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The integration of Artificial Intelligence (AI) in financial reporting systems is undergoing a massive revolution in the accounting profession. The purpose of this study was to critically analyse the use of AI in automated financial reporting systems and assess the operational advantages, implementation issues, and strategic considerations of AI in accounting settings. The study embraced an inductive approach to research, which is based on the interpretivist research philosophy, and took a systematic literature review (SLR) methodology complemented by the PRISMA framework. About 30 peer-reviewed scholarly articles published in 2021-2026 underwent critical analysis through the use of numerical and thematic analysis.
The results showed that AI technologies, including machine learning, Natural Language Processing (NLP), robotic process automation, predictive analytics and generative AI, enhance reporting efficiency, operational productivity, fraud detection, analytical capabilities and decision-making quality in financial reporting systems significantly. The quantitative data also revealed that a growing academic and organisational interest in AI-based accounting systems is expected to rise within 2023-2025, with machine learning being the most commonly cited AI technology. Nevertheless, the research also revealed significant implementation impediments such as governance issues, lack of transparency, cyber security threats, resistance among the workforce, infrastructure, and organisational readiness.
Moreover, the analysis revealed that the key to successful AI implementation is governance frameworks, explainable AI systems, workforce development, technological readiness, and strategic organisational planning. The work adds to the body of literature by offering a combined assessment of AI technologies, operational advantages, control issues, and strategic implementation issues in financial reporting settings. On the whole, the research concludes that Artificial Intelligence has become a revolution in the contemporary accounting and financial reporting systems, but the balanced governance, human supervision, and the willingness of organisations are the conditions of the sustainable implementation of AI in the accounting sector.
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	Abbreviation
	Full Form

	AI
	Artificial Intelligence

	NLP
	Natural Language Processing

	RPA
	Robotic Process Automation

	IT
	Information Technology

	ML
	Machine Learning

	ERP
	Enterprise Resource Planning

	IFRS
	International Financial Reporting Standards

	ICT
	Information and Communication Technology

	SLR
	Systematic Literature Review
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	Term
	Definition

	Artificial Intelligence (AI)
	Computer systems are capable of performing tasks that normally require human intelligence, such as learning, reasoning, and decision-making.

	Machine Learning (ML)
	A branch of AI that enables systems to learn from data and improve performance without explicit programming.

	Natural Language Processing (NLP)
	AI technology that enables computers to understand, interpret, and process human language.

	Robotic Process Automation (RPA)
	Technology is used to automate repetitive and rule-based business processes.

	Financial Reporting
	The process of preparing and presenting financial information and statements for stakeholders.

	Predictive Analytics
	The use of statistical techniques and AI algorithms to forecast future outcomes based on historical data.

	Explainable AI
	AI systems are designed to provide transparent and understandable decision-making processes.

	Governance Framework
	Organisational structures and policies are used to manage accountability, compliance, and ethical practices.

	Cybersecurity
	Measures and technologies used to protect systems, networks, and data from digital threats and attacks.

	Digital Transformation
	The integration of digital technologies into organisational processes to improve operations and performance.

	Generative AI
	A type of Artificial Intelligence that creates new content, such as text, reports, images, or analytical outputs, by learning patterns from existing data and generating human-like responses or predictions.
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[bookmark: _Toc231464140]1.1 Background 
Digitization of business operations in the contemporary period has greatly affected accounting and financial reporting (Shakil et al., 2022). Initially, the financial reporting process involved manually inputting data, reconciling data, and checking its accuracy (Khan and Mita, 2024). This was an exhausting process; however, it was also prone to human mistakes. However, the invention of Artificial Intelligence has marked a new era in the field marked by the automation of complex accounting processes (Odonkor et al., 2024). Some AI applications, such as machine learning, natural language processing, and robotic process automation, are being incorporated in financial systems to rapidly and efficiently process financial information.
Automation of financial reporting not only ensures minimal human errors but also facilitates compliance because the automated processes maintain accuracy and consistency in financial reporting (Pediredla, 2025). The consequence is the transformation of accounting tasks from routine duties to a more analytical perspective (Hajjar, 2024). With this in mind, one can conclude that the issue of technological competency assumes significance in the profession of accounting.
Despite being the mentioned advantages of AI, there is no denying that there are some potential problems when using artificial intelligence in financial reporting (Sreseli and Kadagishvili, 2023). As mentioned above, there are common problems concerning data protection, integration into the existing framework, and specialized knowledge necessary to solve problems and interpret AI results. What is more, the concerns about using AI for making financial decisions ethically and openly remain actual (Owolabi et al., 2024). Hence, one of the key areas of academic interest today is an investigation of the opportunities and limitations of using AI in financial reporting automation. In other words, the proposed research will consider all aspects of the change in financial reporting in modern accounting caused by AI.
[bookmark: _Toc231464141]1.2 Research Problem
The rapid advancement in Artificial Intelligence (AI) technology in accounting and financial reporting has created an urgent need for research on the dichotomy between its wide use and the lack of empirical evidence on its impact (Mutashar and Flayyih, 2024). Whereas organisations are progressively investing in automation via AI, the lack of unified evidence is tangible on the impact that the technologies have on the quality, efficiency, and cost of financial reporting, and the regulatory landscape. The available literature is also likely to study discrete areas of the application of AI, resulting in a patchwork view of the effectiveness of AI in accounting practices (Al-Omush, Almasarwah, and Al-Wreikat, 2025).
The urgency of this problem can be marked with reference to recent industry and statistical data. As an illustration, 58% of all finance functions had already implemented AI technologies by 2024 (Gartner, 2024), and 72% of organizations were either piloting or selectively applying AI in financial reporting, with 99% of projects that will be implementing AI in the next three years (KPMG, 2025). Also, approximately 83% of accounting companies have incorporated AI as a part of their workload to enhance automation (ZipDo, 2025). To this end, nearly half of all organisations around the globe have implemented AI within at least one aspect of their business as of 2024, with finance and accounting being one of the main usage points (Statista, 2026). This implies that not only is the adoption widespread, but it is also yet to be fully developed in terms of maturity.
The level of transformation is also shown by statistical aspects. As McKinsey and Company (2025) state, the usage of AI in business has been on a constant rise, with more than half of the organisations reporting that they are using AI regularly, especially in data-intensive departments like finance. Furthermore, Deloitte (2025) shows that leaders in the realm of finance are becoming increasingly interested in using AI in order to enhance forecasting, report accuracy, and increase efficiency in their operations. The above figures clearly show that AI technology is no longer experimental; rather, it is one of the main tools used in financial management and accounting. 
While these milestones have been achieved, it should be pointed out that much work remains to be done. Poor data quality, cyber-attacks, need for integration into existing legacy systems, as well as inability to hire professionals who can efficiently operate using AI tools, are some of the problems faced by many firms today. Moreover, an important challenge yet to be addressed relates to such aspects as transparency, ethics, and governance (Balasubramaniam et al., 2023). It is quite remarkable that in spite of widespread use, only a few firms can harness the maximum benefits from their use of AI. Thus, the absence of an in-depth and methodological summary of the application of AI in the automation of financial reporting and its ability to provide the desired advantages steadily is the main research issue. This gap needs to be tackled in order to provide organisations, policymakers, and practitioners with a comprehensive understanding of the issues and to help them optimise the value of AI in accounting systems.
[bookmark: _Toc231464142]1.3 Research Aim, Objectives, and Questions 
Research Aim
This study aims to review the application of artificial intelligence systematically across the automation of financial reporting procedures within the accounting field.
Research Objectives
RO1. To investigate how Artificial Intelligence (AI) technologies are used to automate the financial reporting processes in the accounting profession.
RO2. To examine the main advantages and efficiency gains realised with the help of AI in financial reporting systems.
RO3. To determine the key obstacles and limitations that are related to the application of AI- based automation in financial reporting.
RO4. To provide strategic suggestions that can be used to enhance the effective adoption and implementation of AI in the automated financial reporting processes.
Research Question
RQ1. What uses of Artificial Intelligence (AI) technologies are being implemented to automate accounting and financial reporting processes?
RQ2. What are the major advantages and efficiency gains experienced with the integration of AI in financial reporting systems?
RQ3. What are the difficulties and constraints of using AI-based financial reporting automation in organisations?
RQ4. Which strategic suggestions can be offered to enhance the successful adoption and implementation of AI in automated financial reporting processes?
[bookmark: _Toc231464143]1.4 Relevance of the Research 
This study is very timely in the framework of the online accounting practices taking explosive shape, especially with the increased adoption of Artificial Intelligence (AI) in financial reporting. The rapid adoption of AI-based tools to automate reporting processes by organisations requires a purely detailed view of the effects of the technologies on efficiency, accuracy, and compliance processes (Nyangoma et al., 2022). The study will add to the existing literature as the comprehensive literature synthesis will help to fill the gaps in the existing studies on AI applications in accounting. It also determines main advantages, issues, and implementation gaps, which are valuable information to both scholars and industry practitioners (Awasthi, Krpalkova, and Walsh, 2025). In addition, the study assists in informed decision-making as it offers strategic recommendations that could lead to an effective adoption of AI into financial reporting, which ultimately will result in the development of modern accounting practices.
[bookmark: _Toc231464144]1.5 Brief Summary of Findings
This study systematically reviewed the existing literature on the application of Artificial Intelligence (AI) in automated financial reporting systems within the accounting profession. The results indicated that AI technologies, specifically machine learning, Natural Language Processing (NLP), robotic process automation (RPA), predictive analytics, and generative AI, are now being actively included into the financial reporting processes to enhance automation, efficiency, and analytical possibilities. The technologies allow organisations to automate repetitive accounting procedures, manipulate vast amount of financial data better, and aid in making more informed decisions.
The review also showed that adoption of AI has various operational advantages. The most common benefits found throughout the literature are that reporting accuracy has improved, human error is minimized, fraud is identified more easily, operational productivity increases, financial reporting is faster, and the decision-support capabilities are stronger. These advantages indicate that AI has emerged as a significant source of digital transformation in the modern accounting landscape.
Nevertheless, the results also revealed many challenges related to the implementation of AI. The identified major barriers to successful adoption included governance and transparency issues, cybersecurity threats, employee resistance, lack of technical know-how, infrastructure challenges, and organisational preparedness challenges. Moreover, the issue of explainability, accountability, and regulatory compliance remain as the factors affecting the organisational trust towards AI-generated financial information.

Lastly, the review discovered that the effective and successful implementation of AI needs a balanced mix of technological capacity, the quality of governance, workforce development, organisational readiness and strategic planning. Those organisations that invest in training their staff, use explainable AI systems, have security systems in place and strong governance structures have higher chances of realising long-term benefits of AI adoption. In general, the results show that although AI is reshaping the financial reporting system, the key to its successful implementation lies in properly managing both technological opportunities and organisational challenges.
[bookmark: _Toc231464145]1.6 Chapter Outline 
The dissertation will have a logical structure to ensure that the topic of artificial intelligence is discussed comprehensively within the domain of accounting. Following this introductory chapter, Chapter 2 is a comprehensive review and critique of the literature related to Artificial Intelligence in Accounting, especially within the framework of automation and efficiency. Chapter 3 focuses on explaining the research methodologies to be used in the study, including systematic literature review, data collection, and methods of analysis. In chapter 4, findings are explained using numerical analysis and thematic analysis of the selected works in order to identify significant themes and conclusions. Chapter 5 focuses on discussing the implications of the findings of the study, which may include practical as well as theoretical significance, and also identifies some of the shortcomings of the study. Chapter 6 summarizes and concludes the entire dissertation by suggesting ways forward for future research on the topic.
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[bookmark: _27uuu77n1z4r][bookmark: _Toc231464147]2.1 Chapter Introduction
In this chapter, the relevant literature about the role of AI in financial reporting procedures in accounting systems will be evaluated critically. This chapter will focus on some of the central issues related to AI in financial reporting procedures, including the application of AI, benefits, drawbacks, threats, and adoption strategies. The analysis of literature will be based on peer-reviewed articles, systematic reviews, and industry studies that discuss the impact of AI on financial reporting. It also pinpoints opposing views and theoretical controversies of the discipline. Lastly, the chapter points out major gaps in empirical evidence and sets the stage of research focus and analysis of this study.
[bookmark: _nzmrsa25d5h3][bookmark: _Toc231464148]2.2 Application of AI  in financial reporting processes 
The use of Artificial Intelligence (AI) in financial reporting procedures is a significant trend in the contemporary accounting field as organisations are increasingly turning to the use of intelligent systems to automate financial reporting operations, enhance accuracy, and decision-making.  Abdo-Salloum and Chehade (2026) place AI as a radical agent that systemically changes accounting and auditing. Their systematic review points to the fact that AI helps to conduct continuous auditing and report on finances in real-time by handling large amounts of data more effectively than the traditional approach. This decreases the use of sampling and enhances reliability in reporting. Nevertheless, they focus much on the conceptual level and fail to take a closer look at the differences in readiness of organisations or the stages of adoption.
Conversely, Luan (2024) concentrates on corporate financial accounting and introduces AI as an efficiency-saving tool, but not disruptive. AI has proven effective in increasing the efficiency and accuracy of the financial statements compilation process by reducing human input. Luan (2024) considers the improvements on a systemic level on an individual basis, while Abdo-Salloum and Chehade (2026) stress the significance of changing the whole system. This can be seen as a gap in the existing literature between complete change and optimization.
The analysis continues with Bou Reslan and Al Maalouf (2024), considering the influence of AI on efficiency, fraud prevention, and skills dynamics. Their findings suggest that AI contributes to the improvement of the internal control system because it detects errors more efficiently than other solutions. Nevertheless, the authors point out another important issue that is related to AI altering the nature of the tasks performed by accountants, who transition from entering data to analysing it. In addition, Farea et al. (2024) examine the intelligent automation of accounting reports, considering RPA and machine learning alongside other technologies. The findings demonstrate that with the application of AI, quick reports, reduced expenses, and enhanced accuracy are feasible. However, it has to be noted that according to the authors, one of the biggest challenges remains the integration with traditional accounting software. In comparison to Bou Reslan and Al Maalouf (2024), who concentrate on the transformation of the workforce, Amin et al. (2024) pay more attention to the technical and infrastructural limitations, and the benefits are strongly conditioned by the organisational preparedness.
Goel and Singh (2025) are more technical, as they concentrate on Natural Language Processing (NLP) in processing financial documents. They say that NLP helps to extract and label unstructured financial information like invoices and contracts effectively, which minimizes manual work and enhances reporting performance (Jagannathan, Roy and Delhi, 2022). Nevertheless, they are only automating documents but not the entire financial reporting systems, which implies a lack of comprehension of how to incorporate such tools into the larger accounting practices.
Li (2025) takes a progressive viewpoint by saying that AI is progressing beyond automation to predictive analytics in financial accounting. This study indicates that AI can facilitate not only the existing reporting performance but also the prediction and decision-making. Yet, this view is mostly theoretical and not highly empirically supported, thus being less grounded than implementation-oriented research.
Mathew (2025) extends the use of AI to the investment banking middle-office business to include accounting. The researchers discovered that AI enhances faster processing of transactions, risk analysis, and accuracy of reporting in complex financial settings. Nevertheless, it also points to the fact that the effectiveness of AI can differ according to the complexity of the system, as well as the organisational context, implying unequal results in financial markets.
The literature is relatively unanimous and not uniform. The majority of the studies affirm that AI enhances efficiency, accuracy, and speed in financial reporting. Nonetheless, they vary in their priorities: Abdo-Salloum and Chehade (2026) emphasize systemic change, Luan (2024) and Farea et al. (2024) concentrate on operational changes and barriers to integration, Bou Reslan and Al Maalouf (2024) accentuate the effects on the workforce and fraud detection, Goel and Singh (202
One of the critical problems is the fragmentation of the literature. Studies tend to view AI from one of the following three perspectives: technological, organizational, or conceptual, while very little research is dedicated to combining them in the same model for accounting automation (Vărzaru, 2022). Likewise, empirical findings regarding full-scale adoption of artificial intelligence in the real world of financial reporting are relatively rare.
In conclusion, AI makes a huge impact on accounting by automating the process of financial reporting, improving data processing, and offering analytical possibilities. However, its adoption is uneven because of various gaps between countries or even companies with respect to the degree and readiness of AI adoption. The efficiency gains associated with AI have received much support among scholars, although the problems of integration, skills transformation, and system limitations remain.
[bookmark: _beg318vpnotp][bookmark: _Toc231464149]2.3 Benefits of AI in financial reporting systems
The involvement of enhanced efficiency, real-time reporting, automation, and decision-making are the main advantages associated with AI in relation to the financial reporting systems (Pavlovic et al., 2024). Juma, Chuang, and Harfouche (2026) introduce an approach based on layering of AI technology implementation for purposes of enhancing the financial reporting and investment activities. According to the authors, use of the technology may enhance both financial reporting and investment decisions through the introduction of automated decision-making system involving predictive analytics. The core focus of the article is on the ability of AI to increase efficiency and enhance quality of investment decisions through the integration of financial reporting and analysis. However, the conceptual framework suggested by the authors does not have enough empirical support in various organizational settings.
In the same vein, Shatila (2026) highlights the benefits of implementing AI for purposes of facilitating real-time reporting. Automation, system integration, and data quality become essential mediators in terms of improving financial reporting performance. Similarly, in comparison to Juma et al. (2026), who stress the importance of structural integration of AI in reporting and investments activities, Shatila (2026) focuses on the operational aspects facilitating effective real-time reporting. This echoes the change in literature where theoretical frameworks are no longer being used but rather determinants of success that are implementation-based. 
Odonkor et al. (2024) offer a more comprehensive overview of the effects of AI on accounting practices, mentioning the advancement of financial reports' accuracy, speed, and decision-making. According to their findings, AI helps to considerably decrease human error and increase the reliability of financial statements. They, however admit that the benefits are unequal among organisations because of the disparities in the technological preparedness and resources. This brings in a critical view that questions the assumption of homogeneous benefits.
One of the earlier foundational perspectives, according to Kokina and Davenport (2018), is that AI is revolutionizing auditing, automating routine tasks, and allowing auditors to work at a higher level of judgment-based work. Their publication emphasizes the efficiency and better quality of audits with the help of automation. Nonetheless, their analysis is not as narrowed down to higher-order AI functions like predictive analytics or real-time reporting as more recent publications, which was the early days of AI adoption.
Moll and Yigitbasioglu (2019) further the argument by analysing the nature of internet-related technologies in accounting. They argue that digital technologies, such as AI, are changing the role of the accountant towards more analytical and advisory roles, rather than traditional bookkeeping. Their input is a major advantage of AI: professional roles are redefined. Nevertheless, their analysis is also more general and does not limit their results only to AI-based financial reporting, thus being less specific and more context-driven by the digital transformation.
Sreseli and Kadagishvili (2023) critically review the AI in accounting and financial reporting, highlighting the advantages of the technology, namely, higher efficiency, automation of repetitive activities, and the possibility to process data more effectively. They also highlight that AI enhances consistency in reporting by minimizing human involvement. 
The concept of generative AI in the context of financial reporting systems is proposed by Sriram (2025). It is suggested that generative AI can offer insights and support for decisions through automation. The report emphasizes that generative AI can produce financial data into informative narratives, adding value to management insight and strategy. Different from the preceding literature focusing on automation and efficiency, Sriram (2025) shifts the focus towards cognitive enhancement and intelligent analysis of financial data. Nevertheless, the research study under discussion may be referred to as purely theoretical and necessitating empirical validation.
On the other hand, all the available literature is clear that there are many advantages associated with using AI in financial reporting, including enhanced efficiency, higher accuracy, automating repetitive tasks, and informed decision-making. What differs is the way that the above-stated strengths are described. For example, previous studies done by Kokina and Davenport (2018), and Moll and Yigitbasioglu (2019) concentrated on automation and role shift. In contrast, the latest findings obtained by Juma'h et al. (2026), and Sriram (2025) were concerned with the integration, prediction, and generative intelligence aspects. The critical review of the literature suggests that the application of AI has made it possible to achieve high value; however, it has not brought equal advantages to organizations. The key factors behind various outcomes include high quality of data used, system integration, and technological proficiency. Furthermore, all the reviewed literature sources are theoretical in nature. It is still lacking in comprehensive empirical evidence of its validity.
In conclusion, the use of AI has significant advantages in financial reporting processes due to its ability to increase efficiency, effectiveness, and accuracy while making decisions. Nevertheless, the level of these benefits depends largely on the extent of preparation for AI by organisations and their readiness to integrate technology into the system. Further research needs to be done on how AI is adding value to financial reporting processes.
[bookmark: _rxcx29esnop][bookmark: _Toc231464150]2.4 Challenges and Risks of AI Adoption in Financial Reporting
There are numerous chances of integrating Artificial Intelligence (AI) into financial reporting systems; nevertheless, the scholarly literature never fails to present a list of equal threats and risks related to transparency, accountability, reliability, and organizational trust. As per Hussain and Hussain (2025), in their assessment of explainable AI, most AI algorithms applied in the financial domain operate as black boxes and therefore make it impossible for users to understand how decisions are being made. It is difficult to underestimate the risk of a lack of transparency, as it raises questions about accountability, especially in terms of financial reporting, when one must audit numbers and prove their correctness. The study in question faces a considerable limitation compared to efficiency-focused studies, such as that by Artene et al. (2024), in that improved decision-making does not necessarily mean interpretability and explainability of results.
In addition, Estep, Griffith, and MacKenzie (2023) analyse the response of financial executives to the introduction of AI in financial reporting and auditing processes. They found out that although financial executives appreciate the increased efficiency provided by the introduction of AI in their processes, they remain cautious due to doubts about the reliability of systems, responsibility, and human involvement. In contrast to Hussain and Hussain (2025), who pay attention to system transparency, Estep et al. (2023) consider the management acceptance and trust of the decision-makers.
Artene, Domil, and Ivașcu (2024) adopt a more neutral approach as they concentrate on AI-based decision-making in financial reporting systems. They claim that AI adds business value to the degree of accuracy in analytical processes and speed in decision-making. Nevertheless, they also admit that strong data governance and solid system architecture are also necessary to integrate AI into financial reporting systems. Artene et al. (2024) emphasise structural and technical requirements, in contrast to Estep et al. (2023), who focus on human response, which implies that value creation is conditional on organisational preparedness and system quality.
Khan (2026) pays special attention to the models of financial accuracy based on AI and its contribution to the detection of errors and integrity in reporting. The researchers conclude that AI is able to decrease human error and enhance the consistency of financial statements. At the same time, it emphasizes some negative aspects of the high level of reliance on automation in case the system receives incorrect output but insufficient verification by humans takes place (Araujo, Mousavi and Varshosaz, 2022).
Accordingly, the authors highlight the problem of automation bias, in which the user does not question the output of the AI. In their discussion of automation of reporting processes, Mishra and Celestin (2025) note that the use of AI for generating financial statements is efficient, accurate, and compliant. While focusing on the advantages provided, they admit that high levels of automation lead to less human involvement into important stages of the process and thus may threaten internal control mechanisms.
Unlike Khan (2026), who focuses on increased accuracy provided by the introduction of AI, Mishra and Celestin (2025) emphasize the associated risks and potential threats. The article by Oyewole et al. (2024) discusses NLP in terms of financial reporting process automation. They emphasize that NLP enhances efficiency as it can handle huge amounts of unstructured financial data. Nevertheless, they also outline the risks connected with misinterpretation of data, bias in algorithms, and reliance on the quality of data. This indicates that the impact of NLP on the quality of input and the accuracy of model training is greater than how NLP increases automation.
Artificial intelligence’s place in administration is elaborated upon further by Parycek Schmid and Novak (2023) who say that although many benefits could be achieved from artificial intelligence, such as improved efficiency and lower operating costs, there are still a few drawbacks associated with the use of artificial intelligence, such as legal and ethical considerations. According to their study, one drawback is that adherence to technology in artificial intelligence is threatened due to the difference between technology and regulation.
On the other hand, the review of the existing literature highlights both technical and non-technical risks associated with the introduction of AI in financial reporting. The organisational and structural risks associated with it are transparency-related issues (Hussain and Hussain, 2025), managerial trust (Estep et al., 2023), and governance needs (Artene et al., 2024). Meanwhile, the technical risks identified by Khan (2026) and Oyewole et al. (2024) comprise model reliability, bias, and data quality. Mishra and Celestin (2025) raise yet another point by drawing attention to the risk of reduced human control, while the topic of regulatory and legal limitations is raised by Parycek Schmid and Novak (2023).
Finally, considering the findings of the literature analysis, the employment of AI for financial reporting purposes is characterised by substantial risk associated with such factors as transparency, accountability, reliability, and governance. It should be recognised that the introduction of AI is not only going to depend on the level of technological development of AI, but also on the presence of an adequate regulatory framework and control, as well as explainable AI.
[bookmark: _xpforl1xo5gb][bookmark: _Toc231464151]2.5 Strategies to enhance AI use in financial reporting 
The body of literature on the strategy for implementing AI in financial reporting is intended to optimize the implementation process, ensure adequate preparation of the organization and to ensure that all benefits deriving from the application of the technology are captured in the financial reporting process. In particular, the study by Alhazmi, Islam, and Prokofieva (2025) examines the influence of the implementation of AI on the efficiency of financial reporting in the Saudi Stock Exchange and claims that the implementation of AI would increase the reliability, transparency, and timeliness of the financial reports. The findings of the authors indicate that strategic implementation at the national market level will maximize the trust and credibility of financial reporting. However, it also means that it depends greatly on the availability of adequate infrastructure.
In addition, Mwachikoka (2024) believes that the use of AI would increase the accuracy of financial reporting and highlights the importance of adhering to the principles of accurate data management and system integration for optimal results. While Alhazmi et al. (2025) consider market-level performance of financial reporting, Mwachikoka (2024) focuses on more practical issues of implementing AI. The strategy suggested by Datsenko et al. (2024) is more enterprise-wide, as it suggests that AI would contribute to the accounting, control, and analytical processes to make the enterprise overall more competitive. They propose that AI is not to be restricted to financial reporting but should be integrated into the systems of organisational decision-making. Unlike Mwachikoka (2024), who believes in internal technical preparation, Datsenko et al. (2024) concentrate on strategic integration among various business activities, but they do not give much information on the implementation issues.
Hajjar (2024) concentrates on the importance of automation and avoiding risks, claiming that the strategies of AI implementation should be based on a balanced approach to achieving efficiency and high-quality governance. The research points out that even though automation is faster in reporting, it minimises manual error, organisations should make sure that frameworks in risk management are developed as AI is adopted. Hajjar (2024) is less optimistic than Datsenko et al. (2024) because it focuses on governance and control as the key aspects of effective implementation.
Zafar, Ali, and Audi (2025) concentrate on the transformation of organisations and the workforce, stating that the successful implementation of AI demands the reorganisation of accounting jobs and the investment in employee reskilling. They indicate that the concept of intelligent automation is not merely a technology change, but it is also a human resources issue. Compared to Hajjar (2024), who puts emphasis on risk governance, Zafar et al. (2025) pay attention to the significance of workforce readiness and organisational change management among the factors that enable AI success.
Peng et al. (2023) take a more sustainability-focused approach and claim that AI programs in accounting must be based on more extensive Sustainable Development Goals (SDGs). They indicate that AI increases transparency, accountability, and efficiency of financial reporting systems and contributes to long-term sustainability goals. They, however, contribute more in terms of concepts and do not provide operational guidelines on how to implement them.
However, earlier, Smith (2018) offers a more fundamental view that digitisation facilitates continuous accounting, the foundation of real-time reporting systems based on AI. Although not AI-specific, the research indicates that the technological revolution in financial reporting demands a paradigm change in reporting models, whereby periodic reporting is replaced by continuous reporting. Smith (2018) does not pay much attention to AI in comparison to later studies, but it provides a valuable background to digital readiness.
Relatively, a number of important techniques to improve AI applications in financial reporting are found in the literature. They are system integration and data quality improvement (Mwachikoka, 2024), enterprise-wide adoption (Datsenko et al., 2024), governance and risk alignment (Hajjar, 2024), workforce reskilling and organisational change (Zafar et al., 2025), sustainability alignment (Peng et al., 2023), and regulatory and infrastructure Although both studies are based on different dimensions, it is unanimously agreed that the success of AI is based on a combination of technological, organisational, and regulatory strategies.
Critical synthesis shows that the literature has a variety of strategic directions, but it is still fragmented. The majority of the studies concentrate on individual features like technology, governance, or workforce issues, but not many of them provide an integrated framework, merging these dimensions into one AI application strategy for financial reporting. This makes the significance of the practice much less applicable when the organisation wants comprehensive guidance.
In summary, the review suggests that the improvement of AI’s application in financial reporting must involve a multifaceted process involving the use of technology, building of capacity, and alignment of the strategy. Although AI could prove to be useful in optimizing the process, the extent of its success would depend on the extent to which these processes are coordinated.
[bookmark: _214i9bjrlafn][bookmark: _bzl9758aiwwp][bookmark: _Toc231464152]2.6 Conceptual Framework
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[bookmark: _Toc231464191]Figure 1: Conceptual Framework
[bookmark: _m40zt1devxsz](Source: Author)
[bookmark: _ystwdei4f04u][bookmark: _Toc231464153]2.7 Research Gap
Although there is a large body of literature on the topic of Artificial Intelligence (AI) in financial reporting, there is a research gap in terms of a lack of empirical integration and disjointed evidence on applications, benefits, risks, and implementation strategies. The bulk of research in AI applications is conceptual or review-based research as opposed to large-scale empirical validation of real-world financial reporting systems. An example is Abdo-Salloum and Chehade (2026) and Juma’h, Chuang, and Harfouche (2026), who offer system-based frameworks, but are mostly theoretical without specific organisation-based empirical validation. Likewise, Odonkor et al. (2024) and Sreseli and Kadagishvili (2023) emphasise the overall advantages of efficiency and accuracy improvement, yet the empirical measurement of the variation of these results in industries or organisational maturity levels is not provided.
The risk side studies like those by Hussain and Hussain (2025) and Parycek, Schmid, and Novak (2023) highlight the issues of transparency and governance, but they are largely theoretical and are not supported by real-time evidence obtained in financial reporting settings. Similarly, strategic literature (Zafar, Ali, and Audi, 2025; Hajjar, 2024) suggests implementation frameworks, which are not empirically tested on the most effective strategies to use to achieve better outcomes in terms of AI adoption in practice.
As such, the synthesis gap is evident in terms of combining the application of artificial intelligence, its advantages, disadvantages, and the process of strategic implementation in order to achieve an empirical understanding of transforming the financial reporting system. This study is aimed at addressing this gap by providing a systematic literature review on trends, discrepancies, and implications of implementing artificial intelligence in the field of financial reporting.
[bookmark: _bzvxfub7f1xu][bookmark: _Toc231464154]2.8 Chapter Summary
Overall, the literature demonstrates that artificial intelligence plays an extremely important role in the sphere of financial reporting, contributing to enhanced effectiveness, accuracy, and decision-making processes through automation and advanced analytics. However, there are also discrepancies regarding the efficiency of implementation, organizational readiness for implementation, and management-related problems. While the advantages associated with real-time reporting and the provision of predictive insights have been widely explored, it is also clear that there are numerous risks involved such as lack of transparency, system limitations, and skills. Furthermore, the literature is largely theoretical and lacks empirical analysis of themes. This emphasizes the necessity of a more systematic and evidence-based perception of the adoption of AI in financial reporting, which is what this study tries to achieve.


[bookmark: _h0pyeomwx9u][bookmark: _Toc231464155]Chapter 3: Methodology
[bookmark: _Toc231464156]3.1 Research Approach
A research approach is a process by which knowledge is generated and understood in a research enquiry. Deductive and inductive are the two large methods that are frequently used in academic studies (Mbanaso, Abrahams, and Okafor, 2023). Deductive research seeks to test existing theories and hypotheses using measurable data, whereas inductive research seeks to create generalized knowledge, trends, and conclusions based on observations and existing data (Kumar, 2024). Inductive research is well-adapted to exploratory research when the goal is to explain rather than to test predetermined hypotheses (Haque, 2022).
The research design in this study was an inductive research design since the research objectives were to systematically review and synthesise existing information on the use of Artificial Intelligence (AI) in financial reporting systems, as opposed to statistically testing predetermined hypotheses. The use of AI in accounting is a dynamic, emerging research topic that still has vastly different results, practices of its application, and organisational experiences of AI across studies. Thus, the inductive approach allows themes, patterns, and interpretations to be discovered naturally out of the chosen literature.
The inductive orientation can also be used due to the purpose of the research to comprehend the application of AI, its operational advantages, implementation issues, and strategic suggestions in the financial reporting systems. These goals entail critical interpretation and thematic comprehension of extant evidence instead of experimental or quantitative validation. By examining a range of scholarly works, the study reveals the recurrent themes, including efficiency of automation, governance, organisational preparedness, transparency, and implementation plans related to the adoption of AI in accounting settings (Azevedo et al., 2024). Thus, the inductive method advocates the establishment of a more comprehensive and evidence-based view of the process of Artificial Intelligence implementation in financial reporting systems.
[bookmark: _Toc231464157]3.2 Justification of the Selected Research Approach
A systematic literature review (SLR) was used in the current study since it is a systematic, transparent, and comprehensive process of assessment and synthesis of the available academic literature. Literature review is a well-known method to review new areas of research, find out thematic patterns, assess existing knowledge, and discover the gaps in research in a specific field. Various types of reviews are usually used in scholarly studies, including narrative reviews, integrative reviews, meta-analyses, and systematic literature reviews (Page et al., 2021). The SLR method is regarded as one of these approaches that are especially suitable to guarantee the methodological rigour, transparency, and replicability in the research process.
The methodology of the SLR was chosen as an alternative to primary research methods, including interviews, surveys, and case-study interviews, since the purpose of the research is not to gather personal perceptions of a small sample of individuals but to critically synthesise the bigger academic evidence on the topic of the adoption of Artificial Intelligence in financial reporting systems. Interviews or surveys would have limited the results to a particular organisational or geographical setting, but the SLR methodology allows consideration of a wide range of conceptual and empirical research on a variety of accounting settings. Moreover, the research aims at determining general trends, operational advantages, implementation challenges, governance issues, and strategic suggestions out of the available literature, and as a consequence, the SLR method is more appropriate than primary data-gathering procedures.
The study has also used the Preferred Reporting Items of Systematic Reviews and Meta-Analyses (PRISMA) model to enhance the transparency and reliability of how the paper was chosen. PRISMA assists in identifying, screening, and assessing the eligibility of academic studies systematically, with the use of a structured filtering process (Page et al., 2021). PRISMA reduces bias in the researcher and enhances methodological coherence by explicitly detailing every phase of article selection, unlike conventional narrative reviews. This is especially true of the current study since the research focuses on various aspects of AI implementation in financial reporting, such as technological usage, operational benefits, governance issues, and strategic implementation culture. Hence, PRISMA was deemed very suitable when it comes to the systematic selection of the most relevant and academically sound studies in relation to Artificial Intelligence in the accounting and financial reporting systems.
[bookmark: _Toc231464158]3.3 Selection and Justification of Database
Choosing the right academic databases is a significant step in systematic literature review since it directly influences the quality, reliability, and completeness of acquired studies. Various academic reports, conference papers, and scholarly articles are available using different electronic databases in different fields. Google Scholar, Scopus, ScienceDirect, SpringerLink, and Web of Science were the biggest databases utilized in this work to collect literature. These databases were chosen due to the wide access to peer-reviewed scholarly literature on accounting, finance, Artificial Intelligence, information systems, and digital transformation (Dube, Rammutloa, and Matatiele, 2024).
Particularly significant were Scopus and Web of Science since they are internationally recognised academic databases of high-quality and indexed journal publications in multidisciplinary research fields. ScienceDirect and SpringerLink were also chosen due to the fact that they host a variety of peer-reviewed research on the topic of accounting technologies, AI systems, and research in the field of financial management. The search was also expanded by using Google Scholar to find other relevant academic sources that might not have been found in the other databases.
The chosen databases were deemed suitable since the study is devoted to the newly introduced usage of Artificial Intelligence in financial reporting systems, and both academic sources on accounting and on technology are needed. Moreover, the search was made more comprehensive due to the utilization of numerous databases and was less likely to exclude certain valuable studies that would be pertinent to the research objectives and questions. Thus, the database choice strengthened the quality of the systematic literature review, its reliability, and coverage.
[bookmark: _Toc231464159]3.4 Review Protocol and Temporal Boundary
To provide transparency, consistency, and methodological rigour in the process of selecting articles, this study adhered to a structured systematic literature review protocol. The Preferred Reporting Items in Systematic Reviews and Meta-Analyses (PRISMA) framework was embraced to inform the process of identifying, screening, assessing eligibility, and including academic studies of interest (Page et al., 2021). PRISMA is well known to enhance transparency and minimise selection bias in systematic literature reviews by a transparently described filtering process. This framework was deemed to be especially appropriate in this research since the study explores various aspects of Artificial Intelligence implementation in financial reporting systems, such as technological applications, operational advantages, implementation difficulties, and strategic suggestions.
The literature search was conducted using both keywords and Boolean operators since it was necessary to be able to detect all the relevant studies. The key search parameters were the following ones: Artificial Intelligence AND financial reporting, AI in accounting automation, machine learning AND financial reporting systems, Artificial Intelligence adoption AND accounting challenges, and intelligent automation AND financial reporting processes. Systematic refinement and expansion of the search process were done using Boolean operators like AND and OR. These terms were chosen as they directly respond to the research aims in terms of AI application, operational advantages, governance issues, and implementation plans in the accounting systems.
A time constraint was also employed to make sure that the literature used was relevant and up-to-date. The search was narrowed to the studies published during 2021-2026 since this timeframe is associated with the rapid development and the increase in the usage of Artificial Intelligence technologies in the financial reporting system. Limiting the review to current studies also made sure that the research reflects modern technological advances, adoption patterns, governance issues, and organisational processes related to the use of AI in the accounting setting. In addition, only the English-language publications were taken to ensure that the entire review process would be consistent in its interpretation and analysis.
[bookmark: _Toc231464160]3.5 Data Screening
In this study, systematic data-screening was done to make sure only pertinent studies that were reliable and of high academic quality were included in the final review. The screening procedure was conducted in accordance with the Preferred Reporting Items of Systematic Reviews and Meta-Analyses (PRISMA) framework, which aids in transparency, consistency, and methodological rigour of systematic literature review research (Page et al., 2021). Application of PRISMA was especially appropriate since the current research explores various aspects of Artificial Intelligence (AI) use in financial reporting systems, such as application, operational advantages, governance issues, and implementation plans. The framework also served to reduce researcher bias through a systematic filtering of articles in identifying and selecting articles.
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[bookmark: _Toc231464192]Figure 2: PRISMA
(Adapted from Singh et al., 2024)
Major academic databases such as Google Scholar, Scopus, ScienceDirect, SpringerLink, and Web of Science were used to perform the literature search. The databases were chosen due to the possibility of finding peer-reviewed scholarly research on the subject of accounting, finance, information systems, and Artificial Intelligence (Dube, Rammutloa, and Matatiele, 2024). The search was done by using a combination of keywords and Boolean operators to ensure that a wide range of relevant literature was covered. The major keywords were Artificial Intelligence AND financial reporting, AI in accounting automation, machine learning AND financial reporting systems, and Artificial Intelligence adoption AND accounting challenges. The search only included English language studies that were published in 2021-2026 to make sure the review encompassed recent advancements and modern use of AI technologies in accounting settings.
The first search identified around 68900 scholarly records regarding Artificial Intelligence and financial reporting systems. At the initial screening level, a number of filtering conditions were used to enhance the relevance and quality of the literature chosen. About 23,000 articles that could not be peer reviewed were eliminated due to their lack of academic reliability and methodological rigour. Moreover, 25,000 non-English articles were left out to ensure a uniform interpretation and thematic analysis. Moreover, 12,000 inaccessible full-text papers were eliminated due to the lack of opportunity to critically assess the whole findings. The 5000 studies published before 2021 were also eliminated in the screening process, so that the relevance of the review is current. Lastly, 3870 studies that were not related to accounting or financial reporting aspects were also not included as they were not directly relevant to the research questions and objectives.
After completing the screening of these criteria, there was a total of about 30 studies, which were further screened against through title, abstract, and full-text screening. The reports to be retrieved and evaluated as legal also comprised 30 reports, each addressing directly AI applications, their benefits, risks, governance issues, or implementation plans in financial reporting systems. As such, the ultimate screen process made sure that only very much relevant and academically sound studies were incorporated in the systematic literature review.

[bookmark: _Toc231464183]Table 1: Inclusion and Exclusion Criteria



	Inclusion Criteria
	Exclusion Criteria

	Peer-reviewed journal articles and academic reports
	Non-academic websites, blogs, and opinion articles

	Studies related to AI in accounting and financial reporting
	Studies unrelated to accounting or financial reporting

	Publications between 2021 and 2026
	Publications before 2021

	English-language publications
	Non-English studies

	Empirical, conceptual, and systematic review studies
	Duplicate and overlapping studies

	Full-text accessible studies
	Inaccessible full-text articles

	Studies addressing AI applications, benefits, risks, or implementation strategies
	Studies lacking methodological clarity or relevance



(Adopted from Gartlehner et al., 2022)

[bookmark: _Toc231464161]3.6 Sample Size Justification
The ultimate sample of this study was about 30 academic studies, which were filtered by the systematic screening procedure. Even though the sample size might seem as a rather small one when compared to large-scale quantitative reviews, it is deemed suitable in a research on systematic literature review since the emphasis is made on relevance, quality, and thematic richness instead of numeric numbers. The identified studies were pre-screened and selected purposely, according to their direct relevance to the adoption of Artificial Intelligence in financial reporting systems.
The purposive sampling was used due to the reasons that it enables the researcher to purposefully sample studies that can give meaningful insights and contextually relevant data with regards to the research objectives (Tajik, Golzar, and Noor, 2024). In contrast to probability sampling, purposive sampling can be well applied to qualitative and interpretivist studies in which the researcher aims at gaining more in-depth knowledge but not statistical generalisation (Ahmed, 2024). Thus, the chosen articles offered adequate conceptual and empirical data to investigate AI technologies and their operational advantages, governance issues, implementation difficulties, and suggestions on the strategies to use in accounting settings.
The sample size was also deemed satisfactory due to the presence of a variety of themes, approaches, organisational environment, and geographical location of the studies involved in the selection process in relation to AI application to financial reporting systems. The final dataset made it possible to detect recurring patterns, thematic relationships, and new trends necessary to respond to the research questions in a holistic manner. So, the chosen sample size was deemed to be adequate to justify valid thematic synthesis and methodical review of the literature available on the topic of Artificial Intelligence implementation in the sphere of financial reporting.
[bookmark: _3fdm9847xewh][bookmark: _b8pvp83ixysr][bookmark: _Toc231464162]3.7 Data Extraction and Analysis
A systematic data extraction and analysis process were carried out after the screening and eligibility assessment process was completed, to guarantee the systematic assessment of the chosen studies. The act of identifying, structuring, and documenting meaningful information in the chosen literature in a clear and uniform way can be referred to as data extraction. The information that was extracted in the given study was the names of authors, year of publication, research goals, research design, AI technologies that were used in the research, critical findings, implementation issues, and the strategic suggestions about the use of Artificial Intelligence in the financial reporting systems. Special focus was put on the discovery of evidence concerning AI application, operational advantages, governance issues, organisational preparedness and implementation plans in accounting contexts.
The reviews of the chosen works were systematized in terms of an assurance that the data extracted would be directly related to the objectives and research questions. The systematic fact mining process also enhanced uniformity and minimised the chances of omitting pertinent results among the chosen literature. Thematically categorisation methods were used to organise the extracted information to facilitate the efficient interpretation and comparison of the studies. This methodology allowed defining common themes, relationships, and patterns in relation to the adoption of Artificial Intelligence in financial reporting systems.
Numerical analysis and thematic analysis methods were used to assess the chosen literature thoroughly in the study. The trends in publications, the frequency of AI technologies, the frequency of common research methods, the benefits of the operations, the challenges in implementation, and the distribution of the studies in various areas of research were identified numerically. To provide the quantitative trends of the literature, tables and frequency-based summaries were created to present the quantitative trends of the literature systematically. This quantitative assessment enhanced the clarity and analytical richness of the systematic literature review.
Besides this, thematic analysis was used to understand and synthesise qualitative data of the chosen studies. Thematic analysis is the procedure of discovering, coding, and analysing the repeated themes in textual data (Braun and Clarke, 2024). This approach was deemed feasible since the research had an interpretivist and inductive orientation that aimed at comprehending meanings, experiences, and patterns related to AI adoption in accounting systems. The thematic analysis procedure included the repetitive review of the selected studies, coding of significant findings, clustering of similar ideas and formation of larger themes as per the research goals. Key themes that were revealed during the analysis were AI-powered automation, operational efficiency, governance and transparency issues, organisational preparedness, and strategic implementation models. Consequently, the contribution of numerical and thematic analysis helped the study to have a holistic and systematic perspective regarding the adoption of Artificial Intelligence in financial reporting systems.




[bookmark: _Toc231464163]Chapter 4: Data Analysis 
[bookmark: _Toc231464164]4.1 Chapter Introduction
This chapter presents the systematic literature review and findings on the application of Artificial Intelligence (AI) in automated financial reporting as a subset of the accounting profession. It critically examines the chosen works to pinpoint the main trends, technological advances, operational advantages, governance issues, implementation issues, and recommendations on strategies regarding the use of AI. It has been carried out in terms of numerical and thematic analysis to provide a comprehensive evaluation of the literature. A summary of some of the selected studies, the publication trends, research methods, AI technologies, the identified benefits, and challenges are also included in the chapter. It also talks about the key themes that come out of the analysis and how the research findings are in line with the research objectives and questions, which forms the basis of the discussion chapter.
[bookmark: _Toc231464165]4.2 Summary of Selected Studies
[bookmark: _Toc231464184]Table 2: Summary of Selected Studies (Detailed Analysis Present in Appendix 1)
	Author
	Year
	Research Focus
	Research Method
	AI Technology Identified
	Key Findings
	Connected RO/RQ

	Bahoo et al.
	2024
	AI in accounting automation
	Conceptual
	ML, Predictive Analytics
	AI improves fraud detection and reporting automation
	RO1/RQ1

	Farea et al.
	2024
	Intelligent automation in accounting
	Empirical
	RPA
	Automation improves operational efficiency
	RO2/RQ2

	Goel and Singh
	2025
	NLP in financial reporting
	Empirical
	NLP
	NLP improves document extraction and invoice classification
	RO1/RQ1

	Oyewole et al.
	2024
	AI reporting systems
	Conceptual
	NLP
	AI improves reporting consistency and processing
	RO2/RQ2

	Sriram
	2025
	AI decision-support systems
	Conceptual
	Generative AI
	AI transforms analytical decision-making
	RO1/RQ1

	Narang, Mukesh, and Jain
	2024
	AI-driven digital accounting
	Empirical
	ML
	AI enhances digital transformation and data processing
	RO2/RQ2

	Odonkor et al.
	2024
	AI efficiency in reporting
	Empirical
	ML, RPA
	AI reduces manual workloads and errors
	RO2/RQ2

	Ashraf
	2024
	AI and internal controls
	Conceptual
	AI Automation
	AI improves reporting reliability and controls
	RO2/RQ2

	Mwachikoka
	2024
	AI operational performance
	Empirical
	Predictive Analytics
	AI improves efficiency and reporting accuracy
	RO2/RQ2

	Hajjar
	2024
	AI implementation strategies
	Conceptual
	AI Systems
	AI improves compliance and reporting speed
	RO4/RQ4

	Artene, Domil, and Ivascu
	2024
	AI forecasting and analytics
	Empirical
	Predictive Analytics
	AI strengthens forecasting quality
	RO2/RQ2

	Jaafar
	2025
	Fraud detection systems
	Empirical
	ML
	AI identifies anomalies effectively
	RO2/RQ2

	Hussain and Hussain
	2025
	AI governance and transparency
	Conceptual
	Explainable AI
	Transparency concerns reduce trust
	RO3/RQ3

	Pérez-Campdesuñer et al.
	2025
	Organisational readiness
	Empirical
	AI Systems
	Infrastructure and workforce affect implementation
	RO3/RQ3

	Estep, Griffith and MacKenzie
	2023
	Financial executive perceptions
	Empirical
	AI Systems
	Governance and accountability concerns remain significant
	RO3/RQ3

	Upadhyay et al.
	2024
	Cybersecurity and AI
	Conceptual
	AI Monitoring Systems
	Cybersecurity protection is critical
	RO3/RQ3

	Parycek, Schmid and Novak
	2023
	Regulatory challenges
	Conceptual
	AI Governance
	Regulations lag behind technological development
	RO3/RQ3

	Alhazmi, Islam and Prokofieva
	2025
	AI governance frameworks
	Empirical
	AI Governance
	Governance and training improve adoption
	RO4/RQ4

	Datsenko et al.
	2024
	Strategic AI integration
	Conceptual
	AI Systems
	Strategic planning improves implementation success
	RO4/RQ4

	Bou Reslan and Al Maalouf
	2024
	Workforce readiness
	Conceptual
	AI Training Systems
	Workforce reskilling supports AI adoption
	RO4/RQ4

	Abdo-Salloum and Chehade
	2026
	AI transformation in accounting
	SLR
	ML, NLP
	AI transforms reporting systems strategically
	RO1/RQ1

	Juma’h, Chuang and Harfouche
	2026
	AI implementation frameworks
	Conceptual
	AI Systems
	AI frameworks improve reporting processes
	RO4/RQ4

	Sreseli and Kadagishvili
	2023
	AI efficiency and reporting
	Empirical
	ML
	AI improves reporting efficiency
	RO2/RQ2

	Zafar, Ali and Audi
	2025
	AI strategic implementation
	Conceptual
	AI Governance
	Governance improves implementation sustainability
	RO4/RQ4

	Azevedo et al.
	2024
	AI adoption trends
	SLR
	AI Systems
	AI adoption patterns continue increasing
	RO1/RQ1

	Hasan
	2021
	AI in accounting
	Literature Review
	AI Systems
	AI significantly affects accounting operations
	RO1/RQ1

	Kommunuri
	2022
	AI transformation in accounting
	Conceptual
	AI Automation
	AI reshapes accounting practices
	RO1/RQ1

	Kureljusic and Karger
	2023
	AI forecasting systems
	SLR
	Predictive Analytics
	AI enhances forecasting reliability
	RO2/RQ2

	AlKoheji and Al-Sartawi
	2022
	AI in accounting systems
	Conceptual
	AI Systems
	AI improves operational reporting systems
	RO2/RQ2

	Oneshko et al.
	2023
	AI in financial reporting
	Empirical
	AI Systems
	AI creates opportunities for accounting transformation
	RO1/RQ1



(Source: Author)

[bookmark: _Toc231464166]4.3 Numerical Analysis of Selected Studies
4.3.1 Publication Year Distribution
The analysis by the year of publication shows that the academic interest in the adoption of Artificial Intelligence (AI) in the financial reporting and accounting systems has increased significantly over the past few years. The chosen studies suggest that the research activity has increased significantly in 2023-2025 due to the greater adoption of AI technologies in organisations and the growing significance of automation in accounting settings. Previous research largely concentrated on conceptual knowledge regarding AI applications, but more recent research is looking more at governance, implementation planning, benefits related to operational performance, and organisational preparedness for AI adoption. These results further suggest that the accelerated development of technologies, including machine learning, Natural Language Processing (NLP), predictive analytics, and robotic process automation, has promoted a wider scholarly inquiry into AI-based financial reporting systems. The research gap that is also supported by this trend is the presence of numerous studies in the literature review that highlighted the increasing significance of AI technologies, but failed to include a combined and systematic review of the implementation results among accounting systems.

[bookmark: _Toc231464185]Table 3: Publication Year Distribution of Selected Studies

	Publication Year
	Number of Studies
	Percentage (%)

	2021
	2
	6.7

	2022
	4
	13.3

	2023
	6
	20.0

	2024
	10
	33.3

	2025
	7
	23.3

	2026
	1
	3.3

	Total
	30
	100.0



(Source: Author)

[bookmark: _Toc231464193]Figure 3: Publication Year Distribution of Selected Studies
(Source: Author)

The distribution of the publication year shows that there is an increasing amount of academic interest in the applications of Artificial Intelligence in financial reporting systems. As demonstrated in Table 3 and Figure 3, the sample size grew from just two publications in 2021 to ten publications in 2024 or 33.3% of the total sample. The level of activity of research was high in 2025 with seven studies. This tendency indicates that the adoption of AI in accounting and financial reporting has become a more significant topic of study because of the quick technological progress and the increasing organisational adoption. The results show that academic interest in AI-driven financial reporting has been gaining momentum over the past few years.
4.3.2 Research Method Distribution
The review of the research methods showed that conceptual and qualitative research prevails in the existing literature on the adoption of Artificial Intelligence in financial reporting systems. Numerous studies dedicated to theoretical assessment, systematic reviews, and conceptual debate of AI technologies, governance issues, and implementation plans, instead of massive empirical tests. The research gap that was identified in Chapter 2 and indicated the lack of empirical integration and practical validation in the available AI-accounting literature can be supported by this finding.
Empirical studies constituted a smaller, yet rising, percentage of chosen literature as researchers started to attempt to assess the real-world implementation experiences and operational results related to AI adoption in accounting environments. Moreover, the syntheses of the emerging knowledge about AI technologies and financial reporting transformation were dominated by systematic literature reviews.

[bookmark: _Toc231464186]Table 4: Research Method Distribution
	Research Method
	Frequency
	Percentage (%)

	Conceptual Studies
	13
	43.3

	Empirical Studies
	11
	36.7

	Systematic Literature Reviews
	4
	13.3

	Literature Reviews
	2
	6.7

	Total
	30
	100.0










(Source: Author)


[bookmark: _Toc231464194]Figure 4: Research Method Distribution 
(Source: Author)

Table 4 and Figure 4 give the distribution of methods used in research adopted in the selected studies. The largest group was conceptual studies, which constituted 43.3% (n=13) of the sample, and then empirical studies (36.7% n=11). Systematic literature reviews were considered 13.3% (n=4), and only 6.7% (n=2) were traditional literature reviews. The fact that most of the research done on Artificial Intelligence in financial reporting only concerns the development of theoretical research and the practical implementation of the findings is a sign that the current state of Artificial Intelligence research in financial reporting is still under development. The availability of empirical research also proves the increasing attempts to assess the adoption of AI and its consequences in the context of practical organisational and accounting practices.
4.3.3 Artificial Intelligence Technologies Identified
The quantitative review of the selected research has provided some of the major technologies in Artificial Intelligence that are commonly applied in financial reporting and accounting systems. Conclusions indicate that the machine learning, Natural Language Processing (NLP), robotic process automation (RPA), predictive analytics, generative AI, and explainable AI systems are the most commonly discussed technologies in the literature. The primary applications of these technologies are the increased automation of reporting, fraud detection, analytics, accuracy of the forecasts, and efficiency of operations in the accounting environment.
The most commonly found technology in the chosen articles was machine learning due to its high potential to manipulate vast amounts of financial information, detect trends, and enhance predictive decision-making. Continuing on the same theme, NLP technologies were generally associated with automatic document extraction, invoice processing, and standardisation of reporting. The wide discussion was also on predictive analytics technologies because of their predictive nature in forecasts, risk analysis, and smart financial decision-making. In addition, increasingly enlightening works were on explicable AI systems and governance technologies, because of the growing concerns regarding transparency, accountability, and ethical use of AI in financial reporting systems.
[bookmark: _Toc231464187]Table 5: AI Technologies Identified in Selected Studies

	AI Technology
	Frequency
	Percentage (%)

	Machine Learning (ML)
	11
	36.7

	Predictive Analytics
	6
	20.0

	Natural Language Processing (NLP)
	5
	16.7

	Robotic Process Automation (RPA)
	3
	10.0

	Explainable AI / Governance Systems
	3
	10.0

	Generative AI
	2
	6.6

	Total
	30
	100.0



(Source: Author)


[bookmark: _Toc231464195]Figure 5: AI Technologies Identified in Selected Studies
(Source: Author)

Table 5 and Figure 5 depict the representation of the Artificial Intelligence technologies found in the chosen studies. The most common discussed technology was that of Machine Learning, which represented 36.7% (n=11) of the literature reviewed. This was then followed by Predictive Analytics with 20.0% (n=6) and Natural Language Processing with 16.7% (n=5). Robotic Process Automation and Explainable AI/Governance Systems were 10.0% (n=3) and Generative AI was 6.6% (n=2). The results show that machine learning is the prevailing AI technology in the financial reporting systems because it allows forecasting, detecting anomalies, automating, and analyzing data. The rise of NLP, Generative AI, and Explainable AI is also indicative of the sophistication of AI usage in the contemporary accounting setting.
4.3.4 Key Benefits Identified
In the chosen studies, a number of significant operational and strategic advantages of using Artificial Intelligence in the financial reporting systems were identified. The quantitative results show that the most common advantages in the literature are operational efficiency, accuracy of reporting, fraud detection, automation, quality of forecasting, and decision-making. These advantages indicate that AI technologies are rapidly changing the traditional manual-based accounting functions to intelligent, data-driven, and automated systems.
The most frequently reported benefit was operational efficiency due to the fact that AI technologies greatly decrease repetitive manual operations, enhance the speed of the processes, and reinforce productivity in financial reporting systems. Likewise, numerous research works indicated that AI enhances the quality of reporting by minimizing human error and adding consistency to the accounting processes. The detection of fraud was also a popular topic since AI systems have a high level of ability to detect anomalies, irregular financial trends, and suspicious transactions in real time. Moreover, predictive analytics and intelligent automation technologies proved to reinforce the quality of strategic forecasting and decision-making in the accounting settings.

[bookmark: _Toc231464188]Table 6: Key Benefits Identified in Selected Studies
	Key Benefit
	Frequency
	Percentage (%)

	Operational Efficiency
	14
	23.7

	Reporting Accuracy
	11
	18.6

	Automation of Processes
	10
	16.9

	Fraud Detection
	8
	13.6

	Improved Decision-Making
	7
	11.9

	Forecasting and Predictive Analysis
	5
	8.5

	Cost Reduction
	4
	6.8

	Total
	59
	100.0













(Source: Author)
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Table 6 and Figure 6 show the key advantages of using Artificial Intelligence in financial reporting systems. The most reported benefit was operational efficiency, with 23.7% (n=14) of the reported benefits instances. This was succeeded by the accuracy in reporting at 18.6% (n=11) and robotization of accounting procedures at 16.9% (n=10). Fraud detection was 13.6% (n=8) and better decision-making was 11.9% (n=7). Less frequently reported were forecasting and predictive analysis (8.5%) and cost reduction (6.8%). These results show that the main uses of AI technologies in organisations are to enhance efficiency, quality of reporting and to automate routine accounting processes, in addition to enjoying increased analytical and fraud detection power.
4.3.5 Key Challenges Identified
The quantitative research additionally revealed some of the key challenges and limitations of using Artificial Intelligence in financial reporting systems. Though the selected works also identified considerable operations and strategic advantages of AI technologies, numerous researchers also reported governance, transparency, organisational, and technological issues as obstacles to successful implementation. These obstacles show that the successful implementation of AI in accounting practices is not only reliant on the level of technological progress but also on the organisational preparedness, ethical leadership, and human capacity.
The most common issues that were identified in the chosen studies were the issues of governance and transparency. Most scientists suggest that AI systems can be considered black boxes frequently, and organisations and financial experts can hardly comprehend how automated decisions and reports are produced. Likewise, threats to cybersecurity and data privacy were also frequently addressed since AI systems handle very sensitive financial data in digital settings. Resistance by the workforce and lack of technical skills were also found to be a major hindrance to the success of the implementation, especially when the employees lack confidence or lack adequate technology training.
Besides this, other studies also indicated infrastructure constraints, implementation costs, and regulatory uncertainty as critical constraints that limit the use of AI in the financial reporting systems. These results indicate that companies need not only to invest in technology but also to have governance systems, employee education, and strategic planning to facilitate sustainable AI adoption in accounting settings.

[bookmark: _Toc231464189]Table 7: Key Challenges Identified in Selected Studies

	Key Challenge
	Frequency
	Percentage (%)

	Governance and Transparency Issues
	12
	28.6

	Cybersecurity and Data Privacy Risks
	8
	19.0

	Workforce Resistance and Skills Gap
	7
	16.7

	Infrastructure and Implementation Costs
	6
	14.3

	Regulatory and Compliance Challenges
	5
	11.9

	Lack of Explainability in AI Systems
	4
	9.5

	Total
	42
	100.0



(Source: Author)
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Table 7 and Figure 7 outline the key issues linked with the implementation of Artificial Intelligence in financial reporting systems. The most commonly reported challenge was governance and transparency issues, which occurred 28.6% (n=12) of all challenge reported. Cybersecurity and data privacy risks (19.0% n=8) and workforce resistance and skills gaps (16.7% n=7) came next. The infrastructure and implementation costs took 14.3% (n=6) and regulatory and compliance issues took 11.9% (n=5). The absence of explainability in AI systems was found during 9.5% (n=4) of the challenge occurrences. These results indicate that despite the impressive operational advantages of AI, organisations still experience remarkable governance, technological, and organisational challenges that can influence successful deployment and longevity adoption.
4.3.6 Country and Regional Distribution of Studies
The geographical review of the chosen studies shows that studies related to the use of Artificial Intelligence in the financial reporting systems are becoming more and more global. But the results indicate that most of the research is conducted in developed economies and technologically advanced areas, where digital transformation and AI implementation in the accounting setting have advanced more quickly.
The adopted literature was not only well-represented in Europe, Asia, and the Middle East, but there is nothing incidental about the fact that this region is just starting to take an interest in AI-based financial reporting systems. Some other studies concentrated on global or multinational organisational views as opposed to individual countries, which suggests the universality of AI technologies in accounting and financial management practices. However, relatively little research was discovered in developing economies, suggesting the need to conduct additional geographical research on the problems of AI adoption and implementation experience in emerging economies.

[bookmark: _Toc231464190]Table 8: Country and Regional Distribution of Selected Studies

	Country/Region
	Frequency
	Percentage (%)

	Europe
	9
	30.0

	Asia
	8
	26.7

	Middle East
	5
	16.7

	North America
	4
	13.3

	Global/Multiple Regions
	3
	10.0

	Africa
	1
	3.3

	Total
	30
	100.0



(Source: Author)
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Table 8 and Figure 8 show the geographical distribution of the chosen studies. The greatest percentage of the literature reviewed was Europe, with a percentage of 30.0 (n=9) and then Asia with 26.7% (n=8). The Middle East had 16.7% (n=5) and North America had 13.3% (n=4) sample. The count of studies in the multiple world regions was 10.0% (n=3), and Africa only had a single study (3.3%). These results suggest that studies of Artificial Intelligence in financial reporting have been focused in Europe and Asia, where there are more initiatives to become more digital and there is a rising interest in AI technologies in these regions. Nonetheless, the small number of African studies indicates that more studies can be done on the emerging economies.
[bookmark: _Toc231464167]4.4 Thematic Analysis
4.4.1 AI-Driven Automation Technologies in Financial Reporting
The thematic analysis showed that Artificial Intelligence technologies are rapidly changing financial reporting systems with smart automation, machine learning, Natural Language Processing (NLP), predictive analytics, and robotic process automation. The results showed that AI technologies are extensively used to automate redundant accounting tasks, enhance financial data processing, enhance the consistency of reporting, and promote analytical decision-making in accounting settings. Based on the numerical analysis, machine learning was the most commonly mentioned technology in the chosen studies, as it was mentioned in 11 studies, followed by 10 studies, in which predictive analytics and NLP systems were mentioned.
Various researchers emphasized that AI-based automation can be greatly effective in enhancing the efficiency and accuracy of financial reporting practices. Bahoo et al. (2024) described that AI technologies can assist in fraud detection, predictive analysis, and intelligent reporting systems with the help of advanced machine learning capabilities. In the same manner, Goel and Singh (2025) discovered that NLP technologies enhance invoice classification, extraction of financial documents, and consistency in reporting because they present a smaller workload and enhance processing speeds. The results also found that AI technologies help organisations to process structured and unstructured financial data more efficiently, which enhances operational efficiency and digitalisation in the accounting systems.
The discussion also revealed that AI technologies are being applied more and more to strategic and analytical tasks, instead of simple automation of operational accounting processes. Sriram (2025) emphasized that financial reporting is changing to intelligent analytical and decision-support systems through generative AI systems. Similarly, Narang, Mukesh, and Jain (2024) discovered that AI-based systems enhance the data-processing capacity and enhance digital transformation within accounting settings. Thus, the thematic results imply that AI implementation in financial reporting practices goes beyond common automation to intelligent financial analysis and strategic organisational decision-making.
The results are highly relevant to Research Objective 1 and Research Question 1 as they clearly reveal the key AI technologies and automation systems that are already in place in financial reporting settings. On the whole, the theme proves that AI-based automation technologies have become the key elements of the current accounting and financial reporting systems.
4.4.2 Efficiency and Operational Benefits of AI Adoption
The thematic analysis revealed that operational efficiency, reporting accuracy, automation, fraud detection, and improvement of decision-making are the key advantages of the introduction of Artificial Intelligence in financial reporting systems. The quantitative results showed that operational efficiency was the most commonly reported benefit, as it was mentioned in 14 studies, and reporting accuracy and automation were noted in 11 and 10 studies, respectively. These results prove that organisations are starting to utilize AI technologies more and more to enhance productivity, alleviate manual workloads, and enhance the quality of reporting in accounting settings.
According to a number of studies, AI technologies are highly effective in enhancing reporting speeds, accuracy, and consistency by automating repetitive accounting tasks. As Odonkor et al. (2024) described, AI systems can minimize human errors and enhance operational productivity by automating time-intensive financial reporting processes. In a similar finding, Ashraf (2024) discovered that intelligent automation enhances internal controls, increases reporting reliability, and also promotes the efficiency of the organisation through accounting systems. The results further revealed that predictive analytics and machine learning technologies facilitate intelligent prediction, financial analysis, and strategic decision-making.
Another benefit of AI adoption in financial reporting systems that was rather significant in terms of its operational benefits was the detection of fraud. Jaafar (2025) emphasised that AI-based fraud detection tools are useful in detecting suspicious transactions and suspicious financial trends that might be hard to detect by conventional accounting methods. Similarly, Artene, Domil, and Ivascu (2024) found that predictive AI systems enhance the quality of forecasts and enhance analytical decision-making in financial management settings. Hence, the results suggest that AI technologies can play a vital role in enhancing operational efficiency and smart financial analysis.
The results directly respond to Research Objective 2 and Research Question 2 since they explicitly assess the significant efficiency increase and operational advantages of AI integration in the financial reporting systems. Altogether, the theme validates that AI technologies significantly advance automation, quality of reporting, detection of fraud, and effectiveness of decision-making in accounting settings.
4.4.3 Governance, Transparency, and Implementation Challenges
The identified thematic analysis revealed that governance issues, restrictions on transparency, cybersecurity threats, workforce reluctance, and organisational preparedness are the key challenges that impede the implementation of Artificial Intelligence in financial reporting systems. The quantitative results showed that the most-discussed challenge was governance and transparency concerns, with 12 studies, and then cybersecurity risks and workforce ability concerns. These results suggest that despite the high operational advantages associated with AI technologies, organisations still encounter considerable implementation and governance challenges in the accounting context.
Several studies pointed out that most AI systems work as a black box, meaning users and financial experts have a difficult time with how automated decision-making and reporting output are produced. Hussain and Hussain (2025) clarified that the absence of transparency and explainability undermines organisational trust and brings issues of accountability to AI-based financial reporting systems. On the same note, Estep, Griffith, and MacKenzie (2023) concluded that the financial executives are still worried about the reliability, quality of governance, and accountability of AI-generated outputs. Thus, the limitation of transparency is one of the critical issues that has an adverse impact on sustainable AI integration into accounting systems.
The issues of cybersecurity and regulation were also prevalent among the chosen works. As Upadhyay et al. (2024) found, financial systems that operate based on AI need robust cybersecurity infrastructure and intelligent monitoring systems to secure sensitive financial data and minimize operational risks. Similarly, Parycek, Schmid, and Novak (2023) described that AI technological development is still accelerating at a rate higher than the legal and regulatory frameworks, which leaves the governance and compliance aspects and ethical responsibility ambiguous. Moreover, resistance to change at work, lack of technical skills, and inadequate infrastructure were also cited as critical organisational factors impacting the successful implementation of AI.
The results are highly related to Research Objective 3 and Research Question 3 since they critically assess the major obstacles and constraints that can be linked to AI-based automation in the financial reporting systems. In general, the results prove that the quality of governance, transparency, and protection of cybersecurity, as well as organisational preparedness, are significant obstacles to sustainable AI implementation in the accounting settings.
4.4.4 Strategic Readiness and Explainable AI for Sustainable Adoption
The thematic analysis also demonstrated that the implementation of Artificial Intelligence in financial reporting systems can be successful, but it heavily relies on the quality of governance, strategic planning, readiness of the workforce, explainable AI systems, and readiness of the organisation. The results proved that not only is technological investment needed in organisations, but also supportive governance systems, employee training, and long-term strategic implementation strategies to realise sustainable AI adoption.
A number of studies highlighted that workforce development and organisational preparedness are crucial factors in enhancing the effectiveness of implementation. Bou Reslan and Al Maalouf (2024) accentuated that reskilling of employees and technological readiness are essential in assisting organisations to adapt to AI-based accounting environments. Likewise, according to Perez-Campdesuñer et al. (2025), the technological infrastructure, workforce, and management support have a strong effect on the results of AI implementation. These results indicate that effective implementation of AI entails organisations building both technological and human resource capacity concurrently.
The results also found explainable AI systems and governance structures to be very critical strategic provisions towards sustainable AI integration. Hussain and Hussain (2025) described explainable AI to enhance transparency, accountability, and organisational trust in automated financial reporting systems. Similarly, Alhazmi, Islam, and Prokofieva (2025) discovered that governance structure, employee training, and strategic implementation planning enhance organisational trust and contribute to sustainable AI implementation. Moreover, Datsenko et al. (2024) emphasized that the long-term competitiveness and operational efficiency are enhanced when there is strategic AI integration in accounting and analytical systems.
The results directly respond to Research Objective 4 and Research Question 4 since they assess the key strategic proposals that are needed to enhance successful AI adoption in financial reporting systems. All in all, the theme verifies that the governance structures, human resources development, explicable AI systems, and organisation preparedness are critical to the effective and sustainable adoption of Artificial Intelligence in accounting settings.
[bookmark: _Toc231464168]4.5 Chapter Summary
The chapter showed the results of the systematic literature review on the topic of the adoption of Artificial Intelligence in the financial reporting system. The chapter contained summary tables, numerical and thematic analyses of the studies that were chosen. The results indicated that there is an academic interest in AI-based accounting systems that is growing from 2023 to 2025, and machine learning is the most actively discussed technology. The thematic analysis determined key themes associated with automation, operational efficiency, governance issues, and strategic readiness. On the whole, the chapter provided a solid analytical ground on the discussion and interpretation of findings in the subsequent chapter.

[bookmark: _Toc231464169]Chapter 5: Discussion 
[bookmark: _Toc231464170]5.1 Chapter Introduction
This chapter is a critical discussion of the findings that were received during the numerical and thematic analysis of the adoption of Artificial Intelligence (AI) in automated financial reporting systems. The discussion integrates the findings from Chapter 4 with the literature reviewed in Chapter 2 and interprets which is used as an explanatory lens rather than a framework being empirically tested. The chapter analyses the importance of the findings and how it answers the research objectives and research questions. The debate is structured around four broad themes, namely, AI-based automation technologies, benefits of operation and efficiency, governance and implementation issues, and strategic suggestions on sustainable AI adoption in financial reporting systems. In general, the chapter gives a more in-depth insight into AI-driven change in the context of contemporary accounting.
[bookmark: _Toc231464171]5.2 Discussions
5.2.1 AI-Driven Automation is Transforming Financial Reporting Systems
Chapter 4 numerical results showed that machine learning was the most commonly reported technology in Artificial Intelligence, with 11 of the 30 selected studies citing the technology, followed by predictive analytics and Natural Language Processing (NLP). Moreover, publication rates revealed a remarkable rise in AI-based and associated accounting studies between 2023 and 2025, which indicates an interest in AI-based financial reporting systems among academics and organisations. Based on Theme 1, it was evident that AI technologies have been greatly changing the financial reporting systems with intelligent automation, machine learning, NLP, and predictive analytics. The results showed that organisations are becoming more and more dependent on AI technologies to automate repetitive accounting tasks, enhance the speed of reporting, and enhance the ability to perform analytics in the accounting context.
The result corresponds with Bahoo et al. (2024), who have indicated that AI technologies are progressively used to detect fraud, conduct predictive analysis, and conduct automated financial reporting. In the same vein, Goel and Singh (2025) found that NLP technologies enhance the invoice classification, automated financial document extraction, and reporting consistency by lessening the manual workloads. Thus, it can be said that AI technologies are turning into key elements of the new accounting and financial reporting systems.
The results also indicated that AI technologies enhance the efficiency of operations by assisting organisations to handle structured and unstructured financial data more efficiently. It aligns with Narang, Mukesh, and Jain (2024), who clarified that AI-driven automation improves the level of data-processing and promotes digital transformation in accounting systems. Similarly, Sriram (2025) emphasized that generative AI technologies are changing the concept of financial reporting to less automation and more intelligent analytical and strategic decision-support systems. Therefore, the implementation of AI is not only a part of automation but a wider strategic change in financial reporting settings.
Based on Theme 1 and the numerical results, AI technologies were discovered to enhance the speed of reporting, the efficiency of operations, the efficiency of analytics, and the effect of automation. Thus, automation based on AI has emerged as a significant transformational force in the contemporary accounting and financial reporting systems.
The present discussion directly relates to Research Objective 1 and Research Question 1 since the results clearly showcase the key AI technologies and automation systems utilized in the financial reporting processes. On balance, the conclusions indicate that AI technologies are gradually transforming the accounting system with intelligent automation and digitalization.
5.2.2 AI Significantly Enhances Efficiency, Accuracy, and Decision-Making in Financial Reporting
The numerical results given in Chapter 4 showed that operational efficiency was the most common benefit of Artificial Intelligence adoption, being found in 14 studies, followed by reporting accuracy in 11 studies and automation benefits in 10 studies. These results show that organisations are becoming more and more interested in AI technologies to enhance productivity, lessen manual workloads, and enhance the quality of reporting in accounting settings. Based on Theme 2, it emerged that the adoption of Artificial Intelligence generates significant operational and strategic advantages in financial reporting systems, by automating, making predictions that are smart, detecting frauds and enhancing analytical abilities.
This observation is consistent with that of Odonkor et al. (2024), who described that AI technologies lower the number of manual errors and enhance the productivity of operations by automating routine financial reporting activities. Likewise, Ashraf (2024) found that automation with AI enhances internal controls, boosts reporting quality, and increases efficiency in accounting systems. Thus, one can say that AI technologies contribute greatly to the enhancement of the quality, consistency, and effectiveness of financial reporting systems.
The results also indicated that Artificial Intelligence technologies enhance the ability to forecast, perform analytical activities, and make strategic decisions in accounting settings. According to Artene, Domil, and Ivascu (2024), predictive AI systems can enhance the quality of forecasts and aid the process of making intelligent financial decisions. Similarly, Jaafar (2025) described how AI-based fraud detection systems are effective in detecting abnormal transactions and abnormal financial patterns that can be hard to determine using conventional accounting systems. Therefore, AI plays a major role in enhancing the detection of fraud, analytical decision-making, and performance in financial reporting contexts.
Based on Theme 2 and the numerical results, AI technologies have been observed to enhance reporting accuracy, operational efficiency, automation efficacy, and fraud detection. Thus, the implementation of AI can contribute greatly to the operational efficiency, the quality of reporting, and intelligent decision-making in contemporary financial reporting systems.
This discussion relates specifically to Research Objective 2 and Research Question 2 since the results distinctly assess the significant operational advantages and efficiency improvements that come with the implementation of AI in financial reporting systems. In general, the results prove that Artificial Intelligence technologies can greatly enhance productivity, the reliability of reporting, fraud detection, and strategic decision-making in the accounting environment.
5.2.3 Governance, Transparency, and Cybersecurity Remain Critical Barriers to AI Adoption
Numerical results in Chapter 4 showed that issues of governance and transparency were the most common challenges, with 12 studies reporting on it, and then cybersecurity and data privacy concerns, 8 studies, and workforce resistance, 7 studies. These results show that despite the significant operational and strategic advantages of Artificial Intelligence technologies, organisations still encounter serious obstacles in the implementation of these technologies in financial reporting systems. Based on Theme 3, we have discovered that organisational readiness, lack of transparency, cybersecurity threats, and governance issues are some of the main challenges that have been found to impact sustainable AI implementation in accounting settings.
The results indicated that a significant number of AI systems are black boxes and thus users and financial practitioners find it hard to comprehend the way that automated decisions and reporting output are produced. This observation is consistent with that of Hussain and Hussain (2025), who stated that a lack of transparency and explainability undermines organisational trust and raises accountability issues in AI-based financial reporting frameworks. Likewise, Estep, Griffith, and MacKenzie (2023) discovered that financial executives still have concerns about reliability, quality of governance, and accountability related to AI-generated outputs. Hence, transparency is a significant issue that has been a major challenge to confidence in automated financial reporting systems.
The results also identified cybersecurity and regulatory issues relating to the introduction of AI in accounting systems. According to Upadhyay et al. (2024), AI-powered financial systems need to have efficient cybersecurity frameworks and smart monitoring systems to ensure that sensitive financial data is not compromised and that operations are minimally risky. Similarly, as Parycek, Schmid, and Novak (2023) described, the pace of technological advancement in AI is still faster than legal and regulatory frameworks, which leaves it unclear what governance and compliance demands are. Other factors that were found to create a hindrance to successful implementation were workforce resistance, skills gaps, and infrastructure limitations.
This discussion relates directly to the Research Objective 3 and Research Question 3 since the results are critical in assessing the key governance, technological, and organisational constraints related to AI-based automation in financial reporting systems. In general, the results verify that the transparency constraints, cybersecurity threats, workforce preparedness, and governance issues are still critical challenges that influence the sustainable implementation of AI in accounting settings.
5.2.4 Strategic Governance, Workforce Development, and Explainable AI are Essential for Successful AI Adoption
The results of Theme 4 indicated that the governance quality, strategic planning, workforce preparedness, explainable AI systems, and organisational preparedness play a crucial role in ensuring the successful implementation of Artificial Intelligence in financial reporting systems. The thematic results revealed that not only is technological investment necessary in organisations, but also the supportive governance structures, employee training, and implementation plans over a long period of time to support sustainable AI implementation in accounting settings. The quantitative results in Chapter 4 further revealed that one of the most frequently discussed factors of implementation was governance and transparency issues in the majority of the chosen studies, and proved the increasing significance of strategic AI management in the financial reporting systems.
The results indicated that organisational readiness and workforce development are useful in enhancing the effectiveness of implementation. This is consistent with Bou Reslan and Al Maalouf (2024), who described reskilling employees and technological readiness as the key to assisting organisations to adjust to AI-based accounting setups. Likewise, Perez-Campdesuñer et al. (2025) discovered that technological infrastructure, workforce competency, and management assistance have a strong effect on the results of AI implementation. Hence, organisations need to create both technological and human-resource capacity at the same time to facilitate effective adoption of AI.
The results also found a few explainable AI systems and governance structures that are important strategic suggestions for sustainable implementation. According to Hussain and Hussain (2025), explainable AI mechanisms enhance transparency, accountability, and organisational trust in automated financial reporting systems. Similarly, Alhazmi, Islam, and Prokofieva (2025) concluded that organisational confidence was reinforced by the governance structure, employee training, and strategic implementation planning to facilitate long-term adoption of AI. Additionally, as emphasized by Datsenko et al. (2024), strategic AI integration of both accounting and analytical tools enhances operational efficiency and competitiveness in the financial reporting setting.
This discussion specifically covers Research Objective 4 and Research Question 4 since the results are an evaluation of the key strategic recommendations needed to ensure effective adoption and implementation of AI in financial reporting systems. In general, the results confirm the fact that the quality of governance, explainable AI, preparedness of the workforce, and strategic organisational planning are critical towards sustainable and effective integration of AI in accounting environments.
[bookmark: _Toc231464172]5.3 Chapter Summary
The results of the numerical and thematic analysis related to the adoption of Artificial Intelligence in financial reporting systems were critically discussed in this chapter. The results of Chapter 4 have shown that AI technologies greatly enhance automation and operational efficiency, accuracy of reporting, fraud detection, and strategic decision-making in the accounting field. Nevertheless, governance issues, limitations to transparency, cybersecurity threats, and workforce resistance are significant barriers to implementation. The chapter also emphasized the need to have explainable AI systems, governance structures, workforce management, and strategic planning in order to achieve sustainable adoption of AI. Generally, the chapter critically interpreted the findings in terms of research objectives and research questions.




[bookmark: _Toc231464173]Chapter 6: Conclusion
[bookmark: _Toc231464174]6.1 Summary of Key Findings
This research critically discussed the use of Artificial Intelligence (AI) in automated financial reporting systems in the accounting field. The study focused on AI applications in financial reporting, operational benefits and efficiency gains, challenges in implementation, and strategic recommendations to ensure successful AI adoption. The literature review also revealed a research gap in the lack of comprehensive knowledge about the role of AI technologies in automating financial reporting systems, while simultaneously introducing a set of governance, organisational, and implementation issues. The extant research has been mostly concerned with technological advantage or barriers to implementation individually, without critically assessing the linkage between automation, operational efficiency, governance issues, and strategic implementation in the financial reporting landscape. Thus, the current study fulfilled the research gap by offering an in-depth systematic review of AI implementation in automated financial reporting systems.
In Chapter 4, the numerical results showed that the number of AI-related accounting studies increased significantly in 2023-25, indicating that more academic and organisational attention is given to AI-based financial reporting systems. Machine learning was the most commonly mentioned AI technology, being noted in 11 out of the 30 selected articles, with predictive analytics and Natural Language Processing (NLP) in second and third place. The results showed that organisations are becoming more inclined to use AI technologies to automate repetitive accounting operations, enhance reporting faster, increase analytical capacity, and enhance operational efficiency. These results filled the knowledge gap identified on the use of specific AI technologies and their transformational application in the financial reporting systems.
The study also determined that the adoption of AI brings about significant operational and efficiency advantages in accounting settings. The most widespread benefit was found to be operational efficiency, which was reported in 14 studies, and reporting accuracy and automation improvements were reported in 11 and 10 studies, respectively. The findings also revealed that AI technologies enhance the quality of forecasting, fraud detection, compliance management, and intelligent decision-making. These results were relevant to the research gap related to a lack of comprehensive evidence on operational and efficiency benefits related to the implementation of AI in financial reporting systems.
Nonetheless, key implementation obstacles that influence sustainable AI adoption were also determined. The governance and transparency issues turned out to be the most popular barriers, mentioned in 12 studies, then there were cybersecurity risks, workforce resistance, infrastructure limitations, and organisational readiness concerns. The results also indicated that the absence of explainability and accountability in AI-driven systems diminishes organisational trust and poses governance issues in the financial reporting contexts. Lastly, the research concluded that implementations of sustainable AI require governance systems, explainable AI systems, workforce planning, technological preparedness, and planning of organisations. Thus, the research was able to make a comprehensive contribution to the technologies, advantages, challenges, and strategic thinking in the context of Artificial Intelligence implementation in financial reporting systems. 
[bookmark: _Toc231464175]6.2 Addressing Research Objectives and Questions
RO1/RQ1
Research Objective 1 was fulfilled by determining the key Artificial Intelligence technologies that have been implemented in automated financial reporting systems, such as machine learning, Natural Language Processing (NLP), robotic process automation, predictive analytics, and generative AI systems. The quantitative results showed that the most common technology was machine learning, which was mentioned in 11 out of 30 chosen studies. In line with this, Research Question 1 was answered by showing how organisations are now increasingly using AI technologies to automate repetitive accounting tasks, enhance reporting velocity, enhance analytical capacities, and promote smart-financial decision-making in accounting contexts.
RO2/RQ2
Research Objective 2 was achieved by assessing the significant operational advantages and efficiency improvements connected with the introduction of AI into financial reporting systems. The results showed that 14 studies found operational efficiency, 11 and 10 studies found reporting accuracy, and the benefits of automation, respectively. In addition, the research has determined that AI technologies enhance the detection of fraud, compliance control, quality forecasting, and analytical decision-making. Thus, Research Question 2 was resolved by proving that AI can significantly increase the productivity of operations, the quality of reporting, and smart decision-making in the financial reporting setting.
RO3/RQ3
Research Objective 3 was met by critically analysing the key governance, technological, and organisational issues related to AI-based financial reporting automation. The identified governance and transparency issues were found to be the most discussed barrier with 12 studies, and the next ones were cybersecurity risks, workforce resistance, and infrastructure limitations. As a result, Research Question 3 was answered by determining the key obstacles that influence the implementation of sustainable AI, such as the absence of explainability, issues of organisational readiness, cybersecurity threats, and governance problems in accounting systems.
RO4/RQ4
Research Objective 4 was achieved by assessing the strategic recommendations necessary to achieve the success and sustainability of AI implementation in financial reporting systems. The results determined that governance structures, workforce management, explainable artificial intelligence systems, technological preparedness, and strategic planning are critical to the success of the long-term implementation. Based on this, Research Question 4 was resolved by establishing the key organisational and strategic activities that need to be performed in order to enhance AI adoption and effectiveness in implementation in the accounting and financial reporting contexts.
[bookmark: _Toc231464176]6.3 Contribution to Literature
This research study has added value to both theoretical and empirical knowledge on the adoption of Artificial Intelligence in financial reporting systems. The results showed that organisations tend to embrace AI technologies more where they believe that they help enhance reporting quality, operational efficiency, fraud detection, and analytical functions. 
Moreover, the results can be used in the field of accounting and digital transformation literature to show that the use of AI is not limited to operational automation but to intelligent analytical and strategic decision-support capabilities. The quantitative results also demonstrated that there is growing academic interest in AI-based financial reporting systems around the world by 2023-2025, and AI technologies are becoming increasingly important in the modern accounting landscape. Thus, the research has some useful theoretical and empirical information on the topic of sustainable AI implementation in financial reporting systems.
[bookmark: _Toc231464177]6.4 Practical Implications
This research has some critical practical implications for accounting companies, financial managers, policymakers, and organisations adopting Artificial Intelligence in the financial reporting systems. The results showed that AI technologies can have a high level of success in enhancing reporting precision, operational efficiency, fraud detection, automation effectiveness, and analytical decision-making in accounting settings. Thus, AI systems must be strategically incorporated in both the accounting and analytical processes in organisations instead of only concentrating on automation in its operations.
Governance issues, limitations to transparency, cybersecurity threats, and workforce resistance were also identified by the findings as key implementation challenges. As a result, organisations are advised to set governance structures, interpretable AI platforms, cybersecurity, and accountability to enhance transparency and trust in AI-generated reporting products by organisations. Moreover, they should invest in workforce training, employee reskilling programmes, and technological preparedness to implement it successfully. Policymakers and regulatory bodies should also reinforce legal and regulatory provisions to tackle governance, compliance, and ethical issues that are related to AI-based financial reporting systems.
[bookmark: _Toc231464178]6.5 Limitations & Future Research
In spite of offering some important insights on the adoption of Artificial Intelligence in the financial reporting systems, this study has a number of limitations. To begin with, the study was solely based on secondary research and systematic literature review, which implies that the results were not based on any primary empirical evidence but on the existing scholarly work. Secondly, the research conducted a general survey of AI adoption in accounting and financial reporting systems without considering any particular industry or geographical location, where the implementation can have vastly different experiences. Moreover, the short-term relevance of some of the findings can be diminished because of the rapid change of AI technologies, in which the technological advancements are constantly on the rise.
Future studies ought to, thus, embark on primary empirical research that attracts accountants, financial managers, and organisational leaders to study real-life experiences of AI implementation in financial reporting settings. Comparative international research may also examine the impact of regulatory frameworks on the adoption of AI in various countries. Furthermore, subsequent studies are needed to assess the efficiency of explainable AI systems, governance systems, and reskilling of the workforce in facilitating sustainable AI adoption into accounting systems.  
[bookmark: _Toc231464179]6.6 Final Conclusion
To sum up, this study has shown that Artificial Intelligence is dramatically changing the financial reporting systems by means of intelligent automation, better analytical functions, better reporting accuracy, and efficiency. The results supported the claim that machine learning, Natural Language Processing, robotic process automation, and predictive analytics are the technologies that are becoming more and more incorporated into the contemporary accounting setting. Nevertheless, the research also revealed significant governance, transparency, cybersecurity, and workforce-related issues that have an impact on sustainable AI adoption. The results also determined that the successful implementation is contingent upon the governance structures, explainable AI systems, workforce development, and organisational preparedness. In general, Artificial Intelligence has emerged as a significant source of transformation in the future of accounting and financial reporting systems worldwide.
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	Sl. No.
	Author
	Aim
	Methodology
	Key Findings
	Conclusion
	Relevance to the Study
	Connected RO/RQ

	1
	Alhazmi, Islam and Prokofieva (2025)
	The study aimed to investigate the impact of Artificial Intelligence adoption on the quality of financial reporting within Saudi Arabian auditing practices and explore how AI can modernise financial reporting systems.
	The researchers used bibliometric analysis, documentary analysis, content analysis, and the UTAUT framework to evaluate AI adoption and auditing practices in Saudi Arabia.
	AI was found to enhance audit quality, transparency, reporting effectiveness, decision-making, and compliance processes. AI-based auditing systems lowered operating costs and increased the accuracy of financial reporting. Nonetheless, resistance to change, a lack of technological expertise, and governance were still major challenges.
	The study concluded that successful AI implementation requires adequate governance, workforce training, infrastructure, and regulatory support to improve financial reporting quality and organisational performance.
	This document is very pertinent since it fully aligns with the dissertation goals concerning the adoption of AI, the quality of financial reporting, governance, and implementation approaches in accounting systems.
	RO1, RO2, RO3, RO4 / RQ1, RQ2, RQ3, RQ4

	2
	Artene, Domil and Ivascu (2024)
	The study aimed to examine how AI-driven decision-making systems create business value and improve financial reporting processes within organisations.
	The study adopted a conceptual and analytical methodology focusing on AI integration in reporting systems and organisational decision-making.
	The results indicated that AI increases the accuracy of analyses, quality of forecasting, speed of reporting, and efficiency by leveraging intelligent automation and predictive analytics. Successful use was found to be contingent upon high-quality governance and technology infrastructure.
	The authors concluded that AI creates substantial business value when organisations integrate intelligent systems strategically alongside governance and data management frameworks.
	The article is relevant because it supports analysis of AI benefits, organisational readiness, decision-making improvement, and strategic integration in financial reporting systems.
	RO2, RO4 / RQ2, RQ4

	3
	Ashraf (2024)
	The study aimed to investigate whether automation enhances financial reporting quality through improved internal control mechanisms.
	An empirical quantitative methodology was used to analyse the relationship between automation systems, internal controls, and reporting quality.
	The study found that automation reduces manual errors, strengthens internal controls, improves consistency, and enhances reporting reliability. Automated systems also supported compliance management and operational efficiency. However, human oversight remained necessary to monitor system effectiveness.
	The study concluded that automation significantly improves financial reporting quality when combined with effective governance and monitoring practices.
	This source supports the dissertation discussion regarding efficiency gains, reduction of human errors, and the contribution of automation to reliable financial reporting systems.
	RO2 / RQ2

	4
	Bahoo et al. (2024)
	The aim was to review the development of Artificial Intelligence in finance and identify major themes, research trends, and future directions in the field.
	The researchers conducted bibliometric analysis and content analysis of AI-related finance literature.
	Research findings indicated that AI technology is becoming more popular in areas like financial reporting, fraud detection, forecasting, prediction analysis, and automation. It was mentioned that machine learning and natural language processing technology were among those changing financial business processes. 
	The study concluded that AI is transforming finance and accounting industries through automation, analytical capabilities, and intelligent decision-making systems.
	The article is relevant since it provides overall understanding of AI developments and contributes to literature on the dissertation topic.
	RO1, RO3 / RQ1, RQ3

	5
	Biswas and Tarafder (2025)
	The study aimed to evaluate the transformative effects of Artificial Intelligence on accounting practices using a systematic meta-analysis approach.
	A systematic meta-analysis methodology was adopted to synthesise findings from existing AI and accounting research.
	The findings showed that AI has helped to make accounting procedures more efficient and automated, as well as improve decision-making processes. AI eliminated repetitive jobs, enhanced reporting and improved financial analysis. There were challenges like workforce disruption and dependency on technology.
	The study concluded that AI has substantial transformative potential in accounting but requires organisations to address governance, workforce adaptation, and training challenges.
	The source is highly relevant because it strengthens discussion regarding automation benefits, efficiency improvements, workforce transformation, and AI adoption in financial reporting systems.
	RO2, RO3 / RQ2, RQ3

	6
	Bou Reslan and Al Maalouf (2024)
	The study aimed to assess the impact of AI adoption on accounting efficiency, fraud detection, and workforce skill transformation.
	The researchers used conceptual and quantitative approaches to evaluate AI implementation within accounting practices.
	Findings demonstrated that AI improves fraud detection, reporting efficiency, and internal control systems while shifting accounting roles from manual processing toward analytical responsibilities. The study also identified workforce reskilling requirements and technological readiness challenges.
	The authors concluded that AI positively reshapes accounting systems when organisations invest in infrastructure, employee development, and implementation readiness.
	This article is relevant because it supports the dissertation analysis regarding AI benefits, fraud prevention, workforce transformation, and implementation challenges in financial reporting systems.
	RO2, RO3, RO4 / RQ2, RQ3, RQ4

	7
	Datsenko et al. (2024)
	The study aimed to explore innovative AI applications in accounting, control, and analytical systems to improve enterprise competitiveness.
	A conceptual analytical methodology was adopted to examine AI integration in organisational accounting and control processes.
	The results showed that AI boosts automation, decision making, real-time reports, competitiveness, and analysis. The integration of AI boosted resource management and efficiency within organizations. Nevertheless, implementation difficulties and integration issues posed barriers.
	The study concluded that AI should be strategically integrated across enterprises to maximise accounting efficiency and business competitiveness.
	This source supports the dissertation focus on strategic AI implementation, organisational transformation, and intelligent automation within financial reporting systems.
	RO1, RO2, RO4 / RQ1, RQ2, RQ4

	8
	Estep, Griffith and MacKenzie (2023)
	The aim was to investigate how financial executives respond to the use of Artificial Intelligence in financial reporting and auditing practices.
	The study adopted a behavioural and qualitative research methodology to analyse executive perceptions of AI adoption.
	Executives were aware of the efficiencies and reporting capabilities of artificial intelligence, but they were concerned with the problems of transparency, trustworthiness, accountability, and dependability of the results. Quality of governance had an important bearing on the confidence of executives in AI systems.
	The authors concluded that organisations require stronger governance frameworks and trust-building strategies before achieving widespread AI implementation.
	This study is relevant to the discussion in the dissertation for the topic areas of organizational barriers, concerns of trust, behavioural issues, and governance issues with respect to AI systems.
	RO3 / RQ3

	9
	Farea et al. (2024)
	The study aimed to examine intelligent automation technologies such as robotic process automation and machine learning within accounting and financial reporting systems.
	A review-based analytical methodology was used to assess intelligent automation applications in accounting practices.
	Findings showed that intelligent automation improves reporting speed, efficiency, accuracy, and compliance monitoring while reducing repetitive accounting tasks and operational costs. However, system integration difficulties and lack of technical expertise remained challenges.
	The study concluded that intelligent automation has strong transformative potential when organisations invest in technological infrastructure and employee training.
	This source directly supports the dissertation focus on AI applications, automation benefits, efficiency improvements, and implementation challenges in financial reporting systems.
	RO1, RO2, RO3 / RQ1, RQ2, RQ3

	10
	Goel and Singh (2025)
	The aim was to analyse AI-driven accounting automation using Natural Language Processing technologies for financial document processing.
	The researchers used a technical and conceptual methodology to evaluate NLP applications in accounting automation.
	Results showed that NLP technologies enhance efficiency due to the extraction, classification, and processing of unstructured financial data like invoices and contracts using AI technologies. This minimized manual labour while improving reporting processes' efficiency. Data quality issues were among the challenges identified in the study.
	The study concluded that NLP technologies significantly improve accounting automation when supported by accurate data and effective technological systems.
	The article is relevant because it supports discussion regarding AI applications, automation tools, and intelligent document processing within financial reporting systems.
	RO1, RO2 / RQ1, RQ2

	11
	Hajjar (2024)
	The study aimed to examine automation in financial reporting processes and evaluate how automation contributes to risk mitigation and operational efficiency in accounting systems.
	The researcher adopted an applied conceptual and analytical methodology based on existing literature and practical financial reporting practices.
	The study findings indicate that the application of automation technology can greatly increase the efficiency of financial reports, enhance their accuracy, eliminate the likelihood of manual errors, increase compliance, and make financial reports more efficient. In addition, automation technology assists in minimizing risks of reporting and increasing their accuracy. Nevertheless, certain governance practices need to be put in place to manage automation risks.
	The study concluded that automation can transform financial reporting positively when organisations balance efficiency improvements with strong governance and internal control mechanisms.
	The relevance of this source to the dissertation is immense in that it provides evidence of how automation technology influences financial reports.
	RO2, RO3 / RQ2, RQ3

	12
	Hussain and Hussain (2025)
	The study aimed to investigate transparency and accountability problems associated with explainable Artificial Intelligence systems.
	The researchers used a conceptual and theoretical methodology focusing on explainable AI, transparency, and accountability challenges.
	The study’s findings indicated that many AI applications function as “black box” models, and this makes it harder for users to comprehend how decisions are made. This lack of interpretation raises issues related to governance, ethics, and accountability, particularly within the context of finance, which is sensitive. The research also noted the importance of explainable AI.
	The study concluded that explainable AI frameworks are essential for ensuring accountability, transparency, and ethical implementation of AI technologies within organisations.
	The relevance of this source to the dissertation analysis is that it provides information supporting the discussion of governance, transparency, accountability, and ethical issues related to the use of AI in financial reporting systems.
	RO3, RO4 / RQ3, RQ4

	13
	Jaafar (2025)
	The study aimed to investigate the role of Artificial Intelligence in detecting manipulations and fraud within financial statements.
	The study adopted an analytical and conceptual research methodology examining AI applications in fraud detection and reporting integrity.
	The findings showed that AI tools increase fraud detection accuracy through identifying abnormal financial behaviour better than conventional tools do. AI improved the monitoring process and ensured the reliability of reports. On the other hand, issues were raised about system reliability and excessive dependence on automatic outcomes generated by algorithms.
	The study concluded that AI can significantly strengthen the integrity and reliability of financial statements when supported by effective governance and human oversight mechanisms.
	The article is highly relevant because it supports dissertation discussions concerning fraud detection, reporting integrity, automation benefits, and governance requirements in financial reporting systems.
	RO1, RO2, RO3 / RQ1, RQ2, RQ3

	14
	Khan (2026)
	The study aimed to investigate AI-enabled financial accuracy models for improving error detection and reporting integrity in corporate accounting systems.
	The researcher employed conceptual and empirical evaluation methods to analyse AI applications in accounting accuracy and error detection.
	The findings showed that AI models contribute to consistency in reporting, minimize human errors, and increase financial reporting reliability due to smart data analysis and automation. The research study also revealed the possibility of automation bias where people could rely on the results generated by AI models without verifying them.
	The study concluded that AI significantly improves financial reporting accuracy, but organisations must maintain effective human oversight and governance controls.
	This source is relevant because it supports the dissertation analysis regarding accuracy improvements, automation benefits, governance risks, and the importance of human supervision in AI-based financial reporting systems.
	RO2, RO3 / RQ2, RQ3

	15
	Li (2025)
	The study aimed to explore the application and future prospects of Artificial Intelligence technologies within financial accounting systems.
	The researcher adopted a conceptual review methodology focusing on future AI developments in financial accounting.
	It was established that AI had developed beyond mere automation into prediction and decision support. The use of AI tools enhanced efficiency and speed of analysis and reporting. But the empirical evidence of effectiveness in the long run was not substantial.
	The study concluded that AI possesses strong transformative potential in accounting and financial reporting, particularly in predictive and strategic functions.
	This source is relevant because it supports future-oriented dissertation discussions regarding advanced AI development, predictive analytics, and long-term transformation of financial reporting systems.
	RO1, RO2, RO4 / RQ1, RQ2, RQ4

	16
	Luan (2024)
	The study aimed to analyse the application of Artificial Intelligence within corporate financial accounting systems and examine its operational impact.
	The study used a conceptual review methodology to assess AI applications in accounting operations and reporting activities.
	Findings revealed that AI improves reporting efficiency, reduces repetitive accounting tasks, minimises manual intervention, and enhances operational productivity within financial accounting systems. AI technologies also strengthened data processing capabilities and reporting consistency. Nevertheless, implementation effectiveness varied depending on organisational readiness and infrastructure quality.
	The study concluded that AI supports operational optimisation in accounting functions and improves reporting processes when organisations are technologically prepared.
	The source is relevant because it supports dissertation analysis concerning automation benefits, operational efficiency, and AI applications within financial reporting and accounting systems.
	RO1, RO2 / RQ1, RQ2

	17
	Mathew (2025)
	The study aimed to investigate the integration of Artificial Intelligence within middle-office operations in investment banking environments.
	The researcher adopted an applied analytical methodology focusing on AI integration in banking operations and reporting processes.
	The findings revealed that AI enhances transaction processing speed, operational efficiency, reporting accuracy, and risk analysis in complex financial environments. AI technology facilitated workflow automation and decreased processing time. Nonetheless, the successful deployment of AI relied on technological capabilities, employee skill set, and organizational support systems.
	The study concluded that AI significantly enhances operational performance and reporting capabilities within investment banking and financial service sectors.
	This article is important since it offers greater insight into the incorporation of AI in financial institutions and assists in dissertation discussions about automation, efficiency, and reporting enhancement.
	RO1, RO2 / RQ1, RQ2

	18
	Mishra and Celestin (2025)
	The study aimed to examine the transformation from paper-based financial reports to AI-generated financial statements and assess automation’s impact on accuracy and compliance.
	The researchers adopted a conceptual and analytical methodology focusing on AI-generated reporting systems and automation practices.
	Results indicated that the use of AI for financial statement preparation enhances reporting efficiency, compliance management, speed, and accuracy. It minimized the repetitive nature of financial reporting by reducing human effort. Nevertheless, the findings revealed that there were fears about increased automation compromising internal controls.
	The study concluded that AI-generated reporting systems offer significant efficiency benefits but require strong governance and human oversight mechanisms.
	The source is highly relevant because it supports dissertation discussions concerning AI-generated reporting systems, automation benefits, governance risks, and reporting compliance challenges.
	RO1, RO2, RO3 / RQ1, RQ2, RQ3

	19
	Mwachikoka (2024)
	The study aimed to evaluate the effects of Artificial Intelligence on financial reporting accuracy and reliability.
	The researcher used quantitative and conceptual analytical approaches to assess AI implementation within reporting systems.
	Findings indicated that AI improves financial reporting accuracy, consistency, and operational efficiency through automated processing and intelligent analytical systems. In addition, it was observed that AI decreases reporting errors and improves data accuracy. The success of AI implementation was largely dependent on data quality, technology infrastructure, and system integration capability.
	The study concluded that AI significantly strengthens financial reporting accuracy when supported by accurate data management and organisational readiness.
	This article is relevant because it supports dissertation discussions regarding reporting accuracy, implementation readiness, operational efficiency, and AI integration within financial reporting systems.
	RO2, RO3 / RQ2, RQ3

	20
	Narang, Mukesh and Jain (2024)
	The study aimed to explore how automation and Artificial Intelligence are transforming accounting and financial reporting systems.
	The researchers adopted a conceptual and discussion-based methodology focusing on digital transformation in accounting practices.
	The results revealed that automation and artificial intelligence increased the effectiveness of reporting, data processing, operational productivity, and decision-making processes in accounting. The latter also improved analytical tasks and decreased manual labour. Nevertheless, implementation challenges included system integration difficulties and the need for workforce adaptation.
	The study concluded that AI and automation are central drivers of digital transformation in modern accounting and financial reporting systems.
	This source is relevant because it supports dissertation analysis regarding AI-driven transformation, automation benefits, operational efficiency, and digitalisation within financial reporting environments.
	RO1, RO2, RO3 / RQ1, RQ2, RQ3

	21
	Odonkor et al. (2024)
	The study aimed to review the impact of Artificial Intelligence on accounting practices and examine how AI transforms traditional financial reporting systems and accounting operations.
	The researchers adopted a literature review methodology to analyse AI applications, benefits, and challenges within accounting and financial reporting environments.
	The results found that the application of AI leads to an increase in the effectiveness of the accounting process, increased reporting accuracy, greater speed of operation and decision-making capacity. AI technologies helped avoid errors associated with manual processing, enabled automation, and enhanced analytical processes. At the same time, some obstacles connected to technological preparedness, human resource adaptability, data security concerns, and other factors were uncovered during the study.
	The study highlighted that AI is making substantial changes in accounting and financial reporting by increasing efficiency and effectiveness, but at the same time creating many implementation problems.
	It is extremely relevant for the dissertation topic since it provides me with all the knowledge that I require on AI applications, efficiency, effectiveness, and implementation problems in accounting systems.
	RO1, RO2, RO3 / RQ1, RQ2, RQ3

	22
	Oyewole et al. (2024)
	The study aimed to review the use of Natural Language Processing technologies in automating financial reporting systems and evaluate associated opportunities and challenges.
	The researchers used a review and case analysis methodology to examine NLP-based financial reporting automation systems.
	The results revealed that the use of NLP systems increases the efficiency of handling unstructured financial data, automates the process of analysing documents, and minimizes human labour in financial reporting processes. The application of NLP systems through AI increased the efficiency of operations and accelerated the process of reporting. Nevertheless, issues emerged with regards to the bias of the algorithms, misinterpretation of data, and dependency on quality input data.
	The study concluded that NLP technologies significantly improve financial reporting automation but require accurate data management and governance systems to minimise risks and biases.
	This source is relevant because it supports dissertation discussions regarding AI applications, NLP technologies, automation benefits, and governance concerns in financial reporting systems.
	RO1, RO2, RO3 / RQ1, RQ2, RQ3

	23
	Parycek, Schmid and Novak (2023)
	The study aimed to analyse the potentials, limitations, and framework conditions associated with Artificial Intelligence and automation in administrative and organisational procedures.
	The researchers adopted a conceptual and policy-based analytical methodology focusing on AI implementation and governance issues.
	The findings revealed that AI technologies increase efficiency, decrease the burden on administration, and improve decision-making abilities. Nonetheless, there were numerous issues of law, ethics, governance, and regulation that act as significant challenges in implementing sustainable AI. According to the authors, technology was advancing faster than regulations, raising doubts about accountability.
	The study concluded that successful AI adoption requires strong governance systems, legal frameworks, ethical guidelines, and organisational preparedness to manage technological risks effectively.
	The relevance of this source is quite high since it enables the analysis of governance issues, ethical implications, regulatory requirements, and organizational preparedness regarding AI-enabled financial reporting systems.
	RO3, RO4 / RQ3, RQ4

	24
	Peng et al. (2023)
	The study aimed to examine how Artificial Intelligence advances accounting practices while contributing to Sustainable Development Goals and transparent financial systems.
	The researchers adopted a conceptual sustainability-focused methodology examining AI integration within accounting and reporting systems.
	Results showed that AI increases transparency, accountability, efficiency, and sustainability of operations due to automation and intelligent analysis. AI-based accounting systems made better decisions and ensured consistent reporting. It was also noted that AI makes significant contributions to sustainable development within organizations through good governance and effective management of resources. Nonetheless, the successful implementation of AI required efficient planning and organizational commitment
	The study concluded that AI can support sustainable and transparent accounting systems when integrated effectively with organisational and governance objectives.
	The reason why this paper is relevant to your dissertation discussions includes the fact that it is focused on the implementation of artificial intelligence strategically, transparency, accountability, and general implications of using AI in financial reporting systems.
	RO2, RO4 / RQ2, RQ4

	25
	Pérez-Campdesuñer et al. (2025)
	The study aimed to identify the main drivers and obstacles influencing Artificial Intelligence adoption among small and medium-sized enterprises.
	The researchers used empirical and analytical research methods to evaluate organisational AI adoption factors within SMEs.
	The results indicate that the deployment of AI technologies depends on the quality of the IT infrastructure, organizational readiness, technical resources, management commitment, and employee competencies. Some of the factors that were found to be obstacles in the process include high costs for implementing AI technologies, lack of expertise, technical constraints, and resistance to organizational changes.
	The study concluded that successful AI adoption depends on technological readiness, strategic planning, workforce capability, and organisational commitment to digital transformation.
	The reason why this document is pertinent is that it aids in analysis within the dissertation concerning barriers to adoption, implementation challenges, organizational issues, and strategic elements in integrating AI in financial reporting systems.
	RO3, RO4 / RQ3, RQ4

	26
	Sreseli and Kadagishvili (2023)
	The study aimed to review the use of Artificial Intelligence in accounting and financial reporting while identifying major opportunities and issues associated with implementation.
	The researchers adopted a literature review methodology examining AI technologies within accounting and reporting systems.
	The results showed that AI enhances automation, efficiency, report consistency, and data processing in accounting processes. AI technology lessened the need for repetitive processes, improved analysis abilities, and increased operational efficiency. Nonetheless, the research highlighted issues of governance, technological dependency, and labour adaptation. The authors observed that AI application depends on organisational maturity and technological advancement.
	The study concluded that AI is reshaping accounting and financial reporting systems globally by improving efficiency and operational performance while also creating governance and implementation challenges.
	This article is highly relevant because it supports dissertation discussions concerning AI applications, efficiency benefits, implementation barriers, and organisational transformation within financial reporting systems.
	RO1, RO2, RO3 / RQ1, RQ2, RQ3

	27
	Sriram (2025)
	The study aimed to investigate the integration of generative Artificial Intelligence into financial reporting systems for automated insights and strategic decision support.
	The researcher adopted a conceptual and theoretical methodology focusing on generative AI applications within reporting systems.
	It was found that the use of generative AI technologies enhanced automatic reporting, strategy development, storytelling, and managerial decision-making support. AI systems converted raw financial information into insightful analytics, while simultaneously improving efficiency and forecasting. The study concluded that empirical testing of generative AI technology was still limited and there were governance issues to consider.
	The study concluded that generative AI possesses substantial potential to transform financial reporting into a more intelligent and analytical decision-support function.
	This source is relevant because it supports dissertation discussions regarding advanced AI technologies, intelligent automation, strategic analytics, and future developments in financial reporting systems.
	RO1, RO2, RO4 / RQ1, RQ2, RQ4

	28
	Tiwari (2025)
	The study aimed to examine automation-driven digital transformation and the migration from traditional systems toward AI-augmented operational pipelines.
	The researcher adopted a technical and conceptual analytical methodology focusing on AI-driven automation systems and digital transformation.
	The results showed that AI automation enhances operational efficiency, system integration, process optimization, and digital transformation capacity in business environments. Pipelines aided by AI technology minimized delays, increased process efficiency, and increased organizational adaptability. The research findings also indicated that organizations need technological infrastructure and training of their staff for digital transformation to be successful.
	The study concluded that AI-driven automation is accelerating digital transformation and organisational modernisation across operational and reporting systems.
	This article is relevant because it supports dissertation discussions concerning automation strategies, system integration, digital transformation, and operational efficiency improvements in financial reporting systems.
	RO2, RO4 / RQ2, RQ4

	29
	Upadhyay et al. (2024)
	The study aimed to investigate how Artificial Intelligence and blockchain technologies improve healthcare data security and protection of sensitive information.
	The researchers adopted a conceptual and technical review methodology focusing on AI-enabled security frameworks and blockchain integration.
	The results indicated that AI and blockchain technologies help in enhancing cybersecurity, protecting data, increasing system dependability, and preventing security weaknesses. Intelligent monitoring systems were able to contribute in detecting threats and managing information security. Furthermore, the significance of governance and a secure infrastructure was emphasized in protecting digital information.
	The study concluded that AI-supported security systems are essential for protecting confidential organisational data and improving digital system reliability.
	This source is relevant because it provides support to the dissertation analysis concerning cybersecurity, data protection, governance, and security challenges related to AI implementation within financial reporting systems.
	RO3, RO4 / RQ3, RQ4

	30
	Zafar, Ali and Audi (2025)
	The study aimed to examine the impact of intelligent automation on workforce structures, accounting practices, and financial reporting systems.
	The researchers used a conceptual and organisational analytical methodology to assess workforce and reporting transformation resulting from AI implementation.
	The findings illustrated that AI transformed the organizational structure of workforces through the automation of repetitive accounting processes and the need for more analysis and strategic thinking skills. Furthermore, intelligent automation enhances efficiency, productivity, and effectiveness of reporting was discovered. However, organisations face challenges related to employee resistance, workforce reskilling, and organisational change management.
	The study concluded that successful AI implementation depends on effective organisational change management, workforce adaptation, and investment in employee training and development.
	This article is highly relevant because it supports dissertation discussions regarding workforce transformation, organisational change, implementation strategies, and intelligent automation within financial reporting systems.
	RO2, RO3, RO4 / RQ2, RQ3, RQ4




Publication Year Distribution of Selected Studies

Number of Studies	2021	2022	2023	2024	2025	2026	2	4	6	10	7	1	Percentage (%)	2021	2022	2023	2024	2025	2026	6.7	13.3	20	33.299999999999997	23.3	3.3	

Research Method Distribution 

Frequency	Conceptual Studies	Empirical Studies	Systematic Literature Reviews	Literature Reviews	13	11	4	2	Percentage (%)	Conceptual Studies	Empirical Studies	Systematic Literature Reviews	Literature Reviews	43.3	36.700000000000003	13.3	6.7	



Research Method Distribution %

Percentage (%)	Conceptual Studies	Empirical Studies	Systematic Literature Reviews	Literature Reviews	43.3	36.700000000000003	13.3	6.7	Frequency	Conceptual Studies	Empirical Studies	Systematic Literature Reviews	Literature Reviews	13	11	4	2	



AI Technologies Identified in Selected Studies

Frequency	Machine Learning (ML)	Predictive Analytics	Natural Language Processing (NLP)	Robotic Process Automation (RPA)	Explainable AI / Governance Systems	Generative AI	11	6	5	3	3	2	Percentage (%)	Machine Learning (ML)	Predictive Analytics	Natural Language Processing (NLP)	Robotic Process Automation (RPA)	Explainable AI / Governance Systems	Generative AI	36.700000000000003	20	16.7	10	10	6.6	



Key Benefits Identified in Selected Studies

Operational Efficiency	Reporting Accuracy	Automation of Processes	Fraud Detection	Improved Decision-Making	Forecasting and Predictive Analysis	Cost Reduction	14	11	10	8	7	5	4	

Key Challenges Identified in Selected Studies

Frequency	Governance and Transparency Issues	Cybersecurity and Data Privacy Risks	Workforce Resistance and Skills Gap	Infrastructure and Implementation Costs	Regulatory and Compliance Challenges	Lack of Explainability in AI Systems	12	8	7	6	5	4	Percentage (%)	Governance and Transparency Issues	Cybersecurity and Data Privacy Risks	Workforce Resistance and Skills Gap	Infrastructure and Implementation Costs	Regulatory and Compliance Challenges	Lack of Explainability in AI Systems	28.6	19	16.7	14.3	11.9	9.5	



Country and Regional Distribution of Selected Studies

Frequency	Europe	Asia	Middle East	North America	Global/Multiple Regions	Africa	9	8	5	4	3	1	Percentage (%)	Europe	Asia	Middle East	North America	Global/Multiple Regions	Africa	30	26.7	16.7	13.3	10	3.3	
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