longer term recruitment outcomes, recruiter capabilities and candidate perspectives.
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[bookmark: _Toc241150461]CHAPTER 1: INTRODUCTION
[bookmark: _Toc239180974][bookmark: _Toc241150462]1.1 Background of the Research Topic
Artificial Intelligence (AI) has become one of the most significant technological developments influencing modern organisations. Over the past decade, rapid advances in AI technologies have transformed the way organisations operate by supporting data-driven decision making, improving operational efficiency and encouraging innovation across a wide range of business functions, including finance, marketing, operations and human resource management (HRM). More recently, the emergence of generative artificial intelligence has further accelerated this transformation by enabling organisations to generate human-like content, automate knowledge-based tasks and improve business processes through advanced machine learning and natural language processing technologies (Dwivedi et al., 2023; Feuerriegel et al., 2024). (Adapted and expanded from the approved research proposal.)
Within human resource management, recruitment and talent acquisition have experienced considerable digital transformation as organisations increasingly adopt AI technologies to improve hiring efficiency and attract highly skilled employees in competitive labour markets. Traditional recruitment methods often require substantial time and resources to screen applications, communicate with candidates and complete administrative tasks. In response, organisations are increasingly integrating AI-powered tools into recruitment activities to support job advertisement creation, candidate sourcing, CV screening and interview scheduling. The introduction of generative AI has further expanded these capabilities by assisting recruiters in generating job descriptions, producing interview questions, summarising candidate information and improving communication with applicants. These developments enable HR professionals to focus on strategic activities while improving the speed and consistency of recruitment processes (Budhwar et al., 2023; Vrontis et al., 2022). (Adapted and expanded from the approved research proposal.)
Despite these developments, the increasing adoption of generative AI has also generated important academic and practical discussions regarding its responsible use in recruitment. While existing research highlights improvements in recruitment efficiency and decision support, concerns remain regarding algorithmic bias, transparency, accountability, privacy and the continued importance of human judgement in recruitment decisions. These opportunities and challenges demonstrate that generative AI is reshaping recruitment and talent acquisition, while also creating new questions about its long-term impact on organisations, recruiters and job applicants. Consequently, understanding how generative AI influences recruitment has become an increasingly important area of research within both business practice and human resource management (Dwivedi et al., 2023; Budhwar et al., 2023; Feuerriegel et al., 2024). (Adapted and expanded from the approved research proposal.)
[bookmark: _Toc239180975]
[bookmark: _Toc241150463]1.2 Research Problem and Literature Gap
Although the adoption of generative artificial intelligence in recruitment and talent acquisition has increased rapidly, the existing literature has not yet provided a comprehensive understanding of its overall impact on organisational recruitment practices. Current research generally agrees that generative AI can improve recruitment efficiency by automating repetitive tasks, supporting candidate screening and assisting recruiters with administrative activities. However, there is less agreement regarding its influence on recruitment quality, fairness, transparency and long-term organisational outcomes. While some studies emphasise the operational benefits of generative AI, others highlight concerns about algorithmic bias, data privacy, accountability and the reduction of human judgement in recruitment decisions (Budhwar et al., 2023; Dwivedi et al., 2023; Feuerriegel et al., 2024). (Adapted and expanded from the approved research proposal.)
Furthermore, much of the existing research examines artificial intelligence as a broad concept rather than focusing specifically on the emerging role of generative artificial intelligence within recruitment and talent acquisition. As a result, there remains limited understanding of how generative AI influences different stages of the recruitment process, recruiter decision making and candidate experience across various organisational contexts. In addition, the literature remains fragmented, with many studies concentrating on either technological capabilities or ethical concerns without providing a balanced evaluation of both the opportunities and challenges associated with generative AI adoption. Therefore, a systematic literature review is needed to synthesise the available evidence, identify areas of consensus and disagreement, highlight existing knowledge gaps and provide recommendations for future research. This dissertation seeks to address these issues by critically reviewing the current literature on generative artificial intelligence in recruitment and talent acquisition. (Adapted and expanded from the approved research proposal.)
[bookmark: _Toc239180976]
[bookmark: _Toc241150464]1.3 Urgency and Timeliness of the Study
The rapid advancement of generative artificial intelligence has made this topic particularly relevant for both researchers and organisations. Since the introduction of advanced generative AI tools such as ChatGPT, organisations have been increasingly exploring their use to improve recruitment efficiency, reduce administrative workload and enhance candidate engagement. At the same time, concerns regarding ethical AI use, data privacy, algorithmic bias and regulatory compliance have become more prominent, creating new challenges for HR professionals and organisational leaders. As organisations continue to invest in digital transformation, there is a growing need for evidence-based research that examines both the opportunities and risks associated with generative AI in recruitment and talent acquisition. Therefore, this study is timely because it provides a comprehensive and up-to-date review of the existing literature to support future research and organisational practice (Dwivedi et al., 2023; Feuerriegel et al., 2024). (Adapted and expanded from the approved research proposal.)
[bookmark: _Toc239180977][bookmark: _Toc241150465]1.4 Research Aim and Objectives
[bookmark: _Toc239180978][bookmark: _Toc241150466]1.4.1 Research Aim
[bookmark: _Toc239180979][bookmark: _Toc240637281][bookmark: _Toc240637531][bookmark: _Toc240893337][bookmark: _Toc240893538][bookmark: _Toc240977519][bookmark: _Toc241150467]The aim of this dissertation is to critically evaluate the impact of generative artificial intelligence on recruitment and talent acquisition through a systematic literature review. (Reproduced from the approved research proposal.)
[bookmark: _Toc239180980][bookmark: _Toc241150468]1.4.2 Research Objectives
This study seeks to achieve the following objectives:
1. To examine how generative artificial intelligence is currently used in recruitment and talent acquisition. 
2. To evaluate the organisational benefits of adopting generative artificial intelligence in recruitment. 
3. To critically analyse the ethical, legal and organisational challenges associated with the use of generative artificial intelligence in recruitment. 
4. To identify gaps in the existing literature and recommend directions for future research. 
(Reproduced from the approved research proposal.)
[bookmark: _Toc239180981]
[bookmark: _Toc241150469]1.5 Research Questions
The following research questions guide this systematic literature review:
[bookmark: _Toc239180982][bookmark: _Toc241150470]Main Research Question
How does generative artificial intelligence influence recruitment and talent acquisition?
[bookmark: _Toc239180983][bookmark: _Toc241150471]Supporting Research Questions
RQ1: How is generative artificial intelligence currently applied across different stages of recruitment and talent acquisition?
RQ2: What organisational benefits are associated with the adoption of generative artificial intelligence in recruitment?
RQ3: What ethical, legal and organisational challenges are reported in the existing literature regarding the use of generative artificial intelligence in recruitment?
RQ4: What gaps exist in the current literature, and what areas require further research?
(Reproduced from the approved research proposal.)
[bookmark: _Toc239180984]
[bookmark: _Toc241150472]1.6 Scope of the Review
This dissertation focuses on examining the impact of generative artificial intelligence on recruitment and talent acquisition through a systematic literature review. The review considers studies that explore the application of generative AI across different stages of the recruitment process, including job advertisement development, candidate sourcing, CV screening, interview preparation, candidate communication and recruitment decision support. It also evaluates the organisational benefits, ethical considerations and operational challenges associated with the adoption of generative AI in recruitment. (Adapted and expanded from the approved research proposal.)
The review is limited to peer-reviewed academic journal articles published primarily between 2020 and 2026 to ensure that the evidence reflects recent developments in generative artificial intelligence. Earlier studies are included only where they provide important theoretical or contextual foundations. Non-peer-reviewed publications, conference abstracts, opinion articles and studies unrelated to recruitment and talent acquisition are excluded. These boundaries ensure that the review remains focused, relevant and based on high-quality academic evidence. (Adapted and expanded from the approved research proposal.)
[bookmark: _Toc239180985][bookmark: _Toc241150473]1.7 Structure of the Dissertation
This dissertation is organised into six chapters. Chapter One introduces the research topic by providing the background, research problem, literature gap, urgency of the study, research aim, objectives, research questions and scope of the review. Chapter Two explains the methodology adopted for the systematic literature review, including the search strategy, databases, inclusion and exclusion criteria, PRISMA screening process and thematic analysis. Chapter Three presents the thematic literature review by synthesising and critically analysing the selected studies. Chapter Four discusses the findings by integrating the evidence, addressing the research questions and identifying the key contributions and research gaps. Chapter Five outlines the theoretical, practical and research implications of the findings. Finally, Chapter Six concludes the dissertation by summarising the main findings, acknowledging the limitations of the review and recommending directions for future research. (Adapted and expanded from the approved research proposal.)







[bookmark: _Toc239180986][bookmark: _Toc241150474]CHAPTER 2: METHODOLOGY
[bookmark: _Toc239180987][bookmark: _Toc241150475]2.1 Introduction
Research methodology provides the overall framework that guides how research is designed, conducted and analysed to achieve the research aim and objectives. It explains and justifies the methods selected by the researcher, ensuring that the research process is systematic, transparent and appropriate for addressing the research questions (Saunders, Lewis and Thornhill, 2023, pp. 6–8; Bell, Bryman and Harley, 2022, pp. 3–5). This chapter explains the methodology adopted for this dissertation, including the research philosophy, research approach, research strategy, Research Onion, search strategy, database selection, inclusion and exclusion criteria, PRISMA screening process, quality assessment, data extraction, thematic analysis and ethical considerations. (Adapted and expanded from the approved research proposal.)

[bookmark: _Toc241150476]2.2 Research Onion
The Research Onion, developed by Saunders, Lewis and Thornhill (2023), provides a structured framework that guides researchers in making methodological decisions throughout the research process. The model consists of six interconnected layers, including research philosophy, research approach, methodological choice, research strategy, time horizon, and data collection and analysis techniques. By following these layers systematically, researchers can ensure that each methodological decision is logically aligned with the research aim and objectives, resulting in a coherent and well-structured research design (Saunders, Lewis and Thornhill, 2023, pp. 128–131; Easterby-Smith et al., 2021). 
In this dissertation, the Research Onion provides the methodological framework for conducting the systematic literature review. The study adopts an interpretivist research philosophy, an inductive research approach, a mono-method qualitative choice, and a systematic literature review as the research strategy. A cross-sectional time horizon is employed because the review examines existing literature published within a defined period rather than collecting data over time. Finally, the research relies on secondary data collected from peer-reviewed journal articles, with the findings analysed using thematic analysis. These methodological decisions are consistent with the research aim of critically evaluating the impact of generative artificial intelligence on recruitment and talent acquisition through existing academic evidence. (Adapted and expanded from the approved research proposal.) 
[image: Research Onion Model by Saunders for Successful Assignment Writing!]

[bookmark: _Toc241150477]Figure 2.1: The Research Onion
[bookmark: _Toc240637291][bookmark: _Toc240637541][bookmark: _Toc240893347][bookmark: _Toc240893549][bookmark: _Toc240977530][bookmark: _Toc241150478]Source: Adapted from Saunders, Lewis and Thornhill (2023, p. 130).
[bookmark: _Toc239180988]
[bookmark: _Toc241150479]2.3 Research Philosophy
Research philosophy refers to the beliefs and assumptions that guide how knowledge is developed and interpreted throughout the research process. It influences the selection of research methods and ensures that the research design is aligned with the research aim and objectives (Saunders, Lewis and Thornhill, 2023, pp. 144–147; Bell, Bryman and Harley, 2022, pp. 28–31).
This dissertation adopts an interpretivist research philosophy because it aims to interpret and critically evaluate existing academic literature on the impact of generative artificial intelligence in recruitment and talent acquisition rather than test hypotheses using numerical data. Unlike the positivist philosophy, which focuses on objective measurement and statistical testing, interpretivism allows researchers to explore different perspectives and meanings presented within published studies. This makes it particularly suitable for a systematic literature review, where the objective is to understand, compare and synthesise existing knowledge rather than generate new primary data (Crotty, 1998; Creswell and Creswell, 2023). Therefore, the interpretivist philosophy provides an appropriate foundation for achieving the research aim and objectives of this dissertation. (Adapted and expanded from the approved research proposal.)
[bookmark: _Toc239180989]
[bookmark: _Toc241150480]2.4 Research Approach
Research approach refers to the process used to develop knowledge and answer the research questions. It provides a logical direction for the research by explaining how evidence will be interpreted and analysed. The three main research approaches are deductive, inductive and abductive. A deductive approach focuses on testing existing theories, whereas an inductive approach develops understanding by identifying patterns and themes from existing evidence. The selection of an appropriate approach depends on the research aim, objectives and the type of data being analysed (Saunders, Lewis and Thornhill, 2023, pp. 153–158; Bell, Bryman and Harley, 2022, pp. 37–40).
This dissertation adopts an inductive research approach because it aims to develop an understanding of the existing literature on the impact of generative artificial intelligence on recruitment and talent acquisition rather than test predetermined hypotheses. The inductive approach is appropriate for a systematic literature review as it enables the researcher to identify recurring themes, compare findings from different studies and develop conclusions based on existing evidence. This approach is consistent with the interpretivist philosophy and supports the thematic analysis used later in this dissertation (Creswell and Creswell, 2023; Snyder, 2019). (Adapted and expanded from the approved research proposal.) 
[bookmark: _Toc239180990]
[bookmark: _Toc241150481]2.5 Research Strategy
Research strategy refers to the plan used to answer the research questions and achieve the research objectives. It provides a structured approach for collecting, analysing and interpreting evidence that is appropriate for the chosen research philosophy and approach. Business and management research commonly adopts strategies such as surveys, case studies, experiments, interviews and systematic literature reviews, with the choice depending on the purpose and nature of the research (Saunders, Lewis and Thornhill, 2023, pp. 178–181; Bell, Bryman and Harley, 2022, pp. 58–61).
[bookmark: _Toc239180993]This dissertation adopts a Systematic Literature Review (SLR) as its research strategy because it provides a rigorous and transparent method for identifying, selecting and synthesising existing academic evidence. Unlike primary research methods, such as questionnaires or interviews, an SLR enables the researcher to examine a broad range of peer-reviewed studies, identify common themes, compare different perspectives and highlight gaps in the existing literature. This approach is particularly appropriate because the study aims to critically evaluate current knowledge on the impact of generative artificial intelligence on recruitment and talent acquisition rather than collect new empirical data. The use of a systematic literature review therefore ensures that the findings are based on a comprehensive and structured analysis of published research, supporting the overall aim and objectives of this dissertation (Snyder, 2019; Denyer and Tranfield, 2009).
[bookmark: _Toc241150482]2.6 Search Strategy
A well-defined search strategy is essential in a systematic literature review because it ensures that relevant studies are identified in a transparent, consistent and reproducible manner. The search strategy should be developed before the review begins and should be aligned with the research aim, objectives and predefined inclusion and exclusion criteria (Booth, Sutton and Papaioannou, 2021, pp. 125–130; Snyder, 2019). A systematic search also reduces the risk of selection bias by applying the same search process across all selected databases. 
For this dissertation, a structured search strategy was adopted to identify peer-reviewed studies examining the impact of generative artificial intelligence on recruitment and talent acquisition. Searches were conducted using predefined keywords and Boolean operators across selected academic databases. The search process was further refined by applying inclusion and exclusion criteria, removing duplicate records and screening studies based on their titles, abstracts and full texts. This systematic approach ensured that only relevant and high-quality studies were included in the final review. (Adapted and expanded from the approved research proposal.) 
[bookmark: _Toc239180994]
[bookmark: _Toc241150483]2.7 Search Keywords and Boolean Operators
The selection of appropriate search keywords is a fundamental stage of a systematic literature review because it ensures that relevant studies are identified consistently across different academic databases. To maximise the retrieval of relevant literature, the search terms were developed directly from the research aim, objectives and key concepts of this dissertation. Alternative terms and synonyms were also considered to capture variations in terminology used by different researchers. Boolean operators, including AND, OR and NOT, were applied to refine the search process. The OR operator was used to combine similar keywords, while AND was used to link different research concepts and improve the relevance of the search results. Where appropriate, NOT was used to exclude studies that were outside the scope of this research. This structured approach helped ensure that the literature search was comprehensive, systematic and aligned with the objectives of the review (Booth, Sutton and Papaioannou, 2021; Cooper et al., 2018).
[bookmark: _Toc239180995]
[bookmark: _Toc241150484]2.8 Database Selection
The selection of an appropriate academic database is an important stage in a systematic literature review because it influences the quality, relevance and reliability of the studies included in the review. For this dissertation, Google Scholar was selected as the primary database for identifying relevant literature. Google Scholar was chosen because it provides access to a wide range of peer-reviewed journal articles, conference papers, books and academic publications from different disciplines, making it particularly suitable for interdisciplinary topics such as generative artificial intelligence, recruitment and talent acquisition (Booth, Sutton and Papaioannou, 2021).
To ensure the quality of the selected studies, only peer-reviewed journal articles that met the predefined inclusion criteria were considered for the final review. Google Scholar's advanced search functions were used alongside carefully developed search keywords and Boolean operators to identify relevant publications. The search results were then screened using the inclusion and exclusion criteria to ensure that only credible and relevant studies contributed to the findings of this dissertation. (Adapted and expanded from the approved research proposal.)
[bookmark: _Toc239180996]
[bookmark: _Toc241150485]2.9 Inclusion and Exclusion Criteria
The inclusion and exclusion criteria were established before the literature search to ensure that studies were selected systematically and consistently. These criteria helped identify the most relevant and credible publications while excluding studies that did not align with the research aim and objectives. Applying predefined eligibility criteria reduces selection bias and enhances the transparency and reliability of a systematic literature review (Booth, Sutton and Papaioannou, 2021; Page et al., 2021).
For this dissertation, only peer-reviewed journal articles published in English were included in the review. The selected studies focused on generative artificial intelligence, artificial intelligence, recruitment, talent acquisition and human resource management. To ensure that the review reflected recent developments in the field, the primary focus was on studies published between 2020 and 2025. However, earlier publications were included where they were considered seminal or provided important methodological guidance, such as those relating to systematic literature reviews and thematic analysis. Conference papers, dissertations, editorials, magazine articles and non-peer-reviewed publications were excluded to maintain the academic quality and reliability of the evidence used in this study. (Adapted and expanded from the approved research proposal.)
[bookmark: _Toc239180997]
[bookmark: _Toc241150486]2.10 PRISMA Screening Process
The Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA 2020) framework was adopted to guide the study selection process in this systematic literature review. PRISMA provides a recognised and transparent approach for identifying, screening, assessing and selecting relevant studies, ensuring that the review process is systematic, reproducible and clearly documented (Page et al., 2021).
For this dissertation, the PRISMA framework was applied throughout the literature selection process. Studies identified through Google Scholar were initially screened by reviewing their titles and abstracts to determine their relevance to the research topic. Duplicate records and publications that did not meet the predefined inclusion criteria were excluded. The remaining studies were then assessed through full-text screening to confirm their suitability for the review. This structured screening process ensured that only high-quality, peer-reviewed studies relevant to the impact of generative artificial intelligence on recruitment and talent acquisition were included in the final analysis. The overall study selection process is illustrated in Figure 2.2. (Adapted and expanded from the approved research proposal.)

[image: Prisma Checklist Explained at David Sells blog]
[bookmark: _Toc241150487]Figure 2.2: PRISMA 2020 Flow Diagram
Source: Adapted from Page et al. (2021).
[bookmark: _Toc239180998]
[bookmark: _Toc241150488]2.11 Quality Assessment
Quality assessment was undertaken to ensure that only reliable and relevant studies were included in this systematic literature review. The selected articles were evaluated based on their relevance to the research objectives, methodological quality, credibility and contribution to the understanding of generative artificial intelligence in recruitment and talent acquisition. By applying consistent quality criteria, the review ensured that the findings were based on robust and trustworthy academic evidence (Booth, Sutton and Papaioannou, 2021; Page et al., 2021).
[bookmark: _Toc239180999]
[bookmark: _Toc241150489]2.12 Data Extraction
Data extraction involved systematically recording key information from each selected study to support the literature synthesis. Information such as the author(s), publication year, research aim, methodology and key findings was extracted from each article. This structured process ensured consistency in the review and provided the evidence required for the thematic analysis presented in the following chapter (Booth, Sutton and Papaioannou, 2021).
[bookmark: _Toc239181000]
[bookmark: _Toc241150490]2.13 Data Analysis
The selected studies were analysed using thematic analysis, which is a widely recognised method for identifying, organising and interpreting patterns within qualitative data. Following the approach proposed by Braun and Clarke (2021), the findings from the selected articles were reviewed and organised into key themes relating to the impact of generative artificial intelligence on recruitment and talent acquisition. This method enabled the study to compare different perspectives, identify recurring patterns and develop a structured synthesis of the existing literature. The themes generated through this analysis form the basis of the literature review presented in the next chapter. (Adapted and expanded from the approved research proposal.)
[bookmark: _Toc239181001][bookmark: _Toc241150491]2.14 Ethical Considerations
This dissertation is based entirely on secondary data obtained from published academic literature and therefore did not require the collection of primary data from human participants. Ethical considerations focused on the accurate reporting of findings, appropriate acknowledgement of all sources through Harvard referencing, and the avoidance of plagiarism. The research was conducted in accordance with the ethical requirements approved by the University and followed the principles outlined in the approved ethics application. (Adapted and expanded from the approved research proposal.)
[bookmark: _Toc239181002]
[bookmark: _Toc241150492]2.15 Chapter Summary
This chapter has explained and justified the research methodology adopted for this dissertation. It outlined the interpretivist research philosophy, inductive research approach and systematic literature review strategy used to investigate the impact of generative artificial intelligence on recruitment and talent acquisition. The chapter also described the Research Onion, search strategy, database selection, inclusion and exclusion criteria, PRISMA screening process, quality assessment, data extraction, thematic analysis and ethical considerations. Collectively, these methodological decisions provide a structured and reliable foundation for the literature review and analysis presented in the following chapter. (Adapted and expanded from the approved research proposal.)

[bookmark: _Toc241150493]CHAPTER 3: THEMATIC LITERATURE REVIEW
[bookmark: _Toc241150494]3.1 Introduction
This chapter presents a thematic review of the existing literature on the impact of generative artificial intelligence on recruitment and talent acquisition. Artificial intelligence has become increasingly important within human resource management, particularly in recruitment and selection. AI technologies can support different stages of recruitment, including job advertisement development, candidate screening, selection and communication. More recently, the development of generative artificial intelligence has expanded these possibilities by allowing organisations to generate content, analyse information and support interactions between recruiters, candidates and technological systems.
Dutta and Naveen (2026) examined how discriminative and generative AI are changing recruitment and selection practices. The researchers used an exploratory qualitative approach involving 43 HR and talent acquisition leaders in a high growth emerging market context. Their findings showed that AI adoption is changing recruitment routines and creating new forms of human AI collaboration, with technology and recruiters sharing responsibilities across recruitment activities. This is important because it suggests that GenAI is not simply being added to existing recruitment processes but can also change how recruitment work is organised and how responsibilities are shared between people and technology.
However, the literature does not present AI based recruitment as entirely beneficial. Existing research identifies improvements in recruitment efficiency and hiring processes while also raising concerns regarding algorithmic bias, fairness, transparency, privacy and accountability. Hunkenschroer and Luetge (2022) conducted a systematic review of 51 articles examining the ethical implications of AI enabled recruiting and selection. Their review considered the ethical opportunities, risks and areas of uncertainty associated with AI and identified the need for further research and practical measures to manage these risks. Their findings are important because they show that the benefits of faster and more efficient recruitment need to be considered alongside the potential consequences for candidates and organisations.
A similar balance is identified by Dadaboyev et al. (2025), who conducted a systematic literature review of 49 peer reviewed articles sourced from the Web of Science database. The review examined the opportunities and challenges associated with AI in employee recruitment and found potential benefits including greater productivity, automated candidate screening and improved support for hiring decisions. At the same time, the authors identified concerns around algorithmic bias, transparency and the reliability of AI supported recruitment decisions. This supports the wider argument that technological efficiency does not automatically result in better or fairer recruitment outcomes.
Therefore, this chapter does not assume that generative AI has either a completely positive or negative impact on recruitment. Instead, the literature is critically examined to understand where researchers agree, where their findings differ and where important gaps remain. The review is organised around major themes including recruitment efficiency and automation, decision making and candidate quality, candidate experience, bias and fairness, privacy and transparency, human and AI collaboration, and organisational barriers to adoption. Through comparing, contrasting, critiquing and connecting the available evidence, the chapter develops a clearer understanding of the current impact of generative AI on recruitment and talent acquisition and establishes the evidence required for the later discussion chapter.
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[bookmark: _Toc241150495]Figure 3.1: Thematic Map of Literature Review
Source: self-developed 

[bookmark: _Toc241150496]3.2 Development of Artificial Intelligence and Generative AI in HRM
Artificial intelligence has developed from systems mainly designed to automate tasks, analyse data and support predictions into technologies that can also generate new content and interact with users. Within human resource management, earlier forms of AI were used to support activities such as workforce analytics, employee management and recruitment decisions. The emergence of generative artificial intelligence represents a further development because these systems can produce text, generate recommendations and respond to users through natural language. Budhwar et al. (2023) examined the development of AI within HRM through a systematic interdisciplinary review of 184 articles. Their review considered how AI was being applied across HR activities and identified both opportunities and theoretical and methodological weaknesses in the existing literature. The authors concluded that AI has significant potential to change the future of HRM, but that the research base remained fragmented and required stronger theoretical and empirical development.
Generative AI differs from many earlier AI applications because it can support activities that involve communication and knowledge-based work. This creates opportunities for HR professionals to use the technology beyond routine administrative activities and in areas requiring the production and interpretation of information. Chowdhury et al. (2024) examined the implications of generative AI for business and developed a strategic HRM framework to explain how organisations can respond to its growing use. Rather than conducting primary research with HR professionals, the authors developed their framework from existing literature and considered how generative AI could affect employees, work and organisational practices. Their findings and framework suggest that generative AI can contribute to efficiency, innovation and competitiveness when it is aligned with organisational objectives and supported by appropriate human involvement. This is particularly relevant to HRM because it presents generative AI as a technology that can work alongside employees rather than simply replacing human labour.
However, the development of generative AI also creates challenges for HRM. Budhwar et al. (2023) identified concerns about the changing nature of work and the need for further research into the organisational and employee consequences of AI. Their review also highlighted weaknesses in the existing evidence base, which limits how confidently broad claims about AI's impact can be made. Chowdhury et al. (2024) similarly recognise that organisations need to consider how generative AI is introduced and managed rather than focusing only on its technical capabilities. Although both studies recognise the potential value of AI and GenAI, they approach the issue mainly from a review and conceptual perspective. This means that their conclusions are useful for understanding the direction of the field but do not, by themselves, provide strong evidence of actual recruitment outcomes.
A further limitation is therefore the relatively limited amount of long-term empirical research specifically examining generative AI in HRM. Budhwar et al. (2023) identify methodological and theoretical weaknesses in the wider AI and HRM literature, while Chowdhury et al. (2024) provide a strategic framework rather than testing its effects through a long-term empirical study. This distinction is important for the present dissertation because general claims about the potential of generative AI should not automatically be treated as evidence of improved recruitment outcomes. Instead, empirical research focusing specifically on recruitment and talent acquisition needs to be examined to determine whether these expected benefits are supported by evidence. This provides the basis for the following section, which focuses specifically on the use of generative AI within recruitment and talent acquisition.



[bookmark: _Toc241150497]3.3 Generative Artificial Intelligence in Recruitment and Talent Acquisition
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[bookmark: _Toc241150498]Figure 3.2: Recruitment Process Flowchart (with Generative AI Touchpoints)
Source: self-developed
Recruitment and talent acquisition are important areas in which generative artificial intelligence is beginning to influence organisational practices. Traditional recruitment involves several activities, including preparing job advertisements, attracting applicants, screening applications, assessing candidates and making selection decisions. Generative AI can support different stages of this process by creating recruitment content, processing information and assisting recruiters with candidate evaluation. Dutta and Naveen (2026) examined how discriminative and generative AI are being introduced into recruitment and selection practices. Using an exploratory qualitative approach based on interviews with 43 HR and talent acquisition leaders, the researchers examined how AI was changing recruitment routines and responsibilities. Their findings showed that recruitment activities were increasingly being performed through a combination of human and technological capabilities rather than by recruiters alone. This suggests that GenAI is not simply an additional recruitment tool but can also change how recruitment work is organised and how responsibilities are shared.
The influence of generative AI is also visible at the early stages of recruitment, particularly in the development of job advertisements. Research by Soleimani et al. (2025) examined how generative AI can be used to create recruitment advertisements and compared AI generated content with human written advertisements. Using an experimental design, the researchers assessed how participants perceived the advertisements in areas such as effectiveness and informativeness. The findings suggested that AI generated advertisements could be viewed similarly to human written advertisements in several respects, although differences were found depending on individual applicant characteristics. The study also had limitations, including the relatively modest sample and reliance on self-reported measures. These findings suggest that GenAI can support recruitment communication, but they do not establish that AI generated content will produce better recruitment outcomes across different organisations and applicant groups.
Evidence also suggests that generative AI may influence recruitment efficiency and candidate evaluation. Abdelhay et al. (2025) examined the relationship between GenAI adoption and recruitment efficiency using survey evidence from 469 professionals. The researchers considered factors including the use of GenAI tools, recruitment efficiency, candidate shortlisting and perceived screening bias. Their findings reported positive relationships between GenAI use and recruitment efficiency, shortlisting and perceived reductions in screening bias. However, the benefits were also influenced by factors such as users' familiarity with AI and organisational size. Larger organisations may have greater resources and automation capabilities, while smaller organisations may face stronger implementation constraints. This suggests that the impact of GenAI cannot be separated from the organisational environment in which it is introduced.
At the same time, evidence concerning candidate evaluation requires caution. Hsieh et al. (2026) experimentally compared candidate recommendations produced by ChatGPT and ERNIE to examine how generative AI systems responded to different candidate characteristics. The researchers found that the systems placed greater emphasis on merit related characteristics in their recommendations, but inconsistencies remained when characteristics such as gender, ethnicity and age were considered. This finding challenges the assumption that generative AI automatically produces completely objective selection decisions. It also indicates that the quality of AI supported selection may depend on how systems are designed, trained and used. Human oversight therefore remains important when GenAI contributes to employee selection because recruiters need to question outputs rather than simply accept recommendations.
Taken together, the literature indicates that generative AI is becoming relevant across several stages of recruitment and talent acquisition, but its impact is not uniform. Dutta and Naveen (2026) emphasise changes in human and technological roles, while Abdelhay et al. (2025) identify potential improvements in recruitment outcomes that depend partly on organisational conditions. The evidence concerning recruitment communication and candidate evaluation also shows that practical benefits can exist alongside limitations and uncertainty. Therefore, the value of generative AI should be assessed not only according to what the technology can perform, but also according to the quality, fairness and organisational consequences of its use. This leads to the first major theme of the literature review: recruitment efficiency and automation.

[bookmark: _Toc241150499]3.4 Recruitment Efficiency and Automation
One of the most frequently identified benefits of artificial intelligence in recruitment is its potential to improve efficiency through automation. Recruitment traditionally involves considerable administrative work, including candidate sourcing, application screening, initial communication and interview scheduling. AI can automate some of these repetitive activities and allow recruitment professionals to process larger numbers of applications within shorter periods. Dadaboyev et al. (2025) examined the opportunities and challenges associated with AI in employee recruitment through a systematic review of 49 peer reviewed studies. Their review identified activities such as automated résumé processing, candidate sourcing and initial screening as areas where AI can support recruitment productivity. The findings suggest that automation can reduce the administrative burden associated with the early stages of recruitment and allow HR professionals to spend more time on activities that require human judgement.
More specifically, recent evidence indicates that generative AI may contribute to these efficiency improvements. Abdelhay et al. (2025) examined the relationship between generative AI use and recruitment outcomes, particularly the use of ChatGPT, through survey data from 469 professionals. The researchers considered factors including process automation, recruitment efficiency and candidate shortlisting. Their findings indicated positive relationships between the use of generative AI and recruitment efficiency, with process automation playing an important role in these outcomes. This supports the argument that the value of GenAI does not simply come from having access to the technology. Organisations also need to integrate it into recruitment processes in a suitable way before substantial efficiency benefits can be achieved.
However, efficiency should not automatically be interpreted as overall recruitment effectiveness. Ologunoye et al. (2026) examined this issue through a systematic review of 79 peer reviewed studies on AI in recruitment. Their review considered the relationship between technological efficiency and wider recruitment outcomes and found that AI can improve operational speed and data processing while also creating concerns relating to candidate experience, algorithmic bias and ethical issues. The authors describe this tension as a “resourcing paradox”, where improvements in technological efficiency do not necessarily result in equally strong improvements in overall recruitment effectiveness. This provides an important distinction because a recruitment process can become faster without necessarily becoming better.
This distinction also provides a critical perspective on the findings of Abdelhay et al. (2025). While their survey provides empirical evidence of a positive relationship between generative AI use and recruitment efficiency, the use of survey-based measures means that the findings mainly reflect reported experiences and perceptions. They therefore do not necessarily demonstrate long term improvements in outcomes such as employee performance, retention or quality of hire. In comparison, Ologunoye et al. (2026) consider a broader evidence base and show why recruitment outcomes need to be assessed beyond operational speed. However, their review considers AI powered recruitment more generally rather than focusing exclusively on generative AI. As a result, both studies provide useful evidence, but neither fully explains the long-term effects of GenAI on recruitment.
Organisational context also influences the benefits that can be achieved through automation. Abdelhay et al. (2025) found that organisational size influenced the relationship between generative AI use and recruitment outcomes. Larger organisations may have greater technological resources and more established automation processes, while smaller organisations may face different implementation conditions. This means that the same GenAI technology may not produce identical efficiency improvements across different organisations. It also challenges the simple assumption that introducing generative AI will automatically make every recruitment system faster or more effective.
Overall, the literature provides reasonable evidence that AI and generative AI can improve recruitment efficiency by supporting automation and reducing repetitive work. However, the evidence also shows that efficiency is only one measure of successful talent acquisition. Faster screening or processing has limited organisational value if candidate quality, fairness or candidate experience are negatively affected. Therefore, the impact of generative AI should be evaluated by considering both operational efficiency and the quality of recruitment outcomes. This relationship leads to the next major theme concerning decision making and candidate quality.

[bookmark: _Toc241150500]3.5 Recruitment Decision Making and Candidate Quality
Beyond improving efficiency, generative AI may influence how organisations evaluate candidates and make recruitment decisions. This is important because successful talent acquisition depends not only on processing applications quickly but also on identifying candidates with suitable skills, experience and other relevant characteristics. Abdelhay et al. (2025) examined the impact of generative AI, particularly ChatGPT, on recruitment outcomes using a quantitative survey of 469 recruitment professionals in the UAE. The researchers used Structural Equation Modelling (SEM) to examine relationships between GenAI use, recruitment efficiency and candidate quality. Their findings showed a positive relationship between GenAI use and candidate quality, including improvements in the accuracy of candidate shortlisting. However, user familiarity with AI also influenced some outcomes. This suggests that the technology itself does not automatically lead to better recruitment decisions and that the way recruiters understand and use the technology is also important.
More direct evidence is provided by Szandała (2025), who compared three large language models, ChatGPT, Gemini and Mistral, with human experts when assessing the competencies of IT candidates. The study focused on 21 DevOps candidates who answered ten technical questions. Three human experts independently assessed the responses, while the three AI models evaluated the same answers. The study found that AI systems completed the assessments significantly faster than human reviewers, while there was no significant difference between the average scores given by the human and AI reviewers. However, the AI assessments were less consistent, particularly for ChatGPT. This finding is important because it shows that similar average scores do not necessarily mean that AI and human assessments are equally reliable. Faster assessment therefore does not automatically mean more dependable decision making.
A similar need for caution can be seen in Hsieh et al. (2026). The researchers used a conjoint experiment to compare ChatGPT and ERNIE in public employee selection. They created hypothetical candidate profiles for police and primary school teacher positions and varied both merit related characteristics, such as education, relevant experience and assessment results, and non-merit characteristics, including gender, ethnicity and age. The models evaluated more than 8,000 candidate pair comparisons using their respective APIs, with the researchers combining quantitative and qualitative analysis. The findings showed that both models placed greater weight on merit related characteristics, particularly relevant experience and assessment results. However, the models also showed inconsistencies when non merit characteristics were involved, and ChatGPT was somewhat more influenced by gender diversity considerations than ERNIE. The authors therefore recommend a cautious approach involving training and human oversight rather than unrestricted reliance on GenAI for employee selection.
Comparing these studies reveals an important tension in the literature. Abdelhay et al. (2025) provide relatively positive evidence about the relationship between GenAI use and candidate quality, whereas Szandała (2025) and Hsieh et al. (2026) highlight limitations concerning consistency and the treatment of candidate characteristics. The methodological differences between the studies are also important. Abdelhay et al. rely on the reported experiences of recruitment professionals, while Szandała and Hsieh et al. directly test the behaviour of AI models in controlled assessment settings. Therefore, perceived improvements in recruitment outcomes should not automatically be treated as evidence that GenAI consistently produces better hiring decisions. At the same time, the controlled studies also have limitations because they assess AI using specific tasks and hypothetical or technical recruitment contexts, which may not fully represent complex real world hiring decisions.
Overall, the literature suggests that generative AI has potential to support candidate evaluation, particularly by processing information quickly and applying structured assessment criteria. However, the current evidence does not support replacing human judgement entirely. Its value may be stronger as a decision support mechanism, where AI assists recruiters in analysing candidate information while human professionals remain responsible for interpreting recommendations and making final decisions. This is particularly important when recruitment decisions involve fairness, individual differences and contextual judgement. These concerns are examined further in the following sections on bias, fairness and human AI collaboration.

[bookmark: _Toc241150501]3.6 Candidate Experience and Communication
Candidate experience is an important part of recruitment because applicants form opinions about both the selection process and the organisation through their interactions with recruiters and recruitment technologies. Although AI can provide faster communication and more standardised processes, candidates may respond differently when important interactions are handled by technology rather than humans. Hunkenschroer and Luetge (2022) examined the ethical implications of AI enabled recruitment through a systematic review of 51 academic articles. Their review considered ethical opportunities, risks and areas of uncertainty across different AI applications in recruitment. The findings showed that applicants’ reactions to AI are mixed, with concerns around fairness, transparency, privacy and the reduced role of human interaction appearing across the literature. This suggests that candidate experience depends not simply on whether AI is used, but on how and where it is introduced into the recruitment process.
Acikgoz et al. (2020) provide more direct evidence of potential negative reactions. The researchers conducted two studies examining applicants’ perceptions of justice when AI was used in selection interviews. They compared AI based interviewing with traditional human based interviewing and examined different dimensions of applicant reactions. Their findings showed that AI based interviews were generally perceived as less procedurally and interactionally just than human interviews. Two-way communication was particularly important in explaining these reactions. This indicates a limitation of highly automated recruitment because, although technology may improve efficiency, candidates may feel that they have fewer opportunities to communicate personally or explain their qualities. The finding is particularly relevant to candidate experience because recruitment is not only an assessment process but also an interaction between the applicant and the organisation.
However, candidate attitudes towards AI are not consistently negative. Mirowska and Mesnet (2022) explored potential applicant reactions to AI based interview evaluation through interviews with 33 professionals. The study examined perceptions of AI evaluation using justice and signalling perspectives. Participants recognised that AI could offer greater objectivity, but they also expressed a preference for maintaining human involvement in the evaluation process. This finding contrasts with the idea that candidates will automatically accept AI when it offers greater efficiency or objectivity. Instead, it suggests that human interaction remains important even when applicants recognise some practical advantages of AI. Therefore, candidate reactions may depend on whether AI is seen as supporting the recruitment process or replacing important human interactions.
Comparing these studies reveals an important point about candidate experience. Hunkenschroer and Luetge (2022) provide a broad review showing that applicant reactions to AI can vary depending on the technology and recruitment context, while Acikgoz et al. (2020) provide more direct evidence that reduced communication can negatively affect perceptions of fairness. Mirowska and Mesnet (2022), in contrast, show that candidates may recognise the benefits of AI while still wanting human involvement. The methodological differences should also be considered. Hunkenschroer and Luetge synthesised findings from previous research, Acikgoz et al. tested applicant reactions across two studies, while Mirowska and Mesnet used interviews with professionals to explore perceptions of AI evaluation. As a result, the evidence provides different perspectives rather than one consistent conclusion about candidate acceptance of AI.
A further limitation is that much of this evidence examines AI based recruitment generally rather than generative AI specifically. This distinction is important for the present dissertation because conversational GenAI may create different candidate experiences from traditional algorithmic screening or automated interview systems. The existing literature therefore provides useful foundations for understanding candidate reactions, but findings from general AI recruitment should not automatically be applied to GenAI. Overall, organisations need to balance the efficiency of AI supported communication with candidates’ expectations for fairness, meaningful interaction and human involvement. This connects directly with the broader issue of bias, fairness and ethics, which is examined in the next section.

[bookmark: _Toc241150502]3.7 Bias, Fairness and Ethical Concerns
Bias and fairness are among the most important concerns surrounding the use of AI in recruitment because employment decisions can directly affect individuals’ career opportunities. One argument supporting AI based recruitment is that technology may reduce some forms of human bias by applying more consistent criteria to candidates. However, consistency does not automatically guarantee fairness. Köchling and Wehner (2020) examined this issue through a systematic review of 36 journal articles published between 2014 and 2020. Their review considered the use of algorithmic decision making in recruitment and HR development and identified risks including discrimination, unfair treatment and perceived unfairness. The authors showed that these risks can occur when algorithms reproduce patterns contained in historical data or use variables that disadvantage groups. This provides an important foundation for understanding why the use of technology does not, by itself, make recruitment decisions objective or fair.
These concerns become particularly important with generative AI because large language models can reproduce patterns found in the information used to develop and evaluate them. Recent GenAI specific evidence provides a more direct examination of this issue. Sivakaminathan and Musi (2026) investigated whether ChatGPT could reproduce gender bias during recruitment. The researchers used a two-stage methodological approach combining natural language processing and prompt engineering. They first examined gendered language in job advertisements across traditionally male and female dominated occupations and then investigated whether ChatGPT reproduced these patterns when screening résumés. Their findings indicated that gendered patterns in job advertisements could be reflected in ChatGPT based candidate screening. This suggests that GenAI does not necessarily remove existing recruitment bias and may reproduce social patterns present in the recruitment information it processes.
This finding can be compared with Hsieh et al. (2026), discussed earlier, who examined how ChatGPT and ERNIE evaluated candidate characteristics in public employee selection. Their experimental study found that both models generally gave greater importance to merit related characteristics, such as education, relevant experience and assessment results. However, the models also showed inconsistencies when non merit characteristics, including gender, ethnicity and age, were considered. Together, these studies provide a more balanced interpretation of GenAI in recruitment. GenAI may support structured candidate assessment, but its decisions cannot automatically be described as neutral or objective. The findings also suggest that fairness needs to be considered at different stages of the recruitment process, from the language used in job advertisements to the evaluation of individual candidates.
Human involvement is therefore frequently proposed as one way of reducing AI related recruitment risks. Soleimani et al. (2025) explored potential sources of bias in AI recruitment systems through a grounded theory study involving interviews with 39 HR professionals and AI developers. The researchers examined how decision-making biases can arise within AI supported recruitment and explored possible approaches to reducing these risks. Their findings highlighted the importance of combining technical knowledge with people focused HR skills and closer collaboration between HR professionals and AI developers. They also proposed a framework for supporting bias mitigation, ethical oversight and more informed decisions about the role of AI in recruitment. This supports the argument that responsible recruitment cannot depend only on improving the technology. HR professionals also need sufficient knowledge and appropriate organisational processes to identify and respond to potentially unfair outcomes.
However, retaining humans in the process does not completely solve the problem because human recruiters can themselves hold conscious or unconscious biases. This creates an important tension in the literature. Removing human judgement may increase dependence on potentially biased algorithms, while increasing human involvement may reintroduce traditional human biases. Köchling and Wehner (2020) also show why this issue should not be reduced to a simple comparison between human and algorithmic decision making. Fairness can be influenced by the design of the system, the data used, the recruitment context and the way human decision makers interpret and use technological recommendations. Therefore, human oversight is useful, but it needs to be supported by appropriate governance, monitoring and awareness of both human and technological sources of bias.
Overall, the literature shows that GenAI may support more structured recruitment decisions, but there is insufficient evidence to assume that it eliminates discrimination. The newer GenAI specific evidence is particularly important because it demonstrates that language models can reproduce existing social patterns during recruitment tasks. At the same time, much of the broader fairness literature still concerns traditional algorithmic hiring rather than generative AI specifically. This limits the extent to which earlier findings can be directly applied to GenAI. There is therefore a need for further empirical research examining GenAI recruitment across different demographic groups, recruitment stages and organisational contexts. Fairness is also closely connected with transparency and accountability, which are considered in the following section.
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[bookmark: _Toc241150503]Figure 3.3: Generative AI Bias Flow Diagram
Source: self-developed

[bookmark: _Toc241150504]3.8 Privacy, Transparency and Data Protection
Privacy and transparency are important concerns when AI systems are used in recruitment because these technologies can process significant amounts of personal information about candidates. Recruitment data can include employment history, education, skills and assessment results, while some systems may also process more sensitive information. Candidates may therefore be affected by AI supported decisions without fully understanding what information has been collected or how it has contributed to the recruitment outcome. This creates concerns about responsible data use, transparency and the ability of candidates to understand decisions that may affect their employment opportunities.
Transparency may help address some of these concerns. Chen et al. (2025) examined how different forms of transparency influence perceptions of AI supported recruitment through an experimental study involving 286 participants. The researchers examined whether external transparency, which provides information about the use of AI, and functional transparency, which provides information about how the AI system works, could influence perceptions of person job fit assessments. Their findings showed that both forms of transparency could reduce differences between AI and human assessments. However, the results also showed that algorithmic literacy influenced these relationships. This indicates that simply providing information about an AI system may not be sufficient. Candidates and recruiters also need enough understanding to interpret the information provided and assess the role of AI appropriately.
More recent evidence suggests that transparency problems remain in practical recruitment settings. Rigotti et al. (2026) analysed 4,317 responses from workers and job applicants across several European countries to examine perceptions and experiences of AI in employment. The study found that many individuals were not fully aware when they were interacting with AI and that existing transparency measures were often fragmented and mainly procedural. The researchers also found that AI systems used in recruitment collected more personal and sensitive information than workplace AI systems more generally. These findings strengthen concerns that applicants may not always have sufficient knowledge or control over how their information is collected and processed during AI supported recruitment.
Comparing these studies reveals an important gap between the potential value of transparency and its practical implementation. Chen et al. (2025) provide experimental evidence that transparency can improve aspects of AI supported recruitment, whereas Rigotti et al. (2026) show that transparency in real world employment contexts can remain limited. The difference is important because transparency is not only about making information available. Candidates need to know when AI is being used, what type of information is being processed and, where relevant, how AI contributes to recruitment decisions. If information is provided in a technical or unclear way, formal transparency may exist without creating meaningful understanding.
There is also a limitation in applying this evidence directly to generative AI. Both studies examine AI and algorithmic recruitment more broadly rather than focusing exclusively on GenAI tools such as ChatGPT. This is important because generative AI can produce, summarise and interpret candidate information in ways that differ from traditional recruitment algorithms. As GenAI becomes more involved in candidate screening, communication and assessment, further research is therefore required to understand its specific privacy, transparency and data protection implications.
Overall, the literature suggests that transparency can support greater understanding and trust in AI supported recruitment, but its effectiveness depends on how information is communicated and whether users can understand it. At the same time, evidence from real world employment contexts indicates that candidates may still have limited awareness of how AI processes their information. Therefore, technological efficiency needs to be supported by clear data governance, meaningful transparency and appropriate safeguards if organisations are to protect candidate privacy and maintain responsible recruitment practices.

[bookmark: _Toc241150505]3.9 Human AI Collaboration and the Changing Role of Recruiters
The increasing use of generative AI does not necessarily mean that human recruiters will become unnecessary. Instead, emerging research suggests that recruitment is moving towards greater collaboration between human professionals and AI systems. Dutta and Naveen (2026) explored this change through interviews with 43 HR and talent acquisition leaders. Their study examined how discriminative and generative AI are changing recruitment practices, routines and the distribution of responsibilities between people and technology. The findings suggest that AI adoption does not simply remove human involvement but changes how recruiters contribute to the recruitment process. Recruiters may therefore move away from completing every administrative activity manually towards supervising AI supported processes, interpreting outputs and making decisions that require human judgement.
This collaborative approach is also supported by Chowdhury, Budhwar and Wood (2024), who developed a strategic HRM framework based on existing literature concerning generative AI and human resource management. Rather than presenting GenAI as a replacement for human employees, their framework considers how organisations can combine the computational capabilities of GenAI with human qualities such as creativity, judgement and contextual understanding. Their analysis suggests that GenAI can contribute to organisational efficiency and innovation when it is aligned with human involvement and wider organisational objectives. Similarly, Aguinis, Beltran and Cope (2024) examined the potential uses of GenAI in HRM and proposed that it can operate as an HRM assistant, supporting both operational and strategic activities. However, they also emphasise the importance of human involvement in directing the technology and evaluating the quality and suitability of its outputs. This suggests that the value of GenAI depends partly on how effectively HR professionals interact with and monitor the technology.
Recent empirical evidence provides further support for this collaborative relationship. Al Khasawneh et al. (2025) examined the factors that influence AI assimilation in hiring using a mixed method design. The researchers first gathered qualitative evidence from 26 HR professionals and then tested their findings using survey responses from 309 HR professionals. The study examined how human AI collaboration could help organisations manage barriers associated with AI adoption, including AI opacity and limited AI empathy. The findings suggest that collaboration between humans and AI can help organisations manage some of these limitations. This is particularly relevant to recruitment because activities such as interviewing, assessing candidate motivations and communicating sensitive decisions may require interpersonal understanding that AI systems cannot fully reproduce.
However, collaboration also changes the skills expected from recruiters. As GenAI performs more administrative and analytical activities, recruiters may increasingly need AI literacy, critical judgement and the ability to identify inaccurate, incomplete or inappropriate outputs. Dutta and Naveen (2026) show that AI adoption can change both recruitment structures and the role of human decision makers, while Al Khasawneh et al. (2025) highlight the importance of managing practical and human barriers to AI assimilation. Recruiters therefore need to understand not only how to use GenAI, but also when its recommendations should be questioned, checked or rejected. This is particularly important where AI outputs may affect candidate selection, fairness or the interpretation of individual candidate information.
Overall, the literature suggests that GenAI is more likely to reshape the recruiter role than simply remove it. The emerging evidence indicates that the potential value of GenAI comes from combining technological speed and analytical capabilities with human judgement, communication and accountability. However, much of the research is relatively recent and several studies are based on conceptual frameworks, professional perceptions or specific organisational contexts. Evidence about how these changing roles affect long term recruitment performance is therefore still developing. Effective human AI collaboration requires more than access to GenAI tools; it also requires appropriate skills, training, governance and organisational support.

[bookmark: _Toc241150506]3.10 Organisational Challenges and Barriers to GenAI Adoption
Although generative AI offers opportunities for recruitment, organisations may face significant challenges when integrating AI technologies into existing HR processes. Successful adoption depends not only on the technical capabilities of AI but also on organisational resources, employee knowledge, trust and the wider regulatory environment. Therefore, organisations with access to similar technologies may experience different recruitment outcomes depending on their level of technological and organisational readiness.
Pan et al. (2022) provide useful empirical evidence on these differences. The researchers examined the adoption of AI in employee recruitment using survey data from 297 Chinese companies. They applied the Technology Organisation Environment (TOE) model together with transaction cost theory to examine the factors that encourage or restrict organisational adoption. Their findings showed that perceived technological complexity restricted AI adoption, while technological competence and regulatory support encouraged adoption. Interestingly, organisational size and the perceived relative advantage of AI did not have a significant direct effect on AI usage. These findings challenge the assumption that organisations will adopt recruitment AI simply because they recognise its potential benefits. Instead, organisations need sufficient technological capability and an external environment that supports implementation.
These organisational factors can be compared with more recent evidence concerning HR professionals themselves. Gül and Soyer (2026) developed an integrative framework to examine how HR professionals’ attitudes and intentions towards AI based recruitment are influenced by factors such as perceived usefulness, trust, AI aversion and perceived threat. The researchers tested their model using Partial Least Squares Structural Equation Modelling (PLS SEM) with survey data from 242 HR professionals. Their findings showed that perceived usefulness was an important driver of positive attitudes towards AI, while AI aversion had a negative effect. Trust reduced AI aversion and had a positive relationship with attitudes towards AI. The study also found that perceived threat increased AI aversion, with concerns about job replacement and professional development contributing to these perceptions. This demonstrates that adoption barriers are not purely technological. The attitudes and confidence of the HR professionals expected to use these systems can also influence whether AI becomes effectively integrated into recruitment.
Comparing these studies shows that AI adoption in recruitment involves an interaction between technology, organisational conditions and human attitudes. Pan et al. (2022) focus mainly on organisational and environmental conditions, highlighting technological competence, technological complexity and regulatory support. Gül and Soyer (2026), in contrast, focus more closely on the HR professionals who interact with AI systems and show the importance of usefulness, trust and AI aversion. The methodological differences are also relevant. Pan et al. examine adoption at company level using responses from 297 organisations, while Gül and Soyer examine attitudes and behavioural intentions among individual HR professionals. This means that the studies address different levels of the adoption process and should not be treated as directly measuring the same outcome.
A further limitation is that both studies focus on AI based recruitment generally rather than generative AI specifically. Pan et al. (2022) examined AI adoption before the recent expansion of GenAI tools, while Gül and Soyer (2026) examine AI based recruitment systems more broadly. Their findings therefore provide useful evidence about the organisational and human conditions required for AI adoption, but they cannot fully explain the specific challenges associated with GenAI tools such as ChatGPT. GenAI may introduce additional issues relating to output accuracy, data protection, prompt quality and the need to evaluate AI generated content.
Overall, organisations need more than access to GenAI technology to achieve successful recruitment outcomes. The literature indicates that technological infrastructure, organisational capability, employee training, trust, governance and regulatory awareness all influence adoption. These findings help explain why the benefits identified in earlier sections may not occur equally across organisations. They also show that GenAI adoption should be understood as an organisational and human process rather than simply a technological decision.

[bookmark: _Toc241150507]3.11 Gaps and Limitations in the Existing Literature
Despite the growing academic interest in artificial intelligence and recruitment, several important gaps remain in the existing literature. The first limitation is that much of the established research examines artificial intelligence broadly rather than generative AI specifically. Earlier studies have mainly focused on technologies such as algorithmic screening, machine learning and automated decision making. Generative AI introduces additional capabilities, including content generation, conversational interaction and large language model-based candidate assessment. Fernandez Mateo (2026) examined how generative AI is changing hiring and highlighted the limited understanding of its effects across the wider recruitment process. The study argues that GenAI should not be considered only in relation to individual selection decisions because it can also influence different stages of hiring and the behaviour of both organisations and candidates. This highlights a clear limitation in existing research, where evidence about traditional AI is considerably more developed than evidence about the newer applications of GenAI.
A second gap concerns the stages of recruitment being studied. Existing research has concentrated heavily on early selection activities, particularly résumé screening and candidate filtering. Less is known about the influence of GenAI on later and more complex stages, such as interviews, final hiring decisions and interactions between employers and candidates. Fernandez Mateo (2026) also identifies limited understanding of how GenAI may affect sourcing channels, applicant pools and the interaction between candidate and employer behaviour. This suggests that current evidence does not yet provide a complete picture of GenAI across the entire talent acquisition process. The concentration on early recruitment stages may partly reflect the fact that these activities are easier to automate and measure, while later stages involve greater levels of human judgement and interaction.
Third, there is an important gap between the potential benefits discussed in the literature and evidence of actual organisational outcomes. González Morales, Martín López and Góngora Larequi (2026) reviewed recent research on AI in recruitment and identified continued development and fragmentation within the research field. Their review shows that AI can support activities such as automation, candidate assessment and recruitment decision making, but the evidence does not consistently demonstrate how these benefits translate into wider organisational outcomes. This is important because improvements in processing speed or automation do not necessarily mean improvements in quality of hire, employee retention or longer-term organisational performance. Recent research on large language models in hiring also indicates that evidence remains uneven, with considerable attention given to early recruitment stages and efficiency, while broader outcomes and the effectiveness of safeguards receive less empirical attention. Therefore, there is still a need for research that considers both the benefits of GenAI and whether these benefits produce meaningful recruitment outcomes.
Another limitation concerns context and generalisability. The effectiveness of GenAI can depend on organisational resources, industry conditions, technological capability and the level of human involvement. Evidence discussed in earlier sections shows that organisations differ in their technological readiness and that HR professionals may also differ in their levels of trust, AI knowledge and willingness to use these systems. This makes it difficult to assume that findings from one organisation, sector or country will apply equally to others. In addition, much of the recent GenAI literature is based on specific experiments, professional surveys or individual organisational contexts. These approaches provide useful evidence, but they can limit the extent to which findings can be generalised across different recruitment environments.
There is also a broader methodological limitation within the emerging GenAI literature. The evidence base includes conceptual papers, systematic and scoping reviews, professional surveys, interviews and controlled experiments. This variety provides different perspectives, but it also makes direct comparison between findings more difficult. For example, survey studies may capture how recruiters perceive GenAI, whereas experimental studies can directly test how AI systems behave under conditions. These approaches answer different questions and therefore should not automatically be treated as equivalent evidence. The relatively recent development of GenAI also means that there is limited evidence concerning its long-term effects on recruitment outcomes.
Overall, the literature demonstrates considerable potential for GenAI in recruitment, but the evidence remains developing and uneven. Important uncertainties remain concerning long term recruitment outcomes, candidate experience, fairness, different organisational contexts and the appropriate balance between human judgement and AI assistance. The limited GenAI specific evidence, concentration on early recruitment stages and lack of long-term organisational evidence further demonstrate the need for a broader assessment of the existing research. These gaps justify the present systematic review, which brings together the emerging evidence to critically evaluate both the opportunities and challenges associated with generative AI in recruitment and talent acquisition.

[bookmark: _Toc241150508]3.12 Chapter Summary
This chapter critically reviewed the existing literature on the impact of generative artificial intelligence on recruitment and talent acquisition. The literature indicates that GenAI has the potential to improve recruitment efficiency, automate repetitive activities, support candidate evaluation and assist HR professionals across different stages of talent acquisition. However, the evidence also highlights important concerns relating to candidate experience, algorithmic bias, fairness, privacy, transparency and responsible decision making. These findings suggest that the benefits of GenAI cannot be considered separately from the risks associated with its use.
The literature also demonstrates that GenAI should not simply be viewed as a replacement for human recruiters. Instead, the emerging evidence points towards greater collaboration between technological systems and human professionals. AI can support recruiters by processing information and completing repetitive tasks, while human professionals remain important for interpretation, contextual judgement, communication and accountability. Organisational readiness, AI literacy, appropriate governance and human oversight are therefore important conditions for responsible implementation.
Most importantly, the review identified several limitations in the existing evidence. GenAI specific research in recruitment remains relatively new, while important questions concerning long term recruitment outcomes, candidate behaviour, fairness and differences between organisational contexts remain underexplored. The literature is also concentrated more heavily on early recruitment activities, such as screening and candidate filtering, than on later stages involving interviews and final hiring decisions. These gaps indicate the need for further research that considers GenAI across the wider talent acquisition process rather than focusing only on individual recruitment tasks.
Overall, the literature provides evidence of both opportunities and challenges associated with GenAI in recruitment. The following chapter builds on these findings by discussing their wider implications and critically interpreting what the evidence means for recruitment efficiency, decision making, candidate experience, human AI collaboration and organisational adoption.









[bookmark: _Toc241150509]CHAPTER 4: DISCUSSION 
[bookmark: _Toc241150510]4.1 Introduction
This chapter discusses and interprets the key findings identified through the systematic literature review on the impact of generative artificial intelligence on recruitment and talent acquisition. While the previous chapter examined the literature thematically, this chapter moves beyond describing individual studies and considers what the combined evidence means for recruitment practice, organisations and HR professionals. Attention is given to areas where studies reach similar conclusions, where findings differ and where the available evidence remains uncertain.
The review suggests that the impact of GenAI on recruitment cannot be viewed as entirely positive or negative. Its effects depend on how the technology is designed, implemented and combined with human judgement. The evidence indicates that GenAI can improve recruitment efficiency through automation and support activities such as candidate screening, communication and evaluation. However, greater speed does not necessarily result in better recruitment outcomes. Recent systematic evidence highlights a similar tension between the operational efficiency created by AI and wider recruitment effectiveness, particularly when fairness, candidate experience and ethical concerns are considered (Ologunoye et al., 2026).
The discussion therefore focuses on the relationship between technological benefits and their organisational and human consequences. It considers recruitment efficiency, decision quality, candidate experience, fairness and ethics, human AI collaboration and organisational readiness. These findings are interpreted in relation to the overall research aim of critically evaluating the impact of generative AI on recruitment and talent acquisition. The chapter also considers limitations in the current evidence and identifies areas where further research is needed.
[bookmark: _Toc241150511]4.2 GenAI and Recruitment Efficiency
The findings of this review indicate that improved efficiency is one of the clearest potential benefits of generative AI in recruitment. GenAI can support activities such as candidate screening, information processing and recruitment communication, reducing the time required for repetitive tasks. Abdelhay et al. (2025) provide direct evidence of this relationship through a quantitative survey of 469 recruitment professionals in the UAE. Their study examined the relationship between GenAI use, recruitment efficiency, candidate quality and process automation. The findings indicate a positive relationship between GenAI use and recruitment efficiency, with process automation playing an important role in this relationship. This suggests that GenAI creates greater value when it is integrated into existing recruitment processes rather than simply introduced as an additional technological tool.
However, the findings of this systematic review suggest that efficiency and recruitment effectiveness should not be treated as the same outcome. Ologunoye et al. (2026), through a systematic review of 79 peer reviewed studies, examined the relationship between AI, recruitment efficiency and wider recruitment effectiveness. Their findings identify a “resourcing paradox”, where AI can improve operational speed and data processing while also creating challenges for candidate experience, fairness, ethical practice and longer-term organisational outcomes. This is important because faster processing of applications does not necessarily result in better hiring decisions or stronger candidate relationships. Therefore, measuring the impact of GenAI only through speed or reduced administrative workload may provide an incomplete understanding of its organisational value.
The evidence also indicates that efficiency gains depend partly on human and organisational factors. Abdelhay et al. (2025) found that familiarity with AI influenced the relationship between GenAI and recruitment outcomes. This implies that organisations cannot expect employees to gain the full benefits of GenAI without developing appropriate knowledge and skills. Investment in technology may therefore need to be accompanied by training and changes to recruitment processes. This interpretation is also supported by Dutta and Naveen (2026), whose exploratory qualitative study involved 43 HR and talent acquisition leaders and examined how AI changes recruitment routines and the distribution of responsibilities between humans and technology. Their findings suggest that AI adoption can reshape how recruitment tasks are performed rather than simply remove human involvement.
A further issue is that efficiency gains may be more valuable at some stages of recruitment than others. Repetitive and high-volume activities are more suitable for automation, whereas activities involving candidate interpretation and contextual judgement may continue to require substantial human involvement. From a talent acquisition perspective, this suggests that organisations should not aim for maximum automation across the entire recruitment process. A more appropriate approach may be selective automation, where GenAI reduces administrative workload while recruiters retain responsibility for activities requiring judgement, interpersonal understanding and accountability.
Overall, the evidence supports the conclusion that GenAI can improve recruitment efficiency, but efficiency should be understood as a means of improving recruitment rather than an end. The strategic value of GenAI depends on whether the time and resources saved through automation contribute to better recruitment decisions and allow recruiters to focus on higher value activities. This also explains why efficiency needs to be considered alongside decision quality, candidate experience and wider recruitment outcomes.

[bookmark: _Toc241150512]4.3 GenAI and Quality of Recruitment Decision Making
The findings of the systematic review suggest that generative AI can provide useful support for recruitment decision making, particularly when large volumes of candidate information need to be processed. Abdelhay et al. (2025) examined the relationship between GenAI use, recruitment efficiency and candidate quality through a quantitative survey of 469 recruitment professionals in the UAE. Their findings indicate that GenAI use was positively associated with candidate quality and recruitment efficiency, including improvements in candidate shortlisting. These findings suggest that GenAI may help recruiters process information more consistently. However, the evidence should be interpreted carefully because the study relied on professional perceptions and survey responses rather than direct measurement of longer-term hiring outcomes.
The wider literature provides a more cautious interpretation. Mori et al. (2025) conducted a systematic review of 120 studies on AI in recruitment and selection, using research from Web of Science and Scopus. Their review identified efficiency, fairness and legal and human rights as important areas within the literature. This suggests that AI supported decision making cannot be evaluated only through measures of accuracy or efficiency. The quality and legitimacy of recruitment decisions also depend on whether the process is fair to candidates and whether appropriate rights and safeguards are maintained.
This creates an important distinction between decision support and decision replacement. GenAI may be useful for identifying patterns within candidate information, generating summaries and supporting initial screening, but recruitment decisions can involve factors that are difficult to represent through structured information. Motivation, cultural context, interpersonal qualities and suitability for a particular organisational environment may require human interpretation. Therefore, the findings of this review do not support a complete transfer of recruitment decision making from recruiters to GenAI.
There is also a risk that the apparent consistency of AI decisions may create excessive confidence in the technology. The evidence reviewed in Chapter 3 demonstrates that GenAI can reproduce existing patterns of discrimination. For example, Sivakaminathan and Musi (2026) examined gendered language in recruitment materials and the use of ChatGPT for résumé screening using natural language processing and prompt-based analysis. Their findings identified gender related patterns that could be reflected in AI supported screening. This is significant because a consistent decision is not necessarily a fair decision. If the information or patterns used by an AI system contain bias, applying them consistently may reproduce rather than reduce inequality.
The discussion therefore suggests that the quality of recruitment decisions depends on how GenAI is used rather than simply whether it is used. Human oversight is particularly important where AI recommendations influence candidate progression or rejection. Recruiters can question unusual outputs, consider contextual information and check whether decisions remain consistent with organisational requirements and fairness principles. This is also consistent with responsible AI guidance from the UK Government, which emphasises assurance, transparency, fairness and appropriate safeguards when AI is used in recruitment.
Overall, GenAI appears most appropriate as a decision support tool rather than an autonomous decision maker. Its ability to process information quickly can complement human judgement, but concerns surrounding bias, transparency and contextual understanding mean that human accountability remains important. The next section therefore considers how these decision-making issues connect with candidate experience, fairness and ethical responsibility.

[bookmark: _Toc241150513]4.4 Candidate Experience, Fairness and Ethical Implications
The impact of GenAI on recruitment cannot be assessed only through efficiency and organisational outcomes. Candidate experience, fairness and ethical considerations are also important because recruitment decisions directly affect individuals’ access to employment opportunities. The literature suggests that GenAI can improve the speed and consistency of recruitment while also creating concerns about fairness, transparency and reduced human interaction. This creates a tension between organisational efficiency and the expectations of candidates.
Acikgoz et al. (2020) provide important evidence in this area. Their studies examined applicants’ justice perceptions when AI was used in recruitment interviews and compared these perceptions with human involvement. Their findings showed that AI based interviewing was generally perceived as less procedurally and interactionally fair than traditional human interviewing. The studies also highlighted the importance of two-way communication in shaping applicants’ reactions. This suggests that candidate experience is not simply determined by whether a recruitment process is fast or convenient. Candidates also need to feel that they have been treated fairly and have an opportunity to communicate their circumstances. Therefore, greater automation may improve process efficiency while reducing the perceived quality of interaction.
Mirowska and Mesnet (2022) provide a further perspective by examining potential applicant reactions to AI evaluation of interviews. Their study used interviews with 33 professionals and considered AI evaluation through justice and signalling perspectives. The findings suggested that participants recognised potential benefits from AI evaluation, including the possibility of greater objectivity, but still preferred human involvement in the process. This is important because it indicates that the use of AI does not automatically increase acceptance among candidates. Human involvement may remain important for building trust and ensuring that candidates feel that their circumstances are properly considered.
Fairness presents a further challenge. Mori et al. (2025), through a systematic review of 120 studies, examined AI in recruitment and selection from ethical perspectives relating to efficiency, justice and rights. Their findings demonstrate that improving recruitment performance does not automatically mean that a recruitment system is fair or ethically acceptable. The justice perspective is particularly relevant because recruitment processes affect how candidates experience selection, while the rights perspective highlights the importance of protecting legal and human rights. This supports the argument that fairness should be treated as a wider organisational responsibility rather than simply a technical feature of an algorithm.
The risk of reproducing existing bias also remains relevant to GenAI. Sivakaminathan and Musi (2026) examined gender related patterns in recruitment language and ChatGPT based résumé screening using natural language processing and prompt engineering. Their findings indicate that gender related patterns can be reflected in AI supported recruitment processes. This challenges the assumption that GenAI automatically removes human bias from recruitment. Although AI can apply the same criteria consistently, consistency does not necessarily mean that the underlying criteria are fair. If training data, recruitment language or prompts contain existing social biases, GenAI may reproduce or reinforce them.
Overall, the evidence indicates that candidate experience and fairness are closely connected to how GenAI is implemented. Human oversight, clear communication and meaningful opportunities for candidate interaction can help address some of these concerns. Therefore, responsible recruitment should not measure GenAI success only through faster processing or lower administrative workload. Candidate perceptions, fairness, transparency and human involvement should also be considered. The literature therefore supports a socio technical view of GenAI in recruitment, where technology and human judgement need to be considered together rather than treating AI as an independent solution to recruitment problems.

[bookmark: _Toc241150514]4.5 Human AI Collaboration and the Role of Recruiters
The findings suggest that GenAI is more likely to change the role of recruiters than completely remove the need for human involvement. As routine activities become increasingly automated, recruiters may spend less time on administrative tasks and more time on activities that require judgement, communication and relationship management. This supports the view that the value of GenAI depends not only on what the technology can perform independently, but also on how effectively it works alongside human expertise.
Dutta and Naveen (2026) provide direct evidence of this changing relationship. Their exploratory qualitative study involved 43 HR and talent acquisition leaders and examined how discriminative and generative AI are changing recruitment and selection practices. Their findings suggest that AI can change established recruitment routines and create shared responsibilities between humans and technology. This is important because introducing GenAI is not simply a technical change. It can alter how recruiters perform their roles, make decisions and understand their professional responsibilities. Therefore, organisations need to consider how human roles will develop alongside the technology rather than if automation will automatically improve recruitment outcomes.
The literature also provides support for a collaborative approach. Dadaboyev et al. (2025), through a systematic review of 49 peer reviewed articles on AI in employee recruitment, examined both the opportunities and challenges associated with AI adoption. Their review found that AI can support activities such as candidate sourcing, résumé processing and initial screening, while also highlighting concerns relating to bias and transparency. These findings support the need for human involvement because AI generated outputs may appear convincing even when they require further checking. Human review is therefore particularly important when AI supported information could influence employment decisions.
However, human involvement should not be treated as a simple guarantee of fairness. Earlier findings in this review have shown that human recruiters can also introduce subjective judgement and existing forms of bias. Consequently, replacing human decisions with AI does not necessarily remove bias, while relying entirely on humans does not provide a complete solution either. A more useful approach is to allocate tasks according to the strengths and limitations of both sides. GenAI can support information processing, drafting, communication and administrative activities, while recruiters can provide contextual judgement, challenge AI outputs and consider factors that may not be visible in candidate data.
This interpretation is also consistent with Al Khasawneh et al. (2025), who examined factors that influence AI assimilation in hiring through qualitative interviews with HR professionals followed by a survey of HR professionals. Their findings highlight barriers such as limited understanding and concerns surrounding AI, while suggesting that human AI collaboration can help organisations manage some of these challenges. This indicates that recruiter capability becomes increasingly important as AI adoption develops. Recruiters may need stronger skills in evaluating AI outputs, identifying potential bias, questioning generated recommendations and communicating AI supported decisions to candidates and managers.
Overall, the evidence indicates that GenAI should be understood as an augmentation tool rather than simply a replacement for recruiters. Its contribution is strongest when it reduces repetitive work while allowing human professionals to retain responsibility for important decisions. This creates a shift in the recruiter role from mainly processing applications towards interpreting information, managing relationships, applying professional judgement and overseeing the responsible use of technology. The effectiveness of GenAI in recruitment therefore depends on achieving an appropriate balance between automation and human control.

[bookmark: _Toc241150515]4.6 Organisational Readiness and Responsible Adoption
The findings indicate that successful adoption of GenAI in recruitment depends not only on the capabilities of the technology but also on organisational readiness. Organisations may gain limited value from GenAI if they introduce it without appropriate governance, employee training, clear responsibilities and monitoring processes. This suggests that responsible adoption should be viewed as an organisational change process rather than simply the purchase of a new recruitment tool.
Dutta and Naveen (2026) provide evidence that AI adoption can change recruitment routines and the distribution of responsibilities between human employees and technology. Their qualitative study of 43 HR and talent acquisition leaders examined how AI is changing recruitment and selection practices. The findings indicate that AI can alter established working practices and create new forms of shared responsibility. This means that organisations need to understand how GenAI will fit within existing recruitment processes before implementation. A technology that performs well in isolation may still create problems if recruiters do not understand its limitations or if there is uncertainty about who remains responsible for decisions.
The UK Government’s Responsible AI in Recruitment guidance provides further support for this interpretation. It recommends that organisations establish clear purposes for AI systems, assess potential risks before deployment, provide appropriate training and maintain human oversight. It also recommends testing systems in the organisation’s actual environment before wider implementation and continuing to monitor performance after deployment. These recommendations are particularly relevant because AI performance may vary according to the data, recruitment requirements and organisational context in which the system is used.
Organisational readiness also involves developing appropriate governance structures. The evidence discussed throughout this dissertation suggests that responsibility for GenAI should not be placed entirely on individual recruiters. Clear organisational procedures are required to determine when AI can be used, when human review is necessary and how concerns raised by candidates or employees should be addressed. The UK Government guidance identifies accountability, transparency, fairness, contestability and redress as important principles for responsible AI use in recruitment. This supports the argument that responsible adoption requires both technological controls and organisational processes.
Training is another important requirement. Recruiters need to understand not only how to use GenAI but also how to evaluate its outputs. This includes recognising inaccurate information, questioning recommendations and identifying potential bias. Without these skills, there is a risk that recruiters may place excessive trust in AI generated outputs. Therefore, AI literacy should be considered part of recruitment capability as GenAI becomes more widely embedded in HR activities.
Overall, the findings suggest that organisational readiness is a key condition for achieving the benefits of GenAI while controlling its risks. Organisations should therefore assess their existing processes, skills, governance arrangements and risk controls before introducing GenAI. The evidence supports a gradual and monitored approach in which organisations test the technology, collect feedback and adjust their processes over time. This approach is consistent with the socio technical nature of recruitment, where technology, employees and organisational systems interact to influence outcomes.

[bookmark: _Toc241150516]4.7 Overall Interpretation and Research Gaps
The overall findings of this systematic review indicate that GenAI creates both opportunities and challenges for recruitment and talent acquisition. Across the themes discussed in this chapter, one of the clearest potential benefits is its ability to reduce administrative workload, process recruitment information quickly and support communication with candidates. However, these benefits do not necessarily mean that GenAI produces better recruitment outcomes in every situation. The literature suggests that efficiency, decision quality, fairness and candidate experience need to be considered together when assessing its impact.
The findings also indicate that the impact of GenAI depends significantly on how the technology is implemented. Ologunoye et al. (2026) identify a potential resourcing paradox, where technological investment may increase while organisations continue to face challenges relating to skills, governance and implementation. Similarly, Dutta and Naveen (2026) show that AI adoption can change recruitment routines and the distribution of responsibilities between humans and technology. This suggests that GenAI should not be treated as a standalone solution. Its value is influenced by organisational processes, recruiter capabilities and the level of human oversight provided.
A further issue is the distinction between consistency and fairness. Although GenAI can apply processes consistently across candidates, consistent application does not automatically mean that the criteria or outcomes are fair. Sivakaminathan and Musi (2026) demonstrate that gender related patterns can be reflected in AI supported recruitment processes, while Mori et al. (2025) identify fairness, justice and rights as important ethical considerations. Therefore, organisations need to evaluate not only whether AI produces consistent outputs, but also whether these outputs are appropriate, fair and suitable for the recruitment context.
The review also identifies several gaps in the existing research. First, much of the available evidence focuses on perceptions, intentions and reported organisational benefits rather than longer term recruitment outcomes. More longitudinal research is therefore needed to examine whether GenAI contributes to improvements in quality of hire, employee retention and organisational performance over time. Second, further research is needed to distinguish generative AI from earlier forms of recruitment AI. GenAI can generate, summarise and interpret content, creating different opportunities and risks from traditional automated screening systems.
Third, there is limited evidence concerning how recruiters develop the skills needed to work effectively with GenAI. Future research could examine AI literacy, training requirements and how recruiters evaluate and challenge AI generated recommendations. Finally, candidate perspectives require further attention, particularly regarding transparency, explanations and opportunities to challenge AI supported decisions. Addressing these gaps would provide a stronger understanding of whether GenAI creates sustainable improvements in recruitment or mainly delivers short term efficiency gains.
Overall, the evidence supports an interpretation of GenAI as a decision support and augmentation technology rather than a complete replacement for human recruitment expertise. Its impact depends on the interaction between technological capability, human judgement and organisational governance. These findings provide the basis for the implications discussed in the following chapter.

[bookmark: _Toc241150517]4.8 Chapter Summary
This chapter discussed and interpreted the findings of the systematic literature review and considered their wider meaning for recruitment and talent acquisition. The discussion showed that GenAI can improve recruitment efficiency by reducing administrative workload, supporting candidate communication and processing recruitment information. However, the findings also indicate that efficiency alone does not demonstrate improved recruitment effectiveness or better long-term recruitment outcomes.
The chapter also highlighted the importance of decision quality, candidate experience and fairness. GenAI can support recruiters by processing large amounts of information and providing recommendations, but its outputs may reproduce existing biases and create concerns relating to transparency and accountability. Human oversight therefore remains important, particularly when AI supported outputs influence candidate progression or recruitment decisions.
The discussion further established that successful adoption depends on organisational readiness. Recruiter skills, AI literacy, appropriate governance, monitoring and clear allocation of responsibility are important for managing the opportunities and risks associated with GenAI. Overall, the evidence supports the use of GenAI as a technology that can augment human recruitment activities rather than completely replace human judgement. The chapter also identified important research gaps, particularly concerning long term outcomes, recruiter capabilities and candidate perspectives. These findings provide the foundation for the implications and recommendations presented in the following chapter.





[bookmark: _Toc241150518]CHAPTER 5: IMPLICATIONS 
[bookmark: _Toc241150519]5.1 Introduction
This chapter considers the implications of the findings from the systematic literature review for theory, recruitment practice and future research. The previous chapter showed that generative artificial intelligence can improve recruitment efficiency and support recruiters with activities such as information processing, communication and candidate evaluation. However, the findings also identified concerns relating to fairness, bias, transparency, human judgement and organisational readiness. The implications of these findings therefore extend beyond the adoption of GenAI as a technological tool. This chapter translates the findings into practical and managerial considerations, considers their wider theoretical and industry significance, and identifies areas where further research is required.

[bookmark: _Toc241150520]5.2 Theoretical Implications
The findings of this systematic literature review have several implications for understanding the role of generative artificial intelligence in recruitment and talent acquisition. The evidence suggests that GenAI should not be understood only as a technological tool that automates recruitment activities. Its impact is influenced by the interaction between technology, human judgement and organisational processes. This supports a socio technical understanding of recruitment, where technological systems and human actors jointly influence recruitment outcomes.
The findings also extend the discussion of human AI collaboration in recruitment. Dutta and Naveen (2026) show that AI adoption can change recruitment routines and redistribute responsibilities between technology and HR professionals. Similarly, Al Khasawneh et al. (2025) highlight the importance of human AI collaboration in managing barriers to AI assimilation in hiring. These findings suggest that the theoretical value of GenAI lies not simply in replacing existing recruitment activities, but in changing how those activities are performed and how responsibilities are shared between recruiters and AI systems.
The review also indicates that traditional measures of recruitment effectiveness may be insufficient when evaluating GenAI. Efficiency and processing speed are important, but they need to be considered alongside fairness, candidate experience, transparency and human accountability. Mori et al. (2025) demonstrate that ethical issues relating to justice and rights are central to the study of AI in recruitment. This suggests that future theoretical approaches should consider both organisational performance and the consequences of AI use for candidates.
Overall, the findings support a broader theoretical perspective in which GenAI adoption is viewed as an organisational and human process rather than a purely technological development. The interaction between technological capability, recruiter expertise, organisational governance and candidate expectations provides a useful basis for understanding how GenAI may influence recruitment outcomes. This perspective can also guide future research towards examining not only whether GenAI is adopted, but how its use changes recruitment practices and outcomes over time.

[bookmark: _Toc241150521]5.3 Practical and Managerial Implications
The findings of this review have several implications for organisations and HR managers considering the use of GenAI in recruitment and talent acquisition. The evidence suggests that organisations should focus on how GenAI is implemented rather than simply whether it is adopted. Managers should therefore identify recruitment activities where GenAI can provide clear value while retaining human responsibility for decisions that require judgement, contextual understanding and accountability.
First, organisations should use GenAI selectively for activities where automation can reduce administrative workload. Candidate communication, information processing, job description development and initial screening are examples of activities where GenAI may support recruiters. However, the findings indicate that efficiency should not be the only measure of success. Managers should also monitor whether the use of GenAI affects candidate experience, decision quality and fairness. This would allow organisations to identify situations where efficiency gains may create wider recruitment problems.
Second, recruiters should remain involved in important recruitment decisions. The findings from Dutta and Naveen (2026) and Al Khasawneh et al. (2025) suggest that effective human AI collaboration requires recruiters to understand and evaluate AI outputs. Managers should therefore provide training that develops AI literacy alongside existing recruitment skills. Recruiters should be able to identify inaccurate information, question recommendations and recognise possible bias rather than accepting AI generated outputs without review.
Third, organisations should introduce clear governance procedures before using GenAI in recruitment. Responsibilities should be clearly defined so that recruiters and managers understand when AI can be used and when human review is required. The UK Government’s Responsible AI in Recruitment guidance also emphasises the importance of accountability, transparency, fairness and human oversight. Organisations should therefore establish procedures for testing AI systems, monitoring their performance and responding to concerns raised by candidates.
Finally, managers should consider candidate communication as part of responsible GenAI implementation. Candidates should receive appropriate information when AI is used in recruitment, particularly where it influences assessment or progression. Providing opportunities for human contact can also help maintain trust and allow candidates to raise concerns.
Overall, the practical implication is that organisations should treat GenAI as an augmentation tool rather than a complete replacement for recruitment professionals. A balanced approach can allow organisations to gain efficiency benefits while maintaining human judgement, candidate consideration and organisational accountability.
[bookmark: _Toc241150522]5.4 Policy and Industry Implications
The findings also have implications for policy makers and the wider recruitment industry. As GenAI becomes more involved in recruitment, organisations need clear expectations around transparency, accountability and fairness. The findings of this review suggest that these issues cannot be addressed only through technical controls within AI systems. They also require organisational policies that define how AI should be used and how responsibility should be maintained.
The UK Government’s Responsible AI in Recruitment guidance highlights the importance of accountability, transparency, fairness, contestability and redress when AI is used in recruitment. Organisations should therefore develop internal policies that explain when GenAI can be used, what level of human oversight is required and how candidates can raise concerns about AI supported decisions. This is particularly important where AI outputs influence candidate assessment or progression.
For the recruitment industry, greater transparency may also become important for maintaining candidate trust. Recruitment agencies and employers should communicate clearly about the role of AI in recruitment processes rather than treating its use as an entirely internal matter. Industry bodies could also support the development of common standards for responsible GenAI use, including guidance on testing, monitoring, human oversight and candidate communication.
Overall, policy and industry responses should aim to support the responsible use of GenAI while allowing organisations to benefit from its potential efficiency improvements.

[bookmark: _Toc241150523] 5.5 Research Implications and Future Research
The findings of this review identify several areas where further research is required to develop a stronger understanding of GenAI in recruitment and talent acquisition. One important issue is the limited evidence on longer term recruitment outcomes. Much of the existing research focuses on perceptions, intentions, efficiency and reported benefits rather than outcomes such as quality of hire, employee retention and organisational performance. Future studies should therefore use longitudinal approaches to examine whether the benefits associated with GenAI continue over time.
Further research should also distinguish generative AI from earlier forms of recruitment AI. Much of the existing literature considers AI in recruitment more broadly, which can make it difficult to identify the specific opportunities and risks created by GenAI. Future research should examine generative AI applications separately, particularly its use in candidate communication, content generation, candidate assessment and decision support.
The review also highlights the need for greater research into recruiter capabilities. Dutta and Naveen (2026) and Al Khasawneh et al. (2025) indicate that human AI collaboration is important to successful adoption. Future studies could therefore examine how AI literacy, training and professional experience influence recruiters’ ability to evaluate and challenge AI generated outputs.
Finally, candidate perspectives require further attention. Research should examine how candidates respond to disclosure of GenAI use, how much explanation they expect and whether opportunities for human review influence trust and perceptions of fairness. Addressing these areas would provide a more balanced understanding of GenAI by considering organisational, recruiter and candidate outcomes together.

[bookmark: _Toc241150524]5.6 Chapter Summary
This chapter considered the implications of the findings from the systematic literature review for theory, practice, policy and future research. The findings suggest that GenAI can provide efficiency benefits in recruitment, but its successful use depends on human oversight, recruiter capability, organisational governance and attention to fairness and candidate experience. The chapter therefore emphasised the need for organisations to adopt GenAI selectively and responsibly rather than relying on complete automation. It also identified the need for further research into long term recruitment outcomes, GenAI specific applications, recruiter AI literacy and candidate perspectives. These implications provide a basis for the overall conclusions of the dissertation.

[bookmark: _Toc241150525]CHAPTER 6: CONCLUSION 
[bookmark: _Toc241150526]6.1 Introduction
This dissertation examined the impact of generative artificial intelligence on recruitment and talent acquisition through a systematic review of the existing literature. The study considered how GenAI is influencing recruitment efficiency, decision making, candidate experience, fairness, human AI collaboration and organisational readiness. The findings indicate that GenAI has the potential to change how recruitment activities are performed, but its impact is not entirely positive or negative. Instead, the outcomes depend on how the technology is implemented and how it is combined with human judgement and organisational processes. This chapter brings together the main findings of the study, considers its contribution, outlines its limitations and identifies areas for future research.

[bookmark: _Toc241150527]6.2 Overall Findings and Answer to the Research Question
The systematic review indicates that generative artificial intelligence is having a significant influence on recruitment and talent acquisition, particularly by changing how recruitment tasks are performed. The findings show that GenAI can improve efficiency by supporting activities such as information processing, candidate communication, job description development and initial screening. However, the review also demonstrates that increased efficiency does not necessarily lead to better recruitment outcomes. The value created through faster processing depends on how the technology is implemented and whether the time saved allows recruiters to focus on activities requiring greater professional judgement.
The review also found that GenAI can support recruitment decision making by processing large amounts of candidate information and providing recommendations. However, concerns remain regarding bias, transparency and contextual understanding. AI generated outputs may reproduce patterns contained within data or recruitment processes, meaning that consistency of decision making should not automatically be interpreted as fairness. Human oversight therefore remains important when GenAI is used to support decisions affecting candidates.
Candidate experience was another important finding. Although GenAI may make recruitment processes faster and more accessible, candidates may have concerns about reduced human interaction, fairness and a lack of transparency. The findings therefore suggest that organisations need to consider candidate perceptions alongside operational benefits.
The review further indicates that successful GenAI adoption depends on organisational readiness. Recruiter AI literacy, training, governance, monitoring and clear allocation of responsibility are important factors in ensuring that technology is used appropriately. Human AI collaboration is therefore central to the effective use of GenAI in recruitment.
Overall, in answer to the research question, the findings indicate that GenAI can improve recruitment efficiency and support recruitment activities, but its wider impact depends on human judgement, organisational governance and responsible implementation. GenAI should therefore be viewed primarily as an augmentation and decision support technology rather than a complete replacement for human recruitment expertise.

[bookmark: _Toc241150528]6.3 Contribution of the Study
This study contributes to the developing literature on generative artificial intelligence in recruitment by bringing together evidence from different areas of research through a systematic literature review. Rather than considering GenAI only in terms of automation or efficiency, the study considered its wider effects on recruitment decision making, candidate experience, fairness, human AI collaboration and organisational readiness.
A key contribution is the identification of the need to balance technological benefits with human and organisational considerations. The review indicates that GenAI can reduce administrative workload and support recruitment activities, but these benefits do not automatically lead to improved recruitment effectiveness. Issues such as bias, transparency, candidate trust and human accountability remain important when evaluating its impact.
The study also contributes by highlighting the importance of human AI collaboration. The findings suggest that recruiters are likely to remain important as GenAI becomes more widely used, particularly for interpreting AI outputs, applying contextual judgement and maintaining accountability. This provides a more balanced understanding of GenAI adoption, recognising both its potential benefits and its limitations within recruitment and talent acquisition.

[bookmark: _Toc241150529]6.4 Limitations of the Study
This study has several limitations that should be considered when interpreting its findings. First, the conclusions are dependent on the quality and availability of the existing literature. As GenAI is a relatively recent development, the evidence base is still developing, and many studies focus on perceptions, intentions and short-term outcomes rather than longer term recruitment results. This limits the extent to which firm conclusions can be drawn about the long-term organisational impact of GenAI.
Second, the literature reviewed includes studies conducted in different organisational and national contexts. Differences in recruitment practices, regulation, organisational culture and levels of technological adoption may influence the findings. Therefore, the results should not automatically be assumed to apply equally across all organisations and countries.
Finally, the review focuses on published research available within the defined search and selection process. Relevant studies outside the selected databases, publication period or inclusion criteria may therefore not have been captured. These limitations highlight the need for continued research as GenAI adoption and the evidence base develop.
[bookmark: _Toc241150530]6.5 Recommendations for Future Research
Future research should continue to examine the longer-term impact of GenAI on recruitment and talent acquisition. Longitudinal studies could provide stronger evidence on whether efficiency improvements result in better quality of hire, employee retention and organisational performance over time. Further research should also distinguish generative AI from earlier forms of recruitment AI to identify the specific opportunities and risks associated with content generation, candidate communication and decision support.
More research is also needed on recruiter capabilities, particularly AI literacy, training and the ability to evaluate AI generated outputs. Finally, future studies should give greater attention to candidate perspectives, including perceptions of transparency, fairness and human involvement. Research across different countries, industries and organisational contexts would also help establish whether the findings of current research apply consistently across different recruitment environments.

[bookmark: _Toc241150531]6.6 Chapter Summary
This chapter concluded the dissertation by bringing together the main findings of the systematic literature review. The study found that GenAI can improve recruitment efficiency and support recruiters, but its wider impact depends on human judgement, organisational readiness, fairness and responsible implementation. The study contributes to the developing understanding of GenAI by highlighting the importance of human AI collaboration rather than complete automation. The limitations and future research recommendations also recognise that the evidence base is still developing as GenAI continues to change recruitment practices.
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