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[bookmark: _Toc233368587]1. Introduction
The continued expansion of e-commerce has significantly increased the demand for fast and efficient delivery services, making logistics management an increasingly important area of business practice. To improve efficiency and meet customer expectations, companies such as Amazon increasingly rely on algorithmic route planning systems to allocate delivery routes and manage daily operations (Kellogg et al., 2020). However, these systems may not fully account for real world conditions such as traffic congestion, adverse weather, restricted parking, apartment buildings, customer availability and rural delivery routes.
These operational challenges may increase workload and delivery pressure, potentially affecting drivers’ wellbeing, stress levels, concentration and job performance. Although research on algorithmic management has expanded, limited attention has been given to Amazon delivery drivers within UK delivery operations. This study addresses this gap through a case study of an Amazon Delivery Station in Cardiff, contributing to knowledge of algorithmic management and practical improvements in employee wellbeing and operational efficiency.

[bookmark: _Toc233368588]Research Aim
To investigate how algorithmic route planning influences the wellbeing, stress, concentration and job performance of Amazon delivery drivers operating from an Amazon Delivery Station in Cardiff.

[bookmark: _Toc233368589]Research Objectives
1. To examine how Amazon delivery drivers perceive algorithm generated delivery routes.
2. To identify operational factors that increase workload, stress and delivery pressure.
3. To explore improvements that could make route planning more realistic and supportive of driver wellbeing.



[bookmark: _Toc233368590]Research Questions
1. How do Amazon delivery drivers perceive algorithm generated delivery routes?
2. Which operational factors contribute most to workload, stress and delivery pressure?
3. What improvements could make algorithmic route planning more realistic and supportive of driver wellbeing?

[bookmark: _Toc233368591]2. Literature Review
The fast expansion of e-commerce has transformed last-mile logistics into one of the most strategically important functions within modern supply chains. To improve operational efficiency and meet increasing customer expectations, logistics organisations increasingly rely on algorithmic management systems that allocate work, optimise delivery routes and monitor employee performance (Kellogg, Valentine and Christin, 2020; Duggan et al., 2020; Moore and Joyce, 2020). Algorithmic route planning enables organisations such as Amazon to reduce delivery times, improve vehicle utilisation and optimise resource allocation (Boysen, Fedtke and Schwerdfeger, 2019; Savelsbergh and Van Woensel, 2016). Although these technologies improve organisational efficiency, they have also generated concerns regarding employee autonomy, wellbeing and working conditions.
Algorithmic management represents a new form of managerial control in which software replaces many traditional supervisory functions through automated decision-making and continuous performance monitoring (Kellogg et al., 2020). Jarrahi et al. (2021) argue that algorithmic systems improve operational consistency but often lack the contextual judgement required when unexpected workplace situations occur. Similarly, Benlian, Hohenberg and Wiesche (2022) emphasise that algorithmic management prioritises organisational efficiency while providing employees with limited influence over workload allocation. Lee et al. (2015) and Rosenblat and Stark (2016) further argue that algorithmic decision making can reduce transparency and create information asymmetries between organisations and workers, increasing perceptions of unfairness and reducing employee autonomy.
Route optimisation has become a central component of modern logistics because even minor improvements in delivery sequencing can significantly reduce operating costs and improve customer satisfaction (Boysen et al., 2019; Lim et al., 2018). However, optimisation models are generally designed to maximise operational performance rather than account for dynamic delivery conditions such as traffic congestion, adverse weather, restricted parking, apartment buildings and customer availability (Savelsbergh and Van Woensel, 2016; Ivanov and Dolgui, 2020). Consequently, algorithm generated routes may create unrealistic delivery expectations that increase operational pressure on drivers.


Research within organisational behaviour has consistently highlighted the relationship between workload and employee wellbeing. The Job Demands–Resources (JD-R) model argues that excessive job demands, when not balanced by adequate organisational resources, contribute to stress, exhaustion and reduced work performance (Bakker and Demerouti, 2007). Earlier research by Karasek (1979) similarly demonstrated that high job demands and low decision-making control increase occupational stress. More recent studies suggest that prolonged workload pressure may reduce employee engagement, increase burnout and negatively influence psychological wellbeing (Schaufeli, 2017; Bakker et al., 2023). These theories provide an appropriate framework for examining how demanding delivery schedules and algorithmically generated routes may influence Amazon delivery drivers.
Recent empirical studies provide further evidence that algorithmic management affects employee wellbeing. Parent-Rocheleau and Parker (2022) found that algorithmically managed employees reported lower perceived autonomy and greater psychological strain than workers managed through traditional supervisory approaches. Likewise, Vignola et al. (2023) identified workload intensity and digital performance monitoring as significant contributors to occupational stress among logistics workers. Lippert et al. (2023) argue that continuous productivity measurement may encourage workers to prioritise speed over safe working practices, increasing fatigue and reducing concentration. Similar findings have been reported by Wood et al. (2019), Veen, Barratt and Goods (2020) and Mbare (2024), who concluded that algorithmic performance systems frequently intensify work pressure while limiting workers’ control over their daily activities.
Despite growing academic interest in algorithmic management, an important research gap remains. Existing studies have primarily examined parcel delivery services, food delivery platforms and warehouse environments (Rosenblat and Stark, 2016; Duggan et al., 2020; Moore and Joyce, 2020). Comparatively little research has investigated how algorithmic route planning influences the wellbeing of Amazon delivery drivers operating within UK last-mile logistics. Furthermore, few studies consider how local operational conditions, including urban congestion, apartment deliveries, restricted parking and rural routes, shape drivers’ experiences of algorithm-generated schedules. By examining an Amazon Delivery Station in Cardiff, this study seeks to address this gap and contribute evidence that supports both operational efficiency and employee wellbeing.



[bookmark: _Toc233368592]3. Research Methodology
This study adopts an interpretivist research philosophy because it seeks to understand how Amazon delivery drivers experience algorithmic route planning within their daily working environment. Interpretivism assumes that reality is socially constructed and that individuals interpret workplace experiences differently according to their own perspectives (Saunders, Lewis and Thornhill, 2023). Unlike positivism, which focuses on objective measurement and hypothesis testing, interpretivism enables the researcher to explore participants’ views, behaviours and experiences in greater depth. As this research investigates drivers’ perceptions of workload, stress, concentration and wellbeing, an interpretivist philosophy provides the most appropriate framework for understanding the human impact of algorithmic management.
The research will follow an inductive approach using a qualitative methodology. An inductive approach is suitable because the study aims to develop understanding from participants’ experiences rather than test predetermined hypotheses (Creswell and Creswell, 2023). Existing research has explored algorithmic management in platform work; however, limited evidence is available regarding Amazon delivery drivers operating within UK last-mile logistics. Consequently, an inductive approach allows themes and patterns to emerge naturally from the collected data. A qualitative methodology is considered appropriate because it provides detailed insights into participants’ experiences and enables the researcher to explore complex issues that cannot easily be measured using quantitative methods (Saunders et al., 2023).
Primary data will be collected through semi-structured interviews with Amazon Delivery Service Partner drivers working from one Amazon Delivery Station in Cardiff. Semi-structured interviews combine predetermined questions with the flexibility to explore additional issues raised during the discussion (Saunders et al., 2023). This method is appropriate because each participant may experience algorithm-generated routes differently depending on delivery volume, route characteristics and operational challenges. Interviews are expected to last between 30 and 45 minutes, providing sufficient opportunity for participants to discuss their experiences in detail. The interview schedule will focus on drivers’ perceptions of algorithm-generated routes, operational challenges encountered during deliveries, the effects of delivery pressure on wellbeing and concentration, and suggestions for improving route planning systems. Open-ended questions will encourage participants to provide detailed responses while allowing the researcher to probe issues relevant to the research objectives.
The target population consists of Amazon delivery drivers operating from one Amazon Delivery Station in Cardiff. A purposive sampling strategy will be employed because it enables participants with direct experience of algorithmic route planning to be selected (Saunders et al., 2023). Drivers with a minimum of six months delivery experience will be invited to participate, ensuring they have sufficient knowledge of Amazon’s routing systems and operational procedures. A sample of 10-15 participants is considered appropriate for an undergraduate qualitative study because it provides rich, detailed data while remaining achievable within the available time and resources (Creswell and Creswell, 2023).
The collected interview data will be analysed using thematic analysis, following the six-stage framework proposed by Braun and Clarke (2006). Initially, interview recordings will be transcribed and read repeatedly to achieve familiarity with the data. Meaningful statements will then be coded before similar codes are grouped into broader themes. Potential themes are expected to include workload, delivery pressure, operational challenges, stress, concentration, wellbeing and suggested improvements to algorithmic route planning. These themes will subsequently be reviewed and interpreted in relation to the existing literature and the research objectives. Thematic analysis is widely recognised as a rigorous and flexible approach for identifying patterns within qualitative datasets (Braun and Clarke, 2006).
Ethical principles will be observed throughout the study. Participants will receive a Participant Information Sheet outlining the purpose of the research and will provide informed consent before taking part. Participation will be voluntary, and individuals will have the right to withdraw at any stage without consequence. Confidentiality will be maintained by anonymising interview transcripts and removing any identifying information. All electronic data will be securely stored on password-protected devices and managed in accordance with UK GDPR and the university’s ethical requirements (BERA, 2024). Ethical approval will be obtained before data collection begins.
The proposed methodology has several limitations. The research focuses on one Amazon Delivery Station in Cardiff, limiting the generalisability of the findings. The relatively small sample size and reliance on self-reported experiences may also introduce participant bias. Nevertheless, the selected methodology is appropriate for addressing the research aim by providing detailed insights into how algorithmic route planning influences the wellbeing and experiences of Amazon delivery drivers.

[bookmark: _Toc233368593]4. Project Plan and Timeline
The proposed research will be completed over an eight-week period to ensure sufficient time for each stage of the project. The first stage will involve conducting a comprehensive review of academic literature on algorithmic management, route optimisation, occupational stress and employee wellbeing. This will support the development of the research proposal and interview questions. Following ethical approval, participants will be recruited from an Amazon Delivery Station in Cardiff using purposive sampling.
Semi-structured interviews will then be conducted and audio-recorded with participants’ consent. Interview recordings will be transcribed before being analysed using thematic analysis to identify recurring patterns and themes. The findings will be compared with existing literature to address the research objectives and answer the research questions. The final stage will involve writing, proofreading and formatting the dissertation proposal before submission.


The key project milestones are:
· Week 1-2: Literature review and proposal development.
· Week 3: Ethical approval and participant recruitment.
· Week 4-5: Conduct semi-structured interviews.
· Week 6: Transcribe interviews and complete thematic analysis.
· Week 7: Write findings and discussion.
· Week 8: Final editing, Harvard referencing, proofreading and submission.
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