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1.0 Research Question
Perceptions of Bias Mitigation in AI-driven HR Recruitment Tools: An Investigation into HR Professionals' Trust, Concerns, and Priorities
The primary inquiry of this research seeks to unravel the complex dynamics between the increasing reliance and implementation of artificial intelligence (AI) as reported (Intelion Systems, 2023) in recruitment processes and the critical human element of trust and ethical consideration amongst HR professionals. This question stems from an acknowledgment of the transformative potential AI tools possess in redefining recruitment landscapes promising unprecedented efficiency and decision-making support as reported by Forbes (Kelly, 2023). However, alongside these advancements, emerge substantive concerns regarding the perpetuation of historical biases, the transparency of algorithms, and the overall fairness of AI driven recruitment outcomes are being questioned by industry leaders cautions Bogen (2019). By focusing on HR professionals, who are pivotal to software selection, implementation and managing this technology and its potential implications. This study aims to dissect the differing perceptions of the effectiveness of current bias mitigation strategies within AI tools, their trust in these systems, and how they prioritise these concerns against the operational efficiencies AI promises. 
[bookmark: _Toc163567857]1.1 Research Rationale
[bookmark: _Toc163567858]1.1.1 The Role and Importance of Human Resources 
As heavily studied (Bratton and Gold, 2017), Human Resources (HR) encompasses the management of an organisation's workforce, responsible for recruitment, training, performance management, and fostering employee relations. Its goal is to align human capital with the organisation's strategic objectives, ensuring the effective attraction, development, and retention of talent. In the UK HR professionals are heavily influenced in best practices and guided by the Chartered Institute of Personnel Development (CIPD, 2023) and are bound by various employment laws, such as The Equality Act 2010, (GOV.UK, 2010) which mandates protection against discrimination in the workplace and society, covering ten protected characteristics. This legal framework champions equality, diversity, and inclusivity across sectors (Ali, 2022).
HR's influence extends deeply into shaping the global workforce equity through deliberate recruitment strategies. Their decisions do more than just fill vacancies, they architect the foundational equity and diversity within the corporate landscape, thereby moulding societal working culture (Leatherbarrow and Fletcher, 2019).
[bookmark: _Toc163567859]1.1.2 HR Limitations 
Bias, a preconceived notion that can unfairly favour or prejudice against certain groups, is a root cause of workplace inequality (Sims and Bias, 2021). It manifests in both conscious and unconscious forms, creating systemic obstacles that challenge the principle of equal opportunity for everyone, regardless of their background or characteristics (CIPD, 2018). This threatens an environment where diversity and equal representation falter, perpetuating disparities in employment practices.
[bookmark: _Toc163567860]1.1.3 AI Adoption to Combat Human Limitations
The integration of Artificial Intelligence into recruitment signifies a transformative shift in human resources management, aiming to improve hiring efficiency, accuracy, and champion equality. This move towards AI powered tools is part of a broader digital transformation in talent acquisition, poised to overhaul traditional hiring methods. A report published by LinkedIn (Intelion Systems, 2023) outlines how AI adoption in recruitment is surging, with up to 45% of companies using AI tools and 99% of Fortune 500 firms incorporating AI practices. Additionally, 65% of recruiters utilise AI in hiring, with over 73% of companies planning to invest in recruitment automation by the end of 2023. 
[bookmark: _Toc163567861]1.1.4 AI Concerns
The Harvard Business Review (Dattner et al., 2019) explores this trend that indicates a promising future for AI in transforming recruitment. Continuing to caution the rapid adoption of AI technologies highlighting that these tools put unprecedented power in the hands of organisations to pursue data-based human capital decisions. Raising significant questions regarding the ethical, legal, and privacy implications introduced by such technologies necessitating a critical examination of their societal impacts, particularly regarding workforce diversity and ethical standards.
Brookings Institution, Center for Technology Innovation scholars (Lee, Resnick, and Barton, 2019) argue that AI-driven recruitment tools primarily utilise historical data, presenting a risk of perpetuating with the potential to exacerbate existing biases related to gender, ethnicity, educational background, and more. These biases may be inadvertently encoded into AI systems, challenging the fairness and inclusivity of automated recruitment processes. The swift integration of AI in hiring has outstripped the development of adequate legal and ethical frameworks, creating a gap in governance and accountability. Supporting this, The Office for National Statistics (2023) data illustrates undesirable disparities in employment rates that could inform AI biases: males 61% were more likely to be employed than females 53%, non-disabled adults were more than twice as likely to be employed 64% compared to disabled adults 27%, employment rates varied significantly across ethnic groups, with "White: Other White" individuals having the highest employment rate 74%. This empirical evidence from the census underscores the critical need for this research in examining AI recruitment tools' anti-bias mechanisms and their efficacy in fostering an equitable hiring environment, thereby contributing to the broader discourse on ethical AI use in recruitment.
Adding weight to the argument if AI antibias mechanisms work is the revelation reported by Reuters (Dastin, 2018) that Amazon discontinued an AI-based recruiting tool biased against women. The tool worked off historical data which reflected tech's male dominance by learning from past male-dominated CV’s. Efforts to neutralise this bias failed, highlighting machine learning's limitations in ensuring fair AI use in hiring. This case emphasises the complexity of creating unbiased algorithms in recruitment automation efforts across industries.
[bookmark: _Toc163567862]1.1.5 AI UK & European Legal Framework
AI in workplace management intersects with various legal frameworks (UK Parliament, 2023).
· Common law
· Equality Act 2010
· Privacy law & Human Rights Act 1998 
· Data protection law & UK GDPR
The European Parliament (2024) has implemented an Artificial Intelligence Act that establishes a regulatory framework that prioritises safety, compliance with fundamental rights, and transparency for AI recruitment tools. Providers of these tools will need to carefully evaluate and possibly adjust their technologies to meet the AIA's requirements, particularly regarding high-risk AI systems, transparency, and the prohibition of certain practices.
This legislation demands AI recruitment tools to adhere to high standards of safety, fundamental rights, and transparency, highlighting a shift towards more ethical AI practices. As the legal environment evolves. While the AI legal frameworks in the UK and EU, set ambitious standards for fairness, transparency, and data protection, enforcing these laws presents significant challenges. The complexity of AI technologies, combined with the evolving nature of digital data, makes proving non-compliance and enforcing these regulations difficult. Ensuring that AI recruitment tools consistently meet these high standards requires robust mechanisms for monitoring and proof, which may strain current law enforcement and regulatory capacities.
[bookmark: _Toc163567863]1.1.6 Worst-Case Scenarios 
Rashid (2023) has explored the worst-case scenarios of AI tools in HR being proven biased and left unregulated.
· Perpetuation of existing company biases and discriminatory practices, potentially disadvantaging applicants based on gender or age.
· Erosion of Democratic Laws: There's a risk that AI could undermine fair hiring practices enshrined in laws, leading to less democratic workplaces.
· Exacerbation of Wealth Inequality: Biased AI recruitment could worsen wealth disparities by systematically disadvantaging certain groups. Creating a demographic and geographical poverty issue.
· Manipulation of Candidate Pools: Without legal frameworks in place AI tools, if misused, could be programmed to discriminate intentionally, for example, by rejecting applicants with disabilities or specific racial backgrounds.
· Algorithmic Biases in AI: All AI systems can inherit or develop biases based on the data they are trained on or the preferences unconsciously embedded by their creators.
· Inequitable Job Advertising: AI algorithms might target job advertisements to specific demographics, as in the reported case where Facebook showed cashier jobs primarily to women and taxi vacancies mainly to black audiences (Hamilton, 2019).
[bookmark: _Toc163567864]1.1.7 Importance of This Study
This study seeks to critically evaluate the anti-bias mechanisms within AI recruitment tools to assess their perceived effectiveness in combating embedded inequalities from the frontline of HR professionals. By investigating whether these technologies can genuinely promote an equitable hiring environment or if they might reinforce existing disparities, the research addresses an urgent need for a deeper understanding of AI's role in recruitment, Has the rapid and popular adoption stemmed from a quest to attain workplace equity or a reduction in laborious workload tactic. Choubey’s (2023) article serves as a testament to the infancy of AI applications within HR departments, pointing out the need for more comprehensive studies that not only assess the effectiveness of these tools in bias mitigation but also scrutinise the adequacy of existing legal and ethical frameworks to govern their use.
The exploration is pivotal for advancing discussions on ethical AI use, guiding innovations towards fostering diversity and fairness in hiring practices. In doing so, the study contributes and advances the larger discourse on aligning technological advancements with the imperative for an inclusive workforce.
[bookmark: _Toc163567865]1.2 Academic Focus
This research and approach as understood by Saunders, Lewis and Thornhill, (2019) is deeply rooted in a critical academic examination that seeks to navigate the intricate balance between the rapid technological advancements in recruitment and the paramount ethical responsibilities they entail. It thoroughly investigates the effectiveness of AI-driven recruitment tools in creating an equitable and diverse hiring environment, with a particular focus on the varying perspectives of HR professionals as reported by HR Magazine (Jackson, 2023). These professionals, who are at the frontline of implementing and interacting with AI recruitment technologies, provide invaluable insights into the practical and ethical dimensions of these tools as explored by Abdelraouf, Emad and Kadry, (2024).
Positioned at the crossroads of technology ethics, labour studies, and organisational behaviour, this study endeavours to enrich the existing discourse with an understanding of how AI technologies are reshaping recruitment practices. It aims to dissect the multiple ways in which AI recruitment tools influence organisational hiring processes, scrutinising both their potential to enhance workforce diversity and the risk they pose in automating, perpetuating and potentially exacerbating biases.
By engaging with the firsthand experiences and perceptions of HR professionals, the investigation sheds light on the tangible impacts of AI-driven recruitment tools on the hiring landscape. This approach not only captures the complexities of deploying AI in recruitment but also critically evaluates the technology's capacity to fulfil its claims of revolutionising hiring practices in an ethically responsible manner. Consequently, this study offers a robust empirical foundation to assess the merits and challenges of AI in recruitment, contributing significantly to the ongoing conversation about the future of ethical and inclusive hiring practices in the digital age.
[bookmark: _Toc163567866]1.2.1 Research Aims
This study aims to critically examine the perceptions of HR professionals regarding bias mitigation in AI driven HR recruitment tools. Seeking to understand their trust in AI technologies, concerns about potential biases, and the priorities assigned to bias mitigation strategies versus operational efficiencies. By investigating the effectiveness of current anti-bias measures within AI recruitment tools, this research endeavours to uncover the depth of HR professionals' reliance on these technologies and their impact on recruitment practices. Through a quantitative analysis of HR professionals' views, this study aims to contribute to the ongoing discussion about the ethical use of AI in recruitment, offering insights into how technological advancements can be aligned with the imperatives of fairness, diversity, and inclusion in the hiring process.
[bookmark: _Toc163567867]1.2.2 How This Research Aims to Contribute
Addressing the gap in understanding bias within AI recruitment tools empowers HR professionals to make informed, ethical decisions, ensuring compliance with anti-discrimination laws and fostering workplace diversity. This understanding promotes transparency, builds trust, and contributes to the development of industry best practices. It guides AI developers in enhancing tool fairness, supports strategic HR management, and enriches the academic discourse, providing a well-rounded foundation for future innovation in HR technologies.
[bookmark: _Toc163567868]1.3 Problem Definition
The rapid adoption of AI in recruitment, ahead of the development of solid legal and ethical standards, raises concerns over its ability to worsen workforce disparities. This study explores HR professionals' views on AI tools, particularly their effectiveness against bias, and whether these technologies promote or hinder equitable hiring practices. It aims to understand the balance between the efficiency benefits of AI and the need for fairness and diversity in hiring, investigating the complex role of AI in shaping future workforce dynamics.
[bookmark: _Toc163567869]1.4 Objectives
1. Assess Awareness and Concerns of HR Professionals: Evaluate HR professionals' awareness of potential biases in AI-driven recruitment tools and their concerns regarding these biases.
2. Examine Perceptions of Anti-Bias Measures: Investigate HR professionals’ beliefs about the effectiveness of implemented anti-bias measures in AI recruitment tools against various biases.
3. Understand Impact on Hiring Practices: Explore HR professionals’ perceptions of AI tools’ influence on fairness and diversity in recruitment processes.
4. Analyse Trust and Adoption Factors: Identify factors that influence HR professionals’ trust in and adoption of AI recruitment technologies, focusing on efficiency, fairness, and bias mitigation.
5. Prioritisation of Efficiency vs. Fairness: Determine whether HR professionals prioritise efficiency and time-saving benefits over fairness and bias prevention in using AI recruitment tools.

[bookmark: _Toc163567870]3.0 Literature Review
[bookmark: _Toc163567871]3.1 Introduction to AI in Recruitment
The evolution of recruitment technologies has been marked by continuous innovation aimed at improving the hiring process and an expectation of implementation for industry standard (CIPD, 2023b). Prior to the conception of AI, recruitment methods evolved from traditional, manual screening to the use of online job boards and Applicant Tracking Systems, which automated the collection and management of resumes. The motivation behind the shift towards AI-driven tools in recruitment stems from the need for greater efficiency, cost reduction, and the desire to enhance the candidate selection process. AI technologies have introduced capabilities such as sophisticated CV screening, predictive analytics for assessing candidate success, automated interview scheduling, and enhanced candidate engagement through chatbots (Kelly, 2023). These advancements reflect the demand on streamlining processes, a significant leap from previous technologies, promising to transform talent acquisition by leveraging data-driven insights to make more informed hiring decisions.
[bookmark: _Toc163567872]3.2 Theoretical Frameworks
Theoretical models are an insightful way to gain understanding into the motivations and level of trust HR professionals may have on the adoption of AI. The Technology Acceptance Model (TAM), as understood by Mostafa Al-Emran and Khaled Shaalan, (2021), aid us to understand the adoption of new technologies. In the context of HR professionals' adoption of AI recruitment tech, TAM offers a lens to examine the perceived usefulness and ease of use of these tools. Studies leveraging TAM in the HR domain have revealed that the perceived efficiency of AI tools in streamlining recruitment processes and their user-friendly interfaces significantly influence HR professionals' willingness to adopt them, aiding in the explanation as to why AI has been rapidly adopted without significant studies or legal frameworks in place. A study by Menant, Gilibert and Sauvezon (2021) into the effectiveness of these models in HR stresses the limitations involving a complex mix of individual, technological, and organisational factors, proposing a holistic view is undertaken.
Regarding algorithmic bias, the discussion centres on how biases are inadvertently encoded into AI algorithms through historical data, which may replicate past discriminatory hiring practices. Nazer et al, (2023) explored the mechanisms through which algorithmic decision-making in recruitment could exacerbate biases, emphasising the role of training data in shaping AI outcomes. They argue that without careful consideration and adjustment, AI systems can perpetuate existing inequalities, underscoring the importance of transparency and accountability in AI deployment. This section of the literature review underscores the complexity of integrating AI into recruitment processes and the critical need for mechanisms to identify and mitigate biases.
[bookmark: _Toc163567873]3.3 Studies on AI Recruitment
The benefits of AI driven recruitment are multifaceted, encompassing increased operational efficiency, access to a broader talent pool, and enhanced accuracy in matching candidates to job requirements. Research by Albassam, (2023) demonstrated that AI recruitment tools could significantly reduce the time and resources spent on screening candidates, allowing HR professionals to focus on strategic aspects of talent acquisition. However, these benefits are counterbalanced by challenges related to transparency, accountability, and the potential for algorithmic bias. Critiques of AI in recruitment, such as those by Bogen (2019) focus on the opaque nature of AI decision-making processes and the difficulty in auditing AI tools for fairness, calling for more rigorous ethical standards and regulatory oversight in AI implementation.
[bookmark: _Toc163567874]3.4 Bias in AI Recruitment
The sources of bias in AI recruitment tools are varied, with biased training data, algorithmic transparency, and the lack of diversity in AI development teams being primary contributors. Studies from IBM (2023), have shown that AI algorithms can inherit biases from historical hiring data, leading to discriminatory outcomes against women, ethnic minorities, and other marginalised groups. For example, the failure of Amazon (Dastin, 2018) to neutralise biases highlighted cases where AI recruitment tools favoured candidates from certain educational backgrounds, inadvertently disadvantaging equally qualified candidates from less prestigious institutions. This section emphasises the need for continued research and development of anti-bias measures to ensure AI recruitment tools promote fairness and inclusivity.
[bookmark: _Toc163567875]3.5 Anti-bias Measures and Regulatory Frameworks
Efforts to implement anti-bias measures within AI recruitment tools have included the development of diverse training data sets and the application of algorithmic fairness techniques. Research by Soleimani, Intezari and Pauleen (2022) outlined various strategies for mitigating bias in AI algorithms, including regular audits and the inclusion of fairness criteria in algorithm design. Additionally, the legal and ethical frameworks governing AI in recruitment are evolving, with legislation such as the EU's General Data Protection Regulation (GDPR) (GOV.UK, 2018) setting precedents for transparency and accountability in automated decision-making. However, gaps in regulation remain, highlighting the need for comprehensive policies that address the unique challenges posed by AI in recruitment.
[bookmark: _Toc163567876]3.6 Types of AI applications for HR and their roles
This area will explore the diverse spectrum of AI technologies being leveraged in human resources, such as sophisticated analytics for candidate screening, chatbots for enhancing candidate engagement, and predictive algorithms for identifying potential high performers (Neverova, 2023). This section aims to reveal how these applications not only streamline recruitment processes but also play a pivotal role in strategic talent management and improving overall HR operational efficiency.
[bookmark: _Toc163567877]3.7 HR Professionals' Perspectives
Surveys of HR professionals' attitudes towards AI recruitment tools reveal a diverse view of their trust in these technologies and the factors influencing their adoption. While many professionals acknowledge the efficiency gains provided by AI tools, concerns about the potential for bias and the loss of human judgment in the recruitment process persist. Research by Jackson, (2023) in HR Magazine suggests that HR professionals' trust in AI tools is contingent upon their understanding of how these technologies work and their ability to control.
[bookmark: _Toc163567878]3.8 Utilising Case Studies in AI Recruitment Research
Case studies serve as a vital component of the literature review in exploring AI's impact on recruitment. This perspective offers insights into the practical application and challenges of these technologies within various settings. By examining specific instances, such as Amazon abandoning their endeavours for AI when unable to neutralise bias in their software (BBC, 2018). Case studies provide concrete examples of AI's potential to revolutionise HR practices alongside the ethical considerations it raises, including data privacy and algorithmic bias. These detailed explorations contribute to a broader understanding of AI's capabilities and limitations, highlighting innovative solutions to bias mitigation and the importance of human oversight. Thus, case studies enrich the discourse on AI in recruitment, offering empirical evidence that supports a balanced examination of technological advancements and their implications on ethical hiring practices.







[bookmark: _Toc163567879]4.0 Primary Research Methodologies
In addressing the complex issue of HR professionals' perceptions of bias within AI-driven recruitment tools, after consideration from research guiding literature (Saunders, Lewis, and Thornhill, 2019) this study adopts a comprehensive quantitative methodology. This approach will enable a meticulous design to capture and analyse data that can reflect on the intricacies of bias, fairness, and trust in the technological advancements in recruitment.
[bookmark: _Toc163567880]4.1 Research Design
The core of this research is a quantitative design, chosen for its strength in providing objective, statistical insights into human perceptions and behaviours. A structured online questionnaire serves as the primary instrument for data collection, offering a standardised format that ensures consistency and comparability across responses as studied (Cameron and Price, 2009). This design is particularly suited to quantifying purposive sampling and the degrees of perception among HR professionals regarding the use and fairness of AI in recruitment, enabling a statistical analysis of bias recognition and the valuation of anti-bias measures within organisations. The choice of a quantitative approach facilitates the empirical examination of hypotheses derived from the study's objectives, laying the groundwork for robust, evidence-based conclusions.
The questionnaire itself will be designed following best practices in survey methodology to reduce common errors such as leading questions and bias (Collis and Hussey, 2013). Questions will be crafted to minimise ambiguity and maximise clarity to ensure that respondents understand and can accurately convey their experiences and opinions.
[bookmark: _Toc163567881]4.2 Population and Sampling
Target Population: The research focuses on HR professionals engaged in recruitment within organisations that have adopted or are considering the adoption of AI technologies. This demographic is pivotal, given their direct interaction with AI tools and their role in shaping recruitment strategies.
Sampling Method: To capture a comprehensive spectrum of perspectives, stratified random sampling will be utilised. This technique involves dividing the population into subgroups based on relevant criteria such as organisation size, industry sector, and geographical location. Such stratification ensures the inclusion of diverse viewpoints, enriching the study's findings with insights from various organisational contexts.
Sample Size: Determining the sample size of a minimum of 100 responses through power analysis allows for the selection of a representative subset that can provide statistically significant insights. This analysis will consider the expected variability in perceptions of AI tool bias, aiming to balance the depth of analysis with logistical feasibility in survey distribution (Bickman and Rog, 2009).
[bookmark: _Toc163567882]4.3 Instrumentation
Survey Development: The creation of the survey is a critical phase, involving the drafting of items that accurately capture the intricate perceptions of HR professionals regarding AI recruitment tools. This process will involve presenting the survey design to include questions that probe into the respondents' experiences with these tools, their observations of bias, and their assessment of implemented anti-bias measures. Likert scale (Mcleod, 2023) questions will predominately be used, allowing respondents to express the intensity of their perceptions.
Validity and Reliability: To ensure the questionnaire's effectiveness, preliminary pilot testing with a segment of the target population will be undertaken. Feedback from this phase will inform revisions that enhance the clarity, relevance, and reliability of the survey items. 
[bookmark: _Toc163567883]4.4 Data Collection Procedures
Distribution: Leveraging digital platforms for survey dissemination ensures broad accessibility and participation. Professional HR networks (CIPD), social media groups (LinkedIn), and industry forums will be utilised to reach potential respondents, with targeted communications that underscore the study's relevance and the value of their contributions.
[bookmark: _Toc163567884]4.5 Data Analysis
Utilising sophisticated statistical software, the collected data will undergo a rigorous analysis process. Descriptive statistics will offer a foundational understanding of the sample characteristics and the distribution of responses. Inferential analyses, including SSPS (Field, 2013), chi-square tests (Glen, 2013) for nominal data, ANOVA (Kenton, 2023) for differences among groups, and regression analysis (Taylor, 2023) for predicting attitudes towards AI tool bias, will illuminate the relationships and patterns within the data, guiding the interpretation of HR professionals' perceptions. Multiple analysis tools will be explored depending on the final design of questions and insights leveraged from use. 
[bookmark: _Toc163567885]4.6 Limitations
Acknowledging the inherent constraints of survey-based research is crucial. Potential response biases, the intricacies of perception that quantitative measures may not fully capture, and the challenges in generalising findings across the evolving capabilities of AI in recruitment represent key limitations. However, these are balanced against the methodological rigor and the strategic selection of the study population, which collectively underpin the credibility and relevance of the research findings.
Conclusion
This research adopts a quantitative methodology to explore HR professionals' perceptions of bias in AI driven recruitment tools. Through a structured online questionnaire, the study aims to objectively assess biases and evaluate the effectiveness of anti-bias measures. Employing stratified random sampling will ensure a diverse and representative sample, enhancing the validity of findings. Analysis will include statistical tests to reveal patterns in perceptions towards AI tool bias, underpinning conclusions with robust data. Despite inherent limitations, the methodology's rigor supports the study's credibility and relevance in understanding AI's role in recruitment.
[bookmark: _Toc163567886]
5.0 Ethical Considerations.
This research on HR professionals' perceptions of AI-driven recruitment tool bias adheres to strict ethical standards, safeguarding participant consent, anonymity, and data security throughout the study. Ethical guidelines ensure responsible conduct, participant privacy, and the integrity of the research process as understood from academic guidance on writing dissertations Horn (2012).
Practical Measures
Informed Consent: Participants will receive detailed information about the study's aims, their voluntary participation, and the right to withdraw, ensuring informed consent.
Anonymity and Confidentiality: Participant data will be de-identified to protect privacy, with stringent measures for data storage and access to maintain confidentiality.
Data Protection: Adherence to data protection laws like GDPR will be prioritised, with electronic data encrypted and physical data securely stored.
Bias Minimisation: The survey design will undergo peer and supervisor review to neutralise bias and ensure neutrality, maintaining the fairness of the research.
Ethical Approval: The proposal will seek approval from the University of Wales Trinity St David review board or ethics committee, validating the study's ethical compliance. Before the Research project is undertaken. In addition to the assignment of a supervisor to oversee progression.
Harm Reduction: The methodology is designed to avoid participant discomfort, focusing on professional insights.
Transparency: The research process will be transparent, with findings accurately reported and any methodological or ethical deviations documented.
Conclusion
By integrating these ethical considerations, the study aims to explore biases in AI recruitment with integrity, respecting participant contributions and ensuring the research's ethical soundness.

[bookmark: _Toc163567887]6.0 Hypothesis
As AI tools increasingly infiltrate recruitment processes, they bring both transformative potential and ethical dilemmas, particularly regarding bias. This research seeks to examine HR professionals' perceptions of AI in recruitment through three primary hypotheses:
Hypothesis 1: HR professionals recognise the presence of bias within AI-driven recruitment tools, influencing their trust and utilisation in hiring practices. This scenario is based on literature that, while highlighting AI's efficiency and transformative power, also highlights persistent concerns about equity and transparency among those who implement these technologies.
Hypothesis 2: The perceived effectiveness of anti-bias measures in AI recruitment tools is subject to variation, influenced by organisational size, industry sector, and the HR professional's experience with AI. This hypothesis proposes that the assessment of AI tools and their anti-bias mechanisms are not homogeneous but vary across different organisational settings, indicating a complex and diverse adoption landscape.
Hypothesis 3: A subset of HR professionals may not have thoroughly consider bias in AI-driven recruitment tools, placing higher value on the presumed ease and efficiency of these standardised technologies. This hypothesis suggests a potential complacency or unexamined trust in AI tools due to their integration into standard HR practices, with the operational benefits potentially overshadowing the perceived need for critical thought and scrutiny of bias.
These hypotheses aim to dissect the layered perceptions of HR professionals concerning AI recruitment tools at the merging of technological evolution and ethical due diligence. The validity of these hypotheses through quantitative analysis will offer a more in depth understanding of AI's role in recruitment and the pivotal function of HR professionals in steering these advancements responsibly. 


[bookmark: _Toc163567888]7.0 Timeline
Some timeline information has been provided by UWTSD (2024) in the dissertation timeline document.
April 19, 2024: Submit the Final Draft of the Research Proposal
May: Detailed Planning and Preparatory Work
· Immediately after proposal approval, start refining the research methodology, tools for data collection, and plan for securing necessary approvals or permissions.
· Begin preliminary literature review research.
May 13 - 31, 2024: First Round of Face-to-Face Supervision Sessions
· Discuss and finalise ethical considerations and adjustments to the methodology based on supervisor feedback.
May 28, 2024: Submit ethics form.
June: Intensive Literature Review
· Dedicate the start of June to literature review. 
· Begin drafting the literature review section in parallel with ongoing research.
June to July: Data Collection Initiation
· By early June, start reaching out to potential participants and distributing surveys, particularly through CIPD forums and LinkedIn for HR professionals.
· Schedule and conduct initial interviews with software companies and HR departments to avoid delays.
July 21, 2024: Draft Literature Review Completion
· Aim to have a solid draft of the literature review completed by this date, allowing integration of early data collection insights.
· This draft should be substantial, covering all relevant theories and previous research findings.
June 3 - July 26, 2024: Ongoing Face-to-Face Supervision Sessions
· Utilise these sessions for progress updates, especially discussing preliminary data collection findings and literature review drafts.
· Adjust research strategies based on feedback.
July 19, 2024: Analysis of Results Chapter Draft Completion
· Start analysing collected data as it comes in to meet this deadline.
· Prepare visuals, charts, and preliminary findings for review.
Mid to Late August: Data Analysis Completion and Results Interpretation
· Finalise data analysis and start interpreting findings.
· Begin drafting the 'Results' and 'Discussion' sections, integrating data insights with literature review findings.
Late August: Dissertation Drafting and Revision
· Begin synthesising chapters into a cohesive draft.
· Ensure the dissertation is thoroughly proofread, formatted correctly, and all references are properly cited.
September 6, 2024: Complete Dissertation Draft Submission
· Submit complete dissertation draft for feedback, well ahead of this guideline to allow time for revisions.
September 9 - 13, 2024: Final Face-to-Face Supervision Session
· Session to discuss feedback on the draft and finalise submission plan.
· Outline steps for final revisions based on supervisor comments.
27th September 2024- Submission
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