Practicing In-Text Citation and Reference List Using IEEE Style
Sentiment analysis, or opinion mining, is the computational technique for extracting and evaluating subjective information from text. It classifies ideas, sentiments, and attitudes into specific categories, including positive, negative, and neutral. The proliferation of internet platforms has produced huge user evaluations, particularly evident on sites such as IMDb and Amazon, offering substantial datasets for sentiment analysis study [1, 3, and 5].
Initial research in sentiment analysis primarily utilised conventional machine learning techniques, such as Support Vector Machines (SVM) and Naïve Bayes classifiers. These algorithms were often selected for their resilience and simplicity of implementation. Significantly, SVMs exhibited enhanced accuracy in preliminary benchmark evaluations, frequently above 80% accuracy. The initial techniques established the foundation for sentiment analysis by creating benchmarks and recognising the intricacies of natural language processing [1 and 2].
The advent of deep learning profoundly transformed the course of sentiment analysis research. Techniques like Convolutional Neural Networks (CNN) and Recurrent Neural Networks (RNN) enhanced capacities by adeptly capturing the semantic and syntactic subtleties in textual input. Convolutional Neural Networks (CNNs), originally designed for image processing, demonstrated notable proficiency in managing short texts, including product reviews and succinct film criticism, owing to their capacity to discern patterns and contextually pertinent elements. Likewise, RNNs, especially more sophisticated variations such as Long Short-Term Memory (LSTM) and Gated Recurrent Units (GRU), excelled in handling sequential data, effectively modelling the complex word relationships essential for sentiment analysis [3 and 4].
A notable advancement in recent research is the implementation of transformer-based models, such as Bidirectional Encoder Representations from Transformers (BERT), which have enhanced sentiment categorisation efficacy. Transformer models utilise self-attention mechanisms to effectively analyse context and preserve relevance in extended texts, attaining superior accuracy in sentiment classification tasks on datasets like IMDb and Amazon reviews [4 and 5].
In addition to algorithmic methods, preprocessing procedures are essential for the efficacy of sentiment analysis. Techniques like stop-word elimination, stemming, and lemmatisation substantially affect model efficacy. Efficient preprocessing diminishes data noise, hence improving model accuracy. Research indicates that a balance is essential, as excessively stringent preprocessing may unintentionally eliminate significant contextual information, hence adversely affecting sentiment analysis results [1 and 2].
Sentiment analysis of IMDb and Amazon reviews illustrates the progression of computational methodologies from rudimentary classifiers to sophisticated neural networks, underscoring the dynamic and ever-advancing landscape of natural language processing research [5].
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