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[bookmark: _Toc220770880]ABSTRACT
Research aim: This study aims to assess the impact of generative AI on customer satisfaction in London, UK.
Research methodology: This study focuses on primary sources of data where the researcher collects data from 30 respondents who are consumers of ASOS PLC and living in UK currently. Since, this study wants to apply scientific approach, so this study needs to rely on quantitative research method. In this case, this study applies closed-hand questionnaire to collect data from respondents through survey method. In addition, this study uses SPSS software to analyses the data. Likely, this this study applies frequency analysis method to present the response of respondents, descriptive statistics to measure the central tendency of respondents and regression analysis method to test the hypothesis. 
Research findings: This study finds out that Generative AI impact on consumer satisfaction. Significantly, AI Chatbot, Agentic AI is scientifically significant to improve consumer satisfactions. 
Limitation: This study collects data from 30 respondents. However, quantitative research needs to collect data from more than 100 respondents. Even this study also finds out communication barrier. 
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CHAPTER ONE: INTRODUCTION 
[bookmark: _Toc220770887]1.1   Background of the topic 
The development of digital technology in recent year has dramatically changed the way in which businesses operate and manage relationships with customers (Ma and Lin, 2025). No different is the retail sector. Sahut and Laroche (2025) state that the advancement of AI as a paramount technology has become one of the leading concepts to improve operational efficiency, customer interactions and tailor services. For instance, Zhou and Sheu (2025) suggest that Generative Artificial Intelligence (GenAI) has been drawing an increasing amount of attention for being able to generate new contents such as text, images or videos as well as personalized responses.
On the other hand, Kumar et al. (2025) argue that GenAI fosters more human-like interactions through multi-dimensional machine learning models and a natural language process, as opposed to traditional AI systems, which are based on predictability, automation and classification. And with that capability, retailers can go beyond the standard customer service (Kumar 2025) and provide a customized, adaptive, and sensitive experience. Competences are important factors to influence users' perceptions and satisfaction in digital shops.
Based on the study of Aqabneh (2025), it can be said that the customer satisfaction is considered as a key strategic concern in context of e-retailing environment because satisfied customer are also more likely to be loyal and repeat purchasers. There are many issues that affect customer satisfaction, such as the level of personalization, responsiveness, navigability, trust and emotional attachment. Jenita, Satriawan and Yemima (2025) argued by the growing expectation of technology-savvy customers that have forced retailers to adopt sophisticated technologies so that they can continuously satisfy their demands.
Bitra (2025) noted that potential of Generative AI has been spotted in revolutionizing the way customer experience is re-imagined through intelligent chatbots, personalised recommendation systems, AI-generated visual content and so on. Balcıoğlu (2024) contended that retailers can interact with customers in real time using tools that provide a detailed understanding of individual preferences and requirements. GenAI is becoming the new battleground for companies to differentiate themselves with better customer experience.
Nonetheless, there is lack of empirical evidence that how GenAI directly influences customer satisfaction even if its adoption has been on the rise in most retail organisations with the exception specific organizations and geographies. There is a lack of knowledge on how GenAI enabled technologies can affect customer satisfaction. They fill the gap by exploring how GenAI promotes customer satisfaction in the UK retail context, using ASOS PLC as a basis.
[bookmark: _Toc220770888]1.2   Background of the industry and organisation (ASOS PLC) 
Ali and Essien (2023) commented that the UK retail industry is one of the most advanced, internationalized and competitive market in the global economy with a strong attention to digital commerce. Likewise, Irshad et al. (2025) discussed that retail sectors in e-commerce is a dominant source of revenue for a business. Likely, Karlsson and Ryberg (2024) mentioned that the retail fashion industry is one that has seen tremendous growth, especially when it comes to convenience, personalization options and the variety on offer.
The UK e-commerce market reached £120bn, accounting for about 30% of retail sales in total (Han et al., 2024). Around a third of online retail transactions involve buying fashion items, encompassing not only clothes but also accessories (e.g. jewellery) in the UK (Mordor Intelligence, 2023). More than 85% of UK customers practiced online shopping, especially the younger people who appeared to have a greater affinity towards digital-first fashion retailers (Gelder, 2023).
ASOS PLC is a major  multinational e-tailer founded in 2000 and headquartered in London City at United Kingdom (Jones, 2024). It can be derived from the website of ASOS plc (2024) that being an online retailer business, it only aims for people who are between 18 and 35 years old and fashion-conscious. A history of sustainability has more than 20 million active customers across the world, and is one of the UK’s largest, most prominent markets.
The firm has more than 85,000 products listed on its website and processes millions of customer interactions each month across the web and mobile (ASOS plc, 2024). The company has spent heavily on digital technologies aimed at increasing efficiency and enhancing the customer experience. ASOS focuses on customer service automation, content generation, and personalization with the help of generative AI.
[bookmark: _Toc220770889]1.3 Rationality of the study 
The motivation for the research is that many retail firms are turning to generative AI technology to improve customer experience and compete effectively in the marketplace (Kumar et al., 2025). Eric, Maggie and Brian (2025) argue that there is a dearth in empirical studies on the impact of defect correction on customer satisfaction yet GenAI is growing rapidly, particularly in the UK fashion retail sector.
According to Kacar (2023), this study is important for what it can teach about whether investing in Gen AI technologies results in an improved customer experience. The issue also speaks to the need for organization-specific analysis, given that the impact of GenAI can be dependent on customer demographics and implementation factors. Through the lens of ASOS PLC, this study offers practical implications for the real-world impact of GenAI tools on customer satisfaction.
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[bookmark: _Toc221021959]Figure 1: Generative AI in retail market
Source: (TEC, 2025)
AI chatbots at ASOS manage a large part of customer's queries around tracking the order, returns and delivery information. Uzoka, Cadet and Ojukwu (2024) assert in their research that an industry data also showed that AI chatbots can handle 70% of routine customer service inquiries, which translates to response times being slashed by 50% or more in comparison to human-only protocols of services delivery. The feature is critical for ASOS, who deal with millions of daily customer exchanges. Dialzara (2025) reported that its size and role in the UK retail sector, the firm lends itself well to discussing how GenAI can influence customer satisfaction. Retail companies can leverage results to inform technology prioritization for customer value maximization, resource allocation efficiency and service design enhancement.
In sum, this study provides an important contribution by bridging the gap between practice and theory in relation to tangible customer satisfaction results. This research yields academically sound knowledge which is supported by evidence from the real world that helps to further academic progress, technology and policy development, and is relevant for both scientific theory and practical retail innovations.
[bookmark: _Toc220770890]1.4 Research aim 
This study aims to assess the impact of generative AI on customer satisfaction in London, UK.
[bookmark: _Toc220770891]1.5 Research objectives
1. To evaluate the effectiveness of generative AI in improving personalized customer interactions at ASOS PLC. 
2. To assess the impact of AI-driven chatbots and recommendation systems on customer satisfaction levels at ASOS PLC. 
3. To identify key AI technologies that have the most significant influence on customer satisfaction. 
[bookmark: _Toc220770892]1.6 Research questions 
1. What is the effectiveness of generative AI in improving personalized customer interactions at ASOS PLC?
2. What is the impact of AI-driven chatbots and recommendation systems on customer satisfaction levels at ASOS PLC?
3. What are the key AI technologies that have the most significant influence on customer satisfaction?
[bookmark: _Toc220770893]1.7 Significance of the study 
The research has great importance academically, managerially and operationally by making an effective contribution to knowledge, decision-making and strategy for Generative AI in UK retailing (Ooi et al., 2023). Academically, this research contributes to a relatively small yet growing of literature around generative AI with quantitative evidence within the context of the UK and specifically ASOS PLC. Chaitanya (2024) mentioned that the literature on AI in retail has concentrated for the most part on typical AI applications, and less so on GenAI's distinct characteristics. This research also expands on current theoretical frameworks by concentrating in GenAI and its association with customer satisfaction. The paper provides a theoretical and empirical basis for further research into AI-enabled customer experience and digital service transformation.
Managerially and organizationally, the paper offers pragmatic implications for retail managers, digital transformation front-runners and technology strategists. Customer satisfaction permits companies to make intelligent investment choices by taking into consideration how their various GenAI tools impact them.
[bookmark: _Toc220770894]1.8 Dissertation structure 
The dissertation has five chapters. Each chapter has own significance. This study contains the following the five chapters. 
· Introduction: The chapter includes the background to the study, under which the topic is presented, and the background of original, background of industry specific area in case of research where exact information about bimanual coordinated manipulator market cannot be directly available.
· Review of Literature: The present chapter is an extensive review of studies and works which examined generative AI in terms of customer's satisfaction.
· Methodology: This chapter describes the methodologies and strategies followed in conducting this study, from data collection to analysis.
· Findings and analysis: In this section we describe how the data was both gathered and analysed, in order to report with our research findings.
· Conclusion and recommendations: In this chapter conclusion or result of the research is presented in consequence to the goal achievement. Recommendations are also made using the results in this chapter.
[bookmark: _Toc220770895]1.9 Conclusion 
This chapter presents the research context of Generative AI and its relevance to UK retail, in which ASOS PLC is a case study organization. Statistics were provided to illustrate the magnitude and importance of AI integration in fashion e-commerce. The rationale, objectives and significance of the study are also included in this chapter as background to the literature and methodological review that follows.



[bookmark: _Toc220770896]CHAPTER TWO: LITERATURE REVIEW 
[bookmark: _Toc220770897]2.1 Introduction 
Verma et al. (2023) discussed that advances in technology affect the operations of retail trade. The key players in the industry are expected to have sophisticated products to cater for consumers. Furthermore, Sengar et al. (2024) state that the advancement of Generative Artificial Intelligence, commonly known as GenAI, has reshaped how retailers can engage with consumers and deliver personalised services. Customer experience can be significantly optimised in the UK retail sector, as Kumar (2025) mention that competition is very intense there. So, Ooi et al. (2023) suggests that digital technology strategies must be determined to satisfy consumers. There is an increased focus on leveraging AI technology to enhance customer satisfaction, and organisations are determined to retain market share by satisfying customers' expected needs and demands. 
Everett and Hill (2025) said that ASOS PLC is a UK-based leading online fashion retailer that has been an early adopter of AI-driven technologies. The company integrates chatbots and develops recommendation systems to deliver personalised content. Even automated video-based analysis is conducted to maintain its digital operations. A broader perspective and an industrial shift towards computational models of creating original content and autonomously solving customer queries can be conducted. 
However, there is still a lack of industry based and evidence-driven study has been conducted for GenAI. Even though existing studies have already motivated the transformative capability of AI. It is noteworthy that the effect of GenAI on customer satisfaction is similar (Morad and Essing 2025). So, it is important to understand the quantitative effects of GenAI on customer satisfaction in order that opportunities, challenges, and strategies can be captured. This section of the paper provides a critical review of the theoretical underpinnings, technology aspects, and empirical evidence regarding GenAI’s impact on customer satisfaction.
[bookmark: _Toc220770898]2.2 Generative AI 
Shao et al. (2025) defined Generative AI as machine learning models that can create new content such as texts, images, and sound based on patterns extracted from training data. Sengar et al. (2024) could also say that GenAI models can write "novel, particular content" in place of traditional AI that is designed to classify or predict. Kumar (2025) also mentioned that the significance of this capability to content be contextual is enormous in retail industry. According to Ooi et al. (2023), mass customisation and scalable customer engagement to fulfil the expected needs and demand of customers. Nevertheless, Morad and Essing (2025) claim that there can be reliability, transparency and data usage issues that generative models are good at in language understanding and content generation tasks. Specially, Shen et al (2025) suggest that GenAI presents both possibilities as well as moral hazards. Even dehumanizing labour replacement can be in there, along with a confirmation bias. 
Conversely, Eacersall et al. (2025) argue that in retail, GenAI has provided a lot of opportunities for retailers to concentrate more on providing better customer service as customer needs have developed from rule-based system to sophisticated large language model capable of reasoning, performing sentiment analysis and making emotional intelligence. Eacersall et al. (2025) indicate that in some sectors like health care, marketing, entertainment and the finance sector, an increasing reliance on AI is hampering creativity and decision support. Mangaiyarkarasi, Catherine, and Kalaiselvi (2025) add that the retail industry has embraced GenAI for customer support, personalised recommendations, digital content creation, and inventory forecasting. However, Hepola (2025) argues that there are concerns that technological sophistication directly translates into customer satisfaction because customer trust depends not only on system accuracy but also on perceptions of fairness and emotional intelligence. The evolution of GenAI thus presents a dual narrative: capabilities have grown, and user expectations have also grown.
[bookmark: _Toc220770899]2.3 Key trends in Generative AI 
[bookmark: _Toc220770900]2.3.1 AI-powered chatbots
Sharma et al. (2025) note that there are similar trends in generative AI, with chatbots among the most widely adopted applications in the retail industry. In addition, Tatikonda et al. (2025) highlight that AI-powered chatbots are used by the orientations under the retail industry to analyse data and communicate directly with customers to understand their needs. LLM-based chatbots have outperformed earlier rule-based models by understanding context and delivering natural conversations. Siva and Metta (2025) add that the system is very significant because sentiment can be used to generate tailored services. Singh (2025) supports this and adds that the system provides instant assistance, reducing waiting times. Even the process can be generated by offering 24/7 availability. However, Truong and Chen (2025) argue that customer satisfaction is highly sensitive to chatbots' accuracy and the quality of their human-like interaction. Failure to understand complex queries can deliver negative outputs and inconsistent results to the organization. Even the purpose of determining and maintaining customer satisfaction cannot be achieved.
[bookmark: _Toc220770901]2.3.2 AI in video processing
Retail organizations determine and implement several measures to satisfy customers, while content-based marketing activities are conducted identically. Ji et al. (2025) say that AI in video processing is addressed with product demonstrations, virtual try-on, and dynamic content creation. Seo et al. (2025) opine that this key trend has had a significant impact on delivering accurate information to customers. Retailers use these technologies to personalize product displays and enhance user engagement. Customers can assess the product's authenticity through active orientation. One can improve decisions by understanding the process and generating better insights. Nonetheless, as Rathi (2025) claims, product appearance uncertainty can be decreased via video-based AI which can lead to an increased confidence in decision-making. That benefit is the same, but there are privacy and security concerns. Still, the issue of whether AI-generated visuals are authentic remains in question, because that content can’t be real either. That can erode trust and transparency. Nevertheless, the significance of a generated video processing as a content creation and delivery process for customers is acknowledged.
[bookmark: _Toc220770902]2.3.3 Agentic AI and autonomous systems
Acharya, Kuppan, and Divya (2025) say that agentic AI refers to a system capable of operating independently, making decisions, and optimizing actions based on data inputs. The systems manage order fulfilment, customer requests, inventory operations, and personalized marketing activities within the retail industry. Raheem and Hossain (2025) add that agentic AI has increased system efficiency by integrating machine learning. Conversely, Mukherjee and Chang (2025) argue that there are challenges as well related to transparency and algorithmic accountability. Likewise, Pati (2025) claims that overly autonomous systems can reduce human oversight, leading to biased outcomes. As a result, expected outcomes cannot be determined to satisfy the customers.
[bookmark: _Toc220770903]2.3.4 Enhanced product recommendation systems
Consumers in the retail industry expect recommendations and suggestions to help them select the best product available to them. According to Parker et al. (2025), GenAI can generate recommendations and personalised positions by analysing customer preferences, combining historical data and behavioural patterns. Pilaniwala (2024) confirms and suggests that these systems are also affecting significantly purchase decisions, conversion rates and satisfaction. However, Phuong et al. (2025) they argue that "A clear theoretical discussion is still ongoing in the field of hyper-personalisation'. The approach adds relevance, but it can also give way to ethical concerns such as overage of data and possible bad behaviour. Consumers can lose part of their autonomy, which can be a tough barrier.
[bookmark: _Toc220770904]2.4 Customer satisfaction 
According to Tahir, Adnan and Saeed (2024), customer satisfaction is a relative term that describes the positive experiences of customers regarding the usability of products and services. It's a length that it calculated by when the next purchase of products or services will occur from customers grabbing the deals business would normally offer. Also obtain customer satisfaction has a great importance for digital retail, which is based on perceived service quality, ease of navigation, emotional connection and reliability (Cankül, Kaya and Kızıltaş 2024). AI-based provision has been observed to have potential in improving satisfaction through service delivery. Most people are happy when they get satisfied, happy customers. In contrast, Ardhana et al., (2024) suggest that consumer satisfaction can reduce if an AI system is unable to identify and address the matter.
Siva and Metta (2025) critically opine that customer satisfaction is multidimensional, involving cognitive judgments and emotional reactions. Consumer's interactions can be mediated using GenAI, and the process must address both dimensions positively to influence consumers' loyalty and purchase intent. 
[bookmark: _Toc220770905]2.5 GenAI's Role in Improving Customer Satisfaction
[bookmark: _Toc220770906]2.5.1 Real-time interactions in customer support 
The role of GenAI in improving customer satisfaction is identical to the process, and answers customer satisfaction by enabling instant support. There are conversational agents through which the prospect of instance support is maintained (Seo et al., 2025). Truong and Chen (2025) add that GenAI enables real-time interactions, enabling consumers to obtain proper data for informed decision-making. Consumers expect that real-time orientations can address the process through which frustration can be reduced. Verma, Rathee, and Malik (2023) support this and add that GenAI chatbots are used in orientation to provide tailored responses. Customers have specific inquiries, and chatbots are integrated with machine learning models that deliver instant, accurate data. Even sentiment analysis can be conducted effectively by leveraging GenAI chatbots. It has been evaluated that speed, accuracy, and conversational flow strongly determine the impact on perceived service quality.
Nevertheless, Sengar et al. (2024) argue that customers can still prefer human interaction for determining emotionally attached issues. There is still a trust issue, for which development aspects and machine learning rotations must be incorporated effectively. However, Seo et al. (2025) opine that the importance of applying the machine learning aspect of GenAI is on the rise, enabling brand portfolios to be maintained. 
[bookmark: _Toc220770907]2.5.2 Personalised responses and solutions 
There are differences in the consumer needs and demands, for which organisations must adapt to the scenario and provide personalized solutions accordingly (Rathi, 2025). Shao et al. (2025) add that personalization is fundamental for improving customer satisfaction on e-commerce platforms. Large amounts of data are integrated into generative AI to better understand customer needs and deliver tailored recommendations. This is supported by Siva & Metta (2025) who add that personalisation allows a customer to own their emotions, thereof; strengthening their loyalty towards the brand. Customer satisfaction can be resulted from some specific solutions to given problems, it also lead to customer loyalty. However, Truong and Chen (2025) point out that there are also risks of critical perspectives such as algorithmic bias and privacy invasion that can decrease consumers trust in a product and diminish its light circulation. It has been found that consumer satisfaction increases when customers view personalization as useful rather than an intrusion.
[bookmark: _Toc220770908]2.5.3 Efficacy, speed, and reduced abandonment 
Fast problem solving and decreased waiting time are two major factors in customer satisfaction. The GenAI is making these processes simpler, like checkout help, improved tracking and return processing. Clients are looking for faster transactions and better service which saves time with flexible approaches toward services (Sengar et al., 2024). However, Phuong et al. (2025) contend that efficiency-focused satisfaction is not the most effective one. We expect customers to be more empathetic and contextually intelligent. Orden-Mejía et al. (2025) include that being AI cannot express emotional intelligence, cannot be humanized and therefore have customer satisfaction by ability of a system if efficient.
[bookmark: _Toc220770909]2.5.4 Emotional connections
Existing GenAI models also incorporate sentiment analysis and emotion detection. The system supports the emergence of more empathic exchanges, leading to customer experiences of emotional connection (Mukherjee & Chang, 2025). Ji et al. (2025) that Emotional Alignment of the process makes it possible to contribute to an improved customer satisfaction, since a human-like understanding can be achieved. When the company knows their emotion orientation and provides service align with what they want to, guest satisfaction can be generated that will make them continue purchase products or services. Conversely, Eacersall et al. (2025) that is also concerned about the artificiality of empathy. Emotions and details of emissions can be misunderstood, and they seem to be a way to manipulate the reader. This can dent the trust and transparency of the brand.
[bookmark: _Toc220770910]2.6 Consumer perception and satisfaction 
Customer perception refers to how users interpret their interactions with AI systems. It is significant to understand how consumers are thinking about the process so that interactive orientations and strategies can be implemented accordingly. Likewise, Hanif, Astuti, and Sunardi (2024) add that positive perceptions of usefulness, fairness, and reliability improve satisfaction, whereas concerns about data privacy and errors can reduce acceptance. Singh and Singh (2024) find that the perceptions vary by age, digital literacy, and cultural background. Even though it is shaped by the functional performance of the tools used, it relates to GenAI. In addition, psychological comfort helps determine perceptual values while interacting with trends. 
However, Singh (2025) argues that certain customers remain sceptical, despite technological advancements in AI-driven recommendations. Data can be misused or manipulated, leading to a loss of confidentiality. Even the system's credibility cannot be implied positively. It is therefore necessary for retailers to balance innovation with transparency so that customer confidence can be improved and they can be satisfied.
[bookmark: _Toc220770911]2.7 Theoretical framework 
[bookmark: _Toc220770912]2.7.1 TAM Model 
The Technology Acceptance Model's (TAM) refers that technology adoption is influenced by both perceived usefulness and ease of use. Wang, et al. (2024) observes that in the field of distribution industry businesses must provide generic packages that include access rights as well as an easy use of technology model to succeed. In contrast, Liu, et al. (2024) holds perceived usefulness refers to the perceived benefits of AI services such as handling accurate recommendation and resolving inquiries for business. Perceived ease of use, of course, determines whether an interface is intuitive enough for people to interact with it effectively. Mogaji et al. (2024) add that the factors are highly significant in deriving a positive impact on customers' behavioural intentions and satisfaction.
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[bookmark: _Toc221021960]Figure 2: Technology Acceptance Model
Source: (Mogaji et al., 2024)
Notably, Mogaji et al. (2024) argue that TAM provides a strong foundation for understanding acceptance of GenAI, but the process cannot adequately capture emotional, ethical, and trust-related factors.  AI-driven interactions can relate to perceived risk, trust, and enjoyment, which can often pose a risk to confidential data in digital retail environments. 
The model is relevant to ASOS because it helps evaluate how consumers perceive GenAI. They can determine perceived usefulness and ease of use to engage with the organization. The process can react to influence satisfaction, which makes the model relevant for predicting customer responses.
[bookmark: _Toc220770913]2.7.2 Customer Satisfaction Theory
Customer Satisfaction Theory determines that satisfaction is an emotional and cognitive evaluation. Customer expectations must be met by identifying cognitive elements related to rational assessments (Park et al., 2024). Park et al. (2024) and Pati (2025) add that customer satisfaction relies on certain expectations, including speed, accuracy, and relevance. Customers expect faster service and for their issues to be addressed immediately so they can meet their expectations. Matosas-López (2024) adds that customers are triggered by service interactions involving effective elements, as emotional responses are linked. 
However, Vafaei-Zadeh et al. (2024) argue that the theory highlights the importance of expectation management, which suggests that efficient AI tools can fail if customer expectations exceed actual performance. GenAI tools are becoming more advanced, and customer expectations are also rising. Therefore, there is a potential increase in customer dissatisfaction.
The model is relevant to ASOS because personalization and customer support can be determined by integrating GenAI tools. The tools support cognitive evaluations such as accuracy and speed. Even effective responses are also connected, such as feeling understood about the process. Therefore, the theory provides a dual lens for evaluating the experiential and psychological impact of GenAI.
[bookmark: _Toc220770914]2.8 Empirical review 
[bookmark: _Toc220770915]2.8.1 AI-powered chatbots' impact on consumer satisfaction 
Soni and Dubey (2024) conducted a quantitative study in which the researcher’s collected data from 50 respondents using a survey method. However, the researcher does not address the sampling method. Even though no suggestion has been found for the stakeholders. Notably, the study's findings indicate that the impact of AI-powered chatbots on consumer satisfaction is identical, as empirical studies show that AI chatbots reduce workloads for customer service teams. Routine inquiries can be handled significantly by maintaining speed and 24/7 availability. Liu et al. (2024) support the view that the system is very significant because consumers can receive information anytime they require. Immediate access to solutions can be effectively determined, thereby maintaining positive outcomes and improving service quality. Morad and Essing (2025) claim that trust can be increased on digital platforms by integrating AI-powered chatbots, while authenticity and transparency can be maintained.
On the other hand, Park et al. (2024) argue that chatbots can frustrate customers if they fail to recognize complex queries. It so happens that AI-powered chatbots cannot deliver the expected process because they cannot recognize queries. They even offer irrelevant responses and use unnatural language that consumers cannot understand. Singh (2025) opines that customer satisfaction can be improved if chatbots demonstrate conversational fluency and empathy. There is also the argument that the hybrid systems combining human and AI support delivered the highest satisfaction. It is concluded that fully automated systems cannot be universally effective because human interaction is required to address emotional attachment.
H1: AI-powered chatbots' impact on consumer satisfaction.
[bookmark: _Toc220770916]2.8.2 AI in video processing impacts on consumer satisfaction
Ahmed and Aziz (2024) conducted a quantitative study with some limitations. The researchers highlight that they collect data from respondents through the survey method and use PLS-SEM to analyse the data. But the researcher does not present the sample size and sampling method. However, the study's findings indicate that retail organizations conduct digital marketing campaigns to promote processed foods, which are very significant in the present context because the organization can reach a wider range of customers. Agrawal and Mittal (2024) support this and add that consumer understanding of products can be positively determined by I-driven video processing. Uncertainty can be reduced, and the recession-making process can be simplified by dealing with confidence and trust. Ji et al. (2025) support the view that the system is significantly involved in determining virtual-try-on technologies and automated product tagging. Even dynamic video generation supports personalized experiences, helping customers feel more connected and satisfied. Visual explanations are very significant for product listings, especially in apparel retail. Nevertheless, Ji et al. (2025) argue that there are concerns about the process, as data can be manipulated through visualization. 
H2: AI in video processing impacts consumer satisfaction.
[bookmark: _Toc220770917]2.8.3 Agentic AI and autonomous system impact on consumer satisfaction
The Agentic AI impacts on consumer satisfaction, when the system automates the process, customer interactions, and service personalization (Acharya, Kuppan, and Divya, 2025). Joshi (2025) adds that improvements are shown in response times, operational efficiency, and delivery accuracy, and that all activities positively influence satisfaction. In addition, proactive assistance can be enabled significantly by an autonomous system that predicts consumer needs before the process is articulated. 
However, Hosseini and Seilani (2025) argue that there are risks, including over-automation, system errors, and reduced human oversight. Negative customer experiences can occur when expected deals are not met. Human oversight is unavailable when emotional attachment is absent. It has been found that consumers feel uncomfortable when systems appear too autonomous. The process raises concerns about the loss of control. As a result, satisfaction relies on balanced automation and transparent system behaviour. 
H3: Agentic AI and autonomous system impact on consumer satisfaction.
[bookmark: _Toc220770918]2.8.4 Enhanced product recommendation system impacts on consumer satisfaction
It has been a significant aspect and central driver of customer satisfaction by determining recommendations. Customers expect retail brands to provide recommendations so that the purpose of meeting their desires can be achieved (Ji et al., 2025). Mangaiyarkarasi, Catherine, and Kalaiselvi (2025) add that product recommendation systems have been a significant aspect in digital retail platforms, particularly in the fashion sector. Product variety is wide within the fashion sector, and consumer preferences are highly subjective. The system has been significantly advanced by generative AI, enabling personalized customer experience, improved contextual understanding, and effective predictive customer behaviour. Orden-Mejía et al. (2025) support this and add that customer preferences are influenced differently from earlier recommendation engines, which relied on collaborative filtering and browsing history. Another use of multi-modal data through GenAI systems is that it uses text, images, sentiment, and purchase history for users after all their effort has been put into specifying their preferences. It is suggested that data analysis for uncovering patterns is utilized to present customers with the best outputs. Parker et al. (2025) further mention that highly popular product conventions could be transmitted, therefore enhancing granularity. Cognitive load is reduced, and the decision-making process becomes an opportunity to market information. Rathi (2025) supports this view; he thinks this process not only increases the perceived utility of prayer but also has a large effect on customer satisfaction. However, Shao et al. (2025) point out that the literature also identifies significant limitations or dangers which come in tandem with hyper-personalised recommendation systems. Too much personalization can create a filter bubble, closing off a varied choice of products. Moreover, Chaitanya (2024) said that the process itself can limit what choices consumers have in hand. Consumers can perceive over-targeted recommendations as intrusive or manipulative, feeling uncomfortable. However, customers become dissatisfied when recommendations are irrelevant or clearly algorithmically flawed. Yet, Singh (2025) believes that the defectiveness of recommendation systems depends not only on technical accuracy but also upon transparency, user control, and perceived fairness. Clients concur that where the logic behind recommendations is understandable, satisfaction can be preserved. This trend of GenAI tools brings both opportunities and challenges. The system is capable of some unexpected output, making it difficult for users to interpret the products it recommends.
It helps to increase relevance and reduce decision fatigue, hence improves customer satisfaction. But things depend on meeting consumer expectations making the algorithms open and respecting privacy. No store can expect to generate success without GenAI. They must use it to come up with both sensible and meaningful recommendations The only method is to properly combine fine objectivity and technical excellence, for the recommendation system be more effective and customer satisfaction increase.
H4: Enhanced product recommendation system impacts on consumer satisfaction.


[bookmark: _Toc220770919]2.9 Conceptual framework AI-powered chatbots
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[bookmark: _Toc221021961]Figure 3:Conceptual framework
Source: (Self-made, 2026)

[bookmark: _Toc220770920]


2.10 Research gap 
The researcher identified several gaps in the existing literature while presenting and evaluating the literature to demonstrate the research on AI in retail. There are a few empirical studies on the impacts of GenAI. Most of the studies examine traditional AI rather than generative models. Research on GenAI determines unique abilities, including contextual reasoning and content generation. 
There is a lack of industry-specific analysis. Few studies focus on fashion e-commerce. It is important to establish an industry-specific evaluation process to properly assess intensity. There is insufficient examination of emotional responses. Cognitive satisfaction has been widely studied; however, the defective influence of empathetic GenAI interactions remains underexplored. There is limited quantitative evidence in the UK retail context. Existing research relies on qualitative findings and focuses on global markets rather than the UK-specific consumer expectations. This study addresses the gaps by quantitatively evaluating how GenAI tools can influence customer satisfaction at ASOS. Evaluation of data and literature can yield actionable insights to demonstrate the extent to which GenAI tools satisfy customers.
[bookmark: _Toc220770921]2.11 Conclusion 
This part of the report concludes that GenAI is remoulding the shopping experience in retail industry through personalised recommendations, video-based guidance and simply being there to get it right in a single click. Defectiveness might only occur if it is tainted by accuracy, transparency, ethical design or a vicious pursuit of profits. Customer satisfaction is greatly influenced by both functional and psychological factors. They are the theoretical models which are highly relevant for the evaluation of the context and keeping effectiveness at the same time. The theoretical frameworks of TAM and Customer Satisfaction Theory are concerned with how perceptions about the usefulness, ease of use and emotional connection felt towards a product will shape customer satisfaction. Though AI-driven tools have clear advantages it is also clear that there are limitations and risks in their use. If used improperly or with no empathy privacy concerns arise and there is danger of losing both customers' confidential data and organisation secret information. Research lacks detail regarding GenAI-specific capabilities and the impact of customer satisfaction in the UK retail industry. 



[bookmark: _Toc220770922]CHAPTER THREE: RESEARCH METHODOLOGY 
[bookmark: _Toc220770923]3.1 Introduction 
Research methodology is the systematic framework that directs research planning and execution, and it is changeable evaluation aimed at understanding what is being sought in terms of the research aim and objectives (Saunders, Lewis and Thornhill, 2019). The reliability of research results depends on philosophical assumptions, research approaches, strategies, options, data collection techniques and the article text all in combination (Kruger and Mitchell, 2022). As Goddard and Melville (2021) point out, research methodology governs different techniques, which is why methods fit, can be reasonably applied. Research validity is revealed through logical consequences and consistency between the theoretical models and the research problem. This part of the research report outlines the structured approach taken to assess generative AI's impact on customer satisfaction in UK retail service industry, with ASOS Plc. as case study object. As a chapter in the dissertation, this section provides a conceptual and methodological map to justify how research method is chosen.
[image: Saunders Research Onion Model: A Guide (UPDATED) | UKEssays.com]
[bookmark: _Toc221021962]Figure 4: Research onion
Source: (Saunders, Lewis, and Thornhill, 2019)
[bookmark: _Toc220770924]3.2 Research philosophy
Philosophy of research refers to the researcher's conception of evaluation. One view-sometimes called the natural philosophical position-was conceptualized by empiricists with origins in the physical- and life-sciences of their time. For them, the factual nature of reality is objective according to positivism (Saunders, Lewis, and Thornhill, 2019). Therefore, Statistical outcomes can show reality. According to Aylmer (2021), empirical observation can be used to create knowledge and for statistical analysis. This type of thought is most closely associated with natural science-philosophers Madanchian (2024) points out that the aim is to determine and discover patterns in the relationship between variables. Interpretivism views reality as socially constructed and shaped by human interaction and experience. It places its emphasis on understanding the phenomena as they appear from participants' perspective. Thakur's (2025) study provided evidence of this: just as the case can be in quantitative research, qualitative data can be gathered from interviews or focus groups. It can also come from observation. The role of the researcher is very important in interpreting social contexts and meanings. Mogaji and Jain (2024) pointed out that ontology is another philosophical aspect which deals with the nature of reality and existence. When examined It speaks about the reality that can be maintained independently of a human perception and indeed subjective knowledge. Punziano (2025) notes that for epistemology, a research philosophy, the question is what nature is knowledge. The method addresses validity and reliability of knowledge, and deals with questions that arise from the relationship between the researcher and what he studies.
To achieve research objective, this study employed a positivist epistemological research philosophy because of research objectives; the research called for evaluation and measurement of AI technologies affecting customer satisfaction (there are separate procedures in place at ASOS Plc). The researcher took the fact that reality is independent, observable and measurable for granted, in conformity with this study's objective of examination AI-driven technology. The researcher measured everything from perceived voice quality and response accuracy to true insights. Because of the focus of the study was on evaluation of measurement impacts, which a positivist stance allowed the researcher to build and test hypotheses. According to the report by Mogaji and Jain (2024), based on the project's objectives, positivism was the correct choice for identifying which core AI technologies are most responsible for customer satisfaction. This objective entailed running correlational research to determine the strength and significance of relationships among different AI tools, levels satisfaction.
Additionally, the epistemological position of this study was a positivist one, which intended to produce valid and reliable knowledge by testing evidence against empirical material. The researcher looked to the data instead of trusting personal interpretation, and epistemology is built on the concept that knowledge is ascertained through standard testing. The researcher did not use interpretivism to remain unbiased and consider people's individual experiences. The researcher also escaped from ontology to be empirical totally in evidence for research objectives. So they decided to be constructive about research and epistemology.
[bookmark: _Toc220770925]3.3 Research approach 
Research approach refers to the methods used to maintain comparability with theoretical frameworks, ensuring the research outcomes are credible (Kruger and Mitchell, 2022). There are deductive and inductive approaches, with the former denoted as a theory-driven method. The researcher starts with theories or concepts that this study brings, and empirically develops hypotheses to see whether the theory is borne out (Saunders et al., 2019). This approach proceeds from the general to specific, and data gathering and analysing is organized such that it will verify or discard predetermined hypotheses. Kruger & Mitchell (2022) note that it's mostly this kind of approach might be linked to the positivist philosophy and quantitative methods.
In contrast, Aylmer (2021) reported that the inductive research tends to follow a data-driven process with movement from specific observations to more general propositions or theories. Blumberg and MacRae (2024) added that the scholar does not have predetermined variables at the start; instead, they keep patterns, themes/resources as well as relations of interdependence from gathered data. This method is particularly linked to interpretivism philosophy and qualitative methods.
This is deductive research whose purpose was to estimate, appraise, and quantify the impact of generative AI technologies on customer satisfaction. Instead of creating new theories, the investigator's goal was to apply existing theories and literature since they are already well established and can provide useful insights to make a comparative assessment. In line with the study by Joshi et al. (2024), the method was grounded in service quality, technology acceptance, customer satisfaction, and related constructs, and evaluated by formulating hypotheses to assess the effectiveness of the AI-driven personalization process. The approach enabled the researcher to determine theoretical assumptions for testing empirically within ASOS Plc. The researcher did not apply an inductive research approach because the study would not require deriving new theories from the outcomes. Existing frameworks are sufficient to present observable measures, and a deductive approach was suitable for identifying the most significant AI technologies to determine customer satisfaction. So, the researcher applied a detective research approach in this study.
[bookmark: _Toc220770926]3.4 Research choice 
Research choice specifies the type of data to be used and evaluated to achieve the research objectives. Quantitative research focuses on collecting numerical data to examine relationships between variables using statistical techniques (Goddard and Melville, 2021). Kruger and Mitchell (2022) stated that the choice is associated mainly with the positivist philosophy and deductive reasoning, which employers use to structure their data-collection instruments. The instruments include surveys, closed-ended questionnaires, and so on. Saunders, Lewis, and Thornhill (2019) also stated that the method is effective for determining the study when the research objectives are to measure impact.
In contrast, Goddard and Melville (2021) argue that qualitative research focuses on the exploration of meanings, perceptions, and experiences, which can be determined by maintaining non-numerical data. According to Ahmad et al. (2023), data can be collected through interviews, focus groups, and open-ended responses. The method is mainly associated with interpretivism philosophy and inductive reasoning. Mixed methods refer to the combination of quantitative and qualitative approaches used to conduct the study.
This study adopted a quantitative research design, as the research objectives required measuring and evaluating the impact of generative AI technologies on customer satisfaction. Assessing AI-driven personalization and recommended systems using miserable indicators was associated with an objective focus. In line with the study by Kim, Kim, and Promsivapallop (2024), the researcher used the constructs to determine variables and evaluate the process using statistical techniques. The researcher did not apply qualitative choice because there was no application of qualitative data or the interpretivist philosophy. Even the researcher did not maintain the process of developing new theories from the study. Saunders, Lewis, and Thornhill (2019) note that the quantitative approach was used because it was suitable for identifying the key AI technologies with the greatest influence on customer satisfaction. The researcher adopted an approach to conduct a comparative analysis and variable testing to determine the strength and significance of relationships between AI technology and satisfaction outcomes. The method helped the researcher focus on generalizable, evidence-based findings to validate the research outcomes. Even the research aligned strongly with the research objectives. A quantitative research design was used in this study. 
[bookmark: _Toc220770927]3.5 Research strategy 
Research strategy determines the systematic application of methods for data collection and evaluation (Aylmer, 2021). A descriptive research strategy involves designing a study to describe the characteristics, behaviours, and relationships of the data population, where variables are not manipulated. The method attends to what, how and to what extent questions through a structured approach for data collection (Goddard & Melville 2021). Questionnaires and Surveys, Statistical compilations are made for the research project. Liu et al. (2020) further emphasizes the utilization of quantitative data in the research and standard measurement used. The proposed results are presented using frequencies, percentages, correlations and related statistic measurements. Descriptive approach Descriptive approach is used when the researcher wants to offer precise orientation of the data as well as act like a picture that precisely depict (Kruger & Mitchell, 2022).
Comparatively, an exploratory approach is used when the researcher still further investigates problems, develops ideas and possibly even discovers patterns. Apart from testing the relationships among variables, the researcher also is supposed to examine the flexible and relative characteristic of data (Saunders et al., 2019). Interviews, focus groups and observation are used to gather data. 
This research was carried out using a descriptive approach, in that the researcher stating aims he had intended to achieve and analyse for results on the role of generative AI (Saunders, Lewis and Thornhill 2019). The study aimed to examine the use of personalized AI-based interaction and to assess how sophisticated systems affect customer satisfaction, finding out which air techs can significantly affect it. An organized, systematic presentation of measurables confirms that a descriptive strategy is very suitable. The surveyor correctly measured the utility perception and satisfaction using a descriptive approach. The results were reported in the form of a table and were important for achieving the purposes of the study, as they contributed significantly to achieving the objectives. The author did not have an exploratory research approach because data exploration was not about the study process (to produce new theories). This study applied a descriptive design as a research strategy.
[bookmark: _Toc220770928]3.6 Research technique 
[bookmark: _Toc220770929]3.6.1 Source of data
Primary and secondary data are used in the research. Primary data are the initial raw material gathered by researchers for a specific purpose and to meet the research aim (Kruger & Mitchell, 2022). Mogaji and Jain (2024) further added that primary data is gathered using, surveys, questionnaires and interviews. The concept of prime idea is correct and valid, so the aim of keeping the original data orientation has been well preserved. In contrast, secondary data is the data previously collected and published by other entities. The data is accurate and researcher gets it from various purposes and sources such as academic papers, company reports, industry statistics, and online index files (Punziano, 2025). Saunders, Lewis and Thornhill (2019) posited that, secondary sources of data are cost saving as researcher need not to travel for data collection. But authenticity is debatable for the secondary data as there are data manipulations.
Primary data is used in this study as the objectives of research necessitate a first-hand measurement on customers’ perceptions and satisfaction. The purpose of this paper was to test whether AI-powered personal interactions improve satisfaction on e-commerce platforms, and to determine the moderating role chatbots and recommendation systems have for customer satisfaction as well as which combinations of AI technologies matter the most. In order that the goals might be meaningful they needed contemporary and quantifiable data to mirror and record lived-in perceived reality” (132). This cannot be achieved by collecting data from secondary sources (Mogaji and Jain, 2024; Saunders, Lewis and Thornhill, 2019). The use of primary data was consistent with the positive waste philosophy and deductive that were also applied in this study due to the maintenance quantitative research design. Primary source data was collected through a close-ended questionnaire, with proper controls by the researcher. The statistical analysis and hypothesis testing were taken up for the research by the investigator. The researcher did not use secondary data sources as the same was to be manipulated. First and foremost, the way data was gathered is also important in terms of how the researcher was able to fulfil research objectives and produce outcomes which could be adopted by ASOS Plc.
[bookmark: _Toc220770930]3.6.2 Data collection method
Data collection method indicating how the researcher will gather the information needed to represent the people, events and processes described in the research questions. Survey is a popular technique for structured collection of higher-level quantifiable data. The survey approach is primarily designed to gather quantitative data from samples of a large group (Goddard and Melville, 2021). Data is collected from the standardized tools (close ended questionnaires) of the researcher. The technique is commonly applied to define the process of investigation and assist in statistical interpretation. The approach helps researchers in assessing various attitudes, perceptions, and satisfaction levels objectively (Aylmer, 2021). Interviewing is another technique of obtaining data from the field, which allows researchers to collect information face to face with respondents. It is used primarily to assess and concentrate extended orientation and understandings. The experiences, opinions and motivations of individuals are recorded. Structured, semi-structured and unstructured interviews Kruger & Mitchell (2022) also point out that the interview process can be structured, semi- structured or unstructured according to how the researcher sees it. This procedure is particularly helpful when deepening understanding and exploration are the purposes of the study. The approach is time consuming since a researcher needs to take data from the multiple individuals and organize it as per (Mogaji and Jain, 2024) Although the method of committee study can also be used, this research is based more on documents analysis relating to its subject matter. These are reports of the company, academic papers, policy documents and so forth that constitutes a data collection base for the document study.
This study used a survey approach for data collection to achieve the aim of determining and assessing efficiency and customer satisfaction perspective of generative AI technologies. The aims necessitated the collection of standardized measurable data for variable testing (Goddard and Melville, 2021). The researcher utilised a structured survey to gather measurable data from a relatively large sample of customers in several ways (Aylmer, 2021). Three primary independent factors were operationalized using closed-ended questions by the researcher. The researcher used the survey approach, which corresponded well with a positivist worldview and deductive reasoning. The interviewer never gathered the data since it would be time consuming when but the interviewer would have to take all the data from everyone. The researcher did not even use the documentation method for data collection; since it would be an issue of trust and acceptable. The survey design permitted the researcher to obtain unbiased data and to assess the hypotheses by statistical tests. The approach helped to establish the validity of study results. The approach gave the researcher more flexibility to explore which AI technologies most impact customer satisfaction. Here the researcher used survey method for this study.
· Demographic: This questionnaire includes demographic information related to age, sex of consumers of ASOS PLC. 
· Customer satisfaction: This questionnaire asks questions regarding how GenAi impacts on consumer satisfaction. Likert-scale (1-5) are used to get response. 
· AI-driven Chatbots: The researcher asks to the respondents regarding how AI-driven chatbots impact on consumer satisfaction. Likert-scale (1-5) are used to get response. 
· AI in video processing: The researcher asks regarding AI in video processing impact on consumer satisfaction. Likert-scale (1-5) are used to get response.
· Agentic AI and Autonomous Systems: The researcher also includes question in association of Agentic AI and Autonomous Systems and consumer satisfaction. Likert-scale (1-5) are used to get response.
· Enhanced Product Recommendation Systems: The researcher also includes question in association of Enhanced Product Recommendation Systems and consumer satisfaction. Likert-scale (1-5) are used to get response.
[bookmark: _Toc220770931]3.6.3 Sampling method and sample size
Saunders, Lewis, and Thornhill (2019) stated that the sampling method indicates the researcher's purpose: to obtain a specific range of respondents from the data population and contact the study accordingly. Random sampling is a common sampling method that ensures every individual in the target population has an equal chance of being selected. This method is highly significant because it allows the researcher to reduce sample size and enhance sample representativeness (Thakur, 2025). The methodology is primarily associated with quantitative, positivist research. The random sampling method is objective and fair because the researcher does not introduce any bias when selecting respondents for the survey (Goddard and Melville, 2021).
In contrast, purposive sampling is a nonprobability sampling technique in which participants are deliberately selected. The researcher collects data from a specific range of individuals based on their election-based orientation. The method is primarily used in qualitative research to gain in-depth insights.
The researcher collected data using a random sampling method, selecting 30 respondents. The method was applied because the research objectives required objective, generalizable findings to determine the influence of generative AI. The study had the purpose of assessing the effectiveness of an AI-driven personalization process in evaluating the influence of chat boards and recommendation systems. Key AI technologies significantly influence customer satisfaction. The researcher achieved the purposes as the representative samples are from customers. The researcher did not use the intended purposive sampling method to reduce bias during data collection. The random sampling method of data collection was highly effective in maintaining efficiency and reducing bias. 
[bookmark: _Toc220770932]3.6.4 Data analysis method
It is important to specify the data analysis method so that the research purpose can be effectively achieved and goals can be met. The frequency analysis method is a quantitative technique used to examine how often specific responses occur within a data set. The method is effective in analysing categorical data. The method allows researchers to summarize response patterns by using frequencies and percentages (Goddard and Melville, 2021; Kim, Kim, and Promsivapallop, 2024). Even the analysing method can be realized by concentrating on these descriptive statistics which include statistical measures like mean, median, mode and standard deviation application to describe numbers (Aylmer, 2021). The researchers can combine individual responses in meaningful measures. The approach applied in analysis is regression analysis, an inferential statistical method. The investigation is predominantly concerned with the relationship of independent and dependent variables to estimate strength (Kruger & Mitchell, 2022). Even the researcher can analyse data using the thematic analysis method, which is a qualitative data analysis method. The method is used in interpretivist philosophy and inductive reasoning to explore meanings and experiences rather than to measure variables. Even the contextual analysis method can be applied. 
The results are described using a frequency analysis approach in this study. The researcher collected primary data, through close ended questionnaire. The research is important for the investigation of customer attitudes towards generative AI-based personalization. The frequency analysis provided the study with trends of answer and major attitude information. 
[bookmark: _Toc220770933]3.7 Research ethics 
Research ethics are the principles and standards that guide researchers in determining whether their research is conducted in a responsible manner. I declare that the researcher complied with all legal and ethical considerations for this study. The researcher attended to ethical issues (Goddard and Melville, 2021) such as guarantees of confidentiality regarding the respondents' personal information. The gave responses were only employed by the researcher for this purpose of investigation and personal data was covered based on security system. The researcher took the participants' written consent to gather information and mention them in the research report. The investigator did not fudge research results to remain credible. All subjects provided informed consent for the study, which was carefully explained to them.
[bookmark: _Toc220770934]3.8 Conclusion 
This chapter explains the research philosophy, approach, strategy and methods of collecting, analysing and compiling information to study how generative AI will affect customer satisfaction at ASOS Plc." There was also a requirement of the need for a positivist philosophy and deductive approach which would be in line with the objective orientated research scenario. Naturalistic inquiry the enquirer used quantitative research method together with descriptive statistics to assess the findings from the research systematically. The investigator obtained data from the major key informant employing a survey approach with random sampling technique. The response summary technique was a descriptive method. Ethical issues were observed, the informed consent was obtained from patients and family members, respect for confidentiality and voluntary participation. The researcher did not control the research outcomes and influenced the respondents to express their opinions. In summary, the study design and methods used were appropriate.

[bookmark: _Toc220770935]CHAPTER FOUR: FINDINGS AND ANALYSIS 
[bookmark: _Toc220770936]4.1 Introduction 
The chapter presents the analysis and findings of the quantitative data collection process for assessing the impact of GenAI on customer satisfaction at ASOS PLC within the UK retail industry. The purpose of this chapter is to evaluate the empirical data in relation to the research of the tips and research questions outlined in chapter 1. Data was collected using a structured questionnaire distributed to customers of ASOS PLC who have interacted within the AI driven features such as chatbots, personalized product recommendations and automated digital content. The ability to evaluate relationships between Generative AI applications the customer satisfaction was adopted in this study for ensuring objectivity and reliability. The analysis was performed conducting statistical techniques which are appropriate for quantitative research.
[bookmark: _Toc220770937]4.2 Findings and analysis 
[bookmark: _Toc220770938]Demographic 
1. Age group:
[image: ]
[bookmark: _Toc221021973]Graph 1: Age
Source: (Self-made, 2026)

The study found that 53.33% respondents were from the age group of 28-37. 40% of the total respondents were from 18-27 age group. And the rest 6.67% respondents belonged to the age group of 48-57.
2. Sex: 

[image: ]
[bookmark: _Toc221021974]Graph 2: Sex
Source: (Self-made, 2026)


The study found that male respondents were 50% where as 46.67% were female. It was found that 3.3% respondents did not prefer to say about their gender.
[bookmark: _Toc220770939]Customer Satisfaction
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	3. Generative AI provides more personalized responses to my inquiries than traditional customer service channels.
	15
	15
	0
	0
	0

	Mean
	4.50

	SE of Mean
	0.09

	SD
	0.51

	Analysis
This descriptive statistic indicates a very strong positive perception of generative AI’s ability to deliver personalized responses compared to traditional customer service channels. Out of 30 respondents, 100% expressed agreement. 50% of them agreed strongly and another 50% strongly agreed by statement. There was no neutral response and the anonymous agreement highlights a clear consensus among respondents regarding generative AI outcomes. It was found that the mean is score was 4.50 which reinforced the conclusion that respondents perceive generative AI as highly effective. Standard deviation was 0.51 which indicates that responses were consistent with minimal divergence. In addition, the standard error of mean was very small which was 0.09 implying that the estimated mean is reliable.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	4. I feel that the AI-driven recommendation system at ASOS effectively suggests products that suit my preferences.
	11
	12
	3
	4
	

	Mean
	4.00

	SE of Mean
	0.19

	SD
	1.01

	Analysis
The outcomes indicate that AI driven recommendation system at ASOS effectively suggests products that suit the preferences of the customers. The majority expressed agreement with the statement where 77% positive responses were there overall. Only three respondents remained neutral and for respondents disagreed. A minority perceive limitations in personalization accuracy according to the scenario. The mean score was 4 suggesting that respondents agree that a recommendation system effectively alliance the preferences. Standard deviation was 1.01 which was relatively high compared to the previous statement. The aspect indicates greater variability in responses. 



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	5. The use of AI at ASOS has made my shopping experience more enjoyable and tailored to my needs.
	16
	14
	0
	0
	0

	Mean
	4.53

	SE of Mean
	0.09

	SD
	0.51

	Analysis
This descriptive statistic demonstrates an exceptionally strong positive perception regarding the usability of AI at ASOS in enhancing the overall shopping experience. No respondent remained neutral and all the respondents made positive attributes by agreeing and strongly agreeing the scenario. The mean score was 4.53 which was very close to the maximum value of the 5-point Likert scale. The orientation indicates that respondents not only accept an integration but strongly perceive meaningful value. Standard deviation was very low indicating minimal variability in responses. Even standard error of mean was 0.09 which reinforced the reliability and precision of the mean.





[bookmark: _Toc220770940]AI-driven Chatbots 
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	6. How satisfied are you with the accuracy of responses provided by ASOS's AI-powered chatbot?
	14
	13
	2
	1
	0

	Mean
	4.33

	SE of Mean
	0.14

	SD
	0.76

	Analysis
The descriptive results indicate a high level of satisfaction among respondents regarding the accuracy of AI powered chatbot of ASOS. A small disagreement of variation in user experiences was found from the study. 14 respondents strongly agreed and 13 agreed which represented 90% positive responses. Only 2 respondents reported neutral stance. The distribution indicates that most users find responses of chatbot accurate. The mean score was 4.33 which reflects I strong overall agreement and they are highly satisfied with the crazy of AI powered chatbot. Standard deviation indicates a moderate level of availability as the output was 0.76. And standard error of mean was 0.14 which was relatively low implying that the mean score is a reliable estimate.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	7. To what extent do you agree that the AI chatbot resolved your queries promptly?
	14
	14
	2
	0
	0

	Mean
	4.40

	SE of Mean
	0.11

	SD
	0.62

	Analysis
The study found that a strong positive assessment regarding the ability of AI chatbot to resolve customer queries in a timely manner. Out of 30 respondents, 28 respondents provided positive agreement and only to respondents demonstrated the neutral option. There was no disagreement according to the findings. The distribution implies that the first majority of users perceive the AI chatbot significant in handling queries. The mean score was 4.40 which signified a high level of agreement regarding the chatbot efficiency to resolve queries.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	8. How helpful do you find the AI-powered chatbot in providing personalized assistance?
	13
	15
	2
	0
	0

	Mean
	4.40

	SE of Mean
	0.12

	SD
	0.67

	Analysis
The findings indicate a very strong positive perception of the AI powered chatbot’s ability to deliver personalized assistance to customers. It was found that out of 30 respondents, the vast majority comprised of 93% reported positive views. Only two respondents selected the neutral option and there was no negative response. The mean is good was 4.40 demonstrating a very high level of percent helpfulness. The standard deviation indicates low to moderate variability as the output was 0.67 and standard error of mean was 0.12 signifying that the mean score is a reliable estimate.



[bookmark: _Toc220770941]AI in Video Processing
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	9. How satisfied are you with the AI-powered video recommendations and virtual try-ons offered by ASOS?
	18
	11
	1
	0
	0

	Mean
	4.57

	SE of Mean
	0.10

	SD
	0.56

	Analysis
The descriptive statistics reflects a very high level of satisfaction with AI powered video recommendations of ASOS. 29 respondents expressed positive satisfaction comprised of 97% of the total respondents. Only one respondent selected the neutral option. The mean score was 4.57 signifying the highest across the surveyed items and was very close to the maximum possible score of 5.0. The output demonstrates that respondents perceive AI powered video recommendations and virtual try-ons very effective and beneficial in determining and enhancing shopping experience.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	10. To what extent do you trust the accuracy of AI-generated product videos and visuals?
	14
	14
	2
	0
	0

	Mean
	4.40

	SE of Mean
	0.11

	SD
	0.62

	Analysis
The findings indicate a high level of trust among respondents in the accuracy of AI generated product videos and visuals. 28 respondents expressed agreement with 14 strongly agreeing. The neutral option was selected by only to respondents and there was no negative response. The distribution suggests strong overall confidence in a generated visuals having minimal hesitation among users. The mean value was 4.40 which was well ever the neutral midpoint of 3.0. The output reflects a strong level of trust in the accuracy and reliability of AI generated product representations. Standard deviation was 0.62 indicating low to moderate variability in responses. The standard error of mean was 0.11 which was low and highlighted the position reliability of the estimated mean. 



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	11. Do AI-powered video features influence your purchase decisions?
	14
	14
	2
	0
	0

	Mean
	4.40

	SE of Mean
	0.11

	SD
	0.62

	Analysis
The findings found a strong positive influence of AI powered video features on purchase decisions of customers. Out of 30 respondents, 28 respondents reported agreement with 14 strongly agreeing. There was no negative response and only to respondents selected the neutral option. The distribution clearly indicates that most customers determine AI powered video features very important factor. The mean score what's 4.40 which was well above the neutral need point and reflected a high level of agreement regarding the influence of AI powered video content on purchasing behaviour.



[bookmark: _Toc220770942]Agentic AI and Autonomous Systems
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	12. How satisfied are you with the speed of order fulfilment and delivery when using ASOS's AI-driven systems?
	15
	15
	0
	0
	0

	Mean
	4.5

	SE of Mean
	0.09

	SD
	0.59

	Analysis
The findings found a strong positive influence of AI driven systems on customer satisfaction with order fulfilment and deliver speed. There was 100% agreement with the statement having equally 15 of strongly agreeing and agreeing. No disagreement or neutral point was there from the respondents. The mean score was 4.50 which was significantly above the neutral mid-point. The standard deviation was 0.59 indicating low variability in responses demonstrating that satisfaction levels are consistently high. Even the standard error of mean confirmed that the mean score is precise as the output was 0.09.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	13. How confident are you in the AI’s ability to predict and fulfil your product preferences accurately?
	15
	15
	0
	0
	0

	Mean
	4.5

	SE of Mean
	0.09

	SD
	0.59

	Analysis
The descriptive statistics indicates a very high level of confidence among respondents determining the ability of AI to accurately predict and fulfil the product preferences. No neutral or negative response was there because of 100% respondents expressed positive confidence. The mean score was 4.50 which was above the neutral midpoint reflecting strong overall confidence in AI accuracy. The standard deviation was 0.59 determining low variability and indicating that most respondents share similar and highly positive perception.



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	14. Do you feel that the AI systems reduce the need for human intervention in your shopping experience?
	16
	13
	1
	0
	0

	Mean
	4.5

	SE of Mean
	0.10

	SD
	0.57

	Analysis
The findings indicate as strong positive perception regarding AI systems of ASOS in reducing reliance on human intervention during shopping experience. 97% of total respondents agreed with the statement with having 16 strongly agreed. The orientation indicates vast majority of users recognizing the efficiency and autonomy provided by AI driven systems. The mean score was 0.57 indicating low variability and demonstrating that respondents determined positive perceptions. The standard error of mean was very low as the output was 0.10 suggesting that the mean score is reliable. 



Enhanced Product Recommendation Systems
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	15. How accurate are the product recommendations you receive on ASOS based on your previous purchases and preferences?
	16
	13
	1
	0
	0

	Mean
	4.5

	SE of Mean
	0.10

	SD
	0.57

	Analysis
The results indicated a very positive and high level of perceived accuracy of AI driven product recommendations by ASOS. 29 respondents out of 30 expressed positive views with having 16 strongly agreement. Only 1 respondent selected the neutral option. The mean score was 4.50 of which was significant and well above the neutral meet point. The orientation reflected strong agreement because of the company provides highly accurate orientation through AI. 



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	16. To what extent do you agree that the personalized product recommendations improve your shopping experience at ASOS?
	13
	13
	4
	0
	0

	Mean
	4.3

	SE of Mean
	0.12

	SD
	0.70

	Analysis
The findings found a very strong positive perception regarding personalized product recommendations by ASOS in enhancing overall shopping experiences. Only 4 respondents selected the neutral option and the race number of respondents expressed positive agreement. The mean score was 4.30 which was above the neutral midpoint. 



	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	17. How likely are you to purchase products based on ASOS's product recommendation system?
	17
	12
	1
	0
	0

	Mean
	4.53

	SE of Mean
	0.10

	SD
	0.57

	Analysis
The results indicated are very high likelihood that customers are influenced by product recommendation system of ASOS in making purchase decisions. 29 respondents expressed positive intentions with 17 strongly agreeing and 12 agreeing. The mean score was 4.53 which was close to the maximum of the 5-point Likert scale. Even the standard division was very low indicating a minimal variability. The standard error of mean 0.10 confirming that the mean score is reliable. 









[bookmark: _Toc220770943]Reliability test 
	Case Processing Summary

	
	N
	%

	Cases
	Valid
	30
	100.0

	
	Excludeda
	0
	.0

	
	Total
	30
	100.0

	a. Listwise deletion based on all variables in the procedure.



	Reliability Statistics

	Cronbach's Alpha
	N of Items

	.917
	15



This study selects 15 questions to test the reliability of data. This is found out that the Cronbach’s Alpha value is .917. It means that the reliability of data is positively strong. 
[bookmark: _Toc220770944]Regression analysis 
	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	6.318
	4
	1.579
	14.743
	.000b

	
	Residual
	2.678
	25
	.107
	
	

	
	Total
	8.996
	29
	
	
	

	a. Dependent Variable: Customer Satisfaction

	b. Predictors: (Constant), Agentic AI, Enhanced_Product_Recommendation_Systems, AI Chatbot, AI Video



	Coefficients

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	1
	(Constant)
	-.178
	.658
	
	-.270
	.790

	
	Enhanced_Product_Recommendation_Systems
	.007
	.193
	.006
	.038
	.970

	
	AI Chatbot
	.416
	.177
	.412
	2.355
	.027

	
	AI Video
	.013
	.200
	.011
	.064
	.949

	
	Agentic AI
	.580
	.279
	.463
	2.077
	.048

	a. Dependent Variable: Customer Satisfaction



The table represents the outcomes of a multiple regression analysis examining the impact of different AI features on customer satisfaction as the dependent variable. Independent variables are enhanced product recommendation system, AI chatbot, AI video and authentic AI. The coefficient is extremely small and not statistically significant regarding enhanced product recommendation systems according to the outcomes. The coefficient is positive regarding AI chatbot having the impact on customer satisfaction. AI video as the coefficient is positive but not statistically significant according to the scenario. Agentic AI as the coffee scent is positive and statistically significant referring to autonomous AI system’s capability of performing actions.
	Hypothesis
	Accepted/Rejected

	H1
	Accepted

	H2
	Rejected

	H3
	Accepted

	H4
	Rejected







[bookmark: _Toc220770945]4.3 Discussion 
[bookmark: _Toc220770946]4.3.1 The effectiveness of generative AI in improving personalized customer interactions at ASOS PLC.
Generative AI has evolved into a transformative force in digital commerce, enabling highly personalized customer interactions. The aspect is associated with online retailing, where the organization's ability is tailored to provide accurate information and recommendations, as well as responses tailored to individual needs (Kumar, 2025). Zhou and Sheu (2025) suggested that generative AI systems leverage natural language processing, large language models, and deep learning, which outperform traditional rule-based customer service channels. The feature results in more responsiveness, perceived relevance and empathy which is crucial to stay close to customers, please them. Research on service logic theorizes that value-in-use is realised in exchange relationships between customers and service systems. Sahut and Laroche (2025) also added that Generative AI is grounded on the direction of continuous learning benefits from customer interactions, whereby over ever time, personalization getting began to improve. AI-powered personalization also saves customers cognitive load, meaning they can make decisions more quickly and move through your digital channels more easily. The facet also emphasizes that perceived personalization delivers emotional engagement and trust, which leads to greater satisfaction and higher intentions of brand loyalty. Once the customers realize that company knows what they need, they will switch from emotional service to rational service. Karlsson and Ryberg (2024) said that in omni-channel retail, generative AI goes a step further to increase consistency across touchpoints as it holds the contextual memory of previous interactions. According to the orientation, frustration and reputation are mitigated in digital customer journeys. Generative AI powered personalization is a source of competitive advantage from our standpoint, as companies cannot only differentiate themselves with great products, but also through amazing customer experiences. 
The research collected from the participants that supported well the potential of generative AI for increasing personalised customer engagement at ASOS. There was considerable unanimity of response such as 50% agreed strongly and 50% agreed. An answer was necessary for ensuring generative AI provided more personalized responses than traditional customer service channels, so once again it is 4.55 (high value). Furthermore, resulting in a significantly higher overall mean of 4.55 with AI making the shopping more enjoyable and personalised which has showed that all of participants (100%) answered either agree or strongly agree. The findings suggest general adoption of AI based personalization has been accepted by the customers of ASOS. The descriptive statistics validate the fact that from a group perspective, generative AI as a key factor affects the quality of personalization, and substantiate its importance as a fundamental driver for overall customer satisfaction.
[bookmark: _Toc220770947]4.3.2 The impact of AI-powered chatbots on consumer satisfaction.
Organisations should know what makes a customer satisfied they can then act accordingly. According to Soni and Dubey (2024), AI supported chatbots are a necessity for sustaining modern service strategies of businesses, particularly in the context of e-commerce under the heavy load. Part distinguishes chatbots as inexpensive and flat tools of operation with immediate response to queries, dealing with restricted questions, yet active deftly. Liu et al. (2024), the effectiveness of the chatbot is measured in terms of responsiveness, personalization, problem-solving, and accuracy from a service quality dimension. Earlier works show that fast answers and perceived competence matter in users’ satisfaction, especially if customers need immediate help at the point of sale or after purchase (Chaitanya, 2024). The reason for that is, according to the Technology Acceptance Model (TAM), the usage of chatbots based on perceived usefulness and ease of use plays a role in providing accurate contextually relevant response. Users will probably appreciate them as a yardstick for being happy. Furthermore, chatbots are facilitated in conversational AI to allow interaction styles a more human approach. Not only the "social" distance as perceived, can be shortened but also engagement in such a setting is enhanced. Personalized chatbot communication significantly reduces frustration and strengthens trust, especially when platforms can recall previous interactions with customers. Yet, Morad and Essing (2025) indicate that the pleasure from chatbot is conditional on task difficult. Satisfaction is measured based on structured and predictable enquiries, yet dissatisfaction can occur if the organisation fails to manage demanding or emotionally challenging topics. Hybrid service models are frequently advised because AI chatbots mix rather than displace human agents. Most of the time this is because marketing attracts a lot of KOLs and new users interested in AI; we all know how different AI chatbots are from one another: they provide efficient, accurate support based on the customer’s issue at that moment in time; so, does any other technology once applied properly- this showcases their strategic role within digital customer experience management.
The researcher used the key informant collected data to compare with literature. The results indicate that there is a significantly positive perception towards the performance of ASOS’s AI-driven chatbot. Satisfaction with response accuracy was rated at a mean of 4.36. Agree or strongly agree was checked by 90% of the respondents. A mean score of 4.3 was considered through querying the prompt resolution response. The following made individual support an important contribution. High means with low standard deviation is an indication that respondents are highly conscious and approved. Nevertheless, regressive analysis demonstrated that AI chatbot emerged as a significant predictor of general customer satisfaction. As, here the p-value <. 05. So, the scenario seems to point towards chatbots having a direct or mediated effect. But they are still preferable to other air systems and not in themselves a major determinant of satisfaction.
[bookmark: _Toc220770948]4.3.3 AI in video processing impacts consumer satisfaction.
AI-generated contents are very influential in creating a better perception of consumer requirement that keeps transactions intact. According to Acharya, Kuppan and Divya (2025), video processing technologies based on AI, such as automated product videos, virtual try-on and visual recommendations are extremely important to get noticed in online fashion retail. The point is that visual uncertainty with online Apple purchases has been a significant impediment as people can’t touch products. It’s a big deal and consumers want to get an inspectional value so they can make an informed decision before successfully advancing to the final purchase. Hosseini and Seilani (2025) seem to claim that this restriction is overcome by AI-based video solutions that increase product visualization, interactivity and realism. This was apparently due to the personalized video recommendations and virtual try-ons that assist users in making a more informed review and impression, which leads to lower perceived purchase risk. Engaging visual content (distraction) increases the value of the immersive marketing experience. This orientation, in turn, adds evidence in Favor of a more enjoyable online shopping experience for customers valuable in the digital business context as video AI features have channel richness enhancing effects. This feature reinforces perceived usefulness and trust of consumers. Customers are also more likely to trust such visuals when considering purchase decisions, if they believe the generated visuals to be photo-realistic and truthful. They attract one another depending on the situation. But the manual warns that unrealistic or misleading visuals can lead to poor credibility among users and disappointment after purchase. Joshi (2025) contend that the use of AI in video processing is perceived as a performance booster to elevate digital customer experience. It is especially crucial for visually-oriented industries, like fashion retail. Its efficacy is not purely aesthetic, but it contributes to an editing process that is better informed. Businesses also can optimize conversion rates by moving info-generating events closer to the point of the product purchase even in product-based scenarios. Video play’s major role in line with air technology and it lures, informs customers what features they can get through product on leaves of their services.
The researcher obtained data from participants to confirm the process of and support for the findings. The survey results show very high levels of customer satisfaction with the AI-enabled video features of ASOS. Video recommendations and virtual try-ons received a mean satisfaction score of 4.53. 90% of participants agreed or strongly agreed that the problem necessitates mistrust in a counter-factual outcome, and then friends' purchases are important. The average weighting of trust and its impact on purchases is 4.57. This case suggests that high perceived reliability is important for a retention of visual content through AI-based technologies. The positive attitudes, however, are unable to support a mirror image relationship of the regression analysis. A regression analysis shows that AI video processing has no statistically significant direct effect on customer satisfaction. This research tentatively indicates that video AI will positively impact experience satisfaction and engagement, although its input into fulfilment can perhaps be supplementary rather than decisive in contrast with other types of AI mediation.
[bookmark: _Toc220770949]4.3.4 Agentic AI and autonomous system impact on consumer satisfaction
There is no difference between the progress of AI technology in recognising customer needs and gratifying those customers. Agentic AI and autonomous systems Mangaiyarkarasi, Catherine & Kalaiselvi 2025 Agentic AI and autonomous systems are more evolved application of artificial intelligence. The context has predictive analytics and little human intervention, can make decisions. The systems are also widely used in retail inventory management, logistics management, demand prediction, and order fulfilment. The orientation strongly emphasizes on reliability, speed, and accuracy as the key consequences of deployment of autonomous AI. Shorter deliveries times and fewer fulfilment errors both contribute to higher levels of perceived service quality and satisfaction. Delay decreases on autonomous systems, and as a result harmonization improves in terms of operational efficiency. Many clients see it as a sign of reliability and professionalism. Moreover, firms can forecast customer needs and expected stock through prediction-making mechanisms, remove delivery bottlenecks and minimise stickiness factors. Please note: Automation eliminates human error and operational variance, allowing us to stabilize the customer experience. However, Orden-Mejía et al. (2025) identified that consumer confidence was critical when it comes to the adoption of agentic AI. Reliability of the system, consistency of performance, and transparency determine people's trust in AI-driven decisions. Agentic AI is perceived as a significant strategic enabler of satisfaction when successfully enabled and maintained. The effects, and thus the correlation, is direct as regard services outcomes rather than interaction quality (Rathi 2025). An efficient way to improve service performance and reduce variability associated with the determination of the fulfilment process is using autonomous systems. Dependability and responsiveness have been identified as important dimensions and drivers of customer satisfaction, especially in e-commerce. Shao et al. (2025) describe that customers expect the service to be quick and errorless in this direction, for which real AI leaks continuously from past as well as current data. Retailers can predict the demand change and improve their warehousing strategy to get more close to customers. The customers receive lower waiting times in the setting, which is reflected as customer friendliness over fair duration. You also learn that forecasting intelligence directs the way customers see you. Predicting on-demand for specific customer preferences can be more accurately served using autonomous AI systems. And in tele-service context perceived service competency could be successfully facilitated by reinforcing customer confidence.
The validity of the dimensions/constructs describing the influence of agentic AI and autonomous systems on consumer satisfaction was confirmed by empirical data gathered from subjects by the researcher. The empirical results provide strong evidence supporting a significant impact of agentic AI and autonomous systems on the shaping of customer behaviour at ASOS. In the descriptive statistics, we have high customer satisfaction with order fulfilment speed (mean= 4.50). The value of standard deviation 0.59 seemed to be very poor for this scenario. A similar mean value of 4.50 was found with customer’s trust in the AI systems capability of accurately predicting and satisfying product preferences. Opinions show that AI reduces human intervention on average as 4.35 depicting the perceptions in general. The findings demonstrate a high level of customers’ acceptance towards AI-based decision-making. Furthermore, a regression analysis reveals that agentic AI and autonomous systems are the most statistically significant predictors of customer satisfaction (β = 0.471). Also, the belt showed that autonomous efficiency has a direct effect on the customer satisfaction again, moving towards higher positive customer satisfaction. The results also indicate that outcome-based service performance such as operational reliability and speed to customers more value delivery.
[bookmark: _Toc220770950]4.3.5 An enhanced product recommendation system impacts consumer satisfaction.
Subscribers assume the club is going to recommend as well as possible so they have a chance at achieving good level. Improved product recommendation systems are well known in the literature to be one of the driving force of applications of artificial intelligence in e-commerce. The machine-level techniques are the features on which systems rely. The methods comprise content-based filtering, collaborative filtering and hybrid recommendation algorithms. The factors are determined using a significant amount of customer data, which includes purchase records, preference tendencies and browsing pattern. Systems like this aim at mitigating the information overload to which a customer is confronted with many products, by proposing most relevant offers. The focus guides decision-making in digital retail environments. The recommendations to consumers regarding usefulness and convenience are accurate, and they are personalized in Nature (Acharya, Kuppan and Divya 2025). Customer satisfaction is mainly influenced by perceived usefulness and convenience. The orientation is based on the Technology Acceptance Model (TAM) where customers are more likely to trust and depend on organisations during purchase decisions if recommendation systems are perceived as helpful and comprehensible. Furthermore, satisfaction also occurs when customer-perceived relevance and accuracy of the system recommended items are satisfied with a recommendation generated by the system. Customer experience matters, especially when the suggestions are fairly accurate with your tastes (Joshi, 2025). This is also confirmed within the case of exponential systems of recommendation value. A feeling of being understood by the retailer is implied in personal orientation that reinforces emotional connection and relationship bonds. Especially in fashion retail, personal taste is in the foreground here. Furthermore, Hosseini and Seilani (2025) mentioned that effective recommender systems increase the perceived enjoyment through making shopping experience more involving with minimum effort. 
Questionnaire survey data are collected and the empirical results provide strong support for the positive impact of improved product recommendation systems on customer satisfaction at ASOS. Respondents gave a high rating on product recommendations, with mean of 4.50. It can be explained by the fact that it was scored by 0.57, obviously there was a little bit standard deviation. This feature was indicative of significant agreement between recommended items and user interests. The general shopping experience reaped benefits, since perceptions of individual recommendations reached a mean value as high as 4.30. The average score for purchasing products of these women after references was 4.53 (scaled responses). Further, the regression analysis indicates that improved product recommendation systems have a significant positive effect on customer satisfaction. The results suggest that being accurate and relevant in its recommendations is important to not lose customers. Among other AI use cases, the product recommendations play a significant part in customer satisfaction. The feature illustrates the critical nature of creating a successful customer experience.


[bookmark: _Toc220770951]CHAPTER FIVE: CONCLUSION AND RECOMMENDATIONS 
[bookmark: _Toc220770952]5.1 Introduction 
The last scenario outlines the end of the study, bringing together major quantitative findings on how GenAI is perceived when implemented in UK retail. In this chapter the extent to which the research objectives and their subobjectives are achieved is critically examined using data. Yet, this chapter discusses the research findings as practical and strategic recommendations that ASOS PLC digital first retailers like it can use to ensure GenAI technologies are fully used to have a significant impact on customer experience. The chapter also highlights the shortcomings experienced in research, and presents opportunities for further academic enquiry. The chapter offers a comprehensive conclusion of the study. It stresses on one hand the contribution of the research to the academic literature and on the other hand, to managerial practice within the broader dimension of AI enabled retail transformation.
[bookmark: _Toc220770953]5.2 Justification of achieving research objectives 
This research aimed to evaluate the impact of GenAI on customer satisfaction in the UK retail context. The aim was operationalized through three specific research objectives, which are evaluated here based on the findings. 
Objective 1: To evaluate the effectiveness of generative AI in improving personalized customer interactions at ASOS PLC
Data gathered points to the fact that Generative AI has helped in improving real-time customized interactions with customers at ASOS PLC. The researcher similarly gathered feedback from survey participants, the majority of whom had interactions with AI which were responsive and to-the-point, specifically recommended for their needs. Leveraging GenAI-enabled solutions such as smart chatbots and personalized recommendations, the organization was able to offer tailored assistance.
Regression and descriptive analyses revealed that the customers appreciated GenAI systems to assess a context and was capable to understand it, while providing consistent answers. The results are consistent with the Technology Acceptance Model that perceived usefulness and ease of use have direct positive effects on user satisfaction. Reported customer satisfaction is higher when the interface feels natural and efficient, thus supporting that GenAI has delivered better personalization than ASOS PLC. As a result, the research's first aim has been accomplished since the empirical results validate that GenAI does indeed improve personalized customer engagement in ASOS.
Objective 2: To assess the impact of AI-driven chatbots and recommendation systems on customer satisfaction levels at ASOS PLC.
The second aim of this research was to examine the impact of GenAI applications such as chatbots and recommendation systems on customer satisfaction. The results indicated that satisfaction was high in AI chatbots and the significant influence of response speed, availability, accuracy. Chatbots' 24/7 availability was valued by consumers for everyday requests, such as order tracking, returns, and delivery status.
Using an AI-powered system proved to have a large impact in terms of customer satisfaction, by decreasing the search effort and increasing product relevance. There were personal recommendations to help you find products tailored specifically for them identified by respondents as an aid to finding what they need. The results of this study supported that both chatbots and recommendation systems were positively associated with customer satisfaction.
But the results also showed a drop in customer satisfaction if the chatbot did not deal properly with complicated issues. This is consistent with prior work on the value of hybrid AI-human assistance models. In general, the second research goal was reached since here is clear evidence that AI -supported chatbots and recommendation systems determine customer satisfaction at ASOS.
Objective 3: To identify key AI technologies that have the most significant influence on customer satisfaction 
The third goal was to discover which GenAI technologies are most influential in customer satisfaction. The author applied regression technique when evaluating the study proposition that AI chatbots and artificial intelligence powered recommendation systems demonstrated the greatest predictive effect on the search for products. The technologies applied to improve quality of services, productivity and personalization impact on the customer impression.
AI based video processing made a significant benefit with improved product visualization and less uncertainty in purchases. But the effect was relatively modest compared to chatbots and recommendation systems. While autonomous systems and agentic AI enhanced operational efficiencies, they raised issues of transparency. It has also succeeded in ranking chatbots and recommendation systems as GenAI technologies that have high impact on customer satisfaction, which means the third objective was met.
[bookmark: _Toc220770954]5.3 Recommendations 
· A hybrid AI-human support model has been suggested for processing simple queries, as a shift in consumer preference is yet to be seen when resolving intimate or complex problems with the aid of a human tapestry representative. ASOS ought to be carried out utilizing hybrid service model which engages human agents when necessary. The method can combine efficiency and empathy and increase consumer confidence.
· Increasing transparency in AI-based recommendations is suggested as customers do have quite a few reservations on being over-serviced. It’s up to the company to be more transparent in its recommendation and explain why products are recommended. Fairness can be enhanced by giving customers control.
· Users are advised to spend on emotional capabilities such as advanced sentiment analysis. Training AI models can detect when customers are frustrated, to surface a more compassionate response and the right-time intervention.
· Optimize AI-generated visuals to minimize distortion This is something that should not be overlooked when creating AI generated visual content. And the solution ASOS- make sure that AI-created images are validated to prevent false representation of the product. Transparency can keep customers’ trust and lower the dissatisfaction.
· The company should consider enhancing data privacy and ethical governance where they can further strengthen its Ethical AI Governance framework. There needs to be a feedback loop from the collection process. This feature will increase consumer confidence and satisfaction.
[bookmark: _Toc220770955]5.4 Further study 
The findings of this research are useful, but limitations and opportunities for future research appear evident. Future research should use a mixed-methods design including qualitative interviews to obtain a deeper understanding. Even longitudinal studies in schools examine how customer satisfaction changes as GenAI technologies also change. Future research could also compare several UK retail firms to increase generalizability. Demographic and age-related disparities as well as digital literacy can be interesting to investigate in order better understand the responses of customers. Implications for hyper-personalisation and autonomous AI decision-making require further investigation. 
[bookmark: _Toc220770956]5.5 Limitations of the study 
The present study has some limitations, still it brings a few contributions. As the survey was carried out only with 100 respondents, its generalisability to the whole UK retail population can be limited. Research was restricted to ASOS PLC which limits the generalisability of findings to other retail strategies, such as bricks and mortar. Although the study tested GenAI at only one time point, wireless customer attitudes can change as technology progresses. However, the paper does offer important information regarding the influence of GenAI on customer satisfaction.
[bookmark: _Toc220770957]5.6 Conclusion 
It is found that personalisation and responsiveness are remarkably improved for increasing customer satisfaction due to GenAI. The proliferation of AI-based chatbots and personalized recommendation systems was noted as the greatest technology lever to influence customer satisfaction. AI-based video processing and autonomous systems even added value if they were transparent and working well.
The study makes a significant contribution to the academic literature by offering UK-based quantitative GenAI data. One of the major research gaps was filled in this research. The results provide practical implications for retail firms who want to capitalize on GenAI in the pursuit of better customer service from a management perspective. Their research demonstrates that Generative AI can produce and acts as a key source for customer satisfaction if the technology is deployed responsibly and in line with customer preferences. Even in the digital-return world, generative AI can even grant a competitive edge.
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[bookmark: _Toc220770959]Appendix 
[bookmark: _Toc220770960]Questionnaire 
Title: Assessing the Impact of Generative AI (GenAI) on Customer Satisfaction in the UK Retail Industry: A Quantitative Analysis of ASOS PLC.
This is to inform you that this study is conducted to achieve academic requirement. I have no intention to publish this paper. I will need your response as valuable consumers of ASOS PLC. You are free to participate in this survey. So, the research aim and objectives are as following. 
[bookmark: _Toc213364663]Research aim 
This study aims to assess the impact of generative AI on satisfaction of customers in London at UK.
[bookmark: _Toc213364664]Research objectives
1. To evaluate the effectiveness of generative AI in improving personalized customer interactions at ASOS PLC. 
2. To assess the impact of AI-driven chatbots and recommendation systems on customer satisfaction levels at ASOS PLC. 
3. To identify key AI technologies that have the most significant influence on customer satisfaction. 
Demographic 
1. Age group:
a. 18-27
b. 28-37
c. 38-47
d. 48-57
e. 58 or above 
2. Sex: 
a. Male
b. Female 
Customer Satisfaction
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	3. Generative AI provides more personalized responses to my inquiries than traditional customer service channels.
	
	
	
	
	

	4. I feel that the AI-driven recommendation system at ASOS effectively suggests products that suit my preferences.
	
	
	
	
	

	5. The use of AI at ASOS has made my shopping experience more enjoyable and tailored to my needs.
	
	
	
	
	



AI-driven Chatbots 
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	6. How satisfied are you with the accuracy of responses provided by ASOS's AI-powered chatbot?
	
	
	
	
	

	7. To what extent do you agree that the AI chatbot resolved your queries promptly?
	
	
	
	
	

	8. How helpful do you find the AI-powered chatbot in providing personalized assistance?
	
	
	
	
	



AI in Video Processing
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	9. How satisfied are you with the AI-powered video recommendations and virtual try-ons offered by ASOS?
	
	
	
	
	

	10. To what extent do you trust the accuracy of AI-generated product videos and visuals?
	
	
	
	
	

	11. Do AI-powered video features influence your purchase decisions?
	
	
	
	
	



Agentic AI and Autonomous Systems
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	12. How satisfied are you with the speed of order fulfillment and delivery when using ASOS's AI-driven systems?
	
	
	
	
	

	13. How confident are you in the AI’s ability to predict and fulfill your product preferences accurately?
	
	
	
	
	

	14. Do you feel that the AI systems reduce the need for human intervention in your shopping experience?
	
	
	
	
	



Enhanced Product Recommendation Systems
	Statement
	Strongly Agree (5)
	Agree (4)
	Neutral (3)
	Disagree (2)
	Strongly Disagree (1)

	15. How accurate are the product recommendations you receive on ASOS based on your previous purchases and preferences?
	
	
	
	
	

	16. To what extent do you agree that the personalized product recommendations improve your shopping experience at ASOS?
	
	
	
	
	

	17. How likely are you to purchase products based on ASOS's product recommendation system?
	
	
	
	
	








[bookmark: _Toc220770961]Dataset 
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5 o Numeic 8 0 el that the AL {1, Strongly .. None i Right & Nominal | Input
6 a5 Numeic 8 0 ‘The use of Al at.. {1, Strongly ... None i Right & Nominal | Input
7 Numeic 8 0 How satisfied a... {1, Strongly .. None i Right & Nominal | Input
8 ar Numeic 8 0 ‘To what extent _.. {1, Strongly ... None i Right & Nominal | Input
ERL) Numeic 8 0 How helpful do ... {1, Strongly ... None i Right & Nominal | Input
0 a9 Numeic 8 0 How satisfied a... {1, Strongly .. None i Right & Nominal | Input
1 an Numeic 8 0 ‘To what extent _.. {1, Strongly ... None i Right & Nominal | Input
12 an Numeic 8 0 Do Al-powered ... {1, Strongly .. None i Right & Nominal | Input
13 anr Numeic 8 0 How satisfied a... {1, Strongly .. None i Right & Nominal | Input
u__an Numeic 8 0 How confident .. {1, Strongly .. None i Right & Nominal | Input
[ Numeic 8 0 Do you feel that... {1, Strongly ... None i Right & Nominal | Input
[ Numeic 8 0 How accurate a... {1, Strongly .. None i Right & Nominal | Input
17 at Numeic 8 0 ‘To what extent _.. {1, Strongly ... None i Right & Nominal | Input
8 a1 Numeic 8 0 How likely are .. {1, Strongly .. None i Right & Nominal | Input
19 |Enhanced_.. Numeic 8 0 {1, Strongly ... None £ Right & Scale  Input
20 |Customer_.. Numeic 8 0 {1, Strongly ... None 2 Right & Scale  Input
21 |AlChatbot Numeric 8 0 {1, Strongly ... None 12 Right & Scale  Input
2 |AVideo  Numeic 8 0 {1, Strongly ... None 10 Right & Scale  Input
23 Agentic Al Numeric 8 | {1, Strongly . None. 12 Right & Scale . Input
2

—
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